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Abstract: Big data (BD) analytics play a key role in helping hotel firms gain competitive advantages
and achieve superior performance. The purpose of this study was to determine which factors
encourage the use of big data analytics (BDA) by hotel firms and the impact of BDA on hotel firms’
performance. Understanding the impacts of big data analytics in the hotel sector is important to
help hotel managers use big data for creating business value by increasing hotel performance. A
research model was developed and tested with data collected through a questionnaire sent to hotel
managers in a European country and analysed with PLS. The results indicate that organisational
readiness and competitive pressure encourage the use of BDA through the mediating role of top
management support. The findings also indicate that the use of BDA can create business value by
increasing the main dimensions of hotel performance: financial performance, customer retention rate,
and hotel reputation.
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1. Introduction

In the current age of competitiveness, every organisation continually faces new prob-
lems and challenges in accomplishing their mission or purpose. The speed of technological
development and the emergence of available data on a large scale that form big data (BD)
and big data analytics (BDA) have been playing keys role in offering new resources and
competitive advantages to organisations [1] and in adding value to products or services in
several industries and companies [2]. BDA contributes to a better decision-making process
which, in turn, may help a company gain a strategic advantage. Additionally, the growth
of social media and user-generated content have urged the development of data analytics
tools to solve real-life problems [3].

While data are increasing in quantity and diversity and are being created at a faster
rate, companies face the challenge of analysing and transforming data in order to gain
competitive and strategic advantages [4]. Particularly in the hotel sector, user-generated
content through hotel reviews on online platforms are impacting guest satisfaction [5].

As more companies are considering adopting BDA to improve their decision-making
processes in order to offer better products and services and gain a competitive advantage [6],
the business value generated by the use of BDA is of extreme importance for organisations.
Although some researchers have already addressed the issue of value creation when
using BDA in the tourism sector [5,7], the existing literature on the influence of BDA on
performance and value creation is still scarce [8], particularly in the hotel sector.

This paper contributes to this strand of literature by analysing the influence of the use
of BDA on hotels performance. We choose to focus on this sector for two main reasons.
First, while big data are produced and used by different industries and different types of
organisations [9], existing empirical research works on the assumption that BDA resources
are equal across different contexts [10], with the specificities of the setting rarely being
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analysed in such investigations [8]. Second, as hotel firms offer essentially homogeneous
products and services, the hotel industry is highly competitive [2]; thus, BDA may play a
key role in helping hotel firms to gain competitive advantages. Ref. [11] highlight that with
BD, tourist behaviour and the tourism market can be better explored and understood by
both researchers and practitioners from the sector.

Therefore, to understand in which ways the use of BDA by hotel firms enhances their
performance and business value, the following research questions guide the development
of this work: (i) What are the factors that influence the use of BDA by hotel firms? (ii) What
is the impact of the use of BDA on hotel firms’ performance?

We build on the dynamic capabilities theory and on the technology–organisation–
environment framework to extend this stream of research by determining the antecedents
of BDA use in the hotel industry. We also assess how this usage influences firms’ perfor-
mance. For this, we consider different metrics of hotel firm performance such as financial
performance, stakeholder satisfaction, customer retention rate, and hotel reputation [12].

The remainder of the paper is structured as follows: Section 2 presents a theoretical
background to BDA. In Section 3, we provide the conceptual model and the hypotheses.
Section 4 describes the methodology, and Section 5 presents the results. Finally, in Section 6,
we present a discussion and the conclusions of our findings.

2. Background
2.1. Big Data Analytics

With the fast development of information and communication technologies, BD are
generated from a variety of sources, including internet traffic, mobile phone transactions,
user-generated content, social networks, sensors, business transactions, and other opera-
tional domains such as bioinformatics, healthcare, and finance [13].

When defining BD, the first property that comes to mind is the dimension. The latest
definitions of BD consider five “V’s”: volume, velocity, variety, truth, and value [14,15].
Value plays a key role in the definition of BD, referring to the importance of being able
to extract economic value from the data collected, relating the use of BD to the decision-
making process and firms’ performance [16].

The concept of BDA emerges to emphasize the process and tools used to extract value
from the data [8]. According to Ref. [17], BDA includes not only the data but also the tools,
the technology infrastructure, and the management skills to analyse the insights of big data.
BDA applies statistical techniques such as data mining, text mining, and mathematical
models to predict future outcomes based on historical data [18]. Historical data standards
allow organisations to identify opportunities and risks [19] to create business value. In
the literature review conducted by Samara et al., for the tourism sector, the authors found
evidence that the usage of BDA can create value and benefits including “increased efficiency,
productivity and profitability ( . . . ) combined with an extremely rich and personalized
experience for travellers” [7], p. 343.

Considering that hotels offer very similar services and products, all the elements that
may differentiate hotels from their competitors are crucial to gain a competitive advan-
tage [3,20]. Therefore, the use of BDA tools plays a key role for hotel firms to increase
business value as it helps in understanding consumers, competitors, market characteristics,
the environment, the impact of new technologies, and supplier characteristics [3]. The
analysis of social networks and consumer-generated content regarding the hotel sector
has been highlighted by the market, considering the ability to create value from these
data [13]. Indeed, there are many websites related to the hotel industry that are responsi-
ble for booking management and accumulating large amounts of consumer data, which
have been increasing dramatically [20]. The analysis of these consumer data allows a
better understanding of consumer behaviour, allowing the formulation of more adequate
consumer-oriented marketing strategies [21]. The sentiment analysis technologies that
are able to extract opinions from unstructured data can be very important for improving
organisations’ reputation management and forecasting market trends [3].
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2.2. Dynamic Capabilities

The dynamic capabilities theory aims to understand how organisations build and
adapt their resources to maximize their interaction with their environment [22]. Teece
et al. define dynamic capabilities as “the firm’s ability to integrate, build, and reconfigure
internal and external competences to address rapidly changing environments” [23], p. 516.
Organisations should change to adapt to new environmental challenges [24]. It is crucial
that managers accept new management styles and practice dynamic capabilities to create
business value [24].

In order to achieve a competitive advantage through dynamic capabilities, organi-
sations should have the capacity to reconfigure and transform their competencies. The
effective reconfiguration and transformation of companies’ core competencies require the
ability to understand the environment and its changes, as well as the constant surveillance
of markets and technologies [25].

Chen et al. [26] consider that the use of BDA by an organisation develops dynamic
capacities as it supports knowledge creation routines, especially when the environment is
very dynamic and turbulent. BDA can also be considered an organisational information
processing capability that stimulates value creation and streamlines the strategic decision-
making process [26]. For this reason, we argue that there is a theoretical basis for considering
BDA as a dynamic capability in the hotel industry, and for justifying its impact on value
creation by the organisation.

2.3. Technology–Organisation–Environment (TOE) Framework

The technology–organisation–environment (TOE) framework is an organisation-level
theory that explains that there are three different elements of a firm’s context (tech-
nological, organisational, and environmental) that influence the adoption and use of
technological innovation [27].

First, the technology context refers to internal and external technologies that may
be relevant to the organisation. Salleh et al. [28] state that the decision to adopt a new
technology depends on the fit between the technology and the existing technology setting in
a firm. The organisational context characterizes the internal dimensions of an organisation,
such as strategy, degree of centralization, degree of formalization, managerial structure,
and human resources, among other structural and cultural aspects [29]. The environmental
context includes the structure of the industry, the presence or absence of technology service
providers, and the regulatory environment. According to this theory, several external
factors will influence organisations when adopting new technologies [29].

In summary, the TOE framework maintains that these three dimensions present “both
constraints and opportunities for technological innovation” [27], p. 154. Regarding the
adoption of BDA, Chen et al. [26] suggest two modifications to the original TOE model,
namely the incorporation of the behavioural perspective of organisations (translated into
the influence exerted by the decision makers) and the presence of management support as
a mediator of organisational and environmental TOE factors on the one hand and the use
of BDA on the other. Thus, the technological factor has a direct impact on the use of BDA,
and the organisational and environmental factors will be mediated by the support of top
management. This paper extends the model developed by Chen et al. [26] regarding the
impact of the use of BDA on firms’ performance by applying the specific dimensions and
factors of the hotel industry.

3. Conceptual Model

To assess the use of BDA tools, we build on the dynamic capabilities theory and the
TOE framework as a theoretical lens as well as the model proposed by Chen et al. [26] to de-
velop a research model adapted to the hotel context. This model analyses the technological
(expected benefits and technology compatibility), organisational (organisational readiness),
and environmental (competitive pressure) factors [27]. We consider that there is a direct
impact by technological factors on the use of BDA, and the impact of organisational and
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environmental factors is mediated by top management support. Additionally, we also ex-
amine how the use of BDA influences the four main hotel performance indicators: financial
performance, stakeholder satisfaction, customer retention rate, and hotel reputation [12].
Figure 1 presents the research model.
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Figure 1. Conceptual Model (adapted from [26]).

The expected benefits constitute the anticipated benefits or positive impacts for the
organisation from using a new technology [26]. The literature suggests that the influence
of these benefits may be direct or indirect [26]. In the hospitality sector, these benefits
may include lower operating costs, high precision, and a better understanding of tourist
behaviour [3,11]. The indirect benefits reflect opportunities arising from the use of this
technology, such as an improvement in customer service and the enhancement of tourism
management and tourist market knowledge [11]. Once managers understand that using
BDA can provide benefits to their organisation, the likelihood of moving forward with the
introduction of new technologies to leverage their business increases exponentially [26].
We propose the following hypothesis:

Hypothesis 1: The expected benefits have a positive influence on the use of BDA.

Table 1 presents a summary of the literature used to determine the different factors
and pathways that explain the impact of BDA on hotel firms’ performance.

Table 1. Summary of the Literature Review.

Factor Variable Source Hypothesis Impact Sign

Technological Expected Benefits [26,30] H1 Direct Impact on BDA Positive

Technological Technology
Compatibility [26,31] H2 Direct Impact on BDA Positive

Organisational Organisational
Readiness [8,26] H3 Indirect Impact on BDA via TMS Positive

Environmental Competitive Pressure [31,32] H4 Indirect Impact on BDA via TMS Positive

Management Top Management
Support [32,33] H5 Direct Impact on BDA Positive

BDA BDA Use [14,34,35] H6 Direct Impact on Corporate
Financial measures Positive
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Technological compatibility refers to the degree to which the new technology is
perceived as compatible with the existing practices and infrastructure of an organisa-
tion [36]. These authors distinguish two types of compatibility: cognitive compatibility
(translating what people think or feel about an innovation) and operational compatibility
(translating what people do with the innovation). Technological compatibility in the
BDA context can be defined as “the characteristics of big data are perceived as being
consistent with the existing IT architecture in an organisation (e.g., scalability, integration
into the existing information systems)” [31], p. 6). If managers realize that the adoption
of BDA is consistent with business values and operating practices, there is a greater
propensity to use it in business processes [26].

Hypothesis 2: Technology compatibility has a positive influence on the use of BDA.

Organisational readiness refers to the structures and processes that may positively
or negatively influence the implementation of a technological innovation [36]. Organisa-
tional structure and top management support are important factors for BDA usage [8].
Chen et al. [26] suggest that the degree of support from top management in the implemen-
tation of BDA tools is determined by the availability of resources within the organisation.
In the implementation of BDA, the existence of professionals who are able to perform
business analytics is, therefore, a critical factor in organisational readiness [26]. These
authors argue that there is greater support from top management when they believe that
the organisation has the resources and skills needed to implement BDA tools. For this
reason, we consider the following hypothesis:

Hypothesis 3: Organisational readiness has a positive influence on top management support.

The external context also influences the adoption and usage of a technological in-
novation [36]. External forces such as competitive pressure or customer pressure may
influence the implementation of innovative technological tools in response to external
demand. “The extent of the pressure from a firm’s competitors that can be combatted
by the adoption of big data (e.g., competitive market, external threats from competi-
tors)” [31], (p. 6) may have a positive impact on the importance of a BDA project to the
organisational managers. Competitive pressures include external pressures from the
organisational environment, which are able to positively affect top management support
for the implementation of innovative tools [32]. An example of competitive pressure
is the adoption of BDA by competitors. This factor may encourage similar behaviour
from top management as successful competitor behaviours can reduce uncertainty in
implementing innovative tools. Therefore, we propose the following hypothesis:

Hypothesis 4: Competitive pressure has a positive influence on top management support.

Sun et al. [31] defined top management support as “managers are willing to allocate
sufficient resources and encourage the initiative adoption of big data (e.g., top executives
responsible for data management, CIOs’ willingness to adopt big data)” (p. 6) and found
that it ranks fourth in terms of importance for BDA success. The literature suggests
that if decision makers believe in the potential benefit of technology systems to the
organisation, they will support their development [32]. The existing literature clearly
shows that top management support plays a key role in the success of a new project [32].
Additionally, it reflects the relationship between management support and the intention
to use BDA [33]. Therefore, we formulate the following hypothesis:

Hypothesis 5: Top management support has a positive influence on the use of BDA.

In order to assess hotel performance, we define four variables that are specific to this
sector: (1) financial performance and (2) stakeholder satisfaction [12]; (3) customer retention
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rate and (4) hotel reputation [37], combining financial and nonfinancial performance mea-
sures. In fact, nonfinancial performance is a long-term operational objective with the aim
of increasing customer loyalty, attracting new customers, and enhancing the organisation’s
image and reputation.

Financial performance is the measure by which a company uses its primary resources
as a form of revenue generation and can be assessed through revenue, cost reduction, and
market share [37]. BD potentially offer new opportunities to all companies in creating new
businesses, developing new products and services, and improving business operations [34].
There are few studies that show the impact of BDA on financial performance in the hotel
industry. Nevertheless, there are several studies that clearly demonstrate the positive
influence of BDA on corporate financial performance [14,35]. Therefore, we state the
following hypothesis:

Hypothesis 6a: The use of BDA has a positive effect on the hotel’s financial performance.

BDA may impact different organisation stakeholders, such as customers, employees,
suppliers, partners, and investors, among others. BDA can be used to better understand
customers and other stakeholders and thereby act to increase customer or stakeholder
satisfaction [3,5]. Customer satisfaction has become a critical measure of success; addi-
tionally, it is an important indicator of hotel performance [3] along with employee satis-
faction [38]. Using the broader concept used by Pereira-Moliner et al. [12], we state the
following hypothesis:

Hypothesis 6b: The use of BDA has a positive effect on stakeholder satisfaction.

Customer experience and satisfaction are essential for the customer retention rate
as they contribute to consumer loyalty, favourable consumer feedback, and repeated
experiences, which in turn increase hotel performance. The fact that BDA enables a deeper
understanding of tourist behaviour may also positively impact the customer retention
rate [11]. BDA fosters the generation of new insights about hotel customers, and it has
a strong and positive effect on guest experience and satisfaction [3]. Moreover, guest
satisfaction is further enhanced through BDA by allowing hoteliers to create better products
and services [5]. Given these arguments, we consider the following hypothesis:

Hypothesis 6c: The use of BDA has a positive effect on customer retention rate.

Traveller reviews influence a significant number of travellers’ hotel purchase decisions,
sustaining a hotel’s competitive advantage [39]. Higher visibility, presence on the web,
and the dissemination of positive reviews online not only increase occupancy rates and
the number of reservations [40], but also positively influence hotel reliability, reputation,
and customers’ confidence [41]. Due to the large increase in unstructured data from
social networks and consumer-generated content, text analytics (through opinion mining)
and sentiment analysis have played a key role in BDA [3]. In fact, technologies capable of
extracting information from unstructured data are crucial in managing business intelligence
(BI) tasks, such as management reputation [3]. Therefore, we state the following hypothesis:

Hypothesis 6d: The use of BDA has a positive effect on hotel reputation.

4. Research Design

To answer our research questions, we developed a questionnaire to collect data that
allowed us to analyse the relationships between different constructs according to our
research model. As a way to operationalise the constructs present in the model, we adapted
the questionnaire proposed by Chen et al. [26] to the hotel sector, taking into account
the revised literature on the subject. Regarding the operationalisation of the financial
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performance and stakeholder satisfaction constructs related to hotel performance, the
questions were adapted from Pereira-Moliner et al. [12] and Chen et al. [37].

As the questions regarding our constructs were defined, a questionnaire (Appendix A)
was built and released through the Qualtrics platform. As a pre-test, a director of a hotel in
the central region of the country was asked to answer the questionnaire, which resulted
in small improvements including rewording some phrases and reordering questions. The
questionnaire was sent to a database with 700 hotels and was also disseminated through
LinkedIn and the t-network platform. As a result, 50 responses were obtained. Data
analysis was performed in Smart PLS 3.0.

5. Results

Table 1 presents the demographic statistics of the final sample. The sample had
almost the same number of male and female respondents (52% male and 48% female). The
predominant ages of our respondents were between 25 and 44 years old (68%), presenting,
in general, medium–high knowledge about the topics covered in the questionnaire (80%).
In the hotel units where they worked, they were mainly general managers (44%), with a
greater predominance of management department personnel (52%).

To analyse the quality of the measurement model, we began by accessing the internal
consistency reliability of the reflective variables by calculating Cronbach’s alpha and
composite reliability (Table 2). We found that all constructs presented values greater
than the threshold value of 0.7 for both criteria, indicating that they were reliable and
internally consistent.

We then calculated the mean extracted variance (AVE) in order to demonstrate the
unidimensionality of each construct according to its indicators [42]. Each of the constructs
must have a value greater than 0.5 to be included in the study. Table 2 shows that all the
AVE values were between 0.605 and 0.972.

Table 2. Final Sample Descriptive Statistics (N = 50).

(N) (%) (N) (%)

Gender Does your hotel belong to a hotel chain?
Male 26 52% Yes 21 42%
Female 24 48% No 29 58%

Age Number of years working on that hotel
18–24 3 6% 1–5 29 58%
25–34 18 36% 6–10 10 20%
35–44 16 32% 11–15 5 10%
45–54 12 24% >15 6 12%
>54 1 2%

Department Overall knowledge about the questionnaire
Sales 3 6% Very low 8 16%
F&B 4 8% Low 7 14%
Management 26 525 Medium 22 44%
Reception 5 10% High 18 36%
Other 12 24% Very high 1 2%

Job Function Number of years on that job function
Board Member 4 8% 1–5 34 68%
General manager 22 44% 6–10 10 20%
Receptionist 19 38% 11–15 3 6%
Other 5 10% >15 3 6%

The discriminant validity of the instrument was assessed according to two criteria:
(1) the Fornell–Larcker criterion and (2) the cross-loadings criterion (Tables 3 and 4) [42].
The Fornell–Larcker criterion implies that the AVE value of each variable is greater than the
square of the correlations with each of the other variables [42]. The bold values are higher
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than the others in each column, meaning that the latent variables share more variance
with their indicators than any other variable. The cross-loadings criterion states that each
indicator must have a greater correlation with the variable to which it is associated than
any other variable [43], which was confirmed in the data collected.

Table 3. Measurement Model Quality Indicators.

Construct Cronbach Alpha Composite Reliability AVE

Top Management Support [TMS] 0.972 0.982 0.948

Expected Benefits [EB] 0.933 0.942 0.732

Technological Compatibility [TC] 0.851 0.908 0.769

Financial Performance [FP] 0.919 0.939 0.756

Competitive Pressure [CP] 0.904 0.937 0.833

Organizational Readiness [OR] 0.783 0.860 0.605

Hotel Reputation [HR] 0.971 0.986 0.972

Customer Retention [CR] 0.808 0.905 0.827

Stakeholders Satisfaction [SS] 0.779 0.891 0.813

Use of BDA [UBDA] 0.957 0.963 0.722

Table 4. Fornell–Larcker Criterion.

[TMS] [EB] [TC] [FP] [CP] [OR] [HR] [CR] [SS] [UBDA]

Top Management Support 0.974

Expected Benefits 0.440 0.855

Techn Compatibility 0.683 0.569 0.877

Financial Performance 0.584 0.392 0.417 0.869

Competitive Pressure 0.324 0.300 0.230 0.127 0.913

Organizational Readiness 0.417 0.010 0.232 0.302 0.262 0.778

Hotel Reputation 0.313 0.315 0.356 0.607 0.045 0.110 0.986

Customer Retention 0.518 0.255 0.401 0.580 0.039 0.169 0.543 0.909

Stakeholders Satisfaction 0.269 0.127 0.259 0.546 0.0015 0.130 0.705 0.599 0.902

Use of BDA 0.778 0.333 0.519 0.533 0.403 0.434 0.232 0.277 0.182 0.850

The structural model assessment started by analysing the coefficient of determination
R2 of the latent variables and the path coefficients. We tested the hypotheses under study
and evaluated the model in terms of fit [42,43] using the bootstrapping technique that
generated 500 random samples with 50 cases. Figure 2 shows the results obtained from the
analysis developed through SmartPLS 3.0 [44].

Regarding the model fit, Chin [43] suggests that R2 values of 0.67, 0.33, and 0.19
describe the fit as substantial, moderate, and weak, respectively. It can be seen from the
above figure that BDA use was over 0.33 (R2 = 0.606), while top management support and
financial performance were over 0.19 at (R2 = 0.223) and (R2 = 0.284), respectively. The
constructs of stakeholder satisfaction, customer retention, and reputation had R2 values
less than 0.19: (R2 = 0.033), (R2 = 0.077), and (R2 = 0.054), respectively. Thus, we can state
that the model had a moderate fit.
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6. Discussion and Conclusions

Considering that the hotel industry is highly competitive, the use of BDA has become
an important tool for increasing business value. Therefore, based on the TOE model
modified by Chen et al. [26] and adapted for the hotel context, we investigated which
factors determine the use of BDA in the hotel industry and how BDA implementation
influences several hotel performance indicators.

Our results show that the technological factors such as expected benefits and technol-
ogy compatibility do not have a direct influence on the use of BDA. Ref. [8] affirms that the
use of data technologies and tools is highly dependent on the skills and knowledge of the
human resource. A lack of knowledge regarding the expected benefits and technological
compatibility of the use of BDA can justify such a result.

However, our findings indicate that organisational readiness and competitive pressure
encourage the use of BDA through the mediating role of top management. The existing
literature has shown that top management plays a key role in the implementation of an
IT system, namely, if they believe in the potential of such innovation [26,32]. In line with
Hypothesis 3, the results show that organisational factors such as the existence of internal
knowledge to use BDA will encourage top managers to implement such tools. Additionally,
environmental factors also have a positive impact on the use of BDA. As the hotel industry
is highly competitive, the adoption of BDA by competitors can be a strong incentive to
managers to innovate in order to gain a competitive advantage.

The results strongly support the hypothesis that BDA can provide business value
with an increase in the main dimensions of hotel performance: financial performance,
customer retention rate, and hotel reputation. The only coefficient that is not statistically
significant is related to stakeholder satisfaction. This can be justified by the fact that hotel
guest satisfaction is a complex construct that is difficult to define [3].

Overall, we can conclude that the use of BDA can help hotel managers to enhance
the organisational decision-making process, which in turn creates business value. This
study is in line with Chen et al.’s results [26], but it extends this work by analysing the
impact of BDA in the highly competitive hotel industry for which big data analysis plays a
key role in creating competitive advantages. In many cases, empirical contributions to the
performance issue begin to focus on the industrial or service sector such as the banking or
insurance industries, with the travel and tourism sector being less studied [45].

This study responds to a call for a better understanding of the decision-making process
in the hospitality industry within the era of big data [3]. Our findings will help hotel
managers understand that the use of BDA influences the main drivers of hotel performance



Tour. Hosp. 2023, 4 253

and that organisational and environmental factors encourage top management to use BDA
in the decision-making process.

This study contributes to big data research by empirically testing and finding that
the use of big data can increase firm performance and that managers play a key role in
encouraging big data’s use and the technology that allows the analysis of such data. Beyond
financial indicators, we also use nonfinancial variables to measure performance such as
customer retention rate and hotel reputation. It is important to highlight that beyond the
financial performance, BDA have significant and positive impacts on customer retention
rate and hotel reputation. For practitioners, this study shows which factors most influence
managers’ decisions to use these new tools to improve hotel performance. Both technology
consultants and hotel managers can not only improve their understanding about the use
of BDA regarding the main drivers for its usage and the importance of top management
support in this process, but also understand the avenues of value creation that they can
expect from this use.

Although this paper makes important contributions to theory and practice, it also has
limitations. First, one limitation is the small sample size and the fact that we surveyed
organisations from a single country. Further research could improve the sample size and
include hotels operating in other geographies as well. Second, we used a self-completion
questionnaire as the main source of data collection, so there are some issues that we could
not control. Other data sources could also improve this type of study in the future; for
example, the financial performance indicators could come from a secondary data source.
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Appendix A

Table A1. Research model operationalization: constructs and measurement items.

Construct Item Scale Reference

Big data usage

Sourcing analysis

(1–5) [26]

CRM/customer management

Marketing/communication

Warehouse operations improvements

Revenue management

Process/equipment monitoring

Distribution channel

Logistics improvements

Forecasting/demand management—SandOP

Inventory optimization



Tour. Hosp. 2023, 4 254

Table A1. Cont.

Construct Item Scale Reference

Expected benefits

Improve the quality of work

(1–5) [26]

Make work more efficient

Lower costs

Improve customer service

Grow sales to new customers or new markets

Identify new product/service opportunities

Technology
compatibility

Using BDA is consistent with our business practices

(1–5) [26]
Using BDA fits our organizational culture

Overall, it is easy to incorporate BDA into our
hotel management practices

Organizational
readiness

Lacking capital/financial resources

(1–5) [26]
Lacking the needed IT infrastructure

Lacking analytics capability

Lacking skilled resources

Competitive
pressure

To what extent have your competitors
implemented BDA?

(1–5) [26]To what extent have your suppliers
implemented BDA?

To what extent have your clients
implemented BDA?

Top management
support

To what extent does the TMT promote the use of
BDA in your organization?

(1–5) [26]
To what extent does the TMT create support for

BDA initiatives within your organization?

3. To what extent has the TMT promoted BDA as
a strategic priority within your organization?

Financial
performance

Room occupancy rate

(1–5) [12]

Income per room

Gross profit per room

Wealth creation (Accounting value of the firm
with respect to its market value)

Capacity to generate profit in times of crisis

Stakeholder
satisfaction

Customer satisfaction level
(1–5) [12]

Employee satisfaction level

Hotel characteristics
No. of stars #

[12]
Chain affiliation name

Client retention
We improved customer loyalty

(1–5) [12]
We attracted a large number of new clients

Hotel reputation
We have a good image

(1–5) [12]
We have a good reputation in the market
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