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Abstract: The clinical standard of care for urothelial carcinoma (UC) relies on invasive procedures
with suboptimal performance. To enhance UC treatment, we developed a urinary comprehensive
genomic profiling (uCGP) test, UroAmplitude, that measures mutations from tumor DNA present
in urine. In this study, we performed a blinded, prospective validation of technical sensitivity
and positive predictive value (PPV) using reference standards, and found at 1% allele frequency,
mutation detection performs at 97.4% sensitivity and 80.4% PPV. We then prospectively compared
the mutation profiles of urine-extracted DNA to those of matched tumor tissue to validate clinical
performance. Here, we found tumor single-nucleotide variants were observed in the urine with a
median concordance of 91.7% and uCGP revealed distinct patterns of genomic lesions enriched in low-
and high-grade disease. Finally, we retrospectively explored longitudinal case studies to quantify
residual disease following bladder-sparing treatments, and found uCGP detected residual disease
in patients receiving bladder-sparing treatment and predicted recurrence and disease progression.
These findings demonstrate the potential of the UroAmplitude platform to reliably identify and
track mutations associated with UC at each stage of disease: diagnosis, treatment, and surveillance.
Multiple case studies demonstrate utility for patient risk classification to guide both surgical and
therapeutic interventions.

Keywords: bladder cancer; next generation sequencing; machine learning; genomic profiling; liquid
biopsy; urine

1. Introduction

Urothelial carcinoma (UC) of the bladder is the sixth most common cancer in the
United States, with an estimated 83,730 new cases in 2021 [1]. Approximately 75% of new
cases are diagnosed in individuals 65 years of age and older [1], and diagnosis is typically
made following bouts of blood in the urine (hematuria) or painful urination. Following
treatment, patients with both low- and high-risk disease undergo intensive screening regi-
mens of transurethral cystoscopies to visually inspect the bladder for disease recurrence ev-
ery 3–6 months for at least 5 years and annually thereafter [2,3]. Aggressive post-treatment
screening is required as the current standard of care results in a 60–70% recurrence rate
following initial treatment, and with disease progression in 5–20% of patients [4]. Despite
high recurrence rates, screening by cystoscopy has low compliance [5]. The ongoing chal-
lenges of implementing effective risk-stratified patient care results in UC having one of the
highest average life-long per-patient surveillance costs of any solid cancer [6,7].
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A urine-based diagnostic that detects tumors with high performance and provides
prognostic risk insights would enhance patient standard of care. Currently, urine cytology
serves as the standard noninvasive test, but performs poorly in the detection of low-grade
disease, and has poor overall sensitivity and a high “atypical/indeterminate” (uninforma-
tive) test result rate [8–11]. Multiple noninvasive urine biomarker tests have come to market
with similar limitations [12–15]. These tests are characterized by sparse measurements of
cellular processes (like proliferation) that can act as a proxy for tumorigenesis but are also
fundamental biological processes, associated with tissue damage/repair (e.g., kidney and
bladder stones, chronic kidney disease, catheterization, and recent instrumentation) and
inflammation (bacteriuria, cystitis, chronic urinary retention). These issues make biomarker
testing highly susceptible to false-positive test results in a clinical setting where these
confounding factors are prevalent. As a result, these technologies offer improved sensi-
tivity over cytology at the cost of compromised specificity [16,17]. In general, biomarker
urine tests have failed to achieve widespread clinical adoption due to a failure to provide
additional prognostic insights, middling performance [18], and a lack of quality clinical
benefit studies [19].

Advances in next-generation sequencing (NGS) technologies have facilitated the
growth of nucleic acid-based diagnostic strategies to quantify disease through expansive
genomic measurements. Assays that characterize circulating tumor DNA in blood plasma
have moved the concept of “liquid biopsy” into the clinic [20]. FDA-approved NGS tech-
nologies now support clinical decision making for multiple cancer types, informing disease
diagnosis [21], prognosis [22], treatment selection [23–25], recurrence monitoring [26,27],
and prediction of therapy resistance mechanisms [28,29]. Beyond blood, nascent urine-
based liquid biopsy technologies have been developed to analyze tumor and cell-free DNA
for somatic mutations [30–32] and DNA methylation signatures [33–35]. These research-
grade technologies offer promise for noninvasive detection of urologic tract malignancies;
however, crucial obstacles remain to achieve a robust clinical test. Fundamental chal-
lenges persist around the variability of urine, the costs and timing of NGS and laboratory
processing, the complexity and sophistication of algorithm customization, and the large
studies required for the massive datasets needed to support reproducible and statistically
significant discoveries. Together, these technical challenges have limited the progress of
urinary comprehensive genomic profiling (uCGP) diagnostics.

In this study, we describe the validation of UroAmplitude, a Clinical Laboratory Im-
provement Amendments (CLIA)-certified NGS-based uCGP test. UroAmplitude provides
a sample-to-answer platform with notable technical advances in the collection, storage,
extraction, and comprehensive genomic profiling of urine-derived DNA for the nonin-
vasive monitoring of UC. UroAmplitude detects mutations, including single nucleotide
variants (SNVs), insertions/deletions (INDELs), loss of heterozygosity, and copy number
variants (CNVs), across 60 genes. Here, we use matched tumor and urine specimens to
quantify UroAmplitude’s ability to detect tumor mutations in urine DNA. Further, we
demonstrate the ability of UroAmplitude to longitudinally monitor residual disease in
patients undergoing first-line bladder-sparing treatments including transurethral resection
(TUR) and treatment with Bacillus Calmette-Guerin (BCG).

2. Methods
2.1. Clinical Samples

Across all studies, a total of 341 subjects and 473 samples were prepared for various
validations (423 urine specimens for methodology validation and 91 tumor and urine
samples for somatic variant quantification) (Table S1). Cohort recruitment occurred at nine
urology practices and collections took place over the course of 57 months. Urology patients,
including urologic controls and urothelial carcinoma patients undergoing surgical resection
with curative intent were recruited with informed consent for research use at Convergent
Genomics. Inclusion criteria for the entire study: 1. 18 years of age or older; 2. Subjects
with diagnosis of cancer, healthy controls, and controls with other comorbid conditions;
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3. Female and male subjects of any racial or ethnic group; 4. Subject must be competent to
provide verbal consent.

For the prospective somatic variant concordance study (STARD, Figure S2) [36], inclu-
sion required: 1. UC-positive patients where FFPE slides were provided with pathological
confirmation of disease; 2. Urine was collected prior to surgical resection. Among 25 con-
cordance analysis evaluated subjects, six were excluded because urine was only collected
after resection, and one was excluded due to sequencing sample failure of the paired FFPE
specimen (Figure S2).

Tumor blocks were prepared as FFPE samples following standard fixation and his-
tology practices. FFPE sample sections were stained with haematoxylin and eosin (H&E)
and reviewed by a second independent pathologist to assess tumor grading and determine
extent of tumor tissue preserved on slides (Figure S5). For DNA extractions, slides with
minority percentages of tumor tissue were annotated to highlight tumor and healthy tissue
was removed by macrodissection before extraction. All urine samples were collected and
preserved in Enhanced Preservation Media (Convergent Genomics, South San Francisco,
CA, USA) [37] and transported at room temperature. All samples were stored at −80 ◦C
until processing.

This study follows the Standards for Reporting Diagnostic Accuracy (STARD) [36]
reporting guidelines where applicable. For methods transparency, a STARD methods
checklist with applicable page references and author commends is included as a supplement
to the paper (Supplemenary Materials).

2.2. DNA Purification

FFPE tumor samples were stored at room temperature and protected from light.
Samples were extracted using QIAamp DNA FFPE Advanced UNG Kit (QIAGEN, Ger-
mantown, MD, USA) according to the manufacturer’s protocol. DNA from EPM-stabilized
urine samples were extracted using the UroAmplitude Urine Total DNA Purification Kit
(Convergent Genomics, South San Francisco, CA, USA) using a solid-phase reversible
immobilization method customized for automation by a Microlab STARLET (Hamilton,
Reno, NV, USA). Briefly, lysis is performed by incubation at 60 ◦C in the presence of ionic
and non-ionic detergents and proteinase K. Following lysis, precipitation is performed
using paramagnetic beads, and immobilized nucleic acid is rinsed using an EtOH-based
wash. Purified DNA is eluted with low-EDTA TE. Purified DNA concentrations were
assessed by Qubit dsDNA HS assay (Invitrogen, Waltham, MA, USA).

2.3. Next Generation Sequencing

All NGS sequencing was performed according to the UroAmplitude procedure, a
Clinical Laboratory Improvement Amendments (CLIA) validated diagnostic test. Puri-
fied tumor and urine DNA was fragmented by sonication (Covaris ME220, Covaris LLC,
Woburn, MA, USA) before undergoing library preparation using the KAPA Hyper Prep
Kit (Roche, Basel, Switzerland) protocol and is optimized for automation by a Microlab
STARLET (Hamilton). xGen Dual Index adapters are synthesized by IDT and a custom
xGen Lockdown Probe panel (Integrated DNA Technology, Coralville, IA, USA) is used
for hybridization capture of DNA libraries. The hybridization capture workflow has been
optimized for performance on a Nimbus microLAB (Hamilton). Target-enriched libraries
are analyzed using a 2100 Bioanalyzer (Agilent, Santa Clara, CA, USA) and diluted for
sequencing. Libraries are loaded into a NextSeq 500/550 High Output Reagent Cartridge
(v2, 300 cycles) and sequenced on a NextSeq 550 (Illumina, San Diego, CA, USA).

2.4. Bioinformatics

Sequenced reads were demultiplexed with Picard Tools [38] (2.18.20), aligned to the
human reference genome hg19 with BWA [39] (0.7.17), followed by deduplication with
FGBio (0.8.1) [40]. Sequencing tracks are displayed as BAM files with the Integrative
Genomics Viewer (IGV) [41]. Variant calling was carried out with VarDict (1.8.3) [42,43],
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MuTect2 (4.2.3) [44,45], and the custom UroAmplitude algorithm. Optimal somatic variant
detection with MuTect2 or VarDict requires either a paired normal specimen or a panel-
of-normals. We chose a strategy that leverages a pool of normal urine samples (n = 16),
as this approach captures technical variability across diverse urine samples and uses the
same sequencing approach as future samples of interest. MuTect2 requires a variant calling
format (VCF) file consisting of merged variant calls across the panel of normal and was
constructed according to the GATK documentation. VarDict was run in paired mode in
which the paired normal sample consisted of alignment data from across samples in the
panel of normals.

The custom UroAmplitude SNV calling algorithms were purpose built for somatic
mutation detection in urine-derived DNA. Variant calling algorithms were trained on a
collection of 1:100 dilutions and the pool of normals described. The algorithms consisted of
an isolation forest machine learning approach to identify somatic variants and an empirical
modeling approach that uses noise at each location in the capture panel to establish location-
specific thresholds for variant calling. A minimum phred score of 30 and a variant allele
frequency of 0.15% was used for all variant callers.

Copy number variants were detected using a t-test approach to quantify statistically
significant coverage outliers when compared to a distribution of coverages among panel
of normal specimens. Copy number neutral loss of heterozygosity was measured by
quantifying deviations of the expected VAF (50% or 100%) at common germline SNP
locations [46,47]. VarDict (1.8.3) was used to call insertion-deletion events.

2.5. Statistics

The Jarque-Bera test was used to evaluate normality of all parameters. One-way
analysis of variance with Bonferonni post hoc correction was used to assess statistical
significance among parameters across multiple normally distributed parameters. For
continuous variables produced in bioinformatics pipelines we performed Mann–Whitney
U-tests. Reported p-values < 0.05 were considered statistically significant. True positives
(TP), false positives (FP), true negatives (TN), and false negatives (FN) were used to
quantify sensitivity = TP/(TP + FN), specificity = TN/(TN + FP), and positive predictive
value (PPV) = TP/(TP + FP) for each variant caller. Due to the panel size (>245,000 bp),
TNs vastly outnumber both FPs and TPs; therefore, we present PPV to assess algorithm
performance instead of specificity (which is >99% in all cases).

3. Results
3.1. Development of the UroAmplitude Assay for Somatic Mutation Detection in Urine-Derived DNA

UroAmplitude was built to enable the collection, storage, extraction, and compre-
hensive genomic profiling of urine-derived DNA for the noninvasive monitoring of UC
(Figure 1A). To evaluate the UroAmplitude platform, we began by assessing the DNA
recovered from clinical urine collections. Here, we asked whether DNA extracted from
clinical urine collections would reliably produce sufficient material and would the DNA
suffer from degradation. To protect against nuclease activity and other destructive proper-
ties of urine, patient samples are stabilized in Enhanced Preservation Media (Convergent
Genomics) in the clinic before room temperature transport. Here, we see that stabilized
urine samples are protected against nuclease-mediated digestion (observed after only two
hours of room temperature incubation) and demonstrate intact, high-molecular-weight
DNA when stored at room temperature for up to seven days (Figure 1B and Figure S1A–D).

Next, urine samples are subjected to a high-throughput extraction procedure that
purifies both cell-associated and cell-free DNA. To ensure that common urine contaminants
in individuals undergoing a work-up for UC diagnosis do not interfere with preservation
and extraction methodology, we investigated extraction yields in a cohort of asymptomatic
controls, hematuria patients, and UTI patients. Across all cohorts (423 total samples,
Table S1), we obtained sufficient DNA extraction yields to enable NGS (Figure 1C). Further,
we quantified differences in extraction yields among males, females, and individuals with
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confirmed bladder tumors at time of urine collection. On average, we found that females
produce greater DNA yields than men (167 ng to 43 ng), tumor-positive patients out-yield
tumor-negative patients (145 ng to 77 ng), and patients with high-grade (HG) disease out-
yield patients with low-grade (LG) disease (258 ng to 59 ng) (Figure 1D). Other variables,
like smoking history and benign prostatic hyperplasia (BPH) status, did not significantly
influence yields (Figure S1E).
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Figure 1. UroAmplitude workflow schematic and technical validation. (A) Urine samples are
preserved in EPM at collection and shipped to Convergent Genomics laboratories where samples
undergo automation-assisted DNA extraction, library preparation, target enrichment, and NextGen
sequencing. A custom bioinformatics pipeline detects SNVs and CNVs and predicts disease status
and risk. (B) Fragment Analyzer (FA) “gel view” of urine DNA purified immediately or after 7 days
of RT incubation unbuffered or EPM stabilized. (C,D) Box plots of median extraction yields from
4ml urine aliquots for key urology clinic demographics: sex (n = 21), disease status (n = 272) and
grade (n = 73), hematuria status (n = 92), and urinary tract infection (UTI) status (n = 139).* p < 0.05,
** p < 0.01. (E) Representative IGV tracks of gene-level sequencing coverage following UroAmplitude
or Illumina TruSeq capture. (F) Relative coverage (coverage at one location normalized to the median
coverage across all locations) distributions for UroAmplitude and Illumina TruSeq hybrid capture
methodologies. Sites outside 50% variance are highlighted. (G,H) Blinded, independent validation
of technical sensitivity and Positive Predictive Value (PPV) for simulated somatic variants with
heterozygous Variant Allele Frequencies (VAF) of 50%, 5%, and 1%. Three different variant callers are
compared (MuTect, Vardict, and UroAmplitude).
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We next sought to identify mutations in urine-derived DNA. To target genes that
are recurrently mutated in UC, we constructed a custom oligonucleotide hybrid capture
panel using public sequencing data on 1586 sequenced bladder tumor specimens [48,49]
encompassing a diversity of low- and high-grade tumors and spanning superficial and
invasive staging. Locations were chosen to maximize the interrogation of single-nucleotide
variants (SNV), insertion-deletions (InDel), and copy number variations (CNV). The final
panel includes 60 genes, spanning 245,103 bases of genomic space.

Early attempts with commercial hybrid capture panels often yielded inconsistent
sequencing coverage with wide variance. This resulted in missed mutations in regions
with insufficient sequencing information and wasted sequencing at regions with extreme
excess. The custom UroAmplitude panel design was optimized to best ensure sequence
coverage uniformity across all target regions (Figure 1E,F). To assess panel performance, we
compared the sequencing of ten urine DNA samples enriched with both the UroAmplitude
and TruSeq Custom (Illumina) hybrid capture panels. In reviewing coverage depth across
individual genes and exons, we found that the coverage uniformity across large exons
was significantly improved with UroAmplitude; longer exons captured with TruSeq often
demonstrated extreme variability, with individual exons having 10- to 20-fold variation of
depth across their length (Figure 1E). Across small exons, we observed uniform coverage
within the exon using either Illumina TruSeq or UroAmplitude panels, but TruSeq produced
greater depth-of-coverage variation from exon to exon (Figure 1E).

Next, we measured the coverage uniformity of the entire hybrid capture panel by
comparing the distribution of relative coverage for the UroAmplitude and TruSeq panels.
(Relative coverage is defined as the coverage at a specific location normalized to the median
coverage of all locations in the panel.) Here, we found TruSeq probes produced higher
coverage variability, with a standard deviation 2.1 times that of UroAmplitude. At the
extremes of the distribution (shaded in red), we found TruSeq produced 5.8 times more
locations with high variability than UroAmplitude (Figure 1F). Together, these data show
that the hybrid capture uniformity achieved by the UroAmplitude custom panel produces
more consistent sequencing performance.

To detect somatic SNVs in urine-derived DNA, we set about testing the widely-
used variant callers VarDict (1.8.3) [42,43] and MuTect2 (4.2.3) [44,45]. As our diagnostic
paradigm operates in the absence of a paired normal tissue specimen (e.g., blood or
saliva), the variant caller must independently account for technical noise and successfully
distinguish somatic from germline SNVs while maintaining high sensitivity and positive
predictive value (PPV). Following the recommended protocol for non-paired modes [42,44],
a panel of normal samples (n = 16) was assembled to serve as a noise model during variant
calling with both VarDict and MuTect2. These variant callers were then used to call spike-in
variants created by diluting one reference sample into the background of another (Coriell
Institute, NIGMS reference repository). We explored dilutions of 1:10 and 1:50, in triplicate,
to produce simulated somatic variants (diluted germline variants) with expected variant
allele frequencies (VAFs) of 10%, 5%, 2%, and 1%. MuTect2 demonstrated 57% sensitivity
in pure sample but achieved only 0.5% and 4.1% sensitivity in 1:10 and 1:50 dilutions,
respectively (Figure 1G). In contrast, VarDict performed with a sensitivity above 90% across
all dilutions (Figure 1G); however, this performance came at the expense of a high number
of false positives, as 1:10 and 1:50 dilutions achieved 40% and 17.4% PPV, respectively
(Figure 1H).

To overcome the challenge of low PPV when calling somatic SNVs, while maintaining
high sensitivity, we developed an ensemble variant-calling approach purpose-built for
urine-derived DNA. Model parameters were optimized using a set of reference and replicate
samples to account for technical and biological variability. The ensemble model was trained
to a sensitivity of 91% and PPV of 94%. The model was then validated on a set of held-out
reference samples and was observed to have a sensitivity above 97% with a PPV above 80%
for variants with 5% and 1% allele frequency (Figures 1G,H and S1F).
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3.2. Comprehensive Genomic Profiling of UC: Comparison of Tumor and Urine

To assess the ability of UroAmplitude to comprehensively profile the genomic charac-
teristics of UC, we next investigated a collection of tumor specimens for which urine was
available either at time of diagnosis or following resection (Table S1). Across the 23 patients
whose tumor and urine samples were profiled (67 total samples), TERT promoter mutations
were the most common. We observed TERT promoter mutations in 61.7% of UC-positive
samples, with a moderate enrichment in HG disease (Figure 2A,C). However, in cystoscopy-
negative urine samples, TERT promoter mutations were rare (4.8% of samples). PLEKHS1
promoter and FGRG3 missense mutations were the next most frequently observed variants,
at 38.3% and 36.2%, respectively, followed by TP53 mutations at 31.9%. Consistent with
previous reports [48], FGFR3 and TP53 mutations are the most powerful indicators of
cancer grade, with FGFR3 mutations enriched in LG and TP53 mutations enriched in HG
tumors (Figure 2A,C). Genes responsible for encoding critical effectors and regulators of
chromatin remodeling were also frequently mutated and enriched for deletion events. The
most frequently mutated among these was KMT2D (31.9% of disease-positive samples),
followed by ARID1A, KDM6A, CREBBP, KMT2C, and KMT2A (12.8%). In general, SNV
events in epigenetic regulators were found to be evenly represented in both HG and LG
disease (Figure 2A,D). Mutations in tumor suppressors (such as TP53 and STAG2) and
epigenetic regulators were occasionally observed in cystoscopy-negative urine samples of
patients with a prior history of bladder cancer (2.3× enrichment in tumor-positive versus
post resection negative cystoscopy samples); whereas oncogenes were rarely observed in
post resection samples. For example, FGFR3 was enriched greater than 8x in tumor-positive
samples, while PIK3CA mutation and FGF3 amplification were never observed in post
resection, negative surveillance cystoscopy samples (Figure 2A,B).

We also assessed genome alterations by measuring both CNV and copy-number-
neutral loss of heterozygosity (LOH) across the entire panel. Significant CNV activity
was not observed in cystoscopy-negative UC surveillance urine samples, while HG tu-
mor samples demonstrated the most substantial CNV alterations among disease-positive
samples (Figure 2B). SPAG1 copy number gain was the most frequently observed CNV
event and was heavily enriched in HG disease (Figure 2A,E). CDKN1A gain was the next
most prevalent CNV event and was observed evenly in HG and LG disease. CDKN2A loss
and FGF3, PAIP1, and SOX4 gains were also frequently observed, but only in HG disease
(Figure 2E). Finally, we found that LOH events were enriched in HG patients compared to
LG patients (p = 0.0367, Mann–Whitney U), with twice the number of events in HG samples
on average (Figure 2B,F).

In summary, HG tumors and matching urine samples were enriched in TP53 mutations,
LOH events, and genes demonstrating CNV, whereas LG disease was enriched in FGFR3
mutations and rarely demonstrated significant CNV activity, especially in urine collections.

3.3. Somatic Variant Concordance: Comparing Mutations in Urine to Matched Tumor

To clinically validate UroAmplitude SNV detection, we applied the assay to 18 urine
specimens from UC patients, taken prior to tumor resection, for which matched tumor
sequencing was available (Figure S2, Table S1). We next compared the mutations identified
in the matched tumor and urine samples to access concordance (Figure S3). Tumors were
sequenced to an average depth of 462 genomes, which supported confident variant calling
down to the sub-clonal VAF cutoff of 10% established by Gerstung and colleagues [50].
Among SNVs detected, we observed that a median of 91.7% of mutations found in tumor
DNA were also found in the urine DNA, while a median of 57.6% of mutations found in
urine DNA were also found in tumor DNA (Figure 3A). We next assessed the respective
VAFs of concordant mutations found in both tumor and urine. Here, we observed that
subjects with HG disease consistently demonstrated higher average VAFs in the urine than
those with LG disease (p = 0.0046, Mann–Whitney U). HG tumor VAFs largely recapitulated
the VAFs observed in the urine above 10%, approximating a 1:1 trendline, whereas LG
tumor mutations tended to exhibit more diluted frequencies in the urine (Figure 3B). Finally,
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we investigated mutations that were observed in the urine but not found in the tumor. In
general, urine-exclusive events had low VAFs, with 72.5% of variants having VAFs below
1.0%. We also found that urine-exclusive events were 64% more likely to be found in HG
samples than LG samples, and at higher average VAFs, consistent with urine-exclusive
events having potential biological and clinical relevance (Figure 3C).
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Figure 2. Genomic profile of the urothelial carcinoma cohort. (A) Tumor (left, n = 23) and urine
(right, n = 44) SNVs are illustrated for each patient sample with pathologic correlates (one column
per patient). All genes mutated in >2.5% of tumor positive samples are shown. For urine samples, the
cystoscopy status is color coded. Cystoscopy positive and negative urines are collected before and
after tumor resection, respectively. (B) Significant CNV events (log2 fold change) and copy-neutral
loss of heterozygosity (LOH) (total events) are shown. All CNV events present in >2.5% of tumor
positive samples are shown. (C) Mutation prevalence in HG and LG disease are shown for the most
frequently identified genes, genes that correlate with grade, and (D) genes responsible for epigenetic
regulatory mechanisms. (E) Mutation prevalence of genes with most frequently observed CNVs, with
gains or losses highlighted. (F) LOH events are plotted for HG (n = 34) and LG (n = 32) disease with
mean and 25–75-percentiles highlighted (** p = 0.0367, Mann–Whitney U).
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Figure 3. UroAmplitude mutation concordance between tumor and matched urine. (A) Median
concordance of mutations measured in matched tumor (n = 18) and urine samples are shown for
tumor mutations found in urine and urine mutations found in tumor. (B) Concordant mutations
were plotted according to their respective VAFs in tumor and urine with high grade (HG) samples
in dark blue and low grade (LG) samples in light blue. Significance of mean VAFs was assessed
using Mann–Whitney U (p = 0.0046). The dotted line highlights a 1:1 VAF ratio for Urine and Tumor
variants above 10%. (C) Urine exclusive events (mutations not found in the tumor) were plotted
according to the VAFs with HG and LG samples highlighted.

We next assessed tumor-concordant and urine-exclusive SNV events found in the
urine of individual patients. Across three unique patient cases (Figure 4A–C), we analyzed
matched tumor-urine sequencing from urine samples collected at the time of diagnosis.
In each case, UroAmplitude identified UC-associated mutations with 100% concordance
(tumor mutations found in urine). In the case of Patient 42, UroAmplitude accurately
profiled the tumor from urine samples collected during a check-up for hematuria and
again when the patient returned for cystoscopy follow-up (Figure 4B). In all cases, low
VAF urine-exclusive events were identified that could be distinguished from the defining
genomic variants of the primary tumor.

Finally, we reviewed SNVs in two patients with HG invasive cancer diagnoses which
also had high numbers of urine-exclusive events (Figure 4D,E). In both cases, the mutational
signatures of the tumor specimens were evident in the UroAmplitude profiling of the
matched urine samples, and we observed 100% and 83.3% concordance for patients 64 and
70, respectively. We also identified numerous urine-exclusive, secondary mutations (ten
and five, respectively) that were present with VAFs an order of magnitude lower than the
core mutations of the tumor (Figure 4D,E).

Altogether, these data illustrate that the UroAmplitude platform can establish the
mutational profile of a patient’s tumor from a urine collection taken prior to surgery.
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Figure 4. UroAmplitude urine analysis at the time of diagnosis establishes a comprehensive
genomic profile of the tumor. The mutation profile of matched urine and tumor are grouped chrono-
logically to demonstrate the somatic mutation concordance between urine samples at diagnosis and
resected tumor. Tumor mutations are color-coded to facilitate identification across collections. When
multiple mutations are identified in the same gene (ex. PLEKHS1 in Patient 30 and ERBB2 in Patient
70), each mutation is distinguished by color and given a numeric suffix. (A–C) demonstrate high
tumor-in-urine concordance with few urine-exclusive events. (D,E) demonstrate high tumor-in-urine
concordance with high numbers of urine-exclusive events (denoted as secondary). Abbreviations:
primary (1◦), secondary (2◦), diagnosis (Dx), transurethral resection of bladder tumor (TURBT).

3.4. UroAmplitude Case Studies Monitoring Residual Disease following TURBT

In addition to urine collections taken prior to tumor resection, we sequenced lon-
gitudinal urine collections taken immediately following resection, or over the course of
post-surgery surveillance. Using these longitudinal collections, we asked whether we could
detect disease recurrence following resection.

As expected, we saw that patients with HG disease were most likely to demonstrate
residual mutation signatures from the primary tumor in the urine following resection.
Patients 31 and 46 were particularly clear examples of residual primary disease following
surgery. Sequencing of the primary tumor from Patient 31 revealed four core mutations,
with three present above 40% VAF: ARID1A, TERT, and TP53 (Figures 5A and S4). Three
days following resection of this tumor, urine was collected during routine follow-up, and all
three high-VAF mutations remained present in the urine at VAF greater than 5%, indicating
the presence of residual primary disease. One month later, after a restaging surgery was
performed, pathology reported the resected tissue negative for tumor. A subsequent urine
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collection revealed no remaining evidence of the primary tumor, suggesting the restaging
surgery was successful (even though tumor was not observed in the tissue reviewed by
pathology). A surveillance urine collection 7 months after the first resection again showed
no evidence of the primary tumor, and the patient has remained cystoscopically negative
for 21 months.
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Figure 5. Post-resection mutation profiling reveals residual primary disease in surveillance urine
collections. The mutation profile of matched tumor and urine samples are grouped chronologically
to demonstrate genomic changes over the course of treatment. Tumor mutations are color-coded to
allow surveillance across longitudinal collections, with residual primary (1◦) tumor mutations present
in the urine highlighted. Disease modeling incorporates UroAmplitude genomic features (mutation
color-coding) with clinical treatment and pathology. (A) Patient 31 demonstrates residual primary
tumor mutations after the initial transurethral resection (TUR), but successful elimination of these
mutations following restaging of the primary site. The patient has no evidence of visibly apparent
recurrence out to 21 months of surveillance cystoscopy. In contrast, (B) Patient 46 demonstrates
persistent primary tumor mutations both after the primary TUR and after restaging. The patient
experiences metastatic progression detected 13 months following initial TUR.

Sequencing of the primary tumor from Patient 46 revealed six mutations with VAFs
between 30–80%. Using UroAmplitude we observed these same six mutations in a urine
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collection following initial resection of this tumor (Figures 5B and S4). Consistent with
persistent urine mutations, pathology from the restaging surgery found evidence of HG
disease and the patient underwent radiation and chemotherapy. At 6.5 months, a follow-up
cystoscopy was negative, but urine collected at the time continued to measure dominant
tumor mutations, with both highest-frequency mutations (STAG2 and KMT2D) remaining.
At 13 months, disease progression was observed by CT, with metastatic tumor spread to
the abdomen and spine.

These findings illustrate UroAmplitude’s ability to detect residual disease in the urine
of patients following resection of their primary tumor. When combined with time-of-
diagnosis testing (Figure 4), UroAmplitude has the capacity to characterize and surveil a
patient’s disease strictly from urine collections. In Patient 22, we present a case where uri-
nary profiling is performed both before and after resection (Figure 6). Here, five mutations
with variant allele frequencies around 10% are measured in urine collected at the time of
cystoscopy. The five mutations include FGFR3, TERT, and three epigenetic regulators, and
together are indicative of a LG tumor. Following resection, pathology confirmed the tumor
as LG and UroAmplitude sequencing of the tumor found 100% mutation concordance
between urine and tumor. A follow-up collection, taken 13 days after surgery, showed no
evidence of any of the five defining tumor mutations, suggesting the surgery was successful
in removing the entirety of the tumor. Urine collections over the following seven months
showed no evidence of residual/recurrent disease. Surveillance cystoscopy has continued
for this patient up to 19 months, and they remain tumor negative.

J. Clin. Med. 2022, 11, x FOR PEER REVIEW 13 of 22 
 

 

regulators, and together are indicative of a LG tumor. Following resection, pathology con-
firmed the tumor as LG and UroAmplitude sequencing of the tumor found 100% mutation 
concordance between urine and tumor. A follow-up collection, taken 13 days after sur-
gery, showed no evidence of any of the five defining tumor mutations, suggesting the surgery 
was successful in removing the entirety of the tumor. Urine collections over the following 
seven months showed no evidence of residual/recurrent disease. Surveillance cystoscopy has 
continued for this patient up to 19 months, and they remain tumor negative. 

 
Figure 6. Complete resection with optimal molecular surveillance. The mutation profile of 
matched tumor and urine samples from Patient 22 are grouped chronologically to demonstrate ge-
nomic changes over the course of treatment. Tumor mutations are color-coded to facilitate identifi-
cation across longitudinal collections. Multiple mutations are identified in the gene KMT2D, and 
are distinguished by color and numbered. Abbreviations: none detected (N.D.), diagnosis (Dx). 

3.5. Intravesical Therapy Response Case Studies 
Next, we tested the performance of UroAmplitude for detecting residual disease bur-

den in patients receiving intravesical therapy (IVT) following resection of an HG tumor, 
using three patients as case studies. In these case studies we explore UroAmplitude testing 
utility when a urine sample is available either before resection or prior to BCG induction, 
but where a paired tumor specimen was not available. For Patient 6 (Figure 7A), urine 
was collected before and after surgery and throughout the course of Bacillus Calmette-
Guerin (BCG) treatment. UroAmplitude identified TERT, PLEKHS1, FOXQ1, KMT2C, and 
ERBB2 somatic events in urine collected prior to resection of an HG T1 multifocal tumor. 
In a subsequent urine sample taken following resection but prior to the first instillation of 
BCG, the same constellation of mutations was present, albeit at reduced VAFs, indicating 
incomplete resection (Figure 7A). Over the course of BCG instillation, this core set of mu-
tations was gradually reduced, with late clonal [50] mutations no longer detected after the 
third instillation, and early clonal mutations no longer detectable by the final instillation. 
A KMT2C mutation—present at the time of first collection at 2.5% VAF—originally ap-
peared to be a sub-clonal mutation of the primary tumor, but unlike all other core muta-
tions, its allele frequency was not reduced following resection. In addition, this mutation 
persists throughout the course of IVT and grows in allele frequency. 

Figure 6. Complete resection with optimal molecular surveillance. The mutation profile of
matched tumor and urine samples from Patient 22 are grouped chronologically to demonstrate
genomic changes over the course of treatment. Tumor mutations are color-coded to facilitate identifi-
cation across longitudinal collections. Multiple mutations are identified in the gene KMT2D, and are
distinguished by color and numbered. Abbreviations: none detected (N.D.), diagnosis (Dx).

3.5. Intravesical Therapy Response Case Studies

Next, we tested the performance of UroAmplitude for detecting residual disease
burden in patients receiving intravesical therapy (IVT) following resection of an HG tumor,
using three patients as case studies. In these case studies we explore UroAmplitude testing
utility when a urine sample is available either before resection or prior to BCG induction,
but where a paired tumor specimen was not available. For Patient 6 (Figure 7A), urine was
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collected before and after surgery and throughout the course of Bacillus Calmette-Guerin
(BCG) treatment. UroAmplitude identified TERT, PLEKHS1, FOXQ1, KMT2C, and ERBB2
somatic events in urine collected prior to resection of an HG T1 multifocal tumor. In a
subsequent urine sample taken following resection but prior to the first instillation of
BCG, the same constellation of mutations was present, albeit at reduced VAFs, indicating
incomplete resection (Figure 7A). Over the course of BCG instillation, this core set of
mutations was gradually reduced, with late clonal [50] mutations no longer detected after
the third instillation, and early clonal mutations no longer detectable by the final instillation.
A KMT2C mutation—present at the time of first collection at 2.5% VAF—originally appeared
to be a sub-clonal mutation of the primary tumor, but unlike all other core mutations, its
allele frequency was not reduced following resection. In addition, this mutation persists
throughout the course of IVT and grows in allele frequency.
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Figure 7. Residual disease surveillance during intravesical therapy. Longitudinal mutation profiles
in urine samples taken over the course of BCG instillation. Mutations are grouped chronologically to
demonstrate genomic changes over the course of treatment. Tumor mutations are color-coded to allow
surveillance across longitudinal collections, with residual primary tumor mutations present in the
urine highlighted. (A) Patient 6 surveillance begins at the time of a positive cystoscopy and continues
after TUR and throughout the course of BCG instillation. Putative early and late-clonal mutations of
the primary (1◦) tumor are highlighted, as well as a secondary (2◦) site. (B) Patient 10 surveillance
begins after their first BCG instillation and continues throughout the course of treatment until tumor
recurrence at 26 weeks. None detected (N.D.).
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Patient 10 (Figure 7B) presents an example of a tumor-naïve paradigm in which
surveillance specimens were acquired only after surgery for HG Ta/CIS disease and
initiation of IVT. UroAmplitude measured TERT and FOXA1 mutations at 8.4% and 4.3%
VAF, respectively, prior to the second BCG instillation. These mutations were significantly
attenuated over the course of treatment, decreasing to 0.36% (TERT) and 0.26% (FOXA1)
and ultimately zero at the time of a negative cystoscopy following the BCG course. Three
months later, at a surveillance follow-up, UroAmplitude again detected the TERT/FOXA1
mutations, indicating tumor recurrence that was confirmed by cystoscopy. A subsequent
TUR was performed and confirmed the continued presence HG Ta/CIS disease.

Lastly, we examined Patient 13, who had been diagnosed with HG multifocal CIS and
for whom the first urine was collected after resection (Figure 8). During the primary TUR,
foci of CIS were removed from the posterior, left, and right lateral walls of the bladder
as well as from the prostatic urethra. UroAmplitude surveillance of Patient 13 began
on the first day of BCG induction, where we identified a mutation burden characterized
by high-VAF mutations in TERT (52.3%), PLEKHS1 (34.1%) and TP53 (32.5%). Over the
6-week course of the first BCG induction, the mutational burden was substantially reduced,
leaving core mutations at just ~1% VAF. Follow-up cystoscopy at 15 weeks was negative
and cytology was atypical/inconclusive.
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Figure 8. UroAmplitude predicts persistent disease and invasive progression with a 20-month
lead-time. Longitudinal mutation profiles in urine samples taken over the course of BCG instil-
lation. Mutations are grouped chronologically to demonstrate genomic changes over the course
of treatment. Tumor mutations are color-coded to allow surveillance across longitudinal collec-
tions. Patient 13 surveillance begins at the time of first BCG instillation and continues for 1 year and
7 months. Disease recurrence with invasive progression occurs 20 months from initial TUR. Four
intervening time-points for surveillance cystoscopy/cytology are included without corresponding
UroAmplitude testing. Atypical cytology results are noted as reactive (R) or suspicious (S). Low
frequency (<1.0%), nonrecurring mutations are withheld in the interest of space and clarity.

Maintenance BCG began at 21 weeks. UroAmplitude showed an increase in primary
tumor mutation frequency since completion of BCG induction, and a slight reduction by the
conclusion of the maintenance course. At 29 weeks, cystoscopy and cytology were negative.
At 37 weeks, a second BCG maintenance course began and UroAmplitude again detected
a substantial increase in mutation frequency. Core mutations in TERT and TP53 returned
to ~30% VAF, but post-maintenance cystoscopy and cytology remained negative. During
a surveillance visit at 55 weeks, cystoscopy was again negative, but urine cytology was
suspicious; UroAmplitude mutations were now observed as high as 40% VAF (Figure 8).
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In response to suspicious cytology, at 62 weeks Patient 13 underwent blue-light-
assisted cystoscopy that was not able to visualize tumor. Random mapping biopsy was
performed that confirmed HG CIS on the posterior wall of the bladder and “atypical, favor
reactive” tissue from the prostatic urethra. Following surgery, Patient 13 began a second
BCG induction while UroAmplitude analysis measured a further increase in mutational
burden, as high as 70% VAF. Sample analysis following the second BCG induction showed
no significant reduction of mutant allele frequency, and a final urine collection, taken at
82 weeks, showed core tumor mutations persisting at high allele frequency. Cystoscopy at
this time remained negative, but cytology returned a definitive positive. Patient 13 was
then referred to a Comprehensive Cancer Center for continued treatment, and blue-light-
cystoscopy-guided TUR found a HG T4a lesion of the prostatic urethra, with extensive
invasion into the prostate (Figure 8). Together, these longitudinal studies illustrate the
ability of UroAmplitude to act as a noninvasive companion diagnostic to IVT by enabling
assessment of BCG response and treatment durability.

4. Discussion

Due to the invasiveness, morbidity, and limited performance of cystoscopy—coupled
with urinary cytology’s lack of clinically performant sensitivity—there is a clear unmet need
for urine-based tools for diagnosis, surveillance, and screening of high-risk UC populations.
Biomarker technologies introduced over the past decade have brought about increased
sensitivity of UC detection compared to urine cytology but at the expense of decreased
specificity, preventing their adoption in international guideline recommendations [17,51].
In many cases, biomarker assays are either contraindicated or unable to provide confident
results in common urologic scenarios, including recent instrumentation/catheterization,
presence of UTI, and during IVT. Other biomarker testing algorithms rely heavily on the
input of already established clinical risk factors provided by the ordering physician, failing
to provide significant unique insight. These factors limit these biomarkers’ real-world
performance, and together with an absence of substantive clinical benefit studies, have
kept these technologies from achieving widespread clinical adoption.

Here, we introduce UroAmplitude, a non-invasive, urine-based NGS approach to
comprehensively profile the genomic aberrations underlying UC. UC is a heterogeneous
disease state in which individuals harbor diverse drivers of oncogenesis (e.g., driver
mutations, copy number alterations, epigenetic dysregulation) that cannot be captured in a
low-dimensional biomarker assay. We validate UroAmplitude’s ability to directly measure
these individualized root causes by genotyping primary tumors and demonstrating a
>90% concordance rate of tumor tissue mutations observed in urine specimens. In contrast
to biomarker-based assays that focus solely on disease presence/absence, we illustrate
how UroAmplitude provides actionable clinical insights by enabling longitudinal genomic
profiling (whether tumor-informed or tumor-naïve) to support key clinical decision points
faced by urologists: post-TUR assessment, recurrence monitoring, and treatment escalation
in individuals where intravesical therapy is failing to reduce residual disease burden.

In this study, we detail the technological advances made to turn the promise of uCGP
into clinical-grade testing reality. Many key improvements came from customizing general
purpose technologies to our specialized objective. For example, VarDict and MuTect are
well characterized general use variant callers that are versatile and serve broad applications.
In contrast, the UroAmplitude variant caller was trained using ultra-deep sequencing
of UC-specific genome locations, with urine derived DNA, and UroAmplitude-specific
sequencing methodology. As such, it is not surprising that UroAmplitude’s variant caller
has a significant performance edge on these general-purpose variant callers in the context
of this study.

Though we demonstrate the considerable potential of UroAmplitude, our approach
requires continued work. The matched-tumor cohort presented here is modest in size, and
we test for more genes than we have analyzed samples. We do observe frequently mutated
genes, such as TERT, FGFR3, and TP53, at rates we would expect based on the literature [48],
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further evidence of the accuracy and validity of UroAmplitude; but with the study’s current
size, we are not statistically powered to assess the prevalence of less frequently mutated
genes. As expected, CNV detection was muted in urine samples compared to pure tumor;
this was particularly apparent in the low rate of copy number loss events observed in urine
(such as CDKN2A) compared to that in the literature [52]. Because variant calling is tuned
for maximal PPV, copy number events are underrepresented in tumors shedding a low
tumor fraction into the urine. Despite a reduced sensitivity for low-level gene loss, we do
find a strong correlation between CNV activity and both the pathologic grade and stage of
a patient’s cancer. HG and invasive tumors are notably enriched in urinary CNV activity,
supporting the prognostic value of the approach. This study provides validation of UroAm-
plitude’s variant calling in a modest prospective cohort, but disease classification and risk
assessment will need further retrospective and prospective validation across larger cohorts.
Nevertheless, the clinical case studies presented here support UroAmplitude as a sensitive
means to diagnose UC and predict long term outcomes. Finally, UroAmplitude has not yet
been validated against rare urothelial and non-urothelial malignancies. Adenocarcinoma
and paraganglioma of the bladder, as well as rare UC subtypes are more likely to present
with mutations outside of the UroAmplitude 60 genes panel and are therefore more likely
to evade detection.

4.1. Minimal Residual Disease

By studying the mutational dynamics following an initial resection, we demonstrate
UroAmplitude’s ability to support clinical assessment of TUR efficacy. In two case studies of
initial HG T1 and T2 diagnoses (Figure 5), each of these patients was immediately scheduled
for a follow-up restaging surgery without any clinical insight regarding the effectiveness
of their initial surgery. In each case, the patient’s defining tumor mutations were reduced
in signal intensity but persisted in the urine following initial surgery, suggesting residual
disease endured in the margin of the initial biopsy site. These case studies illustrate how
UroAmplitude may inform a physician of residual tumor in the bladder following surgery,
and reinforces the value of surgical re-resection for high-risk patients. These cases also
reveal an additional potential insight, namely that monitoring reduction of specific mutation
allele frequencies over time and in response to surgery can determine whether a patient has
residual margin at the original resection site or a secondary independent/multifocal tumor.
Such insights can help guide clinical decision-making: in one scenario, where mutations
are reduced by surgery but not eliminated, a secondary resection at the initial surgery site
is probably beneficial. In another scenario, where high allele frequency mutations persist
and are not reduced by a surgical intervention, exploratory mapping biopsy or enhanced
blue-light cystoscopy may be more appropriate. In both presented cases, the successful
clearance or persistence of tumor mutations after restaging surgery might have helped to
guide physician-patient decision-making around the appropriateness of bladder-sparing
approaches verses radical cystectomy [53,54].

4.2. Monitoring Response to Intravesical Therapy and Early Identification of Therapeutic Resistance

Although intravesical therapy (IVT) is the standard of care following surgical resection
of HG tumors, currently there are no diagnostic tests to monitor treatment efficacy. Many
biomarker-based assays are either contraindicated or challenged by treatment-related in-
flammation and are unable to provide meaningful results when used near BCG treatment.
Rates of atypical/indeterminate urine cytology can be as high as 70–90% in the months
following BCG [55]. Further, interpretation of cystoscopy is often difficult in the setting of
post-treatment erythema, which can be challenging to distinguish from recurrent malig-
nancy [56]. Thus, there is a pressing unmet need to provide clinicians the ability to assess
treatment response to IVT interventions.

Here, we demonstrate UroAmplitude’s ability to track a patient’s response to IVT in
real-time, documenting disease evolution at each BCG instillation. In all three case studies
presented, patients have substantial disease burden after surgery but respond favorably
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to induction [57,58]. Patient 6 (Figure 7A) is a best-case scenario, as they responded
robustly to induction and remained disease-free for the duration of surveillance. Patient
10 (Figure 7B) initially responds, but they do not see appreciable change in tumor burden
until the end of their induction cycle, and recurrence is detected during surveillance three
months later. Patient 10’s late-cycle response raises the question of whether they could have
benefited from more than the standard six cycles of induction. Finally, Patient 8 (Figure 8)
provides a perspective where longitudinal urine specimens were available across multiple
courses of BCG induction and maintenance. In contrast to the first two cases, this patient
showed minimal response to multiple treatments. UroAmplitude identifies a continuous
and significant tumor burden throughout treatment and surveillance. Their tumor is
defined by a TP53 mutation that carries a poor prognosis with increased risk of resistance
to neoadjuvant chemotherapy, tumor invasion, and metastasis [48,59]. Despite careful
implementation of standard of care, it takes 20 months for this patient to receive a referral
to a uro-oncology specialist, where they are ultimately diagnosed with an extensively
invasive T4a tumor. Though this case-study is observational and retrospective, the high-
risk features identified by UroAmplitude early on and throughout this patient’s course
of treatment could have provided more than a year of lead-time to identity the recurrent
tumor and possibly prevent its invasive and potentially life-threatening progression. In
whole, these case studies illustrate the ability of UroAmplitude to monitor response to
intravesical therapy in both tumor-informed and tumor-naïve longitudinal surveillance.

4.3. Clinical Utility Today and Expanding in the Future

The insights provided by UroAmplitude are actionable today and may inform surgical
planning, risk stratification, surveillance intensity, and the need for blue-light cystoscopy
and mapping biopsies. Differentiation of patients who do not respond to BCG or who have
residual muscle-invasive disease may identify strong candidates for cystectomy or FDA-
approved therapies (valrubicin, pembrolizumab, atezolizumab, or erdafitinib); decreasing
the time to surgical and targeted therapeutic interventions can save lives [60]. Informed by
future interventional studies, UroAmplitude may also allow for patient-tailored dosing
of IVT or accelerated re-induction. The actionability of these insights will be further
enhanced through application of machine learning algorithms to define the likelihood of a
positive cystoscopy, the likelihood of having pathologically HG cancer identified on biopsy,
and the risk of tumor invasion, all based on urinary genomic profiles. Machine learning
also has the potential to provide predictive insights into recurrence risk and timing to
recurrence. To realize this potential, larger studies will need to be performed. A common
challenge in genomic studies is the vast scale of measurement and the need for large
clinically diverse cohorts to identify reproducible correlations between somatic mutations
and patient outcomes.

The benefits of urinary comprehensive genomic profiling will increase with time and
larger clinical studies. For example, the identification in this study of low allele frequency
bladder-clonality-associated mutations (see patients 6, 64, 70) are an intriguing risk factor
which may predict long-term recurrence or therapeutic resistance [61]. In fact, in the initial
diagnosis setting, recent research has shown that at least one type of clonality mutation
can precede (and likely predict with high specificity) UC as early as 10 years in advance of
clinical diagnosis [62]. However, debate remains over how to best manage patients whose
disease (or predicted disease) is months or years from being clinically visible by cystoscopy.

Today, a rich pipeline of therapeutic development in urologic oncology means that the
gene-level insights contained within UroAmplitude will become progressively more appli-
cable and actionable over time. We believe a future exists wherein patients with high-risk
pre-malignant mutations are identified years before the development of invasive tumors.
Timely definition of this risk will provide ample opportunity for lifestyle modification and
chemo-preventative intervention, similar to programs implemented today in hereditary
cancer syndromes and breast cancer prevention [63].
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5. Conclusions

We have developed a sample-to-answer platform that enables the collection, room
temperature storage, DNA extraction, and comprehensive genomic profiling of urine-
derived DNA for the noninvasive monitoring of UC. In this report, we have demonstrated
the ability of UroAmplitude to detect somatic variants in both early and late-stage UC
and provide insights to aid critical clinical decisions across multiple disease scenarios and
case studies.

Supplementary Materials: The following supporting information can be downloaded at:
https://www.mdpi.com/article/10.3390/jcm11195827/s1, Figure S1. UroAmplitude test proce-
dure development. Figure S2. STARD diagram of prospective concordance analysis. Figure S3.
Experimental design for assessing mutational concordance between urine and tumor. Figure S4.
Independent pathological assessment of UC tumors. Figure S5. Preparation of FFPE tumor sample
sections for DNA extraction. Table S1. Cohort Clinical Characteristics.

Author Contributions: V.T.B. conceptualization, data curation, formal analysis, funding acquisi-
tion, validation, investigation, visualization, methodology, writing—original draft, writing—review
and editing; K.G.P. data curation, formal analysis, funding acquisition, validation, investigation,
methodology, writing—original draft, writing—review and editing; D.S.F. formal analysis; V.M.C.
formal analysis, methodology; writing—review and editing; M.G. investigation, methodology, valida-
tion; M.G.-R. funding acquisition, resources, supervision; P.S.L. investigation, methodology; A.R.M.
methodology, validation; B.W.J. validation; B.C.M. validation, resources; J.E.K. conceptualization,
supervision; T.K. conceptualization, resources; J.W.G. resources, supervision, writing—review and
editing; T.G.L. conceptualization, resources, supervision, funding acquisition, validation, investiga-
tion, methodology, writing—original draft, writing—review and editing. All authors have read and
agreed to the published version of the manuscript.

Funding: Research reported in this publication was supported by the National Cancer Institute of the
National Institute of Health under Award Number R44CA200174. The content is solely the responsi-
bility of the authors and does not necessarily represent the official views of the National Institute
of Health. This award supported sample procurement, materials and supplies, computer services,
and personnel (T.G.L., T.K., M.G.R., and K.G.P.). All other costs were self-funded by Convergent
Genomics. Convergent maintains a financial conflict of interest (FCOI) policy in accordance with
42 CFR Part 50 and 45 CRF Part 94 to protect the integrity and objectivity of all research activities.

Institutional Review Board Statement: All the procedures involving human subjects described in
the study were performed in accordance with the Declaration of Helsinki and were approved by
WCG IRB (IRB00000533) under IRB protocol number 120160486.

Informed Consent Statement: Subject informed consent was obtained verbally, prior to participation,
in accordance with the study’s minimal risk designation.

Data Availability Statement: Genome sequencing data used in this study have been deposited in
the Sequence Read Archive (SRA) at the National Center for Biotechnology Information (NCBI) and
are available through BioProject ID PRJNA817277.

Acknowledgments: The authors thank Gbolahan Fatuga and Isabella Tse for review of clinical data.
We would like to acknowledge all of the patients who participated in this study and the many CURE
biobank clinical site staff who facilitated collection of samples and data.

Conflicts of Interest: V.T.B., K.G.P., D.S.F., V.M.C., M.G., M.G.C., P.S.L., A.R.M., B.W.J., B.C.M. and
T.G.L. are employees of Convergent Genomics. All authors are stockholders of Convergent Genomics.
The authors declare no other competing interest.

https://www.mdpi.com/article/10.3390/jcm11195827/s1


J. Clin. Med. 2022, 11, 5827 19 of 21

References
1. National Cancer Institute (NCI). Surveillance, Epidemiology, and End Results (SEER) Program Research Data (1975–2018); Cancer

Institute and Surveillance Research Program; NCI: Bethesda, MD, USA, 2021.
2. Woldu, S.L.; Bagrodia, A.; Lotan, Y. Guideline of guidelines: Non-muscle-invasive bladder cancer. Br. J. Urol. 2017, 119, 371–380.

[CrossRef] [PubMed]
3. Spiess, P.E.; Agarwal, N.; Bangs, R.; Boorjian, S.A.; Buyyounouski, M.K.; Clark, P.E.; Downs, T.M.; Efstathiou, J.A.; Flaig, T.W.;

Friedlander, T.; et al. Bladder Cancer, Version 5.2017, NCCN Clinical Practice Guidelines in Oncology. J. Natl. Compr. Cancer Netw.
2017, 10, 1240–1267. [CrossRef] [PubMed]

4. Sylvester, R.J.; van der Meijden, A.P.; Oosterlinck, W.; Witjes, J.A.; Bouffioux, C.; Denis, L.; Newling, D.W.; Kurth, K. Predicting
Recurrence and Progression in Individual Patients with Stage Ta T1 Bladder Cancer Using EORTC Risk Tables: A Combined
Analysis of 2596 Patients from Seven EORTC Trials. Eur. Urol. 2006, 49, 466–477. [CrossRef] [PubMed]

5. Schrag, D.; Hsieh, L.J.; Rabbani, F.; Bach, P.B.; Herr, H.; Begg, C.B. Adherence to surveillance among patients with superficial
bladder cancer. JNCI: J. Natl. Cancer Inst. 2003, 95, 588–597. [CrossRef] [PubMed]

6. Avritscher, E.B.; Cooksley, C.D.; Grossman, H.B.; Sabichi, A.L.; Hamblin, L.; Dinney, C.P.; Elting, L.S. Clinical model of lifetime
cost of treating bladder cancer and associated complications. Urology 2006, 68, 549–553. [CrossRef]

7. Botteman, M.F.; Pashos, C.L.; Redaelli, A.; Laskin, B.; Hauser, R. The health economics of bladder cancer. PharmacoEconomics 2003,
21, 1315–1330. [CrossRef]

8. National Institute for Health and Care Excellence. Bladder Cancer: Diagnosis and Management-NICE Guideline 2, Full Guideline;
National Institute for Health and Care Excellence: London, UK, 2015.

9. Hermans, J.; Jokisch, F.; Volz, Y.; Eismann, L.; Pfitzinger, P.; Ebner, B.; Weinhold, P.; Schlenker, B.; Stief, C.G.; Tritschler, S.; et al.
Impact of bacillus Calmette-Guerin intravesical therapy on the diagnostic efficacy of The Paris System for Reporting Urinary
Cytology in patients with high-grade bladder cancer. Cancer Cytopathol. 2021, 130, 294–302. [CrossRef]

10. Brimo, F.; Vollmer, R.T.; Case, B.; Aprikian, A.; Kassouf, W.; Auger, M. Accuracy of Urine Cytology and the Significance of an
Atypical Category. Am. J. Clin. Pathol. 2009, 132, 785–793. [CrossRef]

11. Raab, S.S.; Grzybicki, D.M.; Vrbin, C.M.; Geisinger, K.R. Urine Cytology Discrepancies. Am. J. Clin. Pathol. 2007, 127, 946–953.
[CrossRef]

12. De Bekker-Grob, E.W.; Van Der Aa, M.N.; Zwarthoff, E.C.; Eijkemans, M.J.; Van Rhijn, B.W.; Van Der Kwast, T.H.; Steyerberg, E.W.;
Van Der Kwast, T. Non-muscle-invasive bladder cancer surveillance for which cystoscopy is partly replaced by microsatellite
analysis of urine: A cost-effective alternative? Br. J. Urol. 2009, 104, 41–47. [CrossRef]

13. Chou, R.; Gore, J.L.; Buckley, D.; Fu, R.; Gustafson, K.; Griffin, J.C.; Grusing, S.; Selph, S. Urinary Biomarkers for Diagnosis of
Bladder Cancer. Ann. Intern. Med. 2015, 163, 922. [CrossRef] [PubMed]

14. Kamat, A.M.; Karam, J.A.; Grossman, H.B.; Kader, A.K.; Munsell, M.; Dinney, C.P. Prospective trial to identify optimal bladder
cancer surveillance protocol: Reducing costs while maximizing sensitivity. Br. J. Urol. 2011, 108, 1119–1123. [CrossRef] [PubMed]

15. Goodison, S.; Rosser, C.J.; Urquidi, V. Bladder Cancer Detection and Monitoring: Assessment of Urine- and Blood-Based Marker
Tests. Mol. Diagn. Ther. 2013, 17, 71–84. [CrossRef] [PubMed]

16. Kavalieris, L.; O’Sullivan, P.; Frampton, C.; Guilford, P.; Darling, D.; Jacobson, E.; Suttie, J.; Raman, J.D.; Shariat, S.F.; Lotan,
Y. Performance Characteristics of a Multigene Urine Biomarker Test for Monitoring for Recurrent Urothelial Carcinoma in a
Multicenter Study. J. Urol. 2017, 197, 1419–1426. [CrossRef]

17. Lotan, Y.; O’sullivan, P.; Raman, J.D.; Shariat, S.F.; Kavalieris, L.; Frampton, C.; Guilford, P.; Luxmanan, C.; Suttie, J.; Crist, H.; et al.
Clinical comparison of noninvasive urine tests for ruling out recurrent urothelial carcinoma. Urol. Oncol. Semin. Orig. Investig.
2017, 35, 531.e15–531.e22. [CrossRef]

18. Kamat, A.M.; Hahn, N.M.; Efstathiou, J.A.; Lerner, S.P.; Malmström, P.-U.; Choi, W.; Guo, C.C.; Lotan, Y.; Kassouf, W. Bladder
cancer. Lancet 2016, 388, 2796–2810. [CrossRef]

19. Lotan, Y.; Black, P.C.; Caba, L.; Chang, S.S.; Cookson, M.S.; Daneshmand, S.; Kamat, A.M.; McKiernan, J.M.; Pruthi, R.S.; Ritch,
C.R.; et al. Optimal Trial Design for Studying Urinary Markers in Bladder Cancer: A Collaborative Review. Eur. Urol. Oncol. 2018,
1, 223–230. [CrossRef]

20. Ignatiadis, M.; Sledge, G.W.; Jeffrey, S.S. Liquid biopsy enters the clinic—implementation issues and future challenges. Nat. Rev.
Clin. Oncol. 2021, 18, 297–312. [CrossRef]

21. Keller, L.; Belloum, Y.; Wikman, H.; Pantel, K. Clinical relevance of blood-based ctDNA analysis: Mutation detection and beyond.
Br. J. Cancer 2020, 124, 345–358. [CrossRef]

22. Radovich, M.; Jiang, G.; Hancock, B.A.; Chitambar, C.; Nanda, R.; Falkson, C.; Lynce, F.C.; Gallagher, C.; Isaacs, C.; Blaya, M.; et al.
Association of Circulating Tumor DNA and Circulating Tumor Cells after Neoadjuvant Chemotherapy with Disease Recurrence
in Patients with Triple-Negative Breast Cancer: Preplanned Secondary Analysis of the BRE12-158 Randomized Clinical Trial.
JAMA Oncol. 2020, 6, 1410–1415. [CrossRef]

23. Nakamura, Y.; Taniguchi, H.; Ikeda, M.; Bando, H.; Kato, K.; Morizane, C.; Esaki, T.; Komatsu, Y.; Kawamoto, Y.; Takahashi, N.;
et al. Clinical utility of circulating tumor DNA sequencing in advanced gastrointestinal cancer: SCRUM-Japan GI-SCREEN and
GOZILA studies. Nat. Med. 2020, 26, 1859–1864. [CrossRef] [PubMed]

http://doi.org/10.1111/bju.13760
http://www.ncbi.nlm.nih.gov/pubmed/28058776
http://doi.org/10.6004/jnccn.2017.0156
http://www.ncbi.nlm.nih.gov/pubmed/28982750
http://doi.org/10.1016/j.eururo.2005.12.031
http://www.ncbi.nlm.nih.gov/pubmed/16442208
http://doi.org/10.1093/jnci/95.8.588
http://www.ncbi.nlm.nih.gov/pubmed/12697851
http://doi.org/10.1016/j.urology.2006.03.062
http://doi.org/10.1007/BF03262330
http://doi.org/10.1002/cncy.22539
http://doi.org/10.1309/AJCPPRZLG9KT9AXL
http://doi.org/10.1309/XUVXFXMFPL7TELCE
http://doi.org/10.1111/j.1464-410X.2008.08323.x
http://doi.org/10.7326/M15-0997
http://www.ncbi.nlm.nih.gov/pubmed/26501851
http://doi.org/10.1111/j.1464-410X.2010.10026.x
http://www.ncbi.nlm.nih.gov/pubmed/21426474
http://doi.org/10.1007/s40291-013-0023-x
http://www.ncbi.nlm.nih.gov/pubmed/23479428
http://doi.org/10.1016/j.juro.2016.12.010
http://doi.org/10.1016/j.urolonc.2017.03.008
http://doi.org/10.1016/S0140-6736(16)30512-8
http://doi.org/10.1016/j.euo.2018.04.010
http://doi.org/10.1038/s41571-020-00457-x
http://doi.org/10.1038/s41416-020-01047-5
http://doi.org/10.1001/jamaoncol.2020.2295
http://doi.org/10.1038/s41591-020-1063-5
http://www.ncbi.nlm.nih.gov/pubmed/33020649


J. Clin. Med. 2022, 11, 5827 20 of 21

24. Zill, O.A.; Banks, K.C.; Fairclough, S.R.; Mortimer, S.A.; Vowles, J.V.; Mokhtari, R.; Gandara, D.R.; Mack, P.C.; Odegaard, J.I.;
Nagy, R.J.; et al. The Landscape of Actionable Genomic Alterations in Cell-Free Circulating Tumor DNA from 21,807 Advanced
Cancer Patients. Clin. Cancer Res. 2018, 24, 3528–3538. [CrossRef] [PubMed]

25. Mack, P.C.; Ms, K.C.B.; Ms, C.R.E.; Ms, R.A.B.; Zill, O.A.; Ms, C.E.L.; Riess, J.W.; Mortimer, S.A.; Talasaz, A.; Lanman, R.B.; et al.
Spectrum of driver mutations and clinical impact of circulating tumor DNA analysis in non–small cell lung cancer: Analysis of
over 8000 cases. Cancer 2020, 126, 3219–3228. [CrossRef] [PubMed]

26. Coombes, R.C.; Page, K.; Salari, R.; Hastings, R.K.; Armstrong, A.C.; Ahmed, S.; Ali, S.; Cleator, S.J.; Kenny, L.M.; Stebbing, J.;
et al. Personalized Detection of Circulating Tumor DNA Antedates Breast Cancer Metastatic Recurrence. Clin. Cancer Res. 2019,
25, 4255–4263. [CrossRef] [PubMed]

27. Abbosh, C.; Birkbak, N.J.; Wilson, G.A.; Jamal-Hanjani, M.; Constantin, T.; Salari, R.; Le Quesne, J.; Moore, D.A.; Veeriah, S.;
Rosenthal, R.; et al. Phylogenetic ctDNA analysis depicts early-stage lung cancer evolution. Nature 2017, 545, 446–451. [CrossRef]

28. Razavi, P.; Dickler, M.N.; Shah, P.D.; Toy, W.; Brown, D.N.; Won, H.H.; Li, B.T.; Shen, R.; Vasan, N.; Modi, S.; et al. Alterations in
PTEN and ESR1 promote clinical resistance to alpelisib plus aromatase inhibitors. Nat. Cancer 2020, 1, 382–393. [CrossRef]

29. De Roock, W.; De Vriendt, V.; Normanno, N.; Ciardiello, F.; Tejpar, S. KRAS, BRAF, PIK3CA, and PTEN mutations: Implications
for targeted therapies in metastatic colorectal cancer. Lancet Oncol. 2010, 12, 594–603. [CrossRef]

30. Ward, D.G.; Baxter, L.; Gordon, N.S.; Ott, S.; Savage, R.S.; Beggs, A.; James, J.D.; Lickiss, J.; Green, S.; Wallis, Y.; et al. Multiplex
PCR and Next Generation Sequencing for the Non-Invasive Detection of Bladder Cancer. PLoS ONE 2016, 11, e0149756. [CrossRef]

31. Springer, S.U.; Chen, C.-H.; Pena, M.D.C.R.; Li, L.; Douville, C.; Wang, Y.; Cohen, J.D.; Taheri, D.; Silliman, N.; Schaefer, J.; et al.
Non-invasive detection of urothelial cancer through the analysis of driver gene mutations and aneuploidy. eLife 2018, 7, e32143.
[CrossRef]

32. Dudley, J.C.; Schroers-Martin, J.; Lazzareschi, D.V.; Shi, W.Y.; Chen, S.B.; Esfahani, M.S.; Trivedi, D.; Chabon, J.J.; Chaudhuri,
A.A.; Stehr, H.; et al. Detection and Surveillance of Bladder Cancer Using Urine Tumor DNA. Cancer Discov. 2019, 9, 500–509.
[CrossRef]

33. Chen, X.; Zhang, J.; Ruan, W.; Huang, M.; Wang, C.; Wang, H.; Jiang, Z.; Wang, S.; Liu, Z.; Liu, C.; et al. Urine DNA methylation
assay enables early detection and recurrence monitoring for bladder cancer. J. Clin. Investig. 2020, 130, 6278–6289. [CrossRef]
[PubMed]

34. Cheng, T.H.; Jiang, P.; Teoh, J.; Heung, M.M.; Tam, J.C.; Sun, X.; Lee, W.-S.; Ni, M.; Chan, R.C.; Ng, C.-F.; et al. Noninvasive
Detection of Bladder Cancer by Shallow-Depth Genome-Wide Bisulfite Sequencing of Urinary Cell-Free DNA for Methylation
and Copy Number Profiling. Clin. Chem. 2019, 65, 927–936. [CrossRef] [PubMed]

35. Nuzzo, P.V.; Berchuck, J.E.; Korthauer, K.; Spisak, S.; Nassar, A.H.; Alaiwi, S.A.; Chakravarthy, A.; Shen, S.Y.; Bakouny, Z.;
Boccardo, F.; et al. Detection of renal cell carcinoma using plasma and urine cell-free DNA methylomes. Nat. Med. 2020, 26,
1041–1043. [CrossRef]

36. Bossuyt, P.M.; Reitsma, J.B.; Bruns, D.E.; Gatsonis, C.A.; Glasziou, P.; Irwig, L.; Lijmer, J.G.; Moher, D.; Rennie, D.; De Vet, H.C.W.;
et al. STARD 2015: An updated list of essential items for reporting diagnostic accuracy studies. BMJ 2015, 351, h5527. [CrossRef]

37. Levin, T.G.; Phillips, K.G.; Rees, C. Urinary Microbiomic Profiling. U.S. Patent 17/262,670, 24 July 2019.
38. Picard Tools-By Broad Institute. Available online: http://broadinstitute.github.io/picard/index.html (accessed on 6 January 2022).
39. Li, H.; Durbin, R. Fast and accurate short read alignment with Burrows—Wheeler transform. Bioinformatics 2009, 25, 1754–1760.

[CrossRef] [PubMed]
40. Fennell, T.; Homer, N. GitHub-Fulcrumgenomics/fgbio: Tools for Working with Genomic and High Throughput Sequencing

Data. Available online: https://github.com/fulcrumgenomics/fgbio (accessed on 15 January 2022).
41. Robinson, J.T.; Thorvaldsdóttir, H.; Winckler, W.; Guttman, M.; Lander, E.S.; Getz, G.; Mesirov, J.P. Integrative genomics viewer.

Nat. Biotechnol. 2011, 29, 24–26. [CrossRef]
42. Lai, Z.; Markovets, A.; Ahdesmäki, M.; Chapman, B.; Hofmann, O.; McEwen, R.; Johnson, J.; Dougherty, B.; Barrett, J.C.; Dry, J.R.

VarDict: A novel and versatile variant caller for next-generation sequencing in cancer research. Nucleic Acids Res. 2016, 44, e108.
[CrossRef]

43. GitHub-AstraZeneca-NGS/VarDict: VarDict. Available online: https://github.com/AstraZeneca-NGS/VarDict (accessed on
8 January 2022).

44. Cibulskis, K.; Lawrence, M.S.; Carter, S.L.; Sivachenko, A.; Jaffe, D.B.; Sougnez, C.; Gabriel, S.B.; Meyerson, M.L.; Lander, E.S.;
Getz, G. Sensitive detection of somatic point mutations in impure and heterogeneous cancer samples. Nat. Biotechnol. 2013, 31,
213–219. [CrossRef]

45. GATK. Available online: https://gatk.broadinstitute.org/hc/en-us (accessed on 8 January 2022).
46. Smigielski, E.M.; Sirotkin, K.; Ward, M.; Sherry, S.T. dbSNP: A database of single nucleotide polymorphisms. Nucleic Acids Res.

2000, 28, 352–355. [CrossRef]
47. Karczewski, K.J.; Francioli, L.C.; Tiao, G.; Cummings, B.B.; Alfoldi, J.; Wang, Q.; Collins, R.L.; Laricchia, K.M.; Ganna, A.;

Birnbaum, D.P.; et al. The mutational constraint spectrum quantified from variation in 141,456 humans. Nature 2020, 581, 434–443.
[CrossRef]

48. Robertson, A.G.; Kim, J.; Al-Ahmadie, H.; Bellmunt, J.; Guo, G.; Cherniack, A.D.; Hinoue, T.; Laird, P.W.; Hoadley, K.A.;
Akbani, R.; et al. Comprehensive Molecular Characterization of Muscle-Invasive Bladder Cancer. Cell 2017, 171, 540–556.e25.
[CrossRef] [PubMed]

http://doi.org/10.1158/1078-0432.CCR-17-3837
http://www.ncbi.nlm.nih.gov/pubmed/29776953
http://doi.org/10.1002/cncr.32876
http://www.ncbi.nlm.nih.gov/pubmed/32365229
http://doi.org/10.1158/1078-0432.CCR-18-3663
http://www.ncbi.nlm.nih.gov/pubmed/30992300
http://doi.org/10.1038/nature22364
http://doi.org/10.1038/s43018-020-0047-1
http://doi.org/10.1016/S1470-2045(10)70209-6
http://doi.org/10.1371/journal.pone.0149756
http://doi.org/10.7554/eLife.32143
http://doi.org/10.1158/2159-8290.CD-18-0825
http://doi.org/10.1172/JCI139597
http://www.ncbi.nlm.nih.gov/pubmed/32817589
http://doi.org/10.1373/clinchem.2018.301341
http://www.ncbi.nlm.nih.gov/pubmed/30988170
http://doi.org/10.1038/s41591-020-0933-1
http://doi.org/10.1136/bmj.h5527
http://broadinstitute.github.io/picard/index.html
http://doi.org/10.1093/bioinformatics/btp324
http://www.ncbi.nlm.nih.gov/pubmed/19451168
https://github.com/fulcrumgenomics/fgbio
http://doi.org/10.1038/nbt.1754
http://doi.org/10.1093/nar/gkw227
https://github.com/AstraZeneca-NGS/VarDict
http://doi.org/10.1038/nbt.2514
https://gatk.broadinstitute.org/hc/en-us
http://doi.org/10.1093/nar/28.1.352
http://doi.org/10.1038/s41586-020-2308-7
http://doi.org/10.1016/j.cell.2017.09.007
http://www.ncbi.nlm.nih.gov/pubmed/28988769


J. Clin. Med. 2022, 11, 5827 21 of 21

49. Pietzak, E.J.; Bagrodia, A.; Cha, E.K.; Drill, E.N.; Iyer, G.; Isharwal, S.; Ostrovnaya, I.; Baez, P.; Li, Q.; Berger, M.F.; et al. Next-
generation Sequencing of Nonmuscle Invasive Bladder Cancer Reveals Potential Biomarkers and Rational Therapeutic Targets.
Eur. Urol. 2017, 72, 952–959. [CrossRef] [PubMed]

50. Gerstung, M.; PCAWG Evolution & Heterogeneity Working Group; Jolly, C.; Leshchiner, I.; Dentro, S.C.; Gonzalez, S.; Rosebrock,
D.; Mitchell, T.J.; Rubanova, Y.; Anur, P.; et al. The evolutionary history of 2658 cancers. Nature 2020, 578, 122–128. [CrossRef]

51. Flaig, T.W.; Spiess, P.E.; Agarwal, N.; Bangs, R.; Boorjian, S.A.; Buyyounouski, M.K.; Downs, T.M.; Efstathiou, J.A.; Friedlander, T.;
Greenberg, R.E.; et al. NCCN Guidelines Insights: Bladder Cancer, Version 5. J. Natl. Compr. Cancer Netw. 2018, 16, 1041–1053.
[CrossRef] [PubMed]

52. The Cancer Genome Atlas Research Network. Comprehensive molecular characterization of urothelial bladder carcinoma. Nature
2014, 507, 315–322. [CrossRef]

53. Chang, S.S.; Boorjian, S.A.; Chou, R.; Clark, P.E.; Daneshmand, S.; Konety, B.R.; Pruthi, R.; Quale, D.Z.; Ritch, C.R.;
Seigne, J.D.; et al. Diagnosis and Treatment of Non-Muscle Invasive Bladder Cancer: AUA/SUO Guideline. J. Urol. 2016, 196,
1021–1029. [CrossRef]

54. Chang, S.S.; Bochner, B.H.; Chou, R.; Dreicer, R.; Kamat, A.M.; Lerner, S.P.; Lotan, Y.; Meeks, J.J.; Michalski, J.M.;
Morgan, T.M.; et al. Treatment of Non-Metastatic Muscle-Invasive Bladder Cancer: AUA/ASCO/ASTRO/SUO Guideline.
J. Urol. 2017, 198, 552–559. [CrossRef]

55. Gupta, M.; Milbar, N.; Tema, G.; Pederzoli, F.; Chappidi, M.; Kates, M.; VandenBussche, C.J.; Bivalacqua, T.J. Impact of intravesical
therapy for non-muscle invasive bladder cancer on the accuracy of urine cytology. World J. Urol. 2019, 37, 2051–2058. [CrossRef]

56. Nurminen, P.; Ettala, O.; Seppänen, M.; Taimen, P.; Boström, P.J.; Kaipia, A. Urine cytology is a feasible tool for assessing
erythematous bladder lesions after bacille Calmette-Guérin (BCG) treatment. Br. J. Urol. 2018, 123, 246–251. [CrossRef]

57. Rac, G.; Desai, S.; Patel, H.D.; Doshi, C.; Dornbier, R.; Caruso, V.; Lentz, P.; Mazzarella, B.C.; Phillips, K.G.; Levin, T.; et al.
Urine Comprehensive Genomic Profiling of urothelial carcinoma patients undergoing intravesical therapy enables detection of
actionable DNA mutations associated with drug response and risk stratification. J. Urol. 2022, 207, e199. [CrossRef]

58. Rac, G.; Desai, S.; Patel, H.D.; Doshi, C.; Dornbier, R.; Caruso, V.; Lentz, P.; Mazzarella, B.C.; Phillips, K.G.; Levin, T.; et al. Urine
Comprehensive Genomic Profiling Predicts Recurrence in Patients with Non-muscle Invasive Bladder Cancer Treated with
Intravesical Therapy. J. Urol. 2022, 207, e929. [CrossRef]

59. Choi, W.; Porten, S.; Kim, S.; Willis, D.; Plimack, E.R.; Hoffman-Censits, J.; Roth, B.; Cheng, T.; Tran, M.; Lee, I.-L.; et al.
Identification of Distinct Basal and Luminal Subtypes of Muscle-Invasive Bladder Cancer with Different Sensitivities to Frontline
Chemotherapy. Cancer Cell 2014, 25, 152–165. [CrossRef] [PubMed]

60. Hanna, T.P.; King, W.D.; Thibodeau, S.; Jalink, M.; Paulin, G.A.; Harvey-Jones, E.; O’Sullivan, D.E.; Booth, C.M.; Sullivan, R.;
Aggarwal, A. Mortality due to cancer treatment delay: Systematic review and meta-analysis. BMJ 2020, 371, m4087. [CrossRef]
[PubMed]

61. Faltas, B.; Prandi, D.; Tagawa, S.T.; Molina, A.M.; Nanus, D.M.; Sternberg, C.; Rosenberg, J.; Mosquera, J.M.; Robinson, B.;
Elemento, O.; et al. Clonal evolution of chemotherapy-resistant urothelial carcinoma. Nat. Genet. 2016, 48, 1490–1499. [CrossRef]

62. Hosen, M.I.; Sheikh, M.; Zvereva, M.; Scelo, G.; Forey, N.; Durand, G.; Voegele, C.; Poustchi, H.; Khoshnia, M.; Roshandel, G.; et al.
Urinary Tert Promoter Mutations Are Detectable Up to 10 Years Prior to Clinical Diagnosis of Bladder Cancer: Evidence from the
Golestan Cohort Study. EBioMedicine 2020, 53, 102643. [CrossRef]

63. Pruthi, S.; Heisey, R.E.; Bevers, T.B. Chemoprevention for Breast Cancer. Ann. Surg. Oncol. 2015, 22, 3230–3235. [CrossRef]

http://doi.org/10.1016/j.eururo.2017.05.032
http://www.ncbi.nlm.nih.gov/pubmed/28583311
http://doi.org/10.1038/s41586-019-1907-7
http://doi.org/10.6004/jnccn.2018.0072
http://www.ncbi.nlm.nih.gov/pubmed/30181416
http://doi.org/10.1038/nature12965
http://doi.org/10.1016/j.juro.2016.06.049
http://doi.org/10.1016/j.juro.2017.04.086
http://doi.org/10.1007/s00345-018-02624-3
http://doi.org/10.1111/bju.14470
http://doi.org/10.1097/JU.0000000000002538.10
http://doi.org/10.1097/JU.0000000000002633.09
http://doi.org/10.1016/j.ccr.2014.01.009
http://www.ncbi.nlm.nih.gov/pubmed/24525232
http://doi.org/10.1136/bmj.m4087
http://www.ncbi.nlm.nih.gov/pubmed/33148535
http://doi.org/10.1038/ng.3692
http://doi.org/10.1016/j.ebiom.2020.102643
http://doi.org/10.1245/s10434-015-4715-9

	Introduction 
	Methods 
	Clinical Samples 
	DNA Purification 
	Next Generation Sequencing 
	Bioinformatics 
	Statistics 

	Results 
	Development of the UroAmplitude Assay for Somatic Mutation Detection in Urine-Derived DNA 
	Comprehensive Genomic Profiling of UC: Comparison of Tumor and Urine 
	Somatic Variant Concordance: Comparing Mutations in Urine to Matched Tumor 
	UroAmplitude Case Studies Monitoring Residual Disease following TURBT 
	Intravesical Therapy Response Case Studies 

	Discussion 
	Minimal Residual Disease 
	Monitoring Response to Intravesical Therapy and Early Identification of Therapeutic Resistance 
	Clinical Utility Today and Expanding in the Future 

	Conclusions 
	References

