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Table S1. Quality assessment (QUADAS 2) summary of the risk of bias. 

  
PATIENT 

SELECTION  
INDEX TEST REFERENCE STANDARD FLOW AND TIMING 

Nayak et al [1] Low Low Low Low 

Rosma et al [2] Low Low High Low 

Tseng et al [3] Low Low Low Low 

Uthoff et al [4] Low Low High Low 

Shams et al [5] Unclear Low Unclear Unclear 

Alabi et al [6] Low Low Low Low 

Sunny et al [7] Low Low High Unclear 

Jeyaraj et al [8] Low Low Unclear Low 

Kim et al [9] Low Low Low Low 

Alhazmi et al [10] Low Low Low Low 

Chu et al. [11] Low Low Low Low 

Jubair et al. [12] Low Low Low Low 

Musulin et al [13] Low Low High Low 

Rathod et al. [14] Unclear Low Unclear Unclear 

Lavanya et al. [15] Unclear Low High Unclear 

Kirubabai et al. [16] Unclear Low High Unclear 

Karadaghy et al. [17] Low Low Low Low 

Table S2. Quality assessment (QUADAS 2) summary of applicability concerns. 

 PATIENT SELECTION INDEX TEST 
REFERENCE 

STANDARD 

Nayak et al [1] High Low Low 

Rosma et al [2] Unclear Unclear High 

Tseng et al [3] Low Low Low 

Uthoff et al [4] Low Low High 

Shams et al [5] Unclear Low Unclear 

Alabi et al [6] Low Low Low 

Sunny et al [7] Unclear Unclear High 

Jeyaraj et al [8] Low Low Unclear 

Kim et al [9] Low Low Low 

Alhazmi et al [10] Low Low Low 

Chu et al. [11] Low Low Low 

Jubair et al. [12] Low Low Low 

Musulin et al [13] Low Low High 

Rathod et al. [14] Unclear Low Unclear 

Lavanya et al. [15] Unclear Low High 

Kirubabai et al. [16] Unclear Low High 

Karadaghy et al. [17] Low Low Low 
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