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Abstract: In the current situation of U.S.-China trade turbulence, this study focuses on quarterly
panel data from May 2016 to September 2019 in order to verify the effectiveness of feedback trading
strategy and smart money theory in stabilizing U.S.-China securities markets and to understand the
role of institutional investors’ behavior, to come up with suggestions for improving and perfecting
the market mechanism in stabilizing the U.S.-China securities markets. In this study, we adopt the
generalized method of moments (GMM) to perform dynamic panel data analysis and discuss the
changes in professional institutional investors’ behavior and equity market sentiment in the U.S.
and China during the trade turbulence, and then analyze whether that behavior will suppress local
stock market sentiment. Through empirical research, we found that institutional investors on both
sides of the trade turbulence have a different impact on the stability of the local securities market.
The behavior of institutional investors in the United States has played a role in stabilizing equity
market sentiment in accordance with feedback trading strategy and smart money theory. However,
the behavior of institutional investors in China is the opposite.

Keywords: U.S.-China trade turbulence; institutional investors; equity market sentiment; feedback
trading strategy; smart money theory; dynamic panel data analysis

1. Introduction

According to Timothy Fiore, chair of the Institute for Supply Management (ISM) Manufacturing
Business Survey Committee, “Respondents expressed slightly more concern about U.S.-China trade
turbulence, but trade remains the most significant issue, indicated by the strong contraction in new
export orders” [1].

From 6 July 2018, when the Trump administration officially imposed a 25% tariff on USD 34 billion
worth of Chinese exports to the United States, the United States and China had official tariff turbulence
for one year [2–4]. According to a report issued by the American Institute for Supply Management
(ISM), the Purchasing Managers Index (PMI) fell from 58.7 in May 2018 to 47.8 in September 2019,
hitting a low in June 2009 [5]. Although people’s concerns are not great, the data have shown that
trade friction is the most important issue and has brought great uncertainty to the global economy.

During the period of uncertain economic risk brought about by trade turbulence, every one of
Trump’s tweets affects the hearts of investors, as the two parties involved in this trade turbulence,
the U.S. and China, are the two most important economies in the world. Their social attributes,
market structure, and policies and regulations are very different. The U.S. market is mainly composed
of rational institutional investors, while the proportion of institutional investors in the Chinese
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market is small. As an active investor [6], does institutional investor’s rationality show the role of
stewardship [7–9] in the different market environments of both parties in the trade turbulence? That
is to say, when the equity market sentiment is overconfident or excessively negative, institutional
investors have a restraining effect, which stabilizes the market’s emotional volatility, reduces the risks
in the financial market, and plays a role in stabilizing the financial markets of both parties.

Previous research on asset pricing focused on basic factors that affect asset prices, company-specific
factors, and factors across the economy. However, recent studies have used investor psychology to
explain asset price behavior [10,11]. On the one hand, it is believed that there is almost no correlation
with investor sentiment, so the offset of sentiment has no effect on market prices. On the other hand,
it is thought that investors have reached a consensus that their views will not be offset, which will
become an integral part of the pricing process.

By measuring changes in investor sentiment, investors can quickly capture news events that affect
the market, and this measure of sentiment can largely explain changes in stock market indices. [12].
Thus, can the investment sentiment of professional institutional investors also affect the sentiment of
the equity market? Can changes in institutional ownership of listed companies also quickly capture
the impact of news events on the equity market? In fact, some researchers [13] have suggested that
changes in the price of a group of assets may trigger changes elsewhere, especially in the short term,
because this change in investor sentiment leads to a shift in market attitude toward risk. This shift
in risk attitude, better than any other fundamental factor, explains the short-term changes in asset
prices [14].

Institutional investors are large-scale professional investment institutions that are fully engaged
in investment management and operations by experts in the investment field. They have advantages
in capital scale, technology, and information, so they can make relatively rational decisions compared
to retail investors. In addition, institutional investors are well versed in national political and economic
policies and regulations and are experienced and powerful, so the economic rationality of institutional
investors leads to the decision to invest with the goal of maximizing the interests of shareholders or
fund holders.

The feedback trading strategy and the herd effect theory in behavioral finance explain the
advantages of institutional investors in terms of information. When the information in the transaction
is valuable, the feedback trading strategy will return the price to the fundamentals [12–14]. In addition,
rational institutional investors will also show the smart money effect; they have the ability to transfer
new funds to performers who perform well in the future [15]. Based on the feedback trading strategy and
smart money theory, against the special background of the U.S.-China trade war and the characteristics
of institutional investors, we consider the impact of market sentiment on future investment willingness
and market risk. This study is interested in whether institutional investors will affect the sentiment
of the stock market, because the United States and China represent the two major developed and
developing countries, respectively. Therefore, this study is also particularly interested in whether
institutional investors have different investment behaviors under different market mechanisms.

The purpose of this project is to study institutional investors from 2 May 2016, when Trump made
comments on China’s trade practices during his campaign for the Republican presidential nomination,
until September 2019, with the Purchasing Managers Index (PMI) hitting a low in June 2009. The focus
is on whether institutional investors affected market risk attitudes during this three-year period, and
whether institutional investors in the U.S. and Chinese stock markets have significantly different
influences on sentiment in their respective markets. This is an interesting topic. This study can help us
better understand the role of institutional investors in trade and conduct more complete academic
research on institutional investors. This paper can fill the research gap regarding institutional investors
during trade turbulence. Academically, it contributes to the research of different types of institutional
investors. In addition, in terms of market sentiment, studying changes in market sentiment from
the perspective of institutional investors can help us better understand the determinants of market
sentiment. This research takes trade turbulence as the research background and makes up for the
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lack of empirical research on trade turbulence in the academic field. In addition, this project studies
the stock markets in the U.S. and China, making our research more representative of developed and
developing countries.

For this study, we used quarterly panel data covering the period May 2016 to September 2019
to test the relationship between institutional ownership and equity market sentiment in the U.S. and
Chinese stock markets. The panel data were collected from the S&P Capital IQ database, and we
used dynamic panel data estimation to get the best estimates. Through this research, we hope to
better understand how institutional investors can influence market stability under different economic
conditions. In addition, this study can help us more clearly understand the role of institutional investors
in the equity market. Understanding the performance of institutional investors in the stock market
from different perspectives will help to improve and update financial market mechanisms.

This study found that institutional investors in the U.S. stock market have suppressed market
sentiment. However, institutional investors in China have the opposite behavior and have not
suppressed market sentiment. Furthermore, in the U.S., high-value companies bear higher risk,
while in China, large-scale companies bear higher risk.

The paper is organized as follows: Section 2 presents a review of the literature and the hypotheses
of this project. Section 3 introduces the research methods, data, and variables. Section 4 presents the
empirical results and robustness verification. Section 5 concludes the paper.

2. Literature Review and Hypothesis

During the trade turbulence between the two largest world economies, it is worth noting that
investors are more concerned about President Trump’s tweets. Each of his tweets affects market
trends. Market sentiment changes with the occurrence of news events, which affects the pricing of
capital [12,14]. Institutional investors, as rational investors based on their professional characteristics
and information advantages, and based on feedback trading strategy and smart money theory, are
bound to have a certain impact on market sentiment.

When there is news that affects the market, the market will generate sentiment due to the decision
of investors to converge [16]. This market sentiment puts overconfident or overly negative investors
at risk [17]. However, for non-information reasons, individual investors will show the behavior of
buying slow and selling fast [18]. However, institutional investors have more information about
markets and companies. They will choose well-managed companies [19]. While improving the
quality of information in the domestic stock market, they significantly reduce transaction costs and
risk exposure [20]. Professional institutional investors can strengthen the supervision of corporate
governance [21], which plays an important role [6]. The management of institutional investors
involves voting and communicating with companies in terms of strategy, performance, risk, and capital
structure [22]. It is generally believed that institutional investors understand these situations better
than individual investors [23]. West [24] emphasized that the increased content of price information
will reduce the volatility of stock returns.

Academically, scholars have found that individual and institutional investors differ in their
attributes and behaviors. Individual investors usually adopt a positive feedback trading strategy [25,26].
Unlike individual investors, institutional investors have advantages in capital scale, technology, and
information, so they can make relatively rational decisions relative to retail investors. Prior empirical
studies also confirm that institutional investors pursue a negative feedback trading strategy [27–29].
DeLong et al. [30] noted that the feedback of traders’ trading activities can cause prices to
exceed fundamentals, undermine price stability, and threaten the efficiency of financial markets.
However, if the information inferred from other people’s transactions is valuable, although herding
and feedback transactions can cause prices to deviate from fundamentals, this may also cause prices to
tend to fundamentals [31–33].

The literature on the smart money effect [34–37] mainly discusses the selection capabilities of
mutual fund investors as a whole. The smart money theory holds that institutional investors make
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judgments and decisions based on sufficient information about the market or the stocks they have.
Rational institutional investors will also show the smart money effect; they have the ability to transfer
new funds to performers who perform well in the future [15]. Generally speaking, the smart money
theory can dilute the irrational behavior of some ordinary investors.

This study posits that institutional investors are different from ordinary individual investors
in making more cautious decisions, collecting more comprehensive information, and using more
advanced technology. Based on feedback trading strategy, smart currency theory, and the professional
judgment characteristics of institutional investors, it is assumed that they are different from individual
investors in their investment sentiment and have a depressing effect on overall market sentiment,
avoid overconfidence and over-negativity caused by irrational emotions, and reduce the risks.
Thus, this study supposes that the relationship between institutional investors and market sentiment
is negative. The proposed hypothesis is as follows:

Hypothesis 1 (H1). During periods of U.S.-China trade turbulence, institutional investors have a negative
effect on equity market sentiment.

Another hypothesis of this study is that the financial environments of the United States and
China are different. In the United States, rational institutional investors are the main components of
the market, while irrational investors account for a higher proportion in China and there are very
few institutional investors. The market structure dominated by individual investors is also one of
the main reasons for the low liquidity and high volatility in the Chinese market [38]. Many studies
have mentioned that the status and concentration of equity in China are characteristic of the Chinese
market, and state-owned equity is still the main feature [39,40]. Quota restrictions for qualified foreign
institutional investors have also caused the Chinese market to consist of mostly domestic institutional
investors [38,41]. These are the differences between the American and Chinese market environments.

In addition, in developed countries such as the United States, independent institutional investors,
as active investors, are more concerned about corporate governance because they have less of a
business relationship with the companies they invest in. They like to collect information, they
have fewer restrictions on investment, and their income and management costs mainly depend
on performance [42,43]. However, in the Chinese market environment, institutional investors pay
attention to corporate governance, but also to changes in national development policies, and reduce
the return volatility and idiosyncratic risks of stocks during financial crises to stabilize the market [7–9].
Thus, based on the differences in the market environment of the two parties of the trade turbulence
and the differences in the behavior of institutional investors, this study supposes that the institutional
investors of the U.S. and China had significantly different influences on their respective market
sentiments. The proposed hypothesis is as follows:

Hypothesis 2 (H2). During periods of U.S.-China trade turbulence, the investment behaviors of Chinese and
American institutional investors have significantly different influences on their respective market sentiments.

The assumptions proposed in this study mean that when news that affects market sentiment
occurs, rational institutional investors can accurately determine the direction of the market based on
their own information and technical advantages. They adopt a negative feedback trading strategy and
smart currency strategy that are different from those of individual investors to affect equity market
sentiment and suppress the overconfidence and over-negativity of equity market sentiment, and thus
reduce market risk due to trade turbulence. Their leadership in corporate governance can play a
positive role in stabilizing stock market sentiment so as to make a positive contribution to market
stability. Furthermore, due to the different economic characteristics and market systems of the United
States and China, this study concludes that institutional investors behave differently in their respective
market environments.
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3. Methodology

This section describes the variables and research methods used in the study. The panel data used
were collected from the S&P Capital IQ database. This study selected quarterly panel data covering
the period May 2016 to September 2019 and examined public companies held by institutional investors
listed on the U.S. stock market (New York Stock Exchange and Nasdaq Stock Market) and China’s
A-shares market (Shenzhen Stock Exchange and Shanghai Stock Exchange).

The data structure of the study combines longitudinal time series and cross-sections of time series.
Because the dataset of this study has a larger cross-section and a shorter sequence time, dynamic panel
data estimation was used to obtain the best estimates. To make the results more robust, this study
used the generalized method of moments (GMM). In addition, the Sargan test was performed to solve
endogenous problems.

Furthermore, we would like to demonstrate the technique developed by Bandopadhyaya and
Jones [12] to construct the Equity Market Sentiment Index (EMSI) for the S&P 500 and CSI 300 indices.
As one of the best representatives of the U.S. stock market, the S&P 500 is an index that measures the
performance of the stocks of 500 large American companies listed on the U.S. stock exchange. For
the Chinese financial market, the CSI 300 is a component stock index that measures the performance
of 300 A-share listed companies in the Shanghai and Shenzhen markets. Finally, in order to test the
relationship between institutional ownership and equity market sentiment, this study applies the
follow regression model to the panel estimation:

EMSIu,t = αEMSIu,t−1 + β1∗IOi,t + β2 ∗Coni,t + γ2F2i + . . .+ γnFni + εi,t, (1)

EMSIc,t = αEMSIc,t−1 + β1∗IOi,t + β2 ∗Coni,t + γ2F2i + . . .+ γnFni + εi,t, (2)

where EMSIu,t and EMSIc,t, are the equity market sentiment index for the S&P 500, u = 1 . . . 500,
and CSI 300, c = 1 . . . 300, at time t; t − 1 is lag by one period; IOi,t is the proportion of shares
held by institutional ownership for stock i at time t; Coni,t represents firm-level control variables;
β0, β1, β2, γ2, . . . , γn, δ2, . . . , δT are unknown coefficients; F2i . . . Fni are n − 1 firm binary indicators
where F2i = 1 if i = 2 and F2i = 0 otherwise, and so forth; and εi,t is an error term.

3.1. Equity Market Sentiment Index

We would like to demonstrate the technique developed by Bandopadhyaya and Jones [12] to
construct the EMSI for firms in the S&P 500 and CSI 300. The S&P 500 is an index that measures the
performance of the stocks of 500 large American companies listed on the U.S. stock exchange. The CSI
300 is a component stock index that measures the performance of 300 A-share listed companies in the
Shanghai and Shenzhen markets in China. Using data from the period May 2016 to September 2019,
this study computed quarterly returns for securities in the S&P 500 and CSI 300. For each security, we
also calculated the historical volatility for each quarter of the sampling period, which is the average
standard deviation of quarterly returns for the first five quarters. Then, the quarterly rate of return is
ranked and the historical volatility is ranked to calculate the Spearman rank correlation coefficient
between each company’s quarterly rate of return and its rate of historical volatility, multiplied by 100.
The EMSI is calculated as follows:

EMSIu,c =

∑(
Ru,c,r −Rr

)(
Ru,c,v −Rv

)
[∑(

Ru,c,r −Rr
)2 ∑(

Ru,c,v −Rv
)2

] 1
2

× 100;−100 ≤ EMSI ≤ +100, (3)

where EMSIu,c represents the sentiment of the two markets—EMSIu represents the U.S. market (S&P
500) and EMSIc represents the Chinese market (CSI 300); Ru,c,r and Ru,c,v are the rank of quarterly
returns and historical volatility for security u and c, respectively; and Rr and Rv are the population
mean return and historical volatility rankings, respectively.
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3.2. Institutional Ownership

This study defines total institutional ownership (Total_IO) as the total number of shares held by
all institutions in the U.S. and Chinese capital markets. Following prior studies [42–44], we classified
institutional ownership by the type of relationship investors have with companies and whether they
have potential business connections with the companies they invest in, divided into two groups,
independent institutional ownership (Indep_IO) and gray institutional ownership (Gray_IO).

Almazan, Hartzell, and Starks [42] believe that independent institutional ownership (Indep_IO),
including hedge fund managers, investment managers, sovereign wealth funds, and venture capital
(VC)/private equity (PE) firms, pays more attention to monitoring corporate governance and the
management behavior of invested companies. These institutions are more likely to gather information
and face fewer regulatory restrictions on their investments [42]. They have fewer potential business
relationships with the companies they invest in.

By contrast, gray institutional ownership (Gray_IO) includes banks, insurance companies, family
offices/trusts, real estate investment trusts (REITs), corporate pensions, government pensions, union
pensions, charitable foundations, educational/cultural endowments, and unclassified funds. These
institutions have more current or potential business relationships with the companies they invest in [42].
They hold shares without reacting to management operations and pay little attention to monitoring
corporate governance [45].

According to the classification method, this study classifies U.S. and Chinese institutional investors
by the type of relationships with the firm, as independent institutional ownership (Indep_IOu,c) and
gray institutional ownership (Gray_IOu,c), where u means U.S. market and c means Chinese market.

1. Independent institutional ownership (Indep_IOu,c): institutional ownership by independent
institutions (a1: hedge fund managers; a2: investment managers; a3: sovereign wealth funds,
and a4: VC/PE firms) as a percentage of shares outstanding:

IndepIOu,c
=

∑4
a=1 Ia

shares outstanding
. (4)

2. Gray institutional ownership (Gray_IOu,c): institutional ownership by gray institutions
(b1: banks, b2: insurance companies, b3: family offices/trusts, b4: REITs, b5: corporate
pensions, b6: government pensions, b7: union pension sponsors, b8: charitable foundations,
b9: educational/cultural endowments, and b10: unclassified funds) as a percentage of
shares outstanding:

GreyIOu,c
=

∑10
b=1 Gb

shares outstanding
. (5)

3.3. Control Variables

In this study, according to Bandopadhyaya and Jones, Baur and Lucey, and Baur and
McDermott [12,46,47], variables that measure firms are firm-level variables including market
capitalization (SIZE) and the price-to-earnings ratio (P/E):

1. Market capitalization (SIZE): the logarithm of quarterly market capitalization:

SIZEu,c = log(market capitalization). (6)

2. Price-to-earnings ratio (P/E): the current share price relative to its quarterly earnings per
share (EPS):

P/Eu,c =
market value per share

earnings per share
. (7)
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4. Empirical Results

4.1. Descriptive Statistics

The research data include quarterly data of 3252 U.S. firms and 3678 Chinese firms with stocks
held by institutional investors listed on the U.S. stock market (New York Stock Exchange and Nasdaq
Stock Market) and China’s A-shares market (Shenzhen Stock Exchange and Shanghai Stock Exchange).
The data cover the period from May 2016 to September 2019 and were collected from the S&P capital
IQ database.

First, we graphed the EMSI of the two countries obtained by Equation (3), shown in Figures 1
and 2. According to the definition of Bandopadhyaya and Jones [12], the EMSI is risk-neutral between
−10 and 10, moderately risk-averse between −10 and −30, and moderately risk-seeking between 10
and 30.
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Figure 1. Trend of Equity Market Sentiment Index (EMSI) for S&P 500: May 2016 to September 2019.
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Figure 2. Trend of EMSI for CSI 300: May 2016 to September 2019.

Figures 1 and 2 show the equity market sentiment in the U.S. and Chinese stock markets,
respectively. As can be observed from Figure 1, the EMSI of the U.S. market is mostly in the moderately
risk-seeking range of 10 to 30. This shows that investors are full of confidence in the U.S. market, but
at the same time, the trend of the EMSI is slowing down, indicating that equity market sentiment
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has been suppressed. During the trade turbulence, the volatility of U.S. equity market sentiment is
relatively stable, and investment sentiment in the U.S. market is improving. These phenomena are also
reflected in the descriptive statistical analysis in Table 1, which shows that the mean value of the EMSI
of the S&P 500 is 0.530, and the standard deviation is 12.584.

Table 1. Descriptive statistics of independent variables in U.S. market data. VC/PE, venture
capital/private equity; REIT, real estate investment trust.

Variables No. of Obs. Minimum Maximum Mean Std. Dev.

Dependent variable
EMSI of S&P 500 36,077 −26.231 18.369 0.530 12.584

Institutional ownership variables (%)
Total institutions

(Total_IOu) 36,077 0.001 100.000 62.926 27.764

Independent institutions
(Indep_IOu) 36,077 0.000 98.620 57.048 26.574

Hedge fund managers 36,077 0.000 54.050 4.628 4.667
Investment managers 36,077 0.000 96.350 51.903 25.243

Sovereign wealth funds 36,077 0.000 6.160 0.064 0.339
VC/PE firms 36,077 0.000 17.030 0.454 0.880

Gray institutions
(Gray_IOu) 36,077 0.000 97.513 5.881 5.255

Banks 36,077 0.000 86.100 2.267 2.514
Charitable foundations 36,077 0.000 41.470 0.128 1.041

Corporate pensions 36,077 0.000 29.720 0.265 0.921
Educational/cultural endowments 36,077 0.000 59.870 0.100 1.414

Family offices/trusts 36,077 0.000 94.040 0.740 2.182
Government pensions 36,077 0.000 31.640 1.873 1.830
Insurance companies 36,077 0.000 25.490 0.125 0.937

REITs 36,077 0.000 80.940 0.277 2.586
Unclassified 36,077 0.000 63.760 0.096 1.184

Union pension sponsors 36,077 0.000 9.870 0.010 0.198
Firm-level control variables

Log market capitalization
(SIZEu) 36,077 1.320 13.950 7.926 1.909

Price-to-earnings ratio
(P/Eu) 36,077 0.010 299.300 30.832 36.332

Note: (1) This table reports the number of observations, minimum, maximum, mean, and standard deviation of
variables for the sample of all firms held by institutional investors and listed on the U.S. stock market. These firms
are distributed in the New York Stock Exchange and Nasdaq Stock Market. (2) Definitions of all variables are listed
in the Methodology section. (3) The sample data cover the period May 2016 to September 2019. (4) The 0.000 values
in the table do not mean that values are equal to zero, but denote values less than 0.0001.

Figure 2 shows the sentiment index of the Chinese equity market. During the trade turbulence,
the sentiment index is mostly within the moderately risk-averse range of −10 to −30, indicating that
investors in the Chinese equity market are not optimistic about the current market situation. Table 2
shows that the mean value of the EMSI of the CSI 300 is −1.431. Since the Chinese market is mainly
composed of irrational individual investors, irrational investment behavior makes the volatility of the
equity market sentiment more violent. Table 2 also shows that the standard deviation of the EMSI of
the CSI 300 is 14.716, while that the EMSI of the S&P 500 is 12.584. From the values in Q2 2017 and
Q1 2019 in Figure 2, a sudden increase in risk-seeking sentiment after risk-averse sentiment can be
observed. However, the rising trend of risk-seeking sentiment indicates that in the Chinese market,
the sentiment of the market has not been suppressed. The sentiment of the entire market is unstable,
accompanied by high-risk investment sentiment.
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Table 2. Descriptive statistics of independent variables for Chinese market data.

Variables No. of Obs. Minimum Maximum Mean Std. Dev.

Dependent variable
EMSI of CSI 300 43,954 −24.346 26.747 −1.431 14.716

Institutional ownership variables (%)
Total institutions

(Total_IOc) 43,954 0.001 86.180 9.468 8.660

Independent institutions
(Indep_IOc) 43,954 0.000 82.350 7.723 7.260

Hedge fund managers 43,954 0.000 4.250 0.024 0.200
Investment managers 43,954 0.000 80.010 5.788 6.678

Sovereign wealth funds 43,954 0.000 9.520 0.892 1.254
VC/PE firms 43,954 0.000 21.030 1.019 2.084

Gray institutions
(Gray_IOc) 43,954 0.000 60.347 1.742 4.032

Banks 43,954 0.000 59.600 0.513 1.661
Charitable foundations 43,954 0.000 11.560 0.009 0.228

Corporate pensions 43,954 0.000 9.210 0.013 0.228
Educational/cultural endowments 43,954 0.000 53.210 0.103 1.834

Family offices/trusts 43,954 0.000 1.380 0.000 0.017
Government pensions 43,954 0.000 4.780 0.056 0.209
Insurance companies 43,954 0.000 38.310 0.238 1.463

REITs 43,954 0.000 42.950 0.034 0.931
Unclassified 43,954 0.000 57.930 0.775 2.677

Union pension sponsors 43,954 0.000 0.088 0.000 0.001
Firm-level control variables

Log market capitalization
(SIZEc) 43,954 4.138 12.797 7.080 1.002

Price-to-earnings ratio
(P/Ec) 43,954 1.370 299.600 55.536 52.742

Note: (1) This table reports the number of observations, minimum, maximum, mean, and standard deviation of
variables for the sample of all firms held by institutional investors and listed in Chinese A-shares. These firms
are distributed in the Shanghai Stock Exchange (SSE) and Shenzhen Stock Exchange (SZSE). (2) Definitions of all
variables are listed in the Methodology section. (3) Sample data cover the period May 2016 to September 2019. (4)
The 0.000 values in the table do not mean that they are equal to zero, but denote that the values are less than 0.0001.

Table 1 reports the basic statistical characteristics of the independent variables of data in the U.S.
market. Subsequently, we will use the mean value of variables to explain the phenomena in the U.S.
market. As shown in Table 1, the mean value of total institutional ownership is 62.926%, which means
that of the 36,077 observations in the U.S. market, institutional investors hold more than half of the
company’s equity. Among the total institutions, independent institutions have a proportion of 90.659%
(i.e., 57.048/62.926), whereas gray institutions have a proportion of 9.346% (i.e., 5.881/62.926).

Table 2 reports the basic statistical characteristics of the independent variables of data in the
Chinese market. We will also use the mean value of variables to explain the phenomena. As shown
in Table 2, the mean value of total institutional ownership is 9.468%, which means that of the 39,016
observations in the Chinese market, institutional investors hold less than 10% of the companies’ equity.
Among the total institutions, independent institutions have a proportion of 81.569% (i.e., 7.723/9.468)
and gray institutions have a proportion of 18.399% (i.e., 1.742/9.468).

Comparing the data of Tables 1 and 2, it can be found that in both markets, independent
institutional investors are the main institutional investors. The U.S. market is mostly composed of
institutional investors, while the Chinese market is mostly composed of retail investors. Zhang [38]
believes that the market structure dominated by individual investors is also one of the main reasons for
the low liquidity and high volatility in the Chinese market. This is one of the main differences between
China and the United States in this study, which is also the reason for Hypothesis 2.
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4.2. Spearman Correlation between Variables

Tables 3 and 4 present the Spearman correlation among variables in this study. Because the data
of the variables show a non-normal distribution, we used Spearman rank correlation to analyze the
correlation coefficients between variables. It can be seen from Table 3 that institutional ownership is
negatively correlated with equity market sentiment in the U.S. stock market. However, Table 4 shows
that in the Chinese stock market, the relationship between institutional ownership and equity market
sentiment is just the opposite, and they have a positive correlation.

Table 3. Spearman rank correlation coefficients among variables of the U.S. market.

Variables EMSI of S&P 500 Total_IOu Indep_IOu Gray_IOu SIZEu P/Eu

EMSI of S&P
500 1

Total_IOu −0.0038 1
Indep_IOu −0.0032 0.9797 1
Gray_IOu −0.0009 0.4737 0.3506 1

SIZEu 0.0010 0.3735 0.3457 0.4236 1
P/Eu 0.0407 0.1614 0.1673 −0.0017 0.0916 1

Note: (1) This table presents the Spearman rank correlation of U.S. market variables. (2) EMSI of the S&P 500 is the
measure of the Equity Market Sentiment Index of the U.S. market. (3) Total_IOu, Indep_IOu, and Gray_IOu, denote
total, independent, and gray institutional ownership, respectively. (4) SIZEu and P/Eu are U.S. firm control variables.
(5) Definitions of all variables are listed in the Methodology section.

Table 4. Spearman rank correlation coefficients among variables of the Chinese market.

Variables EMSI of CSI 300 Total_IOc Indep_IOc Gray_IOc SIZEc P/Ec

EMSI of CSI
300 1

Total_IOc 0.0124 1
Indep_IOc 0.0147 0.9224 1
Gray_IOc 0.0116 0.4777 0.2107 1

SIZEc 0.0020 0.4482 0.4351 0.3331 1
P/Ec 0.0021 −0.1459 −0.1337 −0.1821 −0.2415 1

Note: (1) This table presents Spearman rank correlation of Chinese market variables. (2) EMSI of CSI 300 is the
measure of the Equity Market Sentiment Index of the Chinese market. (3) Total_IOc, Indep_IOc, and Gray_IOc,
denote total, independent, and gray institutional ownership, respectively. (4) SIZEc and P/Ec are Chinese firm
control variables. (5) Definitions of all variables are listed in the Methodology section.

This suggests that there are significant differences in the investment behavior of Chinese and
American institutional investors in terms of their respective market sentiments. American institutional
investors pursue the feedback trading strategy and have a negative effect on the equity market
sentiment. Chinese institutional investors do not use the same strategy, and they have a positive effect
on their own equity market sentiment.

4.3. Dynamic Panel Data Estimation Results

Because the dataset of this study has a larger cross-section and a shorter time series, we used a
dynamic generalized method of moments (GMM) estimator to estimate the model and to investigate
the dynamic relationship between institutional ownership and stock market sentiment. We conducted
GMM analysis on the two markets, and the analysis results are shown in Tables 5 and 6.

Table 5 reports the dynamic GMM estimation results of the U.S. market, where the dependent
variable is the EMSI of the S&P 500. First, we analyzed the relationship between total institutional
ownership and equity market sentiment, then divided institutional ownership into two groups,
independent and gray ownership, to observe the relationship between them an equity market
sentiment. In all regressions, the results show that the coefficient of Total_IOu is negative (−0.4284)



Mathematics 2020, 8, 952 11 of 17

and statistically significant at the 0.1% level, and the coefficients of Indep_IOu and Gray_IOu are
negative (−0.4160 and −0.5561, respectively) and significant at the 0.1% level. The coefficients for the
institutional ownership variables are significantly negatively correlated with equity market sentiment.
This means that when the proportion of institutional investor ownership increases, market sentiment
will decrease, so that market sentiment is within a reasonable risk range and the outlook will not be
overestimated. This result is consistent with the results of the Spearman rank correlation analysis in
Table 3. This supports the feedback trading strategy and smart money theory.

Table 5. Dynamic generalized method of moments (GMM) estimation results for U.S. market.

Variables
EMSI of S&P 500

Coeff. p-Value Coeff. p-Value

EMSI S&P 500 (t − 1) −0.0632 *** 0.0000 −0.0633 *** 0.0000
(0.001) (0.001)

Total_IOu −0.4284 *** 0.0000
(0.026)

Indep_IOu −0.4160 *** 0.0000
(0.027)

Gray_IOu −0.5561 *** 0.0000
(0.073)

SIZEu −1.7934 *** 0.0002 −1.7904 *** 0.0001
(0.476) (0.472)

P/Eu 0.0207 *** 0.0000 0.0207 *** 0.0000
(0.004) (0.004)

Firm fixed yes yes
J-statistic 2821.19 2824.71

Prob (J-statistic) 0.0000 0.0000

Note: (1) This table presents the results of the dynamic GMM for the EMSI of the S&P 500. (2) Total_IOu, Indep_IOu,
and Gray_IOu denote total, independent, and gray institutional ownership in the U.S. market, respectively.
(3) Definitions of all independent variables are listed in the Methodology section. (4) Quarterly sample data cover
the period May 2016 to September 2019. (5) *** indicates that coefficients are significant at the 0.1% level. (6) The
values of robust standard errors corresponding to coefficients are shown in parentheses.

Table 6. Dynamic GMM estimation results for the Chinese market.

Variables
EMSI of CSI 300

Coeff. p-Value Coeff. p-Value

EMSI CSI 300 (t − 1) −0.2959 *** 0.0000 −0.2956 *** 0.0000
(0.001) (0.001)

Total_IOc 0.4205 *** 0.0000
(0.032)

Indep_IOc 0.4603 *** 0.0000
(0.033)

Gray_IOc 0.3949 *** 0.0013
(0.123)

SIZEc 5.3405 *** 0.0000 5.2461 *** 0.0000
(0.269) (0.270)

P/Ec −0.0387 *** 0.0000 −0.0389 *** 0.0000
(0.003) (0.003)

Firm fixed yes yes
J-statistic 3410.79 3411.97

Prob (J-statistic) 0.0000 0.0000

Note: (1) This table presents the results of dynamic GMM for the EMSI of CSI 300. (2) Total_IOc, Indep_IOc,
and Gray_IOc denote total, independent, and gray institutional ownership of the Chinese market, respectively.
(3) Definitions of all independent variables are listed in the Methodology section. (4) Quarterly sample data cover
the period May 2016 to September 2019. (5) *** indicates that coefficients are significant at the 0.1% level. (6) The
values of robust standard errors corresponding to coefficients are shown in parentheses.
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This result is like those of previous scholars [22,23]; institutional investors understand the situation
of the company and the market better than individual investors. Based on professional judgment
and information advantages, institutional investors pursue the feedback trading strategy and have
a negative effect on the equity market sentiment. This proves that hypothesis H1 is true in the U.S.
market. Thus, it can be explained that institutional investors in the U.S. stock market have suppressed
market sentiment. Institutional investors adopt a negative feedback trading strategy to neutralize the
overconfidence caused by irrational traders due to the positive feedback effect. As shown in Figure 1,
this result is reflected in the phenomenon that the sentiment trend in the U.S. market is less volatile
and moving downward.

In the same way, Table 6 reports the dynamic GMM estimation results for the Chinese market,
where the dependent variable is the EMSI of the CSI 300. In all regressions, the coefficients for the
institutional ownership variables are significantly positively correlated with equity market sentiment,
and the coefficients of Total_IOc, Indep_IOc, and Gray_IOc are positive (0.4205, 0.4603, and 0.3949,
respectively) and statistically significant at the 0.1% level. This means that when institutional investors
increase, market sentiment will also increase, leading to increased market risk caused by excessive
confidence or negativity. This result is also consistent with the results of the Spearman rank correlation
analysis in Table 4. The relationship between institutional investors and market sentiment in the
Chinese market is contrary to the U.S. results. In the Chinese market, institutional investors do not
only consider the basic situation of the market and the company; they also pay attention to the policy
and development environment of the entire country. For them, there is more uncertainty in the Chinese
market [7–9]. This result does not support the feedback trading strategy and smart money theory.

This result proves that the hypothesis H2 is true; there are significant differences in the investment
behavior of Chinese and U.S. institutional investors in terms of their respective market sentiments.
Meanwhile, it proves that hypothesis H1 is false in the Chinese market. Thus, it can be explained that
institutional investors in the Chinese stock market have not suppressed market sentiment. They do
not adopt a negative feedback trading strategy to stabilize market sentiment like institutional investors
in the U.S. market. In Figure 2, we can see that the sentiment trend in the Chinese market is volatile
and moving upward.

The results also provide further information about the firm-level control variable. In the U.S.
market, the coefficient of firm size is −1.7934, which is negatively correlated with equity market
sentiment and has statistical significance at the 0.1% level. This means that the greater the company’s
capital scale, the more the market sentiment tends toward avoiding risk, and the risk is relatively
small. In the Chinese market, the coefficient of firm size is 5.3405, which is positively correlated with
equity market sentiment and has statistical significance at the 0.1% level. This means that the larger
the company’s capital scale, the more the market sentiment tends toward risk-seeking, and the risk is
higher. In terms of firm value, the coefficient of the P/E ratio of American firms is 0.0207, which is
positively correlated with equity market sentiment and has statistical significance at the 0.1% level.
This means that the higher the company’s value, the higher the market risk, and the sentiment is
risk-seeking. In the Chinese market, the coefficient of the P/E ratio is −0.0387, which is negatively
correlated with equity market sentiment and has statistical significance at the 0.1% level. This shows
that the higher the company’s value, the lower the market risk, and the sentiment shows a trend of
avoidance. The results suggest that in the U.S., high-value companies bear higher risks, while in China,
large-scale companies bear higher risks.

Finally, in order to test the validity of instrumental variables, we used the Sargan test to test the
over-identified restrictions in GMM estimation. The J-statistics provided in Tables 5 and 6 indicate that
the model is effective and does not cause over-identification.
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In order to test the robustness of the results, we further performed dynamic GMM analysis on the
lagging period of the data. Tables 7 and 8 show the results of the robustness test for the U.S. and Chinese
markets, respectively. The results in Table 5 are consistent with the results in Table 7; the coefficients for
the lagging period of the institutional ownership variables are significantly negatively correlated with
equity market sentiment. The coefficients of Total_IOu(−1) and Indep_IOu(−1) are negative (−0.2905
and −0.3014, respectively) and statistically significant at the 0.1% level. It shows that the impact of
institutional investor ownership on market sentiment during the lagging period is consistent with the
previous results shown in Table 5. Institutional ownership has a negative effect on market sentiment
through a negative feedback trading strategy, so market sentiment will not be overconfident and cause
a crisis due to positive feedback trading strategy effects.

Table 7. Robustness test of U.S. market using lagging dynamic GMM.

Variables
EMSI of S&P 500

Coeff. p-Value Coeff. p-Value

EMSI S&P 500(−1) −0.0274 *** 0.0000 −0.0273 *** 0.0000
(0.002) (0.002)

EMSI S&P 500(−2) −0.0918 *** 0.0000 −0.0916 *** 0.0000
(0.001) (0.001)

Total_IOu −0.1405 *** 0.0000
(0.023)

Total_IOu(−1) −0.2905 *** 0.0000
(0.027)

Indep_IOu −0.1207 *** 0.0000
(0.024)

Indep_IOu(−1) −0.3014 *** 0.0000
(0.028)

Gray_IOu −0.3552 *** 0.0000
(0.067)

Gray_IOu(−1) −0.1670 0.0569
(0.088)

SIZEu 5.3046 *** 0.0000 5.3080 *** 0.0000
(0.464) (0.466)

P/Eu 0.0136 ** 0.0017 0.0140 ** 0.0014
(0.004) (0.004)

P/Eu(−1) 0.0137 *** 0.0006 0.0131 ** 0.0011
(0.004) (0.004)

Firm fixed yes yes
J-statistic 2682.6 2679.97

Prob (J-statistic) 0.0000 0.0000

Note: (1) This table presents robust results of lagging dynamic GMM for the EMSI of the S&P 500. (2) Total_IOu,
Indep_IOu, and Gray_IOu denote total, independent, and gray institutional ownership of the U.S. market, respectively.
(3) (−1) and (−2) indicate lags to be included. (4) Definitions of all independent variables are listed in the Methodology
section. (5) Quarterly sample data cover the period May 2016 to September 2019. (6) *** and ** indicate coefficients
are significant at the 0.1% and 1% levels respectively. (7) The values of robust standard errors corresponding to
coefficients are shown in parentheses.

Similarly, the results of Table 6 are consistent with the results of Table 8; the coefficients for
the lagging period of the institutional ownership variables are significant positively correlated with
equity market sentiment. The coefficients of Total_IOc(−1), Indep_IOc(−1), and Gray_IOc(−1) are
0.2687, 0.2261, and 0.4468 and statistically significant at the 0.1% level. In the Chinese market,
institutional investors have not adopted a negative feedback trading strategy to stabilize market
sentiment. Therefore, based on the above conclusion, the results of the lagging period test prove that
the results of this study are robust.
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Table 8. Robustness test of the Chinese market using lagging dynamic GMM.

Variables
EMSI of CSI 300

Coeff. p-Value Coeff. p-Value

EMSI CSI 300(−1) −0.2736 *** 0.0000 −0.2726 *** 0.0000
(0.002) (0.002)

EMSI CSI 300(−2) 0.0526 *** 0.0000 0.0529 *** 0.0000
(0.002) (0.002)

Total_IOc 0.4109 *** 0.0000
(0.038)

Total_IOc(−1) 0.2687 *** 0.0000
(0.035)

Indep_IOc 0.4898 *** 0.0000
(0.040)

Indep_IOc(−1) 0.2261 *** 0.0000
(0.036)

Gray_IOc 0.1952 0.1470
(0.135)

Gray_IOc(−1) 0.4468 *** 0.0005
(0.129)

SIZEc 7.1444 *** 0.0000 7.0698 *** 0.0000
(0.331) (0.334)

P/Ec 0.0207 *** 0.0000 0.0200 *** 0.0000
(0.004) (0.004)

P/Ec(−1) −0.0718 *** 0.0000 −0.0717 *** 0.0000
(0.004) (0.004)

Firm fixed yes yes
J-statistic 3361.39 3360.88

Prob (J-statistic) 0.0000 0.0000

Note: (1) This table presents the robust results of the lagging dynamic GMM for the EMSI of the CSI 300. (2) Total_IOc,
Indep_IOc, and Gray_IOc, denote total, independent, and gray institutional ownership of the Chinese market,
respectively. (3) (−1) and (−2) indicate lags to be included. (4) Definitions of all independent variables are listed
in the Methodology section. (5) Quarterly sample data cover the period May 2016 to September 2019. (6) ***
indicates that coefficients are significant at the 0.1% level. (7) The values of robust standard errors corresponding to
coefficients are shown in parentheses.

5. Conclusions

This paper discusses the changes in professional institutional investors’ behavior and equity
market sentiment in the U.S. and China during the trade turbulence. Empirical research was conducted
to verify the effectiveness of the feedback trading strategy and smart money theory in stabilizing the
U.S. and Chinese securities markets, and to understand the role of institutional investors’ behavior to
come up with suggestions for improving and perfecting the market mechanism of stabilizing the U.S.
and Chinese securities markets.

We selected quarterly panel data covering the period May 2016 to September 2019 and constructed
the Equity Market Sentiment Index (EMSI) for two groups of stock, the S&P 500 and CSI 300, using
GMM to perform dynamic panel data analysis and to examine public companies held by institutional
investors listed in the U.S. stock market (New York Stock Exchange and Nasdaq Stock Market) and
China’s A-shares market (Shenzhen Stock Exchange and Shanghai Stock Exchange).

We found that institutional investors in the U.S. stock market have suppressed market sentiment.
This result supports these investors acting as rational investors in the market. They use negative a
feedback strategy and smart money theory to stabilize the market sentiment in the U.S. stock market
and act as stewards. However, institutional investors in China behave in the opposite manner and
have not suppressed market sentiment. Compared with the situation in the United States, institutional
investors do not act as stewards in the Chinese market. Their performance in the financial crisis was
not as good as expected. In a regulated market like China, access to information is limited, and there is
no way to make their behavior conform to the theory of smart money. In terms of strategy, they are
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more inclined to use a positive feedback strategy, which does not play a positive role in stabilizing
market sentiment. Furthermore, in the U.S., high-value companies bear higher risks, while in China,
large-scale companies bear higher risks.

The results of this paper are particularly important for studying institutional ownership amid
trade turbulence. The findings from the paper suggest that institutional investors behave differently in
markets on both sides of trade turbulence. Due to the differences in national political and economic
policies and regulations in various countries, institutional investors’ judgments of the market will be
affected by these factors.

This study also has clear policy implications for the government. Compared with the U.S. financial
market, which has a well-developed capital market mechanism, in the Chinese market, institutional
investors have not played a role in stabilizing market sentiment during the financial crisis, as shown
by the research results in Tables 5 and 6. As a result of this difference, we believe that one is caused by
the difference in capital market results. The proportion of institutional investors in the U.S. financial
market far exceeds the proportion in the Chinese market. In the Chinese financial market, there are
more irrational individual investors. Obviously, more institutional ownership will suppress stock
market sentiment and prevent overconfidence caused by the positive feedback effect of irrational
investors, thereby reducing the risk of domestic stock market fluctuations. Therefore, optimizing and
perfecting the structure of the capital market is a fundamental issue that policymakers must face.

Another reason for the difference in results is due to financial market mechanisms and national
development policies. Institutional investors in the Chinese financial market, while paying attention
to basic market information, pay more attention to the development policies of the entire country.
Changes in national policies have greatly affected the direction of financial markets. This consideration
of national policies has had a more direct influence on investors’ investment strategies, making them
unable to play a role in suppressing stock market sentiment. Therefore, how to improve the financial
market mechanism and reduce the impact of national development policies on the financial market is
worth deep consideration by policymakers, especially during a financial crisis.
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