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Abstract: Penang Youth Development Corporation took the “Penang Young Digital Talent Program”
initiative to bridge the gap between Malaysian youth’s current digital skills and emerging technolo-
gies market demands. The program comprises different online courses such as web design, digital
marketing, etc. The objective of this study is to understand the level of participants’ digital compe-
tency and, secondly, investigate the impact of participants’ digital competency on their perceived
employability and examine the mediating role of course quality. This study employed a cross-section
design method, and data were collected using purposive sampling. The participants (Nn= 385) of
this program range from 18 to 22 years old, either born in Penang or have resided in Penang for a
minimum of 3 years. The data were analyzed using Smart PLS 3.0. Post-online course findings show
that digital content creation, information and data literacy, and problem-solving have a significant and
positive relationship with perceived employability. Moreover, course quality significantly mediates
the impact of communication and collaboration, digital safety and information and data literacy on
the perceived employability of Malaysian youth. The findings of this research have implications for
policymakers responsible for education, emphasizing youth’s acquisition of digital skills to help them
succeed in the current workplace.

Keywords: digital skills; digital competency; course quality; perceived employability

1. Introduction

Just as we have seen the rise of e-mail, e-commerce, and e-government around the
globe, e-education will also be accessed by people worldwide. In order to establish signifi-
cant standards in curriculum, international organizations such as the United Nations, World
Bank, and World Trade Organization (WTO) need to be involved in this effort to reaffirm
the need to be receptive to innovative educational approaches, such as online courses [1].
With numerous studies showing a clear correlation between students’ digital preparedness
and academic success, the value of being tech-savvy has skyrocketed [2]. However, there is
a lack of clarity regarding which digital skills are required for 21st-century abilities. While
digital technologies keep growing, the future of work is threatened by gaps between what
is taught in schools and what is needed in the workplace. Some groups of the population
lack the necessary digital literacy to compete successfully for future employment. Tradi-
tional and developing learning deficiencies can place individuals at higher socioeconomic
risk as technology advances, worsening inequality and career prospects [3]. Researchers
have always encouraged skill development policymakers and institutions to examine the
gap between workforce digital competency and employers’ requirements [4] and asked
the policymakers to develop digital competencies actively. An active role in designing
innovative methods for fostering digital competency is imperative; it should be part of
any institutional education agenda [5]. It is one of the fundamental essential competencies
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required for digital learning and employability toward succeeding in a digital job economy
that is constantly shifting and changing [6]. The students demonstrated a reasonably high
level of perceived employability, which signals optimism around their likelihood of success
in the labor market after graduation. An individual’s self-perceived employability is their
level of confidence in their own abilities to find employment [7]. Students who are about to
enter the workforce for the first time take the time to carefully consider the careers they are
interested in and the skills they would need to succeed. Students tend to reflect on their
progress, taking into account both internal and external variables.

The study on students’ perceived employability has been accelerated in recent decades [8,9]
and is yet an under-researched area [8]. There is a shift in focus to the level of individual digital
skills and competencies on perceived employability. Digital competence is “the confident,
critical, and creative use of ICT to achieve goals relating to job, employability, learning, leisure,
inclusion, and/or participation in society” [10] (p. 1). Many other fields, including social and
cultural competence, have influenced the idea. One European Commission’s recommendations
advocated a new framework for cultivating digital competence [10]. Information processing,
communication, content creation, problem-solving, and security are the five pillars upon which
the framework rests. Similarly, [11], a systematic review on digital competency, refers to it as
21st-century digital skills for workers. Because of this, it is more important than ever to provide
the youth with high-quality online courses through an e-learning platform. One of the most
important criteria for evaluating an online course’s quality is its content standard [12].

Penang Youth Development Corporation (PYDC), a Penang state government agency,
understands the need and identifies the gap in digital skills for Malaysian youth. It
introduced a “Penang Young Digital Talent Program” comprising e-commerce, web design,
and digital marketing, etc. It is a digital skill program that assists participants in acquiring
digital competency. The data were collected after participants completed their online
courses. Consideration of the facts mentioned above and the prevailing literature gap has
motivated the development of the framework of this study. The research aims to examine
the impact of participants’ digital competency on perceived employability and investigate
the mediating role of course quality. Hence, this study intends to seek answers to the
following questions:

• How does digital competency impact perceived employability of Malaysian youth?
• Is the relation between digital competency and perceived employability of Malaysian

youth mediated by course quality?

This research enriches the literature on the relationship between digital competency
and perceived employability and contributes to ‘Sustainable Development Goals’ (SDGs);
#4 “quality education”. Teaching staff can use these findings to improve student digital
learning. Furthermore, the outcome of this study will also provide valuable insights to edu-
cational institutions and policymakers to design policies that develop digital competency
and skills of Malaysian youth for improving their employability and assisting with being a
progressive society through youth enrichment. The remainder of this study is organized as
follows. The next section focuses on the theoretical foundations and hypotheses develop-
ment. Section 3 presents the research methodology. Section 4 contains findings and data
analysis methodologies, Section 5 is a discussion, and the last section, Section 6, concludes
this study, followed by future directions.

2. Literature Review
2.1. Digital Competency and Perceived Employability

Digital competence entails the ability to work with cutting-edge technologies and
digital information, familiarity with ICT ideals [10], and understanding that users have the
right to innovate, control, design, and realize their full potential in this space. The capacity
for doing so is associated with cognitive-thinking techniques for using digital information
and completing tasks in digital settings. To be successful in the twenty-first century, digital
skills are crucial, such as problem-solving, communication, creativity, and digital content
creation [13]. Fonseca and Picoto emphasize the following as core competencies in the
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context of digitalization: “(1) evaluating data, information and digital content; (2) browsing,
searching, filtering data, information, and digital content; (3) interacting through digital
technologies; (4) managing data, information and digital content; and (5) collaborating
through digital technologies” [14] (p. 54).

The information processing aspect evaluates users based on their capacity to “identify,
locate, retrieve, store, organize, and analyze digital information, judging its relevance and
purpose.” On the other hand, the communication criterion evaluates users based on their
potential to “communicate in digital environments, share resources through online tools,
link with others and collaborate through digital tools, interact with and participate in
communities and networks, cross-cultural awareness.” The ability of users to ‘create and
edit new content (from word processing to images and video); integrate and re-elaborate
previous knowledge and content; produce creative expressions, media outputs, and pro-
gramming; and deal with and apply intellectual property rights and licenses are what is
meant when we talk about content creation. On the other hand, the term “safety area” can
also refer to the skills that students have acquired in the areas of “personal protection, data
protection, digital identity protection, security measures, safe and sustainable use.” Finally,
problem-solving is a test of the users’ ability to identify digital needs and resources, make
informed decisions regarding which digital tools are the most appropriate according to
the purpose or need, solve conceptual problems using digital means, demonstrate their
creative use of technologies, solve technical problems, and update one’s own and others’
competences. The technological advancements of the fourth industrial revolution have
had far-reaching effects on corporate settings. They have created an employment market,
making it necessary to have digital skill sets to be employable, especially important given
Malaysia’s early stage of Industry 4.0 [15].

Employability is the ability of the individual to gain initial employment, maintain
employment, move between roles within the same organization, obtain new employment
if required, and, ideally, obtain suitable and fulfilling jobs [16]. Perceived employability
is the belief that one has the power and the possibility to secure gainful employment
commensurate with one’s degree of qualification [17]. Individual employability is a combi-
nation of different elements: assets (knowledge, skills, and attitudes), deployment (abilities
such as job search skills), presentation and personal circumstances and the external labor
market [18]. In the current era, the employability of individuals is greatly influenced by
external job market conditions, such as the demands for digital skills [19].

A recent study aimed to improve students’ digital skills to prepare them for digitally-
enabled health sector work. Only 39% of students believe they have the necessary abilities
to enter the job, and only 11% say their university provides enough resources to help them
build their digital skills and competencies. Students improved their knowledge in this area
by participating in a workshop on digital skills and employability designed by educators,
librarians, and professionals in the field of career services. The results obtained after
the session demonstrate that this learning intervention positively affected the student’s
knowledge of their digital talents and the significance of this fundamental skill for both
higher education and the workplace [20]. Thus, the hypotheses are as follows:

Hypothesis H1. Information and data literacy positively influence perceived employability of students.

Hypothesis H2. Communication and collaboration positively influence perceived employability
of students.

Hypothesis H3. Digital content creation positively influences perceived employability of students.

Hypothesis H4 Problem-solving positively influences perceived employability of students.

Hypothesis H5. Safety positively influences perceived employability of students.
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2.2. Mediating Role of Course Quality

E-learning is becoming increasingly popular among today’s students because of the
abundant resources available to them through these mediums [21]. The popularity of
online and remote education suggests a need to raise standards [22]. If one wants to
know how good an online course is, the most crucial thing to consider is the content’s
quality [12]. The literature review provides a variety of opinions on overall e-learning
quality. In the researcher’s opinion [23], the quality of an e-learning program is determined
by the methods used to assess its effectiveness.

Consequently, course quality is linked to efficient and successful content and effective
pedagogy [24]. Students’ perception of the quality of their online courses can be determined
by understanding their intent to continue using the online platform for learning activities
after completing their current studies [25]. As a result, it is now more crucial than ever
for educational institutions to offer students top-notch online courses via the e-learning
platform. Students may view the e-learning system as a viable instructional tool if it
provides them access to digital skills [26]. Courses were evaluated based on how well
they combined theoretical study with hands-on experience and how well they taught
their students and provided them with resources. The authors determined that “the
development of competencies and skills and the fitness-for-purpose of studies in relation
to the job market are very important dimensions—the latter more so in the choice of
studies” [27] (p. 5). When learners feel that the design of the course contents provided by
the e-learning system meets their demand for digital skills, it improves their perception
of perceived employability. Therefore, students must consider online courses’ quality for
career success and employability.

Hypothesis H6. Course quality mediates the relationship between information and data literacy
and the perceived employability of students.

Hypothesis H7. Course quality mediates the relationship between communication and collabora-
tion and the perceived employability of students.

Hypothesis H8. Course quality mediates the relationship between digital content creation and the
perceived employability of students.

Hypothesis H9. Course quality mediates the relationship between problem-solving and the per-
ceived employability of students.

Hypothesis H10. Course quality mediates the relationship between safety and perceived employa-
bility of students.

3. Methodology
3.1. Participants and Data Collection

The study aims to determine Malaysian youth’s digital competency and its impact
on perceived employability after completing PYDC online courses. A purposive sampling
technique was employed in this study. The individuals enrolled in the Penang youth digital
talent program were part of this study. The data were collected after participants completed
their enrolled courses within 2 weeks. The questionnaire was created and distributed online
through Google Forum to prevent bias and protect the participants’ privacy. Participants
were informed of the study’s aims and asked to assess their digital competence level and
perceived employability.

The study participants were in the age range of 18–22 years old, born in Penang, or
resided in Penang for a minimum of 3 years consecutively. The participants must be able to
understand, write and communicate in English. In this study, a quantitative research design
was applied. Out of 385 respondents, 148 (38%) were males, and 237 (62%) were female.
The majority of respondents (64%) are 15–16 years old, and the majority are Chinese (70.4%)
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participants. The results reported that after students completed their online courses with
PYDC, out of 385 participants, information and data literacy = 79%, communication and
collaboration = 83%, digital content creation = 66%, safety = 75%, and problem-solving = 68%.

3.2. Measurement

This study comprises a digital competence scale comprising information, communica-
tion, content creation, safety, and problem-solving adopted from Al Khateeb’s [28] study
to examine participants’ digital competency levels. All responses of digital competency
were measured on a 5-point Likert scale ranging from 1 (not applicable) to 5 (to a very
large extent). The participants were asked to indicate about course quality on a 7-point
Likert scale ranging from 1 (strongly disagree) to 7 (strongly agree). The sample items are
“The course provided by PYDC is useful” and “The course provided by PYDC is under-
standable.” Students indicate on a 7-point Likert scale ranging from 1 (strongly disagree) to
7 (strongly agree) about perceived employability. The sample items are “I will have the
relevant skills for the future career” and “My knowledge will stay relevant and have better
future career success.”

3.3. Data Analysis Techniques

The data were analyzed using SPSS and Smart PLS 3.2.7 software. SPSS was used
to determine descriptive statistics. The study used a structural equation model (SEM) to
examine the proposed relationship [29]. PLS-SEM is a non-parametric technique, and it is
suitable for analyzing complicated research models. The two-step approach was employed;
firstly, the outer measurement model was tested to examine convergent and discriminant
validity; secondly, the inner model was evaluated for the proposed hypotheses [26].

4. Findings
4.1. Evaluation of the Outer Measurement Model

Firstly, the measurement model was examined to determine the instruments’ validity
and reliability, as shown in Table 1. The convergent validity is determined by composite
reliability (CR), average variance extracted (AVE), and outer loading, and results reported
that each variable is above the recommended criteria—CR and AVE are above 0.7 [30].
Moreover, it is recommended that the researchers should be mindful while deleting the
outer loadings between 0.4 and 0.7. The researcher is advised to delete the items if it assists
in improving the reliability; if an indicator’s reliability is low, and eliminating this indicator
goes along with a substantial increase in composite reliability, it makes sense to discard this
indicator [31]; thus external loadings are 0.6 and above.

Additionally, the discriminant validity is measured by using the “Fornell–Larcker
criterion method” and the “heterotrait–monotrait method” ratio (HTMT). The Fornell and
Larcker [32] results are presented in Table 2. The Fornell and Larcker [32] method compares
the square root of the average variance extracted (AVE) with the correlation of latent
constructs. A latent construct should better explain the variance of its own indicator rather
than the variance of other latent constructs. Therefore, the square root of each construct’s
AVE should have a greater value than the correlations with other latent constructs [30].

Table 1. Reliability and validity.

Construct Item Loadings Cronbach’s Alpha CR AVE

Information and Data Literacy (ID) ID1 0.797 0.929 0.942 0.670
ID2 0.847
ID3 0.779
ID4 0.769
ID5 0.818
ID6 0.875
ID7 0.879
ID8 0.822
ID9 0.818
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Table 1. Cont.

Construct Item Loadings Cronbach’s Alpha CR AVE

Communication and Collaboration (CC) CC1 0.765 0.958 0.963 0.686
CC2 0.803
CC3 0.788
CC4 0.866
CC5 0.867
CC6 0.815
CC7 0.854
CC8 0.847
CC9 0.813
CC10 0.834
CC11 0.837
CC12 0.846

Digital Content Creation (DC) DC1 0.538 0.927 0.939 0.584
DC2 0.787
DC3 0.814
DC4 0.801
DC5 0.781
DC6 0.840
DC8 0.754
DC9 0.747
DC10 0.779
DC11 0.764
DC12 0.763

Problem Solving (PS) PS2 0.651 0.937 0.942 0.622
PS3 0.698
PS4 0.780
PS5 0.810
PS6 0.856
PS7 0.827
PS8 0.856
PS9 0.769

PS10 0.848
PS11 0.791

Safety (SF) SF1 0.752 0.924 0.932 0.514
SF2 0.748
SF3 0.786
SF4 0.763
SF5 0.746
SF6 0.649
SF7 0.709
SF8 0.704
SF9 0.717

SF10 0.717
SF11 0.688
SF13 0.628

Course quality (QC) QC1 0.892 0.949 0.959 0.798
QC2 0.856
QC3 0.914
QC4 0.927
QC5 0.883
QC6 0.885

Perceived Employability (PE) PE1 0.894 0.966 0.971 0.829
PE2 0.905
PE3 0.914
PE4 0.906
PE5 0.914
PE6 0.911
PE7 0.928

Notes: CR, composite reliability; AVE, average variance extracted.
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Table 2. Assessment of discriminant validity using the Fornell–Larcker method.

1 2 3 4 5 6 7

1. CC 0.828
2. DC 0.626 0.764
3. PE 0.637 0.519 0.91
4. ID 0.753 0.628 0.702 0.818
5. PS 0.254 0.365 0.222 0.247 0.789
6. QC 0.567 0.386 0.794 0.617 0.104 0.893
7. SF 0.56 0.568 0.434 0.591 0.34 0.308 0.717

Note: Diagonal values represent the square root of average variance extraction, while off-diagonal values
represent the correlation, CC = communication and collaboration, DC = digital content creation, PE = perceived
employability ID = information and literacy, PS = problem-solving, QC = course quality, SF = safety.

The HTMT [29] results are shown in Table 3. HTMT values close to 1 indicate a lack
of discriminant validity. HTMT cut-off values of 0.90 for HTMT ratio are recommended
by [33]. Taken together, the previous results confirm and support the scale reliability,
discriminant, and convergent validity as approved in the study measurement outer model.

Table 3. Heterotrait–monotrait (HTMT) ratio for the constructs.

1 2 3 4 5 6 7

1. CC
2. DC 0.655
3. PE 0.661 0.544
4. ID 0.796 0.677 0.739
5. PS 0.232 0.353 0.202 0.231
6. QC 0.593 0.404 0.829 0.653 0.091
7. SF 0.558 0.572 0.426 0.600 0.369 0.300

Note: CC = communication and collaboration, DC = digital content creation, PE = perceived employability
ID = information and literacy, PS = problem-solving, QC = course quality, SF = safety.

4.2. Assessment of the Structural Inner Model

The bootstrapping (5000 samples) technique was used to calculate the direct and
indirect effects of hypothesized relationships, as presented in Table 4. A one-tail test
bootstrapping technique was used to examine the direct effect. Hypothesis 1 results
indicate that information and data literacy have a significant and positive relationship
with perceived employability (β = 0.499, p < 0.01). Therefore, hypothesis H1 of this study
was accepted. Furthermore, hypothesis 2 was also supported because communication and
collaboration have a significant and positive relationship with perceived employability
(β = 0.230, p < 0.01). Hypothesis 3 of digital content creation was not related to perceived
employability (β = 0.075, p > 0.01). Problem-solving (β = 0.023, p > 0.01) and safety
(β = −0.041, p > 0.01) have no relationship with the perceived employability of the students.
Hypothesis 4 and hypothesis 5 were also not acceptable.

Table 4. Summary of hypotheses testing.

Hypotheses and Path B Value t-Value p-Value Confidence Interval (95%) Results

H1 ID -> PE 0.499 6.09 0.000 0.363 0.636 Support
H2 CC -> PE 0.230 2.705 0.003 0.082 0.365 Support
H3 DC -> PE 0.075 1.383 0.083 −0.010 0.168 Not Support
H4 PS -> PE 0.023 0.603 0.273 −0.036 0.088 Not Support
H5 SF -> PE −0.041 0.909 0.182 −0.112 0.035 Not Support
H6 ID -> QC -> PE 0.287 6.820 0.000 0.206 0.368 Support
H7 CC -> QC -> PE 0.164 3.615 0.000 0.077 0.254 Support
H8 DC-> QC -> PE −0.011 0.346 0.729 −0.072 0.056 Not Support
H9 PS -> QC -> PE −0.025 1.022 0.307 −0.071 0.025 Not Support

H10 SF -> QC -> PE −0.068 2.274 0.023 −0.129 −0.011 Support
Note: ID = information and literacy, CC = communication and collaboration, DC = digital content creation, PE =
perceived employability, PS = problem-solving, QC = course quality, SF = safety.
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A two-tail test bootstrapping technique was used to examine the mediating role of
course quality. The quality of the course mediates the relationship between information and
data literacy (β = 0.287, p < 0.01), communication and collaboration (β = 0.164, p < 0.01) and
perceived employability. Thus, Hypotheses 6 and 7 were accepted. However, the quality of the
course does not mediate the relationship between digital content creation (β=−0.011, p > 0.01),
problem-solving (β = −0.025, p > 0.01) and perceived employability. Thus, hypotheses 8 and
9 were not accepted. Course quality mediates the relationship between safety (β = −0.068,
p < 0.01) and perceived employability. Hypothesis 10 was accepted.

The structural model is presented in Figure 1. The R2 value is the most often used
metric to predict the accuracy of a model’s estimates [34]. It summarizes the cumulative
impact of the independent variables on the dependent variable [34]. The effect ranges from
0 to 1, with 1 indicating total accuracy in the measurement. R2 values of 0.75, 0.50, and
0.25, respectively, indicate significant, moderate, and modest levels of predictive accuracy,
respectively [35]. The R2 value of course quality was 0.418, indicating that 41.8% of the
variance in course quality was explained by different digital skills, and the R2 value of
perceived employability was 0.719, suggesting that 71.9% of the variance in perceived
employability was explained by course quality and different digital skills.

Figure 1. Structural model.

More recently, scientists have advocated that, in addition to calculating R2, effect sizes
(f2) can be reported to quantify the predictive power of each independent construct [33].
The results ranging from 0.35 to 0.15 to 0.02 indicate a big, medium, and small effect,
respectively [34]. The information and literacy variables reported a small effect on perceived
employability (f2 = 0.560) and medium effect on course quality (f2 = 0.152). Course quality
reported large effect size on perceived employability (f2 = 0.691).

Another metric that must be evaluated in the structural model is predictive relevance
(Q2) or blindfolding. It is intended to determine whether the model has predictive power
in this particular research [36,37]. There were 0.330 values for course quality and 0.592
values for perceived employability in the Q2 survey. In this investigation, the Q2 values
were more than zero, which indicates that the model had predictive validity.

5. Discussion

Being tech-savvy is a desirable trait in the ever-shifting job market. To date, not enough
research has been undertaken to answer the fundamental question about digital literacy’s
role in being employable. One needs diverse skills and knowledge to succeed in today’s
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information technology industry. This research revealed that the “Penang Young Digital
Talent Program” fosters digital competency to achieve the Penang government’s vision
of a stable and progressive society. The data were collected after participants completed
their course on Malaysians’ knowledge, communication, content creation, safety, and
problem-solving skills to gauge their perceived employability. The study’s objective was to
determine the impact of digital skills acquisition on students’ perceived employability and
the indirect role of course quality. Out of 10 hypotheses, 5 hypotheses were accepted. Two
direct and three indirect relationships were supported.

Hypothesis 1 and hypothesis 2 report that information and digital literacy and com-
munication and collaboration have a significant relationship with perceived employability.
It indicates that when participants believe they are equipped with digital information and
literacy and communication and collaboration skills, they tend to perceive being employ-
able. In light of the demographic results, it is suggested that most Chinese females who
participated in the age group of 15–16 years old have better perceived employability after
taking a course.

Hypotheses 3, 4, and 5 were not supported. The results reported that digital skills
such as digital content creation, problem-solving, and safety have no significant impact
on participants’ perceived employability. It contradicts the literature on digital skills and
competency. Those who have not learned even the most fundamental aspects of digital
technology run the greatest risk of being out of work for an extended period of time [38].
Nevertheless, the rationale could be that 65% of participants were 15–16 years old and 28%
were in the 17–18 age group. Thus, they might not need digital content, problem-solving,
and safety skills for their jobs. It is important to point out that these employability skills
may vary among industries and types of jobs [39].

Hypothesis 6 is supported in that course quality mediates the relationship between
information and literacy and perceived employability. The results indicate that participant’s
perceived employability was better when the good course quality helped them learn digital
information and literacy. Hypothesis 7 is significant; course quality mediates the relationship
between communication and collaboration and perceived employability. The results report
that participants find that course content quality assists them with digital communication and
collaboration skills, leading to perceived employability. Hypothesis 10 is significant; course
quality mediates the relationship between safety and perceived employability. The result of
the hypothesis reported that participants believe that course quality related to digital safety
skills decreases their perceived employability, whereas hypothesis 8 and hypothesis 9 are not
supported. It indicates that study participants do not find course quality related to digital
content creation and problem-solving to assist them with perceived employability. Although,
existing studies conducted at a university reported that students improved their digital
knowledge by participating in a workshop on digital skills and lead to better employability.
In total, 39% of students believe they have the necessary abilities to enter the job [20].
However, in this study, 65% of participants were 15–16 years old, and 28% were in the
17–18 age group. Thus, they might not need digital content, problem-solving, and safety
skills to enter that job market, so hypotheses were not supported.

6. Conclusions
6.1. Theoretical and Practical Contribution

The study’s findings can be used as a springboard for further work on enhancing
students’ digital capabilities and improving their employability. It contributes to the body
of knowledge by illuminating that several factors influence how online students evaluate
their employability. Graduates may not be very well aware of the rapid changes in work
style and environment. However, all organizations have shifted their work to online
platforms, using various digital tools that have made them realize that entry-level digital
skills are now essential and will become more critical in the future. The study’s findings
contribute to the understanding that digital information is now a prerequisite for most
white-collar jobs. The ability to use technology is essential for entering the workforce.
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Policymakers can play a significant role by investing in and supporting a digital education
system and increasing the number of “Talent Programs” that are digitally supportive, as
well as the number of students and teachers who are digitally confident and supportive.

6.2. Limitations and Future Research Directions

The Malaysian youth enrolled in the “Penang Youth Development Program” were
the focus of this research. Therefore, care should be taken when generalizing the results to
students who have exhibited digital competence. Another limitation of the study is that it
examined students’ perceptions of employability. It is because participants are 18–22 years
old, and most students would be about to enter the workforce for the first time, which
aligned with earlier studies [8,9]. However, future studies can explore the more objective
indicators of employability, such as promotion, salary increase or obtaining a better-paid
job, along with getting employers’ opinions for better insight.

Future research on this topic may want to investigate the roles of satisfaction and
personality in addition to course quality, which was not investigated in this study. The
relationship between students’ personality qualities and the potential moderating impact
of students’ demographics (such as gender or age) could be explored. Additional study
possibilities could involve conducting qualitative research with focus groups and interviews
to gain a deeper grasp of this subject.

Based on the continuously shifting demands of the labor market and growing indus-
tries, government institutions understand the need to adopt a more flexible and robust
approach to developing and implementing digital courses. However, to do so, policymak-
ers in each government and state will need to have an in-depth understanding of their own
technological assets, challenges, and opportunities.
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