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Abstract: Recent studies suggest that photophysiological parameters for intact substrates with depth
(e.g., periphytic biofilms, microphytobenthos) are overestimated by pulse-amplitude modulated
(PAM) fluorometry. This overestimation results from depth-integration effects, following the acti-
vation of deeper photosynthesizing layers by an attenuated light signal. To mitigate this error, we
propose a novel slide-based thin-film technique in which fluorescence is measured on a vertically
representative subsample of the biofilm, spread evenly on a microscope slide. We compared bias and
precision for photosynthetic parameters estimated through conventional PAM fluorometry on intact
biofilms and through our novel slide-based technique, both theoretically and empirically. Numerical
simulations confirmed the consistent overestimation of key parameters for intact biofilms, with
relative errors up to 145%, compared to, at most, 52% on thin films. Paired empirical observations
likewise demonstrated that estimates based on intact biofilms were consistently higher (up to 248%,
p < 0.001) than estimates from thin films. Numerical simulation suggested greater precision with the
slide-based technique for homogeneous biofilms, but potentially less precision for heterogeneous
biofilms with improper subsampling. Our empirical comparison, however, demonstrated some
improvement in precision with the slide-based technique (e.g., the coefficient of variation for the
maximum electron transport rate was reduced 30%, p = 0.009). We recommend the use of the
slide-based technique, particularly for biofilms that are thick or have small light attenuation coeffi-
cients. Care should be taken, however, to obtain vertically representative subsamples of the biofilm
for measurement.

Keywords: periphyton; biofilm; pulse-amplitude modulated fluorometry; photophysiology; photo-
synthetic efficiency

1. Introduction

Pulse-amplitude modulated (PAM) fluorometry has emerged as a vital tool to assess
physiological efficiencies of photosynthesizing organisms and communities. The technique
is both rapid and non-destructive and measures chlorophyll fluorescence in response to
increasing levels of irradiance. These measurements yield relative electron transport rate
(rETR) profiles over irradiance, or rapid light curves (RLCs), which are very similar in form
to photosynthesis—irradiance (P-E) curves. Common photophysiological parameters esti-
mated from the RLCs include the maximum electron transport rate (ETR,;), the minimum
saturating irradiance (Ey), and the photosynthetic efficiency () (e.g., [1-3]).

Various studies, however, have demonstrated theoretically and experimentally, that es-
timates of the photophysiological parameters (particularly ETR;; and Ej) are subject to over-
estimation when the photosynthesizing sample has depth or optical density (e.g., epilithic
biofilm, microphytobenthos, thick plant tissue), in contrast to diffuse suspensions or iso-
lates obtained on lens tissue [4-7]. For samples with depth, the experimentally measured

Water 2021, 13, 1464. https:/ /doi.org/10.3390/w13111464

https://www.mdpi.com/journal /water


https://www.mdpi.com/journal/water
https://www.mdpi.com
https://orcid.org/0000-0001-5323-1871
https://orcid.org/0000-0002-1026-5390
https://orcid.org/0000-0002-6265-7070
https://orcid.org/0000-0003-2651-8505
https://www.mdpi.com/article/10.3390/w13111464?type=check_update&version=1
https://doi.org/10.3390/w13111464
https://doi.org/10.3390/w13111464
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3390/w13111464
https://www.mdpi.com/journal/water

Water 2021, 13, 1464

2 of 20

fluorescence includes surface layers, as well as deeper layers responding to lower irradi-
ance because of the vertical attenuation of light. The inability to correctly account for the
influence of the photosynthetic pigments at the different depths due to the attenuation of
light (“depth-integration effects”) results in the overestimation of the calculated effective
quantum yield (®pgyr) and corresponding rETR at higher irradiance. The possibility of
depth-integration effects is particularly problematic when assessing the photophysiology
of intact biofilms, which typically have thicknesses on the order of millimeters [8,9].

In addition to the misestimation of photophysiological parameters, the effect of depth
integration has the potential to confound bioassays or similar impact studies where biofilm
thickness might vary with condition. PAM fluorometry has frequently been employed to
monitor and assess ecotoxicological impacts [10-12] and nutrient limitation [13]. Bouma-
Gregson et al. [14] used PAM fluorometry to evaluate impacts of stream depth, temperature
and flow on photosynthetic parameters. If care is not taken to control for differences in
biofilm thickness, estimates of photophysiological impact based on condition (e.g., toxin
or nutrient exposure, stream flow) will be biased. For example, if toxin exposure also
decreases biofilm biomass and thickness, any impacts on photophysiology will likely be
overestimated (e.g., absence of toxin will result in thicker biofilms and the overestimation
of photophysiology which would result in an apparent greater magnitude of toxin impact).

In contrast, thin layers or optically dilute samples (e.g., thin biofilms, dilute algal
suspension, plant tissue with only a few cell layers) can be measured without bias for the
photophysiological parameters. When this is not possible, methods to correct for error
induced by depth integration include deconvolution of the ®pg;;—E curves [4]; use of an
imaging-PAM which tends to activate only the uppermost layers [6]; and use of fine-tuned
techniques that measure fluorescence profiles at variable depths using a fiber-optic-based
PAM [15,16] or tissue cross sections and microscopy setups [7].

Herein, we present an alternative technique to improve accuracy in the estimation of
photophysiological parameters, particularly for periphytic biofilms. With this technique,
a vertically representative subsample of a biofilm (i.e., as much as possible, the different
layers in the biofilm are proportionately represented in the subsample) is spread evenly on
a microscope slide, thus creating a thin film which is then assessed using a conventional
PAM fluorometer. The thin film ensures that the entire subsample will receive the applied
irradiance, rather than some portions (i.e., those deeper in the biofilm) receiving attenuated
irradiance. Thus, this “slide-based” method should avoid the depth-integration artifacts
anticipated if instead the intact biofilm were to be assessed (“intact-biofilm” method).
Additionally, the proposed technique is relatively easy to implement with a standard PAM
fluorometer and is suitable for measurements in the lab or in the field.

We use the depth-integration model presented in Serddio [4] to test comparative
predictions of bias and precision for both the new slide-based method and the traditional
intact-biofilm method. For this theoretical assessment, we model both homogeneous-
photic communities (i.e., photophysiological parameters are identical throughout the
vertical structure of the biofilm; this is similar to Serodio [4], but we assess both high-
light-adapted and low-light-adapted communities of limited thickness) and heterogeneous-
photic communities (i.e., photophysiological parameters vary based on vertical position in
the biofilm). Following Serodio [4], we estimate measured photophysiologies of biofilms
with thickness (intact-biofilm method) and compare to “true” photophysiologies (typically,
the slide-based method). We use these estimates to calculate bias and precision. We then
apply both the slide-based and the intact-biofilm method to natural biofilms that had
colonized gravel and artificial tile substrates during a continuous flow-through stream
mesocosm experiment for an empirical pair-wise evaluation of bias and precision.

For bias (i.e., closeness to truth), we hypothesized that the slide method would be
less biased than the intact-biofilm method. This is expected because of inaccuracies in
photophysiological estimates incurred through depth-integration effects. It has been
demonstrated theoretically and experimentally that biofilm thickness impacts the PAM
fluorescence signal and therefore estimates of ®pg;; and rETR through (1) downward
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vertical attenuation of the measuring and actinic light source; (2) upward vertical atten-
uation of the fluorescence signal; and (3) vertical heterogeneity in the biofilm (see also
Section 2.1.1 [4,5,9,17]). The depth-independent slide method should eliminate much of
this inaccuracy, assuming that any vertical heterogeneity is accounted for in the subsam-
pling procedure and preparation of the thin film.

For precision (i.e., replicate variability), we hypothesized that the slide method would
be more precise than the intact-biofilm method. For the intact-biofilm, parameter estimates
will have errors as a result of depth-integration—the magnitude of which should depend
on the biofilm thickness. Spatial variability in thickness across replicates is then expected
to result in measurement variability. The slide method, because it is a depth-independent
measurement, should eliminate measurement variability associated with varying biofilm
thickness. The slide method, however, which also requires the subsampling of the biofilm,
might instead introduce measurement variability if there is variability in composition
across the replicate subsamples. Other sources of variability are expected to be similar
between the two methods (e.g., algal composition, user-/instrument-induced measurement
error). We first tested our hypotheses numerically through simulations based on the depth
integration model presented in Serddio [4].

2. Materials and Methods
2.1. Theoretical Evaluation of Bias and Precision

Following the depth-integration model described in Serddio [4], we performed a
series of simulations to compare the bias and precision of fluorescence-based physio-
logical estimates between the novel proposed slide-based method (i.e., thin film, depth-
independent) and the traditional intact-biofilm method (i.e., depth-dependent). The model
in Serddio [4] estimates the distortions in the received fluorescence signals from “thick”
substrates (e.g., vertical depth of fractional to several millimeters) due to depth-integration
effects. The distortion in the signals typically results in the overestimation of the photo-
physiological parameters ETR;, and E. It should be noted that the model in Serodio [4]
primarily describes the expected error, but does not remedy the error (although Serddio [4]
does separately describe a numerical technique to deconvolute fluorescence measurements).
We use the model to estimate photophysiological parameters for intact biofilms to com-
pare to “true” values—typically the photophysiological parameters expected from thin
film measurements.

2.1.1. The Model

The model presented in Serddio [4] allows for depth effects implicit in the intact-
biofilm method. Note, that although Serddio [4] was modeling biofilms in sediments
(microphytobenthos), the same general model was applicable here for biofilms on surfaces.
In the model, fluorescence is estimated at each depth in a biofilm profile based on a depth-
independent fluorescence profile F(E, z, k;), which is a function of the surface irradiance E,
the depth z and the attenuation coefficient k; of the downwelling irradiance. The surface
irradiance is attenuated by simple exponential decay as E(z,k;) = Ee~?¢. Modeling the
fluorescence that would be measured at the surface of a biofilm (e.g., intact-biofilm method),
then simply requires integration over the depth of the biofilm with additional upwelling
attenuation of the fluorescence, i.e.,

Zmax
FiE 2 ka k) = [ e (E, 2 ki), (1)
2=
where the subscript d denotes the depth integration of the fluorescence through a biofilm
of total thickness z;; (With z = 0 denoting the biofilm surface and z,;,y denoting the
maximum depth); k, is the attenuation coefficient for the upwelling fluorescence; and
F;(E, z,kg,ky) is the measured fluorescence at the surface with depth-integration effects. For
further details, refer also to Serddio [4], particularly Equations (2) and (3). Like Serédio [4],
we made the assumption that vertical attenuation of the downwelling measuring and
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actinic light would be the same (i.e., same k;; the measuring light is typically of very low
intensity, and is sufficient to induce fluorescence but not photosynthesis, whereas the actinic
light is of higher and increasing intensity that should induce photosynthesis (e.g., [3])).

Note that the original model also includes a chlorophyll-concentration-dependent and
depth-based absorption coefficient a,,¢45(z) and a unit conversion factor G. In subsequent
calculations (e.g., effective quantum yield, Equation (2)), the factor G ultimately cancels out.
The depth-dependent a,,¢45(2), technically does not, but we chose to model as vertically
homogeneous (see e.g., Profile CO in Serddio [4]), in which case it also ultimately cancels
out. Clearly, chlorophyll concentration and absorption can vary with depth [9,18] and
will impact the magnitude of depth-integration error [4]. The vertically homogeneous
chlorophyll distribution, however, provides a median estimate of depth-integration er-
ror, whereas biofilms with chlorophyll concentrated at depth will exaggerate the error
and biofilms with chlorophyll concentrated near the surface will mitigate the error (see
Serodio [4], specifically Profiles C2 and C1).

In PAM fluorometry, fluorescence emission is measured over a range of irradiances,
with two measures per irradiance: fluorescence following the actinic light application (sim-
ply F, or the minimum fluorescence yield) and fluorescence following application of a satu-
rating pulse of light (F),, or the maximum fluorescence yield). We used the general equation
(Equation (1)) to model both: for the actinic light, the functions F;(E, z, k4, ky,) and F(E, z, k)
remain the same; for the saturating light, we denote the functions as F,, 4(E, z, k4, k) and
Fn(E,z,k;). The two measures F and F;, (or F; and F1;1,d) are combined to estimate the
effective quantum yield (®psjr), which is the proportion of incident light that is used for
photochemistry via photosystem II (PSII)

AF _F,—F _ F

= = 1——.
E;, Ey, Ey,

Dpsyp = @)

It is the response of this estimate (or the variant rfETR = E®pg;;) over the range of
irradiance that enables the determination of key photophysiological parameters such as
ETR,,, E; and «.

The fluorescence yields for the actinic light and the saturating pulse (F and F},) differ
over the range of irradiance (e.g., [4]). This creates a nonlinear relationship of ®pgj;
to irradiance and additionally makes it non-trivial to correct for the effects of depth-
integration. It should be noted, however, that it is primarily the dependence of fluorescence
yield on irradiance and the attenuation of irradiance with depth that causes the distortion
of ®pgry and *ETR for thick biofilms (and similar substrates).

In the absence of the downward attenuation of the actinic and saturating pulse of
light, Equation (1) becomes

Zmax Zmax
Fd(E,z,ku):/Zio e‘Zk“F(E)dz:F(E)/rO e~ugy, 3)

Applying Equation (3) to the actinic light and saturating pulses to obtain F; and F), ,,
then substituting into Equation (2), yields

F(E) [ edz _ F(E)
Ppsi1(E) =1— =0 =1- = 4
PSII( ) F,%(E) fzzlrsx e—zkudy F,/n(E) @

The effect of upwelling attenuation cancels out and ®pgy; (and thus rETR) is left undistorted.

2.1.2. Generation of Synthetic Data

Homogeneous biofilms. We simulated three photosynthetically homogeneous biofilms.
Following Serddio [4], we used measured fluorescence (F,, and F) over E to simulate a thin-
film diatom sample (i.e., depth-independent). We used fluorescence patterns in (Figure 2a,b,
Serodio [4]) as a model for a low-light (LL) adapted biofilm (Figure S1, top left), as the
F), and F response curves matched those observed by Ralph and Gademann [3] for an
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LL-adapted sea grass (Zostera marina; see (Figure 2b, Ralph and Gademann [3])). We
additionally modeled two high-light (HL) adapted biofilms. For the HL-adapted biofilms,
we based the F response curve on that of the HL-adapted sea grass in (Figure 2a, Ralph
and Gademann [3]), which was somewhat constant over irradiance. For the HL-adapted
F}, response curves, we first calculated the LL-adapted rETR curve (rETR = ®pgj E), then
adjusted the rETR profile to achieve the target parameters of similar ETR,;,, higher E; and
lower « for HL1; and higher ETR,,; and E, and lower « for HL2. The simulated response
curves can be seen in Figure S1.

Estimates of ETR;;, Eg, and « based on the simulated curves are provided in Table 1.
For these estimates, we fit the data to the Jassby and Platt [19] P-E hyperbolic tangent
model where rETR = ETR,, tanh(E/Ey). Another common model is the P-E exponential
model, where rETR = ETR,,(1 — e~E/Ek). This latter model was originally proposed by
Webb et al. [20] and is identical to the Platt et al. [21] model when the photoinhibition
parameter (B) is assumed to be 0. The hyperbolic tangent model provided better fit of the
data than the exponential model (not shown).

Table 1. Photophysiological parameter estimates for the synthesized light-adapted algae. We simu-
lated three photosynthetically homogeneous biofilms (LL, HL1, HL2) and two heterogeneous biofilms
(HL1LL, HL2LL) (see text for details).

ETR,, Ex P

LL 100.6 164 0.61
HL1 100.5 301 0.33
HL2 155.3 428 0.36
HLILL 99.0 215 0.46
HL2LL 123.9 281 0.44

Heterogeneous biofilms. We simulated two photosynthetically heterogeneous biofilms.
To simulate the scenario of a heterogeneous biofilm, we assumed a biofilm composed of
an upper HL-adapted layer (either HL1 or HL2; Table 1) and a lower LL-adapted layer, in
equal proportions (i.e., p; = 0.5). We assumed the true rETR profile over E would be the
weighted average of the HL and LL rETR profiles (e.g., Figure S2).

More specifically, for a heterogeneous biofilm composed of multiple layers (or species)
of differing photophysiologies, we expected the community photophysiological response
at a given irradiance to be the weighted average of the photophysiological responses of the
component layers, i.e.,

rETR(E) = )_(pirETR;(E)), ()

L=

where rETR is the biofilm relative ETR at irradiance E; rETR,; is the relative ETR for layer i
that comprises a proportion p; (by mass or volume; note also that Y- p; = 1) of the biofilm;
and N is the total number of layers in the biofilm. The photophysiological parameters
(ETRy, E and a) for the entire biofilm must be solved by fitting the biofilm rETR response
curve (i.e., weighted-average rETR(E), Equation (5)) to an appropriate P-E model (e.g., hy-
perbolic tangent) as the nature of the models do not allow a simple combination of the layer-
based photophysiological parameters, e.g., ETR;, # Y.(pi ETR,, ;). (Note, however, that in
the case of ETR;, simple combination will be a close approximation. If we correctly sum
rETR response curves across the layers, we get fETR(E) = YN | (p; ETR,,; tanh(E/ Ex;));
as E becomes large rETR ~ Zfi 1(piETR,, i), because tanh co — 1.)

To estimate the true photophysiological parameters for the two heterogeneous biofilms,
we first averaged the respective rETR profiles. The true parameters were then estimated by
fitting the averaged rETR profiles (Figure 52) to the hyperbolic tangent model (see Table 1).
It is noted, however, that the simple averaging of the homogeneous parameters would
have resulted in approximately ‘true” estimates for HL1LL and HL2LL: within 3%, 8% and
11% of ETR;,, Ex and «a, respectively (Table 1).
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The actual measured rETR over E for such a biofilm will differ because it is based
on the ratio of two fluorescence yields F and F, (i.e., one following application of the
actinic light and one following application of the saturating pulse) that will be weighted

averages (we will denote as F;,504) and Fm(wavg) to indicate that these are weighted average

fluorescence yields). These two measures are then combined into the effective quantum
yield ®pgjy for the biofilm (we will denote as ®pg I1(obs) toO indicate that this will be the
observed effective quantum yield), and it can be shown that this will not equal the weighted
average of the component effective quantum yields, i.e.,

|
[N agk=

F(wavg) - (pz 1) (6)
, N
Fm(wavg) = l;(pl ) 7)
then,
F! —F
m(wav (wavg)
Dpsir(ons)y = ( Fig ) 8)
m(wavg)
and,

N
Ppsirors) 7 3 (Pi Ppsiri)-
i=1

Consequently, the actual measured rETR over E (i.e., TETR (,p5) = E®Ppgyy(ops)) for a
heterogeneous biofilm will differ from the weight-averaged *ETR (Equation (5)), the latter
of which we assume to represent the true photophysiological community response. This
discrepancy will factor into predictions of bias for the slide-based method.

2.1.3. Numerical Simulations for Bias and Precision

To compare the two methods based on bias and precision, we explored the im-
pact of biofilm thickness on estimates of ETR;, Ex and « for the three photosyntheti-
cally homogeneous biofilms and the two photophysiologically heterogeneous biofilms
(Figures S1 and S2; Table 1). We first applied the depth-integrated model described above
(see Equation (1)) to estimate the depth-integrated minimum and maximum fluorescence
profiles (F; and Fr’n, ) for 15 different biofilm thicknesses (range 0.01 mm to 4.51 mm) (see

e.g., [8,9]) and 5 different downwelling attenuation coefficients (k;; range 0.07 mm~! to
16.9 mm™1) (see e.g., [9,18,22,23]). Note that the maximum k; modeled corresponds to the
downwelling attenuation coefficient used in Serddio [4]. For the upwelling fluorescence at-
tenuation coefficient (k,), we scaled this relative to the downwelling attenuation coefficient
(ks) in the manner of Serodio [4] as k;, = k;(53.5/16.9).

To generate the expected depth-integrated fluorescence, we summed expected fluores-
cence from a series of 0.01 mm layers (i.e., increments), starting at z = 0 and ending with
the total biofilm thickness being modeled (z;4x) (Equation (1)). First, surface irradiance
was attenuated by exponential decay according to z and k; for each 0.01 mm increment.
This attenuated irradiance was then used to estimate the expected fluorescence at each
depth z by linear interpolation (approx function in R) based on the depth-independent
fluorescence profile (Figure S1). The expected at-depth fluorescence was then attenuated
upward by k;,. These profiles were then summed to obtain the fluorescence (F; and F,, ;)
expected to be measured at the surface for each modeled biofilm (15 x 5 = 75 total F; and
Fr’n, 4 profiles per simulated community).
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For modeling depth-integration effects on the two simulated heterogeneous com-
munities, we modified Equation (1) to accommodate an HL-adapted top layer and an
LL-adapted bottom layer:

Zmax /2 Zmax

Fi(E, z, kg, ky) = /0 eizk”FHL(E,Z, ky)dz + eizk“FLL(E,Z,kd)dZ, 9)

Zmax

where Fyyy (E, z, k) was the fluorescence profile for the HL-adapted upper layer (i.e., HL1
or HL2), and Fy [ (E, z, k;) was the fluorescence profile for the LL-adapted bottom layer (see
profiles in Figure S1). (More specifically, because we summed expected fluorescence over a
series of 0.01 mm layers, the upper layer was summed from z = 0 to z = (zjax — 0.01)/2
and the bottom layer was summed from z = (Zyax + 0.01) /2 t0 2 = Zpax.)

Estimates of F; and F1;1,d over irradiance were combined to yield profiles of ®pg;;
(Equation (2)), then multiplied by E (the actual irradiance applied at the surface) to obtain
rETR. These profiles were then used to estimate the photophysiological parameters for
each thickness/attenuation combination using the hyperbolic tangent model of Jassby and
Platt [19].

Bias. Recall that bias is the closeness to truth and here reflects the inherent method
error. To assess predicted bias for the intact-biofilm method (depth-dependent), we simply
compared the depth-integrated estimates of ETR;;, Ex and « (based on Equations (1) and (9))
to the estimated true values (i.e., values in Table 1). We calculated both the absolute and
relative error per parameter, for each simulated community and thickness/attenuation
combination: absolute error = estimate — true and relative error = (estimate — true) / true.

For predicted bias in the slide method (depth-independent), as a first approximation,
we assessed only the error expected from the fluorescence measurements on thin films
(i.e., no light attenuation). For the homogeneous biofilms (LL, HL1 and HL2), the expected
error in estimates was zero. For the heterogeneous biofilms (HL1LL and HL2LL), however,
the photophysiological estimates were expected to have some error (see e.g., Equation (8)).
To estimate this error, we first modeled the measured fluorescence yields as the simple
average of the respective HL- and LL-profiles (Equations (6) and (7)). The average yields
were then combined into the effective quantum yield ®pg;; (Equation (8)), converted to
rETR and then fit to the hyperbolic tangent model. We then calculated absolute and relative
errors, as described for the depth-dependent estimates. (Note, the slide method could
introduce greater bias through disproportionate subsampling of heterogeneous biofilms—
this would be bias induced from measurement/sampling error as opposed to inherent
method error. We simulate the possibility of sampling error in our estimations of precision.)

Precision. Recall that precision is the replicate variability and here reflects the repeat
measurement error. To assess precision, we simulated the primary source of error for each
technique. For the intact-biofilm method, it was assumed that the primary source of error
would be spatial variability in biofilm thickness and resultant depth-integration effects on
the fluorescence yields. For the slide method, it was assumed that the primary source of
error would come from subsampling the biofilm. To estimate expected precision in the
intact-biofilm method, we simulated replicate measurements for each biofilm community
(i.e., LL, HL1, HL2, HL1LL, and HL2LL), for each thickness/attenuation combination. We
simulated a random sample of n = 500, with a mean thickness equal to the modeled thick-
ness (i.e., range 0.01 mm to 4.51 mm) and a standard deviation equal to 40% of the mean
thickness (see e.g., [24]). The random samples were generated using the rnorm function
in R. For simplicity, we assumed that k; (and k,) were constant for each modeled biofilm
and that only the thickness varied. For each random sample, we applied the appropriate
depth-integration model to estimate the fluorescence yields (i.e., Equation (1) or (9)). The
yields were then combined into the effective quantum yield ®pg;j, converted to *rETR, and
then fit to the hyperbolic tangent model. The standard deviation (SD) and coefficient of
variation (CV) for each parameter were then calculated per sample.

For the slide method, we assumed maximum precision for the homogeneous biofilms
(i.e., SD = 0 and CV = 0) because there would be no error associated with subsampling a
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truly homogeneous biofilm. For the two heterogeneous biofilms, however, subsampling
was expected to introduce error in terms of how well the component proportions in the
subsample matched the component proportions in the biofilm. We estimated maximum
expected subsampling error based on a sample comprised of n = 3 subsamples: (1) equal
proportions of the HL- and LL-layers; (2) all HL; and (3) all LL. The SD and CV were then
calculated using parameter estimates assuming the slide method (see “Bias” subsection
above), a homogeneous HL thin film and a homogeneous LL thin film (see also Table 1).

2.2. Empirical Evaluation of Bias and Precision
2.2.1. Data Collection

Periphytic biofilms growing in stream mesocosms at the Environmental Protection
Agency Experimental Stream Facility (ESF; Milford, OH, USA) were sampled in August
2018. The ESF contains sixteen 11-m stream mesocosms that are fed by natural river water
from the East Fork of the Little Miami River (see Latham et al. [25] and Nietch et al. [26]
for more detailed descriptions of this facility). The mesocosms were set up with a low
light (LL) section upstream of a section with a higher light (HL) condition. The LL and HL
conditions are meant to mimic approximately 10% and 100% of open canopy irradiance
accomplished with full spectrum metal halide bulbs. Two types of substrate make up the
streambed of the mesocosms: unglazed ceramic tiles and pieces of washed gravel. Flows
over the tile tend to be more laminar compared to the turbulent flows produced by the
gravel [27].

Nine tiles and two pieces of gravel were sampled from three control mesocosms.
Sampling consisted of four replicate measurements on each intact biofilm by conventional
PAM fluorometry. Following each replicate measurement, the area was subsampled for
measurement by slide-based PAM fluorometry. This sampling protocol generated 43 pairs
(one replicate pair was lost) of conventional and slide-based rapid light curves (RLCs).

By the time that the PAM fluorometry measurements were made on the mesocosm
biofilms for this study, the biofilm structure had colonized and developed under contin-
uous flow conditions over 72 d. The supplied water consisted of a constant delivery of
natural river that was diluted and well-mixed with a continuous inflow of reverse osmosis
water. This mixing created a nutrient profile more reflective of unimpacted streams in the
Interior Plateau ecoregion, where the ESF resides and the native taxa used to produce the
mesocosm communities come from. Mesocosm influent nitrogen (N) and phosphorus (P)
content averaged 335, 284, and 12 pg L1 of N for total N, nitrate-nitrite, and ammonium,
respectively; and 43 and 33 pg L' of P for total P and total reactive P, respectively.

Table S1 includes measures characterizing relevant physical and chemical properties
of the inhabiting periphyton, which had been determined from spatially randomized de-
structive sampling as part of a seasonal experimental schedule two days earlier. Periphytic
biomass was about four times greater in the HL section compared to the LL section, both
in terms of total dry weight and extracted chlorophyll content. The same pattern was
observed in chlorophyll measurements by BenthoTorch fluorometry.

Fluorometric probe measures made with a BBE Moldaenke BenthoTorch on tile and
gravel locations prior to destructive sampling suggested the relative abundance of diatoms,
green algae, and cyanobacteria in the surficial biofilm was generally similar in the HL
sections, while in the LL sections, it was comprised mostly of diatoms and cyanobac-
teria (Table S2). The prevalence of diatoms and cyanobacteria in LL sections was sup-
ported by microscope-based cell counts conducted on aliquots of periphyton slurries
processed from destructive sampling immediately after the BenthoTorch measurements.
The microscope-based cell counts, however, suggested that the mixture of cell densities
was mostly cyanobacteria and green algae in the HL section, with few diatoms. Generally,
the biofilms in the LL and HL sections were significantly different in terms of mass and
with heterogeneous community structures and taxa dominance both between and within
light environments and across replicate mesocosms (Tables S1-53).
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Conventional PAM. In the conventional PAM methodology, RLCs were obtained on
intact biofilms using a Diving PAM II fluorometer (Heinz Walz GmbH, Effeltrich, Germany).
For each RLC, the fiber optic probe of the Diving PAM II was placed in a plastic holder
at a constant distance of 4 mm above the biofilm. Biofilms were not dark adapted before
commencement of the RLC, but the holder excluded ambient light during measurement.
Fluorescence yields were measured following a series of nine increasing pulses of irradiance
(0 umol m~2 s~! up to a maximum of 593 pmol m 2 s~ 1) separated by 20-s acclimation
intervals. Actual biofilm thickness was not quantified, but visual estimates suggested
0.6 mm to 1 mm under LL conditions and approximately 2 mm under HL conditions.

Slide-based PAM. After conducting an RLC on the intact biofilm, we removed the fiber
optics and sample holder of the PAM and, using square-tipped forceps and a flat miniature
spatula, scraped the entire biofilm under the fiber optics (~16 mm? area). This subsample
was placed on a glass cover slip and laminated as thinly (<0.2 mm thick) and evenly as
possible on a microscope slide. We took care that the cover slip was pressed flat on the slide.
The ensemble was inserted between the plastic leaf clip of the PAM fluorometer and the
fiber optic cable was firmly clamped 4 mm above the sample. RLCs were then generated
on an area of the laminated sample that had a minimum fluorescence (Fp) of approximately
300 fluorescence units in a manner similar to the conventional PAM.

2.2.2. Statistical Analysis

To assess bias, we compared estimates of ETR,;, E; and « for n = 43 paired intact-
biofilm and slide measurements by paired t-test (t.test function in R). To assess precision,
we first calculated SD and CV for each set of n = 4 replicate intact-biofilm or slide
measurements per each of the 11 samples (n = 3 for one sample because one replicate
pair was lost). We then compared the estimates of SD for ETR;, Ex and a between the
intact-biofilm and slide methods using paired t-tests. We focused our t-test comparisons on
SD rather than CV, because we assumed that the slide and intact-biofilm methods were both
estimating the same true parameter per sample; we used estimates of CV for more general
comparisons of precision across parameters because of the wide variation in parameter
magnitudes. For t-test comparisons, we assumed a threshold of p; < 0.05/3 = 0.02 for
statistical significance with Bonferroni correction for testing m = 3 parameters. We used the
uncorrected threshold of p; < 0.05 to indicate statistical trends. All simulations, statistics,
and figure generation were performed in R v. 3.6.2 [28].

3. Results
3.1. Theoretical Evaluation of Bias and Precision
3.1.1. Numerical Simulations: Bias

For the photosynthetically homogeneous biofilms and based on relative errors, we
observed an overestimation of ETR;; and Ey and slight underestimation of & with depth-
integration effects, particularly as biofilm thickness increased (Figure 1a and Figure S3a,b).
These biases tended to be exaggerated for the heterogeneous biofilms, particularly for Ej
and « (Figure 1b and Figure S3c). For the depth-dependent intact-biofilm method, bias was
predicted to be highest for estimates of Ej in heterogeneous communities and lowest for
estimates of & in homogeneous communities (Figure 2). Mean relative errors predicted for
ETRy,, Ex and a were 0.30, 0.37, and —0.05 across the homogeneous biofilms; and 0.40, 0.71,
and —0.14 across the heterogeneous biofilms.

In contrast, the depth-independent slide method was predicted to have no bias for
the homogeneous biofilms (see subsection Bias in Section 2.1.3) and only slight bias for
the heterogeneous biofilms (assuming representative subsampling of the biofilm). For
the slide-based depth-independent measurements of heterogeneous biofilms, our simula-
tions predicted that ETR;, would be relatively unbiased (mean relative error of —0.0086,
2% of the mean predicted relative error for depth-dependent measurements), while Ej
would be slightly underestimated and « slightly overrestimated (Ey, mean relative error
of —0.049, 7% of the mean predicted relative error for depth-dependent measurements;
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and «, mean relative error of 0.043, 30% of the mean predicted relative error for depth-
dependent measurements).
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Figure 1. Relative error in estimates of ETR;;, Ex and « for (a) a photophysiologically homogeneous
biofilm (LL) of varying thickness and light attenuation; and (b) a photophysiologically heterogeneous
biofilm (HL1LL) of varying thickness and light attenuation (see also Figure S3 for the HL1, HL2 and
HL2LL communities). True values for each parameter can be found in Table 1. Each community was
simulated over 15 biofilm thicknesses (range 0.01 mm to 4.51 mm) and 5 downwelling attenuation
coefficients (k;: 0.07 mm~1, solid; 0.5 mm~!, dashed; 1 mm~!, dotted; 5 mm~!, dotdash; and
16.9 mm™1, longdash). For the homogeneous communities (e.g., (a)), the slide method is assumed to
be completely unbiased. For the heterogeneous communities (e.g., (b)), however, the averaging of the
fluorescence yields from the upper HL and lower LL layers results in slight bias in the slide-based
estimates (indicated in (b), solid gray).

In the depth-dependent intact-biofilm simulations, for each modeled downwelling
attenuation coefficient, the magnitude of the bias increased with thickness until some
maximum value was reached. The exact relationship was k-dependent (see e.g., Figure 3a)
and maximum bias was reached at a critical depth, or depth zero (zp), below which the
surface irradiance decayed to approximately 0 (see Figure S4). Beyond this critical depth,
the predicted over/underestimation was asymptotic (i.e., beyond a certain thickness, the
photophysiological estimates did not change). For thinner biofilms (e.g., <0.14 mm thick,
zg for k; = 16.9 mm™1; Figure 1), the magnitude of the bias increased with k;. For thicker
biofilms (e.g., >33 mm thick, zq for k; = 0.07 mm~L; Figure 1), the magnitude of the bias
decreased with k.

The predicted maximum bias was a function of the fluorescence profiles of the sim-
ulated biofilm and the downwelling attenuation coefficient. Specifically, as k; increased,
the magnitude of the maximum bias decreased (Figure S5). These outcomes followed
from the exponential decay of surface irradiance through a biofilm (see e.g., Figure 3b):
as k; became large, the irradiance decayed more rapidly, such that lower layers of the
biofilm were no longer illuminated and activated. For example, in Figure 3b, when the
attenuation coefficient was very large (e.g., 16.9 mm™!), the irradiance decayed to near 0
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within the top 0.2 mm, such that estimates of ETR;,;, Ex and « did not change substantially
for biofilms thicker than 0.2 mm (for k; = 16.9 mm~!; Figure 1). We can also consider
the effective biofilm thickness for a given k;—this thickness is the same as zp and reflects

the depth of the biofilm that is actually illuminated and photosynthetically activated (see
Figures S4 and 56).
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Figure 2. Boxplots of relative error for estimates of ETRy;, Ex and « in the three photosynthetically
homogeneous biofilms (LL, HL1, HL2) and the two photosynthetically heterogeneous biofilms
(HL1LL, HL2LL). For HL1LL and HL2LL, bias predicted for the intact-biofilm method is indicated
by the first boxplot (outlined in black); the second boxplot (outlined in gray and here just a thick bar)
indicates the bias predicted for the slide method. The box-and-whiskers indicate the medians (central
bar), first and third quartiles (box boundaries), and lower and upper extremes (“whiskers”) for each
group; outliers are plotted as open circles.
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Figure 3. In (a), over/underestimation of the photophysiological parameters depends on both biofilm thickness (z;ax)
and the attenuation coefficients (k; and k,). Here, the relative error in ETR,;, (i.e., depth-integrated estimate relative to
the true depth-independent value) is plotted against the exponential of —zuxky. (Plot symbols indicate the downwelling
attenuation coefficient (k;): 0.07 mm~1, squares; 0.5 mm™?, circles; 1 mm~1, triangles; 5 mm™!, crosses; and 16.9 mm !,
diamonds. The upwelling coefficient k,, was scaled relative to k; following Serodio [4]: ky, = k;(53.5/16.9). The relationship
was stronger for ky, as opposed to kg, hence k;, is plotted here.) As the product of thickness and attenuation becomes large,
the exponent becomes small and the relative error becomes large. In (b), the exponential decay of a surface irradiance
of 500 umol m~2 s~! through a 0.5 mm biofilm for various values of k;. The steepness of the decay increases with the
attenuation coefficient k;. For each k;, we can consider a critical depth or effective thickness (zp), at which the surface
irradiance is essentially 0. For k; = 16.9 mm ™!, for example, the critical depth is approximately 0.13 mm. This would also
be the effective biofilm thickness, i.e., the depth of the biofilm actually illuminated and photosynthetically activated.
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3.1.2. Numerical Simulations: Precision

Our simulations of the depth-dependent intact-biofilm method suggested that pre-
cision varied with biofilm thickness and attenuation (Figure 4 and Figure S7). More
specifically, for a given attenuation coefficient k,, the CV first increased and then decreased
as the biofilm thickened. Typically, the maximum CV occurred around 0.33 x zg (not
shown). Across k;, mean precision tended to be higher for very small attenuation coeffi-
cients (e.g., k; = 0.07 mm~!)—where the rate-of-change in parameter bias was slower with
thickness (e.g., compare initial regions of the curves in Figure 1 and Figure S3)—and for
very large attenuation coefficients (e.g., k; > 5 mm~!)—where the rapid attenuation of
light resulted in only the uppermost layers of the biofilm being activated and contributing
to the depth integration effects (see e.g., Figure S8).

Precision tended to be highest for the estimates of «, particularly for the homogeneous
biofilms, and lowest for the estimates of Ej (Figure 5). For the homogeneous biofilms, mean
CVswere 0.029, 0.035 and 0.007 for ET Ry, Ex and a, respectively; and for the heterogeneous
biofilms, mean CVs were 0.029, 0.049 and 0.023 for ETR;;, Ex and «, respectively.

The maximum predicted CV tended to be highest for the depth-independent slide
method (Figure 5). This pattern was particularly true for the estimates of E; and a—very
poor subsampling of the simulated heterogeneous biofilms resulted in CVs up to 0.22 for
ETR,, 0.46 for Ey, and 0.29 for « (1.5%, 1.8 x and 1.6 x maximum predicted CVs in the
depth-dependent simulations).
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Figure 4. Coefficient of variation for estimates of ETR;;, E; and & in (a) a photophysiologically
homogeneous biofilm (LL) of varying thickness and light attenuation; and (b) a photophysiologically
heterogeneous biofilm (HL1LL) of varying thickness and light attenuation (see also Figure S7 for the
HL1, HL2 and HL2LL communities). Each community was simulated over 15 biofilm thicknesses
(range 0.01 mm to 4.51 mm) and 5 downwelling attenuation coefficients (k;: 0.07 mm ™1, solid;
0.5 mm~!, dashed; 1 mm~1, dotted; 5 mm ™!, dotdash; and 16.9 mm 1, longdash). For the homoge-
neous communities (e.g., (a)) the slide method is assumed to have a CV of 0. For the heterogeneous
communities (e.g., (b)), however, improper subsampling results in imprecision (indicated in (b), solid
gray). (Note, the lines plotted were smoothed by LOESS using the loess function in R.)
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Figure 5. Boxplots of the coefficient of variation (CV) for estimates of ETR;;, E; and a in the
three photosynthetically homogeneous biofilms (LL, HL1, HL2) and the two photosynthetically
heterogeneous biofilms (HL1LL, HL2LL). For HL1LL and HL2LL, precision predicted for the intact-
biofilm method is indicated by the first boxplot (outlined in black); the second boxplot (outlined
in gray and here just a thick bar) indicates the maximum CV (minimum precision) predicted for
the slide method. The box-and-whiskers indicate the medians (central bar), first and third quartiles
(box boundaries), and lower and upper extremes (“whiskers”) for each group; outliers are plotted as
open circles.

3.2. Empirical Evaluation of Bias and Precision
3.2.1. Intact-Biofilm-Method vs. Slide-Method: Bias

Parameter estimates were compared between paired intact-biofilm (depth-dependent)
and slide-based (depth-independent) measurements (Figure 6). Intact-biofilm-based esti-
mates of ETR,;, were greater than slide-based estimates of ETR,, for 39 out of 43 paired
samples (91%, tsp = 6.90, p < 0.001; Figure 6a). For E, intact-biofilm-based estimates
were greater than slide-based estimates for 31 out of 43 paired samples (79%, t4p = 5.06,
p < 0.001; Figure 6b). For «, intact-biofilm-based estimates were less than slide-based esti-
mates for 14 out of 43 paired samples (33%, ts, =-2.73, p < 0.009; Figure 6c). If we assume
the slide-based estimates to be true, then mean relative errors in the intact-biofilm-based
estimates are 0.52 (range —0.17 to 2.48) for ETR;;; 0.43 (range —0.32 to 2.47) for E; and
0.09 (range —0.30 to 0.56) for «.
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Figure 6. Comparisons of (a) ETR;;, (b) Ex and (c) « as estimated using the conventional intact-biofilm method (i.e., depth-

dependent) and the novel slide method (i.e., depth-independent). In each subfigure, the intact-biofilm-based estimate is

plotted relative to its paired slide-based estimate. The solid black line indicates the 1:1 relationship: points falling above and

to the left of the line are overestimated by the intact-biofilm method and points falling below and to the right of the line are

underestimated by the intact-biofilm method (relative to the slide method). Relative error (RE) for the intact-biofilm-based

estimates are also indicated assuming the slide-based estimates to be true: the dashed black line indicates RE = 1 and the
dotted black line indicates RE = 2.
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3.2.2. Intact-Biofilm-Method vs. Slide-Method: Precision

In comparisons of precision, the slide method was significantly more precise than the
intact-biofilm method for ETR,; (SD comparison: t1g = 3.24, p = 0.009; Figure 7); whereas
the intact-biofilm method tended to be more precise than the slide method in estimating a
(SD comparison: tjg = —2.45, p = 0.034). Both methods were equally precise in estimating
Ej (SD comparison: t19p = 1.66, p = 0.128). For both methods, precision was generally
higher for estimates of a (mean CV = 0.11) than for estimates of ETR,, and Ej; (mean
CVs = 0.20 and 0.22; see also Figure 7).
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Figure 7. Boxplots of the coefficient of variation in estimates of ETR;,;, E; and « for the slide
(unshaded) and intact-biofilm (shaded) methods. The CV was estimated from n = 4 replicate
measurements per method per sample (11 samples total). The box-and-whiskers indicate the medians
(central bar), first and third quartiles (box boundaries), and lower and upper extremes (“whiskers”)
for each group; outliers are plotted as open circles.

4. Discussion

Serodio [4] and others [5-7] demonstrated numerically and experimentally that
fluorescence-based estimates of ETR;, and E; tended to be overestimated (substantially)
and « underestimated (minorly) for measurements conducted on intact sediment biofilms
as opposed to suspended or thin-film algae. The inaccuracies in the intact samples were
induced by depth integration effects resulting from vertical attenuation of both the measur-
ing and actinic light and the fluorescence signal. Here, we extended the work of Serddio [4]
by exploring the impacts of depth integration on biofilms of varying thickness and compo-
sition (e.g., photophysiologically heterogeneous as opposed to homogeneous). The primary
motivation was to make theoretical predictions of bias and precision for the conventional
intact biofilm (depth-dependent) method and a novel slide-based (depth-independent)
method. These theoretical predictions were supported by experimental observations from
paired intact-biofilm and slide measurements.

Our numerical simulations of bias predicted that the intact-biofilm method would
overestimate ETR,;, and Ex—and slightly underestimate a—because of depth-integration
effects; whereas, the slide-based method should be relatively unbiased (assuming represen-
tative subsampling). Similarly, through empirical observation, we observed that ETR,, and
Ej were consistently higher for the intact-biofilm-based measurements relative to paired
slide-based measurements. Estimates of a, however, tended to be higher rather than lower
for the intact-biofilm measurements. Our numerical simulations of precision suggested
that the slide-based method should be more precise for homogeneous biofilms, but po-
tentially less precise for heterogeneous biofilms because of the potential for subsampling
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error—particularly for Ex and «. More generally, these simulations predicted that precision
(regardless of measurement technique) would be highest for estimates of « and lowest for
estimates of E;. These predictions were somewhat matched by our empirical observations
of precision. Specifically, we found precision to be highest for estimates of a—particularly
when using the intact-biofilm method. Precision was typically lower for estimates of ETR,,
and E;. For ETR,;, however, the slide method demonstrated more precision than the
intact-biofilm method.

Our study demonstrates that the technique of taking a vertically representative biofilm
subsample and pressing it into a thin layer prior to fluorescence measurements (i.e., slide-
based method) offers substantial reduction in error, albeit some potential loss in precision,
in comparison to the conventional practice of taking fluorescence measurements directly
on intact biofilms. Even fairly thin biofilms (e.g., <1 mm thick) are subject to relative errors
up to 80% for ETR;, and 140% for Ei, depending on k;, for measurements made on the
intact biofilm. In contrast, the proposed slide-based method, though somewhat destructive,
requires only a small subsample, is easy to implement in the field, and eliminates much of
the error incurred from depth-integration effects on intact biofilms.

4.1. Bias

Several previous studies have reported the overestimation of key photophysiological
parameters for photosynthesizing samples with depth or optical density [4-7]. Our simula-
tions are consistent with these observations and provide additional insights into potential
biases. Namely, our simulations demonstrate that (1) the magnitude of the bias is k and
z-dependent and (2) the potential bias is even greater for photosynthetically heterogeneous
samples. For the former, we observed that, for a given k;, the bias increased asymptotically
with sample thickness. Bias was greatest in thick biofilms and had an inverse relationship
with k;. For the latter, this is consistent with simulations by Serddio [4] for different vertical
distributions of microalgae in the sediment: when microalgae were concentrated near the
surface, bias in ETR,, and Ej increased.

The slide-based technique was also subject to bias: from both the averaging of the
fluorescence yields in heterogeneous samples (intrinsic) and from disproportionate sub-
sampling. Error introduced from averaging effects is expected to be minimal (e.g., mean
relative error for ETR;; was —0.0086 in the slide-based simulations, only 2% of the mean
predicted relative error for the depth-dependent simulations). The potential for error
because of poor subsampling, however, was more substantial, but still remained less than
the potential for error induced by depth-integration effects (e.g., the maximum relative
error predicted for ETR,, from poor subsampling was 0.25, whereas the maximum relative
error predicted for ETR,, from depth-integration effects was 0.88).

With respect to bias, the slide-based technique outperforms the conventional method
for samples with depth. The slide-based technique should particularly be preferred for
samples that are suspected of being heterogeneous and are thick with the potential to
have small attenuation coefficients. Our empirical data supported our simulations. Intact-
biofilm-based estimates of ETR;;, and E; were higher than 91% and 79% of the paired
slide based estimates. Furthermore, treating the slide-based estimate as true, intact-biofilm
estimates of ETR,, and E; had mean relative errors of 0.52 and 0.43.

4.2. Precision

To our knowledge, no previous studies have addressed the impacts of depth integra-
tion on precision of PAM-derived photophysiological measurements in microalgal biofilms.
Our simulations suggested only modest effects of depth-integration on precision with
mean CVs less than 0.1, and a maximum of 0.26 (for Ey) across all simulations. Replicate
variability tended to be highest for k; greater than 0.7 mm ™! and less than 5 mm~!. Repli-
cate variability was lower for very small k; because the rate-of-change in parameter bias
was slower; and lower for very large k; because light was more rapidly attenuated and
only the uppermost layers of the biofilm were becoming activated.
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In contrast, the potential for subsampling error resulted in mean CVs greater than
0.1 and a maximum of 0.46 (also for Ey) in our simulations of the slide-based technique.
Nonetheless, our empirical observations suggested a slight improvement in precision for
the slide-based technique. Observed precision was equivalent between the two techniques
for Ey and significantly higher with the slide-technique for measurement of ETR;,. Specifi-
cally, the CV for ETR,, was reduced by 30% when using the slide method in comparison to
the intact-biofilm method. For g, the intact-biofilm method was more precise (e.g., CV for
« was increased by 100% when using the slide method in comparison to the intact-biofilm
method). Our observations suggest, however, that the interpretation of « is problematic.

4.3. The Problem with «

In terms of bias induced by depth integration, our simulated predictions were con-
sistent with our empirical observations for estimates of ETR;, and Ex. For example, our
original simulations found that ETR,, and Ej were overestimated in 98% and 95% of the 75
simulations per modeled biofilm. Similarly, our empirical data resulted in higher estimates
for ETR,;, and Ej in 91% and 79% of 43 intact-biofilm-based measurements compared to
paired slide-based measurements. We additionally applied our depth-integration simu-
lation (i.e., 75 combinations of k;, ranging from 0.07 mm~! to 16.9 mm !, and biofilm
thicknesses, ranging from 0.01 mm to 4.51 mm) to the 43 empirical slide-based fluores-
cence profiles. These simulations predicted a 100% overestimation of ETR,; and Ej from
depth-integration effects on the “true” slide-based measurements.

In contrast, simulation and empirical observation were inconsistent for estimates of
«. Our original simulations resulted in the underestimation of « for 90% of the modeled
scenarios, whereas & was lower in only 33% of the slide-based measurements compared
to paired intact-biofilm measurements. Further, when we applied the depth integration
simulations to the empirical slide-based fluorescence profiles, « was underestimated for 77%
of the modeled scenarios. For some of these empirical profiles, the predicted over/under-
estimation of « varied with k; and biofilm thickness (Figure S9c).

Because « is equivalent to ETR;;/Ey, whether & becomes over or underestimated
with depth-integration depends on the relative change in ETR,, and Ej: i.e., the ratio
Rgrr = ETR,, 3/ ETRy, versus the ratio Rgy = Eky, 3/ ETRy,. When Rgrr/Rge = 1, ais
unaffected by depth integration. When Rgrr/Rpx > 1 (i.e., ETRy; is overestimated more),
then a will be overestimated. When Rerr/Rgr < 1 (i.e., Ey is overestimated more), then
« will be underestimated. For the empirical data, the comparison of Rgrr and Ry (e.g.,
where Rerr = ETRy(intact—bviofitm) / ET Rin(stiae)) accurately predicted whether « would be
higher or lower in the intact-biofilm-based measurements compared to the slide-based
measurements (Figure 8a,b). There appeared to be some predictability in the direction of
bias for «. A comparison of Ra = & (jusact—piofitm)/ %(slide) to the “true” depth-independent
values (i.e., slide-based) from our empirical observations revealed a significant negative
relationship (r = —0.76, p < 0.001, Figure 8c; although note, that the correlation was
weaker, r = —0.59, if the simulated data were also considered (not shown)).

The parameter « represents the maximal increase in ¥ ETR per change in irradiance and
provides a measure of photosynthetic efficiency [1,3,29]. When « is large, *ETR increases
rapidly at low irradiance—a characteristic often observed in low-light adapted plants and
algae, which tend to optimize light harvesting capacity at lower irradiances (e.g., [3,30,31]).
The initial RLC slope or « is also one of two key parameters constraining photosynthesis:
(1) the ability to increase photosynthesis when light is the limiting factor (i.e., #) and the
maximal capacity to photosynthesize when light is unlimited (ETR;,) (e.g., [29]). The
demonstrable variability in « in both simulations and observations, however, warrants
caution, both in its interpretation and use for estimating primary productivity under
light-limiting conditions.

Our observations suggest that this parameter may be particularly unreliable for sam-
ples with depth because it can be sometimes overestimated and sometimes underestimated—
primarily depending on the relative bias in ETR,; and Ej. Others have urged caution as
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well in interpreting «. Both Jassby and Platt [19] and Ralph and Gademann [3], for exam-
ple, observed that « was susceptible to underestimation if the sampling frequency was
too low in the light-limiting region of P-E and rETR-E curves. Estimation of a appears
also to be particularly susceptible to choice of model for curve fitting [19,32,33]. As an
additional check, we estimated « by simple linear regression (Im function in R) over the
linear portion of the rETR-E curve (specifically, we used the first four data points, with
typical maximum irradiance of 95 pumol m~2 s~ or less). We obtained the linear estimates
of & on all 86 empirical RLCs and all simulated (depth-integrated) RLCs. The two model
estimates of & were strongly correlated (r = 0.97, p < 0.001). The hyperbolic tangent model
typically yielded a higher estimate of & (mean relative error of 9% with respect to the linear
model; Figure S10a). In comparisons of bias (i.e., depth-dependent estimates relative to
depth-independent estimates, across all empirical and simulated data) between the two
model estimates of «, the models were again highly correlated (r = 0.79, p < 0.001), albeit
with the hyperbolic tangent model tending to underestimate and the linear model tending
to overestimate the “true” slope (mean relative errors of —0.024 and 0.045; Figure S10b).

3.5 o o o
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Figure 8. The over or underestimation of « with depth integration corresponds to the relative changes in ETR,; and
Ej with depth integration. In (a), we plot the depth-dependent (intact-biofilm) estimate for ETR,, relative to its paired
depth-independent (slide) estimate against the same for Ej. The dotted line indicates the 1:1 change. Above and to the left
of this line, ETR,, is overestimated more than Ej because of depth integration effects and a will therefore be overestimated.
Below and to the right of the dotted line, Ey is overestimated more than ETR,, because of depth-integration effects and «
will therefore be underestimated. In (b), we plot the depth-dependent (intact-biofilm) estimate for « relative to its paired
depth-independent (slide) estimate against the ratio of the relative change in ETR;, to the relative change in E;. The
horizontal and vertical dotted lines divide the figure into quadrants indicating over or underestimation: samples in the top
right quadrant were observed to have higher estimates of x with the intact-biofilm method (as expected because ETR,; was
overestimated more than E;); samples in the bottom left quadrant were observed to have lower estimates of a with the
intact-biofilm method (as expected because E; was overestimated more than ETR;;). In (c), we plot the depth-dependent
(intact-biofilm) estimate for « relative to its paired depth-independent (slide) estimate against the depth-independent (slide)
estimate for a. The solid horizontal line indicates the 1:1 relationship: above this line, the estimate for « is higher in the
intact-biofilm method, and below this line, the estimate for « is lower in the intact-biofilm method.

5. Conclusions

We recommend the slide method as a technique to minimize depth integration effects
and reduce bias in estimates of key photophysiological parameters when using PAM
fluorometry. While there are currently other techniques to compensate for depth integration
error [4,6,15,16], many of these require complicated setups and can only be performed in
the lab. In contrast, the slide method is relatively simple and easily implemented, even in
the field. This technique additionally offers increased precision in the estimate of ETRy;.
A caveat, however, is that subsampling errors can result in imprecision for E; and « and
introduce bias. Given the risk of subsampling error, it is worth considering the character
of the substrate to be sampled—substrates that are heterogeneous or thick with small
attenuation coefficients are more prone to larger depth-integration error, and thus, are
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Consalvey, M.; Perkins, R.G.; Paterson, D.M.; Underwood, G.J.C. PAM Fluorescence: A Beginners Guide For Benthic Diatomists.
Diatom Res. 2005, 20, 1-22. [CrossRef]


https://www.mdpi.com/article/10.3390/w13111464/s1
https://www.mdpi.com/article/10.3390/w13111464/s1
http://doi.org/10.1080/0269249X.2005.9705619

Water 2021, 13, 1464 19 of 20

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.
21.

22.

23.

24.

25.

26.

27.

28.

29.
30.

31.

Ralph, PJ.; Gademann, R. Rapid light curves: A powerful tool to assess photosynthetic activity. Aquat. Bot. 2005, 82, 222-237.
[CrossRef]

Serddio, J. Analysis of variable chlorophyll fluorescence in microphytobenthos assemblages: Implications of the use of depth-
integrated measurements. Aquat. Microb. Ecol. 2004, 36, 137-152. [CrossRef]

Forster, R-M.; Kromkamp, J.C. Modelling the effects of chlorophyll fluorescence from subsurface layers on photosynthetic
efficiency measurements in microphytobenthic algae. Mar. Ecol. Prog. Ser. 2004, 284, 9-22. [CrossRef]

Vieira, S.; Ribeiro, L.; Jesus, B.; Cartaxana, P.; Marques da Silva, J. Photosynthesis Assessment in Microphytobenthos Using
Conventional and Imaging Pulse Amplitude Modulation Fluorometry. Photochem. Photobiol. 2013, 89, 97-102. [CrossRef]
[PubMed]

Lichtenberg, M.; Trampe, E.C.L.; Vogelmann, T.C.; Kiihl, M. Light Sheet Microscopy Imaging of Light Absorption and Photosyn-
thesis Distribution in Plant Tissue. Plant Physiol. 2017, 175, 721-733. [CrossRef]

Johnson, R.E.; Tuchman, N.C.; Peterson, C.G. Changes in the Vertical Microdistribution of Diatoms within a Developing
Periphyton Mat. . N. Am. Benthol. Soc. 1997, 16, 503-519. [CrossRef]

Dodds, WK_; Biggs, B.J.F.; Lowe, R.L. Photosynthesis-irradiance patterns in benthic microalgae: Variations as a function of
assemblage thickness and community structure. J. Phycol. 1999, 35, 42-53. [CrossRef]

Barranguet, C.; van den Ende, EP.,; Rutgers, M.; Breure, A.M.; Greijdanus, M.; Sinke, J.J.; Admiraal, W. Copper-induced
modifications of the trophic relations in riverine algal-bacterial biofilms. Environ. Toxicol. Chem. 2003, 22, 1340-1349. [CrossRef]
Corcoll, N.; Bonet, B.; Leira, M.; Guasch, H. Chl-a fluorescence parameters as biomarkers of metal toxicity in fluvial biofilms: An
experimental study. Hydrobiologia 2011, 673, 119-136. [CrossRef]

Tiam, S.K.; Laviale, M.; Feurtet-Mazel, A.; Jan, G.; Gonzalez, P.; Mazzella, N.; Morin, S. Herbicide toxicity on river biofilms
assessed by pulse amplitude modulated (PAM) fluorometry. Aquat. Toxicol. 2015, 165, 160-171. [CrossRef] [PubMed]

Whorley, S.B.; Francoeur, S.N. Active fluorometry improves nutrient-diffusing substrata bioassay. Freshw. Sci. 2013, 32, 108-115.
[CrossRef]

Bouma-Gregson, K.; Power, M.E.; Furey, P.C.; Huckins, C.J.; Vadeboncoeur, Y. Taxon-specific photosynthetic responses of attached
algal assemblages to experimental translocation between river habitats. Freshw. Sci. 2021, 40, 175-190. [CrossRef]

Schreiber, U.; Kiihl, M.; Klimant, I.; Reising, H. Measurement of chlorophyll fluorescence within leaves using a modified PAM
Fluorometer with a fiber-optic microprobe. Photosynth. Res. 1996, 47, 103-109. [CrossRef] [PubMed]

Lichtenberg, M.; Larkum, A.W.D.; Kiihl, M. Photosynthetic Acclimation of Symbiodinium in hospite Depends on Vertical Position
in the Tissue of the Scleractinian Coral Montastrea curta. Front. Microbiol. 2016, 7, 230. [CrossRef] [PubMed]

Oxborough, K.; Hanlon, A.RM.; Underwood, G.J.C.; Baker, N.R. In vivo estimation of the photosystem II photochemical
efficiency of individual microphytobenthic cells using high-resolution imaging of chlorophyll a fluorescence. Limnol. Oceanogr.
2000, 45, 1420-1425. [CrossRef]

Jorgensen, B.B.; Des Marais, D.]. Optical properties of benthic photosynthetic communities: Fiber-optic studies of cyanobacterial
mats. Limnol. Oceanogr. 1988, 33, 99-113. [CrossRef]

Jassby, A.D.; Platt, T. Mathematical formulation of the relationship between photosynthesis and light for phytoplankton. Limnol.
Oceanogr. 1976, 21, 540-547. [CrossRef]

Webb, W.L.; Newton, M.; Starr, D. Carbon dioxide exchange of Alnus rubra. Oecologia 1974, 17, 281-291. [CrossRef]

Platt, T.; Gallegos, C.L.; Harrison, W.G. Photoinhibition of photosynthesis in natural assemblages of marine phytoplankton. J.
Mar. Res. 1980, 38, 687-701.

Krause-Jensen, D.; Sand-Jensen, K. Light attenuation and photosynthesis of aquatic plant communities. Limmnol. Oceanogr. 1998,
43,396-407. [CrossRef]

Li, T.; Piltz, B.; Podola, B.; Dron, A.; de Beer, D.; Melkonian, M. Microscale profiling of photosynthesis-related variables in a
highly productive biofilm photobioreactor. Biotechnol. Bioeng. 2016, 113, 1046-1055. [CrossRef]

Irving, T.E.; Allen, D.G. Species and material considerations in the formation and development of microalgal biofilms. Appl. Mi-
crobiol. Biotechnol. 2011, 92, 283-294. [CrossRef] [PubMed]

Latham, M.; Brown, D.S.; Nietch, C.T. Experimental Stream Facility: Design and Research; Technical Report EPA/600/F-11/004;
U.S. Environmental Protection Agency: Washington, DC, USA, 2011.

Nietch, C.T.; Quinlan, E.L.; Lazorchak, ].M.; Impellitteri, C.A.; Raikow, D.; Walters, D. Effects of a chronic lower range of triclosan
exposure on a stream mesocosm community. Environ. Toxicol. Chem. 2013, 32, 2874-2887. [CrossRef] [PubMed]

Taulbee, W.K.; Nietch, C.T.; Brown, D.; Ramakrishnan, B.; Tompkins, M.]. Ecosystem Consequences of Contrasting Flow Regimes
in an Urban Effects Stream Mesocosm Study. J. Am. Water Resour. Assoc. 2009, 45, 907-927. [CrossRef]

R Core Team. R: A Language and Environment for Statistical Computing; R Foundation for Statistical Computing: Vienna,
Austria, 2019.

Blackman, FF. Optima and limiting factors. Ann. Bot. 1905, 19, 281-295. [CrossRef]

Perry, M.].; Talbot, M.C.; Alberte, R.S. Photoadaption in marine phytoplankton: Response of the photosynthetic unit. Mar. Biol.
1981, 62,91-101. [CrossRef]

Roberts, S.; Sabater, S.; Beardall, J. Benthic microalgal colonization in streams of differing riparian cover and light availability.
J. Phycol. 2004, 40, 1004-1012. [CrossRef]


http://dx.doi.org/10.1016/j.aquabot.2005.02.006
http://dx.doi.org/10.3354/ame036137
http://dx.doi.org/10.3354/meps284009
http://dx.doi.org/10.1111/j.1751-1097.2012.01224.x
http://www.ncbi.nlm.nih.gov/pubmed/22891982
http://dx.doi.org/10.1104/pp.17.00820
http://dx.doi.org/10.2307/1468140
http://dx.doi.org/10.1046/j.1529-8817.1999.3510042.x
http://dx.doi.org/10.1002/etc.5620220622
http://dx.doi.org/10.1007/s10750-011-0763-8
http://dx.doi.org/10.1016/j.aquatox.2015.05.001
http://www.ncbi.nlm.nih.gov/pubmed/26046334
http://dx.doi.org/10.1899/11-178.1
http://dx.doi.org/10.1086/713095
http://dx.doi.org/10.1007/BF00017758
http://www.ncbi.nlm.nih.gov/pubmed/24301712
http://dx.doi.org/10.3389/fmicb.2016.00230
http://www.ncbi.nlm.nih.gov/pubmed/26955372
http://dx.doi.org/10.4319/lo.2000.45.6.1420
http://dx.doi.org/10.4319/lo.1988.33.1.0099
http://dx.doi.org/10.4319/lo.1976.21.4.0540
http://dx.doi.org/10.1007/BF00345747
http://dx.doi.org/10.4319/lo.1998.43.3.0396
http://dx.doi.org/10.1002/bit.25867
http://dx.doi.org/10.1007/s00253-011-3341-0
http://www.ncbi.nlm.nih.gov/pubmed/21655988
http://dx.doi.org/10.1002/etc.2385
http://www.ncbi.nlm.nih.gov/pubmed/24038532
http://dx.doi.org/10.1111/j.1752-1688.2009.00336.x
http://dx.doi.org/10.1093/oxfordjournals.aob.a089000
http://dx.doi.org/10.1007/BF00388170
http://dx.doi.org/10.1111/j.1529-8817.2004.03333.x

Water 2021, 13, 1464 20 of 20

32. Peterson, D.H.; Perry, M.].; Bencala, K.E.; Talbot, M.C. Phytoplankton productivity in relation to light intensity: A simple equation.

Estuar. Coast. Shelf Sci. 1987, 24, 813-832. [CrossRef]
33. Frenette, ].J.; Demers, S.; Legendre, L.; Dodson, J. Lack of agreement among models for estimating the photosynthetic parameters.

Limnol. Oceanogr. 1993, 38, 679-687. [CrossRef]


http://dx.doi.org/10.1016/0272-7714(87)90154-5
http://dx.doi.org/10.4319/lo.1993.38.3.0679

	Introduction
	Materials and Methods
	Theoretical Evaluation of Bias and Precision
	The Model
	Generation of Synthetic Data
	Numerical Simulations for Bias and Precision

	Empirical Evaluation of Bias and Precision
	Data Collection
	Statistical Analysis


	Results
	Theoretical Evaluation of Bias and Precision
	Numerical Simulations: Bias
	Numerical Simulations: Precision

	Empirical Evaluation of Bias and Precision
	Intact-Biofilm-Method vs. Slide-Method: Bias
	Intact-Biofilm-Method vs. Slide-Method: Precision


	Discussion
	Bias
	Precision
	The Problem with 

	Conclusions
	References

