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Abstract

This paper explores the relationship between risk-taking attitudes, different dimensions of
trust, and the adoption of financial technology (FinTech) in an emerging Central European
economy. Based on survey data collected via LimeSurvey (October to December 2025) in
Hungary, multivariate linear regression models were estimated to explore the relationship
between FinTech usage, individual risk-taking propensity, and four dimensions of trust,
while controlling for socioeconomic variables. The results indicate that higher institutional
trust in independent financial actors facilitates FinTech adoption. However, higher institu-
tional trust in domestic financial and governmental actors has an inhibiting effect. When
trust dimensions are added to the model, the positive association with general risk-taking
propensity becomes statistically marginal, indicating that trust-related factors account for a
substantial share of the observed variation. Further tests regarding the possible direction
of this causation confirm that FinTech use is also linked to increased trust in independent
financial actors. This study adds to the FinTech literature by demonstrating that usage is
related not only to generalized trust and individual risk propensity but also to differenti-
ated institutional trust attitudes. The findings highlight that institutional background is an
important determinant of digital financial behavior in emerging economies.

Keywords: fintech adoption; trust; risk propensity; digital financial services; institutional
trust; Hungary

JEL Classification: D81; G21; O16; O33

1. Introduction
The increasingly fast pace of digitalization in financial services has drastically changed

how people evaluate financial risks, form financial decisions, and carry out financial
transactions. Earlier research has often approached this issue through broad technology-
acceptance frameworks, such as the Technology Acceptance Model (TAM), the Theory of
Planned Behavior (TPB), and the Unified Theory of Acceptance and Use of Technology
(UTAUT). These frameworks remain useful for organizing determinants, such as perceived
usefulness, ease of use, social influence, and facilitating conditions. In the context of digital
finance, however, they are not sufficient on their own. Financial technologies differ from
many other digital services because they involve money, contractual commitments, personal
data, security concerns, and the possibility of direct financial loss. For this reason, FinTech
adoption research repeatedly identifies trust and perceived risk as central explanatory
mechanisms rather than secondary extensions of generic acceptance models [1–3].
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FinTech cannot be viewed as a single technology but rather as an ever-evolving, dy-
namic network of software and algorithms designed to improve financial processes and
enhance customer experience [4]. It includes such innovative tools as digital banking, mo-
bile payments, cryptocurrencies, blockchain technology, and P2P lending platforms [5–7].
The evolution of FinTech accelerated significantly following the 2008 global financial
crisis, shifting from back-office banking innovations toward consumer-facing digital
financial services [6,8,9].

The main focus of FinTech is to increase efficiency, accessibility, and innovation in
financial services, whereby it is often disrupting traditional banking models [8,9]. Re-
searchers have often emphasized the transformative nature of FinTech, as it fundamentally
changes how people make financial decisions. By reducing transaction costs and making
personalized financial management readily accessible, FinTech increases financial inclu-
sion [5–11]. A supportive regulatory framework can further facilitate this process [12–14].
There are many benefits to inclusion, and it has long been known that inclusion and devel-
opment are linked. However, there are risks associated with this nonlinear relationship,
especially when excessive growth is paired with insufficient supervision and inadequate
financial education [11].

Financial decision-making in the digital era is influenced by the interaction of several
factors, such as demographic characteristics, trust, and risk perceptions, alongside more
practical factors, such as ease of use and digital financial literacy [4,14–16].

Trust is particularly important in FinTech environments because consumers usu-
ally make decisions without face-to-face interaction and without direct visibility into the
provider, the technological infrastructure, or the regulatory protections behind a transaction.
Under such conditions, trust reduces uncertainty, compensates for information asymmetry,
and makes engagement with innovative financial services more likely. Perceived risk plays
the opposite role by increasing hesitation and expected vulnerability. As a result, digital
financial adoption is shaped not only by whether a service appears useful or easy to use, but
also by whether users regard the relevant institutions and actors as credible, transparent,
and reliable. This is especially consequential in emerging and transitional settings, where
institutional confidence may vary across domestic, foreign, supranational, and socially
mediated sources of authority.

This issue is particularly relevant in the Hungarian context. Official reporting by the
Hungarian National Bank (MNB) identified PayPal, Wise, Revolut, and Barion as the four
most important innovative FinTech service providers present in Hungary already in 2021,
together accounting for nearly 4 million user accounts [17]. More recent MNB evidence
indicates the continued expansion of digital banks and FinTech providers, such as Revolut
and Wise, and notes that Revolut alone had reached 1.5 million Hungarian customers by
mid-2024 [18]. Digital payment usage has reached approximately 60–65% of the population,
while mobile banking penetration is close to 70% and continues to grow [19]. At the
same time, the MNB’s “FinTech and Digitalisation Report” states that foreign ownership
background remains prevalent, especially among larger FinTech companies in Hungary [20].
In such a market environment, FinTech usage cannot be understood solely as a matter of
utility or innovation acceptance; it is also connected to the institutional orientation of users
and to the specific targets of trust that structure their financial choices.

Accordingly, the present study does not attempt to estimate an omnibus adoption
model containing all possible determinants of FinTech use. Instead, it focuses on a narrower
but theoretically meaningful question: whether differentiated forms of institutional trust,
together with general risk-taking propensity, help explain FinTech usage in an emerging
Central European economy. Existing research tends to concentrate on developed countries
while largely neglecting emerging markets, despite the fact that these regions have fre-
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quently served as hubs of innovation, often fast-tracking the adoption of digital solutions.
More specifically, the study distinguishes between domestic institutional trust, independent
financial trust, European institutional trust, and public societal trust, and examines how
these orientations are associated with FinTech usage propensity alongside demographic
and socioeconomic controls. This approach is deliberate. It allows us to isolate how the
target of trust matters in a financial environment where domestic and cross-border actors
coexist and where institutional affiliation may shape adoption patterns.

The article is organized as follows: The next chapter describes the theoretical back-
ground, including trust and risk definitions. Section 3 presents the methodology and
data. Section 4 presents results followed by Section 5. The article ends with conclusions,
including study limitations and proposed future research avenues.

2. Literature Review
2.1. Theoretical Background
Technology Acceptance Models and FinTech Adoption

TAM is one of the most widely applied frameworks to explain user adoption of
technological innovations [16,21]. Several studies looked at usage patterns in diverse
national settings and they have consistently shown that perceived usefulness (PU) and
perceived ease of use PEOU significantly influence individuals’ intentions to adopt digital
financial services [7,16,22,23]. TAM has also been applied to various FinTech fields, such as
banking, mobile payments, and cryptocurrency platforms, proving it to be a robust model
for explaining customer adoption patterns [23–25]. Albuainain and Ashby [26] noted that
for the success of FinTech, customer adoption is critical while it simultaneously affects both
bank performance and competitive positioning.

Information, security, and service attributes interact to influence perceived value.
When examined through the prism of the three pillars of financial inclusion—access, usage,
and quality—perceived value is closely aligned with the notion of quality as it is defined
in financial services [11,27]. Access and usage issues are distinct. The issue of access
primarily results from market failures that restrict the supply of financial services, whereas
the problem of actual utilization is mainly due to demand-side factors, such as lack of
knowledge (both financial and digital), lack of trust in financial organizations, or fear of
becoming indebted [27].

Technological innovation can promote growth only in a financial system that is capable
of evolving and efficiently helping the economy to actually take advantage of these new
technologies. Additionally, technology innovation itself may have a significant impact on
how financial systems function, for instance, by changing how information is acquired,
processed, and distributed [28].

TAM provides a strong theoretical basis; however, scholars often expand on it by
adding contextual and psychological variables. Gefen, Karahanna, and Straub [29] were
among the first to integrate trust into the model, which has since become a standard in
FinTech research. The extended model might also include additional items, such as risk
perception, security concerns, social influence, financial literacy, and self-efficacy, to better
predict FinTech adoption [15,16,23,25,30–32]. The concepts of digital financial literacy and
self-efficacy have also increasingly found their placement within the extensions of TAM. A
few studies testify that both of these variables have an appreciable contribution in raising
the confidence and intention of customers to use FinTech [33,34].

In this regard, Ajzen’s Theory of Planned Behavior (TPB) [35] explains FinTech
adoption by introducing into the model the predictors of attitude, subjective norms,
and perceived behavioral control. In fact, most previous research has underlined the
view that social influence and normative pressure have a strong impact on the develop-
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ment of behavioral intention in both developed and emerging markets in several sectors
of activities [16,23,32,36].

The UTAUT model, developed by Venkatesh et al. [36], combines several previous tech-
nology acceptance models, including TAM and TPB. FinTech studies employing UTAUT
have strong explanatory power across several fields, including digital banking, mobile
payments, and even cryptocurrency adoption [15,16,36,37]. The model also accounts
for the moderating variables of age, gender, and experience, which may also influence
adoption outcomes [16,24].

Digital financial literacy studies are building on the seminal work on classical financial
literacy research by Lusardi and Mitchell [38]. In FinTech, digital financial literacy is
defined as the ability of individuals to comprehend digital products, assess their risks, and
make informed financial decisions [13,33,39]. Higher digital financial knowledge increases
one’s chances of using mobile banking, online credit services, or neobanks [40,41]. When
users possess increased digital and financial knowledge, it strengthens their perception of
usefulness and ease of use, which in turn reduces risk perception and deepens their trust in
the FinTech platforms themselves [13,32,42].

2.2. Conceptualizing Trust and Risk in FinTech

Prior research consistently supports the importance of the trust–risk relationship.
Mahmud et al. [3], based on evidence from an emerging economy, show that trust and risk
related variables remain among the most relevant predictors of FinTech adoption. Ryu
and Ko [1] similarly demonstrate that trust and perceived risk are closely intertwined in
explaining continuance intention in FinTech contexts. Service and information quality
shape user perceptions through these uncertainty-related channels. Meta-analytic evidence
from mobile banking also points in the same direction: trust has significant relationships
with risk factors, quality dimensions, technology-acceptance variables, and behavioral
outcomes. This suggests that trust should be treated as a structurally important factor in
digital financial usage research rather than as a simple add-on [2]. Taken together, these
findings justify a focused analytical view in which trust and risk are treated as central to
the theoretical discussion, even when a study does not attempt to include every possible
predictor identified in the broader adoption literature.

2.2.1. Risk-Taking Attitude and Perceived Risk

FinTech literature addresses two types of risks; general (objective) risk and perceived
(subjective) risk.

General Risk Attitude

Behavioral finance literature on the financial decision-making process suggests that
financial decision making is not entirely rational. Rather, these decisions are shaped
by a complex interplay of risk preferences, intuition, and individual attitudes. In this
context, risk-taking attitude is defined as an individual’s willingness to engage with un-
certain financial outcomes. This concept aligns closely with the Diffusion of Innovations
(DOI) theory [43].

In emerging economies, Jariyapan et al. [32] found that consumers with higher risk
tolerance were more likely to adopt cryptocurrency platforms. Setiawan et al. [12] reported
similar findings in Indonesia, and noted that risk-tolerant consumers are more likely to
accept novel FinTech services, such as cryptocurrency and digital lending. According to
Chan et al. [7] and Jariyapan et al. [32] interpersonal trust provides risk buffering, especially
in peer-influenced environments, such as cryptocurrency adoption. User innovativeness
and risk tolerance have also been shown to influence early adoption of FinTech services, es-
pecially among younger and technologically savvy populations [44,45]. Balaskas et al. [23]
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note that risk-taking interacts with trust and perceived usefulness as users are more inclined
to adopt FinTech when they perceive the technology as trustworthy and useful.

Perceived Risk

Perceived risk, which is theoretically grounded in e-commerce research by Pavlou [46],
is a central barrier to FinTech adoption. Perceived risk, encompassing the dimensions
of financial loss, data privacy, fraud, operational risks and regulatory uncertainty, has
been reported to negatively influence the adoption of FinTech [16,32]. Studies in emerging
economies indicate that perceived risk is a significant barrier, particularly in unregulated
or novel markets [13,36,47]. Unlike general risk attitudes, perceived risk directly medi-
ates adoption intention; even risk-tolerant individuals may refrain from using FinTech if
perceived risk is high [32,36].

Risk perception moderates the effects of TAM components; even if PU and PEOU
are high, elevated perceived risk can suppress behavioral intention [16,23]. However,
financial literacy and trust mitigate perceived risk, reinforcing the need for integrated
adoption models [13,32].

In FinTech contexts, perceived risk, particularly related to data security, privacy,
and financial loss, plays a central role in adoption decisions [36,37]. Studies on cryp-
tocurrency and innovative financial services reveal that financial literacy moderates
the impact of perceived risk on behavioral intention, enabling more informed and
confident decision-making [12,32].

2.2.2. Trust as a Multilayer Concept

Building on Pavlou [46] and Gefen et al. [29], FinTech studies consistently identify
trust as a prerequisite for adoption. Trust is a multidimensional construct encompassing
confidence in technology providers, financial institutions, regulators, and peer networks.
Empirical evidence from Hungary and other European contexts suggests that trust sig-
nificantly moderates the relationship between technology acceptance and actual usage
behavior [24,47–49]. As the notion of trust is closely linked to culture, customers in certain
countries are more likely to adopt FinTech solutions [11].

Zarifis and Cheng [50] suggest that trust in Fintech is primarily shaped by four factors:
the psychological predisposition of individuals toward trust, sociological factors affecting
trust, trust in organizations and providers, and trust in AI and related tech. In digital-
only environments, trust compensates for the lack of face-to-face interaction and mitigates
perceived uncertainty [51,52]. Neobanks and open-banking platforms, in particular, rely
heavily on trust and transparency due to the absence of physical branches and traditional
interpersonal interactions [51–53].

The Trust Theoretic Model (TTM) was proposed by Chandra et al. [54] in their study
on consumer adoption of M-payment systems. According to this model, which is based on
research in the area of technology adoption and trust, “Mobile service provider characteris-
tics” and “mobile technology environment characteristics” are two important components
that promote confidence in these systems. Perceived risk and perceived regulatory support
are the two main aspects that have been shown to influence customer trust when it comes
to mobile technology features.

In FinTech research, trust is often categorized into three forms (Table 1):
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Table 1. Forms of trust in adoption decisions.

Trust Type Definition Relevance Key Studies

Institutional
Confidence in banks,

regulators,
FinTech providers

Strong predictor of adoption
Balaskas et al., 2024 [23]; Putri

et al., 2023 [25]; Albuainain
and Ashby, 2025 [26]

Personal/Interpersonal
Confidence in peers,

family,
social networks

Moderate predictor, often indirect
Chan et al., 2022 [7]; Balaskas

et al., 2024 [23];
Garteiz-Goxeascoa, 2025 [51]

Social
Confidence in societal

norms,
systemic fairness

Indirect, context-specific;
especially in Eastern Europe

Nagy et al., 2023 [24]; Balaskas
et al., 2024 [23]; Albuainain
and Ashby, 2025 [26], Zeng

and Hu, 2025 [55]
Source: Authors’ compilation.

Interpersonal/Personal Trust

Personal trust, which refers to trust in individuals and recommendations by peers
and social circles, affects early adoption behavior through social influence. However, its
direct impact on service usage is typically weaker than that of institutional trust [51,53].
Chan et al. [7] highlighted that interpersonal trust is especially relevant in peer-influenced
environments, such as open banking. Interpersonal trust and social influence further
reinforce adoption through normative pressures [7,23].

Social Trust

Social trust, defined as generalized trust in the reliability and fairness of societal
actors and systems, underpins both personal and institutional trust. It has recently been
highlighted as a mechanism for enabling confidence in financial systems. Social trust is
particularly important for vulnerable or less-informed users [55]. Although less frequently
operationalized directly, social trust is implied in trust studies of national-level regulatory
or financial infrastructure [23,26].

Zarifis and Cheng [50] demonstrated how a person’s psychological inclination to trust
and sociological elements affecting that person’s trust will impact their trust in financial
and insurance companies.

Institutional Trust

Institutional trust refers to confidence in formal organizations, such as banks, FinTech
providers, and regulators [49,52]. Institutional trust diminishes the perceived risk of digital
service usage and is thereby an important determinant of the use of ICT-enabled financial
services [23,48]. This is evidenced in a number of studies that show that institutional trust
in banks, FinTech providers, insurers, and the regulatory body significantly impacts the
adoption, continuation, and satisfaction with digital financial services [23,36,48]. Balaskas
et al. [23] and Putri et al. [25] found that institutional trust strongly predicts adoption inten-
tion for digital banking and MSME FinTech platforms. In emerging economies, institutional
trust is particularly important because it reduces perceived risk and uncertainty [12,25,26].
According to research by Amnas et al. [47], trust in FinTech is significantly positively im-
pacted by perceived regulatory backing. These services are more likely to be trusted by
users who believe there is a robust regulatory framework in place because it provides them
with a sense of security and confidence.

Trust is often defined relatively broadly in the existing literature, such as trust in tech-
nology, providers, or platforms. While this approach is certainly valid, it may obscure an
important problem: the object of trust is not always the same in institutional terms. Users
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may distinguish between trust in domestic financial and governmental institutions, trust
in foreign or independent financial actors, trust in supranational European institutions,
and trust mediated through broader public or societal channels. Such a differentiation is
especially relevant in contexts where financial innovation is embedded in a multi-level
institutional setting. Tello-Gamarra et al. [56] explicitly argue that, despite the obvious
relationship between fintechs and institutions, the details of this relationship remain in-
sufficiently explored in the literature. More recent empirical work by Campos-Teixeira
et al. [57] reinforces this point by showing that fintechs interact with institutional actors
across multiple levels in an emerging economy and that the institutional setting is not
merely a background context but part of the phenomenon itself.

Broader evidence from transitional and South-Eastern European environments points
in a similar direction. Lep et al. [58], although not working specifically on FinTech adoption,
show that institutional trust contributes to the use of e-services and that the strength
of this contribution varies across countries and contexts. This is important because it
suggests that institutional trust can affect digitally mediated service uptake even when the
technology itself is similar across settings. For emerging and post-transition economies,
then adoption is likely to be influenced not only by technological acceptance variables but
also by the institutional landscape in which digital services are embedded. This observation
strengthens the argument that the target of trust deserves more differentiated treatment in
studies of financial technology use.

Eastern European Context

Beyond financial services, trust in public institutions has broader implications for
individuals’ attitudes toward systemic risks and policy interventions. Research in Central
and Eastern Europe has shown that trust in institutions influences attitudes towards
complex socioeconomic issues, suggesting parallels with financial decision-making under
uncertainty [59]. Trust in institutions and social trust are especially relevant given the
differences in regulatory environments and varying perceptions of the reliability of the
public sector [52,59]. As Nagy et al. [24] noted in their study on neobank adoption in
Hungary, institutional trust plays a much more critical role in transitional economies that
have recently undergone a financial crisis. Social trust, which refers to trust in societal
norms and confidence in the regulatory structures, mediates adoption behaviors, especially
in environments where trust in institutions may be inherently lower.

Recent research has increasingly focused on the context-dependent nature of trust
and risk perceptions, which may systematically differ between advanced, emerging, and
transitional economies. Quintus et al. [60] show that while trust consistently predicts digital
service usage in various markets, the sources and mechanisms of trust differ. Emerging
market consumers rely more on institutional assurances and third-party signals, whereas
users in advanced markets depend more on prior experience and brand familiarity. Further-
more, Quintus et al. [60] observed that in emerging markets, consumers often substitute
institutional trust with reliance on international or non-domestic actors, particularly when
domestic institutions are perceived to be inefficient or non-transparent. In Central and
Eastern Europe, institutional trust is influenced by both current regulatory performance
and historical legacies. In fact, Lep et al. [58] found that in post-socialist countries, trust in
public institutions is a more critical predictor of online service adoption than interpersonal
trust or social influence. In a cross-country research design, they found that generalized
trust in institutions mediates online service adoption, even after controlling for individual
values and technology attitudes.

Data from emerging and transitional economies show that FinTech adoption behavior
is influenced less by technological novelty and more by institutional credibility and regula-

https://doi.org/10.3390/fintech5020027

https://doi.org/10.3390/fintech5020027


FinTech 2026, 5, 27 8 of 21

tory confidence. Putrevu and Mertzanis [44,61], in their study of digital payment adoption
across emerging economies, found that even when the underlying infrastructure and access
are adequate, weak institutional trust still increases perceived risk and impedes adoption.

2.2.3. Interaction Between Trust and Risk

Trust functions as a risk-mitigation mechanism, and institutional trust is particularly
effective in reducing perceived uncertainty, thus increasing confidence in digital financial
systems [23,48,49]. While personal trust can moderate risk perceptions through peer
recommendations, institutional trust remains the dominant factor in mitigating risk in large-
scale adoption contexts [51,53]. High confidence in banks, regulators, and FinTech providers
lowers perceived risk and increases adoption likelihood [23,25,26]. Although, institutional
trust plays a primary role, interpersonal trust can also aid adoption by providing social
proof and guidance, especially in open banking or cryptocurrency contexts [7]. Confidence
in social norms or system integrity can also reduce perceived risk, especially in transitional
economies where regulatory frameworks may still be developing [24]. Taneja et al. [62]
offer strong evidence in their research on digital payments and neobanks that trust, security
perceptions, and perceived risk form a combined decision-making system and are not
independent predictors. Their findings suggest that once trust in system integrity and
in governance is established, the marginal effect of individual risk sensitivity diminishes.
Hence, trust plays a dual role as both a direct predictor of adoption and as an indirect
moderator of perceived risk (Figure 1).

Figure 1. Conceptual model of trust, risk, and demographic factors in FinTech adoption
(authors’ conceptualization).

2.3. Demographic Determinants of FinTech Adoption

Prior research indicates that demographic characteristics systematically shape Fin-
Tech adoption through differences in digital literacy, access to technology, and financial
behavior. Age is consistently identified as a key factor, with younger individuals more
likely to adopt digital financial services due to greater technological familiarity and lower
perceived risk [15,16,52,63]. Gender differences have also been observed, with men typ-
ically exhibiting higher adoption rates, partly reflecting differences in risk attitudes and
financial behavior [33,36]. Employment status and income-related factors further influence
adoption, as individuals engaged in full-time work or entrepreneurial activities tend to
have greater exposure to financial services and higher demand for efficient financial man-
agement tools [13,40,41,45]. Finally, place of residence plays a role, as urban populations
benefit from better digital infrastructure, higher service availability, and greater exposure
to innovation, all of which facilitate FinTech usage [42,58]. Place of residence may also be
linked to differences in institutional exposure and trust formation. However, the relation-
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ship between the rural–urban divide and trust (either form) remains underexplored, and
its role in shaping FinTech adoption is not yet clearly established [58,59].

2.4. Synthesis and Research Gap

Against this background, the present study addresses a more specific gap than the
broader FinTech-adoption literature. It does not seek to test a universal full-factor ar-
chitecture of technology adoption, nor does it aim to include every predictor previously
discussed in TAM-, TPB-, or UTAUT-oriented models. As Balaskas found in his recent
review, a substantial portion of the empirical literature views trust as a supplementary addi-
tion to current adoption models rather than as a stand-alone theory [64]. Instead, this study
examines whether differentiated institutional trust helps explain FinTech usage propensity
when analyzed together with general risk-taking propensity and standard socioeconomic
controls. In an emerging economy like Hungary, where trust is low and risk-avoidance is
high, this topic is especially relevant.

By distinguishing among multiple trust targets, this study aims to contribute to the lit-
erature in two ways. First, it refines the role of trust beyond a generalized one-dimensional
construct. Second, it places FinTech adoption within an institutional context, which is
especially meaningful in an emerging European economy where domestic, foreign, and
supranational actors coexist in everyday financial life. Accordingly, the following section
formulates the research questions concerning differentiated trust, risk-taking propensity,
and demographic predictors of FinTech usage.

2.5. Research Questions/Hypotheses

1. RQ1: How do different trust dimensions influence FinTech adoption?

H1. Trust in independent/foreign financial institutions is positively associated with FinTech adoption.

H2. Trust in domestic institutions is negatively associated with FinTech adoption.

2. RQ2: Does general risk-taking propensity influence FinTech adoption after accounting
for trust?

H3. Risk-taking propensity influences adoption only when trust factors are excluded.

3. RQ3: How do demographic factors influence adoption?

H4. Demographic factors (male, younger, full-time, entrepreneur, urban) are positively associated
with adoption.

3. Materials and Methods
Data were collected using LimeSurvey (v. 6.15.15) between October and December

2025. Respondents had to be 15 years or older. Completion of the questionnaire was
entirely voluntary. 326 responders filled out the survey completely, including the last part
relating to trust. Participants were enlisted using non-probability convenience sampling.
While the selection process was monitored iteratively to minimize any apparent imbalances
across key demographic characteristics, it should be noted that the sample is not nationally
representative and is intended primarily for analytical and theory-testing purposes. Like
with most voluntary online surveys, there is a potential for selection bias.

Methodology

Exploratory factor analysis (EFA) was conducted on 21 items measuring trust using
principal axis factoring (PAF) and Promax, given the expected correlations among trust
dimensions. Factor retention was guided by eigenvalues > 1, scree plot inspection, and
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conceptual interpretability. Three items were excluded due to low loadings (<0.35) on all
factors and lack of conceptual alignment, leaving 18 items.

The results of EFA revealed that the four factors explained 58.1% of the variance in
the data (Table 2). All retained items loaded ≥ 0.40 on their respective factors, with no
substantial cross-loadings, providing evidence consistent with construct validity. To further
assess the discriminant validity of the study, pairwise correlations among the extracted
trust factors were examined. Correlations were below the commonly accepted threshold
(|r| < 0.70). This suggests that the constructs capture related yet distinct dimensions of
trust. Higher correlations observed within factors reflect internal consistency rather than
overlap across constructs. Although this study did not use confirmatory factor analysis, the
combination of factor loadings, reliability measures, and inter-factor correlations provides
reasonable support for construct validity in an exploratory research setting. The results
had good sampling adequacy and were therefore suitable for factor analysis (KMO = 0.838;
Bartlett’s test p < 0.001). Factor scores were saved for further analysis via the regression
method. These four factors were:

1. Domestic Institutional Trust: judiciary, government policy, domestic banks and insur-
ance companies, the central bank, financial regulatory system, and state healthcare

2. Independent Financial Trust: foreign banks and insurance companies, neo-banks,
crypto, financial journals, and independent financial advisors

3. European Institutional Trust: EU institutions and the European Central Bank.
4. Public Societal Trust: social media influencers, the domestic media, and political parties

Table 2. Exploratory factor analysis.

Item Codes Loadings Cronbach’s Alpha

Domestic Institutional Trust MNB 0.907 0.914
HU_Jud 0.890
HU_PF 0.856

HU_GvtEcon 0.855
HU_Banks 0.737
State_HC 0.672
HU_Ins 0.441 0.765

Independent Financial Trust Fo_Ins 0.784
Fo_Banks 0.700

Neo_Banks 0.609
Krypto 0.520
Ind_FA 0.449

Fin_Jour 0.414
European Institutional Trust EKB 0.944 0.943 *

EU_Inst 0.928
Public Societal Trust Influencers 0.824 0.772

HU_Media 0.697
HU_Part 0.460

* Spearman–Brown coefficient.

Although Factor 3 consists of only two items, this is acceptable in exploratory settings
when items are highly correlated and conceptually coherent (both items loaded strongly
on the factor EKB = 0.947, EU_Inst = 0.924). Reliability in this case was assessed using
the Spearman–Brown coefficient. The result showed that the factor is reliable enough for
analysis (r_SB = 0.94).

A FinTech usage propensity index (FTScore) was calculated for each respondent by
summing up the binary indicators of FinTech usage. Given the study’s focus on observable
FinTech behaviors across multiple domains, a summative index provides a transparent and
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interpretable measure of engagement breadth. A total of 14 questions relating to payment,
investment, and administrative technologies were asked, out of which 12 were retained
for the indicator (two items were excluded for less than 0.25 Corrected Item-Total Corre-
lation, which is a standard threshold for ensuring internal consistency). For testing the
internal consistency of the index, Cronbach’s alpha was used, which indicated acceptable
reliability (α = 0.74). For a robustness check of the FTScore, a principal component analysis
constrained to a single component was conducted. The one-component solution explained
27% of the total variance (KMO 0.744). All the items loaded positively on the compo-
nent (range = 0.37 to 0.69), which indicated that the items share a common underlying
tendency towards FinTech usage. While the explained variance of the single-component
solution is relatively low (27%), this reflects the inherently heterogeneous nature of FinTech
adoption across different service categories (e.g., payments, investments, administrative
tools). The FTScore is therefore interpreted as a composite proxy of adoption breadth rather
than a unidimensional latent construct. Similar approaches are common in exploratory
FinTech adoption studies where usage patterns span multiple functional domains [65,66].
Descriptive statistics of the data can be seen in Table 3.

Table 3. Descriptive statistics (N = 326).

Category (Scale) Mean/Count SD/%

Age (15–100) 40.56 17.09
Edu (1–9) 5.11 2.38

Income (1–10) 6.18 2.44
FT Score (0–12) 5.52 2.74

Risk Propensity (1–10) 4.44 2.35
Female 170 52.2%
Male 151 46.3%

HUCap 109 33.4%
HUCntySeat 49 15.0%

HUTown 69 21.2%
HUother 35 30.4%
StudReg 93 28.5%
StudCorr 24 7.4%

WrkPT 30 9.2%
WrkFT 161 49.4%
Entrp 45 13.8%

Retired 28 8.6%
Unempl 20 6.1%

Note: For employment status multiple selection was possible.

As the survey instrument was not originally designed for latent variable modeling
and the study focuses on examining associations between observable trust dimensions
rather than estimating a full structural adoption framework, the empirical analysis relies
on multiple linear regression. This approach is appropriate for isolating the independent
contribution of theoretically defined predictors without imposing a full structural model.
In contrast, structural equation modeling (SEM) typically requires more extensive mea-
surement design and larger samples to reliably estimate latent constructs and indirect
effects. Given the exploratory and theory-focused nature of this study, regression analysis
provides a transparent and suitable framework. Regression-based approaches remain
widely used in FinTech adoption research when the objective is to test relationships be-
tween behavioral and institutional predictors rather than to estimate comprehensive latent
adoption frameworks [67,68].

Two linear regression models were run to examine the associations between various
factors and the FinTech usage propensity index (FTScore). Model 1 looked at the relation-
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ship between risk-taking propensity and FTScore while controlling for key demographic
factors such as age, gender, education, income, occupation, and place of residence (categori-
cal variables were dummy-coded). Model 2 expanded on this analysis by incorporating four
trust constructs: trust in domestic financial institutions/government, independent/foreign
financial institutions, European institutions, and media and influencers, as well as risk-
taking propensity and the same demographic variables.

Model 1:

FTScorei = β0 + β1(RiskAtti) + β2(Agei) + β3(Genderi dummy) + β4(Edui) +
β5(Incomei) + β6(Occupi dummy) +β7(Domicilei dummy) + εi

(1)

Model 2:

FTScorei = β0 + β1(RiskAtti) + β2(TRDomi) +β3(TRIndi) + β4(TREUi) +
β5(TRSoci) + β6(Agei) + β7(Genderi dummy) +β8(Edui) + β9(Incomei) +

β10(Occupi dummy) +β11(Domicilei dummy) + εi

(2)

This modeling strategy allows us to examine associations between trust dimensions,
risk propensity, and FinTech engagement while remaining consistent with the cross-
sectional, exploratory nature of the study.

4. Results
First, a multiple linear regression was run to examine the extent to which risk-taking

propensity and demographic characteristics are associated with FTscores (Model 1). The
overall model was significant (F(15, 320) = 6.28, p < 0.001), explaining approximately 24%
of the variance in FTScore (Adjusted R2 = 0.238). Significant positive associations were
observed for gender, full-time employment, being an entrepreneur, unemployed status,
income, education, and risk-taking propensity. Multicollinearity was within acceptable
range (VIF < 3.5) (Table 4):

Table 4. Model 1 linear regression examining the influence of risk-taking and demographics on
FinTech usage (FTScore) (N = 326).

Variable β t p

Constant 2.992 0.003
Age −0.177 * −1.672 0.096

Education 0.166 * 1.950 0.052
Income 0.129 ** 2.044 0.042

Male 0.276 *** 4.637 0.000
StudCorr −0.003 −0.058 0.954

Work Part-time 0.085 1.326 0.186
Work Full-time 0.231 ** 2.416 0.016
Entrepreneur 0.210 ** 2.928 0.004

Retired 0.093 1.034 0.302
Unemployed 0.132 ** 2.092 0.038
HU Capital −0.038 −0.459 0.647
HU County −0.124 * −1.751 0.081

HU City −0.045 −0.580 0.563
HU Other −0.062 −0.878 0.381
Risk_Att 0.138 ** 2.350 0.020

Model Summary: R = 0.532, R2 = 0.283, Adjusted R2 = 0.238, F(15, 320) = 6.28, p < 0.001, Durbin-Watson = 1.981;
Notes: *** p < 0.01, ** p < 0.05, * p < 0.10; Source: Own data from SPSS 25.

For Model 2, trust variables were added. The overall model was significant
(F(19, 316) = 6.23, p < 0.001) and explained approximately 28% of the variance in FTScore
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(Adjusted R2 = 0.281). Among trust factors, Independent Financial Trust was positively
associated with FTScore (β = 0.258, p = 0.001), whereas Domestic Institutional Trust showed
a small negative association (β = −0.171, p = 0.023). European Institutional Trust and Social
Trust were not significantly associated with FTScore. Significant demographic variables
were: being male, having full-time employment, being an entrepreneur, and unemployed
status. Multicollinearity statistics were acceptable (VIF < 3) for all variables (Table 5).

Table 5. Model 2. Linear regression examining the influence of risk-taking, trust factors, and
demographics on FinTech usage (FT Score) (N = 326).

Variable β t p

Constant 3.232 0.001
Age −0.141 −1.355 0.177

Education 0.152 * 1.823 0.070
Income 0.104 * 1.676 0.095

Male 0.281 *** 4.811 0.000
StudCorr −0.033 −0.568 0.571

Work Part-time 0.058 0.916 0.361
Work Full-time 0.232 ** 2.478 0.014
Entrepreneur 0.162 ** 2.287 0.023

Retired 0.063 0.711 0.478
Unemployed 0.151 ** 2.419 0.016
HU Capital −0.001 −0.006 0.995
HU County −0.088 −1.257 0.210

HU City −0.035 −0.455 0.650
HU Other −0.049 −0.707 0.480
Risk_Att 0.102 * 1.773 0.078
TR_Dom −0.171 ** −2.288 0.023
TR_Ind 0.258 *** 3.341 0.001
TR_EU −0.043 −0.591 0.555
TR_Soc 0.062 0.781 0.436

Model Summary: R = 0.579, R2 = 0.335, Adjusted R2 = 0.281, F(19, 316) = 6.23, p < 0.001, Durbin-Watson = 1.977;
Notes: *** p < 0.01, ** p < 0.05, * p < 0.10; Source: Own data from SPSS 25.

Robustness and Additional Analyses

Additional analyses were conducted to examine the robustness of the results and
the structural form of the relationships. First, to test for synergistic or moderating effects,
interaction models were estimated with cross-product terms between trust dimensions.
The results showed no statistically significant interaction effects. The model fit did not
improve, which suggests that trust dimensions are additive variables.

Non-linear relationships between trust dimensions and FTScore were also looked at.
None of the models with quadratic terms for trust dimensions were statistically significant,
and the model fit also remained unchanged. Therefore, a linear relationship between trust
dimensions and FTScore is reinforced.

To provide a robustness check, we also tested whether the influence on income and
education on FTScore is mediated through domestic or independent trust. The results
showed that domestic trust does not influence of the effect of the two variables, while
independent trust is strongly associated with adoption, though income and education
do not have a significant influence on independent trust. Because bootstrapping was not
performed, these results are interpreted as a robustness check rather than formal evidence
of mediation (Table 6).
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Table 6. Robustness check of income and education on FTScore via Trust.

Independent Variable Mediator (Trust) Path B SE β p

Income Domestic Trust a −0.042 0.026 −0.105 0.118
Domestic Trust FT Score b −0.137 0.162 −0.050 0.397

Income Independent Trust a 0.037 0.025 0.100 0.141
Independent Trust FT Score b 0.624 0.167 0.212 0.000

Education Domestic Trust a −0.008 0.036 −0.020 0.822
Domestic Trust FT Score b −0.168 0.161 −0.061 0.298

Education Independent Trust a 0.049 0.033 0.134 0.138
Independent Trust FT Score b 0.618 0.168 0.210 0.000

Additional regression analyses were run to test for potential reverse causation, with
the two trust variables (Domestic and Independent Trust) as the dependent and FT Score
as the independent variable. The findings show that there is no significant impact of Do-
mestic Trust. In the case of Independent Trust, however, FT Score proved to be significant
(B = 0.085, SE = 0.024, p < 0.001), which indicates a partially reciprocal relationship. The
findings suggest that the link between trust and FinTech-related behaviors is not necessarily
unidirectional. Although the theoretical framework posits that trust influences these behav-
iors, the results indicate a potential feedback effect, especially in the case of independent
trust. Therefore, the observed associations should be interpreted as potentially reciprocal
rather than strictly causal.

5. Discussion
The purpose of this research was to explore the relationship between FinTech us-

age and multiple facets of trust and individual risk-taking propensity in an emerging
European economy. Model 1 is consistent with previous research, showing that general
risk-taking propensity is positively associated with increased FinTech usage when con-
trolled for demographic factors. This finding aligns with behavioral finance and innovation
diffusion theories, which suggest that individuals with a higher tolerance for uncertainty
are more likely to adopt novel financial technologies [32,43]. However, in Model 2, which
incorporates the four trust factors, the effect of general risk-taking became non-significant.
According to the findings of previous studies, the influence of institutional and financial
trust on the adoption of FinTech behaviors is predominant over personality-based risk
tendencies [62]. This pattern indicates that the association between risk preferences and
FinTech usage is contingent on institutional trust contexts rather than reflecting a stable
personality-driven effect.

It is important to note that, although the overall explanatory power of the models is
moderate, this is due to a deliberate analytical choice rather than model misspecification.
The purpose of the regression analysis was not to maximize explained variance, but rather
to isolate the role of distinct trust dimensions within a theory-driven framework. As such,
several well-established predictors of FinTech adoption (e.g., perceived usefulness, effort
expectancy, and service-specific characteristics) were intentionally excluded. Therefore, the
moderate explanatory power of the models should be interpreted in light of this design
choice rather than as evidence of model incompleteness.

Adding the trust dimensions increases the adjusted R2 from 0.238 to 0.281, suggesting
that trust accounts for a meaningful part of the variance in FTScore beyond the demo-
graphic and risk attitude effects. Specifically, trust in independent or international financial
institutions is positively related to FinTech usage, while trust in domestic financial and
governmental institutions is negatively associated with it. This pattern indicates that in-
dividuals with lower confidence in domestic institutions are more likely to use FinTech
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services. At the same time, those with higher confidence in international or independent ac-
tors are more likely to adopt them. The observed configuration of effects is consistent with,
but not direct evidence of, a trust-substitution mechanism, where FinTech services may be
perceived as alternatives to traditional domestic institutions. However, the substitution
mechanism itself cannot be directly tested using cross-sectional survey data.

According to the findings of multiple studies, the adoption of digital financial prac-
tices in these markets is influenced by a variety of factors, including institutional quality,
regulatory credibility, and perceived governance shortcomings [60,61]. This suggests that
FinTech is valued precisely because it operates outside the domestic institutional framework
that some users distrust. Social trust, as measured by confidence in media, influencers,
and political actors, shows a limited association with FinTech usage. This supports prior
findings that social influence plays a secondary or indirect role in the adoption of financial
technology, particularly when institutional trust signals are available [69].

The results show that the inclusion of the trust variables mitigates the effect of income
and education, which may indicate that part of the effect of income and education on Fin-
Tech usage goes through the trust-related mechanisms. However, robustness checks using
minimal mediation models show that income and education are not significantly associated
with either domestic or independent trust. This suggests that these trust dimensions do
not formally mediate socioeconomic effects. Instead, higher income and education likely
operate alongside trust through parallel mechanisms such as access to technology, digital
literacy, and familiarity with complex financial products [13,33,39,40,70]. Individuals with
higher-incomes tend to adopt FinTech services more willingly, likely due to greater access
to technology and a higher capacity to absorb financial risks. This is particularly true for
premium services such as investment platforms and digital wealth management [23,36,71].

Among the demographic variables, age, gender, and employment status remained sig-
nificant. This is also supported by the literature, where it is found that professionals and stu-
dents show higher adoption rates. This reflects their increased exposure to technology and
their greater need for efficient and more expeditious financial management [13,40,41,45].
Due to their familiarity with technology and higher digital literacy rates, younger genera-
tions, i.e., Millennials and Gen Z, are more likely to adopt FinTech services [15,16,52,63].
Older adults may require a higher level of institutional trust in order to compensate for their
lower digital literacy and higher perceived risk levels [23,72]. Gender differences remained
strong for both models. Previous findings have suggested that gender gaps in FinTech
usage largely diminish once trust and financial literacy are taken into account [33,36].

Additional robustness tests helped to refine the results regarding causal interpretation.
Tests for interaction effects between the dimensions of trust did not produce any statisti-
cally significant results. This finding suggests that the effects of different trust types are
cumulative rather than multiplicative. Likewise, models with quadratic trust terms did
not demonstrate significant non-linear relationships. Reverse-causation tests, on the other
hand, indicated that while FTScore does not have a strong correlation with domestic trust, it
is positively associated with independent trust. The use of digital financial services has the
potential to not only reflect prior trust perceptions among consumers but also to reinforce
trust over time. This points to a feedback process rather than being purely selection-driven.

H1 and H2 are supported by the results, indicating that institutional trust operates
in a differentiated manner across domains. H3 receives partial support, as risk-taking
propensity is associated with FTScore only in the absence of institutional trust measures.
Finally, H4 is supported only partially, with several demographic characteristics showing
significant associations across model specifications. Taken together, these results should be
interpreted as identifying robust association patterns rather than definitive causal pathways.
The findings highlight the central role of institutional trust configurations in shaping, and
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potentially being shaped by, FinTech engagement. They also highlight the importance of
longitudinal research designs to explore directionality and feedback effects in greater depth.

6. Conclusions
The objective of this study was to examine the association between multiple dimen-

sions of trust and individual risk-taking propensity with FinTech behaviors in an emerging
European context. The findings show a correlation between FinTech usage and trust in
financial institutions perceived to be independent. Additionally, higher levels of trust in
domestic financial and government institutions are associated with lower FinTech usage.
At the same time, general risk-taking propensity is positively correlated with FinTech usage
only in models where trust measures are excluded.

Results do not offer conclusive evidence of a causal trust-substitution mechanism but
rather reveal a systematic pattern of relationships. Specifically, there is a link between
FinTech usage behavior and the various trust orientations towards domestic versus inde-
pendent financial actors. The result of the robustness test shows that the relationships are
linear, additive, and not driven by interaction effects between trust dimensions. Minimal
mediation analyses further suggest that the effect of socioeconomic variables, such as
income and education, is not mediated by trust but instead appear to operate through other
factors, including access to technology, digital skills, and financial literacy.

Additional reverse causality tests show that while FTScore does not have a significant
impact on domestic institutional trust, it is positively associated with trust in indepen-
dent financial actors. This finding suggests a partially reciprocal relationship, implying
that trust both conditions and is reinforced by engagement with digital financial ser-
vices. Therefore, FinTech adoption behavior should be viewed as part of a dynamic
trust–technology feedback process rather than the product of a one-way effect based on
pre-existing institutional confidence.

6.1. Policy Implications

The policy implications are two-fold. FinTech providers should prioritize establish-
ing trust with their users, focusing on communication that emphasizes transparency and
independence from traditional institutions. As Zarifis and Cheng [50] have shown in
their model, a provider has more influence on ‘Trust in financial organization’ than on
the other three components of psychological disposition, sociological factors, or trust in
AI. Conversely, traditional, domestic institutions should focus on enhancing their image
by improving their regulatory credibility, transparency, and institutional independence.
Putrevu and Mertzanis [44] have also emphasized that strengthening governance quality
and consumer protection may be more effective than merely expanding the technological
infrastructure. In emerging and transitional economies, the promotion of FinTech ser-
vices requires a multifaceted approach. This should include both encouraging innovation
and addressing institutional trust deficits, as these deficits are often the ones motivating
consumers to seek alternatives to the traditional financial system.

6.2. Limitations and Further Research Avenues

There are several limitations to the study that should be acknowledged. Firstly, the
study is based on cross-sectional survey data, which limits causal inference and does not
allow for direct observation of trust dynamics over time. Reverse-causation tests were
conducted; however, longitudinal or experimental designs could establish directionality
more conclusively. Secondly, there is limited generalizability as it focuses on a single
nation. In fact, trust structures can vary considerably across countries, depending on
the regulatory environment, historical legacies, and the development of financial markets.
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Future cross-country analysis could test whether the observed differences between domestic
and independent trust also apply to other emerging or transitional economies.

The modest sample size and use of a non-probability sampling approach limit the
generalizability of the findings and may introduce selection bias. Therefore, the results
should be interpreted with caution. Future research using larger or nationally representative
samples would help validate these findings and enable subgroup analyses (e.g., by age,
income, or residence) to better capture heterogeneous adoption patterns across different
population segments. Thirdly, the usage of FinTech is measured by a composite index,
which could mask differences in the usage patterns of specific services, such as payments,
digital banking, and investment platforms. Disaggregated analyses could provide a clearer
understanding of how trust and risk interact across these different domains. Finally, general
risk-taking propensity was used in place of FinTech-specific perceived risk measures. Future
research could also examine whether the various types of trust have a similar effect of
reducing the influence of perceived risk on adoption. A broader questionnaire design and
larger sample would also enable the application of structural equation modeling (SEM),
which could better capture latent constructs, indirect effects, and potential mediation
mechanisms between trust dimensions and FinTech adoption.

The present study makes a valuable contribution to the FinTech literature by showing
that institutional trust patterns, rather than generalized trust or individual risk tolerance
alone, are associated with FinTech behaviors. These findings draw attention to the fact
that broader institutional and cognitive contexts are necessary for understanding FinTech
adoption patterns, particularly in emerging markets where trust in domestic institutions
remains low.
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