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Abstract

In this research, we aimed to evaluate the relationship between the main dimensions of per-
sonality (Extraversion, Maturity, Agreeableness, Conscientiousness, and Self-actualization)
and mobile phone addiction, both directly and mediated by the professional context (pro-
fessional status), and moderated by adaptive cognitive-emotional coping strategies. The
participants, adult Romanian citizens, completed measures of personality—Big Five ABCD-
M, a mobile phone addiction questionnaire, and the CERQ for adaptive coping strategies.
They also responded to a question about current professional status (employed, student,
etc.). Data were analyzed using Jamovi, and the findings were somewhat unexpected,
though it aligned with the existing literature. Maturity emerged as a consistent inverse
predictor of smartphone addiction (r = —0.45, 3 = —0.43, p < 0.001) across all three analy-
ses. Extraversion showed an indirect effect mediated by professional status (3 = —0.077,
p <0.05). Self-actualization was also found to predict smartphone addiction positively
through full mediation by professional status (3 = 0.05, p < 0.05). Agreeableness became a
significant negative predictor (3 = —0.13, p < 0.05) only when adaptive coping strategies
were included. These findings highlight that the transition from frequent smartphone use—
whether for work or personal reasons—to addiction can be subtle. This study may support
both the general population in understanding smartphone use from a psycho-emotional
perspective and organizations in promoting a healthy work-life balance.

Keywords: personality factors; coping strategies; smartphone addiction; professional status

1. Introduction

It is no longer a secret to anyone that agitation, stress, anxiety, and sometimes burnout
are part of our lives on a regular basis, whether we are talking about Romania or another
geographical part of the world. In Ireland, the United Kingdom, and Italy, over half of the
respondents to a survey conducted in 2022 reported that they were experiencing stress. In
addition, almost a fifth of the respondents in most of the countries surveyed reported that
they suffered from depression. These emotional states are increasingly studied in relation
to patterns of smartphone overuse, where digital engagement can amplify stress responses
and emotional dysregulation (Elhai et al. 2020). The feelings of anxiety were the highest
in Germany at nine percent (AXA 2022). According to another study also conducted in
2022 in Europe regarding the degree of exhaustion (burnout), we found out that Romania
was in a leading position regarding this suffering, second place in Europe, with 67% of
respondents declaring that they had experienced or had been close to burnout (Stada 2022).
In the USA, things are not much different from Europe either. According to the American
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Psychiatric Association, the 2024 results of the annual mental health survey show that
adults are feeling increasingly anxious. In 2024, 43% of adults said that they felt more
anxious than in the previous year, compared to 37% in 2023 and 32% in 2022 (American
Psychiatric Association 2024). From official statistical analyses we understand that the
post-pandemic period, contrary to expectations, has maintained and even increased the
level of stress and anxiety. According to the survey (Wiley 2024), starting with 2023, almost
half of the North American students have sought more psychological counselling or mental
health therapy, the reasons being the following: worsening symptoms/more help needed in
the post-pandemic period, stress of school and work/professional life balance, anxiety, the
desire to feel better, and depression. Moreover, recent empirical data suggests that the use
of smartphones for work-related purposes after hours significantly contributes to work-life
conflict and overall stress levels (Blake et al. 2024). Technology has significantly contributed
to this whole “picture”. For example, in a previous study (APA 2023), we learn that 45% of
American adults felt anxiety in 2023 due to the impact of technology on their daily lives.
The 2022 survey (CivicScience 2022) of internet users in the US found a link between digital
device addiction and stress levels, with over 60% of those who considered themselves
addicted or somewhat addicted to digital technology reporting being very or almost very
stressed. On the other hand, over 50% of the respondents who were not addicted to digital
devices said that they did not experience stress. This finding is consistent with more
recent empirical evidence. For example, Tufan et al. (2025) demonstrated a strong positive
association between the fear of missing out (FoMO) and smartphone addiction, reinforcing
the role of emotional and cognitive vulnerability in excessive smartphone use. This is
further supported by recent findings showing that smartphone addiction is associated
with increased negative emotions and reduced life satisfaction, with pessimistic coping
styles acting as a key explanatory mechanism (Zhu et al. 2025). Also, Elhai et al. (2025)
extend these findings, showing that FoOMO mediates the link between pathological worry
and both smartphone and social media addiction, and that FoMO is a stronger predictor
of addictive severity than general worry. Given these findings, it becomes increasingly
evident that FOMO can be conceptualized as a domain-specific form of anxiety, which
intensifies compulsive smartphone engagement.

Other findings underline that smartphone usage itself can exacerbate emotional strain;
for instance, prolonged screen time and constant connectivity have been identified as
predictors of anxiety, burnout, and sleep disturbances (Devi and Singh 2023; Gongalves
and Santos 2022; Stankovi¢ et al. 2021).

The use of digital devices in relation to professional activity is no longer a choice; it is
an obligation and will continue to be one. Digital transformation, or the adoption of digital
technology meant to transform business processes and services from non-digital to digital
(moving data to the cloud using technological devices and tools for communication and
collaboration, and automating processes) is in full swing, and the COVID-19 pandemic has
contributed to increasing the pace of this transformation, estimating that by 2027, global
spending on digital transformation will reach 3.9 trillion US dollars (Statista 2024). This
explains, at least partially, the levels of stress, anxiety, depression, and burnout described by
statistics as being higher today than before 2020. Working from home, having a permanent
connection to the workplace facilitated by technology (laptop, smartphone, and other types
of devices) anytime and anywhere affects one’s personal life (Seibert et al. 2021), and this
context often turns habit into technology addiction. Furthermore, recent empirical research
supports the relevance of personality factors in this dynamic. Psychological vulnerabilities
such as stress, anxiety, and burnout rarely act in isolation, and are often intensified by the
pervasive role of mobile technology in everyday routines, as previously discussed. In this
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context, Bhayangkara et al. (2024) showed that Conscientiousness and Extraversion are
significantly associated with smartphone addiction in young adults.

In the following two sections, we examine the five-factor Model of Personality in
relation to smartphone technology use and its moderated mediation by professional status
and adaptive coping strategies.

2. Five-Factor Personality and Smartphone Technology Addiction

The term personality is intended to provide a sense of continuity, stability, or consis-
tency in what a person does, thinks, or experiences (Wrosch and Scheier 2003) and it is
often conceptualized as being based on five traits (Neal and Brutzman 2023):

- Openness to Experience—a trait characterized by active search, love of new experi-
ences (Akbari et al. 2023), creativity, and esthetic appreciation (Lyon et al. 2021);

- Conscientiousness—a trait characterized by an orderly and diligent approach to
completing tasks and goals (Williams et al. 2023);

- Extraversion—a trait characterized by a tendency to be assertive and sociable (Kang 2023);

- Agreeableness—a trait characterized by compassion toward others, rather than antag-
onism (Skoglund et al. 2020) and politeness (Lyon et al. 2021);

- Neuroticism—a trait also known as emotional instability and characterized by stress,
anxiety, impulsivity, depression, anger, and vulnerability (Bano et al. 2019).

Five-factor theory posits that these broad trait domains emerge from basic psycholexi-
cal structures and stable biological predispositions (Allport and Odbert 1936; Fiske 1949;
Digman 1990; McCrae and Costa 1997; Goldberg 1993), and it further assumes that individ-
uals are informed, rational, variable, and proactive agents whose consistent dispositions
manifest across situations (Seibert et al. 2021). Studies have confirmed that the five-factor
(or dimension) personality model has predictive value in almost all behaviours related to
personality (Wan et al. 2019). In other words, personality, when used as a scientific term,
refers to the mental traits of individuals that characterize them in different situations and
can therefore be used to predict their behaviour (Lavi et al. 2022). For example, personality
has a psychological impact on how subjects perceive (Sindermann et al. 2020), interact
(Host'ovecky and Prokop 2018), and use (Ozbek et al. 2014) information technologies.

The five-factor personality structure has been widely replicated in different linguistic
and cultural contexts (Kang 2022). The Big Five ABCD-M (Big Five ABCD-Minulescu Ques-
tionnaire) is the first personality questionnaire in the Romanian language; and being used
in this research, it systematically follows the psycholexical approach of the psycholinguistic
hypothesis regarding personality: the criteria according to which people spontaneously and
coherently evaluate their own behaviour and that of their peers are specifically encoded in
language (Minulescu 2008). This psycholexical tradition traces back to Allport & Odbert’s
landmark work on trait adjectives (1936) and was popularized in the Big Five context by
Goldberg (1993).

Although personality is a stable set of characteristics and tendencies that generate
commonalities and differences among people with respect to their thoughts, feelings,
and actions (Maddi 1989), the risk of smartphone addiction can configure pathological
personality traits. (Popescu et al. 2022). Smartphone addiction is a vital problem within
the global population with impairment that includes physical difficulties such as muscle
pain and eye diseases, and psychological difficulties such as personality and psychiatric
problems, auditory and tactile delirium (De-Sola et al. 2017; Lei et al. 2020), impaired
sleep quality (Kheradmand et al. 2023), social anxiety (Popescu et al. 2022), depression,
interpersonal relationship problems (Eichenberg et al. 2021), mood disorders, low self-
esteem, and poor work performance (Tripathi 2018). More than smartphone addiction, in
the literature, we even find that people can subjectively experience the smartphone as an
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extended part of themselves, feeling attachment to the device as well as the need to interact
with it (Gertz et al. 2021).

The possibility of predicting smartphone addiction using the five personality fac-
tors as predictors has been studied in the literature over time, and the results have re-
flected the fact that extroverted people have a lower chance of becoming addicted to
smartphones (Abd Rahim et al. 2020). Other studies have obtained exactly the opposite
results, namely that the prevalence of Neuroticism and Extraversion in people with smart-
phone addiction is significantly higher than in those who are not addicted to smartphones
(Eichenberg et al. 2021; Lei et al. 2020). Hussain et al. (2017) also found significant associa-
tions between problematic smartphone use and personality factors of Conscientiousness
and Openness to Experience. In contrast, Ran (2022) reported no significant associations
between high scores on Conscientiousness, Openness to Experience, or Agreeableness and
the risk of smartphone addiction.

Complementary findings using alternative personality frameworks also support the
link between personality and smartphone overuse. For instance, Kheradmand et al. (2023),
using the Cloninger TCI (Temperament and Character Inventory) model, found that in-
dividuals prone to smartphone addiction scored significantly higher in novelty seeking,
harm avoidance, and self-transcendence, and lower in persistence and self-directedness—a
pattern that may indicate difficulties with self-regulation and goal-directed behaviour.

More recent studies have continued to investigate this association between personality
factors and smartphone addiction. For example, as previously noted, Bhayangkara et al.
(2024) found that Extraversion and Conscientiousness significantly predict smartphone
addiction among university students, offering further empirical support for the predictive
role of personality factors. Similarly, John et al. (2025) found that Neuroticism was positively
associated with smartphone addiction while Agreeableness and Conscientiousness acted
as significant protective factors. In a comparable line of research, Osorio et al. (2024) used a
machine learning model based on the Big Five traits in a sample of teenagers, identifying
Neuroticism and Conscientiousness as significant predictors of smartphone addiction.

3. Moderate Mediation Between Personality and Smartphone
Technology Use

Although the relationship between personality and smartphone addiction, as shown
above, has been studied in the literature, recent studies involving the Romanian population
have not been found; moreover, there is no analysis of the relationship mentioned above,
mediated by professional status and moderated by the cognitive-emotional coping, in the
context of the ongoing digital transformation.

Coping is often defined as efforts to prevent or diminish threat, harm, and loss, or
to reduce associated distress (Carver and Connor-Smith 2010). According to the cog-
nitive behavioural theory, personality can influence an individual’s coping styles, and
behaviours can lead to different levels of resilience (Lai and Li 2022). On the other hand, in
Moodie et al. (2020), it is reported that brain activation patterns showed significant interac-
tions between intensity and strategy (coping), suggesting that the brain engages strategies
using distinct regulatory architectures with comparable behavioural efficacy and that these
systems are differentially engaged depending on emotional intensity. More specifically, in
Buhle et al. (2014), we find that reappraisal (as an adaptive coping strategy) is often used to
reduce emotion and, consequently,, it is associated with decreased self-reported negative
affect ratings and activity in emotion-generating brain regions such as the amygdala. These
findings indicate that coping strategies can moderate the effects of personality traits on the
emotional reactions associated with these traits (for example, including but not limited to
frustration, suspicion, anger, empathy, and affection—Agreeableness factor; satisfaction and
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guilt—Conscientiousness factor; joy and enthusiasm—EXxtraversion factor, etc.). Addition-
ally, Su et al. (2024) demonstrated that psychological resilience moderates the relationship
between negative affect and smartphone addiction among over 5000 students, emphasizing
the protective role of adaptive coping mechanisms. In a similar vein, Cheng et al. (2024)
highlighted that daily emotional experiences, particularly negative affect, predicted smart-
phone addiction through stress as a mediating factor, further illustrating the centrality of
emotion regulation in the development of problematic phone use.

Compulsive smartphone use is considered a form of human-machine addiction char-
acterized by a behavioural pattern similar to internet addiction or substance addiction
(Ting and Chen 2020). For a clearer understanding of substance addiction, from which we
drew an analogy to identify smartphone addiction, a possible definition can be found in
the work of Koob and Le Moal (1997), where it is specified that addiction can be defined
as a chronic, relapsing disorder, which was characterized by (i) a compulsion to seek and
consume drugs, (ii) loss of control over drug use, and (iii) the appearance of a negative
emotional state (e.g., dysphoria, anxiety, and irritability) that defines a motivational with-
drawal syndrome when access to the drug is prevented. Therefore, it can be noticed that
emotion is an integrative part of the addictive behaviour which, in its turn, triggers coping
strategies, as presented above. Moreover, recent findings by Niskier et al. (2024) emphasize
that behavioural habits tied to daily routines (e.g., screen use during meals and skipping
extracurriculars) are significantly associated with problematic internet use in adolescents,
reinforcing the idea that environmental and professional-contextual factors—such as oc-
cupational demands—may function as meaningful mediators in the escalation toward
technology overuse. In conclusion, we can say that in the relationship between personality
factors and mobile phone/smartphone addiction, adaptive coping acts with a moderating
effect, the common element being emotion.

The relationship between personality factors and mobile phone addiction moderated
by adaptive cognitive-emotional coping strategies will be investigated in this paper accord-
ing to the current context of professional activities, as we showed at the beginning of this
paper, that is, taking into account the requirements and demands of the “digital revolution”
to which the population responds from the point of view of professional activity. In other
words, the previously mentioned relationship will be analyzed in the context in which the
mediator is represented by the professional status.

4. Objectives and Hypotheses of the Current Research

Taking into account the elements presented above, we propose in this research paper
to evaluate, on a sample of adult Romanian citizens, how the main personality dimensions
predict mobile phone addiction, both as a stand-alone relationship and as a relationship
mediated by professional status and moderated by cognitive-emotional adaptive coping
strategies. In other words, the purpose of the paper is to explain how cognitive-emotional
adaptive coping strategies intervene in the context in which professional activity, in particu-
lar, exacerbates the relationship between personality and mobile phone use (even reaching
addiction), and in the absence of these strategies to “sound an alarm” and to consider the
development of educational and psychological counselling programmes by specialized
organizations and decision makers, thus supporting the population.

Drawing on these aims, the study articulates the following objectives and hypotheses:

e  The objectives of the current research are the following:

- Identifying the relationships between personality factors and smartphone tech-
nology addiction;
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- Establishing the mediating role of professional status in the relationship moder-
ated by adaptive cognitive-emotional coping strategies between personality and
digitalization (represented by the smartphone).

e  The current research hypotheses are the following:
- H1I: Personality factors can significantly predict smartphone addiction:

H1.1: Extraversion will positively predict smartphone addiction.

H1.2: Maturity will negatively predict smartphone addiction.

H1.3: Agreeableness will positively predict smartphone addiction.
H1.4: Conscientiousness will negatively predict smartphone addiction.
H1.5: Self-actualization will positively predict smartphone addiction.

- H2: Professional status mediates the relationship between personality (repre-
sented by the personality factors):

H2.1: Extraversion (positive mediation-direct effect);

H2.2: Maturity (negative mediation-indirect effect);

H2.3: Agreeableness (positive mediation-direct effect);

H2.4: Conscientiousness (negative mediation-indirect effect);
H2.5: Self-actualization (positive mediation-direct effect) and
digital transformation (represented by smartphone addiction).

- HB3: Professional status mediates the relationship between personality (repre-
sented by the personality factors):

H3.1: Extraversion (positive mediation-direct effect);

H3.2: Maturity (negative mediation-indirect effect);

H3.3: Agreeableness (positive mediation-direct effect);

H3.4: Conscientiousness (negative mediation-indirect effect);

H3.5: Self-actualization (positive mediation-direct effect) and

digital transformation (represented by smartphone addiction), moderate relation-
ship (in the sense of reduction) to adaptive cognitive-emotional coping strategies.

In brief, H1 spells out the expected direct personality — addiction links; H2 specifies
which of those links operate via professional status; H3 then tests how adaptive coping
moderates those mediated effects.

In Figure 1, we can see the proposed theoretical model containing the three sets of
hypotheses presented previously.

Adaptive cognitive-emotional
coping strategies

Professional status

Personality (E, M, A, C, 5a.)

Smartphone addiction

h 4

Figure 1. The hypothesized model. Note: E—Extraversion, M—Maturity, A—Agreeability, C—
Conscientiousness, and Sa.—Self-actualization. Adaptive cognitive-emotional coping strategies:
Acceptance, Positive Refocusing, Planning Refocusing, Positive Reappraisal, and Perspective-Taking.
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5. Method
5.1. Participants

The sample size was calculated a priori using the G*Power software (version 3.1.9.7).
For a medium effect size, a statistical power of 0.80, a type I error of 0.05, and five predictors
were needed; the minimum number of participants required was 92.

The final sample included 202 Romanian adults (48.8% men, 50.7% women, and 0.5%
who did not declare their gender) aged between 18 and 61 years (M = 33.84, SD = 11.55).
Participants represented a variety of professional statuses, including employees, freelancers,
students, unemployed individuals, retirees, and homemakers. Most participants resided in
urban areas (85.2%), while 14.8% lived in rural areas. Additionally, 59.4% of participants
reported not having children.

5.2. Instruments

(a) The Big Five ABCD-M personality questionnaire

The personality factors were assessed using the Big Five ABCD-M questionnaire
(Minulescu 2008), which was developed specifically for evaluating normal personality in
Romanian adults. The instrument comprises 150 items distributed across five scales and
25 facets, with responses recorded on a 5-point Likert scale (ranging from 0 = total disagree
to 4 = total agree). The five personality scales are represented by the following:

- Extraversion, with facets of Activism, Optimism, Humour, Interpersonal Ability, and
Personal Affirmation;

- Maturity, encompassing Respect, Adaptation, Friendship, Inhibition Strength, and
Ego Strength;

- Agreeableness, covering Altruism, Romanticism, Affective Warmth, Empathy, and Honesty;

- Conscientiousness, including Will/Perseverance, Spirit of Perfection, Rationality,
Planning, and Self-discipline;

- Self-actualization, a distinctive scale (absent from many classical inventories) measur-
ing Deepening, Tolerance, Refinement, Independence, and Creativity.

By integrating Maturity and Self-actualization alongside the core Big Five, the ABCD-
M offers a richer portrait of personality as experienced in the Romanian cultural context.

In the current study, the 5 personality scales had very good internal consistency, with
Cronbach’s alpha values of 0.928 (Extraversion), 0.954 (Maturity), 0.923 (Agreeableness),
0.933 (Conscientiousness), and 0.878 (Self-actualization). McDonald’s omega coefficients
were similarly high with 0.936 (Extraversion), 0.956 (Maturity), 0.926 (Agreeableness), 0.935
(Conscientiousness), and 0.886 (Self-actualization), further supporting the reliability of
the scales.

Note that while Extraversion, Agreeableness, and Conscientiousness align directly
with their classical Big Five counterparts, the Maturity scale captures emotional stability
akin to low Neuroticism, and the Self-actualization scale extends aspects of Openness
to Experience by assessing personal growth, creativity, and independence beyond the
traditional five-factor framework.

(b) Cognitive Emotion Regulation Questionnaire (CERQ)

The assessment of the adaptive cognitive-emotional coping strategies was carried
out using the CERQ, adapted to the Romanian population. According to its manual
(Garnefski et al. 2010), the CERQ is a multidimensional questionnaire, consisting of 36 items,
designed to identify the cognitive coping strategies used following the experience of nega-
tive events or situations and can be used for both normal and clinical populations aged
12 years or older. The questionnaire assesses the following coping strategies: Acceptance,
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Positive Refocusing, Planning Refocusing, Positive Reappraisal, Perspective-Taking, Self-
Blaming, Rumination, Catastrophizing, and Blaming Others. Out of these strategies, the
first five, the adaptive ones, were used in the current research. Responses to the CERQ are
recorded on a 5-point Likert scale (from 1—(almost) never to 5—(almost) always).

In the current research, the five cognitive-emotional coping scales demonstrated
good internal consistency, with Cronbach’s alpha values of 0.854 (Acceptance), 0.851 (Pos-
itive Refocusing), 0.799 (Planning Refocusing), 0.833 (Positive Reappraisal), and 0.852
(Perspective-Taking). McDonald’s omega coefficients also indicated good reliability across
all five adaptive coping scales—0.860, 0.853, 0.812, 0.835, and 0.859, respectively—further
confirming the internal consistency of the CERQ subscales.

(¢) Smartphone Addiction Scale—Short Version (SAS-SV)

The SAS-SV, Romanian version, was the third tool used in this research.

According to Tudor (2023), SAS-SV includes ten items to which a subject can respond
on a Likert-type scale with six verbal anchors distributed gradually from 1—strong dis-
agreement to 6—strong agreement, and the content of the items sample dimensions such as
the difficulties that excessive smartphone use creates in everyday life, positive anticipation,
reduction in social relationships simultaneously with the intensification of activities carried
out in virtual space, difficulties in managing time spent on the smartphone, increased
tolerance to use, etc.

As far as the current research work is concerned, the SAS-SV tool had good internal
consistency, with Cronbach’s alpha value of 0.894. McDonald’s omega coefficient was also
high (0.897), further confirming the reliability of the scale.

(d) Professional status

Professional status was assessed using a single-item question (“What is your current
professional status?”), with the following six response options: (1) Employed, (2) Home-
maker, (3) Self-employed (freelancer), (4) Retired (pensioner), (5) Unemployed, and (6) Stu-
dent (pupil). For inclusion in the statistical analyses, these categorical responses were coded
as ordinal values corresponding to their original listing (Employed = 1, Homemaker = 2,
Self-employed = 3, Retired = 4, Unemployed = 5, and Student = 6). This coding scheme
allowed professional status to function as a mediator in the modelling frameworks. These
six categories capture qualitatively different smartphone-use contexts:

- Employed individuals face constant employer-driven communications and deadlines;
- Homemakers typically use their phones for domestic coordination and social contacts;
- Self-employed (freelancers) manage their own client communications and schedules;
- Retired participants have more sporadic, leisure-oriented usage;

- Unemployed respondents show variable patterns driven by job-search or personal use;
- Students navigate academic deadlines, coursework reminders, and campus notifications.

This categorization ensures that each mediator level corresponds to a distinct work- or
life-context in which personality traits translate into smartphone engagement.

5.3. Procedure

The study was approved by the Ethics Committee (Scientific Council of University
Research and Creation from West University of Timisoara, Romania) in August 2024 and
was conducted in accordance with the Declaration of Helsinki (World Medical Association).
All participants were informed about the study and provided informed consent.
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The current study used a cross-sectional survey design, and responses were col-
lected between the 12 October 2024 and 9 November 2024. This current study, which
is part of a larger research project titled “The role of cognitive-emotional coping strate-
gies in the relationship between personality and the digitalization process”, was pre-
registered on the Open Science Framework platform (objectives, main hypotheses, study
design, data collection procedure, measured variables, and statistical analysis plan)
at: https:/ /osf.io/e9apx/?view_only=e62096bfa5d34131bbd32d314125313b (accessed on
12 October 2024).

The survey, accessed online, through the Google Forms platform, voluntarily and
without rewards, was conducted in Romania and contained demographic questions (year
of birth, gender, marital status, professional status, and residential area (rural/urban))
followed by the following questionnaires: CERQ, Big Five ABCD-M, and SAS-SV.

With a view to collecting responses, the survey was promoted online, on social media
platforms, professional platforms, and mobile messaging platforms.

Two hundred and five people intended to participate in the survey, but three people
refused to give their informed consent to participate, and their participation was auto-
matically excluded from the study. Participants were informed about the objectives of
the research and also that they could withdraw at any time during the study. Each ques-
tionnaire was preceded by specific instructions, and the response time was approximately
50 min for each participant. The participants’ responses were recorded in the database
completely anonymously.

The conditions for excluding responses received from participants were the following:
the participant’s refusal to give consent to participate in the study—consent to participate
in the study being the first condition to be met, before the study questions are displayed on
the screen, and abandoning the questionnaire started by not completing it in full.

5.4. Data Analysis

In order to carry out the entire statistical analysis, the Jamovi software product, version
2.3.28.0 (The Jamovi Project 2022) was used, with the following modules:

- Descriptives for calculating descriptive statistics;

- Reliability Analysis for calculating the internal consistencies of scales (Cronbach’s
alpha values);

- Correlation Matrix for analyzing the correlations between variables;

- Principal Component Analysis for analyzing the common method bias;

- Linear Regression for multiple linear regression analyses;

- Medmod—GLM Mediation Model for moderated mediation and bootstrap analyses.

6. Results
6.1. Common Method Bias Analysis

The common method bias was performed by analyzing all responses to the items
of the three questionnaires used in the current research (Big Five ABCD-M, CERQ and,
SAS-SV). The analysis was performed using the Principal Component Analysis module
in Jamovi. For the variance explained by the first factor (first component), a value of 31%
of the total variance (<50%) was obtained, indicating that there was no significant risk of
common method bias (Podsakoff et al. 2003).
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In addition, the correlation matrix of this study showed that the highest inter-construct
correlation was below 0.558 and none exceeded the threshold of 0.90 (Bagozzi et al. 1991)
indicating that there is no serious problem of common method bias. Furthermore, in order
to detect multicollinearity, the analysis shows that the Variance Inflation Factor (VIF) of all
constructs is lower than the threshold of 5 (Hair et al. 2011; Kock 2017), with the highest
having the value of 1.908—Self-actualization. Also, Tolerance is higher than 0.1 for all
constructs. Therefore, multicollinearity is excluded as a significant source of the common
method bias.

6.2. Preliminary Analysis

Descriptive statistics and correlations between study variables can be seen in Table 1.
To assess the assumptions for parametric analyses, we examined the distribution of the
study variables using Q-Q plots, skewness, and kurtosis values. All skewness and kurtosis
values fell well within the accepted range of £2 (George and Mallery 2010) indicating a
good approximation to normality for all variables, thus justifying the use of parametric
analyses. Therefore, the use of parametric tests such as Pearson correlations and multiple
linear regression analyses is appropriate.

Analyzing Table 1, we can see that mobile phone use is correlated with personality
factors: Maturity—supporting H1.2 (r = —0.448, p < 0.001), Extraversion (r = —0.172,
p < 0.05), and Conscientiousness (r = —0.255, p < 0.001), but contrary to our expectations,
Extraversion and Conscientiousness are negatively correlated (in hypotheses H1.1 and H1.4
we expected a positive prediction). Also, taking into account the moderating role of the
adaptive coping strategies (Acceptance, Positive Refocusing, Planning Refocusing, Positive
Reappraisal, and Perspective-Taking) in the relationship between personality factors and
smartphone addiction (criterion), we mention that the only correlation relationship, and
that a very weak one between the moderator and the criterion, as we can see in Table 1,
is the Positive Reappraisal coping strategy—smartphone addiction (SAS-SV), r = —0.160,
p < 0.05. As to the correlation between the moderator (adaptive coping strategies) and
the predictor (personality factors), the correlation relationships are weak, except for the
relationship Maturity—SAS-SV and smartphone addiction (r = —0.448, p < 0.001).
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Table 1. Descriptive statistics and correlations between the investigated variables.

Mean SD 1 2 3 4 5 6 7 8 9 10 11 12 13 14
Acceptance [1] 3.344 1.041 —
Positive Refocusing [2] 3.389 0.974 0.416 *** —
Planning Refocusing [3] ~ 4.147 0.767 0.214*  0.309 *** —
Positive Reappraisal [4] ~ 4.198 0.788 0.273***  0.466 ***  0.541 *** —
Perspective-Taking [5] 3.64 0.953 0.305 *** 0.413 *** 0.32 *** 0.445 *** —
Extraversion [6] 2.866 0.574 0.042 0.3 *** 0.284**  0.355*** 0.205 ** —
Maturity [7] 3.204 0.695 —0.04 —0.138 0.043 0.177* —0.025 0.098 —
Agreeableness [8] 2.748 0.571 0.285 *** 0.302 *** 0.321 *** 0.303 *** 0.353 *** 0.343 *** 0.039 —
Conscientiousness [9] 29 0.573 0.058 0.204**  0.295**  0.347 *** 0.205 ** 0.53 *** 0.25**  0.456 *** —
Self-actualization [10] 2.953 0.46 0.146 * 0.32 *** 0.321 *** 0.407 *** 0.184 ** 0.492 *** 0.078 0.521 *** 0.558 *** —
SAS-SV [11] 23.02 10.06 0.067 0.061 —0.049 —0.16* 0.082 —0.172*  —0448**  —0.015  —0255**  —0.128 —
Professional status [12] 0.008 —0.091 —0.069 —0.25 *** —0.092 —0317**  —0.157 * —0.169 * —0.179 % —0.042 0.279 *** —
Age (years) [13] 33.842  11.552 0.014 0.175* 0.08 0.266 *** 0.07 0.155* 0.183 ** 0.163 * 0.189 ** 0.121 —0.284**  —0.478 ** —
Gender (0/1/2) [14] 0.044 0.023 0.186 ** 0.135 0.035 —0.001 0.235 *** 0.199 ** 0.007 0.057 0.084 0.006 0.275 *** —

Note: * p < 0.05, ** p < 0.01, *** p < 0.001, SD = Standard Deviation, 1 = Acceptance, 2 = Positive Refocusing, 3 = Planning Refocusing, 4 = Positive Reappraisal, 5 = Perspective-Taking,
6 = Extraversion, 7 = Maturity, 8 = Agreeableness, 9 = Conscientiousness, 10 = Self-actualization, 11 = SAS-SV, 12 = Professional status, 13 = Age (years), and 14 = Gender (0=M, 1 =F,

2=N/A).



J. Intell. 2025, 13, 86

12 of 25

6.3. The Relationship Between Personality Factors and Smartphone Technology Addiction

With a view to testing the first hypothesis, H1 (and sub-hypotheses H1.1-H1.5), a
multiple linear regression analysis was performed, with the five personality factors as
predictors and smartphone addiction as a dependent variable.

In order to simplify the interpretation of the results, we used standardized z-scores of
the predictors and the dependent variable.

Analyzing the multiple linear regression model in Table 2, we could notice that the five
personality factors are responsible for 32.1% of the variance in smartphone addiction, and
the regression equation being statistically significant, F (7, 194) = 13.111, p < 0.001. Among
the five factors, only one is a significant predictor of smartphone addiction: Maturity
(B = —0.433, 95%CI [-0.559, —0.307], p < 0.001). In the analysis, we have included two
covariates (i.e., gender and age) to exclude them as explanatory alternatives for the effects
identified, as they proved to be substantially related to problematic mobile phone use in
the previous studies (Hao et al. 2023).

Table 2. The regression analysis to test the relationship between personality factors and smart-
phone addiction.

Predictor B SE p
Intercept 0.359 0.335
Extraversion —0.049 0.073 0.501
Maturity —0.433 0.064 <0.001
Agreeableness 0.072 0.129 0.328
Conscientiousness —0.081 0.081 0.319
Self-actualization —0.046 0.079 0.565
Age (years) —0.256 0.063 <0.001
Gender 0.245 0.065 <0.001

R? =0.321, p < 0.001.

The above-mentioned results lead us to state that hypothesis H1 is only partially
supported by the analyzed data (only hypothesis H1.2 was confirmed). More specifically,
as the value of the Maturity factor increases by one unit, the value of the dependent
variable, smartphone addiction, decreases, on average, by the magnitude of the coefficient
(B = —0.433).

6.4. The Relationship Between Personality Factors and Smartphone Technology Addiction,
Mediated by the Professional Status

In Table 3, we find the results of the professional status mediation which intervened in
the relationship between personality factors (Extraversion, Maturity, Agreeableness, Con-
scientiousness, and Self-actualization) and mobile phone addiction. The parallel mediation
analysis indicated that professional status has a mediating role in the relationships between
the following:

- The personality factor Extraversion and mobile phone addiction (indirect effect = —0.077,
p < 0.01, 95%CI [-0.134, —0.02]), the mediation being complete (the relationship is
completely mediated by the professional status, that is the indirect effect explains
100% of the variability of the total effect);

- The personality factor Self-actualization and mobile phone addiction (direct effect = 0.05,
p < 0.05, 95%CI [0.003, 0.098]), the mediation being complete (the relationship is
completely mediated by the professional status, that is the indirect effect explains
100% of the variability of the total effect).
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The rest of the relationships between personality factors (Maturity, Agreeableness, and
Conscientiousness) and mobile phone addiction are not mediated by the professional status,
that is the hypotheses H2.3, H2.4, and H2.5 are not confirmed. However, by analyzing
Table 3, we can see that there is a very strong direct relationship between the personality
factor Maturity and mobile phone addiction (both for the direct effect and for the total
effect). The same result was also highlighted by the multiple linear regression.

Table 3. Results of the mediation analysis.

95% C.I. (a)

Estimate

Type Effect (B) SE Lower Upper p
Indirect Extraversion = Professional Status = SAS-SV —0.077 0.029 —0.134 —0.02 0.008
Maturity = Professional Status => SAS-SV —0.028 0.017 —0.061 0.005 0.095
Agreeableness = Professional Status = SAS-SV —0.034 0.02 —0.072 0.005 0.088
Conscientiousness = Professional Status = SAS-SV —0.004 0.019 —0.041 0.034 0.851
Self-actualization => Professional Status = SAS-SV 0.05 0.024 0.003 0.098 0.036
Direct Extraversion = SAS-SV 0 0.077 —0.151 0.152 0.996
Maturity = SAS-SV —0.378 0.063 —0.501 —0.255 <0.001
Agreeableness = SAS-SV 0.145 0.073 0.002 0.288 0.048
Conscientiousness = SAS-SV —0.139 0.081 —0.298 0.021 0.089
Self-actualization = SAS-SV —0.088 0.081 —0.248 0.072 0.28
Total Extraversion = SAS-SV —0.077 0.076 —0.225 0.072 0.311
Maturity = SAS-SV —0.406 0.064 —0.532 —0.281 <0.001
Agreeableness = SAS-SV 0.111 0.075 —0.035 0.257 0.136
Conscientiousness = SAS-SV —0.142 0.084 —0.307 0.022 0.09
Self-actualization = SAS-SV —0.038 0.082 —0.199 0.124 0.649
Note. All paths represent standardized estimates obtained after z-scoring the variables. Values in bold denote
statistically significant findings (p < 0.05, p < 0.01, or p < 0.001). Abbreviations: C.I. = Confidence Interval;
f = Standardized coefficient (Beta); SE = Standard Error; p = p-value (statistical significance).
In order to assess the significance of the multiple mediation model, we applied the
bootstrap resampling technique with 5000 bootstrap replications identifying as significant
relationships whose 95% confidence interval does not contain the value 0 (Liu et al. 2023;
Yue et al. 2022; Kim et al. 2024). The results obtained from applying the bootstrap technique
can be seen in Table 4.
Table 4. The results following the application of the bootstrap technique.
95% C.I. (a)
Type Effect ESt(lg;ate SE Lower Upper p
Indirect Extraversion =- Professional Status = SAS-SV —0.077 0.027 —0.133 —0.028 0.004
Self-actualization = Professional Status = SAS-SV 0.05 0.025 0.011 0.108 0.045
Direct Maturity = SAS-SV —0.378 0.077 —0.523 —0.221 <0.001
Total Maturity = SAS-SV —0.406 0.075 —0.554 —0.26 <0.001

Note. All paths represent standardized estimates obtained after z-scoring the variables. Values in bold denote
statistically significant findings (p < 0.05, p < 0.01, or p < 0.001). Abbreviations: C.I. = Confidence Interval;
f = Standardized coefficient (Beta); SE = Standard Error; p = p-value (statistical significance).

In Table 4, we can see that the professional status remains as a mediator of the
Extraversion/Self-actualization and smartphone addiction relationships, the 95%CI in-
tervals for both relationships do not contain the value 0. The same situation is repeated for
the direct and total effect between Maturity and smartphone addiction, the relationships
remaining significant even after applying the bootstrap technique.
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6.5. Personality Factors as Predictors of Smartphone Technology Use and Moderated Mediation

With a view to evaluating the last set of hypotheses, H3, a moderated mediation
model was created, more precisely, evaluating the effects of the relationship between
personality factors (Extraversion, Maturity, Agreeableness, Conscientiousness, and Self-
actualization) and mobile phone addiction, moderated by adaptive cognitive-emotional
coping (Acceptance, Positive Refocusing, Planning Refocusing, Positive Reappraisal, and
Perspective-Taking) and mediated by the professional status. In Table 5 we can see the
results of the analysis of this relationship and the analysis for various moderator levels can
be found in the Supplementary Materials.

Table 5. The results of the moderation analysis.

Moderator Interaction Est(llr;;ate SE Lower Upper B p
Acceptance g;ttrj:ersmn: Acceptance = Professional - jo7 0073  —0.045 024 0102 0.181
Maturity: Acceptance = Professional 0194 0.08 035 —0.037 —0.166 0.015
Status
Agreeableness: Acceptance = 0.139 0.068 0.006 0.272 0.15 0.04
Professional Status
Conscientiousness: Acceptance = ~0133 0088  —0306 004  —0128 0132
Professional Status
Self-actualization: Acceptance = 0.048 0075 ~ —0099 0196  0.051 0.52
Professional Status
Posmv.e Extrave.rsmn: Positive Refocusing = 0.154 0.075 0.007 0.302 0.162 0.04
Refocusing  Professional Status
Maturity: Positive Refocusing = ~0054 0071  —0193 008 0051  0.449
Professional Status
Agreealf)leness: Positive Refocusing = 0.049 0.081 _o11 0.207 0.05 0.548
Professional Status
Consc1§nt10usness: Positive Refocusing = 0044 0.088 _0216 0128 0,045 0.619
Professional Status
Self—act.uahzatlon: Positive Refocusing = _0.015 0.089 019 0.159 0,015 0.862
Professional Status
Planmr'lg Extravgrsmn: Planning Refocusing = —0.066 0.071 0204 0.073 —0.073 0352
Refocusing ~ Professional Status
Maturity: Planning Refocusing = 0.057 0071  —0082 0195 0058 0425
Professional Status
Agreeal?leness: Planning Refocusing = 0.157 0.073 0.015 03 0.184 0.03
Professional Status
Consc1ent1'ousness: Planning Refocusing 0.032 0102 0167 0232 0.033 075
= Professional Status
Self-act}lallzatlon: Planning Refocusing = 0138 0.084 0303 0.026 0176 0.099
Professional Status
Posmv.e Extravgrsmn: Positive Reappraisal = 0.156 0.064 0.03 0.282 0.182 0.015
Reappraisal ~ Professional Status
Maturity: Positive Reappraisal = ~0089 0061  —0208 003  —0102 0144
Professional Status
Agreeableness: Positive Reappraisal = 0.038 0.081 0121 0197 0042 0639
Professional Status
Consc1§nt10usness: Positive Reappraisal = 0.039 0.091 _0218 0.14 —0.04 0.67
Professional Status
Self-actualization: Positive Reappraisal = 0.062 0.071 0202 0.077 0.08 0.382

Professional Status
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Table 5. Cont.
. Estimate
Moderator Interaction (B) SE Lower Upper 8] p
Perspgctlve— Extravgrsmn: Perspective-Taking = 01 0.071 0,039 0.239 0.104 0.158
Taking Professional Status
Maturity: Perspective-Taking = —0144 0066  —0274  —0.015 —0.145  0.029
Professional Status
Agreeableness: Perspective-Taking = ~0.003 0077  —0155 0148  —0.003 0964
Professional Status
Consc1§nt10usness: Perspective-Taking = 0.016 0.088 0155 0.188 0.016 0.852
Professional Status
Self-actualization: Perspective-Taking = —0.018 0.08 _0175 0.138 ~0019 0.82

Professional Status

Note. All paths represent standardized estimates obtained after z-scoring the variables. Values in bold denote
statistically significant findings (p < 0.05, p < 0.01, or p < 0.001). Abbreviations: C.I. = Confidence Interval;
Estimate (B) = Unstandardized Regression Coefficient (B); § = Standardized coefficient (Beta); SE = Standard Error;
p = p-value (statistical significance).

Hypothesis H3.1 (The professional status positively mediates the relationship between
personality represented by the Extraversion factor and digital transformation (represented by
smartphone addiction), and relationship moderated (in the sense of reduction) by the adaptive
cognitive-emotional coping strategies) tested significant values only for the moderators:

- Positive refocusing (f = 0.162, 95%CI [0.007, 0.302], p < 0.05). Conditional indirect
effect is significant only at low (—1 SD: 3 = —0.103, 95%CI [-0.176, —0.03], p < 0.05)
and mean (0 SD: 3 = —0.069, 95%CI [—0.123, —0.016], p < 0.05) levels of the moderator
among participants with a lower level of Extraversion.

A 5000-replicate percentile bootstrap yielded conditional indirect effects of 3 = —0.104,
95% CI [—-0.181, —0.042], p = 0.004 at —1 SD; 3 = —0.070, 95% CI [-0.128, —0.025], p = 0.194
at 0 SD (mean); 3 = —0.036, 95% CI [—-0.097, 0.014], p = 0.194 at +1 SD confirming that the
moderated mediation pattern is robust at low coping levels, attenuates at the mean, and
becomes non-significant at high coping levels.

- Positive reappraisal ( = 0.182, 95%CI [0.03, 0.282], p < 0.05). In this case, conditional
indirect effect is significant also, only at low (—1 SD: 3 = —0.1, 95%CI [-0.173, —0.027],
p < 0.01) and mean (0 SD: 3 = —0.066, 95%CI [-0.118, —0.014], p < 0.05) levels of the
moderator and with a lower level of the Extraversion personality factor.

The 5000-replicate percentile bootstrap yielded conditional indirect effects of 3 = —0.098
(95% CI[—0.191, —0.039], p < 0.05) at —1 SD; 3 = —0.065 (95% CI [—0.120, —0.023], p < 0.01)
at 0 SD (mean); = —0.031 (95% CI[—-0.077, 0.015], p = 0.176) at +1 SD confirming that the
moderated mediation model is robust at low coping levels, attenuates at the mean, and
becomes non-significant at high coping levels.

Hypothesis H3.2 (The professional status negatively mediates the relationship between
personality represented by the Maturity factor and digital transformation (represented by
smartphone addiction), relationship moderated (in the sense of reduction) by the adaptive
cognitive-emotional coping strategies) tested significant values only for the moderators:

- Acceptance (3 = —0.166, 95%CI [-0.35, —0.037], p < 0.05). Conditional indirect effect
is significant only at the high (+1 SD: 3 = —0.068, 95%CI [-0.126, —0.01], p < 0.05)
level of the moderator among participants with lower Maturity.

Using a 5000-replicate percentile bootstrap, the conditional indirect effects were es-
timated as 3 = —0.011, 95% CI [-0.021, 0.053], p = 0.524 at —1 SD; = —0.020, 95% CI
[—0.059, 0.004], p = 0.219 at 0 SD (mean); 3 = —0.052, 95% CI [-0.129, —0.007], p = 0.094
at +1 SD indicating that the indirect effect is non-significant at low and mean levels of
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the moderator but becomes significant at high levels, demonstrating the robustness of the
moderated mediation model. According to Hayes (2013), the bootstrap confidence interval
is the benchmark for establishing mediation significance; as it excludes zero only at +1 SD,
this confirms that the moderated mediation effect is statistically robust under high levels of
the moderator.

- Perspective-Taking ( = —0.145, 95%CI [-0.274, —0.015], p < 0.05). In this case,
conditional indirect effect is significant also, only at the high (+1 SD: 3 = —0.055, 95%
CI[-0.103, —0.006], p < 0.05) level of the moderator among participants with lower
levels of the Maturity factor.

A 5000-replicate percentile bootstrap analysis revealed conditional indirect effects of
B =0.007, 95% CI [—-0.044, 0.052], p = 0.752 at —1 SD; 3 = —0.021, 95% CI [-0.063, 0.006],
p = 0.23 at 0 SD (mean); 3 = —0.050, 95% CI [—0.113, —0.006], p = 0.063 at +1 SD indicating
that the indirect effect is non-significant at low and mean levels of the moderator but
becomes significant at high levels (+1 SD CI excludes zero), demonstrating the robustness
of the moderated mediation model under high coping levels.

Hypothesis H3.3 (The professional status positively mediates the relationship be-
tween personality represented by the Agreeableness factor and digital transformation
(represented by smartphone addiction), relationship moderated (in the sense of reduction)
by the adaptive cognitive-emotional coping strategies) tested significant values only for
the moderators:

- Acceptance ( = 0.15, 95%CI [0.006, 0.272], p < 0.05). Conditional indirect effect was
significant only at the low (—1 SD: 3 = —0.061, 95% CI [—0.115, —0.006], p < 0.05) level
of the moderator and with a lower level of the Agreeableness personality factor.

The 5000-replicate percentile bootstrap yielded conditional indirect effects of 3 = —0.046,
95% CI [—-0.177, —0.010], p = 0.057 at —1 SD; 3 = —0.023, 95% CI[—0.114, 0.007], p = 0.19 at
0 SD (mean); = —0.0006, 95% CI [—-0.0792, 0.073], p = 0.976 at +1 SD indicating that the
moderated mediation effect is also significant only at low levels of Acceptance (-1 SD CI
excludes zero), not at the mean or high levels.

- Planning Refocusing (3 = 0.184, 95%CI [0.015, 0.3], p < 0.05). In this case, conditional
indirect effect was also significant only at the low (—1 SD: 3 = —0.064, 95% CI [—0.12,
—0.007], p < 0.05) level of the moderator and at lower levels of Agreeableness.

Also, the 5000-replicate percentile bootstrap yielded conditional indirect effects of
B =—0.061,95% CI[—0.130, —0.007], p = 0.052 at —1 SD; 3 = —0.028, 95% CI [-0.078, 0.005],
p =0.177 at 0 SD (mean); 3 = 0.004, 95% CI [—0.053, 0.055], p = 0.879 at +1 SD confirming
that the moderated mediation effect is significant only at low levels of Planning Refocusing
(—1 SD CI excludes zero), not at the mean or high levels.

Hypothesis H3.4 (The professional status positively mediates the relationship between
personality represented by the Conscientiousness factor and digital transformation (repre-
sented by smartphone addiction), relationship moderated (in the sense of reduction) by the
adaptive cognitive-emotional coping strategies) did not produce any significant moderated
mediation effects.

Hypothesis H3.5 (The professional status positively mediates the relationship between
personality represented by the Self-actualization factor and digital transformation (repre-
sented by smartphone addiction), relationship moderated (in the sense of reduction) by
adaptive cognitive-emotional coping strategies) also showed no evidence of moderated
mediation under any of the coping strategies tested.

Full 5000-replicate bootstrap results for all direct, indirect, and total effects in the
moderated mediation analyses are provided in the Supplementary Materials.
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7. Discussion

The aim of the current study was to analyze the relationships between personality
factors from the Big Five ABCD-M model and smartphone addiction in a sample of adult
Romanian citizens, both as a direct relationship and by first taking into account the mediator
professional status and finally integrating the moderator adaptive cognitive-emotional
coping strategies into the relationship.

The descriptive statistical analysis showed that respondents recorded significant
negative levels of Maturity (r = —0.448, p < 0.001) and Conscientiousness (r = —0.255,
p <0.001) and a low level of Extraversion (r = —0.172, p < 0.05) in relation to smartphone
addiction. As to the adaptive coping, only one significant correlation was found with
Positive Reappraisal (r = —0.16, p < 0.05), but with a low and negative effect in relation to
smartphone addiction.

The first set of hypotheses, H1 (H1.1-H1.5) aimed to test the relationships that form
between personality factors and smartphone addiction, and the results highlighted the
fact that the personality factor Maturity is significantly associated with mobile phone
addiction (3 = —0.433, p < 0.001). As we can see, the relationship between the Maturity
factor and smartphone addiction is of medium and reversed strength. This result indicates
that people with a higher level of Maturity tend to be less addicted to smartphones. The
findings by Su et al. (2024) align with this interpretation, showing that psychological
resilience—often associated with mature emotional regulation—buffers the emotional
impact of smartphone addiction by moderating its association with negative affect. This
suggests that stable personality resources, such as emotional maturity and resilience,
may play a protective role in managing the emotional consequences of compulsive digital
behaviour. As to Extraversion, Agreeableness or Self-actualization, we would have expected
them to correlate positively with smartphone addiction given the characteristics of these
personality factors regarding interpersonal relationships and Openness to Experience. The
lack of these relationships may indicate the fact that not the personality traits in particular
are those that generate an individual’s tendency to compulsively use their mobile phone,
but other psycho-emotional elements that will need to be investigated in future research
studies. The lack of a relationship between Conscientiousness and smartphone addiction
may be explained by the rationality, planning, and self-discipline elements characteristic of
this factor.

The second set of hypotheses tested, H2 (H2.1-H2.5), referred to the relationship be-
tween personality and smartphone addiction, a relationship moderated by the professional
status. As we can see in Table 3, the personality factor Maturity retained its quality as a
predictor, excluding any mediation regarding smartphone addiction, the direct relationship
and the total relationship remaining significant and reversed, as we identified in the first set
of hypotheses, H1. These relationships remain significant even after applying the bootstrap
technique. This result is, however, consistent with what we find in the literature and also
with our expectations: adults, over 30 years of age, present a lower risk of behavioural
addiction due to increased emotional and self-regulation skills, for example, using the
phone less for socializing (van Deursen et al. 2015) or just being less interested in technology
(Charness and Bosman 1992), compared to adolescents or young adults, who have a higher
probability of smartphone addiction, given their predisposition for excessive use of new
technologies (Alan and Guzel 2020).

Other results obtained from the analysis performed on testing the second set of
hypotheses, H2, were related to the fact that the relationship between the personality factor
Extraversion and mobile phone addiction is completely mediated by the professional status,
the relationship being negative, indirect, and invalidating hypothesis H2.1, which refers
to a positive relationship. In other words, the professional status, a contextual element,
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fully explains the influence of the Extraversion factor on mobile phone addiction. A similar
mechanism is reflected in the findings by Cheng et al. (2024), who demonstrated that daily
emotional experiences—especially negative affect—contribute to smartphone addiction
through the mediating role of stress. Their results underscore the importance of affective
and psychological mediators, such as stress, in understanding how contextual or situational
variables influence compulsive smartphone use. Since the indirect effect has the value
—0.077, p < 0.01, 95%CI [-0.134, —0.02], we can infer that, in general, more extroverted
people tend to be less addicted to mobile phones, but addiction varies depending on
the role of the professional status. The relationship between the Extraversion factor and
mobile phone addiction is also found in the literature as either negligible (Horwood and
Anglim 2018), or unlikely (Abd Rahim et al. 2020), or non-existent (Hussain et al. 2017;
Ran 2022) given that extroverted individuals find alternative ways to satisfy their social
needs, turning less to smartphones, compared to introverted individuals, who choose
the opposite (Abd Rahim et al. 2020). However, the relationship between Extraversion
and smartphone addiction is possible, as we have shown above, through the mediator
professional status.

Another result obtained from the analysis carried out on the testing of the second set
of hypotheses, H2, referred to the fact that the relationship between the personality factor
Self-actualization and mobile phone addiction is completely mediated by the professional
status, the relationship being positive, direct, and validating hypothesis H2.5. Therefore,
from this result, we can understand that people with a higher level of the Self-actualization
factor have a tendency to show a greater dependence on the mobile phone. In fact, the result
obtained is not surprising; the more frequent use of the mobile phone is really justified
in relation to professional status, taking into account the fact that the Self-actualization
factor also includes the concern for personal evolution in relation to oneself as well as to
the professional environment.

It is also necessary to mention that the professional status remains a mediator of the
relationships between Extraversion/Self-actualization and smartphone addiction, mean-
ing that the relationships are confirmed as significant even after applying the bootstrap
technique, with 5000 replications.

The last set of hypotheses tested, H3, referred to the relationship between personality
factors and mobile phone addiction, a relationship mediated by the professional status and
moderated by the adaptive cognitive-emotional coping strategies, as we can see in Figure 1.
The moderated mediation analysis, according to Table 5, highlighted the following results:

e  The professional status positively mediates the relationship between personality repre-
sented by the Extraversion factor and smartphone addiction, a relationship moderated
(in the sense of reduction) by adaptive cognitive-emotional coping strategies: Positive
Refocusing and Positive Reappraisal.

The existence of a significant effect of the relationship between Extraversion and smart-
phone addiction, moderated by the professional status, has already been demonstrated
following the analysis of the second set of hypotheses. The novelty brought by the third
set of hypotheses is represented by the addition of the adaptive coping strategies as a
moderator of the relationship between Extraversion and professional status, and the result
was significant only for the coping strategies: Positive Refocusing and Positive Reappraisal,
amplifying the relationship. Thus, we can conclude that the two adaptive coping strategies
determine the individual to use the mobile phone more frequently in a professional con-
text. These results are consistent with the literature, where we find associations between
mobile phone addiction and adaptive cognitive-emotional coping (Hussain et al. 2023;
Shahidin et al. 2022).
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e  The professional status negatively mediates the relationship between personality rep-
resented by the Maturity factor and smartphone addiction, a relationship moderated
(in the sense of reduction) by the adaptive cognitive-emotional coping strategies:
Acceptance and Perspective-Taking.

If in the case of the two previously tested sets of hypotheses, H1 and H2, the Maturity
factor was shown to have a direct (not mediated) effect on smartphone addiction, the
relationship being indirect, in the case of the third set of hypotheses, H3, the difference is
made by the adaptive cognitive-emotional coping added to the relationship, and which
allowed, in the case of Acceptance and Perspective-Taking strategies, the mediation of
the relationship through the professional status. Therefore, we can say that people with
a higher level of Maturity may use the mobile phone more frequently, in a professional
context, once they also accept this professional attribution on the one hand, and on the
other hand, with the aim of being constantly up to date with all aspects related to the
workplace (even in their free time). The research studies admit that frequent use of the
phone can be caused by purely practical reasons, such as work commitments (Linden et al.
2021), on the one hand. On the other hand, in the literature, we find studies that confirm
the influence of positive coping strategies on smartphone addiction (Qiu et al. 2024).

e  The professional status positively mediates the relationship between personality repre-
sented by the Agreeableness factor and smartphone addiction, a relationship moder-
ated (in the sense of reduction) by the adaptive cognitive-emotional coping strategies:
Acceptance and Planning Refocusing.

The personality factor Agreeableness in relation to mobile phone addiction, a sig-
nificant relationship, appears for the first time following the analysis of the third set of
hypotheses, H3, of this study, but the effect is significant only in the context in which the
relationship is mediated by the professional status and moderated by the coping strategies
Acceptance and Planning Refocusing. In other words, in the case of people characterized
by affective warmth, empathy, honesty, and relationship capacity, the use of mobile phone,
in a professional context, once the individual assumes his full involvement in all aspects
related to the profession and/or is in search of solutions, depending on the impediments
that have arisen in professional life, may increase. The simple, direct relationship be-
tween Agreeableness and smartphone addiction relationship is also indirectly confirmed
by the literature, where we find that people with a high degree of agreeableness do not
excessively use smartphones for social networks nor do they become addicted to these
devices (Chang et al. 2022), a situation already confirmed following the analysis of the
sets of hypotheses H1 and H2 within this study. At the same time, we find in the liter-
ature that the use of positive coping strategies can moderate the relationship between
personality dimensions and smartphone addiction, by reducing the impact of traits that
predispose to addiction, for example, in the context of task performance (Wei et al. 2024).
Similarly, Qiu et al. (2024) showed that positive coping styles—acting as adaptive emotion
regulation mechanisms—can reduce the negative impact of anxiety and intolerance of
uncertainty on smartphone addiction, supporting the idea that adaptive coping moderates
the vulnerability to problematic smartphone use.

More recent international evidence further supports and expands upon our results. For
example, Wang and Ma (2024) demonstrated that social isolation contributes to smartphone
addiction through the mediators of loneliness and COVID-19-related anxiety, underscoring
the influence of situational stressors on excessive technology use. Tu et al. (2023) reported
that stress intensity and specific smartphone-use motivations differ by gender, with stress
more strongly predicting social-use addiction in females. Lastly, Yin et al. (2024) found
that emotion regulation and self-control significantly mediated the relationship between
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family happiness and smartphone addiction among college students, reinforcing our
conceptualization of adaptive coping as a protective buffer against addictive use patterns.
Although smartphone technology has been studied countless times to date, in the liter-
ature, we do not find an approach similar to the context proposed in this study: personality
factors as predictors of smartphone addiction, moderated by positive coping strategies,
taking into account the professional status. This approach, in addition to completing the
literature from a theoretical-conceptual point of view, also brings valuable information due
to the fact that the sample is made up of adult Romanian citizens (not students as we find
in most existing studies) and samples with these characteristics have a very low percentage
in the world of specialized literature. However, although smartphone technology has been
intensively used for more than a decade in Romania (in 2015, 27% of Romanians owned
a mobile phone and used it at least once a month, and in 2024 the estimated percentage
reached 82% with a growing trend, forecasting a percentage of 84% for 2025 (Statista 2021)),
the presence of this study can help, now perhaps more than ever, as we are in the midst of
a digital “transformation”, on the one hand the population to raise its emotional awareness
of the way in which smartphone devices are used, and on the other hand the companies, in
order to optimize their employees’ activities, avoiding their overload by understanding
perhaps more clearly the psycho-emotional implications resulting from overload.

8. Limitations and Future Research Directions

Although the current descriptive, exploratory, differential, and correlational study
provides a series of valuable information, being the first conducted on this topic, on the
Romanian population, it nevertheless has a series of limitations. The first limitation is
related to the study design, which is cross-sectional, meaning that it excludes the inference
of causal relationships between the variables examined in the study (Liu et al. 2023),
therefore future research can validate the results of this study in longitudinal settings as
well as by increasing the sample size (Kanwal and Isha 2022). Although our priori GPower
analysis indicated a minimum N = 92 for a five-predictor regression, G*Power does not
account for the additional complexity of our moderated-mediation GLMs. Future studies
should employ Monte Carlo-based sample size planning (Donnelly et al. 2022) to ensure
adequate power for both indirect and interaction effects.

In our mediation models, professional status was coded on an ordinal scale of six
categories (Employed, Homemaker, Self-employed, Retired, Unemployed, and Student).
We acknowledge that the exact ordering of these categories could be debated and that
some groups (e.g., Homemaker, Retired, and Unemployed) had relatively few participants,
which may limit power to detect mediating effects. As a sensitivity check, we also re-
estimated the mediation models using dummy-coded indicators for all six professional
status categories; despite unequal subsample sizes, each auxiliary model’s indirect effect
mirrored the direction and significance of the original ordinal-status specification, con-
firming the robustness of our mediation findings. Future studies with larger and more
balanced samples should explore alternative coding schemes—such as category collapsing
or dummy-variable approaches—to further validate the mediator’s role.

The current study focused in particular on the five general personality factors (Ex-
traversion, Maturity, Agreeableness, Conscientiousness, and Self-actualization), but future
studies may also consider analyzing facets of factors related to smartphone addiction, in a
professional context or in general, taking into account the influence of coping strategies.
Also, the current study was limited to including only adaptive coping strategies in the
analysis. Similarly, future studies may also include maladaptive coping strategies, and if an
effect is identified, proposals for psychological intervention or even national programmes
may be put forward.



J. Intell. 2025, 13, 86

21 of 25

Another limitation is related to the fact that the current study is based on self-reported
perceptions of respondents, and this could generate subjective results (Kim et al. 2024).

We also consider it particularly important for the following research works which
will relate to the use of smartphone technology to measures the level of stress, anxiety
(Sarhan 2024), and depression (Nikolic et al. 2023) in the population within the future
research samples, given the existence in the literature of the association between this type
of emotional distress and mobile phone use.

Even though the current study is among the first of its kind, both in terms of the litera-
ture and the specifics of the sample, and it brings forward important information relating
to the Romanian population, we nevertheless consider that future research should bring
even more clarifications and more specific information focusing on all these previously
mentioned elements.
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