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Abstract

:

Despite the fact that online purchase intention has been widely investigated, little is known about the e-retailer-based signals used to reduce online customers’ uncertainty perception in high-uncertainty-avoidance (UA) societies. Thus, based on signaling and uncertainty literature, this study investigates return policy leniency (RPL), cash on delivery (COD), and social commerce constructs (SCCs) as the costly signals e-retailers use to increase perceived trust and reduce perceived purchase uncertainty among customers in high-UA societies. An analysis of empirical data from 560 e-commerce users from Jordan reveals that RPL, COD, and SCCs are key enablers of customer trust. Furthermore, customer trust is positively associated with customer purchase intention. The implications for both theory and practice are highlighted.
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1. Introduction


Over the past few years, e-commerce has become an essential component of universal retail. The introduction of the Internet has engendered dramatic changes in the retail landscape. In addition, the digitization of modern life has enabled customers around the globe to benefit from online transactions [1]. The number of online shoppers is growing yearly as the availability and usage of the Internet grow steadily. In 2020, around two billion customers purchased products/services online, with worldwide e-commerce sales surpassing USD 4.2 trillion [2]. Across the planet, B2C (business-to-consumer) e-commerce is increasing and progressively becoming an important component in the retail landscape [3]. It is attracting ever more customers due to its price advantages and convenience [4,5]. Furthermore, B2C e-commerce has been recognized as a highly significant alternative for businesses as e-retailers benefit from the lower costs of operations [6]. E-commerce has been already adopted by a considerable number of businesses as an essential trading tool in their daily processes. However, many small and medium enterprises (SMEs) face pressures in adopting e-commerce due to the intense rivalry from large firms [7]. Hence, numerous countries have now recognized the prominence of e-commerce, particularly B2C e-commerce, in their economies and take account of it in their economic development strategies [8].



Nevertheless, the global diffusion of e-commerce remains extremely uneven across nations [9]. Such imbalanced development and the readiness of e-commerce are attributed to various factors at a national level, such as market factors, GDP, culture, and educational level [10,11]. Ayob [12] points out that the diffusion of e-commerce is not only limited by the quality of formal institutions (e.g., laws, infrastructure), but also by cultural dimensions such as uncertainty avoidance (UA) and risk tolerance. Research has indicated that nations with high UA are content with existing conditions and are resistant to change, consequently, they act conservatively [13]. People in such societies are unlikely to accept risks when trying new technologies and thus are slower in adopting them [14]. Compared to physical stores, e-commerce as a new model of trade is recognized as more uncertain, and only customers with a solid trust value are keen to adopt it. In general, e-commerce is less developed in the Arab world than in other regions [15]. According to a report by [16], e-commerce contributed to 16% and 14% of all retail sales in the UK and the USA, respectively, compared to less than 2% in the Arab world. Although there has been a rapid growth in usage of the Internet, e-commerce is growing at a slow rate in the Arab region [17]. Jordan is an Arabic and developing country located in the Middle East and is considered a high-UA country [18]. Internet penetration in Jordan stood at 66.8% in 2021 (6.84 million Internet users), with social media penetration reaching 61.5% of the population (6.3 million) [19]. E-commerce in Jordan is considered more advanced than in its counterparts in the region. In 2021, 8% of the population in Jordan were reported to have made online purchases and/or paid bills online [19]. According to one report, e-commerce market revenue is likely to report a yearly growth rate of 17.24% in 2022, resulting in an expected market volume of USD 4646 m by 2025 [20]. Despite the development of e-commerce in Jordan, a lack of legislation supporting the e-commerce sphere and protecting consumers has been recognized as the main obstacle impeding e-commerce growth [21].



The primary objective of the present study is to explore how e-retailer-based signals mitigate transaction uncertainty in e-commerce, increasing customers’ trust and subsequently their purchase intentions in emerging markets. This study examines e-retailer-based signals from the perspective of e-commerce customers in the emerging market of a developing country (Jordan). A considerable number of micro and small businesses in emerging and developing markets have benefited from e-commerce by reaching a larger number of customers and conducting transactions online. This study offers insights into how, in developing e-commerce environments, customers reduce the uncertainty related to online transactions by relying on specific signals to build trust, which in turn develops purchase intention. Given that online customers cannot physically assess products before purchasing them online, the current study uses signaling theory (ST) and relational signaling theory (RST) to increase knowledge of the retailer-based signals e-commerce customers use to alleviate uncertainty by increasing their trust, thereby positively affecting their online purchase intentions. In particular, ST and RST are used to determine whether e-retailer-based signals such as return policy leniency (RPL), cash on delivery (COD), and social commerce constructs (SCCs) can effectively decrease transaction uncertainty in online transactions. Hence, RPL, COD, and SCCs can be employed as information signals to mitigate uncertainty in e-commerce transactions.



The paper is organized as follows: given that the introduction is the Section 1, the Section 2 provides a review of literature related to the current research, presents the theoretical foundation, and discusses the constructs of the research model and the hypotheses formulated. The research methodology is introduced in Section 3. The statistical analysis is presented in Section 4 and Section 5 discusses the study findings. Section 6 then considers the implications of the research The Section 7 summarizes the research objective, main findings, and limitations.




2. Literature Review and Theoretical Foundation


2.1. Uncertainty and E-Commerce


Uncertainty refers to the degree to which future environmental situations cannot be correctly forecasted due to improper or incomplete information [22]. Customers’ perceived uncertainty in the online marketplace is explained as the extent to which they cannot anticipate the result of a transaction due to uncertainty related to the seller and the product [23]. Seller uncertainty arises when customers are unable to fully monitor the behaviors of sellers, particularly in terms of evaluating their true characteristics and whether they will behave opportunistically [23,24,25]. In online marketplaces, seller uncertainty might lead to moral hazards and adverse selections [26]. From a principal–agent perspective, [27] examined uncertainty in online marketplaces and hypothesized that customers’ perceptions of fear of information, asymmetry, seller opportunism, and concerns about information privacy/security are all primary determinants of seller uncertainty. Thus, trust has been recognized as an effective strategy for mitigating seller uncertainty and related risks. Because genuine quality information usually remains with sellers, customers tend to employ various strategies to reduce risk and uncertainty in online transactions, including feedback from previous customers [28] and a seller’s rating (negative/positive) [29].



Product uncertainty is closely related to seller uncertainty. It denotes the difficulty of assessing a product’s attributes and anticipating its performance in the future [30]. Product uncertainty is viewed as a multi-dimensional concept that includes uncertainty related to product performance, description, and fit. When a seller fails to accurately explain and represent a product’s attributes online, product description uncertainty arises, whereas the uncertainty of product performance emerges from a customer’s fears about a product’s performance [23]. In a similar vein, [30] developed the concept of product fit uncertainty, which refers to doubts about whether a product (or its attributes) meets customers’ expectations and demands. Product uncertainty is a major obstacle for online marketplaces and is amplified for products (i.e., clothing) that cannot be fully assessed and sensed before purchase. The authors in [23] discovered that the assurance of third-party and diagnostic product descriptions can assist in minimizing uncertainty related to product description and performance in online second-hand automobile markets. Regarding product fit uncertainty, online product forums and media can be used to alleviate this [30].



The increase in uncertainty perceptions among customers may have several negative consequences. For instance, high perceptions of uncertainty may lead to a sharp decline in sales and low purchase/repurchase intention [31,32]. Furthermore, [33] found that although some customers tend to restrict their purchases to products of low value to minimize their losses, other customers refrain from online transactions altogether. Accordingly, the reduction in uncertainty related to online purchasing is likely to increase purchase intentions, attract more customers, and ultimately generate greater sales [34]. Understanding online purchasing behavior has become an important consideration, especially in light of the wide range of e-retailers [35]. According to [36], customers compare the advantages and disadvantages of offline and online purchasing options before deciding which to choose. Previous research has confirmed that customer uncertainty has a negative effect on purchase and repurchase intentions [37,38]. Thus, it is critical to understand how customers’ perceived uncertainty when making an online purchase can be alleviated. Such an understanding can be used to develop effective marketing strategies that facilitate purchase intention and continued online purchasing behavior. It is especially imperative to understand customers’ perceived uncertainty with regard to online purchasing in emerging markets with high-UA cultures. This is because these cultures are more sensitive to uncertain and unknown situations and hence are more threatened by uncertainty and ambiguity [39]. Uncertainty is commonly introduced by change [11]. Shopping habits have been transformed by the introduction of e-commerce, which requires customers to use computers, smartphones, or other devices, which triggers risk and uncertainty. Therefore, customers in high-UA cultures are more likely to resist e-commerce as such change brings uncertainties to shopping behavior [8]. Most importantly, customers in high-UA cultures place greater importance on structure (e.g., regulations, rules, laws) [40]. However, e-commerce, particularly in emerging markets, remains unregulated and lacks legislation to protect customers [41,42,43,44,45,46]. Hence, customers in these markets prefer institutional assurance.




2.2. Theoretical Foundation


This paper draws on signaling theory (ST) and relational signaling theory (RST) [47,48,49] to understand customers’ online purchase intentions in emerging markets. Sellers and customers in online purchase transactions have access to diverse information, which therefore generates information asymmetry [50]. As suggested by Connelly et al. [51], the information provided by a seller to targeted customers regarding the ability to complete a task might be interpreted as a signal. Sellers often choose how they signal information, whereas consumers decide how to infer and react to the signals they receive. ST is used in this study to elucidate how the asymmetry of information can be decreased by return policy leniency (RPL), cash on delivery (COD), and social commerce constructs (SSCs) as costly and visible signals [52].



ST has been frequently employed in the fields of economics, marketing, and management to explain the impact of information asymmetry in a variety of contexts [53,54]. Signals are often thought of as the qualities of an object that can be altered and manipulated according to the preferences of a signaler and can reveal the hidden quality information of one object to another [55]. In terms of the relationship between customers and e-retailers, ST has been utilized to explain the types of signals e-retailers offer to customers in order to reduce information asymmetry and assist customers in making more accurate judgments of quality when there is limited information about products [55,56,57]. Information asymmetry in e-commerce settings is becoming increasingly prominent due to the physical separation between sellers and customers [54]. There are two important causes of information asymmetry in online marketplaces: seller quality and product quality [57]. In uncertain settings such as e-commerce, ST is used to describe how signals might be utilized to impact customers’ attitudes toward the signaling party. Advertising, branding [58], and unconditional money-back guarantees [59] are all examples of traditional market signals. The concept of signals in e-commerce has been extended as different forms of signals are presented such as money-back guarantees, promotional policies [54], live streaming commerce [53], online word-of-mouth (WOM) [60], third-party assurances, and online product descriptions [23].



The other theoretical base, RST, is used in this study as a bridge to elucidate how trust perception may be developed by decreasing uncertainty through the costly signals of RPL, COD payment options, and SCCs. Uncertainty avoidance is commonly linked to risk tolerance [61] and both are significantly shaped by trust [62]. Trust is a key aspect of e-commerce transactions between the transacting bodies (i.e., customers and e-retailers) where there is little control over each other’s behavior and a high degree of uncertainty and risk is involved. According to Six [49], RST is “based on the assumptions that rationality is bounded through framing, that preferences are partially determined by altruism (through a distinction between foreground and background goals), and that an individual’s action is influenced by the normative context in which he or she operates” (p. 285) and is fundamental to building trust. Through the lens of RST, signaling through RPL, COD, and SCCs facilitates the formation of trust by limiting “opportunistic behavior, [creating] positive relational signals, avoiding negative relational signals, [and] the stimulation of frame resonance, or the introduction of trust-enhancing … policies” ([49], p. 285).



By drawing on the RST, the relationships between RPL, COD, SCCs → trust → purchase intentions are explained (see Figure 1). In doing so, this study makes several contributions. It hypothesizes that RPL, COD, and SCCs will reduce risk and uncertainty relating to a current purchase while also offering a relational signaling methodology to comprehend how repurchase intention develops. By making costly commitments through COD, RPL, and SCCs, e-retailers build essential trust among their customers through relational signaling. Customers perceive higher reliability when an e-retailer is willing to accept their vulnerability by providing more lenient return policies, allowing a COD payment method, and enabling customers to share their purchasing experience through various SCCs as they trust the e-retailers’ commitment to being vulnerable by offering these aspects. The impact of lenient return policies and cash on delivery payment options on customer trust has not been extensively explored. In the extant literature, very few studies [50] have examined the link between return policy leniency and customer trust. Furthermore, although previous research has operationalized cash on delivery as a moderator of the relationships between various related factors and purchase/repurchase intentions [36,63], other scholars have examined the main drivers of adopting cash on delivery [64,65,66]. Tandon and Kiran [67] found that COD has a significant positive effect on purchase intention in the Indian context. However, no study has examined COD as a direct antecedent of customer trust. This study hypothesizes that RPL and COD can facilitate costly signals to mitigate the uncertainty and risk related to a purchase transaction. Additionally, it proposes that the inclusion of SCCs into a standard e-commerce website is a costly signal that can be effective in boosting customer trust.



Furthermore, this study supports the notion that an online customer’s trust in an e-retailer is an important aspect in translating COD, RPL, and SCCs into a future purchase decision. The logic supporting this argument is rooted in RST, which proposes that customers assess the e-retailer’s provision of RPL, COD, and SCCs in committing themselves to future exchange relationships/purchase intentions. This implies that customers who have purchased in the presence of a COD, RPL, and SCCs from an e-retailer will then repurchase from that e-retailer. As Figure 1 indicates, this study proposes that the effects of COD, RPL, and SCCs on consumer purchase intention are visible through customer trust.




2.3. Hypotheses Development: Return Policy Leniency and Customer Trust


When engaging in online shopping, customers rely on textual imageries and photos that may not be sufficiently useful to make online purchase decisions [68]. Customers cannot see, test, touch, or smell physical products before purchasing, generating additional challenges regarding their attitudes toward e-commerce in high-uncertainty-avoidance societies [69,70] Thus, many e-retailers employ several strategies (i.e., virtual reality, extensive descriptions) to enhance the online shopping experience, whereas customers rely on WOM to reduce risk and uncertainty in online shopping [50]. Yet a considerable level of uncertainty remains in the online shopping experience.



Return policies have become a competitive strategy and key element for online retailing that can be employed to decrease the risk and uncertainty related to product quality [71]. However, product return is recognized as a key challenge for e-retailers [72]. This refers to a product being returned to e-retailers or crediting a payment to consumers. There are multiple reasons for a product return, including product defects, misfits, and a lack of conformity to consumers’ expectations [73]. As a result, a product return has negative economic effects on the profitability of e-retailers as it involves a set of reverse logistics (i.e., packaging, shipping back, recycling) [21,74,75,76]. This reduces the margin of profit from the original purchase and leads to additional costs being generated from handling the returned product.



By contrast, lenient return policies are beneficial for e-retailers as they stimulate customers’ purchasing proclivities [77] by decreasing their perceptions of risk and uncertainty as a result of being unable to physically inspect products [74,78,79]. Janakiraman et al. [80] state that despite the costs associated with processing returned products, e-retailers are keen to provide their customers with lenient return policies because the sales stimulated by these policies more than compensate for the costs of processing returns. Such policies indicate that e-retailers are committed to service quality [81] and service recovery (i.e., wrong items, poor product quality) [82]. Furthermore, Jung and Seock [83] point out that lenient return policies are regarded as a service recovery that is fundamental to decreasing customer turnover and raising revenue. These policies entail the professional management of service recovery by e-retailers [84].



This study recognizes the leniency of a return policy based on five key aspects derived from [80] effort—“involves effortless return process”, time—“provides a longer length of time in which to return products”, scope—“allows a wider range of products to be returned”, money—“does impose monetary restrictions, and exchange—“allows cash refunds”. After reviewing the related literature, it is apparent that the influence of lenient return policies on customers’ trust has not been fully explained, except for a study by [50], which found that customer trust mediates the relationship between return policy leniency and Swadesh customers’ purchase intentions. Wang et al. [85] claimed that cognitive trust is triggered by signaling through RPL. Unlike emotional trust, cognitive trust is defined as an informed assessment of another party’s ability to perform and deliver specific behaviors and is dependent on the perceptions of prior behaviors, exchanges, and leniency. Cognitive trust indicates benevolence, integrity, and competence. By providing a lenient return policy, e-retailers signal their ability and competency to address customer demands. Costly signals conveyed by lenient returns policies also indicate they possess the integrity to continue e-retail operations regardless of the high costs incurred from handling returns. Equally, given that lenient return policies are costly, e-retailers signal benevolence in that these policies are not found to cause harm.



H1. 

Return policy leniency (RPL) positively influences customer trust (TR).






2.4. Cash on Delivery (COD) and Customer Trust


Cash on delivery (COD) refers to a payment option that permits customers to pay cash when the ordered product is delivered [66,67]. Because the consumer receives the products prior to completing a payment, COD is occasionally referred to as a “post payment” method [86]. COD has grown in popularity in recent years in a large number of developing countries including India [63], Pakistan [64], Vietnam [87], Indonesia [88], Nigeria [89], and Arab countries [65]. There are multiple reasons for its wide popularity and acceptance. Given the substantial previous literature, issues with respect to trust, privacy, and security are fundamental motives that make customers uncertain about adopting current e-payment methods (i.e., credit/debit cards) and e-commerce [36,90,91,92,93]. In developing countries, customers are still reluctant to use e-payment options due to an insufficient debit/credit card penetration rate and a lack of secure e-payment systems [63,64]. Even with the availability of credit/debit cards, many require bank pre-activation in order to be used for e-commerce transactions, which makes the payment process more complicated. Moreover, e-commerce in developing countries continues to evolve and customers lack experience with e-payments. Furthermore, online payment regulations and cyber laws remain in their infancy, failing to give customers a sufficient sense of security [64,94,95].



Although previous literature has found that customer trust has been recognized as a key determinant of COD use for e-commerce transactions [64,66,96,97,98,99], examinations of the impact of COD on customer trust are limited. In e-commerce transactions, mistrust may arise owing to the absence of face-to-face interactions between the seller and the customer, and uncertainty occurs as both parties may act unexpectedly and opportunistically [100]. As a result, avoiding opportunistic behavior [101,102], which can occur with COD, is the key to minimizing such uncertainty and making e-commerce transactions effective. In contrast to an e-payment transaction, COD ensures two key components of customer trust: (1) the receipt of the expected product leading to trust building, and (2) paying by cash, which protects customers from sharing their credit/debit card information over the Internet and through e-payment systems [65,66].



The risk and distrust of sharing credit/debit card information and receiving a faulty or incorrect product are alleviated to a large extent by using a COD option as customers are allowed to check and approve the products before paying in cash [65,67,88]. Additionally, Chiejina and Olamide [89] have claimed that COD is an effective strategy to compel online retailers to deliver the correct orders, provide faster delivery, and improve customer service, which increases customer satisfaction. COD is viewed as an appropriate solution for reducing customers’ perceived risks. Many consumers fear financial hazards, such as losing their money without receiving their products or having the right products delivered, because they must pre-pay [87]. In the same vein, consumers using COD will have the same traditional shopping experience whereby they can inspect the product before paying. According to Li et al. [103], e-retailers are trusted by customers if they are able to sell and deliver products as expected or even superior, which can be assured by offering COD. Furthermore, through online payments, e-retailers are receiving their payments prior to the actual delivery of the order [64]. However, the provision of COD by an e-retailer can be realized as a costly signal of trust. Because customers may refuse to pay if they are not satisfied with the product they have purchased, e-retailers who provide COD as a payment option indicate that they are ready to make a costly commitment due to the costs incurred by returning products. This costly signal is expected to contribute significantly to developing customer trust in e-retailers.



H2. 

Cash on delivery (COD) positively influences customer trust (TR).






2.5. Social Commerce Constructs and Customer Trust


The rapid growth of social media and Web 2.0 technology has brought new e-commerce developments [104,105]. This has offered an opportunity to develop new business models that foster social interactions in terms of attracting more customers, particularly in the sphere of e-commerce [106]. Customers’ experiences in online environments facilitated by social media differs from that offline, as they are able to develop social interactions with other customers [107]. In particular, social media and the advent of social platforms, which are used for recommendations and referrals, ratings and reviews, social networks, and communities and forums, allow customers to engage in social interactions [90,104,108]. Such social platforms are referred to as social commerce constructs (SCCs) [104] and are also examined in this study. As explained by Hajli [109], SCCs refer to the embedded features of an e-commerce website that allow customers to interact with other customers and rate, comment, recommend, and shop for products. These constructs are social platforms that enable customers to create content and share their shopping experiences. Customers are empowered to provide advice and share their purchase experiences (opinions) after purchasing through these platforms, which act as an online source of social support [110,111] Potential customers, through SCCs, can access feedback and information regarding products, services, service quality, and online e-retailers that have been provided by other customers [112]. The concept of word-of-mouth (WOM), which is facilitated by interactions on SCCs, has become an immensely effective way to reach potential customers [113]. Therefore, when potential customers are enabled to access the social experiences and knowledge of previous customers, they can make more accurate informed purchasing decisions [114].



When customers experience uncertainty in online shopping, they tend to seek reliable and trustworthy sources that provide referential and diagnostic information to overcome this [115]. The information provided by an e-retailer is not always recognized as trustworthy and reliable and is generally used by potential customers, whereas the information provided by SCCs is viewed as trustworthy [107,112]. Research has indicated that potential customers are inclined to rely more on WOM provided by their friends and fellow customers on SCCs than the information provided by e-retailers when it comes to developing a transaction intention before purchasing [116]. In the extant literature, WOM provided through SCCs has been found to be a key predictor of customer trust [110,117,118]. Hajli [104] confirms that SSCs are key enablers of trust. Furthermore, the literature confirms that social presence, which can be conveyed through SCCs, fosters trust levels [119]. Supporting this, other studies have found that the social presence and social applications of e-commerce contribute significantly to making customers feel more secure and therefore more likely to purchase [120].



Customers tend to trust information (WOM) obtained from other customers on SCCs as such information is believed to be independent and safeguarded from interference by e-retailers [115]. Potential customers may therefore have the chance to explore previous customers’ shopping experiences, allowing them to evaluate the reliability of an e-retailer, assess services/products before consumption, and shape the expectations of service quality-related purchases. Furthermore, e-retailers are seen as trustworthy when they allow customers to openly discuss and reveal their purchasing experiences and interactions with others and access information via SCCs. Furthermore, SCCs allow e-retailers to enhance their social support, social presence, and interaction with customers [112,121,122]. This demonstrates that e-retailers are transparent, do not conceal information, and do not engage in untrustworthy or opportunistic behavior toward customers.



H3. 

Social commerce constructs (SCCs) positively influence customer trust (TR).






2.6. Customer Trust (TR) and Purchase Intention (PI)


In e-commerce environments, it is difficult to assess whether e-retailers will be committed to protecting the personal information and privacy of customers [41] and/or the security of online transactions [123]. The content of e-retailers’ websites can also influence customer trust [124,125]. Furthermore, product uncertainty is largely related to e-retailers in online markets [23,126]. Customers cannot entirely assess whether the descriptions of products are sufficient and whether they will perform properly in the future as claimed by e-retailers [23]. In the meantime, customers are also anxious about whether the e-retailer has abundantly satisfied their personal demands and endorsed products that match their preferences [30]. Thus, the decrease in e-retailer uncertainty may contribute substantially to reducing product uncertainty. Several studies have confirmed that the development of a close relationship and cultivation of trust toward e-retailers is an effective way to decrease e-retailer uncertainty. Belief in the trustworthiness of e-retailers is based on three building blocks: ability, integrity, and benevolence [127,128]. Thus, it is essential for e-retailers to provide trustworthy transaction processes to build trust in customers, who subsequently develop online purchase intentions [129,130].



Defining trust is complicated because it represents an abstract and multifaceted concept. Accordingly, trust has been defined in different ways [131,132]. Trust in e-commerce refers to the belief that customers are vulnerable to the honest intentions of e-retailers after knowing their features [93]. Similarly, Gefen [133] defines trust as the general beliefs in an e-retailer that shape behavioral intentions. Additionally, Kim [123] defines trust, the same definition used in the current study, as a customer’s personal belief that the e-retailer will accomplish their transactional commitments (as interpreted by the customers). This definition is closely related to the cognitive trust definition, which denotes an informed assessment of another party’s ability (e-retailer) to accomplish and convey expected behaviors based on perceptions of previous behaviors, exchanges, and leniency [85]. Research has investigated how trust in an e-retailer drives a customer’s subsequent inclination to purchase from a particular e-retailer. In online transactions, trust can be recognized as a major predecessor belief that generates a positive attitude toward transaction behaviors [134,135], therefore resulting in purchase intention. In previous literature, the influence of trust on purchase intentions is clear [50,136,137,138,139]. Thus, customers’ trust in e-retailers can reduce the vulnerability and social complexity that customers perceive in e-commerce settings.



H4. 

Customer trust (TR) positively influences purchase intentions.







3. Methodology


A survey method was employed for this study. The items used to measure the research model’s constructs were adopted from previous research (see Appendix A). All measurement items were assessed on a 5-point Likert scale. Prior to administration, the think-aloud technique was applied to discuss the questionnaire with three academicians and four experienced e-commerce users for content and face validity. Small changes to the phrasing and layout of the measurement items were made based on these conversations, and the final online questionnaire was designed using Google Forms. The first part was dedicated to collecting demographic information about the participants (see Table 1), whereas the second section was composed of 26 items that measure the constructs of the research model (see Appendix A).



Data were collected in Jordan from 15 December 2021 to 18 February 2022. Due to the absence of a sample frame for e-commerce users, the survey link was distributed to potential participants via various WhatsApp groups and social media pages (after obtaining permission from the administrators). This ensured that all recruited participants were conversant with social media and increased the likelihood of finding users who purchased products through e-commerce. Most WhatsApp groups and social media members tend to belong to numerous other groups and pages. Therefore, a snowball sampling method was adopted. The administrators of the WhatsApp groups and social media pages were instructed to distribute the survey link to other pages and groups and to encourage their members to do the same. Accordingly, the online survey resulted in 573 returned questionnaires, 13 of which were discarded due to a high level of incompleteness. Consequently, a total of 560 questionnaires were valid and subjected to analysis. The respondents’ demographic characteristics are displayed in Table 1.



In survey research, Common Method Variance (CMV) is a potential issue [140]. This issue arises for various reasons, including item ambiguity, participants attempting to remain consistent in their responses, scale length, common scale, anchors/formats, and gathering data about independent and dependent variables from the same participant and measuring them in the same location. According to Sharma [141], the validity of the relationships among variables is threatened by CMV, which inflates observed correlations and provides erroneous support for the hypotheses. Furthermore, Kock [142] states that CMV deflates the size of correlations among variables, hence making the outcomes insignificant. As suggested by Podsakoff [140], CMV was procedurally controlled during the questionnaire design by utilizing clear and simple language, fragmenting the measurement items for independent and dependent variables, eliminating “double-barreled” questions, and separating. These processes were effective in controlling CMV, as the result of a “Harman Single Factor” analysis indicated that the total variance extracted by one factor was 49.01% (<50%), demonstrating no bias in the dataset [140].




4. Data Analysis


The convergent validity of the constructs was assessed by examining the internal consistency of the indicators using the Dijkstra–Henseler’s rho (rho_A) and the “average variance extracted” (AVE). As displayed in Table 2, all rho_A, composite reliability (CR), Cronbach’s alpha (α) (>0.7), and AVE (>0.5) values satisfied the recommended cut-off values [143].



Hair et al. [143] state that to confirm the presence of discriminant validity, each construct’s     A V E     value should be higher than the correlations involving the constructs. The diagonal numbers in Table 3 represent the     A V E    . These are larger than the off-diagonal numbers (correlation values) in the corresponding columns and rows, indicating discriminant validity. Additionally, the factor loadings and cross-loadings for each indicator were calculated and are displayed in Table 4. The indicators (items) of each construct yielded a factor loading higher than 0.707, except for RPL5 and SCCs, which had a factor loading less than 0.707 and were consequently deleted. Furthermore, each indicator loads higher on its intended theoretical construct than on any other construct, indicating the presence of adequate discriminant and convergent validities [143]. Finally, the “heterotrait–monotrait ratio of correlations” (HTMT) was employed to examine discriminant validity. Table 5 shows that the values of the HTMT were all <0.85 [143], reconfirming the existence of discriminant validity.



SEM-PLS modeling with Smart PLS was utilized to examine the suggested hypotheses. The Kolmogorov–Smirnov test indicates that the goodness of fitness for all the measurement items was <0.05, demonstrating that the data in this study were non-normally distributed [144]. SmartPLS is widely used for SEM and can effectively manage non-normal data and small samples [145]. The results of the hypotheses testing are presented in Table 4. All hypotheses were supported. The RPL (β = 0.371, p < 0.001), COD (β = 0.411, p < 0.001), and SCCs (β = 0.15, p < 0.001) exhibited a significant positive influence on TR. Furthermore, TR (β = −0.677, p < 0.001) exhibited a significant positive influence on purchase intention. The total variances explained for PI and TR were 45.9% (R2 = 0.459) and 64% (R2 = 0.64), respectively (see Table 6), indicating that the research model has moderate explanatory power [146]. The indices of model fitness were all within the recommended range [143], including the NFI “Normed Fit Index” = 0.91 (>0.9), SRMR “Standardized Root Mean Square Residual” = 0.063 (<0.9), and RMS Theta = 0.11 (<0.12).



As demonstrated in Table 7, all the VIF “variance inflation factor” values for the independent variables (COD, RPL, SCCs) were <3, indicating that there were no collinearity issues [143]. Although the effect sizes (f2) of COD (0.246), RPL (0.191), and SCCs (0.048) on TR were all medium (see Table 7), TR exerted a large effect size of 0.847 on PI [147].




5. Discussion


This study examined how RPL, COD, and SCCs affect customers’ PI through customer trust. The analysis was based on a structured survey dataset from e-commerce users in Jordan. SEM-PLS was used to validate the research model. The results demonstrate that RPL has a significant positive impact on TR, indicating that H1 is supported. This is consistent with the findings of previous research [50]. This suggests that RPL acts as an effective mechanism to enhance customer trust. The more lenient the return policy, the more customer trust will be increased. Customers evaluate return policies according to their degree of leniency before committing to a purchase. Lenient return policies are considered by customers as a signal that e-retailers are eager to share with customers the transaction-related risks. This builds goodwill and trust, which leads to customers’ purchase intentions. Enabling customers to easily return a wide range of products within a reasonable timeframe and without imposing fees means they are more likely to develop trust.



H2 was also supported. This indicates that COD exerts the strongest significant positive impact on TR. This suggests offering a COD payment option increases customer trust. Although prior research found COD positively affects purchase intentions [67], the effect of COD on customer trust has been less widely explored. Prior payment is likely to be a problem for many customers as they are uncertain as to whether their order will be dispatched or if they will receive the right products. COD solves such uncertainties and reduces customer stress by allowing them to make the payment only after checking the shipment. If customers receive inaccurate or low-quality products, they can instantly return them. Furthermore, COD is a secure payment option that does not require customers to share their financial information online [66]. The simple structure of COD makes it a simple method for making an online transaction, which in turn enables customers with average computer competency to engage in online shopping. Hence, the provision of a COD payment option by e-retailers increases customer trust. Importantly, the effect of COD is higher than RPL on customer trust. A plausible explanation for this is that COD conveys a shopping experience that simulates an offline shopping experience as customers can inspect products before paying and can instantly return products if they are inadequate or faulty.



The results confirm the significant positive effect of SCCs on TR supporting H3. This finding is confirmed by previous research [104,112,115]. It implies that providing customers with social commerce tools (e.g., ratings, social media, recommendation systems, reviews) to access the opinions and feedback of former customers regarding their purchase experiences increases the trust of potential/actual customers in transacting with e-retailers. Through SCCs, customers are able to use different channels to share their purchasing experiences with respected e-retailers and products/services without any interruption from e-retailers. Electronic Word-of-Mouth (EWOM) provided through SCCs is recognized as a trustworthy information source for customers. SCCs are methods used to communicate and exchange information online about e-retailers and products/services between senders (former customers) and receivers (actual or potential customers). For the receivers, the information provided by the senders (former customers) has no commercial intent, and as such is viewed as more credible than other information sources such as advertisements or e-retailers’ websites.



The results suggest that TR is a key enabler of PI as it has a significant positive effect on this variable; hence, H4 is supported. This finding aligns with previous research [50,136,138,139]. This implies that the more customers’ trust increases, the more they intend to purchase. Trust is an effective mechanism that reduces the inherent uncertainty and risk related to e-commerce. If customers perceive the integrity, benevolence, and ability of e-retailers to be sufficient they will develop an inclination to be vulnerable to e-retailers. If the extent of a customer’s trust in an e-retailer surpasses their perceived risk, then the customer will become involved in a risky relationship with the e-retailer. This means that trust is the main antecedent of purchase intention in online shopping settings where there is a perceived risk of a negative consequence [123].




6. Managerial Implications


The main findings of this study show that to enhance customer trust as a key determinant of purchase intention, e-retailers should provide customers with COD, SCCs, and RPL. The strategic use of return policies by retailers can generate a significant increase in customers’ lifetime value [148]. The leniency of return policies was found in this study to be a key predictor of customer trust. Thus, e-retail managers should actively realize the importance of customers’ trust in converting return policies into purchase behavior. Although customer trust is a necessary aspect to be considered in product purchasing, e-retailers need to be aware that building higher trust will allow them to introduce new products and renew their offers as customers will trust them in the event of a service recovery [50]. Thus, managers should employ return policies as a method to boost the competitive position of their businesses by gaining customer trust to increase future sales. This requires offering lenient return policies in terms of momentary costs, longer return windows, convenience, a wider range of products that can be returned and exchanged, and full refunds. These aspects should be considered when developing return policies. Furthermore, it is important to determine the main reasons for the returns as the factors that influence the return experience will help to clarify why returns occur, facilitating the process of identifying effective solutions [149]. Importantly, because of technological advancements, unethical/opportunistic returns may not have a substantial impact on e-retailers as they can detect unusually frequent returns by an individual customer.



The effect of SSCs on customer trust in this study was significant. This suggests that Web 2.0 technologies should be considered a key element when designing e-commerce websites. Increasing customer trust requires integrating Web 2.0 technologies into e-commerce websites and connecting these websites to various social network sites (e.g., Facebook). In so doing, customers will be allowed to access more social and trustworthy information based on previous shopping experiences and feedback related to products and e-retailers. By providing customers with credible sources of information other than e-commerce websites, the perceived uncertainty of customers will be reduced. Moreover, the implementation of SCCs will enhance the trustworthiness of e-retailers as it is an indicator of transparency that discourages the act of information concealing from customers. SCCs can also aid e-retailers in monitoring consumer interactions, allowing them to predict and prevent negative WOM that might imperil their reputation and, therefore, reduce customers’ willingness to buy their products [110]. Furthermore, these tools can be a valuable source of information for two-way communication as well as assist e-retailers in successfully and promptly resolving consumer problems. Importantly, e-retailers should identify strategies that will encourage customers to use SCCs to generate content and enhance profits as a result of attracting new customers [150]. Positive WOM is an effective marketing approach employed to endorse products/services, attract more customers, and deepen relationships with existing customers. However, e-retailers should also be aware that negative WOM can significantly overshadow positive WOM and thus increase customer uncertainty [31]. High-quality customer service, lenient return policies, and high logistics service quality can increase customer satisfaction, motivating customers to convey positive WOM through SCCs [50,63,151].



The findings indicate that customer trust is increased by the availability of a COD payment option. Thus, e-retailers, particularly new e-retailers planning to enter the e-market, should consider providing COD as a payment option, among others. It has also been claimed that COD could be employed as a strategic approach for e-retailers to increase sales as it is deemed to appeal to a broader demographic [66]. Furthermore, a study by Kidane and Sharma [152] found that nearly 67% of customers dismiss e-commerce transactions when e-retailers request authentication of their banking information. Hence, COD can be used by e-retailers to decrease customers’ anxieties about online fraud. Because COD increases the risk of returns [64], e-retailers and their logistics service providers (LSPs) should ensure that customers’ orders are checked with respect to quality and accuracy before shipment [63]. Furthermore, LSPs should bear in mind that delivering the right orders to customers on time with the expected condition(s) requires adequate logistics infrastructures. In addition, it is important for e-retailers to use reliable logistics partners to ensure the accuracy and condition of shipments.




7. Conclusions


Based on uncertainty and signaling literature, this study conceptualized return policy leniency (RPL), cash on delivery (COD), and social commerce constructs (SCCs) as three signals that can cultivate customer trust (TR). The three routes linking RPL, COD, SSCs, and customer purchase intention were tested through an analysis of structured survey data from 560 respondents. The findings indicated that RPL, COD, and SSCs were significant facilitators of customer trust. Furthermore, customer trust was found to be a key enabler of customers’ PI. This study verified that the three signals were effective mechanisms for reducing purchasing uncertainty and risk and increasing customer trust, which in turn fostered purchase intention. Finally, it is useful to consider future research related to the development of perceived trust and purchase intention. Given that customers’ purchasing behavior differs across product types, it is essential to replicate this study for different types of products to generate more robust conclusions. Such research is expected to help build product-specific strategies, as different product features need different channel capabilities to improve customers’ purchasing experiences. This study adopted a cross-sectional design that measured the variables of the framework at a particular point in time; further research should validate the proposed framework using longitudinal analysis. It is also important to test the framework of this study in different countries and to investigate potential cross-cultural variances [153]. Further research may examine additional variables such as information quality, e-retailer reputation, and website design.
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Appendix A




	
Cash on delivery (COD)

	
COD1

	
“Cash on delivery mode of payment facilitates easy return of defected products”.

	
[36,67]




	
COD2

	
“Cash on delivery gives me confidence for future repurchase of products”.




	
COD3

	
“I plan to pay through cash on delivery mode of payment”.




	
COD4

	
“I think cash on delivery is a reliable mode to payment”.




	
Return policy leniency (RPL)

	
RPL1

	
“The e-commerce website returns the goods in original price under any circumstances”.

	
[77,50]




	
RPL2

	
“The store promises an easy return mode”.




	
RPL3

	
“The e-commerce website takes charge of the shipping fee of returning the commodities under any circumstances.”




	
RPL4

	
“The e-commerce website accepts the returns of promotion items”




	
RPL5

	
“The e-commerce website accepts the returns due to consumers’ preferences or inconsistent expectations.”




	
RPL6

	
“The e-commerce website permits a relatively long period for returning the commodities”.




	
Social commerce constructs (SSCs)

	
SSCs1

	
“I feel my friends rating and reviews are generally frank”.

	
[104,115,150]




	
SSCs2

	
“I feel my friends rating and reviews reliable”.




	
SSCs3

	
“I feel my friends on forums and communities are generally frank”.




	
SSCs4

	
“I feel my friends on forums and communities reliable”.




	
SSCs5

	
“I feel my friends’ recommendations are generally frank”.




	
SSCs6

	
“I feel my friends’ recommendations are generally reliable”.




	
SSCs7

	
“I am willing to recommend a new product that is worth buying for my friends on this online community”.




	
SSCs8

	
“I am interested in reading referrals from other users”.




	
Customer trust (TR)

	
TR1

	
“This e-commerce website is genuinely interested in customer’s welfare”.

	
[151,154]




	
TR2

	
“If problems arise, one can expect to be treated fairly by this e-commerce website”.




	
TR3

	
“This e-commerce website operates scrupulously”.




	
TR4

	
“You can believe the statements of this e-commerce website”.




	
Purchase intention (PI)

	
PI1

	
“I am very likely to buy/hire the product/service from same seller”.

	
[150,155]




	
PI2

	
“I would consider buying the product/services from the same seller and platform in the future”.




	
PI3

	
“I intend to buy the product/service from the seller”.




	
PI4

	
“I intend to provide my personal information with the seller”.
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Figure 1. Research model. 
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Table 1. Demographic profile of the respondents (n = 560).






Table 1. Demographic profile of the respondents (n = 560).





	
Demographic

	
Frequency

	
%






	
Gender

	
Male

	
298

	
53%




	
Female

	
262

	
47%




	
Age

	
<20

	
92

	
16%




	
21–25

	
151

	
27%




	
26–30

	
162

	
29%




	
31–35

	
91

	
16%




	
>35

	
64

	
11%




	
Education

	
Second school

	
54

	
10%




	
college

	
61

	
11%




	
Bachelor

	
372

	
66%




	
Master

	
41

	
7%




	
PhD

	
32

	
6%




	
Occupation

	
Employed

	
355

	
63%




	
Student

	
167

	
30%




	
Unemployed

	
38

	
7%




	
Online shopping experience (Year)

	
<1

	
103

	
18%




	
1–2

	
353

	
63%




	
>3

	
104

	
19%
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Table 2. Convergent validity.






Table 2. Convergent validity.





	Construct
	Mean
	STDEV
	α
	rho_A
	CR
	AVE





	Cash on Delivery (COD)
	1.44
	0.45
	0.91
	0.92
	0.92
	0.73



	Purchase Intention (PI)
	1.45
	0.44
	0.88
	0.89
	0.89
	0.66



	Return Policy Leniency (RPL)
	1.43
	0.44
	0.91
	0.92
	0.92
	0.74



	Social Commerce Constructs (SCCs)
	1.44
	0.42
	0.93
	0.93
	0.93
	0.68



	Customer Trust (TR)
	1.40
	0.45
	0.94
	0.94
	0.94
	0.79







STDEV = Standard deviation.
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Table 3. Fornell and Larcker’s discriminant validity.






Table 3. Fornell and Larcker’s discriminant validity.













	Construct
	COD
	PI
	RPL
	SCCs
	TR





	Cash on Delivery (COD)
	0.85
	
	
	
	



	Purchase Intention (PI)
	0.55
	0.81
	
	
	



	Return Policy Leniency (RPL)
	0.67
	0.66
	0.86
	
	



	Social Commerce Constructs (SCCs)
	0.42
	0.51
	0.46
	0.82
	



	Customer Trust (TR)
	0.72
	0.67
	0.72
	0.49
	0.89







Note: The diagonal numbers are the construct’s.













[image: Table] 





Table 4. Cross loadings.






Table 4. Cross loadings.













	
	COD
	PI
	RPL
	SCCs
	TR





	COD1
	0.87
	0.48
	0.58
	0.37
	0.64



	COD2
	0.84
	0.45
	0.58
	0.35
	0.61



	COD3
	0.85
	0.49
	0.58
	0.37
	0.61



	COD4
	0.85
	0.47
	0.59
	0.34
	0.61



	PI1
	0.48
	0.84
	0.56
	0.42
	0.56



	PI2
	0.47
	0.83
	0.55
	0.41
	0.56



	PI3
	0.43
	0.81
	0.54
	0.44
	0.56



	PI4
	0.43
	0.78
	0.53
	0.39
	0.53



	RPL1
	0.62
	0.59
	0.89
	0.38
	0.64



	RPL2
	0.60
	0.57
	0.86
	0.39
	0.62



	RPL3
	0.60
	0.61
	0.88
	0.40
	0.62



	RPL4
	0.62
	0.59
	0.89
	0.39
	0.64



	RPL6
	0.48
	0.54
	0.79
	0.46
	0.59



	SCCs1
	0.34
	0.42
	0.35
	0.81
	0.42



	SCCs3
	0.36
	0.43
	0.39
	0.86
	0.44



	SCCs4
	0.37
	0.36
	0.34
	0.79
	0.43



	SCCs5
	0.35
	0.36
	0.35
	0.78
	0.41



	SCCs6
	0.34
	0.49
	0.42
	0.88
	0.41



	SCCs7
	0.34
	0.43
	0.43
	0.84
	0.38



	SCCs8
	0.34
	0.44
	0.40
	0.82
	0.38



	TR1
	0.67
	0.58
	0.65
	0.47
	0.90



	TR2
	0.65
	0.62
	0.65
	0.43
	0.89



	TR3
	0.65
	0.63
	0.65
	0.44
	0.90



	TR4
	0.63
	0.60
	0.63
	0.43
	0.87







Note: Numbers in bold represent the items loading for each construct.
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Table 5. HTMT text.
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	Construct
	COD
	PI
	RPL
	SCCs
	TR





	Cash on Delivery (COD)
	-
	
	
	
	



	Purchase Intention (PI)
	0.55
	-
	
	
	



	Return Policy Leniency (RPL)
	0.67
	0.67
	-
	
	



	Social Commerce Constructs (SCCs)
	0.42
	0.51
	0.46
	-
	



	Customer Trust (TR)
	0.72
	0.67
	0.72
	0.49
	-
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Table 6. Hypotheses testing.






Table 6. Hypotheses testing.





	Hypothesis
	Path
	β
	“Bias-Corrected 95% Confidence Interval”
	STDEV
	T Statistics
	p Values





	H1
	COD → TR
	0.411
	[0.274, 0.551]
	0.073
	5.63
	<0.001



	H2
	RPL → TR
	0.371
	[0.229, 0.506]
	0.074
	5.025
	<0.001



	H3
	SCCs → TR
	0.15
	[0.072, 0.224]
	0.039
	3.834
	<0.001



	H4
	TR → PI
	0.677
	[0.611, 0.741]
	0.033
	20.58
	<0.001
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Table 7. Explanatory power and effect size.






Table 7. Explanatory power and effect size.





	Construct
	VIF
	R2
	f2





	Cash on Delivery (COD)
	1.90
	-
	0.246



	Purchase Intention (PI)
	-
	0.459
	-



	Return Policy Leniency (RPL)
	1.99
	-
	0.191



	Social Commerce Constructs (SCCs)
	1.31
	-
	0.048



	Trust (TR)
	-
	0.64
	0.847
















	
	
Publisher’s Note: MDPI stays neutral with regard to jurisdictional claims in published maps and institutional affiliations.











© 2022 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution (CC BY) license (https://creativecommons.org/licenses/by/4.0/).






nav.xhtml


  JOItmC-08-00136


  
    		
      JOItmC-08-00136
    


  




  





media/file0.png





media/file2.png
(RPL)

Ceturn policy lenien

DN
H1

Gsh on delivery (COD) H2

C

Social commerce
constructs (sccS)

>

Customer trust (TRD*PM—»G]rchase intention (PD






media/file1.jpg
w
(oo xmn}b pam—

Socal commerce.
constructs (sccS)

ny






