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Abstract: The Ministry of Education of Taiwan conducted an e-learning partner program to offer
life-accompaniment and subject teaching to elementary and secondary students through a network
platform with cooperation from university undergraduates. The aim of the e-learning partner
program was to improve the motivation and interest of the children after learning at school. However,
the outcome of this program stated that the retention rate of the undergraduates was low over three
semesters in the case universities. Therefore, the training cost for the program was wasted each
semester, and it was necessary to solve the problem and improve the situation. The evaluation of
self-efficacy directly affects a person’s motivation for the job. This research examined inner self-efficacy
(teaching and counseling) and outer support (administration and equipment) that would contribute
to and predict the success and the persistence of the e-learning partner program. There were 94 valid
self-evaluation records in the 2019 academic year. ANOVA, post hoc, and partial least squares (PLS)
analyses were conducted. The results showed that the year level, experience, and teacher education
program background were significantly different in this study. The network behavior model was set up
effectively to predict the retention from four scopes. A higher teaching self-efficacy would have better
passion and innovation scores than the others. Using the suggestions for improvement, decreasing
the gap between undergraduates’ expectations and promoting sustainability in the e-learning partner
program can be achieved.

Keywords: e-learning partner program; partial least squares structural equation modeling; retention;
self-efficacy; teacher education program

1. Introduction

From 2016 to now, the Ministry of Education (MOE) of Taiwan conducted a digital application
promotion plan in rural schools to improve digital skills, enrich digital competency (e-commerce and
e-marketing), and promote enjoyment of mobile services as well as applications. The MOE e-learning
partner program was one part of the plan [1]. Based on companionship, learning, and improving
the motivation and interest of rural students, undergraduates used the internet to overcome barriers
between urban and rural areas. The purpose was to promote equal learning opportunities for
elementary and secondary students everywhere. In addition, the core values of this program included
life accompanying life and living teaching living. There are two main targets: one is the learning of the
children and the other is the teaching of the undergraduates. There was a total of ten weeks in one
semester, with classes twice a week and two lessons each time (Chinese, English, or Mathematics).
Each lesson lasted for 45 min with one-on-one online interaction. Regarding the partners, there
were five primary and secondary schools that cooperated with the case university from 2017 until
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now. Many studies reported good performance of the e-learning partner program [2–5]. In the
case university, the e-learning partner program has been promoted for four semesters. However,
the outcome report of this program stated that the retention rate of the undergraduates was below
30% over three semesters [6]. At the beginning of each new semester, the program hosts had to invite
lecturers to announce and impart the same knowledge and skills as those of the e-leaning partner
program. The problem, as per program hosts, was considered an economic loss for the universities
and talent loss for the team members of the program.

This present study aims to collect specific data of the undergraduates’ inner characteristics and
the outer environmental support to examine the significant factors that influence the persistence of
the program. A sound and complete model can predict the user performance with technology by the
analysis of personal learning behavior [7]. We use an advanced procedure to set up the predictive
model of undergraduates’ self-evaluation in an online e-learning partner program to improve the high
talent turnover problem and decrease the cost of human-resource training.

The evaluation of self-efficacy will directly affect a person’s motivation for the job. Yesilyurt et al.
concluded that teacher self-efficacy, academic self-efficacy, and computer self-efficacy are important
predictors of prospective teachers’ attitudes toward applying computer-supported education [8]. Also,
personalization features can match the user’s attitude and behavior; therefore, they could enhance
the user’s performance and persistency with technology [9]. Some studies reported that there was
a positive relationship between self-efficacy and positive attitude and predicted the attitude [10–12].
The variables of teaching efficacy and teaching satisfaction were also discussed [13,14]. In order
to explore the results of the undergraduates’ retention during one semester in the case university,
collecting data on teaching, counseling, administration, and equipment evaluation was necessary.

Furthermore, the retention factor and designing of a questionnaire and its implementation during
the mid-term and the end of the semester were important. For this reason, it is essential to detect which
variables affect prospective undergraduates’ attitudes toward applying for the e-learning partner program
and to devise a predictive model in this program. In the e-learning partner program, there were 94
teaching undergraduates who completed the survey at the case university. When using a small sample,
the partial least squares structural equation modeling (PLS-SEM) can be used to estimate the relationships
between latent variables with several indicators [15,16]. Moreover, the method was applied in various
research disciplines, such as marketing [17–19], management [20–23], finance [24–26], hospitality and
tourism [27–29], information [30–32], social media [33,34], psychology [35], and science [36], and it
was shown as capable of solving real-world problems. Many studies stated the predictive estimation
capabilities of PLS-SEM [37–39]. Exploratory factor analyses of scales were analyzed via SPSS. For the
confirmatory factor analyses of scales and the structural equation modeling, partial least squares (PLS)
was used to predict the latent variable of retention in this program.

The aims of this study are (1) diagnosing the outcome of self-evaluation of undergraduates and
determining which factors are significantly different, (2) evaluating the correlation among scores of
self-evaluation, and (3) predicting the willingness of retention by carrying out PLS modelling. From
the suggestions for improvement, a decrease in the gap of undergraduates’ expectations and enhanced
sustainability in the e-learning partner project can be achieved.

2. Literature Review

An interactive environment, administrative support, and perceived institutional resources
influenced the learning completion intention of undergraduates [40]. Thus, teaching, counseling,
administration, and equipment were included in our evaluation. Related to inner assessment,
self-efficacy was described in many studies. The prediction method of PLS was also applied in
many researches.
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2.1. Self-Efficacy

Self-efficacy, as developed by Bandura, indicated that people had confidence in a relevant area [41].
Effectiveness and self-efficacy of teaching were discussed in many studies [42–44]. Self-efficacy
was effective in different aspects such as classroom management, teaching methods and techniques,
and the use of computers and instructional tools [45]. In addition, it also affected students’ learning
performance. Sun found that environmental transformation, teaching innovation, class management,
parent-teacher communication, teaching execution, and teaching evaluation influenced teaching
quality [44]. Xu found that teacher self-efficacy was positively related to the teacher’s perceived
pressure, class management style, teaching-thinking style, commitment to teaching, willingness to
carry out teaching innovation, and students’ learning performance [46]. In this study, considering
teaching self-efficacy and retention (passion and innovation), teaching indicators that included teaching
preparation, teaching methods, and teaching attitude were adapted from Danielson, Keller, Pan et al.
and the Ministry of Education [47–49].

Secondly, counseling self-efficacy is defined as a belief in the ability of individuals to perceive
counseling cases effectively [50]. According to Larson and Daniels, studies on counseling self-efficacy
are mostly conducted to understand the self-efficacy of counselors, including trainees or graduate
students, school counselors, psychologists, or mental health-related personnel. Regarding the factors
that affect the effectiveness of counseling, Larson and Daniels found that counselor characteristics,
sexual orientation, age, training background, work experience, and other variables were important
factors in predicting the self-efficacy of counselors in multiple studies. Case studies based on
self-assessment by trained counselors have shown that those with higher self-efficacy in counseling
have higher self-evaluations [51,52]. There are three sections related to counseling training: knowledge,
skill, and belief [53]. In this study, counseling self-efficacy is divided into two parts. One is the
attitude when tutoring the child (this includes understanding the child’s position, accepting the child,
trusting the child’s ability, and respecting the child). The other is the positive perception of counseling
knowledge and attitude.

Finally, the outer environment support and institutional resources, as well as administrative
support and IT equipment were two important factors in the questionnaire that were designed by the
MOE of Taiwan. The program hosts and assistants shared their experiences with the administrative
support. With regard to the IT section, the platform of MOE, the e-learning interactive equipment
(such as the software and the writing board) and the computers’ network flow speed were employed
to investigate the self-evaluation of the undergraduates during the semester at the case university.

2.2. Retention

According to [54], individual characteristics such as background and attitude affect students’
dropout rates. Vianden and Barlow studied student loyalty with the assumption that students who
develop positive attitudes toward their institutions are more likely to continue [55]. Furthermore,
passion for long-term goals predicted retention among novice teachers [56,57]. Some researchers
showed a strong link between talent retention and innovation [58,59]. Therefore, innovation and
passion were two key factors related to retention in this paper. The control variables for the background
used in this research were college, gender, subject, e-learning partner experiences, and teacher education
program background.

2.3. PLS

PLS-SEM is a method used to estimate path models with latent variables and extend the principal
component and canonical correlation analysis in statistics [60,61]. PLS can cope with smaller sample
sizes than structural equation modeling (SEM) for the same effect size and model complexity, and it
can more easily specify formative constructs [62–64]. In the formative model, it was necessary to
assess the indicator weights and loads, and perform redundancy analyses. Chin provided redundancy
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analysis, in which each formatively specified construct correlated with its alternative measure [65].
The SmartPLS 3 software with a graphical user-interface was used to estimate the PLS-SEM models [66].
The first PLS software was published nearly ten years after LISREL III [67]. A relational predictive
model is a research model that aims at determining the presence and the extent of the retention among
the four self-evaluation variables.

3. Methods

In this context, the effect of the undergraduate retention toward using teaching, counseling,
administration, and equipment evaluation on each other and their mutual relation are considered in
this study.

3.1. Samples and Procedure

This research was conducted in two stages. The first was the factor analysis and the reliability
and validity analyses of all items of the questionnaire to reduce the number of questions. ANOVA and
post hoc analyses were conducted to determine the significant factors. The demographic features of
the participants were gender, year level, college, teaching subjects, experience, and teacher education
program background. Through ANOVA, we detected which of the background variables were
significantly different in this study. Through post hoc analysis, multiple comparison analysis (over two
levels) was explored. Furthermore, the PLS modelling in the final semester questionnaire was created
to detect the correlation between retention (passion and innovation) and the four factors (teaching,
counseling, administration, and IT equipment). Thereafter, it was extended to predict the future trend
in this e-learning partner program to enhance the perseverance in the tutoring and teaching side.

The students completed the first questionnaire in the fifth week of the semester and the second
one in the tenth week. In the 2019 academic year (from 21 October 2019 to 20 December 2019), 94 valid
self-evaluation records were obtained twice. There were 10 weeks in total, with classes twice a week,
covering two lessons each time (Chinese, English, or Mathematics). Each lesson lasted for 45 min
with one-on-one online companion and learning. The ethical rule was stated as a declaration in the
beginning of the questionnaire, and it was answered online. All the participants voluntarily attended
the scale implementation process.

The demographic features of the participants were as follows. In terms of gender, 80.9% of
the participants were female, and 19.1% were male participants. In terms of year level, 17% of the
participants were in the first year, 38% in the second year, 24% in the third year, 13% in the fourth year,
and 7% were masters students. In terms of college, 30% of the participants studied in the College of
Humanities and Social Sciences, 6% in the College of Science and Engineering, 10% in the College
of Design, 24% in the College of Management, and 30% in the College of Informatics. Considering
the teaching subjects, 16% of the participants taught Chinese, 41% taught English, and 43% taught
Mathematics. Considering experience, 76% were novices and 24% were experienced. Concerning
teacher education program background, 34% studied in the program, and 66% did not.

3.2. Measures and Variables

The main variables of the teacher were college, gender, subject, e-learning partner experience,
and teacher education program background. There were teaching, counseling, administrative,
and equipment questions in the self-evaluation survey. With regard to retention, passion and
innovation were two main variables. Students answered the questionnaire, using a five-point scale.
The options were “strongly agree”, “agree”, “neutral”, “disagree”, and “strongly disagree”. The scoring
order was 5–1 points, respectively. The items on teaching, counseling, administration, and IT equipment
are shown in Table 1.
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Table 1. Questionnaire items.

Factor Description

Teaching
T1 I can analyze students’ prior knowledge and learning needs before teaching.

T2 I can understand the physical and mental characteristics, learning experience,
learning interests, and learning environment of students before teaching.

T3 I can correctly grasp the teaching material of the subjects taught.
T4 I can choose textbooks and copies that meet the needs of school children.

T5 I can specify the learning goals and show the impact of teaching materials on the
life or future of students.

T6 I can provide new and old knowledge (such as information familiar to specific
children, daily life experience, etc.) related to school children.

T7 I will create a teaching environment that respects harmony and fun and makes
my interaction with students effective.

T8
I will effectively use a variety of teaching methods (such as questioning,
multimedia, games, etc.) to maintain the attention of students, creating challenges
and novelties.

T9 I can use the teaching process from shallow to deep to provide students with a
chance to succeed.

T10 I can provide the students challenging, moderate, and meaningful learning
lessons at the right time.

T11 I can clarify to students the standards and implementation methods of learning
evaluation.

T12 I can provide learners the opportunity (such as online real-time quizzes) to
demonstrate real results at the right time.

T13 I will provide prompt and specific feedback (such as praise, drumming) and
suggestions at the appropriate time

T14 I will use adaptive multiple evaluations such as oral expression and student
self-evaluation.

T15 I have never used high-quality sound and light effects media (such as the use of
video games) to stimulate students to learn.

T16 I am passionate about helping school children move towards positive
self-development.

T17 I am willing to participate in knowledge training to improve the profession.
Counseling

C1 I believe that company is a meaningful thing.
C2 I think the opinions of every student should be respected.
C3 I am willing to accept the individual differences of school children in good faith.
C4 I believe that school children have the potential to overcome difficulties in life.

C5 I agree that students have an autonomy without harming themselves and others
with their power of decision.

Administration

A1 The teacher with the class really helps to confirm the status of the elementary
school.

A2 The class teacher helps with network obstacles.

A3 The teacher with the class really assists in the troubleshooting of hardware and
software equipment.

A4 The class teacher replied to the teaching diary.
A5 The class teacher counsels me on the teaching problems and tracks them.
A6 The education and training planned by our school team helped me.

Equipment

E1 The diary filling function meets the usage requirements (click on the screen after
the university is accompanied by the classroom).

E2 Textbook upload function meets the needs of use.
E3 JoinNet operation platform is stable.
E4 Computer classroom network connection is stable.
E5 Computer classroom hardware equipment is stable.

Output
Innovation My teaching activities can motivate students to learn.

Passion I often face my teaching work with enthusiasm and hope.

3.3. The PLS Algorithm Procedure

A participant group with smaller numbers was necessary for complex models in partial least square
structural equation modelling. The bias-corrected and accelerated (BCa) bootstrapping procedure
was used to assess the control variables’ significance and interaction effects. The assessment of the
significant control variables should use the f2 effect size to consider their relevance. In the beginning,
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the reliability and validity (first stage) were examined. Then, the degree of collinearity of the indicators
and the significance and relevance of the indicator weights were analyzed. Finally, redundancy analysis
was conducted.

4. Results

There were 94 valid self-evaluation records in the 2019 academic year (from 21 October 2019
to 20 December 2019). The post scores were significant (p-value < 0.05) and higher in T11, E5,
and Innovation than those in the first survey. Teaching self-efficacy, administration, and equipment
evaluations increased with time. Counseling self-efficacy decreased in the second stage; however,
it was not significant.

4.1. Factor Analysis

According to the factor analysis used to reduce the items, there are four main functions in this
study. The items that did not score higher than 0.5 in the loading weight would be deleted from the
study. Initially, in the teaching items, the 17 items were classified into four main factors (TP = teaching
preparation, TC = teaching conference, TA = teaching attitude, and TW = teaching method). The factor
of TP = {T1-T6, T11-T12, T15}, TW = {T7-T10, T13-T14}, TA = T16, and TC = T17. Moreover, E1 was
deleted because the weight was lower than 0.5. Through the principal analysis, a total of four functions
were created in this study as shown in Table 2, and the significance was smaller than 0.05 in the KMO
and Bartlett test. Related to the rotation sum of the squared loading, the cumulative percentage was
76.52 among the four main factors.

Table 2. Factor loading matrix.

Factor

A C T E

A3 0.862
A5 0.766
A2 0.757
A6 0.741
A4 0.727
A1 0.712
C3 0.867
C2 0.840
C5 0.738
C1 0.708
C4 0.693
TP 0.804
TC 0.788
TA 0.786
TW 0.734
E3 0.878
E4 0.877
E5 0.818
E2 0.650

After the factor analysis, we classified TP, TC, TA, and TW as Teaching; C1–C5 as Counseling;
A1–A6 as Administration; and E2–E5 as Equipment. In the basic statistics in Figure 1, the score of
Administration is the highest (mean = 4.761) and the score of Teaching is the lowest (mean = 4.276).
It showed a high level of inner self-efficacy and outer support. Besides, the reliability and validity of the
questionnaire were explored in Table 3. The Cronbach’s alpha value of the scale was detected to be 0.886
for Teaching, 0.942 for Counseling, 0.912 for Administration, and 0.881 for Equipment. The Cronbach
alphas of all four functions are greater than 0.8. This indicated that the result had a good reliability.
In convergence validity, the average variance extracted (AVE) was greater than 0.5. In addition, all the
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correlation coefficients were better than 0.3. In the discriminate validity, the coefficient was better
than 0.7. Furthermore, the four weights were higher than the others. This indicated good validity.
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Table 3. Reliability and validity analyses.

Factor Cronbach Alpha AVE Mean SD Teaching Counseling Administration Equipment

Teaching 0.886 0.581 4.276 0.631 0.762 0.671 0.525 0.433
Counseling 0.942 0.600 4.674 0.581 0.671 0.775 0.671 0.467
Administration 0.912 0.606 4.761 0.510 0.525 0.671 0.778 0.464
Equipment 0.881 0.658 4.298 0.829 0.433 0.467 0.464 0.811

Note: AVE = average variance extracted; SD = standard deviation.

4.2. ANOVA and Post Hoc Analysis

The demographic features of the participants were gender, year level, college, teaching subjects,
experience, and teacher education program background. The freshman and sophomores were coded as
1, the juniors and seniors were coded as 2, and the graduates were coded as 3. Through ANOVA and
post hoc analysis (Scheffe method), year level, experience, and teacher education program background
were significantly different in this study as demonstrated in Table 4. The scores of third- and fourth-year
participants were significantly higher than those of the first- and second-year undergraduates. In the
e-learning partner program experience, the scores of the experienced participants was higher (4.47)
than those of the novices (4.21) in self-efficacy of teaching. The participants who were enrolled in the
teacher education program concurrently scored significantly higher in teaching (4.48 vs. 4.17) and
counseling (4.81 vs. 4.60) than those who were not enrolled in the teacher education program at the
case university.

4.3. PLS Analysis

In this study, SmartPLS is used to process the original data from SPSS to CSV file. SmartPLS is
advantageous for samples smaller than 100. There are a total of 94 participants in the survey, which is
an appropriate sample size. Reasons for analyzing the data with this tool include small sample size,
non-normal data, formative measures, focus on prediction, model complexity, exploratory research,
and theory development. There are reflective, formative, and redundancy models in the PLS. From
previous studies, a model that shows the effect level of the latent variables of teaching, counseling,
administration, equipment, and retention on each other and their ratios to each other was put forward.
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In Figure 2, all the outer loadings are higher than 0.7. In collinearity statistics, the inner variance
inflation factor was smaller than 10. The four factors were not collinear in this research.

Table 4. ANOVA and post hoc analyses.

Source of Variation SS df MS F p-Value Post Hoc

Teaching ∗ Grade Between Group 5.098 6 0.85 3.288 0.006
2 > 1Within Group 22.484 87 0.258

Teaching ∗ Experience Between Group 1.187 1 1.187 4.138 0.045
Within Group 26.395 92 0.287

Teaching ∗ EduB Between Group 2.117 1 2.117 7.647 0.007
Within Group 25.466 92 0.277

Counseling ∗ EduB Between Group 0.924 1 0.924 3.469 0.066
Within Group 24.514 92 0.266

Note: p-value is significantly smaller than 0.05, SS = sum of squares; df = degree of freedom; MS = mean square;
F = F value.
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The path coefficients of the prediction model were positive in teaching, counseling,
and administration; however, they were negative in equipment to the latent variable of retention.
The model also presented innovation (0.915) and passion (0.921), which had positive path coefficients
to retention.

In path coefficient analysis, the factor of teaching coefficient was higher than 0.7, the total effect
p-value was smaller than 0.05, and t > 3.29 (Table 5). This indicates that the formative construct in
teaching can explain at least 50% of the variance of retention.
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Table 5. Path coefficients.

Original
Sample (O)

Sample
Mean M)

Standard
Deviation (STDEV)

T Statistics
(|O/STDEV|) p Values

Administration
-> Retention 0.012 0.017 0.077 0.150 0.881

Counseling ->
Retention 0.093 0.077 0.097 0.956 0.339

Equipment ->
Retention −0.036 −0.029 0.075 0.482 0.630

Teaching ->
Retention 0.822 0.831 0.055 14.84 0.000 *

Note: * p-value is significantly smaller than 0.05.

First, from Table 6, all the composite reliability values are around 0.8–0.9, supporting the internal
consistency and reliability of the measures. Second, the values of convergence validity (AVE) were all
higher than 0.5, and the values of composite reliability (CR and Cronbach’s alpha CA) were all higher
than 0.7. In discriminate validity, the coefficient was smaller than 0.7. Although the teaching coefficient
was 0.873, it is smaller than 0.918. Therefore, it is still in the reasonable range. Considering redundancy,
if it is higher, the model is a good fit (goodness of fit = Sqrt (redundancy)). This is similar to the model
with blindfolding redundancy > 0, indicating that the variable has a predictive relevance in the model.
The construct cross redundancy Q2 (=1-SSE/SSO) = 0.63 in retention was calculated, and it was a good
fit in this model. Third, the R2 (0.767) was higher than 0.67, indicating that it was valuable in real
application. Fourth, the effect size f2 (0.79) was higher than 0.35. This indicated that the outer variable
(Teaching) significantly influenced the inner variable (Retention) and the R2 would increase.
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Table 6. Reliability and validity.

Convergence Validity (AVE) Discriminate Validity

AVE Composite
Reliability R Square Cronbach’s

Alpha CommunalityRedundancy A C E R T

A 0.714 0.937 0.919 0.714 0.845 0.687 0.509 0.497 0.536
C 0.814 0.956 0.943 0.814 0.687 0.902 0.525 0.637 0.675
E 0.742 0.920 0.887 0.742 0.509 0.525 0.862 0.421 0.490
R 0.843 0.915 0.767 0.814 0.843 0.63 0.497 0.637 0.421 0.918 0.873
T 0.751 0.923 0.889 0.751 0.536 0.675 0.49 0.873 0.867

Note: A = Administration; C = Counseling; E = Equipment; R = Retention; T = Teaching.
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5. Discussion

5.1. Self-Efficacy and Retention

In the PLS model, the teaching self-efficacy significantly influenced the attitude of retention.
Some studies discussed self-efficacy and retention. Gore found that a self-efficacious belief is an
important predictor of the academic performances and achievement of university students [68]. The role
of motivation, perceived effectiveness, and self-efficacy truly enhanced learner retention [69]. People
with low self-efficacy are also timid against technological innovations and may display resistance
against using computers as well [70,71]. In addition, the retention of teachers had positive effect on
achievement of students [72,73]. Thus, a good model for predicting the willingness of instructors to
persist was essential and necessary.

In the e-learning partner program, the grade year level, experience, and teacher education program
background had a positive correlation with the teaching self-efficacy. Although the aim of this program
was geared toward children, Chinese, English, and Mathematics were required in the interactive process.
If institutions want to get maximum benefits on training, they must offer a supportive environment
that can enhance self-efficacy and retention capabilities of their employees [74]. Without sufficient
training in teaching, the undergraduates were not confident to face the students online. That was the
reason willingness to persist in the e-learning program was low during each semester. Consequently,
the learners in the e-learning partner program had to face new instructors and felt unstable in the
learning process. This result was similar to a European survey, in which the younger generations
were less willing to persist in the same organization and had lower organizational commitment [75].
Therefore, institutional managers needed to pay more attention to solve the problem of losing talents.

5.2. Training Design

The participants who were enrolled in the teacher education program had higher scores in teaching
and counseling self-efficacy than those who were not enrolled. These results are similar to results
of some studies that posited that participants in accelerated programs were older with more life
and work experience and education, and the senior and experts often viewed them as being better
critical thinkers, more inquisitive, and more confident [76–78]. The graduates from the accelerated
e-learning partner programs had higher levels of confidence because they were older, and more mature.
They have often already successfully completed a degree and had more life experience. For the
hosts of the e-learning partner program reference, effective instruction in educational psychology,
principles and methods of instruction, teaching methods, testing and evaluation, scientific research
methods, management experience, and teaching practice may positively affect teaching self-efficacy of
the novice undergraduates. Considering the teacher education program in the case university, the core
competencies of the childhood teacher education program included educational knowledge and
important educational issues [79]. The fundamental training design can include domain knowledge
related to teaching knowledge, curriculum and instructional design skills, effective use of teaching
strategies for effective teaching, appropriate methods for learning assessment, giving play to class
management efficiency and creating a supportive learning environment, offering relevant counseling,
educational professional responsibility, commitment to teacher professional growth and demonstration
of collaboration and leadership. All curricula were related to teaching and counseling training, and this
could improve the interactive confidence.

6. Implications and Recommendations

It was necessary for the online e-learning partner program to improve the high talent turnover
and decrease the cost of human resource training. The purpose of this study was to analyze factors that
could contribute to this. Although the participants in this research were limited to one case university,
the model of predicting teachers’ retention can be implemented at any university, especially novices
in instruction in the world. If the institutional manager offered sufficient resources for teachers and
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learners, their interaction and communication could be stable and free of worry for a long-period in
the e-learning process. The knowledge and subject area during each learning stage were consistent
and systematic; therefore, the improvement of inner self-efficacy (teaching and counseling) and outer
support could contribute to real or virtual classrooms anywhere Through workshops, professional
seminars, instructors’ communities, retention rewards, or apprenticeships held by the MOE in Taiwan,
the e-learning partner program could be more successful and beneficial to the accompaniment of
children in happiness and harmony.

7. Conclusions

The e-learning partners program was promoted for four semesters in the case university. However,
the report of this program stated that the retention rate was a big problem. This study examined
inner self-efficacy and outer support evaluation that would contribute to and predict the success and
persistence of the e-learning partners’ programs. The independent variables including year level,
experience, and teacher education program background had significant impact on the self-evaluation
survey in this study. Through PLS modeling, this study can deal with smaller sample sizes than SEM
for the same effect size and model complexity and can more easily show formative constructs. After
the path analysis, the teaching factor can better predict the network behavior model in this e-learning
partner program. Therefore, this research could be of immense help to e-learning partner programs in
improving their training strategies and it could be beneficial to the learning with technology. The model
also has the potential to contribute to talent retention and to provide an optimal environment to
support student learning and growth worldwide.
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