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Abstract

Urban industrial heritage is increasingly embedded in urban regeneration, public space pro-
vision, and community governance, yet existing studies have insufficiently examined how
heterogeneous publics perceive its value through everyday digital discourse. Taking the
Guangzhou Iron and Steel Plant industrial heritage site (hereafter, the Guanggang industrial
heritage site) as a case study, this study used user-generated content from Rednote posts and
local WeChat public-account comments to identify platform-mediated expressions of public
value perception. A corpus of 745 valid samples comprising 51,459 Chinese characters
was constructed after data collection, screening, and text preprocessing. Word-frequency
analysis, semantic network analysis, and sentiment analysis were conducted using ROST
CM 6.0. The results show that the two retrieved platform-contextual corpora foregrounded
different concerns. Rednote discourse foregrounded ruin landscapes, industrial aesthetics,
photography-based check-ins, and exploratory experiences, whereas WeChat comments
emphasized park construction, public facilities, governance responsiveness, safety, and
the residential environment. At the corpus level, lexicon-based sentiment classification
indicated that Rednote texts were dominated by positive and neutral categories, while
WeChat comments contained a higher proportion of texts classified as negative. This study
conceptualizes dual foregrounding as a bounded selection process through which platform
affordances, user self-selection, and users’ relationships with the site influence which con-
cerns become visible in each corpus; it does not treat the observed differences as a causal
platform effect. It argues that industrial heritage regeneration must translate historical,
technological, and aesthetic values into public values that are interpretable, accessible,
usable, and trusted by local communities.

Keywords: urban industrial heritage (UIH); user-generated content (UGC); public value
perception; adaptive reuse; Guanggang; heritage governance

1. Introduction
Urban industrial heritage (UIH) constitutes the material manifestation of industri-

alization within an urban space and serves as a critical medium through which labor
memory and local identity can be understood [1,2]. In the context of contemporary urban
governance, industrial heritage is no longer confined to the preservation of abandoned
factories [3,4], machinery, or production landscapes [5]. Rather, it has evolved into a
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comprehensive urban issue closely associated with land conservation [6], cultural conti-
nuity [7], public space provision, and sustainable urban regeneration [8]. This broader
significance has been further reinforced by Target 11.4 of the United Nations Sustainable
Development Goals [9,10], which explicitly calls for strengthening efforts to “protect and
safeguard the world’s cultural and natural heritage,” thereby providing an important
sustainability-oriented value framework for industrial heritage conservation. Existing
studies have demonstrated that the adaptive reuse of industrial buildings can generate
synergies between heritage preservation [11,12], land-saving strategies, environmental
benefits, and community participation [13,14]. Moreover, industrial heritage regeneration
has been shown to revitalize declining urban areas by fostering social innovation and place-
based innovation mechanisms, thereby restoring public vitality and spatial value [15,16].
Consequently, a central challenge in current UIH research lies in how to determine the
multifaceted value of industrial heritage amid rapid urban transformation and, more im-
portantly [17], how to translate such value into conservation and reuse pathways that can
be publicly understood, socially participated in, and sustainably utilized over time.

The Nizhny Tagil Charter emphasizes that public interest in, attachment to, and
appreciation of industrial heritage constitute one of the most reliable foundations for
its conservation [18,19]. This statement indicates that public value perception is not a
peripheral factor in heritage protection [20,21], but a prerequisite for the social legitimacy
and long-term vitality of heritage sites [22,23]. In this study, public value perception
refers to how different publics recognize, evaluate, and express the significance of urban
industrial heritage in relation to its historical memory, material remains, spatial experience,
everyday usability, safety, and governance responsiveness. It is understood not as a fixed
expert-defined value category, but as a socially situated perception that varies across
user groups and communicative contexts. Operationally, it is identified through UGC
evidence, including frequently mentioned value elements, semantic associations between
these elements, and the sentiment expressions attached to them.

Existing studies on heritage value perception have generated important findings across
different study sites [24,25]. In traditional villages, rural architectural heritage, and local
cultural landscapes [26–29], scholars have examined how residents and visitors perceive
historical [30,31], cultural [32–34], aesthetic [35], social [36–38], and utilitarian values, and
how such perceptions influence place attachment, conservation attitudes [39–42], and will-
ingness to participate [43,44]. In industrial heritage studies [45,46], related research has
increasingly addressed authenticity, perceived value [47], tourism experience, community
support [48,49], and reuse preference [50,51]. Recent work in heritage conservation and
adaptive reuse has further confirmed that public perception and public value perception
are important dimensions in understanding heritage protection, visitor experience, willing-
ness to pay, community support, and reuse decision-making, including empirical studies
based on Chinese heritage cases [52–55]. These studies demonstrate that public perception
is already an established concern in heritage, conservation, and adaptive reuse research.
However, most existing studies still rely on questionnaires, interviews, expert–public com-
parison, or visual evaluation methods, and often focus on relatively stable heritage tourism
settings, single stakeholder groups, or completed reuse projects [56]. Less attention has
been paid to how heterogeneous publics express and negotiate industrial heritage value
through everyday digital discourse when urban industrial heritage is still embedded in
land redevelopment, public space provision, community improvement, and unfinished
regeneration processes. Therefore, the first research gap addressed by this study is not the
absence of public perception research, but the insufficient understanding of how differenti-
ated public value perceptions emerge in the specific context of ongoing urban industrial
heritage regeneration.
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Methodologically, existing studies on industrial heritage value perception have mainly
followed three approaches [55,57]. The first is expert-led value assessment, including the
Analytic Hierarchy Process, the Delphi method, fuzzy comprehensive evaluation, and
multi-criteria decision-making models [58,59]. These approaches are useful for establishing
systematic indicator frameworks and assigning comparative weights to historical [60],
technological [61,62], artistic [63], social, and economic values. The second approach is
based on questionnaire surveys and structural equation modeling, which can test causal
relationships between perceived value, place attachment, satisfaction, behavioral intention,
and conservation support [64,65]. The third approach uses interviews, field observation,
and case comparison to interpret local memory, stakeholder conflict, and spatial use in
heritage regeneration processes [66,67]. Nevertheless, these methods share a common
limitation: they tend to rely on predefined indicators, structured questionnaires, or specific
interview settings. As a result, it is difficult for them to capture the spontaneous perceptions
that emerge through everyday encounters, online expressions, and actual public use. This
limitation is especially significant when the conservation and adaptive reuse of urban
industrial heritage are still unfolding and public opinion remains dynamic. Therefore, the
second research gap concerns the methodological difficulty of capturing value divergence,
emotional fluctuation, and concrete public demands in a timely and bottom-up manner.

The expansion of social media platforms and online review systems provides a new
opportunity to address this limitation [68]. Compared with conventional survey data [69],
user-generated content (UGC) is spontaneous [70,71], contextual [72], and large-scale [73],
making it suitable for capturing public evaluations, emotional expressions, visual prefer-
ences [74,75], and spatial use demands in everyday discourse. However, UGC should not
be treated as platform-neutral evidence. Roma and Aloini have shown that the character-
istics of UGC vary across social media platforms, because platform environments shape
how users produce, present, and circulate content [76]. Rednote and WeChat public ac-
counts differ in both platform design and likely user composition. Rednote is an image–text
lifestyle-sharing platform widely popular among young women in urban China; creator and
influencer content, interest-based discovery, peer recommendations, and source credibility
are important to how posts circulate and are evaluated [77]. By contrast, WeChat public
accounts are one-to-many information channels operated by organizations or individuals
for subscribers; the WeChat data in this study consist only of comments attached to local
public-account articles, not posts from personal networks. The two sources are therefore
complementary but neither functionally nor demographically equivalent. In tourism stud-
ies, UGC has been widely used to explain information adoption [78,79], destination image,
satisfaction, and loyalty behavior [80,81]. In cultural heritage studies, sentiment analysis
and aspect-based sentiment analysis based on online reviews have been applied to interpret
visitor experience [82], service perception, and heritage site management issues [83]. More
recently, several studies have begun to use social media data in industrial heritage research,
particularly to examine visual preference, tourism experience, or the discrepancy between
public perception and professional design intention during regeneration processes [84].
Two limitations are especially relevant to the present study. First, existing UGC-based
industrial heritage studies have not sufficiently examined the deeper structure of public
value cognition embedded in everyday online discourse. Second, when heterogeneous
social media sources are used, the decision to merge or separate platform data requires
case-specific justification. In the Guanggang industrial heritage site case, direct aggregation
would obscure the different concerns made visible in visitor-oriented Rednote discourse
and community-oriented WeChat public-account discourse. Together, these two limitations
define the third research gap: the lack of platform-sensitive empirical analysis that links

https://doi.org/10.3390/buildings16122391

https://doi.org/10.3390/buildings16122391


Buildings 2026, 16, 2391 4 of 24

UGC-based value expressions to mismatches between public perceptions, heritage values,
and ongoing conservation or adaptive reuse practices.

Taken together, these gaps indicate that the problem addressed in this study is not a gen-
eral absence of research on industrial heritage value, public participation, or digital heritage
perception. Rather, three more specific issues remain insufficiently connected. Theoretically, it
remains unclear how heterogeneous publics foreground different dimensions of urban indus-
trial heritage value when the same site functions simultaneously as a material heritage asset,
a redevelopment area, and an emerging public space. Methodologically, although platform
studies have shown that UGC is not platform-neutral, heritage research still needs clearer
case-based procedures for using multi-platform UGC without conflating visitor-oriented
and community-oriented expressions. Contextually, in China’s government-led urban re-
generation, it remains insufficiently explained how online public perceptions can inform
conservation and adaptive reuse strategies for industrial heritage sites that are not yet fully
open or institutionally stabilized. To address these issues, this study takes the Guangzhou
Iron and Steel Plant industrial heritage site as a case study and uses UGC from the Rednote
and WeChat public platforms to examine how different platform-contextual discourses make
different dimensions of industrial heritage value visible.

This study addresses three research questions. First, what value elements of the
Guanggang industrial heritage site are most prominently perceived and discussed by the
public on different platforms? Second, how do the semantic structures and corpus-level sen-
timent patterns of public discourse differ between visitor-oriented and community-oriented
platform contexts? Third, what mismatches can be identified between differentiated public
value perceptions and current conservation or adaptive reuse conditions, and what strategy
implications can be derived for more responsive industrial heritage regeneration? By
answering these questions, this study makes three specific contributions. Conceptually, it
specifies dual foregrounding as a bounded selection process that explains how platform
affordances, user self-selection, and users’ relationships to the site make different value
concerns visible, without attributing those differences to platform alone. Methodologically,
it contributes to platform-sensitive digital heritage research by showing why heterogeneous
UGC sources should be interpreted in relation to their communicative contexts rather than
treated as a single undifferentiated corpus. Practically, it translates digital public perception
into conservation and adaptive reuse implications concerning value interpretation, zoned
access, community-oriented function integration, and feedback-driven governance.

2. Materials and Methods
2.1. Research Framework

In this study, a UGC-based research framework was developed for identifying public
value perception of urban industrial heritage (Figure 1). The framework includes three
sequential steps. First, publicly accessible texts related to the Guanggang industrial heritage
site were collected from the Rednote and WeChat public platforms using Octopus Collector,
and irrelevant, duplicate, advertising, or non-Guanggang samples were removed through
pre-screening. Second, in order to identify the distribution of public value concerns, the
structural associations of heritage value perception, and corpus-level sentiment patterns,
the retained texts were cleaned, standardized, converted into TXT format, and analyzed
using ROST CM 6.0 through word-frequency analysis, semantic network analysis, and
sentiment analysis. Third, the analytical results were interpreted in relation to the current
conservation and adaptive reuse conditions of Guanggang, and were further translated into
four strategy dimensions: layered value interpretation, zoned access and safety governance,
community-oriented functional integration, and transparent feedback.
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Figure 1. Research framework of the study.

2.2. Research Area

The Guanggang industrial heritage site is located in Guanggang New Town,
Guangzhou, Guangdong Province, China, and is surrounded by high-density residential
communities with a permanent population of approximately 200,000 residents. Throughout
this paper, “Guanggang industrial heritage site” refers to the retained industrial remains
and the regeneration area examined as the case; “Guanggang Park” refers specifically to
the planned park reuse within that site; and “Guanggang New Town” refers to the wider
surrounding redevelopment area. These terms are related but are not used synonymously.
The shorthand “Guanggang” is retained only in reproduced platform keywords, place
names, or source language. The Guangzhou Iron and Steel Plant, the largest steel pro-
duction base in twentieth-century Guangzhou, officially commenced operation in 1958. It
later became the first Sino-foreign joint venture enterprise in China’s steel industry and
witnessed several distinctive phases of China’s industrialization process, including the
historical campaigns associated with “mass steel production” and the policy orientation of
“taking steel production as the key link.” Consequently, the site carries substantial collective
memory for former factory workers and their families. In 2013, the Regulatory Detailed
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Plan for Guanggang New Town was officially approved, leading to the demolition of
portions of the former industrial facilities. At present, the remaining industrial heritage
area covers approximately 34.72 hectares. The core zone has retained a relatively complete
assemblage of steel production process relics and is scheduled to be developed into a
post-industrial landscape park.

According to relevant heritage assessments, the site contains 12 traditional-style his-
toric buildings and one municipally designated industrial heritage site, providing signif-
icant historical, technological, and landscape value (Figure 2). The “12 traditional-style
historic buildings” refer to individual building resources identified in the heritage assess-
ment, whereas the “municipally designated industrial heritage site” refers to an officially
recognized industrial heritage unit rather than a single building. At present, Guanggang
Park is not fully open to the public. Visitors are mainly able to observe the exterior of
selected large-scale industrial remains, surrounding post-industrial landscapes, and several
visible historic structures from accessible areas or site boundaries, while most individual
buildings and production-related relics are not yet open for interior visitation. During the
May 2025 field survey, no systematic visitor-oriented interpretation system was observed in
the accessible areas, such as permanent historical plaques, route-based heritage panels, QR
code interpretation, or materials explaining the steelmaking process and workers’ memory.
Therefore, visitors currently encounter Guanggang mainly through visual observation
of the remaining structures, while contextual information on its historical, technological,
and social significance remains limited. These site conditions make Guanggang a tran-
sitional case in which public perception is formed before a mature museum, tourism, or
park-management system has been established.

At the same time, Guanggang exemplifies several structural contradictions commonly
embedded in the conservation and adaptive reuse of urban industrial heritage in China.
Although the core industrial relics were preserved, the prioritization of real-estate redevel-
opment over heritage conservation severely compromised the overall spatial integrity of
the former industrial complex and its supporting facilities, thereby affecting the integrity
of its historical, artistic, and technological values to varying degrees. Moreover, although
the Guanggang Park regeneration plan was proposed more than a decade ago, its imple-
mentation has progressed slowly due to repeated revisions and planning adjustments. The
site has not yet been fully opened to the public, and public participation has remained
largely limited to small-scale opinion solicitation processes. However, this unfinished
and transitional condition is precisely what makes Guanggang analytically valuable for
this study: public perception has not yet been stabilized by a mature tourism, museum,
or park-management systems and is still being formed and contested through everyday
online discourse. Therefore, Guanggang provides a suitable case for investigating how
different publics perceive industrial heritage value during the implementation stage of con-
servation and adaptive reuse, especially in relation to accessibility, safety, public facilities,
construction progress, and governance responsiveness.

2.3. Data Collection and Preprocessing

To clarify the temporal sequence of the research process, this study distinguishes
between the on-site survey and the online UGC collection. The on-site survey and UAV
photography were conducted in May 2025 to record the physical condition and spatial
context of the Guanggang industrial heritage site. The online UGC retrieval was conducted
separately and was completed on 1 December 2025. This date refers to the retrieval cut-off
date rather than the publication month of the posts; therefore, the corpus included all
retrievable public posts and comments published before 1 December 2025, not only those
posted in December 2025. No starting-date restriction was imposed. However, publication-

https://doi.org/10.3390/buildings16122391

https://doi.org/10.3390/buildings16122391


Buildings 2026, 16, 2391 7 of 24

date metadata were not consistently available across the retrieved records, so the earliest
publication year cannot be verified reliably. The corpus should therefore be interpreted as a
retrieval-bounded sample up to 1 December 2025 rather than as a complete time series.

Figure 2. Study area.

Octopus Collector was used as a keyword-based data extraction tool. The crawler
did not apply an additional algorithm beyond the keyword retrieval logic of the selected
platforms; instead, it extracted publicly accessible search results returned by the platforms
according to the predefined keywords. Reposts and duplicated platform records were
handled during duplicate removal: records with identical or near-identical titles, body texts,
source links, or publication information were retained only once. Platform recommendation
ranking or algorithmically promoted visibility was not used as an inclusion criterion; all
candidate records had to be retrieved through the predefined keywords and pass the
subsequent relevance screening. For Rednote, the keywords “Guangzhou Iron and Steel
Plant,” “Guanggang ruins,” and “Guanggang industrial heritage” were used. The extracted
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fields included post titles, body texts, source links, and publication information, when
available. A total of 2591 relevant posts were initially obtained. After removing posts
with insufficient text length, vague or non-substantive content, real-estate advertisements,
duplicate records, and irrelevant samples referring to other industrial heritage sites such
as Shougang, Chongqing Iron and Steel, and Redtory, 219 valid posts were retained. The
final Rednote corpus contained 34,887 Chinese characters.

For the WeChat public platform data, the keywords “Guanggang Park” and “Guang-
gang industrial heritage” were used to search local public accounts, including Guanggang
Zui Shenghuo, Guanggang Wei Shenghuo, and Guanggang New Town Living Circle. The
extracted fields included article titles, article texts, associated comments, source links, and
publication information when available. This process yielded 23 relevant articles and
533 associated comments. After comments without substantive content were excluded,
526 valid comments were retained, comprising 16,572 Chinese characters. It should be
clarified that the WeChat data used in this study were collected from publicly accessible
local public accounts and their associated comment sections, rather than from private
WeChat personal networks or closed social circles. Therefore, the WeChat corpus should
not be interpreted as a general sample of all WeChat users or all site visitors. Instead, it
represents the community-oriented public discourse generated around local information
channels related to Guanggang Park and Guanggang New Town. In contrast, the Red-
note corpus mainly represents image–text sharing and interest-based expressions related
to ruin exploration, photography, and urban visiting. The two datasets were therefore
used to contrast different public expression contexts rather than to make a demographic
comparison between equivalent platform populations. User identity, residence status,
and relationship to the site were not inferred from platform affiliation alone. When posts
or comments contained explicit textual cues, such as self-identification as homeowners,
residents, nearby users, visitors, photographers, or explorers, these cues were used only to
interpret the author’s relationship to the site. When such cues were absent, the text was
interpreted at the level of platform-contextual discourse rather than assigned to a specific
stakeholder category. Therefore, “visitor-oriented” and “community-oriented” refer to
dominant communicative contexts in the corpus, not verified demographic categories
for every individual user. Following this platform-sensitive understanding of UGC [76],
the two datasets were therefore processed, analyzed, and interpreted as separate corpora
throughout the study. The purpose was not to compare Rednote and the WeChat pub-
lic platform as equivalent demographic samples, but to examine how different platform
contexts make different dimensions of public value perception visible. Accordingly, word-
frequency analysis, semantic network analysis, and sentiment analysis were conducted
separately for the two corpora, and the results were interpreted in relation to their re-
spective communicative contexts. To ensure data validity and prevent deviation from
the research scope, a rule-based filtering and manual verification procedure was applied
after data collection. In addition, these known differences in platform functions and likely
user composition were treated as a source of selection bias and as part of the interpretive
context. In particular, Rednote’s image–text, influencer, and peer-recommendation ecology
and its younger, more female-skewed user community may make visual and experiential
expressions more visible, whereas comments under local WeChat public accounts may
make community and governance concerns more visible. Because user-level demographic
data were unavailable, the separate-corpus design does not control for demographics and
does not attribute the observed differences to platform effects.

Prior to the word-frequency analysis, a document-level relevance coding procedure
was conducted to avoid conflating general discussions of Guanggang New Town with pub-
lic perceptions of urban industrial heritage. Each retained sample was coded according to
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its primary discussion object. Three categories were used: (1) industrial heritage-centered
texts, which explicitly referred to industrial remains, factory buildings, blast furnaces,
railways, docks, ruins, industrial history, workers’ memory, or industrial heritage value;
(2) park/regeneration-centered texts, which focused on Guanggang Park, Central Park,
access, construction progress, safety, public facilities, landscape design, demolition, preser-
vation, or planning issues directly related to the adaptive reuse of the former industrial site;
and (3) general Guanggang New Town texts, which referred only to real estate, residential
life, commercial facilities, or general urban development without a substantive connection
to the industrial heritage site or its regeneration. Only samples in categories (1) and (2)
were retained for the final analysis, because they directly addressed either the heritage
remains themselves or the ongoing conservation and adaptive reuse process through which
the industrial heritage is being transformed into public space. Samples in category (3) were
excluded from the analytical corpus. Two authors independently coded the samples, and
disagreements were resolved through discussion. The coding results are reported in Table 1.

Table 1. Composition and analytical relevance of the UGC corpus.

Data Source Initial Records
Retrieved

Exclusion and Scope
Control

Final Valid
Samples Text Volume Analytical Relevance to Urban

Industrial Heritage

Rednote 2591 posts

Posts with insufficient text
length, vague or

non-substantive content,
real-estate advertisements,

duplicate records, and
irrelevant samples
referring to other

industrial heritage sites
were excluded.

219 posts
34,887 Chi-

nese
characters

The retained Rednote posts
were mainly related to

Guanggang ruins, industrial
remains, factory buildings,

industrial aesthetic,
photography, exploration, and

visiting experiences. They were
therefore used to identify

visitor-oriented perceptions of
the visual, experiential, and

cultural value of the industrial
heritage site.

WeChat
public

platform

23 public-
account articles

and
533 associated

comments

Comments without
substantive content were
excluded. The retained
comments came from

publicly accessible local
public accounts related to

Guanggang Park,
Guanggang New Town,

and Guanggang
industrial heritage.

526 com-
ments

16,572 Chi-
nese

characters

The retained WeChat comments
mainly addressed park

construction, access, safety,
public facilities, planning,

preservation, demolition, and
residents’ expectations. They

were therefore used to identify
community-oriented

perceptions of the conservation
and adaptive reuse of the

former industrial site.

Total Not applicable Not applicable 745 valid
samples

51,459 Chi-
nese

characters

The final corpus was not treated
as a general corpus about

Guanggang New Town. It was
used to examine public

discourse related either to the
industrial heritage remains

themselves or to the ongoing
transformation of the former

industrial site into a public park
and regeneration space.

Subsequently, to improve data consistency and analytical reproducibility, all collected
texts were preprocessed using a standardized procedure. The preprocessing included
six steps: invalid textual element removal; typographical error correction; conversion
from traditional Chinese to simplified Chinese; dialectal and colloquial expression stan-
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dardization; synonym and near-synonym merging; and text-format unification. Invalid
textual elements, including emojis, web links, user mentions, platform tags, and duplicated
punctuation, were removed. Obvious typographical errors were corrected only when the
intended meaning could be clearly identified from the sentence context.

To ensure consistency in Chinese word segmentation, a customized segmentation
dictionary was constructed before the ROST CM 6.0 analysis. The dictionary included
site names, industrial heritage terms, material remains, spatial elements, activity-related
expressions, and governance-related terms. In addition, a synonym-merging table was
developed to standardize lexical variants referring to the same object, behavior, or planning
issue. Dialectal and colloquial expressions were standardized only when their meanings
were clear and unambiguous; expressions with uncertain meanings were retained in their
original form to avoid changing the semantic meaning or emotional orientation of the
original texts.

All cleaned texts were converted into .txt format. The final corpus contained 745 valid
samples and 51,459 Chinese characters, including 219 Rednote posts and 526 WeChat com-
ments. This corpus served as the textual basis for the subsequent word-frequency analysis,
semantic network analysis, and sentiment analysis. To ensure transparency and repro-
ducibility, the representative customized segmentation dictionary, synonym-merging rules,
and dialect standardization rules are provided in Supplementary Materials Section S1.

2.4. Research Methods
2.4.1. Word-Frequency Analysis

Word-frequency analysis is derived from content analysis, which Berelson defined
as a method for the objective, systematic, and quantitative description of communication
content. This method can be used to identify repeatedly occurring core terms in textual
data and thereby assess the intensity of public attention toward the study site. In this
study, ROST CM 6.0 was used to construct a customized vocabulary list and conduct
Chinese word segmentation. Before word segmentation, the customized segmentation
dictionary and synonym-merging table described in Supplementary Materials Section S1
were imported into ROST CM 6.0. This procedure was used to reduce segmentation errors
and ensure that key heritage-related terms, place names, spatial elements, and colloquial
expressions were consistently identified across the two platform corpora. High-frequency
terms in Rednote posts and WeChat comments were then calculated separately. The
thresholds of ≥10 occurrences for Rednote texts and ≥6 occurrences for WeChat comments
were used as descriptive reporting thresholds rather than statistical cut-off points. The
frequency tables report recurrent terms from the cleaned corpus; however, not all listed
terms were interpreted as direct evidence of industrial heritage value. Contextual terms
such as place names, planned park names, transport facilities, and developer-related words
were retained to situate the discourse, while the interpretation focused on terms related
to material remains, industrial memory, spatial experience, reuse demands, safety, public
facilities, and governance responsiveness. In this study, “check-in” refers to the social
media practice of recording, photographing, and sharing a visit, rather than a digital access
requirement for entering the park. On this basis, the main perceptual content expressed
by the public regarding the value elements, spatial experiences, and reuse demands of the
Guanggang industrial heritage site was extracted.

2.4.2. Semantic Network Analysis

Semantic network analysis was used to identify the co-occurrence structure between
recurrent terms in the two platform corpora. After word segmentation, synonym merging,
and stop word removal, the recurrent terms identified in the word-frequency analysis were
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used as network nodes. Co-occurrence was defined within the same post or comment:
when two retained terms appeared in the same textual unit, a semantic association between
them was recorded by ROST CM 6.0. The connection strength shown in the visual network
represents the relative frequency of co-occurrence generated by the software rather than a
manually assigned relationship.

The Rednote and WeChat corpora were processed separately to avoid conflating dif-
ferent platform-contextual discourse structures. Generic stop words, function-like words,
emojis, platform tags, user mentions, duplicated punctuation, and non-substantive expres-
sions were removed before network construction. The customized segmentation dictionary
and synonym-merging rules described in Supplementary Materials Section S1 were used to
ensure the consistent identification of place names, heritage-related terms, spatial elements,
activity-related expressions, and governance-related terms. In this study, the semantic net-
work graphs were used as descriptive co-occurrence visualizations to identify core semantic
associations and recurrent interpretive pathways. Because the ROST CM 6.0 output used
in this study did not provide a standardized export of complete edge lists for calculating
comparable network metrics, the analysis does not make formal claims based on centrality,
density, modularity, or clustering coefficients. Instead, the interpretation focuses on visually
identifiable co-occurrence patterns and is cross-checked with the word-frequency results
and representative textual meanings. This descriptive scope is sufficient for the present
research objective because the analysis asks which value associations recur within each
platform corpus, not whether the two networks differ statistically in topology. A formal
structural comparison would require reproducible complete edge-list exports and common
pruning thresholds, which were not available for the present dataset.

2.4.3. Sentiment Analysis

Sentiment analysis was used as a descriptive method for identifying the corpus-level
distribution of lexicon-based sentiment categories in UGC texts. Following previous work
on textual sentiment classification [83], this study used the sentiment analysis module
of ROST CM 6.0 to classify each text as positive, neutral, or negative. ROST CM 6.0
applies a lexicon-based Chinese sentiment classification procedure and reports both polarity
categories and sentiment-intensity scores. In this study, the automated results were used
to compare platform-contextual emotional tendencies rather than to make psychological
claims about individual users.

To improve the reliability of the sentiment results, a manual validation procedure was
added. A stratified validation subset of 150 texts, accounting for 20.1% of the full corpus,
was sampled according to platform source and ROST-generated sentiment category. The
subset included 44 Rednote texts and 106 WeChat public platform comments. Two authors
independently coded the sampled texts as positive, neutral, or negative according to
the dominant emotional orientation expressed in the whole text. The validation subset
and coding criteria are provided in Supplementary Materials Section S2. The automated
ROST results were therefore interpreted together with representative text excerpts, rather
than treated as self-evident outputs. Manual validation improves confidence in category
consistency within the sampled texts, but it does not convert lexicon-based classifications
into direct measurements of individual attitudes or population-level sentiment.

3. Results
3.1. Differential Distribution of Value Elements in Public Attention

The word-frequency results showed clear differences in public attention to the Guang-
gang industrial heritage site across the two platforms, but these results should be inter-
preted within the defined corpus boundary. The retained Rednote posts mainly addressed
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Guanggang ruins, industrial remains, factory buildings, industrial aesthetics, photography,
exploration, and visiting experiences; therefore, they were used to identify visitor-oriented
perceptions of the visual, experiential, and cultural value of the industrial heritage site. In
this corpus, 111 high-frequency terms with frequencies equal to or greater than 10 were
extracted. Among them, “Guangzhou,” “Ruins,” “Guanggang,” “Guanggang New Town,”
“photography,” “Central Park,” and “Exploration” ranked highly, corresponding to the
site location, spatial image, user activities, and future reuse scenarios (Table 2). General
Guanggang New Town texts without a substantive connection to the industrial heritage
site or its regeneration were excluded before analysis; therefore, terms such as “Guanggang
New Town” and “Central Park” were interpreted not as generic urban development or
park discourse but as expressions related to the transformation of the former industrial site
into a publicly accessible regeneration space. To improve readability, Tables 2 and 3 report
the 30 highest-frequency terms in each corpus. The complete threshold-based outputs are
provided in Supplementary Materials Section S3 Tables S7 and S8 for transparency, while
the interpretation remains focused on terms with direct analytical relevance to heritage
value, spatial experience, reuse, safety, public facilities, and governance.

Table 2. Thirty highest-frequency terms in Rednote texts.

Key Words Frequency Sort Key Words Frequency Sort

1 Guangzhou 302 16 Park 39
2 Ruins 300 17 Check-in 37
3 Guanggang 273 18 The Ruins of Guangzhou Steel 35
4 Guanggang New Town 144 19 History 35
5 Photograph 111 20 Era 32
6 Central Park 103 21 Hedong 31
7 Adventure 90 22 Safety 31
8 Discarded 77 23 Enter 31
9 Industry 66 24 Renovation 28

10 Historic relics 58 25 Guangzhou Steel Plant 27
11 Photo shoot 51 26 Railway 27
12 Local 49 27 Factory 25
13 Filming 44 28 Industrial Style 24
14 Architecture 42 29 Explore 24
15 Note 40 30 Time 23

Table 3. Thirty highest-frequency terms in WeChat public-account comments.

Key Words Frequency Sort Key Words Frequency Sort

1 Park 131 16 Build 22
2 Guanggang 110 17 Finished 22
3 Homeowner 58 18 Residents 22
4 Construction 44 19 Time 21
5 Planning 44 20 No 19
6 Junk 34 21 Survey 18
7 Government 33 22 Delay 18
8 Guanggang Park 33 23 Guanggang New Town 18
9 Liwan 30 24 Collect 18

10 Central Park 30 25 All 17
11 Comments 27 26 Developers 17
12 Hurry up 26 27 Complaints 16
13 Rags 26 28 Start 16
14 Oppose 24 29 Plans 16
15 Start 23 30 Completion 15
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In terms of lexical attributes, the high-frequency terms in the Rednote texts can be
classified into three categories (Figure 3). The first category comprises heritage-resource
perception terms, including “Ruins”, “Historic relics”, “Railway”, and “Factory buildings”,
which reflected users’ direct recognition of Guanggang’s material remains. Meanwhile,
terms such as “History”, “Era”, and “Memories” indicated that some users also associated
the site with industrial history and collective memory. The second category consists of
spatial-atmosphere perception terms, including “Industrial style”, “Dark”, “Mystery”,
and “Danger”. These terms showed that the large-scale industrial structures, exposed
steel components, mottled material textures, and partially inaccessible condition of the
Guanggang remains constituted important sources of place attraction. The third category
includes activity-related terms, such as “Photography,” “Photo shoot,” “Exploration,” and
“Check-in.” These terms indicated that Rednote users’ expressions of heritage value were
strongly mediated by experiential practices, including entering, viewing, photographing,
and sharing the site. Taken together, the Guanggang industrial heritage site was primarily
constructed on Rednote as an urban space with ruin aesthetics, image-based dissemination
value, and exploratory experiential value.

Figure 3. Word cloud of Rednote texts related to the Guanggang industrial heritage site.

In contrast, comments on the WeChat public platform showed a different structure of
public attention. A total of 92 high-frequency terms with frequencies equal to or greater
than six were extracted from this platform (Table 3). Terms such as “Park,” “Guanggang,”
“Property owners,” “construction,” “planning,” “scrap metal,” and “government” appeared
frequently. Unlike Rednote users, who focused more on spatial experience, WeChat public
platform comments more often contained community-related cues, including references to
homeowners, residents, construction progress, public facilities, and living environment.
Specifically, “Park” appeared 131 times, “Homeowner” 58 times, “Construction” and
“Planning” 44 times each, and “Government” 33 times. These results indicate that the core
of public discussion on this platform was not the heritage landscape itself, but whether
heritage regeneration could be transformed into a usable, accessible public space capable of
improving everyday living conditions. Table 3 reports the 30 highest-frequency terms; the
complete threshold-based list is provided in Supplementary Materials Section S3, Table S7.

Further analysis showed that the high-frequency terms in the WeChat comments
could also be classified into three categories (Figure 4). The first category comprises
heritage-resource evaluation terms, including “Historic relics”, “Industrial Heritage Sites”,
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“Buildings”, “History,” and “Culture.” These terms indicate that surrounding communi-
ties were not entirely unaware of Guanggang’s industrial heritage attributes. However,
“Junk” appeared 34 times, and “Rags” appeared 26 times, showing that some residents
held negative views toward the aesthetic value and necessity of retaining large indus-
trial structures. The second category consists of conservation and reuse demand terms,
including “Planning”, “Construction”, “Government”, “Developer”, “Demolition”, “Preser-
vation”, “Design”, “Landscaping”, “Court,” and “Lawn.” These terms reflect specific public
expectations regarding the mode of site regeneration, spatial functions, and landscape con-
figuration. The third category includes emotion- and governance-process-related terms,
such as “Hurry up”, “Delay”, “Complaints”, “Hustle,” and “Excuses.” These terms indicate
strong public dissatisfaction with the slow progress of the project and insufficient commu-
nication and feedback mechanisms. Taken together, the Guanggang industrial heritage
site was more commonly understood on WeChat public platform within the contexts of
community life, public facilities, and regeneration governance. The terms “Junk” and
“Rags” are retained as context-checked literal translations of negative colloquial descriptors
in the source comments; they are not treated as analytical categories.

Figure 4. Word cloud of WeChat public-account comments related to the Guanggang industrial
heritage site.

3.2. Structural Associations and Core Pathways of Heritage Value Perception

The semantic network analysis was used as a descriptive co-occurrence visualization
to identify recurrent semantic pathways between terms rather than to calculate formal
network centrality or community-detection metrics. No quantitative network indicators
are reported because the available ROST CM 6.0 output did not provide a reproducible
complete edge list. Accordingly, the figures are used only to trace recurrent within-corpus
associations and are triangulated with word frequencies and representative texts; they do
not support centrality rankings or cross-platform topological comparisons. In the Rednote
corpus (Figure 5), ruin-related terms were connected with photography, exploration, entry,
and industrial-atmosphere terms, forming a visual–experiential pathway. In the WeChat
public-account corpus(Figure 6), Guanggang- and park-related terms were connected with
residents, planning, construction, government, public facilities, and safety, forming a reuse-
and governance-oriented pathway. Around the Rednote associations, behavioral terms
such as “Photograph,” “Check-in,” “Exploration,” “Enter,” and “Note” were linked with
spatial-atmosphere terms such as “Factory buildings,” “Industrial style,” and “Mystery.”
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In the WeChat public-account associations, terms such as “Residents,” “Homeowner,”
“Government,” “Planning,” “Preservation,” “Central Park,” and “Hurry up” connected site
discussion with reuse, public service, and governance concerns.

Figure 5. Descriptive co-occurrence visualization of Rednote texts. The figure identifies recurrent
within-corpus associations; node prominence is not interpreted as a formal centrality ranking.

Figure 6. Descriptive co-occurrence visualization of WeChat public-account comments. The figure
identifies recurrent within-corpus associations; no cross-platform topological comparison is claimed.

3.3. Corpus-Level Patterns of Lexicon-Based Sentiment Classification

The sentiment analysis showed that the Rednote texts were dominated by positive
and neutral sentiment. Specifically, 101 texts were classified as positive, accounting for
46.12%; 88 texts were classified as neutral, accounting for 40.18%; and 30 texts were
classified as negative, accounting for 13.70%. Within the positive category, slightly positive,
moderately positive, and highly positive sentiment accounted for 18.72%, 12.33%, and
15.07%, respectively. Within the negative category, slightly negative, moderately negative,
and highly negative sentiment accounted for 6.39%, 3.20%, and 4.11%, respectively. Overall,
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negative sentiment accounted for a relatively small proportion of the Rednote texts, while
positive sentiment represented the largest category (Table 4). The sentiment distribution
of WeChat public platform comments differed from that of Rednote (Table 5). Among the
WeChat comments, 206 texts were classified as negative, accounting for 39.16%; 171 texts
were classified as positive, accounting for 32.51%; and 149 texts were classified as neutral,
accounting for 28.33%. Within the negative category, slightly negative, moderately negative,
and highly negative sentiment accounted for 27.57%, 9.70%, and 1.90%, respectively. Within
the positive category, slightly positive, moderately positive, and highly positive sentiment
accounted for 22.81%, 4.75%, and 4.94%, respectively. Compared with Rednote, WeChat
public platform comments contained a higher proportion of negative sentiment, which
became the dominant sentiment type on this platform. These percentages describe the
distribution of retrieved texts within each corpus; they are not estimates of how individual
users, residents, or platform populations feel.

Table 4. Summary of lexicon-based sentiment classification for Rednote texts.

Sentiment Category Number (Items) Percentage (%)

Positive 101 46.12
Neutral 88 40.18

Negative 30 13.70

Slight (0–10 points) 41 18.72
Breakdown of Positive Moderate (10–20 points) 27 12.33

High (>20 points) 33 15.07

Slight (0–10 points) 14 6.39
Breakdown of Negative Moderate (10–20 points) 7 3.20

High (>20 points) 9 4.11

Table 5. Summary of lexicon-based sentiment classification for WeChat public-account comments.

Sentiment Category Number (Items) Percentage (%)

Positive 171 32.51
Neutral 149 28.33

Negative 206 39.16

Slight (0–10 points) 120 22.81
Breakdown of Positive Moderate (10–20 points) 25 4.75

High (>20 points) 26 4.94

Slight (0–10 points) 145 27.57
Breakdown of Negative Moderate (10–20 points) 51 9.70

High (>20 points) 10 1.90

Representative texts showed that both platforms contained positive and negative
evaluations, but the objects of sentiment expression differed (Table 6). Positive evaluations
in the Rednote texts often co-occurred with expressions such as “Industrial style”, “Ruins”,
“Mood photography”, and “Mottled metallic texture.” Negative evaluations mainly referred
to weather conditions, access constraints, and inconvenience during exploration. In WeChat
public platform comments, positive evaluations included expectations regarding historical
testimony, heritage retention, and the completion of the park. Negative evaluations were
concentrated in expressions such as “Junk,” “Safety hazards,” “Hurry up,” and “Empty
promises.” These results should therefore be interpreted as platform-contextual emotional
patterns rather than as demographic generalizations.
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Table 6. Representative UGC excerpts by sentiment category.

Data Source Positive Score Negative Score

Rednote

Guangzhou Industrial Heritage Site: The
Steel Mill. This place has long been a favorite

filming location for many photography
enthusiasts who love industrial aesthetics,

ruins, and atmospheric shots. I’d never had
the chance to visit until now, but it’s soon set
to be transformed into an industrial museum
and mixed-use residential complex. Currently

surrounded by clusters of commercial and
residential buildings, the weathered metal
still seems to exude a sense of its former

grandeur. Standing here feels quite
magical—it’s as if I’ve stepped into a Hayao

Miyazaki animation. . .

88

Ruins in Guangzhou: The Ruins of the
Abandoned Guangzhou Steel Workers’
Activity Center. Exploring the ruins in

the pouring rain. Out of 10 weather
forecasts predicting rain, it didn’t rain
nine times—but today it actually did.

I had already made plans with my
friends, so there was nothing I

could do.

−107

WeChat
public-account

comment

These steel mills are living testaments to
history. You should consider yourselves lucky
to be able to see them, because once they’re

demolished, equipment like this will be gone
forever—just like historic buildings. You can
trust that the designers will do an excellent

job of blending history with the modern
environment, but it’s essential to implement

proper safety measures, as these steel
structures are extremely old.

32

That so-called park is just a pile of
junk; it looks pretty scary at night,
especially from the first row where

you can see it from the balcony—just a
huge, dark void. I didn’t like it when I

saw it in person.

−32

WeChat
public-account

comment

When I was six, I went with my father to the
ironmaking shop at Guangzhou Steel. The

first thing I saw was this massive beast—and
it’s still standing after forty years. I hope it

gets restored and rebuilt soon, so I can bring
my elderly father back to see the place where

he once worked and dedicated his life.

14

Stop making empty promises and give
the residents of the former Guanggang
site a livable environment as soon as
possible. While the publicity claims
it’s on par with Manhattan’s Central

Park, the reality is that the former
Guanggang site is now overrun with
mosquitoes, desolate, and downright
terrifying at night—not to mention a

safety hazard.

−21

WeChat
public-account

comment

We hope that Guanggang Park will truly
become a wonderful haven for the people of

Guanggang—a place for leisurely strolls,
exercise, and cultural enrichment. We hope
the operators will give careful consideration

to the needs of the public.

46
I agree with the previous

comment—those metal frames are so
ugly and ruin the feng shui.

−20

4. Discussion
Rather than treating the observed differences as a direct platform effect, this study

conceptualizes dual foregrounding as a bounded selection process. The process operates
in three linked steps: platform affordances and distribution practices make some forms of
expression easier to produce and circulate; users’ self-selection and relationships to the site
influence which concerns they choose to articulate; and the resulting corpus makes some
value dimensions more visible than others [76]. Rednote therefore provides evidence of
concerns made visible within an image–text and interest-based environment [84], whereas
comments under local WeChat public accounts provide evidence of concerns made visible
within issue-focused community information channels [85,86]. Because demographic
attributes and algorithmic exposure were not observed, this process is an interpretive
model of selective visibility, not a causal model that separates the effects of platform,
demographics, and stakeholder position.
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It should be noted that this study does not claim that social media discourse has
directly shaped formal planning decisions or governance outcomes at the Guanggang
industrial heritage site. Rather, UGC is treated as supplementary evidence for identifying
public concerns, perceived value conflicts, and unmet demands during an ongoing regener-
ation process. In this sense, social media posts do not replace formal public participation
or value negotiation, but help reveal issues that may not be sufficiently captured through
limited official consultation channels. Because Guanggang Park is still under construction,
the corpus was not treated as a pure record of industrial heritage appreciation; park-related
issues such as access, construction progress, safety, facilities, and residential environment
were included only when they were directly linked to the adaptive reuse of the former in-
dustrial site. Accordingly, the higher proportion of negative sentiment in the WeChat public
platform comments should not be interpreted as a simple platform effect or as evidence that
WeChat users were generally more negative. Rather, it reflects the specific communicative
context of local public-account discussions, where residents and property owners were
more likely to comment on delayed construction, unclear access conditions, safety concerns,
public facilities, and insufficient information about the ongoing regeneration process. The
sentiment comparison is therefore used only as an approximate corpus-level signal of issue
emphasis, not as a direct measure of individual attitudes.

China’s current policy framework provides an important institutional background for
interpreting this phenomenon [87,88]. The National Industrial Heritage Management Mea-
sures emphasize the protection of core industrial remains, the establishment of exhibition
and interpretation facilities, public participation, and the integration of industrial heritage
use with urban transformation [89]. The national policy on strengthening historical and cul-
tural heritage protection in urban and rural construction further highlights the systematic
protection, utilization, and inheritance of historical and cultural resources [90]. Meanwhile,
China’s urban renewal policy has increasingly shifted from large-scale demolition toward
retention-based improvement, public service provision, and respect for residents’ willing-
ness [3]. In this policy context, urban industrial heritage is not only a material object to
be preserved, but also a governance interface where heritage value, land redevelopment,
safety management, public facilities, and residents’ everyday interests intersect.

The first observed outcome is visual-cultural foregrounding. Within the Rednote
corpus, users who chose to document the Guanggang industrial heritage site through
viewing, entering, photographing, and sharing made ruin aesthetics, industrial visuality,
exploratory experience, and shareability especially visible [91]. This pattern identifies
what the Rednote corpus captures well, but it does not establish that Rednote users as a
demographic group inherently value heritage in this way. It also reveals a practical risk:
visual interest may remain at the level of image consumption if it is not connected with
industrial processes, workers’ memory, and Guangzhou’s industrial history.

The second observed outcome is livelihood-governance foregrounding [64]. Within
the local WeChat public-account corpus, comments about the Guanggang industrial her-
itage site made park construction, planning progress, government response, safety hazards,
greening, sports facilities, roads, lawns, and complaints especially visible. Textual self-
identification by some commenters as residents or property owners helps explain why
proximity to risks, public service expectations, and trust in the regeneration process entered
this corpus [92]. However, the corpus does not establish the residence status or demo-
graphic characteristics of every commenter. This localized interpretation is particularly
relevant to urban industrial heritage sites located in high-value redevelopment areas in
China. Sun and Chen argue that industrial heritage can contribute to sustainable urban
regeneration only when it moves beyond aestheticized, commercialized, or creative-park
narratives and becomes embedded in the social and spatial restructuring of surrounding
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areas [4]. Zhang’s study of industrial heritage in China’s mega-events also shows that
industrial heritage practices are often shaped by state-led governance and entangled with
capital accumulation, urban regeneration, and heritage preservation [3]. The Guanggang
industrial heritage site supports these observations but provides finer-grained evidence
from public discourse. When planning schemes are repeatedly adjusted, construction
progress remains unclear, and participation channels are limited, public discussion may
shift from heritage value itself to government credibility, developer responsibility, promised
facilities, and living-environment quality [93].

Taken together, dual foregrounding does not simply mean that multiple factors medi-
ate heritage perception. It specifies how platform affordances and user self-selection filter
which already-existing concerns enter each corpus, producing two complementary but
partial views of the same regeneration process. Visual-cultural discourse can underrepre-
sent everyday service, safety, and governance concerns, whereas livelihood-governance
discourse can underrepresent historical, technological, and interpretive values. Reading
the two corpora together can therefore inform strategy design, but it cannot establish the
independent causal effects of platform or demographics.

Based on these findings, the proposed strategies were derived from the main platform-
mediated concerns identified in the empirical analysis. Rednote foregrounded ruins,
industrial aesthetics, photography, exploration, and check-ins, indicating the need to
transform visual attention into layered heritage interpretation. WeChat comments focused
more on construction progress, access, safety, public facilities, residential environment, and
governance response, supporting strategies related to zoned access, community-oriented
functional integration, and transparent feedback. Therefore, the following strategies are
not generic recommendations, but responses to UGC-based public discourse about heritage
value, spatial experience, public use, safety, and governance.

(1) A layered value interpretation system should connect blast furnaces, factory buildings,
railways, and docks with steelmaking processes, Guanggang workers’ memory, and
Guangzhou’s industrialization history. This is consistent with the policy emphasis on
exhibition, interpretation, industrial culture communication, and public education.

(2) Zoned access should be combined with safety governance. For industrial structures
with visual and interpretive value but potential risks, controlled viewing bound-
aries, photography routes, and accessible platforms should be provided, rather than
adopting complete demolition or total closure.

(3) Community-oriented public functions, such as greening, slow-mobility routes, sports
fields, children’s activity areas, resting seats, and night lighting, should be integrated
without damaging core industrial remains. These functions are the social conditions
through which industrial heritage can become publicly used and locally supported.

(4) A transparent feedback mechanism should regularly disclose construction progress,
retained heritage lists, risk assessments, phased implementation plans, and responses
to residents’ opinions. Although social innovation has been shown to strengthen the
place-based effects of industrial heritage regeneration [94], in the Guanggang case it
must be localized through public disclosure, community feedback, and institutional
trust. The key to future regeneration is therefore not to choose between “heritage
retention” and “community park development,” but to rebuild a shared public under-
standing of industrial heritage value through a process that is interpretable, accessible,
usable, safe, and trustworthy.

5. Conclusions
Taking the Guanggang industrial heritage site as a case study, this study examined

platform-mediated public discourse about urban industrial heritage value using UGC
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texts from Rednote and WeChat public accounts. The retrieved corpora showed dis-
tinct emphases. Rednote discourse foregrounded ruin landscapes, industrial aesthetics,
photography-based check-ins, and exploratory experiences, whereas WeChat comments
emphasized park construction, public facilities, safety, governance responsiveness, and the
residential environment. These findings indicate that the retrieved discourse framed urban
industrial heritage both as a cultural landscape with visual and communicative appeal
and as an emerging public space expected to be accessible, usable, safe, and responsive to
community needs.

This study advances the understanding of platform-mediated public value discourse
in urban industrial heritage by conceptualizing dual foregrounding as a bounded selection
process rather than a platform-driven causal mechanism. The process links platform af-
fordances, user self-selection, and relationships to the site with the selective visibility of
value concerns in each corpus. In this case, Rednote discourse made visuality, exploratory
experience, and shareability especially visible, whereas local WeChat public-account dis-
course made usability, risk, and governance responsiveness especially visible. Because
demographic variables and algorithmic exposure were not observed, the finding speci-
fies the interpretive value and blind spots of each data source rather than attributing the
differences to platform alone.

Methodologically, this study shows that, for heterogeneous platform data in this case,
separate analysis was necessary to avoid conflating visitor-oriented visual discourse with
community-oriented regeneration discourse. By separately analyzing Rednote and WeChat
public platform data, this study reveals how different platform contexts make different
value dimensions visible. The combined use of word-frequency analysis, semantic network
analysis, and sentiment analysis provides an integrated approach for identifying public
attention, semantic associations, and approximate corpus-level sentiment patterns in urban
heritage regeneration.

The findings suggest that industrial heritage conservation and adaptive reuse should
move beyond the simple retention of physical remains or the creation of post-industrial
landscape imagery. Historical, technological, and aesthetic values need to be translated
into public values that can be understood, accessed, used, and trusted. For the Guanggang
industrial heritage site and comparable cases, this requires layered value interpretation,
zoned access combined with safety governance, community-oriented functional integration,
and transparent feedback mechanisms. In this sense, the key challenge is not to choose
between “heritage retention” and “community park development,” but to coordinate
heritage value, everyday use, public service provision, and community trust.

This study also has limitations. Because the Guanggang industrial heritage site has
not yet been fully opened, the perceptions identified in this study reflect the project imple-
mentation stage rather than long-term evaluations after mature operation. Publication-date
metadata were not consistently available across all retrieved records; therefore, the earliest
publication year cannot be verified and the corpus cannot support a time-series interpre-
tation. In addition, the two platform datasets cannot represent all stakeholder groups
involved in the regeneration process. Platform affiliation cannot by itself verify user iden-
tity, age, gender, residence status, or stakeholder category. Rednote texts tend to reflect
visitor-oriented and image-sharing practices, whereas WeChat public platform comments
mainly reflect users who follow local public accounts and are willing to comment on com-
munity issues. The perspectives of former factory workers who are not active online, elderly
residents, silent residents, internal planners, developers, and administrative actors may be
underrepresented. Future research should combine UGC analysis with a survey-linked or
consent-based sample that records age, gender, residence status, relationship to the site,
and platform-use intensity. Multivariable models or matched comparisons could then
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separate demographic composition and stakeholder position from platform context, while
interviews, field observation, and stakeholder consultation could examine how public value
perception is translated into formal participation and governance processes. Although
manual validation improves confidence in category consistency, lexicon-based classifica-
tion may still miss irony, mixed emotions, and context-dependent meanings; sentiment
percentages should therefore not be read as direct measurements of individual attitudes.

Supplementary Materials: The following supporting information can be downloaded at https://www.
mdpi.com/article/10.3390/buildings16122391/s1.
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post-industrial legacy. Cities 2026, 170, 106743. [CrossRef]
51. Smith, L.; Campbell, G. ‘Nostalgia for the future’: Memory, nostalgia and the politics of class. Int. J. Herit. Stud. 2017, 23, 612–627.

[CrossRef]
52. Bangstad, T.R. Industrial heritage and the ideal of presence. In Ruin Memories; Routledge: London, UK, 2014; pp. 92–106.
53. Li, Y.; Liang, J.; Huang, J.; Shen, H.; Li, X.; Law, A. Evaluating tourist perceptions of architectural heritage values at a World

Heritage Site in South-East China: The case of Gulangyu Island. J. Hosp. Tour. Manag. 2024, 60, 127–140. [CrossRef]
54. Chen, H.; Zhou, Y.; Zhang, P. Value Perception and Willingness to Pay for Architectural Heritage Conservation: Evidence from

Kumbum Monastery in China. Buildings 2025, 15, 1295. [CrossRef]
55. Meng, X.; Chang, J. Sustainable reuse evaluation framework for coastal industrial living preservation of heritage buildings based

on visual perception driven. Sci. Rep. 2025, 15, 35859. [CrossRef] [PubMed]
56. Xie, P.F. A life cycle model of industrial heritage development. Ann. Tour. Res. 2015, 55, 141–154. [CrossRef]
57. Liu, F.; Zhao, Q.; Yang, Y. An approach to assess the value of industrial heritage based on Dempster–Shafer theory. J. Cult. Herit.

2018, 32, 210–220. [CrossRef]
58. Humphrey-Murto, S.; Wood, T.J.; Gonsalves, C.; Mascioli, K.; Varpio, L. The delphi method. Acad. Med. 2020, 95, 168. [CrossRef]
59. Skulmoski, G.J.; Hartman, F.T.; Krahn, J. The Delphi method for graduate research. J. Inf. Technol. Educ. Res. 2007, 6, 1–21.

[CrossRef]
60. Guo, A.; He, P.; Min, Q.; Xu, S. A fuzzy comprehensive evaluation method for assessing the damage degree of cultural relics

based on an improved AHP-EWM coupled weight model and a modified ridge function. Herit. Sci. 2024, 12, 378. [CrossRef]
61. Nadkarni, R.R.; Puthuvayi, B. A comprehensive literature review of Multi-Criteria Decision Making methods in heritage buildings.

J. Build. Eng. 2020, 32, 101814. [CrossRef]
62. Piñero, I.; San-José, J.T.; Rodríguez, P.; Losáñez, M.M. Multi-criteria decision-making for grading the rehabilitation of heritage

sites. Application in the historic center of La Habana. J. Cult. Herit. 2017, 26, 144–152. [CrossRef]
63. Lowry, P.B.; Gaskin, J. Partial least squares (PLS) structural equation modeling (SEM) for building and testing behavioral causal

theory: When to choose it and how to use it. IEEE Trans. Prof. Commun. 2014, 57, 123–146. [CrossRef]
64. Xu, H.; Cheung, L.T.; Lovett, J.; Duan, X.; Pei, Q.; Liang, D. Understanding the influence of user-generated content on tourist

loyalty behavior in a cultural World Heritage Site. Tour. Recreat. Res. 2023, 48, 173–187. [CrossRef]
65. Guerra, T.; Moreno, P.; de Almeida, A.S.A.; Vitorino, L. Authenticity in industrial heritage tourism sites: Local community

perspectives. Eur. J. Tour. Res. 2022, 32, 3208. [CrossRef]
66. Berta, M.; Bottero, M.; Ferretti, V. A mixed methods approach for the integration of urban design and economic evaluation:

Industrial heritage and urban regeneration in China. Environ. Plan. B Urban Anal. City Sci. 2018, 45, 208–232. [CrossRef]
67. Oevermann, H.; Degenkolb, J.; Dießler, A.; Karge, S.; Peltz, U. Participation in the reuse of industrial heritage sites: The case of

Oberschöneweide, Berlin. Int. J. Herit. Stud. 2016, 22, 43–58. [CrossRef]
68. Alavi, P.; Sobouti, H.; Shahbazi, M. Adaptive re-use of industrial heritage and its role in achieving local sustainability. Int. J. Build.

Pathol. Adapt. 2024, 42, 1223–1249. [CrossRef]
69. Ashkanasy, N.M.; Härtel, C.E.; Daus, C.S. Diversity and emotion: The new frontiers in organizational behavior research. J. Manag.

2002, 28, 307–338. [CrossRef]
70. Braun, J.; Gillespie, T. Hosting the public discourse, hosting the public: When online news and social media converge. J. Pract.

2011, 5, 383–398. [CrossRef]
71. Iosifidis, P. The public sphere, social networks and public service media. Inf. Commun. Soc. 2011, 14, 619–637. [CrossRef]
72. Santos, M.L.B.d. The “so-called” UGC: An updated definition of user-generated content in the age of social media. Online Inf. Rev.

2022, 46, 95–113. [CrossRef]
73. Kim, J.; Fesenmaier, D.R. Measuring emotions in real time: Implications for tourism experience design. J. Travel Res. 2015, 54,

419–429. [CrossRef]
74. Yang, C.; Liu, T. Social media data in urban design and landscape research: A comprehensive literature review. Land 2022, 11, 1796.

[CrossRef]

https://doi.org/10.3390/buildings16122391

https://doi.org/10.1108/JCHMSD-03-2020-0042
https://doi.org/10.1080/13683500.2020.1774516
https://doi.org/10.1080/17535069.2025.2600477
https://doi.org/10.3390/land11101704
https://doi.org/10.1080/13527258.2013.798671
https://doi.org/10.1016/j.cities.2025.106743
https://doi.org/10.1080/13527258.2017.1321034
https://doi.org/10.1016/j.jhtm.2024.06.018
https://doi.org/10.3390/buildings15081295
https://doi.org/10.1038/s41598-025-19848-0
https://www.ncbi.nlm.nih.gov/pubmed/41087638
https://doi.org/10.1016/j.annals.2015.09.012
https://doi.org/10.1016/j.culher.2018.01.011
https://doi.org/10.1097/ACM.0000000000002887
https://doi.org/10.28945/199
https://doi.org/10.1186/s40494-024-01491-z
https://doi.org/10.1016/j.jobe.2020.101814
https://doi.org/10.1016/j.culher.2017.01.012
https://doi.org/10.1109/TPC.2014.2312452
https://doi.org/10.1080/02508281.2021.1913022
https://doi.org/10.54055/ejtr.v32i.2379
https://doi.org/10.1177/0265813516669139
https://doi.org/10.1080/13527258.2015.1083460
https://doi.org/10.1108/IJBPA-09-2021-0118
https://doi.org/10.1177/014920630202800304
https://doi.org/10.1080/17512786.2011.557560
https://doi.org/10.1080/1369118X.2010.514356
https://doi.org/10.1108/OIR-06-2020-0258
https://doi.org/10.1177/0047287514550100
https://doi.org/10.3390/land11101796
https://doi.org/10.3390/buildings16122391


Buildings 2026, 16, 2391 24 of 24

75. Kim, H.J.; Chae, B.K.; Park, S.B. Exploring public space through social media: An exploratory case study on the High Line New
York City. Urban Des. Int. 2018, 23, 69–85. [CrossRef]

76. Roma, P.; Aloini, D. How does brand-related user-generated content differ across social media? Evidence reloaded. J. Bus. Res.
2019, 96, 322–339. [CrossRef]

77. Liu, S.; Tan, C.; Deng, F.; Zhang, W.; Wu, X. A new framework for assessment of park management in smart cities: A study based
on social media data and deep learning. Sci. Rep. 2024, 14, 3630. [CrossRef]

78. Hadrian, M.C.; Ratnasari, N.G. The influence of information quality in user-generated content (UGC) behavioral intention to
revisit: The mediating role of destination image (a study on Lampung as a tourism object). Interact. Community Engagem. Soc.
Environ. 2025, 3, 1–17. [CrossRef]

79. Correia, R.; Aksionova, E.; Venciute, D.; Sousa, J.; Fontes, R. User-generated content’s influence on tourist destination image:
A generational perspective. Consum. Behav. Tour. Hosp. 2025, 20, 167–185. [CrossRef]

80. Mehra, P. Unexpected surprise: Emotion analysis and aspect based sentiment analysis (ABSA) of user generated comments to
study behavioral intentions of tourists. Tour. Manag. Perspect. 2023, 45, 101063. [CrossRef]

81. Yuan, H.; Ke, R.; Xie, X. Sentiment analysis of visitor perceptions on architectural heritage: A case study of Phoenix Ancient Town
for sustainable conservation and development. J. Asian Archit. Build. Eng. 2025, 1–16. [CrossRef]

82. Du, L.; Yang, C.; Yan, J. Decoding the continuum of architectural intention and public perception in industrial heritage regenera-
tion: A multimodal social media data analysis. Habitat Int. 2026, 170, 103754. [CrossRef]

83. Pang, B.; Lee, L.; Vaithyanathan, S. Thumbs up? Sentiment classification using machine learning techniques. In Proceedings of
the 2002 Conference on Empirical Methods in Natural Language Processing (EMNLP 2002), Philadelphia, PA, USA, 6–7 July 2002;
pp. 79–86.

84. Chen, M.; Peng, A.Y. Why do people choose different social media platforms? Linking use motives with social media affordances
and personalities. Soc. Sci. Comput. Rev. 2023, 41, 330–352. [CrossRef]

85. Zhou, Q.; Wang, S.; Wang, J. Exploring user experience in virtual industrial heritage platforms: Impact of cultural identity,
functional clarity, scene interactivity, and narrative quality. Buildings 2025, 15, 253. [CrossRef]

86. Bertacchini, E.; Frontuto, V. Economic valuation of industrial heritage: A choice experiment on Shanghai Baosteel industrial site.
J. Cult. Herit. 2024, 66, 215–228. [CrossRef]

87. Ginzarly, M.; Teller, J. Online communities and their contribution to local heritage knowledge. J. Cult. Herit. Manag. Sustain. Dev.
2021, 11, 361–380. [CrossRef]

88. Taylor, J.; Gibson, L.K. Digitisation, digital interaction and social media: Embedded barriers to democratic heritage. Int. J. Herit.
Stud. 2017, 23, 408–420. [CrossRef]

89. Gan, T.; Chen, J.; Yao, M.; Cenci, J.; Zhang, J.; He, Y. Frontier Revitalisation of Industrial Heritage with Urban–Rural Fringe in
China. Buildings 2024, 14, 1256. [CrossRef]

90. Wu, S.-M.; Deng, Y. Typological differentiation and time-series effects of urban renewal on housing prices. Cities 2024, 145, 104668.
[CrossRef]

91. Qu, R.; Zhang, R.; Xu, J. Bodily Realities in Digital Journalism: The Role of User-Generated Content in Embodied Witnessing.
J. Stud. 2026, 27, 651–671. [CrossRef]

92. Zhang, T.; Wei, C.; Nie, L. Experiencing authenticity to environmentally responsible behavior: Assessing the effects of perceived
value, tourist emotion, and recollection on industrial heritage tourism. Front. Psychol. 2022, 13, 1081464. [CrossRef] [PubMed]

93. Wang, X.; Aoki, N. Paradox between neoliberal urban redevelopment, heritage conservation, and community needs: Case study
of a historic neighbourhood in Tianjin, China. Cities 2019, 85, 156–169. [CrossRef]

94. Scaffidi, F. Average social and territorial innovation impacts of industrial heritage regeneration. Cities 2024, 148, 104907. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.3390/buildings16122391

https://doi.org/10.1057/s41289-017-0050-z
https://doi.org/10.1016/j.jbusres.2018.11.055
https://doi.org/10.1038/s41598-024-53345-0
https://doi.org/10.61511/icese.v3i1.2025.2041
https://doi.org/10.1108/CBTH-11-2023-0208
https://doi.org/10.1016/j.tmp.2022.101063
https://doi.org/10.1080/13467581.2025.2540079
https://doi.org/10.1016/j.habitatint.2026.103754
https://doi.org/10.1177/08944393211049120
https://doi.org/10.3390/buildings15020253
https://doi.org/10.1016/j.culher.2023.11.016
https://doi.org/10.1108/JCHMSD-02-2020-0023
https://doi.org/10.1080/13527258.2016.1171245
https://doi.org/10.3390/buildings14051256
https://doi.org/10.1016/j.cities.2023.104668
https://doi.org/10.1080/1461670X.2025.2581572
https://doi.org/10.3389/fpsyg.2022.1081464
https://www.ncbi.nlm.nih.gov/pubmed/36591034
https://doi.org/10.1016/j.cities.2018.09.004
https://doi.org/10.1016/j.cities.2024.104907
https://doi.org/10.3390/buildings16122391

	Introduction 
	Materials and Methods 
	Research Framework 
	Research Area 
	Data Collection and Preprocessing 
	Research Methods 
	Word-Frequency Analysis 
	Semantic Network Analysis 
	Sentiment Analysis 


	Results 
	Differential Distribution of Value Elements in Public Attention 
	Structural Associations and Core Pathways of Heritage Value Perception 
	Corpus-Level Patterns of Lexicon-Based Sentiment Classification 

	Discussion 
	Conclusions 
	References

