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Abstract: Calcium is an abundant element with a wide variety of important roles within 

cells. Calcium ions are inter- and intra-cellular messengers that are involved in numerous 

signalling pathways. Fluctuating compartment-specific calcium ion concentrations can lead 

to localised and even plant-wide oscillations that can regulate downstream events. 

Understanding the mechanisms that give rise to these complex patterns that vary both in 

space and time can be challenging, even in cases for which individual components have 

been identified. Taking a systems biology approach, mathematical and computational 

techniques can be employed to produce models that recapitulate experimental observations 

and capture our current understanding of the system. Useful models make novel 

predictions that can be investigated and falsified experimentally. This review brings 

together recent work on the modelling of calcium signalling in plants, from the scale of ion 

channels through to plant-wide responses to external stimuli. Some in silico results that 

have informed later experiments are highlighted. 
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1. Introduction 

Numerous stimuli lead to changes in calcium concentrations that regulate plant responses, so 

obtaining insights into how plants adapt to their environment often requires understanding the 

processes that govern calcium levels within and between compartments. Many processes are, however, 
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so complex that our understanding is hindered by a breakdown of intuition. Such complexity can arise 

already with three or more variables for non-linear interactions, as are typical for biological systems. 

Building simplified mathematical models that capture the key characteristics of the system under study 

is in such cases a fruitful approach for explaining and understanding the observed behavior, as well as 

providing hypotheses for the underlying mechanisms. 

In this contribution we review mathematical and computational approaches to calcium signalling in 

plants. We present a systems biology dissection of calcium signalling processes with some selected 

examples that demonstrate how this approach has helped to unravel complex phenomena and guide 

further experiments. Whilst the review aims at being comprehensive it is not exhaustive and we 

apologise to those authors whose work is not adequately represented. A number of common 

methodological techniques are summarised and we provide key equations and list some popular 

software packages. The review concludes with an outlook of future challenges and application areas. 

2. Calcium by Numbers 

2.1. Calcium Biochemistry 

Calcium is the fifth most abundant element by mass in the Earth’s crust and in the human body. It is 

an alkaline earth metal with an atomic number of 20 and a standard atomic mass of 40.078 u. Alkaline 

earth metals all have 2s electrons in their outer shell and their relatively low ionisation energies lead to 

the formation of doubly charged, filled-shell cations. The first two ionization energies of calcium are 

590 kJ/mol and 1,145 kJ/mol whereas the third ionization energy is much higher at 4,912 kJ/mol. The 

common form of calcium in solution is therefore Ca
2+

 which has an effective ionic diameter of 2 Å. In 

seawater Ca
2+

 is the fifth most abundant dissolved ion by mass at around 400 mg/L or 10 mM. The 

Ca
2+

 concentration of drinking water varies from about 1 to 135 mg/L [1], corresponding to a range of 

0.03 to 3.38 mM. 

The flexibility of Ca
2+

 to form chemical bonds with different coordination numbers and geometries 

gives it the ability to form interactions with membranes, small molecules and proteins. An analysis of 

small molecule and protein crystal structures shows that Ca
2+

 generally binds to oxygen and that the 

preferred coordination numbers range from 6 to 8 [2]. In particular, Ca
2+

 binds to phosphate groups to 

form insoluble compounds thus rendering high cytosolic Ca
2+

 concentrations toxic to the cell. This 

impact of Ca
2+

 on phosphate groups is consistent with the observation of Williamson [3] and  

Tazawa et al. [4] who established that cytoplasmic streaming, which requires ATP, was dependent on 

a very low Ca
2+

 in the order of 0.1 µM. If the concentration was elevated to 1.0 µM, cytoplasmic 

streaming was decreased by 20%, and when Ca
2+

 was increased to 10 µM, the streaming was inhibited 

by more than 80%. Similar observations can be expected for other ATP-dependent processes. The 

presence of Ca
2+

 binding molecules as a means of reducing the concentration of free Ca
2+

 would 

therefore be of advantage to the cell. 

Uniprot [5] lists over 400 proteins with a gene ontology molecular function of calcium ion binding 

(GO:0005509) in Arabidopsis thaliana and TAIR [6] lists 520 loci with 622 distinct gene models out 

of a total of 31,845 genes, so in the order of 2% of the genes are involved in Ca
2+

 binding. Lowering of 

the free cytosolic Ca
2+

 through buffering/binding is assisted by specialized transporters, which can 



Plants 2013, 2 543 

 

 

move Ca
2+

 against a concentration gradient between compartments. As illustrated in Figure 1, cells 

maintain a steady state Ca
2+

 concentration of about 100–200 nM in contrast to the Ca
2+

 concentration 

in the extracellular space at about 1–10 mM, approximately the value seen in water. Such a large 

concentration difference allows for rapid signalling responses through the opening of specialised 

calcium channels in the membranes separating compartments. 

Figure 1. A schematic view of a plant cell showing some of the main calcium stores and 

cellular compartments with their approximate free calcium ion concentrations. Calcium 

channels are shown as blue arrows, pumps are shown as red arrows, whilst the grey double 

arrow depicts diffusion through the nuclear pores. 

 

The release of Ca
2+

 from internal stores, such as the endoplasmic reticulum or the vacuole, gives 

rise to transient elevations in Ca
2+

 from about 0.1 µM to 1 µM. The characteristics of such transients 

vary and can become oscillatory with periods from seconds to hours. The localised free cytosolic Ca
2+

 

concentration varies in duration, amplitude, frequency and spatial distribution, and these observations 

led to the ―Ca
2+

 signature‖ hypothesis [7], which states that signal information is encoded by a  

spatio-temporal pattern of cytosolic Ca
2+

 concentrations. Changes in the concentration of free cytosolic 

Ca
2+

 can be perceived by calcium binding proteins that can lead to the activation of different cellular 

programmes. It has been suggested that the need to reduce the toxic effects of high free Ca
2+

 

concentrations drove the evolution of components that could then be taken advantage of as calcium 

signalling machinery [8]. 

These factors have led to Ca
2+

 becoming one of the most important signalling ions in higher 

eukaryotes and a ubiquitous second messenger in plants [9] and animals [10,11]. Ca
2+

 can transduce 

both intercellular and intracellular signals and is involved in nearly all aspects of plant development as 

well as participating in many regulatory processes. 
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2.2. Calcium Maths 

A frequent goal of developing mathematical models of processes involving calcium is to aid our 

understanding of how calcium ion concentration changes are generated as a function of the individual 

components. A large class of calcium signalling models consists of systems of ordinary differential 

equations (ODEs) describing fluxes between different compartments. Ignoring spatial effects, which is 

equivalent to assuming that the calcium concentration, c, is homogeneous inside each compartment, 

results in the ODE:  

𝑑𝑐

𝑑𝑡
= −𝐹𝑜𝑢𝑡  𝑐 + 𝐹𝑖𝑛  𝑐  (1)  

which describes the change of the concentration with time, where 𝐹𝑜𝑢𝑡 (𝑐) and 𝐹𝑖𝑛  𝑐  represent the 

sum of all fluxes out of and into the compartment respectively. Describing the changes in different 

compartments, results in a system of such equations. In some cases it is useful to model explicitly the 

time lapse before changes occur, such as in gene translation, and this can be accounted for using a 

delay parameter, leading to a variant of the above approach known as delay differential equations 

(DDEs). Spatial models are based on partial differential equations (PDEs) and include the additional 

term, 𝐷∇2𝑐, 

𝜕𝑐

𝜕𝑡
= −𝐹𝑜𝑢𝑡  𝑐 + 𝐹𝑖𝑛  𝑐 + 𝐷∇2𝑐 (2)  

which accounts for the diffusion of calcium in the (now partial rather than total) derivative of the 

calcium concentration. Within this framework, relevant compartments need to be identified for the 

process under study and the various fluxes between them need to be understood. Selected examples 

will be considered in the following sections. Once the compartments, the machinery and the resulting 

fluxes have been identified, established numerical procedures can be employed to integrate the 

differential equations and to deliver the evolution of the calcium concentration and fluxes. 

This concentration-based approach is popular due to the available numerical techniques for 

integrating ODEs but it is also plausible based on the number of ions and their diffusibility in large 

compartments. For a [Ca
2+

] of 100 nM a cell with a cytoplasmic volume of 200 μm
3
 would contain 

about 12,000 ions, a nuclear volume of 100 μm
3
 would have around 6,000 ions but a small organelle of 

1 μm
3
 would only hold around 60 calcium ions. Given these numbers and the locality of calcium 

signatures, low copy number effects are likely to be relevant at physiological Ca
2+

 concentrations in 

smaller compartments [12] as the number of calcium ions involved decreases below the continuum 

limit of ordinary differential equations [13]. Monte Carlo techniques such as Gillespie’s algorithm [14] 

or variants thereof provide easy to use solution strategies for such descriptions that track particle 

numbers based on discrete events. 

It is thus fairly straightforward to write down a model of a system and to integrate the equations. 

Using feedback mechanisms and/or time delays, oscillations are relatively easy to establish and with 

the power of optimisation techniques these can often readily be made to reproduce experimental data. 

The challenge is therefore to suggest models that say something interesting about the biology and to 

make testable predictions. 
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3. Models for the Calcium Machinery  

The dynamical properties of Ca
2+

 signals depend in the first instance on the machinery that 

regulates Ca
2+

 fluxes between cellular compartments (see Figure 2). The activation of calcium-release 

channels leads to an influx of Ca
2+

 while the subsequent restoration of basal non-toxic calcium levels 

and the replenishment of Ca
2+

 stores requires pumps to transport calcium against the concentration 

gradient. The Nernst equation, 

𝐸𝐶 =
𝑅𝑇

𝑧𝐹
 ln

𝐶𝑜𝑢𝑡𝑠𝑖𝑑𝑒

𝐶𝑖𝑛𝑠𝑖𝑑𝑒
 , (3)  

can be used to determine the voltage across the membrane, EC, termed equilibrium or reverse potential, 

that would maintain the ion concentrations, coutside and cinside, in steady state. Here R = 8.31 J·K
−1

 mol
−1

 

is the universal gas constant, T is the absolute temperature in Kelvin, z is the valence of the ion (z = 2 

for Ca
2+

) and F = 9.65 × 10
4
 C mol

−1
 is the Faraday constant. At T = 290 K, a calcium concentration of 

10 mM outside the cell and of 100 nM inside the cell, results in an equilibrium potential across the 

plasma membrane of 144 mV. The electrochemical driving force is given by the difference between EC 

and the membrane voltage, v, and for a single channel, the ohmic current, IC, is given by 

𝐼𝐶 = 𝐺𝐶 𝐸𝐶 − 𝑣 , (4)  

where GC is the channel conductance. Proton ATPases generate a voltage of about −150 mV across 

plant plasma membranes, resulting in an electrochemical driving force for Ca
2+

 of about 300 mV. 

Channels and pumps can exist in an open or closed configuration, and plant survival depends on 

maintaining the correct configurations at the right time. The term ―gating‖ is used to describe the 

mechanism by which the channel/pump controls the transition between the open and closed states. 

Gating permits the maintenance of large concentration differences with the exterior of the cell or 

internal stores during resting periods, and the concerted release of calcium during signalling events. 

Channels can be classified as voltage-gated, ligand-gated, mechanically sensitive, store-operated, light- 

or temperature-activated, among others. This is a broad classification, as the activation of channels 

may require a complex regulation by multiple stimuli. 

To obtain the macroscopic current density the individual conductance is multiplied by the fraction 

of open channels, which is commonly given by a semi-empirical function with a steep non-linear 

dependence on the activation variable. The Hodgkin-Huxley activation function [15] is typically used 

for voltage-gated channels. The channel current, IC, is given by 

𝐼𝐶 = 𝐺𝐶  1 + exp  
𝑉𝑚𝑙−𝑣

𝐾𝑚𝑙
  

−𝑛

 𝐸𝐶 − 𝑣 , (5)  

where n is the number of identical and independent activation gates, Vml is the half-maximal activation 

of voltage gated channel, and Kml is a constant in the scaling function. For a ligand-gated channel a 

Hill function [16] may be used and the channel current is 

𝐼𝐶 = 𝐺𝐶
𝐿𝑚

𝐿𝑚 +𝐾𝑚
 𝐸𝐶 − 𝑣 , (6)  

where L is the ligand concentration, K is the ligand concentration producing half maximal response 

and m is the Hill coefficient that, in principle, represents the number of binding sites. Positive 
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cooperativity is defined to occur when m exceeds one and negative cooperativity when m is less than 

one. Both Equations (5) and (6) contain the steep non-linear dependence mentioned earlier. 

Figure 2. Schematic diagram of different mechanisms of passive and active transport. Ca
2+

 

(blue dots) is transported across the membrane down its electrochemical gradient by the 

gated ion channel (blue arrow, left) and by the leak channel (grey arrow, right, with fuller 

arrowhead pointing to the side with a lower Ca
2+

 concentration ) Both the ATP-dependent 

pump (red arrow) and the Ca
2+

-H
+
 antiporter (green arrows) transport Ca

2+
 against its 

electrochemical gradient, which requires energy. The ATP-dependent pump uses the 

energy derived from ATP hydrolysis to ADP and inorganic phosphate (Pi), while the 

calcium exchanger uses the free energy released from the movement of H
+
 (green dots). 

 

Although the mathematical description of channel and pump activation is similar, their relation to 

the electrochemical force, EC − v, is fundamentally different. Ion transport through channels is driven 

by the electrochemical force whereas pumps must overcome the potential difference by either 

harnessing the energy released from ATP hydrolysis (ATPases) or by coupling the transport of one 

ionic species down its electrochemical potential to drive the thermodynamically uphill transport of 

another species (exchangers). The free energy released from the conversion of ATP to ADP under 

standard conditions (1 M ATP, 1 M ADP, 1 M phosphate, 55 M H2O, T = 298 K) is about −30 kJ/mol. 

Cells operate far from these conditions with ATP/ADP ratios often around 5 to 10 and mM phosphate 

concentrations. The resulting free energy for ATP under these conditions is about −50 to −60 kJ/mol. 

The free energy required to drive Ca
2+

 against a concentration ratio of 10
5
 is zF (EC − v) = 56.7 kJ/mol. 

We begin with simple flux models where the consideration of many channels leads to an all-or-none 

representation of activation functions, and then focus on kinetic models that probe the activation steps 

of a single channel. 
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3.1. Fluxes: Ligand- and Voltage-Gated Calcium Release Channels 

The capacity for auto-regulation—a distinctive property of calcium amongst ions [17]—underlies 

several models of Ca
2+

 oscillations. Calcium release regulates further calcium release either directly by 

the calcium-induced-calcium-release (CICR) process [18,19], or indirectly by activating pumps [20] or 

other essential cation channels acting in parallel [21,22]. 

One of the earliest models [18,19] of calcium signalling in plants was motivated by the observation 

that in the unicellular green alga Eremosphaera viridis, the presence of Sr
+
 or caffeine induces 

repetitive [Ca
2+

] spiking in the cytosol. The model consists of a system of ODEs that describes calcium 

fluxes between the cytosol, the exterior and an indeterminate internal store. Since the vacuole is the 

largest calcium store it could be seen as a natural choice, but, perhaps counterintuitively, it is its size 

that excludes it. The clue to the store identity is given by the fact that at least two variables are required 

for self-sustained repetitive spiking [13,19,23]. Therefore, considering that the high vacuolar calcium 

levels are unlikely to fluctuate significantly enough, the authors predict that the relevant internal store 

is the small endoplasmic reticulum (ER). Experimental evidence suggests the involvement of a 

ryanodine receptor type of Ca
2+

 channel, which in animals is activated by Ca
2+

, and that Sr
+
 is required 

for the initiation of calcium oscillations. Therefore, the model assumes that cooperative Sr
+
 and Ca

2+
 

binding activates the channel—a Hill function (see Equation (6)) represents this type of cooperative 

activation in a phenomenological way. Fluxes result from the interplay between calcium release and 

reuptake by Ca
2+

-ATPase pumps whose activity is proportional to cytosolic calcium, while the 

frequency and amplitude of calcium oscillations depends on the Sr
+
 dose. To be consistent with 

observation of a calcium efflux from the ER even when Ca
2+

 and Sr
+
 are very low, Bauer et al. [18] 

also include a leak term, or non-gated channel. The model reproduces the generation of repetitive 

calcium spiking, while making predictions about the nature of the channels and pumps and the identity 

of the internal store. 

Focussing on a minimal model [23], Bauer et al. [18] aimed to extract only the key players needed 

to reproduce Ca
2+

 transients. For example, experimental evidence shows that the addition of Sr
+
 

induces a transient hyperpolarisation of the plasma membrane, which accompanies cytosolic calcium 

increase. While hyperpolarisation is attributed to the opening of a plasma membrane K
+
 channel 

activated by calcium, the variation in the membrane potential does not seem to have a significant 

influence on calcium release. Therefore the model does not include the potassium channel: the 

perturbation of the calcium electrochemical driving force would tend to change the magnitude of the 

fluxes, but the interplay between the ligand-gated calcium-release-channel and pump ensures that the 

final balance of fluxes is not disrupted. 

In contrast, a similar potassium channel activated by calcium binding is a key element in a  

model proposed by Granqvist et al. [22] and Charpentier et al. [21]. A K
+
 channel (DMI1 [24]), a 

calcium-release channel and a Ca
2+

-ATPase are all essential transporters present in the nuclear 

membrane during plant symbiosis in Medicago truncatula. A crucial difference with the previous 

model [18] is that here the calcium-release channel is voltage-gated (see Equation (5)), activated by the 

depolarisation of the nuclear membrane. The proposed scenario contains all the minimal elements for 

sustained membrane voltage oscillation [25,26]. In particular, the different Ca
2+

 and K
+
 reverse 

potentials guarantee the distance from equilibrium, and the calcium channel provides positive  
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self-coupling. Calcium influx into the nucleus increases the membrane voltage, which increasingly 

activates the channel—a related proposal that included a hyperpolarisation activated calcium channel 

could only result in a single spike [27]. Oscillations of calcium concentration open and close DMI1 

leading to a periodic K
+
 efflux, and the resulting changes in the membrane potential are crucial to 

guarantee sustained nuclear Ca
2+

 oscillations. 

3.2. Gating in Steps 

The models described above [18,21,22] all accurately reproduce the shape of the calcium transients, 

with the use of phenomenological activation functions. Kinetic mechanistic models of gating or 

permeation [28–31] can be used to bypass this long acknowledged limitation [32]. With an explicit 

representation of single ion-channel states, such models propose a direct link with the channels’ 

structural identity, by relating gating steps or binding sites with conformational states with a clear 

biophysical meaning. 

Tidow el al. [20] studied a plasma membrane ATPase in Arabidopsis thaliana. Such Ca
2+

 pumps 

are activated by calcium-loaded calmodulin (Ca
2+

-CaM) and crystallographic studies uncovered two 

autoinhibitory binding sites, instead of one as was expected. It is a mathematical model of kinetic rate 

equations that elucidates the physiological importance of this discovery, by relating the successive 

relief of the three autoinhibitory sites to the calcium concentration. It shows that the pump is inactive 

below a basal Ca
2+

 concentration; it gets ready for activation at that level, and rapidly increases its 

activity above the basal level when the two binding sites are occupied. This three-step process leads to 

an abrupt increase of the pumping activity for high calcium concentrations, and assures the stability of 

non-toxic basal levels. Therefore, the model demonstrates that the different, experimentally found, 

conformational states, are essential to regulate calcium currents. 

In another system, the model of Pottosin et al. [33] starts from the observation of regulated cation 

currents from a slow vacuolar channel to predict the existence of distinct gating steps. The vacuole is a 

crucial organelle for plant homeostasis, which regulates cytoplasmic ion concentration, although the 

significance for Ca
2+

 release is still uncertain [34,35]. Among the vacuolar channels [36], the large 

population of the non-selective and highly-conductive slow vacuolar [37] (SV) channels would rapidly 

lead to unsustainable currents if its activity was not restricted. While cytosolic Ca
2+

 promotes the 

opening of SV channels, vacuolar calcium is essential to down-regulate the activity of SV channels to 

physiological levels. 

Pottosin et al. [33] observe that the effect of Ca
2+

 on the current of a single open channel is 

comparable to that of another divalent cation, Mg
2+

. However, Ca
2+

 has a much more pronounced 

effect on the macroscopic current, suggesting the existence of two independent binding sites: 

permeation [38] is reduced upon either Mg
2+

 or Ca
2+

 binding, while channel gating involves another 

binding site that is most selective for Ca
2+

. The authors seek to clarify how vacuolar Ca
2+

 inhibits the 

macroscopic SV current. They apply the patch-clamp technique to measure the currents from the 

vacuoles of sugar beet (Beta vulgaris L.) taproots, and observe a biphasic dependence of the SV 

current on the membrane potential. In line with the flux models of the previous subsection, this could 

possibly be explained by various voltage dependencies of possible pumps and cation channels. 

Following a different approach, the authors concentrate instead on the channels gating mechanisms. 
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They propose that SV channels pass through two different closed conformations before opening, and 

use Boltzmann statistics to assign the probability of each state and their transitions. Charge parameters 

indicate the steepness of the voltage-dependence for each transition. Binding of different numbers of 

Ca
2+

 ions stabilizes the closed conformations and shifts the activation towards more positive voltages. 

An important result is that multiple ions bind to the first closed state, because multiple binding can 

explain how SV channels can be strongly down-regulated within the range of physiological calcium 

levels. Additionally, the authors identify the transition to the open state as the rate-limiting step and 

observe that vacuolar Ca
2+

 decelerates the channel activation. Since deceleration means an increase in 

the energy-barrier for that transition, this implies that binding can significantly alter the structure of the 

channels, which is an important dynamical dimension of gating often disregarded by the simplest 

kinetic models. 

The recent characterisation of complex channels in plants, such as cyclic-nucleotide gated channels 

(CNG) [39,40] will probably lead to the expansion of the current gating framework. CNG gated 

channels are mainly activated by cyclic nucleotide binding to four units, but they are also weakly 

dependent on the voltage, and the likely complex interaction between these multiple sources of 

activation has yet to be modelled. Modelling in animal systems is already exploring how the binding of 

one unit may induce a conformational change which alters the affinity of subsequent bindings, 

proposing schemes such as induced fit or allosteric control [41], which further introduces a dynamical 

character in the gating processes. 

3.3. The Basic Machinery: Autonomous Regulation of Calcium Levels in Organelles 

The study of compartmentalized signals provides the ideal setting to identify a minimal signalling 

toolkit in a closed system and also to show how the effects of an individual signalling component must 

be framed in the context of the entire system. It is also an area of basic importance in the field  

of calcium signalling in plants: compartmentalisation of calcium signalling in different cellular 

organelles can permit the independent control of specific functions, such as gene transcription inside 

the nucleus [42,43]. Autonomous nuclear calcium signalling is still controversial due to the limitations 

of experimental techniques [44–47]. 

Following the discovery that an impermeable nucleus of BY-2 tobacco cells responds to various 

abiotic stresses by an increase in calcium levels [48], Brière et al. [49] sought to identify the minimal 

components required for the generation of autonomous nuclear calcium transients. They present  

an ODE model describing fluxes between the nucleus and the nuclear envelope (NE) considered  

as a calcium store [50]. The model is biologically based on evidence [48] that shows that various 

stimuli—temperature, pH variation or mechanical stress—evoke a single calcium transient rise 

followed by a slow restoration of basal levels, and that successive stimulations lead to a train of 

sustained Ca
2+

 peaks. Furthermore, experiments conducted in parallel with the development of the 

model show that the nucleus is impermeable to a calcium bath. 

Whereas the increase in nuclear calcium concentration is assumed to result from the influx by  

non-specific channels localized in the inner nuclear membrane, the restoration of basal calcium levels 

is unexplained at the start. Buffers reduce the amount of free Ca
2+

, but their typically fast association 

and dissociation rates are incompatible with the slow kinetics of calcium decrease. Therefore, the 
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authors predict the existence of yet unidentified pumps that would drive Ca
2+

 back into the NE. 

Furthermore, pumps enable a response to successive stimuli by refilling the calcium stores—something 

that buffers would not do. In fact, a later work [51] identified pumps in the inner nuclear membrane of 

Medicago truncatula, providing a confirmation—albeit in a different model plant—that the nucleus 

has autonomous minimal signalling machinery composed of pumps and channels. 

While the model of Brière et al. [49] considered an impermeable nucleus, in other systems observed 

relations between cytosolic and nuclear oscillations are difficult to explain with an isolated  

nucleus [51]. During legume symbiosis, apparently synchronised perinuclear oscillations are observed 

on both sides of the nuclear envelope. However, the resolution of confocal imaging is insufficient to 

exclude a slight delay, and thus a possible cytosolic or nuclear origin of the perinuclear oscillations. 

Although the extent to which the nuclear envelope is permeable to calcium is unclear [49,52–56], if the 

pores were permeable, it might be assumed that passive diffusion across the NE would eventually 

synchronize calcium oscillations. However the model developed by Capoen et al. [51] showed that this 

need not be the case; the large permeability of the individual pores does not imply a large permeability 

of the entire nuclear envelope. 

Ca
2+

 signalling is a result of complex, nonlinear interactions that cannot be properly understood by 

the analysis of the separated components alone. The authors start from the assumption that calcium 

signalling originates on one side of the NE and propose a spatial model where inner and outer nuclear 

membranes are connected by pores that allow free passage of Ca
2+

. They place calcium-permeable 

channel clusters only at the cytosolic side of the nuclear membrane, to investigate a possible cytosolic 

origin of nuclear calcium oscillations. An adaptation of the fire-diffuse-fire model [57,58] with linear 

uptake [59] is chosen to study calcium diffusion over the surface of the nuclear membranes and across 

the nuclear envelope. As their dimensions are very small compared to the area of a nuclear membrane, 

both channel clusters and pores are considered as discrete sources of calcium and placed at uniformly 

random locations in the inner and outer nuclear membranes. This is an appropriate framework to 

capture the calcium spatial microdomains that are observed during plant symbiosis [60]; by the CICR 

mechanism, Ca
2+

 released by a channel diffuses to activate other channels in a sequence of release 

events. High Ca
2+

 levels inhibit further release, resulting in a refractory period that affects the period  

of oscillations. 

Simulations [51] show that even if calcium can freely diffuse across the nuclear membranes, 

oscillations cannot be transmitted across the NE. Even choosing an unusually high pore density, the 

fraction of the nuclear membrane surface occupied by pores is very small, and besides, an important 

part of the calcium released by a channel is pumped back into the NE before it reaches the nearest 

pores. To conclude, if calcium release from the inner nuclear membrane is observed and it cannot 

originate in the cytosol, the nucleus must have its own signalling machinery. Therefore, this work 

provides confirmation of the basic assumption in Brière et al. [49] but suggests the need for an as yet 

unidentified source of coordination between cytosolic and nuclear calcium signalling. The authors 

propose that the NE is the locus of that source. 

Oscillations generally result from a balance of positive and negative feedback. Due to the lack of 

positive feedback in the model of Brière et al. [49] repetitive spiking can only result from repetitive 

stimuli. Whereas in Capoen et al. [51] self-sustained oscillations can be achieved via CICR feedback. 

Despite this and other differences, both models [49,51] assumed that the NE is the source of calcium 
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and nuclear calcium is released near the interface with the outer nuclear membrane. In the tobacco 

nuclei system studied by Brière et al. [49], this scenario made autonomous nuclear oscillations look 

improbable—and required the explanation that pores are impermeable in the system. On the contrary, 

in Medicago symbiosis, permeable nuclear pores provided a ready explanation for synchronised nuclear 

and cytosolic oscillations of similar amplitude—that was nevertheless questioned by modelling [51]. 

In relation to the independence of nuclear calcium signalling it should be mentioned that possible 

nuclear invaginations could target calcium to specific locations within the nucleus thereby enhancing 

its autonomy. Modelling such complex geometries requires suitable computational approaches that are 

still pending in plants. Models in the field of animal studies offer interesting perspectives that combine 

experimental confocal data, in silico 3D reconstruction of the detailed morphology, numerical  

multi-grid solvers and mathematical approaches, e.g., finite element method or others [61–64]. The 

transfer and adaptation of these techniques to plants will shed light into domains inside compartments 

that remain obscure by models that can only deal with simple shapes. 

4. Calcium and Temperature  

As the models in the previous section demonstrated, calcium signalling requires, at the very least, 

channels and pumps. Since the behaviour of pumps differs from channels in that pumps transport ions 

thermodynamically uphill instead of downhill [19], temperature seems to be the basic variable so far 

ignored in our presentation. 

Plants are threatened by [65] but also contribute to [66] changes in climate. Since they cannot move 

as the weather changes, the ability to respond to variations of temperature is critical for plant survival 

as the seasons pass or the day turns into night [67]. A change in calcium levels is one of the earliest 

responses to cold [68–70]. However, as most biological processes are affected by temperature, its 

overall effect is neither intuitive nor specific and it is a challenge to model the mechanisms behind 

plant acclimation. Ultimately, the key question is not how temperature affects calcium levels but what, 

if any, is the role of calcium in the plant adaptation to temperature. It is important to ascertain whether 

the calcium response is upstream of the temperature signalling pathways [71] and therefore, as it has 

been considered [72], the primary temperature-sensing event [73]. So far definitive answers have 

proved elusive, however modelling has uncovered various effects of temperature that directly impact 

on the calcium response. 

4.1. The Search for Primary Temperature-Sensing Events 

Plants respond to a cold shock by a transient rise in cytosolic calcium levels [74], and to study the 

mechanisms behind this reaction, Plieth proposes [75] a one-compartment model of the fluxes across 

the plasma membrane. The main hypothesis is that the temperature sensor in plants is a calcium release 

channel whose activity increases sharply with the cooling rate, while the activation of a Ca
2+

ATPase 

explains two experimental observations: sensitisation and desensitisation. Thus, sensitisation, or an 

increase of the calcium response to cooling at lower temperatures, is attributed to a known [76] 

exponential increase of the pump enzymatic activity with the absolute temperature. To counteract the 

inhibition of pump activity with cold and explain the attenuation of the calcium response with time of 

exposure to cold, desensitisation is modelled by an increase of the number of active pumps with 
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calcium levels. This simplified model reproduces qualitatively well the experimental data, supporting 

(without confirming) the suggestion that the calcium channel is a primary thermal sensor. 

Plieth [75] uses a phenomenological temperature-dependent function to model how the calcium 

channel is activated by cooling. White et al. [77] aim to explain the same experimental results [74] 

without hypothesizing temperature gating. The authors [77] implicate voltage-gated calcium channels 

in the response to cooling, with a focus on the ―maxi‖ cation pore in the plasma membrane of rye 

(Secale cereale L.) roots. This is a depolarisation-activated channel permeable to various cations, and 

in particular to Ca
2+

. The Eyring rate theory [78], [79] represents the movements of ions inside the 

channels as a sequence of stochastic jumps across temperature-dependent high energy barriers 

separating energetically favourable binding sites. White et al. [77] propose a permeation model  

with three barriers and two binding sites (known as 3B2S) [77,80–82], and combine it with a  

gating-kinetics model with empirically determined voltage-dependent transition rates. This allows 

them to determine the calcium released by the channel and observe that it is similar to the cytosolic 

Ca
2+

 influx observed after a cold shock. These voltage-gated channels contribute to a perturbation of 

the membrane potential elicited by rapid cooling, called a slow action potential (SAP). Since in turn 

the SAP opens voltage-gated channels, cooling indirectly activates calcium-release-channels, thus 

amplifying the initial thermodynamic effect of temperature. 

While in Plieth [75] temperature is an explicit variable, other authors propose an indirect way to 

access its influence by matching the simulated calcium profiles with the experimentally observed Ca
2+

 

response to temperature. The parameter combination that corresponds to the best fit, implicitly 

identifies the key process regulated by temperature. This is the approach adopted by Bose et al. [83]. 

The authors show that different proportions of ATPases to CAX (Ca
2+

 exchangers) result in different 

calcium signatures that match experimentally observed responses to various types of stress, including 

cold. Therefore, without establishing an explicit dependence between different efflux systems and 

temperature, this suggests to look into the different efflux systems when trying to understand the 

response of plants to cold. 

Brière et al. [49] follow a similar philosophy, focusing on the nucleus of BY-2 tobacco cells. 

Evidence shows that under alkaline or neutral pH conditions, the nuclear calcium concentration 

increases with the temperature of the medium, while a cold shock results in a drop of nuclear calcium 

levels. By varying parameters, they show that the rising calcium concentration with increasing 

temperature is best reproduced by an increased influx: the authors suggest that the involved  

channels may be analogous to the TRP channels that in mammalian cells are the primary sensors of 

temperature [84,85], although interestingly, recent evidence in Arabidopsis [86–88] has implicated 

plasma membrane cyclic-nucleotide gated channels in the perception of heat shocks. On the other 

hand, a decrease of calcium concentration following a cold shock in alkaline conditions appears to 

result from an increase in the buffering capacity of the nucleoplasm caused by a rapid reduction of the 

buffers dissociation constant. It seems natural to wonder if this drop of nuclear calcium levels could 

lead to an increase of cytosolic calcium, as in the system considered by Plieth [75]. However, this 

tobacco cell nucleus appears to be impermeable to calcium. Nevertheless, it would be interesting to 

extend the model of Plieth [75] to incorporate buffers and try to replicate a similar effect as in Brière  

et al. [49]. In fact, Plieth [75] chose to neglect the presence of buffers, arguing that they could only 

smooth transitions, but not affect the influx-efflux balance. In contrast, the following model by  
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Liu et al. [89] finds that changes in the buffering capacity do not influence the response to temperature. 

However, the origin of this discrepancy with Brière et al. [49] is unclear, since the authors [89] use a 

different mathematical model and refer to a different system. 

4.2. The Many Elusive Effects of Temperature 

Liu et al. [89] combines experimental analysis and mathematical modelling to investigate the role 

of the vacuolar and cytosolic calcium pools in the generation of calcium signatures elicited by 

temperature changes. They set up a very comprehensive system of ODEs to study fluxes across the 

membranes, incorporating a variety of transporters: calcium channels, ATPases, symporters and 

antiporters, a Cl
−
 channel, and K

+
 outward and inward rectifying channels. The influence of 

temperature is felt at many levels, from the kinetics of all transporters to the ADP/ATP ratio and 

therefore the ATPase pump activity [90]. At steady state with constant temperature the pools are 

isolated, but when the temperature changes, the ions equilibrium potential varies, and the cytosol 

exchanges ions with the vacuole. The ion flow affects the voltage of the membranes and thereby the 

opening of the channels. The shape of the calcium signature is determined by CICR at the vacuolar 

membrane, and by the transport of four ions from the cytosol to the vacuolar pool. The model correctly 

predicts a rise in calcium concentration in response to temperature reduction, especially when the 

reduction is sharp. 

Results are mostly in agreement with Plieth [75], but the model by Liu et al. [89] is an example of 

an integrative approach that tries to capture most of the known important transporters and effects, 

being considerably more detailed and in that sense more realistic. The downside of this approach is the 

vast number of parameters it demands; different combinations of parameters can produce similar 

results, and moreover, in plant systems many values are unknown and taken from the more mature 

field of animal studies. 

It is somewhat disappointing to begin this section with a model [75] that suggests that the calcium 

channel may be the temperature sensor and end with a model [89] developed thirteen years later where 

no single major sensor is proposed. This is a reflection of the probable reality that there are multiple 

thermometers in plants [72] and signalling pathways in plants that have complex interrelations [91]. 

Several sensing devices have been proposed to be upstream of the calcium response, [71] including 

membrane fluidity, protein conformation, cytoskeleton assembly status and enzymatic activities. But 

as Ruelland et al. [71] note, the relation between sensors and signalling, or upstream and downstream  

is not necessarily one-directional. For instance, possible temperature sensors such as membrane 

fluidity [92] may trigger calcium release and then be in turn reinforced by calcium signalling. 

Nevertheless, the search for the primary thermosensors continues, with recent studies on heat  

shock perception [86,93] indicating that cyclic nucleotide gated channels respond to changes in 

membrane fluidity. 

5. Calcium and Symbiosis  

Exposure of legume root hair cells to rhizobial-derived nodulation (Nod) factors results in 

significant physiological and morphological changes that allow these bacteria to infect the plant in a 

controlled manner [42,94]. The rhizobia fix nitrogen for the plant within specially grown organs 
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known as nodules and receive sugars from the plant in return. After detection of the Nod factors, but 

before gene expression, a cell-scale calcium transient followed later by sustained oscillations (known 

as Ca
2+

 spiking) in the nucleus and perinuclear space is observed (Figure 3) [95]. Mutants exist which 

are defective in the spiking response and also block symbiosis gene expression [24,96]. Furthermore, a 

mutant corresponding to a Ca
2+

 and Calmodulin-dependent kinase (CCaMK), also blocks gene 

induction but retains the spiking [97], and the activation of this kinase is both necessary and sufficient 

for the induction of nodulation gene expression [98]. Blocking Ca
2+

 channels and pumps chemically 

inhibits both the Ca
2+

 spiking [99] and gene expression [100]. All of this suggests that Ca
2+

 is essential 

for the regulation of nodulation. Interestingly, many of these components are shared with the 

symbiosis pathway between plant and Arbuscular mychorrizae fungi. CCaMK is able to induce  

the expression of different genes according to whether the plant detects Nod or Myc (Mychorrizal) 

factors [101]. 

Figure 3. Schematic of the possible signalling components during symbiosis. Calcium can 

be released from the nuclear envelope (NE) into either the cytoplasm or the nucleoplasm 

via calcium release channels (blue). Calcium is actively removed from the volume back 

into the NE through the action of calcium pumps (red). Other transporters, such as a K
+
 

channel, may be involved in voltage regulation (pink). Passage of calcium ions between the 

interior and exterior of the nucleus may be possible through the nuclear pores (grey). 

Spiking occurs within the nucleoplasm and in the nuclear associated cytoplasm. The 

communication between different sides of the NE is discussed in Section 3.3. 

 

Key questions in this field are therefore: (1) how are the oscillations established and what are the 

molecular mechanisms of the core components; (2) what is the role of the nuclear membrane in 

generating peri-nuclear and nuclear oscillations; (3) how are the calcium oscillations decoded to affect 

downstream developmental programmes; and (4) is there a role for calcium in determining the 

specificity of the Nod vs. Myc pathway? These final two questions are discussed in a more general 

setting in the specificity section towards the end of this review. 
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Different hypotheses have been put forward to explain the generation of perinuclear calcium 

oscillations. In Granqvist et al. [22] a three-component ODE system (Equation (1)) located on the 

inner nuclear membrane is presented containing a Ca
2+

-activated K
+
 channel [27], a voltage-gated Ca

2+
 

channel and a Ca
2+

-ATPase [51] (Figure 3), described by equations similar to Equations (5) and (6), 

which in its simplest form is able to capture the observed global spiking behaviour. By including 

calcium-buffering species (e.g., proteins which bind calcium), the authors aimed to explain several 

experimental observations on the nature of the calcium signal that could not be accounted for within 

the buffer-free system. Firstly, that different spike shapes are observed when using different 

experimental techniques, secondly that the initial calcium spikes occur at a higher frequency than the 

later spikes, and finally that the oscillations terminate. Furthermore, imaging data is of calcium bound 

to a buffer and not the absolute value of the calcium concentration, so it is most useful to compare 

experimental data to Ca
2+

 bound to buffers within simulations. 

By changing the buffer dissociation constant to known values [102] the model could reproduce the 

various observed spike shapes for the different buffers used experimentally. The period of high 

frequency spiking observed initially could be explained by the presence of large quantities of unbound 

buffer at the start. By hypothesising that the perception of the symbiont signalling molecule causes an 

increase in buffering capacity within the nucleus, possibly by the migration of calmodulin to the 

nucleoplasm from the cytosol as is observed in animal systems [103], the model predicted that a period 

of rapid oscillations would occur if additional quantities of the signalling molecule were added during 

existing oscillations. This was indeed observed, demonstrating that components beyond those identified 

in previous genetic studies play an essential role in determining the calcium signal. 

A more unconventional approach to calcium signalling modelling was presented by Sciacca  

et al. [104] utilising a new methodology referred to as the Calculus of Wrapped Compartments  

(CWC) [105]. At its heart the CWC model is a term rewrite system [106], in which the biological 

system is described by a ―term‖ and the evolution of the system is modelled by the application of a set 

of ―rewrite rules‖. The form of the terms and rules considered within the CWC allows the description 

of membrane wrapped compartments, and can simulate the interaction of elements localised to 

membranes and within the compartmental volumes. These elements can represent a diverse array of 

biologically important substances, from proteins to simple signalling ions, whose interactions are 

described through the use of the rewrite rules. An example term would be 𝑡 = 2𝑎   𝑏 𝑐   4𝑑 𝑙 . This 

describes a single compartment   𝑏 𝑐   4𝑑 𝑙 , denoted 𝑙 , with two elements, 𝑏  and 𝑐 , on its surface 

(perhaps representing membrane embedded proteins), four atoms of 𝑑 within the compartment and two 

atoms of 𝑎 outside the compartment (representing individual molecules, enzymes or other biologically 

relevant components within the bulk). An example rule would be 

𝑡:   𝑎 𝑥   𝑏 𝑋 𝑙
𝑘
    𝑎𝑏 𝑥   𝑋 𝑙 , (7)  

which represents the binding of molecule 𝑏 by the membrane localised protein 𝑎 to form the complex 

𝑎𝑏 on the membrane, in the presence of any other membrane elements 𝑥 and volume elements 𝑋. This 

reaction has a rate constant 𝑘, which determines the probability of this rule being applied to the term 

during the evolution of the system. 

In describing nuclear-localised calcium signalling, Sciacca et al. [104] use a single membrane to 

describe the inner nuclear membrane and have calcium move between the nuclear envelope and the 
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nucleoplasm by introducing rewrite rules that describe the release of calcium ions, denoted Ca in the 

rewrite rules, through calcium channels (OCh in the open state, Ch in the closed state) and the uptake 

of calcium back into the nuclear envelope by a Ca
2+

-ATPase, 

250𝐶𝑎  𝑂𝐶ℎ   𝑋 𝜂  
𝐾𝑁𝐸
     𝐶ℎ   250𝐶𝑎 𝑋 𝜂  (8)  

  𝑥   𝐶𝑎 𝑋 𝜂
𝑓𝐻
  𝐶𝑎  𝑥   𝑋 𝜂  (9)  

Channel opening results in an instantaneous nucleoplasmic Ca
2+

 increase at a 2.5% level of the Ca
2+

 

in the nuclear envelope, while the calcium uptake is described by a Hill function rate (see Equation (6)). 

To cause channels to open, the authors consider the binding of an external signalling molecule, which 

transduces the signal from the symbiont to the nucleus, 

𝑆  𝐶ℎ   𝑋 𝜂
𝐾𝑆
    𝑂𝐶ℎ   𝑋 𝜂  (10)  

By considering this (as yet unidentified) signalling molecule, they show how a decaying quantity of 

the signalling molecule results in a calcium trace with decreasing spike frequency. Rather than attempt 

to directly compare the model-generated trace to the experimental traces, they focus on the information 

content of the spikes [107,108]. In this way, they show that the model captures the nuclear calcium 

dynamics in statistical terms. 

Both Granqvist et al. [22] and Sciacca et al. [104] attempt to explain the observation of the 

variation in spiking frequencies observed experimentally: the initial spiking has a higher frequency 

than that observed later. Sciacca et al. [104] suggests that the Ca
2+

 channels are opened by binding 

some signal molecule, generated when receptors on the root hair cell exterior bind Myc factor. This 

signal molecule is degraded over time, resulting in a reduced likelihood of channel opening, thereby 

leading to a reduced spiking frequency. Granqvist et al. [22] instead explain the high frequency spiking 

by the initial presence of unbound buffers, that eventually saturate resulting in a stable, lower 

frequency, oscillation. They hypothesise that the binding of Nod factor results in an increase in buffer 

capacity within the nucleus. The direct interaction between Nod/Myc factor reception and channel 

gating may not be consistent with current biological models [27], however the CWC approach has 

great scope for assistance in explaining the symbiosis processes. The method is extremely versatile; 

within the same mathematical framework, the authors have been able to study the spatial interaction 

between the Mychorrizal hyphae and the plant root [109], a technique that could be extended to the 

interaction of rhizobia and the plant within infection thread growth/formation, for example. Within the 

sphere of calcium modelling, it is simple to add additional rules to incorporate different gating models 

(the calcium channel is yet to be identified and characterised experimentally) and buffering affects. 

Beyond modelling the symbiotic calcium signalling the approach could be valuable in describing 

multi-compartment interactions in whole cell signalling and intercellular processes. 

Work on symbiosis signalling has so far concentrated on the temporal behaviour of the calcium 

signal. However, the spatial nature of the system can have important implications on the signals 

generated [63]. The signal within the nucleus is spatially inhomogeneous [60], and it is important to 

understand how the decoding protein perceives, and is affected by, the signal. Work studying the 

spatial dynamics of the symbiosis signalling [51] (described in Section 3.3) has so far been limited to 

the dynamics on the membrane. 
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6. Calcium and Polar Growth 

The anisotropic cell expansion seen in polar, or tip, growth plays an important role in plant 

development. Root hairs and pollen tubes have both served as model systems for dissecting the 

mechanisms underlying polar growth. The role of modelling in elucidating the mechanisms underlying 

pollen tube growth has recently been reviewed in Kroeger and Geitmann [110,111]. Calcium has long 

been identified as playing a role in tip growth [112] as have oscillations in pH and ROS. Interestingly, 

both the Ca
2+

 concentration at the tip and the growth rate oscillate [113–117], suggesting a mechanistic 

connection between the two. 

Kroeger et al. [118] developed a theoretical growth model to address the role of calcium in the 

observed oscillatory growth pattern of pollen tubes. Their work is of particular interest in that it links 

calcium patterns generated by a biochemical reaction diffusion mechanism to a dynamic biomechanical 

model for pollen tube growth. In order for cells to grow and maintain their structural integrity, wall 

expansion requires the addition of new wall material and the mechanical deformation of the wall 

(growing cell walls are typically about 0.1–0.5 µm thick). These processes are complementary and in 

order to maintain wall integrity it is likely they alternate during growth. Cell wall material is added by 

secretion and synthesis at the cell membrane and mechanical deformation of the wall is achieved as a 

consequence of stresses exerted by the internal turgor pressure of the cell, Figure 4A. Cell elongation 

was modelled as a viscous pressure driven flow with a stress-strain relationship and a continuity 

equation for pressure governing the process [119,120]. For incompressible fluids these relationships 

result in Darcy’s law, 

𝑢 =
𝐾

𝜇
∇𝑝 (11)  

and a constraint for the pressure profile,  

𝑝 = −𝛾𝜅  (12)  

which together are known as the Taylor-Saffman relations. Here, 𝑢 is the velocity of the viscous fluid, 

𝑝 is the pressure, 𝐾 is the permeability of the infiltrated medium, 𝜇 is the viscosity of the injected fluid, 

𝛾 the surface tension of the fluid interface and 𝜅 is the interface curvature. 

Experimental observations of a rigidity gradient due to methyl-esterification along the cell wall 

were described by an effective elastic constant of the cell wall. The elastic constant is the product of 

Young’s modulus and the cell wall thickness, both of which are time dependent. The elasticity of the 

cell wall is coupled to the calcium concentration at the cell wall; reduction of calcium softens the cell 

wall by preventing the gelation of pectin. In order to monitor the change of calcium concentrations 

over space and time, Kroeger et al. [118] used a reaction diffusion equation with a diffusion constant 

of 20 μm
2
/s in the cytosol and a diffusion constant of 0.03 μm

2
/s in the cell wall. Stretch-activated 

channels within the membranes are accounted for using the Einstein relationship for the diffusion 

constant. Using this relationship, the Taylor-Saffman equations and the conductance of a stretch-activated 

calcium channel, allowed the authors to estimate the number of active calcium channels at the tip and 

conclude there were approximately 10 at any given time. Cell wall thickness changes were modelled as 

being proportional to the cytosolic calcium concentration, following experimentally observed spatial 

correlations between high calcium concentrations and vesicle fusion rates. Kroeger et al. [118] predict 
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that endocytosis acts as a stabilising factor for the oscillations. Endocytosis itself requires a calcium 

dependence within their model as a means of preventing the cell wall from becoming too rigid and to 

soften the cell wall when the growth rate is very small. They hypothesise that a role of endocytosis in 

tip growth is to remove calcium from the apical cell wall, thus preventing cell wall stiffening and 

allowing the cell to maintain sufficient plasticity for anisotropic growth. The model correctly captures 

the oscillatory behaviour of pollen tube growth, cell wall thickness and calcium concentrations. As 

expected from the inverse relationship between growth velocity and the effective elastic constant of the 

cell wall, the maxima of wall thickness and growth rate do not coincide—they oscillate with a phase 

delay relative to one another. Furthermore, the model predicts a phase delay between the cytosolic 

calcium concentration and the growth rate of about 150°. Such a delay is qualitatively consistent with 

experiments, but the quantitative value is at odds with the 30–40° observed by Holdaway and  

Hepler [121]. The authors then used their model to study the effect of external calcium concentrations 

and calcium influx on pollen tube growth rates. They found a linear relationship between the period of 

the oscillations and the external calcium concentration. In Kroeger et al. [122] this study was extended 

by replacing Darcy’s law with Lockhart’s equation [123] in order to account for wall stresses. 

Lockhart’s equation coupled with equations for cell wall rheology and calcium dynamics from their 

previous study [118] was used to evaluate the role of turgor changes in pollen tube growth. Using this 

approach, Kroeger et al. [122] found that calcium lags behind the growth rate with a phase difference 

of 50°, consistent with experimental values. This latest paper [122] thus nicely captures the core ideas 

of their earlier work [118] but adds a substantial refinement that results in a better description of pollen 

tube growth. Further experiments will be needed to test and validate the current model before refining 

it further. Next steps may include the extension to 3D and the investigation of different channel  

gating mechanisms. 

Liu et al. [124] also studied pollen tube growth but their focus was on the maintenance of 

intracellular ion gradients and the relationship to oscillatory dynamics. Whereas at the tip, calcium, 

growth, etc. all oscillate, the pollen tube shank appears to be in steady state. In particular, the authors 

sought to address how stable cytosolic gradients are established, how the system deals with 

perturbations, and the role of oscillations in forming ion gradients. To address these points, a simple 

two-compartment model consisting of a tip region and the shank was constructed. The compartments 

are assumed to be homogenous and have the ability to exchange ions by diffusion and cytoplasmic 

streaming. Furthermore, both the tip and shank region include transporters for the potassium, calcium, 

protons and chlorine, Figure 4B. Guided by experimental observations they built a number of 

assumptions into their model: that calcium enters the pollen tube at the tip and there are different 

abundances of proton ATPases in the tip and shank region (accounted for by changing the parameters 

in the H
+
-ATPase pump). ODEs (Section 2.2) for the top and the shank are used to describe the 

temporal evolution of the ion concentrations in the model. This model can reproduce oscillations 

between 3.8 and 4.8 µM in the tip region, and also shows oscillations in the shank region but with an 

amplitude six orders of magnitude lower (7 × 10
−6

 µM), thus maintaining a ―steady state‖ in the shank. 

Likewise the pH value oscillates at the tip but is stable in the shank. The authors find that oscillations 

at the tip are not important for establishing ion gradients, as would be expected from basic 

electrophysiological considerations. 
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Figure 4. Models for the role of calcium in tip growth. Model A aims to capture the 

viscoelastics of tip growth by considering a fluid growing under pressure into another fluid. 

Calcium is hypothesized to have an effect on the exocytosis rate. Model B investigates the 

establishment of calcium gradients between compartments and the role of oscillations. 

Both the tip and shank region include transporters for the potassium, calcium, protons and 

chlorine. Gradients do not require oscillations for their establishment or maintenance. 

Model C studies the role of calcium on actin and ROP1. This model included a number of 

hypotheses that were evaluated both computationally and experimentally to put forward a 

validated network for the feedback between the various components of their model. 

 

This fixed compartment volume model is then extended using a power-law formalism (with all 

exponents set to 1) to account for growth as a function of the ion concentrations, thus forcing ion 

oscillations to lead to growth oscillations. Two further ordinary differential equations are added to 

account for volume changes at the tip and shank. To address the question of whether growth 

oscillations lead to ion oscillations, a sinusoidal growth rate was imposed. Two hypotheses are put 

forward from the model that could account for a feedback from growth onto the ion concentrations: 

firstly, the transition of tip membrane into shank membrane, and secondly a change in the transport 

kinetics as a function of growth. This work nicely demonstrates how simple models (in terms of  

spatio-temporal dynamics) can lead to some interesting findings that go beyond recapitulating 

experimental observations. It would be interesting to try to reduce this model further to distil out the 

Guided by experimental observations they built a number of assumptions core components in the 

system and then to build the model up to investigate the contribution from each new addition in  

more detail. 
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The models of Kroeger et al. [116,120] use stretch-activated channels, whereas the mechanism for 

calcium release in Liu et al. [124] is voltage-activated. In a model put forward by Yan et al. [125], 

increases in apical calcium influx are attributed to the ROP1 (RHO related GTPase) activation of the 

RIC3 pathway. The focus of this research was to understand the role of calcium in linking ROP1 and 

actin. One of the first models for the interaction between calcium and the cytoskeleton was put forward 

by Goodwin and Trainor [126]. They modeled the dynamics of calcium in the cortical cytoplasm of 

plant cells using mechanochemical field theory. Their model resulted in a system of two non-linear 

PDEs. This system was solved numerically [127] and investigated further in terms of oscillations by 

Briere, C. and B.C. Goodwin [128] and subjected to stability analysis [129]. The authors observe 

periodic, aperiodic and chaotic behavior in their models. This was perhaps the first successful attempt 

to take elements of the spatio-temporal organization of the cell as well diffusion and mechanical 

effects into account. 

The mathematical model of Yan et al. [125] simulates the observed changes in ROP1 activity 

caused by F-actin disruption and suggests a role for calcium in the negative feedback regulation of the 

ROP1 activity, Figure 4C. The authors propose two different models to account for this feedback. The 

models predict that either calcium promotion of F-actin depolymerisation or calcium activation of 

ROP1 inactivators such as RopGAP is sufficient for the generation of oscillating ROP1 activity. They 

formulated the models as delayed differential equations with the delay characterizing the lag between 

ROP1 activity and calcium accumulation. The authors find that this delay is important for the 

establishment of oscillations and that a delay of 8 s was able to reproduce experimental observations 

with a period of 80 s. Both models are able to fit the data. They therefore investigated differences in 

the model behaviour for perturbations to the system, thereby suggesting experiments to validate their 

assumptions and predictions. They conclude that F-actin provides positive feedback regulation of 

ROP1 and that this feedback is key for oscillations. This assigns a critical role to apical calcium in the 

feedback for ROP1 activity and leads to predictions for elevated calcium concentrations that the 

authors followed up on by perturbing calcium levels. Consistent with their model they find that higher 

calcium levels lead to ROP1 depletion at the tip, whereas decreasing calcium maintains high ROP1 

levels, but in both cases no ROP1 oscillations occur. 

7. Calcium and Stomata 

Stomata are microscopic pores found in the plant epidermis through which plants control gas 

exchange with their environment. The stomatal complex comprises the pore, a pair of guard cells that 

surround the pore and, in some species, subsidiary cells that separate the guard cells from the 

epidermal cells. A sketch of the stomatal complex is given in Figure 5 showing selected organelles and 

ion transporters. Stomatal opening and closing is the result of one or more biotic and/or abiotic factors, 

for example, CO2 concentration and the drought hormone, abscisic acid (ABA). These stimuli affect 

the plant, which in turn regulates the stomatal aperture by changing the guard cell volume by osmosis. 

When the volume of the guard cells increases the stomate opens, thereby increasing the gas flux into 

and out of the plant. The incoming CO2 is consumed by photosynthesis but at the expense of losing 

water vapour. The stomate closes when the guard cell volume decreases. The stomatal pore width 

therefore exerts a large influence on the rates of photosynthesis and transpiration. 
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Figure 5. Sketch of a stomate showing a pair of guard cells containing the vacuole and the 

ER. Channels/pumps are indicated by the lines, with the arrows showing the ion transport 

direction. Exchangers are drawn with double arrows. 

 

The review of Kim et al. [130] and the references therein reveal that the signalling pathways in 

guard cells are complex and are mediated by several mechanisms including ion channel regulation. 

Ions, such as K
+
, Cl

−
 and Ca

2+
, play pivotal roles in these signalling networks. Modelling ion fluxes 

and their rates of changes leads to systems of differential equations of varying complexity as described 

in Section 2.2. Bayesian graphical models and Boolean networks [131] provide alternatives to ODE 

models, and are particularly useful at identifying an ―optimal‖ network from a panoply of potential 

networks. In silico models of the networks and/or the ion flux regulation that leads to stomatal aperture 

changes can be used to complement wet-lab experiments, or possibly identify fruitful avenues for 

further study. 

A Boolean-based network method was used by Li et al. [132] to investigate the signal transduction 

network of ABA, which causes stomatal closure and inhibits opening. The authors based their 

investigation on a small set of inference rules that merge two closely related processes, representing 

activation and/or inhibition, into a single process. Repeated application of the rules to the set of  

121 experimentally identified processes yielded a signalling network incorporating enzymes, 

secondary messengers, signalling proteins and membrane transporters. In the network there were 

multiple redundant paths that link ABA to stomatal closure. Path analysis of the network does not 

capture cooperativity between signals and so the authors employed a dynamic model characterised by 

the on/off state of a node. Although this approach lacks the temporal dimension associated with 

reaction rates, it does provide insights when the individual processes have been identified but some or 

all of the quantitative kinetic parameters are unknown. To overcome the absence of kinetic data in the 

model the relative timing of each process and its initial state are chosen randomly. By an appropriate 

choice of the timestepping algorithm and a large number of simulations (10,000) the dynamic response 

was elucidated and the probability of stomatal closure was calculated and compared to the wild-type 
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response. One or more nodes were then systematically switched off (thereby mimicking genetic  

knock-outs) to gauge the sensitivity of the network. The link between ABA and stomatal closure was 

completely severed in the model by the simultaneous disruption of four network nodes: actin 

reorganisation, cytosolic pH increase, malate breakdown and membrane depolarisation. Disruption  

of cytosolic Ca
2+

 increase predicts slower than wild-type closure, whereas a disruption to the  

Ca
2+

-ATPase node leads to a faster than wild-type response. To test the cytosolic pH predictions, the 

authors compared their results to experiments where the pH is clamped using the weak acid butyrate. 

This was expected to disrupt stomatal closure because cytosolic pH acts as a messenger during the 

process. Experimental results and predictions were consistent, i.e., increasing butyrate led to decreased 

ABA sensitivity. Further experiments were suggested based on the predicted network. The predictions 

suggest several novel interactions related to ABA responsiveness. In summary, the method provides a 

flexible framework which can be generalised and applied to other processes where quantitative 

information is absent or incomplete [133]. 

The network analysis of Li et al. [132] incorporated over 40 identified components in the  

ABA-signalling network of guard cells. The earlier theoretical work of Veresov et al. [134] examined 

the action of ABA but limited the scope to calcium signalling. Based on experimental observations, the 

authors proposed a model that included the endoplasmic inositol 1,4,5-triphosphate-sensitive  

(IP3-sensitive) channel and Ca
2+

-ATPase pump, together with the cyclic ADP-ribose-sensitive 

(cADPR-sensitive) channel and the Ca
2+

/H
+
 antiporter in the tonoplast. The reaction kinetics were 

modelled by a set of ODEs which were simplified by treating some of the differential equations as 

stationary. Kinetic parameters were obtained from the literature where available, e.g., cADPR-gated 

calcium release [135], and the remainder from simulations. The resulting model simulated oscillations 

in the cytoplasmic Ca
2+

 concentration for a range of ABA concentrations (0.01 and 1 µM) provided 

both channels were included. The model predictions showed good agreement with published 

experimental results for Commelina communis and for the two chosen ABA concentrations. 

The increasingly extensive kinetic characterisation of the processes involved in guard cell aperture 

changes was brought together into the OnGuard model by Hills et al. [136]. The model integrated the 

cytosolic-free Ca
2+

 concentration together with pH, other ions, osmolite metabolism, membrane 

transporters, and a wealth of published kinetic and channel gating parameters into a system that 

represented a Vicia faba stomate. 

The model considered the apoplast, the cytosol and the vacuole as three membrane-separated 

compartments where the apoplast was assumed to have infinite volume due to the use of experimental 

results from epidermal peels. The complexity of the cytosolic calcium buffering was dealt with by 

treating the process as a ―black box‖ with a single calcium buffer. The model included a total of  

25 membrane transporters: 11 on the plasma membrane and 14 on the tonoplast. Of these transporters, 

both membranes had Ca
2+

 channels and Ca
2+

-ATPase pumps, the tonoplast also had a CAX-type 

Ca
2+

/H
+
 antiporter and ten of the other channels were kinetically sensitive to Ca

2+
, e.g., the H

+
-ATPase 

on the plasma membrane. The ion flux through a channel was described as a function of several 

variables, including the membrane potential, channel open probability and the channel conductance, 

and the equation easily catered for voltage- and ligand-gated channel control mechanisms. The 

majority of the kinetic parameters for the model were taken from published experimental results for 

Vicia guard cells; however where values were unavailable published results from other species, e.g., 
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Arabidopsis, were used. The stomatal aperture was introduced by equations that independently and 

linearly relate the aperture to turgor pressure and guard cell volume. A separate equation for the guard 

cell volume was derived in terms of the turgor pressure and concentration of osmotically active 

solutes. These equations provided a basis for an iterative method that linked the compartmental and 

membrane kinetics to guard cell volume changes and hence stomatal aperture. 

The model was used to compute open and closed stomatal reference states given a set of solute 

concentrations and membrane voltages. The open state was found by setting the initial conditions to 

values typically found in an open stomata and the closed state was found by substantially reducing the 

currents of the primary pumps at the tonoplast and plasma membrane. These reference states provided 

configurations with which to test the parameter sensitivity of the model. The model was substantially 

less sensitive to changes in the transport activity parameters than to variations in the densities of 

transporters directly affected by unbound Ca
2+

 and pH in the cytosol. To mimic environmental 

scenarios, the model was interrogated as to the effects of changes to external solute concentrations. 

Published experimentally observed responses were captured by both reference states. 

The absence of a diurnal cycle in the OnGuard model [130] was addressed in the follow-up work of 

Chen et al. [137]. The day-night transition was effected by introducing a hyperbolic dependence on 

light to the turnover rates of the primary membrane transporters (H
+
-ATPases, Ca

2+
-ATPases,  

H
+
-PPase) and the rates of sucrose and malate synthesis, with the latter two set to zero during the 12 h 

dark period. The 12 h light period was simulated by linearly increasing the light parameter from zero 

to a maximum and then back to zero. The diurnal cycle of membrane voltages, stomatal turgor, volume 

and aperture produced by the model, agreed well with observations. Predicted total vacuolar and 

cytosolic [Ca
2+

] showed the vacuolar concentration increasing during the day and the cytosolic 

concentration peaking sharply during the first few hours of darkness (as did the cytosolic-free [Ca
2+

]). 

The model predicted voltage and cytosolic-free [Ca
2+

] oscillations during the 3–4 h day to night 

transition that were noted to be broadly consistent with previous observations. The standout prediction, 

however, is the diurnal variation in the resting cytosolic-free [Ca
2+

], in particular the significant 

daytime increase despite the enhanced export of Ca
2+

 from the cytosol during this time. This 

counterintuitive prediction was explained as a result of plasma membrane hyperpolarisation, which 

limits the kinetics of the Ca
2+

-ATPase and Ca
2+

 channels located there. This mechanism provided an 

explanation without the requirement for a feedback loop, as suggested by Dodd et al. [138], although 

the authors point out that one does not preclude the other. It should also be noted that the investigation 

of Dodd et al. [138] was experimental and only in Arabidopsis whereas OnGuard [130] is kinetically 

characterised by multiple species. 

Using a variety of methods the authors of the works described above are able to prise out novel 

predictions. The work of Li et al. [132] utilises a Boolean-network approach to synthesise the ABA 

signalling network from a set of known process and then successfully tests one of the predictions 

experimentally. This approach however is criticised by Chen et al. [137] due to the availability of 

kinetic parameters, albeit drawn from several species and cell types. By using a kinetics-based model 

Veresov et al. [134] were able to quantitatively predict experimentally observed calcium oscillations. 

The results of Veresov et al. [134] are included in the review by McAinsh and Pittman [139] who 

provide a list of the Ca
2+

 transport pathways and also refer to the work of Li et al. [132]. The OnGuard 

system of Hills et al. [136] brings together the increasingly comprehensive knowledge of the guard cell 
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and generates reference states that accurately represent an open and a closed stomate. Chen et al. [137] 

introduce a diurnal cycle to the OnGuard system to model the effect of the day-night cycle on the 

stomate. Their work not only successfully captures experimental observations but also facilitates  

novel predictions. 

8. Calcium and the Circadian Clock  

The diurnal cycle has a significant effect on calcium behaviour [137,140]. Living systems internally 

measure and react to the diurnal cycle by means of the circadian clock, a genetic network that regulates 

the rhythms in biological processes throughout the organism. The unravelling of gene regulatory 

networks and mechanisms underlying the circadian clock in plants has benefitted significantly from 

contributions from mathematical modelling [141,142]. A main goal of this research has been focused 

on understanding the entraining and robustness of these networks and has led to some important 

insights as well as new genes and suggested further experiments [143]. That calcium base levels 

oscillate with a circadian period had been reported but until recently the feedback mechanisms had not 

been elaborated on. Not only the circadian oscillator but also light signalling is known to influence 

oscillations in cytosolic free calcium concentration and the phase of this oscillation changes in 

response to photoperiod. Using reverse engineering and control theory, Dalchau et al. [144] 

investigated whether this dual regulation might be determining the phase of the oscillations to test the 

external coincidence hypothesis, which states that the resulting phase arises from the coincidence 

between the phase of the oscillator and that of the external light and dark cycle. 

The issue of missing or poorly defined parameters is well known to most systems biologists, as are 

ways of dealing with this. It is common to proceed with parameters from other experiments, often with 

different organisms under different conditions, such as in the OnGuard model [136] described above, 

or to optimize the parameters to fit the available data and then use further experiments as validation to 

iteratively improve the model and its parameters. Other approaches include simplifying the description 

of the system to find an analogous description that is still adequate but that requires fewer parameters, 

such as approximating mass-action kinetics by Boolean networks. These approaches are still typically 

based on what we think the underlying gene network is or approximations thereof. Given the amount 

of data and the nonlinearities of the models, parameter inference can quickly become a computationally 

daunting task. This is even more pronounced for methods that attempt to take the underdetermined 

nature and uncertainty of the parameters into account, such as Bayesian inference and Markov Chain 

Monte Carlo variants. 

Another interesting way of tackling the issue of unknown parameters is the approach used most 

successfully by Dalchau et al. [144] in which the authors essentially move from the exploration of 

parameter space for a given model to sampling a model space of linear time-invariant models with 

delay parameters (the delays correspond to interactions between the inputs). Rather than aiming at 

fine-tuning a mechanistic model to existing data, this approach (known as systems identification or 

genetic programming) seeks to describe the available data with a small set of linear differential 

equations. The advantages of using small linear systems are massive in terms of the ease of parameter 

estimation, allowing large sets of models to be evaluated rapidly. This combined with model validation 

with data unseen by the fitting process allows for the model space to be explored and good models 
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selected. Dalchau et al. [144] used this approach to derive mathematical models from bioluminescence 

data for oscillating cytosolic calcium with light and the promoter activity of the clock control gene, 

CCA1, as input. 

By using so-called hidden variables in the model it is possible to account for further complexities in 

the connections between variables, i.e., to unknown, uncharacterized or non-modelled pathways. 

Hidden variables arise in the model when the number of measured outputs is less than the number of 

equations describing the system, i.e., some of the outputs are not observed. Adding hidden variables 

gives more complexity to the system but this needs to be justified by increasing good fits to the data. 

Information-based criteria exist for guiding this model extension process and reducing the risk of  

over-fitting [145,146]. Optimal models were found to have one hidden variable in this example. By 

simulating effects of mutations in CCA1 and the hidden variable and comparing these observations 

from CCA1 and photoreceptor mutations, the authors were able to draw inferences regarding possible 

biological meanings of the hidden variable. The model demonstrated that oscillations were controlled 

by both rapid light signals and circadian inputs. This results in an incoherent feedforward loop for the 

control of cytosolic [Ca
2+

] by light. The relative importance of both nodes in this feedforward loop was 

estimated by frequency domain analysis (Bode plots). The hypothesis that rapid light input is 

associated with correct circadian timing was tested by subjecting over 3.5 thousand rhythmic 

transcripts from published microarray data to a Bode analysis. Over one thousand of these resulted in 

good models. The authors suggest that for the remaining transcripts their linear systems are not 

complex enough to capture the observed dynamic behavior. 

Dalchau et al. [144] thus took an interesting approach in this work by using a control theory 

framework that may be of wider use in modeling calcium dependent processes with sparse data. A 

valuable lesson can be learnt from the success of this approach. Whilst using low-order linear 

equations to describe biological systems clearly departs from our understanding of what is taking place 

mechanistically, the approach was nevertheless a sensible approximation given the amount of data 

available [147]. Modeling systems at the mechanistic level is often desirable as the parameters of the 

model often map directly onto biological quantities, such as concentrations or binding constants that 

can be perturbed. However, given the typical amount of data to fit the models, the parameters are often 

very poorly defined and/or multiple consistent solutions exist. The idea of focusing on predictions 

rather than parameters [148] could therefore be extended to focus on predictions rather than models or 

parameters. Indeed, within the Bayesian framework if these are uncertain they should be integrated 

out. It would be interesting to contrast this exploration of linear time invariant systems with an 

analogous approach based on sampling function space during regression as is employed in Gaussian 

Processes [149] and Bayesian approaches for handling parameter uncertainty to understand better the 

constraints on model and parameter space imposed by typical biological data. 

9. Calcium and Systemic Responses 

Electropotentials are generated in response to a range of biotic and abiotic stimuli and are a means 

of rapid communication eliciting responses far from the original stimulus. The two main forms that 

have been modelled are action potentials (APs) and variation potentials (VPs) [150]. The generation  

of an electropotential is associated with the passive fluxes of the ionic species Ca
2+

, Cl
−
 and  
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K
+
 [150,151]. An initial influx of Ca

2+
 triggers a Cl

−
 efflux through voltage-dependent anion channels, 

which results in a rapid depolarisation of the membrane (see Figure 6), which is known as an 

electropotential. This depolarisation further activates outward K
+
 channels that are responsible for a 

slow repolarisation phase. APs and VPs are responses to different stimuli. An action potential is 

triggered by a non-damaging stimulus (e.g., cold, pH changes, salt stress), and is propagated  

by voltage-dependent Ca
2+

 channels, whereas a variation potential is generated in response to 

damaging stimuli (e.g., wounding, chewing insects) and is propagated by mechanosensitive [152] or 

ligand-gated [153] Ca
2+

 channels. 

Figure 6. Schematic of an action potential, showing the variation of the membrane voltage, 

Vm, at a single location as a function of time. A stimulus of various magnitudes applied at 

the time indicated by the arrow triggers a response that is dependent on the magnitude of 

the stimulus. A small stimulus (purple) results in a small membrane depolarisation that 

rapidly returns to the resting potential (vrest, dashed). A large stimulus (red) is sufficient to 

trigger Cl
−
 channels that result in a large membrane depolarisation (the action potential). 

The initial depolarising stimulus must be greater than some threshold value, vT, (indicated 

by the grey line) to trigger the Cl
−
 channels and cause the development of the action 

potential. The action potential is an all or nothing response, any supra-threshold stimuli 

will result in the same action potential response. 

 

Sukhov et al. [154] proposed a model for AP development. The model incorporates the transport of 

ionic species (H
+
, Ca

2+
, Cl

−
 and K

+
) across the plasmalemma, including five carriers (inward and 

outward K
+
 channels, Cl

−
 channels, H

+
-ATPase, 2H

+
/Cl

−
 symporter) as well as cytoplasmic and 

apoplastic buffers on the basis of the model by Gradmann et al. [155,156]. Additionally the model 

includes a H
+
/K

+
 antiporter, a Ca

2+
 channel and a Ca

2+
-ATPase. The aim of the model was to 

demonstrate the important influence of H
+
 on the generation of APs. They suggest that the Ca

2+
 influx 

inhibits the export of H
+
 at the same time as activating the Cl

−
 channels. Initially, changes of the 
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membrane potential due to electrical stimulation and gradual cooling are modelled and compared to 

experimental data to validate their model. By decreasing the activity of the H
+
-ATPase, the authors 

show that the amplitude of the AP is reduced, and if the portion of inactivated pumps is in excess of 

50% the AP does not develop at all, demonstrating that AP development requires H
+
-ATPase activity. 

They further show that Ca
2+

 interacts with the H
+
-ATPase as suggested, but that this interaction is not 

required for AP development. 

In Sukhov et al. [157], the authors extend their previous work to study the propagation of APs 

through a plant tissue, presenting the first detailed model of AP propagation in plants. Cells from the 

previous paper were connected together to form a grid, allowing electrical conductivity and diffusion 

of apoplast ions between nearest neighbours. The development of an AP is a slow process in plants so 

the Hodgkin-Huxley equation for the membrane potential is replaced by a stationary one [158,159]. 

The difference between the current and the stationary membrane potential during simulations is 

assumed to be small for the conductivities used, which results in significant computational savings. 

The model is able to capture the quantitative details of experimental AP propagation when examining 

behaviour of the membrane potential. Sukhov et al. [157] go on to test the effects of cell-to-cell 

conductivity and the activity of the H
+
-ATPase on signal propagation, finding that increasing  

cell-to-cell conductivity and decreasing the membrane potential threshold (corresponding to decreased 

activity of the H
+
-ATPase) accelerates AP propagation. Interestingly, it is seen that properties that 

result in good AP propagation are generally bad for AP generation. 

The only VP model to date was presented in Sukhov et al. [160], which extended the authors’ AP 

work. The authors consider a ligand-gated Ca
2+

 channel that is triggered by the binding of some 

―wounding substance‖ that diffuses from the wounding site through the plant xylem. The model was 

able to simulate VP propagation and showed qualitative agreement with experiments. The decaying 

ligand concentration away from the site within the model results in a decreasing VP as has been 

observed [161]. They demonstrate that the fluxes of H
+
 and Cl

−
 have an important effect on the 

characteristics of the VP; H
+
 inactivation leads to a longer lasting depolarisation phase, while the VP 

impulses are caused by Cl
−
 channel activation. However it was difficult to characterise these effects 

independently of the Ca
2+

 channel behaviour. 

The models of AP generation and propagation by Sukhov et al. [154,157,162] focus their 

investigations on the proposed inhibition of a H
+
-ATPase by the Ca

2+
 influx. Conceptually we might 

expect reducing the efflux of positively charged ions from the cell would be beneficial to creating the 

membrane depolarisation seen in an AP, and reactivation of the pumps would aid in repolarisation, as 

is observed. The result that complete inhibition of the H
+
 pumps for the duration of the AP reduces the 

amplitude (or kills generation altogether) is unexpected, showing that the development of an AP is a 

more complex process than previously thought. 

The behaviour of the H
+
-ATPase, along with the cell-to-cell conductivity, was seen to have an 

important effect on propagation, due to its influence on the membrane potential threshold for 

propagation. Sukhov et al. [157] demonstrated that those cells that are optimised for AP propagation, 

such as phloem sieve elements, struggle to generate APs. This explains the observation [150] that AP 

generation is likely to occur elsewhere and move into the phloem, where it can be propagated to reach 

the signal target. In all their models (AP and VP), the authors neglect other Ca
2+

 sources that may be 

important, such as vacuoles or the endoplasmic reticulum. It was shown [163] that internal stores were 
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the main source of Ca
2+

 release during AP generation. Furthermore, both the tonoplast and 

plasmalemma membranes undergo excitation, suggesting that these other ionic stores could have a 

significant impact on generation of plant APs. 

10. Calcium and Specificity 

The specificity question is recurrent in the field of calcium signalling research: how can the same 

simple messenger (that isn’t chemically altered) convey information about the stimuli to elicit an 

appropriate response? Notwithstanding other possible elements acting in parallel along the signalling 

pathway, an appealing hypothesis is that the spatio-temporal properties of the Ca
2+

 signal encode 

information about the particular stimulus and determine the specific elicited response [139,164]. 

Whereas in animal systems this hypothesis has found wide experimental support, experimental 

evidence remains scarce in plants, and it is still not known if changes in calcium ion concentrations in 

plants act as more than just essential chemical switches [165,166]. Modelling can uncover the factors 

behind a particular calcium signature, distinguishing those that depend on the stimuli from those that 

are cell-specific. On the decoding side, it can also suggest biological reasons for a given signature. A 

key prerequisite of untangling the specificity question is the knowledge of the signal. 

10.1. Inferring Calcium Signatures from Calcium Time Series 

High noise levels, cell movements and experimental artefacts such as fluorescence bleaching hinder 

the accurate detection of the characteristics of the Ca
2+

 signal. Typical methods such as Fourier 

analysis or wavelets typically struggle with short noisy signals. To reduce these limitations 

preprocessing techniques are often employed. However, the applied data transformations may lead to 

the loss of relevant information. Granqvist et al. [167,168] use Bayesian inference [169] and express 

data uncertainties in terms of probabilities. Bayesian spectral analysis [170] begins by the formulation 

of a model of the observed data parameterised by the angular frequency and the amplitude. A prior 

distribution is assigned to the amplitude, and by integrating over it and using Bayes’ rule, the most 

probable frequency can be inferred by analysing the full posterior distribution. Nested sampling [171] 

is used for selection between alternative models, being especially useful in the presence of multiple 

frequencies. The method is applied to calcium spiking observed in Medicago truncatula root cells 

during plant-microbe interactions. 

Even acknowledging the many uncontrollable factors that perturb the gathering of calcium data, it is 

important not to assume that random effects are necessarily behind any less regular appearance of 

calcium time series. Deterministic chaos can easily be mistaken for noise [172], as chaotic systems are 

highly sensitive to initial conditions. Kosuta et al. [173] resort to a variety of mathematical methods—tests 

for determinism [174], indicators of nonlinearity and the calculation of Lyapunov exponents [175]—to 

distinguish noise from chaos in cells undergoing either Myc- and Nod- factor-induced calcium 

oscillations. Showing that in most cases the exponents are positive for both symbiosis, they suggest 

that calcium spiking may be chaotic [176]. The chaotic nature of these signals may have implications 

for specificity. Interestingly, Buschmann et al. [25] note that the influence of an independent calcium 

oscillator on voltage-gated membrane transport can create irregular (even chaotic) behaviour of 

membrane voltage, and the model of Granqvist et al. [22,167] has a chaotic regime, although not in 
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biologically relevant parts of parameter space. Given the discrete nature of individual signalling 

components, we can expect that for low concentrations, the ODE based approach will cease to become 

a good approximation and stochastic simulation methods will become better suited. How such 

seemingly random discrete events are coordinated to produce global scale oscillations and waves 

remains a challenging question at the heart of calcium signalling. The use of new calcium reporters, 

higher resolution microscopy and advanced modelling techniques are bringing us closer to addressing 

such problems and determining what signal the decoding-proteins are challenged with. 

10.2. Different Stimuli Alter the Functioning of Transporters and Buffers 

The calcium signature is primarily shaped by the influx and efflux systems. If stimuli alter  

the functioning of the transporters then information about stimuli may be encoded in the  

calcium signature. 

In Bauer et al. [18] the information about the stimuli is conveyed by a Ca
2+

 oscillation frequency 

that increases with the Sr
+
 dose that opens the calcium-permeable channels, at the same time that the 

amplitude decreases. Likewise, Brière et al. [49] used the fact that different stimuli are associated with 

different shapes of calcium transients, to guess how variations in pH or temperature may affect the key 

processes of the model, such as the influx rate or buffer’s binding properties. 

Bose et al. [83] adapt the model of Bauer et al. [18,23] to capture the influence on the cytosolic 

Ca
2+

 signature of two kinds of efflux systems: ATPase pumps with high affinity but low capacity, and 

CAX (calcium exchangers) with low affinity but high capacity. They show that varying activities of 

ATPase and Ca
2+

/H
+
 exchangers generate different Ca

2+
 cytosolic signatures on a short time scale. 

While the exchanger merely shifts the location of the first Ca
2+

 peak, the ATPase pump changes in 

addition the speed with which the Ca
2+

 concentration drops. Like Brière et al. [49], they fit the model 

to experimental data of responses to various stimuli. Using realistic initial conditions, they demonstrate 

that the model can adequately reproduce the response to cold, osmotic stress, touch and H2O2 

treatments by changing the proportions of ATPases and exchangers. Most importantly, the modelling 

results are in agreement with the expected physiological changes under stress. 

This indirect influence of the stimuli on Ca
2+

 transients shows that the calcium signature is 

mediated by the particular conditions of the system. As long as it is possible to experimentally measure 

those conditions, it should be possible to infer the shape of the calcium signature induced by changing 

levels of specific stimuli. But regardless of how they are stimulated, different cells can have different 

types of transporters. Presumably this would imply that the same stimuli might induce different 

calcium patterns. Moreover, cells can also differ within the same system, raising questions about the 

meaning of the calcium signature when calcium levels are measured at different scales or at different 

points in the system. In particular, Bose et al. [83] suggest that the experimentally observed presence 

of a second peak after an anoxia treatment may result from the heterogeneous oxygen profiles of the 

cells that exist even in the unstimulated plant, which are unlikely to coincide with the presence of 

different decoding elements. It would be interesting to know the extent to which the results of this 

model can explain previous observations in other contexts: for instance, Kiegle et al. [177] investigate 

cells belonging to different tissues exposed to various stresses and report distinct signatures. 
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10.3. The Experimentally Recorded Signature May Be Very Different from the Relevant One 

Plant calcium signalling occurs within and between living, dynamic plant cells, often resulting in 

noisy single-cell data [178]. The reported calcium signature is, therefore, commonly based on 

measurements averaged over several cells. However, this averaging may miss subtleties and 

differences in the local patterns that decoding proteins are challenged with. It is important to know 

how a local specific calcium response propagates over a long distance, and how much information 

about the local response is retained at the global level. To begin to address these questions, Bose  

et al. [83] average the calcium kinetics over a population of many cells with a normal distribution of 

the pumps and exchangers, showing as expected that the integrated calcium signature has a lower 

amplitude and broader oscillations than the individual cell. A similar comparison was conducted by 

Dodd et al. [140] who used low-temperature-induced Ca
2+

 signals to investigate whether the circadian 

clock modulates Ca
2+

-based signalling pathways. Low temperatures induced transient increases in 

cytosolic [Ca
2+

] throughout the plant and they preceded stomatal closure. The authors noted a 

difference between repetitive Ca
2+

 oscillations seen in individual guard cells and the ―spike-shoulder‖ 

pattern observed for a population of guard cells. They investigated whether low-temperature-induced 

[Ca
2+

]cyt increases measured from a population of guard cells were likely to represent the summation of 

cold-induced single-cell [Ca
2+

]cyt oscillations. In their model, the single-cell cytosolic Ca
2+

 

concentration was represented by a modified sine-wave with peaks and troughs that decayed with time, 

and with the period treated as a normally-distributed random variable (mean 154s [179]). The authors 

show that the summation of a sufficient number of individual oscillations could produce the observed 

population level signature. The result implies that the difference between the calcium kinetics 

measured at the level of an individual cell and of many cells may not be an experimental artefact. 

Moreover, it implies that the information of the global signature may be misleading if we want to 

investigate the stimulus-specific calcium code that is relevant at the single-cell level. 

To study in more detail the mechanisms underlying the relation between the local and global 

signatures, Plieth [180] proposes to model the propagation of Ca
2+

 signals between cells. The 

excitation of a cell results in a calcium spike described by a sum of exponentials, and can be 

propagated to neighbour cells according to cellular automata type rules. Not surprisingly, the overall 

signal mostly differs from the individual cellular response when few cells are excited at the start, or 

there are many cells, or when it is difficult to transmit the excitation because of high thresholds for 

excitation. Most interestingly, this modelling approach permits the consideration of a great variety of 

complex geometries common in plants. The definition of the neighbours depends on the shape of the 

plant; certain geometries will lead to a successive stimulation of a cell at a time whereas others will 

lead to the simultaneous excitation of several neighbours at once. The architecture of delays 

determines how much information about the individual signal can be transmitted to the whole plant. To 

demonstrate, the author shows that when the morphology is elongated, branched or dendritic the shape 

of an individual spike is not recognisable at a global level. 

Moreover, in those more complex shapes, the capacity of the first simulated cell to transmit its 

signature to the entire plant depends on its particular location on the plant. If this is true, we can 

conclude that the shape of the cell organelles influences the calcium signature. Therefore care must be 
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taken during experimental measurements to avoid inferring from the global signature the local signal 

that a decoding protein is confronted with. 

Cellular automata type models commonly refer to binary behaviours. In Plieth’s model [180] a cell 

is either excited or not, and all the individual excitations look the same. Going beyond a binary rule 

could help clarify how the different geometries may affect the transmission of the specific calcium 

kinetics from the place where the plant was stimulated to a distant cell. This is relevant for instance 

during symbiosis, where it was shown [43] that particular Ca
2+

 spiking responses are associated with 

different key stages of transcellular infection. Moreover, the efficacy of cell-to-cell signal transmission 

must necessarily depend on the cell compartment that initiates calcium signalling. In a symbiosis 

context, Ehrhardt et al. [181] observe that adjacent cells have an autonomous response to rhizobium 

nodulation signals; arguably, we expect that if calcium spiking originates in the nucleus [47] 

propagation to adjacent cells should be less efficient than if it originated near intercellular membranes. 

10.4. Finite Oscillatory Signals Are Optimally Decoded by Specific Proteins 

Ca
2+

 elevations are finite in time and if they last for long they tend to be oscillatory, with the 

interplay between channels, Ca
2+

 feedback and pumps giving rise to periodically changing calcium 

levels. Beyond the biological advantage of reducing the time of exposure to toxic calcium levels, the 

specificity hypothesis implies that finite oscillatory signals encode information. Marhl et al. [182] 

focuses on the decoding side, discovering a reason for the finite duration and oscillatory nature of  

the signals. 

Assuming that an optimal response is equivalent to maximal steady-state activation it is puzzling 

how this steady-state can result from a non-stationary signal. Most surprisingly, the termination of 

calcium signals also seems to contribute to an optimal response: while at least 36 [183] consecutive 

Ca
2+

 spikes are needed to trigger Nod-factor-dependent gene expression in M. truncatula root hairs, in 

the guard cells of Vicia faba, a train of exactly 5 spikes is able to achieve a half-maximal stomatal 

aperture [184,185]. This raises the question of whether and why the finiteness of calcium transients is 

instrumental in the decoding process. To answer this question, the authors simulate a train of  

5 squared-shaped pulses to investigate the maximal steady response that distinct proteins with various 

kinetics rates of calcium binding and dissociation can reach. They find that if the kinetics of 

association and dissociation is fast, the activation of proteins will decay and rise following the 

oscillatory calcium signal, never reaching a stationary output signal. On the other hand, proteins with 

slow kinetics cannot reach a maximal steady state for the duration of the calcium signal. The definition 

of slow and fast kinetics only makes sense in relation to the frequency of the calcium signal: for each 

frequency there exists a protein with optimal kinetics, not too fast that it oscillates with the signal and 

not too slow that it cannot reach a maximal steady state.  

Response specificity will depend on the affinity of the different sensors for the particular Ca
2+

 

signal, resulting in a further positive biological reason for oscillatory signals beyond the toxicity 

argument, as constant signals cannot activate proteins in a resonant-like manner. Naturally, if the 

calcium signal lasts for a long time, even slow proteins can become maximally activated over time. 

The finiteness of the signal is essential for the selective activation of the proteins, an effect that the 

authors name Finiteness Resonance. 
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An autonomous signal waiting to be decoded by proteins that bind to calcium underlies the analysis 

of Marhl et al. [182], but there are reasons to question this static view. Proteins are in general 

predominantly either buffers or sensors, but sometimes their roles are blurred [186,187] and in high 

concentrations any sensor acts as a buffer. In the model of Marhl et al. [182], in principle any binding 

protein could be considered as a buffer, and thus modulate the spatio-temporal characteristics of the 

calcium signal. Granqvist et al. [22] showed how buffers can vary the frequency of the signal and be 

instrumental for its finite duration. If the decoding proteins modify the calcium code, this complicates 

the decoding process and the interpretation of the experimentally measured calcium signature. 

However, not all buffers can act as sensors, and it should be possible to terminate a signal by injecting 

buffers in different amounts to investigate the resonant effects of signals with different durations. 

Higher resolution imaging of local Ca
2+

 fluctuations coupled with models that account for the feedback 

of calcium binding back onto the calcium signal will be required to unravel these finer details of the 

decoding process. 

11. Conclusions: Calcium and the Experimental-Modelling Cycle—Past, Present and Future  

We have presented a current snapshot of how mathematical modelling is helping to elucidate 

mechanisms and provide insights into calcium signalling in plants. A number of selected examples 

demonstrate the value of this approach, that when combined into a modelling-experimental cycle, can 

greatly enhance progress towards understanding the physical basis of signal generation, signal 

transmission and signal decoding. Mathematical modelling is thus contributing to unravelling the 

mechanisms of calcium signalling in plants and bringing us closer to a quantitative understanding of 

such processes. The models are summarised in Table S1 and some useful software given in Table S2. 

This is a hugely exciting time for plant signalling and we are witnessing great leaps in progress in a 

number of areas, thereby moving some of the grand challenges we face in agriculture and food security 

within our reach. Calcium signalling plays a key role in many of these challenges. A number of 

important questions remain open, such as understanding the mechanistic link between calcium, ROS 

and systemic signalling, the crosstalk between calcium and plant hormones such as auxin or cytokinin, 

the influence of calcium on biomechanics, a detailed reconstruction of the local calcium signatures 

during various processes, mechanistic insights of specificity and the regulatory role of calcium in 

plants, a molecular level understanding of signal decoding, to name a few. We therefore anticipate an 

increasing role for systems biology and mathematical modelling to drill down towards the physics of 

these processes. 

The power of modelling in this area is, however, very much dependent on equivalent advances in 

data collection and, in particular, imaging. The field has benefitted massively from breakthroughs in 

visualising calcium ions within live cells. For instance, Gilroy et al. [188] employed a fluorescent 

indicator to visualise and quantify the Ca
2+

 concentration in protoplasts, reporting a basal concentration 

of 171 nM and leading the way for many similar quantitative studies. Miller and Sanders [189] 

developed a Ca
2+

 selective intracellular microelectrode to measure basal Ca
2+

 as a function of light 

(from 150 nM to 400 nM). Also using Ca
2+

 selective microelectrodes, Felle [190] showed that auxin 

induces Ca
2+

 oscillations from 119 nM to 300 nM in maize coleoptiles. Another example was the 

induction of stomatal closure by ABA, which was accompanied by an increase in [Ca
2+

]i to 600 nM in 
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Commelina guard cells that had been injected with the fluorescent indicator dye fura-2 [191]. Of 

special mention is the work of Knight et al. [68] who introduced aequorin into tobacco plants and were 

able to show that a variety of stimuli induced Ca
2+

 stimulated luminescence. For further examples from 

a historical perpsective see Hepler [192]. 

Fluorescent proteins (FPs) and dyes are now prevalent in the study of calcium signals in cells [193]. 

The fundamental property that dyes and FPs exploit is the emission or alteration of their visible light 

spectra upon calcium binding. The techniques required to accurately infer the calcium concentration 

using the signals obtained from the chosen indicator are covered comprehensively elsewhere (for 

example see Fricker et al. [194]). The isolation of green fluorescent protein (GFP) in the 1960s led to 

its widespread use and the discovery of many other FPs, e.g., RFP, YFP, CFP and yellow-chameleon 

(YC). The use of genetically encoded calcium indicators (GECIs) is now widespread [195]. 

Apart from the diverse set of GECIs there are many synthetic dyes, e.g., fura-2 and indo-1, which 

report altered emission spectra upon calcium binding and are therefore used to infer the calcium 

concentration. Although the means by which GECIs and dyes are introduced to cells are different 

(GECIs are transfected and dyes are loaded) they are both measured using fluorescence microscopy. 

By accurate calibration of the signal-to-Ca
2+

 ratio the signal is used to infer an intracellular  

high-resolution Ca
2+

 map for the region of interest. The use of indicators suitable for ratiometric 

analysis is generally preferred due to their ability to avoid signal distortion due to effects such as 

heterogeneous indicator distribution. With respect to indicator choice, better resolution may be 

achieved by a prudent choice between similar indicators, for example YC3.6 and YC4.6 are both 

ratiometric indicators with the latter more appropriate in situations with a higher background  

Ca
2+

 [196]. Further diversity to the YC group has been achieved with the advent of YC-nano  

indicators [197] each with distinct emission signals at nanomolar [Ca
2+

]. It will be interesting to see 

whether the snapshot reporter concept proposed by Tsien [198] for perineuronal net imaging might be 

transferable to plants. The idea hinges on the simultaneous expression of reporter and effector proteins 

at a specific [Ca
2+

] when an external trigger (light is suggested [198]) is applied. The result would be a 

retrospective Ca
2+

 map with high spatio-temporal resolution. The development of calcium reporters 

with enhanced properties suited to the system under study and question are likely to facilitate an 

improved imaging quality that, coupled with microscopy developments, may provide new insights into 

the role of calcium in plant signalling. 

The quantification of in vivo observations is likely to transform theoretical biology; a major limiting 

issue faced by modellers is the availability of experimentally quantified parameters for use in their 

models. The development of experimental processes that can help fill such gaps will be of huge benefit 

to the development of our understanding and will result in more accurate models. One such 

experimental technique that may be of great benefit to the field of calcium signalling is Fluorescence 

Correlation Spectroscopy (FCS) ([199–201], reviews: [202,203]). FCS involves a statistical analysis of 

intensity fluctuations arising from number fluctuations from, for example, molecules diffusing into and 

out of a small detection volume. Correlation analysis of the resulting signal can be used to extract local 

concentrations, diffusion coefficients, binding parameters and structural dynamics of important 

biomolecules in vitro as well as in vivo. It has been used, for example, to study the diffusive properties 

of the Ca
2+

 binding protein calmodulin [204]. The technique can be used with a standard confocal 

microscope, and advances in such technology have allowed the application of FCS to entire image 
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stacks, in which each pixel becomes a detection volume. This enables the construction of diffusion or 

flow maps for the fluorescently tagged particles [205,206]. Consideration of the cross-correlation 

between different cellular compartments allows for resolution of diffusion barriers, as has been applied 

to the study of single molecule translocations through nuclear pores [207]. With sufficient temporal 

resolution, such an approach could be of great use in determining fluxes of calcium through channels 

during signalling processes. 

A single fluorescent molecule may be about 1–2 nm in size but when imaged through a microscope 

this nanoscale source of light appears as a fuzzy spot with an intensity profile that defines the point 

spread function (PSF). If the distance that separates two identical sources of light is less than the 

distance of the PSF they appear as a single unresolved object. Even under optimal conditions the 

optical resolution of conventional fluorescence microscopy is limited to approximately half of the 

wavelength of the light used, which means that only objects separated by at least 200 to 350 nm can be 

resolved. This is the approximate size of intracellular organelles thus leaving fundamental biological 

processes beyond reach. Super-resolution techniques [208–217] overcome this limitation by activating 

the fluorophores in sequence so that adjacent molecules do not emit simultaneously. By effectively 

―breaking‖ the diffraction barrier it is possible to achieve image resolution of ~10 nm, which opens up 

whole new realms in plant biology [218–220]. 

With the increasing resolution of imaging technology and our enhanced understanding of processes 

within the cell, it is not impossible that a number of the basic assumptions underlying standard enzyme 

kinetics (and the models that use them) may need revisiting. The concept and validity of a 

concentration and its associated continuous change has already been shown to deviate from discrete 

models for small particle numbers and the importance of ―stochasticity‖, i.e., fluctuations due to low 

copy numbers, is beyond doubt. Likewise, the in vitro dilution ranges and relatives enzyme/ligand 

ratios for which the equations of enzyme kinetics were derived are far from physiological conditions. 

How diffusion varies locally in a crowded environment and how local changes in substrate and enzyme 

availability affect cellular processes is relatively poorly understood. In particular, for calcium 

signalling these local properties are likely to be of importance for both the encoding and decoding 

processes. It is not known how the physics of transport in temporally and spatially heterogeneous, 

crowded, viscous fluids might influence, for instance, channel gating, or other conformational changes. 

In the same way that concentrations become ill-defined for small compartments with low copy 

numbers, ionic currents, temperature and other macroscopic quantities that determine the behaviour of 

many models involving calcium may need reconsideration. 

There is thus an enormous potential in these emerging experimental techniques to further the 

understanding of calcium signalling. The relevant components can only be imaged by super-resolution: 

e.g., the overall size of an IP3R channel is about 20 nm, with internal structures of the order of  

2–3 nm [221], and the central pore of the nuclear pores complexes in plants is about 9–10 nm  

large [222]. Moreover, in some systems a calcium-release site of ~100–200 nm is actually a cluster 

comprising around 20–50 release channels that are distributed more closely than the resolution of 

conventional microscopy. This leads to a hierarchy of calcium signals of differing magnitudes, from 

the release by a single channel up to the flux by a cluster and a global calcium wave. The transition 

between different levels has been the object of several models [223–230] that highlight important 

dimensions of calcium signalling, such as stochasticity or others. The applicability of these and other 
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models to the plant field can only be ascertained by the confrontation with experimental results at the 

relevant scales [231–235]. Particularly fruitful methods may arise from the integration of different 

techniques: combining patch-clamp methods with super-resolution microscopy, Bhargava et al. [236] 

were able to resolve both the activity and localization of calcium release channels within a 

microdomain. In the intersection between modelling and techniques such as super-resolution and FCS 

lies an exciting opportunity for advancing the understanding of calcium signalling in plants. 

Acknowledgments 

We acknowledge support from the Biotechnology and Biological Sciences Research Council 

(BBSRC). TVM and RJM are grateful for support from the BBSRC grant BB/J018627/1 and MJE for 

a BBSRC DTP PhD studentship. 

Conflicts of Interest 

The authors declare no conflict of interest. 

References 

1. Morr, S.; Cuartas, E.; Alwattar, B.; Lane, J.M. How much calcium is in your drinking water? A 

survey of calcium concentrations in bottled and tap water and their significance for medical 

treatment and drug administration. HSS J. 2006, 2, 130–135. 

2. Katz, A.K.; Glusker, J.P.; Beebe, S.A.; Bock, C.W. Calcium ion coordination: A comparison 

with that of beryllium, magnesium, and zinc. J. Am. Chem. Soc. 1996, 118, 5752–5763. 

3. Williamson, R.E. Cytoplasmic streaming in Chara: A cell model activated by ATP and inhibited 

by cytochalasin B. J. Cell Sci. 1975, 17, 655–668. 

4. Tazawa, M.; Kikuyama, M.; Shimmen, T. Electrical characteristics and cytoplasmic streaming of 

Characeae cells lacking tonoplast. Cell Struct. Funct. 1976, 1, 165–176. 

5. Leinonen, R.; Diez, F.G.; Binns, D.; Fleischmann, W.; Lopez, R.; Apweiler, R. UniProt archive. 

Bioinformatics 2004, 20, 3236–3237. 

6. Huala, E.; Dickerman, A.W.; Garcia-Hernandez, M.; Weems, D.; Reiser, L.; LaFond, F.; Hanley, D.; 

Kiphart, D.; Zhuang, M.; Huang, W.; et al. The Arabidopsis Information Resource (TAIR): A 

comprehensive database and web-based information retrieval, analysis, and visualization system 

for a model plant. Nucleic Acids Res. 2001, 29, 102–105. 

7. Webb, A.A.R.; McAinsh, M.R.; Taylor, J.E.; Hetherington, A.M. Calcium ions as intracellular 

second messengers in higher plants. Adv. Bot. Res. 1996, 22, 45–96. 

8. Dodd, A.N.; Kudla, J.; Sanders, D. The language of calcium signaling. Annu. Rev. Plant Biol. 

2010, 61, 593–620. 

9. Sanders, D.; Pelloux, J.; Brownlee, C.; Harper, J.F. Calcium at the crossroads of signaling.  

Plant Cell 2002, 14, S401–S417. 

10. Berridge, M.J.; Lipp, P.; Bootman, M.D. The versatility and universality of calcium signalling. 

Nat. Rev. Mol. Cell Biol. 2000, 1, 11–21. 

11. Clapham, D.E. Calcium signaling. Cell 2007, 131, 1047–1058. 



Plants 2013, 2 576 

 

 

12. Kummer, U.; Krajnc, B.; Pahle, J.; Green, A.K.; Dixon, C.J.; Marhl, M. Transition from 

stochastic to deterministic behavior in calcium oscillations. Biophys. J. 2005, 89, 1603–1611. 

13. Schuster, S.; Marhl, M.; Hofer, T. Modelling of simple and complex calcium oscillations. From 

single-cell responses to intercellular signalling. Eur. J. Biochem. 2002, 269, 1333–1355. 

14. Gillespie, D.T. Exact stochastic simulation of coupled chemical-reactions. J. Phys. Chem. Us 

1977, 81, 2340–2361. 

15. Hodgkin, A.L.; Huxley, A.F. A quantitative description of membrane current and its application 

to conduction and excitation in nerve. J. Physiol. 1952, 117, 500–544. 

16. Hill, A.V. The possible effects of the aggregation of the molecules of haemoglobin on its 

dissociation curves. J. Physiol. 1910, 40, iv–vii. 

17. Carafoli, E. The unusual history and unique properties of the calcium signal. New Comp. Biochem. 

2007, 41, 3–22. 

18. Bauer, C.S.; Plieth, C.; Bethmann, B.; Popescu, O.; Hansen, U.P.; Simonis, W.; Schonknecht, G. 

Strontium-induced repetitive calcium spikes in a unicellular green alga. Plant Physiol. 1998, 117, 

545–557. 

19. Schönknecht, G.; Bauer, C. Modelling Ca
2+

 Oscillations in Plants. In Rhythms in Plants: 

Phenomenology, Mechanisms, and Adaptive Significance; Mancuso, S., Shabala, S., Eds.; 

Springer: Wien, Austria, New York, NY, USA, 2007; pp. 295–311. 

20. Tidow, H.; Poulsen, L.R.; Andreeva, A.; Knudsen, M.; Hein, K.L.; Wiuf, C.; Palmgren, M.G.; 

Nissen, P. A bimodular mechanism of calcium control in eukaryotes. Nature 2012, 491, 468–472. 

21. Charpentier, M.; Vaz Martins, T.; Granqvist, E.; Oldroyd, G.E.; Morris, R.J. The role of DMI1 in 

establishing Ca
2+

 oscillations in legume symbioses. Plant Signal. Behav. 2013, 8, pii:e22894. 

22. Granqvist, E.; Wysham, D.; Hazledine, S.; Kozlowski, W.; Sun, J.; Charpentier, M.; Martins, T.V.; 

Haleux, P.; Tsaneva-Atanasova, K.; Downie, J.A.; et al. Buffering capacity explains signal 

variation in symbiotic calcium oscillations. Plant Physiol. 2012, 160, 2300–2310. 

23. Stucki, J.W.; Somogyi, R. A dialog on Ca
2+

 oscillations—An attempt to understand the essentials 

of mechanisms leading to hormone-induced intracellular Ca
2+

 oscillations in various kinds of cell 

on a theoretical level. Bba Bioenerg. 1994, 1183, 453–472. 

24. Ane, J.M.; Kiss, G.B.; Riely, B.K.; Penmetsa, R.V.; Oldroyd, G.E.D.; Ayax, C.; Levy, J.; 

Debelle, F.; Baek, J.M.; Kalo, P.; et al. Medicago truncatula DMI1 required for bacterial and 

fungal symbioses in legumes. Science 2004, 303, 1364–1367. 

25. Buschmann, P.; Gradmann, D. Minimal model for oscillations of membrane voltage in plant 

cells. J. Theor. Biol. 1997, 188, 323–332. 

26. Glansdorff, P.; Prigogine, I. Thermodynamic Theory of Structure, Stability and Fluctuations; 

Wiley-Interscience: London, UK, New York, NY, USA, 1971. 

27. Venkateshwaran, M.; Cosme, A.; Han, L.; Banba, M.; Satyshur, K.A.; Schleiff, E.; Parniske, M.; 

Imaizumi-Anraku, H.; Ane, J.M. The recent evolution of a symbiotic ion channel in the legume 

family altered ion conductance and improved functionality in calcium signaling. Plant Cell 2012, 

24, 2528–2545. 

28. Rea, P.A.; Britten, C.J.; Jennings, I.R.; Calvert, C.M.; Skiera, L.A.; Leigh, R.A.; Sanders, D. 

Regulation of vacuolar H
+
-pyrophosphatase by free calcium—A reaction kinetic-analysis.  

Plant Physiol. 1992, 100, 1706–1715. 



Plants 2013, 2 577 

 

 

29. Gradmann, D.; Johannes, E.; Hansen, U. Kinetic analysis of Ca
2+

/K
+
 selectivity of an ion channel 

by single-binding-site models. J. Membr. Biol. 1997, 159, 169–178. 

30. Allen, G.J.; Sanders, D.; Gradmann, D. Calcium-potassium selectivity: Kinetic analysis of 

current-voltage relationships of the open, slowly activating channel in the vacuolar membrane of 

Vicia faba guard-cells. Planta 1998, 204, 528–541. 

31. Hansen, U.P.; Keunecke, M.; Blunck, R. Gating and permeation models of plant channels.  

J. Exp. Bot. 1997, 48, 365–382. 

32. Plieth, C.; Hansen, U.P. Cytosolic Ca
2+

 and H
+
 buffers in green algae: A reply. Protoplasma 

1998, 203, 210–213. 

33. Pottosin, I.I.; Martinez-Estevez, M.; Dobrovinskaya, O.R.; Muniz, J.; Schönknecht, G. 

Mechanism of luminal Ca
2+

 and Mg
2+

 action on the vacuolar slowly activating channels. Planta 

2004, 219, 1057–1070. 

34. Perez, V.; Wherrett, T.; Shabala, S.; Muniz, J.; Dobrovinskaya, O.; Pottosin, I. Homeostatic 

control of slow vacuolar channels by luminal cations and evaluation of the channel-mediated 

tonoplast Ca
2+

 fluxes in situ. J. Exp. Bot. 2008, 59, 3845–3855. 

35. Peiter, E. The plant vacuole: Emitter and receiver of calcium signals. Cell Calcium. 2011, 50, 

120–128. 

36. Isayenkov, S.; Isner, J.C.; Maathuis, F.J. Vacuolar ion channels: Roles in plant nutrition and 

signalling. FEBS Lett. 2010, 584, 1982–1988. 

37. Pottosin, I.I.; Schönknecht, G. Vacuolar calcium channels. J. Exp. Bot. 2007, 58, 1559–1569. 

38. Dobrovinskaya, O.R.; Muniz, J.; Pottosin, I.I. Asymmetric block of the plant vacuolar  

Ca(2+)-permeable channel by organic cations. Eur. Biophys. J. 1999, 28, 552–563. 

39. Kaplan, B.; Sherman, T.; Fromm, H. Cyclic nucleotide-gated channels in plants. FEBS Lett. 

2007, 581, 2237–2246. 

40. Zelman, A.K.; Dawe, A.; Gehring, C.; Berkowitz, G.A. Evolutionary and structural  

perspectives of plant cyclic nucleotide-gated cation channels. Front. Plant Sci. 2012, 

doi:10.3389/fpls.2012.00095. 

41. Craven, K.B.; Zagotta, W.N. CNG and HCN channels: Two peas, one pod. Annu. Rev. Physiol. 

2006, 68, 375–401. 

42. Oldroyd, G.E. Speak, friend, and enter: Signalling systems that promote beneficial symbiotic 

associations in plants. Nat. Rev. Microbiol. 2013, 11, 252–263. 

43. Sieberer, B.J.; Chabaud, M.; Fournier, J.; Timmers, A.C.; Barker, D.G. A switch in Ca
2+

 spiking 

signature is concomitant with endosymbiotic microbe entry into cortical root cells of Medicago 

truncatula. Plant J. 2012, 69, 822–830. 

44. Bootman, M.D.; Fearnley, C.; Smyrnias, I.; MacDonald, F.; Roderick, H.L. An update on nuclear 

calcium signalling. J. Cell Sci. 2009, 122, 2337–2350. 

45. Gerasimenko, O.; Gerasimenko, J. New aspects of nuclear calcium signalling. J. Cell Sci. 2004, 

117, 3087–3094. 

46. Mazars, C.; Bourque, S.; Mithofer, A.; Pugin, A.; Ranjeva, R. Calcium homeostasis in plant cell 

nuclei. New Phytol. 2009, 181, 261–274. 

47. Charpentier, M.; Oldroyd, G.E. Nuclear calcium signaling in plants. Plant Physiol. 2013,  

doi:10.1104/pp.113.220863. 



Plants 2013, 2 578 

 

 

48. Xiong, T.C.; Jauneau, A.; Ranjeva, R.; Mazars, C. Isolated plant nuclei as mechanical and 

thermal sensors involved in calcium signalling. Plant J. 2004, 40, 12–21. 

49. Briere, C.; Xiong, T.C.; Mazars, C.; Ranjeva, R. Autonomous regulation of free Ca
2+

 

concentrations in isolated plant cell nuclei: A mathematical analysis. Cell Calcium. 2006, 39, 

293–303. 

50. Boruc, J.; Zhou, X.; Meier, I. Dynamics of the plant nuclear envelope and nuclear pore.  

Plant Physiol. 2012, 158, 78–86. 

51. Capoen, W.; Sun, J.; Wysham, D.; Otegui, M.S.; Venkateshwaran, M.; Hirsch, S.; Miwa, H.; 

Downie, J.A.; Morris, R.J.; Ane, J.M.; et al. Nuclear membranes control symbiotic calcium 

signaling of legumes. Proc. Natl. Acad. Sci. USA 2011, 108, 14348–14353. 

52. Danker, T.; Schillers, H.; Storck, J.; Shahin, V.; Kramer, B.; Wilhelmi, M.; Oberleithner, H. 

Nuclear hourglass technique: An approach that detects electrically open nuclear pores in 

Xenopus laevis oocyte. Proc. Natl. Acad. Sci. USA 1999, 96, 13530–13535. 

53. Al-Mohanna, F.A.; Caddy, K.W.; Bolsover, S.R. The nucleus is insulated from large cytosolic 

calcium ion changes. Nature 1994, 367, 745–750. 

54. Erickson, E.S.; Mooren, O.L.; Moore, D.; Krogmeier, J.R.; Dunn, R.C. The role of nuclear 

envelope calcium in modifying nuclear pore complex structure. Can. J. Physiol. Pharmacol. 

2006, 84, 309–318. 

55. Perez-Terzic, C.; Pyle, J.; Jaconi, M.; Stehno-Bittel, L.; Clapham, D.E. Conformational states of 

the nuclear pore complex induced by depletion of nuclear Ca
2+

 stores. Science 1996, 273,  

1875–1877. 

56. Eder, A.; Bading, H. Calcium signals can freely cross the nuclear envelope in hippocampal 

neurons: Somatic calcium increases generate nuclear calcium transients. BMC Neurosci. 2007, 

doi:10.1186/1471-2202-8-57. 

57. Keizer, J.; Smith, G.D.; Ponce-Dawson, S.; Pearson, J.E. Saltatory propagation of Ca
2+

 waves by 

Ca
2+

 sparks. Biophys. J. 1998, 75, 595–600. 

58. Dawson, S.P.; Keizer, J.; Pearson, J.E. Fire-diffuse-fire model of dynamics of intracellular 

calcium waves. Proc. Natl. Acad. Sci. USA 1999, 96, 6060–6063. 

59. Coombes, S. The effect of ion pumps on the speed of travelling waves in the fire-diffuse-fire 

model of Ca
2+

 release. Bull. Math. Biol. 2001, 63, 1–20. 

60. Sieberer, B.J.; Chabaud, M.; Timmers, A.C.; Monin, A.; Fournier, J.; Barker, D.G. A  

nuclear-targeted cameleon demonstrates intranuclear Ca
2+

 spiking in Medicago truncatula root 

hairs in response to rhizobial nodulation factors. Plant Physiol. 2009, 151, 1197–1206. 

61. Mazel, T.; Raymond, R.; Raymond-Stintz, M.; Jett, S.; Wilson, B.S. Stochastic modeling of 

calcium in 3D geometry. Biophys. J. 2009, 96, 1691–1706. 

62. Means, S.; Smith, A.J.; Shepherd, J.; Shadid, J.; Fowler, J.; Wojcikiewicz, R.J.; Mazel, T.; 

Smith, G.D.; Wilson, B.S. Reaction diffusion modeling of calcium dynamics with realistic ER 

geometry. Biophys. J. 2006, 91, 537–557. 

63. Queisser, G.; Wiegert, S.; Bading, H. Structural dynamics of the cell nucleus: Basis for 

morphology modulation of nuclear calcium signaling and gene transcription. Nucleus 2011, 2, 

98–104. 



Plants 2013, 2 579 

 

 

64. Klann, M.; Koeppl, H. Spatial simulations in systems biology: From molecules to cells. Int. J. 

Mol. Sci. 2012, 13, 7798–7827. 

65. Lenton, T.M.; Crouch, M.; Johnson, M.; Pires, N.; Dolan, L. First plants cooled the Ordovician. 

Nat. Geosci. 2012, 5, 86–89. 

66. Thuiller, W.; Lavorel, S.; Araujo, M.B.; Sykes, M.T.; Prentice, I.C. Climate change threats to 

plant diversity in Europe. Proc. Natl. Acad. Sci. USA 2005, 102, 8245–8250. 

67. Walbot, V. How plants cope with temperature stress. Bmc. Biol. 2011, doi:10.1186/1741-7007-9-79. 

68. Knight, M.R.; Campbell, A.K.; Smith, S.M.; Trewavas, A.J. Transgenic plant aequorin reports the 

effects of touch and cold-shock and elicitors on cytoplasmic calcium. Nature 1991, 352, 524–526. 

69. Minorsky, P.V. Temperature sensing by plants—A review and hypothesis. Plant Cell Environ. 

1989, 12, 119–135. 

70. Minorsky, P.V.; Spanswick, R.M. Electrophysiological evidence for a role for calcium in 

temperature sensing by roots of cucumber seedlings. Plant Cell Environ. 1989, 12, 137–143. 

71. Ruelland, E.; Zachowski, A. How plants sense temperature. Environ. Exp. Bot. 2010, 69, 225–232. 

72. McClung, C.R.; Davis, S.J. Ambient thermometers in plants: From physiological outputs towards 

mechanisms of thermal sensing. Curr. Biol. 2010, 20, R1086–R1092. 

73. Browse, J.; Xin, Z. Temperature sensing and cold acclimation. Curr. Opin. Plant. Biol. 2001, 4, 

241–246. 

74. Plieth, C.; Hansen, U.P.; Knight, H.; Knight, M.R. Temperature sensing by plants: The primary 

characteristics of signal perception and calcium response. Plant J. 1999, 18, 491–497. 

75. Plieth, C. Temperature sensing by plants: Calcium-permeable channels as primary sensors—A 

model. J. Membr. Biol. 1999, 172, 121–127. 

76. Caldwell, C.R.; Haug, A. Temperature-dependence of the barley root plasma membrane-bound 

Ca
2+

-dependent and Mg
2+

-dependent atpase. Physiol. Plant. 1981, 53, 117–124. 

77. White, P.J.; Ridout, M.S. An energy-barrier model for the permeation of monovalent and divalent 

cations through the maxi cation channel in the plasma membrane of rye roots. J. Membr. Biol. 

1999, 168, 63–75. 

78. Eyring, H. The activated complex in chemical reactions. J. Chem. Phys. 1935, 3, 107:1–107:9. 

79. Hanggi, P.; Talkner, P.; Borkovec, M. Reaction-rate theory—50 years after kramers. Rev. Mod. Phys. 

1990, 62, 251–341. 

80. White, P.J.; Pineros, M.; Tester, M.; Ridout, M.S. Cation permeability and selectivity of a root 

plasma membrane calcium channel. J. Membr. Biol. 2000, 174, 71–83. 

81. White, P.J. Calcium signals in root cells: The roles of plasma membrane calcium channels. 

Biologia 2004, 59, 77–83. 

82. White, P.J. Depolarization-activated calcium channels shape the calcium signatures induced by 

low-temperature stress. New Phytol. 2009, 183, 6–8. 

83. Bose, J.; Pottosin, I.I.; Shabala, S.S.; Palmgren, M.G.; Shabala, S. Calcium efflux systems in 

stress signaling and adaptation in plants. Front. Plant Sci. 2011, doi:10.3389/fpls.2011.00085. 

84. Clapham, D.E.; Miller, C. A thermodynamic framework for understanding temperature sensing 

by transient receptor potential (TRP) channels. Proc. Natl. Acad. Sci. USA 2011, 108,  

19492–19497. 



Plants 2013, 2 580 

 

 

85. Voets, T.; Droogmans, G.; Wissenbach, U.; Janssens, A.; Flockerzi, V.; Nilius, B. The principle 

of temperature-dependent gating in cold- and heat-sensitive TRP channels. Nature 2004, 430, 

748–754. 

86. Finka, A.; Cuendet, A.F.; Maathuis, F.J.; Saidi, Y.; Goloubinoff, P. Plasma membrane cyclic 

nucleotide gated calcium channels control land plant thermal sensing and acquired 

thermotolerance. Plant Cell 2012, 24, 3333–3348. 

87. Gao, F.; Han, X.W.; Wu, J.H.; Zheng, S.Z.; Shang, Z.L.; Sun, D.Y.; Zhou, R.G.; Li, B. A  

heat-activated calcium-permeable channel—Arabidopsis cyclic nucleotide-gated ion channel  

6—is involved in heat shock responses. Plant J. 2012, 70, 1056–1069. 

88. Tunc-Ozdemir, M.; Tang, C.; Ishka, M.R.; Brown, E.; Groves, N.R.; Myers, C.T.; Rato, C.; 

Poulsen, L.R.; McDowell, S.; Miller, G.; et al. A cyclic nucleotide-gated channel (CNGC16) in 

pollen is critical for stress tolerance in pollen reproductive development. Plant Physiol. 2013, 

161, 1010–1020. 

89. Liu, J.; Knight, H.; Hurst, C.H.; Knight, M.R. Modelling and experimental analysis of the role of 

interacting cytosolic and vacuolar pools in shaping low temperature calcium signatures in plant 

cells. Mol. Biosyst. 2012, 8, 2205–2220. 

90. Jones, C.T.; Banks, P. The influence of the intracellular concentration of sodium on the uptake of 

L-( 14 C)valine by chopped tissue from cerebral cortex. Biochem. J. 1971, 123, 341–345. 

91. Parent, B.; Turc, O.; Gibon, Y.; Stitt, M.; Tardieu, F. Modelling temperature-compensated 

physiological rates, based on the co-ordination of responses to temperature of developmental 

processes. J. Exp. Bot. 2010, 61, 2057–2069. 

92. Murata, N.; Los, D.A. Membrane fluidity and temperature perception. Plant Physiol. 1997, 115, 

875–879. 

93. Finka, A.; Goloubinoff, P. The CNGCb and CNGCd genes from Physcomitrella patens moss 

encode for thermosensory calcium channels responding to fluidity changes in the plasma 

membrane. Cell Stress Chaperones 2013, doi:10.1007/s12192-013-0436-9. 

94. Oldroyd, G.E.; Murray, J.D.; Poole, P.S.; Downie, J.A. The rules of engagement in the  

legume-rhizobial symbiosis. Annu. Rev. Genet. 2011, 45, 119–144. 

95. Shaw, S.L.; Long, S.R. Nod factor elicits two separable calcium responses in Medicago 

truncatula root hair cells. Plant Physiol. 2003, 131, 976–984. 

96. Stracke, S.; Kistner, C.; Yoshida, S.; Mulder, L.; Sato, S.; Kaneko, T.; Tabata, S.; Sandal, N.; 

Stougaard, J.; Szczyglowski, K.; et al. A plant receptor-like kinase required for both bacterial and 

fungal symbiosis. Nature 2002, 417, 959–962. 

97. Mitra, R.M.; Gleason, C.A.; Edwards, A.; Hadfield, J.; Downie, J.A.; Oldroyd, G.E.D.; Long, S.R. 

A Ca
2+

/calmodulin-dependent protein kinase required for symbiotic nodule development: Gene 

identification by transcript-based cloning. Proc. Natl. Acad. Sci. USA 2004, 101, 4701–4705. 

98. Gleason, C.; Chaudhuri, S.; Yang, T.B.; Munoz, A.; Poovaiah, B.W.; Oldroyd, G.E.D. 

Nodulation independent of rhizobia induced by a calcium-activated kinase lacking autoinhibition. 

Nature 2006, 441, 1149–1152. 

99. Engstrom, E.M.; Ehrhardt, D.W.; Mitra, R.M.; Long, S.R. Pharmacological analysis of nod 

factor-induced calcium spiking in Medicago truncatula. Evidence for the requirement of type IIA 

calcium pumps and phosphoinositide signaling. Plant Physiol. 2002, 128, 1390–1401. 



Plants 2013, 2 581 

 

 

100. Charron, D.; Pingret, J.L.; Chabaud, M.; Journet, E.P.; Barker, D.G. Pharmacological evidence 

that multiple phospholipid signaling pathways link rhizobium nodulation factor perception in 

Medicago truncatula root hairs to intracellular responses, including Ca
2+

 spiking and specific 

ENOD gene expression. Plant Physiol. 2004, 136, 3582–3593. 

101. Maillet, F.; Poinsot, V.; Andre, O.; Puech-Pages, V.; Haouy, A.; Gueunier, M.; Cromer, L.; 

Giraudet, D.; Formey, D.; Niebel, A.; et al. Fungal lipochitooligosaccharide symbiotic signals in 

arbuscular mycorrhiza. Nature 2011, 469, 58–63. 

102. Miyawaki, A.; Griesbeck, O.; Heim, R.; Tsien, R.Y. Dynamic and quantitative Ca
2+

 

measurements using improved cameleons. Proc. Natl. Acad. Sci. USA 1999, 96, 2135–2140. 

103. Deisseroth, K.; Heist, E.K.; Tsien, R.W. Translocation of calmodulin to the nucleus supports 

CREB phosphorylation in hippocampal neurons. Nature 1998, 392, 198–202. 

104. Sciacca, E.; Spinella, S.; Genre, A.; Calcagno, C. Analysis of calcium spiking in plant root 

epidermis through CWC modeling. Electron. Notes Theor. Comput. Sci. 2011, 277, 65–76. 

105. Coppo, M.; Damiani, F.; Drocco, M.; Grassi, E.; Troina, A. Stochastic calculus of wrapped 

compartments. In Proceeding of Eighth Workshop on Quantitative Aspects of Programming 

Languages (QAPL 2010), Paphos, Cyprus, 27–28 March 2010; pp. 82–98. 

106. Terese Term Rewriting Systems. Cambridge University Press: Cambridge, UK, 2003. 

107. Jaynes, E.T. Information theory and statistical mechanics. Phys. Rev. 1957, 106, 620–630. 

108. Jaynes, E.T. Information theory and statistical mechanics 2. Phys. Rev. 1957, 108, 171–190. 

109. Calcagno, C.; Coppo, M.; Damiani, F.; Drocco, M.; Sciacca, E.; Spinella, S.; Troina, A. 

Modelling spatial interactions in the arbuscular mycorrhizal symbiosis using the calculus of 

wrapped compartments. In Proceeding of EPTCS 2011; Aachen, Germany, 10 September 2011; 

pp. 3–18. 

110. Kroeger, J.; Geitmann, A. The pollen tube paradigm revisited. Curr. Opin. Plant. Biol. 2012, 15, 

618–624. 

111. Kroeger, J.H.; Geitmann, A. Pollen tube growth: Getting a grip on cell biology through 

modeling. Mech. Res. Commun. 2012, 42, 32–39. 

112. Bibikova, T.N.; Zhigilei, A.; Gilroy, S. Root hair growth in Arabidopsis thaliana is directed by 

calcium and an endogenous polarity. Planta 1997, 203, 495–505. 

113. Pierson, E.S.; Miller, D.D.; Callaham, D.A.; Shipley, A.M.; Rivers, B.A.; Cresti, M.; Hepler, P.K. 

Pollen tube growth is coupled to the extracellular calcium ion flux and the intracellular calcium 

gradient: Effect of BAPTA-type buffers and hypertonic media. Plant Cell 1994, 6, 1815–1828. 

114. Weisenseel, M.H.; Nuccitelli, R.; Jaffe, L.F. Large electrical currents traverse growing pollen 

tubes. J. Cell Biol. 1975, 66, 556–567. 

115. Geitmann, A.; Li, Y.Q.; Cresti, M. The role of the cytoskeleton and dictyosome activity in the 

pulsatory growth of Nicotiana tabacum and Petunia hybrida pollen tubes. Bot. Acta 1996, 109, 

102–109. 

116. Messerli, M.A.; Robinson, K.R. Ionic and osmotic disruptions of the lily pollen tube oscillator: 

Testing proposed models. Planta 2003, 217, 147–157. 

117. Holdaway-Clarke, T.L.; Feijo, J.A.; Hackett, G.R.; Kunkel, J.G.; Hepler, P.K. Pollen tube growth 

and the intracellular cytosolic calcium gradient oscillate in phase while extracellular calcium 

influx is delayed. Plant Cell 1997, 9, 1999–2010. 



Plants 2013, 2 582 

 

 

118. Kroeger, J.H.; Geitmann, A.; Grant, M. Model for calcium dependent oscillatory growth in 

pollen tubes. J. Theor. Biol. 2008, 253, 363–374. 

119. Skotheim, J.M.; Mahadevan, L. Dynamics of poroelastic filaments. Proc. R. Soc. Lond. A 2004, 

460, 1995–2020. 

120. Dumais, J.; Shaw, S.L.; Steele, C.R.; Long, S.R.; Ray, P.M. An anisotropic-viscoplastic model of 

plant cell morphogenesis by tip growth. Int. J. Dev. Biol. 2006, 50, 209–222. 

121. Holdaway-Clarke, T.L.; Hepler, P.K. Control of pollen tube growth: Role of ion gradients and 

fluxes. New Phytol. 2003, 159, 539–563. 

122. Kroeger, J.H.; Zerzour, R.; Geitmann, A. Regulator or driving force? The role of turgor pressure 

in oscillatory plant cell growth. PLoS One 2011, 6, e18549. 

123. Lockhart, J.A. An analysis of irreversible plant cell elongation. J. Theor. Biol. 1965, 8, 264–275. 

124. Liu, J.; Piette, B.M.; Deeks, M.J.; Franklin-Tong, V.E.; Hussey, P.J. A compartmental model 

analysis of integrative and self-regulatory ion dynamics in pollen tube growth. PLoS One 2010, 

5, e13157. 

125. Yan, A.; Xu, G.; Yang, Z.B. Calcium participates in feedback regulation of the oscillating ROP1 

Rho GTPase in pollen tubes. Proc. Natl. Acad. Sci. USA 2009, 106, 22002–22007. 

126. Goodwin, B.C.; Trainor, L.E.H. Tip and whorl morphogenesis in acetabularia by calcium-regulated 

strain fields. J. Theor. Biol. 1985, 117, 79–106. 

127. Briere, C. Dynamics of the goodwin-trainor mechanochemical model. Acta Biotheor. 1994, 42, 

137–146. 

128. Briere, C.; Goodwin, B. Geometry and dynamics of tip morphogenesis in acetabularia. J. Theor. Biol. 

1988, 131, 461–475. 

129. Briere, C.; Goodwin, B.C. Effects of calcium input output on the stability of a system for 

calcium-regulated viscoelastic strain fields. J. Math. Biol. 1990, 28, 585–593. 

130. Kim, T.H.; Bohmer, M.; Hu, H.; Nishimura, N.; Schroeder, J.I. Guard cell signal transduction 

network: Advances in understanding abscisic acid, CO2, and Ca
2+

 signaling. Annu. Rev. Plant. Biol. 

2010, 61, 561–591. 

131. Albert, R. Network inference, analysis, and modeling in systems biology. Plant Cell 2007, 19, 

3327–3338. 

132. Li, S.; Assmann, S.M.; Albert, R. Predicting essential components of signal transduction 

networks: A dynamic model of guard cell abscisic acid signaling. PLoS Biol. 2006, 4, e312. 

133. Albert, I.; Thakar, J.; Li, S.; Zhang, R.; Albert, R. Boolean network simulations for life scientists. 

Source Code Biol. Med. 2008, doi:10.1186/1751-0473-3-16. 

134. Veresov, V.G.; Kabak, A.G.; Volotovsky, I.D. Modeling the calcium signaling in stomatal guard 

cells under the action of abscisic acid. Russ. J. Plant Physl. 2003, 50, 573–579. 

135. Allen, G.J.; Muir, S.R.; Sanders, D. Release of Ca
2+

 from individual plant vacuoles by both 

insp(3) and cyclic adp-ribose. Science 1995, 268, 735–737. 

136. Hills, A.; Chen, Z.H.; Amtmann, A.; Blatt, M.R.; Lew, V.L. OnGuard, a computational platform 

for quantitative kinetic modeling of guard cell physiology. Plant Physiol. 2012, 159, 1026–1042. 

137. Chen, Z.H.; Hills, A.; Batz, U.; Amtmann, A.; Lew, V.L.; Blatt, M.R. Systems dynamic 

modeling of the stomatal guard cell predicts emergent behaviors in transport, signaling, and 

volume control. Plant Physiol. 2012, 159, 1235–1251. 



Plants 2013, 2 583 

 

 

138. Dodd, A.N.; Gardner, M.J.; Hotta, C.T.; Hubbard, K.E.; Dalchau, N.; Love, J.; Assie, J.M.; 

Robertson, F.C.; Jakobsen, M.K.; Goncalves, J.; et al. The Arabidopsis circadian clock 

incorporates a cADPR-based feedback loop. Science 2007, 318, 1789–1792. 

139. McAinsh, M.R.; Pittman, J.K. Shaping the calcium signature. New Phytol. 2009, 181, 275–294. 

140. Dodd, A.N.; Jakobsen, M.K.; Baker, A.J.; Telzerow, A.; Hou, S.W.; Laplaze, L.; Barrot, L.; 

Poethig, R.S.; Haseloff, J.; Webb, A.A. Time of day modulates low-temperature Ca signals in 

Arabidopsis. Plant J. 2006, 48, 962–973. 

141. Locke, J.C.; Kozma-Bognar, L.; Gould, P.D.; Feher, B.; Kevei, E.; Nagy, F.; Turner, M.S.; Hall, A.; 

Millar, A.J. Experimental validation of a predicted feedback loop in the multi-oscillator clock of 

Arabidopsis thaliana. Mol. Syst. Biol. 2006, doi:101038/msb4100102. 

142. Locke, J.C.; Millar, A.J.; Turner, M.S. Modelling genetic networks with noisy and varied 

experimental data: The circadian clock in Arabidopsis thaliana. J. Theor. Biol. 2005, 234, 383–393. 

143. Locke, J.C.; Southern, M.M.; Kozma-Bognar, L.; Hibberd, V.; Brown, P.E.; Turner, M.S.; 

Millar, A.J. Extension of a genetic network model by iterative experimentation and mathematical 

analysis. Mol. Syst. Biol. 2005, 1, 2005.0013. 

144. Dalchau, N.; Hubbard, K.E.; Robertson, F.C.; Hotta, C.T.; Briggs, H.M.; Stan, G.B.;  

Goncalves, J.M.; Webb, A.A.R. Correct biological timing in Arabidopsis requires multiple  

light-signaling pathways. Proc. Natl. Acad. Sci. USA 2010, 107, 13171–13176. 

145. Akaike, H. A new look at the statistical model identification. IEEE Trans. Autom. Control 1974, 

19, 716–723. 

146. Burnham, K.P.; Anderson, D.R. Model Selection and Multimodel Inference: A Practical 

Information-Theoretic Approach, 2nd ed.; Springer-Verlag: New York, NY, USA, 2002. 

147. Dalchau, N. Understanding biological timing using mechanistic and black-box models.  

New Phytol. 2012, 193, 852–858. 

148. Gutenkunst, R.N.; Waterfall, J.J.; Casey, F.P.; Brown, K.S.; Myers, C.R.; Sethna, J.P. 

Universally sloppy parameter sensitivities in systems biology models. PLoS Comput. Biol. 2007, 

3, 1871–1878. 

149. Rasmussen, C.E.; Williams, C.K.I. Gaussian Processes for Machine Learning; The MIT Press: 

Cambridge, MA, USA, 2006. 

150. Fromm, J.; Lautner, S. Electrical signals and their physiological significance in plants.  

Plant Cell Environ. 2007, 30, 249–257. 

151. Felle, H.H.; Zimmermann, M.R. Systemic signalling in barley through action potentials. Planta 

2007, 226, 203–214. 

152. Cosgrove, D.J.; Hedrich, R. Stretch-activated chloride, potassium, and calcium channels 

coexisting in plasma membranes of guard cells of Vicia faba L. Planta 1991, 186, 143–153. 

153. Malone, M. Rapid, long-distance signal transmission in higher plants. Adv. Bot. Res. 1996, 22, 

163–228. 

154. Sukhov, V.S.; Vodeneev, V.A. Mathematical Model of Action Potential in Higher Plants (in 

Russian). In Proceedings of the XII International Conference ―Mathematics. Computer. 

Education‖, Section 8: Mathematical methods in biology, ecology and chemistry. Pushchino, 

Russia, 17–22 January 2005; Riznichenko, G.J., Ed.; Scientific Publishing Centre ―Regular and 

Chaotic Dynamics‖: Izhevsk, Russia, 2005; Volume 3, pp. 967–978.  



Plants 2013, 2 584 

 

 

155. Gradmann, D. Impact of apoplast volume on ionic relations in plant cells. J. Membr. Biol. 2001, 

184, 61–69. 

156. Gradmann, D.; Hoffstadt, J. Electrocoupling of ion transporters in plants: Interaction with 

internal ion concentrations. J. Membr. Biol. 1998, 166, 51–59. 

157. Sukhov, V.; Nerush, V.; Orlova, L.; Vodeneev, V. Simulation of action potential propagation in 

plants. J. Theor. Biol. 2011, 291, 47–55. 

158. Sibaoka, T. Rapid plant movements triggered by action-potentials. Bot. Mag. Tokyo 1991, 104, 

73–95. 

159. Trebacz, K.; Dziubinska, H.; Krol, E. Electrical signals in long-distance communication in 

plants. Commun. Plants Neuronal Asp. Plant Life 2006, 2006, 277–290. 

160. Sukhov, V.; Akinchits, E.; Katicheva, L.; Vodeneev, V. Simulation of variation potential in 

higher plant cells. J. Membr. Biol. 2013, 246, 287–296. 

161. Stahlberg, R.; Cleland, R.E.; van Volkenburgh, E. Decrement and amplification of slow wave 

potentials during their propagation in Helianthus annuus L. shoots. Planta 2005, 220, 550–558. 

162. Sukhov, V.; Vodeneev, V. A mathematical model of action potential in cells of vascular plants.  

J. Membr. Biol. 2009, 232, 59–67. 

163. Plieth, C.; Sattelmacher, B.; Hansen, U.P.; Thiel, G. The action potential in Chara: Ca
2+

 release 

from internal stores visualized by Mn
2+

-induced quenching of fura-dextran. Plant J. 1998, 13, 

167–175. 

164. Dolmetsch, R.E.; Xu, K.; Lewis, R.S. Calcium oscillations increase the efficiency and specificity 

of gene expression. Nature 1998, 392, 933–936. 

165. Scrase-Field, S.A.; Knight, M.R. Calcium: Just a chemical switch? Curr. Opin. Plant Biol. 2003, 

6, 500–506. 

166. Plieth, C. Calcium: Just another regulator in the machinery of life? Ann. Bot. 2005, 96, 1–8. 

167. Granqvist, E.; Oldroyd, G.E.; Morris, R.J. Automated Bayesian model development for frequency 

detection in biological time series. BMC Syst. Biol. 2011, doi:10.1186/1752-0509-5-97. 

168. Granqvist, E.; Hartley, M.; Morris, R.J. BaSAR-A tool in R for frequency detection. Biosystems 

2012, 110, 60–63. 

169. Sivia, D.S.; Skilling, J. Data Analysis: A Bayesian Tutorial, 2nd ed.; Oxford University Press: 

Oxford, UK, New York, NY, USA, 2006; pp. xii, 246. 

170. Bretthorst, G.L. Bayesian Spectrum Analysis and Parameter Estimation; Springer-Verlag: New 

York, NY, USA, 1988; pp. xii, 209. 

171. Skilling, J. Nested sampling for general bayesian computation. Bayesian Anal. 2006, 1, 833–859. 

172. Casdagli, M. Chaos and deterministic versus stochastic nonlinear modeling. J. R. Stat. Soc. Ser.  

B Methodol. 1992, 54, 303–328. 

173. Kosuta, S.; Hazledine, S.; Sun, J.; Miwa, H.; Morris, R.J.; Downie, J.A.; Oldroyd, G.E. 

Differential and chaotic calcium signatures in the symbiosis signaling pathway of legumes.  

Proc. Natl. Acad. Sci. USA 2008, 105, 9823–9828. 

174. Aparicio, T.; Pozo, E.F.; Saura, D. Detecting determinism using recurrence quantification 

analysis: Three test procedures. J. Econ. Behav. Organ. 2008, 65, 768–787. 

175. Kantz, H.; Schreiber, T. Nonlinear Time Series Analysis; Cambridge University Press: 

Cambridge, UK, New York, NY, USA, 1997; pp. xvi, 304. 



Plants 2013, 2 585 

 

 

176. Hazledine, S.; Sun, J.; Wysham, D.; Downie, J.A.; Oldroyd, G.E.; Morris, R.J. Nonlinear time 

series analysis of nodulation factor induced calcium oscillations: Evidence for deterministic 

chaos? PLoS One 2009, 4, e6637. 

177. Kiegle, E.; Moore, C.A.; Haseloff, J.; Tester, M.A.; Knight, M.R. Cell-type-specific calcium 

responses to drought, salt and cold in the Arabidopsis root. Plant J. 2000, 23, 267–278. 

178. Spiller, D.G.; Wood, C.D.; Rand, D.A.; White, M.R. Measurement of single-cell dynamics. 

Nature 2010, 465, 736–745. 

179. Allen, G.J.; Chu, S.P.; Schumacher, K.; Shimazaki, C.T.; Vafeados, D.; Kemper, A.; Hawke, S.D.; 

Tallman, G.; Tsien, R.Y.; Harper, J.F.; et al. Alteration of stimulus-specific guard cell calcium 

oscillations and stomatal closing in Arabidopsis det3 mutant. Science 2000, 289, 2338–2342. 

180. Plieth, C. Signal percolation through plants and the shape of the calcium signature.  

Plant Signal. Behav. 2010, 5, 379–385. 

181. Ehrhardt, D.W.; Wais, R.; Long, S.R. Calcium spiking in plant root hairs responding to 

Rhizobium nodulation signals. Cell 1996, 85, 673–681. 

182. Marhl, M.; Perc, M.; Schuster, S. A minimal model for decoding of time-limited Ca
2+

 

oscillations. Biophys. Chem. 2006, 120, 161–167. 

183. Miwa, H.; Sun, J.; Oldroyd, G.E.; Downie, J.A. Analysis of calcium spiking using a cameleon 

calcium sensor reveals that nodulation gene expression is regulated by calcium spike number and 

the developmental status of the cell. Plant J. 2006, 48, 883–894. 

184. Li, Y.; Wang, G.X.; Xin, M.; Yang, H.M.; Wu, X.J.; Li, T. The parameters of guard cell calcium 

oscillation encodes stomatal oscillation and closure in Vicia faba. Plant Sci. 2004, 166, 415–421. 

185. Yang, H.M.; Zhang, X.Y.; Wang, G.X. Cytosolic calcium oscillation signaling in guard cell. 

Plant Sci. 2004, 166, 549–556. 

186. DeFalco, T.A.; Bender, K.W.; Snedden, W.A. Breaking the code: Ca
2+

 sensors in plant 

signalling. Biochem. J. 2010, 425, 27–40. 

187. Schwaller, B. The continuing disappearance of ―pure‖ Ca
2+

 buffers. Cell. Mol. Life Sci. 2009, 66, 

275–300. 

188. Gilroy, S.; Hughes, W.A.; Trewavas, A.J. The measurement of intracellular calcium levels in 

protoplasts from higher plant cells. FEBS Lett. 1986, 199, 217–221. 

189. Miller, A.J.; Sanders, D. Depletion of cytosolic free calcium induced by photosynthesis. Nature 

1987, 326, 397–400. 

190. Felle, H. Auxin causes oscillations of cytosolic free calcium and Ph in zea-mays coleoptiles. 

Planta 1988, 174, 495–499. 

191. McAinsh, M.R.; Brownlee, C.; Hetherington, A.M. Abscisic acid-induced elevation of guard-cell 

cytosolic Ca-2+ precedes stomatal closure. Nature 1990, 343, 186–188. 

192. Hepler, P.K. Calcium: A central regulator of plant growth and development. Plant Cell 2005, 17, 

2142–2155. 

193. Swanson, S.J.; Choi, W.G.; Chanoca, A.; Gilroy, S. In vivo imaging of Ca2
+
, pH, and reactive 

oxygen species using fluorescent probes in plants. Annu. Rev. Plant Biol. 2011, 62, 273–297. 

194. Fricker, M.; Runions, J.; Moore, I. Quantitative fluorescence microscopy: From art to science. 

Annu. Rev. Plant Biol. 2006, 57, 79–107. 



Plants 2013, 2 586 

 

 

195. McCombs, J.E.; Palmer, A.E. Measuring calcium dynamics in living cells with genetically 

encodable calcium indicators. Methods 2008, 46, 152–159. 

196. Iwano, M.; Entani, T.; Shiba, H.; Kakita, M.; Nagai, T.; Mizuno, H.; Miyawaki, A.; Shoji, T.; 

Kubo, K.; Isogai, A.; et al. Fine-tuning of the cytoplasmic Ca
2+

 concentration is essential for 

pollen tube growth. Plant Physiol. 2009, 150, 1322–1334. 

197. Horikawa, K.; Yamada, Y.; Matsuda, T.; Kobayashi, K.; Hashimoto, M.; Matsu-ura, T.; 

Miyawaki, A.; Michikawa, T.; Mikoshiba, K.; Nagai, T. Spontaneous network activity visualized 

by ultrasensitive Ca
2+

 indicators, yellow Cameleon-Nano. Nat. Methods 2010, 7, U729–U788. 

198. Tsien, R.Y. Very long-term memories may be stored in the pattern of holes in the perineuronal 

net. Proc. Natl. Acad. Sci. USA 2013, 110, 12157–12158. 

199. Magde, D.; Webb, W.W.; Elson, E. Thermodynamic fluctuations in a reacting system—

Measurement by fluorescence correlation spectroscopy. Phys. Rev. Lett. 1972, 29, 705–709. 

200. Eigen, M.; Rigler, R. Sorting single molecules: Application to diagnostics and evolutionary 

biotechnology. Proc. Natl. Acad. Sci. USA 1994, 91, 5740–5747. 

201. Digman, M.A.; Dalal, R.; Horwitz, A.F.; Gratton, E. Mapping the number of molecules and 

brightness in the laser scanning microscope. Biophys. J. 2008, 94, 2320–2332. 

202. Ries, J.; Schwille, P. Fluorescence correlation spectroscopy. Bioessays 2012, 34, 361–368. 

203. Elson, E.L. Fluorescence correlation spectroscopy: Past, present, future. Biophys. J. 2011, 101, 

2855–2870. 

204. Sanabria, H.; Digman, M.A.; Gratton, E.; Waxham, M.N. Spatial diffusivity and availability of 

intracellular calmodulin. Biophys. J. 2008, 95, 6002–6015. 

205. Hebert, B.; Costantino, S.; Wiseman, P.W. Spatiotemporal image correlation spectroscopy 

(STICS) theory, verification, and application to protein velocity mapping in living CHO cells. 

Biophys. J. 2005, 88, 3601–3614. 

206. Brown, C.M.; Hebert, B.; Kolin, D.L.; Zareno, J.; Whitmore, L.; Horwitz, A.R.; Wiseman, P.W. 

Probing the integrin-actin linkage using high-resolution protein velocity mapping. J. Cell Sci. 

2006, 119, 5204–5214. 

207. Cardarelli, F.; Gratton, E. In vivo imaging of single-molecule translocation through nuclear pore 

complexes by pair correlation functions. PLoS One 2010, 5, e10475. 

208. Schermelleh, L.; Heintzmann, R.; Leonhardt, H. A guide to super-resolution fluorescence 

microscopy. J. Cell Biol. 2010, 190, 165–175. 

209. Baker, S.; Kanade, T. Limits on super-resolution and how to break them. IEEE Trans. Pattern 

Anal. 2002, 24, 1167–1183. 

210. Cho, S.; Jang, J.; Song, C.; Lee, H.; Ganesan, P.; Yoon, T.Y.; Kim, M.W.; Choi, M.C.; Ihee, H.; 

Do Heo, W.; et al. Simple super-resolution live-cell imaging based on diffusion-assisted Forster 

resonance energy transfer. Sci. Rep. 2013, 3, 1208:1–1208:16. 

211. Fernandez-Suarez, M.; Ting, A.Y. Fluorescent probes for super-resolution imaging in living 

cells. Nat. Rev. Mol. Cell Biol. 2008, 9, 929–943. 

212. Henriques, R.; Griffiths, C.; Hesper Rego, E.; Mhlanga, M.M. PALM and STORM: Unlocking 

live-cell super-resolution. Biopolymers 2011, 95, 322–331. 

213. Huang, B.; Babcock, H.; Zhuang, X. Breaking the diffraction barrier: Super-resolution imaging 

of cells. Cell 2010, 143, 1047–1058. 



Plants 2013, 2 587 

 

 

214. Lippincott-Schwartz, J.; Manley, S. Putting super-resolution fluorescence microscopy to work. 

Nat. Methods 2009, 6, 21–23. 

215. Lu, D.; Liu, Z. Hyperlenses and metalenses for far-field super-resolution imaging. Nat. Commun. 

2012, 3, 1205:1–1205:7. 

216. Lubeck, E.; Cai, L. Single-cell systems biology by super-resolution imaging and combinatorial 

labeling. Nat. Methods 2012, 9, 743–748. 

217. Tipping, M.E.; Bishop, C.M. Bayesian Image Super-Resolution. In Advances in Neural 

Information Processing Systems; Thrun, S., Becker, S., Obermayer, K., Eds.; MIT Press: 

Cambridge, MA, USA, 2003; Volume 15, pp. 1279–1286. 

218. Gutierrez, R.; Grossmann, G.; Frommer, W.B.; Ehrhardt, D.W. Opportunities to explore plant 

membrane organization with super-resolution microscopy. Plant Physiol. 2010, 154, 463–466. 

219. Fitzgibbon, J.; Bell, K.; King, E.; Oparka, K. Super-resolution imaging of plasmodesmata using 

three-dimensional structured illumination microscopy. Plant Physiol. 2010, 153, 1453–1463. 

220. Sparkes, I.A.; Graumann, K.; Martiniere, A.; Schoberer, J.; Wang, P.; Osterrieder, A. Bleach it, 

switch it, bounce it, pull it: Using lasers to reveal plant cell dynamics. J. Exp. Bot. 2011, 62, 1–7. 

221. Da Fonseca, P.C.A.; Morris, S.A.; Nerou, E.P.; Taylor, C.W.; Morris, E.P. Domain organization 

of the type 1 inositol 1,4,5-trisphosphate receptor as revealed by single-particle analysis.  

Proc. Natl. Acad. Sci. USA 2003, 100, 3936–3941. 

222. Thuleau, P.; Briere, C.; Mazars, C. Recent advances in plant cell nuclear signaling. Mol. Plant 

2012, 5, 968–970. 

223. Falcke, M. Reading the patterns in living cells—The physics of Ca
2+

 signaling. Adv. Phys. 2004, 

53, 255–440. 

224. Shuai, J.W.; Jung, P. Optimal ion channel clustering for intracellular calcium signaling.  

Proc. Natl. Acad. Sci. USA 2003, 100, 506–510. 

225. Skupin, A.; Falcke, M. From puffs to global Ca
2+

 signals: How molecular properties shape global 

signals. Chaos 2009, doi:10.1063/1.3184537. 

226. Williams, G.S.; Molinelli, E.J.; Smith, G.D. Modeling local and global intracellular calcium 

responses mediated by diffusely distributed inositol 1,4,5-trisphosphate receptors. J. Theor. Biol. 

2008, 253, 170–188. 

227. Moenke, G.; Falcke, M.; Thurley, K. Hierarchic stochastic modelling applied to intracellular 

Ca(2+) signals. PLoS One 2012, 7, e51178. 

228. Dupont, G.; Croisier, H. Spatiotemporal organization of Ca dynamics: A modeling-based 

approach. HFSP J. 2010, 4, 43–51. 

229. Solovey, G.; Dawson, S.P. Intra-cluster percolation of calcium signals. PLoS One 2010, 5, e8997. 

230. Ullah, G.; Parker, I.; Mak, D.O.; Pearson, J.E. Multi-scale data-driven modeling and observation 

of calcium puffs. Cell Calcium 2012, 52, 152–160. 

231. Baddeley, D.; Jayasinghe, I.D.; Lam, L.; Rossberger, S.; Cannell, M.B.; Soeller, C. Optical 

single-channel resolution imaging of the ryanodine receptor distribution in rat cardiac myocytes. 

Proc. Natl. Acad. Sci. USA 2009, 106, 22275–22280. 

232. Wiltgen, S.M.; Smith, I.F.; Parker, I. Superresolution localization of single functional IP3R 

channels utilizing Ca
2+

 flux as a readout. Biophys. J. 2010, 99, 437–446. 



Plants 2013, 2 588 

 

 

233. Parker, I.; Smith, I.F. Recording single-channel activity of inositol trisphosphate receptors in 

intact cells with a microscope, not a patch clamp. J. Gen. Physiol. 2010, 136, 119–127. 

234. Smith, I.F.; Parker, I. Imaging the quantal substructure of single IP3R channel activity during 

Ca
2+

 puffs in intact mammalian cells. Proc. Natl. Acad. Sci. USA 2009, 106, 6404–6409. 

235. Vogelstein, J.T.; Watson, B.O.; Packer, A.M.; Yuste, R.; Jedynak, B.; Paninski, L. Spike 

inference from calcium imaging using sequential monte carlo methods. Biophys. J. 2009, 97, 

636–655. 

236. Bhargava, A.; Lin, X.; Novak, P.; Mehta, K.; Korchev, Y.; Delmar, M.; Gorelik, J. Super-resolution 

scanning patch clamp reveals clustering of functional ion channels in adult ventricular myocyte. 

Circ. Res. 2013, 112, 1112–1120. 

© 2013 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article 

distributed under the terms and conditions of the Creative Commons Attribution license 

(http://creativecommons.org/licenses/by/3.0/). 


