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Abstract: Previous research has assessed the impact of policy uncertainty on a few macro variables.
In this paper, we consider its impact on oil prices. Oil prices are usually determined in global
markets by the law of demand and supply. Our concern in this paper is to determine which country’s
policy uncertainty measure has an impact on oil prices. Using both the linear and the nonlinear
Autoregressive Distributed Lag (ARDL) methods, we find that while policy uncertainty measures of
Canada, China, Europe, Japan, Russia, South Korea, and the U.S. have short-run effects, short-run
effects last into the long-run asymmetric effects only in the case of China. This may reflect the
importance and recent surge in China’s engagement in world trade.
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1. Introduction

In response to imported inflation from the West, members of the OPEC decided to raise the price
of oil from $2.60 to $12 per barrel in 1973, introducing an uncertain environment to future prices.
Due to Iranian revolution in 1979 and unrest in Middle East, the prices rose again to $46 and, ever
since, oil prices have fluctuated and contributed to uncertain oil prices. Figure 1 shows movement of
two measures of oil prices over time.

A large literature in economics predicts that oil price uncertainty or volatility could have
adverse effects on many macro variables such as investment, consumption, real GDP, etc.
While Bernanke (1983), Brennan and Schwartz (1985), Majd and Pindyck (1987), Brennan (1990),
Triantis and Hodder (1990), and Elder and Serletis (2010) emphasize its impact on investment,
Kim and Loungani (1992), Hooker (1996), and Finn (2000) emphasize its impact on economic activity.
Furthermore, impact of oil price uncertainty on consumption and investment is considered by
Edelstein and Kilian (2009) and on economic activity and stock returns by Kang et al. (2017a).

In addition to global events such as the U.S. invasion of Iraq or Iran-Iraq war in the 1980s that
affected oil prices, any uncertain action in the major oil consuming countries could also have an
implication for oil prices. Uncertainty in a given country could originate from many factors such as
government’s decision to settle its budget, terrorist activity in a given country, change in political
system, changes in rules and regulations governing taxes and investment, etc. Although it seems
difficult to construct a measure of uncertainty that accounts for all of these events or activities that
take place within an individual country, the Policy Uncertainty Group constructs and publishes
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such measure on its website.1 The measure is known as the measure of policy uncertainty and to
construct it, our group follows Baker et al. (2016) and searches for such terms as “policy”, “tax”,
“spending”, “regulation”, “central bank”, “budget”, “uncertain”, “uncertainty”, “deficit”, etc., from as
many newspapers as possible in each country, and then a normalized index of the volume of news
articles is constructed. While one news outlet may discuss a specific aspect of uncertainty by one policy,
another outlet may discuss another aspect. The higher such discussions are associated with different
uncertainty factors, the higher the importance of the news and the larger the “policy uncertainty”
measure. In order to gain some insight into performance of this uncertainty measure in each country
in this study, we plot them in Figure 22.
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Our goal in this paper is to determine which country’s policy uncertainty affects oil prices in 
global markets. Clearly, an uncertain action in a large oil consuming country is expected to have 
relatively a greater number of and more significant effects compared to a small country. In addition 
to assessing the impact of each country’s policy uncertainty on oil prices, we would like to determine 
if the effects are asymmetric. For that purpose, we introduce the methods in Section 2 and present 
our findings in Section 3. A summary is provided in Section 4 and data definition and sources are 
provided in an Appendix A. 
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Figure 1. Oil Prices.

A few studies have emphasized the importance of policy uncertainty in predicting future oil prices.
Bekiros et al. (2015) use a few different methods and concludes that the time-varying VAR model
outperforms alternative models. Kang et al. (2017b), on the other hand, use the policy uncertainty
measure to show that when it rises, it damages the stock returns of oil and gas corporations. Finally,
rather than assessing the impact of policy uncertainty on oil prices, Demir and Gozgor (2016) investigate
the effects of policy uncertainty on oil-related consumption such as vehicle miles traveled in the U.S.
They find that an increase in economic policy uncertainty leads to a decrease in vehicle miles traveled.

Our goal in this paper is to determine which country’s policy uncertainty affects oil prices in
global markets. Clearly, an uncertain action in a large oil consuming country is expected to have
relatively a greater number of and more significant effects compared to a small country. In addition to
assessing the impact of each country’s policy uncertainty on oil prices, we would like to determine
if the effects are asymmetric. For that purpose, we introduce the methods in Section 2 and present
our findings in Section 3. A summary is provided in Section 4 and data definition and sources are
provided in an Appendix A.

1 The site is: http://www.policyuncertainty.com/index.html.
2 For some other application of this measure of policy uncertainty see (Pastor and Veronesi 2012, 2013; Ko and Lee 2015;

Brogaard and Detzel 2015; Bahmani-Oskooee et al. 2015, 2016; Bahmani-Oskooee and Ghodsi 2017).
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Figure 2. Plot of Policy Uncertainty Measure in Each Country.
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2. The Models and Methods

Let OP denote oil prices and PU denote policy uncertainty measure. We begin with the following
bivariate model:

LnOPt = α + βLnPUt,+εt (1)

Specification (1) is a long-run specification which could be estimated by the Ordinary Least
Squares (OLS) to determine if an increase in policy uncertainty has positive impact on oil prices. Thus,
an estimate of β reflects the long-run effects of PU on OP. In order to assess the short-run effects, we
follow Pesaran et al. (2001) and convert (1) to an error-correction specification as in (2):

∆LnOPt = a +
n1

∑
i=1

biLnOPt−i +
n2

∑
i=0

ciLn∆PUt−i + λ0LnOPt−1 + λ1LnPUt−1 + µt (2)

The model outlined by (2) is an error-correction model that could be estimated using a set lag
selection criterion. Once estimated, short-run effects of policy uncertainty are inferred by the estimates
of ci’s and its long-run effects by the estimate of λ1 normalized on λ0 as λ̂1/−λ̂0. However, in order
to avoid spurious estimates, cointegration must be established. Pesaran et al. (2001) propose two
tests. The first is the F test applied to joint significance of lagged level variables with new critical
values that they tabulate. The second test is a t-test. Under this second test, normalized long-run
estimates and long-run model (1) are used to generate the error terms, denoted by ECM. Then, after
replacing a linear combination of lagged level variables by ECMt-1, the new specification is estimated
at the same optimum lags. Cointegration is established if ECMt-1 carries a significantly negative
coefficient. Since the t-test is used to judge significance of this estimate, the test is also known as
the t-test. Pesaran et al. (2001) provide new critical values for both tests that account for integrating
properties of variable as long as they are integrated of order zero, I(0), or one, I(1). Since most macro
variables are either I(0) or I(1), there is no need for pre-unit root testing.

One main assumption in (1) is that oil prices respond to changes in policy uncertainty in an
asymmetric manner. However, this need not be the case. Increased policy uncertainty could affect oil
prices at different rates compared to decreased uncertainty. Suppose an x% increase in uncertainty
measure raises oil prices by y%. However, when uncertainty declines by x%, since markets become
more optimistic about the changed situation in a given country, oil prices may decline by less than
y%, hence an asymmetric effect. Alternatively, downward price rigidity in oil markets mostly due to
production cut by OPEC could also be a source of asymmetric effects. To assess the asymmetric effects of
policy uncertainty on oil prices, we follow Shin et al. (2014) and form ∆LnPU which includes positive
changes reflecting an increase in the policy uncertainty measure and negative changes reflecting
declines. We then construct two new times series variables as outlined by specification (3):

POSt =
t

∑
j=1

max(∆LnPUj, 0), NEGt =
t

∑
j=1

min(∆LnPUj, 0) (3)

where POS which is the partial sum of positive changes reflects only increase in policy uncertainty
measure and NEG which is the partial sum of negative changes, reflects only decrease in policy
uncertainty. We then shift back to Equation (2) and replace LnPU by the two partial sum variables to
arrive at specification (4):

∆LnOPt = a′ +
n1
∑

i=1
b′i LnOPt−i +

n2
∑

i=0
c′i∆POSt−i +

n3
∑

i=0
d′i∆NEGt−i + ρ0LnOPt−1

+ρ1POSt−1 + ρ2NEGt−1 + µt

(4)

Specification (4) is another error-correction model which could be used to assess the asymmetric
effects of policy uncertainty on oil prices. Such models are labeled nonlinear ARDL models mostly
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due to method of constructing the partial sum variables. However, models like (2) are called linear
ARDL model.

Shin et al. (2014) demonstrate that Pesaran et al. (2001) approach of estimating (2) and applying
the F and t tests to establish cointegration are equally applicable to (4). They even recommend that
in applying the F test, the two partial sum variables should be treated as a single variable so that
the critical value of the F test stays at conservatively high level. Once (4) is estimated using a set
lag selection criterion, a few asymmetry assumptions could be tested. First, if estimates of c′ and
d′ are different at the same lag, short-run asymmetric effects will be established. Second, if the
null of ∑ ĉ′i = ∑ d̂′i is rejected by the Wald test, that will be an indication of short-run cumulative
or impact asymmetry. Third, if n2 6= n3, i.e., the two partial sum variables take different lag order,
and adjustment asymmetry will be supported. Finally, if the null hypothesis of ρ̂1/− ρ̂0 = ρ̂2/− ρ̂0, i.e.,
equality of normalized long-run coefficients attached to partial sum variables is rejected by the Wald
test, long-run asymmetric effects of policy uncertainty on oil prices will be established.3

3. Empirical Results

In this section we estimate both the linear model (2) and the nonlinear model (4) using monthly
data from each of the nine countries in our sample. The list of the countries, study period for each,
sources of the data, and definition of variables are provided in the Appendix A. Since there are different
critical values for different statistics, we have reported them in the notes to Table 1 and used them to
identify significant estimates. We have used the sign * if an estimate is significant at the 10% level
and ** if it is significant at the 5% level. Furthermore, while estimates of the linear model are titled
L-ARDL, those of the nonlinear model are titled NL-ARDL. It should be mentioned that we imposed a
maximum of eight lags and used Akaike’s Information Criterion (AIC) to select an optimum model in
each case. Table 1 reports the results.

Table 1. Full-Information Estimates of Both Linear ARDL (L-ARDL) and Nonlinear ARDL (NL-ARDL)
Models. Wald statics are both distributed as χ2 with one degree of freedom.

Canada China Dutch

L-ARDL NL-ARDL L-ARDL NL-ARDL L-ARDL NL-ARDL

Panel A: Short–Run Estimates

∆lnOPt-1 0.24 (4.45) ** 0.28 (5.24) ** 0.25 (3.82) ** 0.24 (3.68) ** 0.28 (3.22) ** 0.29 (3.34) **
∆lnOPt-2 0.13 (1.98) ** 0.23 (2.57) ** 0.24 (2.66) **
∆lnOPt-3
∆lnOPt-4
∆lnOPt-5
∆lnOPt-6
∆lnPUt −0.04 (2.61) ** −0.01 (0.93) −0.04 (1.57)

∆lnPUt-1 −0.06 (3.73) **
∆lnPUt-2 −0.03 (2.38) **
∆lnPUt-3 −0.02 (1.79) *
∆lnPUt-4
∆lnPUt-5
∆lnPUt-6
∆lnPUt-7
∆POSt −0.05 (2.52) ** −0.07 (1.36) −0.05 (1.23)

∆POSt-1 −0.09 (2.57) **
∆POSt-2
∆POSt-3
∆POSt-4
∆POSt-5
∆POSt-6
∆POSt-7
∆NEGt −0.07 (1.26) 0.02 (0.57) −0.07 (1.43)

3 For more on the application of these methods see (Delatte and Lopez-Villavicencio 2012; Bahmani-Oskooee and Fariditavana
2015; Bahmani-Oskooee and Sujata 2015; Durmaz 2015; Baghestani and Kherfi 2015; Pal and Mitra 2016; Al-Shayeb and
Hatemi-J 2016; Lima et al. 2016; Nusair 2017; Aftab et al. 2017; Gregoriou 2017).
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Table 1. Cont.

Canada China Dutch

L-ARDL NL-ARDL L-ARDL NL-ARDL L-ARDL NL-ARDL

Panel A: Short–Run Estimates

∆POSt-1 −0.09 (2.57) **
∆POSt-2
∆POSt-3
∆POSt-4
∆POSt-5
∆POSt-6
∆POSt-7
∆NEGt −0.07 (1.26) 0.02 (0.57) −0.07 (1.43)

∆NEGt-1 −0.14 (2.43) ** 0.09 (1.79) *
∆NEGt-2
∆NEGt-3
∆NEGt-4
∆NEGt-5
∆NEGt-6
∆NEGt-7

Panel B: Long-Run Estimates

ln PU −2.03 (0.56) −0.89 (0.62) 0.15 (0.57)
POS −1.87 (1.62) −0.95 (2.05) ** −0.44 (1.21)
NEG −2.01 (1.72) * −1.05 (2.23) ** −0.54 (1.44)

Constant 13.47 (0.78) 2.06 (5.11) ** 8.19 (1.20) 2.62 (10.57) ** 3.67 (3.17) 3.83 (24.41) **

Panel C: Diagnostic Statistics

F 1.33 3.66 1.80 5.81 * 4.89 * 4.66
ECMt-1 −0.01 (0.82) −0.03 (2.33) −0.01 (1.15) −0.08 (3.57) ** −0.07 (3.07) * −0.12 (3.64) **

LM 15.39 15.12 11.94 10.83 15.35 14.63
RESET 5.91 ** 1.45 5.31 ** 3.69 * 8.13 ** 8.44 **

Adjusted R2 0.11 0.08 0.06 0.07 0.14 0.14
CS (CS2) S (S) S (S) S (S) S (S) S (US) S (US)
WALD–S 0.81 4.43 ** 0.07
WALD–L 17.47 ** 72.42 ** 5.37 **

Europe India Japan

L-ARDL NL-ARDL L-ARDL NL-ARDL L-ARDL NL-ARDL

Panel A: Short–Run Estimates

∆lnOPt-1 0.28 (5.20) ** 0.29 (5.43) ** 0.28 (3.22) ** 0.30 (3.59) ** 0.29 (5.18) ** 0.29 (5.37) **
∆lnOPt-2 0.22 (2.39) ** 0.26 (2.98) **
∆lnOPt-3 −0.07 (0.78)
∆lnOPt-4 −0.01 (0.15)
∆lnOPt-5 0.08 (0.91)

∆lnOPt-6
−0.23 (2.66)

**
∆lnPUt −0.03 (1.51) 0.002 (0.14) −0.05 (3.06) **

∆ln PUt-1 −0.05 (2.83) ** −003 (1.84) *
∆lnPUt-2 −0.06 (3.11) **
∆lnPUt-3 −0.04 (2.38) **
∆lnPUt-4
∆lnPUt-5
∆lnPUt-6
∆lnPUt-7
∆POSt −0.03 (0.54) −0.002 (0.07) −0.05 (0.78)

∆POSt-1 −0.14 (2.43) ** −0.19 (2.75)
∆POSt-2 −0.04 (0.74) −0.02 (0.27)
∆POSt-3 0.06 (1.10) −0.06 (0.94)
∆POSt-4 0.02 (0.49) −0.09 (1.36)
∆POSt-5 0.12 (2.20) ** −0.18 (2.86) **
∆POSt-6
∆POSt-7
∆NEGt 0.09 (2.49) ** −0.01 (0.34) −0.19 (2.89) **

∆NEGt-1
∆NEGt-2
∆NEGt-3
∆NEGt-4

Panel B: Long-Run Estimates

ln PU −1.00 (0.34) 0.04 (0.15) −1.92 (0.82)
POS −2.27 (1.86) * −0.02 (0.07) −0.86 (0.86)
NEG −2.46 (1.96) ** −0.10 (0.34) −0.97 (0.97)

Constant 8.63 (0.62) 2.68 (5.39) ** 4.15 (3.08) ** 3.84 (24.77) ** 12.63 (1.16) 3.65 (5.40) **



Int. J. Financial Stud. 2018, 6, 12 8 of 11

Table 1. Cont.

Europe India Japan

L-ARDL NL-ARDL L-ARDL NL-ARDL L-ARDL NL-ARDL

Panel C: Diagnostic Statistics

F 1.03 3.68 3.08 5.49 * 1.69 2.74
ECMt-1 −0.01 (0.90) −0.03 (2.74) −0.05 (2.02) −0.12 (3.60) ** −0.01 (1.37) −0.04 (2.74)

LM 11.46 13.66 8.04 15.52 9.49 8.92
RESET 3.89 * 4.06 ** 3.59 * 7.02 ** 1.07 0.48

Adjusted R2 0.12 0.12 0.15 0.09 0.11 0.13
CS (CS2) S (S) S (S) S (S) S (S) S (S) S (S)
WALD–S 0.10 0.49 4.36 **
WALD–L 21.88 ** 6.81 ** 24.91 **

Russia South Korea United States

L-ARDL NL-ARDL L-ARDL NL-ARDL L-ARDL NL-ARDL

Panel A: Short–Run Estimates

∆lnOPt-1 0.26 (4.11) ** 0.24 (3.77) ** 0.26 (4.55) ** 0.26 (4.64) ** 0.28 (5.60) ** 0.31 (5.86) **
∆lnOPt-2 0.15 (2.32) **
∆lnOPt-3
∆lnOPt-4
∆lnOPt-5
∆lnOPt-6
∆lnPUt −0.01 (0.71) −0.02 (1.45) −0.34 (0.01)

∆lnPUt-1 −0.02 (1.52) −0.08 (4.79) ** −0.07 (2.43) **
∆lnPUt-2 −0.02 (2.29) ** −0.05 (2.89) ** −0.04 (1.53)
∆lnPUt-3 −0.06 (4.07) **
∆lnPUt-4 −0.04 (2.36) **
∆lnPUt-5 −0.03 (2.25) **
∆lnPUt-6 −0.04 (2.65) **
∆lnPUt-7 −0.02 (1.66) *
∆POSt −0.005 (0.15) 0.03 (0.55) −0.01 (0.06)

∆POSt-1 −0.07 (2.16) ** −0.05 (1.11) −0.28 (2.83) **
∆POSt-2 −0.12 (3.48) ** −0.05 (1.05) −0.14 (1.47)
∆POSt-3 −0.06 (1.72) * −0.15 (3.36) **
∆POSt-4
∆POSt-5
∆POSt-6
∆POSt-7
∆NEGt −0.003 (0.17) −0.09 (1.65) 0.01 (0.26)

∆NEGt-1 −0.14 (2.39) **
∆NEGt-2
∆NEGt-3
∆NEGt-4
∆NEGt-5
∆NEGt-6
∆NEGt-7

Panel B: Long-Run Estimates

Ln PU −0.10 (0.10) 1.21 (1.52) −0.36 (0.19)
POS 0.03 (0.15) −0.85 (1.22) 0.51 (0.46)
NEG −0.04 (0.17) −0.99 (1.38) 0.29 (0.26)

Constant 4.54 (0.99) 3.07 (14.00) ** −1.60 (0.45) 1.91 (3.94) ** 5.41 (0.61) 3.06 (6.79) **

Panel C: Diagnostic Statistics

F 1.08 5.58 * 1.50 4.31 1.28 2.15
ECMt-1 −0.01 (1.31) −0.08 (3.74) * −0.01 (1.72) −0.05 (3.38) ** −0.01 (1.44) −0.03 (2.53)

LM 14.73 11.42 14.07 6.15 13.18 15.85 **
RESET 10.08 ** 9.68 ** 14.24 ** 4.29 ** 4.05 ** 6.08

Adjusted R2 0.08 0.08 0.14 0.16 0.07 0.08
CS (CS2) S (S) S (S) S (S) S (S) S (S) S (S)
WALD–S 4.21 ** 0.41 3.39 *
WALD–L 97.47 ** 10.79 ** 20.68 **

a. Numbers inside the parentheses next to coefficient estimates are absolute value of t-ratios. *, ** indicate significance
at the 10% and 5% levels respectively. b. The upper bound critical value of the F-test for cointegration when there is
one exogenous variable is 4.78 (5.73) at the 10% (5%) level of significance. These come from Pesaran et al. (2001,
Table CI, Case III, p. 300). c. The critical value for significance of ECMt-1 is −2.91 (−3.22) at the 10% (5%) level when
k = 1. The comparable figures when k = 2 are −3.21 and −3.53, respectively. These come from Pesaran et al. (2001,
Table CII, Case III, p. 303). d. LM is the Lagrange Multiplier statistic to test for autocorrelation. It is distributed as
χ2 with 12 degrees of freedom. The critical values are 18.54 at the 10% level and 21.02 at the 5% level. e. RESET is
Ramsey’s test for misspecification. It is distributed as χ2 with one degree of freedom. The critical value is 3.84 at the
5% level and 2.70 at the 10% level.
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From the short-run estimates of the linear models reported in Panel A, we gather that policy
uncertainty measure has a significant effect on oil prices in the cases of Canada, Europe, Japan,
Russia, South Korea, and the U.S. In all the cases, the effects are adverse, implying that increased
uncertainty in any of these countries has adverse effects on oil prices. However, in none of the cases,
the short-run effects last into the long run since the long-run normalized coefficients reported in
Panel B are insignificant. Estimates from nonlinear models are somewhat different. In the results for
Canada, China, Europe, Japan, Russia, South Korea, the U.S., either ∆POS or ∆NEG carry at least one
significant coefficient, supporting short-run effects of policy uncertainty on oil prices in the short run.
Since most of the estimates at the same lag are different, there is evidence of short-run asymmetric
effects. However, the sum of the coefficients attached to ∆POS is significantly different from the sum
attached to ∆NEG variable in the results for China, Japan, Russia, the U.S., supporting short-run
impact or cumulative asymmetric effects. In these countries, the Wald test reported as Wald-S in Panel
C is significant. The short-run asymmetric effects last into the long–run effects in the results for Canada,
China, and Europe since either the POS or the NEG variable carry a significant coefficient. However,
the estimates are only valid in the case of China, since asymmetry cointegration is supported either by
the F test or by the ECMt-1 test. Furthermore, the long-run effects are asymmetric in all countries since
the Wald test reported as the Wald-L in Panel C is significant in all the cases.

Reported in Panel C are a few additional diagnostic statistics. The Lagrange Multiplier test
statistic is reported as LM and is insignificant in all models, supporting autocorrelation free residuals.
Ramsey’s RESET statistic is also reported to check for misspecification. It is significant in some models.
The stability of short-run and long-run coefficient estimates are tested by applying CUSUM and
CUSUMSQ tests to the residuals of each model. Indicating stable estimates by “S” and unstable ones
by “US”, clearly most estimates are stable. Finally, we have reported the size of the adjusted R2 to infer
goodness of fit.

4. Summary

Like price of any other commodity, oil price is also determined by the law of demand and supply
in the global markets. Interruption in supply such as the one that took place in 1979 due to Iranian
revolution, pushes the prices higher. So does the increase in demand due to economic growth in most
countries, especially newly emerging economies such as China.

One factors that affects the global oil market is uncertainty. Uncertainty could be due wars such
as the Iran-Iraq war of the 1980s or the U.S. invasion of Iraq. Other measures of uncertainty could be
associated with each country in an international community. Of course, the larger the country in which
uncertainty originates, the larger the impact. There is now an uncertainty measure which is constructed
for several countries by the Policy Uncertainty Group. They use the most popular newspapers in
each country over time and collect any word associated with uncertainty which included such words
as “tax”, “spending”, “regulation”, “central bank”, “budget”, “uncertain”, “uncertainty”, “deficit”,
etc. They then use the collected information and their frequencies and construct an index of policy
uncertainty. Our goal in this paper is to determine which measure of policy uncertainty has significant
impact on oil prices. Using the linear and nonlinear ARDL approaches to error-correction modeling
and cointegration we found that in the short run policy uncertainty of Canada, China, Europe, Japan,
Russia, South Korea, and the U.S. do have short-run effects. However, in the long run, only the measure
of China has significant impact. Increased uncertainty in China was found to have adverse effects and
decreased uncertainty was found to have positive effects. However, the effects were asymmetric.

Author Contributions: All authors have contributed equally to this work.

Conflicts of Interest: The authors declare no conflict of interest.

Appendix A. Data Definition and Sources

Monthly data over the following periods are used to carry out the empirical analysis.
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Europe (1987–2014), Canada (1985–2014), China (1995–2014), India (2003–2014),
Japan (1988–2014), Russia (1994–2014), Dutch (2004–2014), South Korea (1990–2014), and

US (1986–2014).
Variables:
OP = Oil price collected from U.S. Energy Information Administration (5 November 2015).

Crude oil price (Monthly)—WTI Spot Price FOB (Dollars per Barrel). Retrieved From the U.S. Energy
Information Administration: http://www.eia.gov/dnav/pet/pet_pri_spt_s1_d.htm.

PU = Policy Uncertainty measure. Data come from Research on Economic Policy
Uncertainty (5 November 2015). Monthly index. Retrieved From Economic Policy Uncertainty:
http://www.policyuncertainty.com/index.html.
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