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Abstract: Rapidly warming climate, tightening environmental requirements, an aging society, rising
wages, and demand for organic products are forcing farming to be more efficient and sustainable.
The main aim of this study was to perform an analytical analysis and to determine the energy
use and GHG emissions of organic sugar beet production using different weed control methods.
Seven different methods of non-chemical weed control were compared. Mechanical inter-row
loosening, inter-row cutting and mulching with weeds, weed smothering with catch crops, and
thermal inter-row steaming were performed in field experiments at the Experimental Station of
Vytautas Magnus University (Lithuania, 2015–2017). The other three, namely, automated mechanical
inter-row loosening with cameras for row-tracking, inter-row loosening with a diesel-powered robot,
and inter-row loosening with an electric robot were calculated analytically. The results showed
that the average total energy use of organic sugar beet production was 27,844 MJ ha−1, of which
manure costs accounted for 48–53% and diesel fuel for 29–35%. An average energy efficiency ratio
was 7.18, while energy productivity was 1.83 kg MJ ha−1. Analysis of GHG emissions showed that
the total average GHG emissions to the environment from organic sugar beet production amounted
to 4552 kg CO2eq ha−1, and the average GHG emissions ratio was 4.47. The most sustainable organic
sugar beet production was achieved by using mechanical inter-row loosening with a diesel-powered
robot for weed control.

Keywords: energy indicators; GHG emissions; organic farming; sugar beet; non-chemical weed
control; robots

1. Introduction
1.1. Weeds in Sugar Beet Production

Weeds are one of the main problems in crop production because they compete with
major field crops for vital resources such as water, nutrients, space, and light [1–4]. As a
result of this competition, the yield is significantly reduced, its quality deteriorates, and it
is harder to harvest. Depending on the crops, weeds can reduce crop productivity by up to
40% [5–8].

The most common annual weed species in sugar beet crops in Lithuania are
Chenopodium album, Sinapis arvensis, Echinochloa crus galli, Stellaria media, and perennial
weed species dominates by Taraxacum officinalis, Elytrigia repens, and Plantago major [9].

Sugar beet is particularly sensitive to weed competition, which can reduce the yield
of sugar beet roots by 26 to 100% [2,4,10–15], even at low weed density of five weeds
per 1 m2 [16,17]. Therefore, weed control is very important and can significantly increase
the yield of sugar beet [11,18]. Although organic farms tend to require more labor and
investment, organic farming is becoming increasingly more popular across the EU, with
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the main countries growing organic beets being Germany (52% of the European organic
farmland) and Austria (23%) [19]. Sugar beet is also an important crop in local Lithuanian
industry as the main raw material for white sugar.

The problem of weeds is particularly relevant in organic crops, where the yield is
already 25–50% lower compared to traditional farming [1]. Detailed literature analysis
by Seufert et al. [20], comparing the yield data from ecological and traditional practices,
showed that the yield of organic plants is generally lower, ranging from 5 to 34% of
traditional system yields. Therefore, the weed control method chosen, and good farm
management practice, have a huge impact not only on crop productivity and its quality
but also on the impact on the environment.

1.2. Ecological Weed Control Methods

The conventional method of weed control using chemical herbicides is not acceptable
in organic farming practices. Therefore, mechanical weed control is an alternative to
chemical weed control [2,4,21,22]. In addition, chemical weed control is not only expensive
but also has a negative impact on the environment [11]. Weed control based on chemical
treatment has increased costs and made some weeds resistant to herbicides [23]. Mechanical
weed control removes weeds physically by eradicating them, i.e., by shredding all plants
or by separating weed stems and leaves from their roots [2,15]. The scientific literature
presents a variety of positive and negative results from studies related to mechanical
weed control [24]. Kunz et al. [17] found that mechanical inter-row loosening alone or in
combination with herbicides results in a similar sugar beet yield to conventional spraying.

Mulching is another method of weed control that can also be used in organic crops.
Plant mulch residues on the soil surface alter the physical and chemical environment
of weed seeds, thereby inhibiting weed germination and growth. As an alternative to
mechanical weed control, thermal weed control with heat, electricity, flame, hot water, and
foam can be used [4,25]. The work of Kunz [26] revealed that the use of a living mulch in
sugar beet production can reduce the amount of herbicide by up to 65% and the number of
weeds by up to 83%.

Often, a mechanical method of weed control requires large investments in energy, labor,
and time, and its speed and accuracy are limited by a lack of staff skills and experience [27].
In some cases, a mechanical method of weed control alone may not be enough, as such a
method is not always able to eradicate weeds growing very close to sugar beet. In such
cases, a manual weed control method is often still used. Due to the potential risk of crop
damage, especially when weed control is performed in crop row between the plants, it is
necessary to use precise mechanical tools [28,29]. Accurate position control of implements
or tools based on digital technologies such as various types of cameras (RGB, hyperspectral,
multispectral, etc.), sensors, RTK-GPS, and machine learning [4,14,18,24,30–33] provide the
ability to control weeds in crop rows close to plants without damaging the crop. These
technologies allow not only the control of weeds in a specific field location in real time, but
also the very accurate classification of crop plants and weeds. Automated precise weed
control by self-propelled robots has been rapidly evolving and has become one of the key
areas of agricultural robotics research over the past decade [18,32,34–39]. Kunz et al. [14]
evaluated camera-steered mechanical weed control and found that such an approach
improved the mechanical efficiency of weed control in sugar beet, maize, and soybean
crops. Automated inter-row weeding controlled by cameras killed 78% of weeds, while
manual control killed only 65%. Automated steering with the help of visual cameras allows
the operator not only to direct the cultivator’s working parts closer to the main crop rows,
but also to increase the driving speed from 4 km h−1 in manual steering to 7–10 km h−1

with automated steering. Automated and robotic techniques facilitate the operator’s work,
reduce labor time costs, and increase the efficiency of mechanical weeding compared to
conventional weed control methods [17]. In addition, the smaller dimensions and weights
of robots compared to traditional heavy tractors result in lower soil compaction [38–40].
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1.3. Energy Use and GHG Emissions

Sustainable development requires management of energy use and greenhouse gas
(GHG) emissions in all production processes [41]. Haciseferogullari et al. [42] examined
the energy balance of sugar beet production and found that the total energy input, total
energy output, output/input ratio, and net energy consumed in chemical production
were 19,760 MJ ha−1, 378,491 MJ ha−1, 19.15, and 18.15, respectively. Meanwhile, Yousefi
et al. [43] showed that, for sugar beet growing in Western Iran, the total input and output
was 49517 and 1,095,360 MJ ha−1, respectively. The calculated energy use efficiency was
22.12 and the carbon efficiency ratio of sugar beet was 10.95. Dimitrijevic et al. [44]
estimated the energy efficiency of sugar beet production and found that 0.93 MJ kg−1 of
energy was needed to produce one kilogram of product. The results of Šarauskis et al. [45]
showed that energy consumption could be 10 to 70% lower in organic farming compared
to conventional farming practices.

Agriculture makes a significant contribution to GHG emissions, with as much as
24% of total net GHG emissions coming from Agriculture, Forestry, and Other Land Use
(AFOLU) [46]. Tzilivakis et al. [47] estimated energy consumption and GHG emissions from
sugar beet production in the UK and reported that the average global warming potential
(GWP) per ton of sugar beet grown was 0.024 tons of CO2 t−1. Pishgar-Komleh et al. [41] es-
timated that the total GHG emissions from cucumber production were 82724 kg CO2eq ha−1,
with the highest emissions from diesel (61%), electricity (19%), and manure (14%). Or-
ganic crop production is associated with lower average GHG emissions per hectare than
conventional farming [19,47].

Substantial research can be found in the scientific literature, providing indicators of
energy and GHG emissions from different crops. However, no research demonstrating an
analysis of energy use and GHG emissions in organic sugar beet production, investigating
different weed control methods involving robots, has been found. Therefore, the aim of this
study is to analyze, evaluate, and compare the impact of conventional as well as robotic
weed control methods regarding the energy and environmental performance in organic
sugar beet production. Mechanical and thermal weed control methods were performed
in field experiments, and automated and robotic weed control systems were calculated
analytically.

2. Materials and Methods
2.1. Description of Weed Control Methods

This study examines seven different weed control methods in organic sugar beet
crops. The baseline data needed for this study concerning four non-automated weed
control methods—inter-row loosening (E1), inter-row cutting and mulching with weeds
(E2), inter-row cutting and mulching with catch crop (E3), and inter-row steaming (E4)—
were obtained after experimental research at the Experimental Station of Vytautas Magnus
University in 2015–2017. To avoid repetition, the location and conditions of the research
are described in detail in Romaneckas et al. [48]. The other three weed control methods
for comparative analysis—automated inter-row loosening with cameras for row-tracking
(E5), inter-row loosening with a diesel-powered robot (E6), and inter-row loosening with a
solar-powered robot (E7) (Figure 1)—were based on analytical theoretical methods. All
weed control treatments were performed three times per season.

The electric robot (E7) is designed for weed control and sowing of crops sown in wide
rows. The robot operates fully automatically using highly accurate GPS technology and is
independent of cameras or sensors to detect plants and weeds. Because the robot knows
the position of each seed, it can start weeding at a very early stage—before the crop begins
to germinate. Robots using camera systems that need to recognize crops and weeds do not
have this capability. Three weeding wires in each row ensure weed removal between rows.
Weed control in rows between crops is performed by a weeding arm. The electric motor
pulls its weeding arm in and out of the row [49]. The diesel-powered robot (E6) controls
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weeds by recognizing them with the help of cameras. Such systems use weed detection
algorithms and generate weed maps.

The technical data of the automated inter-row loosening (E5) machine were taken from
the manufacturer’s specification, and the working speed (7.2 km h−1) was selected based
on the results of tests performed by Kunz et al. [17]. One of the robots used to control weeds
was powered by a diesel engine [50]. The inter-row loosening machine supplied with the
robot was selected according to the power requirement specified by the manufacturer. The
operating speed (5 km h−1) of the diesel-powered robot (E6) was selected following the
manufacturer’s recommendations for the weed control operation. Another robot compared
in the study was powered by electricity with solar modules and batteries (E7). This robot
can work 8 h or more without interruption [49]. Its working speed (1.0 km h−1) was the
lowest of all the weed control machines.
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Figure 1. Scheme of weed control methods for comparative analysis. Note: (x3)—Technological
operations were performed three times per season.

2.2. Calculation of the Energy Input/Output

This study examines the energy input for an area of 20 hectares of organic sugar beet
production. In order to compare the energy efficiency of different weed control methods,
energy input (agricultural machinery, fuel, working hours, etc.) and energy output were
calculated. Energy input and technological indicators were assessed for each weed control
method, including all organic sugar beet growing operations in accordance with the recom-
mendations of the Lithuanian Institute of Agrarian Economics for agricultural companies,
farmers, and other enterprises providing agricultural services [51]. Energy output was
calculated using the results of sugar beet root yield, excluding leaf biomass left on the soil
surface after harvest. In order to unify different units of measurement of agricultural input,
a conversion method was applied. It uses input energy equivalents of fuel, human labor,
agricultural machinery, seeds, etc., which are presented in Table 1.
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Table 1. Energy equivalents used for the calculation of energy input and output.

Input/Output Energy Equivalent Unit Reference(s)

Human labor 1.96 MJ h−1 [52,53]
Diesel fuel 56.31 MJ L−1 [53–55]

Propane 50.80 MJ kg−1 [56,57]
Machinery 357.2 MJ h−1 [58]
Electricity 11.93 MJ kWh−1 [59,60]

Seed (sugar beet) 50.00 MJ kg−1 [42,55,61,62]
Seed (catch crop, i.e., mustard) 34.20 MJ kg−1 [62,63]

Manure 0.47 MJ kg−1 (FM) [64,65]
Output—Sugar beet yield 17.28 MJ kg−1 [62,66]

FM—fresh matter.

Energy input was calculated following the equation:

Energy input (MJ ha−1) = ∑n
i=1 Agricultural input (unit ha−1)∗Energy equivalent (MJ unit−1) (1)

2.3. Energy Use Efficiency

Various energy efficiency parameters were calculated to evaluate and to compare
different weed control methods. The energy efficiency ratio (Equation (2)) was determined
by dividing the energy output of sugar beet (MJ ha−1) by the total energy consumption
(MJ ha−1) [44,55,61,67]. Energy productivity (kg MJ−1) is an indicator showing how many
kilograms of sugar beet can be grown using one MJ of energy [44,55]. Net energy gain
(MJ ha−1) is expressed as the difference between the energy output and input [44,55,68,69].
Non-renewable energy includes diesel and machinery. Renewable energy consists of
human labor, seeds, electricity, and manure.

Energy efficiency ratio =
Energy output (MJ ha−1)

Energy input (MJ ha−1)
(2)

2.4. Fuel Consumption

One of very important direct energy inputs of sugar beet production is fuel. Diesel
fuel consumption for the E1–E5 weed control methods was determined based on data
published by LIAE [51]. For E6, fuel consumption was calculated according to the engine
performance curve provided by the manufacturer [70], assuming that the robot was operat-
ing in economy mode and the engine crankshaft speed did not exceed 1600 min−1 (engine
RPM did not exceed 1600 min−1). Diesel was not used for the E7 method, but the energy
use per hectare of weed control was calculated based on the hourly electricity consumption
of the robot [49].

2.5. Assessment of GHG Emissions

Typically, GHG emissions into the atmosphere are expressed in carbon dioxide equiv-
alent (CO2−eq). The conversion factors presented in Table 2 were used to estimate GHG
emissions from different organic sugar beet production systems. The GHG emissions
from each sugar beet production process were calculated by estimating the input of diesel,
propane gas, electricity, seeds, fertilizers, and machinery and multiplying them by the
corresponding GHG factors—Equation (3):

GHG emission (kg CO2eq ha−1) = ∑n
i=1 Agricultural input (unit ha−1) ∗ GHG coefficient (kg CO2eq unit−1) (3)

The sustainability of different weed control methods for organic sugar beet production
was assessed using the ratio of the output of the obtained production to the total input of
GHG emissions—Equation (4) [71]:



Agriculture 2021, 11, 449 6 of 17

GHG emission ratio =
GHG emission output (kg CO2eq ha−1)

GHG emission input (kg CO2eq ha−1)
(4)

Table 2. GHG coefficients (kg CO2−eq unit−1) of agricultural input and output.

Particulars Description of Input and Output Unit GHG Coefficient Reference(s)

A. Input

Machinery Tillage, sowing, crop care, harvesting, and
transportation MJ−1 0.071 [41,60,72,73]

Diesel fuel Tillage, sowing, crop care, harvesting, and
transportation L−1 2.76 [41,60,71,73]

Electricity Weed control with electric-powered robot kWh−1 0.78 [60,74]
Propane Weed control with thermal inter-row steaming kg−1 0.63 [71]

Seeds (sugar beet) Main sowing material kg−1 3.54 [75]
Seeds (catch crop, i.e.,

mustard) Inter-row sowing material kg−1 2.63 [76]

Manure Farmyard manure as the main organic fertilizer kg−1 0.126 [41,77]
B. Output
Sugar beet Yield of sugar beet roots kg−1 0.40 [78]

2.6. Sugar Beet Yield

The yield of organic sugar beet roots in experiments E1–E4 was determined by the
weighing method, expressed in tons per hectare (t ha−1). Sugar beet yield for automated-
robotic weed control methods was assumed based on the yield obtained using traditional
mechanical inter-row loosening (E1). It was assumed that the sugar beet yield in automated
mechanical inter-row loosening (E5) was 11% higher due to automation [17]. Kunz et al.
reported that precision hoeing technologies increased the yield of sugar beet by 37%, while,
after conventional hoeing, it increased by only 26% [17]. For robotic loosening methods
(E6, E7), due to lower soil compaction, the sugar beet yield was assumed to have an
additional increase of 7% [79] compared to the sugar beet yield obtained with traditional
mechanical loosening (E1). This percentage increase was used based on the presentation
by Shockley and Dillon [79] that, due to the light configuration of the autonomous vehicles,
soil compaction could be reduced, leading to a 7% increase in crop yields.

2.7. Statistical Analysis

Data from the research in organic sugar beet production was statistically processed
using the Tukey HSD test [80]. Significant differences in sugar beet energy and GHG
emissions, as well as the differences in yield between the weed control methods analyzed,
were determined by calculating the least significant difference for a 95% level of confidence
(p < 0.05). Different letters in the figures (a, b, c, etc.) indicate a statistically significant
difference.

3. Results
3.1. Fuel Consumption for Sugar Beet Production

For all weed control methods, except for inter-row cutting and mulching, the same
working width of the machines was chosen—3.0 m. Other technological indicators of the
machines differed because the implementation of different inter-row farming practices
requires different power and working time and unequal field productivity. These factors
also led to differences in fuel consumption. The main technological indicators of the weed
control technological operations are presented in Table 3.
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Table 3. Technological indicators of weed control operations (calculated by the authors, according to [51]).

Inter-Row Farming
Practice

Machinery
Power (kW)

Working
Width (m)

Field Capacity
(ha h−1)

Working Time
(h ha−1)

Fuel Consumption
(L ha−1)

Inter-row
Sowing 45 3.00 1.48 0.68 6.60

Cutting and mulching 67 4.00 2.12 0.47 4.21
Steaming 45 3.00 0.52 1.92 11.5

Loosening (conventional) 54 3.00 0.80 1.25 5.04
Loosening (automated) 83 3.00 1.92 0.52 3.71

Loosening (robot,
diesel-powered) 54 3.00 1.50 0.67 5.19

Loosening (robot,
electric-powered) 1 3.00 0.27 3.75 3.00 *

* kWh ha−1.

Sugar beet production requires high fuel input due to the intensive use of machinery
for soil preparation, weed control, harvesting, and transportation. The total fuel consump-
tion for sugar beet cultivation ranged from 150.7 to 185.3 L ha−1, depending on the weed
control method applied (Figure 2).

Agriculture 2021, 11, x FOR PEER REVIEW 7 of 17 
 

 

For all weed control methods, except for inter-row cutting and mulching, the same 

working width of the machines was chosen—3.0 m. Other technological indicators of the 

machines differed because the implementation of different inter-row farming practices 

requires different power and working time and unequal field productivity. These factors 

also led to differences in fuel consumption. The main technological indicators of the weed 

control technological operations are presented in Table 3. 

Table 3. Technological indicators of weed control operations (calculated by the authors, according to [51]). 

Inter-Row Farming Prac-

tice 

Machinery Power 

(kW) 

Working 

Width (m) 

Field Capacity 

(ha h−1) 

Working Time (h 

ha−1) 

Fuel Consumption 

(L ha−1) 

Inter-row      

Sowing 45 3.00 1.48 0.68 6.60 

Cutting and mulching 67 4.00 2.12 0.47 4.21 

Steaming 45 3.00 0.52 1.92 11.5 

Loosening (conventional) 54 3.00 0.80 1.25 5.04 

Loosening (automated) 83 3.00 1.92 0.52 3.71 

Loosening (robot, diesel-

powered) 
54 3.00 1.50 0.67 5.19 

Loosening (robot, electric-

powered) 
1 3.00 0.27 3.75 3.00 * 

* kWh ha−1. 

Sugar beet production requires high fuel input due to the intensive use of machinery 

for soil preparation, weed control, harvesting, and transportation. The total fuel consump-

tion for sugar beet cultivation ranged from 150.7 to 185.3 L ha−1, depending on the weed 

control method applied (Figure 2). 

 
Figure 2. Total fuel consumption of organic sugar beet production using different weed control methods. E1—mechanical
weed control (inter-row loosening), E2—mechanical weed control (inter-row cutting and mulching with weeds), E3—
smothering weed control (inter-row cutting and mulching with catch crop), E4—thermal weed control (steaming), E5—inter-
row loosening (automated), E6—inter-row loosening (robot—diesel powered), and E7—inter-row loosening (robot—electric
powered).

3.2. Sugar Beet Yield

Crop care and the chosen method of weed control affect the yield of sugar beet.
Analytical calculations showed that the highest average sugar beet yields (65.2 t ha−1) were
predicted in the variants using robotic weed control methods (E6, E7), when mechanical
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inter-row loosening is performed with diesel and electric robots (Figure 3). The lowest
average sugar beet yield (33.5 t ha−1) in 2015 and 2017 was obtained by applying inter-row
cutting and mulching with weeds (E2), and in 2016 it was obtained by applying inter-row
cutting and mulching with catch crop (E3) (36.4 t ha−1). Such large differences in yields
between the years were caused by meteorological conditions. Significant differences in
the yield of organic sugar beet (p < 0.05) were found only by comparing mechanical weed
control methods with other methods—E2, E3, and E4, except for E1 and E4. No significant
difference was found in the assessment of sugar beet yields between years.
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Figure 3. Sugar beet yield in average under different weed control methods.

3.3. Energy Indicators

The total average energy consumption for sugar beet production over the three-year
period, regardless of the weed control method, ranged from 26671 MJ ha−1 to 29615 MJ ha−1

(Figure 4). The largest share of energy consumption was accounted for by 48–53% for
manure and 29–35% for diesel fuel. The energy consumption of agricultural machinery
averaged 14.7% of the total energy consumption and depended on total working time per
hectare.
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The energy consumption of working time, electricity, sugar beet, and catch crops
accounted for an insignificant share of the total energy consumption—2.4%. In our study,
the average net energy gain was 171879 MJ ha−1 and the average energy productivity
of sugar beet production was 1.83 kg MJ−1. Application of the E6 weed control method
resulted in the highest energy productivity—2.41 kg MJ−1, achieved when the average
three-year sugar beet yield was 65.2 t ha−1. The ratio of renewable energy sources to
total energy consumption was the highest (53.7%) when applying automated inter-row
loosening with cameras (E5). Renewable energy sources can be reused and are non-
consumable. However, they are limited and have a probability of exhaustion [81]. The
ratio of non-renewable energy sources was the highest (51.4%) when applying thermal
inter-row loosening (E4).

Assessment of the energy efficiency ratio indicates whether a plant production tech-
nology gains energy (>1) or loses energy (<1) [44]. When applying different weed control
methods for organic sugar beet production, the highest energy efficiency ratio (Figure 5)
was achieved by mechanical inter-row loosening with a diesel-powered robot E6 (9.16) and
the lowest—by E2 (5.19).
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3.4. Greenhouse Gas Emissions

The results of calculated GHG emissions are presented in Figure 6. An evaluation
of different weed control methods in organic sugar beet production revealed that, due to
high nitrogen concentration, organic fertilizers were the most important factor. Total GHG
emissions from organic sugar beet production ranged from 4471 to 4693 kg CO2eq ha−1,
depending on the weed control method applied.

The best GHG emissions ratios, showing the sustainability of organic sugar beet
production technologies, were achieved when applying mechanical inter-row loosening
with a diesel-powered robot (E6), an electric robot (E7), and automated inter-row loosening
(E5), 5.80, 5.56, and 5.49, respectively (Figure 7).
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4. Discussion

This section discusses the impact of seven different mechanical, thermal, and intel-
ligent robotic weed control methods on fuel consumption, energy consumption, GHG
emissions, and yield in organic sugar beet production. The main limitation of this study
was that it was not possible to perform research on all methods under the same conditions.
Four weed control methods E1–E4 were investigated in an experimental field and the
results were obtained under real soil and climatic conditions. Meanwhile, for comparison,
for the automated and robotic weed control methods, E5–E7, due to lack of equipment in
the country, sugar beet yield and the other results required for this study were calculated
using previous results obtained by other researchers.

4.1. Fuel Consumption

The most fuel-intensive technological operation was transportation, accounting for
about 35.5% of total input, followed by harvesting (26.9%) and ploughing (13.6%). The
remaining fuel input for land preparation, manure spreading, sowing, and weed control
accounted for about 24% of the total input. The E7 weed control method had the lowest fuel
consumption due to the electric robot. Automated inter-row loosening had the lowest fuel
consumption compared with the other diesel-powered methods, as using visual cameras
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for row-tracking allows operating at higher speeds. The results of a study by Gerhards
et al. [82] demonstrated that automatic camera-controlled weeding was 7 to 15% more
efficient at 8 km h−1 compared to 4 km h−1. The most polluting method of weed control
from an environmental point of view was the thermal inter-row steaming (E4) due to
low working speed. Erdal et al. [61] obtained very similar results (170.3 L ha−1) when
determining the fuel consumption for sugar beet production.

Analyzing the percentage of diesel fuel consumption for weed control, it was found
that the highest fuel consumption of 18.65% was in the E4 treatment with inter-row steam-
ing. Others behind it were the diesel-powered E6 and conventional E1 treatments, which
consumed 9.36 and 9.12% of the total fuel used in sugar beet production, respectively.

4.2. Sugar Beet Yield

The average yield of organic sugar beet in the European Union is about 50 t ha−1 [19].
In our study, it was found that the sugar beet yield depended on the weed control method
and varied from 65.2 t ha−1 using robots E6 and E7 to 33.5 t ha−1 using the mechanical
weed control method E2 with inter-row cutting and mulching with weeds. Researchers
from other countries have obtained similar results for the yields of sugar beet. Majidi
et al. [12] showed that the yield of sugar beet roots ranged from 27.2 to 73.7 t ha−1 when
using chemical weed control methods, and the lowest root yield was obtained in the control
(20.7 t ha−1). The study of Jursik et al. [10] of sugar beet crop in the Czech Republic when
applying manual weed control revealed that the yield of sweet roots can vary on average
from 38.9 to 63.2 t ha−1. Gerhards et al. [13] found that the losses of crop yield might vary
depending on the sugar beet growing region. Field tests in Germany and the Russian
Federation showed that the sugar beet yields were higher in Germany (82.9–95.0 t ha−1)
compared to those obtained in Russia (37.9–54.6 t ha−1).

The lowest sugar beet yields in cutting and mulching treatments E2 and E3 can be
explained by the fact that the rate of weed growth compared to crops is very fast, and
if weeds are not destroyed and managed, they can begin to dominate throughout the
field [83]. Although weeds in a sugar beet farm reduce crop yield and quality, they can
also lead to higher labor and material losses [18]. Analysis of previous research data has
shown that inter-row crops such as weeds and catch crops compete with sugar beet and
negatively affect its root yield and sucrose content [84].

An important factor in the application of different weed control methods is soil com-
paction, which has a significant impact on crop growth. The low weight of the robots
compared to traditional large and heavy machines makes it possible to reduce soil com-
paction. Sugar beet is sensitive to soil pressures due to reduced leaf area, final yield, and
root quality parameters in compacted soils. A visual indicator of soil compaction is the
depth of the roots, which is influenced by the pressures of the wheels of agricultural tractors
and machines on the soil. Control of the frequency and position of agricultural machinery
through the field on well-defined tracks can help reduce the impact of compaction on
the soil [85]. Soil compaction has negative consequences such as decreased soil porosity,
decreased aeration [86], decreased saturated hydraulic conductivity, and increased soil
resistance to root penetration [87]. Typically, soil compaction results in negative crop
growth conditions due to high mechanical root resistance, decreased soil aeration, and
reduced water accumulation [88].

4.3. Energy Assessment

Assessment of energy consumption for different weed control methods applied
revealed that the highest energy consumption was in the E7 (29,615 MJ ha−1) and E4
(29,499 MJ ha−1) variants. It was caused by the fact that working speed and work produc-
tivity were the lowest when working with a solar-powered robot and applying thermal
weed control methods (E7—0.27 ha h−1; E4—0.52 ha h−1). For comparison, when applying
conventional inter-row loosening (E1), work productivity was 0.80 ha h−1.
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Both Dimitrijevic et al. [44] and Erdal et al. [61], 28.9 and 24.2%, respectively, identified
diesel fuel as the second most intensive energy user in sugar beet production. Other authors
confirm that the thermal weed control method reduced productivity by 10% due to the
additional time required to replenish propane gas tanks [89].

The estimated total average energy consumption of 27844 MJ ha−1 falls within the range of
energy consumption values determined by other researchers: 11,100–35,800 MJ ha−1 [62,67].
Dimitrijevic et al. [44], after a three-year study in Serbia, obtained almost identical average
energy consumption for sugar beet production (27849 MJ ha−1). Other scientists’ research
showed that, in Turkey, at a sugar beet yield of 68 t ha−1, the energy productivity was
1.98 kg MJ−1 [90]. Serbian researchers, studying the energy and economic indicators of
sugar beet production, determined the energy productivity of sugar beet to be 1.57 kg MJ−1

when the yield was 48.2 t ha−1 [44].
The energy efficiency ratio indicator was mainly influenced by the sugar beet yield.

A significant difference in energy efficiency (p < 0.05) was found between the automated-
robotic inter-row loosening methods E5–E7 and E2 and E3. A significant difference was
also found between the E4 and E5–E6 weed control methods. Šarauskis et al. [91] com-
pared conventional and organic sugar beet cultivation methods and found that the energy
efficiency ratio in organic crops was significantly lower, ranging from 4.02 to 8.21. In this
study, the overall energy efficiency ratio of all sugar beet growing technologies was 7.18.
Tzilivakis et al. [47] studied sugar beet production in the UK and found that sugar beet, on
average, produces 9.7 times more energy than it consumes. Asgharipour et al. [55] found
the energy efficiency ratio for chemical sugar beet production to be 13.4. In the studies of
other researchers, significantly higher input-output ratios were obtained and ranged from
15.4 [62] to 26.45 [44]. This was mainly due to the use of more intensive chemicalized sugar
beet growing technologies, which allowed the reduction of energy inputs and increased
the yields. Organic sugar beet production uses more energy for weed control and organic
fertilizers.

In some cases, a mechanical weed control method alone may not be sufficient. This
method is not always able to eradicate weeds growing very close to sugar beets. In such
cases, a manual weed control method is often still used.

4.4. GHG Emissions

Manure accounted for the largest share of GHG emissions, averaging about 83%
of total emissions. On a lesser scale, but still significant, the environment was polluted
by diesel, machinery, and seeds; 10%, 6.4%, and 0.4%, respectively. Electricity and LPG
accounted for an insignificant share of GHG emissions. Other authors obtained similar
research results. Šarauskis et al. [45] found that the largest source of GHG emissions when
growing winter wheat and spring barley in organic and sustainable farming systems was
usage of manure. It ranged from 74% of total emissions in small farms (2 ha) to 82% in
large farms (80 ha). Yousefi et al. [43] found that, in sugar beet production, systems using
irrigation electricity accounted for the largest share of GHG emissions (73%), followed by
nitrogen fertilizers (15%) and diesel (7%).

Assessment of the environmental impact of weed control methods revealed that the
largest impact on GHG emissions was related to machinery and diesel fuels. In terms of
GHG emissions from fuel, the cleanest weed control methods were using an electric robot
(E7) and automated mechanical inter-row loosening (E5) with GHG emissions from fuel
being 416 and 447 kg CO2eq ha−1, respectively. Assessment of the environmental impact
of the machinery alone showed that the lowest pollution was observed with the E2 and
E5 weed control methods, 226 and 230 kg CO2eq ha−1, respectively, and the highest was
with E7 (476 kg CO2eq ha−1). This was mainly caused by the very low productivity of an
electric robot (0.27 ha h−1).

The GHG emissions ratio results are due to higher sugar beet yields associated with
the automation of the process and lower GHG costs. A slightly lower GHG emissions ratio
(4.87) was obtained using conventional mechanical inter-row loosening (E1). There were
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no significant differences between these weed control methods. A significant difference
was found only when comparing weed control methods E1, E5, E6, and E7 with the other
methods—E2, E3, and E4, except for E1 and E4. The total average GHG emissions ratio was
4.47. The studies of Yousefi et al. [43], evaluating the efficiency of sugar beet production for
environmental pollution, indicated that the GHG emissions ratio was 10.95.

5. Conclusions

In this study, an analytical analysis was performed to determine the energy use and
GHG emissions in organic sugar beet production. It was estimated that, on average,
organic sugar beet production consumes 27844 MJ ha−1 of energy, while energy output
was 199724 MJ ha−1. Manure (50.6%) and diesel (33.6%) accounted for the largest share of
energy consumption. After evaluation of the efficient use of energy resources by applying
different weed control methods, it was found that sugar beets could be grown in the
most energy efficient way by using a diesel-powered robot. Energy efficiency, energy
productivity, and net energy gain were equal to 7.18, 1.83 kg MJ−1, and 171879 MJ ha−1,
respectively. The share of renewable and non-renewable energy input in total energy
consumption was 51.7% and 48.3%, respectively.

The results showed that the lowest total energy consumption (26671 MJ ha−1) was
obtained when using an automated method of mechanical inter-row loosening with cam-
eras. Meanwhile, the highest energy efficiency ratio (9.16) was achieved when using a
diesel-powered robot.

The highest yield of organic sugar beet roots (65.2 t ha−1) was found in those variants
where sugar beet was grown when applying weed control with diesel and electric robots,
and the lowest (33.5 t ha−1), when applying inter-row mulching with weeds.

Analysis of GHG emissions revealed that the total greenhouse gas emissions ranged
from 4471 to 4693 kg CO2eq ha−1, depending on the weed control method applied. The
main source of GHG emissions was manure, which accounted for over 80% of all pollution.
The highest sustainability of organic sugar beet production was achieved when applying
inter-row loosening with a diesel-powered robot.

The study found that intelligent robotic weed control methods, compared to conven-
tional ones, can reduce energy costs, increase crop yields, and reduce GHG emissions
into the environment, while improving the quality of the environment and the supply
of organic food. Summarizing the results of the analysis, we can draw the important
conclusion that reduction of the consumption of diesel fuel and organic fertilizers, such
as manure, is the most important factor in controlling GHG emissions in organic sugar
beet production. Due to the high precision and low weight of the machines, the use of
automated and robotic methods in weed control has a promising future. However, the
cost-effectiveness, technological reliability, and ease of use of robotic weed control methods
in farms are important aspects that still need to be investigated in future research. New
experimental studies are needed to compare changes in soil properties and compaction
processes using robotic and conventional crop care machines. It is also important to assess
and compare the effects of robotic weed control methods in real soil and meteorological
conditions on differences in weed control efficiency, working time, energy consumption,
and GHG emissions.
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