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Abstract: The pattern of international agricultural trade is undergoing profound changes. The
influence of country risks on the international agricultural trade pattern is prominent. In this paper,
we comprehensively analyze the international agricultural trade patterns and explore the influence
of country risks on them. Specifically, we first construct an international agricultural trade network
(IATN) based on complex network theory. Second, we analyze each country’s diversity of import
sources and the position of countries in the IATN using the Herfindahl–Hirschman Index (HHI)
and network indicators, such as in-degree, out-degree, weighted in-degree, weighted out-degree,
and betweenness centrality. Third, this paper explores the influence of different types of country
risks, including economic risk and political risk, on international agricultural trade patterns using
the panel regression method. The results show that countries played different roles and occupied
different positions in the international agricultural trade pattern; notably, the United States occupied
a core position, while Japan and Mexico had insufficient diversity in import sources. Moreover,
based on the panel regression method, we find that political risks have a positive impact on the
agricultural trade pattern, while an unstable economic environment could inhibit the agricultural
trade pattern in various countries. This study could provide references for countries to implement
agricultural trade policies regarding country risks to ensure stable agricultural trade relations and
national food security.

Keywords: agricultural trade; trade pattern; country risk; complex network method; panel data model

1. Introduction

The complicated international trade relations have been widely studied from a network
perspective [1,2]. Agricultural products are one of the most important bulk commodities
in international trade. In 2020, the international trade volume of agricultural products
reached 6.3 trillion dollars, accounting for about 9.1 percent of international trade. With the
globalization of economic development, an increasing number of countries have joined the
international agricultural market, forming a complex trading network [3,4]. The position
and role of each country in the agricultural trade network are different. For example, the
United States exports a large number of agricultural products and has many trading part-
ners due to its large amount of arable land area and technological advantages, while some
countries must rely on imports to meet their domestic needs. In this complex agricultural
trading network, the factors that determine agricultural trade patterns have attracted the
attention of many scholars [5–8]. The political landscape of the world is unstable and
in turmoil, and the economic development of countries was seriously hindered due to
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financial and economic crises, such as the 2008 financial crisis, the European debt crisis,
and COVID-19. Political and economic risks severely impede agricultural production and
trade relations among countries, leading to high risks of world food security. Therefore, a
better understanding of agricultural trade patterns and the influence of country risks on
them can help countries implement agricultural trade policies to ensure stable agricultural
trade relations and national food security.

The existing literature on agricultural trade has focused on the following three aspects.
Firstly, many scholars studied the agricultural trade patterns of individual countries [9–11].
On the one hand, some scholars analyzed the changes in agricultural product trade before
and after the occurrence of particular events in specific countries. For example, some
researchers proved that, after China joined the WTO and South Korea implemented the
FTA, their agricultural trade volume increased significantly [12,13]. On the other hand,
some scholars identified the factors that affect a country’s agricultural trade [14,15], such as
GDP [16] agricultural policy [17,18], and agricultural factor endowment [19,20].

Secondly, bilateral trade relations in agricultural products and their influencing factors
have been examined [21–23]. For example, Zheng and Qi [24] found that there existed great
potential for more agricultural trade between China and the United States and that positive
and effective trade policies could maximize agricultural trade development for the mutual
benefit of both countries. Researchers argued that GDP has a positive effect on agricultural
trade, while the distance between two countries has a negative effect [25–27].

Thirdly, to study the multilateral relation among countries, researchers used the
network analysis method and constructed global or regional agricultural trade networks
with countries as nodes and trade relations as edges. In the network, the trade volume
between countries represents the weight of the edge [4]. On the one hand, based on the
network analysis method, the structure and evolution of the international agricultural trade
pattern [28] and the position of the country in the network [29] were analyzed [30,31]. The
countries were divided into three communities according to the “core–periphery” structure,
and international agricultural trade exhibits a diversified and multipolar development
trend [32]. Furthermore, researchers confirmed that the US, EU, and ASEAN ranked highly
in the centrality and position in the agricultural trade network [33]. On the other hand,
scholars have paid more attention to the formation mechanism of agricultural trade, such
as agricultural resource endowment, spatial distance, economic scale, degree of trade
facilitation, and external factors [34–36].

The existing literature has conducted profound analyses of agricultural trade patterns
and evolutionary trends by complex network methods, but there are still two aspects that
need to be improved. On the one hand, the status of each country in the network can still be
further studied. Existing researchers typically used a single network indicator to describe
the role of countries, such as the number of import partners (in-degree) and the volume of
import trade (weighted in-degree). However, a single complex network indicator cannot
comprehensively capture the trade status of a country. For example, country A only has
one agricultural import partner named country C, while country B has 50 agricultural
import partners, including country C. However, almost all the agricultural products of
country B are imported from country C. If country C cuts off trade with countries A and
B, the agricultural product supply of both countries A and B will suffer a huge impact
no matter how many import partners they have. Thus, it is one-sided to analyze trade
import risk or trade diversity by considering only the number of import partners or trade
volume of a country. Therefore, in this paper, based on the use of complex network
indicators to describe the status and evolution of each country in the agricultural trade
network, we combine import partners and import trade volume and use the Herfindahl–
Hirschman Index (HHI) to reflect the diversification import sources of countries. On
the other hand, existing studies neglected that country risks are inevitable factors when
agricultural products are traded between countries. In fact, the trading relationships of
agricultural importers and exporters are easily affected by country risks, such as the 2008
financial crisis and the COVID-19 pandemic. Therefore, to comprehensively discuss the
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impact of country risks on agricultural trade patterns, we choose to study different types
of country risk (political risk and economic risk) from those described in the International
Country Risk Guide (ICRG) [37].

In this paper, we establish an international agricultural trade network (IATN) from
1996 to 2019. The HHI is used to measure the diversity of import sources, while the
number of trading partners, trade volume, intermediary centrality, closeness centrality, and
eigenvector centrality are used to explore the patterns of and roles played in agricultural
trade. Finally, we combine the HHI and network indicators as dependent variables to
explore the impact of country risks on agricultural trade patterns based on the panel
regression method. The results show that country risks can significantly affect agricultural
trade patterns.

The rest of the paper is arranged as follows. Section 2 introduces the data and methods.
Section 3 discusses the empirical results. Section 4 describes the conclusion and policy
implications.

2. Materials and Methods
2.1. Data

There has been no clear international definition of agricultural produce until now, and
the definition of agricultural products varies greatly between countries. We use “cereals”
as a proxy variable for agricultural products because cereals describe the major food crops,
including coarse grains, rice, and wheat. Therefore, the agricultural trade data from 1996 to
2019 are obtained from the United Nations Commodity Trade Statistics Database. The data
set is comprised of trade flow data from 226 countries. The HS code is 10 and the category
is cereals, including wheat, oats, corn, rice sorghum, and other grains.

The country risks data, which include political risk and economic risk, come from the
ICRG. Due to limitations on data availability, this paper uses the data from 1996 to 2017.
The political risk index has 12 subindices, including government stability, socioeconomic
conditions, investment profile, internal conflicts, external conflicts, corruption, political
and military affairs, religious tensions, legal order, ethnic tensions, degrees of democracy,
degrees of bureaucracy, and economic risks. The economic risk index has 5 subindices,
namely per capita GDP, real GDP growth, inflation rate, budget balance as a percentage of
GDP, and current account as a percentage of GDP. Therefore, Equations (1) and (2) are used
in this paper to calculate the political risk index and the economic risk index. The larger
the value of the risk index, the higher the risk of the country.

PolRiski = ∑12
j=1(maxPolRisk j − PolRiskij), (1)

EcoRiski = ∑5
j=1(maxEcoRisk j − EcoRiskij), (2)

where PolRiski is the subindex of political risk j of country i, maxPolRisk j is the maximum
value of the subindex of political risk j, EcoRiski is the subindex of economic risk j of
country i, and maxEcoRisk j is the maximum value of subindex of the economic risk j.

We select exchange rate, GDP, and cultivated land area as control variables. The data
from 1996 to 2017 are downloaded from the World Bank database.

2.2. Method
2.2.1. The IATN Model

In this study, we construct an IATN model based on complex network theory. A
complex system can be abstractly depicted by a complex network comprised of nodes and
edges. In the IATN, nodes represent countries, edges represent trade relations, and the
direction of the edges is the trade flows. The weights of the edges denote the volume of
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agricultural trade. Therefore, IATN is directional and weighted. The IATN of the network
matrix is defined by Equation (3):

IATN =
(

Vcountries, Atrade f lows

)
=



0 · · · · · · Aa
1j · · · Aa

1n
...

. . . . . .
...

. . .
...

Aa
i1 · · · · · · Aa

ij · · · Aa
in

...
. . . . . .

...
. . .

...
...

. . . . . .
...

. . .
...

Aa
n1 · · · · · · Aa

nj · · · 0


, (3)

where a represents the year. Vcountries is the node set, Atrade f lows is the edge set, n is the
number of countries, and Aa

1j represents the trade volume of agricultural products exported
from country i to country j in year a. Figure 1 shows the agricultural trade network in 2019.
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Figure 1. The agricultural trade network in 2019.

2.2.2. Structural Parameters of the IATN

This article uses five structural parameters of the IATN and HHI to measure the trade
patterns of different countries.

1. Number of trading partners in agricultural products:

In the IATN, the degree of a country reflects the number of direct trade connections
that the country possesses. The degree is the sum of the in-degree (ID) and the out-degree
(OD). Among them, in-degree represents the number of countries from which country
i imports and the value of out-degree represents the number of countries to which country
i exports. These indicators are calculated as follows:

IDi = ∑N
j=1 aji, (4)

ODi = ∑N
j=1 aij, (5)

Degreei = IDi + ODi, (6)



Agriculture 2022, 12, 361 5 of 18

where N is the total number of nodes in the network. When country i imports agricultural
products from country j, aji = 1, which indicates that there is a connection from country i to
country j. Otherwise, aij = 0.

2. Trade volumes of agricultural products:

The weighted degree (WD) of country i reflects the total trade volume of the country
in the international agricultural trade network. This indicator can also be divided into
two sub-indicators, namely weighted in-degree (WI) and weighted out-degree (WO). The
weighted degree is the sum of the weighted in-degree and the weighted out-degree. The
value of the weighted in-degree of country i represents its total import value from all the
other countries, and the value of the weighted out-degree of country i represents its total
export volume to all the other countries. The formulas are as follows:

WIi = ∑N
j=1 Aij, (7)

WDi = ∑N
j=1 Aji, (8)

WDi = WIi + WDi, (9)

where Aij represents the total amount of imports from country j to country i, and Aji
represents the total amount of exports from country i to country j.

3. Herfindahl–Hirschman Index (HHI):

We construct the HHI [38] to reflect the diversification of the sources of imported agri-
cultural products of country i, which is defined as HHIi. HHI can describe the dispersion
and diversity of import sources of country i in IATN. The HHI of country i is calculated
as follows:

HHIi = ∑N
j=1

( Aij

WIi

)2

, (10)

where Aij is the trade volume of agricultural products imported by country i from country j,
WIi is the weighted import degree of country i, namely the total import volume of agricul-
tural products of country i. The range of HHI is (0, 1]. The smaller the HHI is, the more
dispersion and diversity present in a country’s trade. When country i has only one source
for agricultural trade, the HHI takes the maximum value of 1.

4. The intermediary capacity of countries in the IATN:

Betweenness centrality (BC) reflects the power of a country as a bridge in the net-
work. BC represents the ratio of the number of shortest paths through the country to the
number of all possible paths. We use betweenness centrality [39] to measure the ability of
intermediaries, which is defined as BCi.

BCi = ∑n
j ∑n

k

gjk(i)
gjk

, j 6= k 6= i, j < k, (11)

where i, j, and k represent different countries, gjk is the number of shortest paths between
country j and k, and gjk(i) is the number of shortest paths between nodes j and k through
country i. The larger BCi is, the more prominent the role of country i as a bridge is, and,
the more central the network position is, the more this country can control the agricultural
trade relations among other countries. As shown in Figure 2, if countries 1, 2, 3, and 4
want to trade agricultural products with countries 6, 7, 8, and 9, they must pass through
country 5; thus, country 5 controls the transmission among other countries and has a high
intermediary ability.
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5. The closeness centrality of countries in the IATN:

Closeness centrality (CC) measures the sum of the length of the path of a country
when establishing contact with other countries, and it reflects the country’s distance from
other countries in the network. Moreover, this indicator reflects the resource anti-control
ability of the international trade network [37].

CCi =
1

∑i 6=j d(i, j)
, (12)

In Equation (12), d(i, j) represents the shortest path length between country i and
country j (this path is the partnership generated by agricultural trade). CCi describes the
path length when country i establishes agricultural trade relations with other countries.
The larger the value, the shorter the path length when country i establishes agricultural
trade relations with other countries, and the easier it is to trade within the network.

6. The eigenvector centrality of countries in the IATN:

Eigenvector centrality (EC) reflects the relationship between a country and other
important countries in the network. If a country establishes a relationship with a country
that has a central position in the network, then the value of its eigenvector centrality
will increase [37].

ECi =
1
λ ∑J∈Ni

AijECj. (13)

In the above equation, λ is a constant, Ni represents the set of nodes that have a
relationship with country i, and Aij represents the trade volume from country i to country
j. ECj describes the relationship between country i and important countries in the network.
The larger the value, the stronger the agricultural trade links with important countries, and
the more stable the trade is.

2.3. The Establishment of the Regression Model

This article explores the impact of country risks on agricultural trade patterns, includ-
ing HHI, degree, weighted degree, betweenness centrality, closeness centrality, and eigen-
vector centrality. Due to limitations on the availability of data, a panel regression model is
established based on 1996–2017 data from 127 countries. The model is as Equation (14).

Yit = β1GDP + β2Rate + β3Field + β4PolRisk + β5EcoRisk + λi + uit, (14)

where t represents the year. The dependent variable, Yit, refers to the trade network
indicators of country i in year t, including degree, weighted degree, HHI, betweenness
centrality, closeness centrality, and eigenvector centrality, respectively. The independent
variables include political risk and economic risk, and the control variables are GDP, the
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exchange rate (Rate), and cultivated land area (Field). β1, . . . , β5 are regression coefficients,
λi is the constant item related to the country, and uit is the random variable.

3. Results and Discussion
3.1. International Agricultural Trade Pattern

In this study, we construct an IATN from 1996 to 2019. Analyzing the evolution of
network topology features will help us understand the patterns in the agricultural trade
and the degree of participation of each country in international agricultural trade.

3.1.1. The Number of Trade Partners and Trade Relationships

The evolution of the number of points and edges over time is shown in Figure 3.
First, we analyze the number of countries in the IATN. Between 1996 and 2019, 202 to 226
countries were involved in agricultural trade. After 2000, the number of countries stabilized.
Second, over this period, the number of trade relations in the IATN sustained an upward
trend, with slight fluctuations. After 2016, trade relations gradually stabilized. Thus,
while the number of countries remained unchanged, the number of edges continued to
increase, which means that, before 2015, international agricultural trade relations gradually
became more complex as more countries participated in international agricultural trade
and established new partners. However, the international agricultural trade structure was
stable and the partnerships among countries did not change significantly.
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Figure 3 shows only the overall evolutionary trend of the number of import partners
in international agricultural trade and thus cannot reflect the specific situation of each
country. Therefore, this paper extracted the top 10 countries in terms of the number of
import partners in agricultural trade, as shown in Figure 4. The top 10 countries are
mostly from North America and Europe. From 1996 to 1999, Germany had the greatest
number of import relationships. However, from 2000 to 2008, the United States topped
the list. Between 2009 and 2016, the country with the most import relationships alternated
between the Netherlands, the United States, and Germany. Because of its developed
food processing industry, France generated demand for a variety of agricultural products
and was the country with the greatest number of import partners from 2017 to 2019.
Due to the large demand for food and the subsequent import demand for a variety of
agricultural products, some countries with rich import partners had the ability to anti-
control agricultural resources, such as the United States, Germany, the Netherlands, France,
etc., even though their agriculture was relatively developed.
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We also identify the 10 countries with the largest number of export partners; the
evolution of countries and their rankings are shown in Figure 5. We find an interesting
phenomenon in which some countries with many import partners also have a high number
of export partners. More specifically, the United States, which ranked first in the number
of import partners, also ranked first in the number of export partners during the whole
observation period. The United States is the largest agricultural exporter in the world, and
its advanced agricultural production, harvesting technology, and a high degree of mecha-
nization sustained its top position in the number of export relationships for a long time.
From 1999 to 2018, Thailand occupied second place in the number of export relationships,
while China and India also remained in the top five for a sustained period.
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3.1.2. The Diversity of Import Source

HHI is an index that represents the diversity of import sources. When a country im-
ports agricultural products from more countries, its import trade becomes more diversified
and, therefore, more stable. As this process occurs, the HHI of the country will decrease.
Figure 6 shows the relationship between HHI and import volume for each country. Due to
limitations in space, only six years of data (1996, 2000, 2005, 2010, 2015, and 2019) are shown
in the scatter plots here. Some countries, such as Japan, Mexico, and South Korea, had large
but concentrated import trade volumes. These countries imported a large proportion of
their total import volume of trade in agricultural products from one country. For example,
Japan and Mexico imported more than 50% of their total imports of agricultural products
from the United States. If the United States were to cut import links for some reason,
the supply of agricultural products in Japan and Mexico would be severely impacted.
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Therefore, in light of the risks of shipping and natural disasters, to ensure a stable supply of
agricultural products, countries should diversify their import sources instead of importing
agricultural products from a single or a few countries.

Agriculture 2022, 11, x FOR PEER REVIEW 9 of 18 
 

 

proportion of their total import volume of trade in agricultural products from one coun-
try. For example, Japan and Mexico imported more than 50% of their total imports of ag-
ricultural products from the United States. If the United States were to cut import links 
for some reason, the supply of agricultural products in Japan and Mexico would be se-
verely impacted. Therefore, in light of the risks of shipping and natural disasters, to ensure 
a stable supply of agricultural products, countries should diversify their import sources 
instead of importing agricultural products from a single or a few countries. 

 
Figure 6. Scatter plots of HHI and import volume: (a) represents the scatter plot of 1996, (b) repre-
sents the scatter plot of 2000, (c) represents the scatter plot of 2005, (d) represents the scatter plot of 
2010, (e) represents the scatter plot of 2015, and (f) represents the scatter plot of 2019. 

3.1.3. The Trade Volumes among Countries 
To clearly display the distribution of the agricultural trade volume of all countries, 

we select six years of trade data for display, namely 1996, 2000, 2005, 2010, 2015, and 2019. 
The cumulative distribution of trade volume between countries is shown in Figure 7. First, 
we should pay attention to the convexity of the curve. When the cumulative proportion 
of countries is 20%, the trade volume reaches more than 80%, which indicates that most 
of the trade volume of agricultural products is concentrated in a few countries. Further-
more, we should notice the gap between the curves moving toward the upper left corner. 
This means that, from 1996 to 2019, the concentration of trade in agriculture gradually 
declined and then stabilized. The reason may be that, as economies globalize, countries 
recognize the need to diversify their sources of imports and exports. As production tech-
nology matures and the output of agriculture in various countries stabilizes, the concen-
tration of import and export agricultural trade also stabilizes. 

Figure 6. Scatter plots of HHI and import volume: (a) represents the scatter plot of 1996, (b) represents
the scatter plot of 2000, (c) represents the scatter plot of 2005, (d) represents the scatter plot of 2010,
(e) represents the scatter plot of 2015, and (f) represents the scatter plot of 2019.

3.1.3. The Trade Volumes among Countries

To clearly display the distribution of the agricultural trade volume of all countries, we
select six years of trade data for display, namely 1996, 2000, 2005, 2010, 2015, and 2019. The
cumulative distribution of trade volume between countries is shown in Figure 7. First, we
should pay attention to the convexity of the curve. When the cumulative proportion of
countries is 20%, the trade volume reaches more than 80%, which indicates that most of the
trade volume of agricultural products is concentrated in a few countries. Furthermore, we
should notice the gap between the curves moving toward the upper left corner. This means
that, from 1996 to 2019, the concentration of trade in agriculture gradually declined and
then stabilized. The reason may be that, as economies globalize, countries recognize the
need to diversify their sources of imports and exports. As production technology matures
and the output of agriculture in various countries stabilizes, the concentration of import
and export agricultural trade also stabilizes.
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3.1.4. The Role of Countries in IATN

The structure of agricultural trade networks is complex, and the above results describe
the basic characteristics of IATN. This section aims to elucidate the position and role of
countries in the agricultural trade network, which is helpful information for adopting
appropriate policies for agricultural trade and for reducing agricultural trade risks.

In the IATN, the betweenness centrality of a country is directly proportional to the
extent to which the country controls the agricultural trade between other countries. Due to
limitations in space, Figure 8 shows the scatter diagram of the number of agricultural trade
partners (the sum of import and export partners) and betweenness centrality for 1996, 2000,
2005, 2010, 2015, and 2019. According to the fitting regression line, there is a significant
positive correlation between the number of agricultural trading partners of a country and
its betweenness centrality, and the R-squares of the fitting regression are all above 0.54.
That is, the more trade partners there are, the higher the centrality of the intermediary is.
This shows that, as the number of links between other countries in the network increases,
the intermediary ability of the country to act as a bridge increases, and the ability to control
agricultural product transactions between other countries to a certain extent increases.
The United States has always had the greatest number of trade partners and the highest
betweenness centrality, thereby attaining a greater ability to control agricultural resources
in the network via its numerous trade links. Over time, however, the intermediary capacity
of the United States has declined. The influence of trade partners on betweenness centrality
has also declined, as shown by the slope of the trend line gradually decreasing over the past
six years. This means that, as the participation of other countries in agricultural trade rose,
the strong core position of the United States in agricultural trade weakened. Although the
United States still occupied the core position in the network, many countries drew closer to
the core of the network.

We highlight the top five countries by intermediary ability in agricultural trade, as
shown in Table A1. The countries at the top of the list, such as the United States, Canada,
and France, are developed countries with advanced farming techniques that can produce
more than enough agricultural products for domestic consumption and have diversified
agricultural demand. For example, the United States imported wheat from other countries
and exported a large quantity of corn; meanwhile, Canada had great demand for corn
imports and exported barley and wheat.
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scatter plot of 2019.

In the IATN, closeness centrality measures the agricultural trade distance between
one country and other countries in the network. The closer a country is to the center of the
network, the stronger its influences on information resources and power prestige are with
regard to agricultural trade. As seen from Table A2, the United States ranked first for the
whole observation period, while other top countries, such as Thailand and India, leveraged
their export channels to increase their centrality in the network. The extensive export
relationships of these countries greatly shortened the trade path between them and other
countries in the network, thus facilitating trade in agricultural products to other countries.

The top five countries by eigenvector centrality are shown in Table A3. Over the period,
the top position by eigenvector centrality alternates between Germany, the United States,
France, and the Netherlands. This implies that these countries have established stable
trade relationships with other countries that have a great influence on the international
agricultural market. The top countries in eigenvector centrality have not only many import
and export partners but they also established links with each other, which stabilizes their
central position in the network. Most international agricultural trade is controlled by a few
countries, so other countries can improve their position in the network by establishing stable
trade relations with those that have high demand and supply for agricultural products.

3.2. The Impacts of Country Risks on the Agricultural Trade Pattern

Ten regression models are constructed according to Section 2.3 of this paper. The dependent
variables are network topological indices obtained from Section 2.2.2, which are HHI, in-degree,
out-degree, degree, weighted in-degree, weighted out-degree, weighted degree, betweenness
centrality, eigenvector centrality, and closeness centrality, respectively. The independent variables
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are political risk and economic risk. The control variables are GDP, exchange rate, and cultivated
land area. Because of the different data dimensions, we carried out logarithmic processing on
weighted in-degree, weighted out-degree, weighted degree, GDP, and cultivated land area to
make the data more stable. All the variables are stationary based on the panel unit root test.
Therefore, these variables can be used in regression models. According to the results of the
Hausman test, the fixed effect model should be selected for each model. Table 1 shows the
regression results of national political risks and economic risks to trade patterns. The results
show that a country’s agricultural trade could be significantly affected by political and economic
risks. A detailed analysis of the results follows.

Political risks have a significant positive impact on importers’ activities in the international
agricultural market. High political risk entails unstable political power, poor regulatory quality,
and an imperfect legal environment. Therefore, there might be some reasons for the positive
relationship between political risk and trade patterns. First, political risk will have a positive
impact on import partners and import volume. The instability of the domestic political envi-
ronment could directly lead to the disruption of agricultural product-related industries. Since
agricultural products are one of the necessities of life, when the domestic supply is insufficient to
meet domestic demand, agricultural products must be imported to satisfy basic needs. Second,
when political conditions are unstable, people may engage in panic-buying to stock up on sup-
plies, which drives up demand. In addition, the negative influence of political risk on the HHI
value implies the enhancement of the anti-control ability of agricultural resources. The influence
of political risk on the position in the IATN is also positive. When the relationship between
imports and exports becomes more complex and the number of imports and exports increases,
the intermediary degree of the country will also increase, and the relationship of a given country
with important countries in the trade network might grow closer. Thus, the country’s position in
the agricultural trade network is enhanced.

The impact of economic risk on the 11 trade indicators is roughly the same. First, it is
worth noting that the regression coefficient of economic risk on in-degree is −0.24, indicating
that an increase in economic risk has a significantly negative impact on the number of import
partners. There might be two reasons for this effect. First, a decline in imports could mean that
other countries no longer believe in their ability to pay. At the same time, fluctuations in the
exchange rate caused by economic risks also affect exports of agricultural products. Second,
economic risk also causes people’s incomes to fluctuate, and a consequent decline in demand
for agricultural products leads to a reduction in imports. Economic risks could also decrease
demand for agricultural products by impacting economic development. For example, the
European debt crisis severely increased economic risks in selected European countries, including
Portugal, Greece, and Ireland. After 2009, these countries experienced different degrees of
reduction in their import channels and trade volumes in agricultural products. Clearly, the
unstable economic environment may also affect the development of the national economy,
further reducing the demand for agricultural products. The positive impact of economic risk on
the HHI value also indicates a decline in import source diversity due to the reduction in import
channels. Furthermore, if the economic risk of a country is high, then reduced import channels
will further threaten the domestic supply of agricultural products. According to Table 1, an
increase in economic risk may reduce closeness centrality, betweenness centrality, and eigenvector
centrality. The weaker the economic foundation is, the more unfavorable it is to the anti-control
ability of resources, which will worsen a country’s relationship with important countries in the
network. Therefore, countries with higher expected economic risks may not actively participate
in international agricultural markets and may lack the capacity to influence markets. As a result, a
reduction in closeness centrality makes it more difficult for a country to obtain external resources
and allows it to be more easily controlled by other countries. Furthermore, a reduction in trade
also weakens a country’s ability to link with other countries as an intermediary. In addition, large
suppliers may be reluctant to trade with countries without a stable economic base. In summary,
an unstable economic environment is not conducive to increasing the centrality of the state in
the network.
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Table 1. The regression results of the country risks to trade patterns.

ID OD Degree WI WO WD HHI BC CC EC

c −163.95 *** −98.68 *** −262.63 *** −11.66 *** −7.03 * −13.34 *** 1.72 *** 0.02 −0.56 *** −1.06 ***
(15.69719) (25.601) (34.36325) (1.337049) (3.603038) (1.175835) (0.268166) (0.010562) (0.174122) (0.173021)

Polrisk
0.2780 *** 0.4222 *** 0.7002 *** 0.0117 *** 0.0140 0.0113 *** −0.0033 *** 2.46 × 10−5 0.0015 *** 0.0017 ***
(0.038231) (0.061248) (0.082212) (0.003199) (0.00861) (0.002813) (0.000642) (0.0000253) (0.000417) (0.000414)

Ecorisk
−0.2462 *** −0.3455 *** −0.5916 *** −0.0021 −0.0101 −0.0060 ** 0.0029 *** −5.88 × 10−5 * −0.0023 *** −0.0032 ***
(0.038231) (0.062352) (0.083692) (0.003256) (0.008941) (0.002864) (0.000653) (0.0000257) (0.000424) (0.000421)

GDP
9.4043 *** 10.3216 *** 19.7259 *** 1.0063 *** 1.1075 *** 1.0739 *** −0.0432 *** −0.0001 0.0455 *** 0.0535 ***
(0.27011) (0.44053) (0.591306) (0.023007) (0.061783) (0.020233) (0.004614) (0.000182) (0.002996) (0.002977)

Rate
2.02 × 10−9 * 1.65 × 10−10 2.18 × 10−9 3.6 × 10−10 *** −3.30 × 10−10 2.9 × 10−10 *** 5.15 × 10−11 * −1.04 × 10−13 1.22 × 10−13 2.18 × 10−11 *
(1.06 × 10−9) (1.74 × 10−9) (2.33 × 10−9) (9.07 × 10−11) (2.39 × 10−10) (7.98 × 10−11) (1.82 × 10−11) (7.16 × 10−13) (1.18 × 10−11) (1.17 × 10−11)

Field
−2.8903 *** −8.9822 *** −11.873 *** 0.3859 *** −0.3046 0.4326 *** −0.0174 −0.0005 −0.0055 0.0094
(1.077623) (1.757526) (2.359061) (0.091789) (0.246673) (0.080722) (0.01841) (0.000725) (0.011954) (0.011878)

R-squared 0.8278 0.9237 0.9170 0.8861 0.8328 0.9190 0.7347 0.9051 0.6818 0.8443

Notes: the asterisks *, **, and *** denote statistical significance at the 10% level, at the 5% level, and at the 1% level, respectively. This table provides the parameter estimation results from
1996 to 2017. The value in the parentheses indicates standard error.
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According to the results of the control variables, a country’s GDP positively affects
the values of in-degree, out-degree, weighted degree, closeness centrality, betweenness
centrality, and eigenvector centrality to a certain extent. There is no doubt that the level
of economic development improves the trade patterns of importers, which is consistent
with the findings of previous studies [19]. However, the exchange rate, which represents
fluctuations in the economy, has an unstable influence on trade patterns. A rise in the
exchange rate of a country’s currency against the US dollar may increase import trade
volumes and import channels of agriculture. However, the exchange rate has no significant
impact on exports or the centrality of representing the status of the trade network, which
indicates that the exchange rate may not affect the relationship between a country and
important countries. An increase in the cultivated land area will have a positive impact on
export channels. However, a relative increase in the cultivated land area reduces reliance
on imports of agricultural products, and a significant drop in imports will not improve a
country’s position in the agricultural trade network.

4. Conclusions and Policy Implications

This paper aimed to explore the impact of country risks on the international agricul-
tural trade pattern. We constructed an IATN model to reveal the patterns in international
agricultural trade and used a panel regression model to identify the influence of political
and economic risks. The main conclusions and implications are summarized as follows:

(1) By calculating the network parameters of 226 countries from 1996 to 2019 and rank-
ing the countries according to these indicators, we obtained results showing that countries
play different roles in international agricultural trade and occupy different positions. In
terms of importers, the United States, Germany, the Netherlands, and France occupied a
dominant position because of their rich import channels. Moreover, these countries had
the ability of resource anti-control. They have established stable trade relations with other
countries that have a great influence on the international agricultural market, as shown
by their eigenvector centrality values. For exporters, the United States is the most critical
country with which to trade because of its influence and trade relationships with many
other important countries. Some Asian countries, such as Thailand, India, and China, also
had strong control over resources and close trade ties with many countries. In terms of
import sources, the import volumes of some countries are quite large and mainly imported
from one country. A lack of diversity of import sources could pose a risk to the domestic
supply if the ties to the supplier countries were to be cut. Thus, countries should identify
their weaknesses and use their strengths to make themselves more indispensable in inter-
national agricultural markets. For example, countries lacking in agricultural production
should expand their import channels and reduce their dependence on other countries by
diversifying their import sources. Countries far from the center of the network can improve
their position through trade with important countries.

For the whole network, most of the agricultural trade takes place among a few coun-
tries, which means that the concentration of trade is still very high. However, the long-term
trend shows that the concentration of agricultural trade is gradually decreasing. The decline
in concentration shows that increases in output, owed to progress in agricultural planting
technology, have changed the supply patterns of agricultural products, resulting in a lower
concentration of agricultural trade.

(2) By analyzing the panel regression model, we find that country risks have a signifi-
cant impact on trade patterns. Political risk could benefit the agricultural trade pattern, and
its rise also promotes an increase in trade channels and promotes the diversity of import
sources. It also means that political risk might improve the relations between these coun-
tries and other important countries in the trade network, enhance the country’s mediation
ability, and improve the country’s position in the network. Increasing import channels is
one of the measures to mitigate political risk.
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(3) Economic risk is not beneficial to the agricultural trade pattern, and it reduces the
country’s resource anti-control ability, causing it to gradually move to the periphery in the
agricultural trade network. In general, an unstable economic environment is detrimental
to a country’s participation in international agricultural trade markets. Increasing the
number of import channels is one response to mitigate the adverse effects of economic risks.
To reduce dependence on imported agricultural products, importers should consider the
role of economic risks when optimizing trade patterns. Policy-makers should be cautious
when promulgating macroeconomic stabilization policies that affect import and export
relationships. Instead, countries should start by avoiding economic risks and work to
improve their agricultural trade. Exporters should also reduce their dependence on foreign
trade by stimulating domestic consumption, which can benefit the national economy.

From a complex network analysis framework, we discussed the influence of country
risks on trade patterns and analyzed the positions and roles that countries play in agri-
cultural trade networks. The results obtained are of great significance for adopting active
and effective agricultural trade policies. This paper considers only the impact of country
risks on the agricultural trade pattern, but, in fact, there are many factors that affect the
agricultural trade pattern, such as geopolitics, geographical distance, and trade openness,
which will be considered in our future studies. Due to data limitations, this paper does not
analyze the effect of the COVID-19 pandemic on agricultural trade patterns. In our future
research, we will collect relevant data and continue to explore it.
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Appendix A

Table A1. The top 5 countries in betweenness centrality.

Year
Rank

1 2 3 4 5

1996 USA France Germany UK Netherlands
1997 USA France Germany Russia UK
1998 USA France Italy UK Germany
1999 USA France Germany Thailand UK
2000 USA France Canada South Africa UK
2001 USA France Canada South Africa Italy
2002 USA France Canada Germany Thailand
2003 USA France Canada Germany Italy
2004 USA Canada France South Africa UK
2005 USA Canada France South Africa Spain
2006 USA Canada France Pakistan Philippines
2007 USA Canada France Italy UK
2008 USA Canada France South Africa Italy
2009 USA Canada Germany Thailand France
2010 USA France Thailand Canada China
2011 USA France Canada China UK
2012 USA Netherlands France UK Canada
2013 USA UK Germany France India
2014 USA France Canada Netherlands Germany
2015 USA Netherlands France Canada UK
2016 USA France Canada Netherlands Italy
2017 USA France Canada Thailand UK
2018 USA France Canada UK Italy
2019 USA France Canada Germany Netherlands

Table A2. The top 5 countries in closeness centrality.

Year
Rank

1 2 3 4 5

1996 USA India France Italy Canada
1997 USA Canada India France Argentina
1998 USA India Italy Canada France
1999 USA Thailand Italy India France
2000 USA Thailand France Italy China
2001 USA Thailand India Italy France
2002 USA Thailand India Italy France
2003 USA Thailand China Italy India
2004 USA Thailand India Italy China
2005 USA Thailand India Pakistan China
2006 USA Thailand India China Pakistan
2007 USA Thailand China India Italy
2008 USA Thailand China India Italy
2009 USA Thailand China PNG Italy
2010 USA Thailand China India Pakistan
2011 USA Thailand India China Italy
2012 USA Thailand India China Italy
2013 USA Thailand India China Italy
2014 USA Thailand India China Italy
2015 USA Thailand India Italy Pakistan
2016 USA Thailand India France China
2017 USA Thailand India China France
2018 USA Thailand India China Italy
2019 USA India Thailand China France
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Table A3. The top 5 countries in eigenvector centrality.

Year
Rank

1 2 3 4 5

1996 Germany Netherlands UK France USA
1997 Germany Netherlands France Russia USA
1998 Germany Netherlands France USA Italy
1999 Germany France Netherlands UK USA
2000 USA France Germany UK Netherlands
2001 USA France Germany UK Italy
2002 USA Germany Canada France UK
2003 USA Germany Netherlands France UK
2004 USA Germany UK Netherlands France
2005 USA France Germany Canada UK
2006 USA Canada France UK Germany
2007 USA UK France Germany Canada
2008 UK Germany France USA Canada
2009 Germany Netherlands UK USA France
2010 UK USA Germany France Canada
2011 France Germany UK USA Netherlands
2012 Netherlands UK USA France Germany
2013 USA Germany UK Netherlands France
2014 Germany USA UK Netherlands France
2015 Netherlands Germany USA France UK
2016 USA Netherlands France UK Germany
2017 France UK USA Netherlands Germany
2018 France Netherlands Germany Canada UK
2019 France Netherlands Germany USA UK
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