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Abstract

:

Ecoacoustics is a recent ecological discipline focusing on the ecological role of sounds. Sounds from the geophysical, biological, and anthropic environment represent important cues used by animals to navigate, communicate, and transform unknown environments in well-known habitats. Sounds are utilized to evaluate relevant ecological parameters adopted as proxies for biodiversity, environmental health, and human wellbeing assessment due to the availability of autonomous audio recorders and of quantitative metrics. Ecoacoustics is an important ecological tool to establish an innovative biosemiotic narrative to ensure a strategic connection between nature and humanity, to help in-situ field and remote-sensing surveys, and to develop long-term monitoring programs. Acoustic entropy, acoustic richness, acoustic dissimilarity index, acoustic complexity indices (ACItf and ACIft and their evenness), normalized difference soundscape index, ecoacoustic event detection and identification routine, and their fractal structure are some of the most popular indices successfully applied in ecoacoustics. Ecoacoustics offers great opportunities to investigate ecological complexity across a full range of operational scales (from individual species to landscapes), but requires an implementation of its foundations and of quantitative metrics to ameliorate its competency on physical, biological, and anthropic sonic contexts.
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1. Introduction


A tremendous acceleration of biodiversity decline has been recently denounced by several governmental and non-governmental organizations on scientific and popular media in a continuative ‘war bulletin.’ A growing scientific debate on priorities and remediation strategies to preserve ecosystem services and human wellbeing is still open and in progress [1]. The growing intrusion of humans in the environment has produced forest fragmentation [2], cropland expansion, food insecurity [3,4], biomass stock reduction [5], water and air pollution [6], impervious surface increase [7], and global land and climate change [8,9], and associated with the reduction of ecosystem services [10] to list some of the common widespread effects.



Today, the use of satellites to monitor terrestrial and aquatic systems at the planetary scale is becoming a routine practice [11], and this extensive use of remote sensing associated with big data analysis has increased the amount of environmental knowledge available to civil society, stakeholders, and policymakers. However, civil society must control numerous threats at multiple scales and continuously provide new scientific approaches to convert the flux of environmental data into useful suggestions for more efficient management of natural resources [12]. For instance, more accurate detection and protection of the hot spots of biodiversity [13,14], or trading biodiversity, which results in an important strategy to reduce the effect of pests on food production and security [15], which are some of the new strategies to drive human development toward a more sustainable future.



Despite the massive diffusion of satellites to remotely survey environments, several aspects of ecological dynamics remain unexplored. For instance, although odors and sounds are two components of the environment relatively known at the level of individual species’ sensory and behavior, up to now, they have been insufficiently used to monitor ecological dynamics at a large scale. In particular, sounds have the potentiality to play a primary role to describe the composition, diversity, and dynamics of (acoustic) communities [16], and to assess the distance of ecosystems from healthy conditions [17,18].



The study of environmental sound captures a greater number of details when compared to visual information alone [19] and offers several advantages. In particular, acoustic surveys using autonomous audio recording devices have a negligible effect on the environment, provide continuous observations, and reduce any bias introduced by human presence when using traditional invasive surveys (e.g., netting, trapping, and marking). Furthermore, with the application of new powerful metrics, a great amount of acoustic data can be processed, and the patterns and dynamics of the acoustic environment can be described in detail.



This paper aims to present environmental sound as a subject of investigation according to an ecological perspective. In particular, the fundaments of environmental acoustics; relevance of quantitative analysis of sound to environmental monitoring schemes, to nature conservation, and to human wellbeing improvement; and the most popular and efficient metrics used in the quantitative approach to sound investigation are described.




2. Environmental Sound, General Characters, and Importance


Nature is not silent. Physical surficial attrition and soniferous species create a great number of sounds belonging to different frequencies, intensities, and duration that can be interpreted differently by animals according to specific functions that are activated at the moment [20]. Sounds propagate in the air at 331 m/s at 0°, and propagate five times faster (1484 m/s) in water with high variability. This variability in sound transmission depends on the physical characters of the medium (density, temperature, salinity, shape of the surfaces, etc.) and on the position of emitters and receivers.



Sounds can be classified according to the geophysical, biological, and anthropic source. Waterfalls, marine waves, winds, thunderstorm, lightning, and volcanoes are examples of geophysical sounds (geophonies). The biological sounds (biophonies) are the result of active vocalizations of soniferous species obtained by different organs (e.g., vocal chords in mammals, syrinx in birds, vocal sacs in frogs, tymbals in cicadas, etc.). The anthropogenic sounds (technophonies) are the result of synthetic technologies/activities like machineries and vehicles, music, explosions, urban areas, and industries.



In both terrestrial and aquatic systems, sounds contain important information that is extensively used by a great number of animals in intra- and inter-species communication creating a complex network of emitters and receivers [21]. Sensitivity to sound extends to the plant kingdom [22], and sound-mediated relationships exist between kingdoms. For example, Schöner et al. [23] demonstrated the acoustically mediated co-evolution of some species of plants and bats.



Sounds are actively used in animal navigation [24] and to transform an unknown environment into a friendly collection of reference points [25]. For instance, the sound of sea waves crashing against a reef is used by pelagic larvae of reef fishes and decapod crustaceans to orient their migration toward reef refuges [26,27]. Sounds at high frequency emitted by whales, dolphins, and bats are used as sonar to locate food and obstacles [28,29]. Sound is a primary vehicle used by soniferous species to provide information on individual fitness and can be considered an honest signal [30,31]. Biological sounds have plastic characters that can be modified by learning or culturally transmitted adaptive processes [32,33,34].



From a human perspective, sound has further characteristics; it is considered a source of pleasure, contributes to creating a sense of place, and maintains and reinforces cultural heritage and wellbeing [35,36]. Sound, when too intense and/or continuous, like urban technophonies, is considered a source of noise and may cause masking effects on other (biological) sounds, producing an interruption of the communication networks with consequences on the physiology of sensitive species [37,38]. In terrestrial habitats, noise produced by the transit of snowmobiles has been documented to modify the physiology of the elk population in Yellowstone National Park [39]. In marine systems, the coral reef fish communities are negatively affected by the passage of boats [40]. In marine habitats, the noise level may be considered a real source of diffuse pollution with severe consequences on life [41], and in the next decades, it is expected to increase from commercial ships [42].



Noise can produce change in the habits of animal communities. For example, birds living around airports have been observed to anticipate the dawn chorus before the beginning of the morning take-off and airplane landing [43,44]. The adaptation to urban noise may reduce the individual fitness, as observed in white-crowed sparrows (Zonotrichia leucophrys) in the San Francisco area [45]. Noise may also be a cause of environmental avoidance for noise-sensitive species, like nest predators among birds [46]. Consequences of urban noise on animals are not well understood and remain a fertile ground for future research and acoustic monitoring, both urgently requested at the local and global scales [47]. In addition, the World Health Organization has considered noise as a major threat to human wellbeing [48]. For instance, a persistent urban noise exposition in human populations may be a relevant cause of cardiovascular diseases [49].




3. Ecoacoustics as a New Scientific Discipline


The interest in the influence of the physical and biological structure of the environment on sound diffusion [50,51,52,53] and the acoustic character of the environment [54,55,56,57] has a long history, with research dating back at least 50–60 years. However, the recent seminal papers of Pijanowski et al. [58,59], who focused on the role of the soundscape in the acoustic environment in which soniferous and non-soniferous species are embedded, facilitated the emergence of ecoacoustics as a novel independent discipline founded in Paris just a few years later (2014) during a scientific meeting on environmental acoustics [60,61,62].



Two facts contributed to the development of ecoacoustics: The availability of autonomous audio recorders and the use of powerful metrics to analyze acoustic data quantitatively. The possibility to deploy several recorders that are programmable according a flexible time table allows collecting contemporary acoustic information in different locations at different temporal resolutions [63]. This technology makes long-term acoustic exploration possible for hostile or remote environments, such as some tropical forests or deep seas, where other sensing tools like visual surveys are impossible or ineffective.



An interesting epistemological lexicon has been created since ecoacoustics was established as an independent scientific discipline. The sound can be interpreted by distinguishing between at least three functional scales: Soniferous species, acoustic communities, and soundscape. At the soniferous species level, the functions activated by sounds have influence on the following:

	
species distribution across the habitat,



	
daily and seasonal changes of individual acoustic activity,



	
intra- and inter-specific interactions,



	
acoustic variation of individual species and populations across different landscape/waterscape configurations,



	
acoustic biogeography (dialects) of species and populations, and



	
seasonal fluctuations and density of populations.








The acoustic community is an important model recently developed inside the ecoacoustic epistemology. An acoustic community is the ensemble of biophonies that result from the temporary combination of individual inter-specific sounds [64,65,66] and is characterized by a temporal variation in species composition according to hourly, daily, and seasonal species turnover. Human intrusion and climate change may produce significant changes in acoustic composition and dynamics in acoustic communities.



The soundscape is the character of the entire set of sounds of geophysical, biological, and technological origin that emerge from the environment. Geographical and ecological gradients may affect the acoustic signatures of a soundscape [67]. Sense of place and other human-related psychological feelings are associated with the quality and unity of soundscapes. Human intrusion, management strategies, and climate change are important factors that can influence soundscapes and their acoustic signature. Preserving a soundscape means to protect biodiversity and human cultural heritage, and it passes through a complex integration of knowledge and managing rules [68].




4. Quantitative Methods in Ecoacoustics


4.1. Hardware


The quantitative methods proposed by ecoacoustics have been strongly influenced by the recent availability of digital autonomous audio recorders characterized by a long charge and flexible programmability. Wildlife acoustics (USA; https://www.wildlifeacoustics.com), Lunilettronik (ITL; http://www.lunilettronik.it), and Frontier Labs (AU; http://www.frontierlabs.com.au) are the main producers of professional terrestrial and aquatic recorders for bioacoustic and ecoacoustic investigations. The use of low-cost recorders has been recently proposed [69] and new devices (e.g., Audio Moth (https://www.openacpisticdevices.info/)) tested [70] as a further solution to deploy recorders in unsafe places where human vandalism or animal damage discourage the use of more expensive devices.




4.2. Ecoacoustic Metrics


A second relevant point that favors the diffusion of the ecoacoustic approach is represented by the possibility to analyze acoustic files and convert them from a temporal domain to a frequency domain (e.g., after Fourier transforms). Several indices working on a matrix of frequency band intensity have been provided in recent years (for a review, see Sueur et al. [71]) with successful attempts to use such indices to estimate avian species diversity and assess biodiversity in general [16,72]. These indices can be distinguished in the following:

	
intensity indices that measure sound amplitude,



	
complexity indices that measure the level of complexity (time, frequency, and/or amplitude), and



	
soundscape indices that investigate the importance of geophonies, biophonies, and technophonies.








Ecoacoustic metrics can be used as proxies for ecosystem functioning across spatial and temporal scales, but are generally not adapted to carry out direct species identification.



4.2.1. Intensity Indices


The intensity indices are based on the measurement of sound level (i.e., LCpeak, LAeq) and require expensive instruments to measure the amount of sonic energy. These indices are rarely utilized in ecoacoustic investigations.




4.2.2. Complexity Indices


Complexity indices assume that acoustic complexity increases with the number of singing individuals and species, representing a good proxy of animal phenology and diversity. The most popular indices are described below. A comparison between ecoacoustic metrics can be found in the works by Xie et al. (2017) [73], Turner et al. (2018) [74], and Rice et al. (2017) [75].



Acoustic entropy [16] is composed of two sub-indices: temporal entropy Ht and spectral entropy Hf.



These two indices are calculated by applying the Shannon equation:


Ht=−∑t=1nA(t)∗log2(A(t))∗log2(n)−1



(1)






Hf=−∑f=1NS(f)∗log2(S(f))∗log2(n)−1



(2)




where n is the length of the signal in the number of digitized points, A(t) is the probability mass function of the amplitude envelope, and S(f) is the probability mass function of the mean spectrum, applying a short-time Fourier transform (STFT).



Acoustic richness (AR) [76] results from the following equation:


AR=(rank(Ht)∗rank(M))n2



(3)




where M is the median (A(t))*2(1−depth), where 0 ≤ M ≤ 1, and A(t) is the amplitude envelope, where the depth is the signal digitization depth.



The acoustic dissimilarity index [16] (D = Dt*Df) estimates the ß diversity between two acoustic communities. This index is composed by two sub-indices: temporal dissimilarity Dt and spectral dissimilarity Df, where 0 ≤ D ≤ 1:


Dt=0.5∗∑t=1n|A1(t)−A2(t)|



(4)






Df=0.5∗∑f=1N|S1(f)−S2(f)|



(5)




where A1(t) and A2(t) are the probability mass functions of the amplitude envelope of the two acoustic files under comparison, and S1(f) and S2(f) are the probability mass functions of the mean spectrum.



The acoustic complexity index (ACI) was proposed in 2008 by Farina and Morri [77] and represents one of the most utilized ecoacoustic metrics since the first edition in 2011 [78]. The ACI measures the amount of (syntactic) information of a matrix of sound amplitude obtained after the application of a fast Fourier transform (FFT) on an acoustic file. The ACI is based on a simple algorithm that calculates the absolute difference between two adjacent values of acoustic amplitude [79]. This difference is considered acoustic (syntactic) information. As more differences occur and more information is contained within the spectrogram, the acoustic environment should be more complex and variable. Generally, a high number of soniferous species are associated with a high value of acoustic information. This index was successively distinguished in two sub-indices ACItf and ACIft [80], where ACItf is applied along the same frequency band and ACIft is calculated across all frequency bands at each temporal step selected for the analysis (e.g., one minute). The ACItf equation is as follows:


ACItf=∑k=1c(∑i=1tc|ai,j−ai+1,j|∑i=1tcai,j)



(6)




where ai,j is the amplitude of each pulse, t is the number of temporal steps in which a file is subdivided after FFT, f is the frequency bin, c is the number of clumps in the recording, and t/c is the number of elements composing a clumping. The clumping option allows the application of this equation to a selected number of aggregated temporal steps. The clumping option is not mandatory for ACItf. To compare two ACItf indices calculated on a different time interval, an average value must be used. The ACIft equation is as follows:


ACIft=∑i=1t∑j=1f−1|ai,j−ai,j+1|(ai,j+ai,j+1)



(7)




where ai,j is the amplitude of each pulse, t is the number of temporal intervals, and f is the frequency bins. Both Equations (6) and (7) are applied only in the presence of non-zero values of ai,j in each difference to reduce the edge effects.



From these two indices, an evenness measure has recently been obtained [80]. The evenness of ACI is an important metric because it measures how the acoustic information is distributed along frequency bands and time. In addition, ACItf evenness measures how the frequency classes are distributed at a specific time lag. Moreover, ACIft evenness measures how the spectral intensity is distributed along a specific time interval. Both the metrics are calculated according to equations by Levins [81] and Hurlbert [82]:


B=1∑i=1tp12



(8)




where pi is the importance of ACI in each frequency bin (ACItf) or in each temporal step t (ACIft) and the standardized measure is as follows:


ACIevenness=B−1t−1



(9)







This measure ranges from 0 to 1. For instance, if the window size for FFT is set at 512 frequency bins, the maximum evenness of ACItf evenness is 1/512, which means that all frequencies are distributed in the same way. A low value of ACItf evenness means that the information is concentrated in a few frequency bands. In addition, ACIft evenness is equal to 1 when the same amount of information exists at every temporal step. A low ACIft evenness indicates that the acoustic activity along a specific temporal step is concentrated only in one portion of the temporal window considered. Recently, ACItf evenness and ACIft evenness have been utilized to encode the ecoacoustic events using the ecoacoustic event detection and identification (EEDI) procedure [49,80].



Characteristics of ACItf and ACIft


The ACItf measure has been extensively validated at different temporal resolutions [83] in terrestrial [74,84] and aquatic systems [75,85,86,87,88]. Moreover, ACItf has been used to investigate animal phenology [89,90] and to estimate the effect of anthropogenic noise [91]. This index has also been demonstrated to be a good proxy of richness and diversity of the communities in forest areas [74,92] and marine and freshwater systems [93,94,95]. The graphic representation of ACItf depicts the acoustic signature. In a long-term temporal context, ACItf accurately describes changes in frequencies as a consequence of species turnover (Figure 1). A more recent index, ACIft has found a primary role in the development of the procedure to detect and identify ecoacoustic event metrics [96].





4.2.3. Soundscape Indices


The soundscape indices consider the three components of the soundscape (geophonies, biophonies, and technophonies) and evaluate their importance and patterns created by their acoustic interactions. These indices are particularly relevant to evaluate the role of human intrusion in the environment and the sonic quality of a landscape in general.



Normalized Difference Soundscape Index


At the soundscape level, it is possible to investigate the proportion of technophonies and biophonies. An index called the Normalized Difference Soundscape Index (NDSI) was formulated by Kasten et al. [97]:


NDSI=β−αβ+α



(10)




where α is the power spectral density (PSD) of sound in the range 1–2 kHz (technophonies) and β is the PSD of sound in the range 2–11 kHz (biophonies). This index ranges from −1 (all technophonies) to +1 (all biophonies). We must consider that some biophonies also include frequencies below 2 kHz. Geophonies often have broad spectral characteristics to be used in this typology of frequency index. To reduce the risk of biases, this index should be used on days without rain or wind.




Ecoacoustic Event Detection and Identification Routine (EEDI)


Every distinguished peculiarity in a spectrogram may be caused by natural or human induced causes (individual vocalizations (biophonies), geophysical or technophonic signals, or their combination). This peculiarity is defined according to a biosemiotic perspective of an ecoacoustic event [80]. Its extraction from a numerical matrix created by an FFT can be done automatically using the Ecoacoustic Event Detection and Identification routine (EEDI) [80]. This routine calculates the ACI metrics (ACIft, ACIft evenness, and ACItf evenness) and builds a code for every ecoacoustic event. These metrics, when combined, disclose emerging patterns inside an acoustic sequence that is a carrier of meaningful information for species to accomplish the needs required by every organism to stay alive with the best standard [80,96]. In detail, EEDI assigns a three-digit code to each ecoacoustic event, where the first number (from the left) is the value of ACIft, rescaled according 10 intervals (attributing zero to the first interval and nine to the last interval). The second (central) number is the value of ACIft evenness, and the third number is the value of ACItf evenness, both converted in 10 intervals as ACIft. The combination of these three numbers generates a maximum of 1000 codes (from 000 to 999).



According to a biosemiotic perspective, the temporal succession of ecoacoustic events can be considered “acoustic text” that can be detected and interpreted by individual species, assuming distinct species-specific meanings according the activated functions [80]. The ecoacoustic event model is based on the eco-field theory [98,99] that states that every function finalized to track a specific resource requires a distinct spatial configuration as a carrier of meaning. In this case, the acoustic eco-field is the result of the temporal and spatial arrangement of acoustic signals produced in the environment by geophonies, biophonies, and technophonies and perceived in a specific way by individual species. The number of ecoacoustic events detected along a temporal window is an indicator of the complexity of the acoustic community (when only biophonies are considered) or of soundscapes (when all sound sources are considered). The detection procedure is followed by an identification process that requires a training set of identified ecoacoustic events.



The EEDI procedure is a further step to improve the ecoacoustic methods moving out from the bioacoustic approach based on individual species identification to an ecoacoustic approach based on the identification of ecoacoustic events, disclosing properties of ecological functioning of habitats, ecosystems, or landscapes. Recently, how ecoacoustic events are strongly influenced by the temporal resolution at which the EEDI procedure is applied [100] has been demonstrated. To solve the uncertainty introduced by a subjective choice of a temporal resolution, a multiscale approach was proposed, and a fractal dimension calculated across this scale as an unbiased proxy of the acoustic complexity of a soundscape [100]. The fractal dimension is an independent measure of complexity and emerges as an important indicator of environmental conditions, where degraded environments should have a low fractal dimension and a healthy environment that is rich in soniferous species should have a high fractal dimension.



Finally, the multiscale approach of EEDI results is important from a biosemiotic point of view because it is possible to classify and assign specific meaning at each ecoacoustic event, transforming a frequency domain into a sequence of codes attributed to a species-specific functional role.






4.3. Passive Acoustic Monitoring for Environmental Assessment and Long-Term Passive Ecoacoustic Monitoring


Passive acoustic monitoring (PAM) is an ecosystem-based approach to assess long-term changes in community abundance, richness, and diversity primarily based on the aural identification of species [18,101,102]. This methodology is very popular in bioacoustic studies to monitor the abundance, distribution, and reproductive cycles of focus species (e.g., dolphins [103], koalas [104], whales [105], raptors [106], and snapping shrimp [107], or invasive species [108,109]) and landscape [110], to name some examples from numerous papers published in the last ten years.



When extended to an ecoacoustic approach (using appropriate metrics), PAM changes to passive ecoacoustic monitoring (PEM), which can also detect physical parameters from the environment, such as the rain regime [111], ocean weather [112], or temperature [113]. Empirical evidence of the efficiency of PEM has been accumulated on Mediterranean maqui [84], on temperate freshwater [85,114,115], and in the marine environment [116,117,118,119]. In particular, long-term monitoring of the soundscape is important to implement management and mitigation strategies [120]. Often, a combination of the aural species identification and the ecoacoustic metric offers a better description of acoustic communities and soundscapes.





5. Discussion and Conclusions


Ecoacoustics represents a new and promising ecological discipline from a theoretical and applied perspective, which can guarantee an efficient and updated environmental assessment and long-term monitoring. The quantitative approach of ecoacoustics provides important information about the ecological functioning of the environment across a broad range of spatial and temporal scales, integrating other ecological and biogeographic procedures. Sounds are indicators of many relevant ecological processes, such as biodiversity turnover, animal population, and community dynamics. For example, the sonic quality of a landscape may be utilized to select and preserve cultural heritage areas and to assess the human wellbeing level and availability of natural resources.



Sound is characterized by structured energy associated with a great amount of information. Sounds are energetic substrates on which is possible to test theories like the complexity theory and the cognitive theory of resources. The availability of several metrics to manipulate field data offers new possibilities of quantitative investigation of the environmental complexity.



The recording of sounds from different environments and geographic areas offers the possibility to make relevant comparisons between habitats and between different land-use policies, enlarging the investigation perspectives. For their inaccessibility, climatic hostility, and ecological complexity, some environments, such as deep oceans or tropical forests, represent a true challenge posed to traditional research. The placement of autonomous fully programmable acoustic recordings allows the collection of important information, especially over long periods, reducing the effect caused by other methodologies of field survey.



It is not a surprise that many issues in ecoacoustics remain underdeveloped. For example, the choice of the most effective index to capture typologies of biophonic sources remains unsatisfactory, as it is difficult to discriminate geophonies from technophonies and biophonies, limiting the acoustic patterns of an environment to favorable weather conditions [71]. Moreover, the choice of the most efficient temporal sampling schemes [18,84] requires further testing and empirical evidence before the adoption of a fully accepted standardization.



Some indices that are based on information theory and measure the acoustic entropy fail to reflect species richness and the abundance of individuals within each species and generally have a reduced capacity to describe the composition of the acoustic communities [89,121,122]. This requires other analytical methods that could be provided after more careful research for new mathematical tools [73,123]. However, the recent availability of software to calculate ecoacoustic indices using friendly languages like R appears relevant [124,125].



The ecoacoustic approach offers new possibilities to explore the biogeography ([126] and phenology of species [90,127]) that could be coupled with the effects of climatic change [18,87] and habitat degradation [128]. There are very few investigations on the relationship between soundscape and landscape [110], and this topic should be developed, coupling remote-sensing methodologies, and GIS with field recordings that are opportunely scaled.



In marine systems, ecoacoustics can be utilized to identify relatively pristine seas, to predict the effect of ocean industrialization before it occurs, and to suggest mitigation actions on the most vulnerable animal populations [41]. In urbanized areas, an ecoacoustic approach is considered to have an enormous potential to monitor urban biodiversity and ecosystem functioning [129]. The ecoacoustic approach allows the collection of a great amount of data for long periods of time, but this poses problems in terms of the effort to process such data, representing a challenging matter in ecoacoustic research. For example, urban areas (smart cities) are sources of acoustic big data due to the proliferation of mobile phone platforms. This poses problems for data reduction and analysis [130,131]. This fact forces us to concentrate on adapting methodologies to reduce the dimension of such big data and to improve their visualization [132].



Finally, ecoacoustics can reinforce the biosemiotic approach, translating acoustic cues into distinct signs that can be interpreted using a biosemiotic narrative. This narrative allows conjugating ecological issues with environmental humanities, concurring to reduce the dichotomy present, especially in Western cultures, between people and nature. Assigning a meaningful label to ecoacoustic events means to create a robust text that can describe the perceived reality of humans and animals and can help to adopt the best management choices. Robust encoding procedures are required for this, and due to operational multi-scaling, fractal mathematics could play a pre-eminent role in ecoacoustics in the immediate future.
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Figure 1. Example of an application of the ACI metrics to an acoustic file in .wav format. In this case, the file has been recorded at Madonna dei Colli (Tuscany region, Italy) (44°12′29.84″ N, 10°03′33.08″ E; 228 m a.s.l.; slope exposition: East; mixed woodland) at 04:01 9 May 2018. The start of the dawn chorus (*) is indicated in the spectrogram (A) for one hour. (B) A magnification of a few seconds from 37′24″ to 37′27″ is represented in which the acoustic signature of the song of a blackbird (Turdus merula) is visible. (C) The distribution of the acoustic information (ACIft) along one hour (in y axis ACIft values, in x axis the time in minutes) (D) The acoustic signature (ACItf) along 487 frequency bins (where each bin is 46.87 Hz) (in y axis ACItf values, in x axis frequency bins). The first 15 bins have been excluded from the representation to eliminate instrumental noise. 
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