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Abstract

:

Simulation-based company valuations are based on an analysis of the risks in the company to be valued. This means that risk analysis is decisively important in a simulation-based business valuation. The link between risk measures, risk conception and risk axiom systems has not yet been sufficiently elaborated for simulation-based business valuations. The aim of this study was to determine which understanding of risk underlies simulation-based business valuations and how this can be implemented via suitable risk measures in simulation-based business valuations. The contribution of this study is providing guidance for the methodologically correct selection of appropriate risk measures. This will help with avoiding valuation errors. To this end, the findings were combined from risk axiom systems with the valuation equations of simulation-based business valuations. Only position-invariant risk measures are suitable for simulation-based business valuations.
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1. Introduction


A simulation-based business valuation is an established independent business valuation approach. It also belongs to the DCF methods. In contrast with CAPM-based business valuation methods, a simulation-based business valuation does not determine the risk information about the company by comparing capital market data but derives it from the risks identified and quantified in the company by aggregation. Furthermore, a simulation-based business valuation is able to consider market imperfections such as insolvency risks or different degrees of diversification of the owners. Additionally, market imperfections due to serious economic crises that have occurred in recent years, such as the COVID-19 pandemic (Pourmansouri et al. 2022) and the Ukraine war and their subsequent consequences can be included in corporate planning.



The simulation-based approach has been presented and discussed in the literature (Dorfleitner and Gleißner (2018), Ernst (2022), Gleißner (2011, 2017, 2019, 2021), Ernst and Gleißner (2022a), Gleißner and Ernst (2019)). The approach, which was initially developed in Germany, is now also receiving increased international recognition and attention (see Ernst (2022), Ernst and Gleißner (2022a) and Ernst and Gleißner (2022b)); for a classification of the contribution by Ernst (2022) in the international state of research, see Sinnadurai (2022). As a new research approach, simulation-based business valuations still have some gaps that need to be filled. These include the pricing of risk by the lambda factor (Dorfleitner and Gleißner (2018)), the simulation of cash flows beyond the detailed planning period as a further development of the terminal value (Ernst 2022), the analysis of tails in the frequency distributions of cash flows (for the methodology and possibilities of extreme value theory, see Bruhn and Ernst (2022), Hoffmann and Börner (2021), Hoffmann and Börner (2020)), the question of whether the enterprise value is not itself a stochastic variable (see the fundamental contribution by Fama (1977) or the discussion in Hering (2021)), as well as the integration of risk measures into simulation-based business valuations.



This study addresses the latter research gap. On the question of integrating risk measures in simulation-based business valuations, we refer to the studies of Dorfleitner and Gleißner (2018) and Gleißner and Ernst (2019). Gleißner and Ernst stated that different risk measures such as value at risk and standard deviation can be used in simulation-based business valuations. However, the authors did not address the fact that the risk measures mentioned have different properties. For example, the standard deviation is a two-sided, position-invariant risk measure; the value at risk is a one-sided, position-variant risk measure. The consequences of the application of risk measures in simulation-based business valuations were not explained. As shown in this article, the use of risk measures with certain properties is methodologically incorrect and leads to wrong valuation results. Dorfleitner and Gleißner advanced one step further in their study. In their analysis, they referred to the axiom system of Artzner, Delbaen, Eber and Heath (Artzner et al. 1999) and listed homogeneity, translation invariance, and position invariance as risk characteristics. Based on this, they derived the valuation equation for simulation-based business valuations. Dorfleitner and Gleißner described how position-variant and -invariant risk measures can be considered in the valuation equation in simulation-based business valuations. The authors did not provide a detailed classification of the different risk measures in the risk axiom system of Artzner, Delbaen, Eber, and Heath. Furthermore, they did not classify the risk measures via the risk axiom system proposed by Artzner et al. (1999). Because Dorfleitner and Gleißner emphasized the importance of position-invariant risk measures for simulation-based business valuations, these risk measures in the risk axiom systems for position-invariant risk measures need to be classified and the transition from position-variant risk measures to position-invariant risk measures should be demonstrated.



Because the analysis of the risks identified, quantified, and aggregated in the company represents the major advantage of a simulation-based company valuation over a CAPM-based company valuation, the use of methodologically correct risk measures is of central importance. The aim of this study was to provide methodologically sound guidance for the selection of risk measures that are suitable for simulation-based business valuations.



Based on the current state of research, various questions remain open, which we wanted to clarify in this study. The study questions were as follows:




	
Which risk axiom systems have been developed for position-variant and -invariant risk measures in the literature? What are the inter-relationships between these risk axiom systems and what insights can we draw from them for a simulation-based business valuation?



	
What risk measures can we use in a simulation-based business valuation based on these findings?



	
How can the valuation equation for these risk measures be derived?








This paper is structured as follows. After an introduction to simulation-based valuation, we provide a brief overview of risk measures and concepts, and we adapt previous findings, primarily from risk management for banks and insurance companies, to corporate risk management. We then present risk axioms for determining reliable risk measures, focusing on the risk axiom systems of position-variant and -invariant risk measures. Subsequently, we show which properties of the axiom systems can be assigned to the risk measures relevant to simulation-based business valuations. Finally, we demonstrate, by means of a case study how position-variant and -invariant risk measures can be used in simulation-based business valuations. We conclude the article with a summary of the insights gained.




2. Methodological Background of the Simulation-Based Valuation


Simulation-based company valuation is based on information regarding the risks of the company itself, which are determined by means of risk analysis. Here, a distinction is made not between systematic and unsystematic risks, as is customary in the CAPM, but between risks that are hedged and non-hedged in the company (Ernst 2022). These risks are mapped in the business plan via suitable distribution functions (Wehrspohn and Ernst 2022) and represent the basis of unbiased planning. After performing a Monte Carlo simulation (Jaeckel 2002; Pachmanova and Fabozzi 2010), risk measures are selected for the aggregated risks during risk analysis (Friberg 2015; Jorion 2007; Stulz 2003), which form the basis of risk processing in simulation-based business valuations.



According to this approach, the central features of a simulation-based business valuation can be derived (Ernst 2022):




	
The consideration of business risks;



	
The use of a Monte Carlo simulation for risk aggregation.








Initially, a simulation-based valuation does not imply a commitment to a specific theoretical framework for valuation. If one chooses, as is common practice, a semi-investment-theoretic valuation uses “imperfect replication” (Dorfleitner and Gleißner 2018; Gleißner 2011, 2019); then, all market constellations resulting from a high degree of market imperfection can be modeled as perfect and complete capital markets (including the CAPM as a special case) (Gleißner and Ernst 2019). Accordingly, different degrees of diversification can also be modeled.



In each case, the frequency distributions resulting from the Monte Carlo simulation are condensed to the expected value in the simulation-based valuation, and the risk of the cash flows is expressed by a risk measure, such as standard deviation or value-at-risk (Bessis 1999; McNeil et al. 2015). A risk-value model and the imperfect replication method can be used to calculate the risk-adequate present value of cash flows, taking into account their (a) amount, (b) risk, and (c) timing (Dorfleitner and Gleißner 2018; Gleißner and Wolfrum 2008).



The main characteristics and advantages of a simulation-based business valuation based on the analysis of business risks can be summarized as follows (Gleißner 2021):




	
Comprehensible, unbiased expected values of cash flows or earnings can only be derived with simulation-based planning.



	
A plausibility check of the planning and planning logic is carried out by means of risk identification, risk quantification, and risk aggregation.



	
With a simulation-based valuation, the effects of insolvency risk on enterprise value can be easily incorporated into the valuation model.



	
A simulation-based business valuation allows a risk-adjusted discount rate (cost of capital) to be directly derived from the risk analysis of the simulation results.



	
Simulation-based valuation is a suitable basis for preparing business decisions.



	
Simulation-based valuation is the only valuation method that meets the legal requirements and auditing standards for risk management.









3. Risk Measures and Risk Concepts


In the literature (Albrecht 2003; Bessis 1999; McNeil et al. 2015) and in practice, (Brown 2011; Jorion 2007), a large number of different risk measures are discussed and applied. All these risk measures can be applied in the context of simulation-based business planning and business valuation. Here, however, we concentrate on the following risk measures:




	
Standard deviation;



	
Value at risk;



	
Deviation value at risk;



	
Conditional value at risk;



	
Deviation conditional value at Risk.








In order to structure the aforementioned risk measures, two different risk concepts are distinguished in the literature: Albrecht (2003) and Albrecht and Huggenberger (2015).



In the Type I risk conception, the risk is the extent of deviations from a target variable. Here, we use the expected value of the valuation-relevant cash flows as the target value. The relevant subcategories are:




	(a)

	
Two-sided risk measures (also referred to as dispersion measures);




	(b)

	
One-sided risk measures.









In the Type II risk concept, the risk is considered as required capital:




	(a)

	
Loss or risk capital in the narrow sense;




	(b)

	
Economic loss or risk capital in the broad sense.









The Type I risk concept is unproblematic for our question. Thus, from the risk measures selected here, we assigned standard deviation to the two-sided risk measures and value at risk, deviation value at risk, conditional value at risk, and deviation conditional value at risk to the two-sided risk measures. The Type II risk concept, which defines risk as required capital, requires further consideration. The definition of economic capital proposed by Albrecht and Huggenberger (2015) refers to financial companies and is thus not applicable to companies outside the financial industry.



Risk capital quantifies the amount that equity investors must raise to cover the potential losses of the company. This definition corresponds to risk capital in a narrow sense and is quantified, for example, by the value at risk or the conditional value at risk. If the risk is defined as a deviation from the expected value, and thus, the risk includes not only the loss but also the nonachievement of the expected value of a performance indicator such as EBIT or cash flow, this is referred to as risk capital in a broader sense. Thus, the following applies:



Risk capital in the broad sense = risk capital in the narrow sense + missed expected value.



We see that when assessing risks, not only is the amount of the loss important, but also the failure of the performance measure (EBIT or cash flow) that was expected, as the failure to achieve this parameter alone constitutes risk. Risk capital in the broader sense includes the deviation value at risk or deviation conditional value at risk.



Table 1 shows possible constellations of risk capital in the narrow sense and risk capital in the broad sense.



The random variable X can be both a profit variable P and a loss variable L. We see that with a profit that is smaller than the expected value, the VaR is zero, but a risk in the broad sense arises due to the missed expected value. If there is a loss and at the same time a positive expected value, a VaR is realized, but it is smaller than the risk capital in a broad sense. This is because the business plan works with this expected value, and missing it provides additional risk to the VaR. If the expected value is negative but still greater than the VaR, then the risk capital in the narrow sense exceeds the risk capital in the broad sense. This is because a loss has been accounted for in the business plan.



In addition to the risk concepts mentioned above, risk measures can be differentiated into position-variant and -invariant (Albrecht 2003). Position-variant risk measures depend on the expected value of the random variable and thus on the mean value of the distribution. The expected value determines the position of the distribution and thus the level of the position-variant risk measure. Position-variant risk measures include the value at risk or conditional value at risk. Position-invariant risk measures measure risk independent of the expected value (solely from the shape of the distribution) by measuring the distance between the position-variant risk measure and its mean. They are thus independent of the mean value of the distribution. The standard deviation, deviation value at risk, and deviation conditional value at risk are among the position-invariant risk measures. As we describe below, position-variant risk measures can be transformed into position-invariant risk measures.




4. Risk Axioms for Determining Reliable Risk Measures


In simulation-based valuation, a number of risk measures are basically available for risk analysis, which we assign to different risk concepts and which can be position-variant or -invariant. The next step is to determine which quality requirements are met by risk measures. For this purpose, catalogs of requirements, so-called axiom systems, have been developed by researchers, with which suitable risk measures can be selected. In the following, we distinguish between axiom systems for position-variant and those for position-invariant risk measures.



4.1. Risk Axioms for Location-Variant Risk Measures


The axiom system developed by Artzner, Delbaen, Eber, and Heath (Artzner et al. 1997, 1999) has become established in the literature as the standard for risk measure requirements. We abbreviate it here as ADEH. We refer to the ADEH axiom system from 1999 (Artzner et al. 1999) but present it in a basic variant that is sufficient for our purposes. A risk measure is considered coherent if it fulfills the four axioms listed in Table 2.



The ADEH axiom system aims at position-variant risk measures that measure risk as a loss when the loss event occurs. This is reflected in ADEH axiom 1 of translation invariance (position variance). If   R  X  ≥ 0  , then   R  X    can be interpreted as (maximum) loss and (maximum) risk capital in a narrow sense. This arises when a loss case occurs.




4.2. Risk Axioms for Position-Invariant Risk Measures


Rockafellar and Uryasev (Rockafellar and Uryasev 2002) and Rockafellar, Uryasev, and Zabarankin (Rockafellar et al. 2006) have developed an axiom system for position-invariant risk measures. We refer here to the axiom system of Rockafellar, Uryasev, and Zabarankin (RUZ). The authors referred to risk axioms for position-invariant risk measures as deviation measures in order to emphasize the difference from the position-variant risk measures in the sense of the ADEH axiom system. Accordingly, they used the designation D instead of R. Deviation measures describe the deviation from the expected value. To emphasize that the deviation measures are also risk measures, we refer to them as deviation risk measures and abbreviate them as DR.



An axiom system for position-invariant risk measures was first formulated by Pedersen and Satchell (Pedersen and Satchell 1998) in a slight generalization of the system of Kijima and Ohnishi (Kijima and Ohnishi 1993). The RUZ axiom system was then founded on these findings. We abbreviate the Pedersen and Satchell axiom system as PS. The PS axiom system is based on the definition of risk as deviation from the expected value. The axioms are listed in Table 3.



The RUZ axiom system is almost completely consistent with the PS axiom system. However, it contains slight tightening in RUZ 1, RUZ 2, RUZ 3b, RUZ 4a and RUZ 4b (Table 4). Rockafellar et al. 2006, as already explained, performed their study with reference to deviation measures, which thus correspond to economic loss or risk capital in a broad sense.



A degenerate loss variable exists if   X ≡ c  . This means that the  X  corresponds to a real number and thus has no random fluctuations. Thus   D R  c  = 0   applies (RUZ 1). This is different from risk measures that satisfy the axiomatization of ADEH and have the property   D  c  = c   (ADEH 1). The deviation risk for all nondegenerate losses is greater than zero (RUZ 4b). All losses, including degenerate losses, have a deviation risk greater than or equal to zero (RUZ 4a). If the deviation from the expected value is zero, the deviation risk is also zero (RUZ 3b).




4.3. Connections between ADEH and RUZ Axiom Systems


The ADEH axiom system agrees with the RUZ axiom system regarding the property subadditivity (RUZ 2), homogeneity (RUZ 3a and 3b) and positivity (RUZ 4a and 4b).



The main difference between ADEH and RUZ axiom systems lies in axioms ADEH 1 and RUZ 1. ADEH 1 requires the property of translation invariance (=position variance), whereas RUZ 1 is based on the property of position invariance. There cannot be a real-valued function that simultaneously fulfills both conditions. Once applied to corporate risk management, this means that no risk measure can be both position-variant and -invariant. Deviation risk measures are basically position-invariant. This becomes clear when we insert   c = − E  X    in RUZ 1. This results in the deviation risk measure   D R  X  =   X − E  X     . This also clarifies that the axiomatization of RUZ is only aimed at position-invariant risk measures. Shortfall risk measures with a target value z that deviate from the expected value are not captured by this axiom system.



Despite this incompatibility between risk measures and deviation risk measures, in many cases, a simple relationship exists between the two classes of risk measures:


   D R  X  = R  X  − E  X      or   R  X  = E  X  + D R  X    



(1)







To ensure the validity of this equation, RUZ adds the following further axiom to the ADEH axiom system:


R(X) > E(X) for all nondegenerate variables X











ADEH 5 is consistent with the statements in Table 1. RUZ describes axiom ADEH 5 as a strictly expectational bound. This condition excludes, in particular, the risk measure   R  X  = E  X    coherent under (ADEH). ADEH 5 requires the following: the risk measure  R  should assign a risk level to a random variable that is higher than its expected value. In the case of a risk-averse decision-maker, this is a sensible minimum requirement for a risk measure. RUZ now proves that the relationships (see Equation (1)) hold exactly when  R  is a risk measure that satisfies the ADEH axioms 1, 2, 3, and 5. If the monotonicity axiom is also fulfilled, we have a strict expectation-limited coherent risk measure. We thus explained the relationship between the ADEH and RUZ axiom systems and showed how position-variant risk measures can be transformed into position-invariant risk measures and vice versa. If Equation 1 is fulfilled, we can speak of an  R  measure associated with the   D R   measure or of the  R  measure associated with the  R  measure.




4.4. Which Properties of ADEH and RUZ Axiom Systems Can Be Assigned to Risk Parameters Relevant for Simulation-Based Business Valuation?


In the next step, we considered the risk measures listed in Section 2 that are relevant for simulation-based business valuations. We applied these to the ADEH and RUZ axiom systems. Table 5 shows the results of the analysis. The main difference between the ADEH and RUZ axiom systems is the position-variance or -invariance of the risk measures. The formal reconciliation is presented. How this transition from a position-variant to a position-invariant risk measure is implemented in the simulation-based valuation is shown in the next section.





5. Using Position-Variant and -Invariant Risk Measures in Simulation-Based Business Valuations


In this section, we show how to transition from position-variant to -invariant risk measures in the simulation-based valuation approach. Here, we considered the insights gained above. This first requires an explanation of the basic valuation methodology when applying simulation-based valuation.



5.1. Semi-Investment Theory Valuation as a Basis for Simulation-Based Business Valuation


The simulation-based valuation is a semi-investment theory valuation based on risk-value models and the incomplete replication method (see Dorfleitner and Gleißner (2018) and Sarin and Weber (1993)). The starting point for deriving the valuation equation for the uncertain cash flow     C F  ˜   , which corresponds to the uncertain variable  X  in the above equations of the axiom systems, is the following, central assumption: two cash flows       C F  ˜   1    and       C F  ˜   2   , which occur at the same time, have the same value if they match in expected value and selected risk measure. Only two alternative investment options are considered to limit the decision field: a risk-free investment with interest rate    r f    and a risky alternative investment option, e.g., a global stock index with an uncertain market return     r ˜  m   .



To derive the valuation equation for a cash flow     C F  ˜    with expected value   E     C F  ˜     , a replication portfolio is constructed. The replication portfolio is composed of a share  x  of the risk-free investment and a share  y  of the risky investment opportunity. One chooses  x  and  y  so that the expected value and risk of the cash flows of this replication portfolio exactly correspond to those of the cash flows to be valued. The risk is measured by a risk measure   R     C F  ˜     , for example, by the risk measures listed in Table 5. Due to the required identity of (1) risk and (2) the expected value of the cash flows from the valuation object and the replication portfolio of alternative investments, two equations result:


  E     C F  ˜    = E   y   1 +  r f    + z   1 +   r ˜  m      = y   1 +  r f    + z   1 + E     r ˜  m       



(2)






  R     C F  ˜    = R   y   1 +  r f    + z   1 +   r ˜  m       



(3)







If these equations are solved for  x  and  y , the equations for the numerical values of  x  and  y  are obtained. Due to the above assumption, the value of the uncertain cash flow   V     C F  ˜      exactly corresponds to the sum   x + y  .


  V     C F  ˜    = x + y  



(4)








5.2. Deriving Valuation Formula Considering Position-Variant and -Invariant Risk Measures


To derive the valuation formula, Formula (2) is first solved for   y  .


  y =   E     C F  ˜    − z   1 + E     r ˜  m        1 +  r f     



(5)







If we then insert this term for  y  into Formula (3), we obtain:


  R     C F  ˜    = R   z     r ˜  m  − E     r ˜  m      + E     C F  ˜      .  



(6)







Now, we can distinguish two cases resulting from the differences between the ADEH and RUZ risk axiom systems. ADEH characterizes position-variant risk measures, and RUZ characterizes position-invariant risk measures.



Case 1: Case 1 applies if the risk measure considered is position-variant and the property of translation invariance applies. Due to the translation invariance (ADEH 1),   E     C F  ˜    = z · R     r ˜  m  − E     r ˜  m        results. Transformed according to the criterion of translation invariance and resolved to  z  results in


  z =   R     C F  ˜    + E     C F  ˜      R     r ˜  m  − E     r ˜  m        =   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        .  



(7)







Case 2: Case 2 applies if the risk measure under consideration is position-invariant and the property of position invariance applies. Then   R     C F  ˜    = z · R     r ˜  m      applies. Solved for  z , the result is


  z =   R     C F  ˜      R     r ˜  m      =   R    Z ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        .  



(8)







In both cases,   z =   R    Z ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m          > 0 is the amount of capital invested in the market portfolio. The value of  y  can be derived by substituting  z  into Equation (5). This results in


  y =   E   Z ˜   −   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        ·   1 + E     r ˜  m        1 +  r f    .  



(9)







If we now add the terms for  z  and for  y , we obtain the value of the cash flow (the derivation of Equation (10) can be found in Appendix A):


  V     C F  ˜    =   E     C F  ˜    − R     C F  ˜  − E     C F  ˜      ·     E     r ˜  m    −  r f      R     r ˜  m  − E     r ˜  m          1 +  r f     



(10)







We thus show that both position-variant and -invariant risk measures can be used in simulation-based valuation. However, we have to convert the position-variant risk measures into position-invariant risk measures during the valuation, so that, in practice, only position-invariant risk measures are used in simulation-based valuation.





6. Case Study: Use of Position-Variant and Position-Invariant Risk Measures in Simulation-Based Business Valuation


The following calculations are based on the case study of a simulation-based business valuation presented by Ernst (2022). The following steps were carried out in our study:




	
Creating the distribution functions of the risk parameters for the Monte Carlo simulation.



	
Integrating the risk parameters into the planning of the profit and loss account and the balance sheet.



	
Calculating cash flows to equity as the target value of the Monte Carlo simulation.








In step 1, as a result of a risk workshop, the risks that have not been hedged or that can be hedged by the company are identified. These are quantified by assigning them a distribution function. In step 2, the Monte Carlo parameters are incorporated into the income statement and balance sheet planning. This results in planning that is unbiased. In step 3, the cash flow to equity is calculated as the target value of the Monte Carlo simulation. The result of the Monte Carlo simulation is a frequency distribution of the cash flow to equity, which forms the basis of the following risk analysis. Figure 1 shows the result of the simulation for the cash flow to equity of period 1 in the form of a histogram. This shows that the expected value is EUR 3678 billion, and the histogram has a fat tail. This fat tail contains extreme risks that arise from the combination of unfavorable constellations when drawing input parameters from their distribution functions. The extreme negative expressions of the CFtE are shown by   V A  R  1 − ∝    X  =  Q α   X    for the 1% and 0.1% quantiles. The values are EUR −2657 million and EUR −3880 million, respectively. These are extremely high deviations from the expected value.



Table 6 shows the values of the standard deviation and for the 1% quantile of the value at risk (VaR), deviation value at risk (DVaR), conditional value at risk (CVaR), and deviation conditional value at Risk (DCVaR). When using the VaR and CVaR, these risk measures have to be converted into DVaR and CVaR to be able to be used in simulation-based valuations.



The formulas for calculating the risk measures are as follows:


  σ  X  =   E (   X − E  X   ) 2       



(11)






  V a  R  1 − α    X  =          Q α   X    ,    Q α   X  < 0           0       



(12)






  D V a  R  1 − α    X  =          Q α    X − E  X      ,    Q α    X − E  X    < 0           0       



(13)






  C V a  R  1 − α    X  =         E   X | X <  Q α   X      ,   E   X | X <  Q α   X    < 0           0       



(14)






  D C V a  R  1 − α    X  =         E   X | X <  Q α   X  − E  X      ,   E   X | X <  Q α   X  − E  X    < 0           0       



(15)







In the next step, we calculate the value of the cash flows for position-invariant risk measures. In addition to the calculated risk measures, we still need values for the market risk premium     E     r ˜  m    −  r f     , risk of the market measured as   R     r ˜  m  − E     r ˜  m       , and the risk-free interest rate according to Equation (16). Dividing the market risk premium by the market risk yields the price of risk, which is denoted by  λ .


  λ =     E     r ˜  m    −  r f      R     r ˜  m  − E     r ˜  m         



(16)







 λ  is, in our example,


  λ =     E     r ˜  m    −  r f      R     r ˜  m  − E     r ˜  m        =   0.0531   0.2   = 0.2655 = 26.55 %  



(17)







The risk-free interest rate is 0.7%. The value of the CFtE of period t(1) has the following values depending on the selected risk measure:


  Standard   deviation :    V 0        C F  ˜   1    =   3.640 − 1.626 · 0.2655   1 + 0.07   = 2999  



(18)






  DVaR  99 %  :    V 0        C F  ˜   1    =   3.640 − 6.441 · 0.2655   1 + 0.07   = 1804  



(19)






  DCVaR  99 %  :    V 0        C F  ˜   1    =   3.640 − 6.865 · 0.2655   1 + 0.07   = 1699  



(20)







For these risk measures, a simulation-based business valuation can be conducted in further steps (see Ernst 2022).




7. Discussion


Risk measures and risk analysis are central components of simulation-based business valuations. The risk concepts discussed in the literature so far are primarily designed for banks and insurance companies. In corporate risk management, not only financial losses but also negative deviations from expected earnings represent central risks. Financial losses can be captured by position-variant risk measures, and negative deviations can be captured from expected returns by position-invariant risk measures.



For position-variant risk measures, a risk axiom system was developed by ADEH, and for position-invariant risk measures, a risk axiom system was developed by RUZ. Position-variant risk measures can easily be transformed into position-invariant risk measures. Only position-invariant risk measures can be used for simulation-based business valuations. This had not yet been demonstrated with such clarity. This means that the VaR, which is popular in practice, must be converted into the DVAR and the CVaR into the DCVaR.



We demonstrated the implementation of the insights gained in a simulation-based business valuation using the valuation equation, which is based on incomplete replication. For this purpose, we used a single-period model. However, this model can also be used without problems for a multiperiod model including terminal value (Ernst 2022).



By answering the above study questions, an important building block in simulation-based business valuations has been laid. Now, further research gaps must be filled to advance the applicability of simulation-based business valuations in business valuation practice.



In addition to the research areas mentioned in the Introduction, the question that needs to be answered in connection with risk measures is how the risk quantities determined via the risk measures can be priced. In the case of standard deviation, this is achieved via the market price of the risk ( λ ). We calculate the market price of a risk by putting the market risk premium in relation to the risk of the market. The risk of the market is calculated via the standard deviation of the return of the market. Thus, pricing the risk for the standard deviation risk measure is straightforward. Further consideration is, however, required on how the market price for the risk measures, deviation value at risk, and deviation conditional value at risk can be determined.



Another future area of research is to examine which of the position-independent risk measures used are best suited for which business valuation tasks. Furthermore, whether the results of the simulation-based risk analysis can be empirically validated by using industry data should be analyzed. To establish simulation-based business valuations as a standard business valuation method, further empirical studies with comparisons to other valuation methods need to be conducted.



The research topics mentioned in the Discussion and Introduction are to be successively worked through and solved. These are detailed questions that do not fundamentally call into question the approach of simulation-based business valuations. We see data availability as the main barrier to simulation-based planning and business valuation. To be able to apply the approach, the risks in the company must be known and quantified. These data are usually only held by companies if they are legally obliged to do so or if they attach high importance to risk management in the company. In some countries, e.g., Germany, companies are legally obliged to implement an early risk detection system. This means that the data needed for the simulation-based company evaluation are also available. Another limiting factor is the methodological and quantitative competencies for performing simulations and the associated risk analysis. In the financial industry, these skills are available because they are required by the regulatory framework. These skills are lagging in industrial and service companies.
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Appendix A



   V     C F  ˜    =   E     C F  ˜    −   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        ·   1 + E    r m        1 +  r f    +   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m          
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   V     C F  ˜    =   E     C F  ˜    −   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        ·   1 + E    r m        1 +  r f    +     R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        ·   1 +  r f      1 +  r f      
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(A5)






   V V     C F  ˜    =   E     C F  ˜    −   R     C F  ˜  − E     C F  ˜        R     r ˜  m  − E     r ˜  m        ·   E     r ˜  m    −  r f      1 +  r f      



(A6)






   V     C F  ˜    =   E     C F  ˜    − R     C F  ˜  − E     C F  ˜      ·     E     r ˜  m    −  r f      R     r ˜  m  − E     r ˜  m          1 +  r f      



(A7)







References


	



Acerbi, Carlo. 2002. Spectral Measures of Risk: A Coherent Representation of Subjective Risk Aversion. Journal of Banking & Finance 26: 1505–18. [Google Scholar] [CrossRef]

	



Albrecht, Peter. 2003. Zur Messung von Finanzrisiken. Mannheimer Manuskripte zu Risikotheorie, Portfolio Ma-nagement und Versicherungswirtschaft 143. Mannheim: Universitätsbibliothek Mannheim. [Google Scholar]

	



Albrecht, Peter, and Markus Huggenberger. 2015. Finanzrisikomanagement: Methoden Zur Messung, Analyse und Steuerung finanzieller Risiken. Stuttgart: Schäffer-Poeschel. [Google Scholar]

	



Artzner, Philippe, Freddy Delbaen, Jean-Marc Eber, and David Heath. 1997. Thinking Coherently: Generalised Scenatios Rather Than VAR Should Be Used When Calculating Regulatory Capital. Risk 10: 68–72. [Google Scholar]

	



Artzner, Philippe, Freddy Delbaen, Jean-Marc Eber, and David Heath. 1999. Coherent Measures of Risk. Mathematical Finance 9: 203–28. [Google Scholar] [CrossRef]

	



Bessis, Joël. 1999. Risk Management in Banking. Chichester: Wiley. [Google Scholar]

	



Brown, Aaron. 2011. Red-Blooded Risk: The Secret History of Wall Street, 1st ed. Unofficial Guides. New York: John Wiley & Sons Incorporated. Available online: https://ebookcentral.proquest.com/lib/kxp/detail.action?docID=693678 (accessed on 22 November 2022).

	



Bruhn, Pascal, and Dietmar Ernst. 2022. Assessing the Risk Characteristics of the Cryptocurrency Market: A GARCH-EVT-Copula Approach. Journal of Risk and Financial Management 15: 346. [Google Scholar] [CrossRef]

	



Dorfleitner, Gregor, and Werner Gleißner. 2018. Valuing Streams of Risky Cashflows with Risk-Value Models. Journal of Risk 20: 1–27. [Google Scholar] [CrossRef]

	



Ernst, Dietmar. 2022. Simulation-Based Business Valuation: Methodical Implementation in the Valuation Practice. Journal of Risk and Financial Management 15: 200. [Google Scholar] [CrossRef]

	



Ernst, Dietmar, and Werner Gleißner. 2022a. Paradigm Shift in Finance: The Transformation of the Theory from Perfect to Imperfect Capital Markets Using the Example of Company Valuation. Journal of Risk and Financial Management 15: 399. [Google Scholar] [CrossRef]

	



Ernst, Dietmar, and Werner Gleißner. 2022b. Simulation-Based Valuation. SSRN Journal. [Google Scholar] [CrossRef]

	



Fama, Eugene F. 1977. Risk-Adjusted Discount Rates and Capital Budgeting Under Uncertainty. Journal of Financial Economics 5: 3–24. [Google Scholar] [CrossRef]

	



Friberg, Richard. 2015. Managing Risk and Uncertainty: A Strategic Approach. Cambridge and London: MIT Press. [Google Scholar]

	



Gleißner, Werner. 2011. Risikoanalyse und Replikation für Unternehmensbewertung und Wertorientierte Unternehmenssteuerung. WiSt-Wirtschaftswissenschaftliches Studium 40: 345–52. [Google Scholar] [CrossRef]

	



Gleißner, Werner. 2017. Risikoanalyse, Risikoquantifizierung und Risikoaggregation. WiSt-Wirtschaftswissenschaftliches Studium 46: 4–11. [Google Scholar] [CrossRef]

	



Gleißner, Werner. 2019. Cost of Capital and Probability of Default in Value-Based Risk Management. Management Research Review 42: 1243–58. [Google Scholar] [CrossRef]

	



Gleißner, Werner. 2021. Simulationsbasierte Unternehmensbewertung: Methode Und Nutzen. BewertungsPraktiker 3: 84–87. [Google Scholar]

	



Gleißner, Werner, and Dietmar Ernst. 2019. Company Valuation as Result of Risk Analysis: Replication Approach as an Alternative to the CAPM. Business Valuation OIV Journal 1: 3–18. [Google Scholar] [CrossRef]

	



Gleißner, Werner, and Marco Wolfrum. 2008. Eigenkapitalkosten und die Bewertung nicht börsennotierter Unternehmen: Relevanz von Diversifikationsgrad und Risikomaß. Finanz-Betrieb (FB)–Zeitschrift für Unternehmensfinanzierung und Finanzmanagement 10: 602–14. [Google Scholar]

	



Hering, Thomas. 2021. Unternehmensbewertung. 4., vollständig überarbeitete und erweiterte Auflage. Lehr- und Handbücher der Wirtschaftswissenschaft. Berlin and Boston: De Gruyter Oldenbourg. Available online: https://www.degruyter.com/books/9783110738865 (accessed on 22 November 2022).

	



Hoffmann, Ingo, and Christoph J. Börner. 2020. Tail Models and the Statistical Limit of Accuracy in Risk Assessment. The Journal of Risk Finance 21: 201–16. [Google Scholar] [CrossRef]

	



Hoffmann, Ingo, and Christoph J. Börner. 2021. Body and Tail: An Automated Tail-Detecting Procedure. Journal of Risk 23: 1–17. [Google Scholar] [CrossRef]

	



Jaeckel, Peter. 2002. Monte Carlo Methods in Finance; Wiley Finance Series; Chichester and Weinheim: Wiley. Available online: http://www.loc.gov/catdir/description/wiley039/2001046997.html (accessed on 22 November 2022).

	



Jorion, Philippe. 2007. Value at Risk: The New Benchmark for Managing Financial Risk, 3rd ed.; New York: McGraw-Hill. Available online: http://www.loc.gov/catdir/enhancements/fy0659/2006015513-b.html (accessed on 22 November 2022).

	



Kijima, Masaaki, and Masamitsu Ohnishi. 1993. Mean-Risk Analysis of Risk Aversion and Wealth Effects on Optimal Portfolios with Multiple Investment Opportunities. Annals of Operations Research 45: 147–63. [Google Scholar] [CrossRef]

	



McNeil, Alexander J., Rüdiger Frey, and Paul Embrechts. 2015. Quantitative Risk Management: Concepts, Techniques and Tools, Revised ed. Princeton Series in Finance. Princeton: Princeton University Press. [Google Scholar]

	



Pachamanova, Dessislava A., and Frank J. Fabozzi. 2010. Simulation and Optimization in Finance: Modeling with MATLAB, @Risk, or VBA. The Frank J. Fabozzi Series; Hoboken: Wiley. [Google Scholar]

	



Pedersen, Christian S., and Stephen E. Satchell. 1998. An Extended Family of Financial-Risk Measures. Geneva Pap R I-Iss P 23: 89–117. [Google Scholar] [CrossRef]

	



Pourmansouri, Rezvan, Amir Mehdiabadi, Vahid Shahabi, Cristi Spulbar, and Ramona Birau. 2022. An Investigation of the Link between Major Shareholders’ Behavior and Corporate Governance Performance Before and After the COVID-19 Pandemic: A Case Study of the Companies Listed on the Iranian Stock Market. Journal of Risk and Financial Management 15: 208. [Google Scholar] [CrossRef]

	



Rockafellar, Ralph Tyrrell, and Stanislav Uryasev. 2002. Conditional Value-at-Risk for General Loss Distributions. Journal of Banking & Finance 26: 1443–71. [Google Scholar] [CrossRef]

	



Rockafellar, Ralph Tyrell, Stan Uryasev, and Michael Zabarankin. 2006. Generalized Deviations in Risk Analysis. Finance Stochast 10: 51–74. [Google Scholar] [CrossRef]

	



Sarin, Rakesh K., and Martin Weber. 1993. Risk-Value Models. European Journal of Operational Research 70: 135–49. [Google Scholar] [CrossRef]

	



Sinnadurai, Philip. 2022. Empirical Corporate Finance: Opportunities and Challenges—Editorial Synthesis of the Special Issue. Journal of Risk and Financial Management 15: 377. [Google Scholar] [CrossRef]

	



Stulz, René M. 2003. Risk Management & Derivatives, 1st ed. Mason: South-Western/Thomson. [Google Scholar]

	



Wehrspohn, Uwe, and Dietmar Ernst. 2022. When Do I Take Which Distribution? A Statistical Basis for Entrepreneurial Applications. Springer eBook Collection. Cham: Springer International Publishing. [Google Scholar]








[image: Risks 11 00013 g001 550] 





Figure 1. Histogram of cash flow to equity in t1. 
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Table 1. Constellations between risk capital in a narrow sense and risk capital in a broad sense.






Table 1. Constellations between risk capital in a narrow sense and risk capital in a broad sense.











	
	Expected Value of X

Positive

X = Profit
	Expected Value of X

Positive

X = Loss
	Expected Value of X

Negative

X = Loss





	Risk capital in a narrow sense = loss of the company,

e.g., VaR or CVaR
	=0
	<risk capital in a broad sense
	>risk capital in a broad sense



	Risk capital in a broad sense = missed expected value,

e.g., DVaR or DCVaR
	>risk capital in a narrow sense
	>risk capital in a narrow sense
	<risk capital in as narrow sense
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Table 2. Coherent risk measures according to Artzner, Delbaen, Eber, and Heath.
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	Mathematical Condition
	Financial Interpretation





	Translation invariance

(=position variance)

(ADEH 1)
	  R   X + c   = R  X  − c  

for all c
	Adding a safe position reduces risk.



	Subadditivity

(ADEH 2)
	   R    X 1  +  X 2    ≤   R    X 1    + R    X 2      
	Risk of the sum of sub-portfolio risk is less than or equal to the sum of their individual risks. For a portfolio, this means that pooling risks diversifies the portfolio and reduces portfolio risk.



	Positive homogeneity

(ADEH 3)
	  R   λ · X   = λ · R  X   

for all   λ > 0  
	Multiplying the random variable X leads to a corresponding increase in risk position   R  X   .



	Monotony

(ADEH 4)

Positivity

(ADEH 4′)
	    X 1    ≤  X 2  = > R    X 1      ≤   R    X 2      

   X   ≥ 0 = >    R   X    ≥ 0   
	If the risk of X1 is lower than that of X2, then the capital requirements to cover the risk of X1 should also be lower than those to cover the risk of X2.

The monotonicity axiom can be replaced by the positivity axiom Acerbi (2002, p. 1507).
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Table 3. Pedersen and Satchell axiom system.
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	Mathematical Condition
	Financial Interpretation





	Shift invariance

(PS 1)
	  D R   X + c   ≤ D R  X   

for all c
	Adding a safe position only changes the position, not the level of risk.



	Subadditivity

(PS 2)
	   D R    X 1  +  X 2    ≤   D R    X 1    + D R    X 2      
	Risk of the sum of sub-portfolios risk is less than or equal to the sum of their individual risks. For a portfolio, this means that pooling risks diversifies the portfolio.



	Positive homogeneity

(PS 3)
	  D R   λ · X   = λ · D R  X     

for all   λ > 0  
	When you double a position, you double the risk.



	Non-negativity

(PS 4)
	   D R  X  > 0   
	Risk is basically understood as deviation from the expected value, provided that the risk of the random variable is greater than zero.
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Table 4. Rockafellar, Uryasev, and Zabarankin axiom system.
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	Mathematical Condition
	Financial Interpretation





	Position invariance

(RUZ 1)
	  D R   X + c   =    DR   X   

for all c
	Risk corresponds to the deviation measure.



	Subadditivity

(RUZ 2)
	   D R    X 1  +  X 2    ≤   R    X 1    + R    X 2      
	Deviation risk of the sum of the subportfolios is less than or equal to the sum of their individual deviation risks. For a portfolio, this means that pooling deviation risks diversifies the portfolio.



	Positive homogeneity

(RUZ 3a)
	  D R   λ · X   = λ · D R  X     

for all   λ > 0  
	When you double a position, you double the risk of deviation.



	RUZ 3b
	   D R  0  = 0   
	If the deviation from the expected value is zero, the deviation risk is also zero. This results from RUZ 3a.



	Positivity

(RUZ 4a)
	  D R  X  ≥ 0  

for all  X 
	Deviation risk is greater than or equal to zero for all possible losses.



	RUZ 4b
	  D R  X  > 0  

for all non-degenerate   X  
	Deviation risk is greater than zero for all non-degenerate random variables X.
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Table 5. Risk measures and their properties.
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	Standarddeviation
	VaR
	DVaR
	CVaR
	DCVaR





	Translation invariance
	-
	X
	X
	X
	X



	Subadditivity
	X
	-
	-
	X
	X



	Positive homogeneity
	X
	X
	X
	X
	X



	Monotony or positivity
	-
	X
	X
	X
	X



	Position invariance
	X
	-
	X
	-
	X



	One-sidedness
	-
	X
	X
	X
	X



	Suitability for simulation-based business valuation
	✓
	-
	✓
	-
	✓
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Table 6. Calculation and conversion of position-variant risk measures into position-invariant risk measures.






Table 6. Calculation and conversion of position-variant risk measures into position-invariant risk measures.













	
	Standarddeviation
	VaR99%
	DVaR99%
	CVaR99%
	DCVaR99%





	Position-variant risk measure
	
	2800
	
	3225
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	Position-invariant risk measure
	1626X
	
	6441
	X
	6854
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