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Figure S1. Distribution of AUROC (blue bars) and corresponding p-values (red bars) for PLSDA
models obtained from plasma samples. Distributions are left-skewed for AUROCSs and right-skewed
for p-values. A, AUROC values of 23,345 models built with 60 samples of training-validation set. In
each model, 40 samples (training set) have been used to build a PLSDA model and its predictive
capability was tested with the 20 samples left (validation set). AUROC  represents the area under
the ROC curve obtained for each model when tested in the validation set and p-value _in B indicates

the probability for the correspondent model to be a random model not different from classifying each
sample using coin tossing. Here left- and right-skewed distribution for AUROC and p-values,
respectively indicate that PLSDA models predict significantly better that the random model does. C,
D, Using 4277 best models (i.e., AUROCva > 0.95) to predict class membership of 18 samples left in
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the test set and using AUROC (AUROC,) (C) and corresponding p-values (p-values ) (D) as

parameters for evaluating model predictive capability even better results compared to all PLSDA
models built with the training-validation set are obtained. These excellent results in the test set
increase confidence on predictive capabilities of BM.
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Figure S2. Distribution of the area under the ROC curve (AUROC)(blue bars) and corresponding
p-value (red bars) for PLSDA models obtained from red cells samples. As for plasma samples
distributions are left-skewed for AUROCs and right-skewed for p-values indicating that multivariate
models predict significantly better than the random model. A, AUROC values of 23'345 models built
with 60 samples of training-validation set. As for plasma samples each training model was built with
40 samples and its predictive capability was tested on the remaining 20 samples based on the area
under the ROC curve (AUROC ) and the associated p-value  in B, C, D For red cells best models

sum up to 7'955 (i.e., AUROCva 2 0.95) and their performance in evaluating class membership of
samples in the test set were excellent as measured by the AUROC (AUROC, ) (C) and the

corresponding p-values (p-values ) (D).



