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Abstract: Hydrological assessment is critical to the successful implementation of adaption measures.
In this study, projections of seven global circulation models (GCMs) associated with high and
medium–low Representative Concentration Pathways (RCP 8.5 and RCP 4.5) for the period 2021–2040
and 2081–2100 were adopted to assess changes on runoffs in the Gilgel Abbay watershed, the upper
Blue Nile basin. A weather generator was employed to generate daily temperature and precipitation
to drive a hydrological model for impact assessment. Despite the projected magnitude of changes
varied among different GCMs and RCPs, increasing runoffs in wet-season and decreasing in
dry-season are observed in both periods, mainly attributed to the change in projected precipitation.
Such changes are profound in cases of RCP 8.5 with respect to those of RCP 4.5 and in cases of
2081–2100 with respect to those of 2021–2040. Although the increasing runoffs would provide
greater inflow to Lake Tana, the increase of precipitation in wet-season would imply a higher
possibility of flash floods. On the other hand, decrease runoffs in dry-season further intensify existing
shortage of irrigation water demand. These changes will have deleterious consequences on the
economic wellbeing of the country and require successful implementation of adaption measures to
reduce vulnerability.
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1. Introduction

Climate change is unequivocal [1]. The increased concentrations of CO2 and other greenhouse
gases in the atmosphere since 1750 have comprised the prominent cause of climate change.
The combined global land and ocean surface temperature has increased by 0.85 ◦C (0.65 ◦C to 1.06 ◦C),
over the period from 1880 to 2012. Across much of Africa for example, projections based on the high
Representative Concentration Pathway (RCP) suggest that a mean annual temperature peak will occur
in mid-century and could reach 3 ◦C and 6 ◦C by the end of the 21st century [2]. This increase in air
temperature is expected to facilitate the global hydrological cycle. Precipitation and evapotranspiration
are the major hydrological components affected and will subsequently influence global and regional
water availability. However, vulnerabilities to climate change vary regionally [3]. Frequent and adverse
consequences will be felt by low income east African countries due to their topographical settings and
poor adaptation capacity [4,5]. The impact is expected to be greater on surface water in east Africa,
for example Lake Victoria and Lake Tana [6]. In particular, the Lake Tana basin may experience a
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negative change in water balance in the forthcoming decades due to climate change as well as over
abstraction of water resources [7]. The study of hydrological changes occurring at local and regional
levels is necessary in order to adapt to the current situation and changes in water resources that might
occur due to climate change.

Currently many of the climate change impact studies on watershed hydrology are based on
consideration of up to date emission scenarios of RCPs from the Coupled Model Intercomparsion
Project Five (CMIP5) of Intergovernmental Panel for Climate Change (IPCC) [2] which include
changes in precipitation, temperature along with the potential evapotranspiration, streamflow, and
soil moisture [5,8,9]. Mbaye et al. [4] studied the impact of climate change on water resources in the
upper Senegal Basin, West Africa using RCP 4.5 and RCP 8.5. They found a general decrease of runoff,
evapotranspiration, and soil moisture under the two RCPs in all simulations with the declines being
higher under the high-impact RCP. Beyene et al. [10] found that changes in precipitation combined
with changes in potential evapotranspiration would increase streamflow of the Nile river basin during
2010–2039 but there would be a decline in during 2040–2069 and 2070–2100 time windows with the
Special Report on Emissions Scenarios (SRES) of the Fourth Assessment Report (AR4) [1]. On the other
hand, Setegn et al. [7] projected a uniform increase temperature in Lake Tana Basin in all the 15 GCMs
for all time periods and emission scenarios based upon SRES of AR4 [1]. According to them for the
SRES A2 scenario, four out of the nine GCMs showed significant decline in annual streamflow for the
2080–2100 period. Abdo et al. [11] assessed the impact of climate change on the inflow to Lake Tana
using the statistical downscaling model (SDSM) and HBV hydrological models (Hydrologiska Byråns
Vattenbalansavdelning). They found significant changes of seasonal and monthly flows. A reduction
in the runoff volume during the wet-season by approximately 11.6% and 10.1% was predicted for the
2080s by the A2 and B2 emission scenarios of AR4, respectively.

Many past studies have implied that climate change will have potential impacts on watershed
hydrology and have also predicted future changes in the runoff of Gilgel Abbay, which is the most
important inflow contributing river into Lake Tana. Clearly what happens to this river is increasingly
important in view of climate impact. Most findings of past studies are mainly based on the SRES of
AR3 [12] and AR4 [1]. The application of updated emission scenarios is essential to make the impact
assessments more reliable and valid.

The main purpose of this study is to assess the potential impact of climate change on runoff in
the Gilgel Abbay, Tana basin, the upper Blue Nile basin by considering the up to date greenhouse gas
(GHG) emission scenarios under two RCPs: RCP 4.5 (Medium–low) and RCP 8.5 (high). Historical daily
precipitation and temperature were resampled by a weather generator to drive the General Watershed
Loading Function (GWLF) [13] hydrological model to obtain the baseline streamflow. Differences
in monthly temperature and ratios in monthly precipitation projected by GCMs in CMIP5 [2] were
adopted to generate daily weather as inputs of the GWLF to obtain future streamflow to conclude
quantitative impact assessments.

2. Materials and Methods

2.1. Study Area

The location of Lake Tana basin is shown in Figure 1, and the shaded region indicates the Gilgel
Abbay watershed with elevations from 1791 m to 3510 m above sea level. About 90% of the water
inflow to Lake Tana is from four major rivers (i.e., Gilgel Abbay, Gumara, Ribb, and Megetch Rivers).
Gilgel Abbay contributes 28.5% of total inflows to the lake and is the largest contributor. Lake Tana
is the largest lake in Ethiopia and the third largest lake in the Nile basin countries with a lake area
of 3041 km2 and a maximum water depth of 14 m. The Tana basin with a total area of 15,100 km2 has
national and regional significance. At a national level, it has great potential for irrigation water supply,
hydroelectric power generation, crop production, livestock production, and ecotourism. Particularly,
it is a main water tower for the Tis Abay I and II and Tana Belse hydropower plants currently under
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operations with a total size of 84 and 460 megawatts for the country, respectively [14]. At a regional
level, the lake is the source of the Blue Nile, which contributes 80%–85% of the inflow to the Nile [15]
and the expected water tower for the Ethiopia’s Grand Renaissance Dam on the Blue Nile. Fluctuations
in Gilgel Abbay inflow due to climate change will have a significant influence on the Lake Tana water
balance. In addition to its inflow contribution to this lake, the Gilgel Abbay area is also home town to
a population of over one million [16], which is entirely dependent on subsistence agricultural activity.
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Figure 1. Location of study area, streamflow and metrological stations of Lake Tana Basin.

Historical Climate Trends in the Study Area

The climate of the basin is dominated by Inter Tropical Convergence Zone (ITCZ) and can
be greatly influenced by El Nino (ENSO Index) and the Indian Ocean Dipolee (IOD) during some
seasons [17]. The main rainy season from June to September accounts for 70% to 90% of the annual
rainfall with the remaining 30% to 10% falling in the dry season from October to May. The mean annual
rainfall ranges 1407 mm to 2297 mm (1983–2012) in this watershed. There is high diurnal variation
in temperature between the daily maximum and minimum [17]. The annual mean daily minimum
and maximum temperature at the Dangila (1993–2012) weather station in this watershed is 9.1 ◦C and
25.1 ◦C, respectively, whereas the annual mean temperature (1983–2012) is 17.2 ◦C.

2.2. Methodology

2.2.1. Data

Daily rainfall for 20 years (1993–2012) from Dangila, Bahir Dar, Sekela, Wetet Abay and Enjabara
stations and daily temperature data from Danigla and Bahir Dar weather stations were collected
from National Metrological Agency (NMA). Hydrological records of 20 years daily river discharge
data were collected from Ministry of Water, Irrigation, and Energy (MoWIE) (see Figure 1, where
weather stations are indicated with diamond symbols and river gauges are with triangle symbols).
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Missing rainfall data were estimated from neighboring closer station using inverse distance weighting
procedure as described by Dingman [18]. In addition Landsat images (SAT IMAGE) with a resolution
of 90 m × 90 m were used to delineate the watershed and to prepare the land use/cover map of the
basin using Arc GIS 10.1 (ESRI, Redlands, CA, USA).

2.2.2. Impact Assessment Framework

The impact of climate change on the future hydrology of the Gilgel Abbay watershed for both
periods of 2021–2040 and 2081–2100 was investigated for high (RCP 8.5) and medium–low (RCP 4.5)
with 1980–1999 considered as the baseline period. A schematic diagram showing the major steps
followed in the study can be seen in Figure 2. First, 20 years of daily weather data were collected,
in parallel with ratios in monthly precipitations and differences in monthly temperatures between
projections and baseline retrieved from seven GCMs with RCP 8.5 and RCP 4.5. Second, 200 samples
of 1-year daily data were generated by a weather generator for both the baseline and projected weather
data. Third, the generated daily weather data drove the calibrated hydrological model for the baseline
and future periods respectively. Finally, impact assessment was evaluated by comparing the baseline
and the projected monthly runoffs.
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Figure 2. Methodology framework of impact assessment.

2.2.3. Climate Change Scenarios

Selection of GCMs

A total of 7 GCMs, including CCSM4, CESM1-CAM5, GFDL-ESM2G, HADGEM2-AO,
IPSL-CM5A-MR, MIROCS and NoR-ESM1-M, were selected as having strong correlations with
the baseline climatology in precipitation and temperature of Gilgel Abbay watershed. The GCMs
projections obtained from CMIP5 based upon the RCPs are applied in this study. The RCPs of IPCC
AR5 [2] are the prescribed concentration pathways for greenhouse gasses and aerosols, together with
land use change that are consistent with a set of broad climate outcomes used by the climate modeling
community. They are calculated based on the concentration pathway that approximates the level of
radiative forcing (W/m2) at the end of the 21st century [19]. Both RCP 8.5 and RCP 4.5 in association
with 7 GCMs projections were downloaded from the IPCC data distribution center for this study.
The RCP 8.5 is characterized by increasing greenhouse gas emissions over time, representative of
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scenarios from the literature that lead to high greenhouse gas concentration levels [20], whereas RCP 4.5
is characterized by a stabilization scenario in which total radiative forcing is stabilized shortly after
2100, without overshooting the long-run radiative forcing target level [21,22]. This paper uses climate
change scenario data for a short-term (2021–2040) and a long-term projection period (2081–2100).
Comparisons are made of projections of precipitation and temperature changes by seven models with
two RCPs and two periods for both wet and dry-seasons.

Downscaling

The output of GCMs cannot directly be used in hydrological studies due to their coarse resolution.
In this study, a simple downscaling approach [23], considering the changes between the baseline
simulated and the future climate projected at the nearest GCMs grid to be adopted as the changes
at the local grid, was employed to model changes in the Gilgel Abbay watershed. The ratios in
monthly precipitations of the future climate to the baseline simulated at the nearest GCMs grid are
used to multiple observed monthly precipitations of local watersheds for estimating future monthly
precipitations. For seven GCMs considered in this study, locations of the nearest grids to Gilgel Abbay
watershed are different due to dissimilar spatial resolutions among GCMs. Temporal downscaling
by a weather generator was employed to generate multi-samples of daily weather to facilitate runoff
simulations. The daily temperature is generated using the first order Markov chains, while the
daily precipitation is generated in two steps that involve a random process of determining rainfall
occurrence and an exponential distribution of generating rainfall amounts [23]. For both baselines and
future climate change scenarios, a series of 200-year samples of daily precipitation and temperature
realizations were generated for use as input for GWLF hydrological model to simulate runoffs.

2.2.4. Hydrological Model

A physical based GWLF [13] hydrological model is used to simulate the water budget of Gilgel
Abbay watershed. Data from 5 weather stations in this watershed (indicated with diamond symbols
in Figure 1) were used to estimate the basin averaged precipitation with the Thiessen polygon
method. Daily water balances are computed for unsaturated zones as well as shallow saturated zones.
Monthly calculations are made for surface runoff based on the daily water balance accumulated to
monthly values, whereas the seasonal surface runoff is determined based on the monthly water balance
accumulated in the wet-season (June to September) and dry-season (October to May). The model
was calibrated and validated using 20 years of observed flow data (1993 to 2012) for the Gilgel Abbay
River. Both baseline and projected monthly runoffs were then calculated as the ensemble average
of 200 realizations of daily runoffs calculated by the GWLF with 200 samples of daily weather data
generated for baseline and climate projection, respectively.

3. Results

3.1. Temperature

As shown in Figure 3, the projected temperature increases an average of 1.6 ◦C over the short-term
period 2021–2040 and nearly 4 ◦C over the long-term period 2081–2100, as predicted with the CCSM4,
HADGEM-AO, IPSL-CM5A-MR and GFDL-ES2MG. Similar trends can be found for the other three
GCMs, although there are minor differences in the magnitudes. In both time periods, the magnitude is
higher for the higher emission scenarios of RCP 8.5 than for the medium–low emission scenarios of
RCP 4.5. The RCP 8.5 pathway arises from little effort being made to reduce emissions and represents
a failure to curb warming by 2100, whereas RCP 4.5 indicates a stabilizing of total radiative forcing by
the application of a range of technologies and strategies for reducing greenhouse gas emissions.
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Figure 3. Projected change in mean temperature at Gilgel Abbay watershed for 2021–2040 and
2081–2100 time windows under RCP 8.5 and RCP 4.5 (Representative Concentration Pathway, 4.5 and
8.5 are used for medium–low and high emission scenarios, respectively).

3.2. Precipitation

For simplicity, the projected changes in precipitation, evapotranspiration and runoff depth are
presented separately for the wet season and dry season. The results are given as a percentage change
of the projected with respect to the baseline (e.g., a change of 100% would imply a doubling of
precipitation/runoff depth). As shown in Figure 4 and Table 1, we found a general decrease of
precipitation in the dry-season and a general increase in wet-season with most GCMs, except for
HADGEM2-AO and MIROC5 in dry-season and HADGEM2-AO in wet-season, for both RCPs and
both time windows. The dry-season decrease ranges 4% to 25% and the wet-season increase ranges 5%
to 23%.

The largest percentage increase (23%) from the baseline is observed with the MIROC5 GCM under
RCP 8.5 in the long-term time window, while HADGEM2-AO yields the largest projected dry season
decrease (25%), again under RCP 8.5 within the same time window. The ensemble average of five out
of seven GCMs (presented in Table 1) shows a 15% decrement in the dry season and a 15% increment
in the wet season with RCP 8.5 over the long-term time windows.
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Figure 4. Projected change of precipitation for a period of 2021–2040 and 2081–2100 in dry season
(top) and wet season (bottom) of Gilgel Abbay watershed with reference to the baseline (1980–1999)
under RCP 8.5 and RCP 4.5.

Table 1. Percentage of change of projected precipitation (P) and evapotranspiration (ET) with ensemble
average of GCMs (Global Circulation Models).

Time
Windows

Scenarios
(RCPs)

Dry-Season Wet-Season

P ET P ET

(+), 2 (−), 5 (+), 2 (−), 5 (+), 6 (−), 1 (+), 7 (−), 0

2021–2040
RCP 8.5 10% 13% 9% 17% 10% 10% 12% 0
RCP 4.5 7% 9% 6% 13% 7% 7% 9% 0

2081–2100
RCP 8.5 20% 15% 17% 20% 15% 13% 16% 0
RCP 4.5 14% 10% 10% 13% 10% 9% 11% 0

Notes: P stands for precipitation and ET stands for Evapotranspiration; (+) and (−) shows sign of increment
and decrement; and the adjacent number shows the number of GCMs shown projected increment or decrement
change with respect to the baseline.

3.3. Evapotranspiration

Seasonal changes in evapotranspiration (ET), presented in Figure 5 and Table 1, show a decrease
in dry-season ET with all GCMs except HADGEM2-AO and MIROC5 for both RCPs and over both
time windows. The changes are severe in the dry-season, up to −23% in the NOR-ESM-M GCM with
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RCP 8.5 over the 2081–2100. Projections for the wet-season, substantial increases (6% to 19%) were
found with all GCMs for both RCPs and over both time windows. The highest increment occurs
with RCP 8.5 over the long-term time window. Evapotranspiration is expected to rise due to elevated
temperatures. The projections for the dry season, however, are the other way around. The decrease of
ET in the dry-season can be explained by less available water attributed to the decrease in precipitation.
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wet season (bottom) of Gilgel Abbay watershed with reference to the baseline (1980–1999) under RCP
8.5 and RCP 4.5.

3.4. Hydrological Model Calibration

Runoffs simulated by the GWLF were calibrated with observed flows of the Gilgel Abbay River
by trial and error. Among the parameters considered for the calibration of the GWLF model, the Soil
Conservation Service curve number II, recession constant, initial unsaturated and saturated soil
moisture content, and plant cover coefficient were found to be the most sensitive. Results of model
performance were evaluated by root mean square error (RMSE = 26.8 mm/month), Nash–Sutcliffe
efficiency (NSE = 0.92) and coefficient of determination (R2 = 0.93), indicating a high correlation
between the simulated and observed runoff depths.
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3.5. Impact of Climate Change on Runoff

Projected changes of runoff in the dry and wet-seasons under RCP 8.5 and RCP 4.5 are given in
Figure 6. A considerable decrease of runoff is shown in five out of seven GCMs in the dry season,
and a decrease of reaching −24% with the CESM1-CAM5 GCM for the long-term time window is
noted. For this later time window, the decline in runoff is higher projected with the RCP 8.5 than those
projected with the RCP 4.5 simulations.
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As depicted in Figure 7, the box plot of projected changes of dry-season runoffs with seven GCMs
shows percentages changed in runoffs ranging from +12% to −18% over 2021–2040 with RCP 8.5, +6%
to −13% over 2021–2040 with RCP 4.5, +17% to −22% over 2081–2100 with RCP 8.5 and +8% to −14%
over 2081–2100 with RCP 4.5. The maximum changes of dry-season runoffs occur over 2081–2100
with RCP 8.5, although there is a slight increase projected with both HADGEM2-AO and MIROC5
(see top of Figure 6). On the other hand, except with the HADGEM2-AO, there is a significant increase
of projected runoffs compared to the baseline with all GCMs in the wet-season and over both time
windows with both RCPs. As shown in Figure 7, the increase ranges from 7% to 11% over 2021–2040
with RCP 8.5, 5% to 9% over 2021–2040 with RCP 4.5, 10% to 13% over 2081–2100 with RCP 8.5 and
6% to 10% over 2081–2100 with RCP 4.5. Among these, the highest increase was found in the case of
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RCP 8.5 over the long-term time window. The projected dry season decrease in runoff found with all
scenarios and over all time windows is related to the decline in precipitation, whereas the projected
increase in runoff in the wet-season is attributed to the increase of precipitation.
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Seasonal Variability of Flow

Seasonal variability of flow is crucial to the available water resources and aquatic activities
(e.g., navigation and ecotourism). This is explained by the Seasonal Variability Index (SVI) of flow.
SVI is used as an indicator for measuring the seasonal variability of flow, which is defined as a
percentage of the average seasonal flows during the months of June–September to the sum of annual
runoff calculated as the following,

SVI =

QJune + QJuly + QAugust + QSeptember
Dec.
∑

j=Jan.
Qj

× 100% (1)

The results of calculated SVIs are presented in Figure 8. Projected calculations of SVIs with most
GCMs show higher values compared to the baseline except for HAD-GEM-AO, and MIROC5 projects
values nearly equivalent to the baseline. The SVI values are extremely high when projected with RCP
8.5 over the long-term time window.
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Figure 8. Seasonal Variability Index of flow in percentages with different GCMs and RCPs over
two periods compared to that of the baseline.

Taking projected seasonal rainfall pattern of CCSM4 GCM as an example (see Figure 9), a slight
decrease at the beginning and an increase at the end of the rainy season in comparison with the baseline
were observed, which explains the seasonal variability of projected flow as presented in Figure 10.
Such change of shifted seasonal pattern was also found for the other six GCMs.
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3.6. Possible Impact on Lake Storage and Irrigation Scheme

Table 2 presents runoff contributions of Gilgel Abbay to lake storage estimated with an active
lake storage of 9100 Mm3. Under current condition, runoff of Gilgel Abbay accounts for 19.5% of total
lake storage. An ensemble average of seven GCMs projections shows increased contributions of 4.2%
to 5.5% as given in Table 2. The outflow regulated for hydropower generation is within 3 m range
(1784 masl to 1787 masl) after fully operations of Tis Abay I and II power plants in 2001 [14]. Increased
contributions to lake storage shows a good opportunity to maintain its minimum operating level of
1784 masl [24] for producing hydropower.

Table 2. Runoff contribution of Gilgel Abbay to Lake storage.

Current Contribution Percent Increase in Projected Contribution

Volume percentage
2021–2040 2081–2100

RCP 8.5 RCP 4.5 RCP 8.5 RCP 4.5

19.5 5.2 4.2 5.5 4.3

Note: Estimated with an active lake storage of 9100 Mm3.

Changes of runoff also have significant impacts on the scheme demand of irrigation water in the
Gilgel Abbay watershed. Figure 11 depicts the irrigation water demand and the available water at
mean monthly scale over 1993–2012. High irrigation water demand appears in dry-season when the
available water gets lower, whereas the demand is low in wet-season and the available water gets
higher. Shortage of irrigation water in dry-season is compensated by pumping groundwater in areas
away from lake or taking lake water in areas with irrigation systems. Similar to projected runoffs
presented in Section 3.5, increasing runoff in wet-season and decreasing in dry-season will amplify
such irrigation shortage in dry-season. Better water allocation and management strategies should be
evaluated and implemented to against problematic food security due to water shortage.
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4. Discussion

In this study, projected temperatures of two scenarios over two time windows are compared
to the baseline climatology. The increase in temperature in average about 1.6 ◦C and 4 ◦C in the
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short and long term time windows respectively lies in the range of temperature projected in the
Fifth IPCC assessment report [2] for Africa’s future climate trends. In IPCC (2014), [2] (p. 1202) “under a
high-emissions scenario, average temperatures will rise more than 2 ◦C, the threshold set in current international
agreements, over most of the continent by the mid-21st century. Average temperatures will rise more than
4 ◦C across most areas by the late 21st century”. Thus, the projected temperature especially with the
higher emission scenarios (e.g., RCP 8.5) over the long term time window (2081–2100) tends to have a
relatively higher magnitude, which in turn is likely to produce higher evapotranspiration over the
entire watershed. This may contribute to the decline of soil moisture during the dry-season when the
basin experiences low rainfall.

In Section 3.2, we find a general decrease of precipitation in dry-season and a general increase in
wet-season with most GCMs in associations with RCP 8.5 and RCP 4.5 over both the short (2021–2040)
and long term (2081–2100) time windows. These results are consistent with Eneyew et al. [17] who
reported changes in rainfall amounts of 2.6% and 5.7% (for periods of 2021–2050 and 2071–2100)
based on ECHAM and IPSL GCMs, respectively, in the rainy season (June–September) for the Lake
Tana basin. The decrease in precipitation, especially in the dry-season, combined with the increase of
temperature is likely to have a considerable effect on runoff.

Substantial increases of evapotranspiration were found with all GCMs for both RCPs over both
time windows in the wet season whereas a decrease in dry-season (see Figure 5). In arid and semi-arid
regions, ET is often limited seasonally by the availability of soil water in addition to temperature [25,26].
Although temperature is projected to increase in both seasons, results of projected evapotranspiration
in dry-season follows the pattern of the projected precipitation due to limited available water.

Based on our runoff projections (see Figure 6), a considerable decrease of runoff was shown
with most GCMs in the dry season while there is a significant increase compared to the baseline
with all GCMs in the wet-season over both time windows for both RCPs. These are similar to the
findings reported by UNECA [27], an increase of water resources by about 10% in east Africa including
Ethiopia is predicted at the end of the 21st century. This trend also corroborates the findings of
Setegen et al. [7] that the dominant factor controlling runoff depth in the Tana basin is precipitation
rather than evapotranspiration. Similarly, Babatolu et al. [28] reported a high positive correlation
between annual precipitation and annual runoff depth in east Africa. Our projection also reveals that
precipitation is the dominating factor affecting runoffs of the Gilgel Abbay watershed. This conclusion
is also substantiated by the seasonal variability of flow calculated by SVI indices as shown in Figure 8.

In 2003, the lowest lake level ever recorded in history was observed (dropped below 1785 masl,
the minimum lake level for navigation), navigation ceased for four months, and the outflow
significantly declined [29]. Seasonality variability of inflow has critical effects to the lake storage and
discharge capacity. As projected runoff shows decrease in dry-season, there might be a great chance
to regulate water withdrawal from the lake even below 1785 masl in dry-season as what happened
in 2003 to sustain the supply of water for hydropower generations and demands. Water resource
managers/policy makers should seek other alternative water resources like ground water to meet the
scheme irrigation water demand in dry-season.

Annual runoff of Gilgel Abbay accounts for 28.5% of total inflows to the lake [30], which has
a significant impact on hydropower generation and irrigation water demands. Tana basin and its
adjacent catchments have been identified as one of growth corridors in the country and integrated
water resources plan is being implemented [14]. Facing possible challenges associated with climate
changes, all results should be exercised with care for the implementation of adaption measures because
of uncertainties in emission scenarios as well as projections from different GCMs [31].

5. Conclusions

Climate change and variability have great potential to impose pressures on water availability
and accessibility in Africa. The impact is likely to be more pronounced in regions like the Horn of
Africa. This study assessed the impact of climate change on the Gilgel Abbay watershed that drains
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into Lake Tana, in the upper Blue Nile basin. Climate impact on watershed hydrology was assessed
using a physically based GWLF hydrological model. Seven GCMs, in conjunction with both RCP 8.5
and RCP 4.5 from CMIP5 were adopted for both periods of 2021–2040 and 2081–2100. A weather
generator was employed to generate daily temperature and precipitation based on different climate
scenarios by modifying temperature and precipitation climatology. The generated daily temperature
and precipitation data were fed into the GWLF to simulate runoff depths affected by climate change.

In all cases, projected changes in magnitudes of hydrological components were higher with the
RCP 8.5 scenario compared to those with the RCP 4.5 scenario. Rising temperature was consistently
found in both time windows and RCPs from most of the GCMs, whereas increases of precipitation,
ET and runoff were projected by six GCMs for the wet-season. Declining precipitation, ET and
runoff in the dry-season could be expected with all GCMs, except HADGEM2-AO and MIROC5.
Changes of runoffs are mainly dominated by the variations in projected precipitation. Especially in the
long-term, increasing precipitation in the wet-season would make it wetter resulting higher runoff
in the watershed. This will have deleterious consequences in the near future on the local community
as the watershed is naturally vulnerable to frequent flash floods. On the other hand, increase runoff
in the Gilgel Abbay Rivers may offer a good opportunity to contribute more inflow to lake storage,
discharge for hydropower generation, and water for irrigation practices. However, the decrease of
river flow in dry-season may intensify the existing shortage of irrigation water and requires better
adaption measures to prevent possible food security due to water shortage. The predicted magnitudes
vary among models and scenarios as in other climate related studies. Future studies aimed at building
adaptation measures based on impact assessment of climate change should be aware of uncertainties
in climate projections. The concept of adaption pathways to periodically evaluating the applicability
of adaption measures and amending correspondent actions accordingly may provide advantages of
building flexible and adapted measures in view of uncertainties in climate projections.
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