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Abstract

:

Waste classification is an important part of the renovation of rural human settlements, and the renovation of rural human settlements is also of great significance to global sustainable development. Therefore, it is of the utmost importance to study the factors that affect the classification behavior for promoting waste classification behavior. However, few studies have focused on the political participation of rural residents as a driving factor. Therefore, this study aims to explore whether political participation affects rural residents’ waste classification behavior. In particular, this study uses the China Land Economic Survey (CLES), which surveyed 2628 rural households in Jiangsu Province, China, and uses the Probit model to explore the quantitative impact of political participation on farmers’ waste classification behavior. This study finds that: (1) Political participation may significantly improve farmers’ waste classification behavior. Specifically, farmers who participated in the general election were 10.6% more likely to conduct waste classification than those who did not vote in the general election. (2) Groups receiving government subsidies may be more likely to understand the government’s waste classification policy and then carry out waste classification. (3) Residents in areas with high economic development may be more sensitive to opportunity cost than residents in areas with low economic development, so residents in areas with high economic development degree are less willing to participate in waste classification action, and political participation has less influence on waste classification. Therefore, this research helps improve the efficiency of waste classification, ameliorate waste classification behavior, and provide the references for building a more civilized rural living environment.
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1. Introduction


Global sustainable development faces many challenges and threats [1]. In particular, air pollution and water pollution are becoming increasingly serious. The massive global consumption of resources, such as fossil fuels, has caused serious air pollution problems [2,3], resulting in the health of the population suffering [4,5,6,7]. In addition, the globe faces serious water pollution [8]. Indeed, about 1.8 million people die each year from water-related diseases caused by unsafe drinking water or poor sanitary conditions [9]. However, improper treatment increases the challenge of solving the problem of environmental pollution, delaying the realization of global sustainable development.



Specifically, the traditional waste treatment approach, e.g., [10,11,12], has had negative impacts, such as environmental pollution, adverse effects on the health of the population, and climate warming intensifies. With the increase in the population, the amount of waste generation increases rapidly. It is estimated that global waste generation will increase by 70% by 2050 compared to 2016 [13]. Globally, 37% of controlled waste is disposed of in sanitary landfills [13]. Wang, et al. [14] showed that domestic waste composition is complex and usually contains high levels of organic matter (usually 50–70% of the total weight). Alam, et al. [15] found that leachate from landfills contains heavy metals, such as copper, cadmium, lead, nickel, and zinc, migrating to contaminate surfaces and groundwater [16]. Further, Wu, et al. [17] pointed out that because of the complexity of domestic waste, unclassified waste from landfills secretes compounds, including dichloromethane, tetrachloromethane, toluene, and benzene. Park, et al. [18] showed that dichloromethane has potentially negative effects on adults’ respiratory, gastrointestinal, liver, and nervous systems. In Western Europe, Japan, and South Korea, the predominant treatment is municipal solid waste incineration [13]. In incineration, the complex components of domestic waste form a high amount of harmful gases, harming the ecological environment and threatening people’s health [19]. It is reported that 5% of global carbon emissions are caused by solid waste; their burning adds to this number (World-Counts 2020). Global warming has become a serious problem due to greenhouse gas (GHG) emissions, especially carbon dioxide (CO2) from burning fossil fuels [3]. According to the United Nations Intergovernmental Panel on Climate Change (IPCC 2019), human activities have contributed to global warming of about 1 °C, higher than pre-industrial levels, and they are predicted to reach 1.5 °C between 2030 and 2052. The effective and harmless use of waste has become an important way to solve the plight of human development; therefore, the world needs to strengthen the disposal of waste.



Waste classification is the precondition of the effective and harmless utilization of waste. According to The World Bank, in 2016, the global waste disposal methods included open-air dumping, landfills (non-classification, biogas, control), incineration, composting, and resource recovery. A total of 33% of the uncollected rubbish is dumped into the open air, 26% is disposed of unsorted, 7.7% involves landfill gas production, 11% is incinerated, 5.5% is composted, and 13.6% is recycled. Worldwide, the recovery and reuse rate of the recyclables in domestic waste is high in developed countries. The average is between 20% and 30%, but the process of the effective disposal of waste in developing countries is slow. However, in developing countries, the progress of harmless waste utilization is slow [20], and domestic waste is mostly treated in the open air. Waste separation management policies are almost nonexistent, especially in rural areas [21]. Therefore, how to improve the residents’ waste classification behavior has become an urgent concern.



Because of the strong positive externalities of waste classification, it will increase the additional costs of residents but cannot get the corresponding benefits. Residents’ responses to waste classification policies are insufficient. Chinese residents’ awareness of waste classification and collection is still weak [22], and the recycling rate of urban waste in China is less than 2% [23]. Yuan and Yabe [24] showed that about 42.4% residents in some areas of Beijing are not willing to pay for waste classification. At the same time, broad political participation is defined as civic behavior that influences political representatives’ choice and/or action and has inner democratic values [25]. Blais and St-Vincent [26] showed a positive correlation between political interest and political participation. R.Abramson and H.Aldrich [27] and Karp and Banducci [28] showed a positive correlation between political effectiveness and political engagement. However, no research exists on whether political participation can also motivate residents to respond to waste classification policies, demonstrating waste classification behavior.



China is one of the largest developing countries in the world. According to the Ministry of Housing and construction, the per capita daily output of rural household waste in 2019 was about 0.96 kg, with an annual output of 216 million tons. From 2013 to 2019, the average annual growth rate of household waste was 9.48%, of which at least 90 million tons were untreated [17]. The Chinese Government is actively promoting rural revitalization, and an important goal is to build ecological villages. To this end, the Chinese Government has put forward a comprehensive waste classification policy. However, residents have different perceptions of waste classification policies [29]. The Chinese Government is carrying out a three-year campaign to improve the living environment in rural areas to increase the willingness of rural households to participate in waste classification. At the same time, the Chinese Government is also encouraging farmers to care about and participate in grassroots political activities. For example, civil servants are directly recruited from outstanding farmers [30]. Therefore, this study takes rural China as a case study to explore the quantitative impact of rural residents’ political participation on waste classification behavior, helping to promote rural revitalization in China. It will also help provide references for the global sustainable development process.




2. Theoretical Analysis


Wang, et al. [31] pointed out that the driving forces of classification behavior of domestic waste are mainly psychological and external factors. Concerning internal factors, the perception and attitude towards classification will have an impact. In external factors, distance and condition play an important role [32]. Passive residents tend to have a shallow intention to separate waste, whereas active residents tend to separate waste [33]. Waste separation can reprocess the recyclable waste and realize the reuse of waste, reducing the harm of hazardous waste to the environment and enhancing the positive externality of the environment (i.e., motive–action–result).



Several studies have shown that education, situational factors, social media, environmental facilities, service convenience, social capital, financial instruments, and other factors contribute to residents’ waste classification behavior:




	(1)

	
Education: High-educated and high-income residents are more likely to support waste classification than low-educated and low-income residents [34].




	(2)

	
Situational factors: Loan, et al. [35] found that situational factors (i.e., time, space, lack of family cooperation, and other physical waste classification problems) significantly affect the behavior of the family regarding the source separation of organic waste.




	(3)

	
Social media: Hyun and Kim [36] showed that social media offers citizens new opportunities to participate in the news and political process. When used for political purposes, social media can facilitate various types of participation.




	(4)

	
Environmental facilities and service accessibility: Meng, et al. [37] showed that the convenience of environmental facilities and services is the most effective factor to promote residents’ participation in waste classification and recycling.




	(5)

	
Social capital: Liu and Feng [38] showed that social capital (networking social capital, social networks, and social trust) could effectively promote the process of waste classification in China.




	(6)

	
Financial instruments: Matiiuk and Liobikiene [39] showed that financial instruments (e.g., incentives and tax breaks) provide incentives for categorical behavior.









Political participation plays an important role in the implementation of policies. On the contrary, low political participation will hinder the implementation of government policies. According to the classic definition of Verba and Nie [40], political participation is an act designed to influence the choice of government personnel and/or policies. In the light of social and technological changes, Fox [41] stressed the need for a revised concept requiring broader political activity. Massimiliano Cerciello, et al. [42] noted that the implementation of the policy in the southern regions of Italy was hampered by the lack of political participation of citizens. Political participation can affect residents’ waste classification on two levels. One is the subjective level, which is reflected in residents’ perception and attitudes, such as their political, emotional quality, political trust, and participation (active, responsive, or passive). The residents with high degrees of political participation are more willing to respond to policies. The other is on the objective level. Indeed, participating in democratic decision making can be closer to government policies and understanding policies.



2.1. Political Participation Affects the Residents’ Waste Classification Behavior at the Subjective Level







	(1)

	
Political sentiment is a necessary force for political and civic engagement [43]. It has figured prominently in the agitation for more effective forms and practices of participatory democracy [44]. Marcus and MacKuen [45] pointed out that anxiety and enthusiasm are both important for political learning and engagement. According to Potter [46], political literacy extends beyond political knowledge to encompass awareness and understanding a range of economic and social issues. People who choose political work report higher levels of emotional work [47].




	(2)

	
Political trust can be defined as citizens’ judgments of responsiveness to the system and its representation [48] and trustworthiness [49]. Political trust comes from citizens’ identification with the values represented by the state and “Citizens’ belief in the normative appropriateness of government structures, officials and procedures”. Levi, et al. [50] stated that for citizens to participate and vote with confidence that the electoral system is working, they must believe that their votes have been properly counted. In an institutionalized democracy, the political trust of the better educated is higher than for the less educated [51]. Individuals with high levels of trust are more likely to be actively engaged in prosocial activities, and waste classification is also a prosocial behavior [52].




	(3)

	
The individual’s tendency to participate also affects people’s behavior subjectively. Vromen [53] proposed that political participation and the possible actions, both individual and collective, are relevant to shaping the society we want to live in. Academic research has shown that political participation is associated with the level of participation of religious and civic groups and the more general tendency of individuals to participate [54].










2.2. Political Participation Influences the Residents’ Waste Classification Behavior on the Objective Level


The structure of political opportunity is a dominant factor influencing public participation in government environmental decision making in China, weakening the influence of other restrictive factors [55]. Political opportunity shapes policy-driven activism [56]. Etemire [57] showed that public participation in decision making and governance has been widely recognized as ultimately contributing to ensuring sustainable development, increasing human well-being, and protecting the human environment.





3. Data, Variables, and Method


3.1. Data


In this paper, the data from China Land Economic Survey in 2020 were used for empirical analysis. The Nanjing Agricultural University launched CLES2020 in 2020, and in 2020, the teams conducted baseline surveys in Jiangsu Province based on the establishment and survey of fixed observation points in rural Jiangsu Province. The present rural social and economic development situation in Jiangsu Province was analyzed comprehensively, and PPS sampling was adopted. The questionnaire covered land market, agricultural production, rural industry, ecological environment, poverty alleviation, rural finance, and so on.



The data of CLES2020 were collected from 26 counties in 13 prefecture-level cities of Jiangsu Province. Two sample towns were selected from each district and county. Each township was selected from one administrative village, and each village was randomly selected from 50 rural households. After data cleaning, 2628 samples were used for empirical analysis.




3.2. Variables


Explained variable: The waste classification behavior of farmers is the explained variable. Because waste can be classified according to different standards, according to the nature of the classification, it can be divided into hazardous waste or general waste. According to the state of classification can be divided into solid waste, liquid waste, or gas waste. It can be classified into organic and inorganic waste according to its composition and domestic, industrial, and agricultural waste according to its system. Because of the differences in classification criteria and geographical and environmental conditions, the explained variable is whether or not the farmer has waste classification behavior.



Core explanatory variable: Political participation is the core explanatory variable of this paper. Rural residents’ political participation forms include election-type participation, decision-making participation, management-type participation, supervision-type participation, petition-type participation, over-the-top petition, individual contact, and recourse to the media [58]. However, it is not convenient to retrieve these statistics in reality; therefore, this paper defines the core explanatory variable as whether farmers participated in voting in general elections.



Control Variables: This paper introduces the following control variables that can affect farmers’ waste classification behavior to improve the estimation ability of the model: personal characteristics (e.g., sex, age, health status, and education level), basic household characteristics, and environmental characteristics (e.g., total population, total income, whether there is use of smartphones, and whether there is surrounding environmental pollution). Research has consistently shown that family and personal attributes influence waste classification and environmental awareness [59].



The variable definitions and data descriptions used in this article are found in Table 1.




3.3. Method


Because the explained variable is a discrete binary variable, the binary Probit model is more suitable. Based on the method of regression analysis, the Probit regression model is used to analyze the impact of political participation on the waste classification behavior of rural residents. The formula is as follows:


   A c t i o  n i  =  β 0  +  β  1 i   P o  l i  +  β  2 i   I n  d i  +  β  3 i   F a  m i  +  δ k  +  ε i    











The subscripts i and k represent the household i and the sample village k, respectively.    A c t i o  n i     is the dependent variable, representing the waste classification behavior of rural residents.    P o  l i     is the core independent variable, indicating whether farmers participate in politics.    I n  d i     and    F a  m i     represent the characteristics of the head of household and family, respectively.     β 0     represents the constant term.     β  1 i      represents the estimated coefficient of political participation.     β  2 i      and     β  3 i      separately represent estimated coefficients of householder characteristics and family characteristics for the control variables.     δ k     represents the dummy variable, which is the village effect of each village. Finally,     ε i     represents a random disturbance.





4. Results


4.1. Correlation Test


As shown in Figure 1, correlation coefficients between variables are reported. In Figure 1, the darker the color of the Ellipse, the higher the correlation between variables, and vice versa. As can be seen from Figure 1, the correlations between age and education and age and smartphone use are high, but the correlations between the other control variables and political participation are low or non-existent. This means that the multicollinearity question may not be important in this study.




4.2. Estimation of the Impact of Political Participation on Rural Residents’ Waste Classification Behavior


Table 2 shows the estimated impact of political participation on farmers’ participation in waste classification. In Table 2 (1)–(4), the Probit model is used to estimate the waste classification behavior of farmers. At the same time, considering that the Probit model is a nonlinear model, model (5) is the marginal effect estimation results based on model (4) to facilitate interpretation of the estimation results. In addition, this study adopts the strategy of adding variables step by step to improve the estimation accuracy as much as possible. That is, on the basis of model (1), model (2)–(4) gradually controls household, family, and village characteristics.



According to the estimated results in Table 2, the political participation variables in models (1)–(4) are significant at the 1% level, indicating that farmers’ participation in voting in general elections can promote the possibility of farmers’ participation in waste classification. That is, political participation can promote the possibility of farmers participating in waste classification. According to model (5) estimated results, compared with farmers who did not vote in the general election, farmers who voted were 10.60% more likely to participate in waste classification. In addition, the estimated results in Table 2 show that the education variable of farmers is significant at the 1% level, indicating that improving farmers’ education level can also improve farmers’ participation in waste classification behaviors.




4.3. Robustness Test


This study adopted the instrumental variable method and the measurement method of changing the core variable to test the robustness of the estimated results in Table 2. As shown in Table 3, model (1) represents regression with trust in village cadres as an instrumental variable. Models (2) and (3) indicate that the core variables are “whether there is a party member household” and “whether there are village cadres”, respectively. According to the estimation results in Table 3, the coefficients of political participation variables in models (1)–(3) are significantly greater than zero (at least 5%), indicating that political participation can improve the possibility of farmers’ participation in waste classification. This also indicates that the estimation results in Table 2 are robust.




4.4. Heterogeneity Test


Introducing political factors (whether to receive government subsidies) and economic factors (the city GDP per capita is more than 100,000) as the two factors was undertaken to test whether the political participation variable has different effects on a household’s participation in waste classification behavior due to individual differences. Farmers in different areas were divided into two groups according to two criteria:



As shown in Table 4, models (1) and (2) were based on whether to receive government subsidies grouping; groups that have received government subsidies may be more likely to understand the government’s waste classification policy and support the government. Therefore, household registration and political participation have a greater impact on waste classification.



In models (3) and (4) of Table 4, the level of economic development is measured by whether the per capita GDP of the city exceeds 100,000. Residents in areas with high economic development may be more sensitive to opportunity costs. That is the income that people give up when they use limited resources to get a certain income, and that income is what we call opportunity cost. Lv and Peng [60] believed that there was a significant positive correlation between the opportunity cost of family care for the elderly and the level of regional economic development, that is, compared with the less developed areas, the opportunity cost of people’s behavioral choices in the economically developed areas was higher. Therefore, residents in areas with a high degree of economic development are less willing to participate in waste classification, and political participation has a lower influence on waste classification.



As shown in Table 4, model (1) means that the political participation variable is significant at 1%. In model (2), it is not significant. In model (3), it is significant at 5%. In model (4), it is significant at 1%. The seemingly unrelated test supports the above differences.





5. Discussion


This paper has a high correlation with the existing research. For example, Ting and Ahmad [61] emphasized the direct link between political dialogue and the frequency of children’s traditional and radical actions. Cornejo, et al. [62] showed that political participation can amplify the positive relationship between individuals’ perceptions of environmental threats and their support for lower living standards and government spending on environmental protection. The conclusion of this study is that political participation can promote the waste classification behavior of farmers, which plays a positive role in studying the role of political participation.



This study also finds that residents’ waste classification behavior is more obvious in people and areas with high education levels, high smartphone use levels, and serious environmental pollution. This is consistent with the research results of Peng, et al. [63], Ma and Zhu [64], and Kuang and Lin [65]. For example, Peng et al. [65] believed that education significantly transforms unclassified residents into classified residents. The research conclusion of Ma and Zhu [64] highlighted the importance of disseminating waste classification information through the internet media, especially smartphones. Kuang and Lin [65] pointed out that the more residents pay attention to urban environmental pollution, the more likely they are to participate in waste classification.



In addition, this study found that age has no significant impact on farmers’ waste classification behavior. Boon, et al. [66] and Okumah, et al. [67] believed that there is a negative correlation between age and pro-environment behavior. The possible reason is that waste classification does not require much physical labor. Therefore, age has no significant influence on waste classification behavior. Heterogeneity results of this study show that residents in developed areas are less willing to respond to policies than those in less developed areas due to opportunity costs. This is different from the research results of Refsgaard and Magnussen [68]. Refsgaard and Magnussen [68] showed that household income has a positive impact on the waste classification behavior of farmers. The research object is highly developed countries. The results of this study show that household income has no significant impact on the waste classification behavior of farmers, and the research object is developing countries. This may be because both the developed and the less developed areas mentioned in this paper are in developing countries. In addition, heterogeneous results also show that registered households (groups that receive government subsidies) are more supportive of waste classification policies, suggesting that the Chinese Government will get more environmental benefits in return for helping the poor. In the existing literature, Listyaningsih, et al. [69] explored that poverty alleviation plans can be implemented through poverty level detection, Leadley, et al. [70] showed that poverty can lead to occupational deprivation and occupational inequity, with lifelong impacts on individuals’ health and well-being, Jakunskiene [71] explored the relationship between poverty and social responsibility, but there are few discussions on the relationship between poor populations and environmental benefits. Therefore, the findings of this study provide new evidence for discussing the environmental welfare effects of poverty management.



This study still has some limitations. It is hoped that future research will solve the following problems:




	(1)

	
This study took rural areas in Jiangsu Province of China as the case area, which cannot represent the waste classification situation in rural areas in other provinces of China. Future studies can take rural areas in other provinces of China as case areas to conduct empirical studies to test whether the conclusions of this study are applicable to rural areas in other provinces of China.




	(2)

	
This study took rural China as the case area. In recent years, the Chinese Government has been committed to the improvement in the rural human settlement environment. Future studies can further test whether the results of this study can be applied to other developing countries.




	(3)

	
This study mainly discussed the influence of political participation on the waste classification of farmers. A future research direction may be to evaluate the influence of political participation on the waste classification of urban residents.










6. Conclusions and Implications


The study was based on the CLES2020 data, and the Probit model was used for regression analysis to evaluate the quantitative impact of political participation on farmers’ waste classification behaviors. The main conclusions are as follows:




	(1)

	
Political participation may significantly improve farmers’ waste classification behavior. Specifically, farmers who participated in the general election were 10.6% more likely to conduct waste classification than those who did not vote in the general election.




	(2)

	
Groups receiving government subsidies may be more likely to understand the government’s waste classification policy and then carry out waste classification.




	(3)

	
Residents in areas with high economic development may be more sensitive to opportunity cost than residents in areas with low economic development, so residents in areas with high economic development degrees are less willing to participate in waste classification action, and political participation has less influence on waste classification.









In view of the above conclusion, this study found that political participation has improved the behavior of waste classification of farmers, so how to improve the farmers political participation behavior is crucial, which may reveal the policymakers taking an active role in stimulating residents to participate in village management activities, such as participation in village elections. In addition, this study found that the residents had a low waste classification behavior in areas with high opportunity cost, such as areas with high economic development. It may reveal the policymakers taking more subsidies to weaken the negative impacts of high opportunity cost for waste classification.
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Figure 1. The heatmap for the matrix of Pearson’s correlation coefficients. 
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Table 1. The definition and data description of the variables in the model.
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	Variable
	Definition
	Mean Value
	Standard Deviation





	WSTB
	Are farmers involved in waste classification? (1 = Yes; 0 = No)
	0.482
	0.500



	Political Participation
	Do farmers vote in general elections? (1 = Yes; 0 = No)
	0.728
	0.445



	Gender
	Farmer’s sex (1 = Male; 0 = Female)
	0.698
	0.459



	Age
	Farmer’s age (year)
	61.046
	11.329



	Health
	Farmer’s health (1 = Good; 0 = Bad)
	0.700
	0.458



	Education
	Farmer’s education (year)
	6.900
	3.948



	Family Size
	Household total population (Num)
	3.228
	1.663



	Family Income
	Total household income (yuan)
	24,443.050
	127,885.039



	Smartphone Use
	Whether a household uses a smartphone (1 = Yes; 0 = No)
	0.854
	0.353



	Environmental Pollution
	Whether its surroundings are polluted by the environment (1 = Yes; 0 = No)
	0.365
	0.481
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Table 2. Main regression results.






Table 2. Main regression results.













	
	Model (1)
	Model (2)
	Model (3)
	Model (4)
	Marginal Effects





	Political Participation
	0.326 ***
	0.309 ***
	0.307 ***
	0.321 ***
	0.106 ***



	
	(5.876)
	(5.353)
	(5.296)
	(5.010)
	(5.073)



	Gender
	
	0.008
	0.011
	−0.019
	−0.006



	
	
	(0.143)
	(0.193)
	(−0.288)
	(−0.288)



	Age
	
	0.015
	0.006
	0.003
	0.001



	
	
	(0.904)
	(0.383)
	(0.178)
	(0.178)



	Age2
	
	−0.000 *
	−0.000
	−0.000
	−0.000



	
	
	(−1.854)
	(−1.262)
	(−0.880)
	(−0.880)



	Health
	
	0.069
	0.054
	0.021
	0.007



	
	
	(1.218)
	(0.942)
	(0.341)
	(0.341)



	Education
	
	0.030 ***
	0.027 ***
	0.026 ***
	0.009 ***



	
	
	(4.126)
	(3.641)
	(3.147)
	(3.157)



	Family Size
	
	
	−0.021
	−0.008
	−0.003



	
	
	
	(−1.344)
	(−0.425)
	(−0.425)



	Family Income
	
	
	0.000
	−0.000
	−0.000



	
	
	
	(1.499)
	(−0.169)
	(−0.169)



	Smartphone Use
	
	
	0.227 ***
	0.242 ***
	0.080 ***



	
	
	
	(2.819)
	(2.788)
	(2.799)



	Environmental Pollution
	
	
	−0.143 ***
	−0.182 ***
	−0.060 ***



	
	
	
	(−2.760)
	(−3.212)
	(−3.228)



	Constant
	−0.282 ***
	−0.433
	−0.279
	−0.834
	



	
	(−5.937)
	(−0.907)
	(−0.573)
	(−1.538)
	



	Village Dummies
	No
	No
	No
	Yes
	Yes



	Log pseudolikelihood
	−1802.590
	−1750.149
	−1739.459
	−1528.204
	−1528.204



	χ2
	34.524 ***
	133.777 ***
	151.111 ***
	509.493 ***
	509.493 ***



	R2
	0.010
	0.037
	0.042
	0.158
	0.158



	Observation
	2628
	2624
	2622
	2622
	2622







Note: t statistics in parentheses; * p < 0.1, *** p < 0.01.
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Table 3. Robustness test.
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	Model (1)
	Model (2)
	Model (3)





	Political Participation
	1.740 ***
	0.147 **
	0.219 ***



	
	(6.712)
	(2.379)
	(2.855)



	Control Variables
	Yes
	Yes
	Yes



	Log pseudolikelihood
	−2904.024
	−1538.033
	−1536.986



	χ2
	1074.905 ***
	491.024 ***
	487.642 ***



	R2
	
	0.153
	0.154



	Observation
	2622
	2622
	2622







Note: t statistics in parentheses; ** p < 0.05, *** p < 0.01.
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Table 4. Heterogeneity test.






Table 4. Heterogeneity test.





	

	
Model (1)

	
Model (2)

	
Model (3)

	
Model (4)






	
Political Participation

	
0.364 ***

	
0.114

	
0.183 **

	
0.394 ***




	

	
(5.483)

	
(0.908)

	
(2.305)

	
(4.442)




	
Control Variables

	
Yes

	
Yes

	
Yes

	
Yes




	
Log pseudolikelihood

	
−1375.506

	
−358.137

	
−1064.854

	
−659.154




	
χ2

	
122.837 ***

	
41.502 ***

	
104.226 ***

	
57.781 ***




	
R2

	
0.043

	
0.055

	
0.047

	
0.042




	
Observation

	
2075

	
547

	
1613

	
1009




	
Suest-χ2

	
3.158 *

	
3.181 *








Note: t statistics in parentheses; * p < 0.1, ** p < 0.05, *** p < 0.01.
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