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1. Difference in behavior between spectra with positive ionization mode and spectra in negative1

ionization mode2

In Figure 1 we visualize the values of the different input kernels for pairs of spectra that have3

the same molecular structure. We visualize separately the kernel values for pairs of spectra both in4

positive ionization mode, both in negative ionization mode and with different ionization modes. We5

observe on the figure that for most of the kernels, spectra corresponding to the same structure but6

measured with different ionization modes are generally more dissimilar than when measured with the7

same ionization mode. This difference is particularly important in the case of the Root Loss Intensity8

(RLI) kernel. This is why we decided to consider the two types of spectra as two different datasets in9

the paper.10
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Figure 1. Boxplots of the input kernel values for pairs of MS/MS spectra having the same molecular
structure. Each subplot corresponds to one input kernel and contains three boxplots. The first one
corresponds to pairs of spectra where each spectrum has a positive ionization mode, the second one to
pairs where each spectrum has a negative ionization mode and the third one to pairs of spectra with
different ionization modes (one is positive and the other is negative).
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