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Abstract: The Aconcagua river basin (Chile, 32 ◦S) has suffered the effects of the megadrought
over the last decade. The severe snowfall deficiency drastically modified the water supply to the
catchment headwaters. Despite the recognized snowmelt contribution to the basin, an unknown
streamflow buffering effect is produced by glacial, periglacial and groundwater inputs, especially
in dry periods. Hence, each type of water source was characterized and quantified for each season,
through the combination of stable isotope and ionic analyses as natural water tracers. The δ18O and
electric conductivity were identified as the key parameters for the differentiation of each water source.
The use of these parameters in the stable isotope mixing “simmr” model revealed that snowmelt
input accounted 52% in spring and only 22–36% during the rest of the year in the headwaters.
While glacial supply contributed up to 34%, both groundwater and periglacial exhibited a remarkable
contribution around 20% with some seasonal variations. Downstream, glacial contribution averaged
15–20%, groundwater seasonally increased up to 46%, and periglacial input was surprisingly high
(i.e., 14–21%). The different water sources contribution quantification over time for the Aconcagua
River reported in this work provides key information for water security in this territory.

Keywords: stable isotopes; water sources; natural tracers; glaciers; rock glaciers; groundwater; snow;
Central Andes

1. Introduction

Chile is among the most vulnerable countries to climate change [1]. Changing climatic conditions
have already been observed in Central Chile, with significant increases in mean temperature and
decreases in mean precipitation [2–5]. The propagation of this meteorological drought through the water
cycle has resulted in severe decreases in streamflow (and thus water availability) over Central Chile
since 2010 and has been called the “Megadrought” [6]. This extraordinary event occurred in the hottest
decade of the last 100 years and would seem to have no analogy in the last millennium, according to
precipitation and streamflow reconstructions in the area [6,7]. Long-term climate projections also do
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not present an encouraging picture for this region of the Andes, as they indicate a warming trend and
a greater recurrence of droughts in the coming decades [8–10].

The Valparaíso region (Central Chile), the second most populated region of Chile [11], exhibits the
largest amount of over-allocated aquifers in the country (n = 28) and presents an unbalanced relationship
between water supply (40.7 m3 s−1) and water demand (55.5 m3 s−1). This annual deficit is projected
to reach 37.6 m3 s−1 in 2026 [12], and the Aconcagua river basin could experience water scarcity in
34% of years moving forward if agricultural water demand remains constant, and future discharge is
similar to historical [13], concerning a present and future territorial development limitation. As the
main river in this region, the Aconcagua river (Figure 1) with 33.1 m3 s−1 of annual flow [14] supplies
the second most productive valley of the country [15] and provides freshwater for more than 1 million
inhabitants considering the water intake for the Valparaíso metropolitan area supply [11]. The main
hydrological system water recharge [16] has a clearly nivo-glacial origin, but it is strongly influenced
by high interannual variability of Andean winter snowfall, ranging from 5% to 250% of the annual
historical average [17,18]. Even when the main water source corresponds to snowmelt (i.e., in normal
to abundant snow load years), this interannual variability rises the necessity to analyze different water
source contribution in addition to snow (e.g., groundwater, glacial and periglacial) that provide basal
flow in dry periods.
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Figure 1. Study area digital elevation model, sampling sites and ice bodies. A, B and C refer to the
sub-basins outlet location considered in the “simmr” model analysis.

The socio-economic development and subsistence of the region is strongly linked to the meltwater
from the Andes, which also includes the buffering effect of glaciers in dry periods [19,20]. However,
this information has not been estimated in this basin yet for other water sources than snowmelt. In its
7340 km2 [16], the basin contains 717 ice bodies covering 136 km2, which are distributed over the
869 km2 of the uppermost catchment area and play a vital role as buffers against droughts in dry
years [21]. As was proposed by Peña and Nazarala [22] for the whole Central Andes, this cryoforms
contribute to approximately 67% of the total summer flow. The glacial melt streamflow buffer effect
limits the drought, so droughts in the Central Andes do not reach more critical situations [19,20].
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However, as a result of reduced rainfall and increased temperatures at high elevations, a widespread
retreat of glaciers has been reported in the region [19,23–26]. In the Aconcagua River Basin, a glacial area
reduction of 30 km2 was observed along the period 1955–2003, with small glaciers being proportionally
the most affected [27]. Predictions have shown that the Juncal Norte glacier could lose up to 70% of its
area by the end of the 21st century [28]. It is estimated that these processes of negative variations in
fronts and areas experienced in glaciers of the central Andes are largely due to the elevation of the 0 ◦C
isotherm in the region [4].

The study of water stable isotopes constitutes a baseline for determining the origin of plant and
animal tissues that incorporate this water in a constitutive form, (i.e., when the tissue is formed).
This information was also spatially displayed through a set of isoscapes and electric conductivity
maps, which serve as a baseline for the spatial characterization of water sources and water delivery
opportunities by each water source. Using this information, it will be possible to determine the origin
of tissues such as feathers, hairs or seeds, becoming possible to infer dietary habits and migratory
patterns, with high applicability for social, geographic, ecological and forensic studies [29–31].

Differences in glacio-genesis features and melting conditions provide distinct air and sediment
contact times of each water source and thus different chemical characteristics in terms of ionic and stable
isotope water composition [20,32]. This specific chemical composition could allow the identification
of every water source and the quantification of their input contribution for each season. The electric
conductivity and 18O composition were successfully used in the Bhagirathi River (Himalayas) to
trace water from ice, snow and rainwater [33]. In the Garonne Valley (France), Lambs et al. also
identified runoff water from high altitudes using stable oxygen isotope and electric conductivity [34].
Pu et al., using only 18O composition from different water sources in the Baishui River catchment
(China), built a hydrograph separation between rain and melt water contributions to the river,
without distinction between snow, groundwater and ice melting contributions [35]. In the Mendoza
River basin (Central Andes, Argentina), Crespo et al., found clear differences in ionic and stable isotope
chemistry between the main mountain ranges of the catchment basin related to different precipitation
systems (Pacific and Atlantic moisture) and geological settings [32]. In another study in the same
catchment basin, Crespo et al. [20] showed that glacial input accounted for 50%, periglacial 15%,
groundwater 18% and snowmelt 17% of the total contribution [20]. In that study, Crespo et al. [20]
highlighted that more than 83% of water input originates from “not-snow” water source in dry
periods in the Mendoza River basin and pointed out the importance of quantifying the water source
contribution from a large diversity of sources.

As was mentioned, the Andean region between 29 ◦S and 35 ◦S experienced the most extreme
and prolonged drought in the instrumental record [36]. Deciphering the water source contribution is
crucial to generate strategies promoting the adaptation actions for water security under the climate
change projections for Central Chile, where the Aconcagua basin is located. This study used new
methodology combination to identify the contribution of different water sources in a dry water cycle to
the Aconcagua River and estimated their contribution throughout the different seasons of the year.
These issues are relevant to have precise information on the spatiotemporal contribution of water
inputs in order to achieve a long-term harmonious development strategy.

2. Materials and Methods

2.1. Sampling and Chemical Analysis

A total of 103 water samples were taken in this study. In eight sites were obtained the river
samples (n = 48) over six seasonal sampling periods (summer, autumn, winter and spring 2018 and
summer and autumn 2019). During these sampling campaigns, 18 samples of the different water
sources representing the glacial and periglacial environment, groundwater and snow catchments were
sampled (Table 1).
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Table 1. Mean, standard deviation (SD) and confidence interval δ18O composition for water sources in
comparison with the Glacial system. Akaike weight w = 1; R2 = 0.89.

Variable Mean
[δ18O%�] SD CI (2.5–97.5%) p-Value

Glacial −17.70 0.74 −19.16 & −16.24
Periglacial 1.21 1.17 −1.08 & 3.51 0.301

Groundwater 4.71 0.91 2.92 & 6.50 <0.001
Snow catchment 3.44 0.89 1.70 & 5.19 <0.001

In addition, precipitation samples were collected with rain collectors (n = 4), located at Valparaíso
(0 m a.s.l.) and at Parque Andino Juncal (2479 m a.s.l.). The collectors were PVC pipes (2.5 cm in
diameter, 1 m long) with a funnel at the top to improve uptake. They were filled with a light mineral
oil layer inside to prevent evaporation. Moreover, snow samples (n = 14) from 1563 to 2906 m a.s.l.
were taken immediately after storm events, removing the superficial 10 cm. Finally, stagnant water
samples (n = 12) were taken from Laguna del Inca, Del Nacimiento Wetland and a wetland near the
Juncal Norte Glacier (Figure 1).

For isotopic analysis, water samples were collected in 50 mL tubes (Falcon, Corning, NY, USA),
immediately filtered and sealed with thermoplastic cohesive (PARAFILM, Neenah, WI, USA) to prevent
evaporation. Isotopic analysis was performed at the Laboratorio de Análisis Isotópico at the Andres
Bello University, Viña del Mar (Chile) by a “Los Gatos Research” OA-ICOS, with analytical uncertainty
for δ18O and δ2H less than 0.1 %� and 0.8 %�, respectively. The standardization was based on the
Vienna Standard Mean Ocean Water (VSMOW) scale.

For ionic analysis, the samples were collected in clean 1L plastic bottles and frozen at −20 ◦C
until analysis. In these samples, electrical conductivity and the following ions were analyzed: sulfate
(SO4

2−), nitrate (NO3−), phosphate (PO4
3−), chloride (Cl−), fluoride (F−), aluminum (Al), bromide (Br),

calcium (Ca), magnesium (Mg), sodium (Na), potassium (P), iron (Fe), barium (Br), manganese (Mn),
silicium (Si) and strontium (Sr). The analyses were carried out at the Alfred Wegener Institute (AWI)
(Potsdam, Germany). Anion determinations were performed by ion chromatography (Thermo-scientific
ICS2100). The detection limits were: 0.02, 0.135, 0.089, 0.004, 0.133 and 0.014 for F−, Cl−, SO4

2−,
Br−, NO3− and PO4

3−, respectively. An ICP-OES (inductively coupled plasma—optical emission
spectrometry) was used to determine the cation composition: Mg, K, Na, Fe, Al, Ba, Sr, Si and P.
The detection limit was 1 ppm.

2.2. Statistical Analysis

All statistical analyses were performed with R software version 3.5.1 [37] in R Studio environment
Version 1.0.153. The raw dataset of ionic elements and isotopic composition was first cleaned by
removing the samples not used in the GLMM model. Aluminum, bromide and phosphate were not
detected in the remaining samples and were removed. Moreover, iron and manganese were only
detected in one sample and were not considered for the current analysis. Hence, the working dataset
was composed of 11 ionic and 3 isotopic variables. Pearson correlations were used in order to identify
significant relationships between chemical components (corrplot function, “corrplot” package [38]).

Three principal component analysis were performed (dudi.pca function, “ade4” package [39])
with only ionic components, only isotopic data or both ionic components and isotopic data, respectively.
The use of the procruste comparison tests allowed to confirm that the interpretation of both chemical
and isotopic PCA was similar (p < 0.01, protest function, “vegan” package [40]). Hence, the final PCA
combined both chemical components and the isotopic data.

Generalized linear and non-linear mixed-effects models (GLMM, “nlme” package) were used
to determine the water source differences significance [41]. It was done with the two variables most
correlated with the two main axes of variation in the PCA (see “Section 3”). The variables “season” and
“water source” (i.e., glacial and periglacial environments, groundwater and snow) were considered



Water 2020, 12, 2630 5 of 18

as fixed factors. In this analysis, the linear models were adjusted considering different intercepts
(each water source in each season of the year), in relation to which the rest of the values or categories
of variables were compared. The “sampling sites” were considered as random factors to avoid
pseudo-replications due to repeated measurements at the same site over time [42,43].

To quantify the contribution from the different water sources, data from electric conductivity and
δ18O were used in a Bayesian model where each value was combined with 100,000 pseudo replicates.
The stable isotope mixing model (“simmr” package) performs the analysis of the contribution of the
different water sources (snow, rock glacier, glacier and groundwater) and requires the use of two tracers
(in this case: electric conductivity and δ18O) [44]. This model is based on Gaussian parsimony and
expressed the contributions in average values for the different water sources with credibility intervals
(95%), which means that the reported effect has 95% probability of falling within this range [20].
The water sources selected were the more representative of the possible water inputs to the main rivers
in the Cordillera Principal. Because observation boreholes are missing from the mountain areas in the
Aconcagua river basin, the groundwater samples were taken from perennial springs and agricultural
boreholes. While these boreholes were situated downstream the analyzed area, they are suitable as a
source of water as they are recharged from the Principal Cordillera through a high density of connected
fractured aquifers [45,46].

2.3. Isoscape and Electric Conductivity Maps

QGIS software version 3.10.0 was used to produce the electric conductivity maps and isoscapes [47].
The basin delimitation was carried out using Hydrologic modelling, Spatial Analysis Raster,
GRASS version 7.6. The shapefiles of the basins were organized for each season of the year. The products
are at a scale of 1:130,000, projected to UTM zone 19 S and with reference system SIRGAS WGS 84.
The secondary shapefiles were obtained from Infraestructura de Datos Geoespaciales Chile [21].

2.4. Snow Covered Area Analysis

In order to identify the snow contribution, a satellite Snow Covered Area (SCA) product was
used. The SCA was obtained from the transformation of the Fractional Snow Cover (FSC), provided by
MODIS Terra & Aqua products v6 (MOD10A1, MYD10A1), to a binary product through a threshold of
presence/absence of snow. The FSC is calculated from the normalized snow index (NDSI), which is
the most widely used index for the determination of snow by optical sensors [48,49]. The threshold
applied for NDSI transformation to SCA was 0.4. It was globally used by the SCA MODIS Terra &
Aqua products v5, and deprecated in version 6 [50]. The main problem for the snow detection through
optical sensors is the presence of clouds. In this work, an algorithm developed by Cara et al. was
used [51]. It performs a combination of SCA products, obtaining a daily layer without loss information
due to clouds. Afterwards, SCA depletion curves were made for the period 1 July 2017 to 30 June 2019
using 1460 images.

3. Results

3.1. Source Differentiation Using Natural Tracers

Ionic and stable isotope composition act as chemical, natural tracers for the differentiation of
water sources [20,32,52]. During the study period, a low winter precipitation and earlier snow melting
allowed us to define more precisely the stable isotope composition from different water sources.
A principal component analysis (PCA) was performed based on the ionic composition (11 chemical
components and electrical conductivity) and isotopic data. The two first dimensions represented
76.04% of the total variation of the dataset, with 52.93% of the total variation depicted in the first
dimension mainly characterized by the electrical conductivity (12.07% of relative contribution on the
first dimension). The most influential variable on the second dimension was δ18O with 23.92% of
relative contribution on the second dimension (Figure 2).
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Figure 2. Principal component analysis (PCA) based on both ionic (nitrate, chloride, sodium, silicon,
barium, potassium, magnesium, fluoride, calcium, strontium, sulfate) and isotopic (deltaO18: δ18O,
deltaH2: δ2H, Dex: deuterium excess) data. (A) Correlation circle positioning the variables studied.
The correlation of the electrical conductivity values and the coordinates of the first dimension of the
PCA (B) highlighted that electrical conductivity is suitable for glacial/periglacial origin discrimination.

To go further, we computed a similar PCA without the electrical conductivity (Figure 2A);
the first-dimension coordinates were extracted, and the relation between these principal coordinates
and the electrical conductivity was plotted (Figure 2B). This correlation allowed to well discriminate
glacial and periglacial sources with glacial samples exhibiting lower nutrient concentrations and lower
conductivity. Hence, these issues confirmed that electrical conductivity is a satisfactory indicator to
discriminate between glacial and periglacial origin. As it is also easy to measure in situ, it provides a
good glacial/periglacial origin marker useful directly in the field.

As highlighted by the PCA results, the electrical conductivity and δ18O were the most important
variables allowing to discriminate the water sources and were thus included in generalized linear
mixed effects models to predict the origin of the water in the whole set of samples including samples
without chemical data. Then, these two variables were independently tested for their capacity to
discriminate between water sources. By considering the whole set of data with also groundwater
samples, the δ18O allowed to make the distinction between the water discharged by the glacial system
from groundwater and snow catchments (p < 0.001) but not significantly from the periglacial system
(Table 1; Akaike weight = 1, R2 = 0.89) as also can be observed in Figure 3. The second model based
on the electric conductivity confirmed the PCA findings and showed that this variable is suitable to
significantly make the difference between glacial, groundwater and periglacial water sources (p < 0.001)
but not from snow catchment (Table 2; Akaike weight = 1, R2 = 0.88).
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Figure 3. Stable isotope (δ18O and δ2H) scatter plot of rivers and water sources. The blue line represents
the Global Meteoric Water Line (GMWL) according to Craig’s equation [53]. The red line represents the
Local Meteoric Water Line (LMWL), was constructed with our data at 33 ◦S and follows the equation:
δ2H = 7.9874 × δ18O + 10.892 (R2 = 0.9974), close to the LMWL at 33 ◦S reported by Taucare et al.:
δ2H = 8.076 × δ18O + 11.42 (R2 = 0.97) [45].

Table 2. Mean, standard deviation (SD) and confidence interval (CI) for electric conductivity of different
water sources in comparison with the glacial system. Akaike weight w = 1; R2 = 0.88.

Variable Mean [µS cm−1] SD CI (2.5–97.5%) p-Value

Glacial 134.3 106.8 −75.10 & 343.75
Periglacial 878.8 164.9 555.72 & 1201.97 <0.001

Groundwater 496.1 131.8 237.82 & 754.33 <0.001
Snow catchment −10.4 129.3 −263.90 & 243.15 0.936

3.2. Quantification of Glacier, Snow and Groundwater Contribution to the Upper Aconcagua River Basin

Based on the results of the PCA, the variables that mostly explained the two dimensions
(water isotopic composition (δ18O) and electric conductivity (EC)) were used in a stable isotope mixing
model within a Bayesian framework (“simmr”) (Table 3 and Figure 4). Four water sources contributing
to the upper Aconcagua river basin were assumed (i.e., glacial, periglacial, groundwater and snow).

Table 3. Stable isotopes and electric conductivity mean and standard deviation values for the different
water sources analyzed.

Water Source δ18O %� SD δ2H %� SD δ d%� SD EC µS cm−1 SD n Mean
Altitude/Depth

Glacial −17.70 0.19 −128.89 1.37 12.74 0.54 133 11 5 4173
Periglacial −16.49 0.51 −121.40 2.90 10.50 1.79 1013 359 6 3712

Snow catchment −14.25 0.81 −107.27 7.73 6.76 3.03 124 59 7 3328
Groundwater −13.03 1.52 −97.76 10.88 6.47 1.35 584 170 7 857/−93

Note: For glacial environment were considered as representative the samples obtained in summer. For periglacial
water sources were considered the samples obtained in summer and autumn. Snow catchment samples were
obtained during the seasonal snow melt, in spring, when the pure snow fed streams were active. The mean altitude
was calculated as an average of the basins analyzed with QGIS and are expressed in meters above sea level [47].
For boreholes, depth was expressed in meters.
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Figure 4. “Simmr” isospace plot of different water sources contributing to the upper Aconcagua
River basin. The different water source references (i.e., glacial, periglacial, groundwater and snow)
and samples used for each model analysis (A, B and C) were plotted in color. Shapes were used to
represent the six sampling periods and water source references. The sources are identified by the colors
(i.e., glacial in red up-oriented, groundwater in orange, periglacial in night blue and snow in dark
green). Vertical and horizontal bars represented the standard deviation of the water sources.

We quantified the contribution from different water sources throughout seasons. To validate
the different water sources contribution, we compared the results of three analyses comprising the
upper catchment area (869 km2), which holds more than 90% of the glaciers of the whole Aconcagua
river basin [21]. In a first analysis we considered all the rivers draining to the Juncal River in point
A (Figure 1) as repetitions: Ojos de Agua, Juncalillo and Juncal rivers (analysis A, mean catchment
altitude: 3583 m a.s.l., Table 4). In the second analysis (B), we considered the resulting water sources
contribution from Blanco and Peñón rivers, both located downstream from A, at the same longitude
and with similar mean catchment elevation (3445 m a.s.l.). Analysis C (3417 m a.s.l.) referred to
the water sources contributions to the Juncal River before the joining with Blanco River (Point C in
Figure 1). The proportions given by the different analysis were compared, to contrast and validate the
results (Table 4).

3.2.1. Snow System

Characterizing snow chemical composition is complicated because what precipitates as snow will
not directly drain into rivers as rain does. The snowpack accumulates and stands most of the winter
until spring arrives and starts to melt. From the melting point, the snow drains along the catchment
and will get enriched with sediments.

To correctly characterize the snow melt water chemistry, samples were taken from seasonal active
streams from spring that are fed exclusively from snow catchments melting. Here, all the snow melt of
the catchment is mixed and loaded with sediments as normally occurs, producing a representative
water mix, concerning ion enrichment, to be incorporated in the “simmr” model that can be compared
directly to the other water sources analyzed in this work.
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Table 4. Proportional contribution of each water source to the headwaters of the Aconcagua River basin according to different “simmr” analysis.

Water
Source/Season A SD A B 19-49 SD B C 51 SD C Analysis Average Analysis SD Dif.

Summer 2018 A−C B−C A−B
Glacial 0.34 0.14 0.21 0.17 0.18 0.11 0.25 0.14 0.17 0.04 0.13

Periglacial 0.23 0.12 0.14 0.11 0.16 0.09 0.17 0.11 0.07 0.03 −0.03
Snow 0.24 0.14 0.40 0.22 0.37 0.18 0.33 0.18 −0.13 −0.04 0.06

Groundwater 0.19 0.11 0.25 0.17 0.30 0.15 0.25 0.14 −0.11 −0.04 0.00

Autumn 2018
Glacial 0.30 0.14 0.19 0.14 0.19 0.11 0.22 0.13 0.11 0.00 0.11

Periglacial 0.30 0.16 0.20 0.15 0.21 0.11 0.24 0.14 0.09 0.00 0.10
Snow 0.22 0.13 0.29 0.19 0.29 0.16 0.27 0.16 −0.07 0.00 −0.07

Groundwater 0.19 0.10 0.32 0.19 0.32 0.16 0.28 0.15 −0.13 0.00 −0.13

Winter 2018
Glacial 0.30 0.13 0.13 0.09 0.12 0.08 0.18 0.10 0.18 0.01 0.17

Periglacial 0.23 0.13 0.12 0.07 0.09 0.06 0.15 0.09 0.14 0.02 0.11
Snow 0.26 0.15 0.29 0.17 0.42 0.20 0.33 0.18 −0.16 −0.13 −0.03

Groundwater 0.21 0.12 0.46 0.16 0.37 0.17 0.34 0.15 −0.16 0.09 −0.25

Spring 2018
Glacial 0.21 0.10 0.22 0.20 0.10 0.07 0.18 0.12 0.11 0.12 −0.01

Periglacial 0.11 0.07 0.12 0.11 0.08 0.05 0.10 0.08 0.04 0.05 −0.01
Snow 0.52 0.17 0.44 0.26 0.51 0.22 0.49 0.22 0.01 −0.07 0.08

Groundwater 0.16 0.11 0.22 0.18 0.32 0.19 0.23 0.16 −0.16 −0.10 −0.06

Summer 2019
Glacial 0.29 0.13 0.22 0.18 0.16 0.10 0.22 0.14 0.13 0.07 0.07

Periglacial 0.24 0.13 0.15 0.11 0.14 0.08 0.17 0.11 0.10 0.01 0.10
Snow 0.26 0.15 0.37 0.22 0.37 0.18 0.33 0.18 −0.11 −0.01 −0.11

Groundwater 0.21 0.12 0.26 0.18 0.33 0.16 0.27 0.15 −0.12 −0.07 −0.05

Autumn 2019
Glacial 0.24 0.13 0.19 0.15 0.16 0.10 0.20 0.13 0.08 0.04 0.05

Periglacial 0.19 0.13 0.18 0.13 0.14 0.08 0.17 0.11 0.05 0.04 0.01
Snow 0.36 0.18 0.30 0.20 0.35 0.18 0.34 0.19 0.00 −0.05 0.05

Groundwater 0.21 0.13 0.33 0.20 0.35 0.16 0.30 0.16 −0.14 −0.03 −0.11

Note: A: refers to the “simmr”analysis of the rivers from the upper headwater of the basin considered as replicates (mean elevation 3583 m a.s.l.); B: considers Peñon and Blanco rivers
(3445 m a.s.l. average altitude); C: analysis of the Juncal River before joining the Blanco River (mean area altitude: 3417 m a.s.l.)
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A stable isotope local meteoric water line at 33 ◦S was established using winter precipitation
samples. The resulting equation is δ2H = 7.9874 × δ18O + 10.892 (R2 = 0.9974), which falls close to
the LMWL developed at the same latitude and reported by Taucare et al.: δ2H = 8.076 × δ18O + 11.42
(R2 = 0.97) (Figure 3 and Figure S1) [45]. Snow catchments samples fall over the LMWL (Figure S1),
which indicates that the water is not largely affected by evaporation during run-off. Thus, this represents
an opportunity to confirm the representativeness of surface water samples originating from solid
precipitation as snow melt tracers in mountain regions, and therefore better suited than punctual
precipitation events, since the snow melt will integrate water from different altitudes and residence
time (with the representative ionic enrichment) that will finally contributes to rivers and surface waters
from the region.

The maximum snow input was during the spring season, with 49% mean water contribution
(Table 4 and Figure 5). The snow contribution in rivers draining to the highest area (analysis A) was 52%
in spring, 44% for analysis B and 51% for analysis C. The minimum snow contribution was detected in
autumn 2018, averaging 27%. In that season, analysis A presented 22% of snowmelt contribution and
29% for B and C. By autumn 2019, the snow contribution rises to 34% on average, due to an early light
snowfall, which melted quickly, being detected in this analysis. Therefore, in autumn 2019, an increase
in snowmelt contribution was observed in all the “simmr” analysis with 36%, 30% and 35% for A, B
and C, respectively.

Figure 5. Percentage of the total snow covered area for each sub-basin composing the Aconcagua River
catchment area along the analyzed period (2017–2019). The SWE refers to the snow water equivalent in
mm, at Portillo station, and Aconcagua at Blanco River refers to the streamflow of the Aconcagua river
after the join of the Juncal and Blanco rivers. Both, SWE and streamflow, were measured by Dirección
General de Aguas de Chile [54].

3.2.2. Glacial Environment

Glacier melt contributions were maximum in summer (2018: 25; 2019: 22%) and autumn (2018: 22;
2019: 20%). The glacial contribution was fairly stable throughout the year for the area represented by
analysis A but not for B and C. While in A the glacial contribution was close to 30% (i.e., 21% in spring
and 34% in summer), in the area represented by the analysis B, the proportion remains stable (close to
20%) throughout the year only falling sharply in winter to 13%. In C, the proportion of glaciers was also
quite regular, around 17% and falling in both winter and spring to 12% and 10%, respectively (Table 4).

The minimum glacial contribution was observed in spring, where snowmelt preceded glacial ice
melt and mostly dominated the runoff. In spring, an average glacial contribution of 18% was observed
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for all analysis. For A and B analysis, the spring glacial contribution was 21 and 22%, respectively.
Downstream, analysis C showed a drop in glacial contribution to 10%.

3.2.3. Periglacial Environment

The periglacial environment was represented in this study by sub-basins mostly covered with
rock glaciers, the principal geomorphological expression of this environment. The water contribution
of this source was very stable along the studied period. It represented a mean contribution around
17%, except in autumn and spring. Because the snowmelt contribution was dominant in spring,
lower periglacial contribution was retrieved falling to 11%, 12% and 8% for A, B and C, respectively.
The analysis also coincided in the periglacial peak water contribution in autumn 2018 (i.e., 25%).
This could be due to a thermal inertia resulting in higher temperature in deeper soil layers at this time
of the year compared to surface temperatures [55]. That internal temperature would generate the water
contribution continuity by melting of the active layer of these periglacial cryoforms, increasing their
relative contribution in a period with almost no precipitations. The proportion of this contribution in
autumn 2018 was 30%, 20% and 21% for A, B and C, respectively. In 2019, this contribution declined
due to the increase in the snow input from an early light snowfall and fast melting, representing only
19% for A analysis results, 18% for B and 14% for C.

3.2.4. Groundwater

Groundwater contribution was variable along the seasons for the different Aconcagua river
studied areas, but as it occurred with glacial and periglacial environments water inputs, it presented
its minimum contribution in spring (23%). In this season, the lowest contribution was recorded in
analysis A (16%), followed by B (22%) and up to 32% for C. The maximum groundwater contribution
was observed in winter, averaging 34%. This contribution varied as follows: 21% in analysis A,
downstream in B represented 46% and 37% in C, and appeared relevant to maintain basal flows in
dry years.

The co-isotope line of groundwaters sampled along this work shows a slight deviation from the
33 ◦S LMWL as defined by Taucare et al. and also from the co-isotope line defined for snow and rain
samples in this work (Figure S2) [45]. The groundwater line (slope 7.17) reflects limited evaporation,
assuming that the 33 ◦S LMWL (slope 8.07) is representative of precipitation for this region. The slight
lower slope shows that the evaporation of recharge water before infiltration is short. If the time of
exposition were longer, then a much stronger effect on the co-isotope line could be expected, as the
water remains exposed to the atmosphere for a longer time period. Taucare et al. report a much
higher degree of evaporation of spring and groundwater in their study (slope 3.54) [45]. The intercept
of the evaporation line of groundwater and the 33 ◦S LMWL occurs at δ18O = −17.6%�, which is a
more depleted value than the value informed by Taucare et al. [45] (δ18O = −12.6%�). Using the same
altitude-isotope gradient (−0.3%� 100 m−1) from Taucare et al., we can infer that the recharge zone of
groundwater for the present study occurs much higher in the mountain at around 3700 m a.s.l. [45].
Therefore, there is a strong evidence for the groundwater being recharged on the Cordillera Principal,
as previously pointed out.

3.2.5. Stagnant Waters

To identify the water source origin of stagnant water from the upper catchments, an additional
“simmr” model for the Inca Lagoon, Del Nacimiento wetland and a wetland located in the proglacial
part of the Juncal Norte glacier was performed (Table 5). Even when they were sampled at different
seasons, the electric conductivity and the isotopic composition presented low variation (i.e., average of
2.6% of variation) along the sampling period (Table S1).
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Table 5. Proportional contribution of each water source to the stagnant waters of the head catchments
at the Aconcagua River basin according to “simmr” analysis.

Site Glacial SD Periglacial SD Snow SD Groundwater SD

Inca lagoon 0.14 0.10 0.03 0.02 0.76 0.11 0.06 0.04
Del Nacimiento wetland 0.46 0.16 0.30 0.13 0.12 0.09 0.12 0.11

Juncal Norte wetland 0.45 0.14 0.08 0.07 0.35 0.15 0.12 0.07

The result of the analysis for the Inca Lagoon showed a dominant snow contribution (76%),
followed by a glacial environment contribution (14%), which coincides with the small glaciers
identified in the sub-basin draining to the lagoon and the predominant snow contribution in this
ski area. In contrast, Del Nacimiento wetland showed a dominant glacial water source input (46%),
followed by periglacial water input (30%) and only a smaller snow contribution (12%). This result is
coherent with the location of this wetland, located at around 3 kms from the proglacial area of the
Juncal Norte glacier and periglacial geoforms observed in the area. Additionally, a small wetland
located close to the Juncal Norte glacier (0.3 km) was sampled, on the bottom of a snowy mountain
slope. The results were coherent with field observations, showing 45% of glacial input and 35% of
snow input.

4. Discussion

The aim of this work was to understand and estimate the water contribution from glacial,
periglacial, precipitation and groundwater sources to the headwaters forming the Aconcagua river.
The 2018–2019 water cycle (Figure S3) was framed into a dry period called “Megadrought” since
2010 in Central Chile [36]. This decadal drought ranges precipitation deficits between 25% and 45%
and the Aconcagua’s river reference station for snow accumulation “Portillo” (2880 m a.s.l.) showed
−71% of snow water equivalent, its worst record in more than 50 years [6,56]. As a result, in 2019,
the Aconcagua river streamflow was −84% lower of mean annual streamflow (compared with the
historical average 1981–2010) [56]. In view of that extreme situation, the president of the Republic of
Chile signed a decree of water scarcity for the entire Aconcagua river basin [57].

4.1. Water Source Discrimination and Quantification

Although the Aconcagua river is defined as mostly formed by snow and rain contributions, in its
upper part, where the bulk of the snowpack is accumulated (analysis A), the river was fed mostly
by other water sources (except in spring) for the dry analyzed period. Between 66% and 73% of the
streamflows were supplied by glacial, periglacial and groundwater inputs in all the seasons out of the
spring, when declines to 51% (Table S2), due to the dominance of snowmelt water input. The average
contribution of the different water sources shows that the main water input throughout the analyzed
period was snow (35%), followed by groundwater (28%), glacial contribution (21%) and periglacial
contribution (17%) (Table S3). However, in the river headwaters represented by analysis A, a greater
proportional contribution from glaciers was observed throughout the year. Thus, although snow
continues to be the main water input source (31%), it was followed by the glacial (28%), then by
the periglacial (22%) and finally by groundwater with 19% (Table S3). Downstream (analysis C),
snow continues to be dominant (38%), with an increasing groundwater input (33%), and 15% and 13%
water contributions from glacial and periglacial systems, respectively. The tributaries of analysis B are
represented by snowmelt (35%), followed by groundwater (31%), glacial (20%) and periglacial (15%)
water input.

When comparing the results of the present work with the previous of Rodriguez et al. carried
out in the Juncal River basin along the dry water cycle 2011–2012 there are some relevant similarities
but also differences [58]. Based on geographical source analysis, they identify and quantify three
different sources of flow in the basin, namely, South, West and East, instead of different water sources
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differentiation. They conclude that most of the Juncal river catchment can be attributed to the Southern
basin region, strongly related to glacier presence and low ion concentrations, and supplying 53% of
the average water contribution in summer (26 November 2011, to 31 March 2012). At the east side
of the Andes, in the Mendoza river basin, an analysis carried out by Crespo et al., reported a similar
52.75% of glacial environment water contribution for the melting season (November 2013 to March
2014) [20]. In the present work, for a more extensive area comprising the Juncal, Juncalillo and Ojos de
Agua rivers, in a time period strictly representative of summer instead of spring and summer as in
Rodriguez et al.’s work, the glacial contribution was 34% in 2018 and 29% in 2019 (Table 4). In the
named “West basin region”, associated with quick-flowing snowmelt, Rodriguez et al. [58] report
20% average water contribution. In the present work this proportion was 25% in average, with 24%
and 26% for 2018 and 2019, respectively, while Crespo et al. [20] presented 17.25% for the Mendoza
River. The “East basin region”, related to high ion concentrations proper to high rock-water interaction
and a depleted isotopic signal proper of high-elevation accumulation zones, showed 27% average
water contribution in the 2011–2012 summer period analyzed by Rodriguez et al. [58]. This proportion
was similar to the summed up 30.25% water input contribution from rock glaciers and groundwater
reported in Crespo et al. [20], with 16.25% and 14%, respectively. The 2018 and 2019 averaged summer
periglacial contribution in this work was 23.5%, while the groundwater was 20%, resulting in a
summed-up contribution of 43.5% for both water sources (Analysis A, Table 4).

As was explained in Section 3.2.4, there is strong evidence of the groundwater being recharged on
the Cordillera Principal [45,46]. Besides the winter base flow role of groundwater, representing 28%
of the global average contribution along the whole year for all the analysis (Table S3), the catchment
and aquifer recharge areas of the basin protection should be carefully reconsidered, since it could
be diffusely contaminated. Even when the mentioned studies are not comparable because of the
different study areas and analyzed periods, they were conducted in the same geological province
(Cordillera Principal) and in dry water cycles framed by the megadrought [6]. The rivers are formed in
the lower hypsometric part of the basin, where some free and confined aquifers will intercept them,
becoming a constant water input along seasons and constituting the river basal flow to which the other
sources, variable in time, are added by superficial draining. This can be seen in the largest winter
contribution of groundwater (34%) in Table 4.

Finally, concerning water source contribution quantification in water bodies, we identify and
quantify the water source contribution to stagnant waters as the Inca lagoon and two wetlands.
This probes (1) the utility of the used methodology for discerning water origin in the catchment and
(2) the necessity of an holistic protection concept of the water cycle in the headwaters area of the
Aconcagua River basin.

4.2. Geochemical Water Information to be Used in Climate Change Adaptation and Territorial
Resilience Planning

The understanding of the seasonal changes in the water contribution from different sources in
the Aconcagua basin has evidenced the crucial role of the glaciers in providing water in dry periods.
In addition to the streamflow buffer effect provided by glacial, periglacial and groundwater sources
shown in this work, these water systems play also a crucial role as water reservoirs for the future.
As reported by Segovia Rocha and Videla [59], the cryoforms water equivalent in the Valparaíso region
represents 2.9 km3, equivalent to more than 30 times the water maximum storage of The Peñuelas lake
(0.095 km3), which is the major water reservoir of the region [59,60]. Concerning the rise in temperature
observed in the last five decades in the Aconcagua river Basin (1.2 ◦C) and the expected addition
of another 1–3 ◦C by 2081–2100, a negative tendency of rainfall is expected for central Chile over
the same time period, most likely related to a combination of oceanic conditions and anthropogenic
forcing, accelerating snowmelt timing, evapotranspiration increase and glacier shrinkage [6,13,26].
The central Andean glaciers at 33 ◦S presented a 46% shrinkage since 1956, and this deglacierization will
continue [26]. All of these processes would have major implications for agricultural, hydroelectricity
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and domestic water supply [13]. Despite the glacial and periglacial environments relevance functions as
aquifer recharge, water supply in dry years and strategic reserves of high quality fresh water, there are
no legal provisions for the protection of glacial bodies until the present day in Chile. This situation
highlights the urgent necessity to generate a specific glacial and periglacial environment protection
law [26].

In addition, considering that the streamflows will have an earlier peak of spring and will increase
the proportional contribution from summer glacial melt, this information could be used to optimize
the water distribution and storage during the melting season, when is more needed in the region [13].
The information provided in this work could also be used in the current discussion of the Climate
Change Law in the Chilean parliament and climate change adaptation and water security policies.
The importance of glacial and periglacial environments contribution to streamflows and aquifer
recharge is highlighted when comparing with the northern Petorca river basin, without glaciers.
Today the Petorca river basin is considered an icon of the water crisis in Chile, where the riverbed is
currently dry, and water conflicts arise in these hidro-social territories [7].

The seasonal characterization of different basin areas through natural tracers, spatially displayed
through a set of isoscapes and electric conductivity maps (Figures S4 and S5), can also constitute
a baseline for determining the origin of plant and animal tissues that incorporate this water in
a constitutive form, i.e., when the tissue is formed. Using this information could be possible to
determine the origins of tissues such as feathers, hairs or seeds, becoming possible to infer dietary
habits and migratory patterns, with high applicability for social, geographic, ecological and forensic
studies [29–31].

5. Conclusions

By the use of creative combination of chemical tracers and flow measurements, the current work
presents the first understanding study estimating the water contribution from glacial, periglacial,
snow and groundwater sources to the Chilean Aconcagua river basin catchment over a year.

Although in normal to abundant snow load years the head catchment is dominated by snowmelt
water contribution, in dry hydrological cycles, the streamflow becomes largely dominated by other
water sources. Likewise, this analysis was strongly affected by seasonality, when the different water
sources played their leading role in a different way for each area of the upper basin analyzed. The total
analysis average water input from sources different than snow ranged seasonally from 66% to 73%,
dropping to 51% in spring when the snowmelt became a dominant input. The upper catchment
(analysis A) glacial supply stood out (24–34%), being lower only in spring (21%). The summer glacial
inputs were 34% and 29% for 2018 and 2019, respectively. As expected, the snow contribution became
clearly dominant in spring (52%), while for the rest of the year remained between 22% and 36%.
Groundwater contribution also remained stable throughout the seasons (19–21%), decreasing only in
spring to 16%. The 19–24% periglacial water contribution was remarkable, reaching a maximum in
autumn (30%) and a minimum in spring (11%) (Table 4).

Downstream, as observed in analysis B and C, glacial contributions dropped and other water
sources become more relevant. The difference in contributions between analyses B and C is very small
for all the water sources in all the seasons, since they offer almost the same proportions (Table 4).
A striking exception to this rule is the higher proportion of the spring groundwater input and winter
snowmelt in C. Also noteworthy were the high contributions of groundwater which, except in spring,
were between 25% and 46% in B and between 30% and 37% in C. Likewise surprising is the high
periglacial contribution in summer and autumn, with contributions between 15% and 20% in B and
between 14% and 21% in C, respectively.

Finally, we were able to identify and separate the different water sources contributing to the
Aconcagua river and quantify them for the first time, highlighting the contribution relevance of water
sources different than snow in arid hydrological cycles, such as the analyzed in this study. This work
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provides key information for developing adaptation strategies for the territory for both, current and
future water management.
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