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Abstract: Due to the complexity of real-world multi-criteria decision-making (MCDM) issues, an-
alyzing different opinions from a group of decision makers needs to ensure appropriate decision
making. The group decision-making methods collect preferences of the decision makers and present
the best preferences using mathematical equations. The best-worst method (BWM) is one of the
recently introduced MCDM methods that requires fewer pairwise comparisons to obtain the criteria
weights than the other MCDM methods. In this research, we develop a novel approach to group
decision-making problems based on the BWM called G-BWM. This approach helps us to analyze the
preferences of decision makers to carry out democratic decision making using the BWM structure.
In order to assess the applicability of the proposed methodology and represent its novelty, two
numerical examples from the literature with the application to supply chain management (SCM)
(i.e., green supplier selection and supplier development/segmentation) are examined and discussed.
The results demonstrate the performance of our proposed G-BWM for group decision making in
terms of a large number of decision makers, ease of use and achieving democratic decisions in the
decision-making process.

Keywords: multi-criteria decision making; group decision making; best-worst method; G-BWM;
supply chain management

1. Introduction

Decision making can be considered as the choice of the best alternative among a set of
alternatives according to a number of effective criteria [1]. Typically, decision making for
real-world problems is complicated, and it is impossible to reach the expected decisions
with just one effective criterion [2,3]. In the case of multiple criteria to solve a decision-
making problem, the implementation of multi-criteria decision-making (MCDM) methods
is recommended [4]. In fact, MCDM methods are utilized in different scientific fields such
as computer science [5,6], service quality [7,8], supply chain management (SCM) [9-11],
engineering [12,13], health/medicine [14-16], etc.

MCDM mainly includes two sections when dealing with scientific problems. First, it
determines the information of decisions, such as the criteria weights, and second, it collects
the criteria information and ranks the alternatives based on this information [4]. Over recent
years, several MCDM methods, such as the analytic hierarchy process (AHP) [17], analytic
network process (ANP) [18], step-wise weight assessment ratio analysis (SWARA) [19],
and base-criterion method (BCM) [20], have been suggested to acquire the criteria weights.

Rezaei [21] believes using the unstructured approach in executing the pairwise com-
parisons is the main reason for the inconsistency. The introduction of the best-worst method

Mathematics 2021, 9, 1881. https:/ /doi.org/10.3390/math9161881

https://www.mdpi.com/journal /mathematics


https://www.mdpi.com/journal/mathematics
https://www.mdpi.com
https://orcid.org/0000-0002-1180-1933
https://orcid.org/0000-0003-1744-5826
https://orcid.org/0000-0003-1664-9210
https://doi.org/10.3390/math9161881
https://doi.org/10.3390/math9161881
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3390/math9161881
https://www.mdpi.com/journal/mathematics
https://www.mdpi.com/article/10.3390/math9161881?type=check_update&version=3

Mathematics 2021, 9, 1881

2 of 20

(BWM) improves the consistency ratio by performing fewer pairwise comparisons [21,22].
BWM is easy and precise because the implementation of secondary comparisons is not nec-
essary [23,24]. A review of the latest research works in the MCDM problem field shows that
the BWM has been utilized successfully by researchers. Researchers applied BWM to make
decisions in the different MCDM problems, such as sustainability assessment [25-27], sup-
plier selection [28,29], risk evaluation [30-32], airport-related evaluation [33-35], efficiency
measurement [36,37], selection of location and equipment [38,39], urban transportation
network evaluation [40,41], etc.

By increasing the complexity of decisions in modern environments, for an individual
decision maker, it is difficult to make an optimal decision by considering the aspects of the
problem [42]. Moving from decision making as an individual to groups of decisio makers
leads to complexity in the analysis of decision makers” opinions [43]. Hafezalkotob and
Hafezalkotob [44] offered a group decision-making approach based on BWM in order to
support the group decision-making process. They tried to help the senior decision maker
take into account both democratic and autocratic styles. They tested the applicability of
their proposed method on two case study problems. Furthermore, Safarzadeh et al. [45]
extended the BWM through a novel approach to the group decision-making method. The
proposed approach contains three steps and M1 and M2 mathematical algorithms to obtain
the criteria weights.

It should be noted that the developed models for group decision making based on
BWM have some difficulties that can restrict their applications. Given the increase in
the number of decision makers on the expert panel, the size of the mathematical model
also grows. Furthermore, sometimes all decision makers are on an equal level and have
equal influence on decision making. In this case, we cannot choose the senior decision
maker to deal with the decision making. Moreover, there may be significant conflict among
decision makers’ opinions. In these situations, the proposed approaches try to eliminate
the inconsistent opinions of decision makers who have minorities. Therefore, it is necessary
to build up a new approach to eliminate the weaknesses of previously developed models
for group decision making based on BWM.

This study aims to illustrate how our proposed group decision-making BWM (G-
BWM) can be implemented when a large number of decision makers are taken into account.
We also show how different decision makers with various degrees of importance can
be categorized for optimal analysis. Furthermore, it is demonstrated how the optimal
weights of criteria are obtained without eliminating the opinions of decision makers who
have minorities.

The remainder of this paper is organized as follows. Section 2 introduces the steps
of BWM and describes the suggested G-BWM. In Section 3, two numerical examples
of SCM are presented and investigated. Section 4 provides a comparative analysis and
discussion on the advantages of G-BWM, and, finally, in Section 5, the conclusions and
recommendations for future research are given.

2. G-BWM

Assume that there are n criteria in the decision-making problem. A comparison of the
relative importance of the criteria can be executed using the scale of (1,9). The resulting
pairwise comparison matrix is as follows:

an 412 0 M
azy dxpp - Ay

e o 1
Al An2 - Ann

where a;; shows the relative preference of criterion i over criterion j. Here, a;; = 1 stands
for the equal relative preference between criterion i and criterion j. Similarly, a; represents
the relative preference of criterion j over criterion i, which can be written reciprocally
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(aij =1/ aﬁ). If a;; > O, criterion i is of importance over criterion j and a;; = 9 denotes the
extreme relative preference of criterion i over criterion j.

MCDM methods such as AHP require n(n — 1)/2 pairwise comparisons to obtain
the criteria weights using the pairwise comparison matrix [46]. Rezaei [21] introduced
the BWM and divided the steps of pairwise comparisons into two parts: (i) reference
comparison and (ii) secondary comparisons. He could reduce the required number of
pairwise comparisons to 2n — 3 (n — 2 pairwise comparisons of best criteria to other
criteria +n — 2 pairwise comparisons of other criteria to the worst criterion +1 pairwise
comparisons of the best criterion to the worst criterion) [4].

The group decision-making method based on BWM introduced by Hafezalkotob
and Hafezalkotob [44] adheres to the principles of reference and secondary comparisons
and simultaneously supports the opinions of k decision makers (decision makers from
the expert panel) and a senior decision maker. A senior decision maker can evaluate the
importance and expertise of each decision maker based on their skill, talent, and knowledge.
Regarding the disadvantages raised in the first section of this paper, our novel G-BWM is
proposed for situations in which there is no senior decision maker.

Suppose that there are many decision makers to solve a decision-making problem.
By increasing the panel size of decision makers, the scale of mathematical models also
increases. Moreover, the evaluations made by decision makers to select the best and worst
criteria may be different. To prevent increasing the complexity of the mathematical model,
the decision makers can be categorized based on their evaluations of the best and worst
criteria. Grouping decision makers whose evaluations are similar to each other makes the
calculations and analyses easier. Suppose that there are 10 decision makers to decide on
a set of criteria. Therefore, the decision makers are divided into 3 groups based on their
evaluations (Figure 1).

Decision Makers Groups

Decision Makers
Panel

Best ¢ ] L C ) { ) Worst

Decision Criteria
Figure 1. Decision maker groups.

Furthermore, the number of decision makers may be different in the various groups
(Figure 2). Decision makers in the same group choose the same criteria as the best and worst
criteria. The relative importance of decision makers’ evaluations for pairwise comparisons
will be matched using the “geometric mean”. In fact, rather than performing analysis for
evaluations of each decision maker, the analysis is performed for each group. Accordingly,
the number of analytical steps is reduced to obtain the criteria weights in this approach.

In the geometric mean, a set of numbers are multiplied and then the n th root is
obtained, where 7 stands for the count of numbers in the given set [47] Taking the geometric
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mean is known as one of the best methods in group decision-making problems. The
geometric mean applies to positive numbers because it takes the nth root [48]. Given that
the BWM employs a positive scale of (1,9) to execute pairwise comparisons, the geometric
mean is a suitable method to indicate the typical value for pairwise comparisons.

Decision Maker Grouping

233 aaad
o ® (9) |

DM
(@) @ ©) (10) (5) (8)
Best | (Worst Best | |(Worst | Best Worst |
Similar Best and worst Similar Best and worst Similar Best and worst

Figure 2. Best and worst criteria in each group.

2.1. Steps of G-BWM

Step 1. Determine the decision makers and decision criteria.

We consider a set of criteria {C1, Cy, - - -, Cy } to achieve a decision through our deci-
sion makers {DM1, DMy, --- ,DM,}.

Step 2. Determine the most important (best) and the least important (worst) criteria.

Each decision maker selects the best and the worst criteria in general.

Step 3. Perform the pairwise comparisons of the best over other criteria using the
crisp numbers of 1 to 9. The crisp numbers of 1 to 9 are numerical scales presented to
determine the relative importance of pairwise comparisons. Here, a;; = 1 represents the
equal importance of the criterion i and over criterion j. Moreover, a;; = 9 stands for the
extreme importance preference of criterion i over criterion j. The vector of the best criterion
over other criteria would be:

Apj = (ap1,ap2," -+, ABm) (=123, ,m), @

where ap; denotes the relative importance value of the best criterion over criterion j.
Step 4. Perform the pairwise comparisons of all criteria over the worst criterion using
the crisp numbers of 1 to 9. The vector of all criteria over the worst criterion would be:

Ajw = (aw, dow, -+, Gmw) (j=123---,m), ®)

where a;,, stands for the relative importance value of criterion j over the worst criterion.
Step 5. Group decision makers based on their choices about the best and worst criteria.
The decision makers who choose the same criteria as the best and worst fall into
one group G;, where i = 1,2, ...k and k is the number of groups. The result of grouping
decision makers would be:

Groupp,; = (G1,G, -+, Gy) - 4)

Step 6. Take the geometric mean using the total preference of the best criterion
over other criteria (Total Ap;) and total preference of all criteria over the worst criterion
(Total Ajy,) for each group. In this step, evaluations of the decision makers are calculated
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for each Total Ap; and Total Ajy,, using the geometric mean within each group. For each
group (G1,Gy, - -+, Gyg):

n
1
([ [ Total agjippm,)) " = (/ﬂgj(pml) X ABj(DMp) X " ABj(DM,)
i=1

©)

n
1
(] ] Total Tw(pm;)) " = (/ajw(oml) X Ajw(DM,) X * " AjW(DM,) -
i=1

Step 7. Obtain the optimal value of criteria weights (wq, wy, - - - ,wy) for each group.
The optimal values of weights for wp /w; and w;/wyy are equal to ag; and a;, respec-
tively. Since the criteria weights are aggregated and non-negative, the mathematical model
can be written as follows:
. wg wj
minimize max |— —ag;| ,|—— —ajw|
jowj ww
7:1(“’]' )=1
w;j >0 for all j

(6)
subject to {

Now, Model (6) can be written as follows:

minimize ¢

|?f7? —apj| <¢,

Yo, 7
subject to g — ol =, @

T () = 1,
w; >0 for all j.

The optimal value of criteria weights (w1, wyy, - - - , wny,) for each group as well as
the value of ¢ can be determined by solving Model (7). According to Model (7), the total
weight of the criteria must be equal to 1. Each of the criteria that receives a higher weight
value than the other criteria is of a higher priority.

Step 8. Calculate the final weights using the average weights obtained for each group.
The optimal value of weight obtained for each criterion in each group is multiplied by the
number of decision makers within that group, and then the sum of the results is divided
by the number of decision makers.

2221 (wjk x ng)
L ]

j J v ®)

where 1y represents the number of decision makers in the kth group and N shows the total
number of decision makers where N = (11,1, - - - , 1,). The various steps of implementing
the proposed G-BWM are also illustrated as a flowchart in Figure 3.
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Determine the decision criteria Determine the decision-makers

Determine the best and worst criteria by decision-makers

Perform the pairwise comparisons of the best criterion to
other criteria by decision-makers

Perform the pairwise comparisons of the other criteria to
the worst criterion by decision-makers

Create a new group for decision-maker(s) based on their
opinions similarity in choosing the best and worst criteria

)

]

 Are the decision-makers

! opinions on choosing the best Best and
1 and worst criteria similar to worst
1
1
1
1

the decision-makers’ opinions similarity?
in the previous group?

Add the decision-maker (i) in the corresponding group
based on choosing the best and worst criteria.

For each criterion (j), calculate the geometric mean
separately for all ap; and a;, in each group.

Obtain the optimal value of criteria weights for each
group.

Calculate the final weights using the average weights
obtained for each group

Figure 3. Flowchart of the proposed G-BWM.

2.2. Consistency Ratio

The pairwise comparisons are fully consistent when ap; x a;,, = ap,. The consistency
ratio is computed using ¢ and the consistency index value. The consistency ratio is an
indicator for the consistent degree of comparisons. However, pairwise comparisons may
not be fully consistent. In other words, the comparisons become less reliable for larger
values of ¢. By solving Model (7) for different values of agy € {1,2,---,9}, the maximum
possible ¢ can be found. Moreover, the values listed in Table 1 are employed as the
consistency index [21].
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Table 1. Consistency index (CI) [21].

apW 1 2 3 4 5 6 7 8 9
Consistency Index 0 0.44 1 1.63 23 3 3.73 4.47 523

Now, the consistency ratio can be computed as follows:

¢

Consistency Index -

Consistency Ratio = )
With regard to Table 1, the maximum possible value of ap,, is 9. When ap; = aj,, # apy,, the
inconsistency of pairwise comparison occurs, which means that ap; X a;,, may be lower or
higher than ap,,. Furthermore, it is clear that the maximum consistency occurs when ag;
and 4, have the maximum value (equal to ap,,), which will conduce to § = 0. Accordingly,
we have:

(aBj - 6) x (ajw - ‘:) = (an + C) (10)

As for the maximum inconsistency ag; = aj;,, = aps, we also have:

(an - C) X (“Bw - g) = (“Bw + g) (11)

Finally, Equation (11) can be written as:

& — (14 2apy,)& + (a3, — apy) = 0. (12)

3. Numerical Examples

In this section, two numerical examples of SCM in the literature are considered to
illustrate the application of our proposed methodology. In SCM, supplier relationship
management is divided into three steps: (i) supplier selection, (ii) supplier segmentation,
and (iii) supplier development [21]. The first example is a real-world decision-making
problem of green supplier selection adopted from Gupta and Barua [49]. The second
example is another real-world decision-making problem of supplier segmentation and
supplier development adopted from Rezaei [21]. It should be noted that the opinions of
20 experts were taken into account to analyze both numerical examples.

3.1. Green Supplier Selection

Green supplier selection is an important issue in producing sustainable products and
achieving the goals of green supply chains. Gupta and Barua [49] employed the BWM to
prioritize the criteria of green innovation ability for supplier selection problems. To make
the appropriate comparisons, we adopt the ranking of the main green innovation criteria
mentioned by Gupta and Barua [49] in this research. The seven criteria of green innovation
identified by their research are given as follows:

Criteria Description

C1 Collaborations

2 Environmental investments and economic benefits

C3 Resource availability and green competencies

C4 Environmental management initiatives

C5 Research and design initiatives

Cé6 Green purchasing capabilities

Cc7 Regulatory obligations, pressures, and market demand

To discuss the applicability of our proposed methodology, seven decision criteria
are identified for the green supplier selection problem (Step 1). Moreover, 20 decision
makers are taken into consideration to evaluate these criteria. In Step 2, the decision makers
choose the best and worst criteria according to their evaluations. Then, the decision makers
perform the pairwise comparisons of best-over-other and other-over-worst using crisp
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numbers of 1 to 9. In Step 5, depending on the choices made by decision makers with
respect to the best and worst criteria, the grouping of decision makers is conducted. The
execution of Steps 1-5 can be seen in Table 2.

Table 2. Pairwise comparison vector for the best and worst criteria.

Panel

DM Group

Best

Worst

DM Num

DM Panel

@

C3

C4

PB
PW

@

PB
PW

©)

PB
PW

(6)

PB
PW

@)

PB
PW

®)

PB
PW

(10)

PB
PW

(12)

PB
PW

(13)

2

C3

C1

PB
PW

®)

PB
PW

4)

PB
PW

(11)

PB
PW

17)

PB
PW

(18)

PB
PW

(20)

®)

c7

C4

PB
PW

(14)

PB
PW

(15)

PB
PW

(19)

@)

c7

Cé

PB
PW

)

PB
PW

©)

PB
PW

NN QWA | WAalNAa|INA | RO RO RO RO FPOIFRLOION AONONW I AN OODN GNNDNI YN

BN ODN QRN EAENIEN AN BENAEAQIBENION | A Q ON| AN ON| A EAEDNEAEDNW ~W

BN N OGN RN OGN RN O, | O~ | OR| 0O |[0OR | O | O | OFR|[ O | ORFR | O | VRO OR

WDHEINAINAOIRPO PO RO WQAINEBERINAOINAO QA RO RO R,O RO RO~ QO \O|~\O

WIN|  WW W WA WW WLWW W[ OW WERERWON| W[ R LW WLON VWL W O | WW|WOUTW| W
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minimize ¢

subject to

As can be seen in Table 2, most decision makers chose C3 and C7 as the best criteria.
Moreover, C4, C1, and C6 were chosen as the worst criteria. The decision makers are di-
vided into four groups, each of which consists of 8, 5, 4, and 3 decision makers, respectively.
The grouping of decision makers into four groups leads to four different models to solve
the problem.

After executing pairwise comparisons, the total relative importance of the best criterion
over the other criteria (Total ap;) and the total relative importance of all criteria over the
worst criterion (Total a;,) for each group are calculated using the geometric mean (see
Step 6 and Equation (5)). The resulting geometric means for each group can be found in
Table 3.

Table 3. Total preference of pairwise comparisons for the best and worst criteria.

o k7
=] » =
<) (=}
. & 2 2
g s E i
(4] o (=]
£ B S S P @1 C G G GG G C7
PP 6 2 1 9 3 6 2
W S S w2 4 9 1 3 2 6
- PB 9 2 1 5 3 4 2
e @ G S w1 4 9 2 3 2 4
o
- PB. 5 2 2 9 3 6 1
a2 ©® @ S w2 4 4 1 3 2 9
PB 5 2 2 5 3 9 1
@ & ey 2 4 5 2 3 1 9

It is noteworthy that the calculated values through the geometric mean for all relative
importance values are rounded to the nearest number. Now, with regard to the data
provided in Table 3 and in order to obtain the optimal value of criteria weights according
to Model (7), the following models are derived (Step 7). Models (13)—(16) are utilized to
compute the weight of the criteria in Groups (1)—(4), respectively.

DM Group (1):

minimize k

|%, —6 < w3y — 6w < kwy;  wz — 6wy > —kwy;
|% _2| < 6, w3 — 2wy < sz; w3 — 2wy > —ka,'
|w7§ _9| < g w3z — 9wy < kZU4; w3 — 9wy > —kZU4,'
gi% B 3| 2 (;’I w3 — 3ws < kws; w3 — 3ws > —kws;
%g — 9/ w3 — 6w6 < kw(,; w3 — 6w6 > —kw6;
|% - 6| < g/ w3 — 27/()7 < kZU7; w3 — ZZU7 > —kZU7,'
|% - 2| S g/ w1 — 2ZU4 S kZU4,' w1 — 2ZU4 2 —kZU4,' (13)
|Z—Z -2/ <g, — subject to ¢ wy — 4wy < kwy;  wy — 4wy > —kwy;
|32 —4] <, ws — 3wy < kwy; w5 — 3wy > —kwy;
o =3 <¢ We — 2wy < kwy;  we — 2wy = —kwy;
B2 <g w7 — 6wy < kwy; w7 — 6wy > —kwy;
|%i76|§'§’ w1+ wy + w3 + wy + ws +we +wy =1;

o — 1 w1 2 0;wy > 0;wz > 0;w4 2 0;

=1 ws > 0;we > 0;w7 > 0;

w;j > 0 for all j. k>0

DM Group (2):
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ETEy w3 — 9wy < kwy;  wz — 9wy > —kwy;
|w7% _ol<¢ w3 — 2wy < kwy; w3 — 2wy > —kwy;
w3 — w3 — 5wy < kwy; w3 — 5wy > —kwy;
:;‘j‘; :g: i g w3 —3ws < kws; w3 — 3ws > —kws;
ws = b w3 —4we < kwe; w3 — dwe > —kws;
|w76 - 4| < g/ w3 — 2wy < kZU7; w3 — 2wy > —kZU7,'
% -2/ <¢, wy — 4w < kwy;  wy — 4wy > —kwy; (14)
subject to Zj—f —4] <  — subjectto wy — 2wy < kwy; wy— 2wy > —kwy;
|t —2[<¢, ws — 3wy < kwy;  ws — 3wy > —kwy;
o =3 <¢ we — 2wy < kwy;  we — 2wy > —kwy;
Y 9| <¢, w7 — 4wy < kwy; w7 — 4wy > —kwy;
ﬁ_4|<€ w1 + Wy + w3 + wy + w5 + we +wy = 1;
w4 wy > 0;wy > 0;w3 > 0;wy > 0;
L@ =1 ws > 0;we > 0;wy > 0;
w; > 0forall j. k>0
DM Group (3):
minimize § minimize k
v _ 5| < g, wy — 5wy < kwy;  wy — 5wy > —kwy;
wy 2 <¢ wy — 2wy < kwy;  wy — 2wy > —kwy;
@ 2| - CI w7 —2ws < kwz;  wy — 2w3 > —kws;
|@ g - §/ wy — 9wy < kwy;, w7 — 9wy > —kwy;
T wy — 3ws < kws;  wy — 3ws > —kws;
ws 3| < g/ w7 — 6w6 < kw6; wy — 6w6 > —kwé;
|%Z - 6| < l:, w1 — ZZU4 < kZU4; w1 — 2ZU4 > —kZU4, (15)
subject to % -2|<¢, — subjectto ¢ wy — 4wy < kwy;  wy — 4wy > —kwy;
w4 <g w3 — 4wy < kwy;, w3 — 4wy > —kwy;
w4l <, ws — 3wy < kwy; w5 — 3wy > —kwy;
1% _3|<¢g, we — 2wy < kwy;,  we — 2wy > —kwy;
|£_2|<,§, w1+ wy + w3 + wy + ws +we +wy =1;
e B wy > 0;wp > 0w > 0;wy > 0;
=19 =1 ws > 0;we > 0;wy > 0;
w;j > 0 forall j. k>0
DM Group (4):
minimize ¢ minimize k
%_5| Sg/ w775w1 Skwl; ZU7*SZU1 > —kwl;
ZL; _ 2| < (;( wy — 2wy < ka,' wy — 2wy > —kZU2,'
|ﬁ Y - §, w7 — 2w < kwz;  wy — 2w3 > —kws;
|ﬁ B 5| 2 g’ wy — bwy < kwy; wy — Swy > —kwy;
T 3 - (:’ w7 — 3ws < kws; w7 — 3ws > —kws;
03 =6 w7 —Ywe < kwe; w7 —Ywe > —kws;
|uT6 - 9| < tf, w1 — 2w < kw6; wy — 2weg > —kwé, (16)
subject to % —2| <¢, — subject to { wy —4dwe < kwg;  wp — dwe > —kwg;
|2 —4l < ¢, w3 — 5we < kwe; w3 — 5w > —kwe;
o2 =51 <6, wy —2we < kwe; Wy —2we > —kws;
19| <g, ws — 3we < kwe; w5 — 3wz > —kws;
ﬁ_3|<§ w1 + wy + w3 + wy + ws + we +wy = 1;
W1 w1 > 0wy > 0;ws > 0;wy > 0;
L= 4 =1, ws > 0;we > 0;w7 > 0;

w; > 0 forall j.

k>0
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The weights obtained for each criterion within each group are shown in Figure 4.

Weights of the criteria

0.45
-
35 °
03 /q \
] i
5 025 / ;
= 02 / -
0.15 o, et
0.1 / N
0.05 ’ \‘ \g/
: @ 9
0
wi w2 w3 W4 w5 w6 w7

Criteria

«=@==DMs Group 1| ==@==DMs Group 2 @-DMs Group 3 @-DMs Group 4

Figure 4. Weights of the criteria for each DM group.

The calculated value of ¢ for each group is 0.347,0.154, 0.347, and 0.154, respectively
(see Table 4). Furthermore, to find the consistency ratio in all groups, we have agy =9,
then, the consistency index for each of the groups is 5.23 (see Table 1). The consistency
ratio for the first group is % = 0.066. Similarly, the calculated consistency ratios for
other groups are 0.029,0.066,0.029, and 0.066, respectively. It is obvious that the calculated
consistency ratio obtained for each group of decision makers is less than 0.1, which indicates

that the output results are highly consistent.

Table 4. Weight of the criteria.

g
Té 5 W- W- W W, Wr W, W- N
8 ; 1 p) 3 f 5 6 7 ¢
]
i) (1) 0.063 0.153 0.358 0.038 0.107 0.063 0.216 0347 8
ES (2) 0.039 0.164 0352 0.073 0.124 0.085 0.163 0.154 o6
s 3) 0.071 0.163 0.163 0.041 0.114 0.067 0381 0347 3
@) 4) 0.072 0.163 019 0.072 0.112 0.039 0351 0154 3
W Sum Weight 1.167 3.186 6.035 1.081 2.278 1.449 4916 - 20
Final Weight 0.058 0.159 0301 0.054 0.113 0.072 0.245 - 1

As can be seen in Table 4, due to the unequal number of decision makers in each
group, the impact of the number of decision makers in each group should be taken into
consideration to calculate the final optimal weight of each criterion. Therefore, we can find
the final criteria weights considering the weights obtained and the number of decision
makers in each group (Step 8).

Figure 5 shows the priorities of the green innovation criteria for supplier selection
considering the decision makers’ opinions.
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Figure 5. Priorities of the green innovation criteria.

The prioritization result of the green innovation criteria for supplier selection by the
G-BWM is exactly the same as the result obtained by Gupta and Barua [49].

G-BWM: C3>C7>C2>C5>C6>C1>C(4,
Gupta and Barua : C3 > C7 > C2> C5 > C6 > C1 > C4.

3.2. Linking Supplier Development to Supplier Segmentation

In Rezaei et al. [23], a high-tech Chinese company specializing in the field of testing
instruments is used. There are two sets of criteria according to capability and willingness.
These selected criteria were investigated as follows:

Capability Willingness
C{: Technical capability C{’: Willingness to improve performance
5: Product quality capability =~ C5’: Willingness to share information
5: Delivery capability C%: Willingness to rely on each other
4: Intangible capability Cy: Willingness to get involved in long-term relationship

t: Service capability

C¢: Financial / cost capability
2: Sustainable capability

§: Organizational capability

Rezaei et al. [23] evaluated these criteria using BWM and obtained their weights. Here,
we employ our proposed G-BWM with the help of 20 decision makers. After identifying
the mentioned criteria (Step 1), the 20 decision makers select the best and worst criteria
for each criterion related to capability and willingness (Step 2). Then, each decision maker
performs the pairwise comparisons between best-over-other criteria and other-over-worst
criterion using the crisp numbers of 1 to 9 (Steps 3 and 4). In Step 5, the decision makers
are divided into different groups based on the choices of the best and worst criteria. The
results of the execution of Steps 1-5 for willingness and capability criteria are given in
Tables 5 and 6. As can be seen in Table 5, the decision makers are divided into two groups
in order to evaluate the willingness criteria. Thirteen decision-makers selected C1 as the
best criterion, and seven decision-makers selected C4 as the best one. Moreover, all decision
makers in both groups selected C2 as the worst criterion.
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Table 5. Pairwise comparison vector for the best and worst willingness criteria.
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Table 6. Pairwise comparison vector for the best and worst capability criteria.
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Unlike the willingness criteria, the decision makers are divided into four groups in
order to evaluate the capability criteria. The main reason is that there are more criteria in
this set. By increasing the number of criteria, the contradictions also increase in selecting the
best and worst criteria. As can be seen in Table 6, the two criteria of C2 and C3 were selected
as the best criteria, and the two criteria of C4 and C8 were selected as the worst ones.

By executing Steps 6-8, the final weights for each of the capability and willingness
criteria are calculated. Figure 6 represents the priorities of the willingness and capability
criteria for the supplier development/segmentation problem considering the decision
makers’ opinions based on our proposed G-BWM and BWM suggested by Rezaei et al. [23].

Priorities of the willingness and capability criteria
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Figure 6. Priorities of the willingness and capability criteria.

As can be seen in Figure 6, all priorities of willingness and capability criteria obtained
using G-BWM and BWM are the same.

4. Comparative Analysis and Discussion

In AHP, each criterion must be compared with all the other criteria in order to deter-
mine the criteria weights. So, for n criteria, we need to execute n? pairwise comparisons.
Due to the equality preference of each criterion to itself, n comparisons are reduced accord-
ingly. Moreover, half of the values in the pairwise comparison matrix are written in reverse,
and at least n(n — 1) /2 pairwise comparisons need to be executed by decision makers.

BWM was suggested to deal with the challenges of AHP in pairwise comparisons
and inconsistency issues. Rezaei [22] stated that the main cause of inconsistency is an
unreasonable method in executing pairwise comparisons. Accordingly, he could reduce
the number of pairwise comparisons to 2n — 3 in order to identify the weight of n criteria
by dividing the steps of pairwise comparisons into two parts: reference comparison and
secondary comparisons [22].

Mi et al. [50] compared BWM and AHP to show the difference in the number of
pairwise comparisons. Figure 7 represents the difference in the required number of pairwise
comparisons between the BWM and AHP method. The x-axis shows the number of objects
to be compared in the decision-making process and the y-axis displays the least number of
pairwise comparisons executed in each method to find the weights of compared objects.
When increasing the number of objects, the number of pairwise comparisons needed by
BWM grows linearly (blue points) while the number of pairwise comparisons required by
AHP increases exponentially (orange points) [50].
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Figure 7. Differences in the number of pairwise comparisons needed by BWM and AHP.

In BWM, a mathematical model is needed to obtain the criteria weights according
to decision maker needs. For n decision makers, it is also required to derive n mathe-
matical models. The previously developed models for group decision making based on
BWM [44,45] have some difficulties that can restrict their applications. By growing the size
of the decision maker panel, the scale of the mathematical models increases linearly. Due
to this, many examples given by these previous models only used three or four decision
makers. In other words, increasing the number of decision makers limits the applications
of the models.

Our proposed G-BWM tries to group decision makers based on their opinions and
resolve this drawback. Decision makers are divided into different groups based on the
selection of similar best and worst criteria. This kind of grouping of decision makers
reduces the scale of the mathematical model. To demonstrate the different mathematical
models needed by BWM and our proposed G-BWM, a group decision-making process
with seven criteria is compared. According to these seven criteria, we asked 30 experts to
fill in pairwise comparison questionnaires based on the BWM framework. The obtained
results for comparing the required number of mathematical models in BWM and G-BWM
are interesting.

Figure 8 shows the difference between the required number of mathematical models
to determine the criteria weights in BWM and our proposed G-BWM. The x-axis represents
the number of decision makers to be compared in the group decision-making process. The
y-axis indicates the least number of mathematical models required to obtain the criteria
weights in each method. When increasing the number of decision makers, the number of
mathematical models needed by BWM (and other developed models for group decision
making based on BWM) to obtain the criteria weights grows linearly (orange points)
while the number of mathematical models required by our proposed G-BWM to obtain
the criteria weights follows a step-by-step upward trend (blue points). This difference
is much greater for a large number of decision makers. Figure 8 depicts the superior
performance of the suggested G-BWM approach against the BWM and other BWM-based
group decision-making models.
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Figure 8. Differences in the number of required mathematical models.

In the group decision-making process, conflicts may occur among the opinions of
decision makers. In the previously developed models for group decision making based
on BWM, the senior decision maker eliminated the inconsistent opinions of some decision
makers. Safarzadeh et al. [45] asserted that senior decision makers can determine the best
and worst criteria at the first step to be regarded for the final decision. Therefore, assume
that there is a group of decision makers to obtain the best and worst criteria. According
to the model offered by Safarzadeh et al. [45], if 49% of decision makers select criterion A
as the best and 51% of decision makers select criterion B as the best, the senior decision
maker prefers to eliminate the opinions of the decision makers who selected criterion A
and considers criterion B as the best criterion for the final decision. In fact, autocratic
decision making rarely incorporates the opinions of all decision makers. In our proposed
G-BWM, the final decision is based on the collective opinions of the decision makers. The
decision makers are divided into different groups based on their opinions, and without
any elimination, the opinions of each group are assessed.

5. Conclusions and Outlook

This study developed a novel approach for group decision making based on BWM,
called G-BWM. The proposed approach has a hierarchical framework in which decision
makers are grouped according to their opinions after providing the required evaluations
for the relative importance of criteria. Moreover, using the BWM structure, the weights
obtained for each group are computed and merged to obtain the final criteria weights as
the optimal weights. The proposed G-BWM is vector based and is much easier to use
and more efficient than matrix-based MCDM techniques such as AHP. To validate the
applicability of the G-BWM, two numerical examples were adopted from the literature
for the group decision making in SCM. The aim was to demonstrate how the analyzer
can use the G-BWM and check the performance and compliance. The results revealed
that the proposed G-BWM has a high consistency ratio and reliability. In other words, our
suggested G-BWM has several distinctive features that make it an interesting and robust
method, which can be described as follows:

i.  The G-BWM can be utilized individually to obtain the criteria weights and it can be
also be hybridized with other MCDM methods to do so,

ii.  Inthe previous approaches offered for group decision making based on BWM, the
scale of mathematical models increases with the size of the decision maker panel. Our
proposed G-BWM is based on democratic decision making and reduces the scale of
the mathematical model by grouping the decision makers based on their opinions on
choosing the best and worst criteria,
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iii. In case of conflicts among decision makers, the proposed G-BWM keeps them in
different groups based on the similarity of their opinions instead of eliminating the
opinions of decision makers who have a low level of expertise.

As the main weakness or limitation of the G-BWM, it should be noted that it cannot
provide a self-acting tuning process when the consistency ratio is undesirable. To resolve
this issue, a special framework can be employed to control the relative importance values
assigned by decision makers for pairwise comparisons. Moreover, different weighting
methods such as equivalent and priority criteria [51] can be considered compared to the
proposed one. Finally, to make the proposed approach closer to real-world scenarios, the
best-worst scaling (BWS) technique [52] can be employed to deal with the estimation of
choice probability.
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