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Abstract: With the further deepening of ageing in China, the ageing-in-place model is gaining more
and more attention. In order to improve the quality of home life of the elderly, this paper takes
age-friendly cabinets as the research object, from the perspective of material design, and takes
the visual/tactile experience of the elderly as the entry point, classifies the current market cabinet
materials, and selects the test samples. The physical properties of the samples were examined
and analysed with the subjective emotional changes that the elderly experience with different
cabinet materials. The objective physical properties of the cabinet materials were correlated with
the visual/tactile subjective emotional factors, and through subjective tests and mathematical and
statistical methods, an evaluation model of “visual/tactile subjective emotional factors—objective
physical properties of materials” was established for the selection of materials in age-friendly cabinet
design. It provides scientific guidance for the selection of materials in age-appropriate cabinet design.

Keywords: wood materials; surfaces; age-friendly furniture; structural design; cabinets

1. Introduction

With the further deepening of ageing in China and the further increase in the elderly
population base, the ageing-in-place model is more recognized by the elderly groups and
society, and the quality of the elderly home living space needs to be better improved [1].
The design of ageing-friendly homes is directly related to the quality of home life for the
elderly, but the current home products on the market are more inclined to children and
young people, and the ageing-friendly design of homes is still in its infancy [2,3].

As an important part of modern kitchens, the kitchen is an important part of the
home, and its practicality and operability make ageing-friendly design an important factor
in ensuring the independent survival of older people in their daily lives [4]. However,
in the current research on the design of cabinet systems, most age-appropriate products
are still at a preliminary stage, and there is no systematic theoretical system for their
design principles and methods [5,6]. In cabinet design, attention should be paid to the
unification of rational and perceptual perception of function, in order to achieve the pursuit
of physical function, spiritual value, emotional meaning and psychological satisfaction of
the product [7]. The colour, material, and texture of the product can give rise to different
visual/tactile sensations directly, thus generating a psychological special emotion and, thus,
making a subjective judgement on it [8].

Materials are the basis for the product design and functions, and different materials
have different user experiences. Wang et al. [9] proposed a method to evaluate the tex-
ture preference image of materials, based on a gene expression programming algorithm,
to analyse the cognitive relationship between texture elements and preference images.
Hong et al. [10] took the material texture elements as independent variables, consumer
preference images as dependent variables, and Apple Watch as the research object, and they
proposed a material design method for intelligent wearables based on perceptual images,
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established a material style image model, and summarized the material design strategy
for intelligent wearables based on implicit comfort and explicit signs to improve design
effectiveness. Meanwhile, Chu et al. [11] proposed a design method of colour and material
patterns of aircraft cabin seats based on perceptual images. By giving different emotions
to the colour and material of seats, passengers’ riding comfort and user experiences can
be improved.

Rahman [12] investigated how visual and tactile senses influence the evaluation pro-
cess of consumers when purchasing jeans. A qualitative and quantitative approach was
used to examine the sensory cognitive responses to a sample of jeans by examining product
characteristics (e.g., colour, fabric). It corroborates that affective and cognitive processing
occur and co-exist throughout the evaluation process. Zheng et al. [13] conducted an
experimental study of material texture images, using discriminant analysis, cluster analy-
sis, multidimensional scaling, and semantic differencing, in order to accurately describe
material texture images and establish a quantitative relationship between objective material
parameters and subjective perceptions, using a typical plastic material as an example, to
quantify consumers’ perceived perceptions of materials. Joel et al. [14] investigated the
differences in the characteristics of wood use and catalogue images of wood specimens
in Sweden and Japan, and they evaluated the Kansei affective feelings in Sweden, as well
as the Kansei affective feelings in Japan, regarding the semantic differential approach to
wood use.

Liu et al. [15] analysed the design of palace lantern form features based on percep-
tual engineering and established a linear regression model between palace lantern form
elements and perceived images. The relationship between perceptual factors and design
form elements was investigated to guide the design treatment of the palace lantern and
provide theoretical support for designers’ innovative designs. Lin et al. [16] used big data
in the Internet era, multidisciplinary cooperation, and integration of multiple mathematical
algorithms to serve design practice. Jia et al. [17] investigated consumers’ perceptions of
wrist visual image evaluation of wearable devices. By identifying five sets of adjectives,
participants were asked to express their visual impressions of wrist wearables through
questionnaires and factor analysis. The evaluation of the eight samples, using the five sets
of adjectives, was analysed using triangular fuzzy theory. The results were similarly corrob-
orated in the assessment of preferences and purchase intentions. The results objectively and
validly reflect consumers’ evaluations of the visual image and potential demand for wrist
wearables. Meanwhile, projects of BaltSe@nioR and BaltSe@nioR 2.0 were conducted by
European research terms, which are joint projects between actors in communities, regions,
national public institutions, the business sector, universities, organizations, and civil society
in different countries. Those two projects aim to create innovative solutions for safe and
securely built environments, indoors and outdoors, for senior citizens.

In this work, the aging-resistant cabinet materials were in focus, and the material
design perspective was taken as the starting point to study the emotional changes of the
elderly towards different cabinetry materials from the perspective of their visual/tactile
experience. The correlation between physical attributes and emotional factors is analysed,
and through sensory testing and mathematical and statistical methods, an evaluation model
of “visual/tactile emotional factors-physical attributes” is established for the evaluation of
cabinet materials, and the trend of the influence of physical attributes on tactile sensations
is derived with a view to providing guidance for the design of age-friendly products.

2. Materials and Methods
2.1. Test Materials

In the research on cabinet materials, ten larger brands, such as Oriental Bounty, Eu-
ropa, Bamberg, and Bologna, were selected, and twelve cabinet sales shops were visited
on site to collect summaries and classify the cabinet materials. Finally, combining the
expert evaluation method and the KJ method [18], as displayed in Table 1, nine types of
cabinet materials that are on sale and have typical representativeness were used in this
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work, including joinery board (oak wood), PVC board (PVC + oak wood), fireproof board
(fireproof coating + particle board), solid wood (oak wood), painted solid wood (rose wood
+ transparent paint), melamine board (melamine layer + particle board), painted board
(transparent paint + melamine layer + plywood), blister board (ABS + medium density
fibre board), and quartz board (quartz crystal + resin).

Table 1. Cabinet material samples.

M1 M2

i Painted solid
Joinery board PVC board Fireproof board Sol{)(zl);;/god wood board

M7 M8 M9

Melamine board Painted board Blister board Quartz board

2.2. Visual/Iactile Subjective Evaluation Test

This work was conducted with Chinese elderly people as research subjects. In China,
the minimum retirement age is 55 years old, while 70-year-olds are still conscious and
capable of taking care of themselves. Thus, 55-70-year-olds were used as research subjects.
Meanwhile, subjects were given a subjective evaluation test of tactile sensation in a quiet
environment and scored each perceptual imagery. There were 32 participants: 16 men and
16 women. There were 10 groups of visual/tactile perceptual evaluation terms selected
through the KJ method combined with expert evaluation: “dry—moist”, “cold—warm”,
“soft and hard”, “rough-smooth”, “thick-light”, “matt—glossy”, “cheap—expensive”,
“rough—fine ”, “dull—lively”, “uncomfortable—comfortable” (Figure 1).

-2 -1 0 1 2

Dry - Moist

Cold - Warm

Soft - Hard

Rough - Smooth

Thick - Light

Matt - Glossy

Cheap - Expensive

Rough - Fine

Dull - Lively

Uncomfortable - Comfortable

Figure 1. Cabinet material visual/tactile perceptual evaluation is on a sub-list.



Coatings 2023, 13,178

40f16

The experiment was based on the SD method (Semantic Differential) [19,20], and
a five-step Likert scale was designed to score and quantify the subjective evaluation of
the visual/tactile perception of the cabinet material samples. There were two trials taken
with the same subject, and the subjects scored and quantified the visual/tactile perceptual
evaluation of nine cabinet material samples, with five-step scoring values of -2, -1, 0, 1,
2. 1, and 2, with smaller scores being closer to the description of the left term and larger
scores being closer to the description of the right term [21].

2.3. Surface Roughness Testing

As shown in Figure 2, surface roughness testing is carried out by using the roughness
measuring instrument (JB-4C, Tarmin Co., Ltd., Shanghai, China), by the stylus method,
in contact measurement. The measuring length is 50 mm, and the measuring direction is
along the length of the sample based on the surface roughness measurement standard of
GB/T1031-2009 [22]. Meanwhile, each sample is measured five times, and its average value
is taken for analysis.

Figure 2. Material surface roughness test.

2.4. Surface Cooling Rate Measurement

As displayed in Figure 3, the room temperature in this work was 28 °C, the humidity
was 60%, and the fixed heat source was the tester’s palm. The dynamic temperature of
the sample was acquired by an infrared imaging camera (A20-M, Thermo Fisher Co., Ltd.,
Waltham, MA, USA). After dissipating the additional surface temperature, the palm of
the hand was placed on the surface of the test material sample for 10 s and then removed.
The temperature was recorded as T0, the temperature was recorded every 10 s, the end of
the 60th second reading was recorded as Te, and the rate of cooling of the surface of the
material sample was calculated as S = (—T0 — Te)/t [23,24].

Figure 3. Material surface cooling rate test.
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2.5. Determination of Surface Gloss

As shown in Figure 4, surface gloss testing was carried out in an enclosed room with
a cold light source (LED) by using a colorimeter (3NH-NHG 268, Sanenshi Intelligent
Technology Co., Ltd., Guangdong, China). In order to improve the accuracy of measure-
ment value, based on the instrument instructions, the measuring angle refers to the angle
between the incident light and the vertical direction. When the sample has high gloss
(>70 GU), the detailed value of gloss should be acquired at the measuring angle of 20°.
When the sample has the medium gloss (10-70 GU), it shall be measured at a measuring
angle of 60°. When the sample has low glossiness (<10 GU), the gloss value is suggested to
be obtained at a measuring angle of 85°.

Figure 4. Material surface gloss test.

2.6. Surface Colour Value Test

As displayed in Figure 5, the surface colour with Lab value was measured by using
the spectrophotometer (Ci60, X-rite Co., Ltd., Grand Rapids, MI, USA) in an enclosed room
with a cold light source (LED). The Lab model is based on an international standard for
determining colour established by the Commission International Eclairage (CIE) in 1931.
The Lab colour model consists of three elements: L is the luminance, and a and b are two
colour channels [25].

Figure 5. Material surface colour value measurement test.
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3. Results and Discussion
3.1. Haptic Subjective Evaluation

The test data were first analysed for reliability, and the results showed that the Cron-
bach coefficient was 0.948, a high value, indicating that the data from this questionnaire
had high credibility [26]. After data cleaning and removal of invalid data, 30 sets of valid
data were obtained, resulting in a mean score of subjective evaluation for the nine material
samples (Table 2).

Table 2. The average score of the tactile perceptual evaluation of the cabinet material.

No Drying Cold Soft and Rough S:ib;t: 2:;1 Matte Cheap R%Eﬂlb?:d Dull Unbearable
Wet Warmth Hard Smooth gA Glossy Expensive . Lively Comfort
iry Finesse

M1 —0.50 —0.40 0.83 0.33 —0.27 —0.47 —0.93 0.20 —0.67 0.33
M2 —0.90 0.57 0.60 —0.07 0.60 -1.17 —0.10 —0.67 —0.13 —0.20
M3 —0.53 0.07 0.77 0.40 0.27 -0.13 -0.27 0.20 —0.07 0.53
M4 —0.90 0.87 0.47 —0.50 0.07 -1.13 -1.27 —1.43 —0.47 —0.80
M5 0.80 —0.60 0.53 1.23 —0.87 1.30 0.83 0.80 0.27 1.00
M6 —0.80 —0.30 0.37 1.00 0.87 1.17 —0.67 0.80 0.00 0.70
M7 0.07 —0.07 0.73 —0.20 —0.73 —0.50 0.30 —0.20 —0.33 0.50
M8 0.13 —0.27 1.13 1.60 —1.23 1.53 0.77 1.30 0.40 1.13
M9 0.07 -1.03 1.47 1.10 —147 0.47 0.87 0.67 -0.13 1.00

According to the results of the test, as shown in Figure 6, the comfort ranking of the
subjective tactile evaluation test was solid wood board, PVC board, joinery board, painted
board, fireproof board, melamine board, painted solid wood, quartzite board, and blister
board. The comparison of the two sets of data shows that the highest comfort levels are as
follows: painted solid wood, blister board, and quartzite board, while PVC board had the
lowest comfort level [27].

A
1.40

1.20

M8
M5 M9
1.00
0.80 s M6
0.60 M7
M1

0.40
020

o [ ]
-0.20
~0.40 M2
~0.60
-0.80

M4

-1.00

Figure 6. Subjective tactile comfort evaluation (M1: Joinery board, M2: PVC board, M3: Fireproof
board, M4: Solid wood board, M5: Painted solid wood board, M6: Melamine board, M7: Painted
board, M8: Blister board, M9: Quartz board).

3.2. Evaluation of Physical Properties

According to the test results, as shown in Figure 7, fireproof board had the lowest
surface roughness of 0.017 pm, and solid wood board had the highest surface roughness of
10.076 pm. The roughness, in descending order, is fireproof board, joinery board, painted
solid wood board, blister board, quartzite board, melamine board, painted board, PVC
board, and solid wood.
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m ¥ Ra

12.000 10.764
10.000

000 6.938

6.000

4.000 1.551

2000 | 0017 0022 0023 0085 0436 0583

M3 Ml M5 M8 M9 M6 M7 M2 M4

Figure 7. Material surface roughness (M1: Joinery board, M2: PVC board, M3: Fireproof board,
M4: Solid wood board, M5: Painted solid wood board, M6: Melamine board, M7: Painted board,
MBS: Blister board, M9: Quartz board).

According to the results of the test, as shown in Table 3 and Figure 8, blister board
had the lowest rate of surface cooling, while the solid wood had the highest rate of surface
cooling. In all, the rates of surface cooling of each sample, in descending order, were as
follows: blister board, quartzite board, melamine board, fireproof board, painted solid
wood board, painted board, PVC board, joinery board, and solid wood board.

Table 3. The rate at which the surface of the cabinet material cools down (M1: Joinery board, M2: PVC
board, M3: Fireproof board, M4: Solid wood board, M5: Painted solid wood board, M6: Melamine
board, M7: Painted board, M8: Blister board, M9: Quartz board).

No. 0s/°C 10 s/°C 205/°C 30 5/°C 405/°C 50 /°C 60 /°C Surface
Cooling Rate

M8 29.70 28.80 28.40 28.30 28.00 27.70 27.40 0.038
M9 28.40 26.40 26.20 26.00 25.30 25.20 25.00 0.057
M6 30.70 27.70 27.50 26.60 26.10 27.00 27.00 0.062
M3 31.20 28.40 27.00 27.50 26.80 27.10 27.00 0.070
M5 29.00 26.50 25.90 25.50 24.80 24.50 24.60 0.073
M7 31.40 29.20 28.30 27.40 26.90 26.70 26.40 0.083
M2 31.20 28.10 28.00 27.30 27.00 26.20 26.00 0.087
M1 30.60 27.30 26.40 25.70 25.60 25.10 24.60 0.100
M4 30.90 27.20 26.00 25.40 25.40 25.10 24.70 0.103

S/°C B Surface cooling rate

0.120 4

0.100

0.080

0.060

0.040

0.020

0.000

M9 M6 M3 M5 M7 M2 M1 M4

Figure 8. The rate at which the material surface cools down (M1: Joinery board, M2: PVC board,
M3: Fireproof board, M4: Solid wood board, M5: Painted solid wood board, M6: Melamine board,
M?7: Painted board, M9: Quartz board).
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Based on the results for the surface gloss test of the cabinet material, the materials’
glossiness, in descending order, were as follows: solid wood board, PVC board, joinery
board, fireproof board, painted board, melamine board, quartzite board, painted solid
wood board, blister board (Figure 9).

GU

120 5
100
80

60
40 I I
20 I
. m u B
M3 M7 Mo MO M5 MS

M4 M2 M1

Figure 9. Material surface gloss (M1: Joinery board, M2: PVC board, M3: Fireproof board, M4: Solid
wood board, M5: Painted solid wood board, M6: Melamine board, M7: Painted board, M8: Blister
board, M9: Quartz board).

As shown in Figure 10, the brightness of the samples, from the minimum to the
maximum, is melamine board, solid wood board, blister board, joinery board, PVC board,
fireproof board, quartzite board, solid wood board, and painted board. Meanwhile, except
for PVC board, the other samples are in varying degrees of reddish in chroma, and all
samples are in yellowish.

100.00 o
BLNaWmb

80.00

60.00

40.00

20.00

0.00

=20.00

M5 MS M1 M2 M3 M9 M4 M7

Figure 10. Material surface colour value (M1: Joinery board, M2: PVC board, M3: Fireproof board,
M4: Solid wood board, M5: Painted solid wood board, M6: Melamine board, M7: Painted board, M8:
Blister board, M9: Quartz board).
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3.3. Surface Roughness Polynomial Fit Analysis
3.3.1. “Rough-Smooth”—Polynomial Fitting of Surface Roughness

By fitting the data, the “rough-smooth” polynomial fit function with R? of 89.2% to
the surface roughness is shown in Equation (1) and Figure 11.

2.0

Coarse—Smooth

0.0

y = 0.01434x% — 0.27628x + 0.90525 1)

Surface roughness ( pm)

Figure 11. “Coarse-Smooth” and Surface roughness polynomial fitting function.

When the surface roughness is 9.6332 pm, the y-value is the smallest, i.e., the subjective
perception is the roughest. This leads to the conclusion that the tactile perception of older
people slows down with age and that there is a degree of slowdown in the perception of
roughness when the surface degree of the material is greater than 9.6332 um [28].

3.3.2. “Rough—Fine”—Polynomial Fitting of Surface Roughness

According to the test results, the polynomial fit function of “roughness—fine” and
“surface roughness” with R? of 91.3% is shown in Equation (2) and Figure 12.

Rough - fine

y = 0.00584x> — 0.25114x + 0.64674 )

0 2 4 6 8 10 12

Surface roughness ( um)

Figure 12. “Rough—Fine” and Surface roughness polynomial fitting function.
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As the surface roughness approaches 0, the greater the y-value becomes, which means
that the subjective perception is the most delicate [29]. It can be concluded that, although
the tactile perception of the elderly deteriorates with age, they are still more sensitive to the
fineness of the material surface, and lower surface roughness leads to the finer perception.

3.3.3. “Hard-to-Comfort”—Polynomial Fitting of Surface Roughness

According to the experimental results, the polynomial fit function of “uncomfortable-
comfortable” and “surface roughness” with R? of 88.1% is shown in Equation (3) and
Figure 13.

y = —0.00143x* — 0.13303x + 0.79489 (©)]

1.0

0.0 7

Uncomfortable—Comfortable

!
e
[S)

]

-1.0 T T T T T T T T T T T T 1
0 2 4 6 8 10 12
Surface roughness ( um)

Figure 13. “Uncomfortable-Comfortable” and Surface roughness polynomial fitting function.

As the surface roughness values range from 0 um to 100 um, the greater the y-value,
the higher the comfort level, and the surface roughness is infinitely close to 0. It can be
concluded that the visual/tactile perception of the elderly deteriorates with age, but for the
perception of the surface roughness of the material, the smaller the surface roughness of
the material, the better the comfort of the elderly will be [30]. Therefore, when designing
age-appropriate cabinet surface materials, one should try to choose materials with smaller
surface roughness.

3.4. Analysis of Surface Cooling Rate Fitting Results
3.4.1. “Cold-Warm”—Polynomial Fitting of Surface Cooling Rates

Based on the experimental results, a polynomial fit function [31] of “cold-warmth”
and “surface cooling rate” with R? of 89.9% is shown in Equation (4) and Figure 14.

y= —159.69122x% + 49.21046x — 2.83022 4)
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0.03 0.04 0.05 0. 06 0.07 0.08 0.09 0.10 0.11
Surface cooling rate (C/s)

Figure 14. “Cold-Warm”-polynomial and surface cooling polynomial fitting function.

It can, therefore, be concluded that the greater the rate of surface cooling, the greater
the y-value, i.e., the warmer the elderly perceive it to be.

3.4.2. “Hard-to-Comfort”-Polynomial Fitting of Surface Cooling Rates

Based on the experimental results, a polynomial fit function of the “uncomfortable-
comfortable” and “surface cooling rate” with R? of 90.8% is shown in Equation (5) and
Figure 15.

y = —308.80297x> + 20.4321x + 0.78478 ®)

1.0

0.0+

Uncomfortable—Comfortahle

|
e
[$7]
1

-1.0 T T T T T T T T T T T T T T T 1
0.03 0.04 0.05 0. 06 0.07 0.08 0.09 0.10 0.11
Surface cooling rate (°‘C/s)

Figure 15. “Uncomfortable-Comfortable” and surface cooling rate polynomial fitting function.

Combined with the polynomial fit function image, as the surface cooling rate increases,
the perceived comfort level of the cabinet material decreases, i.e., the warmer perception
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resulted in the lower comfort level. Thus, it is suggested to use the materials with lower
surface cooling rate for the elderly, in terms of the higher comfort level [32].

3.5. Analysis of Surface Gloss Fitting Results
3.5.1. “Matte-Gloss”—Polynomial Fitting of Surface Gloss

According to the test results, the polynomial fit function of “matte-gloss” and “surface
gloss” with R? of 85.5% is shown in Equation (6) and Figure 16.

y = —2.58892x% x 10~* + 0.0532x — 0.87938 (6)

1.0

e
o
|

Matte-Glossy
=)
[sn]
|

|
<o
[$7]
1

-1.0 1

0 20 40 60 80 100 120
surface glossiness (GU)

Figure 16. “Matte-Glossy” and surface gloss polynomial fitting function.

Combined with the polynomial fit function images, it appears that older people are
more sensitive to the perception of low to medium gloss (<70 GU) material surfaces and
more retarded to high gloss material surfaces.

3.5.2. “Hard-to-Comfort”-Polynomial Fitting of Surface Gloss

Based on the experimental results, the polynomial fit function of “uncomfortable-
comfortable” and “surface gloss” with R? of 87.1% is shown in Equation (7) and Figure 17.

y = —8.19848x% x 107> + 0.01894x + 0.0896 (7)

Combined with the polynomial fit function images, it appears that materials with
a higher glossy surface tend to provide a more comfortable visual/tactile perception for
older people.

3.6. Analysis of the Results of Fitting the Surface Colour Values
3.6.1. “Dull-Lively”—Polynomial Fitting of Surface Colour Values

The average of the subjective ratings of “Dull—Lively” for all subjects was calculated
and entered as Y in the graph, and the X values in the horizontal coordinates represent the
material surface colour values L, a, and b, respectively (L represents the material brightness,
a represents the colour channel from red to dark green, and b represents the colour channel
from blue to yellow), and the vertical coordinate Y is the corresponding subjective rating
value. As shown in Figure 18, combined with the image of the multinomial fit function,
the fitted curves for the surface colour values of colour luminosity L and red-green are
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relatively flat, i.e., they do not have a significant effect on the perception of the material
as ‘Dull—Lively’, while blue-yellow has a more significant effect on the perception of
‘Dull—Lively’. The effect of blue-yellow on the perception of “Dull—Lively” is more
obvious, and users perceive yellowish materials as more dull.

1.0

<

—

a

«©

Y

~

(@]

o

g

&) 0.5
|

[a]

—

o

©

=

—

(o]

=

5 0.0
I3

=

=

-0.5 T T T T T

0 50 100
Surface gloss (GU)

Figure 17. “Uncomfortable-Comfortable” and surface gloss polynomial fitting function.

Boring-Lively
Boring-Lively

15— T T T T T T T 1 i
20 30 40 50 60 70 80 950 100 !
Surface color values (L)

T T r T T T T T
0 § 10 15 20 2 30 35 1.5

5 . ! : -
Surface color values (a) 0 ) 10 15 o

Surface color values (b)
Figure 18. “Dull-Lively” and surface colour polynomial fitting function.

3.6.2. Polynomial Fitting of “Uncomfortable-Comfortable”-Surface Colour Values

As shown in Figure 19, the colour brightness L of the surface colour values has a
greater impact on the comfort of the material, with the perceived comfort of older people
decreasing further as the material brightness decreases. For the red-green value, the surface
colour of the material is more comfortable for older people than the reddish domain.
The effect of blue-yellow b values on the perception of “uncomfortable-comfortable” is
more moderate.

Uncomfortable-Comfortable

Uncomfortable-Comfortable

Incomfortable-Ci

0.5 A S e s S e S T
+ 6 B 10 12 14 16 18 20 22 24 26
Surface color values (b)

20 30 40 30 60 70 80 90 100 b o b 10 15 20 5 30
Surface color values (L) Surface color values (a)

Figure 19. “Uncomfortable-Comfortable” and surface colour polynomial fitting function.
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4. Conclusions

(1) For the surface roughness of cabinet materials, with the increase in surface rough-
ness, the perception of the elderly became more delicate. Meanwhile, the lower surface
roughness of the sample improved the touch feeling for the elderly. Therefore, the materials
with the lower surface roughness are proposed to be selected when designing the surface
materials for the age-friendly cabinets.

(2) For the surface cooling rate of the cabinet material, the faster the surface cooling
rate, the warmer the elderly perceive it, the slower the surface cooling rate, the colder the
elderly perceive it, and the slower the surface cooling rate, the better the elderly perceive
their comfort. The slower the surface cooling rate, the colder the surface cooling rate.

(3) For the surface gloss of the cabinet material, the elderly are more sensitive to the
low gloss of the material surface (<70 GU) and slower to perceive the high gloss material
surface, but often, the material with higher gloss surface can bring more comfortable
visual/tactile perception to the elderly, so when designing the ageing-friendly cabinet
surface material, we should choose the material with a higher gloss surface.

(4) For the surface colour values of the cabinet material, the effect of colour brightness
L and red-green on the perception of the material as “Dull—Lively” is not significant, while
the effect of blue-yellow on the perception of “Dull—Lively” is more pronounced, and
older users perceive the material as “Dull—Lively”. Users perceive the yellowish material
as more dull. The surface colour value of colour brightness L has a greater impact on
the perceived comfort of the material, and as the brightness of the material decreases, the
perceived comfort of older people is further reduced. For the red-green value, the surface
colour of the material is more comfortable for the elderly than the reddish range. The
effect of blue-yellow b values on the perception of “uncomfortable-comfortable” is more
moderate. Therefore, when designing age-appropriate cabinet surfaces, it is important
to choose materials with a higher brightness of surface colour values and a reddish-blue
colour gamut.

(5) This work mainly focused the visual/tactile experience of 55-70 years old people
for the cabinet materials, in terms of surface roughness, cooling rate, glossiness, and
colour elements. In the future research, 3D surface topography, efficiency of temperature
acceptance, and friction performance of the material surface will be further focused for
more groups with different ages, and it is proposed to provide scientific guidance for the
products design and manufacturing.

Author Contributions: Conceptualization, D.J. and T.L.; methodology, D.J. and T.L.; software, D.]J.
and T.L.; validation, D.J. and T.L.; formal analysis, D.J. and T.L.; investigation, D.]. and T.L.; resources,
D.J. and T.L.; data curation, D.J. and T.L.; writing—original draft preparation, D.J.; writing—review
and editing, D.J.; visualization, D.J.; supervision, D.J.; project administration, D.J.; funding acquisition,
D.J. All authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by the Ministry of Education’s Industry-University Cooperative
Education [Grant number 202101231011], Jiangsu University Philosophy and Social Science Research
[Grant number 2021SJA0127] and Industrial Design and Development for Doors [Grant number
0281044511].

Institutional Review Board Statement: Not applicable.
Informed Consent Statement: Not applicable.
Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.



Coatings 2023, 13, 178 15 of 16

References

1.

10.

11.

12.
13.

14.

15.

16.

17.
18.

19.

20.
21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

Alves, EB.; Mendes, L. Urban Design and Ageing—Public space for elderly people in residential areas. In Proceedings of the Citta
5th Annual Conference on Planning Research—Planning and Ageing: Think, Act and Share Age-friendly Cities, Porto, Portugal,
18 May 2012.

Wiener, ].M.,; Pazzaglia, F. Ageing- and dementia-friendly design: Theory and evidence from cognitive psychology, neuropsychol-
ogy and environmental psychology can contribute to design guidelines that minimise spatial disorientation. Cogn. Process. 2021,
22,715-730. [CrossRef] [PubMed]

Huang, N.; Yan, X.; Zhao, W. Influence of Photochromic Microcapsules on Properties of Waterborne Coating on Wood and Metal
Substrates. Coatings 2022, 12, 1750. [CrossRef]

Maguire, M.; Nicolle, C.A.; Marshall, R.; Sims, R.; Percival, J. An interview study to explore ergonomic problems and coping
strategies in the kitchen. Int. J. Des. 2013, 7, 1.

kizi Salomova, F.L.; Matniyazov, Z.E.; Mannopova, N.R. Methods of Using Ethnographic Elements in Furniture Design. Eur. J.
Innov. Nonform. Educ. 2022, 2, 166-170.

Zhu, Z.; Dong, W.; Wang, X.D.; Guo, X.; Wu, Z. Noise Characteristics of Tungsten Circular Blade During Sawing of Medium
Density Fiberboard. Sci. Adv. Mater. 2021, 13, 1781-1788. [CrossRef]

Tsang, Y.; Wu, C.; Lin, K.-Y,; Tse, Y.; Ho, G.; Lee, C. Unlocking the power of big data analytics in new product development: An
intelligent product design framework in the furniture industry. J. Manuf. Syst. 2022, 62, 777-791. [CrossRef]

Sun, J.; Shen, Z.; Yu, J.; Zhang, F. Research on Kitchen Design of Modern Residence. Furnit. Inter. Des. 2018, 8, 24-28.

Wang, Y.; Zhang, S.; Zhang, K.; Sun, S. Preference learning for evolutionary cognition algorithm and system of product material
texture. Comput. Integr. Manuf. Syst. 2014, 20, 762-770.

Hong, X.; Zhou, Q. Analysis of the material design strategy of intelligent wearing equipment through Apple Watch. Packag. Eng.
2016, 37, 45-50.

Chu, J.; Zhang, M.; Wang, L.; Wang, J.; Ju, Y. Research on color and material design of aircraft cabin seat based on kansei image.
J. Mach. Des. 2020, 37, 126-130.

Rahman, O. The Influence of Visual and Tactile Inputs on Denim Jeans Evaluation. Int. ]. Des. 2012, 6, 11-25.

Zheng, L.; Tang, Z.; Guan, H. The Study of the Kansei Engineering System Based on Product Material Texture Image Survey.
J. Inf. Comput. Sci. 2015, 12, 211-221. [CrossRef]

Peterson, ].; Shitara, M.; Yoshida, H.; Kamijo, M.; Fujimaki, G. Emotional Differences in Tactile and Visual Sensation of Wood
between Customers in Sweden and Japan for Kansei Engineering Application. Int. ]. Affect. Eng. 2019, 18, 181-188. [CrossRef]
Liu, M. Research on Modeling of Palace Lamps Based on Kansei Engineering. In Proceedings of the 2020 International Conference
on Intelligent Design (ICID), Xi'an, China, 11-13 December 2020.

Lin, S.; Shen, T.; Guo, W. Evolution and Emerging Trends of Kansei Engineering: A Visual Analysis Based on CiteSpace. IEEE
Access 2021, 9, 111181-111202. [CrossRef]

Jia, LM.; Tung, EW. A Study on Consumers’ Visual Image Evaluation of Wrist Wearables. Entropy 2021, 23, 1118. [CrossRef]
Razall, N.A.M.; Saad, N.J.A.M.; Wook, M.; Hasbullah, N.A.; Noor, N.M.; Ishak, K.K. Fear assessment in information security
dialog box based on hybrid kansei engineering and KJ method. Int. J. Affect. Eng. 2022, 21, 23-32. [CrossRef]

Yan, X.; Zhao, W.; Wang, L.; Qian, X. Effect of Microcapsule Concentration with Different Core-Shell Ratios on Waterborne
Topcoat Film Properties for Tilia europaea. Coatings 2021, 11, 1013. [CrossRef]

Reid, D.; Fanni, R. A comparison of intact and reconstituted samples of a silt tailings. Geotechnique 2022, 72, 176-188. [CrossRef]
Tournier, J.-D.; Calamante, F.; Connelly, A. Robust determination of the fibre orientation distribution in diffusion MRI: Non-
negativity constrained super-resolved spherical deconvolution. Neuroimage 2007, 35, 1459-1472. [CrossRef]

Zhu, Z.; Buck, D.; Guo, X.; Cao, P. High-quality and high-efficiency machining of stone-plastic composite with diamond helical
cutters. J. Manuf. Process. 2020, 58, 914-922. [CrossRef]

Zhang, F; Wu, Z.; Ding, ].; Guo, X.; Cao, P; Zhu, Z. Milling performance of stone-plastic composite with diamond cutters. Mater.
Werkst 2021, 52, 1307-1318. [CrossRef]

Trezza, T.; Krochta, J. Specular reflection, gloss, roughness and surface heterogeneity of biopolymer coatings. J. Appl. Polym. Sci.
2001, 79, 2221-2229. [CrossRef]

Zhang, X.; Wandell, B.A. A Spatial Extension of CIELAB for digital color image reproduction. J. Soc. Inf. Display 2012, 5, 61-63.
[CrossRef]

Pan, P; Yan, X.; Wang, L. Effects of thermochromic fluorane microcapsules and self-repairing waterborne acrylic microcapsules
on the properties of water-based coatings on basswood surface. Polymers 2022, 14, 2500. [CrossRef]

Zhu, Z.; Buck, D.; Guo, X.; Xiong, X.; Xu, W.; Cao, P. Energy Efficiency Optimization for Machining of Wood Plastic Composite.
Machines 2022, 10, 104. [CrossRef]

Xu, W,; Wu, Z; Lu, W.; Yu, Y.; Wang, J.; Zhu, Z.; Wang, X. Investigation on cutting power of wood—plastic composite using
response surface methodology. Forests 2022, 13, 1397. [CrossRef]

Li, W,; Yan, X.; Zhao, W. Preparation of Crystal Violet Lactone Complex and Its Effect on Discoloration of Metal Surface Coating.
Polymers 2022, 14, 4443. [CrossRef]

Zhu, Z.; Buck, D.; Wu, Z; Yu, Y.; Guo, X. Frictional behaviour of wood-Plastic composites against cemented carbide during
sliding contact. Wood. Mater. Sci. Eng. 2022, 1-7. [CrossRef]


http://doi.org/10.1007/s10339-021-01031-8
http://www.ncbi.nlm.nih.gov/pubmed/34047895
http://doi.org/10.3390/coatings12111750
http://doi.org/10.1166/sam.2021.4069
http://doi.org/10.1016/j.jmsy.2021.02.003
http://doi.org/10.12733/jics20105187
http://doi.org/10.5057/ijae.IJAE-D-18-00018
http://doi.org/10.1109/ACCESS.2021.3102606
http://doi.org/10.3390/e23091118
http://doi.org/10.5057/ijae.IJAE-D-20-00021
http://doi.org/10.3390/coatings11091013
http://doi.org/10.1680/jgeot.20.P.020
http://doi.org/10.1016/j.neuroimage.2007.02.016
http://doi.org/10.1016/j.jmapro.2020.09.004
http://doi.org/10.1002/mawe.202100215
http://doi.org/10.1002/1097-4628(20010321)79:12&lt;2221::AID-APP1029&gt;3.0.CO;2-F
http://doi.org/10.1889/1.1985127
http://doi.org/10.3390/polym14122500
http://doi.org/10.3390/machines10020104
http://doi.org/10.3390/f13091397
http://doi.org/10.3390/polym14204443
http://doi.org/10.1080/17480272.2022.2119432

Coatings 2023, 13, 178 16 of 16

31. Jiang, S.; Buck, D.; Tang, Q.; Guan, J.; Wu, Z.; Guo, X.; Zhu, Z.; Wang, X. Cutting force and surface roughness during straight-tooth
milling of Walnut wood. Forests 2022, 13, 2126. [CrossRef]

32. Samani, P; Leal, V.; Mendes, A.; Correia, N. Comparison of passive cooling techniques in improving thermal comfort of occupants
of a pre-fabricated building. Energy Build. 2016, 120, 30-44. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.


http://doi.org/10.3390/f13122126
http://doi.org/10.1016/j.enbuild.2016.03.055

	Introduction 
	Materials and Methods 
	Test Materials 
	Visual/Tactile Subjective Evaluation Test 
	Surface Roughness Testing 
	Surface Cooling Rate Measurement 
	Determination of Surface Gloss 
	Surface Colour Value Test 

	Results and Discussion 
	Haptic Subjective Evaluation 
	Evaluation of Physical Properties 
	Surface Roughness Polynomial Fit Analysis 
	“Rough-Smooth”—Polynomial Fitting of Surface Roughness 
	“Rough—Fine”—Polynomial Fitting of Surface Roughness 
	“Hard-to-Comfort”—Polynomial Fitting of Surface Roughness 

	Analysis of Surface Cooling Rate Fitting Results 
	“Cold-Warm”—Polynomial Fitting of Surface Cooling Rates 
	“Hard-to-Comfort”-Polynomial Fitting of Surface Cooling Rates 

	Analysis of Surface Gloss Fitting Results 
	“Matte-Gloss”—Polynomial Fitting of Surface Gloss 
	“Hard-to-Comfort”-Polynomial Fitting of Surface Gloss 

	Analysis of the Results of Fitting the Surface Colour Values 
	“Dull-Lively”—Polynomial Fitting of Surface Colour Values 
	Polynomial Fitting of “Uncomfortable-Comfortable”-Surface Colour Values 


	Conclusions 
	References

