Supplemental Table 1. Report on image processing and image biomarker extraction.

Topic Modality | Item | Description
Image modality MRI: T2w and DWI acquisitions
In-plane resolution 28 T2w images: 0,35 mm x 0,35 mm
DWI images:1,125 mm x 1,125 mm
Image slice thickness 29 T2w images: 3,3 mm
DWI images: 3,3 mm
Diffusion-weigh ted imaging | DWI-MRI | 36 b- values = 50 s/mmz2 and 800 s/mmz2
ADC computation DWI-MRI | 39 Monoexponential model (1)
Non-uniformity correction MRI 45 N4 normalisation (2)
Intensity normalisation MRI 46 Normalisation to to fixed intensity range (3)
Segmentation method 48a | Semi-automatic VOI definition followed by manual adjustment
48b | Two radiologists
48c | FastGrowCut (4), based on region growing
48d | Segmentations performed separately on T2w images and ADC maps
Re-segmentation methods 55 Resegmentation based on Collewet normalization (5)
Discretisation method 56a | Fixed Bin Count (FBN)
56b | 64

Supplemental Table 2: Signature models and performances for classification of PZ lesions. Different signature models obtained from T2w
images and ADC maps independently and from the two modalities jointly and the corresponding diagnostic performances. On the left are
reported the specific IFs included in each model. Accuracy, sensitivity and specificity are reported as Mean and Standard Deviation, while in
parenthesis are reported minimum and maximus of performances
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*Stop-Tow: Stop Signature extracted from T2w images; **Stop-abc : Stop Signature extracted from ADC maps; ***Srop : Stop signature extracted

from both T2w images and ADC maps; “Sabcmean : Signature based on ADCmean; “Stop+abcmean: Signature obtained by combining “Stop.

Tawanc and ADCmean; *Acc: accuracy; #Sens: sensitivity; *#Spec: specificity




Supplemental Figure S1: ROC curves and AUC values for classification in PZ patient dataset
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