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Abstract

Every day, people are exposed to social stressors and environmental stimuli, both online
and offline, that may contribute to psychological distress (PD), a phenomenon that may
be further affected by the pervasive diffusion of the Internet and Information and Com-
munication Technologies (ICTs). In keeping with this, the aim of the present study was
to investigate the role of mattering and anti-mattering in both offline and online environ-
ments, as well as Social Media Capital on Distress Tolerance (DT). Data were collected
through the administration of an online and anonymous survey among 252 participants
(32.1% cisgender males; 63.1% cisgender females; 4.8% people belonging to the LGBTQIA+
community) aged 18 to 85 years (mean age: 40.5, SD = 17.0253). In line with the objective
of the present study, correlation, multiple linear regression, and network analyses (NA)
were performed. Overall, the results pointed out that offline mattering and anti-mattering
and social media capital were associated with DT. Moreover, the NA suggested that offline
relational experiences, particularly offline mattering and anti-mattering, were more con-
sistently connected with DT within the overall network structure than online relational
indicators. In conclusion, the study deepened the investigation of DT in relation to potential
social antecedents (both offline and online), laying the groundwork for the development of
further studies in this area.

Keywords: distress tolerance; mattering; anti-mattering; social media capital; ICTs

1. Introduction
In everyday life, people are exposed to situations and environmental stimuli that

may contribute to psychological distress (PD), namely “a state of emotional suffering
characterized by symptoms of depression (e.g., lost interest; sadness; hopelessness) and
anxiety (e.g., restlessness; feeling tense)” (Drapeau et al., 2012, p. 105; Mirowsky & Ross,
2002; Ridner, 2004). Given its potential impact on both physical and mental conditions, PD
is a widely used construct for investigating mental health (Batty et al., 2017; Duradoni et al.,
2022b; Gaffey et al., 2022; Jackson et al., 2018; Pehlivan et al., 2021). Psychologically, PD
has been linked to poorer emotion regulation and strained social relationships (Nickerson
et al., 2025; Raio et al., 2013), as well as to an increased frequency of depressive episodes
and greater loneliness (Butterworth et al., 2020; Wolters et al., 2023). These processes may
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reinforce each other, contributing to adverse outcomes such as work absenteeism and
suicidal ideation (Junus & Yip, 2023; Keramat et al., 2025).

Prior research suggests that individual resources can buffer PD, including adaptive
coping strategies, resilience, and Distress Tolerance (DT) (Bacchi & Licinio, 2017; Leyro et al.,
2010; Spătaru et al., 2024). While coping is typically described as a stressor-specific capacity
to manage demands (Leslie-Miller et al., 2025; Woo et al., 2024), DT is a multidimensional
construct that refers to the perceived ability to endure and remain exposed to adverse
internal states (e.g., negative emotions, physical discomfort) without resorting to avoidance
or other dysfunctional strategies (Leyro et al., 2010; Simons & Gaher, 2005; Zvolensky et al.,
2010). Higher DT has consistently been linked to lower levels of distress (Leyro et al., 2010;
Segal et al., 2025; A. D. Williams et al., 2013). Indeed, literature findings also highlighted
the positive role of DT across several life domains. For example, higher DT has been linked
to less severe depressive and anxiety symptoms (Laposa et al., 2015; A. D. Williams et al.,
2013), as well as milder post-traumatic symptoms (Marshall-Berenz et al., 2010).

The relationship between DT and distress also appears to be closely linked to social
resources. Specifically, higher levels of social support combined with greater DT may
predict fewer internalizing symptoms over time (J. R. Cohen et al., 2016). Similarly, social
capital has been identified as a protective factor in adverse conditions, being associated
with lower distress and higher DT (Kobayashi et al., 2015).

To inform future prevention and intervention efforts, it is important to clarify the
mechanisms and social factors associated with DT. In particular, greater attention should be
given to examining social factors potentially associated with DT across offline and online
contexts, given the relevance of the social environment in quality of life and well-being
(Pronk et al., 2021; Walker & Van Der Maesen, 2004). The present study contributes to this
line of research by underscoring the relevance of online and offline social factors in relation
to DT, thereby providing a basis for future prevention and intervention research.

1.1. Distress Tolerance and Social Factors

Evidence highlights the important role of social determinants and potential social
antecedents in relation to DT (J. R. Cohen et al., 2016; Karami et al., 2020; Veilleux et al.,
2022). Potential social antecedents of DT refer to interpersonal conditions and relational
contexts that may be associated with individuals’ ability to stay in contact with distress
(García-Guillén et al., 2025; Kyron et al., 2022; Mushtaq et al., 2014; D. Williams, 2006).
Experiences such as loneliness, social exclusion, ostracism, feeling like a burden, and
frustration of the need to belong have been linked to reduced capacity to cope with distress
(Kyron et al., 2022; Mushtaq et al., 2014; K. D. Williams, 2007). Conversely, group cohesion
and identification have been associated with greater frustration tolerance, suggesting that
integrated relational resources may be connected to higher DT (García-Guillén et al., 2025).

In this context, social capital (SC) provides a structural framework of networks, trust,
and cooperative norms that may facilitate support, belonging, and opportunities for ex-
change. SC is defined as the resources (e.g., trust, participation) embedded in social net-
works that people can access through their connections with others (Bhandari & Yasunobu,
2009). It is also recognized as a factor related to better health outcomes, including mental
health (Ehsan et al., 2019; Murayama et al., 2012). In particular, SC has been proposed as
a protective factor against anxiety and depressive symptoms, partly due to its links with
social support (Eriksson, 2011; Murayama et al., 2012).

Moreover, previous evidence has indicated that higher levels of SC are generally
related to lower PD, whereas lower levels tend to correspond to greater psychological
difficulties (Carrillo-Alvarez et al., 2022; Chan et al., 2023; Kobayashi et al., 2015; Song, 2011;
Wu et al., 2024).
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Subjective relational experiences, such as mattering, may be a way in which SC relates
to DT. Mattering refers to the subjective perception of being important, noticed, and valued
by others. On the other hand, anti-mattering reflects the feeling of being invisible or
irrelevant, or of being deemed unworthy of others’ attention (Elliott et al., 2004; Flett,
2022; Flett et al., 2022). Previous studies have shown that a stronger sense of mattering is
positively linked with lower levels of PD, anxiety and depression symptoms, as well as a
higher life satisfaction (Ding et al., 2025; Giangrasso et al., 2022; Liu et al., 2023). Conversely,
anti-mattering is associated with both higher PD and depressive symptoms (Flett et al.,
2022; Melnyk et al., 2023).

Overall, this body of literature supports the idea that social factors may function as
protective resources against distress and may be considered potential social antecedents
associated with DT. However, given the steady growth in the use of ICTs, research should
also examine how social determinants relate to DT in digital contexts, including online
forms of mattering and anti-mattering enacted through ICT-mediated interactions.

1.2. Distress Tolerance in ICT Environments

To date, ICT use has become an integral part of daily life, shaping social connections
and interpersonal interactions (Van Den Berg et al., 2012). This highlights the need to
examine social factors potentially related to DT in digital contexts, as potential social
antecedents can also be expressed online (Duradoni et al., 2024a). Prior research has
documented the potential negative effects of social overload from social networking site
use on mental health, particularly in terms of psychological distress (Cao et al., 2020;
Hussenoeder, 2022). Despite this, evidence on online social factors associated with DT
remains limited, representing an important gap that warrants further investigation.

Most studies on DT in digital contexts have treated it primarily as a mediating mech-
anism, whereby higher DT tends to be associated with reduced problematic use of the
Internet, social media, and smartphones (El-Ashry et al., 2023; Gu, 2022). Given the increase
in Internet use, and particularly its influence on people’s lives, investigating the potential
role of social factors in digital contexts is crucial to better understand DT-related processes
and to develop effective, targeted interventions. In this study, we aim to examine potential
social antecedents of DT through the lens of the Digital Life Balance (DLB) model, which
posits that both offline and online life contribute to a more or less balanced use of ICTs
(Duradoni et al., 2022b). Accordingly, the present work considers both online and offline
social factors.

1.3. Digital Life Balance and the Quality of Digital Experience

In a context in which digital technologies permeate everyday life, distinguishing
problematic ICT use from intensive but functional use driven by daily demands has become
increasingly challenging (Billieux et al., 2015; Vanden Abeele, 2021).

Recent literature has suggested that the quality of digital experience is better under-
stood in terms of harmonic use rather than mere time spent online (Di Fabio & Tsuda, 2018;
Duradoni et al., 2024a). Within this perspective, the construct of Digital Life Balance (DLB)
has gained increasing relevance, as a core indicator of digital harmony.

DLB is defined as the perceived balance between online and offline life (Duradoni
et al., 2022b; Kaloeti et al., 2026; Lima-Costa et al., 2024; Malas et al., 2025; Soysal et al.,
2024). Along this continuum, such equilibrium may be disrupted by both excessive and
insufficient ICT use (Duradoni et al., 2022b; Lima-Costa et al., 2024; Soysal et al., 2024).
On one hand, excessive ICT use may lead to problematic behaviors or even exacerbate
addictive patterns (Ko, 2014; Widyanto & Griffiths, 2006; Yıldız Durak, 2020). On the other
hand, insufficient use may negatively affect quality of life and, in some cases, contribute to
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social exclusion (Adams & Kisler, 2013; Leung & Lee, 2005; Soysal et al., 2024). Conversely,
when ICT use remains balanced, evidence indicates potential benefits such as higher life
satisfaction and self-esteem, as well as lower dysfunctional use of social media and video
games (Tosti et al., 2026).

According to the model, disruptions in DLB may be fueled by frustrated psychological
and relational needs in offline life (Duradoni et al., 2023). Although online platforms can help
satisfy social needs (Ellison et al., 2007; Nadkarni & Hofmann, 2012), attempts to compensate
for unmet offline needs through online engagement may foster imbalance and more intense
or potentially problematic ICT use (Duradoni et al., 2024a; Lima-Costa et al., 2024).

1.4. Aim of the Study

Building on the above, the aim of the present study was to investigate potential
social antecedents associated with DT, considering both offline and online environments.
Moreover, adopting a complex perspective on human behavior (Heino et al., 2021), a
Network Analysis was carried out to explore the pattern and dynamic connections among
the phenomena under study, while considering the balance between offline and online
experiences (Duradoni et al., 2022b; Lima-Costa et al., 2024; Soysal et al., 2024; Tosti et al.,
2026). In detail, we formulated the following hypotheses.

1.4.1. Mattering, Anti-Mattering and Distress Tolerance

Although the literature on DT has extensively explored its links with various social and
relational factors, there remains a research gap regarding the direct relationship between
DT and mattering and anti-mattering, which has been little investigated to date. Mattering,
or the feeling of being important and relevant to others (Elliott et al., 2004; Marshall, 2001),
has been associated with lower psychological distress (Liu et al., 2023; Tonini et al., 2025).
Conversely, anti-mattering, or the perception of being insignificant to others (Flett et al.,
2022), has been associated with higher distress and depressive symptoms and has been
described as potentially involved in reciprocal relationships with distress (Krygsman et al.,
2022; Tonini et al., 2025). Despite these findings, the potential link between mattering,
anti-mattering, and DT remains largely unexplored. Based on this rationale, the following
hypotheses were formulated:

H1. There is a positive link between mattering (both offline and online) and being able to deal with
distress (DT).

H2. There is a negative link between anti-mattering (both offline and online) and being able to deal
with distress (DT).

1.4.2. Online Social Capital and Distress Tolerance

The potential relationship between distress tolerance and online social capital has
not been explored in the literature. However, considering previous evidence linking
social capital to lower psychological distress (Tian et al., 2025), the following hypothesis
was formulated:

H3. There is a positive link between social media capital and being able to deal with distress (DT).

2. Material and Methods
2.1. Participants and Design

Before participant recruitment, by using G*Power Version 3.1.9.6 (Faul et al., 2007,
2009), a power analysis was performed to determine the sample size needed. For Pearson’s
correlation, the results pointed out that a sample of 150 subjects would be required to
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achieve a statistical power of 0.80, sufficient to detect typical effect sizes (r = 0.2) at a signifi-
cance level of 0.05. Moreover, for linear regression analysis, a sample of 43 participants was
adequate to reach the same statistical power (0.80) for detecting small effect sizes (r = 0.15),
assuming a significance level of 0.05 and considering a total of six predictors. Moreover,
regarding the sample size needed for the network analysis, the guidelines of Ávalos-Tejeda
and Calderón (2025) were followed. In particular, the authors emphasized the importance
of having an adequate ratio between the sample and variables (n/k ≥ 10) (Ávalos-Tejeda
& Calderón, 2025). In the present study, the aforementioned ratio is equal to 36 (N = 252;
Nodes: 7), making the sample size adequate for performing a network analysis.

The study employed a cross-sectional design with self-selection sampling.
Participants voluntarily and anonymously completed an online questionnaire via

Google Forms, which was distributed through social media platforms (e.g., Facebook and
Instagram). Inclusion criteria were being 14 years or older and having proficiency in the
Italian language. The data collection was in compliance with Italian privacy and informed
consent regulations (Law Decree DL-101/2018) and EU Regulation (2016/679).

The final sample was composed of 252 participants (32.1% cisgender males; 63.1%
cisgender females; 4.8% people belonging to the LGBTQIA+ community), aged 18 to
85 years (mean age: 40.5, SD = 17.0253).

2.2. Instruments and Measures

For the present study, we collected socio-demographic information (e.g., age and
gender) and we used the following self-report instruments:

2.2.1. Distress Tolerance Scale (DTS; Simons & Gaher, 2005)

The DTS is a self-report instrument with 15 items scored on a 5-point Likert scale
(1: “Strongly Disagree”; 5: “Strongly Agree”). The DTS assesses distress tolerance, mea-
suring one’s perceived ability to tolerate and sustain negative emotional states without
feeling overwhelmed or resorting to compensatory avoidance or suppression strategies.
Specifically, it comprises four dimensions: (i) tolerance, or the perceived capacity to with-
stand distress (item example: “I can’t handle feeling distressed or upset”); (ii) appraisal,
or the tendency to evaluate distress as threatening or unacceptable, and thus difficult to
manage (item example: “My feelings of distress or being upset scare me”); (iii) absorption,
or the extent to which distress dominates attention and absorbs cognitive resources (item
example: “When I feel distressed or upset, I cannot help but concentrate on how bad the
distress actually feels”); (iv) and regulation, or the perceived urgency to reduce distress,
often through strategies such as avoidance (item example: “I’ll do anything to stop feeling
distressed or upset”). Higher scores correspond to greater levels of distress tolerance. The
scale showed good internal consistency (α = 0.85 at T2). Subscale alphas at T2 were: Toler-
ance α = 0.73, Appraisal α = 0.84, Absorption α = 0.77, and Regulation α = 0.74. (Simons
& Gaher, 2005). From a psychometric point of view, in the present study, the instrument
was also characterized by a good internal consistency (Total score: α = 0.901; Tolerance
α = 0.733, Appraisal α = 0.714, Absorption α = 0.803, and Regulation α = 0.707).

2.2.2. General Mattering Scale (GMS; Giangrasso et al., 2022)

It comprises 5 items scored on a 4-point Likert scale, which measure the perception
of mattering to others in the offline world (1: “Not at all to”; 4: “A lot”) (Item example:
‘How much would you be missed if you went away?’). The scale is one-dimensional, and
higher scores indicate a greater perception of being important to others. The GMS scale
showed optimal reliability, with Cronbach’s alpha = 0.84 (Flett et al., 2022). In keeping with
this, the instrument was also characterized by an optimal reliability in the present study
(Cronbach’s alpha = 0.854).
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2.2.3. Anti-Mattering Scale (AMS; Flett et al., 2022)

This self-report scale is composed of 5 items (item example: ‘To what extent have you
been made to feel like you are invisible?’) scored on a 4-point Likert scale (1: “Not at all to”;
4: “A lot”). The AMS is one-dimensional and measures anti-mattering, or the perception
of being invisible and not mattering to others in social interactions. Higher total scores
correspond to higher levels of anti-mattering. The AMS scale showed optimal reliability
(both in the literature (Cronbach’s alpha = 0.86) and in the present study (Cronbach’s
alpha = 0.892).

2.2.4. Mattering Online Scale (MOS; Duradoni et al., 2024b)

This self-report instrument is composed of five items (item example: “How much do
other people pay attention to you on line?”) scored on a 4-point Likert scale (1 = “Not at
all”; 4 = “A lot”). For this study, the translated Italian version of the questionnaire was
used (Duradoni et al., 2024b). On the basis of the General Mattering scale, the scale is
able to assess feelings about how much one perceives that they matter to others. From a
psychometric point of view, the scale showed high internal reliability (McDonald’s omega:
0.859), also in the present study (Cronbach’s alpha = 0.926).

2.2.5. Anti-Mattering Online Scale (AMOS; Duradoni et al., 2024b)

This self-report scale includes 4 items (item example: How often have you been treated
in a way that makes you feel like you are insignificant online?), scored on 4-point Likert
scale (1: “Not at all”; 4: “A lot”). The scale was developed based on the Anti-Mattering Scale
(AMS) and adapted to online (Flett et al., 2022); the item pool was reduced. Higher scores
on the scale indicate a stronger perception of meaninglessness in the online world. Finally,
the internal reliability of the instrument in the present study was optimal (Cronbach’s
alpha = 0.903).

2.2.6. Social Media Capital Scale (Duradoni et al., 2022a)

This self-report scale presents 7 items scored on a 7-point Likert scale (1: “Completely
disagree”; 7: “Completely agree”). Social media capital measures the social capital that
a person develops and maintains using social media and applications. Specifically, the
scale assesses two factors in terms of social media confidence (Factor 1—Efficacy) (item
example: “I feel confident in using social media”) and social media connection with others
(Factor 2—Social) (item example: “Since getting on social media, I have become more connected
to people who share my hobbies/recreational activities through social media.”). Higher scores
indicate higher levels of social media confidence and connection with others. The SMCS
showed optimal reliability both in the literature (Efficacy: ω = 0.81; Social: ω = 0.86) and in
the present study (Efficacy: Cronbach’s alpha = 0.915; Social: Cronbach’s alpha = 0.885).

2.3. Data Analysis

Primarily, descriptive statistics were carried out to observe the distribution of the
investigated variables by assuming normal distribution if the skewness and kurtosis values
were within ±2 and ±7, respectively (Hair, 2010). Moreover, both correlation analysis and
multiple linear regression analysis were performed to investigate putative associations
between social factors and DT and its dimensions. In particular, for what concerns the
multiple linear regression analysis, the predictors were selected on the basis of significant
results in the correlation analysis in order to contrast overfitting as well as multicollinearity.
Furthermore, a network analysis (NA) was performed to explore potential non-linear
associations between the investigated factors by taking into consideration the total score of
DTS. Specifically, the Gaussian Graphical Model was used to estimate the network (tuning
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parameter γ = 0.5) via the EBICglasso estimator, resulting in a weighted and signed network.
The edges represent regularized partial correlations rather than zero-order correlations.
Moreover, a bootstrap analysis (number of bootstraps = 1000) was also performed in order
to test edge and centrality stability. Statistical analyses were carried out by using the
Statistical Package for the Social Sciences (SPSS) software (version 23) and JASP package
(version 0.19.1.0).

3. Results
According to Hair (2010), all the investigated variables were normally distributed.

Therefore, Pearson’s correlation analysis was performed (Table 1).

Table 1. Descriptive statistics.

Variables Min. Max. Mean SD Skew. Kurtosis

DT 1.3 4.9 3.104 0.667 0.107 −0.140
Tolerance (DT) 1.0 5.0 3.045 0.843 0.043 −0.293
Absorption (DT) 1.3 5.0 3.278 0.745 −0.047 −0.455
Appraisal (DT) 1.0 5.0 3.160 0.677 0.045 0.354
Regulation (DT) 1.0 5.0 2.933 0.885 0.079 −0.343
M-Offline 5.0 20.0 14.917 2.997 −0.298 0.131
AN-Offline 5.0 20.0 10.405 3.603 0.468 −0.227
M-Online 5.0 20.0 9.500 3.767 0.606 −0.364
AN-Online 4.0 16.0 7.603 3.287 0.733 −0.152
SMC-Efficacy 4.0 20.0 14.740 3.700 −0.735 0.508
SMC-Social 3.0 15.0 8.452 2.917 −0.020 −0.358

Notes: AN, Anti-mattering; DT, Distress Tolerance; M, Mattering; Max., Maximum; Min., Minimum; SMC, Social
Media Capital; Skew., Skewness; SD, Standard deviation.

In detail, the results revealed several significant positive and negative correlations
between the potential social antecedents considered and DT and its dimensions (Table 2).
In interpreting the results, we considered correlations as follows: small: 0.10; typical: 0.20;
large: 0.30 (Gignac & Szodorai, 2016).

Thus, a large and significant correlation emerged between DT and offline mattering
(r = 0.319; p < 0.001) and offline anti-mattering (r = −0.351; p < 0.001). Moreover, both
typical significant correlations were also found between DT and online anti-mattering
(r = −0.211; p < 0.01) and the social dimension of SMC (r = −0.159; p < 0.05).

For what concerns the tolerance dimension, the results showed typical positive and
negative correlations, with offline mattering (r = 0.288; p < 0.01) and offline anti-mattering
(r = −0.270; p < 0.01) and online anti-mattering (r = −0.176; p < 0.01), respectively.

Regarding the absorption dimension, the results shed light on significant and large
correlations, both positive and negative, with offline mattering (r = 0.303; p < 0.01) and
offline anti-mattering (r = −0.335; p < 0.01). Moreover, typical and negative correlations
also emerged between absorption and online anti-mattering (r = −0.228; p < 0.01) and the
social dimension of SMC (r = −0.156; p < 0.05).

In line with the previous result, large and significant correlations emerged between
the appraisal dimension and both offline mattering (r = 0.315; p < 0.01) and offline anti-
mattering (r = −0.335; p < 0.01) as well as with online anti-mattering (r = −0.175; p < 0.01)
and the social SMC dimension (r = −0.141; p < 0.05).

Finally, the results pointed out significant and typical correlations between the reg-
ulation dimension and offline mattering (r = 0.189; p < 0.01) and offline anti-mattering
(r = −0.262; p < 0.01), online anti-mattering (r = −0.141; p < 0.05), and the social dimension
of SMC (r = −0.148; p < 0.05).
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In general, when controlled by gender, all the aforementioned correlations remained
significant (Table 2).

Table 2. Correlation analysis results.

Variables DT Tolerance
(DT)

Absorption
(DT)

Appraisal
(DT)

Regulation
(DT)

M-Offline

Pearson’s r 0.319
(0.317 ***)

0.288
(0.293 ***)

0.303
(0.305 ***)

0.315
(0.308 ***)

0.189
(0.177 **)

p-value <0.001 <0.001 <0.001 <0.001 0.003
Lower 95% CI 0.203 0.171 0.187 0.199 0.067
Upper 95% CI 0.425 0.398 0.412 0.422 0.305
Standard error 0.057 0.058 0.057 0.057 0.061

AN-Offline

Pearson’s r −0.351
(−0.323 ***)

−0.270
(−0.236 **)

−0.335
(−0.333 ***)

−0.335
(−0.319 ***)

−0.262
(−0.215 **)

p-value <0.001 <0.001 <0.001 <0.001 <0.001
Lower 95% CI −0.455 −0.381 −0.44 −0.441 −0.373
Upper 95% CI −0.238 −0.152 −0.22 −0.221 −0.143
Standard error 0.055 0.058 0.056 0.056 0.059

M-Online

Pearson’s r −0.026
(−0.017)

−0.035
(−0.017)

0.000
(−0.002)

−0.003
(−0.021)

−0.042
(−0.015)

p-value 0.684 0.579 0.994 0.964 0.503
Lower 95% CI −0.149 −0.158 −0.123 −0.126 −0.165
Upper 95% CI 0.098 0.089 0.124 0.121 0.082
Standard error 0.063 0.063 0.063 0.063 0.063

AN-Online

Pearson’s r −0.211
(−0.201 **)

−0.176
(−0.164 *)

−0.228
(−0.214 **)

−0.175
(−0.150 *)

−0.141
(−0.149 *)

p-value <0.001 0.005 <0.001 0.005 0.025
Lower 95% CI −0.326 −0.293 −0.342 −0.292 −0.26
Upper 95% CI −0.089 −0.054 −0.107 −0.053 −0.018
Standard error 0.060 0.061 0.060 0.061 0.062

SMC-EFF

Pearson’s r −0.008
(−0.002)

0.070
(0.075)

−0.057
(−0.049)

0.018
(0.027)

−0.057
(−0.057)

p-value 0.91 0.314 0.417 0.796 0.413
Lower 95% CI −0.144 −0.066 −0.191 −0.118 −0.192
Upper 95% CI 0.128 0.204 0.08 0.154 0.08
Standard error 0.069 0.069 0.069 0.069 0.069

SMC-S

Pearson’s r −0.159
(−0.155 *)

−0.093
(−0.089)

−0.156
(−0.150 *)

−0.141
(−0.135)

−0.148
(−0.148 *)

p-value 0.022 0.183 0.024 0.042 0.033
Lower 95% CI −0.289 −0.226 −0.286 −0.272 −0.278
Upper 95% CI −0.024 0.044 −0.021 −0.005 −0.012
Standard error 0.068 0.069 0.068 0.068 0.068

Notes: AN, Anti-mattering; DT, Distress Tolerance; M, Mattering; SMC, Social Media Capital; Values in parentheses
indicate Pearson’s correlation coefficients controlling for gender; * = p < 0.05; ** = p < 0.01; *** = p < 0.001.

For what concerns the linear regression analysis (Table 3), the results highlighted
significant associations between DT and offline mattering (β = 0.189; 95% CI: from 0.008 to
0.077; p < 0.05), offline anti-mattering (β = −0.192; 95% CI: from −0.064 to −0.006; p < 0.05),
and the social dimension of SMC (β = −0.162; 95% CI: −0.065 to −0.008; p < 0.05).

Regarding the tolerance dimension, the results reported only a significant association
between this factor and offline mattering (β = 0.189; 95% CI: from 0.012 to 0.094; p < 0.05)
(Table 4).
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Table 3. Regression analysis result: distress tolerance and social factors.

Variables Beta t Sig. Standard
Error

95% CI
R2 R2-adj

Lower Upper

M-Offline 0.189 2.401 0.017 0.0176 0.008 0.077

0.162 0.146
AN-Offline −0.192 −2.347 0.020 0.0148 −0.064 −0.006
AN-Online −0.072 −1.023 0.307 0.0145 −0.043 0.014
SMC-Social −0.162 −2.521 0.012 0.0145 −0.065 −0.008

Notes: AN, Anti-mattering; CI, Confidence Interval; M, Mattering; Sig., Significance; SMC, Social Media Capital.

Table 4. Regression analysis result: tolerance (DT) and social factors.

Variables Beta t Sig. Standard
Error

95% CI
R2 R2-adj

Lower Upper

M-Offline 0.189 2.553 0.011 0.021 0.012 0.094
0.105 0.094AN-Offline −0.135 −1.788 0.075 0.018 −0.066 0.003

AN-Online −0.080 −1.242 0.215 0.017 −0.053 0.012
Notes: AN, Anti-mattering; CI, Confidence Interval; M, Mattering; Sig., Significance.

Moreover, for the absorption dimension, the results highlighted significant associations
with offline mattering (β = 0.157; 95% CI: from 0.000 to 0.078; p < 0.05), offline anti-mattering
(β = −0.216; 95% CI: from −0.077 to −0.011; p < 0.01), and the social dimension of SMC
(β = −0.158; 95% CI: −0.072 to −0.008; p < 0.05) (Table 5).

Table 5. Regression analysis result: absorption (DT) and social factors.

Variables Beta t Sig. Standard
Error

95% CI
R2 R2-adj

Lower Upper

M-Offline 0.157 1.995 0.047 0.0199 0.000 0.078

0.163 0.147
AN-Offline −0.216 −2.648 0.009 0.0168 −0.077 −0.011
AN-Online −0.085 −1.218 0.225 0.0163 −0.052 0.012
SMC-Social −0.158 −2.464 0.015 0.0163 −0.072 −0.008

Notes: AN, Anti-mattering; CI, Confidence Interval; M, Mattering; Sig., Significance; SMC, Social Media Capital.

Regarding appraisal dimension, in line with previous results, significant associations
between DT and offline mattering (β = 0.180; 95% CI: from 0.005 to 0.078; p < 0.05), offline
anti-mattering (β = −0.216; 95% CI: from −0.071 to −0.010; p < 0.01), and the social
dimension of SMC (β = −0.145; 95% CI: −0.064 to −0.004; p < 0.05) emerged (Table 6).

Table 6. Regression analysis result: appraisal (DT) and social factors.

Variables Beta t Sig. Standard
Error

95% CI
R2 R2-adj

Lower Upper

M-Offline 0.180 2.267 0.024 0.019 0.005 0.078

0.148 0.131
AN-Offline −0.216 −2.620 0.009 0.016 −0.071 −0.010
AN-Online −0.016 −0.229 0.819 0.015 −0.033 0.026
SMC-Social −0.145 −2.242 0.026 0.015 −0.064 −0.004

Notes: AN, Anti-mattering; CI, Confidence Interval; M, Mattering; Sig., Significance; SMC, Social Media Capital.

Finally, concerning the regulation dimension, the results pointed out significant associ-
ations between this DT dimension and SMC social (β = −0.148; 95% CI: −0.085 to −0.005;
p < 0.05) (Table 7).
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Table 7. Regression analysis result: regulation (DT) and social factors.

Variables Beta t Sig. Standard
Error

95% CI
R2 R2-adj

Lower Upper

M-Offline 0.077 0.939 0.349 0.025 −0.026 0.072

0.077 0.059
AN-Offline −0.146 −1.700 0.091 0.021 −0.077 0.006
AN-Online −0.067 −0.918 0.360 0.021 −0.059 0.022
SMC-Social −0.148 −2.198 0.029 0.020 −0.085 −0.005

Notes: AN, Anti-mattering; CI, Confidence Interval; M, Mattering; Sig., Significance; SMC, Social Media Capital.

Furthermore, the NA related to the total dimension of DT highlighted the presence
of 7 nodes with a sparsity value of 0.381. Centrality indices did not identify a single
consistently dominant node across the whole network. Offline anti-mattering showed the
highest betweenness value and the largest absolute expected influence, whereas offline
mattering showed the highest closeness value (Table 8, Figure 1). In the weight matrix, DT
was directly connected with offline mattering (r = 0.141), offline anti-mattering (r = −0.180),
online anti-mattering (r = −0.076) and social of SMC (r = −0.115), whereas no direct
connection emerged with online mattering or SMC efficacy (Table 9, Figure 2). Finally,
the bootstrap analysis highlighted the need to interpret the NA results and parameters
with caution (Figure S1). Furthermore, regarding centrality stability, the findings indicated
that for the NA strength factor, the nodes corresponding to SMC-S, M-OFF, and AN-OFF
are statistically more central than those for M-ON and AN-ON (Epskamp et al., 2018)
(Figure S2). Conversely, however, the results showed that factors such as closeness and
betweenness are unstable, thereby reinforcing the aforementioned need to interpret the
results with caution (Epskamp et al., 2018) (Figure S2).

Table 8. Network analysis results: centrality measures.

Variables Betweenness Closeness Strength Expected Influence

DTS −0.073 0.772 −0.549 −0.761
M-OFF 0.952 1.023 1.048 −0.753
AN-OFF 1.464 0.855 0.938 −1.282
M-ON −1.098 −0.488 −0.980 0.651
AN-ON −1.098 −1.822 −1.231 −0.195
SMC-EF −0.586 −0.238 −0.300 1.094
SMC-S 0.439 −0.102 1.075 1.246

Notes: AN, Anti-mattering; EF, Efficacy; M, Mattering; OFF, Offline; ON, Online; S, Social; SMC, Social Media Capital.

Figure 1. Centrality plot. Notes: AN, Anti-mattering; EF, Efficacy; M, Mattering; OFF, Offline; ON,
Online; S, Social; SMC, Social Media Capital.
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Table 9. Network analysis results: weight matrix.

Variables DTS M-OFF AN-OFF M-ON AN-ON SMC-EF SMC-S

DTS 0.000 0.141 −0.180 0.000 −0.076 0.000 −0.115
M-OFF 0.141 0.000 −0.463 0.087 −0.078 0.086 0.000
AN-OFF −0.180 −0.463 0.000 0.000 0.189 0.000 0.000
M-ON 0.000 0.087 0.000 0.000 −0.022 0.022 0.288
AN-ON −0.076 −0.078 0.189 −0.022 0.000 0.000 0.000
SMC-EF 0.000 0.086 0.000 0.022 0.000 0.000 0.457
SMC-S −0.115 0.000 0.000 0.288 0.000 0.457 0.000

Notes: AN, Anti-mattering; EF, Efficacy; M, Mattering; OFF, Offline; ON, Online; S, Social; SMC, Social Media Capital.

Figure 2. Network analysis. Notes: AN, Anti-mattering; EF, Efficacy; M, Mattering; OFF, Offline; ON,
Online; S, Social; SMC, Social Media Capital.

4. Discussion
Everyday interactions may become potential sources of stress and, over time, may

contribute to declines in well-being. Given the substantial mental and physical conse-
quences associated with psychological distress (Batty et al., 2017; Gaffey et al., 2022; Jackson
et al., 2018; Pehlivan et al., 2021), there is a growing need to clarify how people cope with
stressors and which personal resources can buffer perceived stress.

Within this framework, DT appears to play a key role in reducing psychological
distress (Leyro et al., 2010) and it is also closely tied to social factors such as social capital
and mattering (Carrillo-Alvarez et al., 2022; Giangrasso et al., 2022; Kobayashi et al., 2015).
Consistent with the Digital Life Balance (DLB) perspective, the frustration of psychological
and relational needs in offline life may heighten stress and increase reliance on the online
environment as a potential source of need satisfaction. However, greater reliance on
online interactions to meet these needs has been linked to a poorer balance between digital
involvement and everyday life (Duradoni et al., 2022a; Kaloeti et al., 2026). Against this
backdrop, the present study examined the association between DT and social factors in
both offline and online contexts.

Overall, the findings showed a coherent pattern. Offline mattering was positively
and significantly correlated to DT, whereas anti-mattering, both offline and online, was
negatively associated with DT, thereby supporting Hypotheses 1 (H1) and 2 (H2). However,
contrary to Hypothesis 3 (H3), DT was also negatively associated with social media capital
(SMC; Social factor).
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Regarding the link between offline mattering and DT, the results indicated that perceiv-
ing oneself as important to others is associated with a greater capacity to endure discomfort.
This interpretation is consistent with evidence linking mattering to lower psychological
distress (Giangrasso et al., 2022). Within offline relationships, feeling recognized may
provide a relatively stable signal of validation that reduces threat appraisal and strengthens
perceived coping resources. From a theoretical perspective, this pattern may be linked to
higher self-efficacy and less avoidant emotion-regulation strategies, which could make
discomfort more tolerable (Kyron et al., 2022).

The association between offline anti-mattering and DT was also consistent with prior
literature (Ding et al., 2025; Flett et al., 2022). In particular, feeling “unnoticed” offline can
be construed as a cue of social threat, eliciting distress and promoting avoidance responses
(Flett, 2022). Such experiences may be linked to lower perceived coping resources and the
capacity to remain in contact with distress. Accordingly, anti-mattering may be associated
with rumination and avoidance or dysregulation strategies that ultimately reduce DT
(Giangrasso et al., 2022; Kyron et al., 2022).

Furthermore, results showed a significant negative correlation between online anti-
mattering and DT, whereas online mattering was not significantly associated with DT.
This pattern is consistent with the idea that negative online social signals may be more
salient and impactful than positive ones, potentially contributing to negative affect and
self-devaluing cognitions (e.g., negativity bias) (Baumeister et al., 2001; Lee et al., 2020).
In addition, the literature suggests that anti-mattering is more tightly linked to anxious-
depressive symptoms and distress than mattering, which may help explain why the effect
emerged in correlational analyses (Ding et al., 2025).

Finally, the negative association between SMC (Social factor) and DT should be inter-
preted cautiously, in light of the theoretically related dynamics described in the literature.
Specifically, SMC does not reflect dysfunctional use, but rather connections with peo-
ple who share hobbies or lifestyles, including common life experiences (Duradoni et al.,
2022a). For this reason, it may be conceptually close to online bonding social capital,
namely relatively homogeneous and emotionally close online networks (Ellison et al., 2007;
D. Williams, 2006). Although such connections may provide support, previous research
suggests that highly cohesive online networks may also entail social pressure, restrictive
group norms, social comparison, and social overload dynamics, as well as expectations
of constant availability and reliance on peer approval (Maier et al., 2015; McComb et al.,
2023; Nesi & Prinstein, 2015; Villalonga-Olives & Kawachi, 2017). Accordingly, the present
finding should not be taken as evidence that online social capital is intrinsically maladap-
tive. Rather, it may suggest that certain forms of perceived online connection may not
necessarily operate as protective resources for DT, particularly when intertwined with more
demanding, comparison-based, or approval-dependent relational dynamics, although these
mechanisms were not directly examined in the present study. Considering the regression
model, only offline mattering, offline anti-mattering, and the Social factor of SMC remained
significantly associated with DT. This loss of significance for other predictors may reflect
the greater strength and stability of offline experiences, which can account for a substantial
portion of the explained variance in the full model (Duradoni et al., 2024a).

To our knowledge, this is the first study to examine potential offline and online social
antecedents of DT within the same framework.

4.1. Social Factors and Distress Tolerance from a Complex Perspective

Taking a complex perspective on human phenomena (Heino et al., 2021), network
analysis provided an exploratory representation of the pattern of connections among the
investigated variables.
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Consistent with the correlational and regression findings, offline relational variables
appeared to be more consistently connected with DT than online relational indicators.

Specifically, offline mattering and anti-mattering were directly connected with DT,
suggesting that perceived recognition and perceived invisibility in offline relationships
may represent relevant social correlates of distress tolerance. This pattern can be situated
within the broader literature on mattering and anti-mattering in terms of the perception of
being important to others in sustaining resources, as well as the potential resilience of the
person in coping with stressors (Elliott et al., 2004; Flett, 2022; Flett et al., 2022). It is also
broadly consistent with stress-buffering and social support perspectives, which suggest
that social relationships may be associated with how individuals experience and manage
stressful states (Bekiros et al., 2022; Cassel, 1976; S. Cohen & Wills, 1985; Szkody et al., 2021).
In line with this, people’s ability to tolerate distress may be related to the social support
available in their relational context, consistent with evolutionary views that emphasize the
importance of the social context and social resources when individuals face stressful or
threatening experiences (Baumeister et al., 2001; Cacioppo et al., 2006; Szkody et al., 2021).

In sum, the present findings suggest that social and relational factors may be relevant
to DT. However, centrality indices did not converge on a single consistently dominant
node; therefore, these findings should be interpreted descriptively and cautiously, rather
than as evidence that either offline mattering or offline anti-mattering represents the
causal or mechanistic core of the network. Given the cross-sectional and exploratory
nature of the present study, these results should be further examined in longitudinal or
experimental research.

4.2. Implications and Future Perspectives

The implications of this study can be considered from both theoretical and practi-
cal perspectives.

On a theoretical level, the results suggest that DT should not be understood exclusively
as an intrapsychic trait, as it appears to be associated with social and relational factors, with
a clear asymmetry between offline and online, where face-to-face relationships carry greater
weight (J. R. Cohen et al., 2016; Kyron et al., 2022; Mushtaq et al., 2014). This asymmetry
aligns with the DLB perspective, which frames digital functioning as continuous between
offline life and highlights face-to-face relational experiences as potentially relevant to digital
balance (Duradoni et al., 2022b). Within this lens, offline mattering and anti-mattering can
be interpreted as relational cues associated with the individual’s stress context and, in turn,
their capacity to stay in contact with distress (Flett, 2022; Flett et al., 2022; Giangrasso et al.,
2022). Accordingly, distress tolerance may function as a self-regulation resource that affects
how likely individuals are to turn to ICT-mediated interactions as a rapid coping option
under stress, with potential implications for sustaining harmonic technology use.

Another insight from the results is that social capital is not invariably protective: some
configurations, such as homophilic networks, may be associated with lower DT (Duradoni
et al., 2022a; El-Ashry et al., 2023). Finally, social mechanisms may not be uniformly
associated with the entire construct, but act differentially on the subscales, inviting a
dimensional modelling of DT (Hsu et al., 2023; Simons & Gaher, 2005).

From an application perspective, DT should be considered an explicit goal of assess-
ment and intervention, considering its roots in relational experiences and digital contexts
(El-Ashry et al., 2023; Leyro et al., 2010).

In clinical and preventive settings, the first implication would be to integrate DT
measures into routine assessment, together with short mattering and anti-mattering scales,
to identify people with low DT who also perceive themselves as unseen or irrelevant in
meaningful relationships. Based on this, programmes could combine traditional specific
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DT and emotion regulation training with interventions that aim to work on beliefs such as
“I don’t matter to anyone” and to build concrete experiences of recognition and support
within offline networks. At the same time, the observed link between DT and online
social capital suggests including a brief digital life assessment to identify situations where
highly cohesive online networks may amplify social comparison, expectations of constant
availability, and relational overload (Cao et al., 2020; Maier et al., 2015; McComb et al., 2023;
Nesi & Prinstein, 2015). In these cases, working with the person on more sustainable digital
boundaries, emphasizing offline mattering, can become a concrete component of treatment
aimed at enhancing the ability to stay in touch with distress.

Although the final sample included participants from 18 years onward and did not
include minors, these findings may still be relevant for future research on late adolescence
and younger populations. This developmental stage may represent a particularly sensitive
period for the interplay between DT, mattering, anti-mattering, and online social capital,
given the central role of social bonds, peer relationships, and belonging in psychological
adjustment (Brown & Larson, 2009). Previous longitudinal studies have indicated that low
DT during adolescence can be associated with more pronounced trajectories of depressive
symptoms, especially in the presence of negative life events. These findings highlight the
importance of early interventions focused on the ability to stay in contact with distress
without resorting to dysfunctional avoidance strategies (J. R. Cohen et al., 2016; Felton
et al., 2019). Therefore, implications for adolescents should be interpreted cautiously and
considered as directions for future research rather than as direct conclusions from the
present sample. In this sense, future studies could examine whether the relationships
between DT, mattering, anti-mattering, and online social capital observed in the present
study also emerge in adolescent samples, including minors. In this perspective, school-
based and adolescent-focused programs could integrate actions aimed at strengthening the
sense of mattering in real-life contexts, such as family, peers, and educational figures, into
DT training.

More broadly, future research should investigate whether DT acts as a factor promoting
Digital Life Balance. This would be appropriate given that lower levels of DT are associated
with problematic use of the Internet and social media as avoidance strategies, and that
dysfunctional use of social media and the Internet has been associated with poorer DLB
(Kaloeti et al., 2026). Future studies should also clarify whether attempts to satisfy relational
needs online may contribute to poorer DLB (Duradoni et al., 2022a, 2022b; Lima-Costa
et al., 2024), and whether participation in highly cohesive homophilic networks may, in
turn, be associated with lower DT capacity.

Future research could adopt a specific measure of DT in the online context to explore
whether an instrument that takes into account the specific characteristics of digital life
could better explain how online factors relate to DT (Hsu et al., 2023).

Finally, future research could clarify the results on social capital by examining the
DT of the reference group, to understand whether it is more influenced by the group’s
collective resources than by the individual’s own capital (Ehsan et al., 2019). Multilevel
designs could clarify the extent to which reliance on the online homophilic community
supports individual DT through group-level resources, and whether such communities
may, in some cases, become sources of vulnerability (Kobayashi et al., 2015; Murayama
et al., 2012; Villalonga-Olives & Kawachi, 2017).

4.3. Limitations and Strengths

This study has several strengths. First, it offers an original contribution by filling a gap
in the literature, integrating potential offline and online social antecedents of DT into a sin-
gle framework. Second, it introduces a substantial innovation on the digital side, combining
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online indicators with traditional ones and anchoring the results to established theoretical
rationales. Third, the online analysis is conducted using an exploratory approach, based on
self-reported cross-sectional data, that generates hypotheses that can be tested in subse-
quent studies. Finally, the main results show consistency between methods and stability in
the sign and direction of the associations, with insights into the subdomains of DT, which
allow for a more in-depth understanding of the study. A further limitation concerns the
demographic heterogeneity of the sample, with a wide age range from 18 to 85 years and a
predominance of cisgender female participants. This is relevant because distress tolerance,
mattering, anti-mattering, online social experiences, and social media capital may vary as a
function of both age and gender. Accordingly, age and gender should not be considered
merely descriptive characteristics, but potential confounding variables that may have in-
fluenced the observed associations. Although some analyses accounted for gender, age
and gender were not systematically modeled across all analyses (e.g., Network Analysis).
Future studies should therefore rely on larger and more demographically balanced samples
and explicitly test the role of age and gender. Moreover, in the regression analysis, the use
of selected variables based on prior significance in correlations may have inflated Type
I error by underscoring the need to interpret the results cautiously. Moreover, another
limitation concerns the NA results. As suggested by Ávalos-Tejeda and Calderón (2025),
small networks (nodes < 10) may be unstable and dispersed. Accordingly, the NA results
must be interpreted with caution, also in line with the results of the bootstrap analysis.

Despite the strengths, the study has some limitations. First, the cross-sectional design
does not allow us to establish causal relationships between social factors and DT, nor to
test the temporality or directionality of the effects. Furthermore, non-probabilistic and
predominantly online sampling may have introduced a potential selection bias, reducing
the generalizability of the results obtained.

DT was measured exclusively via a self-report questionnaire, meaning that the results
reflect perceived DT. The literature suggests that behavioral DT tasks show only weak
correlations with self-report measures, indicating that they capture partially distinct aspects
of DT (Hsu et al., 2023). Furthermore, the exclusive use of self-report measures within
the same assessment session may have introduced shared method variance and common-
method bias, which could have inflated the observed associations among the variables.
Thus, the results should be taken with caution.

Finally, although some factors refer to experiences in the digital context, the lack of a
specific measure of online DT limits the ability to attribute the results to distress tolerance
processes that are specific to the digital environment. Therefore, inferences regarding the
online component should be considered in relation to the general DT being measured.

5. Conclusions
In conclusion, this study provides preliminary evidence that DT is associated with

social factors across offline and online contexts. In particular, the findings suggest that the
quality and perception of social ties, especially offline ones, may be relevant to individual
differences in perceived DT. Overall, these findings provide a coherent basis for future
research on the social dimensions of DT, suggesting that offline and online relational
experiences should be further examined in longitudinal and experimental designs.
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