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Abstract: Purpose: This research attempts to profoundly understand the factors influencing the usage
of e-tax declarations. Design/methodology/approach: In a cross-sectional survey, partial least square-
structural equation modeling (PLS-SEM) is used to examine the hypotheses on 182 academic taxpayers
working in Public Universities in Jordan. Findings: The findings indicate that knowledge, subjective
norms, and attitude play a vital role in taxpayers’ usage of e-tax declarations. Moreover, knowledge
confirms the power of the Theory of Planned Behavior (TPB), which helps predict people’s behavior.
However, the results reveal that awareness does not moderate the previously mentioned relationship.
Research limitations/implications: The sample size is limited, and the participants were academics
who work at public universities. Therefore, it is advisable to study larger sample size to confirm the
study’s results. Moreover, further research could diversify the sample in terms of occupation, digital
divide, and e-literacy, as these factors may significantly impact e-tax declaration usage. A comparison
across various groups would be beneficial in gaining a better understanding of the demographics and
variables that impact the use of e-tax declarations. The second limitation is the collection of mainly
quantitative data; collecting qualitative data to further understand the main factors that could affect
the usage of e-services would play a role in supporting the study’s findings. Practical implications:
This study provides strategic guidance for Jordanian policymakers in improving citizens’ acceptance of
mandatory e-services usage by affecting their knowledge, attitude, and subjective norms. As a result,
these practical suggestions positively influence taxpayers’ usage of e-services, which contributes to
their usage of optional ones. E-service adoption rates may rise by emphasizing their benefits, such as
improving equity, efficiency, life quality, and limiting adverse environmental effects. Originality/value:
This study expands the scope of mandatory public e-services research.

Keywords: e-tax declaration; theory of planned behavior; theory of planned reasoning; mandatory
e-services; attitude

1. Introduction

The rapid proliferation of Information and Communication Technology (ICT) has
fundamentally revolutionized the way governments operate, particularly as technologies
continue to bridge us closer together in light of the ongoing ICT advancements [1]. Dra-
matic changes have been made in people’s use of digital communication methods as a
consequence of the period of self-isolation and contagion. As a result, both public and
private sectors need to reinvent themselves to be in line with these changes [2]. Although
there has been a significant and discernible improvement, the public sector tends to fall
behind in the process of implementing new technologies and business reinvention [3].

There is a reasonable doubt that the low acceptance by citizens of e-services in develop-
ing countries is still evident despite the quality of services provided by governments [4]. It
is argued that their low acceptance results from governments’ poor efforts in implementing
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good governance in terms of transparency, accountability, and anti-corruption [5]. As a
result, their citizens are used to dealing with poor services and corruption which plays
a role in their uncertainty and trust in e-government adoption which has already been
conceived [6].

Furthermore, public trust in governmental organizations plays a moderating role in
the acceptance of governmental services [7]. Those countries that have higher public trust
from their citizens have the advantage of implementing services much more efficiently
than those with a lower public trust [7], due to citizens voluntarily abiding by regulations
and demands of governments without aggressively resisting them [8]. It is argued that
increasing citizens’ knowledge regarding governmental policies and allowing them open
access to data as well as informing them of the benefits of using e-services shape their
attitude and intention in the adoption of the e-services [5].

Moreover, economic inequality is prevalent in developing countries, meaning that
e-governmental services will be accessible only to those privileged in a population which
could further contribute to corruption and rising economic inequality [9]. Additionally,
developing countries often have poor IT infrastructures which further strains the govern-
ment’s efforts to implement the use of e-governmental services; the need to build a solid
technological infrastructure is necessary to ensure equal access to all citizens, including
reliable electricity and Internet access [9].

Jordan is a developing country in the Middle East, that has recently been following the
trend of moving towards transforming services using ICTs. There are several projects and
initiatives that have been carried out by the Jordanian government aimed to accomplish
digital transformation across all governmental sectors such as “digital educational content,
open government information and data”. According to the Ministry of Digital Economy and
Entrepreneurship, digital transformation has numerous advantages, including reduced time
and cost, increased flexibility and efficiency in production and data processing, improved
quality, streamlined procedures, and the ability to provide innovative and creative services
that are not possible with traditional methods [10].

In 2018, the Income and Tax Department digitalized tax filing which is one of their
most essential services. Since the 1920s, the department conducted a conventional filing
system for PIT Return (Personal income tax Return) until the Electronic Tax Filing (ETF)
was first launched in 2005 to facilitate PIT Return services provided by tax authorities to
taxpayers [11]. The application of ETF is intended to enhance competitiveness through cost
reduction and timesaving compared with conventional filing systems. It is also intended to
enhance compliance with tax law and uncover tax evasion [12].

In 2018, ETF became mandatory for all taxpayers in Jordan, including all citizens
with an annual income of more than JOD 10,000 (Income Sales Tax Department, 2018).
Total income tax revenue collected during the first seven months from this year or about
413 million dinars which is accounted for 34.3% from total revenue amounted 1.225 billion
dinars within the first seven months of this year [13]. The ministry of finance later amended
the tax law to require all citizens with an annual income of JOD 9000 to provide ETF.
Hence, the Finance Ministry directed the efforts toward producing a user-friendly interface
for the ETF system, making it more convenient for taxpayers to provide their Income
Tax Declaration through e-tax means. According to several researchers, the main factors
impacting the use of e-tax PIT Return are user satisfaction, technology acceptance and
knowledge, incentives to use, and social influence [14].

The adoption of the e-tax PIT Return System is expected to increase the trust between
taxpayers and tax authorities by enhancing the efficiency of tax performance in Jordan, in
addition to better compliance with tax law and hence higher tax collection [15].

Digitalizing services yields efficiency and better flexibility in processing collected
data, subsequently improving the overall quality of provided services. It also reduces
the time and cost compared with the traditional paper processing [16]. However, the
factors impacting the users’ usage of digital services, including e-tax filing, are still largely
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unexplored. Therefore, this paper aims to shed light on factors that determine the e-tax
declaration usage.

This paper proceeds as follows: the next section presents the literature and related
theories. The third section discusses the methodology while the fourth section introduces
the analyses and results. The fifth section discusses the results while the sixth section
shows the contribution of this study. Lastly, and finally, the seventh section presents the
limitations and the agenda for future research.

2. Model Development and Hypotheses
2.1. Theory and Hypotheses Development

Among theories regarding Information Technology acceptance and Information Systems,
The Theory of Planned Behavior (TPB) developed by [15,16] is designed to explain user
behavior. TPB suggests that people’s behavior is a function of three theoretically independent
factors known as the direct constructs of the theory, namely, attitude toward the behavior,
social norms, and perceived behavioral control [17]. Attitude refers to a person’s overall
evaluation of a particular behavior [18]. Subjective norms refer to the belief about whether
most people approve or disapprove of specific behavior. Perceived behavioral control refers
to an individual’s perception of the potential challenges and hurdles involved in engaging in
a specific behavior [18]. Generally, the more favorable the attitude and social norm, the higher
should be the individual’s intention to engage in the behavior in question [19].

Over the past decades, TPB has been considered one of the most well-known social-
psychological models for analyzing human behavior [18]. Due to its robustness, TPB has
been used in several e-service adoption-related domains, including mobile payment [20],
the internet of things [21], and digital banking and payment [22]. Therefore, using this
theory as the fundamental foundation for this study is appropriate to comprehend how
citizens behave when using e-tax declaration services.

According to [18], TPB framework is open to further expansions if new constructs
can effectively affect the variance in intention, which can be translated into a change in
that given behavior. Several scholars have successfully expanded the theory by adding
independent factors that are viewed to be important in a particular context. This study
extends the TPB by adding two factors: knowledge and awareness. Previous research on
the acceptance of information systems suggests that knowledge is a success factor that may
influence the adoption of using e-services [23]. Additionally, awareness has a significant
impact on one’s intention to use e-services [24]. Therefore, this study extends the TPB
model to include these two factors.

The theoretical model in TPB reflects the prediction of volitional behaviors as it adds
a factor called the Perceived Behavioral Control, which can be defined as how a person
perceives their ability to perform a particular behavior [25]. Moreover, the availability of
resources aids in people’s control over their behavior. For example, if a user owns a PC,
then that user’s acceptance of new technology is expected [16].

According to TPB, Perceived Behavioral Control serves two functions. The first factor
influences behavioral intention, whereas the second factor influences actual behavior [16,18].
As shown in Figure 1, the major components stated in the TPB, such as subjective norms,
attitude toward using, and actual usage, are reflected in the proposed model of the current
research. Furthermore, knowledge and awareness were incorporated as external components
in the proposed model to provide a more comprehensive understanding of the attitudinal and
behavioral aspects that may influence academics’ activities in the context of e-tax declaration
usage in Jordan.
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Figure 1. Research Model.

2.2. Subjective Norm

The TRA defines subjective norm as the extent to which one’s attention is influenced
by the opinions of other societal members when making a significant decision [19]. Sub-
jective norm is comparable to social influence in the model of PC use [18], the Unified
Theory of Acceptance and Use of Technology (UTAUT) model [20,21], and image in the
innovation dissemination theory [22]. According to several previous studies, subjective
norms positively impact the adoption of online systems [14]. In the parameters of this
research, because academics might be influenced by the advice of colleagues around them
at the university, subjective norms may have a significant impact toward compliance with
e-tax declaration systems. This leads to the subsequent hypothesis:

H1: There is a positive relationship between subjective norm and e-tax declaration usage.

2.3. Attitude toward Using

In this research, the subjective norm is the antecedent factor determining the attitude
which in turn influences a special behavior. According to [19], there is considerable evidence
supporting the relationship between attitude and intention to use, which influences actual
usage. It is noteworthy to mention that the relationship between attitude and intention
to use or actual usage has received much attention. For example, there was a positive
connection between attitude regarding department co-branded credit cards and intention
to use or continue to use them [24]. In the context of e-tax declaration systems, attitude can
have a significant impact on a university professor’s attitude regarding the use of e-tax
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declarations. The following hypothesis would be supported by this substantial evidence of
a link between attitude and actual usage:

H2: There is a positive relationship between attitude and e-tax declaration usage.

2.4. Knowledge

Although knowledge was not derived from the initial TPB factors, previous research
on information systems suggests that knowledge as a success factor may influence the ac-
ceptance of new systems, particularly people’s adoption of using e-services [23,26]. Ref. [5]
suggested that greater knowledge of e-services, their benefits, and how transparently they
are implemented may help in increasing their acceptance rate. In theory, greater knowledge
may improve a user’s ability to judge how much action is required to use new systems [25].
In the context of this research, academics are likely to swiftly adopt e-tax declaration sys-
tems, and their continued use is expected due to their realistic expectations being met after
using these systems. As a result, it is expected that the likelihood of using e-tax declaration
systems will grow as university professors become more aware of the benefits of these
systems. The following hypothesis is formulated to investigate the influence of knowledge
on the actual e-tax declaration usage:

H3: There is a positive relationship between knowledge and e-tax declaration usage.

2.5. Awareness

This research will investigate the effect of awareness in moderating the relationship
between subjective norms and e-tax declaration usage. Awareness is defined as the degree
to which a consumer is aware of electronic services [27]. Usually, individuals lack sufficient
information on services that newly exist. Therefore, increasing awareness of the advantages
of new technologies increases the possibility of adopting those technologies. Further-
more, spreading financial awareness and literacy could be highly critical for e-services
acceptance [28]. As the government raises public awareness, citizens will become better
informed on the benefits and importance of adopting e-services; e-tax declaration usage.
These benefits may include quicker, cheaper processes and more precise procedures [7],
which may support their beliefs and encourage them to adopt specific behavior patterns;
which may be complementary to what their friends and beloved ones believe they should
do. Furthermore, according to [26], awareness plays an essential role in the adoption of
mobile banking services. Hence, the moderated hypothesis is formulated:

H4: Awareness moderates the relationship between subjective norm and e-tax declaration usage.

3. Methodology
3.1. Sample and Data Collection

An online questionnaire was used in the current study to collect data to examine the
proposed hypotheses. A purposive sampling method was used to identify and gain access
to participants who could provide relevant information and insights into the subject under
investigation [29,30]. Within the specific context of this study, the purposive sampling
was restricted to academics working in public universities. The reason behind that was
to ensure that all participants earnt a salary subject to income tax, mandating the use of
an e-tax declaration. Furthermore, because Jordan’s public universities are located in the
north, middle, and south of the country, participants from these universities would reflect
a complete geographical coverage of Jordan, representing the whole Jordanian population
rather than just a specific area.

The online survey was designed via “Google Forms” and distributed through email and
other social media platforms between August and October 2021. Further, given the COVID-19
pandemic, an online questionnaire was preferable to collect the data [31,32], owing to its
advantages in terms of access to individuals in distant locations, speed of response, and ease of
automated data collection [33]. The total number of usable questionnaires that were analyzed
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was 184. Based on G-Power 3.1 Instrument [34] and sample-to-item ratio, which is 5-to-1, the
minimum sample size is 111 and 120; respectively; hence, the sample is considered adequate.

3.2. Measurement Instruments

The first part of the questionnaire consisted of an introduction explaining the purpose
of the survey and assuring confidentiality of the data collected. The second part consisted
of the factors affecting the intention of e-tax declaration usage (subjective norm, knowledge,
attitude toward using, awareness). Finally, the last part includes questions related to the
participants’ demographic information. The constructs were adapted from previously
validated instruments [35]. The attitude toward using e-tax declaration was measured
using six items adapted from [24]. Second, subjective norms were assessed using four
items, and the source scale was adapted from [36]. Third, six items were used to assess
awareness, and four items to assess knowledge were adapted from [35]. This study employs
a seven-point Likert-type scale to evaluate levels of agreement with a given statement to
eliminate the dilemma of choosing between two undesirable options and guarantee the
respondents’ objective validity [37]. The measurement items are given in Table 1.

Table 1. The Measurement Items.

Construct Code Measurement Items

Attitude Toward Using

ATT 1 I believe using an e-tax declaration for filling my income tax declaration is a good idea

ATT 2 The e-tax declaration platform makes related operations faster

ATT 3 I will feel confident when I use e-tax declaration for my transactions with the Income
Tax Department.

ATT 4 e-tax declaration will encourage me to transact online

ATT 5 e-tax declaration makes transactions with the Income Tax Department more efficient

ATT 6 e-tax declaration is user-friendly

Awareness

AWR 1 I am familiar with the benefit of e-tax declaration.

AWR 2 I am aware of the importance of e-tax declaration in filling my income text declaration.

AWR 3 I am not concerned about using an e-tax declaration.

AWR 4 I have been exposed to the types of e-tax declarations.

AWR 5 I am not interested to use an e-tax declaration at all. R

AWR 6 I do not know much about e-tax declaration. R

Knowledge

KNOW 1 I know how to use e-tax declaration.

KNOW 2 I know it is better to use an e-tax declaration in filling my income text declaration.

KNOW 3 I am usually interested to know more about e-tax declaration.

KNOW 4 Using e-tax declaration will provide an opportunity to control my income
text declaration

Subjective Norm

SN 1 My family believes that using e-tax declaration will provide better services

SN 2 My colleagues consider that using e-tax declaration is convenient.

SN 3 People around me use e-tax declaration for filling their income text declaration

SN 4 My friends think that filling their income text declaration using an E-tax declaration is
better than the manual traditional system.

E-tax Declaration Usage

E-tax 1 I intend to use an e-tax declaration when filling my income text declaration.

E-tax 2 I will feel comfortable when I use e-tax declaration in the future

E-tax 3 I strongly recommend the use of e-tax declaration

E-tax 4 I am interested in using e-tax declaration
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4. Data Analysis and Results

This section discusses four main sub-sections related to data analysis and results which
are: demographic characteristics, data screening, measurement model assessment, hypotheses
testing, and finally, the predictive relevance of the model and the suggested relationships.

4.1. Demographic Characteristics

In the gender category, the study sample comprised 128 men (71%) and 52 women
(29%). The majority of the respondents (60%) were less than 45 years old. The partici-
pants came from different schools and backgrounds such as Information Technology (16%),
Engineering (15%), Business (14%), and Sciences (10%). In terms of marital status, the de-
scriptive analysis indicated that (69%) of the respondents were married, (22%) were single,
and (8%) other. Table 2 provides a detailed description of the demographic characteristics
of respondents.

Table 2. Demographic characteristics of the respondents.

Demographic Criteria Frequency Percentage

Gender

Male 128 71%

Female 53 29%

Age

Less than 35 52 29%

35–44 57 31%

45–54 32 18%

55–64 28 15%

65 and above 12 7%

School/Faculty

Art 16 9%

Science 19 10%

Business 25 14%

IT 29 16%

Engineering 28 15%

Pharmacy 16 9%

Medicine 14 8%

Other 34 19%

Marital status

Single 39 22%

Married 124 69%

Other 18 9%

4.2. Data Screening

Although Partial Least Square (PLS) does not demand normally distributed data [38],
extremely non-normally distributed data has been proven to be problematic. As a result, it
is critical to validate that the collected data does not deviate significantly from a normal
distribution curve. Two common tests were used to check the data normality: skewness
and kurtosis statistics. The results revealed that skewness values varied from (−0.405 and
0.232) and kurtosis values varied from (−0.767 and 0.545), all of which were within the
threshold value [39].
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Furthermore, for the purposes of this study, data was collected from a single source at a
certain point in time, which in turn may lead to common method variance or bias [40]. Two
statistical tests were used to evaluate the common method variance issue: (a) [41] single factor
test and (b) full collinearity (VIF-factor level) test [42,43]. By applying Principal Component
Analysis (Extraction Method), an un-rotated principal component (single factor) analysis,
indicated that 34.4% of the total variance was less than 50%, as advised by [44]. In the full
collinearity test, the variance inflation factor (VIF) values of maximum constructs were less
than 5 [45], indicating that common method variance does not exist in this study [46], as
shown in Table 3. In conclusion, the results of [41] single factor and full collinearity (VIF-factor
level) tests show that there is no common method variance in this study.

Table 3. Common Method Variance/Bias via full Collinearity Analysis.

ATT AWR E-Tax KNOW SN

Attitude Toward Using (ATT) 1.429 0.164 0.104 0.148

Awareness (AWR) 1.775 0.145 0.262 0.311

E-tax Declaration Usage (E-tax) 1.739 1.773 0.270 0.270

Knowledge (KNOW) 1.630 1.561 0.249 0.128

Subjective Norm (SN) 1.821 1.700 0.287 0.146

The correlation matrix and VIF, carried out to check the latent variable’s collinearity,
were investigated in this study. High collinearity across predictors causes a collinear-
ity threat [38]. However, the highest correlation coefficient in this study was valued at
0.583 between subjective norm and awareness, which is less than the 0.70 thresholds [46].
This indicates that there is no problem with collinearity. Furthermore, as proposed
by [42,47], a full collinearity test is a comprehensive procedure for the simultaneous as-
sessment of both vertical and lateral collinearity. In this regard, if all VIFs resulting from
a full collinearity test are equal to or lower than 3.3, the model can be considered free of
common method bias [43]. This study also looked at VIF factor levels and found minimal
collinearity because the respective (VIF) was between 1.434 and 1.797, which is below the
common cut-off value of 3.3. As shown in Table 4, the findings of the correlation matrix
and VIF suggest that there is no problem with multicollinearity.

Table 4. Correlation Matrix and Collinearity statistics (VIF).

Factors Mean
VIF Correlation Matrix

E-Tax ATT AWR E-Tax KNOW SN

Attitude Toward Using (ATT) 4.075 1.434 1

Awareness (AWR) 4.279 1.797 0.474 1

E-tax Declaration Usage (E-tax) 4.535 - 0.470 0.522 1

Knowledge (KNOW) 4.397 1.550 0.421 0.532 0.536 1

Subjective Norm (SN) 4.613 1.727 0.473 0.583 0.571 0.498 1

4.3. Measurement Model Assessment

Reliability and validity were evaluated to assess the measurement model quality (outer
model). Internal consistency reliability, such as Cronbach’s Alpha (α) [48] and Composite
Dependability (CR) [49], was used to assess reliability in this study. The results in Table 5
shows that Cronbach’s alpha and CR values for all constructs (e.g., ATT, AWR, KNOW,
SN and E-tax) were higher than 0.70 as recommended by [46]. Two methods were used to
evaluate the validity: convergent validity and discriminant validity. To assess convergent
validity, factor outer loadings and average variance extracted (AVE) were used. The results
of the first run of the PLS algorithm revealed that out of twenty-four indicators, only
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one indicator failed to achieve the minimum required loading value, namely, ATT3 with
a loading value of 0.248; therefore, it was deleted from the measurement model. The
other indicators have loading values higher than 0.70; hence, they remained part of the
measurement model. Table 5 shows the reliability coefficients and convergent validity for
the various constructs.

Table 5. Reliability and Convergent Validity.

Construct/Item Outer Loading α CR AVE

Attitude Toward Using 0.860 0.899 0.640

ATT 1 0.847

ATT 2 Deleted

ATT 3 0.778

ATT 4 0.780

ATT 5 0.817

ATT 6 0.775

Awareness 0.872 0.904 0.611

AWR 1 0.803

AWR 2 0.756

AWR 3 0.765

AWR 4 0.749

AWR 5 0.861

AWR 6 0.751

Knowledge 0.859 0.904 0.704

KNOW 1 0.890

KNOW 2 0.860

KNOW 3 0.841

KNOW 4 0.759

Subjective Norm 0.901 0.931 0.771

SN 1 0.872

SN 2 0.905

SN 3 0.876

SN 4 0.859

E-tax Declaration Usage 0.861 0.906 0.707

E-tax 1 0.880

E-tax 2 0.818

E-tax 3 0.794

E-tax 4 0.868

Discriminant validity was assessed using [50] criterion and cross-loadings. The results
in Table 6 shows that AVE’s square root for each variable was higher than the variable
shared with other variables [46]. Moreover, a cross-loading factor of items with the relevant
variable was higher than the other variables; [51] used Heterotrait–Monotrait Ratio (HTMT)
of Correlations as another method for discriminant validity, and the study constructs show
HTMT values to be less than 0.90 [52]. As a result, the measurement model met all the
reliability and validity tests, indicating that it is suitable for structural model analysis and
hypothesis testing.
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Table 6. Discriminant Validity (Fornell–Larcker’s criterion and HTMT).

a. Fornell–Larcker’s Criterion

ATT AWR E-Tax KNOW SN

Attitude Toward Using (ATT) 0.800

Awareness (AWR) 0.474 0.782

E-tax Declaration usage (E-tax) 0.470 0.522 0.841

Knowledge (KNOW) 0.421 0.532 0.536 0.839

Subjective Norm (SN) 0.473 0.583 0.571 0.498 0.878

b. HTMT Ratio

Attitude Toward Using (ATT) -

Awareness (AWR) 0.537

E-tax Declaration Usage (E-tax) 0.538 0.595

Knowledge (KNOW) 0.489 0.612 0.617

Subjective Norm (SN) 0.528 0.652 0.646 0.564 -

4.4. Structural Model Analysis: Hypotheses Testing

The results for testing the direct relationships are shown in Table 7 and Figure 2. The
results show that subjective norm (H1) (β = 0.269, t = 2.420, p = 0.012), attitude (H2) (β = 0.160,
t = 2.406, p = 0.016), and knowledge (H3) (β = 0.242, t = 3.742, p = 0.001) all had a significant
direct positive effect on e-tax declaration usage. Hence, Hypotheses 1, 2, and 3 were accepted.

Table 7. Direct and indirect path coefficient and hypotheses testing.

H Path Beta T-Value p-Value Decision

H1 Sub Norm Ý E-tax 0.269 2.420 0.012 Accepted

H2 ATT Ý E-tax 0.160 2.406 0.016 Accepted

H3 Know Ý E-tax 0.242 3.742 0.001 Accepted

H4 ATT*AWR Ý E-tax −0.063 1.074 0.238 Rejected

Figure 2. Structural model.
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The study examines the moderating effect of awareness in the relationship between
attitude and e-tax declaration usage by using the product-indicator method using PLS-
SEM [53]. The exogenous construct (attitude) and moderator construct (awareness) items
were multiplied by two groups of items [54]. These multiplied items revealed that the latent
interaction construct (shown in Figure 2 as ATT*AWR) influences the endogenous construct
(e-tax declaration usage). Table 6 shows that awareness does not affect the relationships
between attitude and the usage of e-tax declarations (β = −0.063, t = 1.1812, and p = 0.238).
As a result, hypothesis 4 was rejected.

4.5. Predictive Relevance of the Model and the Suggested Relationships; R2, Effect Size (ƒ2), and
Predictive Relevance (Q2)

According to [55], R2 values of 0.75, 0.50, and 0.25 are considered substantial, moderate,
and weak, respectively. Based on the R2 values in Table 8, the study model explained 45.2%
of e-tax declaration usage variance, indicating moderate explanation power, 22.4 % of
attitude variance, and 24.8% of subjective norm variance, both of which indicate weak
explanation power.

Table 8. R2, Effect size (ƒ2), and Predictive relevance (Q2).

R2
Effect Size (ƒ2)

Q2
SN ATT E-Tax

Attitude Toward Using (ATT) 0.224 0.032 0.136

Awareness (AWR) 0.021

E-tax Declaration Using (E-tax) 0.452 0.301

Knowledge (KNOW) 0.330 0.069

Subjective Norm (SN) 0.248 0.289 0.074 0.190

The role of each predictor in this study’s model is evaluated using effect size analysis.
According to [55], ƒ2 values of 0.35, 0.15, and 0.02 are considered significant, moderate,
and minor effects, respectively, whereas ƒ2 values of less than 0.02 imply no effect on an
independent variable. As shown in Table 7, the results show that knowledge has a medium
effect on subjective norms but a minor effect on e-tax declaration usage. The subjective
norm has a moderate effect on both attitude and e-tax declaration usage. In addition,
attitude and awareness have a moderate impact on the use of e-tax declarations.

Moreover, Q2 is an additional tool for evaluating the predictive accuracy of the structural
model (Geisser, 1974; Stone, 1974). Ref. [55] stated that the smaller the difference between
the predicted and original values, the higher the Q2 criterion and, as a result, the prediction
accuracy and relevance of the model. The study utilized a blindfolding process to assess
predictive accuracy and, as illustrated in Table 8, the study model accurately predicted
subjective norm (Q2 = 0.190), attitude (Q2 = 0.136), and e-tax declaration usage (Q2 = 0.301).
Hence, the prediction accuracy of this model met the rule of thumb of Q2 > 0 [56].

5. Discussion

This study aims to assess the factors affecting e-tax declaration usage among academic
taxpayers in Jordan. In particular, how subjective norms, attitudes and knowledge impact
e-tax declaration usage. Moreover, the study investigates the moderating role of awareness
in the relationship between attitude and e-tax declaration usage.

The theoretical model of the study was developed based on TPB’s assumptions [25]. Four
hypotheses were developed and tested as follows; subjective norm was hypothesized to have a
positive and direct effect on e-tax declaration using; attitude and knowledge were hypothesized
to have a positive and direct effect on e-tax declaration usage; moreover, awareness was
introduced as a moderator between subjective norms and e-tax declaration usage.
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The results of the structural model analysis confirmed the TBP’s assumptions by
providing evidence of the Jordanian perspective on knowledge and awareness, the two
external constructs to TPB. Despite the fact that knowledge is found to have a positive
effect on e-tax declaration usage, the results of the study do not provide evidence on the
moderating effect of awareness in the relationship between attitude and e-tax declaration
usage. This result could be justified by looking at the descriptive statistics of awareness
which indicated a high mean value (see Table 4). These values reflect a high level of
awareness by the majority of respondents (academics in public universities). Thus, the
statistical techniques may not be able to capture the moderating effect awareness in this case.
The results, however, supported the direct positive effect of subjective norms, knowledge
and attitude on e-tax deceleration usage.

The limited volume of research in this area increases the importance of this study;
moreover, using structural equation modeling allows the factors examined in this paper to
be used as both independent and dependent variables in the model [57]. For example, we
could assess the influence of usage attitude on e-tax declaration usage and, simultaneously,
measure the influence of other variables such as subjective norms and attitudes toward
using e-services. This would lead to suggesting that the variables in the research model
interact with each other in ways that directly influence e-tax declaration usage among
academic taxpayers. Hence, the findings of this paper provide strategic guidance for
Jordanian policymakers in improving citizens’ acceptance of mandatory e-services usage
by enhancing their knowledge, attitude, and subjective norms.

6. Conclusions

This study broadens the scope of mandatory public e-services research as it aimed
to explore the effect of knowledge and subjective norms on e-tax deceleration usage. The
findings show that knowledge, subjective norms and attitudes play a positive key role in
using the e-tax declaration. Yet, the awareness does not moderate the relationship between
subjective norms and e-tax.

This study has numerous practical implications. The findings show that decision-
makers in government must acknowledge the critical impact of subjective norms on e-tax
declaration usage in terms of how people’s perceived benefits of utilizing these services
influence other people’s decisions to use them. Therefore, the responsibility falls on
policymakers in launching broad educational campaigns about the benefits of e-services and
their convenience, in an attempt to influence perception to motivate people to share their
perceptions with their families and peers. Thus, policymakers should encourage people
to share their experiences and comments on various social media platforms regarding the
potential benefits of e-services in general and e-tax declarations usage in particular.

This study also revealed that knowledge has a significant impact on e-tax declaration
usage; as a result, policymakers should deliver marketing messages that clarify the goals of
using e-services such as improving equity, efficiency and life’s quality as well as increasing
their knowledge in those terms so that citizens can grasp the concept behind using such
services and shape their attitude and intention.

Moreover, the study revealed that attitude plays a vital role in influencing e-tax
declaration usage both directly and indirectly, therefore, it is critical to change people’s
attitudes toward mandatory e-services. Policymakers’ promotional efforts should focus
on the numerous advantages of moving services from a traditional manual to an online
system, which saves time by eliminating the need for people to pay a visit to the Income-tax
department and wait in line. Furthermore, it processes all calculations instantly, resulting
in greater transparency and clarity in financial transactions. As a result, people’s overall
evaluation of e-tax declarations usage may change. This may impact people’s intentions
to begin using optional online services, which, in turn, aids in the development of a
sustainable society and environmental protection. Furthermore, citizens’ willingness in
using these services is an essential aspect that plays a significant role in citizens’ perceptions
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of their relationship with the government. Therefore, the citizens must not feel obligated in
engaging in e-services.

7. Limitation and Future Research

Despite the significant contributions this study provides to theory and practice, there
are some limitations present in this study. Firstly, it is recognized that the sample size
was limited to academics in Jordanian public universities, and therefore, it is advisable to
expand participants from other taxpayers to confirm the results. Moreover, the selected
participants were all working in public universities. Diversifying the sample in terms
of occupation, digital divide, and e-literacy would be recommended for future research,
this is because these factors may have a major impact on the usage of e-tax declarations.
Second, the variables in the study were solely measured using quantitative data. As a result,
future research might integrate qualitative and quantitative data to confirm this study’s
findings and uncover the main drivers behind the adoption of e-services. Finally, the
approach adopted in this study was gaining a general holistic view of the factors affecting
the attitude toward e-tax declarations usage. Therefore, this study was limited to a one-year
cross-sectional analysis; as a result, the frequent changes in tax law are not adequately
incorporated. Future research could explore the effect of the changes in tax law on the main
factors affecting e-services adoption by employing a longitudinal research design. This
could help us discover what might happen if the tax laws change and confirm whether the
conclusions of this study are correct. Moreover, future studies may test the current research
model using data from other countries.
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