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Figure S1. Data transformation. Scatter plots of the original creatinine clearance (Clcr) and plasma
creatinine concentration (pCr) data (left), and the data transformed by Equation 2 (right), color-coded
by weight.
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Figure S2. Graphical description of the FFNN architecture. Input features (pCr and weight) along
with a bias feature (always taking a value of 1) were fed through a series of layers until an estimated
Clcr (eCler) was obtained as the output. Neurons in each layer (i.e. colored circles), had a value of z
obtained as a linear projection (i.e. a LR) of all the values from the previous layer and then passed
through a non-linear activation function. The linear projection is defined by a matrix of W
parameters (i.e. weights) (e.g., from layer 1 to layer 2: z2 = W, - z), whose values are graphically
represented as arrows. The hyperbolic tangent (tanh) was used as the non-linear activation function,
and it is denoted by an S-shaped curve present in intermediate layer neurons.
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Figure S3. FFNN decision surface map, as evaluated on the original features (left) and the
transformed features (right). The background colors represent the output of the model for all possible
input values. Actual data points are added with colors corresponding to their values, using the same
scale as for the background. Therefore, the closer the color of a point to the corresponding background
color, the better the match between the measured and predicted value. This representation defines
completely what the model has learned and the influence that each input feature has on the output.
Clcr, creatinine clearance. pCr, plasma creatinine concentration.
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Figure S4. Bland-Altman plot of agreement between eClcr and mClcr in the test set.



