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Abstract: The overall seismicity of Pakistan from 1820 to 2020 is analysed in terms of its multifractal
behaviour. Seismic events of magnitude ML = 3.0 and above are spatially clustered into four dis-
tinct groups, each one corresponding to a different region of high seismic activity. The Multifractal
Detrended Fluctuation Analysis (MFDA) method applied on each cluster reveals pronounced inter-
cluster heterogeneity in terms of the resulting generalised Hurst exponent and fractality spectrum,
possibly due to the particular tectonic characteristics of the regions under investigation. Addi-
tional results on the variability of the Gutenberg–Richter b-value across the defined clusters further
corroborate the uniqueness of the seismic profile of each region.

Keywords: earthquakes; catalog data; MFDFA; hurst exponent

1. Introduction

Earthquakes are extremely catastrophic natural events that can severely impact both
people and property. Urban populations worldwide suffer the catastrophic consequences
from the tremendous energy that is released by strong earthquakes, especially if the earth-
quake’s epicentre is nearby. Disastrous earthquakes are unavoidable as a result of natural
events, but they are very hard to forecast accurately, i.e., when and where they will occur.
Therefore, finding credible seismic precursors is one of science’s greatest challenges [1–8].
The topic of earthquake forecasting is still subject to debate, according to Conti et al. [9].

Earthquake occurrences have long been considered to be governed by the complex
dynamics driving self-organised critical (SOC) systems [10,11]. Spatiotemporal correlations
of earthquake events have been attributed to the fractal nature of the seismic sequence
evolution in the space and time domain [12,13]. Arguably, the majority of research involves
the study of correlations in the time domain [14–19] with a focus on cluster discovery
of seismic events in time [16–18] and on inter-event time distribution modelling [19].
Exclusively spatial correlations have also been investigated [20–24], albeit to a lesser extent,
in which case seismic clusters in the space domain are sought [20–22] and the inter-distance
distribution of seismic events is modelled [23,24]. Joint, spatiotemporal correlation is a
major research topic in earthquake research and it is usually attributed to possible fractal
behaviour of seismic activity [25–27]. Some studies as in Corral et al. [16], approach the
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spatial aspect of the spatiotemporal analysis by incrementally sweeping the longitude and
latitude of the spatial area under investigation, regardless of the region-specific tectonic
features. Bak et al. [21] and Christensen et al. [28], selectively study regions wherein
significant tectonic activity has been observed.

As opposed to spatial and temporal correlations, earthquake magnitude correlations
have not been studied as extensively. Some related work can be found in Lennartz et al. [19]
where the earthquake magnitudes of Northern and Southern California were analysed in
terms of their fractal characteristics. Similarly, Aggarwal et al. [29] and Kayal et al. [30]
have investigated the magnitude sequence of seismic events in Western India, with the
former analysing the fractality of the region as a whole and the latter deriving local fractal
properties on small area patches comprising the whole region. Detrended Fluctuation
Analysis (DFA) [31] has been extensively applied in the magnitude time series with notable
examples being the work of Lennartz et al. [19] and Varotsos et al. [32] focusing on the
seismic catalogs of California and the work of Varotsos et al. [15] wherein the seismic catalog
of Japan is studied. MDFA [33], a generalisation of DFA, has been applied on earthquake
magnitude series by Aggarwal et al. [29] in Western India and by Flores-Márquez et al. [34]
in Southern Mexico.

In the present work, an extensive earthquake magnitude catalog for Pakistan during
the period 1820–2020 is studied under the multifractal framework employing the MDFA
method. The motivation of this work is the paper of Flores-Márquez et al. [34], in which
the multifractality of a wide area is investigated by determining non-overlapping seismic
zones that diachronically exhibit high seismic activity. The present work focuses on seismic
clusters that are formed a-posteriory by analyzing seismic data from various catalogs
for Pakistan. The Gutenberg-Richter b-value [35], quantifying the magnitude-frequency
relation of earthquakes, is employed to differentiate the seismic profile of each cluster. To
the knowledge of the authors, this is the first time that Pakistani earthquake catalog data of
such a long period is utilised with the application of multifractal methods.

The following sections present, at first, the division of the studied area, vis-a-vis the
seismicity distribution. Then, the method of Multifractal Detrended Fluctuation Analy-
sis (MFDFA) is described followed by the description of the derivation of catalog data.
Thereafter, the clustering of data is presented along with the related results and discussion.

2. Materials and Methods
2.1. Area of Study and Seismicity of the Period

Pakistan is situated at the junction of the three tectonic plates namely the Indian,
Eurasian and Arabian plates (Figure 1). Due to the plate interactions and intra-plate move-
ments, the geology of the country is very complex with several active faults (Figure 1).
However, it can be divided into two major parts; (a) the plain region and (b) the mountain-
ous region. The plain region covers the eastern part of the country that is subdivided into
(a1) the Indus Plain and (a2) the Thar Desert. The mountainous regions include (b1) the
Makran subduction zone in the southwest part of the country, (b2) the Chaman transform
plate boundary in the central part of the country and (b3) the Hindukush-Himalaya-Pamir
continental collision zone in the northern part [36]. Regions (a1) and (a2) are tectonically
stable, hence, seismically quieter. On the contrary, regions (b1), (b2) and (b3) are seismically
very active.

Since the period of study is extended (from 1820 to 2020), it was considered crucial
to collect as many events as possible from the available seismic catalogs for Pakistan. The
events from the seismic catalogs of the following agencies were utilised: (i) the United
States Geological Survey (USGS); (ii) the Global Centroid Moment Tensor (GCMT); (iii) the
International Seismological Centre (ISC) and (iv) the Centre for Earthquake Studies (CES)
of Pakistan.
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Figure 1. Regional and local tectonic setting of area of study.

After collecting all the data from the above sources and for all the regions (a1–b3),
one unified catalog was created by merging all the data after identifying and removing
duplicate events. While removing duplicate events, the seismic records of ISC that are
ranked with quality A and B were given the highest priority. The CES seismic network is
more detailed in the central part of the country and for this reason the events of the catalogs
for this region were ranked with priority as, first priority those of CES, second priority
those of USGS, third priority the records of ISC that are ranked with quality C and finally,
fourth priority the records of ISC that are ranked with quality D. For the events of regions
(a1), (a2), (b1) and (b3) the catalog data of ISC were ranked as first priority and of quality A
or B. Second priority was assigned to the records of USGS, third priority to the records of
ISC which, in addition, were ranked with quality C, fourth priority to the records of ISC
which, furthermore, were ranked with quality D and, finally, fifth priority was assigned to
the records of CES.

A significant issue that was addressed is that the different agencies employ different
magnitude types in their records, specifically the Mb (body wave magnitude), the Ms
(surface wave magnitude), the ML (local magnitude) and the Mw (moment magnitude).
This differentiation would create a significant problem in the final full seismic catalog, since
records could be with different magnitude types. To overcome this problem, the moment
magnitude Mw was selected as the unified magnitude and all the other magnitude types
were converted to Mw. The conversion relationships of Scordilis et al. [37], Indris [38],
Ambraseys and Bommer [39], Ambraseys and Bilham [40], Ristau et al. [41] and the one
developed inside CES for the corresponding CES data, were used to convert the body
wave (Mb) and surface wave (Ms) magnitudes to moment magnitudes (Mw) (conversion
Mb Ms → Mw ). The available moment magnitude data were not converted ( Mw → Mw ).
The different magnitude scale data were converted to moment magnitudes using the
relations of Hutton and Boore [42] Mushtaq et al. [43], Mushtaq et al. [44] and Tahir
et al. [45].

Finally, in order to filter out erroneous entries and weak seismic events of the generated
full catalog, a limit was set to Mw = 3.0, i.e., seismic events with magnitudes Mw < 3.0 were
discarded. Hence the final filtered full catalog, contains the occurred earthquakes between



Fractal Fract. 2023, 7, 857 4 of 18

1820 and 2020 with magnitudes Mw ≥ 3.0. Hereafter, the referenced earthquakes refer to
this filtered final catalog.

2.2. Multifractal Detrended Fluctuation Analysis (MFDFA)

The essential feature found in both monofractal and multifractal signals is that they
show statistical invariance when their scale is changed. Because of this, a segment of a
monofractal or multifractal signal is statistically similar to a segment of the same signal
that has been produced by magnification or shrinkage at various scales. Both monofractals
and multifractals may evolve in the time and/or spatial domain while exhibiting irregular
fluctuations and diverging long-range correlations. The key difference between the two is
that monofractals are sufficiently characterised by a single power law while multifractals
require a collection of power laws with different exponents. The technique that is most
frequently used to find multifractals is MFDFA.

MFDFA has a wide range of uses as in one-dimensional, discrete or continuous time
series [46], mathematics [47], economics and two-dimensional data, such as maps and
images [46]. Several studies [48–51], have effectively employed MFDFA.

Application of MFDFA

MFDFA identifies the scaling properties of the q-th order moment of a time series.
MFDFA is implemented as follows [47]:

1. The mean value of a time series zι of length N (i = 1, 2, 3 . . . N) is calculated as:

zavg =
1
N

N

∑
k=1

zκ (1)

2. If the time series’ incremental changes around the average value follow of a random
walk, the integrated profile y(i) is obtained as

y(i) =
i

∑
k=1

[zκ − zavg] (2)

where i = 1, 2, 3 . . . N. Note that by integrating the time series the measurement noise
is reduced.

3. The time series is split into Ns discrete non-overlapping bins, where Ns is the integer

part of
(

N
s

)
and s is the time span. Since

(
N
s

)
is not by definition an integer, and

therefore N is not always an integer multiple of s, a small part of the time series is not
taken into account, hence it is not processed. To overcome this, the same process is
implemented however inversely starting from the end of the series to its beginning.
In this way the non-processed segments are compensated and a better estimation is
achieved.

4. In every bin, the series’s data is fitted to a polynomial and the variance υ is calculated
in the forward (υ = 1, 2, . . . , Ns) and backward (υ = Ns + 1, . . .) directions in order to
find the local trend of each of the two Ns bins. Then, the square of the fluctuations is
calculated as

F2(s, υ) =
1
s

s

∑
i=1
{y[(υ− 1)s + i]− yυ(i)}2 (3)

where yυ is the local polynomial fit of the integrated profile y(i) at value υ. Likewise
in every bin’s υ to the backward direction, the square of the fluctuations is:

F2(s, υ) =
1
s

s

∑
i=1
{y[N − (υ− Ns)s + i]− yυ(i)}2 (4)
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5. After detrending the series, the q − th order fluctuation function is calculated as
the average of all the squares of the fluctuations in both the forward and backward
directions as

Fq(s) =

 1
2Ns

2Ns

∑
υ=1

[
F2(s, υ)

] q
2


1
q

(5)

where the exponent 1
q is a variable when q 6= 0 and q is real. Fluctuation Fq(s) in

Equation (5) is defined only for spans s ≥ m + 2.

When q = 0 Equation (5) yields to the logarithmic averaging according to Equation
(6):

F0(s) = exp

{
1

4Ns

2Ns

∑
υ=1

ln[F2(s, υ)]

}
≈ sh(0) (6)

When q = 2 Equation (5) coincides with the typical monofractal DFA procedure.

6. From the above equations, the generalised fluctuation functions are calculated for
various q values and time spans s. If the time series zi has long-range power-law
correlations, Fq(s) exhibits, for long values of scales s, a power law with h(q) according
to Equation (7):

Fq(s) ∼ sh(q) (7)

where the exponent h(q) is known as Generalised Hurst Exponent. In order to
calculate h(q), the Fq(s) vs. s is plotted in a log-log scale for as a function of q. When
q = 2, the classical Hurst Exponent, h(q = 2), is derived from Equation (7) and the
corresponding log-log plot is the usual DFA diagram [46,47]. If h(q) is independent
of q, the time series is monofractal. If h(q) is a function of q the series is multifractal,
because tiny and large variations scales act differently. The stronger the dependence
of Fq(s) with h(q) the stronger the multi fractal features that the series exhibit. Note
that, for negative q, h(q) describes the scaling behaviour of segments with small
fluctuations (small deviations from the corresponding fit) whereas for positive q, h(q)
describes the scaling behaviour of segments with large fluctuations (large deviations
from the corresponding fit).

7. The generalised Hurst Exponent h(q) is associated with classical scaling exponent
τ(q) according to Equation (8):

τ(q) = q(h(q))− 1 (8)

Monofractal time series with long range dependencies is characterised by a linear
relation between τ(q) and q, namely there is only a single exponent, the Hurst exponent.
Multifractal time series have non-linear relation between τ(q) and q and consequently,
there are multiple Hurst exponents.

8. The multifractal behaviour of time series can be delineated through the multifractal
spectrum f (α) versus α, where α = (dτ)/(dq) is the Legendre transform of τ(q),
f (α) = qα− τ(q). Note that α, known the Holder exponent, estimates the singular-
ity strength, while f (α), specifies the fractal dimension of the subset series, that is
characterised by α.
The association of α, f (α) and h(q) are summarised in Equations (9) and (10):

α = h(q) + qh′(q) (9)

f (α) = q[α− h(q)]− 1 (10)

The plot of f (α) versus α (singularity spectrum) is the most commonly used approach
to outline the multifractal behaviour of time series.
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9. Each singularity spectrum is fitted by a quadratic function at the point of its maximum
at α0. This quantifies the intensity of the multifractal behaviour of the singularity
spectrum because it measures the range of the multifractal exponents that are present
in each plot. It is for this reason that is referred many times as the degree of frac-
tality. Extrapolating the fitted quadratic curve to zero, the spectrum’s width W is
calculated. The richer the multifractality in the dataset, the wider the width is [48,49].
By definition W is given by Equation (11) [50]:

W = amax − amin (11)

2.3. Frequency Magnitude Distribution

The existence of fractal dimension in nature over fault zone drive magnitude distribu-
tion as a power law For finite time and specific region earthquakes, frequency magnitude
distribution decays as a power law called Gutenberg-Richter law [35]. If N(M) is a number
of earthquakes of magnitude M above Mc, then frequency magnitude distribution (FMD)
can be expressed as:

N(M) = 10a−b·M (12)

whereas, parameter a is the intercept of FMD and represents activity rate. The computation
of this parameter is required in hazard assessment studies [52]. The parameter b is the slope
of FMD and depicts the relative abundance of large to small events. This scaling parameter
is extensively used to elaborate different aspects of earthquakes [53–58]. Although for
a long time window, its value is close to unity b ' 1, significant variations have been
observed for shorter time window, in the range of b = 0.5 to b = 2.5 [59,60]. Typically,
FMD is affected by several factors and finding the mechanisms which are responsible for
these fluctuations is still under debate. However, many studies attribute these variations
to changes in stress conditions [61–63]. The relationships of Utsu et al. [64] and Utsu
et al. [65] were used to estimate b-values by using average magnitude (M) and magnitude
interval/bin (∆M = 0.1) as

b =
1

ln(10)·
[

M− (Mc −
∆M

2
)

] (13)

where Mc is the completeness magnitude.
If N is a the total number of events then standard error in b-value can be calculated by

using Shi and Bolt [61] as

∆b =
b√
N

(14)

3. Results and Discussion

The filtered seismic catalog for Pakistan that was created from the four different source
catalogs of USGS, GCMT, ISC and CES (Section 2.1) contains 2394 seismic events from 1820
to 2020. When this data were grouped in space regardless of the time of their occurrence,
the event vectors were interestingly spatially grouped into four non-overlapping clusters,
each of which, significantly, corresponded to a high seismicity region or, equivalently, a
high seismic event density. The spatially grouped seismic events of the full filtered catalog
and the associated clusters are presented in Figure 2.
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This is not the first study that identifies clustering of spatially grouped seismic events.
Seismic clusters are reported in a very recent study [62] around the Moho transition
zone in the subduction zone of the Pacific plates and the Tethys collision zones. Seismic
clusters are also found in two recent studies by Yamagishi et al. [63,66]. The growth
of clusters is reported recently by Fischer and Hainzl [67], while the seismic clusters in
Okinawa are reported by Arai [68]. Seismic clusters have been reported in past papers as
well [17,18,22,34,55,68–71].

Regarding specific cluster data, cluster 01 is in the northwest part of the country and
owes its seismicity to the continental collision between the Indian and Eurasian tectonic
plates. This results in the formation of the great mountain massifs of Pakistan which include
Hindukush, Karakoram, Pamir and Himalayas (see also Figure 1). As far as the tectonics of
the north Pakistan concerns, this can be subdivided into several areas [72]. These areas are
from south to north: The Salt Range, the Potwar and Kohat plateaus, the Hill Ranges, the
intermontane basins, the southern Kohistan Ranges, the Nanga-Parbat-Haramosh regions,
the Main Mantle Thrust, and the Kohistan island arc, which is separated from Asian rocks of
the Pamirs to the north by the Main Karakorum Thrust. Seismically north Pakistan is very
active and the faults within fold-and-thrust belt have been frequently producing moderate
to large seismic events that include the Mw = 7.6 Kashmir earthquake of 2005 that resulted
in more than 75,000 lives loss in addition to a colossal economic loss [43–45,73–78].

On the other hand, clusters 02, 03 and 04 cover different areas of Central Pakistan
where the regional tectonic movements are mainly governed by the left lateral transform
boundary between the Indian and the Eurasian plates. This transform boundary is named
as Chaman Fault System and traverses two collision zones, namely, the Makran Subduction
Zone in the south and the Hindukush-Pamir continental collision zone in the north. To
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the east of the main transform fault, a foreland fold and thrust belt runs parallel to it
for, almost, the whole of the length. The fold and thrust belt is dominated by tight folds
and overthrusts making the highlands of Sulaiman and Kirthar mountain ranges [79,80].
Although earthquakes occur all along the transform boundary zone, more intensive seismic
activity is observed along specific structures created due to sharp bends in the fold and
thrust belt [40,81,82]. For example significant earthquakes, such as the Mw = 7.3. Mach
earthquake of 1931 and the Mw = 7.6, Quetta earthquake of 1935 can be associated with
Quetta Syntaxis [40], while the Mw = 7.7 Awaran earthquake of 2013 occurred near the
junction of multiple segments belonging to this fault system [83].

The number of great earthquakes in each cluster as well as the total number of seismic
events varies between the four clusters of Figure 2 (Table 1). Cluster 01 contains one
earthquake with magnitude Mw > 7.0. This earthquake is the 2005 Kashmir earthquake.
The Kashmir earthquake is considered very important because it contains the largest
aftershock sequence of Pakistan ever recorded. Cluster 01 contains also the highest number
of total events (912) in comparison to the other clusters due to the longer time period that
it includes. Cluster 02 has one great earthquake of magnitude Mw = 6.9 that occurred in
the Sulaiman ranges. Cluster 02 contains 730 seismic events. Cluster 03 contains a great
earthquake of magnitude Mw = 7.2 occurred in Quetta in year 1935. It also contains the
great earthquake occurred also in Quetta, however, in year 1997 with magnitude Mw = 7.1.
This cluster consists of 387 seismic events. Finally, cluster 04 includes the great Awaran
earthquake of Mw = 7.8 of the year 2013 and an event of magnitude Mw = 7.6 occurred
in 1935. The total number of events recorded in cluster number 04 are 365. Some of these
details are also shown in Table 1.

Table 1. Results of completeness analysis for the entire catalog for Pakistan showing catalog time
completeness for different magnitudes.

Magnitude Completeness Period

Mw > 3.5 2005–2020
Mw > 4.0 2005–2020
Mw > 4.5 1972–2020
Mw > 5.0 1962–2020
Mw > 5.5 1956–2020
Mw > 6.0 1922–2021

The cumulative method is implemented here for the calculation of the completeness
periods. By using such a method, a simple graph is usually plotted between the cumulative
number of earthquakes versus time for a specific magnitude range (e.g., Mw ≥ 4.0 or
Mw ≥ 6.0). The catalog is considered complete (for this particular magnitude range) with
respect to time when there is roughly a straight line of the data used. In this case, the
completeness period will be the number of years from the start of this straight-slope part
until the last year of the catalog. Completeness periods and threshold magnitudes were
estimated for the entire catalog. The cumulative distribution of earthquakes above different
magnitude levels (3.5, 4.0, 4.5, 5.0, 5.5, and 6.0) with respect to the time. Completeness
periods for different magnitude intervals have been tabulated in Table 1. Results show
that the present catalog is complete for different magnitudes; 3.5, 4.0, 4.5, 5.5 and 6.0 are
respectively 2005, 2005, 1972, 1962, 1956 and 1922 with seismicity rates of 554.33, 249, 67.71,
13.93, 4.55 and 1.66 events/year, respectively. Earthquakes with Mw ≥ 3.5 and Mw ≥ 4.0
are complete only for approximately the last 15 years, whereas earthquakes with Mw ≥ 5.5
and Mw ≥ 6.0 are complete for the last 64 and 98 years, respectively.

As can be observed from Table 1, the average b-values of Equation (13) and Mc
of the law of Equation (13) do not differ significantly (p < 0.01) between the various
clusters. However when only one standard deviation is considered the tendency of a higher
Gutenberg Richter b-value can be observed in cluster 02. Parameter Mc differs only for
cluster 01, potentially, due to the greater number of events that this cluster includes.
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The cumulative number of seismic events within the various clusters are presented in
Figure 2. Great discrepancies can be observed. These could be attributed to the different
geological settings of each cluster as well as the proximity of clusters 01 and 02 to active
faults. Other reasons for the inter-cluster discrepancies are the different total number
of events of each cluster as well as the varying magnitude completeness (Mc) of the
Gutenberg Richter law across the clusters. Indeed this completeness varies from north to
south because the stations coverage of CES is better in northern part as compared to that of
southern Pakistan.

The b and Mc values of the Gutenberg Richter law are presented in Figure 3. Dif-
ferences are observed among the various clusters. This could be attributed to various
physical parameters. At first, Ahmad et al. [84] and Imoto et al. [85] have observed that
the stress-buildup and the strain hardening-softening result in changes of the b-values of
the Gutenberg-Richter law. According to Scholz [57], the b-value is inversely proportional
to the stress, thus lower b-values may depict higher differential stress in a region before
the occurrence of the mainshock. In addition, low b-values have been associated with the
existence of asperities over a fault plane, while the nucleation process of the earthquakes
normally ruptures these locked parts or asperities [86]. Schorlemmer et al. [87] proposed a
technique for determining the stationarity of b-values of the Gutenberg-Richter law, which
was further used for the probabilistic earthquake forecasting across the San Andreas Fault.
On the basis of micro-seismicity size distribution prior to the Parkfield event of Mw = 6.0
a low b-value in the area of highly stressed patches was observed by Schorlemmer and
Wiemer [53]. All these concepts can explain the observed discrepancies in Figure 3.

Figure 4 presents the fluctuation functions Fq(s) for as a function of the scale s per
cluster data according to Equation (7) for q values ranging between −10 and 10 with step 5.
As with Figures 3 and 5, the input data for Figure 4 are the seismic events of the full filtered
catalog per cluster. The fluctuation functions exhibit linear increasing trends with scale
s. The reader should recall here that since Fq(s) is a power law of scale s, the slope of the
linear associations of Figure 4 is the generalised Hurst exponent h(q). It is observed that
the higher q-values are shifted up and this tendency is seen in the results of every cluster,
that is for every seismic cluster. This changing with q implies that the Mw magnitude series
are multifractals and therefore follow non-linear patterns. This in turn suggests that the
pure statistical analysis of seismic sequence data, as the one presented in Figures 3 and 5,
and Table 1, is of limited character and can not outline all trends in similar datasets.

It is very interesting and has to be emphasised that the MFDFA curves of Fq(s) versus
s for clusters 03 and 04 in Figure 4 are very similar. The reader should recall in relation
from Figure 2, that these clusters are near active geological faults with similar geological
settings and this is reflected in the MFDFA results from the seismic data of these clusters.
The MFDFA curve of cluster 01 is comparable with the curves of clusters 03 and 04 for
Log10(S) values greater than 1.22. A reason for the similarities and discrepancies of the
MFDFA curves of cluster 01 is that this cluster is located on the Main Boundary Thrust,
which, on the one hand, is an important seismic geology, but, on the other hand, different
from the geology of clusters 03 and 04. Another possible reason for the above discrepancies
might also be that several earthquakes of cluster 01 occurred in higher elevations. The
MFDFA curve of cluster 02 is different. These tendencies are also observed in Figure 6 in
the curves of the generalised Hurst exponent h(q) versus q and in the curves of τ(q) versus
q in Figure 7. To retrieve both curve variations with MFDFA, the relations of Fq(s) versus s
were computationally generated for q values of step 1. The generalised Hurst exponent h(q)
was calculated as the slope of the batch of these least square fits and τ(q) was calculated
from the h(q) values according to Equation (8). The h(q) versus q curves (Figure 6), as well
as, those of τ(q) versus q (Figure 7) are similar for clusters 03 and 04. Cluster 01 has similar
curves shapes with the ones of clusters 03 and 04, both for the h(q) versus q variations
(Figure 6) and for the τ(q) versus q ones, but with a different value range. On the contrary
the corresponding curves for cluster 02 are different. Therefore it can be supported from
the MFDFA data of all subfigures of Figures 4, 6 and 7 that the proximity of clusters 03 and
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04 to active faults and the similarities but differentiations of geological settings of cluster
01, may explain the MFA trends. These tendencies could not have been identified on a pure
statical basis as already mentioned above.
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Fluctuation functions Fq(s) as a function of the scale s for earthquake data are reported
by Flores-Márquez et al. [34] for seismic five zones in Mexico, by Chamoli and Yadav [72]
for seismic series in NW Himalaya, by Telesca et al. [48] for seismic series in Italy, by Telesca
et al. [49] for seismic interspike series in Italy, for other earthquake related series [12,89–93] and
for other types of series [50,94]. As with the Fq(s) versus s curves of Figure 4, Flores-Márquez
et al. [34] report increasing tendencies of Fq(s) versus s both for the Guerrero earthquake
magnitudes time series, as well as in each one of the five seismic zones. Comparable increasing
trends of Fq(s) versus s are also reported by Telesca et al. [48,49], Telesca and Lapenna [91],
in other papers for seismic data [12,92,93] and in urban pollution MFDFA data series [94]. In
similar plots of h(q) versus q as those of Figure 6, Flores-Márquez et al. [34] reports comparable
h(q) versus q with overlap. Such overlap exists also in the curves of Figure 6 If these curves
are linearly approximated, the slopes of h(q) versus q for clusters 03 and 04 are approximately
0.02 while the, roughly estimated, linear slope of the plots in Flores-Márquez et al. [34] is
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approximately 0.175. Telesca and Lapenna [90] also report comparable curves shapes with
overlap. Telesca et al. [49] report h(q) versus q as those of cluster 02 of Figure 6 for seismic
interspike series in Italy. The corresponding h(q) versus q curves reported by Telesca et al. [93]
are quite different.
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data according to Equation (7) and corresponding linear trends.

Figure 8 presents the multifractality spectra of all clusters according to Equations (9)
and (10). It should be emphasised that the origins of multifractality in the time series of the
sub-figures of Figure 8, may result from (a) the existence of a broad probability function (b)
the varied contributions of the small and big fluctuations to the overall long-range correlations
(c) or from a combination of (a) and (b) [49,50,94]. The value of α0 that corresponds to the
maximum of the α, f (α) curve, measures the process’ regular or irregular behaviour. The larger
values of α0 suggest that the process will be comparatively more regular [72]. In addition, the
width W of Equation (12) provides information on the symmetry of the multifractal spectra.
Spectra that are right or left skewed are associated to the weighting of high or low fractal
exponents [72]. The range of α0 and W are crucial parameters for interpretation.
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As also identified and emphasised in Figures 4, 6 and 7 the multifractal spectra of
clusters 03 and 04 are similar and different from the ones of clusters 01 and 02. Significantly,
the multifractal spectrum of cluster 02 is symmetrical. According to the above, this implies
equal weight of the low and the high fractal exponents to the seismic data of cluster 02.
This could be explained by the rather fault-clear geological underground and the fact that
all occurred seismic events are in, similarly, shallow depth events. The spectrum of cluster
01 is also rather symmetrical. The fact, however, that the occurred earthquakes are spatially
distributed in various elevation levels (i.e., at various depths), could explain the slight
non-symmetry, in comparison to the one of cluster 02. The most important finding is
however that the spectra of clusters 03 and 04 are right skewed. Therefore the high fractal
exponents play a more important role in the seismic data of these clusters. This could be
attributed to the proximity of these clusters to active geological faults of Pakistan, as also
have been observed from the other outcomes of this paper.
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The multifractal spectra of clusters 03 and 04 are very similar to those reported by
Flores-Márquez et al. [34] for the four of the five zones of Mexico. They are also similar
to the ones reported by Barman et al. [92]. On the other hand the f (α) plots reported by
Telesca et al. [48] and by Telesca and Lapenna [91] for seismic sequences in Italy are very
different. The multifractal plots reported by Chamoli and Yadav [72] for seismic series in
NW Himalaya are also different.

4. Conclusions

The present paper reports statistical results via the Gutenberg Richter law and multi-
fractal analysis outcomes via MFDFA for four seismic clusters identified from earthquake
events that occurred in Pakistan from 1820 to 2020. In order to build the earthquake event
database, the earthquakes from four different catalogs were accessed and reorganised to
provide a full filtered seismic catalog for Pakistan containing the moment magnitudes
(Mw) of 2394 earthquakes. The four clusters are located in different geological settings.
Clusters 03 and 04 have similar geology, cluster 01 is located on the Main Boundary Thrust
of Pakistan. The Gutenberg Richter b and Mc values differentiate between the clusters due
to the different geology and data completeness. The application of the Gutenberg Richter
law within each cluster, showed that the majority of seismic events of each cluster, and
especially the very destructive earthquakes, are described by the Gutenberg Richter law
and this verified the validity of the full filtered catalog of Pakistan. Further analysis is
reported through MFDFA in each cluster data. The fluctuation functions Fq(s) for as a
function of the scale s per cluster showed significant multifractal patterns present in the
earthquake data of each cluster. The generalised Hurst exponents h(q) versus parameter q
and in the curves of τ(q) versus q showed similar multifractal trends in the data of clusters
03 and 03 and comparable mutiftractal patterns in the data of cluster 01. These tendencies
were found also in the multifractal spectra of clusters 03 and 04 versus the data of cluster
01. All results related to the Gutenberg Richter law are within the international ranges
of the literature. The multifractal results are comparable to the published data which are
however limited. The geological settings of each cluster are discussed in association with
the presented outcomes. This is the first such paper for Pakistan.



Fractal Fract. 2023, 7, 857 15 of 18

Author Contributions: Conceptualization, A.A.; methodology, A.A., D.N., D.C., M.R., M.T., T.I. and
E.P.; software, A.A.; formal analysis, D.N., D.C., A.A., M.R., M.T., T.I., E.P. and P.Y.; investigation,
A.A., D.N., D.C. and P.Y.; resources, A.A., M.R., M.T. and T.I.; writing—original draft preparation,
D.N., D.C., A.A., M.R., M.T. and T.I.; writing—review and editing, D.N., D.C., A.A., M.R., E.P. and
P.Y.; visualization, A.A.; supervision, A.A. and M.R.; project administration, D.N. All authors have
read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Data Availability Statement: Data sets are available by the international agencies mentioned in the
references in text.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Cicerone, R.D.; Ebel, J.E.; Britton, J. A Systematic Compilation of Earthquake Precursors. Tectonophysics 2009, 476, 371–396.

[CrossRef]
2. Hough, S. The Great Quake Debate. The Crusader, the Skeptic and the Rise of Modern Seismology. Environ. Hist. 2021, 27,

699–700. [CrossRef]
3. Hayakawa, M.; Hobara, Y. Current Status of Seismo-Electromagnetics for Short-Term Earthquake Prediction. Geomat. Nat. Hazards

Risk 2010, 1, 115–155. [CrossRef]
4. Molchanov, O.A.; Hayakawa, M. Seismo-Electromagnetics and Related Phenomena: History and Latest Results; Terrapub: Tokyo,

Japan, 2008.
5. Ouzounov, D.; Pulinets, S.; Hattori, K.; Taylor, P. (Eds.) Pre-Earthquake Processes: A Multidisciplinary Approach to Earthquake

Prediction Studies; Wiley: Hoboken, NJ, USA, 2018.
6. Petraki, E.; Nikolopoulos, D.; Nomicos, C.; Stonham, J.; Cantzos, D.; Yannakopoulos, P.; Kottou, S. Electromagnetic Pre-Earthquake

Precursors: Mechanisms, Data and Models-A Review. J. Earth Sci. Clim. Change 2015, 6, 250. [CrossRef]
7. Petraki, E.; Nikolopoulos, D.; Panagiotaras, D.; Cantzos, D.; Yannakopoulos, P.; Nomicos, C.; Stonham, J. Radon-222: A Potential

Short-Term Earthquake Precursor. J. Earth Sci. Clim. Change 2015, 6, 282. [CrossRef]
8. Uyeda, S.; Nagao, T.; Kamogawa, M. Short-Term Earthquake Prediction: Current Status of Seismo-Electromagnetics. Tectonophysics

2009, 470, 205–213. [CrossRef]
9. Conti, L.; Picozza, P.; Sotgiu, A. A Critical Review of Ground Based Observations of Earthquake Precursors. Front. Earth Sci. 2021,

9, 676766. [CrossRef]
10. Turcotte, D.L. Fractals and Chaos in Geology and Geophysics; Cambridge University Press: Cambridge, UK, 1997; ISBN 9781139174695.

[CrossRef]
11. Turcotte, D.L.; Schubert, G. Geodynamics; Cambridge University Press: Cambridge, UK, 2002; pp. 1–456. ISBN 0-521-66624-4.
12. Ito, K. Towards a New View of Earthquake Phenomena. In Fractals and Chaos in the Earth Sciences; Birkhäuser: Basel, Switzerland,

1992; pp. 531–548.
13. Yamagishi, Y.; Saito, K.; Hirahara, K.; Ueda, N. Spatio-Temporal Clustering of Earthquakes Based on Distribution of Magnitudes.

Appl. Netw. Sci. 2021, 6, 71. [CrossRef]
14. Telesca, L.; Pastén, D.; Muñoz, V. Analysis of Time Dynamical Features in Intraplate Versus Interplate Seismicity: The Case Study

of Iquique Area (Chile). Pure Appl. Geophys. 2020, 177, 4755–4773. [CrossRef]
15. Varotsos, P.A.; Sarlis, N.V.; Skordas, E.S. Study of the Temporal Correlations in the Magnitude Time Series before Major

Earthquakes in Japan. J. Geophys. Res. Space Phys. 2014, 119, 9192–9206. [CrossRef]
16. Corral, Á. Long-Term Clustering, Scaling, and Universality in the Temporal Occurrence of Earthquakes. Phys. Rev. Lett. 2004,

92, 108501. [CrossRef] [PubMed]
17. Ambikapathy, A.; Gahalaut, V. Time Clustering of Earthquakes in the Sumatra–Andaman and Himalayan Regions. Curr. Sci.

2011, 100, 1068–1071.
18. Seydoux, L.; Balestriero, R.; Poli, P.; de Hoop, M.; Campillo, M.; Baraniuk, R. Clustering Earthquake Signals and Background

Noises in Continuous Seismic Data with Unsupervised Deep Learning. Nat. Commun. 2020, 11, 3972. [CrossRef] [PubMed]
19. Lennartz, S.; Livina, V.N.; Bunde, A.; Havlin, S. Long-Term Memory in Earthquakes and the Distribution of Interoccurrence

Times. Europhys. Lett. 2008, 81, 69001. [CrossRef]
20. Kagan, Y.Y. Earthquake Spatial Distribution: The Correlation Dimension. Geophys. J. Int. 2007, 168, 1175–1194. [CrossRef]
21. Bak, P.; Christensen, K.; Danon, L.; Scanlon, T. Unified Scaling Law for Earthquakes. Phys. Rev. Lett. 2002, 88, 178501. [CrossRef]

[PubMed]
22. Barazangi, M.; Isacks, B.L. Spatial Distribution of Earthquakes and Subduction of the Nazca Plate beneath South America. Geology

1976, 4, 686. [CrossRef]
23. Davidsen, J.; Paczuski, M. Analysis of the Spatial Distribution Between Successive Earthquakes. Phys. Rev. Lett. 2005, 94, 048501.

[CrossRef]

https://doi.org/10.1016/j.tecto.2009.06.008
https://doi.org/10.3197/096734021x16245313030000
https://doi.org/10.1080/19475705.2010.486933
https://doi.org/10.4172/2157-7617.1000250
https://doi.org/10.4172/2157-7617.1000282
https://doi.org/10.1016/j.tecto.2008.07.019
https://doi.org/10.3389/feart.2021.676766
https://doi.org/10.1017/CBO9781139174695
https://doi.org/10.1007/s41109-021-00413-3
https://doi.org/10.1007/s00024-020-02554-5
https://doi.org/10.1002/2014JA020580
https://doi.org/10.1103/PhysRevLett.92.108501
https://www.ncbi.nlm.nih.gov/pubmed/15089251
https://doi.org/10.1038/s41467-020-17841-x
https://www.ncbi.nlm.nih.gov/pubmed/32769972
https://doi.org/10.1209/0295-5075/81/69001
https://doi.org/10.1111/j.1365-246X.2006.03251.x
https://doi.org/10.1103/PhysRevLett.88.178501
https://www.ncbi.nlm.nih.gov/pubmed/12005787
https://doi.org/10.1130/0091-7613(1976)4%3C686:SDOEAS%3E2.0.CO;2
https://doi.org/10.1103/PhysRevLett.94.048501


Fractal Fract. 2023, 7, 857 16 of 18

24. Marekova, E. Analysis of the Spatial Distribution between Successive Earthquakes Occurred in Various Regions in the World.
Acta Geophys. 2014, 62, 1262–1282. [CrossRef]

25. Ramírez-Rojas, A.; Flores-Márquez, E.L. Nonlinear Statistical Features of the Seismicity in the Subduction Zone of Tehuantepec
Isthmus, Southern México. Entropy 2022, 24, 480. [CrossRef]

26. Vasylkivska, V.S.; Huerta, N.J. Spatiotemporal Distribution of Oklahoma Earthquakes: Exploring Relationships Using a Nearest-
Neighbor Approach. J. Geophys. Res. Solid Earth 2017, 122, 5395–5416. [CrossRef]

27. Son, M.; Cho, C.S.; Shin, J.S.; Rhee, H.-M.; Sheen, D.-H. Spatiotemporal Distribution of Events during the First Three Months of
the 2016 Gyeongju, Korea, Earthquake Sequence. BSSA 2017, 108, 210–217. [CrossRef]

28. Christensen, K.; Danon, L.; Scanlon, T.; Bak, P. Unified Scaling Law for Earthquakes. Proc. Natl. Acad. Sci. USA 2002, 99, 2509–2513.
[CrossRef] [PubMed]

29. Aggarwal, S.K.; Pastén, D.; Khan, P.K. Multifractal Analysis of 2001 Mw7.7 Bhuj Earthquake Sequence in Gujarat, Western India.
Phys. A Stat. 2017, 488, 177–186. [CrossRef]

30. Kayal, J.R.; Das, V.; Ghosh, U. An Appraisal of the 2001 Bhuj Earthquake (Mw 7.7, India) Source Zone: Fractal Dimension and b
Value Mapping of the Aftershock Sequence. Pure Appl. Geophys. 2012, 169, 2127–2138. [CrossRef]

31. Peng, C.K.; Hausdorff, J.M.; Havlin, S.; Mietus, J.E.; Stanley, H.E.; Goldberger, A.L. Multiple-Time Scales Analysis of Physiological
Time Series under Neural Control. Phys. A Stat. 1998, 249, 491–500. [CrossRef] [PubMed]

32. Varotsos, P.A.; Sarlis, N.V.; Skordas, E.S. Scale-Specific Order Parameter Fluctuations of Seismicity before Mainshocks: Natural
Time and Detrended Fluctuation Analysis. EPL 2012, 99, 59001. [CrossRef]

33. Kantelhardt, J.W.; Zschiegner, S.A.; Koscielny-Bunde, E.; Havlin, S.; Bunde, A.; Stanley, H.E. Multifractal Detrended Fluctuation
Analysis of Nonstationary Time Series. Phys. A Stat. 2002, 316, 87–114. [CrossRef]

34. Flores-Márquez, E.L.; Ramírez-Rojas, A.; Telesca, L. Multifractal Detrended Fluctuation Analysis of Earthquake Magnitude Series
of Mexican South Pacific Region. Appl. Math. Comput. 2015, 265, 1106–1114. [CrossRef]

35. Gutenberg, B.; Richter, C.F. Frequency of Earthquakes in California. Bull. Seismol. Soc. Am. 1944, 34, 185–188. [CrossRef]
36. Kazmi, A.H.; Jan, M.Q. Geology and Tectonics of Pakistan; Graphic Publications: Karachi, Pakistan, 1997; pp. 1–650. ISBN

969-8375-007.
37. Scordilis, E.M. Empirical Global Relations Converting MS and mb to Moment Magnitude. J. Seismol. 2006, 10, 225–236. [CrossRef]
38. Idriss, I.M. Evaluating seismic risk in engineering practice. In Proceedings of the Eleventh International Conference on Soil

Mechanics and Foundation Engineering, San Francisco, CA, USA, 12–16 August 1985.
39. Ambraseys, N.N. Uniform Magnitude Re-Evaluation of European Earthquakes Associated with Strong-Motion Records. Earthq.

Eng. Struct. Dyn. 1990, 19, 1–20. [CrossRef]
40. Ambraseys, N. Earthquakes and Associated Deformation in Northern Baluchistan 1892–2001. BSSA 2003, 93, 1573–1605.

[CrossRef]
41. Ristau, J. Comparison of Magnitude Estimates for New Zealand Earthquakes: Moment Magnitude, Local Magnitude, and

Teleseismic Body-Wave Magnitude. Bull. Seismol. Soc. Am. 2009, 99, 1841–1852. [CrossRef]
42. Hutton, L.K.; Boore, D.M. The ML Scale in Southern California. Bull. Seismol. Soc. Am. 1987, 77, 2074–2094. [CrossRef]
43. Mushtaq, M.N.; Tahir, M.; Shah, M.A.; Khanam, F. Development of Local Magnitude Scale for the Northern Punjab, Pakistan. J.

Seismol. 2019, 23, 403–416. [CrossRef]
44. Mushtaq, M.N.; Tahir, M.; Iqbal, M.T.; Shah, M.A.; Iqbal, S.; Iqbal, T. Calibration of Local Magnitude Scale for Hindukush

Continental Subduction Zone. Earthq. Sci. 2021, 34, 114–122. [CrossRef]
45. Tahir, M.; Khan, A.; Mushtaq, M.N.; Iqbal, M.T.; Iqbal, T.; Shah, M.A.; Khan, K.; Soomro, R.A. Distance Attenuation and Local

Magnitude Scale Based on Constant Geometrical Spreading in Northern Punjab, Pakistan. Acta Geophys. 2021, 69, 1567–1584.
[CrossRef]

46. Chen, Z.; Ivanov, P.C.; Hu, K.; Stanley, H.E. Effect of Nonstationarities on Detrended Fluctuation Analysis. Phys. Rev. E 2002,
65, 041107. [CrossRef]

47. Kantelhardt, J.W.; Koscielny-Bunde, E.; Rego, H.H.A.; Havlin, S.; Bunde, A. Detecting Long-Range Correlations with Detrended
Fluctuation Analysis. Phys. A Stat. 2001, 295, 441–454. [CrossRef]

48. Telesca, L.; Lapenna, V.; Macchiato, M. Mono- and Multi-Fractal Investigation of Scaling Properties in Temporal Patterns of
Seismic Sequences. Chaos Solit. Fractals 2004, 19, 1–15. [CrossRef]

49. Telesca, L.; Lapenna, V.; Macchiato, M. Multifractal Fluctuations in Seismic Interspike Series. Phys. A Stat. 2005, 354, 629–640.
[CrossRef]

50. Telesca, L.; Lasaponara, R. Vegetational Patterns in Burned and Unburned Areas Investigated by Using the Detrended Fluctuation
Analysis. Phys. A Stat. 2006, 368, 531–535. [CrossRef]

51. Ghosh, D.; Deb, A.; Dutta, S.; Sengupta, R.; Samanta, S. Multifractality of Radon concentration fluctuation in earthquake relatied
signal. Fractals 2012, 20, 33–39. [CrossRef]

52. Zúñiga, F.R.; Wiemer, S. Seismicity Patterns: Are They Always Related to Natural Causes? Pure Appl. Geophys. 1999, 155, 713–726.
[CrossRef]

53. Schorlemmer, D.; Wiemer, S. Microseismicity Data Forecast Rupture Area. Nature 2005, 434, 1086. [CrossRef] [PubMed]
54. Farrell, J.; Husen, S.; Smith, R.B. Earthquake Swarm and b-Value Characterization of the Yellowstone Volcano-Tectonic System. J.

Volcanol. Geotherm. Res. 2009, 188, 260–276. [CrossRef]

https://doi.org/10.2478/s11600-014-0234-5
https://doi.org/10.3390/e24040480
https://doi.org/10.1002/2016JB013918
https://doi.org/10.1785/0120170107
https://doi.org/10.1073/pnas.012581099
https://www.ncbi.nlm.nih.gov/pubmed/11875203
https://doi.org/10.1016/j.physa.2017.06.022
https://doi.org/10.1007/s00024-012-0503-7
https://doi.org/10.1016/S0378-4371(97)00508-6
https://www.ncbi.nlm.nih.gov/pubmed/11541513
https://doi.org/10.1209/0295-5075/99/59001
https://doi.org/10.1016/S0378-4371(02)01383-3
https://doi.org/10.1016/j.amc.2015.06.029
https://doi.org/10.1785/BSSA0340040185
https://doi.org/10.1007/s10950-006-9012-4
https://doi.org/10.1002/eqe.4290190103
https://doi.org/10.1785/0120020038
https://doi.org/10.1785/0120080237
https://doi.org/10.1785/BSSA0770062074
https://doi.org/10.1007/s10950-018-09813-y
https://doi.org/10.29382/eqs-2020-0022
https://doi.org/10.1007/s11600-021-00634-1
https://doi.org/10.1103/PhysRevE.65.041107
https://doi.org/10.1016/S0378-4371(01)00144-3
https://doi.org/10.1016/S0960-0779(03)00188-7
https://doi.org/10.1016/j.physa.2005.02.053
https://doi.org/10.1016/j.physa.2005.12.006
https://doi.org/10.1142/S0218348X1250003X
https://doi.org/10.1007/s000240050285
https://doi.org/10.1038/4341086a
https://www.ncbi.nlm.nih.gov/pubmed/15858563
https://doi.org/10.1016/j.jvolgeores.2009.08.008


Fractal Fract. 2023, 7, 857 17 of 18

55. Gulia, L.; Wiemer, S. The Influence of Tectonic Regimes on the Earthquake Size Distribution: A Case Study for Italy. Geophys. Res.
Lett. 2010, 37, L10305. [CrossRef]

56. Gulia, L.; Wiemer, S. Real-Time Discrimination of Earthquake Foreshocks and Aftershocks. Nature 2019, 574, 193–199. [CrossRef]
57. Scholz, C.H. On the Stress Dependence of the Earthquake b-Value. Geophys. Res. Lett. 2015, 42, 1399–1402. [CrossRef]
58. Kulhanek, O.; Persson, L.; Nuannin, P. Variations of b-Values Preceding Large Earthquakes in the Shallow Subduction Zones of

Cocos and Nazca Plates. J. S. Am. Earth Sci. 2018, 82, 207–214. [CrossRef]
59. Kalyoncuoglu, U.Y. Evaluation of Seismicity and Seismic Hazard Parameters in Turkey and Surrounding Area Using a New

Approach to the Gutenberg–Richter Relation. J. Seismol. 2006, 11, 131–148. [CrossRef]
60. El-Isa, Z.H.; Eaton, D.W. Spatiotemporal Variations in the b-Value of Earthquake Magnitude–Frequency Distributions: Classifica-

tion and Causes. Tectonophysics 2014, 615–616, 1–11. [CrossRef]
61. Shi, Y.; Bolt, B.A. The Standard Error of the Magnitude-Frequency b-value. BSSA 1982, 72, 1677–1687. [CrossRef]
62. Cheng, Q. Fractal Derivatives and Singularity Analysis of Frequency-Depth Clusters of Earthquakes along Converging Plate

Boundaries. Fractal Fract. 2023, 7, 721. [CrossRef]
63. Yamagishi, Y.; Saito, K.; Hirahara, K.; Ueda, N. Magnitude-Weighted Mean-Shift Clustering with Leave-One-Out Band width

Estimation. In PRICAI 2021: Trends in Artificial Intelligence; Pham, D.N., Theeramunkong, T., Governatori, G., Liu, F., Eds.; PRICAI:
Buenos Aires, Argentina, 2021; Volume 13031, pp. 347–358.

64. Utsu, T. A Statistical Significance Test of the Difference in b-Value between Two Earthquake Groups. J. Phys. Earth 1966, 14, 37–40.
[CrossRef]

65. Utsu, T. Estimation of Parameters in Formulas for Frequency-Magnitude Relation of Earthquake Occurrence. Zisin 1978, 31,
367–382. [CrossRef]

66. Yamagishi, Y.; Saito, K.; Hirahara, K.; Ueda, N. Spatio-temporal clustering of earthquakes based on average magnitudes. In
Proceedings of the 9th International Conference on Complex Networks and Their Applications, Madrid, Spain, 1–3 December
2020; Lecture Notes in Computer Science. Springer: Berlin/Heidelberg, Germany, 2020; pp. 627–637.

67. Fischer, T.; Hainzl, S. The Growth of Earthquake Clusters. Front. Earth Sci. 2021, 9, 638336. [CrossRef]
68. Arai, R. Characteristics of seismicity in the southern Okinawa Trough and their relation to back-arc rifting processes. Earth Planets

Space 2021, 73, 160. [CrossRef]
69. Zaliapin, I.; Gabrielov, A.; Keilis-Borok, V.; Wong, H. Clustering analysis of seismicity and aftershock identification. Phys. Rev.

Lett. 2008, 101, 1–4. [CrossRef]
70. Zhuang, J. Multi-dimensional second-order residual analysis of space-time point processes and its applications in modelling

earthquake data. J. Royal Stat. Soc. 2006, 68, 635–653. [CrossRef]
71. Zhuang, J.; Ogata, Y.; Vere-Jones, D. Analyzing earthquake clustering features by using stochastic reconstruction. J. Geophys. Res.

2004, 109, B05. [CrossRef]
72. Chamoli, A.; Yadav, R.B.S. Multifractality in seismic sequences of NW Himalaya. Nat. Hazards 2013, 77 (Suppl. S1), 19–32.

[CrossRef]
73. Yeats, R.S.; Lawrence, R.D. Tectonics of the Himalayan Thrust Belt in Northern Pakistan. In Marine Geology and Oceanography of the

Arabian Sea and Coastal Pakistan; Haq, B.U., Milliman, J.D., Eds.; Van Nostrand Reinhold: New York, NY, USA, 1984; pp. 117–198.
74. Ali, Z.; Qaisar, M.; Mahmood, T.; Shah, M.A.; Iqbal, T.; Serva, L.; Michetti, A.M.; Burton, P.W. The Muzaffarabad, Pakistan,

Earthquake of 8 October 2005: Surface Faulting, Environmental Effects and Macroseismic Intensity. Geol. Soc. 2009, 316, 155–172.
[CrossRef]

75. Armbruster, J.; Seeber, L.; Jacob, K.H. The Northwestern Termination of the Himalayan Mountain Front: Active Tectonics from
Microearthquakes. J. Geophys. Res. Solid Earth 1978, 83, 269–282. [CrossRef]

76. Kaneda, H.; Nakata, T.; Tsutsumi, H.; Kondo, H.; Sugito, N.; Awata, Y.; Akhtar, S.S.; Majid, A.; Khattak, W.; Awan, A.A.; et al.
Surface Rupture of the 2005 Kashmir, Pakistan, Earthquake and Its Active Tectonic Implications. Bull. Seismol. Soc. Am. 2008, 98,
521–557. [CrossRef]

77. Peiris, N.; Rossetto, T.; Burton, P.; Mahmoud, S. Kashmir Pakistand Earthquake of 8 October 2005. In A Field Report by EEFIT
2008; Earthquake Engineering Field Investigation Team, Institution of Structural Engineers: London, UK, 2008; pp. 1–119. ISBN
978-1-906335-11-3.

78. Saif, B.; Tahir, M.; Sultan, A.; Iqbal, M.T.; Iqbal, T.; Shah, M.A.; Gurmani, S. Triggering Mechanisms of Gayari Avalanche, Pakistan.
Nat. Hazards 2022, 112, 2361–2383. [CrossRef]

79. Seeber, L.; Armbruster, J.G.; Quittmeyer, R.C. 1981. Seismicity and continental subduction in the Himalayan Arc. In Zagros,
Hindukush, Himalaya, Geodynamic Evolution; Gupta, H.K., Delany, F.M., Eds.; Geodynamic Series; American Geophysical Union:
Washington, DC, USA, 1981; Volume 3, pp. 215–242.

80. Bannert, D.; Raza, H.A. The Segmentation of the Indo-Pakistan Plate. Pak. J. Hydrocarb. Res. 1992, 4, 5–18.
81. Humayon, M.; Lillie, R.J.; Lawrence, R.D. Structural Interpretation of the Eastern Sulaiman Foldbelt and Foredeep, Pakistan.

Tectonics 1991, 10, 299–324. [CrossRef]
82. Sarwar, G. Arcs, Oroclines, Syntaxis, the Curvatures of Mountain Belts in Pakistan. Geodyn. Pak. 1979, 341–349.
83. Shaukat, A.Z.; Tahir, M.; Iqbal, T.; Iqbal, T.; Shah, M.A. Seismotectonic Analysis of the 7 October 2021 Mw 5.9 Harnai Earthquake,

Pakistan. Bull. Seismol. Soc. Am. 2023, 113, 636–647. [CrossRef]

https://doi.org/10.1029/2010GL043066
https://doi.org/10.1038/s41586-019-1606-4
https://doi.org/10.1002/2014GL062863
https://doi.org/10.1016/j.jsames.2018.01.005
https://doi.org/10.1007/s10950-006-9041-z
https://doi.org/10.1016/j.tecto.2013.12.001
https://doi.org/10.1785/bssa0720051677
https://doi.org/10.3390/fractalfract7100721
https://doi.org/10.4294/jpe1952.14.37
https://doi.org/10.4294/zisin1948.31.4_367
https://doi.org/10.3389/feart.2021.638336
https://doi.org/10.1186/s40623-021-01491-4
https://doi.org/10.1103/PhysRevLett.101.018501
https://doi.org/10.1111/j.1467-9868.2006.00559.x
https://doi.org/10.1029/2003JB002879
https://doi.org/10.1007/s11069-013-0848-y
https://doi.org/10.1144/SP316.9
https://doi.org/10.1029/JB083iB01p00269
https://doi.org/10.1785/0120070073
https://doi.org/10.1007/s11069-022-05269-z
https://doi.org/10.1029/90TC02133
https://doi.org/10.1785/0120220104


Fractal Fract. 2023, 7, 857 18 of 18

84. Ahmad, N.; Barkat, A.; Ali, A.; Sultan, M.; Rasul, K.; Iqbal, Z.; Iqbal, T. Investigation of Spatio-Temporal Satellite Thermal IR
Anomalies Associated with the Awaran Earthquake (Sep 24, 2013; M 7.7), Pakistan. Pure Appl. Geophys. 2019, 176, 3533–3544.
[CrossRef]

85. Imoto, M.; Ishiguro, M.A. Bayesian Approach to the Detection of Changes in the Magnitude-Frequency Relation of Earthquakes.
J. Phys. Earth 1986, 34, 441–455. [CrossRef]

86. Main, I.G.; Meredith, P.G.; Jones, C.A. Reinterpretation of the Precursory Seismic b-Value Anomaly from Fracture Mechanics.
Geophys. J. Int. 1989, 96, 131–138. [CrossRef]

87. Schorlemmer, D. Earthquake Statistics at Parkfield 1: Stationarity of b-values. J. Geophy. Res. 2004, 109, B12707. [CrossRef]
88. Wiemer, S. A software package to analyze seismicity: ZMAP. Seismol. Res. Lett. 2001, 72, 373–382. [CrossRef]
89. Alam, A.; Nikolopoulos, D.; Wang, N. Fractal Patterns in Groundwater Radon Disturbances Prior to the Great 7.9 Mw Wenchuan

Earthquake, China. Geosciences 2023, 13, 268. [CrossRef]
90. Nikolopoulos, D.; Petraki, E.; Yannakopoulos, P.H.; Priniotakis, G.; Voyiatzis, I.; Cantzos, D. Long-Lasting Patterns in 3 kHz

Electromagnetic Time Series after the ML=6.6 Earthquake of 2018-10-25 near Zakynthos, Greece. Geosciences 2020, 10, 235.
[CrossRef]

91. Telesca, L.; Lapenna, V. Measuring multifractality in seismic sequences. Tectonophysics 2006, 423, 115–123. [CrossRef]
92. Barman, C.; Chaudhuri, H.; Deb, A.; Ghose, D.; Sinha, B. The essence of multifractal detrended fluctuation technique to explore

the dynamics of soil radon precursor for earthquakes. Nat. Hazards 2015, 78, 855–877. [CrossRef]
93. Telesca, L.; Colangelo, G.; Lapenna, V. Multifractal variability in geoelectrical signals and correlations with seismicity: A study

case in southern Italy. Nat. Hazards 2005, 5, 673–677. [CrossRef]
94. Nikolopoulos, D.; Alam, A.; Petraki, E.; Papoutsidakis, M.; Yannakopoulos, P.; Moustris, K.P. Stochastic and Self-Organisation

Patterns in a 17-Year PM10 Time Series in Athens, Greece. Entropy 2021, 23, 307. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1007/s00024-019-02149-9
https://doi.org/10.4294/jpe1952.34.441
https://doi.org/10.1111/j.1365-246X.1989.tb05255.x
https://doi.org/10.1029/2004JB003234
https://doi.org/10.1785/gssrl.72.3.373
https://doi.org/10.3390/geosciences13090268
https://doi.org/10.3390/geosciences10060235
https://doi.org/10.1016/j.tecto.2006.03.023
https://doi.org/10.1007/s11069-015-1747-1
https://doi.org/10.5194/nhess-5-673-2005
https://doi.org/10.3390/e23030307

	Introduction 
	Materials and Methods 
	Area of Study and Seismicity of the Period 
	Multifractal Detrended Fluctuation Analysis (MFDFA) 
	Frequency Magnitude Distribution 

	Results and Discussion 
	Conclusions 
	References

