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Abstract

:

Simple Summary


The livestock sector requires a significant amount of natural resources and has an important role in climate change. Although the carbon footprint has become a widely accepted indicator for assessing the greenhouse gases emitted per unit of product, due to the lack of a commonly accepted methodology, there are still few studies that have included soil organic carbon sequestration in their calculations. In this study, by including soil organic carbon dynamics, the carbon footprint of a Mediterranean pasture-based beef cattle farm was estimated using current weather data and farming management policies. Subsequently, different soil management strategies, grazing systems, and climate scenarios were compared to the current ones to investigate the effects of these variables on the greenhouse gases emitted. The results showed that the current beef carbon footprint could be significantly reduced by switching to reduced tillage systems. The modeled combination of no-tillage practices with higher organic fertilizer application rates showed a greater potential carbon footprint reduction. No significant differences were found between carbon footprint values modeled under different climate scenarios and grazing systems. By including a process-based model into its carbon footprint calculations, this study highlights the climate mitigation potential of different farming practices and the importance of considering soil carbon sequestration.




Abstract


A better understanding of soil organic carbon (SOC) dynamics is needed when assessing the carbon footprint (CFP) of livestock products and the effectiveness of possible agriculture mitigation strategies. This study aimed (i) to perform a cradle-to-gate CFP of pasture-based beef cattle in a Mediterranean agropastoral system (ii) and to assess the effects on the CFP of alternative tillage, fertilizing, and grazing practices under current (NCC) and future climate change (CC) scenarios. Minimum (Mt) and no-tillage (Nt) practices were compared to current tillage (Ct); a 50% increase (Hf) and decrease (Lf) in fertilization was evaluated against the current (Cf) rate; and rotational grazing (Rg) was evaluated versus the current continuous grazing (Cg) system. The denitrification–decomposition (DNDC) model was run using NCC as well as representative concentration pathways to investigate the effects of farm management practices coupled with future CC scenarios on SOC dynamics, N2O fluxes, and crop yield. Within NCC and CtCf, an emission intensity of 26.9 ± 0.7 kg CO2eq per kg live body weight was estimated. Compared to Ct, the adoption of Mt and Nt reduced the CFP by 20% and 35%, respectively, while NtHf reduced it by 40%. Conservation tillage practices were thus shown to be effective in mitigating greenhouse gas emissions.
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1. Introduction


Greenhouse gas (GHG) emissions from the livestock sector amount to 14.5% of global anthropogenic emissions [1], and this number is expected to grow as a consequence of the increased demand for livestock products from developing countries [2]. To meet the future needs of the expanding human population, an increased efficiency of animal production systems coupled with a decrease in GHG emission intensity per unit of product must be targeted [3].



When assessing the environmental burden associated with livestock products, soil organic carbon (SOC) represents a large carbon pool sink that should be considered when evaluating the sustainability of agricultural systems [4].



In recent years, the promotion of less-intensive tillage practices [5], the use of organic fertilizers [6], and the adoption of rotational grazing systems [7] have been credited for mitigating climate change (CC) due to their positive effects on SOC preservation.



Various methods have been used to estimate GHG emissions and sinks in agriculture carbon footprint (CFP) studies, ranging from a simple Tier 1 approach [8] to complex process-based models (Tier 3) capable of simulating carbon and nitrogen cycles [9]. On the one hand, the Tier 1 approach is still the most commonly used approach in the agriculture sector [10], but on the other hand, by considering the interactions between (i) climate, (ii) soil, and (iii) tillage practices, process-based models have been shown to be useful tools in simulating the long-term effects that these interactions have on crop yields, SOC dynamics, and GHG emissions [11]. Currently, the adoption of more accurate methods for the estimation of land-based emissions is recommended to improve the accuracy of CFP results [10].



Process-based models are based on biogeochemistry [12]: among them, the denitrification–decomposition (DNDC) model [13] has been applied in more than 30 countries across the world [14] and has been validated globally in over 100 studies, demonstrating its high accuracy [15].



Despite the fact that SOC sequestration in agricultural practices is a highly debated topic [16], investigating C sinks within agriculture CFP studies still requires further research to develop a common, reliable, and robust method [17]. As a result, there have been few CFPs that have included soil C dynamics in their results [18]. When SOC sequestrations have been included in beef cattle CFP studies [19,20], whole-farm GHG emissions have been found to decrease by 5%–43%. These findings underline the importance of considering both GHG emissions and sinks in evaluating the CFP of an agricultural system accurately [21].



Grazing systems are important resources in ruminant feeding, especially in areas where natural grasslands are part of the landscape. In the Mediterranean area, the livelihood of pastoral and agropastoral people depends largely upon rangelands, which are the major food source for their animals [22]. The Mediterranean agropastoral system [23] has evolved over time without the need for animal housing and feed supplies, but this practice has been increasingly lost due to the intensification of production. Nevertheless, because of their rusticity traits, in the Mediterranean area some native cattle breeds are still raised under this extensive pasture-based management system.



While there are several CFP studies that have investigated intensive and semi-intensive cosmopolitan beef cattle systems, less attention has been dedicated to GHG emissions coming from pasture-based farms rearing native breeds.



Thus, by including the DNDC model in an assessment of soil GHG emissions and sinks, this study aimed to (i) perform a CFP study of pasture-based native beef cattle reared in a Mediterranean agropastoral system and (ii) assess the impact on a CFP of different agronomic practices such as tillage, fertilizing, and grazing management under current and future CC scenarios.




2. Materials and Methods


2.1. Functional Unit and System Boundaries


The functional unit (FU) chosen for the study was 1 kg of live body weight (LBW) of Maremmana beef cattle reared in a pasture all year round. Cradle-to-farm-gate system boundaries include all of the upstream processes of cattle beef farming until the animals leave the farm gate (Figure 1). Therefore, this study considered both direct GHG emissions coming from on-farm production processes (enteric fermentation, soil emissions, and fuel combustion) and the indirect GHG impacts related to the production and transport of auxiliary goods (seeds, organic fertilizers, extra farm feed, and fuel). GHG emissions deriving from the manufacturing of equipment (barns and sheds) as well agricultural machinery (tractors) were included. The following GHG sources were excluded from the boundaries of the system considered: the construction of fencing systems, the production of veterinary drugs, and animal respiration.




2.2. The Beef Cattle Pasture-Based Farming System


The beef cattle farm under study was located on the west coast of Central Italy within the Castelporziano natural reserve (41°42′50′’ N–12°24′03′’ E), which also hosts one of the three Italian presidential estates. The area, with an elevation ranging from 25 to 70 m above sea level, is about 6000 ha wide and is characterized by an inferior Mediterranean thermotype climate. Different land uses coexist within the natural reserve: Mediterranean lowland mixed forests, hydrophilous retro-dune wetland zones, Mediterranean scrub, grazed meadows, cultivated fields, and anthropic environments [24].



Within the beef cattle farm, which extends for about 480 ha inside the natural reserve, 280 livestock units (LUs) of native Maremmana beef cattle are currently organically reared in accordance with a year-round continuous unmanaged grazing management approach (hereinafter, Cg). The extensive grassland-based system described in this study can be considered to represent a typical farming system for Maremmana beef cattle reared in Central Italy [25].



The Maremmana breed is mainly spread throughout the Lazio and Tuscany regions, and it is an extraordinarily robust breed. Indeed, even though their slaughtering ages could be considered to be quite high (about 26–28 months old) compared to other Italian beef breeds such as Chianina, Marchigiana, and Romagnola (from 19 to 24 months old) [26], these animals are accustomed to living outdoors and are capable of surviving in harsh climates in which other breeds cannot adapt. After being weaned (6 months), calves are separated from cows and raised out to pasture.



As a part of pasture integration, the animals annually consume (average of 2016–2018) about 815 t of dry matter (DM) ryegrass–clover hay mix produced on-farm, which amounts to about 8 kg of DM LU−1 day−1 (Table 1). During the two months preceding slaughter (fattening phase), the animals are finished with hay and concentrate mixes (Table 1) composed of (on a wet basis) 15% crude protein, 3.6% crude oils and fats, 9.7% crude fiber, 11% crude hash, and 0.4% sodium.



As far as agronomic practices, current tillage (Ct) includes presowing ploughing (30 cm), while current fertilization (Cf) includes the use of an organic compost fertilization (50 kg N ha−1 yr−1) (hereinafter, CtCf) (Table 1).




2.3. Alternative Farm Management Practices and Climate Scenarios


In order to assess the potential impact of different agronomic practices on GHG emissions, two tillage alternatives (minimum tillage (Mt), including presowing ploughing (10 cm) coupled with Cf application rates (hereinafter, MtCf), and no-tillage (Nt) coupled with Cf application rates (hereinafter, NtCf)) were modelled as alternatives to the current CtCf. To assess the effects of organic fertilization on GHGs with respect to the organic fertilizer amount currently spread under Cf, a 50% increase (Hf) as well as a 50% decrease (Lf) were modeled for each tillage practice (Ct, Mt, and Nt).



Compared to fuel consumption under CtCf, a reduction of 13% and of 39% for MtCf and NtCf, respectively, was considered [27].



Furthermore, because on-farm hay production was affected when modeling the above alternative soil management strategies, resulting in hay yield deficits (CtLf), a certain amount of extra farm hay was assumed, and the related GHG emissions arising from its production and transportation (assuming 100 km of distance) were accounted for. On the other hand, when a yield surplus occurred, the hay was assumed to be sold and an economic allocation between cattle LBW and hay leaving the farm was adopted.



As for grazing management, by considering the annual growth rate [28] and yield (2 t of DM ha−1 yr−1) [29] of the grasslands, rotational grazing (hereinafter, Rg) was assumed to replace the current Cg.



Of the entire grazing area (220 ha), six paddocks (~35 ha each) were assumed to be grazed twice from March to June (~10 days per turn and 45 days between turns), with a stocking rate of about 8.5 LU ha−1, while from July to February the whole area was assumed to be continuously grazed (1.3 LU ha−1).



Finally, in order to assess the interactions between current and alternative farm management practices and future climatic change, all of the management methods mentioned were modeled under three different long-term (from 2019 to 2089) climate pathways.



For the first one (using in loco weather station climate data series (2009–2018)), no climate change was assumed to occur during the 70-year time frame considered (NCC). The second climate path reproduced Representative Concentration Pathway 4.5 (RCP4.5), which is based on the Fifth Assessment Report [30] of the Intergovernmental Panel on Climate Change (IPCC); while the third one was based on the less conservative RCP8.5 pathway.




2.4. Life Cycle Inventory


The denitrification–decomposition (DNDC) model is made up of different submodels: (i) a soil climate submodel that simulates soil temperature moisture and Eh (redox potential); (ii) a plant growth submodel that estimates crop growth and its effects on soil (e.g., temperature, moisture, and available N); and (iii) a decomposition submodel that mainly simulates SOC and nitrogen dynamics. Depending on the derived soil environmental factors coming from the three upper-layer submodels, the denitrification or nitrification submodel is activated to simulate nitric oxide (NO) and nitrous oxide (N2O) gaseous emissions and nitrate    (    NO  3 -   )    leaching. Moreover, the ammonium/ammonia (NH3) equilibrium is included in the nitrification model to estimate NH3 volatilization. The fermentation submodel calculates the release of methane (CH4) according to fermentation equations [31]. The DNDC adopts biogeochemical and empirical equations to simulate carbon and nitrogen biogeochemical cycles, including soil trace gas emissions [13].



The DNDC was used in this study to estimate direct and indirect N2O soil emissions, CH4 soil emissions, SOC dynamics, and forage crop growth. Site-specific DNDC data input on crop parameters, management activities, climate, and soil properties are reported in Table S1, Table S2, Table S3.



Although the DNDC has been run with a spin-up as low as two years [32], a 20-year spin-up is recommended to assure that different SOC pools reach equilibrium [33]. Thus, in order to reduce the uncertainties related to the initial model setting, in this study a 30-year spin-up was adopted. Specifically, the 2009–2018 climatic data (daily maximum and minimum air temperatures and precipitation) were repeated during the spin-up of all scenarios assessed. However, while a 10-year sequence was repeated randomly over 70 years within the NCC scenario model, climate projections were instead used within the RCP4.5 and RCP8.5 scenarios. In particular, Consortium for Small-scale Modelling and the Climate Limited-area Modelling community (COSMO-CLM) climate projections [34] were used by the Climate Model of the Euro-Mediterranean Center on Climate Change CMCC-CM [35] with the RCP4.5 and RCP8.5 emissions scenarios, and then the results were used in the DNDC model for the next 70 years modeled.



Direct and indirect N2O emissions, as well as CH4 and soil carbon sources/sinks, were considered within each combination of climate scenarios per farm management policy considered. Particularly, the 70 years following the spin-up were selected for an analysis, with each combination assessed.



The annual mean of the DNDC modeled N fluxes (leached and volatilized) were converted into N2O using the IPCC emissions factors [8]. The cumulative annual mean direct and indirect N2O emissions, as well as soil methane emissions, were converted into carbon dioxide equivalents (CO2eqs) using the IPCC 100-year global warming characterization factors of 28 for CH4 and 265 for N2O [30]. The average annual changes in the SOC (0–50 cm) were converted into CO2eqs considering the atomic weight of C and the molecular weight of CO2, therefore multiplying the amount of the SOC source/sink by 3.67.



The enteric CH4 emissions were estimated using IPCC Tier 2 methodology [36] based on daily gross energy intake (GEI), the feed digestibility as a percentage of GEI (DE%), and the fraction of GEI converted to CH4 (Ym) (Table S4). Daily GEI was calculated considering LBW and the net energy required for maintenance (NEm), activity (NEa), lactation (NEl), pregnancy (NEp), and growth (NEg) of the different animal categories (e.g., cows, bulls, heifers, and fattened beef) (Table S4). The Ym value adopted was 6.5% for grazing animals and 4.5% for those on fattening.



The environmental burdens associated with the production of fertilizers, fuel, packaging, seeds, extra farm feed, and durable goods (tractors and barns and sheds for the equipment) were considered (Figure 1). Because no electricity is involved in beef cattle rearing, fuel was the only input associated with energy consumption in the system. The transportation needed to support beef production was included, and for this reason, 3.5–7.5-t or 7.5–16-t lorries were considered.



The emission factors (EFs) adopted in this study (Table 2) were obtained from the Ecoinvent v3 database [37] and from the literature. Detailed farm input data are listed in Table S5 of the supplementary materials.




2.5. Statistical Analyses


The one-way analysis of variance (ANOVA) approach was adopted considering the tillage (Ct, Mt, and Nt), fertilization (Cf, Hf, Lf), grazing (Cg and Rg), and climate scenarios (NCC, RCP4.5, and RCP8.5) as fixed factors. Within each climate scenario, different combinations of tillage, fertilization, and grazing systems were modeled. The dependent variables were direct N2O, SOC, forage crop yield, and total CFP. The differences were tested using Tukey’s statistic and were considered significant for p < 0.05. Significant differences reaching a threshold lower than 5% (e.g., 0.01 or 0.001) are also highlighted in the text and in the figures according to conventional rules. All statistical tests were performed using Statistica® 10 (Statsoft, Inc., Tulsa, OK, USA).





3. Results


The soil GHG emissions included within the total CFP values reported in this study were direct N2O fluxes, indirect N2O fluxes (the        NO   3 -    leached and NO and NH3 volatilized), net CH4 soil emissions, and SOC dynamics. However, because of the low incidence of net soil CH4 (almost null) and indirect N2O emissions (~3%) in total soil emissions, only the main sources of soil GHGs (direct soil N2O fluxes) and sinks (SOC dynamics) are discussed on the next paragraphs. The uncertainty values reported alongside the averages represent the standard error (±se).



3.1. Impact of Management and Climate on Direct Soil N2O Fluxes


The DNDC outputs showed a significant (p < 0.001) dose–effect relationship between direct N2O emissions and the organic fertilization rates applied (Figure 2a), while the tillage system results were not significant.



Independently from the tillage and fertilization rate adopted, future climate RCP4.5 and RCP8.5 scenarios showed higher N2O emissions than did the ones occurring within the NCC (p < 0.001). As an example, the N2O emissions arising from the CtCf increased by about 15% (from 0.150 to 0.175 kg N2O-N ha−1 yr−1) when the RCP4.5 and RCP8.5 scenarios were modeled (Figure 2a). The N2O emissions differences between RCP4.5 and RCP8.5 were never significant.



No significant differences resulted between the two grazing management policies or between the different climate scenarios (Figure 2b).




3.2. Impact of Management and Climate on Soil Organic Carbon (SOC) Dynamics


Figure 3a shows the SOC sink effect (0–50 cm) from the interactions of each tillage system per fertilization rate tested. The fertilization rates showed a significant (p < 0.05) dose-dependent effect on the SOC content, where Lf was the lowest and Hf was the highest within each tillage modeled.



The SOC sinks estimated under Mt were higher than those modeled under Ct and lower than the ones simulated under Nt (p < 0.001).



The combination NtHf had the greatest effect on SOC sinks. The annual SOC sink amounts ranged from CtLf (the lowest value; 65 ± 21 kg C ha−1 yr−1) to NtHf (the highest value; 527 ± 23 kg C ha−1 yr−1).



The climate scenarios (NCC, RCP4.5, and RCP8.5) did not show significant effects on SOC sink rates within the farm management combinations modeled (result not shown).



No significant differences were observed between the two grazing management policies tested or between the different climate scenarios (Figure 3b).




3.3. Impact of Management and Climate on the Carbon Footprint of the Pasture-Based Cattle Beef System


Considering the current climate scenario (NCC), tillage system (Ct), fertilization rate (Cf), and grazing management system (Cg), the overall carbon footprint associated with the production of native Maremmana beef cattle (evaluated at the farm gate) was estimated to be 26.9 ± 0.7 kg CO2eq kg LBW−1. With a 53% incidence, enteric fermentation was the main hot spot, followed by net soil GHG emissions (29%), fuel consumption (8%), transportation (6%), and extra farm feed (2%). The GHG emissions associated with seed production (1.3%), tractors (0.5%), and barns and sheds (0.2%) had only a marginal role (data not shown).



The adoption of less-invasive soil tillage systems has the potential to significantly reduce the overall CFP of pasture-based beef. Indeed, without considering the results of the modeled forage crop yield surplus, switching from CtCf to MtCf or NtCf reduced the CFP by 14% and 26%, respectively (p < 0.001) (data not shown). The CFP reductions (from switching to MtCf or NtCf) were more marked (20% and 35%, respectively) when the related crop yield surpluses were taken into account (Figure 4a). The climate scenarios did not induce any significant differences on the CFP resulting from the farm management combinations modeled (result not shown). With regard to fertilization rates, significant differences impacting total CFP (p < 0.05) were modeled (the lowest and highest rates of fertilizer application within each tillage) (Figure 4a).



Compared to current tillage (Ct), less-invasive tillage practices had a positive effect (p < 0.001) on the modeled crop yield, which increased under Mt and even further under Nt. Significant differences in the crop yield (p < 0.05) also resulted from different fertilization rates (Figure 4b). The climate scenario RCP8.5 induced a significant increase (p < 0.001) in crop yield compared to the crop yields modeled under NCC and RCP4.5 (significance not shown in figure).



Overall, the NtHf management combination showed the lowest CFP value for the beef production system under investigation. In particular, considering the environmental benefits from crop yield surpluses, the GHG emissions arising from the NtHf combination (15.8 kg CO2eq kg LBW−1) were about 40% lower than those computed under the CtCf (Figure 4a).



The modeling comparing the Cg to the Rg system did not highlight significant effects on the CFP (data not shown).





4. Discussion


4.1. N2O Emissions Arising from the System


As expected, the DNDC showed N2O emissions that were N-dose-dependent. Particularly, 0.12% of the N added as organic compost volatilized as N2O emissions. Although comparisons to other studies were difficult due to the several factors involved in soil N2O emissions (e.g., management history, climate condition, and soil type), the results obtained in this study fell within the 0.01%–0.37% range found by other studies evaluating compost application N fluxes [41,42,43].



Due to the highly variable effects that conservation tillage practices have on N2O emissions, there is a considerable debate concerning the role of these practices in climate change (CC) [44]. Indeed, studies have reported that N2O emissions increase [45] or decrease [46]. In this study, compared to conventional tillage, the modeled conservation tillage practices did not show significant improvements, which has also been found in other studies [47].



Limited information exists about the possible impacts of CC on soil N2O emissions. A recent study [48] found that CC could induce a slight decrease in overall N2O emissions under different land use scenarios in the Mediterranean area. On the contrary, an Australian study that used the DNDC model to evaluate the N2O fluxes of rain-fed agricultural systems under RCP4.5 and RCP8.5 climate projections [49] found an increase in N2O emissions ranging from 34% to 75% compared to those occurring within the current climate scenario. In line with those findings, in this study, the RCP4.5 and RCP8.5 climate projections increased N2O emissions (15%–21%, respectively) in comparison to those occurring under the NCC scenario. The reason for these increased trends could be attributable to the warmer soil temperature modeled in the RCP4.5 and RCP8.5 scenarios. Indeed, increased soil temperature, which the model predicted under CC conditions, is expected to stimulate microbial activity and nitrification and denitrification processes [50].



According to the DNDC outputs, the mean annual N2O emissions arising from the conventional grazing system, Cg, amounted to about 5.4 kg N2O-N ha−1, and no differences resulted from switching to the Rg management system. The complex interactions between short-term weather conditions (e.g., warming and precipitation), land management practices (e.g., N inputs and tillage operations), and soil properties (e.g., bulk density, clay content, and water retention) make N2O emissions highly variable both temporally and spatially [51]. As a matter of fact, N2O emissions from grazed pastures have been reported to range from null in arid and infertile regions to up to 38.5 kg N2O-N ha−1 yr−1 in peat soils [52,53]. A study carried out on clay soil in Ireland reported a range of 1.7–6.3 kg N2O-N ha−1 yr−1 on no-graze perennial ryegrass grasslands receiving no fertilizer, and the range increased to 4.4–34.4 kg N2O-N ha−1 yr−1 when fertilizer and grazing were taken into account [54].



The results obtained for the long-term timeframe modeled in this study allow us to state that the adoption of conservation tillage practices such as Mt and Nt did not induce significant soil N2O emissions differences compared to those occurring under Ct. The 70-year time period modeled using the RCP4.5 and RCP8.5 climate pathways showed that annual N2O emissions did not increase under these two RCP scenarios, and because soil properties and management practices were kept unchanged during the modeled time period, the resulting increasing trend could be totally attributed to CC conditions.




4.2. Soil Organic Carbon (SOC) Dynamics


Although one meta-analysis study has found that there are some beneficial effects due to switching from conventional to minimum or no-tillage practices [55], another study has highlighted that there is no effect from switching [56]. In our study, according to the C sink rates (0–50 cm) obtained from the modeled tillage alternatives (Figure 3a), the switch from Ct to Nt increased the SOC by about 0.27 t C ha−1 yr−1. It has been reported that increases in annual carbon sequestration rates can range from 0.1 up to 1 t ha−1 after conversion from conventional to no-tillage [57,58,59].



Although the link between C input and SOC sequestration could be considered to be a measure of C sequestration efficiency [6,60], there is no general relationship between these two parameters. Indeed, while some studies have reported soil C saturation after long-term repeated C inputs [61,62], others have shown a linear or logarithmical SOC sequestration [63,64]. With the tillage alternatives modeled in this study, no soil C saturation was reached at the end of the 70 years following the spin-up time, and a linear increase in SOC content with greater C input was observed. This linear trend could be partially explained by the starting low organic matter content (0.0085 kgC/kg soil) of the topsoil (0–10 cm) investigated in this study. Indeed, it has been reported that soil with depleted SOC generally indicates a long-term linear relationship between C inputs and sequestration rates [62].



The model clearly suggested that a higher proportion of compost applied to soil can significantly increase SOC stocks, which may provide an important C source of net sink both under current and future CC scenarios. Specifically, of the total organic C annually applied as compost, about 27% of it was constantly sequestered within the cultivated soil. These findings were consistent with those found by other studies that have investigated the effects of organic amendments on SOC sequestration [6,60].



A survey of the recent literature highlighted that there is no clear general relationship between grazing management and C sequestration [65,66]. As a matter of fact, contrasting findings can be found from the literature, with studies showing positive [7], null [67], or even worse [68] responses in terms of SOC from rotational grazing. The results of the long-term modeling from the present study did not highlight significant SOC differences between Cg and Rg. Nevertheless, the reason behind this finding could be attributable to the fact that with both Cg and Rg, the total number of animals was kept equal, and thus the overall manure in the fields was the same under both management structures. Furthermore, the DNDC lacks the ability to model grass regrowth dynamics (i.e., higher yields), which could potentially be achieved by controlling the physiological state of the meadow under Rg management: this may have further contributed to reducing the differences between the two grazing management policies investigated. In this regard, it would be important to conduct further investigations into the effects different grazing management policies could have on carbon sink in the Mediterranean context.




4.3. The Carbon Footprint (CFP) of Pasture-Based Cattle Beef


Besides the types of production systems involved (organic vs conventional), the CFPs of beef products are also strictly dependent on the cattle breed, finishing age, and type of diet. Although all of these factors, coupled with SOC sequestration rates, make a comparison of our results to other studies challenging, some conclusions can be drawn.



Recent studies [20,69] investigating the CFPs of typical Italian organic beef cattle farms (Chianina breed) have found that the GHG emissions at the farm gate were in the range of 20.9–23.3 kg CO2eq kg LBW−1, lower than those obtained for the beef cattle system in the present study (26.3 kg CO2eq kg LBW−1) under current conditions. The lower CFP value obtained for the Chianina breed compared to the Maremmana breed (present study) might have been due to the different production efficiencies of these breeds. Indeed, Chianina cattle have a younger slaughter age (~22 months) and a greater weight at slaughtering (~700 kg LBW head−1) compared to the Maremmana breed (~27 months, ~585 kg LBW head−1).



Compared to both the modeled [70] and observed [58] findings of other studies that have investigated the effects of compost applications, our modeling suggests that the use of organic fertilizers could result in a win–win situation where there is an increase in both C storage and the crop yield, which in turn could reduce the GHG emissions arising from on-farm forage crop production. Indeed, the greater N2O emissions modeled were associated with higher rates of simulated fertilizer applications, a result that was totally offset by the effects of the increased carbon sequestration rates. Specifically, considering the cradle-to-grave life cycle of organic compost, the ~0.32 kg CO2eq emitted per kg of compost (produced, transported, and spread) was counterbalanced by the ~0.49 kg CO2eq stored as organic matter in soil (data not shown).



The impact that reduced tillage practices have on crop yield is controversial. Indeed, some studies have reported crop yield increases when conventional tillage was reduced to a minimum or to no-tillage [71], while others have reported similar [72] or decreased [73] yields. In this study, the switch from Ct to Mt and Nt resulted in modeled crop yield increases of 12% and 23%, respectively. The modeled yield increased to within the lower part of the range reported for rainfed crops under dry climates (6%–41%) [74,75], which could have been attributable to both the greater soil water conservation and greater SOC concentrations modeled with the Mt and Nt tillage practices.



The DNDC model outputs did not highlight any significant differences between the crop yields occurring under the NCC and RCP4.5 climate scenarios, while greater yields (8%) were modeled under RCP8.5. The main reason behind this trend could be attributable to the higher CO2 concentration considered within the RCP8.5 (468 ppm) scenario compared to the RCP4.5 (448 ppm) [76] and NCC (412 ppm) scenarios [77].



The replacement of Cg with Rg management did not lead to a significant improvement in terms of GHG emissions. However, although the DNDC model is a powerful tool for estimating the aboveground net primary production, significant uncertainties still exist when it is used to quantify the variation of the grazing effects on grasslands [78]. Indeed, by affecting species composition, primary production, and root biomass, grazing could have an overall impact on standing biomass that is more direct and rapid than that exerted by management practices and climate change [79]. In this regard, the validation of the model using site-specific field observations (e.g., the daily grass growth rate) needs to be explored in future work. Furthermore, on the animal side, by increasing the proximity of bulls to cows, a switch from Cg to Rg could have positive consequences (e.g., reducing the intercalving period) that were not accounted for in this case study.



Finally, although the conditions on the assessed beef farm are representative of the typical weather, soil, and management practices of native cow–calf systems bred in the Mediterranean area, further investigations within this ecoregion are needed for a better understanding of the GHG mitigation potential that is achievable using pasture-based systems.





5. Conclusions


The process-based model DNDC was used to quantify and evaluate the effects that different agronomic practices, grazing management policies, and climate projections could have on the GHG emissions arising from a pasture-based native beef cattle farm in a Mediterranean agropastoral system. The adoption of conservation tillage, such as minimum and no-tillage practices, was shown to be effective in mitigating GHG emissions: once implemented, they could enhance the amount of C sequestered in the soil and increase the yield of forage crops. Although the modeled increases from organic fertilization adoption induced greater soil N2O emissions, these were totally offset by the consequently greater SOC sink rates associated with this agronomic practice. Long-term modeling using the RCP4.5 and RCP8.5 scenarios improved our understanding of the effects that climate change scenarios could have on both N2O emissions and crop yields. The results from the 70-year modeling indicated that N2O emissions could increase with both climate change pathways, while increases in forage yields were found only within the RCP8.5 scenario. On the one hand, the adoption of no-tillage practices coupled with a higher rate of organic fertilization showed a high beef carbon footprint reduction potential, but on the other hand, the modeled switch from a continuous to a rotational grazing system did not lead to significant GHG emissions differences per unit of product. Agricultural carbon footprint studies that use process-based modeling have been useful in the evaluation of the effectiveness of mitigation strategies that can be implemented in these systems (because they model crop growth, SOC dynamics, and soil GHG emissions). However, testing the prediction abilities of these models using site-specific field observations needs to be explored in future work.








Supplementary Materials


The following are available online at https://www.mdpi.com/2076-2615/10/3/415/s1, Table S1: Model input data for the baseline ryegrass-clover mix cultivation; Table S2: Model input data for the baseline perennial grass grazed; Table S3: Model soil input data; Table S4: Average herd data (2016–2018) used for the enteric methane estimation; Table S5: Life cycle inventory (LCI) data.





Author Contributions


Conceptualization: G.G., A.V., N.L., U.B. and A.N.; methodology: G.G. and A.V.; formal analysis: G.G. and A.V.; data curation: G.G. and A.V.; investigation: G.G. and A.V.; visualization: G.G. and A.V.; writing—original draft: G.G.; writing—review & editing: G.G., A.V., N.L., P.P.D., U.B. and A.N. All authors have read and agreed to the published version of the manuscript.




Funding


This research received no external funding.




Acknowledgments


The research was carried out within the framework of the MIUR (Ministry for Education, Universities, and Research) initiative “Department of Excellence” (Law 232/2016). The authors would like to express their gratitude to the General Secretariat of the Presidency of the Republic, to the Accademia Nazionale delle Scienze “detta dei XL”, to the management of the Estate of Castelporziano, and to the Scientific-Technical Commission of Castelporziano, who enabled this study and the publication of the data. We would also like to thank the Euro-Mediterranean Centre on Climate Change (CMCC) for providing the RCP4.5 and RCP8.5 climate projections used in our model simulations. Finally, we are also grateful to Dr. Feng Zhang for the support provided during the parametrization of the DNDC model.




Conflicts of Interest


The authors declare no conflicts of interest.




References


	



Gerber, P.J.; Steinfeld, H.; Henderson, B.; Mottet, A.; Opio, C.; Dijkman, J.; Falcucci, A.; Tempio, G. Tackling Climate Change Through Livestock—A Global Assessment of Emissions and Mitigation Opportunities; Food and Agriculture Organization of the United Nations (FAO): Rome, Italy, 2013; ISBN 978-92-5-107920-1. [Google Scholar]

	



Herrero, M.; Henderson, B.; Havlík, P.; Thornton, P.K.; Conant, R.T.; Smith, P.; Wirsenius, S.; Hristov, A.N.; Gerber, P.; Gill, M.; et al. Greenhouse gas mitigation potentials in the livestock sector. Nat. Clim. Chang. 2016, 6, 452–461. [Google Scholar] [CrossRef]

	



Grossi, G.; Goglio, P.; Vitali, A.; Williams, A.G. Livestock and climate change: Impact of livestock on climate and mitigation strategies. Anim. Front. 2019, 9, 69–76. [Google Scholar] [CrossRef] [PubMed]

	



Lal, R. Soil health and carbon management. Food Energy Secur. 2016, 5, 212–222. [Google Scholar] [CrossRef]

	



Haddaway, N.R.; Hedlund, K.; Jackson, L.E.; Kätterer, T.; Lugato, E.; Thomsen, I.K.; Jørgensen, H.B.; Isberg, P.E. How does tillage intensity affect soil organic carbon? A systematic review. Environ. Evid. 2017, 6, 30. [Google Scholar] [CrossRef]

	



Bhogal, A.; Nicholson, F.A.; Chambers, B.J. Organic carbon additions: Effects on soil bio-physical and physico-chemical properties. Eur. J. Soil Sci. 2009, 60, 276–286. [Google Scholar] [CrossRef]

	



Byrnes, R.C.; Eastburn, D.J.; Tate, K.W.; Roche, L.M. A global meta-analysis of grazing impacts on soil health indicators. J. Environ. Qual. 2018, 47, 758. [Google Scholar] [CrossRef] [PubMed]

	



De Klein, C.; Novoa, R.S.; Ogle, S.; Smith, K.A.; Rochette, P.; Wirth, T.C.; McConkey, B.G.; Mosier, A.; Rypdal, K. N2O emissions from managed soils, and CO2 emissions from lime and urea application. IPCC Guidel. Natl. Greenh. Gas Invent. 2006, 4, 1–54. [Google Scholar]

	



Ogle, S.M.; Buendia, L.; Butterbach-Bahl, K.; Breidt, F.J.; Hartman, M.; Yagi, K.; Nayamuth, R.; Spencer, S.; Wirth, T.; Smith, P. Advancing national greenhouse gas inventories for agriculture in developing countries: Improving activity data, emission factors and software technology. Environ. Res. Lett. 2013, 8, 015030. [Google Scholar] [CrossRef]

	



Peter, C.; Fiore, A.; Hagemann, U.; Nendel, C.; Xiloyannis, C. Improving the accounting of field emissions in the carbon footprint of agricultural products: A comparison of default IPCC methods with readily available medium-effort modeling approaches. Int. J. Life Cycle Assess. 2016, 21, 791–805. [Google Scholar] [CrossRef]

	



Doltra, J.; Gallejones, P.; Olesen, J.E.; Hansen, S.; Frøseth, R.B.; Krauss, M.; Stalenga, J.; Jończyk, K.; Martínez-Fernández, A.; Pacini, G.C. Simulating soil fertility management effects on crop yield and soil nitrogen dynamics in field trials under organic farming in Europe. Field Crop. Res. 2019, 233, 1–11. [Google Scholar] [CrossRef]

	



Moore, A.D.; Eckard, R.J.; Thorburn, P.J.; Grace, P.R.; Wang, E.; Chen, D. Mathematical modeling and policy development: Lessons from the Australian experience. WIREs Clim. Chang. 2014, 5, 735–752. [Google Scholar] [CrossRef]

	



Li, C.; Aber, J.; Stange, F.; Butterbach-Bahl, K.; Papen, H. A process-oriented model of N2O and NO emissions from forest soils: 1. Model development. J. Geophys. Res. Atmos. 2000, 105, 4369–4384. [Google Scholar] [CrossRef]

	



Jiang, Z.; Yin, S.; Zhang, X.; Li, C.; Shen, G. Research and development of a DNDC online model for farmland carbon sequestration and GHG emissions mitigation in China. Int. J. Environ. Res. Public Health 2017, 14, 1493. [Google Scholar] [CrossRef] [PubMed]

	



Syp, A.; Faber, A. Using different models to estimate N2O fluxes from maize cultivation in Poland. Pol. J. Environ. Stud. 2017, 26, 2759–2766. [Google Scholar] [CrossRef]

	



Mogensen, L.; Kristensen, T.; Nguyen, T.L.T.; Knudsen, M.T.; Hermansen, J.E. Method for calculating carbon footprint of cattle feeds—Including contribution from soil carbon changes and use of cattle manure. J. Clean. Prod. 2014, 73, 40–51. [Google Scholar] [CrossRef]

	



Nayak, A.K.; Rahman, M.M.; Naidu, R.; Dhal, B.; Swain, C.K.; Nayak, A.D.; Tripathi, R.; Shahid, M.; Islam, M.R.; Pathak, H. Current and emerging methodologies for estimating carbon sequestration in agricultural soils: A review. Sci. Total Environ. 2019, 665, 890–912. [Google Scholar] [CrossRef]

	



Stanley, P.L.; Rowntree, J.E.; Beede, D.K.; DeLonge, M.S.; Hamm, M.W. Impacts of soil carbon sequestration on life cycle greenhouse gas emissions in Midwestern USA beef finishing systems. Agric. Syst. 2018, 162, 249–258. [Google Scholar] [CrossRef]

	



Lupo, C.D.; Clay, D.E.; Benning, J.L.; Stone, J.J. Life-cycle assessment of the beef cattle production system for the northern great plains, USA. J. Environ. Qual. 2013, 42, 1386–1394. [Google Scholar] [CrossRef]

	



Buratti, C.; Fantozzi, F.; Barbanera, M.; Lascaro, E.; Chiorri, M.; Cecchini, L. Carbon footprint of conventional and organic beef production systems: An Italian case study. Sci. Total Environ. 2017, 576, 129–137. [Google Scholar] [CrossRef]

	



Adewale, C.; Reganold, J.P.; Higgins, S.; Evans, R.D.; Carpenter-Boggs, L. Improving carbon footprinting of agricultural systems: Boundaries, tiers, and organic farming. Environ. Impact Assess. Rev. 2018, 71, 41–48. [Google Scholar] [CrossRef]

	



Ates, S.; Casasús, I.; Louhaichi, M. Diverse and resilient agro-pastoral systems: A common goal for the Mediterranean regions. Options Méditerr. 2014, A 109, 545–557. [Google Scholar]

	



Pardini, A.; Nori, M. Agro-silvo-pastoral systems in Italy: Integration and diversification. Pastoralism 2011, 1, 26. [Google Scholar] [CrossRef]

	



Trinchera, A.; Baratella, V.; Benedetti, A. Defining soil quality by different soil bio-indexes: The Castelporziano reserved area experience. Rend. Fis. Acc. Lincei 2015, 26, 483–492. [Google Scholar] [CrossRef]

	



Roberto, F.; Riccioli, F.; Enrico, M. Cattle breeding and territory: A survey on the maremmana breed raised in tuscany. Online J. Anim. Feed Res. 2014, 4, 97–101. [Google Scholar]

	



Sbarra, F.; Mantovani, R.; Quaglia, A.; Bittante, G. Genetics of slaughter precocity, carcass weight, and carcass weight gain in Chianina, Marchigiana, and Romagnola young bulls under protected geographical indication. J. Anim. Sci. 2013, 91, 2596–2604. [Google Scholar] [CrossRef]

	



Fathollahzadeh, H.; Mobli, H.; Tabatabaie, S.M.H. Note Effect of ploughing depth on average and instantaneous tractor fuel consumption with three-share disc plough. Int. Agrophysics 2009, 23, 399–402. [Google Scholar]

	



Sharpe, P.; Rayburn, E.B. Climate, weather, and plant hardiness. In Horse Pasture Management; Elsevier Inc.: Philadelphia, PA, USA, 2019; pp. 209–231. ISBN 978-0-12-812919-7. [Google Scholar]

	



Cavallero, A.; Rivoira, G.; Talamucci, P.; Baldoni, R.; Giardini, L. Pascoli. In Coltivazioni Erbacee Foraggere e Tappeti Erbosi; Amazon: Bologna, Italy, 2002; pp. 239–294. [Google Scholar]

	



IPCC (Intergovermental Panel on Climate Change). Climate Change 2013: The Physical Science Basis. Working Group I Contribution to the IPCC Fifth Assessment Report; Stocker, T.F., Qin, D., Plattner, G.K., Tignor, M., Allen, S.K., Boschung, J., Nauels, A., Xia, Y., Bex, V., Midgley, P.M., Eds.; Cambridge University Press: Cambridge, UK; New York, NY, USA, 2013; ISBN 978-1-107-66182-0. [Google Scholar]

	



Deng, Y.; Paraskevas, D.; Cao, S.J. Incorporating denitrification-decomposition method to estimate field emissions for Life Cycle Assessment. Sci. Total Environ. 2017, 593–594, 65–74. [Google Scholar] [CrossRef]

	



Zhang, W.; Liu, C.; Zheng, X.; Zhou, Z.; Cui, F.; Zhu, B.; Haas, E.; Klatt, S.; Butterbach-Bahl, K.; Kiese, R. Comparison of the DNDC, LandscapeDNDC and IAP-N-GAS models for simulating nitrous oxide and nitric oxide emissions from the winter wheat-summer maize rotation system. Agric. Syst. 2015, 140, 1–10. [Google Scholar] [CrossRef]

	



Qiu, J.; Li, C.; Wang, L.; Tang, H.; Li, H.; Van Ranst, E. Modeling impacts of carbon sequestration on net greenhouse gas emissions from agricultural soils in China. Glob. Biogeochem. Cycles 2009, 23. [Google Scholar] [CrossRef]

	



Bucchignani, E.; Mercogliano, P.; Montesarchio, M.; Manzi, M.; Zollo, A. Performance evaluation of COSMO-CLM over Italy and climate projections for the XXI century. In Climate Change and Its Implications on Ecosystem and Society, Proceedings of the I SISC Conference, Lecce, Italy, 23–24 September 2013; Italian Society for the Climate Sciences: Lecce, Italy, 2013; pp. 78–89. [Google Scholar]

	



Scoccimarro, E.; Gualdi, S.; Bellucci, A.; Sanna, A.; Fogli, P.G.; Manzini, E.; Vichi, M.; Oddo, P.; Navarra, A. Effects of tropical cyclones on ocean heat transport in a high-resolution coupled general circulation model. J. Clim. 2011, 24, 4368–4384. [Google Scholar] [CrossRef]

	



2006 IPCC Guidelines for National Greenhouse Gas Inventories, Prepared by the National Greenhouse Gas Inventories Programme; Eggleston, H.S.; Buendia, L.; Miwa, K.; Ngara, T.; Kiyoto, T. (Eds.) IGES: Kamiyamaguchi, Japan, 2006; ISBN 4-88788-032-4. [Google Scholar]

	



Wernet, G.; Bauer, C.; Steubing, B.; Reinhard, J.; Moreno-ruiz, E.; Weidema, B. The ecoinvent database version 3 (part I): Overview and methodology. Int. J. Life Cycle Assess. 2016, 3, 1218–1230. [Google Scholar] [CrossRef]

	



Havukainen, J.; Uusitalo, V.; Koistinen, K.; Liikanen, M.; Horttanainen, M. Carbon footprint evaluation of biofertilizers. Int. J. Sustain. Dev. Plan. 2018, 13, 1050–1060. [Google Scholar] [CrossRef]

	



Adom, F.; Workman, C.; Thoma, G.; Shonnard, D. Carbon footprint analysis of dairy feed from a mill in Michigan, USA. Int. Dairy J. 2013, 31, S21–S28. [Google Scholar] [CrossRef]

	



Sonesson, U.; Cederberg, C.; Berglund, M. Greenhouse Gas Emissions in Animal Feed Production, 2nd ed.; Report 2009; Klimatmärkning för mat: Uppsala, Sweden, 2009; Available online: http://www.klimatmarkningen.se/wp-content/uploads/2009/12/2009-2-feed.pdf (accessed on 10 January 2020).

	



Dalal, R.C.; Gibson, I.R.; Menzies, N.W. Nitrous oxide emission from feedlot manure and green waste compost applied to vertisols. Biol. Fertil. Soils 2009, 45, 809–819. [Google Scholar] [CrossRef]

	



Ding, W.; Luo, J.; Li, J.; Yu, H.; Fan, J.; Liu, D. Effect of long-term compost and inorganic fertilizer application on background N2O and fertilizer-induced N2O emissions from an intensively cultivated soil. Sci. Total Environ. 2013, 465, 115–124. [Google Scholar] [CrossRef] [PubMed]

	



Li, P.; Lang, M.; Li, C.; Hao, X. Nitrous oxide and carbon dioxide emissions from soils amended with compost and manure from cattle fed diets containing wheat dried distillers’ grains with solubles. Can. J. Soil Sci. 2016, 531, 522–531. [Google Scholar] [CrossRef]

	



Mei, K.; Wang, Z.; Huang, H.; Zhang, C.; Shang, X.; Dahlgren, R.A.; Zhang, M.; Xia, F. Stimulation of N2O emission by conservation tillage management in agricultural lands: A meta-analysis. Soil Tillage Res. 2018, 182, 86–93. [Google Scholar] [CrossRef]

	



Lognoul, M.; Theodorakopoulos, N.; Hiel, M.P.; Regaert, D.; Broux, F.; Heinesch, B.; Bodson, B.; Vandenbol, M.; Aubinet, M. Impact of tillage on greenhouse gas emissions by an agricultural crop and dynamics of N2O fluxes: Insights from automated closed chamber measurements. Soil Tillage Res. 2017, 167, 80–89. [Google Scholar] [CrossRef]

	



Feng, J.; Fengbo, L.; Zhou, X.; Xu, C.; Ji, L.; Chen, Z.; Fang, F. Impact of agronomy practices on the effects of reduced tillage systems on CH4 and N2O emissions from agricultural fields: A global meta-analysis. PLoS ONE 2018, 13, e0196703. [Google Scholar] [CrossRef]

	



Guardia, G.; Tellez-Rio, A.; García-Marco, S.; Martin-Lammerding, D.; Tenorio, J.L.; Ibáñez, M.Á.; Vallejo, A. Effect of tillage and crop (cereal versus legume) on greenhouse gas emissions and Global Warming Potential in a non-irrigated Mediterranean field. Agric. Ecosyst. Environ. 2016, 221, 187–197. [Google Scholar] [CrossRef]

	



Álvaro-Fuentes, J.; Arrúe, J.L.; Bielsa, A.; Cantero-Martínez, C.; Plaza-Bonilla, D.; Paustian, K. Simulating climate change and land use effects on soil nitrous oxide emissions in Mediterranean conditions using the Daycent model. Agric. Ecosyst. Environ. 2017, 238, 78–88. [Google Scholar] [CrossRef]

	



Ma, Y.; Schwenke, G.; Sun, L.; Liu, D.L.; Wang, B.; Yang, B. Modeling the impact of crop rotation with legume on nitrous oxide emissions from rain-fed agricultural systems in Australia under alternative future climate scenarios. Sci. Total Environ. 2018, 630, 1544–1552. [Google Scholar] [CrossRef] [PubMed]

	



Smith, P.; Powlson, D.S.; Glendining, M.J.; Smith, J.U. Potential for carbon sequestration in European soils: Preliminary estimates for five scenarios using results from long-term experiments. Glob. Chang. Biol. 1997, 3, 67–79. [Google Scholar] [CrossRef]

	



Grant, R.F.; Neftel, A.; Calanca, P. Ecological controls on N2O emission in surface litter and near-surface soil of a managed grassland: Modelling and measurements. Biogeosciences 2016, 13, 3549–3571. [Google Scholar] [CrossRef]

	



Sakadevan, K.; Nguyen, M.L. Livestock production and its impact on nutrient pollution and greenhouse gas emissions. In Advances in Agronomy; Elsevier Inc.: Philadelphia, PA, USA, 2017; Volume 141, pp. 147–184. [Google Scholar]

	



Oenema, O.; Velthof, G.L.; Yamulki, S.; Jarvis, S.C. Nitrous oxide emissions from grazed grassland. Soil Use Manag. 1997, 13, 288–295. [Google Scholar] [CrossRef]

	



Burchill, W.; Li, D.; Lanigan, G.J.; Williams, M.; Humphreys, J. Interannual variation in nitrous oxide emissions from perennial ryegrass/white clover grassland used for dairy production. Glob. Chang. Biol. 2014, 20, 3137–3146. [Google Scholar] [CrossRef]

	



Aguilera, E.; Lassaletta, L.; Gattinger, A.; Gimeno, B.S. Agriculture, Ecosystems and Environment Managing soil carbon for climate change mitigation and adaptation in Mediterranean cropping systems: A meta-analysis. Agric. Ecosyst. Environ. 2013, 168, 25–36. [Google Scholar] [CrossRef]

	



Dimassi, B.; Mary, B.; Wylleman, R.; Labreuche, J.; Couture, D.; Cohan, J. Agriculture, Ecosystems and Environment Long-term effect of contrasted tillage and crop management on soil carbon dynamics during 41 years. Agric. Ecosyst. Environ. 2014, 188, 134–146. [Google Scholar] [CrossRef]

	



Lal, R. Soil carbon sequestration to mitigate climate change. Geoderma 2004, 123, 1–22. [Google Scholar] [CrossRef]

	



Farooqi, Z.U.R.; Sabir, M.; Zeeshan, N.; Naveed, K.; Hussain, M.M. Enhancing carbon sequestration using organic amendments and agricultural practices. In Carbon Capture, Utilization and Sequestration; Agarwal, R.K., Ed.; IntechOpen: London, UK, 2018; ISBN 978-1-78923-765-8. [Google Scholar]

	



Sperow, M. Estimating carbon sequestration potential on U.S. agricultural topsoils. Soil Tillage Res. 2016, 155, 390–400. [Google Scholar] [CrossRef]

	



Hua, K.; Wang, D.; Guo, X.; Guo, Z. Carbon sequestration efficiency of organic amendments in a long-term experiment on a vertisol in huang-huai-hai plain, China. PLoS ONE 2014, 9, e108594. [Google Scholar] [CrossRef] [PubMed]

	



Gulde, S.; Chung, H.; Amelung, W.; Chang, C.; Six, J. Soil carbon saturation controls labile and stable carbon pool dynamics. Soil Sci. Soc. Am. J. 2008, 72, 605–612. [Google Scholar] [CrossRef]

	



Chung, H.; Ngo, K.J.; Plante, A.; Six, J. Evidence for carbon saturation in a highly structured and organic-matter-rich soil. Soil Sci. Soc. Am. J. 2010, 74, 130–138. [Google Scholar] [CrossRef]

	



Yan, X.; Zhou, H.; Zhu, Q.H.; Wang, X.F.; Zhang, Y.Z.; Yu, X.C.; Peng, X. Carbon sequestration efficiency in paddy soil and upland soil under long-term fertilization in southern China. Soil Tillage Res. 2013, 130, 42–51. [Google Scholar] [CrossRef]

	



Zhang, W.; Xu, M.; Wang, X.; Huang, Q.; Nie, J.; Li, Z.; Li, S.; Hwang, S.W.; Lee, K.B. Effects of organic amendments on soil carbon sequestration in paddy fields of subtropical China. J. Soils Sediments 2012, 12, 457–470. [Google Scholar] [CrossRef]

	



Khalil, I.M.; Francaviglia, R.; Henry, B.; Klumpp, K.; Koncz, P.; Llorente, M.; Emoke Madari, B.; Muñoz-Rojas, M.; Nerger, R. Strategic management of grazing grassland systems to maintain and increase organic carbon in soils. In CO2 Sequestration; Frazão, A.L., Olaya, A.M.S., Cota, J., Eds.; IntechOpen: London, UK, 2019; pp. 1–20. [Google Scholar]

	



Zhang, W.; Zhang, F.; Qi, J.; Hou, F. Modeling impacts of climate change and grazing effects on plant biomass and soil organic carbon in the Qinghai-Tibetan grasslands. Biogeosciences 2017, 14, 5455–5470. [Google Scholar] [CrossRef]

	



Sanderman, J.; Reseigh, J.; Wurst, M.; Young, M.A.; Austin, J. Impacts of rotational grazing on soil carbon in native grass-based pastures in southern Australia. PLoS ONE 2015, 10, e0136157. [Google Scholar] [CrossRef]

	



Allen, D.E.; Pringle, M.J.; Bray, S.; Hall, T.J.; O’Reagain, P.O.; Phelps, D.; Cobon, D.H.; Bloesch, P.M.; Dalal, R.C. What determines soil organic carbon stocks in the grazing lands of north-eastern Australia? Soil Res. 2013, 51, 695–706. [Google Scholar] [CrossRef]

	



Vitali, A.; Grossi, G.; Martino, G.; Bernabucci, U.; Nardone, A.; Lacetera, N. Carbon footprint of organic beef meat from farm to fork: A case study of short supply chain. J. Sci. Food Agric. 2018, 98, 5518–5524. [Google Scholar] [CrossRef]

	



Ryals, R.; Hartman, M.D.; Parton, W.J.; DeLonge, M.S.; Silver, W.L. Long-term climate change mitigation potential with organic matter management on grasslands. Ecol. Appl. 2014, 25, 531–545. [Google Scholar] [CrossRef]

	



de Cárcer, P.S.; Sinaj, S.; Santonja, M.; Fossati, D.; Jeangros, B. Long-term effects of crop succession, soil tillage and climate on wheat yield and soil properties. Soil Tillage Res. 2019, 190, 209–219. [Google Scholar] [CrossRef]

	



Büchi, L.; Wendling, M.; Amossé, C.; Jeangros, B.; Sinaj, S.; Charles, R. Long and short term changes in crop yield and soil properties induced by the reduction of soil tillage in a long term experiment in Switzerland. Soil Tillage Res. 2017, 174, 120–129. [Google Scholar] [CrossRef]

	



Pittelkow, C.M.; Linquist, B.A.; Lundy, M.E.; Liang, X.; van Groenigen, K.J.; Lee, J.; van Gestel, N.; Six, J.; Venterea, R.T.; van Kessel, C. When does no-till yield more? A global meta-analysis. Field Crop. Res. 2015, 183, 156–168. [Google Scholar] [CrossRef]

	



Taner, A.; Arisoy, R.Z.; Kaya, Y.; Gültekin, I.; Partigöç, F. The effects of various tillage systems on grain yield, quality parameters and energy indices in winter wheat production under the rainfed conditions. Fresenius Environ. Bull. 2015, 24, 1463–1473. [Google Scholar]

	



Wang, X.B.; Cai, D.X.; Hoogmoed, W.B.; Oenema, O.; Perdok, U.D. Developments in conservation tillage in rainfed regions of North China. Soil Tillage Res. 2007, 93, 239–250. [Google Scholar] [CrossRef]

	



Yu, Y.; Tao, H.; Jia, H.; Zhao, C. Impact of plastic mulching on nitrous oxide emissions in China’s arid agricultural region under climate change conditions. Atmos. Environ. 2017, 158, 76–84. [Google Scholar] [CrossRef]

	



National Aeronautics and Space Administration (NASA). Available online: https://climate.nasa.gov/vital-signs/carbon-dioxide/ (accessed on 13 December 2019).

	



Wang, J.; Li, A.; Bian, J. Simulation of the grazing effects on grassland aboveground net primary production using DNDC model combined with time-series remote sensing data-a case study in Zoige plateau, China. Remote Sens. 2016, 8, 168. [Google Scholar] [CrossRef]

	



Numata, I.; Roberts, D.A.; Chadwick, O.A.; Schimel, J.; Sampaio, F.R.; Leonidas, F.C.; Soares, J.V. Characterization of pasture biophysical properties and the impact of grazing intensity using remotely sensed data. Remote Sens. Environ. 2007, 109, 314–327. [Google Scholar] [CrossRef]








[image: Animals 10 00415 g001 550] 





Figure 1. The system boundaries, goods, farm management practices, and climatic scenarios considered. NCC = current climate. RCP = representative concentration pathway. FU = functional unit. LBW = live body weight. 
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Figure 2. Denitrification–decomposition (DNDC)-modeled mean annual soil direct N2O fluxes (±se) from 2019 to 2089, as a result of different (a) farm management policies under diverse climate scenarios and different (b) grazing systems under diverse climate scenarios. Cf = current fertilization (50 kg N ha−1 yr−1); Cg = continuous grazing; Ct = current tillage; Hf = higher fertilization rate (+50% Cf); Lf = lower fertilization rate (−50% Cf); Rg = rotational grazing; NCC = current climate; RCP4.5 and RCP8.5 = Representative Concentration Pathways 4.5 and 8.5. The letters above the bars indicate differences between climate scenarios within each tillage per fertilization rate combination. The letters in bold inside the bars indicate differences between fertilization rates applied within each tillage per climate scenario combination. Different uppercase letters indicate statistical differences from Tukey’s test (p < 0.001). Different lowercase letters indicate statistical differences from Tukey’s test (p < 0.05). 
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Figure 3. DNDC-modeled mean annual soil organic carbon (SOC) dynamics (0–50cm) (±se) from 2019 to 2089 as a result of different (a) farm management policies and (b) grazing systems under diverse climate scenarios. Cf = current fertilization (50 kg N ha−1 yr−1); Cg = continuous grazing; Ct = current tillage; Hf = higher fertilization rate (+50% Cf); Lf = lower fertilization rate (−50% Cf); Rg = rotational grazing; NCC = current climate; RCP4.5 and RCP8.5 = Representative Concentration Pathways 4.5 and 8.5. The letters above the bars indicate differences between fertilization rates, applied within each tillage. The letters in bold inside the bars indicate differences between each tillage per fertilization rate combination. Different uppercase letters indicate statistical differences from Tukey’s test (p < 0.001). Different lowercase letters indicate statistical differences from Tukey’s test (p < 0.05). 






Figure 3. DNDC-modeled mean annual soil organic carbon (SOC) dynamics (0–50cm) (±se) from 2019 to 2089 as a result of different (a) farm management policies and (b) grazing systems under diverse climate scenarios. Cf = current fertilization (50 kg N ha−1 yr−1); Cg = continuous grazing; Ct = current tillage; Hf = higher fertilization rate (+50% Cf); Lf = lower fertilization rate (−50% Cf); Rg = rotational grazing; NCC = current climate; RCP4.5 and RCP8.5 = Representative Concentration Pathways 4.5 and 8.5. The letters above the bars indicate differences between fertilization rates, applied within each tillage. The letters in bold inside the bars indicate differences between each tillage per fertilization rate combination. Different uppercase letters indicate statistical differences from Tukey’s test (p < 0.001). Different lowercase letters indicate statistical differences from Tukey’s test (p < 0.05).
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Figure 4. Mean annual (from 2019 to 2089) (a) overall carbon footprint (±se) as a result of different tillage types and fertilization rates and (b) crop yield (±se) as a result of different tillage types, fertilization rates, and climate scenarios. Cf = current fertilization (50 kg N ha−1 yr−1); Ct = current tillage; Hf = higher fertilization rate (+50% Cf); Lf = lower fertilization rate (−50% Cf); NCC = current climate; RCP4.5 and RCP8.5 = Representative Concentration Pathways 4.5 and 8.5. In (a), the letters above the bars indicate differences between each tillage per fertilization rate combination. The letters in bold inside the bars indicate differences between fertilization rates, applied within each tillage. In (b), the letters above the bars indicate differences between tillage types for each fertilization rate per climate scenario combination. The letters in bold inside the bars indicate differences between fertilization rates, applied within each tillage per climate scenario combination. Different uppercase letters indicate statistical differences from Tukey’s test (p < 0.001). Different lowercase letters indicate statistical differences from Tukey’s test (p < 0.05). 
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Table 1. Main herd, weather, and crop management data.






Table 1. Main herd, weather, and crop management data.





	Animals
	Unit
	Data





	Cows
	n
	146



	Breeding heifers
	n
	13



	Beef cattle
	n
	89



	Calves
	n
	114



	Bulls
	n
	5



	Cow live weight
	kg
	655



	Heifer and steer live weight
	kg
	350



	Typical slaughter ages
	months
	27



	Fertility rate
	%
	80



	Replacement rate
	%
	10



	Age at first calving
	months
	36



	Fattening period
	months
	2



	Hay at pasture
	kg DM LU−1 day−1
	8



	Hay at fattening
	kg DM LU−1 day−1
	6



	Concentrates at fattening
	kg DM LU−1 day−1
	7



	Average animals slaughtered per year
	n
	74



	Average weight of the slaughtered animals
	kg LBW head−1
	585



	Stocking rate on free-range pasture
	LU ha−1
	1.3



	Pasture area
	ha
	220



	Cropping (CtCf)
	Unit
	Data



	Yield
	kg DM ha−1
	3000



	Amount of organic fertilizer spread
	t ha−1
	1.3



	Fertilizer N content
	%
	4



	Fertilizer organic C content
	%
	50



	Planting
	month
	October



	Harvesting
	month
	May



	Cropping area
	ha
	260



	Weather
	Unit
	Data



	Mean max. temperature
	°C
	21.5



	Mean min. temperature
	°C
	11.6



	Mean annual precipitation
	mm
	945







Animals and cropping values represent the 2016–2018 mean. Weather values represent the 2009–2018 mean. n = number; DM = dry matter; LBW = live body weight; LU = livestock unit; CtCf = current tillage and current fertilization.
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Table 2. Emissions factors (EFs) list.






Table 2. Emissions factors (EFs) list.





	Input
	Unit
	EF (kg CO2eq Unit−1)
	Data Source





	Compost (4% N content)
	1 kg
	0.03
	[38]



	Fuel production
	1 kg
	0.51
	[37]



	Fuel combustion
	1 kg
	3.17
	[37]



	Ryegrass–clover seeds
	1 kg
	1.62
	[37]



	Extra farm feed (concentrate)
	1 kg
	0.6
	[39]



	Extra farm hay
	1 kg
	0.28
	[40]



	Packaging paper
	1 kg
	0.88
	[37]



	Low-density polyethylene (LDPE)
	1 kg
	2.98
	[37]



	Buildings (lifespan: 50 years)
	1 mq
	168.9
	[37]



	Tractor (lifespan: 7000 working hours)
	1 kg
	5.73
	[37]



	Transport (lorry 3.5–7.5 t)
	1 tkm
	0.52
	[37]



	Transport (lorry 7.5–16 t)
	1 tkm
	0.22
	[37]







tkm = ton per km.
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