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Abstract

The pattern of labour underutilisation is complex and multifaceted, but research has been
focused on unemployment. To explore socio-economic demographics of other forms of
labour underutilisation, this study investigates the concept of ‘hidden workers’ using the
latest data from the Household, Income and Labour Dynamics in Australia (HILDA) study.
Hidden workers are composed of three categories, namely those who are unemployed but
actively seeking employment; working part-time but willing and able to work full-time;
and not working but are willing and able to work under the right conditions. Analysis of
HILDA data from 2022 reveals (i) a significant discrepancy in the incidence of unemployed
and hidden workers across various socio-economic factors, and (ii) a pronounced age and
gender differences among hidden workers, which is not easily discernible from standard
unemployment descriptive statistics. Effective labour market policy depends on accurately
identifying the different types of hidden workers and their social determinants. This study
offers valuable insights to support more inclusive policies for hidden workers, who are
often overlooked.

Keywords: hidden workers; discouraged workers; unemployment; underemployment;
discouraged workers; HILDA; employment policy; disadvantaged jobseekers

1. Introduction
Since the 1970s, it has been highlighted that some categories of unemployment are

not captured in official statistics (Baum and Mitchell 2010; McKee-Ryan and Harvey 2011;
Baert 2021). Even though the research landscape on labour underutilisation is dominated
by the study of unemployment (Lee and Kang 2024), interest has increased in examining
various forms of labour underutilisation, i.e., the long-term unemployed (Rudman and
Aldrich 2017, 2021), discouraged workers (Heslin et al. 2012), and the underemployed (Li
et al. 2015; Kler et al. 2018). Studies illustrate a systemic deprivation in all aspects of health
and well-being among these groups (McKee-Ryan and Harvey 2011; Milner et al. 2017;
Dinh et al. 2022). Hidden workers represent a significant loss of productive potential in
the workforce (Fuller et al. 2021), and include a disproportionate share of poverty, health,
education, and subjective well-being (Mitchell and Muysken 2010; Friedland and Price
2003; Kamerāde and Richardson 2018; Özerkek and Sönmez 2021). Understanding the full
scope of these affected groups is challenging as, aside from the unemployed, data is not
readily available in official government statistics.
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The term “hidden” is used in different contexts, sometimes referring to workers
not captured in commonly used statistics (Wilkins 2003), and at other times describing
all forms of labour underutilization (Baum and Mitchell 2010). Baert (2021) proposed
using the unemployment-to-population ratio and the inactivity-to-population ratio as
complementary measures to better understand these hidden workers, referred to as the
“iceberg metaphor” of the labour market. Prieto et al. (2022) introduced an alternative
unemployment rate that incorporates job shortages to account for discouraged workers.
Recent developments in labour market research increasingly focus on including various
forms of underutilization, such as discouraged workers and underemployment (Suárez-
Grimalt et al. 2022; Fuller et al. 2021). Fuller et al. (2021) introduced the term “hidden
workers” to encompass the unemployed, underemployed, and discouraged workers. Three
common forms of labour market underutilization include “missing hours,” referring to
individuals working part-time but willing and able to work full-time; “missing from work,”
describing those who are unemployed but actively seeking employment; and “missing
from the workforce”. The current study uses the concept of “hidden workers” (Fuller et al.
2021) as an expanded indicator of unemployment.

A key issue in examining hidden workers is how to classify individuals who are not
considered “unemployed.” Recent studies suggest these individuals represent two distinct
labour force states, each with different population characteristics (Dinh et al. 2022; Fuller
et al. 2021; Baum and Mitchell 2010). Hidden workers may differ considerably from those
who are officially unemployed (Brandolini and Viviano 2016, 2018; Hornstein et al. 2014).
This distinction carries significant implications for policy responses. Without targeted
strategies to increase the visibility of hidden workers, the policy impact may fall short
for the hard-to-reach population such as the long-term unemployed, youth unemployed,
people with disabilities, and those living in rural, regional, or remote areas. Therefore,
accurately identifying hidden workers is crucial, as these groups may require different
policy approaches to support their needs. Understanding these distinctions will help in
developing targeted, place-based, age-based, and group-based policies and addressing
how labour market underutilization can contribute to broader issues of inequity and
discrimination.

The following sections outline a context for explaining the distinction of hidden
workers compared to the unemployed. The Methods section will outline a protocol for
identifying hidden workers in the Household Income and Labour Dynamics in Australia
(HILDA) and the analytical methodology for this paper. The results provide descriptive
statistics of the hidden worker population and examines the determinants and different
subcategories followed by a discussion of these findings.

2. Australian Evidence on Hidden Workers
Standard unemployment rate reporting may limit the development of tailored policy

responses and fail to address discrepancies arising from individual characteristics. In
Australia, while the reported unemployment rate has generally declined (Treasury 2023),
the COVID-19 pandemic appears to have reinforced pre-existing gender dynamics and
exacerbated social and economic inequities (Foley and Cooper 2021; Risse 2023). Certain
population groups, such as Indigenous Australians, mature-age groups, people with dis-
abilities, single parents, and some migrant groups, have employment at rates significantly
below the national average (King et al. 2006; Bowman et al. 2017; Loosemore et al. 2021;
Maheen and King 2023). Additionally, mature-age workers, carers, and veterans face
unique challenges that hinder their participation in the workforce (Biggs et al. 2016).

A recent Australian Government Treasury report identified that females are less
inclined to participate in the labour market or work full-time compared to males, and more
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likely to engage in unpaid caregiving roles (Treasury 2023), females with children under
15 years of age, and for married people (Stricker and Sheehan 1981; Wooden 1996; Gray et al.
2002). Baum and Mitchell (2022) argued that unemployment and hidden unemployment
should be regarded as distinct groups, each with different drivers affecting their labour
market status. They found that hidden workers are more closely associated with “choice”
factors rather than “constraint” factors. This finding aligns with earlier research (Foley and
Cooper 2021; Risse 2023), which suggests that hidden unemployment is closely related to
childcare responsibilities and influences female’s decisions about seeking employment.

Social capital is a critical factor in the context of unemployment and discouraged
workers, as it encompasses networks of relationships and social connections that are
essential for effective job searching. Individuals with robust social networks often gain
access to job opportunities through referrals and recommendations, which can be more
effective than traditional job search methods (McDonald and Elder 2006; Smith 2016).
Access to information about job openings, industry trends, and potential employers is
another benefit of strong social networks, offering crucial insights for those seeking to
re-enter the labour market (Mouw 2003). Being part of a supportive community also
motivates discouraged workers to persist in their job search and explore new career paths,
reducing the risk of long-term unemployment (Lancee 2016). Furthermore, social capital
can help mitigate labour market disparities by providing marginalized groups with access
to networks and resources they might otherwise lack. Thus, social capital is a vital asset for
hidden workers, and understanding the role of social capital can inform policy interventions
aimed at reducing unemployment, such as programmes that promote community building,
networking opportunities, and mentorship.

Other key individual characteristics influencing labour market access include ethnic-
ity, citizenship status, and Aboriginal or Torres Strait Islander identity (Wilkinson 2003).
Australian-born individuals generally face fewer barriers to entering the labour market
compared to those born overseas. Similarly, secondary and tertiary graduates encounter
fewer obstacles compared to non-graduates. Employment history and the local labour
market context also play significant roles in determining unemployment. Wilkinson (2003)
found that underemployment is more prevalent in households with more dependent chil-
dren, along with factors such as length of employment, type of contract, and the local
unemployment rate.

The current Australian unemployment policy predominantly focuses on individuals
receiving Jobseeker benefits, which largely overlooks hidden workers who may not be
actively seeking work or identifying as unemployed. This study seeks to bridge this
knowledge gap by providing an in-depth examination of hidden workers, including a
comprehensive breakdown based on various socio-demographic factors. Additionally, it
will investigate the disparities between hidden workers and the unemployed.

This study will answer the following research questions.

1. What characteristics define hidden workers?

• What sociodemographic factors are associated with being a hidden worker?

2. Are hidden workers similar or different to the unemployed?

• What makes them hidden workers and the unemployed?
• What role does gender play for hidden workers and unemployed?

3. What are the policy implications for government in relation to hidden workers?
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3. Methods
This study draws on data from the HILDA survey, a nationally representative house-

hold panel survey. The first wave, data from which is used in this study, was conducted
in 2001, seeking information about all members of sampled households, and specifically
seeking personal interviews with all household members who turned 15 years of age.
The survey collected information on a wide range of personal and household characteris-
tics, including income; sources of income; labour force and employment status; hours of
employment; industry and occupation of employment; trade union membership status;
tenure with current employer; employer characteristics; labour force history; educational
attainment; family circumstances; health; country of birth; and, if born outside Australia,
year of arrival in Australia.

HILDA has a series of questions related to social capital. All waves of the HILDA
Survey have included items on social capital (contact with family and friends, membership
of clubs, volunteering activity, trust,) and related constructs, such as social support and
neighbourhood cohesion. In this study, we have created a variable, ‘SC index’ is calculated
from based on 4 indicators of social capital ranging from 1 strongly disagree to 7 strongly agree
where the higher SC index would mean low level of social capital. The mean of 4 indicators
is added to create an index.

1. I need help from other people, but I cannot get it.
2. I don’t have anyone that I can confide in.
3. I have no one to lean on in times of trouble.
4. I cannot find someone when I need help.

Respondents were asked about caregiving responsibilities, if they are caring for chil-
dren under 15, and if they have other care responsibilities for other reasons, such as
disability or old age. Importantly for the purposes of this study, the data collected includes
information on actual hours of paid work, information on preferred hours of work, making
possible the construction of measures of underemployment.

As one of the first to use the concept, hidden workers—broadly defined to encompass
individuals typically excluded from standard unemployment statistics—this paper seeks
to clarify the distinction between hidden workers and the unemployed, utilizing the most
recent HILDA data. This approach enables a comprehensive profiling of this group across
various socio-economic dimensions which this paper will focus on.

The integration of both cross-sectional and longitudinal methodologies within a sin-
gle study may potentially obscure the clarity of the findings, particularly as the policy
implications derived from each perspective are likely to differ. Therefore this paper will
employ cross-sectional descriptive and regression analysis to understand various categories
of hidden workers within an Australian sample for tailored policy resonses for different
groups of hidden workers.”

3.1. Definition and Estimation Strategy

Figure 1 presents a conceptual framework of labour market activity which shows
the three main categories of occupational status: underemployment, unemployment and
discouraged workers. All three categories represent individuals who would like to work
more hours with appropriate wage rates. The underemployed are distinguished from
the unemployed as they hold at least some part time paid employment. Both the under-
employed and unemployed are distinguished from the discouraged through evidence of
engagement with the labour force—the unemployed are not in the labour force believing
they are unlikely to successfully gain employment or face an opportunity cost of going out
to work compared to staying at home (i.e., childcare costs).
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The three groups of hidden workers are defined as

• People who normally undertake paid work less than 35 h per week who would prefer
to work more hours (part-time underemployed);

• People who are not actively seeking work but would like to work (discouraged);
• People who are actively seeking work (unemployed).

Figure 1. Graphical representation of hidden workers.

3.2. Key Variables and Model Formulation

In our investigation of the factors associated with unemployment and hidden unem-
ployment, we utilize various individual and household attributes as supply-side factors.
At the personal level, we consider variables such as age (including its squared value), sex,
marital status, educational attainment, command of English, ethnic background, and social
capital. Although long-term health issues and caregiving responsibilities (both within and
outside the home) are crucial determinants of one’s labour market position, a potential
exists for reverse causality. As a mitigation strategy, we employ lagged variables for these
variables from the 2021 survey. Regarding household characteristics, we incorporate the
proportion of children under 15 years old (and its squared value), as well as the ratio of
employed household members. At the structural level, we include the Socio-Economic
Indexes for Areas (SEIFA), which captures socio-economic resources which may partially
reflect spatial conditions.

Formally, to estimate whether an individual is classified as a hidden worker in 2022,
based on a set of determining factors, Xi the following formula is proposed:

Pr(Si = 1) = Φ(Xiβ)

where Si = 1 if individual i is a hidden worker (or the unemployed) and Si = 0 otherwise.
Similarly, the unemployment status in the job market is estimated using the same set of
explanatory variables.

Table 1 provides definitions and summary statistics for the variables used in the
analysis and all tables can be accessed in the Supplementary Materials.
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Table 1. Summary statistics.

Variable Variable
Description Definition Mean Std.

Dev. Min Max

Hidden
Hidden
worker
status

1 if a respondent is hidden
worker and 0 otherwise 0.2031 0.4023 0 1

unemp_seek unemployed 1 if a respondent is a jobseeker
currently and 0 otherwise 0.0349 0.1835 0 1

Age Age age of a respondent 41.5519 15.0802 16 92

Female Female 1 if a respondent is female and 0
otherwise 0.5168 0.4997 0 1

Postgrad Postgraduate
degree

1 if a respondent completed
postgraduate education and 0
otherwise

0.0897 0.2858 0 1

graddiploma Graduate
diploma

1 if a respondent completed
graduate diploma programme
and 0 otherwise

0.0704 0.2559 0 1

Ba Bachelor’s
degree

1 if a respondent completed
bachelor programme and 0
otherwise

0.1886 0.3912 0 1

Diploma Diploma
1 if a respondent completed
diploma programme and 0
otherwise

0.1013 0.3017 0 1

Certi Certificate
1 if a respondent completed
certificate III or IV, and 0
otherwise

0.2335 0.4231 0 1

year12 year12 1 if a respondent completed year
12 and 0 otherwise 0.1630 0.3694 0 1

Aborigin
Aboriginal
and Torres
Islander

1 if a respondent belongs to
Aboriginal and Torres Strait
Islander, and 0 otherwise

0.0320 0.1761 0 1

Pooreng Level of
English

1 if a respondent has poor
English language skill and 0
otherwise

0.0038 0.0615 0 1

Married Married 1 if a respondent has a spouse
and 0 otherwise 0.6559 0.4751 0 1

child_ratio Household
child ratio

the ratio of resident/non-resident
children aged below 14 cared
divided by total number of
household members

0.1435 0.2313 0 3

hhemp_ratio
Household
dependency
ratio

ratio of number of currently
employed household members
divided by number of all
household members

0.6761 0.3148 0 1

Lthc

Have a
long-term
health
condition

1 if a respondent reported long
term health condition in 2021 and
0 otherwise

0.2311 0.4216 0 1

Carefor
Caregiver
other than
childcare

1 if a respondent cares for
someone with old age or
disability etc, and 0 otherwise.
Excludes childcare

0.0644 0.2454 0 1

SC index Social
capital

Index based on 4 reverse coded
indicators (1 strongly disagree-7
strongly agree). The higher SC
index would mean low level of
social capital

2.3961 1.2677 1 7

Seifa
Area
deprivation
index

decile of 2021 SEIFA (ranked
indicators into 10 equal
subsections) where a respondent
lived in 2021

5.6800 2.7607 1 10

Source: HILDA 2022.

4. Results
4.1. Descriptive Summary of Hidden Workers
4.1.1. Composition of Hidden Workers by Gender

Table 2 shows the composition of hidden workers by different types. In 2022, labour
underutilization shows significant gender disparity, particularly in the composition of
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hidden workers. Overall, unemployment rates are similar between gender types, with
males at 4.48% and females at 3.73%. However, hidden worker status differs markedly:
14.35% of males are classified as hidden workers, compared to 27.66% of females. Male
hidden workers are primarily discouraged workers (55.19%) or unemployed individuals
(28.77%). Among females, however, the majority are underemployed (50.8%), followed by
discouraged (37.11%).

Table 2. Distribution of hidden workers by gender.

All Male Female
N (%)

Hidden worker 2527
(21.09)

848
(14.35)

1679
(27.66)

underemployed 989 (39.14) 136 (16.04) 853 (50.80)
unemployed 447 (17.69) 244 (28.77) 203 (12.09)
discouraged 1091 (43.17) 468 (55.19) 623 (37.11)

Source: HILDA 2022 (parentheses represent percentage).

Table 3 outlines the distribution of hidden workers by gender and childcare respon-
sibilities, with care burden estimated by the ratio of children aged 15 or below to total
household members. Amongst females without children in this age group, 17.96% are
hidden workers. This is largely attributed to a higher proportion of older females. However,
this figure rises significantly to 47.8% among females with children under 15, with the
majority in this group classified as underemployed.

Table 3. Distribution of hidden workers by gender and childcare responsibility.

Total Hidden Workers Underemployed Unemployed Discouraged

Male Female Male Female Male Female Male Female

With
children

(age ≤ 15)

691
(16.69)

736
(17.96)

77
(11.14)

157
(21.33)

207
(29.96)

161
(21.88)

407
(58.90)

418
(56.79)

Without
children

157
(8.88)

943
(47.82)

59
(37.58)

696
(73.81)

37
(23.57)

42
(4.45)

61
(38.85)

205
(21.74)

Source: HILDA 2022 (parentheses represent percentage.)

4.1.2. Composition of Hidden Workers by Age

Table 4 presents the age distribution across the three categories of hidden workers. In
the 15–25 age group, 17.52% are underemployed, 36.65% are unemployed, and 45.82% are
discouraged workers. The 25–45 age group shows the highest proportion of underemployed
individuals, with 61.38% underemployed, 13.51% unemployed, and 25.11% discouraged
workers. Among the 45–65 age group, 33.66% are underemployed, 16.83% unemployed,
and 49.50% discouraged workers. The over 65 age group has the highest percentage of
discouraged workers, with 84.10%, while 9.21% are underemployed and 6.69% unemployed.
Discouraged workers are predominantly from the over 65 age group, followed by the
45–65 age group. The age distribution of hidden workers is illustrated in Figure 2.
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Table 4. Distribution of hidden workers by age group.

Age ≥ 15 &
Age < 25

Age ≥ 25 &
Age < 45

Age ≥ 45 &
Age < 65 Age ≥ 65

Hidden worker 521 (24.95) 1137 (21.97) 630 (15.80) 239 (32.78)

underemployed 86 (16.51) 677 (59.54) 204 (32.38) 22 (9.21)
unemployed 180 (34.55) 149 (13.10) 102 (16.19) 16 (6.69)
discouraged 255 (48.94) 311 (27.35) 324 (51.43) 201 (84.10)

Source: HILDA 2022 (parentheses represent percentage).

0
10
20
30
40
50
60
70
80
90

age >= 15 & age < 25 age >= 25 & age < 45 age >= 45 & age < 65* age>=65

Distribution of hidden workers by age

Hidden_unemp Hidden_discouraged

Figure 2. Composition of hidden workers by age group.

Three main findings arise from this descriptive analysis. First, it highlights the gen-
dered nature of underemployment. Specifically, female hidden workers dominate the
underemployed category, particularly within the 25–45 age group, reflecting the challenges
for working-age females with childcare responsibilities. Second, the analysis shows that
over 80% of the ageing population within the hidden workers are categorized as discour-
aged workers. Third, among the discouraged workers, there is a significant proportion
of younger males with lower education levels. Specifically, 57% of younger discouraged
workers are males with education below a high school certificate, compared to 35% of
younger females in the discouraged group.

4.1.3. Composition of Hidden Workers by Education Level

Table 5 shows a clear pattern: among higher-skilled individuals (e.g., with a college
degree), underemployment is the dominant hidden worker category, while among less-
skilled individuals (e.g., with a Certificate III/IV or less than Year 12), discouraged workers
are more prevalent.

Among individuals with education below Year 12, 62.92% are classified as hidden
workers (see Table 5). The underemployment rates among those with postgraduate, gradu-
ate diploma, bachelor’s degrees, and certificate III/IV qualifications are 60.74%, 60.94%,
64.94%, and 52.11%, respectively. Notably, 30.37% of those with postgraduate qualifications
are categorized as discouraged workers. Although this is a relatively small proportion
within the discouraged group, it suggests the discouraged group is diverse and includes
individuals with a broad range of education levels.
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Table 5. Education levels of hidden workers.

Postgraduate Graduate
Diploma BA Diploma Certificate

III or IV Year 12 Under
Year 12

Hidden
worker 135 (13.18) 128 (16.58) 385 (17.65) 213 (18.65) 592 (20.90) 389 (19.75) 685 (33.32)

under
employed 82 (60.74) 78 (60.94) 250 (64.94) 111 (52.11) 219 (36.99) 161 (41.39) 88 (12.85)

unemployed 12 (8.89) 11 (8.59) 37 (9.61) 22 (10.33) 117(19.76) 82 (21.08) 166 (24.23)
discouraged 41 (30.37) 39 (30.47) 98 (25.45) 80 (37.56) 256 (43.24) 146 (37.53) 431 (62.92)

Source: HILDA 2022 (parentheses represent percentage).

Examination of education levels and gender is shown in Table 6. While both male and
female groups with education levels below Year 12 are likely to be discouraged, only males
with relative high education attainments (Postgraduate, Graduate diploma) have a higher
portion of being discouraged rather than underemployed or unemployed. Highly educated
(Postgraduate, Graduate Diploma, BA) females are likely to be underemployed, comprising
60–70% of the respective education groups. The underemployed group is highly associated
with education levels for both genders.

Table 6. Gender breakdown of education levels.

Underemployed Unemployed Discouraged

Male Female Male Female Male Female

Post-
graduate 8 (25.81) 74 (71.15) 4 (12.90) 8 (7.59) 19 (61.29) 22 (21.15)

Graduate
diploma 7 (30.43) 71 (67.62) 2 (8.70) 9 (8.57) 14 (60.87) 25 (23.81)

BA 25 (34.25) 225 (72.12) 20 (27.40) 17 (5.45) 28 (38.36) 70 (22.44)
Diploma 11 (24.44) 100 (59.52) 6 (13.33) 16 (9.52) 28 (62.22) 52 (30.95)

Certificate
III or IV 30 (13.89) 189 (50.27) 73 (33.80) 44 (11.70) 113 (52.31) 143 (38.03)

Year 12 31 (21.53) 130 (53.06) 44 (30.56) 38 (15.51) 69 (47.92) 77 (31.43)
Below

Year 12 24 (7.59) 64 (17.34) 95 (30.06) 71 (19.24) 197 (62.34) 234 (63.41)

Source: HILDA 2022 (parentheses represent percentage).

4.1.4. Distribution of Hidden Workers by SEIFA

Socio-Economic Indexes for Areas (SEIFA) assesses relative socio-economic disadvan-
tage and advantage using indicators such as income, education, employment, occupation,
housing, and family structure. Workers categorized as unemployed or hidden unemploy-
ment are predominantly concentrated within specific SEIFA deciles as indicated in Table 7.
A detailed analysis of the underemployed group shows that the proportion of underem-
ployed workers increases significantly with higher SEIFA deciles within the broader hidden
worker population.
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Table 7. Distribution of hidden workers by SEIFA.

Unemployed Hidden
Worker Under unemp Disc

1st decile
(Lowest) 84 (11.19) 337 (36.39) 78 (23.15) 84 (24.93) 175 (51.93)

2 44 (4.56) 261 (23.97) 92 (35.25) 44 (16.86) 125 (47.89)
3 54 (5.00) 274 (22.72) 95 (34.67) 54 (19.71) 125 (45.62)
4 41 (3.64) 251 (20.24) 96 (38.25) 41 (16.33) 114 (45.42)
5 39 (3.46) 213 (17.65) 94 (44.13) 39 (18.31) 80 (37.56)
6 44 (3.67) 253 (19.42) 105 (41.50) 44 (17.39) 104 (41.11)
7 33 (2.51) 251 (17.66) 111 (44.22) 33 (13.15) 107 (42.63)
8 40 (3.55) 238 (19.52) 106 (44.54) 40 (16.81) 92 (38.66)
9 34 (3.02) 223 (18.31) 98 (43.95) 34 (15.25) 91 (40.81)

10 33 (3.13) 218 (19.34) 111 (50.92) 33 (15.14) 74 (33.94)
Source: HILDA 2022 (parentheses represent percentage).

4.1.5. Main Difficulty in Getting a Job

Table 8 outlines the reasons for underemployment, i.e., workers working in part-
time positions but would like to work more. The most frequent reason is caregiving
responsibilities, with 72.50% needing to care for children and 6.68% for other care needs.
Additionally, 16.89% of workers cites an inability to find full-time employment as their
reason for remaining part-time.

Table 8. Main reasons for underemployment.

All Male Female

Caring for children 717 (72.50) 41 (30.15) 676 (79.25)
Could not find full-time work 167 (16.89) 70 (51.47) 97 (11.37)
Other personal or family responsibility 67 (6.77) 11 (8.09) 56 (6.57)
Caring for disabled or elderly 25 (2.53) 7 (5.15) 18 (2.11)
Welfare payments or pension may be cut 13 (1.31) 7 (5.15) 6 (0.70)

Total 989 (100) 136 (100) 853 (100)

Source: HILDA 2022 (parentheses represent percentage).

For those actively seeking work, Table 9 highlights the primary difficulties in obtaining
employment: 16.44% cited a lack of available jobs, 15.99% mentioned too many applicants
for the positions, and 12.11% notes no jobs in their field. Over 25% of the difficulties are
associated with individual characteristics, including health issues (20.57%), inadequate
training or skills and insufficient work experience (13.52%), and unmet educational require-
ments (8.07%). Additionally, ageism or discrimination accounts for approximately 12.5% of
reasons for not being able to secure a job.

The most frequently cited reason by unemployed individuals for not actively looking
for work was having health problems. While responses from males and females are
generally similar, a higher proportion of females report that unsuitable working hours
are a barrier, whereas slightly more males report transportation issues are a concern
for employees.
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Table 9. Main difficulty in getting a job when unemployed.

All Male Female

Own ill health or disability 79 (20.57) 43 (21.5) 36 (19.57)
Did not have enough work
experience 50 (13.02) 27 (13.5) 23 (12.5)

Transport problems /job is too
far from home 43 (11.20) 27 (13.5) 16 (8.7)

Hours were unsuitable 37 (9.64) 12 (6.0) 25 (13.59)
Did not have the required
education 31 (8.07) 15 (7.5) 16 (8.7)

Too many applicants 31 (8.07) 20 (10.0) 11 (5.98)
No jobs in your line of work 25 (6.51) 16 (8.0) 9 (4.89)
Just no jobs at all 21 (5.47) 12 (6.0) 9 (4.89)
Difficulties in finding childcare 11 (2.86) - 1 (0.54)
Other family responsibilities 5 (1.30) 2 (1.0) 3 (1.63)
Discrimination against
migrants 2 (0.52) 2 (1.0) -

Overqualified 2 (0.52) 2 (1.0) -
Employers thought applicant
too young/ old 31 (8.07) 15 (7.5) 16 (8.7)

Other difficulties 15 (3.91) 7 (3.5) 8 (4.35)
Total 384 200 184

Source: HILDA 2022 (parentheses represent percentage).

4.2. Regression Analysis on Chances of Being Hidden Workers Compared to Unemployed

The descriptive statistics indicate that the characteristics of hidden workers differ
significantly from those of the unemployed. To explore how current labour policies might
broaden their focus to include hidden workers, regression analysis has been conducted
to highlight the differences in the determinants of hidden workers compared to those
of unemployment.

Determinants of hidden workers
For hidden workers, the coefficient of age is negative and significant, whilst its squared

term is positive and highly significant. The likelihood of an individual being classified as a
hidden worker tends to diminish as their age increases. According to our data, the turning
point was estimated at 46 years.

The positive and highly significant coefficient for females in the first column indicates
that being female is associated with a higher likelihood of being classified as a hidden
worker in comparison to being male. The effect of having children under 15 on an indi-
vidual’s hidden status is particularly notable. For males, the negative and statistically
significant coefficient for the proportion of children under 15, combined with the positive
and significant coefficient for its square, suggests a U-shaped relationship. This implies
that the probability of being a hidden worker decreases with a lower dependency burden.
In contrast, for females the relationship is hump-shaped, indicating that a higher childcare
burden increases the likelihood of being a hidden worker. This highlights that childcare
responsibilities have the opposite effect for males and females.

For the educational level, completion of Year 12 or above was associated with a lower
probability of being a hidden worker relative to those with a Year 11 or below education.
For females, higher education levels tend to reduce the likelihood of being a hidden worker,
indicating a greater sensitivity to educational attainment among female hidden workers.

Determinants of unemployment
For unemployment, a nonlinear relationship is observed between age and hidden

status for both male and female, The second part of Table 10 shows that unemployment
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group has a similar association in females while the nonlinear effect of age disappears
in males.

Table 10. Determinants of being hidden workers and unemployment.

Probability of Becoming Hidden Worker in
2022: Probit (dF/dX)

Probability of Becoming Unemployed in 2022:
Probit (dF/dX)

All Male Female All Male Female

Age −0.01 −0.006 −0.011 −0.0002 −0.0002 −0.0001
(6.84) *** (5.36) *** (4.38) *** (3.08) *** (2.01) ** (2.50) **

age2 0.0001 0.0001 0.0001 0.00001 0.00001 0.00001
(6.56) *** (5.42) *** (4.38) *** (2.20) ** (1.56) (1.77) *

Female 0.141 - - −0.0002 - -
(19.13) *** (0.43)

Postgrad −0.055 −0.021 −0.096 −0.001 −0.001 −0.0002
(4.19) *** (1.57) (4.24) *** (1.43) (1.90) * (0.34)

Graddiploma −0.044 −0.016 −0.072 −0.001 −0.001 −0.0001
(3.15) *** (0.91) (3.08) *** (1.00) (1.24) (0.11)

Ba −0.024 −0.003 −0.053 −0.001 −0.001 −0.001
(2.03) ** (0.28) (2.59) *** (1.98) ** (1.26) (1.38)

Diploma −0.041 −0.026 −0.051 −0.001 −0.001 −0.0003
(3.22) *** (2.17) ** (2.22) ** (2.08) ** (2.62) *** (0.58)

Certi −0.036 −0.017 −0.045 −0.001 −0.001 −0.0004
(3.39) *** (1.89) * (2.23) ** (1.49) (0.99) (0.82)

year12 −0.028 −0.017 −0.032 −0.001 −0.001 −0.0003
(2.49) ** (1.86) * (1.56) (2.20) ** (2.35) ** (0.56)

Aborigin −0.021 −0.004 −0.032 −0.0004 0.0002 −0.001
(1.23) (0.29) (1.06) (0.74) (0.20) (1.67) *

Pooreng 0.139 −0.013 0.215 0.011 - 0.012
(2.24) ** (0.38) (2.19) ** (1.59) (1.79) *

Married −0.016 −0.076 0.045 −0.001 −0.003 0.001
(1.90) * (7.49) *** (3.11) *** (1.63) (3.86) *** (1.64)

child_ratio −0.002 −0.195 0.737 −0.014 −0.013 −0.011
(0.04) (7.25) *** (7.55) *** (13.63) *** (8.49) *** (9.59) ***

child_ratio sq −0.003 0.093 −0.922 0.006 0.005 0.007
(0.05) (3.95) *** (5.69) *** (9.31) *** (7.41) *** (7.00) ***

Lthc 0.049 0.056 0.036 0.002 0.003 0.001
(5.65) *** (6.35) *** (2.47) ** (4.47) *** (3.30) *** (2.77) ***

Carefor 0.043 0.01 0.077 −0.001 −0.001 0.0001
(3.06) *** (0.72) (3.27) *** (0.96) (1.50) (0.11)

hhemp_ratio −0.579 −0.357 −0.714 −0.021 −0.02 −0.015
(42.37) *** (28.41) *** (30.28) *** (22.15) *** (16.61) *** (15.12) ***

SC index 0.007 0.004 0.008 0.0004 0.0004 0.0003
(2.51) ** (1.66) * (1.71) * (2.87) *** (2.12) ** (2.10) **

Seifa −0.003 −0.004 −0.003 −0.0001 −0.0001 −0.00004
(2.64) *** (3.59) *** (1.35) (1.47) (1.51) (0.73)

Observations 10,268 4961 5307 9376 4576 4598
joint

significance
Wald chi2(26)

= 2424.53
Wald chi2(25)

= 1067.33
Wald chi2(25)

= 1477.48
Wald chi2(26)

= 907.73
Wald chi2(25)

= 522.04
Wald chi2(25)

= 431.27
Prob > chi2 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Pseudo R2 0.3443 0.4572 0.3202 0.5232 0.5625 0.5133

Robust z-statistics in parentheses. *** p < 0.01, ** p < 0.05, * p < 0.1.

In addition to age, several independent variables also influence the likelihood of being
unemployed, including gender and educational qualifications. The table suggests that
a U-shaped relationship exists for males and females for unemployment, suggesting no
gender-specific impact on an individual’s unemployment status. A number of higher
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educational qualification dummy variables such as having a postgraduate degree shows
that males who acquire those qualifications are more likely to be employed compared
to males with Year 11 or below. However, other than having a diploma or postgraduate
degree, other education levels are not significantly associated with decreasing the risk of
male unemployment. Educational attainment levels were not statistically significant for
female who were unemployed; however, for hidden workers educational levels were highly
significant. The child ratio coefficients in both male and female groups are positive, which
illustrates that having a child impact both genders in similar way for the unemployed. This
difference may potentially demonstrate a possibility that ‘intrahousehold care allocation’
element might have forced the females to be hidden workers, if they can rely on their male
counterparts or other means. For females, the role of caregiving other than childcare did
not show statistical significance on unemployment.

The common factor that affects both groups are long-term health condition and social
capital. The number of household members in the labour force and long-term health
conditions are relevant to unemployment and being a hidden worker. Social capital (such
as lacking support networks) is inversely related to being classified as unemployed or
hidden implying the importance of social capital for both groups. For low socio-economic
areas (SEIFA), while a significant relationship is identified for male hidden workers, the
relationship with unemployment was not significant for males or females.

4.3. Regression Analysis on Different Categories of Hidden Workers

A multinomial probit model was used to examine factors associated with the different
categories of hidden workers. This type of model considers all possible outcomes together
and accounts for how people might choose between them based on similar personal or
household factors.

First, age shows a statistically significant U-shaped relationship with all three hidden
categories, where the strongest association is found from discouraged status, implying
that early and older age groups tend to face job vulnerability whilst midlife is the most
stable phase of labour market status. Second, females are more likely to be underemployed
compared to its counterpart, male, reflecting labour market segmentation. This is in line
with the finding of Duncan et al. (2024) that female disproportionately occupy part-time
and precarious positions in Australia. Third, educational qualification is especially relevant
for job discouragement. Table 11 shows higher qualification tends to significantly lower the
probabilities of becoming discouraged whilst its effects on underemployment or unemploy-
ment are not significant. Those with higher education are less likely to become discouraged
and more likely to remain in stable employment. Fourth, the effect of child ratio on labour
market status presents notable nonlinear patterns. The inverted U shape association with
underemployment suggests childcare responsibilities is likely to push individuals into
part-time job but excessive burden tends to reduce labour market participation. In contrast,
the U-shape relationship found from unemployment and discouragement might imply
that whilst individuals with lower childcare responsibilities are motivated in job search,
they are likely to face the risk of joblessness or withdrawal from labour market as the
responsibilities increases. Finally, the lack of social capital proxied by ‘SC index’ increases
the risk of both unemployment and discouragement, suggesting that social isolation not
only limits access to job opportunities, but also erodes motivation to stay active in job
search. For underemployed, the coefficient estimate is statistically insignificant.
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Table 11. Multinomial probit model for different categories of hidden workers.

Base Outcome: Unhidden

Variables Underemployed Unemployed Discouraged

age −0.049 −0.055 −0.087
(3.10) *** (3.20) *** (6.18) ***

age2 0.001 0.0004 0.001
(2.74) *** (1.86) * (6.51) ***

female 1.378 0.252 0.608
(18.27) *** (2.82) *** (8.07) ***

postgrad −0.204 −0.495 −0.781
(1.49) (2.08) ** (4.79) ***

graddiploma −0.033 −0.399 −0.885
(0.24) (1.66) * (5.15) ***

ba 0.084 −0.317 −0.576
(0.73) (1.99) ** (4.38) ***

diploma 0.006 −0.501 −0.565
(0.04) (2.54) ** (4.05) ***

certi −0.004 −0.169 −0.553
(0.04) (1.30) (5.17) ***

year12 0.185 −0.332 −0.484
(1.57) (2.38) ** (4.00) ***

aborigin −0.077 −0.19 −0.174
(0.42) (1.01) (1.07)

pooreng 0.419 0.94 1.362
(0.87) (1.74) * (3.83) ***

married 0.098 −0.074 −0.199
(1.20) (0.72) (2.42) **

child_ratio 4.114 −3.447 −2.14
(5.90) *** (11.42) *** (9.35) ***

child_ratio sq −2.385 1.513 1.039
(2.15) ** (7.64) *** (5.26) ***

lthc21 −0.035 0.434 0.704
(0.46) (4.43) *** (8.88) ***

carefor21 0.456 −0.18 0.186
(4.20) *** (1.03) (1.58)

hhemp_ratio −0.632 −6.041 −6.52
(3.82) *** (28.35) *** (36.04) ***

SC index 0.002 0.109 0.099
(0.10) (3.34) *** (3.64) ***

Seifa −0.024 −0.015 0.00003
(2.20) ** (0.96) (0.00)

Constant −1.862 2.475 3.016
(5.54) (6.79) (9.66)

Observations 10,268 10,268 10,268
Joint significance Wald chi2(78) = 3241.99

Prob> chi2 0.0000
Robust z-statistics in parentheses. *** p < 0.01, ** p < 0.05, * p < 0.1.

5. Discussion: Policy Measures for Unemployed or Hidden Workers?
This paper aims to understand the broad spectrum of labour underutilisation and

is the first attempt in Australia to apply the definition of hidden workers and analyze
different sociodemographic variables using 2022 HILDA data. The descriptive statistics
reveal that various types of hidden workers are predominantly represented by specific age
and gender groups. The study confirms that Australian women bear the greatest burden
of unpaid domestic work, balancing paid employment with child-rearing and caregiving
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responsibilities. The analysis highlights significant gaps between hidden workers and the
unemployed, suggesting areas needing policy intervention. Specifically, female hidden
workers experience a notable reduction in their hidden status with higher levels of educa-
tion. For these workers, whose hidden status is less influenced by labour market conditions,
policies should focus on enhancing job mobility and providing better support for childcare.

A key direction for the Australian labour market (Treasury 2023) involves addressing
gender barriers to work, with ongoing discussions around the National Strategy to Achieve
Gender Equality. The Women’s Economic Equality Taskforce has been established to advise
the Australian Government on advancing women’s economic equality and achieving
gender parity (Department of the Prime Minister and Cabinet 2023). However, despite
these positive initiatives, the government has not fully leveraged its potential to drive
meaningful change for hidden workers. The recent abolition of the ParentsNext programme,
which aimed to support single mothers, has been criticized for entrenching inequalities
and discrimination (Department of Employment and Workplace Relations 2022).

Given the significant impact of educational attainment on female hidden workers,
implementing industry-led job placement programmes aligned with higher education
could be highly effective in reducing the number of female hidden workers. Australia
currently has in place, return-to-work programmes, however, systemic gender biases in
hiring practices and the availability of flexible work arrangements, which are crucial for
women balancing work and family duties (Department of the Prime Minister and Cabinet
2024). Moreover, Arun et al. (2004) examined the impact of career breaks on women’s wages
and roles in Australia, finding that the reason for taking leave significantly affects wage
penalties and career trajectories. Women who took short career breaks for reasons other than
child-rearing faced smaller wage penalties (5%) compared to those who took parental leave,
with short and long parental leaves resulting in 10% and 17% wage penalties, respectively.
Additionally, women who took long periods of parental leave were more likely to return
to work in different roles or organizations. Theunissen et al. (2011) further explored the
effects of career breaks, noting that breaks due to family responsibilities or unemployment
negatively impacted subsequent wages, whereas breaks for self-employment or education
did not.

Additionally, whilst programmes may offer short-term training, they frequently lack
long-term career development opportunities, which are crucial for sustainable employment
and career advancement (Johnson 2024). To enhance their impact, more personalized
support, address structural barriers in the labour market, and establish partnerships with
industries to create clear pathways for women’s career progression may improve outcomes
(Rees 2022).

The significant role of social capital for both hidden workers and the unemployed
is a key finding. In Australia, numerous programmes offer services designed to build
social capital, including work experience placements, skills development workshops, and
opportunities for community engagement. Transition to Work focuses on connecting partic-
ipants with community services, mentors, and peer networks, recognizing the importance
of social capital in facilitating successful transitions into the workforce (Brotherhood of
St Laurence 2020). Another significant initiative is the New Enterprise Incentive Scheme
(NEIS), which supports unemployed individuals interested in starting their own businesses
by fostering entrepreneurial skills and connecting participants with experienced business
mentors (Department of Education, Skills and Employment 2021).

However, programmes such as these may not reach all eligible individuals, particularly
those in remote or underserved areas. Geographic and logistical barriers can limit access to
programme resources and networking opportunities, reducing the potential for building
social capital (Rodríguez-Soler and Verd 2023). Many programmes are designed with short-



Soc. Sci. 2025, 14, 446 16 of 20

term goals in mind, such as immediate job placement, rather than long-term social capital
development. Quick outcomes maybe the focus rather than sustainable community and
network building, which are essential for long-term employability and resilience (Borland
and Tseng 2011). Therefore, it is essential to implement local-level, long-term, sustained
social capital-focused interventions for hidden workers to increase visibility of hidden
workers in the employment service sectors.

Furthermore, most unemployment interventions focus on employability, skills devel-
opment, and job-search training (Hult et al. 2020). Nevertheless, social capital plays a vital
role in sustaining health and well-being, and this research demonstrates that having low
social capital is associated not only with unemployment but also with being part of the
hidden workforce.

This study also highlights a segment of hidden workers comprising younger males
with low education levels living in areas with low socio-economic resources. Addressing
the needs of this hidden worker group requires tailored policies beyond those which are
based on standard unemployment measures. Although, our findings did not identify
significant socio-economic area effects for unemployment for either gender, this was not
the case for male hidden workers. These individuals are affected by the resources and
opportunities available in their local area. Enhancing local job opportunities and developing
a robust job market ecosystem could a measure used to integrate male hidden workers
into the labour market. Additionally, the lower statistical significance of education for
male hidden workers compared to their female counterparts warrants further investigation.
Exploration is required as to whether education is less utilized by males due to its perceived
ineffectiveness or if other factors are of significance.

The visibility of discouraged workers in government programmes like Jobactive in
Australia was a critical issue, as these individuals often fall through the cracks of traditional
employment services. Jobactive, was the Australian Government employment service
which ran from July 2015 to June 2022, designed to assist job seekers in finding employment,
through job search support, training, and employer incentives. However, discouraged
workers, who have ceased looking for work due to perceived lack of opportunities, may
not actively engage with such programmes. This lack of engagement can result from
various factors, including a mismatch between the services offered and the specific needs
of discouraged workers, as well as psychological barriers such as low self-esteem and
motivation (Borland and Tseng 2011). To improve visibility and engagement, Workforce
Australia which replaced Jobactive, aims to reach out to underrepresented populations
digitally, offering tailored support that addresses their unique challenges and barriers to
re-entering the labour market.

In the European Union, the European Social Fund (ESF) supports projects that aim
to increase labour market participation, especially the youth unemployment targeting
NEETs (Young People not in Employment, Education or Training) who are often the most
discouraged and difficult to reach (Eurofund 2012). However, the effectiveness of these
programmes in reaching discouraged workers varies across member states (Bussi et al.
2019). To enhance visibility, it is important for government programmes to incorporate
strategies that specifically identify and address the needs of discouraged workers, such as
through community partnerships, enhanced data collection, and the integration of mental
health and motivational support services. Thus, these programmes can better support
discouraged workers in overcoming barriers and successfully re-entering the workforce.

6. Limitations & Future Research and Development
Direct comparisons between the determinants of hidden workers and those of un-

employment should be approached with caution. The status of discouraged workers is
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shaped by their decision to refrain from seeking employment, whereas unemployment is
often an outcome independent of the choice of an individual. The issue of discouragement
as a personal decision or whether it is influenced by structural factors is not yet resolved.
According to the definition of hidden workers, an individual’s willingness to be employed
or to work more hours reflects their intention to participate in the labour market, even if
their efforts are passive. Additionally, discouraged workers represent one subset within
the broader category of hidden workers. When interpreting the results, it is important to
consider these distinctions, and the specific definitions applied to each labour market status.

Generalisability of the findings to other countries should be performed with caution
due to the different regulatory and policy environments in which employment arises.
Childcare responsibilities frequently present substantial obstacles for women in the labour
market across various nations, contributing to employment gaps, underemployment, and
gender wage disparities. Different countries have implemented a range of policies to ad-
dress these challenges, including subsidized childcare, parental leave, and flexible working
arrangements. The effectiveness of these measures is context-dependent and may vary.
Future opportunities for research may involve the investigation of how exogenous shocks,
such as policy changes or economic disruptions, affect transitions across employment states
for hidden workers.

Our evidence highlights the potential for more tailored policy responses to hidden
workers in Australia. This study also supports the importance of refining and expanding
the conceptualizations, theories, and operationalization of the hidden worker category.
However, further investigation is needed into how various overlapping social identities
impact work opportunities and constrained choices.

Future research should explore the diversity within the hidden worker group to under-
stand both its heterogeneity and homogeneity. Assessing health and well-being outcomes
within this group could help determine whether these characteristics are consistent. Ad-
ditionally, examination of the dynamics of hidden workers—who transitions in or out
of this status and how individuals move between its sub-groups—to identify the most
effective pathways for upward mobility is required. Research using causal analysis could
be beneficial to identify the factors that influence shifts between these groups. Lastly,
collecting qualitative data from hidden workers could provide deeper insights into their
lived experiences. These areas of research may offer promising avenues to enhance our
understanding of the complexities and inequalities faced by hidden workers.

7. Conclusions
This paper begins by exploring those who are not accounted for in labour market

statistics, analyzing their demographics, work patterns, and challenges to discern the key
implications for policy responses. Consequently, this study aims to accurately identify
hidden workers and compare this group with the unemployed, who represent the sta-
tistically visible segment of labour underutilization. The hidden group, which includes
discouraged and underemployed individuals, reveals gendered labour market responses
within households, with women being overrepresented due to childcare responsibilities.
The discouraged population among younger males with low education levels warrants
further attention. The association of these males with low SEIFAs highlights the inequity
and discrimination tied to local resources, calling for government interventions. Income
insecurity among the older population and broader labour market discrimination is another
area requiring tailored policies, given the implications for the health and well-being of the
elderly. This study provides a basis for understanding the diverse range of hidden workers
and insights into potential policy interventions for both public and private services needed
to more effectively address the needs of hidden workers.
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