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Abstract: Background: Marginalized low-income racial and ethnic minority residents of
public housing represent an intersectional population with multiple health needs and low
healthcare utilization. Telehealth has been proposed as a solution to address healthcare
access disparities, yet the role of telehealth attitudes, including perceived benefits and
self-efficacy, in influencing telehealth use of this population remains unknown. Objective:
This study investigates whether two domains of telehealth attitudes, namely self-efficacy
and perceived benefits (expectancy), mediate the relationship between demographic, health,
and social determinants of telehealth use among low-income racial and ethnic minority
residents of public housing in Los Angeles. Methods: This cross-sectional study analyzed
data collected from low-income racial and ethnic minority residents of public housing in
Los Angeles. Measures included demographic factors (age and gender), social determi-
nants of health (e.g., education, language, and primacy care provider), health (chronic
illnesses and physical mobility), telehealth attitudes (perceived benefits and self-efficacy),
and telehealth use frequency. Mediation analysis was conducted to test whether telehealth
attitudes explained the association between demographic, social, and health determinants
of telehealth use. Results: The findings revealed that neither of the two domains of tele-
health attitudes, including perceived benefits and self-efficacy, were significantly associated
with telehealth use. As such, these attitude domains did not operate as mediators of
the relationship between demographic, health, and social determinants of telehealth use.
Conclusion: The study results suggest that structural barriers, rather than individual at-
titudes, primarily drive telehealth use disparities among this intersectional population.
Interventions aimed at increasing telehealth adoption should prioritize addressing systemic
inequities rather than focusing solely on changing individual attitudes. These findings
underscore the importance of structural solutions to promote equitable telehealth access in
marginalized communities.
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1. Background
Racial and ethnic minority residents of public housing represent the intersection of

three distinct social and contextual dimensions [1]: low-income status, racial and ethnic
minority identity, and residency in public housing. Each of these factors independently
shapes individuals’ experiences, resources, and access to healthcare, including telehealth [2].
However, their intersection creates unique conditions that cannot be fully understood by
examining any single factor in isolation [3–6]. This aligns with the intersectionality theory
and framework [7,8], which emphasizes how overlapping social identities and systemic
inequalities create compounded effects. Despite the growing importance of telehealth,
limited research has focused on the attitudes and usage patterns of this intersectional
population, leaving a significant gap in understanding how these combined identities
influence telehealth utilization and the potential barriers they face. This gap underscores
the need for targeted studies and interventions to address the specific challenges and
opportunities within this community.

Racial and ethnic minority residents of public housing often exhibit lower rates of
healthcare utilization despite experiencing multiple chronic health conditions and com-
plexing health needs [9–11]. Structural barriers such as financial constraints, limited access
to transportation, and systemic discrimination in healthcare settings contribute to their
reduced healthcare use [12,13]. Commonly centralized in urban residential cities, pub-
lic housing areas have faced social and racialized patterns of residential segregation for
decades, leading to systemic socioeconomic disparities [14–16]. Therefore, availability and
access to health care facilities and providers may be increasingly lower in communities
surrounding public housing areas [17,18]. Residents in public housing may be unlikely to
find a primary or specialty provider within the local community, such as mental health or
cardiology [19–21]. The mismatch between their elevated unmet health needs and lower
healthcare utilization usage highlights the urgency of addressing the systemic and struc-
tural inequities that impede their ability to access and benefit from healthcare, including
emerging modalities like telehealth.

Racial and ethnic minorities, specifically African Americans and Latinos, in low-
income areas are likely to live in under-resourced and underserved areas and face extreme
disparities in their healthcare seeking behaviors and encounters [22]. African Americans
and Latinos exhibit low levels of healthcare utilization, including mental health [23]. Addi-
tionally, African American and Latinos may delay their care, which resulted in a study of
33 Latinas discussing treatment seeking behaviors of urinary incontinence [24]. Research
shows minorities are more likely to rate printed materials as their preferred source of health
communication compared to smartphones and tablets [25]. Yet, minorities who utilize the
internet for health information are likely to have a higher education level and worse health
status [26,27], despite its positive benefits for this group [28].

Telehealth presents a promising solution to address the healthcare access challenges
faced by racial and ethnic minority residents of public housing [29]. By reducing logistical
barriers such as transportation and providing more flexible options for care, telehealth has
the potential to bridge the gap between their multiple health needs and low healthcare
utilization. However, the effectiveness of telehealth adoption within this population may
be influenced by their attitudes toward this modality [30]. Additionally, marginalized mi-
norities are more likely to utilize telehealth via smartphone as compared to a computer [31].
The Health Belief Model [32,33] suggests that perceived benefits of telehealth, such as
convenience and accessibility, could play a critical role in shaping behavior. Similarly, the
Theory of Reasoned Action [34,35] highlights the importance of perceived self-efficacy
in adopting telehealth services, where individuals’ confidence in their ability to use and
benefit from the technology may influence their engagement. While these theoretical



Healthcare 2025, 13, 286 3 of 14

frameworks provide valuable insights, it remains unclear whether these associations are
observed among this intersectional population.

Perceived benefits of telehealth can encompass improved patient health, positive
feelings of empowerment and support, efficient communication, and greater patient educa-
tion [36,37]. Telehealth self-efficacy is focused on the individual’s belief that they have the
ability to perform the necessary actions to overcome barriers toward telehealth use and
adoption and increase confidence [38–42]. More research is needed to understand whether
and how telehealth attitudes, including perceived benefits [43–46] and self-efficacy [47–50],
influence actual telehealth use in this group of public housing residents.

Informed by the Health Belief Model and the Theory of Reasoned Action, the overall
aim of this study is to investigate whether telehealth perceived benefits and self-efficacy
mediate the relationship between social determinants of health and telehealth utilization
among African American and Latino public housing residents in Los Angeles. As a
secondary aim, this study seeks to examine the gap in empirical evidence on how social,
economic, and contextual factors influence telehealth utilization. Ultimately, the findings of
this research will inform interventions and policies to enhance equitable access to telehealth
services for marginalized communities.

2. Methods
2.1. Study Design

This cross-sectional study utilized a structured, face-to-face survey for data collection
among African American and Latino residents of public housing areas in Los Angeles.

2.2. Participants

A total of 252 African American and Latino adults residing in four public housing
areas located in South Los Angeles, California, were included in this study. Data collection
spanned between August 2023 and January 2024. Out of 14 public housing sites managed
by the Housing Authority of the City of Los Angeles (HACLA), 4 sites were selected,
comprising a total of 2306 housing units. HACLA, one of the oldest public housing
authorities in the United States, primarily oversees multiple government-controlled and
affordable housing units in the Los Angeles region. As the issuer of housing for low-
income individuals, HACLA currently accommodates 118,554 individuals across 6058
units. The average family income of those served by HACLA is substantially less than
both the county and national averages (USD 24,881, compared to USD 68,044 and USD
62,843, respectively). Notably, more than 75% of HACLA residents self-identify as Latino,
while 22% identify as African American/Black. The four selected housing sites are located
within Service Planning Area (SPA) 6 of Los Angeles County, a region that is home to over
one million residents and is marked by pronounced health disparities compared to other
areas within the county.

2.3. Sampling

Participants were recruited through nonrandom sampling. Eligibility criteria including
residency in SPA 6, self-identification as Latino or African American, and the ability to
complete the interview in either English or Spanish. Adults aged 18 years or older were
invited to participate, with eligibility for public housing determined based on income, age,
disability status, and U.S. citizenship or immigration status.

2.4. Ethics

All participants provided written informed consent, and the study protocol received
approval from the Institutional Review Board (IRB) at Charles R. Drew University of
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Medicine and Science. The survey collected detailed data on demographic characteristics,
socioeconomic status, access to and utilization of healthcare services, health behaviors, and
overall health status.

2.5. Measurement

A range of demographic, socioeconomic, and health-related data were collected from
the participants. Basic demographic information included age and gender. Age was treated
as a continuous variable ranging from 18 to 77 years. Gender, based on self-identification,
was categorized as a dichotomous variable: (1) Female and (2) Male.

2.5.1. Socioeconomic Status

We measured their socioeconomic status by the following variables: Educational Level,
assessed by self-report based on the highest level of education completed, which was catego-
rized into five levels: (1) 8th grade or less, (2) some high school, no diploma, (3) high school
graduate or GED equivalent, (4) associate degree or some college, and (5) baccalaureate
degree or higher.

Primary verbal language, which was measured as a dichotomous variable: (1) English,
and (2) Spanish.

Chronic Conditions: participants reported if they have been diagnosed with any of the
following conditions: cancer, chronic obstructive pulmonary disease (COPD), diabetes
mellitus, cardiovascular diseases, hypertension, sleep disorders, and stroke. The number of
chronic conditions was measured on a scale from 0 to 8.

Physical mobility was assessed using four items from the health-related quality of life
survey (SF-12), which evaluated the extent to which participants’ health restricted their
physical mobility. Participants were asked if their health limited them in moderate activities
(e.g., moving a table, pushing a vacuum cleaner, bowling, or playing golf) and climbing
several stairs, and, if so, to what extent. Participants also reported how often their physical
health caused them to accomplish less than they desired and if there were limitations with
their daily activities over the past four weeks. A total “Physical Mobility Limitation” score
was calculated by summing these four items, with scores ranging from 4 to 12; higher
scores indicated fewer limitations in physical mobility. The Cronbach’s alpha reliability
coefficient for this 4-item scale was 0.820.

Participants were asked if they have a regular doctor or healthcare provider for primary
care. This variable was dichotomous, with responses categorized as follows: (0) no and
(1) yes.

2.5.2. Telehealth

Telehealth utilization: Telehealth usage incorporated participants using one of the fol-
lowing devices to communicate virtually with their provider for a medical visit: computer,
smartphone or telephone, or tablet. We assessed two aspects of attitudes toward telehealth
utilization by utilizing questions and statements from previously established surveys on
telehealth perceptions. Specifically, we incorporated items from recognized resources to
measure responses to True/False statements concerning self-efficacy and perceived benefits
of telehealth. The aggregated responses produced quantitative scores with higher scores
indicating a more positive attitude toward telehealth [8,9]. The Cronbach’s alpha reliability
coefficients for both of these domains were above 0.70. The outcome was the frequency of
telehealth use in the past 12 months. The specific question read as “How many times have
you used telehealth in the past 12 months?”.

Telehealth perceived benefits: Telehealth perceived benefits refer to an individual’s recog-
nition of the advantages of using telehealth services, such as increased accessibility, con-
venience, reduced travel time, and cost savings. Patients and providers who perceive
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telehealth as beneficial are more likely to adopt and utilize it for routine and specialized
care. Additionally, perceived benefits extend beyond logistical convenience to include
improved health monitoring, timely interventions, and better management of chronic
conditions, particularly for individuals in remote or underserved areas.

Telehealth self-efficacy: Telehealth self-efficacy describes an individual’s confidence in
their ability to effectively use telehealth technology for healthcare needs. This construct
encompasses skills such as navigating telehealth platforms, troubleshooting technical issues,
and communicating effectively with healthcare providers in a virtual setting. Higher self-
efficacy is associated with greater engagement in telehealth services, as individuals who
feel competent in using these tools are more likely to participate in virtual consultations,
follow medical advice, and integrate telehealth into their routine healthcare management.

2.6. Statistical Analysis

Our analysis comprised three sections. First, we conducted a descriptive analysis of
all participants. Second, we used Pearson correlation coefficients to examine the bivariate
association between all study variables including social determinants of health, telehealth
perceived benefits and self-efficacy, and telehealth utilization within the past year and all
other independent variables. Third, we employed a structural equation model (SEM) to
evaluate the association between social determinants of health, telehealth attitudes, and
the frequency of telehealth visit attendance. The analysis included demographic factors
(age and gender), socioeconomic status (education), language, physical mobility, number
of chronic conditions, and having a regular doctor or healthcare provider as predictors,
positive attitude towards telehealth care utilization as mediators, and telehealth use as
the outcome.

3. Results
Table 1 presents the characteristics of the study sample. This study comprised 252 African

American and Latino individuals aged between 18 and 77 years (mean = 45 ± 15). Ap-
proximately 75% of the participants were female. Regarding educational attainment,
39% of participants reported never completing high school, 22% completed high school,
26% graduated from high school or attained a GED, and the remaining 12% held an asso-
ciate degree or had some college education. Furthermore, 82% of the participants had a
regular doctor/healthcare provider for primary care, and 74% indicated Spanish as their
preferred language. At least 19% reported one chronic condition, whereas 15% had two
chronic conditions, and 18% had three or more chronic conditions. The average physical
mobility limitation score was 9 with a standard deviation of 2, indicating a lower level of
physical mobility limitation within the sample. Regarding the use of telehealth services
in the past 12 months, the data indicate that the majority of participants have not used
telehealth services. With regard to telehealth utilization, 53% reported no telehealth usage
within the past year, 20% participated once, 15% completed a telehealth visit twice, and
12% reported at least three telehealth visits.

Table 1. Descriptive statistics for demographic variables (n = 252).

N (%)

Gender

Male 64 (25)

Female 188 (75)
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Table 1. Cont.

N (%)

Education

8th grade or less 99 (39)

Some high school, no diploma 56 (22)

Graduated from high school or have a GED equivalent 66 (26)

Associate degree or some college/Bachelor’s Degree 31 (12)

Language

English 65 (26)

Spanish 187 (74)

Primary Care Provider

No 45 (18)

Yes 207 (82)

Chronic Conditions

0 122 (48)

1 47 (19)

2 39 (15)

3 or more 44 (18)

How many times have you used telehealth in the past 12 months?

0 133 (53)

1 50 (20)

2 37 (15)

3 19 (7)

4 or more 13 (5)

Mean (SD)

Age (Yrs) 45 (15)

Physical Mobility 9 (2)

Attitude Toward Telehealth Care Utilization (Self-Efficacy) 2.151 (0.11)

Attitude Toward Telehealth Care Utilization (Expectancy) 2.381 (0.12)

Number of Chronic Conditions (scale of 0–8) 1 (2)

Table 2 shows bivariate correlations between the use of telehealth services in the past
12 months and other study variables. Findings revealed that age and education were not
correlated with telehealth utilization. However, gender (r = −0.138; p < 0.05), language
(r = −0.151; p < 0.05), physical mobility limitation (r = −0.220; p < 0.001), and number
of chronic diseases (r = 0.196; p < 0.001) were associated with telehealth utilization. In
addition, having a primary care provider (r = 0.196; p < 0.001) was significantly associated
with telehealth utilization.

Table 2. Bivariate correlations between telehealth utilization and other study variables.

1 2 3 4 5 6 7 8 9 10

1. Age 1.00

2. Gender −0.08 1.00

3. Education −0.49 ** 0.08 1.00

4. Language 0.32 ** −0.14 * −0.51 ** 1.00
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Table 2. Cont.

1 2 3 4 5 6 7 8 9 10

5. Physical Mobility Limitation −0.25 ** 0.01 0.21 ** 0.03 1.00

6. Number of Chronic conditions 0.34 ** −0.05 −0.13 * 0.05 −0.39 ** 1.00

7. Primary Care Provider 0.09 −0.11 −0.01 −0.04 −0.15 ** 0.18 ** 1.00

8. Attitude Telehealth Care
Utilization (Expectancy) 0.01 −0.07 0.07 −0.13 * −0.04 0.04 0.08 1.00

9. Attitude Telehealth Care
Utilization (Self-Efficacy) −0.02 −0.02 0.18 * −0.16 ** 0.01 −0.03 0.05 0.76 ** 1.00

10. Telehealth Care Utilization (Frequency) 0.04 −0.14 * 0.03 −0.15 * −0.22 ** 0.20 ** 0.20 ** 0.25 ** 0.24 ** 1.00

Note: ** Correlation is significant at the 0.01 level (two-tailed), and * correlation is significant at the 0.05 level
(two-tailed).

The structural equation model results (Table 3, Figure 1) showed that telehealth expectancy
was not significantly associated with telehealth utilization (B = 0.102, SE = 0.090, 95% CI = −0.075
to 0.280, p = 0.258). Similarly, telehealth self-efficacy did not demonstrate a significant relationship
with telehealth utilization (B = 0.142, SE = 0.091, 95% CI = −0.036 to 0.320, p = 0.118). Among
the covariates, age (B = −0.028, SE = 0.071, 95% CI = −0.168 to 0.111, p = 0.691) and education
(B = −0.028, SE = 0.076, 95% CI = −0.177 to 0.121, p = 0.712) were not significant predictors of
telehealth utilization. Gender, however, was significantly associated with telehealth use, with
men reporting lower telehealth utilization compared to women (B = −0.128, SE = 0.059, 95%
CI = −0.243 to −0.013, p = 0.029). Language preference also showed significance, with Spanish
speakers reporting less frequent telehealth use (B = −0.135, SE = 0.069, 95% CI = −0.270 to
0.000, p = 0.050). Having a regular provider was positively associated with telehealth utilization
(B = 0.121, SE = 0.059, 95% CI = 0.005 to 0.237, p = 0.041), and chronic disease status approached
significance (B = 0.125, SE = 0.066, 95% CI = −0.004 to 0.254, p = 0.058). Physical fitness was
inversely related to telehealth utilization (B = −0.149, SE = 0.065, 95% CI = −0.276 to −0.022,
p = 0.021).

Table 3. Summary of the structural equation model with telehealth frequency as the outcome.

B SE 95% CI p

Telehealth Expectancy

Age (Yr) 0.060 0.076 −0.089 0.208 0.432

Gender (Men) −0.080 0.063 −0.203 0.043 0.201

Education 0.048 0.080 −0.109 0.205 0.548

Language (Spanish) −0.132 0.074 −0.276 0.013 0.074

Regular Doctor 0.056 0.064 −0.069 0.180 0.381

Chronic Disease 0.016 0.071 −0.123 0.154 0.826

Physical Fitness −0.012 0.070 −0.149 0.125 0.867

Intercept 1.678 0.584 0.533 2.823 0.004

Telehealth Self-Efficacy

Age (Yr) 0.104 0.075 −0.043 0.251 0.164

Gender (Men) −0.038 0.062 −0.160 0.084 0.545

Education 0.172 0.079 0.018 0.326 0.029

Language (Spanish) −0.112 0.073 −0.254 0.031 0.126

Regular Doctor 0.046 0.063 −0.077 0.170 0.463

Chronic Disease −0.047 0.070 −0.184 0.090 0.504

Physical Fitness −0.005 0.069 −0.140 0.131 0.947

Intercept 1.153 0.581 0.013 2.292 0.047
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Table 3. Cont.

B SE 95% CI p

Telehealth Utilization
(Frequency)

Telehealth Expectancy 0.102 0.090 −0.075 0.280 0.258

Telehealth Self-Efficacy 0.142 0.091 −0.036 0.320 0.118

Age −0.028 0.071 −0.168 0.111 0.691

Gender (Men) −0.128 0.059 −0.243 −0.013 0.029

Education −0.028 0.076 −0.177 0.121 0.712

Language (Spanish) −0.135 0.069 −0.270 0.000 0.050

Regular Doctor 0.121 0.059 0.005 0.237 0.041

Chronic Disease 0.125 0.066 −0.004 0.254 0.058

Physical Fitness −0.149 0.065 −0.276 −0.022 0.021

Intercept 1.748 0.547 0.676 2.820 0.001
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Note: CMC: chronic medical condition; Reg Doc: having a regular provider; Educ: own educational
attainment; Language (Spanish); Gender: male gender; Physical Fit (SF12 Score); Expectanc: telehealth
expectancy (expected benefits); Frequency: telehealth utilization frequency; Self-effic: self-efficacy to
use telehealth.

The results indicate that education significantly predicted telehealth self-efficacy, with
higher levels of education associated with greater self-efficacy (B = 0.172, SE = 0.079, 95%
CI = 0.018 to 0.326, p = 0.029). None of the other predictors, including age (B = 0.104,
SE = 0.075, 95% CI = −0.043 to 0.251, p = 0.164), gender (B = −0.038, SE = 0.062, 95%
CI = −0.160 to 0.084, p = 0.545), language preference (Spanish speakers: B = −0.112,
SE = 0.073, 95% CI = −0.254 to 0.031, p = 0.126), having a regular doctor (B = 0.046,
SE = 0.063, 95% CI = −0.077 to 0.170, p = 0.463), chronic disease (B = −0.047, SE = 0.070,
95% CI = −0.184 to 0.090, p = 0.504), or physical fitness (B = −0.005, SE = 0.069,
95% CI = −0.140 to 0.131, p = 0.947), significantly predicted self-efficacy.
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For telehealth expectancy, none of the predictors showed significant associations.
Age (B = 0.060, SE = 0.076, 95% CI = −0.089 to 0.208, p = 0.432), gender (B = −0.080,
SE = 0.063, 95% CI = −0.203 to 0.043, p = 0.201), education (B = 0.048, SE = 0.080,
95% CI = −0.109 to 0.205, p = 0.548), language preference (Spanish speakers: B = −0.132,
SE = 0.074, 95% CI = −0.276 to 0.013, p = 0.074), having a regular doctor (B = 0.056,
SE = 0.064, 95% CI = −0.069 to 0.180, p = 0.381), chronic disease (B = 0.016, SE = 0.071,
95% CI = −0.123 to 0.154, p = 0.826), and physical fitness (B = −0.012, SE = 0.070,
95% CI = −0.149 to 0.125, p = 0.867) were not significant predictors of expectancy.

4. Discussion
This study examined the associations between socioeconomic status, health factors,

telehealth perceived beliefs and self-efficacy, and telehealth utilization among African
American residents within Los Angeles public housing areas.

4.1. Highlights from the Study

The findings revealed that telehealth attitudes, specifically perceived beliefs and
self-efficacy, did not mediate the relationship with telehealth utilization. Instead, sociode-
mographic and health factors, such as gender, language preference, access to a regular
doctor, and physical fitness, emerged as significant predictors of telehealth use. Addition-
ally, education was the only significant predictor of telehealth self-efficacy, while no factors
were significantly associated with telehealth perceived beliefs.

The absence of an effect of education on telehealth expectancy or utilization (fre-
quency) can be explained by the theory of Marginalization-Related Diminished Returns
(MDRs) [51]. According to this theory, factors such as limited resources in the social context,
low-quality education, segregation, and other aspects of social marginalization weaken the
real-life impact of socioeconomic status (SES) indicators, such as education, for underserved
populations [52].

The results highlight the role of demographic, socioeconomic, and health factors in
telehealth utilization. Women were more likely to use telehealth services, consistent with
prior research suggesting gendered patterns in healthcare-seeking behavior [53–57]. Across
studies and settings, women show more frequent healthcare use [53–57]. Language prefer-
ence also played a significant role, with Spanish speakers reporting lower telehealth use.
Not being able to speak English fluently in an English-speaking country is shown to be a
barrier against health care use [58–61]. This finding underscores the need for culturally and
linguistically tailored telehealth interventions to reduce barriers for non-English-speaking
populations [62–64]. Furthermore, access to a regular doctor was positively associated
with telehealth use, suggesting that existing relationships with healthcare providers may
facilitate telehealth adoption [65–68]. Conversely, better physical fitness was linked to
lower telehealth utilization, potentially reflecting a lower perceived need for medical care
among healthier individuals.

One of the major findings of this study was that both telehealth attitudes have very
limited predictive value for telehealth care utilization. While telehealth attitudes, including
expectancy and self-efficacy, are often theorized to influence behavior, our findings suggest
these attitudes did not significantly predict telehealth use in this intersectional population.
This discrepancy may reflect the dominance of structural and systemic barriers in shaping
telehealth behaviors, overshadowing the potential role of individual attitudes. The lack of
significant predictors for telehealth expectancy further suggests that structural inequities
may limit the extent to which individuals perceive benefits from telehealth services. On the
other hand, the significant association between education and telehealth self-efficacy aligns
with existing theories, such as the Health Belief Model and the Theory of Reasoned Action,
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which emphasize the role of education in shaping confidence and the perceived ability to
engage with health technologies.

4.2. Implications

The findings have significant implications for addressing healthcare disparities
through telehealth. Interventions should prioritize dismantling structural barriers, such
as social segregation and improving language access and increasing provider availability.
For instance, expanding access to bilingual telehealth platforms and fostering trust-based
relationships between under-resourced populations and healthcare providers could play
a pivotal role in enhancing telehealth adoption. Additionally, targeted efforts to engage
men and individuals with limited access to regular care are essential to ensuring equitable
telehealth use. Interventions that overly emphasize improving individual-level attributes,
such as attitudes toward telehealth, are unlikely to bring about meaningful behavioral
change. Effective solutions must go beyond individual attitudes and address systemic and
structural factors to achieve lasting impact.

4.3. Study Limitations

This study has several limitations that should be acknowledged. First, the cross-
sectional design limits the ability to draw causal inferences about the relationships between
social determinants, telehealth attitudes, and telehealth use. While the findings provide
valuable insights, they only capture a snapshot in time, leaving the temporal dynamics and
causal pathways unexplored. Second, this study was conducted in Los Angeles using a
non-random, convenience sample, which limits the generalizability of the results to other
regions or populations. The unique socioeconomic, cultural, and healthcare landscape
of Los Angeles may have influenced the findings, and different results could emerge in
other cities or rural areas. Third, the study sample was not representative of all low-income
racial and ethnic minority residents of public housing, further constraining the broader
applicability of the results. Additionally, key contextual factors, such as neighborhood
characteristics, access to public transportation, and broader systemic inequities, were not
included in the analysis but could play a critical role in shaping telehealth utilization.

4.4. Future Research

Future research should address these limitations by employing longitudinal designs
to better understand the dynamic and evolving nature of telehealth adoption over time.
Tracking changes in telehealth attitudes and utilization in response to policy shifts, tech-
nological advancements, or targeted interventions could provide deeper insights into
causal relationships. Moreover, qualitative studies are essential to explore the nuanced
experiences and barriers faced by this intersectional population, adding depth to the quan-
titative findings and uncovering factors that may not be captured by surveys or structured
data collection. Larger and more representative sample sizes should also be prioritized
to enhance the generalizability of findings. Expanding the scope of research to include
additional variables such as neighborhood characteristics, access to public transportation,
and mental health indicators (e.g., depression) could provide a more comprehensive under-
standing of the factors influencing telehealth use. Furthermore, incorporating measures
of discrimination and mistrust—common barriers in healthcare access for marginalized
populations—would help to elucidate their potential impact on telehealth attitudes and
behavior. By addressing these gaps, future studies can build on the present findings to
inform more effective policies and interventions aimed at promoting equitable telehealth
adoption among underserved communities.
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5. Conclusions
In conclusion, this study underscores the importance of addressing structural barriers

to increase telehealth use among low-income racial and ethnic minority residents of public
housing. While telehealth attitudes, such as expectancy and self-efficacy, were not signifi-
cant predictors of utilization, demographic and systemic factors played a more prominent
role. These findings suggest that structural interventions, rather than solely focusing on
individual attitudes, are necessary to bridge telehealth disparities and promote equitable
access to healthcare in underserved communities.

Author Contributions: Conceptualization, M.B.; Methodology, S.C., A.D., M.B. and S.A.; Software,
E.Y.; Formal analysis, A.D. and E.Y.; Investigation, S.C.; Resources, S.C.; Data curation, S.C., A.D.
and S.A.; Writing—original draft, S.A.; Writing—review and editing, S.C., E.Y., M.B., A.D. and
S.A.; Funding acquisition, M.B. All authors have read and agreed to the published version of
the manuscript.

Funding: Drs. Sharon Cobb and Attallah Dillard, scholars in the Clinical Research Education and
Career Development (CRECD) program at Charles R. Drew University of Medicine and Science,
received support for their research-related efforts through the NIMHD/NIH Award number R25
MD007610 (PI = Mohsen Bazargan). Some of Dr. Ehsan Yaghmaei support comes from CRECD
(statistical support for CRECD scholars). Dr. Assari contribution to this work was in-Kind and not
supported by CRECD or NIH funds.

Institutional Review Board Statement: The study protocol received approval from the Institutional
Review Board (IRB) at Charles R. Drew University of Medicine and Science (IRB Approval Number:
1746099, approval date: 22 April 2021).

Informed Consent Statement: Informed consent was obtained from all subjects involved in
this study.

Data Availability Statement: The original contributions presented in this study are included in this
article. Further inquiries can be directed to the corresponding authors.

Acknowledgments: The researchers wish to acknowledge the participants as well as the Housing
Authority of the City of Los Angeles (HACLA) who made this study possible.

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. Aratani, Y. Public housing revisited: Racial differences, housing assistance, and socioeconomic attainment among low-income

families. Soc. Sci. Res. 2010, 39, 1108–1125. [CrossRef]
2. Fauth, R.C.; Leventhal, T.; Brooks-Gunn, J. Short-term effects of moving from public housing in poor to middle-class neighbor-

hoods on low-income, minority adults’ outcomes. Soc. Sci. Med. 2004, 59, 2271–2284. [CrossRef]
3. Carter, W.H.; Schill, M.H.; Wachter, S.M. Polarisation, public housing and racial minorities in US cities. Urban Stud. 1998, 35,

1889–1911. [CrossRef]
4. Murdie, R.A. ‘Blacks in near-ghettos?’ black visible minority population in metropolitan Toronto housing authority public

housing units. Hous. Stud. 1994, 9, 435–457. [CrossRef]
5. DeLuca, S.; Garboden, P.M.; Rosenblatt, P. Segregating shelter: How housing policies shape the residential locations of low-income

minority families. Annals Am. Acad. Political Soc. Sci. 2013, 647, 268–299. [CrossRef]
6. Jahoda, M.; West, P.S. Race relations in public housing. J. Soc. Issues 1951, 7, 132–139. [CrossRef]
7. Bowleg, L. The problem with the phrase women and minorities: Intersectionality—An important theoretical framework for

public health. Am. J. Public Health 2012, 102, 1267–1273. [CrossRef]
8. Atewologun, D. Intersectionality Theory and Practice; Oxford University Press: Oxford, UK, 2018; pp. 1–20.
9. Dutton, D.B. Explaining the low use of health services by the poor: Costs, attitudes, or delivery systems? Am. Sociol. Rev. 1978, 43,

348–368. [CrossRef]
10. Price, J.H.; Desmond, S.M.; Snyder, F.F.; Kimmel, S.R. Health Care and Poor Patients. J. Fam. Pract. 1988, 27, 615–621.
11. Kirby, J.B. Poor people, poor places and access to health care in the United States. Soc. Forces 2008, 87, 325–355. [CrossRef]

https://doi.org/10.1016/j.ssresearch.2010.04.007
https://doi.org/10.1016/j.socscimed.2004.03.020
https://doi.org/10.1080/0042098984204
https://doi.org/10.1080/02673039408720799
https://doi.org/10.1177/0002716213479310
https://doi.org/10.1111/j.1540-4560.1951.tb02227.x
https://doi.org/10.2105/AJPH.2012.300750
https://doi.org/10.2307/2094495
https://doi.org/10.1353/sof.0.0062


Healthcare 2025, 13, 286 12 of 14

12. Preker, A.S.; Carrin, G.; Dror, D.; Jakab, M.; Hsiao, W.; Arhin-Tenkorang, D. Rich-poor differences in health care financing. In
Health Financing for Poor People–Resource Mobilization and Risk Sharing; The World Bank: Washington, DC, USA, 2004; pp. 3–52.

13. Carder, P.; Luhr, G.; Kohon, J. Differential Health and Social Needs of Older Adults Waitlisted for Public Housing or Housing
Choice Vouchers. J Aging Soc Policy 2016, 28, 246–260. [CrossRef] [PubMed]

14. Fagan, J.; Davies, G.; Carlis, A. Race and selective enforcement in public housing. J. Empir. Leg. Stud. 2012, 9, 697–728. [CrossRef]
15. Goetz, E.G. Where have all the towers gone? The dismantling of public housing in US cities. J. Urban Aff. 2011, 33,

267–287. [CrossRef]
16. Holloway, S.R.; McNulty, T.L. Contingent urban geographies of violent crime: Racial segregation and the impact of public housing

in Atlanta. Urban Geogr. 2003, 24, 187–211. [CrossRef]
17. Haley, D.F.; Linton, S.; Luo, R.; Hunter-Jones, J.; Adimora, A.A.; Wingood, G.M.; Bonney, L.; Ross, Z.; Cooper, H.L. Public Housing

Relocations and Relationships of Changes in Neighborhood Disadvantage and Transportation Access to Unmet Need for Medical
Care. J. Health Care Poor Underserved 2017, 28, 315–328. [CrossRef]

18. Yamamoto, T.; Hanazato, M.; Hikichi, H.; Kondo, K.; Osaka, K.; Kawachi, I.; Aida, J. Change in Geographic Accessibility to Dental
Clinics Affects Access to Care. J. Dent. Res. 2023, 102, 719–726. [CrossRef]

19. Hodgkinson, S.; Godoy, L.; Beers, L.S.; Lewin, A. Improving Mental Health Access for Low-Income Children and Families in the
Primary Care Setting. Pediatrics 2017, 139, e20151175. [CrossRef]

20. Lascher, S.; Tasir-Rodriguez, W.; Moon, G.; Irizzary, M.; Baney, M.; Kellogg, F.R. Government public housing health needs
assessment: Focus on race, ethnicity, and the older adult: Background, methods, and demographics. Care Manag. J. 2013, 14,
118–124. [CrossRef]

21. Foster, B.; Ledgerwood, D.M.; Struble, C.A.; Fodor, M.C.; Jordan, P.; Krishnan, A.C.; Turner, B.; Pearson, C.; Twiner, M.J.; Levy,
P.D. Public Housing Resident Perspectives on Smoking, Barriers for Smoking Cessation, and Changes in Smoking Mandates.
Inquiry 2022, 59, 469580221092814. [CrossRef]

22. Wang, X.; Seyler, B.C.; Chen, T.; Jian, W.; Fu, H.; Di, B.; Yip, W.; Pan, J. Disparity in healthcare seeking behaviors between
impoverished and non-impoverished populations with implications for healthcare resource optimization. Humanit. Soc. Sci.
Commun. 2024, 11, 1208. [CrossRef]

23. Gearing, R.E.; Washburn, M.; Brewer, K.B.; Yu, M.; Bjugstad, A.; Torres, L.R. Predictors of Help-Seeking for Mental Health
Treatment Among Latinos. J. Racial Ethn. Health Disparities 2023, 10, 1869–1877. [CrossRef] [PubMed]

24. Siddiqui, N.Y.; Ammarell, N.; Wu, J.M.; Sandoval, J.S.; Bosworth, H.B. Urinary Incontinence and Health-Seeking Behavior Among
White, Black, and Latina Women. Female Pelvic Med. Reconstr. Surg. 2016, 22, 340–345. [CrossRef]

25. Powe, B.D. Health Information Seeking Among Rural African Americans, Caucasians, and Hispanics: It Is Built, Did They Come?
Nurs. Clin. N. Am. 2015, 50, 531–543. [CrossRef]

26. Lee, Y.J.; Boden-Albala, B.; Larson, E.; Wilcox, A.; Bakken, S. Online health information seeking behaviors of Hispanics in New
York City: A community-based cross-sectional study. J. Med. Internet Res. 2014, 16, e176. [CrossRef]

27. Bjarnadottir, R.I.; Millery, M.; Fleck, E.; Bakken, S. Correlates of online health information-seeking behaviors in a low-income
Hispanic community. Inf. Health Soc. Care 2016, 41, 341–349. [CrossRef]

28. Sherman, L.D.; Goidel, K.; Bergeron, C.D.; Smith, M.L. Web-Based Health Information Seeking Among African American and
Hispanic Men Living With Chronic Conditions: Cross-sectional Survey Study. J. Med. Internet Res. 2021, 23, e26180. [CrossRef]

29. Jezewski, E.; Miller, A.; Eusebio, M.; Potter, J. Targeted telehealth education increases interest in using telehealth among a diverse
group of low-income older adults. Int. J. Environ. Res. Public Health 2022, 19, 13349. [CrossRef]

30. Luo, J.; Ahmad, S.F.; Alyaemeni, A.; Ou, Y.; Irshad, M.; Alyafi-Alzahri, R.; Alsanie, G.; Unnisa, S.T. Role of perceived ease of use,
usefulness, and financial strength on the adoption of health information systems: The moderating role of hospital size. Humanit.
Soc. Sci. Commun. 2024, 11, 516. [CrossRef]

31. Broffman, L.; Harrison, S.; Zhao, M.; Goldman, A.; Patnaik, I.; Zhou, M. The Relationship Between Broadband Speeds, Device
Type, Demographic Characteristics, and Care-Seeking Via Telehealth. Telemed. J. E Health 2023, 29, 425–431. [CrossRef]

32. Hsieh, H.; Tsai, C. An Empirical Study to Explore the Adoption of Telehealth: Health Belief Model Perspective. J. Eng. Sci. Technol.
Rev. 2013, 6, 1–5. [CrossRef]

33. Chuang, B.-K.; Tsai, C.-H.; Hsieh, H.-L.; Tumurtulga, T. Applying health belief model to explore the adoption of telecare. In
Proceedings of the 2013 IEEE/ACIS 12th International Conference on Computer and Information Science (ICIS), Niigata, Japan,
16–20 June 2013; pp. 269–272.

34. Hsieh, H.-L.; Lai, J.-M.; Chuang, B.-K.; Tsai, C.-H. Determinants of telehealth continuance intention: A multi-perspective
framework. Healthcare 2022, 10, 2038. [CrossRef] [PubMed]

35. Wedell, L.E. Theoretical Exploration of the Association Between Telehealth Use and Intention to Use Teledentistry. Master’s
Thesis, University of Minnesota, Minneapolis, MN, USA, 2024.

https://doi.org/10.1080/08959420.2016.1156507
https://www.ncbi.nlm.nih.gov/pubmed/26959488
https://doi.org/10.1111/j.1740-1461.2012.01272.x
https://doi.org/10.1111/j.1467-9906.2011.00550.x
https://doi.org/10.2747/0272-3638.24.3.187
https://doi.org/10.1353/hpu.2017.0026
https://doi.org/10.1177/00220345231167771
https://doi.org/10.1542/peds.2015-1175
https://doi.org/10.1891/1521-0987.14.2.118
https://doi.org/10.1177/00469580221092814
https://doi.org/10.1057/s41599-024-03712-z
https://doi.org/10.1007/s40615-022-01370-y
https://www.ncbi.nlm.nih.gov/pubmed/35852710
https://doi.org/10.1097/SPV.0000000000000286
https://doi.org/10.1016/j.cnur.2015.05.007
https://doi.org/10.2196/jmir.3499
https://doi.org/10.3109/17538157.2015.1064429
https://doi.org/10.2196/26180
https://doi.org/10.3390/ijerph192013349
https://doi.org/10.1057/s41599-024-02976-9
https://doi.org/10.1089/tmj.2022.0058
https://doi.org/10.25103/jestr.062.01
https://doi.org/10.3390/healthcare10102038
https://www.ncbi.nlm.nih.gov/pubmed/36292485


Healthcare 2025, 13, 286 13 of 14

36. Dryden, E.M.; Kennedy, M.A.; Conti, J.; Boudreau, J.H.; Anwar, C.P.; Nearing, K.; Pimentel, C.B.; Hung, W.W.; Moo, L.R.
Perceived benefits of geriatric specialty telemedicine among rural patients and caregivers. Health Serv. Res. 2023, 58 (Suppl. S1),
26–35. [CrossRef] [PubMed]

37. Serrano, L.P.; Maita, K.C.; Avila, F.R.; Torres-Guzman, R.A.; Garcia, J.P.; Eldaly, A.S.; Haider, C.R.; Felton, C.L.; Paulson, M.R.;
Maniaci, M.J.; et al. Benefits and Challenges of Remote Patient Monitoring as Perceived by Health Care Practitioners: A Systematic
Review. Perm. J. 2023, 27, 100–111. [CrossRef] [PubMed]

38. Yuen, K.F.; Chua, J.Y.; Li, X.; Wang, X. The determinants of users’ intention to adopt telehealth: Health belief, perceived value and
self-determination perspectives. J. Retail. Consum. Serv. 2023, 73, 103346. [CrossRef]

39. Glanz, K.E.; Lewis, F.M.E.; Rimer, B.K. Health Behavior and Health Education: Theory, Research, and Practice; Jossey-Bass/Wiley:
Hoboken, NJ, USA, 1990.

40. Glanz, K.; Rimer, B.K.; Viswanath, K. Theory, Research, and Practice in Health Behavior and Health Education; John Wiley & Sons:
Hoboken, NJ, USA, 2008.

41. Mason, J.; Woodward, M. Self-efficacy as a mediator between psychologists’ technology affinity and telehealth satisfaction. Aust.
Psychol. 2024, 1–13. [CrossRef]

42. Rikhy, R.S.; Dela Cruz, J.; Rattan, A.; Bibi, A.; Rangrej, S. The Self-Efficacy of Physicians to Communicate With Patients via
Telemedicine in Lieu of Face-to-Face Visits in Light of the COVID-19 Pandemic: An Observational Study. Cureus 2022, 14,
e25739. [CrossRef]

43. Finkelstein, S.M.; Speedie, S.M.; Zhou, X.; Potthoff, S.; Ratner, E.R. Perception, satisfaction and utilization of the VALUE home
telehealth service. J. Telemed. Telecare 2011, 17, 288–292. [CrossRef]

44. Gajarawala, S.N.; Pelkowski, J.N. Telehealth benefits and barriers. J. Nurse Pract. 2021, 17, 218–221. [CrossRef]
45. Wardlow, L.; Roberts, C.; Archbald-Pannone, L.; Collaborative for Telehealth and Aging. Perceptions and uses of telehealth in the

care of older adults. Telemed. E-Health 2023, 29, 1143–1151. [CrossRef]
46. Kabir, H.; Hasan, M.K.; Jamil, S.; Chowdhury, S.R.; Mitra, D.K. Knowledge, perceived benefits, perceived concerns, and

predisposition to use telehealth services in Bangladesh: A cross-sectional survey. BMC Digit. Health 2024, 2, 61. [CrossRef]
47. Ciere, Y.; Cartwright, M.; Newman, S.P. A systematic review of the mediating role of knowledge, self-efficacy and self-care

behaviour in telehealth patients with heart failure. J. Telemed. Telecare 2012, 18, 384–391. [CrossRef] [PubMed]
48. Lek, J.J.; Cham, K.M.; Merolli, M. Evaluating perceived technology self-efficacy and telehealth acceptance in optometry students.

Clin. Exp. Optom. 2024, 1–12. [CrossRef] [PubMed]
49. Söylemez, B.A.; Özgül, E.; Küçükgüçlü, Ö.; Yener, G. Telehealth applications used for self-efficacy levels of family caregivers for

individuals with dementia: A systematic review and Meta-analysis. Geriatr. Nurs. 2023, 49, 178–192. [CrossRef]
50. van Houwelingen, T.; Ettema, R.G.; Bleijenberg, N.; van Os-Medendorp, H.; Kort, H.S.; Ten Cate, O. Educational intervention to

increase nurses’ knowledge, self-efficacy and usage of telehealth: A multi-setting pretest-posttest study. Nurse Educ. Pract. 2021,
51, 102924. [CrossRef]

51. Assari, S. Health Disparities due to Diminished Return among Black Americans: Public Policy Solutions. Soc. Issues Policy Rev.
2018, 12, 112–145. [CrossRef]

52. Assari, S. Unequal Gain of Equal Resources across Racial Groups. Int. J. Health Policy Manag. 2018, 7, 1–9. [CrossRef]
53. Liu, L.; Wang, C.; Yang, S.; Lo, K.; Yang, X. Gender Differences in Healthcare-Seeking Behaviors in China’s Ageing Population:

An Empirical Study of Shanghai. Research Square 2020. [CrossRef]
54. Kana, S.; Arjyal, A.; Wallace, L.; Nwameme, A.; Mbachu, C.; Islam, F.; Huque, S.; Salma, U.; Shrestha, G.; Elsey, H. In-

fluence of Changing Gender and Social Norms on Health Seeking Behaviour and Health Systems in Cities; CHORUS: Wellington,
New Zealand, 2023.

55. Onah, M.N.; Horton, S. Male-female differences in households’ resource allocation and decision to seek healthcare in south-eastern
Nigeria: Results from a mixed methods study. Soc. Sci. Med. 2018, 204, 84–91. [CrossRef]

56. Cameron, K.A.; Song, J.; Manheim, L.M.; Dunlop, D.D. Gender disparities in health and healthcare use among older adults. J.
Women’s Health 2010, 19, 1643–1650. [CrossRef]

57. Bertakis, K.D.; Azari, R.; Helms, L.J.; Callahan, E.J.; Robbins, J.A. Gender differences in the utilization of health care services. J.
Fam. Pract. 2000, 49, 147–152.

58. Cheng, E.M.; Chen, A.; Cunningham, W. Primary language and receipt of recommended health care among Hispanics in the
United States. J. Gen. Intern. Med. 2007, 22, 283–288. [CrossRef] [PubMed]

59. Timmins, C.L. The impact of language barriers on the health care of Latinos in the United States: A review of the literature and
guidelines for practice. J. Midwifery Women’s Health 2002, 47, 80–96. [CrossRef] [PubMed]

60. Diamond, L.C.; Tuot, D.S.; Karliner, L.S. The use of Spanish language skills by physicians and nurses: Policy implications for
teaching and testing. J. Gen. Intern. Med. 2012, 27, 117–123. [CrossRef] [PubMed]

61. DuBard, C.A.; Gizlice, Z. Language spoken and differences in health status, access to care, and receipt of preventive services
among US Hispanics. Am. J. Public Health 2008, 98, 2021–2028. [CrossRef]

https://doi.org/10.1111/1475-6773.14055
https://www.ncbi.nlm.nih.gov/pubmed/36054487
https://doi.org/10.7812/TPP/23.022
https://www.ncbi.nlm.nih.gov/pubmed/37735970
https://doi.org/10.1016/j.jretconser.2023.103346
https://doi.org/10.1080/00050067.2024.2419596
https://doi.org/10.7759/cureus.25739
https://doi.org/10.1258/jtt.2011.100712
https://doi.org/10.1016/j.nurpra.2020.09.013
https://doi.org/10.1089/tmj.2022.0378
https://doi.org/10.1186/s44247-024-00106-8
https://doi.org/10.1258/jtt.2012.111009
https://www.ncbi.nlm.nih.gov/pubmed/23019605
https://doi.org/10.1080/08164622.2024.2380080
https://www.ncbi.nlm.nih.gov/pubmed/39097971
https://doi.org/10.1016/j.gerinurse.2022.12.001
https://doi.org/10.1016/j.nepr.2020.102924
https://doi.org/10.1111/sipr.12042
https://doi.org/10.15171/ijhpm.2017.90
https://doi.org/10.21203/rs.3.rs-122557/v1
https://doi.org/10.1016/j.socscimed.2018.03.033
https://doi.org/10.1089/jwh.2009.1701
https://doi.org/10.1007/s11606-007-0346-6
https://www.ncbi.nlm.nih.gov/pubmed/17957412
https://doi.org/10.1016/S1526-9523(02)00218-0
https://www.ncbi.nlm.nih.gov/pubmed/12019990
https://doi.org/10.1007/s11606-011-1779-5
https://www.ncbi.nlm.nih.gov/pubmed/21773850
https://doi.org/10.2105/AJPH.2007.119008


Healthcare 2025, 13, 286 14 of 14

62. Al-Amer, R.; Ramjan, L.; Glew, P.; Darwish, M.; Salamonson, Y. Translation of interviews from a source language to a target
language: Examining issues in cross-cultural health care research. J. Clin. Nurs. 2015, 24, 1151–1162. [CrossRef]

63. Gil-Salmerón, A.; Katsas, K.; Riza, E.; Karnaki, P.; Linos, A. Access to healthcare for migrant patients in Europe: Healthcare
discrimination and translation services. Int. J. Environ. Res. Public Health 2021, 18, 7901. [CrossRef]

64. Matías-Carrelo, L.E.; Chávez, L.M.; Negrón, G.; Canino, G.; Aguilar-Gaxiola, S.; Hoppe, S. The Spanish translation and cultural
adaptation of five mental health outcome measures. Cult. Med. Psychiatry 2003, 27, 291–313. [CrossRef]

65. Beal, A.; Hernandez, S. Patient reports of the quality of care in community health centers: The importance of having a regular
provider. J. Health Care Poor Underserved 2010, 21, 591–605. [CrossRef]

66. Lambrew, J.M.; Defriese, G.H.; Carey, T.S.; Ricketts, T.C.; Biddle, A.K. The effects of having a regular doctor on access to primary
care. Med. Care 1996, 34, 138–151. [CrossRef]

67. Ettner, S.L. The relationship between continuity of care and the health behaviors of patients: Does having a usual physician make
a difference? Med. Care 1999, 37, 547–555. [CrossRef]

68. Mahmood, A.; Mosalpuria, K.; Wyant, D.K.; Bhuyan, S.S. Association between having a regular health provider and access to
services linked to electronic health records. Hosp. Top. 2019, 97, 1–10. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1111/jocn.12681
https://doi.org/10.3390/ijerph18157901
https://doi.org/10.1023/A:1025399115023
https://doi.org/10.1353/hpu.0.0305
https://doi.org/10.1097/00005650-199602000-00006
https://doi.org/10.1097/00005650-199906000-00004
https://doi.org/10.1080/00185868.2018.1551102

	Background 
	Methods 
	Study Design 
	Participants 
	Sampling 
	Ethics 
	Measurement 
	Socioeconomic Status 
	Telehealth 

	Statistical Analysis 

	Results 
	Discussion 
	Highlights from the Study 
	Implications 
	Study Limitations 
	Future Research 

	Conclusions 
	References

