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Figure S1. After 24 hours the sensor underwent an additional 5000 stretching cycles and the

device still exhibited a performance degradation trend.
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Figure S2. Difference between conventional self-attention and sequence attention. (a)
conventional self-attention, (b) sequence attention.
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Figure S3. Comparison of two prediction mechanisms. (a) Multi step prediction, (b) Long
term prediction.
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Figure S4. Difference between multi step prediction and long term prediction.
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Figure S5. Comparison of prediction results from four models under 5% strain (only
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Figure S6. Comparison of prediction results from four models under 10% strain.
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Figure S7. Comparison of prediction results from four models under 15% strain.
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Figure S8. Comparison of prediction results from four models under 20% strain.
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Figure S9. Comparison of prediction results under pressures of SN, 10N, 15N and 20N.
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Figure S10. Voltage variations of the five sensors for different gestures in the gesture

recognition task.
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Figure S11. Voltage variations of the four sensors under tensile loads for different regions in
the region recognition task.




each direction, (b) gestures to move a small tank in each direction and to fire, (c) gestures to
move a skier, (d) Tetris control gestures.
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Figure S13. To ensure data representativeness and comparability the sampling begins after
700 stretching cycles and the subsequent 400 cycles are used as the experimental dataset with
the final 200 cycles reserved for prediction.



Table S1. Hyperparameters of the proposed framework.

Parameter Values Parameter Values
Encoder 2 Optimizer AdamW
Decoder 0 Head Number 4

Initial 0.000015 Feed-forward Dim 1024
Dropout 0.1-0.4 Feature Encoder Dim 256
Regularization 0.000015 Sliding Window Length 64

Test data percentage 10% Train data percentage 75%




