Supplementary Materials: Lexica Used

As described in the text, we use eight different sentiment analysis lexica. Each is widely used by
scholars interested in the sentiment analysis of various types of texts. Although a number of them are
constructed from the same sources, the actual overlap between them is surprisingly small: although the
smallest of the lexica contains 3,731 words, only 331 words are captured by all eight lexica with the same
polarity (positive or negative).

In addition to containing different sets of words, the lexica also vary in how they assign valence: Four
identify words simply as positive or negative, while the others assign words a range of values indicating
how strongly positive or negative they are. In addition, two of the lexica specify word stems, indicating
they will accept any endings to a word (such ‘wildcard” specifications increase the effective size of these
lexica considerably). Finally, the ratio of negative to positive words included varies considerably, from 0.40
(labMT, the only lexicon with more positive than negative terms) to 2.39 (HuLiu), with an average ratio of
close to 1.5. Table S1 offers a brief overview of the different lexica.
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