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Abstract

This study examines the role of artificial intelligence (AI) as a mediating tool in values
training, based on university students’ reflections on their own values and those represented
in literary characters. The research, developed at the Catholic University of Murcia (Spain)
and University Collegue Cork (Ireland) integrated the humanistic approach of literature
with the pedagogical potential of AI. An exploratory–descriptive mixed-methods design
was applied with 126 students of Education and Philology. The instruments included the
Hall–Tonna questionnaire, a 12-item Likert scale, and open-ended questions, analyzed
using descriptive statistics, mean comparison, and thematic content analysis. The results
reflect a preference for values such as justice, perseverance, and empathy, with cultural
differences: in Spain, solidarity and community spirit stood out; and in Ireland, integrity
and individual responsibility stood out. A total of 78% positively rated AI mediation
for its capacity to stimulate critical reflection and ethical debate, although risks linked to
technological dependence and cultural bias were noted. It is concluded that the synergy
between literature and AI enhances ethical and civic education, provided it is implemented
from an ethical and humanizing perspective.

Keywords: artificial intelligence (AI); values education; literature

1. Introduction
Artificial intelligence (AI) is generating profound changes in the way knowledge

is constructed and how both reality and communication mechanisms are interpreted.
In an environment marked by the predominance of algorithmic systems, the concept
of truth is altered, as are the processes through which it is validated, used, and gains
legitimacy in various contexts. Warns that, in a future scenario where AI is widespread,
the plausible—that which appears to be true—could gain greater relevance than objective
truth [1–3]. Despite this scenario, the relationship between learning and truth remains a
fundamental pillar. Learning is not just about incorporating new knowledge or skills, but
also about approaching a more precise representation of reality. Therefore, education must
facilitate the development of competencies such as critical thinking, holistic vision, and
the capacity for autonomous reasoning [4–8]. These skills allow students to objectively
evaluate information and make grounded decisions. Within this framework, a relevant
question arises: can AI become a tool that enhances this learning and promotes ethical,
values-based decision-making?

Various studies point to the need for professionals working with AI to develop
not only technical competencies—such as digital literacy in AI and effective prompt
engineering—but also a critical capacity to assess the reliability and relevance of intelligent
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systems [9,10]. Furthermore, recent research highlights that motivation and a sense of be-
longing in training are key to a meaningful integration of AI in the teaching practice [11–13].
Added to this is a frequent disconnection between technological solutions, often driven
by commercial logic, and the complex reality of classrooms, where emotional, social, and
cultural dimensions converge, escaping the technical focus of many applications. In this
context, it is increasingly urgent to provide university students with experiences to become
critical mediators between human learning and technology, requiring both technical skills
and a solid ethical and reflective foundation.

Far from rejecting the contribution that artificial intelligence can make to the educa-
tional process, it is about recognizing its limits, particularly those automatisms that tend to
depersonalize teaching and contextualized educational responses. At the same time, the
goal is to justly and critically evaluate the contributions this technology can offer in the face
of complex educational situations.

To make the Spain–Ireland comparison conceptually robust, an explicit cultural frame-
work is needed because values are not prioritized or justified in isolation but are shaped by
socially shared norms, moral socialization patterns, and expectations regarding the role of
the individual versus the group. In cross-cultural research, the individualism–collectivism
dimension is commonly used to describe the extent to which people primarily define them-
selves as “I” (autonomy, individual responsibility) or as “we” (interdependence, obligations
toward the in-group), which directly affects how ethical dilemmas are interpreted and how
collective deliberation is valued [11–13].

From this perspective, the differences observed in our study can be interpreted as
plausible cultural patterns: in relatively more interdependence-oriented contexts, students
may place greater emphasis on relational and community-based values (e.g., solidarity
and community spirit), whereas in relatively more autonomy-oriented contexts, values
related to personal integrity and individual responsibility may become more salient. This
framework also helps explain why AI may be perceived as more “useful” for values
education when it is seen as a tool for organizing arguments, facilitating consensus, and
supporting shared deliberation, as opposed to contexts where moral agency is framed
primarily as an individual endeavor, and, therefore, technological mediation in axiological
decisions is approached with greater caution.

In addition, using generative AI introduces a further cultural layer: models can embed
cultural biases originating from training data and implicit assumptions, so AI “mediation”
should be discussed not only as cognitive support but also as potentially non-neutral
cultural mediation. Accordingly, the comparative section should explicitly address (a) how
each context constructs trust in the tool (epistemic authority) and (b) how the legitimacy
of an AI-generated “values report” is negotiated when contrasted with students’ own
intuition and with teachers/peers.

Given the evident increase in the use of generative AI tools in higher education and a
clear interest by the academic community in this topic, reflected in the exponential increase
in published studies [14–16], it is considered fundamental to provide training in the critical
use of AI and to cultivate an ethical and responsible perspective that allows recognizing
its limitations and its moral implications in university educational practice. These tools
offer valuable opportunities for the training of professional judgment, the confrontation
of real dilemmas, and collective reflection on the role of university students as conscious
mediators between knowledge, values, and people’s needs.

In this sense, university education, as [17–19] point out, must transcend technical
literacy to incorporate spaces for critical analysis and ethical deliberation regarding the
implementation of artificial intelligence in the professional context. Teaching mediated
by digital resources cannot be limited to instruction on the use of tools or the design
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of effective prompts. The problematization of the automatisms that can be generated
by these technologies and the implicit biases in their models becomes essential. The
implementation of AI in the educational field should not be considered a panacea that
replaces the educator’s inherent responsibility to contextualize, humanize, and make
informed decisions that are sensitive to the cultural, social, and emotional diversity of the
classroom. Therefore, integrating AI into initial training also represents an opportunity
to model reflective practices that teach students to question sources of knowledge and
anticipate ethical implications. In the same way, a more inclusive, critical, and common-
good-oriented pedagogy would be promoted [20–22].

Values are defined as ideals and desires, but also as special behaviors and words that
give meaning to life, which are reflected in the priorities that are chosen and on which one
acts consistently and repeatedly [23,24]. Every time a person reflects on their worldview,
new value priorities emerge, and these new priorities fuel the will and desire to develop
new skills. New skills change behaviors and enable actions with the purpose of adopting
consistent patterns of behavior. Adult development is characterized by a constant growth
of skills, so that, little by little, the individual’s capacity for influence grows through their
actions. Values determine the behavior, lifestyle, and personality of individuals [25–27].

At a legislative level (LOMLOE), it is argued that education should not be reduced to
mere academic content but must be oriented towards forming responsible, conscious, and
critical citizens. In this sense, teachers are called upon to model everyday values—respect,
solidarity, and autonomy—both in their classroom practices and in their public commitment,
and to act with integrity in the face of errors and omissions that may arise in family,
institutional, or political spheres. Deepening the ethical role of the teacher, it must be
emphasized that values are learned more through lived experience and example than
by imposition, involving the educational community in a cultural and moral project that
transcends subjects. Authors like Savater (2024) place teachers at the epicenter of an ethical
commitment to contemporary social challenges, indicating that “ethics cannot be taught
thematically, but must be exemplified in the daily life of the center” [28].

Objectives

While generative AI is expanding rapidly in higher education, evidence remains lim-
ited regarding its contribution to ethics- and values-oriented learning when it is embedded
in humanistic practices such as literary interpretation; for this reason, cross-country com-
parisons are warranted, since cultural patterns may shape both students’ value hierarchies
and their trust in technological mediation, which in turn influences how differences in
outcomes should be interpreted and how transferable any pedagogical proposal may be.
Against this background, the present study aims to analyze, from an intercultural perspec-
tive (Spain–Ireland), the potential of generative artificial intelligence as a mediating tool to
foster ethical reflection and values education in university students by integrating literary
reading with values clarification through the Hall–Tonna model; specifically, it seeks to iden-
tify the priority values students project onto meaningful literary characters—distinguishing
between goal (meta) and means values—using the Hall–Tonna questionnaire, to examine
students’ perceptions of the usefulness and limitations of generative AI for (a) ethical reflec-
tion and (b) values education by considering both pedagogical affordances (e.g., argument
organization and interpretive contrast) and risks highlighted in prior research (e.g., techno-
logical dependence and cultural bias), to compare findings across both university contexts
in order to explore the extent to which culture may modulate (a) value prioritization and
(b) acceptance of AI as a mediator in ethical deliberation processes, and to integrate quan-
titative and qualitative evidence so as to derive pedagogical implications for designing
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humanizing literature-and-AI learning experiences grounded in teacher mediation and
explicit ethical criteria.

2. Materials and Methods
An exploratory–descriptive mixed-methods design was adopted, with the aim of

combining the interpretive richness of qualitative data with the representativeness of
quantitative results. The mixed approach allowed for the triangulation of information and
offered a comprehensive view of the role of AI in values education in the university context.

Quantitative analysis. Data were organized and cleaned in Google Sheets, where
descriptive statistics (frequencies, means, and standard deviations) were computed for
the total scale and for both dimensions (D1 and D2). To compare contexts (Spain vs.
Ireland), independent-samples Student’s t-tests were conducted using a 0.05 significance
level; calculations were implemented through Google Sheets functions and checked for
consistency (e.g., range checks, missing values, and coding accuracy).

Qualitative analysis. Open-ended responses were exported to Google Sheets and
analyzed through thematic/content analysis using an iterative procedure aligned with
Braun and Clarke’s phases (data familiarization, initial coding, searching for themes,
reviewing themes, defining/naming themes, and producing the analytic narrative). Coding
was conducted by a single researcher; rather than reporting inter-coder reliability, analytic
rigor was supported through (a) a progressively refined codebook (operational definitions,
inclusion/exclusion criteria, and examples), (b) an audit trail maintained in Google Sheets
documenting analytic decisions and code/theme revisions, and (c) reflexive notes on the
researcher’s assumptions and positioning during interpretation.

All qualitative management was conducted in Google Sheets, using separate tabs
for: (1) meaning-unit segmentation, (2) code assignment, (3) clustering codes into
themes/subthemes, and (4) linking representative excerpts to each theme. Triangula-
tion followed a convergent mixed-methods logic: quantitative results (Hall–Tonna and the
12-item Likert scale) and qualitative results (open-ended questions and inputs from the
group discussion when applicable) were analyzed separately and then integrated through
merging. During integration, a Google Sheets matrix aligned—by analytic dimension (e.g.,
“AI helps organize values,” “technological dependence,” “cultural bias”)—(a) relevant item
means/percentages, (b) Spain–Ireland differences, and (c) qualitative themes supported by
excerpts, identifying patterns of confirmation, expansion, or discordance. This triangulation
informed inferences by treating findings as stronger when supported across quantitative
trends and qualitative accounts, while explicitly discussing discrepant cases.

2.1. Participants

The sample consisted of N = 126 university students recruited through convenience
sampling from undergraduate courses at Catholic University of Murcia (Spain) and Uni-
versity Collegue Cork (Ireland) during the second semester of the 2024–2025 academic
year. Participants were enrolled in Education- and Philology-related degree programs
and completed the activity as part of a course-based learning experience. The sample was
distributed as follows: Spain, n = 68 (53.9%); and Ireland, n = 58 (46.1%). The mean age was
21.7 years (range 19–25). Regarding gender, 71 participants identified as women (56.3%),
52 as men (41.3%), and 3 as another gender or preferred not to answer (2.4%). Participation
was voluntary; all respondents provided informed consent, and data were anonymized
and handled in accordance with GDPR requirements.
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2.2. Instruments

Three data collection instruments were used. First, an adapted version of the Hall–
Tonna Values Questionnaire was employed to support the axiological analysis of literary
characters, enabling the identification of the priority values students attributed to their
selected character and distinguishing between goal (meta) values (ends) and means values
(strategies). Second, a Likert-type questionnaire consisting of 12 items on a 5-point scale
(1 = strongly disagree; 5 = strongly agree) was administered to assess students’ perceptions
of the usefulness of AI as a mediating tool for (a) ethical reflection and (b) values educa-
tion. Third, two open-ended questions were included to collect qualitative evidence on
(a) perceived advantages and (b) perceived limitations, risks, or precautions associated
with using AI for values education.

2.3. Procedure

The study was conducted during the second semester of the 2024–2025 academic year
and carried out in four successive phases:

• Selection of literary characters: each student chose a character of their preference
from a significant literary work, considering the personal resonance of the values they
projected.

• Application of the Hall–Tonna questionnaire: students completed the values map of
the Hall–Tonna model to identify and categorize both their own personal values and
those they attributed to the selected characters.

• Interaction with AI: Subsequently, ChatGPT (GPT-4) was used to recreate the literary
character, analyze the selected narrative texts from that character’s works, and generate
values reports. These reports were contrasted by the students with the previous results
of the Hall–Tonna questionnaire, encouraging a comparative and critical exercise.

• Reflection and data collection: After interacting with the AI, students answered the
Likert-type questionnaire and the open-ended questions. Finally, they participated in a
group discussion session, aimed at sharing ethical dilemmas, analyzing convergences
and divergences between the different instruments, and developing critical reflections
on the role of technology in values education.

• Finally, a group discussion was conducted as a pedagogical activity aimed at sharing
ethical dilemmas and contrasting interpretations; it was not audio-recorded or tran-
scribed and therefore was not included as part of the qualitative dataset, but rather
served as a formative closure of the learning experience.

• Triangulation was conducted only between (a) quantitative results (Hall–Tonna and the
12-item Likert scale) and (b) open-ended responses, integrated through a convergence
matrix in Google Sheets to identify confirmation, expansion, or discordance between
numerical patterns and students’ arguments.

2.4. Data Analysis

Quantitative data were processed using descriptive statistics (frequencies, means, and
standard deviations), supplemented with mean comparisons between Spain and Ireland
(Student’s t-test).

Qualitative data from the open-ended questions were subjected to thematic con-
tent analysis, identifying emerging categories related to opportunities, dilemmas, and
critical perceptions.

The triangulation of results allowed for strengthening internal validity and extracting
comparative conclusions between both university contexts.
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3. Results
3.1. Analysis by Gender with Hall–Tonna Categories (Meta and Means Values)

Women:

• Most chosen meta values: Equality/liberation and service/vocation stand out, fol-
lowed by truth/wisdom and being oneself. Construction/new order and per-
sonal/professional development also emerge. This profile places its aspirations in
Phase III–IV (initiative/interdependence), with a clear prosocial bias (justice, service)
and mature self-realization (being oneself).

• Most chosen means values: Responsibility and courtesy/hospitality stand out, along
with unity/uniformity, quality/evaluation, education/knowledge, efficacy/planning,
and discernment. This set indicates action strategies located in Phase II–III (belong-
ing/procedural), oriented towards relational care and the quality of academic work.

Meta aspirations of interdependence (equality, service) are supported by means of
belonging/organization (responsibility, courtesy, and unity). The creative meta–means gap
suggests a growth itinerary from the normative (Phase II) to the transformative (Phase IV).

Men:

• Most chosen meta values: Being oneself and equality/liberation appear strongly,
and, in subgroups, Self-esteem and personal/professional development; Security
and Physical Delight (specific cases), along with Art/Beauty, Faith/Risk/Vision,
and Fantasy/Imagination also emerge. The pattern combines goals of individua-
tion/authenticity (Phase III–IV) with anchors in security/self-affirmation (Phase I–II)
in part of the male sample.

• Most chosen means values: Quality/evaluation, unity/uniformity, and responsi-
bility stand out, along with courtesy/hospitality, education/knowledge, produc-
tivity, efficacy/planning, and perseverance/patience; corporation/management
and health/well-being appear in a subgroup. These are typical means of belong-
ing/organization (Phase II) and initiative (Phase III) with some institutional/managerial
emphasis. There is a strong focus on authenticity (being oneself) and structured excel-
lence (quality, productivity), with a transition from needs of security/self-affirmation
to goals of self-realization and equity. See Figure 1.

Figure 1. Comparison of the most selected meta values by men and women.

Convergences and Divergences by Sex, See Figure 2.
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Figure 2. Comparison of the most selected means values by men and women.

• Convergences: In goals, both groups prioritize equality/liberation and being oneself;
in means, they share responsibility, unity/uniformity, quality/evaluation, educa-
tion/knowledge, and courtesy/hospitality. This indicates a common ethical horizon
(equity and authenticity) supported by similar academic and relational procedures.

• Divergences: Women: greater prosocial emphasis on service/vocation and truth/wisdom,
with relational (courtesy, unity) and evaluative (quality, education) means being par-
ticularly salient. Men: greater weight on being oneself, self-esteem (in subgroups), and
means of quality/productivity/management; security and corporation/management
appear in certain sample units. Axiological Implication: Women seem to follow an
itinerary towards interdependence with a strong orientation towards the common
good; men show a route of responsible individuation that seeks to sustain authenticity
with quality structures.

3.2. Integration with AI Perception (Likert-Type Questionnaire)

The 12-item scale showed an overall positive evaluation of AI mediation in the pro-
posed learning experience (overall mean x = 3.98, SD = 0.65). For interpretability, two a
priori dimensions were computed: D1 (Ethical Reflection) using items 1–6 and D2 (Values
Education) using items 7–12; each dimension score was calculated as the arithmetic mean of
the items within that set. Because the study was exploratory–descriptive, this grouping was
conceptually driven by the study’s aims and item content; future work should empirically
test the latent structure (e.g., factor analysis) in larger samples. See Table 1.

Table 1. Descriptive Statistics for Likert Scale Dimensions (Overall).

Dimension Mean (x) Standard Deviation (SD)

Ethical Reflection (D1) 4.05 0.68
Values Education (D2) 3.91 0.71

Global Mean of the Scale 3.98 0.65

Dimension 1 (Ethical Reflection) obtained a slightly higher score, suggesting that
students value AI’s capacity to initiate and structure critical discussion (contrast and
organization function) more than its direct contribution to the adoption or explication of
personal values. See Table 2:
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Table 2. Items with the highest valuation.

Position Item Mean (x) SD Percentage of
Agreement (4 or 5)

1 AI helped me organize and classify the values
present in the literary character. 4.32 0.60 85.7

2
Interaction with AI stimulated my critical

thinking by contrasting my
initial interpretation.

4.21 0.64 82.5

3 The AI facilitates the identification of biases or
ethical inconsistencies in the narrative 4.08 0.70 79.4

4 The digital tool contributed to ethical debate in
the classroom. 4.02 0.75 77.0

These results corroborate the mentions in the qualitative analysis, where AI’s function
in structuring evidence, evaluating quality, and contrasting perspectives is highlighted, as
will be seen later.

Items with the lowest score (highest disagreement/neutrality): The items with the
lowest means are associated with the direct influence of AI on personal decision-making or
emotional/ethical experience. This suggests that students maintain a clear awareness that
AI is a supportive instrument, but not a substitute for moral autonomy or deep reflection.
These data confirm the reservations expressed in the open-ended questions, particularly in
relation to the risk of technological dependence and the need for teacher tutoring, indicating
that students value the resource but reject the substitution of human judgment and moral
autonomy. See Table 3.

Table 3. Items with the lowest valuation.

Position Item Mean (x) SD Percentage of
Agreement (4 or 5)

12 AI can replace the ethical reflection I do with my
teacher or my classmates. 2.25 1.25 60.3

11 I would trust the AI’s values report more than my
own initial intuition. 2.68 0.98 44.4

10 Using AI reduces the risk of cultural bias in
values analysis. 3.15 0.90 25.4

9 AI helped me adopt new values in my personal life. 3.40 0.80 18.2

These data confirm the reservations expressed in the open-ended questions, partic-
ularly concerning the risk of technological dependence and the need for faculty media-
tion/mentorship, indicating that students value the resource but reject the substitution of
human judgment and moral autonomy.

Regarding the inter-university comparison (Spain vs. Ireland), the analysis of mean
comparisons (Student’s t-test) between the contexts of the Catholic University of Murcia
(Spain) and University Collegue Cork (Ireland) revealed statistically significant differ-
ences in the perception of AI’s utility, especially in the Values Education Dimension (D2)
(p < 0.05).

Spanish students showed a significantly more positive perception regarding the utility
of AI for values education (D2). This result can be linked to the cultural preference for
collective values in Spain (solidarity and community sense), where AI may be viewed as

https://doi.org/10.3390/higheredu5010021

https://doi.org/10.3390/higheredu5010021


Trends High. Educ. 2026, 5, 21 9 of 14

an effective tool for organizing and discussing prosocial action and service (goal values
most chosen by women), thereby translating values into concrete actions.

Conversely, Irish students, who showed a greater priority for integrity and individ-
ual responsibility, may have expressed greater caution, perceiving the tool as having a
lower capacity to influence individual ethical autonomy and development—pillars of their
axiological structure. See Table 4.

Table 4. Inter-university comparison.

Dimension Spain Ireland Difference p-Value Significance

Ethical Reflection (D1) 4.08 4.01 +0.07 412 Not Sign.
Values Education (D2) 4.15 3.67 +0.048 1 Significant

Global Mean of the Scale 4.15 3.82 +0.30 9 Significant

3.3. Open-Ended Questions

The content analysis of the open-ended responses allowed for the identification of not
only general perceptions about the suitability of AI for values education but also nuances
linked to gender and prevailing axiological styles:

• Conditions for suitability: Students indicated that AI is suitable to the extent that it
transparently communicates its processes and offers comprehensible reports that can
be discussed in the classroom. In particular, women valued the possibility that the
tool could help translate prosocial values—such as justice and service—into concrete
actions of solidarity, facilitating the connection between literature and daily life. For
men, suitability was linked to AI’s potential to align their aspirations for authenticity
with standards of quality and professional responsibility, which is consistent with
their most selected means values (quality/evaluation, productivity).

• Demands on the educational context: Both women and men agreed on the necessity
for AI use to be accompanied by faculty mentorship, which allows for the integra-
tion of the tool’s results into a process of collective and critical deliberation. They
called for explicit ethical criteria in implementation, which prevent AI from reducing
the interpretive experience to pre-established categories and guarantee a margin for
creative autonomy.

• Perceived risks: Concern about algorithmic opacity frequently emerged, understood
as the difficulty in knowing how AI arrives at specific conclusions about the values
present in the texts. The risk of technological dependence was also mentioned, espe-
cially by students who acknowledged having trusted the AI’s interpretation more than
their own initial judgment.

Illustrative examples (representative textual responses): One female student noted: “It
helped me name values I intuited, but without the subsequent discussion with the class,
it would have just been an automatic list.” A male student commented: “The AI showed
me clear categories, but I need someone to help me discuss them; otherwise, I feel like I
lose my own interpretation.” Another participant expressed: “The tool is fine, but it cannot
decide what is important to me; I have to do that myself, with the professor and my peers.”

Drawing on the open-ended questions, students described AI primarily as a support
tool to organize ideas, make implicit values more explicit, and contrast interpretations,
especially when the output functioned as a starting point to return to the text and justify
ethical readings with narrative evidence. Consistent with this, qualitative accounts tend to
position AI’s usefulness in structuring deliberation rather than replacing moral judgment,
aligning with the lowest-rated survey items that implied AI could substitute for ethical
reflection with teachers or peers. Responses also emphasize that the pedagogical value of
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the experience depends on implementation conditions (teacher mediation, peer discussion,
and explicit use criteria) and point to risks related to technological dependence, opacity, and
potential bias (including cultural bias) in value attributions. Table 5 synthesizes the four
main themes identified through thematic/content analysis, together with their operational
definitions and representative examples.

Table 5. Emergent themes from open-ended responses on AI use in values education.

Main Theme Operational Description Evidence

(1) Conditions for
AI appropriateness

AI is viewed as appropriate when it helps
organize, clarify, and label values in the selected
character and when outputs allow students to
return to the text to justify interpretations.

AI is described as a support for structuring ideas
and making values explicit, provided the output is
understandable and open to classroom discussion.

(2) Teacher mediation
and deliberation

Meaningful educational use is linked to teacher
mediation and peer exchange to contextualize
outputs, contrast interpretations, and preserve
students’ interpretive autonomy.

Human dialog is framed as what gives ethical
depth and prevents AI reports from being treated
as final answers.

(3) Risks: opacity,
dependence, and
cultural bias

Risks are noted when AI is treated as an authority:
opaque reasoning, technological dependence, and
bias in value attributions (including cultural bias).

Concerns include outsourcing moral judgment and
the cultural reliability of automated
interpretations, motivating calls for explicit
boundaries and criteria.

(4) AI as a trigger for
metacognition and
ethical self-awareness

AI is interpreted as a “mirror” that makes
discrepancies between students’ initial readings
and alternative outputs visible, fostering
metacognition (awareness of one’s own
axiological reasoning).

Se reporta que el contraste entre la lectura personal
y la salida de la IA impulsa a revisar argumentos,
detectar supuestos propios y afinar la justificación
de valores a partir de evidencias narrativas.

4. Discussion and Conclusions
The results obtained reveal how the Hall–Tonna model provides a rich reading of

the axiological itineraries of university students. The identification of goal values (or
meta values) such as equality/liberation and being oneself, versus means values (or in-
strumental values) such as responsibility, courtesy/hospitality, quality/evaluation, or
unity/uniformity, confirms the existence of a constructive gap between higher-order aspi-
rations and more immediate instrumental strategies. This gap has already been described
in previous studies as a driver for students’ personal and moral growth. Far from being a
contradiction, it constitutes the necessary tension for advancing toward higher develop-
mental stages—in this case, towards interdependence, characterized by the pursuit of the
common good [20–23]

Gender differences introduce significant nuances. Women displayed a prosocial orien-
tation, with a special emphasis on goal values like service/vocation and truth/wisdom.
This points to an ethical sensitivity centered on justice, care, and cooperation. This trend
aligns with the findings of Savater (2024) [28], who emphasizes the relevance of daily ethical
commitment as the foundation of values education, as well as with research highlighting
the centrality of socioemotional competencies in university education. Men, for their part,
tended to prioritize authenticity and self-affirmation (being oneself, self-esteem), along
with means linked to quality and productivity [24,25]. This pattern, although seemingly
more instrumental, can be interpreted as an effort to integrate personal responsibility
with standards of academic excellence, consistent with the need to educate professionals
capable of upholding ethical criteria in high-demand contexts. From a higher-education
perspective, these patterns suggest that AI-mediated ethics tasks should provide multiple le-
gitimate entry points into deliberation—community-oriented and care-based frames along-
side responsibility-, integrity-, and excellence-oriented frames—while requiring evidence-
based justification in all cases to avoid essentialist interpretations and support inclusive
participation [26,27,29].
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In relation to the perception of AI use, the results of the Likert questionnaire confirm a
mostly positive evaluation (x = 3.98), where more than two-thirds of the students acknowl-
edged that AI favored information organization and the confrontation of values. The items
with the highest agreement (x ≥ 4.21), focusing on the organization, classification, and
critical contrasting of literary characters’ values, reaffirm AI as an objective and structuring
mediator for textual and ethical analysis. These data are consistent with recent studies that
underscore the potential of AI to facilitate critical analysis processes and structure reflection
in university settings. For higher education, this pattern supports framing generative AI
as a tool for thinking and argumentation rather than an answer engine, particularly when
embedded in interpretive, evidence-based humanistic work [30–33].

Nevertheless, the reservations expressed regarding technological dependence are
evident in the items with the lowest scores, especially the low acceptance that AI could
replace ethical reflection by the teacher/group (x = 2.25) or confidence in its report over
personal intuition (x = 2.68). These results warn of the risks of depersonalization and loss of
moral autonomy, which is congruent with students’ caution in rejecting the replacement of
human judgment by technology. The study successfully integrates the humanistic approach
of literature with the pedagogical potential of AI, as developed at the Faculty of Education,
Universidad Católica de Murcia (UCAM). This methodology leverages AI tools to enhance
literature education while preserving its core humanistic values. The approach was tested
through practical applications in teacher training programs [34].

Regarding the cultural and pedagogical implications of AI perception, the compara-
tive means analysis revealed a statistically significant difference in the Values Education
Dimension (D2), with a more positive perception by Spanish students (x = 4.15) compared
to Irish students (x = 3.67). This divergence is key, as the Ethical Reflection Dimension
(D1) showed no significant differences. This disparity suggests that the utility of AI for the
application and adoption of values is strongly mediated by the axiological cultural context.
While in Spain, prosocial values such as solidarity and community sense are emphasized
(highlighted in the female profile), and AI may have been perceived as a useful instrument
for structuring reflection toward collective action. Conversely, the greater prioritization of
integrity and individual responsibility in Ireland seems to have generated greater resistance
to perceiving AI as an effective means to influence the sphere of personal ethical auton-
omy. Beyond describing cross-country differences, the higher-education implication is that
AI-mediated values pedagogy is not culturally neutral: the same instructional design may
be interpreted differently depending on students’ cultural frames regarding community,
autonomy, and the legitimacy of technological mediation in ethical domains [35–37].

The qualitative analysis of the open-ended questions adds a key dimension: students
do not reject AI as a resource, but they do emphasize that its suitability depends on certain
conditions. Among these are teacher mediation, algorithm transparency, and the existence
of critical deliberation spaces. These perceptions reinforce the idea that AI, by itself,
cannot guarantee value formation processes, but requires integration within a humanizing
pedagogical framework. The goal is to promote learning that not only develops technical
skills but also fosters ethical autonomy and critical thinking. Taken together with the survey
findings, the qualitative patterns suggest that students value AI most when it scaffolds the
organization and contrast of arguments, while resisting framings that position the tool as a
substitute for dialog, interpretation, or moral agency [35–37].

The combination of literature, AI, and Hall–Tonna has demonstrated its potential as an
innovative training itinerary. Literature offers narratives that mobilize aspirational values;
the Hall–Tonna questionnaire allows for the explicit articulation of personal axiological
positions; and AI provides structure and contrast for analysis. This triad constitutes a
powerful strategy for driving students in the transition from instrumental to transformative
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values [36]. To understand adult development as a constant process of reorganizing
value priorities and expanding the capacity for influence. For higher education, this
translates into actionable course design principles: require evidence-based interpretation,
make value frameworks explicit, and treat AI outputs as objects of critique rather than
authoritative conclusions.

The results confirm that AI, far from replacing the teaching role, can become a comple-
mentary mediator that facilitates the clarification of values, provided that its implementa-
tion is framed within a reflective, transparent, and contextualized process. The observed
cultural difference between Spain and Ireland, together with the gender divergences, invites
further exploration of the intercultural and identity dimensions of technology-mediated
values education, reinforcing the university’s role as a space for ethical construction and
critical citizenship. More broadly, this line of work can inform internationalization in
higher education by offering a structured way to surface and discuss cultural assumptions
about values and about epistemic authority (AI, teacher, peers, and textual evidence) [36].
In cross-institution collaborations, shared literature-and-AI tasks may support mutual
understanding of international student cohorts, strengthen partnerships across countries,
and contribute to a more global perspective on AI in education—one that acknowledges
both opportunities for structured reflection and students’ insistence on preserving human
deliberation as the ethical core of learning [37–43].

The present study points to clear directions for future research. First, further work
should test the measurement structure of the perception scale more rigorously (e.g., ex-
ploratory/confirmatory factor analyses and reliability evidence) to strengthen claims about
D1/D2 dimensionality. Second, longitudinal studies could examine whether this type of
experience produces sustained changes in the quality of ethical argumentation, awareness
of bias, and perceived moral autonomy beyond the immediate activity. Third, experimental
or quasi-experimental designs could compare conditions with and without AI, or with
different levels of teacher mediation, to disentangle the role of the tool from the role of
pedagogy. Fourth, broader intercultural research—including additional countries or inter-
national student subgroups within a single institution—would allow more robust cultural
interpretations and more actionable guidance for internationalized classrooms. Taken
together, these avenues would deepen the contribution of this work to higher education
by clarifying not only whether AI can support values-oriented learning, but under what
conditions it does so without undermining the human dimensions students explicitly seek
to protect.
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