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Abstract: When a turn-to-turn short fault occurs in an induction motor, it will be accompanied by
vibration and heating, which will have adverse effects on the entire power system. Thus, turn-to-turn
short fault diagnosis of the stator is required, and major accidents can be prevented if an inter-turn
short circuit (ITSC), which is the early stage of a turn-to-turn short, can be detected. This study
reinterprets Park’s vector approach using Direct-Quadrature(D-Q) transformation for the linear
separation of ITSCs and proposes an ITSC diagnosis method by defining the magnetic flux linkage
pulsation and current change in the event of a turn-to-turn short. It is difficult to diagnose because
the turn-to-turn short current change in an ITSC is considerably different from the induction motor
loss. Hence, it was found through analysis that when the current change is considered through an
analysis of the relationship between inductance and the winding number, the ITSC current becomes
slightly smaller than the steady-state current. This was verified using the D-Q synchronous reference
frame over time. We proposed a linear separation of the ITSC diagnosis from the steady state by
considering the minimum values of the pulsating current as feature points.

Keywords: inter-turn short circuit (ITSC); induction motor; stator fault; turn-to-turn; D-Q synchronous
reference frame

1. Introduction

Induction motors are widely used in many industries because they have a simple structure and
are easily applicable to a system [1]. However, such motors are exposed to stress because they have
to rotate periodically for long intervals. The motors are checked in accordance with a maintenance
schedule to prevent faults, but sudden faults still cause considerable financial loss in industry.

The causes of induction motor faults can largely be classified into electrical and mechanical defects.
Electrical defects are the main causes of stator and rotor faults, whereas mechanical defects are major
causes of bearing faults. Mechanical defects account for 41% of all faults of induction motors, and
electrical defects account for 45% of all faults, including 36% of stator faults and 9% of rotor faults [2,3].

In particular, stator faults are caused by dielectric breakdown, and the stator winding insulation
is degraded by various causes such as coil movement, thermal stress, overburden, and mechanical
vibration. This degradation of the winding insulation eventually leads to turn-to-turn short faults [4].

When a turn-to-turn short fault occurs, a large circulating current and high heat are generated in
the fault circuit [5,6]. Most of these faults are caused by various stresses acting on the stator, such as
thermal, mechanical, electrical, and environmental stresses [7].

Therefore, early diagnosis is urgently needed because the detection of inter-turn short circuits
(ITSCs) can prevent sequential damage of the motor, minimize motor stop time, and the need for
additional manpower and repair cost, thus avoiding considerable economic loss [8–10]. In the past,
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detection methods using vibration and noise sensors were applied, but the sensors are expensive and
additional circuits need to be designed and attached to the equipment.

Recently, non-invasive methods have been developed, e.g., acoustic, vibrational, thermal,
magnetic methods [11–13]. Non-invasive methods are capable of diagnosing early faults without
disassembly of the induction motor. Each type of signal has advantages and disadvantages.
Measurements of acoustic and thermal signals are noninvasive. Acoustic and thermal signals
can be measured without touching the motor. The method of selection of amplitudes of frequencies
ratio 50 second frequency coefficient (MSAF-RATIO-50-SFC), MSAF-RATIO-50-SFC-EXPANDED,
MSAF-RATIO-24-MULTIEXPANDED-FILTER-8, and shortened method of frequencies selection
(SMoFS-15) are methods later used for diagnosis with the recent development of non-invasive
sensor technology [14,15]. The disadvantage of the mentioned diagnostic signals is difficult processing.

Because of these inconveniences, the motor current signature analysis (MCSA), which is a
sensorless method, is a recent focus of research [16–23].

The diagnosis of turn-to-turn shorts using MCSA has been researched in earnest using current
spectra since 1989 [24,25]. Park’s vector approach (PVA) was suggested in consideration of the fact
that the induction motor must be diagnosed while it is rotating [25–27]. As PVA was developed in
1929, it became an analysis method that transformed three-phase orthogonal equations to two-phase
orthogonal equations. In 1988, the readability of PVA was improved by enabling the diagnosis of
faults by circular patterns [25,28,29]. However, fault diagnosis was still difficult due to the problems of
iron loss and copper loss (of current) and because there was no clear difference between these and
the ITSC condition. Consequently, research was conducted to define a distortion factor by extracting
the maximum and minimum values during a short interval of operation [30–32]. However, the ITSC
conditions were not much different from those at steady state. Hence, further research was conducted
with a focus on the average shift of the distortion factor.

The extended Park’s vector approach (EPVA) was researched to improve the visualization of PVA
so that the PVA could be analyzed in the form of an ellipse by applying the square root [33–37]. However,
the research was conducted in a complex way by adding algorithms to algorithms (e.g., applying it to
the fast Fourier transform, FFT).

Existing studies have revealed that this is difficult because only the magnitude of the current
is considered by reanalyzing the PVA to maintain its simplicity and readability. A method using
change of the PVA phase angle was also researched [38–40], but it was difficult to directly solve the
ITSC problem.

On the one hand, from the view point of the harmonics, EPVA analysis of the second time
harmonic in the frequency in order to detect the current supply unbalance is suggested, but data by
MCSA is not easy to interpret because the harmonics of the hi-order generates as a lot of information is
merged when the 3 phase is converted to 2 phase; there is the difficulty that additional work must be
performed to identify harmonics [33–37,41].

In addition, using the 3 phase source as the voltage total distortion (VTHD) of IEEE Std. 519,
current unbalance factor (CUF) of IEC60034-1, voltage total harmonic distortion (VTHD), each voltage
distortion harmonic (EV), current total harmonic distortion (CTHD), each current harmonic distortion
(ECHD) characterized by a hybrid method in combination with vibration signature analysis, was
studied. However, this method, which is the power system’s point of view, is difficult for diagnosing
ITSC and is highly dependent on vibration signature analysis [42–45].

Because the diagnosis of turn-to-turn shorts is important, a fault diagnosis method using the
magnitude of a reverse phase component (impedance) was also studied. This was done by analysis
of complex circuit modeling, even though the circuit was really complicated [46–54]. However,
the algorithm became too complex due to the complex circuit and needed to be simplified. Machine
learning is a method later used for diagnosis with the recent development of artificial intelligence
(AI) technology [18,23,30,37,55–59]. AI-based methods are divided into feature extraction, fault
identification, and fault severity evaluation. Compared with the existing general diagnostic methods,
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an advantage of the artificial intelligence diagnostic method is that the diagnosis requires only minimal
prior knowledge. There is no need to analyze the detailed model of the system or to model the fault.
Most techniques use MCSA, vibration characteristics analysis, or a combination of both for fault
detection. Many of these proposed techniques use FFT to analyze the spectrum in order to find the
spectral characteristics of the fault. Once the feature extraction process to characterize the state of
the motor is realized, the classification technology should be incorporated into the system. Neural
network (NNs) classifiers have proved to be a good method in classification rate, accuracy and suitable
hardware implementation. But the basic diagnosis method remains insufficient. Various recognition
methods using AI technology such as k-nearest neighbors (k-NN), multi-layer perceptron (MLP),
classification and regression tree (CART), and multi-class support vector machine (MCSVM) use the
signal source of the voltage or current as it is, which makes it difficult to perform linear distinction of
faults due to the noise of the power supply and environmental factors. Furthermore, 100% diagnosis is
difficult because it is expressed as the failure rate of recognition. Moreover, applying the diagnostic
apparatus is difficult because it shows differences that depend on the conditions and environments of
industrial sites.

The challenge was to perfectly solve the turn-to-turn short fault problem of induction motors even
if using a somewhat complex method because they can cause major accidents. However, improved
readability and a simplified algorithm were required because online diagnosis must be possible.
The difference between an ITSC and a turn-to-turn short needed to be examined by simplifying the
change of magnetic flux for complex inductance in PVA terms.

The PVA was researched based on the synchronous reference frame of the D-Q transformation.
This was drawn as a circle with the sum of the scalar values of the D and Q-axes. When this is
checked over time, a pattern of direct current components can be obtained in an ideal steady state [60].
Furthermore, it can be estimated that the amplitude of the pulsation varies greatly depending on
the degree of fault. However, the pulsation width of the ITSC is not much different from the actual
steady state because of the iron loss and copper loss. Nevertheless, when all the information about the
magnetic flux and current are moved to the D-axis of the D-Q synchronous reference frame over time,
and only the zero component remains always on the Q-axis, analysis becomes easy.

Therefore, in this study, linear separation of the ITSC was performed, which was too difficult
in previous studies. This was done by defining the relationship between turn-to-turn shorts and
magnetic-flux linkage pulsation, as well as defining the change relation between the ITSC and
the current.

2. Overview of Turn-to-Turn Shorts

In Figure 1, the short circuit in phase-A indicates the case in which a short circuit occurs between
Turn 1 and a distant turn. The short circuit in phase-B indicates a short circuit between coils. The short
circuit in phase-C indicates a fine short circuit between adjacent Turns 1 and 2.
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These illustrate the two types of short circuits in a stator: coil-to-coil shorts and turn-to-turn shorts.
When a fault like this occurs, an induction motor may generate severe vibration and heat. However,
a fine turn-to-turn short is difficult to diagnose because there is no difference in the current between
steady state and pulsation due to losses of the induction motor such as iron loss and copper loss.

Nevertheless, research on the detection of ITSCs is required because they can cause serious faults
because of local heat generation and dielectric breakdown. Moreover, it must be possible to perform
online diagnosis of 3-phase induction motors. This means that the motor is in rotation, and it is difficult
to perform analysis in a time-varying state. Analysis can be facilitated using a D-Q transformation to
change 3-phase signals to 2-phase.

3. D-Q Transformation

To change the variables of a 3-phase induction motor to variables on the orthogonal axes consisting
of D, Q, and N axes is called coordinate transformation.

The D-axis is where the magnetic flux of the motor is typically generated; the Q-axis is symmetrical
to the D-axis and is the reference axis. It is located before the D-axis in the rotating direction when
the magnetic or other physical quantity of the induction motor rotates in the forward direction.
Furthermore, the D-axis becomes the axis of the current that generates a torque. The N-axis is
orthogonal to the D-axis and Q-axis in space and has a zero value in the motor.

In Figure 2a, when the D-Q orthogonal axes are fixed (do not rotate), the condition is called a
stationary reference frame; in Figure 2b, when the axes rotate, it is called a rotating reference frame.
The stationary reference frame is also called a stator reference frame. The rotating reference frame is a
reference frame of which the axes rotate at the angular velocity ofω, and its name and expression vary
by the type of rotational angular velocity. For a representative example, a reference frame that rotates
in synchronization with the rotor system is called synchronous reference frame, which is assumed
with the PVA method.
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In the process of transforming 3-phase to 2-phase, a synchronous reference frame can be obtained
by the transformation of a stationary reference frame, as shown in Figure 2.

3.1. D-Q Stationary Reference Frame

In the stationary reference frame, the 3-phase variables Ia, Ib, and Ic can be projected to the ds, qs

axis. The projected values of the variables to the ds, qs axis can be obtained by Equations (1) and (2):

Is
d = Ia cos(0) + Ib cos

(
−

2
3
π
)
+ Ic cos

(
−

4
3
π
)

(1)

Is
q = Ia sin(0) + Ib sin

(
−

2
3
π
)
+ Ic sin

(
−

4
3
π
)

(2)
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In Equation (1), Is
d is the current of the stationary reference frame projected to the ds axis and Is

q is
the current of the stationary reference frame projected to the qs axis.

Because the ds
− qs axis is rotating, the 3-phase variable needs to be changed to a rotating dω − qω

axis variable. The general equation for transforming 3-phase data to orthogonal axes where the 3-phase
variable is converted to a random angular velocityω is as follows:

Idq = T(θ)Iabc (3)

where Idq =
[
Is
d, Is

q

]T
, and Iabc = [Ia, Ib, Ic]

T. This is the result of generating the transposed matrix of
angular velocity. The transformed T(θ) can be expressed as follows:

T(θ) =
2
3

 cosθ cos
(
θ− 2

3π
)

cos
(
θ− 4

3π
)

−sinθ −sin
(
θ− 2

3π
)
− sin

(
θ− 4

3π
)  (4)

In Equation (4), θ denotes the rotation angle of the reference frame, and 2/3 is the coefficient of the
transformation matrix. The effective values of voltage and current are the same, but the power and
torque are reduced by 2/3. In this study, the coefficient of 2/3 was applied because the current data
was used.

When Equation (4) is transformed into a matrix, we get the following equation:

[
Is
d

Is
q

]
=

2
3

 1 −
1
2 −

1
2

0
√

3
2 −

√
3

2




Ia

Ib
Ic

 (5)

The method of obtaining the stationary reference frame as in Equation (5) is also called
Clark’s Transformation.

This equation can be simplified as follows:

Is
d =

2Ia − Ib − Ic

3
(6)

Is
q =

1
√

3
(Ib − Ic) (7)

Here, if the induction motor is ideal, the 3-phase winding is symmetrical. If the neutral point is
not connected to another circuit, the sum of the physical quantities, such as the current of the 3-phase
winding, is Ia + Ib + Ic = 0. Thus, we get Is

d = Ia from Equation (6). Therefore, the d-axis variable of the
stationary reference frame is always the same as the phase A variable.

3.2. D-Q Synchronous Reference Frame

The rotating reference frame can be obtained from this stationary reference frame by applying the
following equation with a random angular velocity:[

Ie
d

Ie
q

]
=

[
cosθ sinθ
−sinθ cosθ

][
Is
d

Is
q

]
(8)

In Equation (8), Ie
d is the d-axis current of the rotating reference frame and Ie

q is the q-axis current.
This transformation is called Park’s Transformation.
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The angle θ between the axis of the stationary reference frame and the axis of the rotating reference
frame rotating at the angular velocity ofω changes over time, and can be obtained by integrating the
rotational angular velocity ofω as follows:

θ =

∫ t

0
ω(τ)dτ+ θ(0) (9)

where θ(0) is the initial angle at t = 0, and it is generally set as θ(0) = 0. This synchronous reference
frame rotates in synchronization with the rotor system.

Fault diagnosis using the method of identifying the distortion of the circle by expressing it as a
Lissajous pattern (because the phase of Ie

d and Ie
q rotates together with the rotor system by a difference

of 90 degrees) is called PVA. When this is observed as a movement over time, it is expressed as a DC
value because the stator and rotor rotate in the same direction in the ideal case, and the size is the
maximum value of the Ie

d and Ie
q AC values.

In a synchronous reference frame over time, the size on the d-axis is represented by the direction
only and the components of the magnetic flux are moved to the d-axis. In this case, the q-axis always
outputs a value of zero.

Figure 3 shows the changes in current caused by the D-Q transformation. Here, (a) represents the
3-phase input current and (b) represents the D-Q stationary reference frame changed from 3-phase to
2-phase. Furthermore, the result of applying the rotor velocity to Equation (9) is the D-Q synchronous
reference frame over time in (c). As can be seen from (c), the rotor reference frame is expressed by the
DC component in the ideal case.

If an imbalance occurs between two waveforms when the current waveforms of two phases Id
and Iq are expressed as a circular pattern, the circle is distorted.
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On the other hand, when an imbalance occurs in the synchronous reference frame, which was
synchronized with the rotor system by Equation (9), only incorrect changes in the flux or current can
be extracted within the range of normal angular velocityω. Furthermore, a pulsating phenomenon
will occur for the DC component of Iωd . Therefore, the D-Q synchronous reference frame over time was
used for the diagnosis of ITSC in this study.

4. Turn-to-Turn Short and Inter Turn Short Circuit

4.1. Magnetic Flux Linkage Quantity according to a Turn-to-Turn Short

Industrial sites generally use 3-phase induction motors that are difficult to analyze when faults
occur. Therefore, the initial 3-phase condition is usually reduced to 2-phase to simplify analysis using
a D-Q transformation.
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As shown in Figure 4a, in the event of a turn-to-turn short in one phase, an independent closed
circuit to Rs is generated, and another independent closed circuit occurs in the D-Q transformation,
as shown in Figure 4b.

If the turn number at which the short circuit occurred is NS, the winding turn number at which no
short circuit occurred is NN, the total number of turns is NT, then NT = NN +NS. The shorted winding
and a non-shorted winding have the same inductance and direct interference occurs.

This interference causes an induced electromotive force in the shorted winding when magnetic
flux exists with the same inductance, and this induced electromotive force generates the short circuit
current IS. When a turn-to-turn short occurs, NS is large, and the induced electromotive force is large
as a result. Then the short circuit RS becomes small and a large short circuit current IS is generated.
As shown in Figure 5a, due to the generation of NS, two inductances exist in one phase, as shown in
Figure 5b, and the magnetic fluxes link the two inductances.Appl. Sci. 2019, 9, x FOR PEER REVIEW 7 of 19 
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If the inductance of one phase is LT according to the winding number, the inductance LS by short
circuit can be expressed by the short circuit ratio as follows:

LS = LT
NS
NT

(10)

Figure 5 gives fragmentary indication that the inductance of one phase will decrease and the phase
current will increase. However, change of the current in the event of a fault can be known only by
investigating various kinds of information including the inductance, winding number, and magnetic
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flux linkage quantity. In the event of a fault, using the conditions inductance, winding number, and
flux, the magnetic flux linkage quantity can be defined as follows:

λ1S = NT(φ1S −φ2S) = NT

(LTId
NT
−

LSIS
NT

)
= LTId − LSIS (11)

λ2S = NS(φ2S −φ1S) = NS

(LSIS
NT
−

LTId
NT

)
= LT

NS
NT

IS − LSId (12)

where λ1S is the magnetic flux linkage quantity of one phase, λ2S is the magnetic flux linkage quantity
of the fault inductance generated at the turn-to-turn short, φ1S is the flux of one phase, φ2S is the flux
of the fault inductance, and Id is the normal current of one phase.

When a turn-to-turn short occurs, two fluxes appear that resemble a two-winding transformer,
and the quantities of the two magnetic flux linkages generate a leakage flux. The total leakage fluxes of
the short circuit λST = λ1S + λ2S, can be expressed as follows:

λST = (LT − LS)Id −

(
LS − LS

NS
NT

)
IS = (LTId − LSIS)

(
1−

NS
NT

)
(13)

Based on Equation (13) only, the total flux decreases by the result of (LTId − LSIS), and the total
leakage flux diminishes further according to the short circuit ratio. It can also be seen that the more
severe the short circuit is, the lower the current becomes. Furthermore, as the short circuit becomes
more severe, up to twice the previous leakage current will be generated.

The short circuit current IS is generally greater than the phase current IS, and the amount of
decrease also becomes greater, as the short circuit becomes more severe.

This reduction has direct proportionality with the current change in the rotor system; thus, the
pulsation width of the current increases when it passes over the location of the short circuit.

4.2. Short Circuit Current According to ITSC

Unlike the turn-to-turn short explained above, an ITSC is a phenomenon of a short circuit between
two adjacent turns and has a very small NS. The RS maintains a very large value due to insulation
resistance and shows exponential attenuation, decreasing rapidly over time. Attenuation indicates the
occurrence of a turn-to-turn short. Thus, major accidents can be prevented if the ITSC can be detected
before the exponential attenuation appears, and this requires further research.

In Equation (13), 1− (NS/NT) can be considered to be equal to 1 because NS is very small. IS can
also be ignored by insulation resistance. Hence, the same result as the magnetic flux linkage quantity
in steady state, λT = LTId, is obtained. In other words, in the case of an ITSC, the sizes of pulsation by
losses such as iron loss and copper loss are similar in steady state.

However, the current λITSC according to the total flux of ITSC, λITSC, can be derived as follows by
Equation (14):

IITSC =
λITSC

(LT − LITSC)
=

(NT −NITSC) × (φT −φITSC)

(LT − LITSC)
(14)

where IITSC is the phase current, LITSC is the loss inductance, and NITSC is the loss winding number.
Because the total flux changes have no big difference, the change of flux according to the ITSC, φITSC,
can be considered to be equal to zero. When an ITSC occurs, both LITSC and NITSC show decreasing
tendencies. The relationship between these two elements is similar to a ring-shaped solenoid and thus
can be determined by the following equation:

LITSC =
NITSC ×φT

IITSC
=
µSN2

ITSC
l

(15)

where µ is the conductor dielectric constant, S is the cross section area of the stator core, and l is the
average length of the coil. From this, we can see that LITSC ∝ N2

ITSC.
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In other words, in Equation (14), even if the magnetic inductance of LT − LITSC decreases, λITSC
decreases at a doubled rate. Therefore, the phase current IITSC according to the ITSC shows a decreasing
tendency in general. However, in the case of a turn-to-turn short, the phase current increases again as
it is combined with the short circuit current IS.

5. Experiment and Discussion

5.1. Experimental Conditions

In this experiment, a 3-phase induction motor with the specifications as in Table 1 was used.

Table 1. Motor specifications.

Description Value

Power 0.75 [kW] (1 [HP])
Input Voltage 220 [V]/380 [V]

Full Load Current 3.8 [A]/2.2 [A]
Supply Frequency 60 [Hz]

Number of Pole 4
Number of Rotor Slot 44
Number of Rotor Slot 36

Full Load Torque 0.43 [kg·m]
Rated Speed 1690 [rpm]

In addition, the experiment was performed under the following conditions to consider changes in
the load conditions.

- Operation of an induction motor by using inverter;
- Adjustment of the motor operation speed by using dynamometer;
- The initial speed—the rated speed 1690 [rpm];
- operating time—turn short per 30 [s];
- Sampling rate and the number of samplings: 10,000 [S/s], 10,000 [s];
- The frequency of samplings: 1 [s].

During this time, two coils close to the turn number of the winding were randomly short-circuited.
The current was measured using an i5s AC current clamp by Fluke and data were collected using

a USB-DAQ 9215A with BNC by National Instruments.
Figure 6 shows the structure of the total system.
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The measurement result of the input stage showed that the input power contained noise, as shown
in Figure 7a. Thus, the cut-off frequency was set at 100 [Hz] by Butterworth third-order IIR filtering,
and the filtering was processed as shown in Figure 7b.
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Furthermore, the short of the stator winding was configured artificially as shown in Figure 8a,
and the winding was connected to an external tab as shown in Figure 8b.
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the turn-short motor.

Table 2 shows a turn-to-turn short according to the tab connection. It shows the ITSC when
turns no. 1–3 were connected. When turn no. 5 was connected, the turn-to-turn short increased to a
4-turn short.

Table 2. Turn short fault.

No. 1–3 3–5 5–7 7–9 9–11

Turn short 2(ITSC) 4 6 8 12

5.2. Existing Studies-PVA

The PVA method represents the synchronous reference frame of D-Q transformation as a circular
pattern and is considered an excellent method for online fault diagnosis. As shown in Figure 9, when
the circle appears as an elliptical shape, it indicates the occurrence of a fault. Thus, the PVA method
allows excellent visibility of a fault.
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(d) 6-turn short.

To determine the degree of distortion of the circle, existing studies defined the distortion rate (DR)
using the following equations:

r =
√

I2
d + I2

q (16)

DR =
rmax

rmin
(17)

where r is the scalar value for the size of Id and Iq of PVA, rmax is the largest amplitude, and rmin is the
smallest amplitude.

Figure 10 shows the monitoring result of the fault diagnosis method using DR. It is the result of
applying DR in Equation (17) per second.

As can be seen from Figure 10, linear separation of a 4-turn short and a 6-turn short is definitely
possible when compared with the steady state, but ITSC is difficult to diagnose because it has no
difference from the steady state.
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6. Proposed Method

It is difficult to diagnose ITSC using the PVA method because the maximum and minimum values
based on the vector scalar sum of the d-axis and q-axis are expressed as ratios. This depends on the
current pulsation and is based on the magnetic flux linkage quantity analysis described above.

This study indicates that the change of the short circuit current amount can be generated by linear
diagnosis of ITSC, and a method using the D-Q synchronous reference frame over time was proposed
to apply this procedure to experiments.

Figure 11 shows the monitoring results of a steady state and ITSC state using the proposed D-Q
synchronous reference frame. It can be seen from this figure that the rotating induction motor in
steady state contains an irregular AC component that pulsates due to loss. The pulsation in the ITSC
state is not much different from the steady state; however, the overall current value decreases and the
above-mentioned definition holds.
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Figure 12 shows the results of measuring each turn-to-turn short for 30 s in the D-Q synchronous
reference frame. Only the measured Id-axis was monitored as the turn-to-turn short increased from
steady state (black line), to ITSC (red line), to a 4-turn short (green line), and then to a 6-turn short
(blue line). As can be seen in this figure, the ITSC current decreases, but the pulsation becomes severe
from the 4-turn short. The maximum size of the Id current is similar to the steady-state current, but its
minimum size is similar to that of the ITSC. When the turn-to-turn short increased further, the current
became larger than the steady-state current range and severe pulsation was generated.

Figure 13 visually shows the changes by narrowing the range to 1 s for Figure 12. Table 3 shows
the average values per second of the maximum, minimum, peak-to-peak, and average values measured
in steady state and short circuit state from steady state to a 12-turn short.

Table 3. Changes in the maximum, minimum, peak-to-peak, and average current values according to
the turn-to-turn short.

No. Max Value [A] Min Value [A] Peak-to-Peak [A] Average Value [A]

Steady-State 1.9026 1.7586 0.1439 1.8303
ITSC 1.8364 1.6717 0.1647 1.7503

4-Turn short 1.8949 1.6531 0.2418 1.7722
6-Turn short 2.0391 1.7363 0.3027 1.8949
8-Turn short 2.2496 1.7564 0.4931 2.0141

12-Turn short 2.3636 1.7514 0.6122 2.0715

As can be seen from peak to peak in Table 3, the peak to peak is 0.1439 A in steady state and
0.1647 A in ITSC. The ITSC is not much different from the steady state: the difference between the
steady state and ITSC is approximately 0.02 A. However, in the results of the 4-turn short, the peak to
peak is 0.2418 A, showing a difference of 0.1 A, and the amount of current increases by approximately
4.7 times relative to that of the ITSC.
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The peak to peak represents the difference between the maximum and minimum per second.
The existing method using the DR of PVA made it difficult to diagnose ITSC because it is based on
this gap.

Figure 14 shows a graphic representation of the results in Table 3 for comparison.
The maximum current in Figure 14 shows a slightly decreasing trend in the ITSC, but increases
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Based on these results, the two-dimensional coordinates with pulsating maximum and minimum
values as feature points are illustrated in Figure 15.

In Figure 15, the small circles indicate a steady state, the small squares indicate ITSC, the x marks
indicate a 4-turn short, and the + marks indicate a 6-turn short. The maximum and minimum current
values of the ITSC generally become smaller with similar pulsation sizes.
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Figure 15. Max–min reference frame according to the turn-to-turn short.

When viewed based on the max value axis in the picture, the ITSC and the 4-turn paragraph
occurs and the maximum change in the Id of the D-Q synchronous coordinate system can be seen
through the area of the field and the red circle that is reduced finely, that is, the difference between
the max value and the D-Q synchronous coordinate system, but it can be seen that it is insufficient to
diagnose ITSC and 4-turn paragraphs; in the 6-turn paragraph it can be seen that it is possible to detect
the failure by a large increase.

However, when viewed on the min value axis for ITSC and 4-turn paragraphs, it can be seen that
the possibility of detecting a fine turn short circuit is significantly lowered.

The block diagram is shown in Figure 16. As shown in Figure 16, it can be seen that if the
minimum value is used as a feature point, linear separation of ITSC from the steady state is possible,
and if the maximum value is used as the feature point, a stator winding short can be diagnosed using
the increased turn-to-turn short.

In recent years, a system capable of diagnosis in the situation of complex failure and speed
variables using AI has been studied, but there is a lack of features for the AI. The proposed method is
believed to be a new feature vector.
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7. Conclusions

In this study, ITSC diagnosis and linear separation was proposed using the D-Q synchronous
reference frame in a 3-phase induction motor to reveal shorts.

The existing PVA based on the D-Q synchronous reference frame draws a circular pattern, and
a distortion of the circle results when a turn-to-turn short occurs but it is still difficult to diagnose
ITSC because it is focused on revealing the distortion of the circular pattern while concentrating on the
advantages of simplicity, good visibility, and excellent online diagnosis.

Therefore, we revealed that the existing PVA could not diagnose ITSC because it only used the gap
information of the magnetic flux linkage pulsation. It was found through an analysis of the relationship
between inductance and winding number that the current decreased slightly in ITSC.
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To prove the interpreted results for ITSC, the maximum and minimum values over time were
measured using the Id-axis of the D-Q synchronous reference. It was found that it was difficult
to diagnose the ITSC due to the peak-to-peak pulsation gap. It was suggested that the minimum
value must be considered for the diagnosis and linear separation of ITSC, and this was proven
through experiments.

In the future, it is essential to optimize the manufacturing environment by applying smart factory
applications that can predict potential accidents and prevent the recurrence of the same ones by quickly
blocking and delivering various data to the upper-level system in the event of an unexpected fault.
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i Niezawodność 2015, 17, 569–574. [CrossRef]

12. Duan, Z.; Wu, T.; Guo, S.; Shao, T.; Malekian, R.; Li, Z. Development and trend of condition monitoring and
fault diagnosis of multi-sensors information fusion for rolling bearings: A review. Int. J. Adv. Manuf. Technol.
2018, 96, 803. [CrossRef]

13. Stief, A.; Ottewill, J.R.; Baranowski, J.; Orkisz, M. A PCA and Two-Stage Bayesian Sensor Fusion Approach
for Diagnosing Electrical and Mechanical Faults in Induction Motors. IEEE Trans. Ind. Electron. 2019, 66,
9510–9520. [CrossRef]

14. Glowacz, A.; Głowacz, Z. Recognition of rotor damages in a DC motor using acoustic signals. Bull. Pol. Acad.
Sci. Tech. Sci. 2017, 65, 187–194. [CrossRef]

15. Glowacz, A.; Glowacz, W. Vibration-Based Fault Diagnosis of Commutator Motor. Shock Vib. 2018, 2018, 10.
[CrossRef]

16. Benbouzid, M.E.H. A review of induction motors signature analysis as a medium for faults detection.
IEEE Trans. Ind. Electron. 2000, 47, 984–993. [CrossRef]

http://dx.doi.org/10.1787/5kgg52gb9gjd-en
http://dx.doi.org/10.1109/TIA.1985.349533
http://dx.doi.org/10.1109/TEC.1986.4765668
http://dx.doi.org/10.3390/machines6020021
http://dx.doi.org/10.1109/TIE.2008.2007527
http://dx.doi.org/10.1109/TIA.2007.900448
http://dx.doi.org/10.1109/28.148460
http://dx.doi.org/10.3390/en11102524
http://dx.doi.org/10.3390/en12173232
http://dx.doi.org/10.3390/en12030510
http://dx.doi.org/10.17531/ein.2015.4.12
http://dx.doi.org/10.1007/s00170-017-1474-8
http://dx.doi.org/10.1109/TIE.2019.2891453
http://dx.doi.org/10.1515/bpasts-2017-0023
http://dx.doi.org/10.1155/2018/7460419
http://dx.doi.org/10.1109/41.873206


Appl. Sci. 2019, 9, 4822 18 of 20

17. Cruz, S.M.A.; Cardoso, A.J.M. Diagnosis of stator inter-turn short circuits in DTC induction motor drives.
IEEE Trans. Ind. Appl. 2004, 40, 1349–1360. [CrossRef]

18. Refaat, S.S.; Abu-Rub, H.; Iqbal, A. ANN-based system for inter-turn stator winding fault tolerant DTC
for induction motor drives. In Proceedings of the 17th European Conference on Power Electronics and
Applications (EPE’15 ECCE-Europe), Geneva, Switzerland, 8–10 September 2015; pp. 1–7. [CrossRef]

19. Praneeth, A.V.J.S.; Williamson, S.S. Algorithm for prediction and control of induction motor stator interturn
faults in electric vehicles. In Proceedings of the 2017 IEEE Transportation Electrification Conference and
Expo (ITEC), Chicago, IL, USA, 22–24 June 2017; pp. 130–134. [CrossRef]

20. Lu, D.; Zhang, P. MCSA-based Fault Diagnosis Technology for Motor Drivetrains. In Proceedings of the 2018
IEEE International Power Electronics and Application Conference and Exposition (PEAC), Shenzhen, China,
4–7 November 2018; pp. 1–5. [CrossRef]

21. Zia, U.; Hur, J. A Comprehensive Review of Winding Short Circuit Fault and Irreversible Demagnetization
Fault Detection in PM Type Machines. Energies 2018, 11, 3309. [CrossRef]

22. Garcia-Bracamonte, J.E.; Ramirez-Cortes, J.M.; de Jesus Rangel-Magdaleno, J.; Gomez-Gil, P.;
Peregrina-Barreto, H.; Alarcon-Aquino, V. An Approach on MCSA-Based Fault Detection Using Independent
Component Analysis and Neural Networks. IEEE Trans. Instrum. Meas. 2019, 68, 1353–1361. [CrossRef]

23. Verma, A.K.; Radhika, S.; Padmanabhan, S.V. Wavelet Based Fault Detection and Diagnosis Using Online
MCSA of Stator Winding Faults Due to Insulation Failure in Industrial Induction Machine. In Proceedings of
the 2018 IEEE Recent Advances in Intelligent Computational Systems (RAICS), Thiruvananthapuram, India,
6–8 December 2018; pp. 204–208. [CrossRef]

24. Thomson, W.T.; McRae, C.J. On-Line current monitoring to detect inter-turn stator winding faults in induction
motors. In Proceedings of the 24th Universities Power Engineering Conference, Belfast, UK, 19–20 September
1989.

25. Cardoso, A.J.M.; Cruz, S.M.A.; Fonseca, D.S.B. Inter-Turn Stator Winding Fault Diagnosis in Three-Phase
Induction motors, by Park’s Vector Approach. IEEE Trans. Energy Convers. 1999, 14, 595–598. [CrossRef]

26. Cruz, S.M.A.; Cardoso, A.J.M. Stator winding fault diagnosis in three-phase synchronous and asynchronous
motors, by the extended Park’s vector approach. IEEE Trans. Ind. Appl. 2001, 37, 1227–1233. [CrossRef]

27. Jung, J.H.; Lee, J.J.; Kwon, B.H. Online Diagnosis of Induction Motors Using MCSA. IEEE Trans. Ind. Electron.
2006, 53, 1842–1852. [CrossRef]

28. Park, R.H. Two-reaction theory of synchronous machines generalized method of analysis-part I. Trans. Am.
Inst. Electr. Eng. 1929, 48, 716–727. [CrossRef]

29. Cardoso, A.J.M.; Saraiva, E.S. On-line diagnostics of three-phase induction motors, by Parks Vector.
In Proceedings of the International Conference on Electrical Machines, Pisa, Italy, 12–14 September 1988;
pp. 231–234.

30. Henao, H.; Capolino, G.A.; Fernandez-Cabanas, M.; Filippetti, F.; Bruzzese, C.; Strangas, E.; Pusca, R.;
Estima, J.; Riera-Guasp, M.; Hedayati-Kia, S. Trends in Fault Diagnosis for Electrical Machines: A Review of
Diagnostic Techniques. IEEE Ind. Electron. Mag. 2014, 8, 31–42. [CrossRef]

31. Song, M.H.; Park, K.N.; Han, D.G.; Yang, C.O. Auto-diagnosis for stator winding faults using distortion ratio
of Park’s vector pattern. Trans. Korean Inst. Electr. Eng. 2008, 57, 160–163. [CrossRef]

32. Yang, C.O.; Park, G.N.; Song, M.H. Study on distortion ratio calculation of park’s vector pattern for diagnosis
of stator winding fault of induction motor. Trans. Korean Inst. Electr. Eng. 2012, 61, 643–649. [CrossRef]

33. Cruz, S.M.A.; Cardoso, A.J.M. Rotor cage fault diagnosis in three-phase induction motors by Extended Park’s
Vector Approach. Electr. Mach. Power Syst. 2000, 28, 289–299. [CrossRef]

34. Barendse, P.S.; Herndler, B.; Khan, M.A.; Pillay, P. The application of wavelets for the detection of inter-turn
faults in induction machines. In Proceedings of the 2009 IEEE International Electric Machines and Drives
Conference, Miami, FL, USA, 3–6 May 2009; pp. 1401–1407. [CrossRef]

35. Parra, A.P.; Enciso, M.C.A.; Ochoa, J.O.; Peñaranda, J.A.P. Stator fault diagnosis on squirrel cage induction
motors by ESA and EPVA. In Proceedings of the 2013 Workshop on Power Electronics and Power Quality
Applications (PEPQA), Bogota, CO, USA, 6–7 July 2013; pp. 1–6. [CrossRef]

36. Cruz, J.P.; Panadero, R.P.; Sanchez, M.P.; Guasp, M.R.; Roman, J.M.; Bano, A.S. Cost-effective on-line fault
diagnosis of induction motors using the reduced modulus of the current park’s vector. In Proceedings of
the 2017 IEEE 11th International Symposium on Diagnostics for Electrical Machines, Power Electronics and
Drives (SDEMPED), Tinos, Greece, 29 August–1 September 2017; pp. 427–433. [CrossRef]

http://dx.doi.org/10.1109/TIA.2004.834012
http://dx.doi.org/10.1109/EPE.2015.7309182
http://dx.doi.org/10.1109/ITEC.2017.7993259
http://dx.doi.org/10.1109/PEAC.2018.8590363
http://dx.doi.org/10.3390/en11123309
http://dx.doi.org/10.1109/TIM.2019.2900143
http://dx.doi.org/10.1109/RAICS.2018.8635058
http://dx.doi.org/10.1109/60.790920
http://dx.doi.org/10.1109/28.952496
http://dx.doi.org/10.1109/TIE.2006.885131
http://dx.doi.org/10.1109/T-AIEE.1929.5055275
http://dx.doi.org/10.1109/MIE.2013.2287651
http://dx.doi.org/10.5370/KIEE.2012.61.4.643
http://dx.doi.org/10.5370/KIEE.2012.61.4.643
http://dx.doi.org/10.1080/073135600268261
http://dx.doi.org/10.1109/IEMDC.2009.5075386
http://dx.doi.org/10.1109/PEPQA.2013.6614937
http://dx.doi.org/10.1109/DEMPED.2017.8062390


Appl. Sci. 2019, 9, 4822 19 of 20

37. Skowron, M.; Wolkiewicz, M.; Kowalska, T.O.; Kowalski, C.T. Application of Self-Organizing Neural
Networks to Electrical Fault Classification in Induction Motors. Appl. Sci. 2019, 9, 616. [CrossRef]

38. Estima, J.O.; Cardoso, A.J.M. A New Approach for Real-Time Multiple Open-Circuit Fault Diagnosis in
Voltage-Source Inverters. IEEE Trans. Ind. Appl. 2011, 47, 2487–2494. [CrossRef]

39. Go, Y.J.; Lee, B.; Song, M.H.; Kim, K.M. A Stator Fault Diagnosis of an Induction Motor based on the Phase
Angle of Park’s Vector Approach. J. Inst. ControlRobot. Syst. 2014, 20, 408–413. [CrossRef]

40. Go, Y.J.; Song, M.H.; Kim, J.Y.; Choi, W.R.; Lee, B.; Kim, K.M. A New Algorithm for Analyzing Method of
Electrical Faults of Three-Phase Induction Motors Using Duty Ratios Half-Period Frequencies According to
Phase Angle Changes. Mechatronics and Robotics Engineering for Advanced and Intelligent Manufacturing.
In Lecture Notes in Mechanical Engineering; Zhang, D., Wei, B., Eds.; Springer International Publishing: Cham,
Switzerland, 2017; Volume 36, pp. 303–317.

41. Spagnol, M.; Bregant, L.; Boscarol, A. Electrical Induction Motor Higher Harmonics Analysis Based on
Instantaneous Angular Speed Measurement. In Advances in Condition Monitoring of Machinery in Non-Stationary
Operations; Chaari, F., Zimroz, R., Bartelmus, W., Haddar, M., Eds.; Springer International Publishing: Cham,
Switzerland, 2016; Volume 4, pp. 27–41. [CrossRef]

42. IEC 60034-1. Rotating Electrical Machines—Part 1: Rating and Performance; IEC: Geneva, Switzerland, 2010.
43. ANSI/IEEE Std. IEEE Recommended Practice for Electric Power Distribution for Industrial Plants; ANSI/IEEE Std.:

New York, NY, USA, 1993.
44. IEEE Std. 519. IEEE Recommended Practices and Requirements for Harmonic Control in Electrical Power Systems;

IEEE Std.: New York, NY, USA, 1992.
45. Chang, H.C.; Jheng, Y.M.; Kuo, C.C.; Hsueh, Y.M. Induction Motors Condition Monitoring System with Fault

Diagnosis Using a Hybrid Approach. Engergies 2019, 12, 1471. [CrossRef]
46. Kishan, S.H.; Gupta, S.P. Effect of voltage unbalance and stator inter turn short circuit on the characteristics of

an induction motor. In Proceedings of the 2012 IEEE 5th India International Conference on Power Electronics
(IICPE), Delhi, India, 6–8 December 2012; pp. 1–6. [CrossRef]

47. Nguyen, V.; Seshadrinath, J.; Krishna, M.S.; Nadarajan, S.; Vaiyapuri, V. A Method for Incipient Interturn
Fault Detection and Severity Estimation of Induction Motors Under Inherent Asymmetry and Voltage
Imbalance. IEEE Trans. Transp. Electrif. 2017, 3, 703–715. [CrossRef]

48. Mirafzal, B.; Demerdash, N.A.O. On innovative methods of induction motor interturn and broken-bar fault
diagnostics. IEEE Trans. Ind. Appl. 2006, 42, 405–414. [CrossRef]

49. Kohler, J.L.; Sottile, J.; Trutt, F.C. Condition monitoring of stator windings in induction motors. I. Experimental
investigation of the effective negative-sequence impedance detector. IEEE Trans. Ind. Appl. 2002, 38,
1447–1453. [CrossRef]

50. Lee, S.B.; Tallam, R.M.; Habetler, T.G. A robust, on-line turn-fault detection technique for induction machines
based on monitoring the sequence component impedance matrix. IEEE Trans. Power Electron. 2003, 18,
865–872. [CrossRef]

51. Bouzid, M.B.K.; Champenois, G. New Expressions of Symmetrical Components of the Induction Motor
Under Stator Faults. IEEE Trans. Ind. Electron. 2013, 60, 4093–4102. [CrossRef]

52. Gonzalez-Cordoba, J.L.; Osornio-Rios, R.A.; Granados-Lieberman, D.; Romero-Troncoso, R.D.J.;
Valtierra-Rodriguez, M. Correlation Model Between Voltage Unbalance and Mechanical Overload Based on
Thermal Effect at the Induction Motor Stator. IEEE Trans. Energy Convers. 2017, 32, 1602–1610. [CrossRef]

53. Dorrell, D.G.; Makhoba, K. Detection of Inter-Turn Stator Faults in Induction Motors Using Short-Term
Averaging of Forward and Backward Rotating Stator Current Phasors for Fast Prognostics. IEEE Trans. Magn.
2017, 53, 1–7. [CrossRef]

54. Berzoy, A.; Mohammed, O.A.; Restrepo, J. Analysis of the Impact of Stator Interturn Short-Circuit Faults
on Induction Machines Driven by Direct Torque Control. IEEE Trans. Energy Convers. 2018, 33, 1463–1474.
[CrossRef]

55. Zidani, F.; Benbouzid, M.E.H.; Diallo, D.; Nait-Said, M.S. Induction motor stator faults diagnosis by a current
Concordia pattern-based fuzzy decision system. IEEE Trans. Energy Convers. 2003, 18, 469–475. [CrossRef]

56. Siddique, A.; Yadava, G.S.; Singh, B. A review of stator fault monitoring techniques of induction motors.
IEEE Trans. Energy Convers. 2005, 20, 106–114. [CrossRef]

57. Xu, Z.; Hu, C.; Yang, F.; Kuo, S.; Goh, C.; Gupta, A.; Nadarajan, S. Data-Driven Inter-Turn Short Circuit Fault
Detection in Induction Machines. IEEE Access 2017, 5, 25055–25068. [CrossRef]

http://dx.doi.org/10.3390/app9040616
http://dx.doi.org/10.1109/TIA.2011.2168800
http://dx.doi.org/10.5302/J.ICROS.2014.13.8009
http://dx.doi.org/10.1007/978-3-319-20463-5_3
http://dx.doi.org/10.3390/en12081471
http://dx.doi.org/10.1109/IICPE.2012.6450412
http://dx.doi.org/10.1109/TTE.2017.2726351
http://dx.doi.org/10.1109/TIA.2006.870038
http://dx.doi.org/10.1109/TIA.2002.802935
http://dx.doi.org/10.1109/TPEL.2003.810848
http://dx.doi.org/10.1109/TIE.2012.2235392
http://dx.doi.org/10.1109/TEC.2017.2706194
http://dx.doi.org/10.1109/TMAG.2017.2710181
http://dx.doi.org/10.1109/TEC.2018.2827170
http://dx.doi.org/10.1109/TEC.2003.815832
http://dx.doi.org/10.1109/TEC.2004.837304
http://dx.doi.org/10.1109/ACCESS.2017.2764474


Appl. Sci. 2019, 9, 4822 20 of 20

58. Yin, S.; Ding, X.; Xie, X.; Luo, H. A Review on Basic Data-Driven Approaches for Industrial Process
Monitoring. IEEE Trans. Ind. Electron. 2014, 61, 6418–6428. [CrossRef]

59. Maraaba, L.; Al-Hamouz, Z.; Abido, M. An Efficient Stator Inter-Turn Fault Diagnosis Tool for Induction
Motors. Energies 2018, 11, 653. [CrossRef]

60. Yoash, L.; Juri, B.; Baimel, D. A Tutorial on Dynamics and Control of Power Systems with Distributed and
Renewable Energy Sources Based on the DQ0 Transformation. Appl. Sci. 2018, 8, 1661. [CrossRef]

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1109/TIE.2014.2301773
http://dx.doi.org/10.3390/en11030653
http://dx.doi.org/10.3390/app8091661
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Overview of Turn-to-Turn Shorts 
	D-Q Transformation 
	D-Q Stationary Reference Frame 
	D-Q Synchronous Reference Frame 

	Turn-to-Turn Short and Inter Turn Short Circuit 
	Magnetic Flux Linkage Quantity according to a Turn-to-Turn Short 
	Short Circuit Current According to ITSC 

	Experiment and Discussion 
	Experimental Conditions 
	Existing Studies-PVA 

	Proposed Method 
	Conclusions 
	References

