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Abstract

:

Stressors over the lifespan can contribute to physiological dysregulation, or allostatic load. Allostatic load has been studied in humans using allostatic load indices (ALIs) for over 25 years, but the same methods are rarely applied to other species. We constructed an ALI for zoo-housed western lowland gorillas, chimpanzees, and bonobos and tested potential predictors of and health outcomes associated with allostatic load. Allostatic load scores ranged from 0–6 for gorillas and chimpanzees and 0–7 for bonobos. Age was significantly associated with allostatic load in gorillas and chimpanzees but not bonobos. Cumulative stressful events were positively associated with allostatic load in chimpanzees. Wild-caught gorillas had higher allostatic load than zoo-born conspecifics, but rearing differences between zoo-born animals were not significant for any species. Age may affect associations of allostatic load with stressful events and birthplace as results change when it is included as a covariate. Allostatic load was not retained in best-fit models for risk of all-cause morbidity, cardiac disease, or mortality risk. Some analyses herein were limited by the use of retrospective data, such as reason for sample collection and length of records provided for individual animals. Nevertheless, these data indicate additional research is needed to optimize ALIs for non-human primates.
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1. Introduction


Experiences across the lifespan can contribute to disease risk in animals. In mammalian taxa, each time an event is perceived as stressful, a cascade of physiological changes is triggered within the body [1,2]. For example, when stressors activate the hypothalamic-pituitary-adrenal (HPA) axis, corticotropin-releasing hormone (CRH) travels from the hypothalamus to the anterior pituitary, inducing the synthesis and release of adrenocorticotropin hormone (ACTH) into the bloodstream. When ACTH reaches the adrenal glands, it triggers the adrenal cortex to release glucocorticoids into systemic circulation. Glucocorticoids such as cortisol, the primary glucocorticoid in primates, induce physiological changes such as gluconeogenesis, lipolysis, and increased blood pressure. Glucocorticoids, therefore, are frequently measured to quantify stress in zoo-housed animals. However, interpreting glucocorticoid data can be difficult [3,4,5]. A number of other physiological changes also occur in response to stress, including changes in circulating catecholamines (e.g., epinephrine, norepinephrine) [1,2] and immune parameters (e.g., interleukin-6 [IL-6], tumor necrosis factor-alpha [TNF-α]) [6,7], but these are not measured as frequently as glucocorticoids when assessing potential stress responses.



Individually, stress responses are a healthy, adaptive mechanism that evolved to stimulate behavioral and physiological changes that promote survival. However, over the lifespan, experiencing repeated and/or chronic stressors can result in the physiological dysregulation of biomarkers across somatic systems that eventually increases disease risk [8]. For example, elevations in blood pressure in response to stress are part of normal coping mechanisms, but after repeated elevations, physiological dysregulation may occur where levels do not return to baseline following stressor abatement. Over time, this results in a new, shifted baseline that is higher than the original, and with repeated shifts over time even baseline levels may reach the threshold for the diagnosis of hypertension.



This cumulative physiological “wear-and-tear” over time is known as allostatic load [8]. While it is not possible to measure allostatic load across every system, it can be estimated using an allostatic load index (ALI) composed of biomarkers from multiple systems (e.g., neuroendocrine, cardiovascular, metabolic, immune) that are integrated to provide a single score for an individual. Within a population, those that have higher estimated allostatic load have greater physiological dysregulation than those with lower allostatic load. The first ALI was developed in human clinical research in 1997 [9] and in the more than 25 years since, there have been a wealth of studies with ALIs constructed using dozens of different biomarker combinations [10,11,12]. In humans, allostatic load can mediate the pathway from lifetime experiences to disease risk. For example, lower socioeconomic status [12,13], early life adversity [14,15], and stressful experiences [16,17] have been shown to contribute to higher allostatic load. In turn, higher allostatic load is associated with health outcomes such as cancer [18,19], cardiac disease [13,20], diabetes [13,21], and mortality [9,22,23].



Given its potential to both reflect previous life experiences and predict future health outcomes, allostatic load is of broad interest to those who study animals. Since 2003, more than 500 papers published on various animal taxa have referenced allostasis and/or allostatic load [24]. However, despite the widespread interest of researchers who study animals, developing ALIs to estimate allostatic load outside of humans remains infrequent [24]. Previously, we constructed the first non-human ALIs and applied them to western lowland gorillas (Gorilla gorilla gorilla). In our pilot work on gorillas at one zoo [25,26], we observed positive associations between age and cumulative stressful events (e.g., number of immobilizations, transfers, etc.,) over the lifespan, higher allostatic load in females than males, and higher allostatic load in wild-caught gorillas compared to zoo-born mother- and nursery-reared conspecifics. When we expanded that research to include two additional zoos, we observed these same relationships as well as an association with mortality risk [27]. We have since explored other iterations of the ALI. For example, we have found indices that include cholesterol and triglycerides improve model predictions of health outcomes [28] and we reported on a possible method for refining selection of biomarkers to include in the index, which unfortunately was not effective at identifying a better ALI for improving model predictions [29].



Herein, we compare allostatic load across three zoo-housed African ape species: western lowland gorillas, chimpanzees (Pan troglodytes), and bonobos (P. paniscus). Research on humans has been criticized in the past because ALIs constructed with different biomarkers are difficult to compare [12,30,31]. As such, we only included biomarkers that we had measured in all three species, resulting in an eight-biomarker ALI including albumin, cholesterol, cortisol, dehydroepiandrosterone-sulfate (DHEA-S), glucose, IL-6, triglycerides, and TNF-α. While all of these biomarkers have been included in one or more previous ALIs constructed for gorillas, this particular combination is new to allow direct comparisons between the three species. The gorilla dataset also was expanded to include individuals from an additional zoo. Once allostatic load scores were estimated for each species, we investigated potential predictors (e.g., age, rearing) and health outcomes (e.g., risk of all-cause morbidity and mortality) associated with higher allostatic load. As the data in this study were collected retrospectively, there are inherent limitations to some of our analyses and interpretations. These limitations are reviewed extensively in the Discussion section.




2. Materials and Methods


2.1. Subjects


Through collaborations with 25 North American zoological associations accredited by the Association of Zoos and Aquariums (AZA), we obtained serum samples collected during previous immobilizations on western lowland gorillas (108 samples from 71 unique individuals), chimpanzees (238 samples from 162 unique individuals), and bonobos (44 samples from 38 unique individuals). Samples collected prior to 7 years of age were excluded to reduce variation in biomarkers due to growth and development. Only one sample per animal was included for analysis. When possible, the sample for each individual came from a routine immobilization (e.g., annual health examination); samples from routine immobilizations are preferred because many biomarkers included in the ALI are responsive to acute events and allostatic load is meant to estimate physiological dysregulation outside of acute responses. However, some animals only had samples collected during non-routine immobilizations (i.e., in response to injury or illness) or the reason for immobilization was unknown. Although an immobilization itself may represent an acute event that has an impact on circulating biomarkers, we used the purpose for immobilization to differentiate between animals that may have changes in biomarkers for reasons other than anesthesia in case there was an additive effect of multiple stressors (e.g., injury + anesthesia) on circulating biomarker levels. In cases where an individual had multiple routine or non-routine/unknown reason samples, two criteria were used to select a single sample. First, as it was not always possible to measure all biomarkers in every sample due to limited volume, samples with fewer missing data were selected (e.g., if a sample from one date had five of eight biomarkers and a sample from a second date had seven of eight biomarkers, the latter would be selected for inclusion). Second, if the same number of biomarkers were analyzed from each sample, then the sample collected at the animal’s oldest age was selected (e.g., a sample collected at age 17 years would be selected over a sample collected at age 15 years). This resulted in datasets of 68 gorillas from four zoos (aged 7–52 years,   x ¯   = 23.3, SD = 12.3, 34 males), 148 chimpanzees from 17 zoos (aged 7–73 years,   x ¯   = 27.5, SD = 12.5, 60 males), and 33 bonobos from five zoos (aged 7–48 years,   x ¯   = 22.2, SD = 11.5, 18 males). Some subjects had missing biomarker data due to limited sample volume, including 13 gorillas (1 biomarker missing: n = 1; 2 biomarkers missing: n = 12), 16 chimpanzees (1 biomarker missing: n = 8; 2 biomarkers missing: n = 3; 3 biomarkers missing: n = 1; 4 biomarkers missing: n = 4), and one bonobo (1 biomarker missing). For these individuals, ALIs were calculated in the standard manner as described in Section 2.3, but the maximum score totaled the number of biomarkers measured. This study was approved by each participating institution and adheres to the American Society of Primatologists’ Principles for the Ethical Treatment of Primates.




2.2. Biomarker Analyses


Serum samples were collected between 1984 and 2019 and cryopreserved at −80 °C until analysis. Sample degradation can occur when samples remain in storage over the long-term, but studies indicate steroid hormones (cortisol, DHEA-S) [32,33] and inflammatory cytokines (IL-6, TNF-α) [34] maintain their integrity when cryopreserved without multiple freeze-thaw cycles, and it has been demonstrated that degradation over 10 or more years has minimal effect when using lipids (cholesterol, triglycerides) to study disease risk [35].



Biomarker analyses occurred at three different time periods: the original pilot project studying allostatic load in gorillas from three zoos (2014, 2019) [25,26,27,28,29], inclusion of data from a fourth zoo holding gorillas (2019), and collection of data from chimpanzees and bonobos for a multi-species comparison (2019–2020). For gorillas in the original pilot project, albumin and glucose values were obtained from medical records from the same immobilization as the serum samples used to assay additional biomarkers. Otherwise, albumin and glucose for the remaining gorillas as well as the chimpanzees and bonobos, along with total cholesterol and triglycerides for all individuals, were analyzed at the Smithsonian Conservation Biology Institute in 2019 using an RX Daytona automated clinical chemistry analyzer (Randox Industries-US Ltd., Kearneysville, WV, USA). Commercially available reagents (albumin: AB3800, glucose: GL3981, cholesterol: CH3810, triglycerides: TR3823), calibrators (all: CAL2351), and two-level controls (all: HN1530, HN1532) were purchased from Randox Industries-US Ltd. The technical ranges were 3.20–50.6 g/L for albumin, 0.200–35.5 mmol/L for glucose, 0.865–16.6 mmol/L for cholesterol, and 0.134–12.7 mmol/L for triglycerides. Serum was generally run neat but was diluted 1:5 with saline (SA3854) when needed. The analyzer was subject to routine quality control measurements throughout the study. Normal and elevated controls for each analyte were maintained within two standard deviations of the respective target value.



Cortisol, DHEA-S, IL-6, and TNF-α were analyzed using solid-phase enzyme immunoassays (EIAs), with one exception. All samples were analyzed in duplicate with coefficients of variation (CVs) maintained below 10% and inter-assay CVs below 15% for high and low concentration controls. Assays for gorillas from the three pilot study zoos were completed at The Ohio State University Center for Clinical and Translation Science: Clinical Research Center in 2014. Cortisol (LKCO1) and DHEA-S (LKDS1) were measured using competitive chemiluminescent EIAs with an Immulite 1000 (Siemens Healthcare Diagnostics Inc., Deerfield, IL, USA). The calibration range for cortisol was 1–1000 µg/dL and for DHEA-S was 15–1000 µg/dL. The IL-6 (HS600B) and TNF-α (HSTA00D) EIAs were from the same manufacturer (R and D Systems, Minneapolis, MN, USA). The assay range for IL-6 was 0.20–10.0 pg/mL with a sensitivity of 0.11 pg/mL. The assay range for TNF-α was 0.5–32.0 pg/mL with a sensitivity of 0.106 pg/mL.



Assays for the remaining gorillas and all chimpanzees and bonobos were completed at the Smithsonian Conservation Biology Institute in 2019–2020. Cortisol for gorillas from the fourth zoo was measured using a solid-phase 125I radioimmunoassay (Corti-Cote RIA; 06B-256440, MP Biomedicals, Santa Ana, CA, USA) with modifications as described in [36], using 25 µL cortisol standards (0.25–60 µg/dL), controls (BioRad Lyphocheck Immunoassay Plus Control, Levels 1,2 and 3; REF370), and samples (diluted 1:20 with 0 standard), in duplicate. The RIA was validated biochemically for measuring cortisol in gorilla serum through parallelism and matrix interference assessments, and subsequent regression analyses. Serial two-fold dilutions of serum yielded a displacement curve parallel to the standard curve (y = 0.837x − 4.517, R2 = 0.974, F1,6 = 229.276, p < 0.001). There was no evidence of matrix interference, as addition of appropriately diluted serum to assay standards did not alter the amount observed (y = 0.491x − 5.574, R2 = 0.903, F1,5 = 46.910, p = 0.001). For all chimpanzees and bonobos, cortisol was measured using a double antibody EIA with a secondary goat-anti rabbit IgG antibody (A009, Arbor Assays, Ann Arbor, MI, USA) and polyclonal rabbit anti-cortisol antibody (R4866, C. Munro, University of California, Davis, CA, USA). Our protocol for this non-commercially available assay has been previously described [37]. This EIA was validated biochemically for measuring cortisol in chimpanzee and bonobo serum through parallelism and matrix interference assessments, and subsequent regression analyses. Serial two-fold dilutions of serum yielded a displacement curve parallel to the standard curve (chimp: y = 1.019x − 2.114, R2 = 0.998, F1,4 = 1753.968, p < 0.001 and bonobo: y = 0.986x + 1.449, R2 = 0.996, F1,6 = 1566.448, p < 0.001). There was no evidence of matrix interference, as addition of appropriately diluted serum (chimpanzees 1:150; bonobos 1:100) to assay standards did not alter the amount observed (chimpanzees: y = 1.183x − 13.972, R2 = 0.979, F1,7 = 321.043, p < 0.001; bonobos: y = 1.060x − 11.286, R2 = 0.992, F1,7 = 849.689, p < 0.001).



DHEA-S was analyzed using a competitive colorimetric EIA (K054, Arbor Assays, An Arbor, MI, USA) with a range of 9.6–6000 µg/dL. Samples were analyzed at a 1:100 dilution for gorillas, 1:250 for chimpanzees, and 1:200 for bonobos. The DHEA-S EIA was validated biochemically in western lowland gorilla, chimpanzee, and bonobo serum through parallelism and matrix assessment interference, and subsequent regression analyses. Serial five-fold dilutions of serum yielded a displacement curve parallel to the standard curve (gorillas: y = 1.088x − 6.520, R2 = 0.984, F1,3 = 184.242, p < 0.001; chimpanzees: y = 0.975x + 8.855, R2 = 0.994, F1,3 = 525.601, p < 0.001; bonobos: y = 0.985x + 11.015, R2 = 0.997, F1,3 = 983.034, p < 0.001). There was no evidence of matrix interference for any species, as the addition of appropriately diluted serum to assay standards did not alter the amount observed (gorillas: y = 0.748x + 110.722, R2 = 0.998, F1,3 = 1772.389, p < 0.001; chimpanzees: y = 0.915x + 653.511, R2 = 0.995, F1,3 = 566.412, p < 0.001; bonobos: y = 0.860x − 402.019, R2 = 0.999, F1,3 = 3812.135, p < 0.001).



IL-6 and TNF-α were measured using EIAs from the same manufacturer as the pilot study gorillas (R and D Systems, Minneapolis, MN, USA), but the original kits had been discontinued and replaced with an updated kit with increased sensitivity. The assay range for IL-6 (HS600C) was 0.20–10.0 pg/mL with a sensitivity of 0.09 pg/mL. Serum samples were generally diluted 1:5 for gorillas and 1:2 for chimpanzees and bonobos; any sample that exceeded the highest standard was further diluted (up to 1:40 for gorillas, up to 1:30 for chimpanzees and bonobos) until they were within the range of the standard curve. The IL-6 assay was validated via linearity (gorillas: 82.9%, chimpanzees: 96.9%, bonobos: 107.9%) and spike and recovery (gorillas: 110.3%, chimpanzees: 99.6%, bonobos: 105.7%) assessment within the range of dilutions used. For TNF-α (HSTA00E), the assay range was 0.2–10.0 pg/mL with a sensitivity of 0.049 pg/mL. Serum samples for all three species were analyzed undiluted, although some chimpanzee samples exceeded the highest standard and were further diluted up to 1:5. The TNF-α assay was validated via linearity for chimpanzees (102.7%), as the only species for which some samples needed dilution, and spike and recovery assessment for all three species (gorillas: 124%, chimpanzees: 85.6%, bonobos: 89.8%).




2.3. Allostatic Load Index


The ALI was constructed and subsequent allostatic load scores were estimated following methodologies used in our previous research on gorillas [25,26,27,28,29]. Allostatic load scores are typically estimated by determining a high-risk threshold, or cut-point, for each biomarker and then counting the number of biomarkers each individual has above or below that cut-point, depending on the biomarker. Prior to determining the cut-points for each biomarker, biomarker values for all zoos were pooled into a single dataset per species. Once pooled, data for each biomarker were analyzed to determine if there were differences between males and females (α = 0.05). Most biomarkers were right-skewed, so we used generalized linear models (GLMs) with a Gamma distribution and log-link function to examine differences by sex. Albumin for all three species and cholesterol for chimpanzees were normally distributed, so a linear regression was used in these cases. The reason for sample collection (routine, non-routine, unknown) was included as a fixed effect in all analyses. For biomarkers with significant differences between males and females, sex-specific cut-points were used when estimating allostatic load.



Once biomarkers with significant sex differences were identified, we calculated the high-risk cut-points using the quartile methodology originally proposed by Seeman and colleagues [9], with one modification. In the quartile method, the distribution of each biomarker is divided into quartiles and either the first or fourth quartile is designated as high-risk, depending on the biomarker [9]. For many biomarkers, physiological dysregulation is reflected by elevated levels, making the fourth quartile high-risk, but for albumin and DHEA-S, the first quartile (i.e., low concentrations) is considered high-risk. However, for some biomarkers the direction of the dysregulation-induced shift varies. For example, both low and high cortisol levels may indicate physiological dysregulation [38,39,40] and both high and low levels of total cholesterol have been associated with negative health outcomes [41,42,43,44]. Therefore, for cortisol and total cholesterol, we modified the original methodology and used a two-tailed split quartile (top and bottom 12.5% of the distribution) to reflect that dysregulation of these biomarkers can be characterized by either high or low concentrations. Statistical associations of each biomarker with sex as well as the cut-points assigned for each biomarker by species are presented in Table 1. As this ALI contains eight biomarkers, allostatic load scores for each individual could range anywhere from 0, meaning there are no biomarkers within the high-risk quartile, to 8, indicating all biomarkers are within the high-risk quartile. For animals with some missing values, those biomarkers were not counted toward an animal’s allostatic load score (e.g., if an animal was missing values for two biomarkers, its maximum allostatic load would be 6).




2.4. Predictors and Outcomes of Higher Allostatic Load


Data on potential predictors and outcomes of higher allostatic load were obtained from ZIMS [45] and/or husbandry and medical records provided by each participating zoo. Potential predictors of higher allostatic load included age, sex, the cumulative number of stressful events experienced over the lifespan, differences in parity for females, and rearing history. Stressful events were defined as immobilizations, transfers between holding institutions, aggression resulting in wounding or injury, and pregnancies for females. While zoo-housed great apes likely experience other events as being stressful, such as agonistic interactions without wounding, disruptions to the social dominance hierarchy, or changes in group composition, these events are not consistently recorded in zoo records and so could not be analyzed in this retrospective study. When possible, stressful events were counted from date of birth up until the date of sample collection for each individual. However, digital daily record keeping has only been a practice for the past two or three decades and records often do not accompany animals when they are transferred between institutions, so retrospective data may be incomplete for older individuals or those who have moved from their birth institution. Each individual was assigned one of five rearing histories: wild-caught or, for zoo-born animals, mother-reared, nursery-reared (i.e., reared by human caretakers), surrogate-reared (i.e., reared by a different female of the same species), or peer-reared (i.e., reared with other members of the same species without a maternal figure). Risk of chronic all-cause morbidity, cardiac disease, and all-cause mortality were included as outcome variables. Examples of conditions identified as chronic morbidities include osteoarthritis, hypothyroidism, neoplasia, obesity, and cardiac disease. Those with cardiac disease were analyzed as a subset of all-cause morbidity due to the high prevalence of this condition within zoo-housed great apes [46,47,48]. Records were not provided for seven bonobos; these individuals were excluded from all analyses except for those obtainable via ZIMS [45], including age, sex, number of transfers, and age at death (if applicable).




2.5. Quantitative Analyses


To test whether age, sex, stressful events, parity, or rearing history predicted higher allostatic load in gorillas, chimpanzees, or bonobos, we used generalized linear mixed models (GLMMs) with a Poisson distribution and a log-link function. The reason for sample collection was included as a fixed effect to account for any differences in scores obtained from non-routine immobilizations. Zoo was included as a random effect in all predictor models. To determine if allostatic load is predictive of health outcomes, we used binomial GLMMs with logit links to assess risk of all-cause morbidity and cardiac disease. We used Cox proportional hazards models based on time from sample collection to date of death to analyze whether allostatic load predicts mortality risk. Censored animals were still alive as of October 15, 2022. For both GLMMs and Cox proportional hazards models, we first analyzed models containing allostatic load, age, sex, or age and sex. Out of these four models, if the model containing age, sex, or age and sex had the best model fit, as determined by the lowest Akaike’s information criterion adjusted for small sample sizes (AICc), a fifth model would be analyzed with allostatic load added to determine if its inclusion improved model fit over having age and/or sex alone. As with predictor models, the reason for sample collection was included as a fixed effect. All GLMMs were analyzed using the “lme4” package [49] and mortality risk was estimated using “survival” [50], with AICc values for all models determined using the “MuMIn” package [51], in R [52].





3. Results


Descriptive statistics for predictor (e.g., stressful events, rearing history) and outcome (e.g., chronic conditions, mortality) variables by species are presented in Table 2. Allostatic load ranged from 0–6 (  x ¯   = 1.91, SD = 1.45) in gorillas, 0–6 (  x ¯   = 2.00, SD = 1.45) in chimpanzees, and 0–7 (  x ¯   = 2.24, SD = 1.64) in bonobos (Figure 1). Allostatic load was significantly lower for animals whose samples were collected during routine examinations compared to those collected during non-routine immobilizations for gorillas (β = −0.759, SE = 0.169, p < 0.001) and chimpanzees (β = −0.309, SE = 0.152, p = 0.042), but not for bonobos (β = −0.533, SE = 0.350, p = 0.128), supporting the inclusion of immobilization reason as a covariate in our analyses.



3.1. Predictors of Higher Allostatic Load


Model estimates, standard errors, and p-values for each possible predictor of higher allostatic load are available by species in Table 3. Variation in allostatic load for dichotomous variables (e.g., male vs. female, wild-caught vs. zoo-born) is presented in Table 4. After taking into account the reason for immobilization, older age was significantly associated with higher allostatic load in gorillas and chimpanzees but not bonobos. Sex was not significantly associated with allostatic load in any species. Cumulative stressful events had a significant positive association with allostatic load in chimpanzees but not gorillas or bonobos. When types of stressful events were examined individually, the number of transfers, wounding events, or immobilizations were not associated with allostatic load in gorillas, chimpanzees, or bonobos. There was no association between parity and allostatic load in female gorillas or chimpanzees and there were insufficient data to analyze this variable in female bonobos. Finally, being zoo-born as opposed to wild-caught was associated with a 46.4% reduction in allostatic load in gorillas, but this variable was not significantly associated with allostatic load in chimpanzees or bonobos. Among zoo-born individuals, differences between mother- and nursery-reared conspecifics were not significant for any species. As older animals are likely to have experienced more stressful events and pregnancies and were more likely to be wild-caught or reared by hand, we analyzed additional models for stressful events (cumulative and separately by type), parity, birthplace and rearing history with age included as a covariate. For gorillas, when age was included as a covariate, there was no longer a significant difference between zoo-born and wild-caught animals (β = −0.404, SE = 0.320, p = 0.207). In chimpanzees, the association between total stressful events was no longer significant when age was included as a covariate (β = −0.004, SE = 0.002, p = 0.080). Additionally, the three results in chimpanzees that approached significance no longer did so after age was included as a covariate (immobilizations: β = 0.004, SE = 0.009, p = 0.651; parity: β = 0.427, SE = 0.347, p = 0.219); birthplace: β = 0.004, SE = 0.186, p = 0.982).




3.2. Outcomes of Higher Allostatic Load


Variation in allostatic load for the dichotomous health outcome variables is presented in Table 5. Including allostatic load in models did not improve the relative goodness of fit for predicting health outcomes for any species. Risk of all-cause morbidity was best explained by age and sex in gorillas and age alone in chimpanzees and bonobos (Table 6). Each 5-year increase in age was associated with an increase in all-cause morbidity risk of 60% for gorillas, 30% for chimpanzees, and 105% for bonobos. In gorillas, males were nearly ten-times more likely to be affected by a chronic condition than females. The same pattern for all-cause morbidity was also observed with cardiac disease, with risk best explained by age and sex in gorillas and only age in chimpanzees and bonobos (Table 7). Risk of cardiac disease increased 45%, 15%, and 50% with every 5-year increase in age in gorillas, chimpanzees, and bonobos, respectively, and male gorillas were 13-times more likely to be affected than females. In gorillas and bonobos, age alone was the best predictor of mortality risk, although the variable was not significant in the best-fit model for bonobos, while both age and sex best predicted mortality in chimpanzees (Table 8). In both gorillas and bonobos, every 5-year increase in age was associated with a 35% increase in mortality risk. In chimpanzees, a 5-year increase in age was associated with a 25% increased risk of mortality and males had two-fold higher mortality risk than females.





4. Discussion


Based on research in humans and our past studies in gorillas, fewer variables than expected predicted higher allostatic load in gorillas, chimpanzees, and bonobos. Age was significantly associated with allostatic load in gorillas and chimpanzees but not in bonobos. Numerous studies in humans have reported positive associations between allostatic load and age [53,54,55] and we have previously observed this with some gorilla studies [25,27]. Allostatic load was lower in males across the three species but the differences were not significant. Sex differences are inconsistent in human populations, with different studies reporting men have higher [21,56,57], lower [58,59,60], or similar [17,61,62] allostatic load relative to women. Although there was a positive relationship between cumulative stressful events and allostatic load for all three species, it was only significant for chimpanzees. When analyzed individually, no single type of stressful event was significantly associated with allostatic load in any species. These results may indicate that the events we identified as stressful may not be perceived that way or contribute to allostatic load in these species and other events may have more salient effects. For example, negative social interactions irrespective of wounding may be more important to these species than wounding alone. Despite allostatic load theory suggesting that increased stressful events will directly contribute to higher allostatic load [8,55], this relationship is not as well tested in humans as those of allostatic load with many other predictors and outcomes. A few studies have reported a positive association between stressful events or experiences and allostatic load [17,63,64,65], but others have not [66,67,68,69]. Previously, we observed stressful events were significantly associated with allostatic load in gorillas at one zoo [25] but not others [27]. Allostatic load did not vary significantly between parous and nulliparous females for gorillas or chimpanzees in this study. This particular variable has not yet been analyzed in women and our previous reports on gorillas also did not document differences in female allostatic load based on parity [25,27], perhaps suggesting that although there are physiological costs of reproduction, these costs do not result in cumulative wear and tear over the lifetime. Zoo-born gorillas had significantly lower allostatic load than wild-caught individuals, but the difference was not significant for chimpanzees or bonobos. Given the age at which it occurs and the nature of capture from the wild, it may represent a form of early life adversity that zoo-born conspecifics do not experience. Similarly, adverse childhood experiences are associated with higher allostatic load in humans [15,68,70,71]. Among zoo-born individuals, there were no significant differences between mother- and nursery-reared gorillas, chimpanzees, or bonobos. We previously observed higher allostatic load in wild-caught compared to mother- and nursery-reared gorillas but not between mother- and nursery-reared individuals [13,20,21,70,71,72]. Differing results when age was included as a covariate suggest the significant and near significant associations with allostatic load that were observed for some variables may be better explained by age.



Allostatic load by itself did not significantly predict any outcome variable other than mortality risk in gorillas, and the variable did not improve relative goodness of fit for predicting all-cause morbidity, cardiac disease, or mortality risk for gorillas, chimpanzees, or bonobos. Instead, age and sex best predicted all-cause morbidity and cardiac disease in gorillas, and age alone best predicted these two health outcomes in chimpanzees and bonobos. Mortality risk was best predicted by age in gorillas and bonobos, and age and sex in chimpanzees. Numerous studies in humans have documented the connection between higher allostatic load and poor health outcomes, including cardiac disease [13,20,21,72,73,74] and others such as diabetes, arthritis, obesity, periodontal disease, and cancer [13,18,19,21,74,75,76]. Higher allostatic load in humans also is associated with increased mortality risk [9,19,22,23,77,78,79,80,81,82,83]. In previous work with gorillas using similar quantitative approaches, allostatic load was retained in best-fit models for mortality risk but not for risk of all-cause morbidity or cardiac disease [53].



Given the few associations reported herein and in some previous work with gorillas, it is possible that the ALIs constructed thus far are not the “right fit” for gorillas, chimpanzees, or bonobos, and that other combinations of biomarkers or perhaps other methods of constructing or determining the cut-points may be better suited to estimating allostatic load in these species. As physiological decline is naturally observed with aging for many biomarkers [12,30,31], an association between allostatic load and age may be one way of validating that the constructed index is measuring physiological dysregulation. As such, the association between allostatic load and age for gorillas and chimpanzees indicates that the index should be sensitive to physiological dysregulation; there is no reason to expect differing results in bonobos and so we suspect sample size and variability may be an issue. However, even if the index is reflective of physiological dysregulation, it still fails to vary in relation to most predictor variables and does not predict health-related outcomes, indicating that the ALI herein may be insufficient for measuring physiological dysregulation in African great apes. Despite criticism [30,31], there still is no set standard ALI for human research, nor an established method for identifying which biomarkers are best to include. While the initial iteration of allostatic load in humans was not intended to be a “gold standard” and the authors encouraged continued biomarker discovery [9], lack of consensus or method for identifying the best biomarkers presents a challenge for researchers working with new species using limited funds as well as limited sample availability and volume. Alternatively, while our group and others see the potential of applying allostatic load indices to animals to help advance studies of health and welfare, we must point out it is also possible that, although a valid tool in human research, allostatic load is not appropriate for other species, even those most closely related to us. Differences between the results reported here and those we previously reported in gorillas may also partially be explained by an increase in the sophistication and complexity of statistical approaches used; for example, we previously did not include the reason for immobilization in our analyses or use Poisson regressions when examining effects of predictors on allostatic load.



There were multiple limitations during this study that must be considered when interpreting the results. First, the differences between allostatic load scores estimated using samples collected during routine exams with those collected during non-routine immobilizations suggest that estimates of allostatic load may be more accurate if using only samples from routine immobilizations. As this was a retrospective study and we were often unable to obtain routine immobilization samples for some individuals, we included it as a covariate in the models, but prospective projects may be better able to control for this variation. Additionally, because animals move between institutions and their records often do not travel with them, the historical data we could obtain for each individual were highly variable. For some, we have daily or near daily notes from time of birth up to the date of sample. For others who are older and were born before regular digital record keeping and/or who were transferred, we may be missing years or even decades of data that contribute to our counts of cumulative stressful events. Furthermore, as previously mentioned, the perception of events as stressors is highly individualized and it is possible that the events we selected as stressors were not those with the most substantial impact on allostatic load development in these species. Social factors such as position in the dominance hierarchy, which could not be examined here due to the limitations of retrospective research (i.e., records of hierarchies are not maintained at all institutions), may be an important predictor and/or mediator of allostatic load in gregarious species like great apes and as such be a critical covariate that we are missing. Similar variables in humans, such as socioeconomic status and educational attainment [12,13,19,54,61,84,85], predict allostatic load and can mediate the pathway from stressful events to later life disease. These limitations may contribute to the lack of significant associations between stressful events and allostatic load, both cumulative and by type. Finally, while all animals in this study were under the care of veterinary teams, there may be undiagnosed or incipient conditions in those currently marked as having no chronic conditions that impact these results. Furthermore, there may be differences in allostatic load between those with no or single conditions and those that suffer from co-morbidities, as observed in humans [15,84]. How long an individual has experienced a condition, as chronic conditions themselves can represent stressors [85], and whether the condition is medically controlled also may contribute to allostatic load.



Given the wide-ranging body of research on allostatic load in humans suggesting allostatic load may be a pathway through which events over the lifespan contribute to health outcomes in later life, there is considerable interest among those who study animals in the possibility of applying allostatic load theory and methods to non-human species. Herein, we constructed an ALI for gorillas, chimpanzees, and bonobos using the same eight biomarkers and compared predictors and outcomes of higher allostatic load between the three species. Higher allostatic load was predicted by older age in gorillas and chimpanzees, more stressful events in chimpanzees, and being wild-caught for gorillas. However, these latter results also correlated with age. In turn, allostatic load was not included in the best-fit models for predicting risk of all-cause morbidity, cardiac disease, or mortality risk for gorillas, chimpanzees, or bonobos. Although African great apes are our closest relatives, many of the results reported herein are inconsistent with the large body of allostatic load research conducted in humans. As those developed so far do not seem to be the best fit, additional research may help optimize ALIs for these species. Developing a method to identify biomarkers that would be best to include in species-specific ALIs is a necessary next step for advancing this research area.
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Figure 1. Distribution of allostatic load scores in zoo-housed (A) western lowland gorillas, (B) chimpanzees, and (C) bonobos. 
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Table 1. Variation in each biomarker by sex and assigned cut-points for calculating allostatic load in zoo-housed western lowland gorillas, chimpanzees, and bonobos.
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Gorillas

	
Chimpanzees

	
Bonobos




	

	

	
Variation by Sex

	
Cut-

Point (s)

	

	
Variation by Sex

	
Cut-

Point (s)

	

	
Variation by Sex

	
Cut-

Point (s)




	

	
n

	
β

	
SE

	
p

	

	
n

	
β

	
SE

	
p

	

	
n

	
β

	
SE

	
p

	






	
Albumin

	
63

	
3.897

	
1.087

	
<0.001

	
M ≤ 35.04;

F ≤ 30.42

	
148

	
2.871

	
0.719

	
<0.001

	
M ≤ 30.94;

F ≤ 28.50

	
33

	
0.763

	
1.101

	
0.494

	
≤31.57




	
TC

	
61

	
0.035

	
0.057

	
0.537

	
≤5.01,

≥7.90

	
148

	
−0.030

	
0.180

	
0.867

	
≤2.90,

≥5.40

	
33

	
−0.122

	
0.071

	
0.085

	
≤4.55,

≥6.28




	
Cortisol

	
68

	
−0.662

	
0.114

	
<0.001

	
M ≤ 7.21,

≥14.38;

F ≤ 8.67,

≥34.55

	
142

	
−0.555

	
0.083

	
<0.001

	
M ≤ 9.70,

≥19.52;

F ≤ 11.01,

≥42.99

	
32

	
−0.369

	
0.117

	
0.002

	
M ≤ 9.30,

≥15.14;

F ≤ 10.64,

≥28.21




	
DHEA-S

	
68

	
−0.012

	
0.265

	
0.964

	
≤16.85

	
142

	
0.457

	
0.118

	
<0.001

	
M ≤ 411.0;

F ≤ 250.0

	
33

	
−0.037

	
0.186

	
0.844

	
≤310.12




	
Glucose

	
62

	
0.031

	
0.073

	
0.670

	
≥4.77

	
148

	
−0.033

	
0.060

	
0.582

	
≥5.97

	
33

	
−0.174

	
0.094

	
0.065

	
≥4.81




	
IL-6

	
68

	
0.222

	
0.184

	
0.229

	
≥6.38

	
134

	
−0.181

	
0.217

	
0.404

	
≥11.43

	
33

	
−1.457

	
0.405

	
<0.001

	
M ≥ 5.74;

F ≥ 5.95




	
TG

	
61

	
−0.314

	
0.137

	
0.022

	
M ≥ 1.36;

F ≥ 1.95

	
148

	
−0.217

	
0.087

	
0.013

	
M ≥ 1.19;

F ≥ 1.49

	
33

	
−0.110

	
0.153

	
0.472

	
≥1.14




	
TNF-α

	
68

	
−0.804

	
0.260

	
0.002

	
M ≥ 0.54;

F ≥ 0.94

	
141

	
0.022

	
0.094

	
0.814

	
≥1.31

	
33

	
−0.471

	
0.182

	
0.010

	
M ≥ 0.75;

F ≥ 0.99








TC: total cholesterol; DHEA-S: dehydroepiandrosterone-sulfate; IL-6: interleukin-6; TG: triglycerides; TNF-α: tumor necrosis factor-alpha. Reference groups for sex: male.
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Table 2. Descriptive statistics for stressful events, parity, birthplace, rearing history, chronic conditions, cardiac disease, and mortality in gorillas, chimpanzees, and bonobos.






Table 2. Descriptive statistics for stressful events, parity, birthplace, rearing history, chronic conditions, cardiac disease, and mortality in gorillas, chimpanzees, and bonobos.





	

	

	
Gorillas

	
Chimpanzees

	
Bonobos




	
Variable

	
n

	
Range

	
    x ¯    

	
SD

	
n

	
Range

	
    x ¯    

	
SD

	
n

	
Range

	
    x ¯    

	
SD






	
Total stressful events

	

	
3–151

	
35.78

	
26.60

	

	
1–156

	
33.97

	
32.60

	

	
1–87

	
16.25

	
19.43




	

	
Transfers

	

	
0–6

	
1.38

	
1.21

	

	
0–5

	
1.16

	
1.12

	

	
0–3

	
1.30

	
0.98




	

	
Wounding

	

	
0–133

	
23.99

	
23.47

	

	
0–147

	
26.32

	
30.86

	

	
1–45

	
11.50

	
12.15




	

	
Immobilizations

	

	
1–26

	
9.68

	
6.10

	

	
1–42

	
8.90

	
8.71

	

	
1–44

	
8.5

	
10.20




	
Parity (females only)

	
34

	

	

	

	
88

	

	

	

	
15

	

	

	




	

	
Nulliparous

	
12

	

	

	

	
10

	

	

	

	
0

	

	

	




	

	
Parous

	
20

	
1–16

	

	

	
32

	
1–9

	

	

	
7

	
2–6

	

	




	

	
Unknown

	
2

	

	

	

	
46

	

	

	

	
8

	

	

	




	
Birthplace

	

	

	

	

	

	

	

	

	

	

	

	




	

	
Wild

	
10

	

	

	

	
30

	

	

	

	
8

	

	

	




	

	
Zoo

	
58

	

	

	

	
103

	

	

	

	
22

	

	

	




	

	
Unknown

	

	

	

	

	
15

	

	

	

	
3

	

	

	




	
Rearing history (zoo-born)

	
58

	

	

	

	
103

	

	

	

	

	

	

	




	

	
Mother-reared

	
24

	

	

	

	
70

	

	

	

	
19

	

	

	




	

	
Nursery-reared

	
33

	

	

	

	
27

	

	

	

	
3

	

	

	




	

	
Surrogate-reared

	
1

	

	

	

	

	

	

	

	

	

	

	




	

	
Peer-reared

	

	

	

	

	
6

	

	

	

	

	

	

	




	
Chronic condition(s)

	
31

	

	

	

	
81

	

	

	

	
6

	

	

	




	
Cardiac disease

	
23

	

	

	

	
49

	

	

	

	
5

	

	

	




	
Dead

	
29

	

	

	

	
51

	

	

	

	
6
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Table 3. Associations of predictor variables with allostatic load in zoo-housed western lowland gorillas, chimpanzees, and bonobos; bold values are significant at p ≤ 0.05.
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Gorillas

	
Chimpanzees

	
Bonobos




	

	

	
β

	
SE

	
p

	
β

	
SE

	
p

	
β

	
SE

	
p






	
Age

	
0.678

	
0.289

	
0.010

	
0.014

	
0.005

	
0.003

	
0.006

	
0.010

	
0.535




	
Sex

	
−0.139

	
0.181

	
0.443

	
−0.083

	
0.122

	
0.499

	
−0.213

	
0.252

	
0.397




	
Stressful events

	
0.000

	
0.003

	
0.946

	
0.005

	
0.002

	
0.022

	
0.001

	
0.007

	
0.778




	

	
Transfers

	
0.077

	
0.072

	
0.289

	
0.002

	
0.059

	
0.977

	
0.093

	
0.109

	
0.393




	

	
Wounding

	
−0.001

	
0.004

	
0.754

	
0.003

	
0.002

	
0.142

	
−0.005

	
0.013

	
0.673




	

	
Immobilizations

	
0.016

	
0.014

	
0.238

	
0.014

	
0.008

	
0.077

	
0.008

	
0.013

	
0.547




	
Parity (females only)

	
0.091

	
0.267

	
0.733

	
0.588

	
0.320

	
0.066

	

	

	




	
Zoo-born vs. wild-caught

	
−0.623

	
0.223

	
0.005

	
−0.257

	
0.140

	
0.066

	
−0.138

	
0.309

	
0.654




	
Mother- vs. nursery-reared

	
−0.321

	
0.228

	
0.159

	
−0.033

	
0.171

	
0.847

	
0.693

	
0.606

	
0.252








Reference groups for binary predictors: Sex: male, Parity: parous, Zoo-born vs. wild-caught: zoo-born, Mother- vs. nursery-reared: mother-reared.
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Table 4. Differences in allostatic load for dichotomous predictor variables in zoo-housed western lowland gorillas, chimpanzees, and bonobos.
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Gorillas

	
Chimpanzees

	
Bonobos




	

	

	
Range

	
    x ¯    

	
SD

	
Range

	
    x ¯    

	
SD

	
Range

	
    x ¯    

	
SD






	
Sex

	
Males

	
0–4

	
1.68

	
1.12

	
0–6

	
2.33

	
1.65

	
0–7

	
2.17

	
1.54




	

	
Females

	
0–6

	
2.15

	
1.71

	
0–6

	
2.02

	
1.38

	
0–6

	
2.33

	
1.80




	
Parity

	
Nulliparous

	
0–3

	
1.83

	
1.27

	
0–2

	
1.20

	
0.92

	

	

	




	

	
Parous

	
0–6

	
2.35

	
1.98

	
0–6

	
2.15

	
1.48

	

	

	




	
Birthplace

	
Wild-caught

	
1–6

	
3.70

	
1.49

	
0–5

	
2.16

	
1.46

	
0–7

	
3.00

	
2.20




	

	
Zoo-born

	
0–5

	
1.60

	
1.21

	
0–6

	
1.93

	
1.44

	
0–6

	
2.09

	
1.44




	
Rearing

(zoo-born)

	
Mother-reared

	
0–4

	
1.42

	
1.21

	
0–6

	
1.90

	
1.44

	
0–6

	
2.26

	
1.48




	
Nursery-reared

	
0–5

	
1.73

	
1.23

	
0–5

	
1.93

	
1.57

	
1

	
1.00

	
0.00
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Table 5. Differences in allostatic load for dichotomous 0.1 health outcome variables in zoo-housed western lowland gorillas, chimpanzees, and bonobos.
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Gorillas

	
Chimpanzees

	
Bonobos




	

	

	
Range

	
    x ¯    

	
SD

	
Range

	
    x ¯    

	
SD

	
Range

	
    x ¯    

	
SD






	
All-cause morbidity

	
Unaffected (0)

	
0–6

	
1.68

	
1.40

	
0–5

	
1.88

	
1.36

	
1–5

	
2.15

	
1.31




	
Affected (1)

	
0–5

	
2.19

	
1.49

	
0–6

	
2.11

	
1.52

	
1–3

	
2.00

	
0.89




	
Cardiac disease

	
Unaffected (0)

	
0–6

	
1.91

	
1.55

	
0–6

	
1.98

	
1.43

	
1–5

	
2.15

	
1.28




	
Affected (1)

	
0–4

	
1.91

	
1.28

	
0–6

	
2.06

	
1.52

	
1–3

	
2.00

	
1.00




	
Mortality

	
Alive (0)

	
0–4

	
1.49

	
0.97

	
0–5

	
1.87

	
1.30

	
0–6

	
2.15

	
1.46




	
Dead (1)

	
0–6

	
2.48

	
1.79

	
0–6

	
2.33

	
1.66

	
0–7

	
2.67

	
2.42
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Table 6. Risk of all-cause morbidity in zoo-housed western lowland gorillas, chimpanzees, and bonobos; the best-fit model, as determined by the lowest AICc score, is in bold.
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Allostatic Load

	
Age

	
Sex

	




	
Species

	
p

	
OR

	
95% CI

	
p

	
OR

	
95% CI

	
p

	
OR

	
95% CI

	
AICc






	
Gorillas

(n = 68)

	
0.070

	
1.45

	
0.99–2.25

	

	

	

	

	

	

	
96.39




	

	

	

	
0.0003

	
1.12

	
1.06–1.21

	

	

	

	
79.18




	

	

	

	

	

	

	
0.033

	
2.98

	
1.11–8.40

	
95.25




	

	

	

	
0.0001

	
1.16

	
1.09–1.27

	
0.004

	
9.75

	
2.37–56.40

	
70.87




	
0.452

	
1.23

	
0.72–2.18

	
0.0002

	
1.16

	
1.08–1.26

	
0.004

	
10.02

	
2.42–58.71

	
72.32




	
Chimpanzees

(n = 148)

	
0.536

	
1.08

	
0.85–1.37

	

	

	

	

	

	

	
201.70




	

	

	

	
0.0004

	
1.06

	
1.03–1.09

	

	

	

	
188.25




	

	

	

	

	

	

	
0.155

	
0.60

	
0.30–1.21

	
200.04




	

	

	

	
0.0008

	
1.05

	
1.02–1.09

	
0.473

	
0.76

	
0.36–1.60

	
189.88




	
0.715

	
0.95

	
0.73–1.23

	
0.0005

	
1.06

	
1.03–1.09

	

	

	

	
190.26




	
Bonobos

(n = 33)

	
0.635

	
0.79

	
0.24–1.84

	

	

	

	

	

	

	
34.75




	

	

	

	
0.025

	
1.21

	
1.06–1.50

	

	

	

	
24.97




	

	

	

	

	

	

	
0.693

	
0.67

	
0.07–4.99

	
34.84




	

	

	

	
0.031

	
1.22

	
1.06–1.55

	
0.784

	
1.45

	
0.10–31.19

	
27.71




	
0.201

	
0.37

	
0.05–1.33

	
0.037

	
1.33

	
1.09–1.86

	

	

	

	
25.57








Analyzed using binomial generalized linear models with logit links. Reference groups: All-cause morbidity: 1 = had chronic condition, Sex: male. AICc—Akaike’s information criterion, adjusted for small sample sizes.
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Table 7. Risk of cardiac disease in zoo-housed western lowland gorillas, chimpanzees, and bonobos; the best-fit model, as determined by the lowest AICc score, is in bold.






Table 7. Risk of cardiac disease in zoo-housed western lowland gorillas, chimpanzees, and bonobos; the best-fit model, as determined by the lowest AICc score, is in bold.





	

	
Allostatic Load

	
Age

	
Sex

	




	
Species

	
p

	
OR

	
95% CI

	
p

	
OR

	
95% CI

	
p

	
OR

	
95% CI

	
AICc






	
Gorillas

(n = 68)

	
0.593

	
1.12

	
0.75–1.70

	

	

	

	

	

	

	
92.03




	

	

	

	
0.024

	
1.05

	
1.01–1.11

	

	

	

	
86.76




	

	

	

	

	

	

	
0.002

	
6.25

	
2.05–22.08

	
81.50




	

	

	

	
0.005

	
1.09

	
1.03–1.17

	
0.001

	
13.08

	
3.29–76.73

	
73.63




	
0.957

	
0.99

	
0.59–1.65

	
0.007

	
1.09

	
1.03–1.17

	
0.001

	
13.05

	
3.28–76.68

	
75.96




	
Chimpanzees

(n = 148)

	
0.894

	
1.02

	
0.80–1.30

	

	

	

	

	

	

	
191.70




	

	

	

	
0.029

	
1.03

	
1.00–1.06

	

	

	

	
186.83




	

	

	

	

	

	

	
0.901

	
1.05

	
0.51–2.13

	
191.70




	

	

	

	
0.024

	
1.03

	
1.01–1.07

	
0.521

	
1.28

	
0.60–2.72

	
188.56




	
0.696

	
0.95

	
0.74–1.22

	
0.028

	
1.03

	
1.00–1.07

	

	

	

	
188.82




	
Bonobos

(n = 33)

	
0.594

	
0.74

	
0.18–1.87

	

	

	

	

	

	

	
31.84




	

	

	

	
0.080

	
1.10

	
1.00–1.26

	

	

	

	
28.35




	

	

	

	

	

	

	
0.924

	
1.11

	
0.11–10.91

	
32.15




	

	

	

	
0.081

	
1.11

	
1.00–1.29

	
0.610

	
1.92

	
0.16–33.67

	
30.90




	
0.440

	
0.60

	
0.10–1.76

	
0.082

	
1.12

	
1.00–1.32

	

	

	

	
30.43








Analyzed using binomial generalized linear models with logit links. Reference groups: Cardiac disease: 1 = affected, Sex: male. AICc—Akaike’s information criterion, adjusted for small sample sizes.
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Table 8. Risk of all-cause mortality in zoo-housed western lowland gorillas and chimpanzees; the best-fit model, as determined by the lowest AICc score, is in bold.
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Gorillas

	
Chimpanzees

	
Bonobos




	
Model

	
β

	
HR

	
SE

	
z

	
p

	
AICc

	
β

	
HR

	
SE

	
z

	
p

	
AICc

	
β

	
HR

	
SE

	
z

	
p

	
AICc






	
AL

	
0.41

	
1.51

	
0.16

	
2.60

	
0.009

	
204.7

	
0.16

	
1.18

	
0.10

	
1.67

	
0.096

	
426.1

	
0.22

	
1.24

	
0.26

	
0.82

	
0.412

	
28.8




	
Age

	
0.07

	
1.07

	
0.01

	
4.83

	
<0.001

	
189.3

	
0.04

	
1.04

	
0.01

	
3.79

	
<0.001

	
415.0

	
0.07

	
1.07

	
0.04

	
1.60

	
0.109

	
26.9




	
Sex

	
0.03

	
1.03

	
0.39

	
0.07

	
0.944

	
211.8

	
0.45

	
1.57

	
0.29

	
1.53

	
0.126

	
426.5

	
1.52

	
4.59

	
1.15

	
1.33

	
0.185

	
27.3




	
Age + Sex

	

	

	

	

	
189.3

	

	

	

	

	

	
410.9

	

	

	

	

	

	
29.2




	
Age

	
0.08

	
1.09

	
0.02

	
4.86

	
<0.001

	

	
0.05

	
1.05

	
0.01

	
4.27

	
<0.001

	

	
0.09

	
1.09

	
0.05

	
1.66

	
0.097

	




	
Sex

	
0.69

	
2.00

	
0.45

	
1.56

	
0.120

	

	
0.78

	
2.18

	
0.31

	
2.53

	
0.011

	

	
1.75

	
5.76

	
1.19

	
1.47

	
0.142

	




	
Age and/or Sex + AL

	

	

	
191.7

	

	

	

	

	

	
411.3

	

	

	

	

	

	
31.8




	
Age

	
0.07

	
1.07

	
0.02

	
3.98

	
<0.001

	

	
0.05

	
1.05

	
0.01

	
4.23

	
<0.001

	

	
0.06

	
1.06

	
0.04

	
1.35

	
0.176

	




	
Sex

	

	

	

	

	

	

	
0.73

	
2.09

	
0.31

	
2.38

	
0.017

	

	

	

	

	

	

	




	
AL

	
0.03

	
1.03

	
0.16

	
0.21

	
0.836

	

	
0.14

	
1.15

	
0.10

	
1.47

	
0.141

	

	
0.09

	
1.09

	
0.28

	
0.31

	
0.757

	








Analyzed using Cox proportional hazards models. Reference groups: All-cause mortality: 1 = deceased, Sex: male. AICc—Akaike’s information criterion, adjusted for small sample sizes.
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