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Abstract: To assess the quality of the retrieved products from ground-based microwave radiometers,
the “clear-sky” Level-2 data (LV2) products (profiles of atmospheric temperature and humidity)
filtered through a radiometer in Beijing during the 24 months from January 2010 to December
2011 were compared with radiosonde data. Evident differences were revealed. Therefore, this
paper investigated an approach to calibrate the observed brightness temperatures by using the
model-simulated brightness temperatures as a reference under clear-sky conditions. The simulation
was completed with a radiative transfer model and National Centers for Environmental Prediction
final analysis (NCEP FNL) data that are independent of the radiometer system. Then, the least-
squares method was used to invert the calibrated brightness temperatures to the atmospheric
temperature and humidity profiles. A comparison between the retrievals and radiosonde data showed
that the calibration of the brightness temperature observations is necessary, and can improve the
inversion of temperature and humidity profiles compared with the original LV2 products. Specifically,
the consistency with radiosonde was clearly improved: the correlation coefficients are increased,
especially, the correlation coefficient for water vapor density increased from 0.2 to 0.9 around the
3 km height; the bias decreased to nearly zero at each height; the RMSE (root of mean squared error)
for temperature profile was decreased by more than 1 degree at most heights; the RMSE for water
vapor density was decreased from greater than 4 g/m3 to less than 1.5 g/m3 at 1 km height; and
the decrease at all other heights were also noticeable. In this paper, the evolution of a temperature
inversion process is given as an example, using the high-temporal-resolution brightness temperature
after quality control to obtain a temperature and humidity profile every two minutes. Therefore, the
characteristics of temperature inversion that cannot be seen by conventional radiosonde data (twice
daily) were obtained by radiometer. This greatly compensates for the limited temporal coverage of
radiosonde data. The approach presented by this paper is a valuable reference for the reprocessing of
the historical observations, which have been accumulated for years by less-calibrated radiometers.

Keywords: microwave radiometer; radiative transfer equation; brightness temperature correction;
data quality control

1. Introduction

Data products such as atmospheric temperature and humidity profiles, referred to as
Level-2 data and abbreviated as LV2, are the retrievals from brightness temperatures mea-
sured with ground-based microwave radiometers (referred to as Level-1 data, abbreviated
as LV1, and denoted as TBM in this paper). They provide continuous information for the
monitoring and early warning of severe weather [1–3]. Many studies have shown that these
data play an important role in the analysis of atmospheric stability, weather forecasting,
weather modification, and other research and operations [4–12]. Chan [13] analyzed the
precipitation and K-index (an indicator for atmospheric stability) for two severe convection
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weather processes in Hong Kong and found that a microwave radiometer can provide
useful information for weather prediction, though there were certain differences between
the microwave radiometer observations and radiosonde data. Sánchez et al. [14] compared
the temperature and water vapor density profiles of a 35-channel ground-based microwave
radiometer in Madrid with radiosonde data, and concluded that the linear relationship be-
tween the two datasets can be used for data quality control. Liu [15] explored the influence
factors (such as altitude, season, and cloud) on the difference between the temperature
profiles measured by a ground-based 12-channel microwave radiometer and the radio
sounding by comparing the brightness temperatures measured by the radiometer with
the simulated data. Liu et al. [16] used sounding data from Beijing to conduct neural
network training for all four seasons, carried out a numerical test on the inversion ability
of the trained network, and evaluated the inversion accuracy. Xu et al. [17] used same-site
radiosonde data to verify the temperature, relative humidity, and water vapor density
from a microwave radiometer, and found that the profiles from the microwave radiometer
had a good positive correlation with the radiosonde, while the correlation coefficient for
relative humidity was greatly affected by the weather. Guo et al. [18] collected 170 samples
of vertical sounding (of which 30 are for fog occurrence) during 11 fog weather processes
to verify the temperature, water vapor density, and relative humidity retrievals from a
35-channel microwave radiometer. A comparison between the model-simulated brightness
temperatures and the brightness temperatures measured by the microwave radiometer
showed that the simulated brightness temperatures were less than the measured on aver-
age, but the temperature and relative humidity retrieved were closely consistent with the
tethered balloon during the development and evolution of the fog.

Now that LV2 data are obtained via a retrieval calculation of brightness temperatures
measured by radiometer, if the LV1 data appear to be distinctly different from the simulated,
LV2 obtained from the retrieval are bound to be greatly inconsistent with radiosonde
(as well as reanalysis data for a numerical model output). To this end, studies have
emphasized the need for quality control before applying measured brightness temperature
data [19–21]. For example, it was found, based on a two-year data study, that a time
segmentation phenomenon existed in the “clear-sky” [22] LV1 data of a radiometer in
Beijing. Different segments had different systematic deviations as compared with the
simulation data. For this reason, segmentation bias correction (and environmental impact
correction) was proposed and implemented, which improved the time continuity within the
two-year observational data and the consistency with the simulation data. This provided a
quality guarantee for the LV1 data to be further used for the inversion of temperature and
humidity profiles.

The present study used the radiometer at Beijing as an example to present an approach
to calibrate the observed brightness temperatures by using the model-simulated brightness
temperatures as a reference under clear-sky conditions. Firstly, a method named the “three-
channel method” is given for brightness temperature classification to filter out the clear-sky
cases. Secondly, the LV2 products for “clear sky” in a two-year period were compared with
radiosonde data so that the quality of the LV2 products was evaluated according to standard
practice [13–18] and the low-quality features of LV2 and the problems in TBM were revealed.
Then, to improve the LV2 data quality, a method for TBM correction was presented based
on using the brightness temperature value calculated by the radiation transfer model and
NCEP FNL (National Centers for Environmental Prediction final analysis) profiles [23–25].
The results from the TBM correction, denoted as TBO, was adopted to retrieve the profiles
of temperature and humidity based on the least-square regression. Finally, by comparing
the retrieved atmospheric temperature and humidity profiles with radiosonde observations
(RAOB), the effect of brightness temperature data correction on improving the consistency
between LV2 data and radiosonde data was verified.
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2. Data and Clear-Sky Samples
2.1. Data

The radiometer data used for this paper were the LV1 and LV2 products from January
2010 to December 2011 from a radiometer system in Beijing. The channel and frequency
settings of the radiometer are shown in the first two columns of Table 1. The right four
columns in Table 1 show the brightness temperatures measured (TBM), simulated (TBC),
and corrected (TBO) by this study for four examples. The four examples will be discussed
further in Section 3 as case analyses.

Table 1. The radiometer channel frequency used for atmospheric temperature and humidity and a comparison of brightness
temperatures before and after correction.

Channel Index Frequency (GHz)
Case 1

TBM, TBC, TBO
(K)

Case 2
TBM, TBC, TBO

(K)

Case 3
TBM, TBC, TBO

(K)

Case 4
TBM, TBC, TBO

(K)

1 22.23 29.1, 16.9, 12.5 23.9, 11.8, 11.0 75.4, 71.4, 69.7 16.6, 13.2, 14.7
2 22.50 28.9, 17.0, 12.2 23.6, 11.9, 10.8 75.7, 72.1, 70.4 15.2, 13.3, 15.3
3 23.03 30.5, 16.6, 10.3 25.4, 11.8, 10.0 71.3, 69.3, 66.1 12.6, 13.1, 14.2
4 23.83 28.9, 15.2, 10.7 23.2, 11.3, 9.3 65.4, 60.4, 57.0 10.9, 12.3, 13.3
5 25.00 22.9, 13.4, 8.2 20.3, 10.6, 8.8 49.1, 47.9, 44.3 9.8, 11.2, 11.9
6 26.23 20.1, 12.3, 7.2 17.3, 10.2, 7.6 38.9, 39.4, 35.8 11.2, 10.7, 11.6
7 28.00 25.3, 11.8, 7.4 23.2, 10.3, 8.6 33.6, 33.4, 28.5 12.7, 10.6, 11.8
8 30.00 29.1, 12.1, 7.4 27.2, 10.9, 8.8 31.6, 31.0, 25.5 11.0, 11.1, 11.7
9 51.20 108.3, 109.5, 108.4 108.5, 107.9, 108.6 132.5, 130.1, 132.7 102.5, 108.4, 108.9

10 51.76 129.3, 127.9, 127.3 127.7, 125.2, 125.9 151.1, 148.6, 150.0 121.0, 126.3, 127.3
11 52.28 148.4, 152.1, 152.9 145.1, 147.9, 149.1 174.8, 173.3, 176.6 141.4, 149.9, 150.1
12 52.80 179.3, 182.4, 184.5 173.3, 176.3, 177.9 204.2, 204.4, 206.5 170.2, 179.5, 179.5
13 53.34 212.7, 216.3, 217.7 201.9, 208.3, 206.1 238.7, 238.6, 240.0 203.8, 212.6, 212.6
14 53.85 244.4, 244.8, 246.7 234.1, 235.8, 236.1 268.3, 267.0, 268.1 234.8, 240.7, 240.7
15 54.40 263.7, 263.4, 264.0 253.6, 254.7, 253.8 286.8, 285.8, 285.9 256.5, 259.5, 259.8
16 54.94 271.2, 270.1, 271.1 262.5, 262.5, 262.3 294.4, 293.4, 293.7 265.2, 266.8, 267.5
17 55.50 270.8, 271.5, 270.0 268.0, 265.5, 267.2 297.5, 296.2, 296.8 268.6, 269.3, 270.6
18 56.02 272.2, 271.5, 271.5 268.4, 266.9, 267.7 298.2, 297.5, 297.7 269.5, 270.3, 271.5
19 56.66 272.2, 271.1, 271.3 269.0, 267.9, 268.2 298.6, 298.3, 298.0 270.3, 270.9, 272.4
20 57.29 271.0, 270.9, 270.1 269.9, 268.5, 269.1 299.0, 298.8, 298.4 271.3, 271.3, 273.4
21 57.96 271.1, 270.7, 270.0 269.6, 268.8, 268.7 299.2, 299.1, 298.7 271.2, 271.5, 273.4
22 58.80 270.9, 270.5, 269.7 270.2, 269.1, 269.1 298.7, 299.3, 298.5 271.4, 271.6, 273.8

The time-matched radiosonde data for the Beijing RAOB Station were downloaded
from Wyoming University’s website (http://weather.uwyo.edu/upperair/sounding.html,
accessed on 24 September 2014) and used as the “truth” for the evaluation. The atmospheric
temperature and humidity data provided by NCEP FNL were input into the radiative
transfer model [26], and the brightness temperatures were output after thorough radiative
transfer calculation, which are denoted as TBC in this article [27].

2.2. Scheme to Obtain the Clear-Sky Samples

The term “clear sky” for classification of atmospheric profiles can be defined as relative
humidity being less than 85% at any height for the Beijing district according to literature [22].
However, in order to classify the brightness temperature data, we present a method based
on Channels 2, 7, and 10 in Table 1 because the three channels are most sensitive to cloud
height, thickness, and water concentration according to sensitivity analyses. The method,
named the “three-channel method”, is described as the following steps.

(1) Based on the relevant cloud physics literature [28,29], clouds are divided into ten
types, with each cloud type having four possible cloud base heights, four thicknesses,
and five possible cloud water concentrations, so that a parameter space comprising
800 possible cloud parameter combinations was constructed, as shown in Table 2.

http://weather.uwyo.edu/upperair/sounding.html
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Table 2. The 800 possible combinations of cloud parameter values based on the literature.

Cloud Type Cloud Base Height
zb (m)

Cloud Thickness
∆H (m)

Cloud Water
Concentrate

M (g/m3)

Total Number of
Combinations

Cumulus 500, 1000, 1500, 2000 100, 500, 1000, 2000 0.4, 0.6, 0.8, 1.0, 1.2 80
Cumulonimbus 500, 1000, 1500, 2000 3000, 4000, 6000, 8000 1.2, 1.6, 2.0, 2.8, 4.0 80
Stratocumulus 500, 1000, 2000, 2500 100, 500, 1000, 2000 0.2, 0.4, 0.6, 0.8, 1.0 80

Stratus 50, 200, 400, 800 100, 300, 500, 700 0.1, 0.2, 0.4, 0.6, 0.8 80
Nimbostratus 500, 1000, 1500, 2000 500, 1000, 2000, 3000 0.2, 0.4, 0.6, 0.8, 1.0 80

Alostratus 2000, 3000, 4000, 6000 100, 500, 1000, 2000 0.1, 0.2, 0.4, 0.6, 0.8 80
Altocumulus 2000, 3000, 4000, 6000 100, 500, 1000, 2000 0.1, 0.2, 0.4, 0.6, 0.8 80

Cirrus 4500, 6000, 8000, 10,000 500, 1000, 2000, 3000 0.1, 0.2, 0.3, 0.4, 0.5 80
Cirrostratus 4500, 6000, 8000, 9000 500, 1000, 2000, 3000 0.1, 0.2, 0.3, 0.4, 0.5 80

Cirrocumulus 4500, 6000, 7000, 8000 500, 1000, 2000, 3000 0.1, 0.2, 0.3, 0.4, 0.5 80

(2) The 1976 US standard atmosphere was adopted and a relative humidity of 95% was
set at each height in cloud layers as defined in Table 2 to form a cloudy layer for the
simulation calculation of the cloud contribution to the brightness temperature mea-
surement.

(3) The sensitivity of the cloud contribution in each channel to cloud water concentration
M and cloud thickness ∆H is analyzed for each channel, which gives the result that
Channels 2, 7, and 10 are the best channels for cloud identification, and the estimated
water concentration and cloud thickness based on regression for the three channels
are noted as M1–3 and ∆H1–3, respectively. The standard deviation of residuals for
each channel is also obtained from regression analysis, so that one has σM,1–3 and
σ∆H,1–3, respectively.

(4) The weighted average

M =
M1

1
σM,1

+M2
1

σM,2
+M3

1
σM,3

1
σM,1

+ 1
σM,2

+ 1
σM,3

(1a)

∆H =
∆H1

1
σ∆H,1

+ ∆H2
1

σ∆H,2
+ ∆H3

1
σH,3

1
σH,1

+ 1
σH,2

+ 1
σH,3

(1b)

would combine M1–3 and ∆H1–3 together to give a better estimation of the water
concentration and cloud thickness. The weights in Equation (1a,b) are the reciprocal
of the standard deviation σM,1–3 and σ∆H,1–3.

(5) If the cloud parameters inversed from Equation (1a,b) are close to 0, it can be judged
that the corresponding time is “clear-sky” time.

According to this method, the final sample size of “clear sky” in Beijing’s two-year
data is 594, considering that the radio sounding is performed twice a day.

3. Error Statistics and Case Analysis of the LV2 Product

In this study, the clear-sky sample with 594 cases was randomly separated into two
subsamples. The subsample with 60 cases was adopted as quality test samples, which were
compared with RAOB for error analysis, and the subsample with the remaining 534 cases
was adopted for regression to set up the inversion model for retrieving temperature and
humidity profiles from the brightness temperatures.

The results from the quality test samples are shown in Figures 1 and 2. The ordinate
of these figures uses piecewise linearity to make it easier to see the vertical variation of
the statistics in the lower layers of the atmosphere. The maximum height is set to 10 km
according to the specifications of the radiometer system. The “error” is defined as the value
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of the retrievals minus RAOB, the bias is the average of the errors, and the RMSE is the
root of mean squared error.
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Figure 1 shows the statistics of the errors and correlation. One can see the following.

(1) From Figure 1a, the LV2 temperature bias was negative overall (solid green line),
with a bias of −4 ◦C at the height of 4.4 km, implying that the retrievals from the
radiometer system provided by the manufacture are generally cooler than the RAOB,
and the RMSE of the temperature (green dotted line) was greater than 2 ◦C at each
level, even reaching 6 ◦C at the height of 5.5 km.
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(2) Figure 1b shows that the bias of the LV2 water vapor density was positive overall,
implying that the retrievals from the radiometer system are generally moister than
the RAOB. Further, it must be pointed out that the bias is as large as 2.3 g/m3 near
the height of 1.0 km (solid green line) and the RMSE (dotted green line) was 4.0 g/m3,
the same order as in the common air.

(3) From Figure 1c, the correlation coefficient between the LV2 temperature and the
RAOB, as shown by the solid green line, was close to 1 below 3 km and no less than
0.8 above, but the correlation coefficient between the LV2 water vapor density and
the RAOB, as shown by the dotted green line, decreased quickly from 1 at the ground
to less than 0.3 at the 2 km height.

Figure 2 is for case comparison. The four cases given in Table 1 are shown in Figure 2
in chronological order. Their times are sequentially 2010011800, representing 0000 UTC
(0800 BT for local time) on 18 January 2010, and 2010020212, 2010072400, and 2011123112,
respectively. Three of the four cases are from winter and one is from summer, because LV2
is even worse in winter than in summer after we review all of the cases from the two years.
It is well-known that Beijing is cool and dry in winter, and a temperature inversion layer
would occur due to the diurnal variation of the surface temperature [30]. The temperature
inversion layer increases the difficulty of temperature remote sensing. The difficulty for
humidity remote sensing is the dry feature in winter, and the output from LV2 is often
wetter than the RAOB.

Figure 2a,b,d shows that LV2 lines (green) are notably different from the RAOB for
both temperature and humidity. One can see that Figure 2(a1) is a typical boundary layer
temperature inversion. The height and severity of the inversion layer revealed by LV2
(green line) are lower and weaker. LV2 in Figure 2(b1,d1) are close to the RAOB near the
ground but too cool in middle troposphere, and the tropopause heights defined by LV2 are
also lower than the RAOB [31]. As shown in Figure 2(a2,b2), LV2 almost always presents
an erroneous “moisture layer” suspended in midair, and the maximum humidity value is
much larger than the RAOB. Figure 2(d2) shows that LV2 indicated as too dry at 1200 UTC
on the last day of 2011 as compared with the RAOB.

From Figure 2(a2), the RAOB indicated that the water vapor density was 2 g/m3 at the
ground and decreased with height, while the water vapor density of LV2 was characterized
by an erroneous moisture inversion layer. The water vapor density at 1 km height was as
high as 5 g/m3, obviously larger than in the RAOB.

From Figure 2(b1), the RAOB indicated that the tropopause height was close to 10 km,
while LV2 produced a lower tropospheric height of less than 9 km. From Figure 2(b2), the
RAOB indicated that the water vapor density decreased from 1.6 g/m3 at the ground with
increasing altitude, while LV2 showed the same water vapor density characteristics as in
Figure 1(b1), with an erroneous, distinct moisture inversion layer.

Figure 2c is for a typical summer in Beijing. The air temperature near the ground is
approximately 30 ◦C and the water vapor density is approximately 20 g/m3. LV2 shown
in Figure 2c were not too bad in summer but still differed greatly from the RAOB. For
example, as shown in Figure 2(c2), water vapor density decreased with height in the lower
layer according to the RAOB, while LV2 showed a moisture inversion layer.

From Figure 2(d1), the RAOB indicated that there was weak inversion near the ground,
while according to LV2 no inversion existed, the whole atmospheric temperature was low,
and the temperature at the height of 5 km was lower than 10 ◦C. Finally, from Figure 2(d2),
the RAOB indicated that the water vapor density decreased from 2.9 g/m3 at the ground
with increasing height, but LV2 said the water vapor density near the ground was 1.5 g/m3,
only half of the RAOB.

4. Correction of Brightness Temperature from TBM to TBO

As seen above, the difference between LV2 and RAOB was obvious. Previous stud-
ies [19–21] revealed that the measured brightness temperature value (TBM) and the cal-
culated value (TBC) were greatly different. To this end, the following procedure was
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performed on the subsample with the 534 clear-sky cases to set up a relationship for the
TBM correction.

(1) The simulated value of the brightness temperature was calculated by using a radiation
transfer model and the atmospheric profiles in the NCEP FNL, and recorded as TBC.

(2) A fitting relationship between TBC and TBM was established as follows:

TBC = a ∗ TBM + b ∗ Tg+c (2)

where Tg is the surface temperature (representing the correction for the influence
from the environment temperature of the radiometer), and the coefficients a, b, and c
were obtained by regression analysis.

(3) The corrected value of brightness temperature would be obtained by

TBO = a ∗ TBM + b ∗ Tg+c (3)

where the coefficients a, b, and c are just from the last step.

All the 60 cases in the subsample for the quality test were processed for brightness
temperature correction according to Equation (3). Taking the four cases given in Figure 2 as an
example, the TBM, TBC, and TBO values of each channel are shown in Table 1. It can be seen
that TBM may differ from TBO by a few Kelvin, and the correction of brightness temperature
was obvious. Therefore, TBO was used to retrieve the temperature and humidity profiles, and
the consistency with RAOB was expected to be improved. This expectation is investigated
and discussed in the following section.

5. Error Statistics and Case Analysis of the Profiles Retrieved from TBO

As long as TBO for the test samples was completed, the subsample with the 534
clear-sky cases was also processed for brightness temperature correction according to
Equation (3). Then the subsample was used as training samples to establish the relationship
for inversing the brightness temperature to the temperature and humidity profiles. The
retrieval calculations in this paper adopted the simple and straightforward least-squares
method [26], which is briefly described as follows:

Let the vector
→
g be the brightness temperature of the K channels,

→
g = [TB1, TB2, · · · TBK]

T (4)

and the regression equation is
→
f = C ∗→g (5)

where C is the regression coefficient matrix and can be obtained through regression analysis

by using a regression sample (of sample size M = 534) of both
→
f and

→
g based on the least-

squares method to give

Q ∑M
i=1 (

→
f − C ∗→g )

2
= min (6)

In the calculation of the regression coefficient matrix C,
→
f is the temperature and water

vapor density provided by the NCEP FNL data, and
→
g is the TBO. In the retrieval calcula-

tion for the quality test subsample, the
→
f calculated by Equation (5) is the temperature and

humidity profile obtained by the retrieval, which is denoted as
→
f −TBO in the study.

The
→
f̂ −TBO for the four cases is shown in Figure 2 as red lines. One can see that: In

Case 1 (Figure 2a), the top height of the inversion layer shown by the
→
f̂ −TBO (red line in

Figure 2(a1)) was at 1 km, which was consistent with the RAOB, and the temperature at
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1 km was obviously close to the RAOB; the
→
f̂ −TBO water vapor density line (red line in

Figure 2(a2)), although “dry”, was closer to the RAOB than the LV2.

In Case 2 (Figure 2b), the
→
f̂ −TBO temperature (red line in Figure 2(b1)) coincided with

the RAOB at almost all heights, especially the tropopause height; the
→
f̂ −TBO water vapor

density line (red line in Figure 2(b2)) showed an advantage over the LV2.

In Case 3 (Figure 2c), the trend of the
→
f̂ −TBO temperature line was consistent with

the RAOB, while the LV2 was warmer at the ground and above (Figure 2(c1)); the
→
f̂ −TBO

water vapor density line eliminated the mistake of the LV2 around the 1 km height (Figure
2(c2)).

In Case 4 (Figure 2d), the
→
f̂ −TBO temperature line better reflected the near-surface

weak inversion and tropopause characteristics; and the
→
f̂ −TBO water vapor density value

was 3 g/m3 at the ground, which was consistent with RAOB, whereas LV2 was only
1.5 g/m3.

The statistical results of
→
f̂ −TBO in the quality test sample are given in Figure 1 as red

line. The bias of the
→
f̂ −TBO temperature at all heights was almost zero (Figure 1a), and

the RMSE was obviously reduced to less than 2 ◦C below 5 km. From Figure 1b, the bias

of the
→
f̂ −TBO water vapor density was also almost zero, and the RMSE at 1 km shows

its maximum but still less than 1.5 g/m3, which was much better than the LV2 (4 g/m3).

Figure 1c shows that the correlation between the
→
f̂ −TBO and the RAOB for temperature

was better than the LV2, especially over 3 km. The correlation between the
→
f̂ −TBO and

RAOB for water vapor density was as large as 0.9 at the height of 3 km, much better than
0.2 for the LV2.

Therefore, one can say that the correction of the brightness temperature data before
the inversion calculation can effectively improve the consistency between the retrieval
results and RAOB data.

6. Retrieval Analysis of a Remotely Sensed Inversion Layer Process

It is well-known that near-ground temperature inversion in Beijing occurs often in
winter. Mostly, the inversion grows gradually in the afternoon due to the decreasing
surface temperature because of the sunset, and weakens and disappears gradually the next
morning due to the increasing surface temperature because of the sunrise. A process like
this can be well-observed continuously with a ground-based microwave radiometer. Take
18 December 2010 as an example to analyze the high temporal resolution temperature and
humidity profile characteristics within 12 h during 0000–1200 UTC (0800–2000 BT). The
weather was clear and breezy with no sustained wind direction. The temperature and
humidity profiles at 0800 and 2000 BT from RAOB are shown in Figure 3 as blue lines. Only
the information below 3 km is plotted in order to better see the ine height of 0.8 km and
fell down to 0.3 km at 2000 BT according to RAOBversion layer. It can be seen that the
inversion layer top at 0800 BT was near th. Obviously, such a 12-h interval data does not
show the evolution features within the 12 h.
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On the contrary, the advantage of microwave radiometer data is that temperature
and humidity profiles can be provided with high temporal resolution. Figure 4 shows 332
→
f̂ −TBO profiles of temperature and humidity at two-minute intervals during 0000–1200

UTC (0800–2000 BT), together with the LV2 product. The white, double-dotted lines indicate
the top position of the inversion layer for either the temperature or the humidity. Obviously

the
→
f̂ −TBO is more reliable than the LV2 according to Figure 3, showing that the

→
f̂ −TBO is

closer to the RAOB than the LV2. One can see the following:

(1) During the morning (0800 and 1400 BT), as the ground was heated by the sun, the
top of the temperature inversion layer gradually decreased, weakened, and disap-
peared, as shown Figure 4a. During the afternoon, the ground temperature gradually
decreased due to the weakening of solar radiation, and the top of the inversion layer
gradually formed, strengthened, and rose.

(2) The water vapor density in the atmosphere decreased substantially with height
(Figure 4b). Only when the temperature inversion layer vanished around the period
1100–1600 BT could surface water vapor be transported upward (water vapor density
increases gradually at the height of about 1.4 km), forming a weak moisture inversion
layer. While the temperature inversion gradually appeared in the afternoon until the
next morning, the water vapor transport gradually stopped and returned to a state of
decreasing with height.

(3) A moisture inversion layer at the height of 1.4 km existed but was quite weak and

short-lived according to
→
f̂ −TBO (Figure 4b). The layer was mistaken by LV2 as strong

and all day long (Figure 4d).
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TBO; (c) temperature (◦C) of LV2; (d) water vapor density (g/m3) of LV2.

7. Conclusions

Two years of clear-sky product data of a radiometer in Beijing were compared with
radiosonde data, and it was found that the correlation between the LV2 and RAOB was
small, a bias obviously existed, and the RMSE was large. Since the LV1 data (brightness
temperature) of the radiometer are the input data of the LV2 inversion product, this
paper suggests that, before applying the brightness temperature data in the inversion
calculation, quality control of the measured brightness temperatures based on NCEP FNL
data and radiation transfer simulation were performed to obtain the corrected brightness
temperatures (TBO). The results showed that, compared with the RAOB, the temperature
and humidity profiles obtained by TBO inversion were obviously better than the LV2
products, the error bias and RMSE were notably reduced, and the correlation with the
RAOB was greatly improved. More specifically:

1. The bias of the temperature and humidity profile obtained by TBO inversion was
reduced almost to 0 at each height, and the RMSE was obviously reduced at each
height. The RMSE of temperature was less than 2 ◦C below 5 km, and that of water
vapor density was no more than 1.5 g/m3 at the height of 1 km.

2. The correlation between the temperature profile obtained by TBO and RAOB was
close to 1 below the 3 km height, and obviously improved over the LV2 above. The



Atmosphere 2021, 12, 435 12 of 14

water vapor density profile obtained by TBO inversion improved the correlation
coefficient at each height; in particular, the correlation coefficient around the 3 km
height increased from 0.2 to 0.9.

3. The evolution of a temperature inversion process has been taken as an example for
the application of the high temporal resolution information from the radiometer. The
TBO inversion results with a time resolution of 2 min clearly reflected the evolution
of the inversion layer and humidity stratification within the 12 h during 0000–1200
UTC (0800–2000 BT). The top of the inversion layer gradually decreased, weakened,
and disappeared between 0000 and 0600 UTC (0800–1400 BT) due to the gradual
warming of the ground, and in the afternoon, the top of the inversion layer gradually
formed, strengthened, and rose due to the gradual cooling of the ground. In this
process, the water vapor density decreased substantially with height, and only when
the inversion layer vanished during 0300–0800 UTC (1100–1600 BT) could surface
water vapor density be transported upward (water vapor density increases gradually
at the height of about 1.4 km), gradually forming a weak moisture inversion layer.
When the temperature inversion gradually appeared in the afternoon, the water vapor
transport gradually stopped and returned to a state of decreasing with height. This
evolution of temperature inversion was not visible in the twice-daily radiosonde data.

4. The improvement of the correlation and reduction of bias and RMSE after the correc-
tion of brightness temperatures by NCEP FNL as described above is reasonable and
understandable because the data source of the NCEP FNL includes both radiosondes
and satellites, but is absolutely independent of a ground-based radiometer. Therefore,
the approach presented by this paper is a valuable reference for the reprocessing of
the historical observations that have been accumulated for years by less-calibrated
radiometers.
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