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Abstract: Nowadays, visibility is playing an increasingly important role in science com-
munication. The topic is particularly significant for female experts, as their visibility not
only inspires other women but also challenges gender stereotypes in academia. This article
provides the first insights into the actual public visibility of scientific experts in Germany
and presents potential factors that influence visibility. The analysis is based on the theoreti-
cal concept of doing visibility and identifies factors that influence the decision to increase
visibility via social media. Our complex dataset comprises 139 experts (59 from computer
science and 80 from social sciences), who took part in our online survey about visibility
and personal information. Additionally, we tracked the respondent’s online footprint to
ascertain their actual visibility in social media and press. The study reveals significant
differences in creating visibility and the perception of visibility by sex and discipline.
Computer scientists are more active on social media, while male social scientists are more
visible in the press. Male computer scientists (57%) post their work on social media most
frequently, followed by female computer scientists (35%), female social scientists (24%),
and male social scientists (17%). Furthermore, the engagement on social media depends
on the discipline, age, and media affinity of the experts. Overall, female experts gain less
visibility on LinkedIn and in the press, although the gender differences in IT are smaller in
this respect. Based on the results, we discuss potential reasons for the unequal distribution
of visibility and suggest targeted interventions to close the gender visibility gap, such as
(social) media or interview training. In addition, organisations and media representatives
should be trained to actively contribute to breaking down gender stereotypes.

Keywords: visibility; doing visibility; science communication; gender equality; gender
stereotypes; social media; LinkedIn; news media; women in the news

1. Introduction

The dissemination of scientific knowledge is essential for social and technological
progress. New knowledge contributes to the improvement of everyday life, the devel-
opment of new technologies and solutions to social, ecological and economic challenges.
Likewise, access to research results enables citizens to participate actively in evidence-based
political discussions and to resist populist forces that sow misperceptions and spread fake
news. Finally, transparency and accessibility to research findings is a precondition of trust
and credibility in science, without which the potential of scientific knowledge for social
good would remain untapped (Jarren 2017).
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Ideally, the public should therefore be informed as comprehensively as possible about
new scientific findings. This requirement goes far beyond publication in scientific journals.
However, good science communication is costly, both for the scientists who have to give
interviews, participate in photo shootings, and proofread the articles, and for their institu-
tions, which need to build bridges to newspapers and popular science magazines. Media
companies also need to invest time and money in translating the messages of scientists,
who are often not particularly media-savvy, into everyday language without becoming
inaccurate. As a result, only selected scientific studies are presented to the public in a
popular science format.

Of course, science communication not only makes the findings of research visible but also
the researchers themselves. Given the omnipresent gender differences, it is not surprising that
female researchers are far less involved in science communication and less visible in the media.
In Germany, 74% of experts on television are male, although there are some disciplines such as
the healthcare or education sector, where more women than men are working (Prommer et al.
2021). The STEM fields provide an interesting exception: although only 15% of those working
in STEM in Germany in 2020 were women, they accounted for 24% of STEM experts in the
media (Prommer et al. 2021). The Geena Davis Institute has been monitoring the presence of
STEM women in film and television for many years. From 2007 to 2017, it noted that 37% of
STEM researchers were women. This percentage has only increased by one percentage point
in the years up to 2022 (Conroy et al. 2024).

A similar picture emerges at scientific conferences. Keynote speeches and conference
contributions are more frequently given by men, even though there is a growing awareness
of the need to avoid all-male panels. Numerous disciplines therefore report a gender
speaker gap (Cooper et al. 2018; Mehta et al. 2018; Schroeder et al. 2019). Not surprisingly,
women are less likely to be recognized for their achievements. Only 6.7% of all Nobel
Prize winners are female (Meta IFiF 2023). In addition, it is now known that some prizes
have been awarded to men, even though the intellectual achievements were predominantly
made by women (e.g., the cases of Lise Meitner and Rosalind Franklin).

Regardless of the causes behind the lower visibility of female scientists—whether this
is due to discrimination or behavioural differences between men and women—these gender
gaps hinder the positive impact that visibility can have on the professional development of
women in science, as well as on perceptions of gender.

First of all, visibility contributes significantly to a scientist’s reputation among their
peers and the broader academic community (Eisenegger 2005; Schimank 2010; Shepherd
1981). Such recognition leads to more attention for one’s own topics or opinions and also
has economic effects as it is pivotal for advancing career prospects, securing funding,
and obtaining senior positions in academia (Paulitz and Wagner 2020). Second, female
scientists serve as role models. Their prominence can thus positively affect the career
paths and performances of other women, potentially inspiring them to pursue similar
success (Gonzalez-Pérez et al. 2020; Quimby and Santis 2006). Finally, visibility helps
to combat gender stereotypes that disadvantage women by presenting female experts as
equally competent and valuable contributors to men within their discipline of expertise
(Wharton 2005). Increasing visibility can challenge biases that otherwise undervalue
women’s achievements (Goldin and Rouse 2000; Lincoln et al. 2012; Ross et al. 2022). In
sum, enhancing visibility is crucial for the individual advancement of female scientists,
inspiring the next generation, and fostering gender equity in the academic sphere.

But of course, gender is not the only characteristic that favours or hinders the visibility
of experts. The topic, and hence the discipline on which the expert is presenting obviously
has a major influence on public interest and visibility in various media. Some disciplines,
for instance medicine, have a stronger urge to make their results accessible to the public
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in order to generate their added value for society (such as cancer research) (Clegg Smith
et al. 2010). The COVID pandemic also revealed that a single event can have a major
impact on interest in certain topics. While the health and virology sector received a lot
of attention, the social sciences received little media coverage (Joubert et al. 2022). In
addition, Neresini et al. (2023) showed for Italy that certain scientific experts gained high
media visibility during the COVID-19 pandemic due to their expertise in virology or
epidemiology, even if they had lower academic reputations. This implies that topics and
disciplines receive different levels of media attention depending on current social events
and political debates.

As illustrated above, visibility is not trivial but is subject to various mechanisms
that give some people more visibility than others. Furthermore, creating visibility does
not come for free but requires resources, such as time, skills, or support (e.g., from their
organisations). With this in mind, we want to answer the main question of whether there is
a gender gap in public visibility among German experts and to identify factors that play a
role in expert’s visibility. In detail, the present article deals with the following questions:

(1) Are there gender and discipline differences in terms of the visibility of experts in
the media?

(2) Which factors determine an expert’s actions for visibility on social media?

(3) Is there a difference in the perception of male and female experts? Do male and female
experts differ with regard to their responses to the presentation of their results and
achievements?

We apply the theoretical framework of doing visibility to analyse the gender visibility
gap among experts in Germany (see Section 2). Based on this framework, we obtain a
hypothesis on the difference in visibility between men and women, according to discipline
and other determining factors (see Section 2.3). In Section 4 we test these hypotheses using
a unique dataset that includes a set of personal characteristics of the experts as well as
a comprehensive footprint of their work in the media (see Section 3). This allows us to
link individual resources to different indicators of visibility in the public. Following our
theoretical model, we use different sets of determinants to analyse action for visibility
(Section 4.1) and their perception (Section 4.2) of male and female experts in the media.
Section 5 summaries the results, and we draw our final conclusions in Section 6.

2. Visibility of Experts in the Public—Concept and Determining Factors

To begin with, we want to establish a common understanding of visibility. What
do we mean by visibility and how can we understand the emergence of visibility? To
approach this question, we apply the concept of doing visibility by Philipp et al. (2025), a
comprehensive model which describes the complex process of creating visibility.

2.1. Doing Visibility

Doing visibility is derived from the practice theory of doing gender (West and Zimmer-
man 1987) and refers to a continuous process between the action for visibility and the
perception of visibility, or acting, seeing, and being seen. First, visibility must be created
through concrete activities, either by experts themselves or with the help of their insti-
tutions or the media. These actions for visibility include everything that a person does
to become visible, for example, publishing an article, holding presentations, giving an
interview, participating in a talk show, etc. (Philipp et al. 2025).

Next, these actions for visibility must be recognized by others to be considered suc-
cessful. Actions for visibility that are not perceived by the “audience” do not contribute
to one’s visibility. This process is called perception of visibility. Altogether, doing visibility
is an interpersonal process, and individuals always take on the role of both sides: we



Soc. Sci. 2025, 14, 138

4 0f22

simultaneously produce visibility and perceive visibility. In practice, the experiences with
our own visibility or the perception of other people’s visibility influences one’s own actions
for visibility. The term “doing” therefore refers to the ongoing nature of the process of
construction, indicating that it is not a complete or final state (Philipp et al. 2025).

This process is influenced by determining factors, which can affect both actions for
visibility and perception of visibility. These conditions include enabling structures, such as
the available time resources or support from personal networks or one’s organisation, as
well as factors that have a subconscious effect. For example, socio-structural factors, such
as gender or age, social norms, and stereotypes, not only affect whether and how experts
try to become visible, but also the way in which we perceive and evaluate these activities.
They probably even have an influence on the above-mentioned individual resources for
visibility and supportive structures (Philipp et al. 2025).

2.2. How Do Experts Create Visibility in Public? (Action for Visibility)

There are different ways to become visible as a scientific expert in public, and sci-
entists even see it as part of their job to talk about their research in media (Peters 2013).
A basic distinction can be made between social media and the public media, such as
newspapers, television, and radio (Kénneker et al. 2019). The former are characterized
by the fact that anyone can decide to post on social media, as there are no gatekeepers
in the sense of journalists and editors. We focus on the social media activity of scientists,
since using these platforms allows scientists to easily and quickly establish their presence.
Collins et al. (2016) analysed the social media use of scientists from 31 different (mostly
English-speaking) countries in 2013 and showed that Twitter (X) was the most used tool for
scientific communication among academics, followed by Facebook, LinkedIn, WordPress,
Google Scholar, Instagram, ResearchGate, and other social media platforms. In Germany,
LinkedIn was the most used professional networking platform in 2022 (Heintze 2022).
There is also some evidence that these activities in social media have positive spillover
effects on scientists’ visibility in academia (Eysenbach 2011; Peoples et al. 2016; Thelwall
et al. 2013; de Winter 2015). It is therefore interesting to understand the underlying factors
which determine the social media activity of scientists. In the following section we discuss
determinants that influence the process of doing visibility.

2.2.1. Sociodemographic Factors

First, we can discuss the influence of sociodemographic factors on visibility. Different
disciplines might have different approaches to visibility. Ke et al. (2017) analysed Twitter
posts from 45,867 scientists and discovered that computer scientists and social scientists
in particular used Twitter disproportionately compared to the total number of scientific
employees. There were also differences in how members of different disciplines used Twitter.
Natural scientists, for example, were more likely to do scientific communication on Twitter
than sociologists, who used Twitter more for non-scientific communication (Holmberg and
Thelwall 2014). This fits with the results of Konneker et al. (2019), who asked almost 1000
researchers from all over the world about their science communication. In that study it was
found that computer scientists participated more in social media discussions, published
more videos, and engaged more in blogging than scientists in other disciplines.

Another possible influencing factor is gender. In 2019-2020 there was no significant
gender difference in Germany concerning the use of social media in general, with 75% of
women and 77% of men engaging in social media activities (Faktenkontor 2024). A survey
on the Twitter use of 3148 health science researchers also confirmed this finding among
researchers: female and male health scientists used Twitter equally often (Zhu et al. 2019).
But there are differences in which social media platforms as well as how social media is used.
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Female researchers post significantly less on Twitter in comparison to male researchers
(Zhu et al. 2019). A survey on German social media users from 2018 to 2020 showed that
women used more platforms with a focus on pictures and messaging (such as WhatsApp,
Instagram, or Snapchat) while men use more professional websites and video platforms
(such as Twitter, Xing, LinkedIn, Twitch, or TikTok) (Beisch and Schéfer 2020).

Social media usage also differs according to age. In Germany, LinkedIn is mostly used
by people aged 2049 and is less frequently used by people older than 50 or younger than
20 years old (Heintze 2022). Koch (2023), who analysed the social media usage in Germany,
found out that individuals in the age bracket of 14-29 years old mostly used different social
media platforms, such as Instagram, TikTok, or LinkedIn, except for Facebook, which was
used mostly by people aged 30—49. People above 50 years used social media less often or
very rarely (Koch 2023).

2.2.2. Personal Resources

Next, we explore the personal resources which an individual can use to increase their
visibility. Creating visibility requires resources in terms of skills, time, and sometimes
even money. Increasing visibility on social media platforms is no longer as trivial as it
used to be. Algorithms that determine the success of a contribution change constantly,
become more and more inscrutable, and differ according to the social media platform in
question. This suggests that a profound knowledge of these mechanisms and consistent
compliance with the rules of the game is crucial for obtaining “reach” from a content
contribution. Today, there are also numerous guides, books, workshops, and tools on how
to increase one’s visibility on social media. (Gebel 2020) shows that knowledge of the
underlying mechanisms of these online platforms and media affinity can help to increase
one’s visibility. Thus, people with a high level of media affinity might have an advantage
in terms of obtaining visibility.

Another important personal resource is time. To create visibility for the public takes a
lot of time, time which is then cut from performing other academic tasks (Kryzys Acord
and Harley 2013). According to actual time use surveys, women still do most of the unpaid
housework and care work, irrespective of income and qualification (Bundesamt fiir Statistik
2021; Samtleben 2019). This creates a greater lack of time among women and makes it more
difficult for them to invest the time required to achieve visibility. This situation intensified
during the COVID pandemic, when it was even harder for women to balance family life
and their careers (Kohlrausch and Zucco 2020). As a result, female scientists published
fewer articles than men during the pandemic compared to the period before the pandemic
(Andersen et al. 2020; Cui et al. 2022; King and Frederickson 2021; Ribarovska et al. 2021).

2.2.3. Organisational Resources

Organisations can benefit from the personal visibility of their employees, because this
may enhance corporate reputation and trust, increase outreach, and open new business
opportunities (Ivens and Schaarschmidt 2015). Concerning universities, the new gover-
nance of science compels them to intensify their legitimation efforts and increases their
interest in visibility (Jansen 2007; Kehm and Lanzendorf 2007). Hence, depending on the
expected benefits, companies or science organisations establish structures and policies
enhancing the visibility of their employees. However, the distribution of personal support
depends on power relations within organisations. According to Bourdieu (1988), not only
the job position but also other factors such as social background, discipline, or the prestige
of academic training influence the extent to which power and opportunities are allocated
among individuals. This implies that organisational resources can be interpreted as capital
that is not made available to everyone equally.
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Marcinkowski et al. (2014) showed that the activity of the internal PR departments
had the most prominent influence on the media efforts of scientists. The more often PR
professionals ask for news items, the stronger the effect of scientists complying with such
demands, especially when it comes to researchers” self-initiated and PR-assisted press
releases. Researchers at the University of Kuwait also found out that insufficient support
and encouragement from one’s university was the most inhibiting factor to use social media
for the dissemination of research findings. Another 47.2% of the scientists answered that
time was a limiting resource (Al-Daihani et al. 2018). Time is a precious resource, both in
the realm of science (Arpin and Granjou 2015) and in the process of transferring scientific
findings to society (Felt and Irwin 2024). Hence, organisational support and available time
can influence scientists” use of social media to become visible.

2.3. How Are Experts Perceived by Society? (Perception of Visibility)

In order to fully grasp the complexity of visibility according to the concept of doing vis-
ibility, we also address the perception of visibility. Public perception is much more difficult
to measure, as the “potential perceivers” cannot be precisely identified and questioned. We
therefore use other indicators that provide information about how experts are perceived by
the public.

In the context of social media, a person’s number of followers is an adequate indicator
of one’s perception of visibility for two reasons. Firstly, if you decide to follow a person,
you must have become aware of this person before. Second, when you follow somebody,
you receive information and posts from them in your newsfeed, which creates continuous
visibility (LinkedIn 2024).

Another indicator of perceived visibility in public is press articles. German newspapers
reach over 80% of the population through print and digital media (Zeitungsmarktforschung
Gesellschaft der deutschen Zeitungen 2023). For example, the weekly newspaper “Die Zeit”
had around 1.66 million readers in 2022. Due to the high reach of mainstream newspapers,
it can be assumed that experts who appear in newspaper reports are perceived more and
thus become visible. In contrast to social media, a person’s mention in published media
depends on the evaluation and thus the perception of journalists or publishers of the
newspaper. We therefore argue that the contributions given by experts in newspapers
should rather be interpreted as indicators of describing their public perception. According
to (Crettaz von Roten 2011), journalists apply a specific logic when looking for appropriate
interview partners. The most significant criteria for selecting experts are the position, age,
and gender of the person. Reports from journalists suggest that women are more likely to
reject enquiries than men (Graydon 2014; Rougas 2017).

In this article, we analyse how experts use social media to create their visibility, in order
to answer the first research question of whether there are gender- and discipline-specific
differences in visibility. Based on the theoretical background and empirical preconditions,
we expect that male experts use social media more often than female experts (H1) and
that computer science experts use social media more often than social science experts (H2).
Concerning the perception of visibility in public, we ask how visible experts are in the
press and whether female experts reject media invitations more often than male experts.
Based on the theory presented, we expect that male experts are perceived more in public
than female experts (H3) and that in Germany, social science experts are also perceived
more in the press than computer science experts (H4). Additionally, we use our data to
measure the impact of selected sociodemographic, personal, and organisational factors
on the decision to become visible on social media, in order to answer the second research
question. This also helps us to gain empirical information on the concept of doing visibility
to better understand which conditions support people in creating visibility.
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3. Methods and Measurements
3.1. Methods

To answer our research questions and according to the concept of doing visibility
(Philipp et al. 2025), we need data on both components of visibility (action and percep-
tion) and individual information on personal characteristics. Therefore, we conducted
a pseudonymised online survey on visibility behaviour, focusing on the personal and
socio-demographic characteristics of German-speaking experts. The questionnaire was
developed based on the theoretical framework of the doing visibility model as well as in-
sights gathered from expert interviews on the visibility of scientists. To ensure reliability,
we carried out a pre-test with 12 people from our target group. Furthermore, we only used
questions with predefined answer categories so that the potential influence of personal
interpretations was limited, and a high validity of the results was achieved. In addition, we
tracked the respondent’s online footprint regarding their actual visibility on social media
and in the press. To achieve this, we searched for the names of the selected experts in
major German newspapers' and counted the number of all press articles. Additionally, we
checked whether the experts had a LinkedIn profile and recorded the number of LinkedIn
posts and followers. These two sources of information were matched, which provided us
with a complex dataset of respondents’ personal characteristics, as well as a comprehensive
picture of their observable visibility in the media. Data were analysed with the statistic
software IBM SPSS (29). To test our hypotheses H1-H3, we used descriptive statistics,
such as means and shares. To test group-specific differences, we performed t-tests for
metric variables and chi-squared tests for categorical variables. The one-way ANOVA test
was applied to analyse differences between more than two groups and the Bonferroni test
allowed us to see between which groups the differences were significant. A binary logistic
regression analysis was used to predict the influence of determining factors on the action
of visibility and to answer H4. We used social media posts as dependent variable and
created three models where we integrated the set of independent variables in a step-by-step
process. As predictors, we used the following variables: gender, discipline, age, affinity
for social media, housework and care work, organisational support, and time leeway at
work. To have a goodness-of-fit measure for logistic regression, we used Nagelkerke’s R?,
which indicates how well the model explains the variation in the binary outcome variable.
The test statistic is a scaled value (0 to 1) for easier interpretation and comparison between
models (Nagelkerke 1991).

To define our basic population, we selected experts from the social sciences and
computer science on a previously defined topic. These two disciplines were chosen to allow
for a maximum contrast concerning gender balance and professional culture. As the topic
itself can influence one’s visibility, we made sure that we did not compare experts on a very
popular topic with experts whose knowledge related to more niche topics. To identify a
suitable topic within the two disciplines, we set three criteria. Firstly, the topic was agreed
upon to be particularly relevant, so that there were enough experts in this field. Secondly,
the topic was agreed upon to have already been established for some time, so that experts
could also establish themselves in this field in the long term. Thirdly, the topic was agreed
upon to be narrow enough so that we could clearly assign the experts to the discipline
of social sciences or computer science, respectively. To select the most relevant topics in
these fields, we searched different national and international journals, conferences, and
publishers for special issues and articles for the period 2017-2021. The topics and titles
of articles identified were then categorized. In the case of the social sciences, “poverty”
was the most common category. Since this area also satisfied the two other criteria, it
was our first choice. In computer science, “digitalization of business processes” was the
most common topic. As it was difficult to identify whether the experts on this topic had a
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background in computer science or in business, we opted for the next relevant topic, which
was “software architecture”. For this topic, we were able to find experts with a computer
science background. Furthermore, the topic satisfied the other criteria, since it was neither
a trend nor a niche topic.

In a second step, we searched journals and publishers for experts on the chosen topics.
There were two criteria for the selection of experts. First, the experts ought to have at least
one publication on the selected topic as a (co)author, either in a journal or a book, or a
presentation at a conference. This criterion for the selection of experts was set rather low to
create greater diversity among the experts (from the less visible to the very visible) and to
achieve a gender balance, especially among computer scientists. The second criterion was
to ensure that there was a way to contact the experts, such as through an email address,
phone number, LinkedIn profile, etc.

With these criteria, we selected 412 experts, who were contacted via email in November
2022 and invited to participate in a pseudonymised online questionnaire covering questions
on visibility and personal characteristics. The survey period started on 3 November 2022
and ended on 17 January 2023. A total of 139 experts consented to the pseudonymised
research design and took part in our survey; thus, we had a very high response rate of 34%.

3.2. Sample Characteristics

The gender distribution in our sample was rather equal, with 45% women and 55%
men taking part. Concerning disciplines, social scientists were more represented (42%
computer scientists and 58% from the social sciences). Table 1 below summarizes the
relevant characteristics of the sample.

Table 1. Sample characteristics.

Total Male Female

n (%) n (%) n (%)
Discipline
Social sciences 80 (58%) 35 (44%) 45 (56%)
Computer science 59 (42%) 42 (71%) 17 (29%)
Age
21-30 2 (1.4%) 0 2 (3.2%)
31-40 28 (20.1%) 9 (11.7%) 19 (30.6%)
41-50 35 (25.2%) 25 (32.5%) 10 (16.1%)
51-60 42 (30.2%) 25 (32.5%) 17 (27.4%)
>60 31 (22.3%) 16 (23.4%) 13 (21.3%)
Missing 1 (0.7%) - 1 (1.6%)
Highest degree
Habilitation 17 (12.2%) 10 (13%) 7 (11.3%)
Doctorate 83 (59.7%) 47 (61%) 36 (58.1%)
Master’s degree, o o o
diploma 31 (22.3%) 16 (20.8%) 15 (24.2%)
Bachelor’s degree 3(2.2%) 2 (2.6%) 1 (1.6%)
Others 5 (3.6%) 2 (2.6%) 2 (4.8%)

3.3. Measurements

To measure action for visibility in public, we asked experts whether they used social
media to post about their work (“I post about my work/research on social media”? (1 = yes;
0 =no)). Since LinkedIn is mostly used in a professional context and users can be easily
identified, as they use their real name instead of a pseudonym, we focused on that platform
and used our web analytics to check whether they had a profile and how often they posted
content about their work on LinkedIn.
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We used two variables to describe the personal resources of experts that might impact
their action for visibility: affinity for social media and average proportion of house-and-
care-work. Affinity for social media was measured by the following question: “I have
an affinity for social media”® (1 = yes; 0 = no). To capture time used for housework and
care work, we asked: “What proportion of the total housework and care work do you
do on average in your household?”4 (1 = 0-20%; 2 = 21-40%; 3 = 41-60%; 4 = 61-80%;
5 = 81-100%).

The organisational resources were described by the support experts received from their
organisation. The underlying question was: “Visibility requires various prerequisites.
Which of these apply to you? (multiple answers possible)”. To measure organisational
support, we selected two of the requirements mentioned in the questionnaire, namely “I
am supported by my organisation”” (1 = yes; 0 = no) and second, “I have time leeway
during work”® (1 = yes; 0 = no).

To measure the perception of visibility in public, we used the results of our web analytics,
that is, the number of LinkedIn followers and press articles. To find out more about the
experts’ interaction with media, two questions were asked: (1) “I actively ask, e.g., at PR-
offices, newspapers, or publishers whether they would like to report about my research””
(1 =yes; 0 =no), and (2) “I gladly accept invitations to discussions, talk shows, interviews,
ete.” (1= yes; 0 = no).

Figure 1 illustrates the concept of doing visibility as developed by Philipp et al. (2025)
as well as the measurements we use to analyse visibility. The circular arrows symbolize
the interdependent process between the action for visibility and the resulting perception in
the environment of the acting person. This process is embedded in the sociodemographic,
personal, and organisational determining factors.

determiningfactors

|

sociodemographic
factors

interaction with media

~

personal resources

actionfor visibility perception of visibility
e social media
e LinkedIn posts

e LinkedIn follower
e news articles

organisational resources

Figure 1. Measurements according to the concept of doing visibility. Own illustration based on the
concept of doing visibility by (Philipp et al. 2025).

4. Results
4.1. How Do Experts Create Visibility for the Public?

More than half of the computer scientists (51%) posted about their work on social
media, compared to around a fifth of social scientists (21%); this marked a significant
difference as the chi-squared test showed (x%(1) = 13.29, p <0.001, @ = —0.309). The largest
difference could be observed between male social scientists (17%) and male computer



Soc. Sci. 2025, 14,138

10 of 22

scientists (57%). Interestingly, the difference was considerably smaller among female social
scientists (24%) and female computer scientists (35%) (see Figure 2). Regardless of the
discipline, male experts stated more often (39%) that they posted about their work on social
media than female experts (24%). This difference, however, was not statistically significant
(x*(1) =2.04, p = 0.153, @ = —0.121).

female computer scientists M male computer scientists
W female social scientists M male social scientists
70 24 23
60 20
=
50 =
s E 15
2 40 35 2 12
5 v
5 30 10
= :
£ 20 =
5
10
0 0
I post my work/research on social average number of LinkedIn posts

media.

Figure 2. Actions for visibility differentiated by gender and discipline.

The same pattern was replicated when analysing the number of contributions (see
Figure 2, right graph). Men posted on average about twice as much on LinkedIn as women.
Computer scientists had nearly three times more contributions on LinkedIn than social
scientists. In this respect, male computer scientists differed significantly from the other
groups, as the one-way ANOVA showed (F(3) = 4.46, p = 0.003).

4.2. Which Factors Determine Actions for Visibility on Social Media?

According to our theoretical framework, we argue that apart from sex and discipline,
personal and organisational resources determine the activities to create visibility. Table 2
summarizes the descriptive figures of the predictor variables that were included in the
binary logistic regression which calculated the decision to become visible on social medjia.
Most experts stated that they had no affinity for social media. Female experts reported
that they had significantly less affinity for social media in comparison to male experts.
Female experts in our sample also reported doing more housework and care work than
male experts. A one-way ANOVA showed that there was a significant difference between
discipline and gender when it came to the reported proportion of housework and care
work (p < 0.001). According to the Bonferroni test, the differences were mainly between
male computer scientists and female computer scientists (p = 0.005), as well as female social
scientists (p < 0.001).

When it comes to organisational support, male computer scientists (69%) reported
receiving support from their organisation significantly more often than the other groups.
Only 35% of female computer scientists stated that they were supported by their organisa-
tion. Again, male computer scientists exhibited an outstanding position concerning time
leeway during work. The chi-squared test showed that there were significant differences in
our sample when it came to time leeway, x?(3) = 22.97, p < 0.001, @ = 0.40. In comparison to
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the other groups, male computer scientists reported having time leeway almost five times
more often during work.

Table 2. Mean values of the predictor variables.

Computer Science

Social Sciences

i n
Variable Female Male Female Male P

Personal resources

. . . . 1
Affinity for social media 139 0.06 0.14 0.04 017 0234
(0=no; 1 = yes)
Average percentage of housework and care work
(1 =0-20%; 2 = 21-40%; 3 = 41-60%; 4 = 61-80%; 138 3.59 2.51 3.42 2.97 0.024
5 = 81-100%)
Organisational resources

. . 1
Organisational support 139 0.35 0.69 0.42 043 <0.001
(0=no; 1 = yes)
. . 1

Time leeway during work 139 0.12 0.50 0.13 011  <0.001

(0 =no; 1 =yes)

! = Mean can be interpreted as the share of experts that answered “yes”; n = valid values; p = p-value for the
ANOVA or chi-squared test at the 5%-level.

Apart from these theoretically derived influencing factors, we were interested in
the impact of sociodemographic characteristics, such as gender, discipline, and age. To
examine whether gender, discipline, age, and the selected determinants had an impact
on the decision to become more visible on social media, we conducted a binary logistic
regression analysis with social media posts serving as the dependent variable. In model 1,
we limited the list of determinants to sociodemographic factors. Regression model 1 was
statistically significant, x2(3) = 23.04 (p < 0.001), while the amount of explained variance
as shown by Nagelkerke’s R? was 0.213. Discipline (p < 0.001) and age (p = 0.004) showed
significant effects while gender showed no significant effect (p = 0.479). The estimated
coefficients indicated that social scientists had a higher probability of posting on LinkedIn
and that the propensity to post decreased with age.

In the next step, we added the two variables describing personal resources, namely,
affinity to social media and the amount of housework and care work, to the list of
explanatory variables. Regression model 2 was statistically significant, x>(5) = 34.001
(p < 0.001), while Nagelkerke’s R? increased to 0.304. Discipline (p < 0.001) and age
(p = 0.010) again contributed significantly to predict social media posts, as well as affin-
ity for social media (p = 0.004). Gender (p = 0.779) and housework and care work
(p = 0.286) showed no significant effect. As expected, social media affinity correlated
with the propensity to post on LinkedIn.

Model 3 additionally included organisational variables, namely, organisational support
and time leeway at work. The last regression model was also statistically significant,
x2(7) = 36.398 (p < 0.001), while Nagelkerke’s R? increased slightly to 0.322. Discipline, age,
and affinity for social media were again significant, while time leeway and organisational
support had positive effects on the decision to use social media in a business context.
However, the effects were not significant at the 5% significance level. All model coefficients
can be found in Table 3.
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Table 3. Binary logistic regression analysis on social media posts.

Model 1 Model 2 Model 3

B p B p B p
Constant 2.709 0.005 2.828 0.011 2.093 0.083
Sociodemographic factors
Gender @ —-0.299 0479 0.135 0.779 0.214 0.664
Discipline —1.455 <0.001 —-1.610 <0.001 —1.531 0.001
Age —0.557 0.004 —0516 0.010 —0.495 0.015
Personal factors
Affinity for social media € - - 2.045 0.004 1.891 0.010
Housework and care work - - —0.212 0286 —0.149 0470
Organisational resources
Organisational support ¢ - - - - 0.610 0.159
Time leeway (at work) € - - - - 0.263 0.599
R? 0.213 0.304 0.322
n 139 137 137

R? = Pseudo R? (Nagelkerke’s square); B = standardized regression coefficient; p = p-value; 2 = reference group is
male; ? = reference group is computer science; ¢ = reference group is no social media affinity; ¢ = reference group
is no support; ¢ = reference group is no time flexibility.

4.3. How Visible Are Scientific Experts to Society?

Next, we focused on the perception of visibility actions to ascertain whether there were
gender- or discipline-specific differences. A t-test showed that in our sample, male experts
had almost twice as many followers on LinkedIn (namely, 140 on average) than female
experts, who had 87 followers on average (a significant difference (¢(72) = 2.4, p = 0.019).
However, the difference was even larger between disciplines: while the average number
of LinkedIn followers among computer scientists was 1088, among social scientists it was
only 189 (#(52) = 4.2, p < 0.001). We also looked at the number of LinkedIn followers per
post. Male experts had more followers per post than female experts, although this result
was not statistically significant. When differentiated by gender and discipline, we could
see that male computer scientists stood out in having the most followers and followers per
post. Figure 3 shows the average number of LinkedIn followers and followers per post,
differentiated by gender and discipline.

female computer scientists M male computer scientists
m female social scientists M male social scientists
1288
1200
1000
140
8

@ 800 120

] 664 5
g .5 100

o 600 g
g z 80

g [

] o0
400 g 60

>
244 s 40

200 146
20
0 0
number of LinkedIn followers number of LinkedIn followers per post

Figure 3. Number of LinkedIn followers, differentiated by gender and discipline.
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Finally, we turned to the average number of press articles. In this respect, male social
scientists stood out with an average of 12.6 press articles, while female social scientists had
less than half as many articles (4.98), even though they dealt with the same topics. There
were almost no newspaper reports about computer scientists and their work, regardless
of gender. Hence, the difference between the mean values of social scientists (8.31) and
computer scientists (0.27) was statistically significant; #(137) = —2.68, p = 0.003. Figure 4
shows the average number of newspaper articles, differentiated by gender and discipline.

female computer scientists B male computer scientists

M female social scientists W male social scientists

12.60

12.00

mean value
—
S > o
> o o
s s &

iy
o
S
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0.17 0.31

0.00
average number of press articles

Figure 4. Appearance in the press differentiated by gender and discipline.

Potential reasons for these differences may lie in the way that experts interact with the
press and the media, e.g., whether they actively approach journalists or editors and how
they respond to requests from the media. Figure 5 shows that 14% of male social scientists
actively inquired with PR offices, newspapers, or publishers, while the other groups hardly
ever actively approached media representatives. This difference was significant (#(3) = 8.53,
p =0.036).

female computer scientists B male computer scientists
M female social scientists M male social scientists
60
50
41
= 40
E
S 30
o
&
£ 20 14
10
0 2 2
0
I actively ask, e.g., at PR offices, "] gladly accept invitations to discussions,
newspapers or publishers whether they talk shows, interviews, etc."

would like to report on my research.

Figure 5. Handling the press and media, differentiated by gender and discipline.

A similar picture emerged when we compared the acceptance of invitations to discus-
sions or talk-shows. Here, again, male social scientists stood out: 60% of the male social
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scientists gladly accepted invitations, while among female social scientists, just 31% did
so. However, the gender difference was the opposite in computer science: slightly more
female computer scientists reported that they gladly accepted invitations compared to their
male counterparts. Figure 5 provides the results for interactions with media differentiated
by gender and discipline.

5. Discussion

These findings provide new insights into how experts in different disciplines create
visibility and how they are perceived in the public on social media and in the press. The
concept of doing visibility has proven to be a suitable model for developing an understand-
ing of individual differences in visibility. Our results show, for instance, that equal actions
for visibility do not necessarily result in equal perception. This demonstrates that visibility
does not only depend on the individual activities to build one’s own stage but are also
subject to other factors shaping the visibility of experts in the public eye. Social norms and
gender stereotypes are probably some of the factors that have an impact on both the access
to resources that are required to create visibility as well as the evaluation of individual
visibility efforts.

The key finding is that there are significant differences between computer and social
scientists as well as between male and female experts concerning visibility. Male computer
scientists stand out when it comes to action for and perception of visibility on social media,
while male social scientists have a particularly high perception of visibility in the press.
Gender differences are particularly evident regarding the perception of visibility. In this
section, we discuss our results and hypotheses, relate them to other findings, and offer
suggestions for further research.

5.1. Actions for Visibility on Social Media

First, we take a look at the active part of the concept of doing visibility, namely the
actions for visibility on social media. Our first hypothesis (H1) was disproven by our
analysis; we found no significant difference between female and male experts in the use of
social media in general and especially in the use of LinkedIn as a professional networking
platform. Interestingly, there were small gender-specific differences between the disciplines:
female computer scientists used social media less than male computer scientists, and the
result was the opposite for social scientists. These findings stand in contrast to Zhu et al.
(2019), who analysed the use of Twitter among health researchers at the AcademyHealth’s
2018 Annual Research Meeting. This apparent contradiction might be due to the differences
between Twitter and LinkedIn. While LinkedIn is mainly used for professional exchanges,
Twitter is more often used for social or personal issues. Yet, considering the observation
that women are more likely to connect with women (according to the similarity bias
(Byrne 1972)), the lower participation of female computer scientists on LinkedIn is hardly
surprising. For instance, Brooke (2021) as well as Ford et al. (2017) both showed that female
users of Stack Overflow, the world’s largest question-and-answer forum when it comes to
programming, preferentially interacted with other saliently female users. As users tend
to communicate more often within gender-specific boundaries, male users benefit from
being the majority group. Due to the lower number of female computer scientists, there are
inevitably fewer contact opportunities within LinkedIn.

The significant gender-specific differences in experts’ visibility activities can be partly
attributed to the different levels of relevant resources, such as the amount of housework
and care work. As expected, women in our sample reported doing more unpaid care work
than men, which stands in line with other studies (Bundesamt fiir Statistik 2021; Samtleben
2019). Based on the binary logistic regression analysis, care work had no significant impact
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on social media posts, though. When it came to organisational support and time leeway,
male computer scientists reported having the most resources of all the studied groups.
However, there were significant differences between the disciplines: women in computer
science stated that they had less organisational support and time leeway than their male
colleagues, but there were no gender differences among social scientists. One reason for
the gap between male and female computer scientists could be the multiple workloads for
women in male-dominated disciplines. The so called “academic housework” is unequally
distributed between women and men (Heijstra et al. 2017). Due to the low proportion of
women, it can be assumed that the few women are more frequently involved in company
co-determination bodies or community-promoting projects. This can include positions
in committees, work councils, or equal opportunities offices, where women should be
adequately represented. McKinsey (2022), for instance, report that female leaders are twice
as likely as male leaders to spend a substantial amount of time on DEI (Diversity, Equality,
and Inclusion) work, which dramatically improves retention and employee satisfaction
but is not formally rewarded in most companies. This suggests that the few women who
work in male-dominated workplaces tend to take on more tasks and thus have less time to
pursue their own goals. Among the experts in social sciences, no gender differences were
recognizable. This result is consistent with our interpretation of the results, because the
share of women is much higher in this field, so that the burden of social tasks is spread
over more shoulders.

Concerning our second hypothesis (H2), we can confirm that experts in computer
science in our sample used social media more than social science experts. These empirical
findings fit with the results of the study by Holmberg and Thelwall (2014), who found that
researchers from the disciplines of biochemistry, cheminformatics, astrophysics, and digital
humanities used Twitter more for science communication than researchers from sociology,
economics, history of science, and social network analysis. We suppose that discussions
among computer scientists tend to be very specific and are less interesting and suitable for
the public and the public media, so that the exchange within the specialist community via
social media is even more important. In addition, it can be assumed that individuals in
the IT sector possess a deeper understanding and knowledge of social media compared
to social scientists. The importance of the discipline for one’s presence on social media,
and especially one’s presence on LinkedIn, is also emphasized by the results of the binary
logistic regression models. Apart from age and media affinity, discipline turned out to be a
significant predictor variable for social media posts.

5.2. Perception of Visibility in Press and on LinkedIn

Next, we examine the perception of visibility actions according to the concept of doing
visibility (Philipp et al. 2025), which can be less influenced by individuals. Although there
were no significant gender differences concerning the use of social media, we identified
significant differences in the perception of visibility. We can confirm our hypothesis 3
(H3) that male experts receive more public attention from the press than female experts.
This was evident from the differences in the number of followers on LinkedIn, as well as
the number of articles in newspapers. On LinkedIn, female experts had about half the
number of followers than men. These findings are consistent with the results from Zhu et al.
(2019), which indicate that male scientists have about twice as many followers on Twitter
in comparison to women. The gender difference was most evident among social scientists;
in our sample, female and male social scientists had the same amount of LinkedIn posts
but differed in the number of LinkedIn followers. Thus, we assume that the impact of
posts from male social science experts is greater than those of female experts. Since the
reach of a post depends, among other things, on the number of followers of the author,
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each new post by male experts is seen by more people than a new post by female experts.
The basic question is therefore: Why do male experts get more attention than female
experts? One obvious explanation could be the underlying gender stereotypes that are
often to the disadvantage of women. The explanation for why male experts receive more
attention than female experts can be understood through the “doing gender” framework
by West and Zimmerman (1987). This concept asserts that gender is performed in social
interactions, leading to the reinforcement of stereotypes. Literature on gender stereotypes
shows that regardless of observable expertise, women are seen as less competent, and their
achievements are less rewarded and recognised (Goldin and Rouse 2000; Lincoln et al. 2012;
Wharton 2005). This finding also supports Marwick’s (2013) thesis that platform rating
systems continue to enable sexism and discrimination but in a more subtle and seemingly
democratic way, by influencing success towards masculine identities and behaviours.
Furthermore, interviews in newspapers or LinkedIn posts on one’s own professional
events, successes, and achievements are to a certain extent a form of self-promotion. Self-
promotion has been shown to enhance the perceived competence of both men and women.
However, self-promotion is an agentic behaviour and contradicts gender prescriptions for
women (being modest and unassuming). As a result, self-promoting women, but not men,
are seen as less socially appealing and are less welcome in social networks (Carli et al. 2016;
Heilman 2015).

Another reason for the lower follower ratio could be the different preferences of
men and women on social media platforms. Women use social media more frequently to
maintain existing contacts, while men use social media platforms more to connect with new
people (Mazman and Usluel 2011; Muscanell and Guadagno 2012). Hence, the disparity in
attention can be rooted in these socially constructed gender norms that are aligned with
socially constructed gender norms. In short, doing gender by West and Zimmerman (1987)
seems to contribute to both the action and the perception of visibility.

While computer scientists dominate social media, social scientists are more frequently
featured in traditional media, which confirms our hypothesis 4. Over the past few decades,
there has been an enormous increase in social science experts in newspapers. Since the
1990s, social sciences have dominated the media much more compared to natural sciences
or computer science (Albaek et al. 2003; Peters 2013). This trend might be attributed to
the fact that topics from the social sciences and humanities appeal to a broader audience
than the typically more specific topics of the natural sciences (Bentley and Kyvik 2011).
As we chose the topics “software architecture” and “poverty” to select experts, it seems
obvious that fewer articles about computer scientists and their findings would appear in
the newspapers. In addition, researchers in computer science report having the fewest
contact with media compared to other disciplines, according to the findings of a survey
about 1600 researchers in Germany by Peters (2013).

This result also fits our findings that computer scientists very rarely actively engage
with the press or other media. Among social scientists, we see again clear gender differences:
female experts have half as many press articles, which confirms our hypothesis 3. This
gender imbalance can also be found in Switzerland. An analysis of 18,695 contributions
from 60 Swiss media outlets in 2020 shows that only 23% of the articles are about women,
which indicates an even greater discrepancy (fog—Forschungsinstitut Offentlichkeit und
Gesellschaft 2021). One reason for these findings may lie in the way that men and women
respond to media inquiries. In our sample, women stated that they accepted invitations
to discussions and interviews less frequently than men. Male social scientists, however,
more often actively asked PR offices and newspapers to report about their work. This
result also corresponds to other studies. Women reject opportunities more often that would
be helpful for their professional career (Edmunds et al. 2016). In addition, journalists
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report that women refuse requests for interviews more often for several reasons, such
as care responsibilities or impostor syndrome, as they believe that they are not good
enough to offer their expertise (Graydon 2014; Rougas 2017; Scholz 2017). Obviously, a
lack of competence is often not the case; rather, it indicates that the social construction of
gender according to the concept of doing gender (West and Zimmerman 1987) also plays
a role here. In fact, men tend to overestimate their achievements and women tend to
underestimate their performance (Cooper et al. 2018; Rammstedt and Rammsayer 2002;
Reilly et al. 2022; Reuben et al. 2012). Again, the fact that visibility contradicts the female
normative requirement to be modest and communal conflicts with being a renowned
scientist (Carli et al. 2016). The decision of women can therefore be interpreted through the
lens of “doing gender”. Women prioritize their tasks depending on gender norms and the
resources available to them in a patriarchal society.

5.3. Limitations and Guidance for Future Research

This study used a novel research design, but this comes with some limitations. These
should be carefully considered when interpreting the results but should also be seen as
avenues for future exploration.

First, the relatively small sample size poses a significant constraint. This limitation
was primarily due to the intensive data collection process and the study’s design, which
aimed to compare highly homogeneous experts within a narrowly defined field. While this
approach ensured a high level of specificity and control, it also limits the generalisability of
the findings across broader contexts. Leveraging Big Data methods could offer significant
advancements in this area. Automated data collection from various social media platforms
and online publication databases could allow researchers to analyse large volumes of data
and derive even more significant results.

Second, the selection of topics used to identify relevant experts was based on logical
criteria. However, this highlights the potential for alternative approaches. Future studies
could explore different methodologies for expert identification, thereby uncovering new
insights into how selection criteria influence research outcomes.

Third, the study focused on LinkedIn and therefore, this limits the transferability of
the findings to other social media environments. Social practices and community dynamics
can differ significantly across platforms, meaning that the behaviours and interactions
observed on LinkedIn may not be the same on other social networks.

Fourth, the indicators we used to assess perceptions of visibility—such as the number
of articles in newspapers and LinkedIn followers—are indirect indicators and provide
a first approximation of the theoretical concept. Future research could build on this by
developing more direct measures of audience perception and engagement, capturing a
more comprehensive picture of how visibility is constructed and interpreted.

Finally, the selection of resources required to establish visibility was limited. Although
the study focused on factors that were easily measurable and seemed particularly influential,
other characteristics, such as personality traits, could also be relevant. Researchers are
encouraged to explore these broader influencing factors to enrich the understanding of what
contributes to visibility in professional networks. Overall, this study not only highlights
key aspects of expert visibility but also provides a springboard for future research that can
deepen and broaden the understanding of this complex phenomenon.

6. Conclusions

To sum up, the study revealed that visibility is not equally distributed as there are
gender- and discipline-specific differences regarding actions for and perception of visibility.
Recent discussions about preserving democracies and combating fake news show how
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important it is for experts to engage with the public and disseminate their findings. It
is essential for opinion-forming and decision-making that people are aware of scientific
findings. However, this requires that male and female experts have equal access to the
media and receive equal attention from the public. To achieve this goal, gender-specific
stereotypes must be overcome so that as many female experts as possible have their say,
their expertise is equally valued, and that as many different perspectives on a topic as
possible can be discussed.

We found three significant variables which predicted social media posts: discipline,
age, and media affinity. These findings are especially relevant for universities and scientific
organisations to establish targeted interventions for employees to increase their online
visibility. Science communication for public audiences is not an easy thing to achieve.
It takes time and resources, such as a good camera or professional pictures, and most
scientists are not well prepared for the task. Moreover, the implementation of mentorship
programs that connect female experts with experienced mentors can provide guidance on
increasing their visibility in academic and public spheres. Furthermore, the visibility of
scientists to the public is less recognized than their visibility to the scientific community
(Krauss et al. 2023). Hence, we suggest that organisations should implement training
for their employees, such as camera training, voice modulation, dealing with the media,
conducting interviews, introduction to social media platforms or writing workshops for
press articles. In particular, older people, who did not grow up with social media and
people from the social sciences can benefit from training to increase their affinity with social
media. In addition, institutions can introduce reward programs to incentivize researchers
to actively reach out to the public and disseminate their findings beyond the traditional
academic world.

When it comes to gender differences in visibility, it is particularly concerning that
female social scientists are less recognised when compared to their male colleagues, despite
their higher engagement in the form of LinkedIn posts. We discussed different possible
reasons for this, such as impostor syndrome, the different use of LinkedIn as a platform,
the preferences of men and women on social media platforms, and gender stereotypes.
Interestingly, the gender differences are smaller or the opposite in computer science. In
this context, further research is needed to uncover possible reasons for this phenomenon.
Nevertheless, it is essential to support women in their interactions with the media. Given
the multiple hurdles which women encounter, whether this is distorted self-perception,
inappropriate comments from colleagues about a media appearance, or efficiency-driven
practices of journalists, women need spaces to exchange ideas about these structural
challenges and learn from each other. For this reason, women may especially benefit
from gender-sensitive media trainings and targeted coaching programs. In addition, the
implementation of mentorship programs that connect female experts with experienced
mentors, can provide guidance on increasing their visibility in academic and public spheres.

At the same time, it is just as important to sensitize media representatives on methods
to reduce gender stereotypes and gender norms and to create equal visibility for women and
men. Thus, the study also emphasizes the role of journalists, PR offices, and organisations
as they can contribute significantly to create equally distributed visibility. Cheryan et al.
(2013) showed that students in the United States had stereotypical perceptions of computer
scientists that were in conflict with normative expectations of femininity. However, the
study also revealed that women who read texts about computer scientists that diverged
from these common stereotypes exhibited a greater interest in studying computer science
(Cheryan et al. 2013). This implies that even small interventions can change our assessment
of relevant and recognizable knowledge. This potential could be used by the media to
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break down gender stereotypes and to promote gender equality, both in science and in
society in general.
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Notes

The newspapers searched were those with the widest reach in Germany, namely: FAZ, Die Welt, SZ, TAZ and Die Zeit.

German version: “Ich poste meine Arbeit/Forschung tiber Social Media”.

German version: “Ich habe eine Affinitit zu sozialen Medien”.

German version: “Welchen Anteil der gesamten Haus- und Care-Arbeit tibernehmen Sie durchschnittlich in Threm Haushalt?”.

G = W N

German version: Sichtbarkeit erfordert verschiedene Voraussetzungen. Welche treffen auf Sie zu? (Mehrfachantworten moglich)
“Ich werde durch meine Organisation unterstiitzt”.

German version: Sichtbarkeit erfordert verschiedene Voraussetzungen. Welche treffen auf Sie zu? (Mehrfachantworten moglich)
“Ich habe zeitliche Freiriume wihrend meiner Arbeitszeit”.

German version: “Ich frage aktiv, z. B. bei PR-Stellen, Zeitungen oder Verlagen an, ob sie tiber meine Forschung berichten
mochten”.

German version: “Ich nehme gerne Einladungen zu Diskussionen/Talkshows/Interviews/etc. an”.
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