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Figure S1. Overall architecture of the proposed DAL-Net with preprocessing method. (“Conv: Convolutional”, “Depth Concat:

Depth concatenation”, “Crop Ref: Crop reference”)
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Table S1. Layer-wise configuration details of the proposed DAL-Net. (“x? = x X x”, “~ Not appli-
cable”, “#Par.: Number of parameters”)
Layer Name Input Size Output Size Filter Size #Filter Stride #Par.
Image Input 288x352x3 - - - B -
Conv 288%352x3  144x176%32 32 32 2 960
DW-Conv 144x176x32 144x176x32 32 32 1 384
PW-Conv 144x176x32 144x176x16 12 16 1 560
S-Block 1  144x176x16 72x88x24 12,32 12 96,96,24 1,21 5,352
R-Block 1 ~ 72x88x24  72x88x24 12,32 12 144,144,24 1,1,1 9,144
S-Block 2  72x88x24  36x44x32 12,3212 144,144,32 1,21 10,320
R-Block 2 36x44x32  36x44x32 12,3212 192,192,32 1,1,1 15,264
% S-Block3  36x44x32  18x22x64 12,3212 192,192,64 1,21 21,504
g R-Block 3 18x22x64  18x22x64 12,3212 384,384,64 1,1,1 55,104
5 S-Block 4 18x22x64  18x22x96 12,3212 384,384,96 1,1,1 67,488
R-Block 4  18x22x96  18x22x96  12,32%,1? 576,576,96 1,1,1 119,520
S-Block 5 18x22x96  18x22x160  12%,32,12 576,576,160 1,1,1 156,576
R-Block 5  18x22x160 18x22x160 12,3212 960,960,160 1,1,1 322,080
S-Block 6 18x22x160 18x22x320  12,32,1? 960,960,320 1,1,1 476,160
1%,3%,32,32
A-Block 1~ 18x22x320 18x22x1024 (1,6,12,18)* 320,320,320,320 1,1,1,1 340,992
256,256,256,256 1,1,1,1
1%,1%,1%,12
PW-Conv 18x22x1024 18x22x256 12 256 1 262,912
TP-Conv  18x22x256 72x88x256** 82 256 4 4’1904'56
PW-Conv  72x88x144 72x88x320 12 320 1 47,040
1%,3%,32,32
A-Block 2 72x88x320 72x88x1024 (1,6,12,18)* 320,320,320,320 1,1,1,1 340,992
256,256,256,256 1,1,1,1
1%,1%,1%,12
PW-Conv 72x88x1024 72x88x48** 12 48 1 49,296
& DepthCon- -, 72x88x304 - - - -
) cat
g DW-Conv  72x88x304 72x88x304 32 304 1 3,040
PW-Conv  72x88x304 72x88x256 12 256 1 78,592
DW-Conv  72x88x256  72x88x256 32 256 1 2,560
PW-Conv  72x88x256  72x88x256 12 256 1 66,304
PW-Conv  72x88x256  72x88x2 12 2 1 514
TP-Conv 72x88x2  288x352x2 82 2 4 258
SoftMax  288x352x2  288x352x2 - - - -
Pixel Classi-
fication - - - - - }

Total learning parameters: 6,647,476

* Dilation factor, **Input feature vectors fed to depth concatenation (Depth Concat) layer.



