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Abstract

This paper addresses the prescribed-time (PT) bounded consensus tracking problem for
high-order nonlinear multi-agent systems subject to actuator faults, system uncertainties,
and unmatched disturbances under directed communication topologies. A sufficient
condition for PT bounded stability is established by introducing a smooth and bounded
time-varying scaling function, which avoids singular time-varying scaling gains in the
resulting control design. Based on this condition, an adaptive neural network-based control
protocol is developed within a backstepping framework to approximate unknown nonlinear
dynamics. To enhance implementability, a finite-time differentiator is incorporated to
circumvent the explosion of complexity problem, while an adaptive fault compensation
mechanism is constructed to address actuator effectiveness loss and bias faults. Rigorous
Lyapunov analysis demonstrates that all closed-loop signals remain bounded and the
consensus tracking errors converge to a small neighborhood of the origin within a user-
specified time. Finally, simulation results are provided to illustrate the feasibility of the
proposed approach and the bounded closed-loop behavior under the considered actuator-
fault scenarios.

Keywords: multi-agent systems; prescribed-time control; consensus tracking; actuator
faults; fault-tolerant control

MSC: 93C10; 93C40; 93D15

1. Introduction
Cooperative control of multi-agent systems (MASs) has been extensively investigated

over the past decades due to its broad applications in engineering systems such as un-
manned aerial vehicles [1,2], microgrids [3,4], and mobile robotic networks [5,6]. Among
various cooperative control problems, consensus tracking plays a fundamental role, aiming
to design distributed control protocols such that follower agents can track a leader’s trajec-
tory based solely on local information exchange [7–10]. In practical scenarios, MASs often
exhibit high-order dynamics, nonlinear behaviors, and various uncertainties. Therefore,
studying consensus tracking for high-order nonlinear multi-agent systems (HONMASs)
is of significant importance. To handle system nonlinearities, backstepping techniques
combined with universal approximators such as neural networks (NNs) or fuzzy logic sys-
tems have been widely employed [11–17]. However, most existing results only guarantee
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asymptotic convergence, which may lead to slow transient responses and is insufficient for
time-critical applications.

To improve convergence performance, finite-time control has received considerable
attention in recent years [18–21]. Compared with asymptotic approaches, finite-time con-
trol ensures convergence within a finite time and exhibits enhanced robustness. Recent
studies have further extended finite-time cooperative control to more complex MAS sce-
narios. Finite-time adaptive NN consensus control was investigated for nonlinear MASs
modeled by PDEs in [22], while finite-time cooperative output regulation was studied
for heterogeneous nonlinear MASs subject to switching DoS attacks in [23]. Nevertheless,
the convergence time of finite-time control typically depends on the initial conditions,
which limits its practical applicability. To overcome this limitation, fixed-time stability was
introduced in [24], for which the settling-time upper bound is independent of the initial
conditions. Owing to this appealing property, fixed-time control has been widely studied
in MASs and applied to various consensus problems [25,26]. Recently, an event-based
adaptive NN fixed-time cooperative formation control scheme was developed for nonlinear
MASs with dynamic uncertainties and limited communication resources [27]. Despite these
advantages, the settling time in fixed-time schemes is usually determined implicitly by
design parameters, making it difficult to specify in advance.

Motivated by the need to assign the convergence deadline in advance, prescribed-
time (PT) control has emerged as an effective framework in which the convergence time
can be explicitly specified by the designer [28]. This property provides greater flexibility
in transient-performance design than finite-time and fixed-time control. Distributed PT
consensus and containment control based on a time-varying scaling function was developed
in [29], enabling a designer-specified convergence time for networked MASs under both
undirected and directed topologies. An observer-based PT formation tracking scheme
was developed in [30] for second-order MASs over directed topologies, where the leader
states and formation tracking errors are estimated and regulated within a user-specified
time. In addition, PT leader-following scaled consensus for HONMASs was investigated
in [31], where the followers achieve a prescribed scaling relationship with the leader within
a predefined time. However, some conventional PT designs rely on time-varying gains
that increase sharply or become unbounded as the prescribed time is approached, which
may lead to singular control expressions and implementation difficulties. Related efforts
toward practically implementable time-performance control have been reported in the
literature. A TBG-based practical fixed-time consensus scheme with a pre-designated
settling time was developed for integrator-type MASs in [32], which alleviates the large
initial control input issue associated with some conventional fixed-time protocols. A
continuous nonsingular practical predefined-time output-feedback consensus scheme was
developed for disturbed MASs under directed topologies in [33], and practical PT tracking
control with bounded time-varying gain was studied for strict-feedback systems subject
to non-vanishing uncertainties in [34]. Nevertheless, practical PT consensus control for
HONMASs operating under multiple nonideal conditions remains a challenging issue.

Among these nonideal conditions, actuator faults are frequently encountered in prac-
tical MASs and may severely deteriorate cooperative performance, induce undesirable
oscillations, or even destabilize the overall network. To address this issue, various fault-
tolerant control (FTC) strategies have been developed for MASs subject to actuator faults.
For instance, a distributed control reconfiguration and accommodation scheme was de-
veloped for consensus achievement in MASs subject to actuator faults [35]. Distributed
adaptive FTC was investigated for uncertain MASs by compensating for actuator faults and
system uncertainties within local control protocols [36]. Cooperative fault-tolerant output
regulation was addressed through a distributed adaptive FTC approach [37], while fuzzy
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adaptive consensus control was studied for nonlinear MASs with intermittent actuator
faults [38]. As another representative design, a virtual actuator/sensor-based fault-tolerant
consensus scheme was developed for homogeneous linear MASs [39].

To further improve transient performance in the presence of actuator faults, finite-time
and fixed-time FTC methods have also been investigated for nonlinear MASs. For exam-
ple, an adaptive NN-based finite-time FTC scheme was proposed to handle actuator gain
and bias faults [40]. A dynamic-surface-control-based adaptive finite-time FTC method
was developed for hybrid actuator faults [41], while an adaptive fixed-time FTC scheme
employing Nussbaum-type functions was studied [42]. Regarding PT performance, PT
fault-tolerant consensus control for nonlinear MASs subject to actuator faults and input
quantization was investigated in [43] based on a practical PT stability inequality involving
fractional-power terms. Nevertheless, PT FTC results for HONMASs remain relatively
limited, particularly when high-order nonlinear dynamics, actuator faults, unknown non-
linearities, unmatched disturbances, and singularity-free PT bounded convergence are
considered simultaneously.

Motivated by the preceding discussion, this paper addresses PT bounded consensus
tracking for HONMASs in the presence of actuator faults, uncertain nonlinear dynamics,
and unmatched disturbances. To this end, a nonsingular PT stability formulation with
a bounded scaling mechanism is embedded into an adaptive NN-based fault-tolerant
backstepping design, such that the tracking errors can be driven into a bounded neighbor-
hood by a user-assigned time without introducing singular time-varying gains. The main
contributions are stated as follows:

1. A PT bounded stability criterion is derived by means of a smooth scaling function that
remains finite over the entire operation interval. Unlike PT formulations involving
singular time-varying terms, the resulting Lyapunov condition yields an explicit-form
residual estimate after the prescribed time and facilitates the subsequent fault-tolerant
controller construction.

2. A distributed adaptive fault-tolerant control architecture is formulated for high-order
nonlinear agents affected by actuator failures and unmatched perturbations. Neu-
ral approximators are incorporated to compensate for unknown nonlinear terms,
adaptive laws are designed to accommodate actuator fault effects, and finite-time
differentiators are introduced to eliminate the need for repeatedly differentiating
virtual controllers in the recursive design.

3. The closed-loop analysis establishes boundedness of all internal signals and guaran-
tees that the consensus tracking errors reach an adjustable residual region no later
than the prescribed time. The effect of the relevant design parameters on the residual
estimate is further explained, revealing the practical compromise between tracking
precision and control effort.

The remainder of this paper is structured as follows: Section 2 introduces the prelimi-
naries and formulates the problem. Section 3 devises the proposed adaptive prescribed-time
control scheme and conducts a stability analysis. Section 4 showcases the simulation results,
and Section 5 offers the conclusion.

2. Preliminaries and Problem Formulation
2.1. Preliminaries

Consider the nonlinear system

ζ̇(t) = ρ(t, ζ(t), u), ζ(0) = ζ0 (1)
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where ζ(t) ∈ Rn is the system state, u ∈ Rl is the control input, and ρ : R+ ×Rn ×Rl → Rn

is a nonlinear mapping.

Definition 1. System (1) is said to be finite-time stable if it is asymptotically stable and there exists
a settling time T(ζ0) < ∞ such that ζ(t, ζ0) = 0, ∀t ≥ T(ζ0).

Definition 2. System (1) is said to be fixed-time stable if it is finite-time stable and there exists a
constant Tmax > 0, independent of the initial state, such that ζ(t, ζ0) = 0, ∀t ≥ Tmax.

Definition 3. System (1) is said to be PT stable if for any initial state ζ0, there exists a pre-specified
time tp > 0 such that ζ(t, ζ0) = 0, ∀t ≥ tp.

Definition 4. System (1) is said to be PT bounded stable if for any initial state ζ0, there exist a
pre-specified time tp > 0 and a constant ε > 0, such that ∥ζ(t, ζ0)∥ ≤ ε, ∀t ≥ tp.

Remark 1. Finite-time stability guarantees convergence within a finite time depending on initial
conditions [18,19]. Fixed-time stability removes this dependence by ensuring a uniform upper
bound on the settling time [24]. PT stability further allows the convergence time to be explicitly
specified by the designer [28]. However, many existing PT control strategies rely on time-varying
gains that tend to infinity as t → t−p , which may lead to controller singularity and excessively
large control inputs, thereby limiting practical implementation [28–30]. Therefore, PT bounded
stability provides a more practical framework by allowing convergence to a small neighborhood while
avoiding singular behavior and improving implementability.

To facilitate the subsequent analysis, define the following smooth function

htp(t) =

r
(

tp − t −
tp

π
sin
(

πt
tp

))
, t ∈ [0, tp),

0, t ∈ [tp, ∞),
(2)

where r > 0 is a constant. The function htp(t) possesses the following properties:

(1) htp(t) ∈ C2[0, ∞);
(2) htp(t) is strictly decreasing on [0, tp), with htp(0) = rtp and limt→t−p

htp(t) = 0;

(3) The first-order derivative of htp(t) is given by

ḣtp(t) = r
(
−1 − cos

(
πt
tp

))
,

which is monotonically increasing on [0, tp) and satisfies ḣtp(0) = −2r, limt→t−p
ḣtp(t) = 0;

(4) The second-order derivative of htp(t) is given by

ḧtp(t) =
rπ

tp
sin
(

πt
tp

)
,

which is bounded and nonnegative on [0, tp).

Next, define the scaling function

κtp(α, σ, t) =
α + ḣtp(t)
htp(t) + σ

, (3)
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where α > 4r is a design constant and σ > 0 is a small adjustable parameter. Its derivative
is given by

κ̇tp(α, σ, t) =
ḧtp(t)

(
htp(t) + σ

)
−
(
α + ḣtp(t)

)
ḣtp(t)(

htp(t) + σ
)2 . (4)

Based on the above properties of htp(t), it follows that

(1) κtp(α, σ, t) ∈ C1[0, ∞);
(2) κtp(α, σ, t) > 0 for all t ≥ 0;
(3) κtp(α, σ, t) is monotonically nondecreasing on [0, tp);
(4) κtp(α, σ, t) is bounded on [0, ∞) and satisfies κtp(α, σ, t) = α

σ , ∀t ≥ tp;
(5) κ̇tp(α, σ, t) is continuous and bounded on [0, ∞) and satisfies κ̇tp(α, σ, t) ≥ 0, ∀t ∈

[0, tp).

Remark 2. Since −2r ≤ ḣtp(t) ≤ 0 for t ∈ [0, tp), the weaker condition α > 2r is sufficient to
ensure κtp(α, σ, t) > 0 and κ̇tp(α, σ, t) ≥ 0. However, the stronger condition α > 4r is imposed in
this paper because the proof of Lemma 1 requires α + 2ḣtp(t) ≥ α − 4r > 0, which guarantees the
decay estimate of the transformed Lyapunov function.

Remark 3. The proposed scaling function provides a bounded time-varying convergence rate and
avoids gain singularity near the prescribed time. Since the scaling gain is finite at the initial instant,
the design does not require an unbounded initial time-varying gain. However, large transient control
inputs may still occur when a very short prescribed time or large initial tracking errors are imposed.

Lemma 1. Consider the system (1) satisfying the following differential inequality:

V̇(ζ, t) ≤ −κtp(α, σ, t)V(ζ, t) + ϖ, (5)

where ϖ > 0, α > 4r, and κtp(α, σ, t) is defined as in (3). Then, for all t ≥ tp,

V(ζ, t) ≤ σ

(
V0

rtp + σ
+

ϖ

α − 4r

)
, (6)

and moreover,
lim sup

t→∞
V(ζ, t) ≤ σϖ

α
. (7)

Proof. Introduce an auxiliary function q(t) = htp(t) + σ and define Y(ζ, t) = V(ζ, t)/q(t).
For t ∈ [0, tp), it follows from (3) and (5) that

Ẏ(ζ, t) =
V̇(ζ, t)

q(t)
−

ḣtp(t)
q2(t)

V(ζ, t)

≤ −
α + ḣtp(t)

q2(t)
V(ζ, t) +

ϖ

q(t)
−

ḣtp(t)
q2(t)

V(ζ, t)

= −
α + 2ḣtp(t)

q(t)
Y(ζ, t) +

ϖ

q(t)
.

(8)

Since −2r ≤ ḣtp(t) ≤ 0 and α > 4r, one has α + 2ḣtp(t) ≥ α − 4r > 0. Then, (8)
leads to

Ẏ(ζ, t) ≤ −α − 4r
q(t)

(
Y(ζ, t)− ϖ

α − 4r

)
. (9)

https://doi.org/10.3390/math14111919

https://doi.org/10.3390/math14111919


Mathematics 2026, 14, 1919 6 of 24

Applying the comparison principle over [0, tp) yields

Y(ζ, tp) ≤ Y(ζ, 0) +
ϖ

α − 4r
. (10)

By utilizing the boundary conditions q(0) = rtp + σ and q(tp) = σ, (10) implies

V(ζ, tp) ≤ σ

(
V0

rtp + σ
+

ϖ

α − 4r

)
. (11)

For t ≥ tp, htp(t) = 0 and ḣtp(t) = 0, which yields κtp(α, σ, t) = α
σ . Thus, (5) reduces to

V̇(ζ, t) ≤ − α

σ
V(ζ, t) + ϖ, ∀t ≥ tp. (12)

Solving (12) directly results in

V(ζ, t) ≤ e−
α
σ (t−tp)V(ζ, tp) +

σϖ

α

(
1 − e−

α
σ (t−tp)

)
. (13)

Since e−
α
σ (t−tp) ∈ (0, 1] and σϖ

α < σ
(

V0
rtp+σ + ϖ

α−4r

)
, the convex combination property

ensures that

V(ζ, t) ≤ σ

(
V0

rtp + σ
+

ϖ

α − 4r

)
, ∀t ≥ tp, (14)

which satisfies (6).
Finally, taking the upper limit as t → ∞ on both sides of (13) yields

lim sup
t→∞

V(ζ, t) ≤ σϖ

α
. (15)

The proof is completed.

Remark 4. According to Lemma 1, the prescribed time tp can be specified a priori, while the residual
bound can be reduced by appropriately selecting the design parameters. If there exist class-K∞

functions α(·) and α(·) such that

α(∥ζ∥) ≤ V(ζ, t) ≤ α(∥ζ∥),

then the conclusion of Lemma 1 implies PT bounded stability of system (1).

Remark 5. The proposed PT bounded stability criterion differs from the practical predefined-time
result employed in [43]. Specifically, the stability analysis in [43] is based on the fractional-power
Lyapunov inequality

V̇ ≤ − π

ςTs

(
V1+ ς

2 + V1− ς
2

)
+ Λ,

where 0 < ς < 1, Ts > 0, and Λ > 0. In contrast, the present criterion is established through
the linear time-varying inequality (5), in which the smooth scaling function κtp(α, σ, t) remains
bounded over the entire time interval and becomes constant after tp. Consequently, the proposed
formulation provides a bounded convergence-rate mechanism and an explicit residual-bound estimate
after the prescribed time. Hence, the principal distinction lies in the bounded-scaling-function-based
linear time-varying stability formulation, rather than the fractional-power decay structure adopted
in [43].
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2.2. Graph Theory

Consider a group of N follower agents whose communication relationships are mod-
eled by a directed graph G = (V , E). Here, V = {1, 2, . . . , N} denotes the set of nodes,
while E ⊆ V × V represents the set of directed edges. The interaction among agents is
quantified by the adjacency matrix A = [aij] ∈ RN×N , where aij > 0 indicates that agent
i can receive information from agent j, i.e., (j, i) ∈ E ; otherwise, aij = 0. Based on A, the
Laplacian matrix is constructed as L = [lij] ∈ RN×N with lii = ∑N

j=1 aij, lij = −aij, i ̸= j. To
incorporate the leader–follower interaction, define a diagonal matrix B = diag(b1, . . . , bN),
where bi > 0 means that agent i has access to the leader’s information, and bi = 0 otherwise.

2.3. Problem Formulation

Consider an HONMAS consisting of one leader and N followers. The leader’s dynam-
ics are given by {

ξ̇0 = ρ0(ξ0)

y0 = ξ0
(16)

where ξ0 ∈ R is the leader state, y0 is its output, and ρ0(·) is a nonlinear function.
The dynamics of the ith follower (i = 1, . . . , N) are described by

ξ̇k,i = ρk,i(ξ̄k,i) + ξk+1,i + ϖk,i, k = 1, . . . , ni − 1,

ξ̇ni ,i = ρni ,i(ξ̄ni ,i) + giu f i + ϖni ,i,

yi = ξ1,i,

(17)

where ξ̄k,i = [ξ1,i, . . . , ξk,i]
⊤ ∈ Rk denotes the partial state vector and yi ∈ R is the system

output. The nonlinear functions ρk,i(·) are unknown but smooth, ϖk,i represent external
disturbances, and gi is an unknown control gain with a known sign.

Following [38], the actuator fault is modeled as

u f i = βi(t)ui + µi(t) (18)

where ui is the designed control input, βi(t) denotes the actuator effectiveness factor,
and µi(t) represents the additive fault. It is assumed that βi(t) and µi(t) are bounded,
satisfying 0 < βmi ≤ βi(t) ≤ 1, −µmi ≤ µi(t) ≤ µMi, where βmi, µmi, and µMi are unknown
positive constants.

The considered fault model includes the following typical cases:

(1) Loss of Effectiveness: 0 < βi(t) < 1 and µi(t) = 0.
(2) Bias Fault: 0 < βi(t) < 1 and µi(t) ̸= 0.
(3) Fault-Free: βi(t) = 1 and µi(t) = 0.

Remark 6. The fault model in (18) captures both multiplicative and additive actuator faults, which
are commonly encountered in practical networked control systems. This general formulation allows
the proposed controller to handle a wide range of fault scenarios.

Control Objective: Design a neural network-based prescribed-time adaptive fault-
tolerant controller such that all follower agents track the leader trajectory. Specifically, the
goal is to ensure that all closed-loop signals remain bounded and the tracking errors satisfy
|yi(t)− y0(t)| ≤ ε, ∀t ≥ tp, where tp > 0 is a prescribed time.

The following standing assumptions are adopted.

Assumption 1. The communication graph contains a directed spanning tree with the leader as the
root node.
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Assumption 2. The disturbances ϖk,i are bounded; i.e., there exist unknown constants ϖ̄k,i > 0
such that |ϖk,i| ≤ ϖ̄k,i.

Assumption 3. The control gain gi has a known sign and satisfies 0 < gmi ≤ |gi| ≤ gMi, where
gmi and gMi are unknown positive constants.

Remark 7. The above assumptions are commonly adopted in the analysis of nonlinear MASs.
The spanning tree condition ensures global information accessibility from the leader. The bounded
disturbance assumption is essential for robustness analysis, while the known control gain signs
facilitate the adaptive control design.

2.4. Auxiliary Lemmas

This subsection presents several technical lemmas that will be used in the subsequent
controller design and stability analysis.

Lemma 2 ([42]). The radial basis function neural network (RBFNN) can be employed to ap-
proximate uncertain nonlinear functions. Consider a continuous function H : ΩZ ⊂ Rl → R
defined on a compact set ΩZ. Then, there exist a positive integer m ∈ N, a basis function vector
W(Z) = [W1(Z), . . . , Wm(Z)]T ∈ Rm, and an ideal weight vector G∗ ∈ Rm such that

H(Z) = G∗TW(Z) + δ(Z), ∀Z ∈ ΩZ, (19)

where δ(Z) denotes the approximation error satisfying |δ(Z)| ≤ δ̄, with δ̄ > 0 being an un-
known constant.

The Gaussian radial basis functions are defined as

Wi(Z) = exp

(
−∥Z − τi∥2

ϑ 2
i

)
, i = 1, . . . , m,

where τi ∈ Rl and ϑi > 0 denote the center and width of the ith neuron, respectively.

Lemma 3 ([15]). Consider the following finite-time differentiator (FTD)

ϕ̇1 = −c1 sig(ϕ1 − α(t)) + ϕ2,

ϕ̇2 = −c2 sign(ϕ2 − α(t)),
(20)

where c1, c2 > 0 are design parameters and sig(z) = sign(z)|z|1/2. For a bounded signal α(t)
piecewise continuously differentiable on compact time intervals, the differentiator states ϕ1(t)
and ϕ2(t) can estimate α(t) and its derivative α̇(t) in finite time. Moreover, the corresponding
estimation error is bounded after a finite transient; that is, there exists an unknown positive constant
θ̄ such that |θ(t)| ≤ θ̄.

Lemma 4 ([44]). For any γ ∈ R and υ > 0, the following inequality holds

0 ≤ |γ| − γ sg(γ, υ) ≤ υ, (21)

where sg(γ, υ) = γ√
γ2+υ2

.

Lemma 5. For any X, Y ∈ R, the following inequality holds

X(Y − X) ≤ −1
2

X2 +
1
2

Y2. (22)
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Remark 8. The above lemmas constitute essential analytical tools for handling unknown nonlin-
earities, performing derivative estimation, and supporting Lyapunov-based stability analysis in the
subsequent control design.

3. Main Results
3.1. Adaptive PT Control Design

By employing an ni-step recursive backstepping procedure, an adaptive PT controller
is systematically designed. First, the coordinate transformation variables zk,i (k = 1, · · · , ni)

of the ith follower are set as

z1,i =
N

∑
j=1

aij(ξ1,i − ξ1,j) + bi(ξ1,i − ξ0)

zk,i = ξk,i − αk−1,i

(23)

where αk−1,i denotes the virtual control signal to be designed recursively.
Step 1: Taking the time derivative of z1,i yields

ż1,i = ηi(ξ2,i + ρ1,i(ξ̄1,i) + ϖ1,i)− biρ0(ξ0)−
N

∑
j=1

aij(ξ2,j + ρ1,j(ξ̄1,j) + ϖ1,j) (24)

where ηi =
N
∑

j=1
aij + bi.

To facilitate controller design, define the lumped uncertainty as

H1,i(Z1,i) = ηiρ1,i(ξ̄1,i)−
N

∑
j=1

aij
(
ξ2,j + ρ1,j(ξ̄1,j)

)
− biρ0(ξ0). (25)

where Z1,i = [ξ1,i, ξ̄T
2,j, ξ0]

T .
According to Lemma 2, the function H1,i(Z1,i) can be approximated by an RBFNN as

H1,i(Z1,i) = G∗T
1,i W1,i(Z1,i) + δ1,i(Z1,i), (26)

where the approximation error satisfies |δ1,i(Z1,i)| ≤ δ̄1,i, δ̄1,i > 0.
Substituting (26) into (24) leads to

ż1,i = ηiξ2,i + G∗T
1,i W1,i(Z1,i) + D1,i, (27)

where D1,i = ηiϖ1,i −
N
∑

j=1
aijϖ1,j + δ1,i(Z1,i).

Consider the Lyapunov candidate

V1,i =
1
2

z2
1,i +

1
2q1,iκi(t)

Ψ̃2
1,i +

1
2p1,iκi(t)

Ξ̃2
1,i (28)

where q1,i > 0 and p1,i > 0 are designed parameters. Ψ1,i and Ξ1,i denote adaptive estimates
Ψ∗

1,i and Ξ∗
1,i, respectively, with estimation errors Ψ̃1,i = Ψ∗

1,i − Ψ1,i and Ξ̃1,i = Ξ∗
1,i − Ξ1,i.

The scaling function κi(t) = κtp(α, σ, t) is defined in (3).
Taking the time derivative of V1,i gives

V̇1,i = z1,i

(
ηiξ2,i + G∗T

1,i W1,i(Z1,i) + D1,i

)
− 1

q1,iκi(t)
Ψ̃1,iΨ̇1,i −

1
p1,iκi(t)

Ξ̃1,iΞ̇1,i −
κ̇i(t)

2q1,iκ
2
i (t)

Ψ̃2
1,i −

κ̇i(t)
2p1,iκ

2
i (t)

Ξ̃2
1,i. (29)
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By applying Lemma 4, the following inequalities are established:

z1,iG∗T
1,i W1,i(Z1,i) ≤|z1,i|∥W1,i(Z1,i)∥Ψ∗

1,i

≤Ψ∗
1,iυ1,i + Ψ∗

1,iz1,i∥W1,i∥ sg(z1,i∥W1,i∥, υ1,i).
(30)

and
z1,iD1,i ≤ |z1,i|Ξ∗

1,i

≤ Ξ∗
1,iυ1,i + Ξ∗

1,iz1,isg(z1,i, υ1,i)
(31)

where Ψ∗
1,i =

∥∥∥G∗T
1,i

∥∥∥, Ξ∗
1,i = ηiϖ̄1,i +

N
∑

j=1
aijϖ̄1,j + δ̄1,i, and υ1,i > 0 is a small constant.

From the properties of κtp(α, σ, t), it follows that

κ̇i(t)
κ2

i (t)
≥ 0. (32)

Substituting (30)–(32) into (29) yields

V̇1,i ≤ηiz1,iz2,i + ηiz1,iα1,i + Ψ∗
1,iυ1,i + Ξ∗

1,iυ1,i + Ψ∗
1,iz1,i∥W1,i∥sg(z1,i∥W1,i∥, υ1,i)

+ Ξ∗
1,iz1,isg(z1,i, υ1,i)−

1
q1,iκi(t)

Ψ̃1,iΨ̇1,i −
1

p1,iκi(t)
Ξ̃1,iΞ̇1,i.

(33)

Design the virtual control as

α1,i = − 1
ηi

(
1
2

κi(t)z1,i + Ψ1,i∥W1,i∥sg(z1,i∥W1,i∥, υ1,i) +Ξ1,isg(z1,i, υ1,i)). (34)

Choose adaptive update laws as

Ψ̇1,i =q1,iκi(t)z1,i∥W1,i∥sg(z1,i∥W1,i∥, υ1,i)− κi(t)Ψ1,i,

Ξ̇1,i =p1,iκi(t)z1,isg(z1,i, υ1,i)− κi(t)Ξ1,i.
(35)

Substituting (34) and (35) into (33) gives

V̇1,i ≤ −1
2

κi(t)z2
1,i + ηiz1,iz2,i +

1
q1,i

Ψ̃1,iΨ1,i +
1

p1,i
Ξ̃1,iΞ1,i + Ψ∗

1,iυ1,i + Ξ∗
1,iυ1,i. (36)

According to Lemma 5, we finally obtain

V̇1,i ≤ −κi(t)V1,i + ηiz1,iz2,i + Ψ∗
1,iυ1,i + Ξ∗

1,iυ1,i +
1

2q1,i
Ψ∗2

1,i +
1

2p1,i
Ξ∗2

1,i. (37)

Step k (2 ≤ k ≤ ni − 1): The time derivative of zk,i can be obtained as

żk,i = ξk+1,i + Hk,i(Zk,i) + ϖk,i − α̇k−1,i (38)

where Hk,i(Zk,i) = ρk,i(ξ̄k,i) and Zk,i = ξ̄k,i.
Similar to Step 1, the unknown nonlinear function Hk,i(Zk,i) is approximated by an

RBFNN as
Hk,i(Zk,i) = G∗T

k,i Wk,i(Zk,i) + δk,i(Zk,i) (39)

where the approximation error satisfies |δk,i(Zk,i)| ≤ δ̄k,i with δ̄k,i > 0.
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To avoid the “explosion of complexity” issue in backstepping, the FTD introduced in
Lemma 3 is employed to estimate α̇k−1,i as{

ϕ̇1,k,i = −c1sig(ϕ1,k,i − αk−1,i) + ϕ2,k,i

ϕ̇2,k,i = −c2sign(ϕ2,k,i − αk−1,i).
(40)

where c1, c2 > 0 are design parameters. Then, the derivative α̇k−1,i can be expressed as

α̇k−1,i = ϕ2,k,i + θk,i, (41)

where θk,i denotes the FTD estimation error, and by Lemma 3, |θk,i| ≤ θ̄k,i holds for an
unknown positive constant θ̄k,i.

Remark 9. The FTD input condition is satisfied recursively. The first virtual control α1,i is
composed of smooth bounded functions, adaptive states, and smooth RBFNN-based terms, and is
therefore piecewise continuously differentiable on compact intervals. If αk−1,i satisfies this regularity
condition, Lemma 3 is applicable and the recursively generated αk,i possesses the same property.
Thus, the FTDs are well defined throughout the backstepping design. The constants θ̄k,i are unknown
bounds used only for stability analysis.

Substituting (39) and (41) into (38), we get

żk,i = ξk+1,i + G∗T
k,i Wk,i(Zk,i) + Dk,i − ϕ2,k,i (42)

where Dk,i = δk,i(Zk,i) + ϖk,i − θk,i.
Define the Lyapunov function candidate as

Vk,i = Vk−1,i +
1
2

z2
k,i +

1
2qk,iκi(t)

Ψ̃2
k,i +

1
2pk,iκi(t)

Ξ̃2
k,i (43)

where qk,i > 0 and pk,i > 0, and Ψk,i and Ξk,i denote adaptive estimates Ψ∗
k,i and Ξ∗

k,i,
respectively, with estimation errors Ψ̃k,i = Ψ∗

k,i − Ψk,i and Ξ̃k,i = Ξ∗
k,i − Ξk,i.

From (42), taking the time derivative of Vk,i gives

V̇k,i =V̇k−1,i + zk,i(ξk+1,i + G∗T
k,i Wk,i(Zk,i) + Dk,i − ϕ2,k,i)−

1
qk,iκi(t)

Ψ̃k,iΨ̇k,i −
1

pk,iκi(t)
Ξ̃k,iΞ̇k,i

− κ̇i(t)
2qk,iκ

2
i (t)

Ψ̃2
k,i −

κ̇i(t)
2pk,iκ

2
i (t)

Ξ̃2
k,i.

(44)

Let Ψ∗
k,i =

∥∥∥G∗T
k,i

∥∥∥ and Ξ∗
k,i = ω̄k,i + δ̄k,i + θ̄k,i. By applying Lemma 4, one has

zk,iG∗T
k,i Wk,i(Zk,i) ≤

∣∣zk,i
∣∣∥∥Wk,i(Zk,i)

∥∥Ψ∗
k,i

≤ Ψ∗
k,iυk,i + Ψ∗

k,izk,i
∥∥Wk,i

∥∥ · sg(zk,i
∥∥Wk,i

∥∥, υk,i),
(45)

and
zk,iDk,i ≤

∣∣zk,i
∣∣Ξ∗

k,i

≤Ξ∗
k,iυk,i + Ξ∗

k,izk,isg(zk,i, υk,i),
(46)

where υk,i > 0 is a small constant.
Combining (44)–(46) and using the property κ̇i(t)/κ2

i (t) ≥ 0, we obtain
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V̇k,i ≤− κi(t)Vk−1,i + γkzk−1,izk,i + zk,i(zk+1,i + αk,i − ϕ2,k,i) + Ψ∗
k,izk,i

∥∥Wk,i
∥∥sg(zk,i

∥∥Wk,i
∥∥, υk,i)

+ Ξ∗
k,izk,isg(zk,i, υk,i) + Ψ∗

k,iυk,i + Ξ∗
k,iυk,i +

k−1

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

1
2qj,i

Ψ∗2
j,i +

1
2pj,i

Ξ∗2
j,i

)

− 1
qk,iκi(t)

Ψ̃k,iΨ̇k,i −
1

pk,iκi(t)
Ξ̃k,iΞ̇k,i

(47)

where γk =

{
ηi, k = 2
1, 2 < k ≤ ni − 1

.

Design the virtual control as

αk,i = −1
2

κi(t)zk,i − γkzk−1,i + ϕ2,k,i − Ψk,i
∥∥Wk,i

∥∥sg(zk,i
∥∥Wk,i

∥∥, υk,i)− Ξk,isg(zk,i, υk,i), (48)

The adaptive laws are selected as

Ψ̇k,i =qk,iκi(t)zk,i
∥∥Wk,i

∥∥sg(zk,i
∥∥Wk,i

∥∥, υk,i)− κi(t)Ψk,i,

Ξ̇k,i =pk,iκi(t)zk,isg(zk,i, υk,i)− κi(t)Ξk,i.
(49)

Substituting (48) and (49) into (47) yields

V̇k,i ≤− κi(t)Vk−1,i + zk,izk+1,i + Ψ∗
k,iυk,i + Ξ∗

k,iυk,i +
k−1

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

1
2qj,i

Ψ∗2
j,i +

1
2pj,i

Ξ∗2
j,i

)

+
1

qk,i
Ψ̃k,iΨk,i +

1
pk,i

Ξ̃k,iΞk,i.

(50)

Using Lemma 5, this simplifies to

V̇k,i ≤ −κi(t)Vk,i + zk,izk+1,i +
k

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

1
2qj,i

Ψ∗2
j,i +

1
2pj,i

Ξ∗2
j,i

)
. (51)

Step ni: In the final step, the dynamics of zni ,i can be written as

żni ,i = gi(βi(t)ui + µi(t)) + Hni ,i(Zni ,i) + ϖni ,i − α̇ni−1,i. (52)

where Hni ,i(Zni ,i) = ρni ,i(ξ̄ni ,i) and Zni ,i = ξ̄ni ,i.
Similar to the previous steps, the unknown nonlinear function Hni ,i(Zni ,i) is approxi-

mated by an RBFNN as

Hni ,i(Zni ,i) = G∗T
ni ,iWni ,i(Zni ,i) + δni ,i(Zni ,i) (53)

where
∣∣δni ,i(Zni ,i)

∣∣ ≤ δ̄ni ,i for δ̄ni ,i > 0.
Using the FTD, the derivative of the virtual control can be estimated as

α̇ni−1,i = ϕ2,ni ,i + θni ,i (54)

where θni ,i denotes the FTD estimation error, and by Lemma 3, |θni ,i| ≤ θ̄ni ,i holds for an
unknown positive constant θ̄ni ,i.

Substituting (53) and (54) into (52) yields

żni ,i = giβi(t)ui + G∗T
ni ,iWni ,i(Zni ,i) + Dni ,i − ϕ2,ni ,i (55)

where Dni ,i = giµi(t) + δni ,i(Zni ,i) + ϖni ,i − θni ,i.
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According to the fault model (18), define the unknown constant

λi = inf
t≥0

|gi|βi(t) = gmiβmi (56)

Construct the Lyapunov function candidate as

Vni ,i = Vni−1,i +
1
2

z2
ni ,i +

1
2qni ,iκi(t)

Ψ̃2
ni ,i +

1
2pni ,iκi(t)

Ξ̃2
ni ,i +

λi
2τiκi(t)

ϑ̃2
i (57)

where qni ,i > 0, pni ,i > 0, and τi > 0 are design parameters. The variables Ψni ,i, Ξni ,i, and ϑi

are the estimates of the unknown constants Ψ∗
ni ,i

, Ξ∗
ni ,i

, and ϑ∗
i , respectively, with estimation

errors defined by Ψ̃ni ,i = Ψ∗
ni ,i

− Ψni ,i,Ξ̃ni ,i = Ξ∗
ni ,i

− Ξni ,i,ϑ̃i = ϑ∗
i − ϑi.

Taking the time derivative of (57) gives

V̇ni ,i = V̇ni−1,i + zni ,i

(
giβi(t)ui + G∗T

ni ,iWni ,i(Zni ,i) + Dni ,i − ϕ2,ni ,i + αni ,i − αni ,i

)
− 1

qni ,iκi(t)
Ψ̃ni ,iΨ̇ni ,i −

1
pni ,iκi(t)

Ξ̃ni ,iΞ̇ni ,i −
λi

τiκi(t)
ϑ̃iϑ̇i

− κ̇i(t)
2qni ,iκ

2
i (t)

Ψ̃2
ni ,i −

κ̇i(t)
2pni ,iκ

2
i (t)

Ξ̃2
ni ,i −

λiκ̇i(t)
2τiκ

2
i (t)

ϑ̃2
i .

(58)

where αni ,i is an auxiliary variable.
Let Ψ∗

ni ,i
= ∥G∗

ni ,i
∥,Ξ∗

ni ,i
= gMiµMi + ϖ̄ni ,i + δ̄ni ,i + θ̄ni ,i. By applying Lemma 4,

one obtains

zni ,iG
∗T
ni ,iWni ,i(Zni ,i) ≤ Ψ∗

ni ,iυni ,i + Ψ∗
ni ,izni ,i∥Wni ,i∥ sg(zni ,i∥Wni ,i∥, υni ,i), (59)

and
zni ,iDni ,i ≤ Ξ∗

ni ,iυni ,i + Ξ∗
ni ,izni ,i sg(zni ,i, υni ,i), (60)

where υni ,i > 0 is a small constant.
Design the auxiliary variable as

αni ,i =
1
2

κi(t)zni ,i + zni−1,i − ϕ2,ni ,i + Ψni ,i∥Wni ,i∥ sg(zni ,i∥Wni ,i∥, υni ,i) + Ξni ,i sg(zni ,i, υni ,i), (61)

and choose the adaptive laws

Ψ̇ni ,i = qni ,iκi(t)zni ,i∥Wni ,i∥ sg(zni ,i∥Wni ,i∥, υni ,i)− κi(t)Ψni ,i,

Ξ̇ni ,i = pni ,iκi(t)zni ,i sg(zni ,i, υni ,i)− κi(t)Ξni ,i.
(62)

The fault-tolerant control input is designed as

ui = − sgn(gi)ϑiαni ,i sg(zni ,iϑiαni ,i, ιi), (63)

where ιi > 0 is a design constant.
Using (56), (63), and Lemma 4, it follows that

zni ,igiβi(t)ui ≤− |gi|βi(t)zni ,iϑiαni ,isg(zni ,iϑiαni ,i, ιi)

≤− gmiβmizni ,iϑiαni ,isg(zni ,iϑiαni ,i, ιi)

≤λiιi − λizni ,iϑ
∗
i αni ,i + λizni ,iϑ̃iαni ,i

≤λiιi − zni ,iαni ,i + λizni ,iϑ̃iαni ,i

(64)

where ϑ∗
i = 1

λi
.
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Choose the adaptive law for ϑi as

ϑ̇i = τiκi(t)zni ,iαni ,i − κi(t)ϑi. (65)

Substituting (59)–(65) into (58) gives

V̇ni ,i ≤ V̇ni−1,i −
1
2

κi(t)z2
ni ,i − zni ,izni−1,i + λiιi −

λi
τi

ϑ̃iϑi +
1

qni ,i
Ψ̃ni ,iΨni ,i +

1
pni ,i

Ξ̃ni ,iΞni ,i

+ Ψ∗
ni ,iυni ,i + Ξ∗

ni ,iυni ,i −
κ̇i(t)

2qni ,iκ
2
i (t)

Ψ̃2
ni ,i −

κ̇i(t)
2pni ,iκ

2
i (t)

Ξ̃2
ni ,i −

λiκ̇i(t)
2τiκ

2
i (t)

ϑ̃2
i .

(66)

Following the same procedure as in Step k and applying Lemma 5, one finally obtains

V̇ni ,i ≤ −κi(t)Vni ,i +
ni

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

1
2qj,i

Ψ∗2
j,i +

1
2pj,i

Ξ∗2
j,i

)
+ λiιi +

λi
2τi

ϑ∗2
i . (67)

3.2. Stability Analysis

The following theorem establishes the PT bounded consensus performance of the
closed-loop system under the proposed adaptive FTC scheme.

Theorem 1. Consider the HONMASs in (17) under Assumptions 1–3. If the control input (63), the
virtual control laws (34), (48), and (61), the adaptive laws (35), (49), (62), and the fault-parameter
update law (65) are applied, then all closed-loop signals remain bounded. Moreover, the distributed
consensus errors z1,i and the output tracking errors yi − y0 enter adjustable residual neighborhoods
within the prescribed time tp.

Proof. Consider the composite Lyapunov function

V =
N

∑
i=1

Vni ,i (68)

According to (67), the time derivative of V satisfies

V̇ ≤
N

∑
i=1

[
− κi(t)Vni ,i +

ni

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

Ψ∗2
j,i

2qj,i
+

Ξ∗2
j,i

2pj,i

)
+ λiιi +

λi
2τi

ϑ∗2
i

]
. (69)

Let
κmin(t) = min

1≤i≤N
{κi(t)}, (70)

and define the positive constant

∆ =
N

∑
i=1

[
ni

∑
j=1

(
Ψ∗

j,iυj,i + Ξ∗
j,iυj,i +

Ψ∗2
j,i

2qj,i
+

Ξ∗2
j,i

2pj,i

)
+ λiιi +

λi
2τi

ϑ∗2
i

]
. (71)

Then, (69) can be rewritten as

V̇ ≤ −κmin(t)V + ∆. (72)

Since κi(t) = κtp(α, σ, t) for all i, one has

κmin(t) = κtp(α, σ, t).
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Therefore, by applying Lemma 1 to (72), it follows that, for all t ≥ tp,

V(t) ≤ σ

(
V0

rtp + σ
+

∆
α − 4r

)
, t ≥ tp. (73)

From the definition of V in (68), it is immediate that V(t) is bounded. Hence, all error
variables zk,i, the adaptive parameters Ψk,i, Ξk,i, and ϑi, together with their corresponding
estimation errors, remain bounded. By the recursive backstepping construction, all signals
of the resulting closed-loop system are bounded.

Furthermore, from (28), one has

1
2

z2
1,i ≤ Vni ,i ≤ V(t).

Combining this inequality with (73) yields, for all t ≥ tp,

|z1,i| ≤
√

2σ

(
V0

rtp + σ
+

∆
α − 4r

)
, t ≥ tp. (74)

Let z1 = [z1,1, . . . , z1,N ]
T and ey = [y1 − y0, . . . , yN − y0]

T . From the definition of z1,i,
one has

z1 = (L + B)ey.

Under Assumption 1, L + B is nonsingular. Therefore,

∥ey∥ ≤ ∥(L + B)−1∥ ∥z1∥.

Combining the above inequality with (74), one obtains

∥ey(t)∥ ≤ ∥(L + B)−1∥
√

2Nσ

(
V0

rtp + σ
+

∆
α − 4r

)
, t ≥ tp. (75)

Therefore, the output tracking errors enter an adjustable residual neighborhood within
the prescribed time. The proof is completed.

Remark 10. Theorem 1 guarantees PT bounded consensus rather than exact PT consensus. The
residual bound in (74) contains unknown constants associated with NN approximation errors,
external disturbances, and actuator faults, and is therefore used mainly as a theoretical upper bound.
According to (74), decreasing σ or increasing the margin α − 4r can reduce the theoretical residual
bound. However, these choices may increase the time-varying scaling gain and the resulting control
effort. Therefore, the parameters α, r, and σ should be selected by balancing tracking accuracy and
control magnitude.

Theorem 1 establishes the PT bounded consensus performance of the proposed con-
troller. From a practical implementation viewpoint, it is also necessary to evaluate the
online computational burden introduced by the recursive backstepping design, RBFNN
approximation, and FTD-based derivative estimation. Therefore, the computational com-
plexity of the proposed distributed controller is analyzed below.

Let da
i denote the number of information sources used by follower i, including its

neighboring followers and, when bi > 0, the leader. Let Mk,i denote the number of RBFNN
nodes used at the kth backstepping step of follower i. The calculation of the distributed
tracking error z1,i requires O(da

i ) operations. At each recursive step, evaluating the RBFNN
basis functions requires O(Mk,i) operations, whereas the FTD, adaptive laws, and robust
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compensation terms involve constant-order scalar calculations. Consequently, the online
computational complexity of follower i at each control update is

Ci = O
(

da
i +

ni

∑
k=1

(Mk,i + 1)

)
. (76)

Let Ea denote the augmented communication-edge set including the follower–follower
communication links and the leader–follower information links. Since ∑N

i=1 da
i = |Ea|, the

overall online computational complexity of the network is

C = O
(
|Ea|+

N

∑
i=1

ni

∑
k=1

(Mk,i + 1)

)
. (77)

Define nmax = max1≤i≤N ni and Mmax = maxi,k Mk,i. The above complexity can then
be upper bounded by

C = O(|Ea|+ Nnmax(Mmax + 1)). (78)

For a sparse communication topology satisfying |Ea| = O(N) and a fixed num-
ber of RBFNN nodes at each backstepping step, the computational complexity becomes
O(Nnmax).

Remark 11. The complexity estimate in (78) shows that the additional online computational
burden mainly originates from the RBFNN evaluations and the recursive adaptive control structure.
Nevertheless, the proposed scheme is distributed, and each follower only performs local calculations
using its available information. For sparse communication graphs and a moderate number of
neural nodes, the proposed high-level controller is potentially implementable on onboard companion
computers or embedded edge-computing platforms in UAV and robotic applications. Practical
implementation issues, including controller discretization, actuator saturation, and hardware-in-
the-loop validation, will be considered in future work.

4. Simulations
This section presents two numerical examples to illustrate the tracking performance

and feasibility of the proposed adaptive PT FTC scheme. Example 1 investigates a group of
heterogeneous nonlinear agents under topological constraints, whereas Example 2 evalu-
ates the controller on an engineering-oriented model of single-link robotic manipulators.

4.1. Example 1: Heterogeneous Nonlinear Multi-Agent System

Consider an MAS consisting of one leader (indexed as node 0) and five followers
(indexed as nodes 1–5). The directed communication topology is depicted in Figure 1.

The dynamics of the heterogeneous follower agents are described by
ξ̇1,i = ξ2,i +

1
1+iξ2

1,i
+ 0.1 sin(t)

ξ̇2,i = giu f i + ξ1,i sin
(

1
i+ξ2

2,i

)
+ 0.1 cos(t)

(79)

where i = 1, . . . , 5, and ξ1,i, ξ2,i ∈ R represent the system states.
The initial states of the five followers are selected as ξ1(0) = [6, 1]T , ξ2(0) = [−6, 2]T ,

ξ3(0) = [−3, 3]T , ξ4(0) = [3, 4]T , and ξ5(0) = [1, 5]T . The leader output trajectory is
selected as y0(t) = ξ0(t) = 5 sin(2t), which corresponds to ξ̇0(t) = 10 cos(2t). All adaptive
parameters are initialized at 0.1. The control and design parameters are configured as gi = 1,
qj,i = pj,i = 0.001, τi = 0.001, and υj,i = ιi = 0.001 for i = 1, . . . , 5 and j = 1, 2. For the finite-
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time differentiator (FTD), the design constants are set to c1 = c2 = 6. The performance
scaling function κtp(α, σ, t) is parameterized with α = 2.5, r = 0.5, and σ = 0.01.

Figure 1. Directed communication topology of the heterogeneous MASs in Example 1.

The actuator fault profiles injected into the system are summarized in Table 1. Con-
cretely, follower 1 experiences concurrent loss-of-effectiveness and time-varying bias faults,
follower 3 undergoes a time-varying loss-of-effectiveness fault, while followers 2, 4, and 5
operate under fault-free conditions.

Table 1. Actuator fault profiles of the follower agents (Example 1).

Follower βi(t) µi(t)

1

{
1, t < 4 s,
0.2 sin(t) + 0.6, t ≥ 4 s,

{
0, t < 3 s,
2 sin(t) + 1, t ≥ 3 s,

2 1 0

3

{
1, t < 5 s,
0.7 − 0.3 sin(t), t ≥ 5 s,

0

4 1 0

5 1 0

To investigate the influence of the prescribed time on transient tracking and control
effort, two cases are considered, while all remaining parameters are kept unchanged:

Case 1: tp = 2 s, Case 2: tp = 0.5 s.

The responses of Example 1 are presented in Figures 2–5. For tp = 2 s, Figure 2
shows that the follower outputs enter a small neighborhood of the leader trajectory by the
assigned time, while the second-state trajectories remain bounded. When the prescribed
time is reduced to tp = 0.5 s, Figure 3 indicates a substantially faster transient response.
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(a) (b)

Figure 2. Responses of Example 1 with tp = 2 s: (a) follower outputs yi = ξ1,i and leader output y0;
(b) second-state trajectories ξ2,i. The shaded area indicates the prescribed-time interval [0, tp].

(a) (b)

Figure 3. Responses of Example 1 with tp = 0.5 s: (a) follower outputs yi = ξ1,i and leader output y0;
(b) second-state trajectories ξ2,i. The shaded area indicates the prescribed-time interval [0, tp].

(a) (b)

Figure 4. Commanded control inputs of Example 1 under different prescribed times: (a) tp = 2 s;
(b) tp = 0.5 s.
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(a) (b)

Figure 5. Per-agent control-effort comparison for Example 1 over t ∈ [0, 2] s: (a) maximum

commanded-input magnitude U[0,2]
max,i; (b) cumulative commanded-input energy J[0,2]

u,i .

Figure 4 compares the commanded control inputs under the two prescribed-time
settings. The shorter prescribed time results in markedly larger transient input peaks,
which is consistent with the increased control demand required for rapid error reduction.
To quantify this effect, define the per-agent indices

U[0,2]
max,i = max

0≤t≤2
|ui(t)|, J[0,2]

u,i =
∫ 2

0
u2

i (t) dt, i = 1, . . . , 5.

The interval [0, 2] s contains both prescribed times and precedes the activation of the
actuator faults in Table 1. Hence, the indices primarily characterize the transient control
demand induced by the prescribed-time selection.

As shown in Figure 5, reducing tp from 2 s to 0.5 s increases both U[0,2]
max,i and J[0,2]

u,i for
all followers in this simulation. For example, the maximum input magnitude of follower 4
increases from approximately 612.3 to 1886.1, while its cumulative input energy increases
from approximately 3.25× 104 to 1.97× 105. These numerical observations indicate that the
bounded scaling construction prevents singular time-varying gains, while faster prescribed-
time responses still require increased transient input effort.

4.2. Example 2: Single-Link Robotic Manipulators

To examine the applicability of the proposed controller to an engineering-oriented non-
linear benchmark, consider a cooperative network of three single-link robotic manipulators.
The communication topology is shown in Figure 6. The mathematical model describing the
dynamics of the i-th manipulator is given by

Mi z̈i + ωi żi +
1
2

migli sin(zi) = τi, (80)

where zi ∈ R represents the angular displacement, żi ∈ R denotes the angular velocity,
and τi ∈ R is the applied control torque. The structural parameters Mi, ωi, mi, li, and g
denote the link inertia, viscous friction coefficient, link mass, physical link length, and
gravitational acceleration, respectively.
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Figure 6. Directed communication topology of the robotic-manipulator network in Example 2. The
numbers denote the labels of the follower robotic manipulators.

By designating the system state variables as ξi,1 = Mizi and ξi,2 = Mi żi, and treating
the actuator-driven torque as the control input ui = τi, the fault-actuated manipulator
dynamics can be cast into the following state-space form:

ξ̇1,i = ξ2,i,

ξ̇2,i = u f i −
ωi
Mi

ξ2,i −
1
2

migli sin
(

ξ1,i

Mi

)
.

(81)

For comparative consistency, the actuator fault profiles injected into this three-agent
manipulator system follow the exact formulation defined in Table 1 (applied to followers
1, 2, and 3). The mechanical constants are chosen uniformly as Mi = 1.5 kg · m2, ωi =

1 N · m · s/rad, mi = 1 kg, and li = 0.8 m for i = 1, 2, 3, with the gravitational acceleration
set to g = 9.81 m/s2.

The initial system states are set to ξ1(0) = [9, 3]T , ξ2(0) = [−7, 2]T , and ξ3(0) = [5, 1]T ,
while all adaptive estimation variables are initialized at 0.1. The leader state is generated
by ξ̇0 = sin(t), ξ0(0) = 0. The controller configuration parameters are selected as qj,i =

pj,i = 0.01, τi = 0.005, and υj,i = ιi = 0.01 for i = 1, 2, 3 and j = 1, 2. The FTD gains are
maintained at c1 = c2 = 6. For the performance scaling function κtp(α, σ, t), the design
parameters are selected as α = 1, r = 0.2, and σ = 0.01. The system is evaluated under two
distinct convergence speed requirements: Case 1 (tp = 3.0 s) and Case 2 (tp = 6.0 s).

Figures 7–10 present the responses of the robotic-manipulator example. For Case 1
with tp = 3 s, Figure 7 shows that the manipulator outputs enter a small neighborhood
of the leader trajectory by the assigned time, while the second-state trajectories remain
bounded. For Case 2 with tp = 6 s, Figure 8 indicates a slower but less aggressive transient
response under the relaxed prescribed-time setting.

Figure 9 compares the commanded control inputs under the two prescribed times.
The shorter setting tp = 3 s produces larger initial input peaks, whereas increasing the
prescribed time to tp = 6 s reduces the early transient control demand. To quantify this
behavior, define

U[0,2]
max,i = max

0≤t≤2
|ui(t)|, J[0,2]

u,i =
∫ 2

0
u2

i (t) dt, i = 1, 2, 3.

The interval [0, 2] s precedes the actuator-fault activation instants and therefore isolates
the early control effort induced by the prescribed-time selection. As shown in Figure 10,
the shorter prescribed-time setting requires larger initial control magnitudes and higher
cumulative input energies for the simulated manipulators.
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These numerical results illustrate the prescribed-time tracking and control-effort
behavior of the proposed method on an engineering-oriented nonlinear benchmark under
the selected operating conditions. They are not intended to establish universal superiority
over existing fault-tolerant control schemes.

(a) (b)

Figure 7. Responses of the robotic-manipulator network with tp = 3 s: (a) manipulator outputs
yi = ξ1,i and leader output y0; (b) second-state trajectories ξ2,i. The shaded area indicates the
prescribed-time interval [0, tp].

(a) (b)

Figure 8. Responses of the robotic-manipulator network with tp = 6 s: (a) manipulator outputs
yi = ξ1,i and leader output y0; (b) second-state trajectories ξ2,i. The shaded area indicates the
prescribed-time interval [0, tp].
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(a) (b)

Figure 9. Commanded control inputs of Example 2 under different prescribed times: (a) tp = 3 s;
(b) tp = 6 s.

(a) (b)

Figure 10. Per-manipulator control-effort comparison for Example 2 over t ∈ [0, 2] s: (a) maximum

commanded-input magnitude U[0,2]
max,i; (b) cumulative commanded-input energy J[0,2]

u,i .

5. Conclusions
This study addressed PT bounded consensus tracking for HONMASs affected by

actuator faults, uncertain nonlinear dynamics, and unmatched disturbances. A bounded-
scaling PT condition was combined with an adaptive NN-based backstepping design to
obtain a nonsingular fault-tolerant control framework. Theoretical analysis shows that
the closed-loop signals remain bounded and that the output tracking errors enter an
adjustable residual neighborhood within the prescribed time. The numerical examples
illustrate the resulting tracking behavior under the selected operating conditions. Future
work will consider systematic comparisons with related FTC schemes, hardware-oriented
validation, and extensions to networks with switching topologies, output constraints, and
cyber-attacks.
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