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Abstract: Ovarian cancer (OC), and particularly epithelial OC (EOC), is an increasing challenge for
women. Circulating lipids play different roles in the occurrence and development of OC, but no causal
relationship has been confirmed. We used two-sample Mendelian randomization (MR) to evaluate
the genetic effects of circulating Apolipoprotein A1 (APOA1), Apolipoprotein B (APOB), high-density
lipoprotein (HDL) cholesterol, low-density lipoprotein (LDL) cholesterol, and triglyc-erides (TG) on
EOC risks based on summary data obtained from the UK Biobank and the Ovarian Cancer Association
Consortium. We used the inverse-variance weight as the main statistical method and the MR-Egger,
weighted median, and MR-PRESSO for sensitivity analysis. A 1-SD increment in HDL gave odds
ratios (OR) and 95% confidence intervals (CI) of OR = 0.80 (95% CI: 0.69–0.93), OR = 0.77 (95% CI:
0.66–0.90), and OR = 0.76 (95% CI: 0.63–0.90) for low malignant potential OC (LMPOC), low-grade
low malignant OC (LGLMSOC), and low malignant serous OC (LMSOC), respectively. Genetic
liability due to TG was associated with an increased risk of LGLMSOC and LGSOC and a suggestive
association with an increased risk of LMSOC (p = 0.001, p = 0.007, and p = 0.027, respectively).
Circulating HDL was negatively associated with the risk of LMPOC, LGLMSOC, and LMSOC, while
elevated circulating TG levels genetically predicted an increased risk of LGLMSOC and LGSOC.
Further research is needed to investigate the causal effects of lipids on EOC and potential intervention
and therapeutic targets.

Keywords: circulating lipid; apolipoprotein; triglyceride; Mendelian randomization; epithelial
ovarian cancer

1. Introduction

Ovarian cancer (OC) is a highly heterogeneous gynecological malignancy that accounted
for approximately 185,000 deaths and 295,400 diagnoses in women in 2018 [1]. The Global
Cancer Observatory predicts 434,184 cases of OC globally in 2040, an increase of approximately
50% [2]. The most ubiquitous type of OC is epithelial ovarian cancer (EOC) (over 95% of all
OC). According to the natural factors of pathogenesis, gene expression, prognosis, and other
risk factors, EOC is further divided into five histologic subtypes: the most common histologic
subtype high-grade serous (HGSOC) (70%), followed by clear cell (10%), endometrioid (10%),
low-grade serous (LGSOC) (<5%), and mucinous (3%) [3]. Most newly identified instances
of OC are already in an advanced state due to a lack of early identifiable clinical symptoms,
precise laboratory markers, and efficient screening methods [4]. OC is a leading cause of
death in women (47% 5-year survival) [5]; therefore, the early identification, intervention, and
management of ovarian malignancies remain a global challenge.

A poor understanding of the etiology and risk factors for the initiation and progression
of OC has hampered its intervention and effective therapy. Known risk factors include
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menarche age, natural menopause age, and endometriosis age [6]; moreover, modifiable
risk factors for OC include cigarette consumption, hormonal substitution treatment, and
dietary variables [6,7]. Increased dietary intakes of fiber [8] and soy [3] have shown positive
preventive effects against OC. A risk of OC was linked to low levels of vitamin D [9].

In recent years, an association has been documented between OC and circulating lipids
in several epidemiological observational studies. One observational cohort study showed
that elevated levels of triglyceride (TG) and low high-density lipoproteins (HDL) were
significantly associated with a high severity of EOC [10]. Similarly, a meta-analysis study
found a link between decreased HDL profiles and OC manifestations and growth [11].
Zhang et al. [12] also showed an association between high HDL levels and a lower ovarian
cancer risk, but they found no significant associations between TG and OC. By contrast,
Delimaris et al. [13] and Melvin et al. [14] found no association between HDL and OC
risk. These conflicting results indicate that circulating lipids might be closely related to OC;
however, observational studies are susceptible to potential confounding factors, including
small sample sizes, short follow-up durations, and inaccurate classifications of OC.

Given these limitations of observational studies and the growing numbers of datasets
of summary statistics from genome-wide association studies (GWAS), we recognized that
Mendelian randomization (MR) could be used to investigate the potential causal association
between circulating lipids and EOC. Using genetic predisposition as an instrumental
variable for exposure which diminishes confounding as genetic variants independent of
self-selected lifestyle factors and behaviors, MR was subjected to several sensitivity analyses
for the efficient and reliable generation of results based on Mendel’s laws of inheritance.
Since genetic variants (alleles) are randomly assorted at meiosis which precedes the onset of
disease, this process could uncover the reverse causality biases prevalent in observational
studies. In this study, we conducted a two-sample MR study to investigate the association
between circulating lipids and EOC based on two recently released large enough and
abundant GWAS datasets.

2. Experimental Design
2.1. Assumptions of MR Study and Study Design Overview

When performing the MR analysis, three assumptions were observed: (i) relevance
assumption, (ii) independent assumption, and (iii) exclusion restriction assumption. The
overall study design is illustrated in Figure 1. Summary-level data from the UK Biobank
(UKBB) [15] and the Ovarian Cancer Association Consortium (OCAC) [16] was used in
this present two-sample MR study. Appropriate patient consent and ethics approval were
obtained in the original studies.

Metabolites 2022, 12, x FOR PEER REVIEW 3 of 13 
 

 

 
Figure 1. Schematic representation of MR analyses. APOA1, APOB, HDL, LDL, and TG SNPs were 
used as instrumental variables to investigate the causal effect of lipids on EOC. The arrows indicate 
the MR assumptions such that the instrumental variable is associated with the exposure—not asso-
ciated with confounders—and affects the outcome only via the exposure. APOA1, apolipoprotein 
A1; APOB, apolipoprotein B; HDL, high-density lipoprotein cholesterol; LDL, low-density lipoprotein 
cholesterol; TG, triglycerides; MR, Mendelian randomization; SNP, single-nucleotide polymorphism. 

2.2. Instrumental Variables 
Single-nucleotide polymorphisms (SNPs) associated with circulating apolipoprotein 

A1 (APOA1) (299), apolipoprotein B (APOB) (198), HDL (362), LDL (177), and TG (313) at 
the genome-wide significance level (p < 5 × 10−8, linkage disequilibrium (LD) threshold of 
r2 < 0.001 and located 1 Mb apart from each other) were identified from a multivariable 
MR analysis of GWAS with up to 393,193, 439,214, 403,943, 440,546, and 441,016) separate 
individuals of European ancestry in the UKBB (Table 1) [15] using R. The mean age of the 
members was 56.9 y (extend 39–73 y) and 54.2% were women. Detailed information about 
the GWASs utilized is displayed in Table 1. 

Table 1. Characteristics of UK Biobank datasets and OCAC. 

Exposures Consortium No. SNPs Sample Size Adjustments Population 
APOA1 UK Biobank 299 393,193 Age, sex, and genotyping chip European 
APOB UK Biobank 198 439,214   
HDL UK Biobank 362 403,943   
LDL UK Biobank 158 440,546   
TG UK Biobank 313 441,016   

Main outcomes Dataset No. cases Control Total Population 
All SOC OCAC 25,509 40,941 66450 European 

Clear cell OC OCAC 1366 40,941   
Endometrioid OC OCAC 2810 40,941   

LMPOC OCAC 3103 40,941   
HGLGSOC OCAC 14,049 40,941   

HGSOC OCAC 13,037 40,941   
LGSOC OCAC 1012 40,941   

LGLMSOC OCAC 2966 40,941   
LMSOC OCAC 1954 40,941   

Figure 1. Schematic representation of MR analyses. APOA1, APOB, HDL, LDL, and TG SNPs were
used as instrumental variables to investigate the causal effect of lipids on EOC. The arrows indicate the
MR assumptions such that the instrumental variable is associated with the exposure—not associated
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with confounders—and affects the outcome only via the exposure. APOA1, apolipoprotein A1;
APOB, apolipoprotein B; HDL, high-density lipoprotein cholesterol; LDL, low-density lipoprotein
cholesterol; TG, triglycerides; MR, Mendelian randomization; SNP, single-nucleotide polymorphism.

2.2. Instrumental Variables

Single-nucleotide polymorphisms (SNPs) associated with circulating apolipoprotein
A1 (APOA1) (299), apolipoprotein B (APOB) (198), HDL (362), LDL (177), and TG (313) at
the genome-wide significance level (p < 5 × 10−8, linkage disequilibrium (LD) threshold of
r2 < 0.001 and located 1 Mb apart from each other) were identified from a multivariable
MR analysis of GWAS with up to 393,193, 439,214, 403,943, 440,546, and 441,016) separate
individuals of European ancestry in the UKBB (Table 1) [15] using R. The mean age of the
members was 56.9 y (extend 39–73 y) and 54.2% were women. Detailed information about
the GWASs utilized is displayed in Table 1.

Table 1. Characteristics of UK Biobank datasets and OCAC.

Exposures Consortium No. SNPs Sample Size Adjustments Population

APOA1 UK Biobank 299 393,193 Age, sex, and genotyping chip European
APOB UK Biobank 198 439,214
HDL UK Biobank 362 403,943
LDL UK Biobank 158 440,546
TG UK Biobank 313 441,016

Main outcomes Dataset No. cases Control Total Population

All SOC OCAC 25,509 40,941 66450 European
Clear cell OC OCAC 1366 40,941

Endometrioid OC OCAC 2810 40,941
LMPOC OCAC 3103 40,941

HGLGSOC OCAC 14,049 40,941
HGSOC OCAC 13,037 40,941
LGSOC OCAC 1012 40,941

LGLMSOC OCAC 2966 40,941
LMSOC OCAC 1954 40,941

Invasive and low
malignant potential MOC OCAC 2566 40,941

Invasive MOC OCAC 1417 40,941
LMMOC OCAC 1149 40,941

Abbreviations: APOA1, apolipoprotein A1; APOB, apolipoprotein B; HDL, high-density lipoprotein cholesterol;
LDL, low-density lipoprotein cholesterol; TG, triglycerides; SNP, single-nucleotide polymorphism; OC, ovarian
cancer; SOC, serous ovarian cancer; MOC, mucinous ovarian cancer; LMPOC, low malignant potential ovarian
cancer; HGLGSOC, high-grade and low-grade serous ovarian cancer; HGSOC, high-grade serous ovarian cancer;
LGSOC, low-grade serous ovarian cancer; LGLMSOC, serous ovarian cancer: low-grade and low malignant
potential; LMSOC, serous ovarian cancer: low malignant potential; LMMOC, low malignant potential mucinous
ovarian cancer.

2.3. Outcome Data Sources

For our outcome data, we used the OCAC dataset, which is a case–control study of
EOC that included 25,509 population-based EOC cases and 40,941 controls [16]. In the
OCAC study, 12 histotypes were investigated (all EOC, clear cell OC, endometrioid OC, low
malignant potential OC (LMPOC), HGSOC, LGSOC, high-grade and low-grade serous OC
(HGLGSOC), serous OC: low-grade and low malignant potential (LGLMSOC), serous ovarian
cancer: low malignant potential (LMSOC), mucinous ovarian cancer (MOC): invasive and low
malignant potential, invasive mucinous ovarian cancer, and low malignant potential mucinous
ovarian cancer (LMMOC)). The GWAS was based on the OCAC use of a 1000 Genomes
Project reference panel to impute genotypes for 11,403,952 common variants. It evaluated the
associations of these SNPs with EOC risks adjusted for study and population substructure by
including the eigenvectors of project-specific principal components as covariates in the model.
The outcome data were retrieved based on a previously described method [17].
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All considerations included within the GWASs had been affirmed by relevant ethical
review committees, and all members had provided written informed consent. The cur-
rent study utilized summary-level information that was freely accessible; in this way, no
additional ethical review was required for this research.

2.4. Statistical Analysis

The multiplicative random effects inverse-variance weighted (IVW) model was uti-
lized as the main statistical method, and the weighted median [18], MR-Egger [19], and
MR-PRESSO [20] were chosen as sensitivity analyses. As 5 exposures were conducted, the
adjusted threshold value was p < 0.01 (0.05/5). All the MR tests and sensitivity analyses
were based on the R packages (two-sample MR [17], MR-PRESSO [20], and Mendelian
randomization [21]) and a GWAS summary data library developed as a platform [17,22]
using R (version 4.1.1, the R Core team, Boston, MA, USA). All instrument SNPs and related
information used in the study are in Supplementary Dataset S1.

3. Results

The genetic predisposition to higher HDL was associated with a decreased risk of
LMPOC, LGLMSOC, and LMSOC. For an increase in HDL of 1-SD, the odds ratios (OR)
and 95% confidence intervals (CI) were OR = 0.80 (95% CI: 0.69–0.93) for low malignant
potential OC (LMPOC), OR = 0.77 (95% CI: 0.66–0.90) for low-grade low malignant OC
(LGLMSOC), and OR = 0.76 (95% CI: 0.63–0.90) for low malignant serous OC (LMSOC),
respectively. These associations remained significant within the sensitivity analysis utilizing
the MR-PRESSO strategy after the expulsion of one exception (Table 2), but they did not
persist as noteworthy within the weighted median and MR-Egger analyses.

Table 2. Two-sample Mendelian randomization estimations showing the effect of HDL on EOC.

Main
Outcome Method No. of

SNPs OR (95% CI) p for
Association

p for
Heterogeneity

Test

p for
MR-Egger
Intercept

p for
MR-PRESSO
Global Test

All EOC

IVW 322 1.02 (0.94–1.10) 0.697 <1 × 10−3 0.218
MR Egger 322 1.08 (0.95–1.21) 0.235 <1 × 10−3

Weighted median 322 1.05 (0.94–1.17) 0.376
MR-PRESSO (outlier
corrected, 2 outliers) 320 1.01 (1.01–1.02) 0.719 <1 × 10−4

Clear cell OC

IVW 322 1.20 (0.98–1.46) 0.084 0.093 0.655
MR Egger 322 0.96 (0.83–1.55) 0.435 0.088

Weighted median 322 1.11 (0.76–1.62) 0.589
MR-PRESSO (raw, 0 outliers) 322 1.20 (1.18–1.21) 0.085 0.090

Endometrioid
OC

IVW 322 0.98 (0.85–1.14) 0.798 0.041 0.469
MR Egger 322 1.05 (0.83–1.31) 0.701 0.040

Weighted median 322 1.24 (0.97–1.59) 0.082
MR-PRESSO (raw, 0 outliers) 322 0.98 (0.97–0.99) 0.798 0.037

LMPOC

IVW 322 0.80 (0.69–0.93) 0.004 <1 × 10−3 0.155
MR Egger 322 0.91 (0.72–1.15) 0.439 <1 × 10−3

Weighted median 322 0.79 (0.63–0.99) 0.039
MR-PRESSO (outlier
corrected, 1 outlier) 321 0.81 (0.81–0.82) 0.005 <1 × 10−3

HGLGSOC

IVW 322 1.00 (0.91–1.10) 0.930 <1 × 10−3 0.174
MR Egger 322 1.08 (0.94–1.25) 0.276 <1 × 10−3

Weighted median 322 1.05 (0.93–1.20) 0.429
MR-PRESSO (outlier
corrected, 3 outliers) 319 1.01 (1.00–1.01) 0.882 <1 × 10−4



Metabolites 2022, 12, 1175 5 of 10

Table 2. Cont.

Main
Outcome Method No. of

SNPs OR (95% CI) p for
Association

p for
Heterogeneity

Test

p for
MR-Egger
Intercept

p for
MR-PRESSO
Global Test

HGSOC

IVW 322 1.02 (0.92–1.12) 0.738 <1 × 10−3 0.224
MR Egger 322 1.09 (0.94–1.27) 0.254 <1 × 10−3

Weighted median 322 1.09 (0.95–1.25) 0.232
MR-PRESSO (outlier
corrected, 2 outliers) 320 1.01 (1.01–1.02) 0.782 <1 × 10−4

LGSOC

IVW 322 0.80 (0.63–1.01) 0.064 0.283
MR Egger 322 0.94 (0.66–1.36) 0.756 0.288 0.245

Weighted median 322 0.86 (0.58–1.27) 0.440
MR-PRESSO (raw, 0 outliers) 322 0.80 (0.79–0.81) 0.065 0.280

LGLMSOC

IVW 322 0.77 (0.66–0.90) 0.001 0.001 0.228
MR Egger 322 0.86 (0.68–1.09) 0.221 0.001

Weighted median 322 0.84 (0.66–1.07) 0.158
MR-PRESSO (outlier
corrected, 1 outlier) 321 0.78 (0.78–0.79) 0.001 0.001

LMSOC

IVW 322 0.76 (0.63–0.90) 0.002 0.024 0.358
MR Egger 322 0.83 (0.63–1.10) 0.197 0.023

Weighted median 322 0.81 (0.62–1.08) 0.152
MR-PRESSO (outlier
corrected, 1 outlier) 321 0.77 (0.76–0.78) 0.002 0.023

MOC:
invasive and

low malignant
potential

IVW 322 0.98 (0.84–1.15) 0.821 0.023 0.015
MR Egger 322 1.23 (0.97–1.55) 0.088 0.037

Weighted median 322 1.07 (0.82–1.40) 0.609
MR-PRESSO (raw, 0 outliers) 322 0.98 (0.97–0.99) 0.821 0.024

Invasive
MOC

IVW 322 1.08 (0.88–1.32) 0.456 0.075 0.029
MR Egger 322 1.40 (1.03–0.09) 0.032 0.100

Weighted median 322 1.18 (0.83–1.68) 0.361
MR-PRESSO (raw, 0 outliers) 322 1.08 (1.07–1.09) 0.457 0.075

LMMOC

IVW 322 0.86 (0.68–1.10) 0.228 0.001 0.194
MR Egger 322 1.04 (0.72–1.50) 0.841 0.001

Weighted median 322 0.86 (0.59–1.26) 0.446
MR-PRESSO (raw, 0 outliers) 322 0.86 (0.85–0.88) 0.229 0.001

Abbreviations: HDL, high-density lipoprotein cholesterol; MR, Mendelian randomization; IVW, inverse-variance
weighted; OR, odds ratio; CI, confidence interval; SNP, single-nucleotide polymorphism; OC, ovarian cancer; EOC,
epithelial ovarian cancer; SOC, serous ovarian cancer; MOC, mucinous ovarian cancer; LMPOC, low malignant
potential ovarian cancer; HGLGSOC, high-grade and low-grade serous ovarian cancer; HGSOC, high-grade
serous ovarian cancer; LGSOC, low-grade serous ovarian cancer; LGLMSOC, serous ovarian cancer: low-grade
and low malignant potential; LMSOC, serous ovarian cancer: low malignant potential; LMMOC, low malignant
potential mucinous ovarian cancer.

Hereditary risk due to TG appeared as an association with an increased chance of
LGLMSOC and LGSOC (p = 0.001, p = 0.007, separately) (Table 3). The associations
remained reliable within the sensitivity analysis utilizing the MR-PRESSO strategy but not
the weighted median and MR-Egger strategies.

No significant associations were recognized for APOA1, APOB, and LDL with EOC
within the primary examination or within the affectability investigations of each data source
(Supplementary Tables S1–S3). No pleiotropy was detected in APOA1 and LDL analysis
(all the MR-Egger regression p values > 0.05) (Supplementary Tables S1–S3).
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Table 3. Two-sample Mendelian randomization estimations showing the effect of TG on EOC.

Main
Outcomes Method No. of

SNPs OR (95% CI) p for
Association

p for
Heterogeneity

Test

p for
MR-Egger
Intercept

p for
MR-PRESSO
Global Test

All EOC

IVW 280 1.05 (0.97–1.13) 0.204 <1 × 10−3 0.092
MR Egger 280 0.98 (0.87–1.09) 0.674 0.001

Weighted median 280 0.97 (0.87–1.09) 0.631
MR-PRESSO (raw, 0 outliers) 280 1.05 (1.05–1.05) 0.205 <1 × 10−3

Clear cell OC

IVW 280 0.88 (0.72–1.08) 0.222 0.272 0.500
MR Egger 280 0.81 (0.60–1.11) 0.190 0.265

Weighted median 280 0.81 (0.56–1.15) 0.237
MR-PRESSO (raw, 0 outliers) 280 0.88 (0.87–0.89) 0.223 0.266

Endometrioid
OC

IVW 280 1.13 (0.97–1.33) 0.121 0.006 0.142
MR Egger 280 0.99 (0.78–1.26) 0.942 0.007

Weighted median 280 1.00 (0.78–1.27) 0.976
MR-PRESSO (raw, 0 outliers) 280 1.13 (1.12–1.14) 0.122 0.005

LMPOC

IVW 280 1.10 (0.95–1.27) 0.193 0.155 0.738
MR Egger 280 1.07 (0.86–1.33) 0.541 0.146

Weighted median 280 1.05 (0.83–1.33) 0.692
MR-PRESSO (raw, 0 outliers) 280 1.10 (1.09–1.11) 0.195 0.159

HGLGSOC

IVW 280 1.04 (0.95–1.13) 0.426 <1 × 10−3 0.250
MR Egger 280 0.98 (0.85–1.12) 0.738 <1 × 10−3

Weighted median 280 1.08 (0.95–1.22) 0.248
MR-PRESSO (raw, 0 outliers) 280 1.04 (1.03–1.04) 0.427 <1 × 10−4

HGSOC

IVW 280 1.02 (0.93–1.12) 0.731 <1 × 10−3 0.413
MR Egger 280 0.97 (0.84–1.12) 0.700 <1 × 10−3

Weighted median 280 1.02 (0.89–1.17) 0.795
MR-PRESSO (raw, 0 outliers) 280 1.02 (1.01–1.02) 0.731 <1 × 10−4

LGSOC

IVW 280 1.43 (1.10–1.86) 0.007 0.015 0.076
MR Egger 280 1.10 (0.74–1.62) 0.647 0.020

Weighted median 280 1.15 (0.76–1.75) 0.508
MR-PRESSO (outlier
corrected, 1 outlier) 279 1.45 (1.44–1.47) 0.005 0.017

LGLMSOC

IVW 280 1.28 (1.10–1.48) 0.001 0.185 0.108
MR Egger 280 1.11 (0.89–1.39) 0.342 0.205

Weighted median 280 1.01 (0.80–1.28) 0.939
MR-PRESSO (raw, 0 outliers) 280 1.28 (1.27–1.29) 0.001 0.182

LMSOC

IVW 280 1.22 (1.02–1.44) 0.027 0.470 0.398
MR Egger 280 1.12 (0.86–1.45) 0.403 0.466

Weighted median 280 1.19 (0.90–1.57) 0.233
MR-PRESSO (raw, 0 outliers) 280 1.22 (1.20–1.23) 0.027 0.480

MOC:
invasive and

low
malignant
potential

IVW 280 0.99 (0.86–1.15) 0.935 0.478 0.242

MR Egger 280 0.90 (0.72–1.12) 0.353 0.484

Weighted median 280 0.98 (0.76–1.25) 0.851
MR-PRESSO (raw, 0 outliers) 280 0.99 (0.99–1.00) 0.935 0.482

Invasive
MOC

IVW 280 1.06 (0.87–1.29) 0.575 0.739 0.032
MR Egger 280 0.83 (0.62–1.11) 0.216 0.789

Weighted median 280 0.94 (0.69–1.29) 0.707
MR-PRESSO (raw, 0 outliers) 280 1.06 (1.05–1.07) 0.564 0.736

LMMOC

IVW 280 0.95 (0.75–1.19) 0.643 0.083 0.569
MR Egger 280 1.02 (0.72–1.45) 0.906 0.079

Weighted median 280 0.92 (0.64–1.33) 0.671
MR-PRESSO (raw, 0 outliers) 280 0.95 (0.93–0.96) 0.644 0.090

Abbreviations: TG, triglycerides; MR, Mendelian randomization; IVW, inverse-variance weighted; OR, odds ratio; CI,
confidence interval; SNP, single-nucleotide polymorphism; OC, ovarian cancer; EOC, epithelial ovarian cancer; SOC,
serous ovarian cancer; MOC, mucinous ovarian cancer; LMPOC, low malignant potential ovarian cancer; HGLGSOC,
high-grade and low-grade serous ovarian cancer; HGSOC, high-grade serous ovarian cancer; LGSOC, low-grade
serous ovarian cancer; LGLMSOC, serous ovarian cancer: low-grade and low malignant potential; LMSOC, serous
ovarian cancer: low malignant potential; LMMOC, low malignant potential mucinous ovarian cancer.
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4. Discussion

The multiple MR sensitivity analyses arrived at a conclusion that serum HDL was
negatively associated with the risk of LMPOC, LGLMSOC, and LMSOC, and that TG was
positively associated with the risk of LGLMSOC and LGSOC.

The results of epidemiological studies showing an association between HDL and EOC
are consistent with our MR analysis. The mixed study conducted by Zhang et al. [12] found
an association between high HDL and lower OC risk, in agreement with the finding of
an association between HDL and malignant OC by Onwuka JU [11]. Low HDL levels were
also shown to correlate with the high severity of EOC [10], while high HDL levels showed
a significant association with better progression-free survival (PFS) of EOC patients [23]. The
HDL-associated serum paraoxonase activity and arylesterase activity were also significantly
lower in patients with EOC than in controls [24]. HDL-mediated lipid transport pathways
were associated with PFS and the overall survival of EOC patients in a GWAS study [25].
Nevertheless, no relationship was established between these factors in other studies [13,14].
The reverse causality results from these cohort and meta-analysis studies demonstrate
the limitations of small sample sizes and the vague types or classifications due to the
heterogeneity of EOC. However, the present analysis, using precisely divided subtypes of
EOC, documented a causal association between HDL and EOC.

As with HDL, TG has also been associated with OC. For example, Zhang et al. [10]
found a significant association between elevated TG levels and high severity of EOC.
Another study found that blood TG levels at clinically relevant cut-off points (>200 vs.
≤200 mg/dL) for cases diagnosed for more than 2 years showed a positive relationship
with EOC risk [26]. An increased concentration of TG was also observed in a Japanese
EOC study [27]. A prospective analysis found that circulating TG was a risk biomarker
for OC, particularly for rapidly fatal tumors [28]. Interestingly, during the generation
of highly aggressive EOC cell lines, TG levels were dramatically increased [29]. Some
previous articles claimed that TG had no causal effect on EOC; however, the present analysis
indicated a clear correlation between elevated TG and an increased risk of LGLMSOC
and LGSOC.

A few studies have linked APOA1, APOB, and LDL with EOC. For example, in 2010,
Li et al. [30] showed that LDL was an independent predictor of OC survival, which was
significantly shorter in patients with elevated LDL among 132 stage IIIC/IV patients.
Consistent with that finding, Lin et al. [23] reported a significant association between high
LDL levels and worse overall survival in 156 patients with EOC who underwent surgical
resection. However, a retrospective study that included 267 cases showed an independent
association between increased preoperative LDL levels and improved 5-year recurrence-
free survival [31]. Several studies have demonstrated that LDL, APOA1, and APOB showed
no significant association with OC [10–12,14,23,32]. In the present study, no causal role was
found for LDL, APOA1, or APOB regarding the subtypes of EOC.

The underlying mechanisms by which HDL and TG affect the EOC risk remain to be
established. HDL promotes inflammation, apoptosis, angiogenesis, immunomodulatory
activities, and oxidation to exacerbate cancer development. HDL activates APOA1, LCAT,
and others to protect LDL from oxidative modification, thereby confirming its antioxidative
properties [33,34]. In the case of EOC, in a mouse model of ovarian epithelial papillary
serous adenocarcinoma, the overexpression of human APOA1 not only elevated HDL
levels but also hindered tumor development and improved survival rate [35]. Bovine HDL
inhibited ovarian tumor development by reducing the accumulation and/or synthesis of
pro-inflammatory lipids through a reduction in plasma levels of lysophosphatidic acid [36].

The results of the present study are also supported by experimental data showing
a pivotal role of TG in EOC tumorigenesis. TG is the primary fat stored in adipose tissue,
but it also causes increases in adipocyte size and number due to fat accumulation when it is
present in excess [37]. The omentum, an adipocyte-rich tissue, is the main intraperitoneal
site of OC metastasis [38]. The adipocyte-rich microenvironment favors OC metastasis
through fatty acid oxidation [39] and salt-inducible kinase 2 (SIK2)-mediated PI3K-AKT
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cancer cell proliferation/survival [40]. TG metabolism can also participate in ovarian
carcinogenesis by providing essential fatty acids [39] or insulin-mediated inflammation by
cyclooxygenase-2 (COX-2) [10].

As far as we know, this study is the first to examine the genetic relationships among
APOA1, APOB, HDL, LDL, and TG on EOC using the MR analysis method and a two-sample
MR approach. MR analyses can minimize potential confounding and reverse causality due
to the random allocation of genotypes. In this study, we also employed the most recent
and largest datasets from the UKBB and retained only European descent participants to
avoid population stratification. The inclusion of these larger datasets was coupled with
a rigorous approach (LD < 0.001) for SNP selection. The Bonferroni test (adjusted p for
association < 0.01) was conducted to increase the precision and the statistical power as
much as possible. We also applied multiple methods in MR sensitivity analysis, including
MR-Egger, weighted median, and MR-PRESSO, to minimize bias and provide strong causal
results. Some epidemiological studies have provided evidence that links the concentration
of APOA1, APOB, HDL, LDL, and TG to the risk of OC, but we further analyzed the effect
on the subtypes of ovarian cancer to rule out false-positive results.

Our study had several limitations. One is the limited exposures included only APOA1,
APOB, HDL, LDL, and TG. More hereditary instrumental variables associated with total
cholesterol, free cholesterol, and other lipids should be evaluated. Another limitation is
that this study only took European ancestry into account, and this could place restrictions
on the inference of findings to other populations. A third limitation is that heterogeneity
was not fully avoided, even though most of the results based on IVW were consistent with
the results based on MR-PRESSO. A further limitation arose because, although the OCAC
dataset was large, the separate subgroup sample size of OC was not sufficiently large.
More studies and cases should be included. In any case, our study offers unused pieces of
knowledge for the connections between lipids and the hazard of OC, subsequently giving
an improved understanding of its etiology.

In conclusion, through multiple analyses based on MR, we found distinct genetic
influence patterns for APOA1, APOB, HDL, LDL, and TG on different subtypes of OC. In
particular, circulating HDL was negatively associated with the risk of LMPOC, LGLMSOC,
and LMSOC, whereas elevated levels of serum TG levels genetically predicted an increased
risk of LGLMSOC and LGSOC. Further research is needed to investigate the causes and
underlying mechanisms of lipid effects on EOC and to establish potential interventions
and therapeutic targets.
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(LDL) with EOC risks in MR analyses. Supplementary Dataset S1: Detailed information of the SNPs
of the 5 lipids used in the MR analysis on EOC.

Author Contributions: H.M. and F.W. conceived and designed the study; H.M., R.W. and Z.S.
conducted the research; H.M., R.W. and Z.S. collected and analyzed the data; H.M., R.W., Z.S. and
F.W. wrote and revised the paper. All authors have read and agreed to the published version of
the manuscript.

Funding: This research was funded by the National Natural Science Foundation of China (grant No.:
31930057 to F.W.) and the National Key R&D Program of China (grant No.: 2018YFA0507802 to F.W.).

Institutional Review Board Statement: All studies included in the GWASs had been approved by
relevant ethical review committees, and all participants had provided written informed consent. The
current study only used summary-level data that were publicly available; thus, no additional ethical
review was required for this study.

Informed Consent Statement: Not applicable.

https://www.mdpi.com/article/10.3390/metabo12121175/s1
https://www.mdpi.com/article/10.3390/metabo12121175/s1


Metabolites 2022, 12, 1175 9 of 10

Data Availability Statement: All data are available in the submitted manuscript or related sources
described in the manuscript.

Acknowledgments: The authors acknowledge the participants and investigators of the UK Biobank
and OCAC consortium.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Bray, F.; Ferlay, J.; Soerjomataram, I.; Siegel, R.L.; Torre, L.A.; Jemal, A. Global cancer statistics 2018: GLOBOCAN estimates of

incidence and mortality worldwide for 36 cancers in 185 countries. CA Cancer J. Clin. 2018, 68, 394–424. [CrossRef] [PubMed]
2. Wang, L.; Zhong, L.; Xu, B.; Chen, M.; Huang, H. Diabetes mellitus and the risk of ovarian cancer: A systematic review and

meta-analysis of cohort and case-control studies. BMJ Open 2020, 10, e040137. [CrossRef] [PubMed]
3. Lheureux, S.; Braunstein, M.; Oza, A.M. Epithelial ovarian cancer: Evolution of management in the era of precision medicine. CA

Cancer J. Clin. 2019, 69, 280–304. [CrossRef] [PubMed]
4. Matulonis, U.A.; Sood, A.K.; Fallowfield, L.; Howitt, B.E.; Sehouli, J.; Karlan, B.Y. Ovarian cancer. Nat. Rev. Dis. Primers 2016,

2, 16061. [CrossRef] [PubMed]
5. Torre, L.A.; Trabert, B.; DeSantis, C.E.; Miller, K.D.; Samimi, G.; Runowicz, C.D.; Gaudet, M.M.; Jemal, A.; Siegel, R.L. Ovarian

cancer statistics, 2018. CA Cancer J. Clin. 2018, 68, 284–296. [CrossRef] [PubMed]
6. Mallen, A.R.; Townsend, M.K.; Tworoger, S.S. Risk Factors for Ovarian Carcinoma. Hematol. Oncol. Clin. N. Am 2018, 32, 891–902.

[CrossRef] [PubMed]
7. Stewart, C.; Ralyea, C.; Lockwood, S. Ovarian Cancer: An Integrated Review. Semin. Oncol. Nurs. 2019, 35, 151–156. [CrossRef]
8. Huang, X.; Wang, X.; Shang, J.; Lin, Y.; Yang, Y.; Song, Y.; Yu, S. Association between dietary fiber intake and risk of ovarian

cancer: A meta-analysis of observational studies. J. Int. Med. Res. 2018, 46, 3995–4005. [CrossRef]
9. Guo, H.; Guo, J.; Xie, W.; Yuan, L.; Sheng, X. The role of vitamin D in ovarian cancer: Epidemiology, molecular mechanism and

prevention. J. Ovarian Res. 2018, 11, 71. [CrossRef]
10. Zhang, Y.; Wu, J.; Liang, J.Y.; Huang, X.; Xia, L.; Ma, D.W.; Xu, X.; Wu, P. Association of serum lipids and severity of epithelial

ovarian cancer: An observational cohort study of 349 Chinese patients. J. Biomed. Res. 2018, 32, 336–342. [CrossRef]
11. OnwukaJ, U.; Okekunle, A.P.; Olutola, O.M.; Akpa, O.M.; Feng, R. Lipid profile and risk of ovarian tumours: A meta-analysis.

BMC Cancer 2020, 20, 200. [CrossRef]
12. Zhang, D.; Xi, Y.; Feng, Y. Ovarian cancer risk in relation to blood lipid levels and hyperlipidemia: A systematic review and

meta-analysis of observational epidemiologic studies. Eur. J. Cancer Prev. 2021, 30, 161–170. [CrossRef]
13. Delimaris, I.; Faviou, E.; Antonakos, G.; Stathopoulou, E.; Zachari, A.; Dionyssiou-Asteriou, A. Oxidized LDL, serum oxidizability

and serum lipid levels in patients with breast or ovarian cancer. Clin. Biochem. 2007, 40, 1129–1134. [CrossRef]
14. Melvin, J.C.; Seth, D.; Holmberg, L.; Garmo, H.; Hammar, N.; Jungner, I.; Walldius, G.; Lambe, M.; Wigertz, A.; Van Hemelrijck,

M. Lipid profiles and risk of breast and ovarian cancer in the Swedish AMORIS study. Cancer Epidemiol. Biomark. Prev. 2012, 21,
1381–1384. [CrossRef] [PubMed]

15. Richardson, T.G.; Sanderson, E.; Palmer, T.M.; Ala-Korpela, M.; Ference, B.A.; Smith, G.D.; Holmes, M.V. Evaluating the
relationship between circulating lipoprotein lipids and apolipoproteins with risk of coronary heart disease: A multivariable
Mendelian randomisation analysis. PLoS Med. 2020, 17, e1003062. [CrossRef] [PubMed]

16. Phelan, C.M.; Kuchenbaecker, K.B.; Tyrer, J.P.; Kar, S.P.; Lawrenson, K.; Winham, S.J.; Dennis, J.; Pirie, A.; Riggan, M.J.; Chornokur,
G.; et al. Identification of 12 new susceptibility loci for different histotypes of epithelial ovarian cancer. Nat. Genet. 2017, 49,
680–691. [CrossRef]

17. Hartwig, F.P.; Davies, N.M.; Hemani, G.; Smith, G.D. Two-sample Mendelian randomization: Avoiding the downsides of
a powerful, widely applicable but potentially fallible technique. Int. J. Epidemiol. 2016, 45, 1717–1726. [CrossRef] [PubMed]

18. Bowden, J.; Smith, G.D.; Haycock, P.C.; Burgess, S. Consistent Estimation in Mendelian Randomization with Some Invalid
Instruments Using a Weighted Median Estimator. Genet. Epidemiol. 2016, 40, 304–314. [CrossRef]

19. Bowden, J.; Smith, G.D.; Burgess, S. Mendelian randomization with invalid instruments: Effect estimation and bias detection
through Egger regression. Int. J. Epidemiol. 2015, 44, 512–525. [CrossRef]

20. Verbanck, M.; Chen, C.-Y.; Neale, B.; Do, R. Detection of widespread horizontal pleiotropy in causal relationships inferred from
Mendelian randomization between complex traits and diseases. Nat. Genet. 2018, 50, 693–698. [CrossRef]

21. Yavorska, O.O.; Burgess, S. MendelianRandomization: An R package for performing Mendelian randomization analyses using
summarized data. Int. J. Epidemiol. 2017, 46, 1734–1739. [CrossRef] [PubMed]

22. Hemani, G.; Zheng, J.; Elsworth, B.; Wade, K.H.; Haberland, V.; Baird, D.; Chaeles, L.; Burgess, S.; Bowden, J. The MR-Base
platform supports systematic causal inference across the human phenome. Elife 2018, 7, e34408. [CrossRef] [PubMed]

23. Lin, Q.Q.; Liu, W.; Xu, S.; Sun, L. Associations of preoperative serum high-density lipoprotein cholesterol and low-density
lipoprotein cholesterol levels with the prognosis of ovarian cancer. Arch. Gynecol. Obstet. 2022, 305, 683–691. [CrossRef] [PubMed]

24. Camuzcuoglu, H.; Arioz, D.T.; Toy, H.; Kurt, S.; Celik, H.; Erel, O. Serum paraoxonase and arylesterase activities in patients with
epithelial ovarian cancer. Gynecol. Oncol. 2009, 112, 481–485. [CrossRef] [PubMed]

http://doi.org/10.3322/caac.21492
http://www.ncbi.nlm.nih.gov/pubmed/30207593
http://doi.org/10.1136/bmjopen-2020-040137
http://www.ncbi.nlm.nih.gov/pubmed/33376163
http://doi.org/10.3322/caac.21559
http://www.ncbi.nlm.nih.gov/pubmed/31099893
http://doi.org/10.1038/nrdp.2016.61
http://www.ncbi.nlm.nih.gov/pubmed/27558151
http://doi.org/10.3322/caac.21456
http://www.ncbi.nlm.nih.gov/pubmed/29809280
http://doi.org/10.1016/j.hoc.2018.07.002
http://www.ncbi.nlm.nih.gov/pubmed/30390763
http://doi.org/10.1016/j.soncn.2019.02.001
http://doi.org/10.1177/0300060518792801
http://doi.org/10.1186/s13048-018-0443-7
http://doi.org/10.7555/JBR.32.20170096
http://doi.org/10.1186/s12885-020-6679-9
http://doi.org/10.1097/CEJ.0000000000000597
http://doi.org/10.1016/j.clinbiochem.2007.06.007
http://doi.org/10.1158/1055-9965.EPI-12-0188
http://www.ncbi.nlm.nih.gov/pubmed/22593241
http://doi.org/10.1371/journal.pmed.1003062
http://www.ncbi.nlm.nih.gov/pubmed/32203549
http://doi.org/10.1038/ng.3826
http://doi.org/10.1093/ije/dyx028
http://www.ncbi.nlm.nih.gov/pubmed/28338968
http://doi.org/10.1002/gepi.21965
http://doi.org/10.1093/ije/dyv080
http://doi.org/10.1038/s41588-018-0099-7
http://doi.org/10.1093/ije/dyx034
http://www.ncbi.nlm.nih.gov/pubmed/28398548
http://doi.org/10.7554/eLife.34408
http://www.ncbi.nlm.nih.gov/pubmed/29846171
http://doi.org/10.1007/s00404-021-06215-3
http://www.ncbi.nlm.nih.gov/pubmed/34453586
http://doi.org/10.1016/j.ygyno.2008.10.031
http://www.ncbi.nlm.nih.gov/pubmed/19101714


Metabolites 2022, 12, 1175 10 of 10

25. Johnatty, S.E.; Tyrer, J.P.; Kar, S.; Beesley, J.; Lu, Y.; Gao, B.; Fasching, P.A.; Hein, A.; Ekici, A.B.; Beckmann, M.W.; et al. Genome-
wide Analysis Identifies Novel Loci Associated with Ovarian Cancer Outcomes: Findings from the Ovarian Cancer Association
Consortium. Clin. Cancer Res. 2015, 21, 5264–5276. [CrossRef]

26. Trabert, B.; Hathaway, C.A.; Rice, M.S.; Rimm, E.B.; Sluss, P.M.; Terry, K.L.; Zeleznik, O.A.; Tworoger, S.S. Ovarian Cancer Risk in
Relation to Blood Cholesterol and Triglycerides. Cancer Epidemiol. Biomark. Prev. 2021, 30, 2044–2051. [CrossRef]

27. Hishinuma, E.; Shimada, M.; Matsukawa, N.; Saigusa, D.; Li, B.; Kudo, K.; Tsuji, K.; Shigeta, S.; Tokunaga, H.; Kumada, K.; et al.
Wide-Targeted Metabolome Analysis Identifies Potential Biomarkers for Prognosis Prediction of Epithelial Ovarian Cancer. Toxins
2021, 13, 461. [CrossRef]

28. Zeleznik, O.A.; Eliassen, A.H.; Kraft, P.; Poole, E.M.; Rosner, B.A.; Jeanfavre, S.; Deik, A.A.; Bullock, K.; Hitchcock, D.S.; Avila-
Pacheco, J.; et al. A Prospective Analysis of Circulating Plasma Metabolites Associated with Ovarian Cancer Risk. Cancer Res.
2020, 80, 1357–1367. [CrossRef] [PubMed]

29. Zhao, Z.; Cai, Q.; Xu, Y. The Lipidomic Analyses in Low and Highly Aggressive Ovarian Cancer Cell Lines. Lipids 2016, 51,
179–187. [CrossRef]

30. Li, A.J.; Elmore, R.G.; Chen, I.Y.D.; Karlan, B.Y. Serum low-density lipoprotein levels correlate with survival in advanced stage
epithelial ovarian cancers. Gynecol. Oncol. 2010, 116, 78–81. [CrossRef]

31. Zhu, F.F.; Xu, X.X.; Shi, B.B.; Zeng, L.C.; Wang, L.; Wu, X.Q.; Zhu, H. The positive predictive value of low-density lipoprotein for
recurrence-free survival in ovarian cancer. Int. J. Gynecol. Obstet. 2018, 143, 232–238. [CrossRef]

32. Podzielinski, I.; Saunders, B.A.; Kimbler, K.D.; Branscum, A.J.; Fung, E.T.; DePriest, P.D.; van Nagell, J.R.; Ueland, F.R.; Baron,
A.T. Apolipoprotein Concentrations Are Elevated in Malignant Ovarian Cyst Fluids Suggesting That Lipoprotein Metabolism Is
Dysregulated in Epithelial Ovarian Cancer. Cancer Investig. 2013, 31, 258–272. [CrossRef] [PubMed]

33. Heinecke, J.W. Oxidants and antioxidants in the pathogenesis of atherosclerosis: Implications for the oxidized low density
lipoprotein hypothesis. Atherosclerosis 1998, 141, 1–15. [CrossRef] [PubMed]

34. Navab, M.; Hama, S.Y.; Anantharamaiah, G.M.; Hassan, K.; Hough, G.P.; Watson, A.D.; Reddy, S.T.; Sevanian, A.; Fonarow, G.C.;
Fogelman, A.M. Normal high density lipoprotein inhibits three steps in the formation of mildly oxidized low density lipoprotein:
Steps 2 and 3. J. Lipid Res. 2000, 41, 1495–1508. [CrossRef]

35. Su, F.; Kozak, K.R.; Imaizumi, S.; Gao, F.; Amneus, M.W.; Grijalva, V.; Ng, C.; Wagner, A.; Hough, G.; Farias-Eisner, G.; et al.
Apolipoprotein A-I (apoA-I) and apoA-I mimetic peptides inhibit tumor development in a mouse model of ovarian cancer. Proc.
Natl. Acad. Sci. USA 2010, 107, 19997–20002. [CrossRef]

36. Su, F.; Gm, A.; Palgunachari, M.N.; White, C.R.; Stessman, H.; Wu, Y.; Vadgama, J.; Pietras, R.; Nguyen, D.; Reddy, S.T. Bovine
HDL and Dual Domain HDL-Mimetic Peptides Inhibit Tumor Development in Mice. J. Cancer Res. Ther. Oncol. 2020, 8, 101.
[CrossRef]

37. Bjornson, E.; Adiels, M.; Taskinen, M.R.; Boren, J. Kinetics of plasma triglycerides in abdominal obesity. Curr. Opin. Lipidol. 2017,
28, 11–18. [CrossRef]

38. Pradeep, S.; Kim, S.W.; Wu, S.Y.; Nishimura, M.; Chaluvally-Raghavan, P.; Miyake, T.; Pecot, C.V.; Kim, S.-J.; Choi, H.J.; Bischoff,
F.Z.; et al. Hematogenous Metastasis of Ovarian Cancer: Rethinking Mode of Spread. Cancer Cell 2014, 26, 77–91. [CrossRef]

39. Nieman, K.M.; Kenny, H.A.; Penicka, C.V.; Ladanyi, A.; Buell-Gutbrod, R.; Zillhardt, M.R.; Romero, I.L.; Carey, M.S.; Mills, G.B.;
Hotamisligil, G.S.; et al. Adipocytes promote ovarian cancer metastasis and provide energy for rapid tumor growth. Nat. Med.
2011, 17, 1498–1503. [CrossRef] [PubMed]

40. Miranda, F.; Mannion, D.; Liu, S.J.; Zheng, Y.Y.; Mangala, L.S.; Redondo, C.; Herrero-Gonzalez, S.; Xu, R.; Taylor, C.; Chedom,
D.F.; et al. Salt-Inducible Kinase 2 Couples Ovarian Cancer Cell Metabolism with Survival at the Adipocyte-Rich Metastatic
Niche. Cancer Cell 2016, 30, 273–289. [CrossRef]

http://doi.org/10.1158/1078-0432.CCR-15-0632
http://doi.org/10.1158/1055-9965.EPI-21-0443
http://doi.org/10.3390/toxins13070461
http://doi.org/10.1158/0008-5472.CAN-19-2567
http://www.ncbi.nlm.nih.gov/pubmed/31969373
http://doi.org/10.1007/s11745-015-4108-7
http://doi.org/10.1016/j.ygyno.2009.09.027
http://doi.org/10.1002/ijgo.12645
http://doi.org/10.3109/07357907.2013.789896
http://www.ncbi.nlm.nih.gov/pubmed/23627408
http://doi.org/10.1016/S0021-9150(98)00173-7
http://www.ncbi.nlm.nih.gov/pubmed/9863534
http://doi.org/10.1016/S0022-2275(20)33462-3
http://doi.org/10.1073/pnas.1009010107
http://doi.org/10.17303/jcrto.2020.8.101
http://doi.org/10.1097/MOL.0000000000000375
http://doi.org/10.1016/j.ccr.2014.05.002
http://doi.org/10.1038/nm.2492
http://www.ncbi.nlm.nih.gov/pubmed/22037646
http://doi.org/10.1016/j.ccell.2016.06.020

	Introduction 
	Experimental Design 
	Assumptions of MR Study and Study Design Overview 
	Instrumental Variables 
	Outcome Data Sources 
	Statistical Analysis 

	Results 
	Discussion 
	References

