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Abstract: The enhanced vulnerability of insular regions to climate change has been recently recognized
by the European Union, which highlights the importance of undertaking adaptation and mitigation
strategies according to the specific singularities of the islands. In general, islands are highly dependent
on energy imports which, in turn, feature a marked seasonal demand. Efforts to reduce greenhouse
gas emissions in these regions can therefore fulfill a twofold objective: (i) to increase the renewable
energy share for global decarbonization and (ii) to reduce the external energy dependence for isolated
(or interconnected) systems in which this can only be achieved with an increase of the renewable
energy share. However, the increase in renewable technologies makes energy generation more
dependent on future climate and its variability. The main aim of this study is to analyze future
projections of wind and photovoltaic potential, as well as energy productivity droughts, on the main
Euro-Mediterranean islands. Due to the limitations in land surface available in the islands for the
installation of renewable energy capacity, the analysis is extended to offshore wind and photovoltaic
energy, which may have an important role in the future increases of renewable energy share. To that
end, we use climate variables from a series of simulations derived from Euro-CORDEX (Coordinated
Downscaling Experiment) simulations for the RCP2.6 and RCP8.5 emission scenarios. A special
effort is performed to normalize projected changes and the associated uncertainties. The obtained
normalized changes make it easier the intercomparison between the results obtained in the different
islands and constitute condensed and valuable information that aims to facilitate climate-related
policy decision making for decarbonization and Blue Growth in the islands.

Keywords: Mediterranean islands; regional climate modeling; climate change; renewable energy;
blue economy

1. Introduction

In a climate change context, the necessity of the implementation of adaptation and mitigation
strategies is especially important in areas of enhanced vulnerability according to climate projections.
The Mediterranean region has been identified as a particularly vulnerable area to climate change and
is widely considered a climate hotspot since it gives an amplified climate signal [1]. This is exacerbated
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in the Mediterranean islands, which are even more vulnerable due to their insular nature and external
dependence on energy [2,3]. In this context, the European Commission declaration on clean energy [4]
has put the focus on European islands as the next potential forerunners in the transition.

A high share of renewable energies in each country portfolio, together with an international diffusion
of renewable energy innovations, is required to decrease GHG (i.e., greenhouse gas) emissions in the
short term, e.g., [5,6]. Renewable energy deployment in islands has additional benefits. Many islands
show a limited connection to the continent and most of them depend on energy imports [3]. Thus,
the increase of local electricity from renewable energy sources favors energy independence from the
outside and limits energy security issues [3]. In this context, it is important to take into account that
an increase in the renewable energy share necessarily entails an increase in the dependence on the
atmospheric variables and their variability—which can be subjected to changes in future climate.
Currently, regional climate models (RCMs) are the most sophisticated tool available that can be used to
project relevant climate variables in order to assess energy potential in future climate scenarios.

Different works have analyzed energy resources and potential for wind and photovoltaic (i.e., PV)
energy over the Euro-Mediterranean area in the future using climate simulations [7-15]. In general,
a certain increase is projected in wind potential in Northern Europe, in different emission scenarios,
together with a reduction in the Mediterranean areas [8]. In the case of solar potential, a slight decrease
is projected in the Mediterranean region by RCMs simulations [9,16]. However, models do not converge
towards a single response in regions of Central Europe [15,17]. An important factor that could explain
the observed discrepancies may be aerosol evolution, which is not considered in all climate simulations.
While a robust ensemble of climate simulations including aerosol evolution would certainly improve
estimations on photovoltaic potential, this is currently not available since model runs including aerosols
are still scarce.

Many works have focused on the examination of energy potential changes [7-9,12,13,15]. However,
all of them are focused on changes in energy potential over continental Europe and very little attention
is given to insular regions. Given that the climate in these peripheral regions could be substantially
different from that from the continental areas of the countries they belong to, and offshore energy
sources can be more necessary for the islands due to land surface restrictions, different approaches may
be required for the energy transition. Therefore, an individual resource evaluation is required. In order
to properly capture land—sea gradients, as well as the orographic effect on climate variables, an enhanced
horizontal model resolution is needed. Consequently, results obtained making use of global climate
models (GCMs) [12,13], have an insufficient resolution to be used to address the Mediterranean islands.
In this case, high-resolution regional simulations such as those from the Euro-CORDEX project [18]
(i.e., horizontal resolution of 12 km) would allow for a more adequate characterization of climate
variability in Mediterranean islands.

Because of the isolated nature of islands, the availability of marine resources is particularly
important and promising due to the incipient deployment of offshore wind and solar technologies
in the near future [19-25]. These two technologies represent, up to now, a maturity stage that makes
them more suitable than other offshore and/or floating technologies which will be more developed in
the coming years [26,27]. Offshore technologies are advantageous for islands or countries with limited
space for the installation of power generation plants. In addition, wind resources are greater over the
sea and, for solar panels, there is an increase in cell performance due to the cooling effect of water and
wind on PV cells [28]. Despite some disadvantages that have to be overcome (corrosion problems due
to salty water or the impact of waves on the installations), offshore PV is receiving growing interest,
and has been already tested for a Mediterranean island (Malta) [24] or in sea areas characterized by
high waves [23]. Previous works have analyzed the offshore wind resources over the Mediterranean
area and their future projections [29,30], showing a general decrease in the central Mediterranean and
an increase in the Aegean Sea and the Gulf of Lyons.

The aim of this work is to assess changes in a series of renewable energy indicators (both onshore
and offshore), for the first time, focused on Mediterranean islands (see the considered islands and their
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location in Figure A1 of Appendix A). We do the calculations for a control time period (1986-2005),
different future time periods (2046-2065 and 2081-2100) and RCPs (Representative Concentration
Pathways). In particular, we consider the RCP2.6, a stringent mitigation scenario, and the RCP8.5,
which assumes high GHG emissions (see [31] for further details). To that end, we use climate variables
from a set of high-resolution Euro-CORDEX simulations. The energy indicators considered here
include solar and wind energy, which are presently (and probably in the future) the backbone of the
deployment of renewable energies due to their technological maturity and low cost. Additionally,
periods in which a deficit of solar or wind production occurs are also analyzed using a variability
indicator to which we refer, following [32], as energy productivity droughts. These provide an estimate
of productivity variability over time and offer relevant information for mitigation purposes, since in
future decarbonization scenarios the frequency and duration of droughts will determine the required
energy storage and backup sources. Energy indicators are computed for the islands and also over
the marine areas adjacent to them. Ensemble mean projected changes, as well as the uncertainties
associated with those changes, are normalized. This allows us to assign scores that are useful to
perform a straightforward comparison of the results obtained for the different islands. In this work—
conducted in the context of the SOCLIMPACT H2020 project (DownScaling CLImate ImPACTs;
https://soclimpact.net)}—we provide relevant information for decision-makers of the Mediterranean
islands. We map and rank relevant indicators over land, but also over the sea, which is relevant for
Blue Growth. The novelty of this work is based on several aspects. First, we exclusively focus on
the study of the Mediterranean islands, instead of on continental Europe—as done in most of the
previous studies that analyze renewable energy projections. Second, we make an intercomparison
of a series of normalized energy indicators among islands in order to provide condensed insights
regarding future changes in renewable productivity for policymakers and stakeholders. Third, most of
the previous works are exclusively based on energy potential mean changes, whereas here we also
make the effort to study variability changes through the analysis of energy productivity droughts.
This article is structured as follows. In Section 2, the methodology is presented. In Section 3, the most
relevant results are presented. The discussion and conclusions are offered in Section 4.

2. Methodology

In this work, we make use of variables from a set of Euro-CORDEX simulations to estimate changes
in a series of renewable energy indicators in the Mediterranean islands (see [18] for an overview of the
Euro-CORDEX modeling framework). The chosen models, as well as the domains considered for each
region, are shown in Table 1. Renewable energy indicators studied are wind productivity, photovoltaic
productivity and energy productivity droughts (see a summary in Table 2). Wind and solar productivity
are defined as the normalized series of power generation potential, that is to say, the produced energy
divided by the installed capacity, and is given in kWh/kW. Renewable energy indicators are computed
for what we define as the control time period (1986-2005), as well as for the central and final stages of
the 21st century (i.e., 20462065 and 2081-2100, respectively). Results presented in this work (with the
exception of those dealing with the seasonal and interannual variability, where absolute results for each
year are presented as time series), are calculated using the averages over the whole corresponding time
period. To study future climate changes of renewable energy indicators we use data from simulations
forced with the RCP2.6 and RCP8.5 emission scenarios.
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Table 1. Simulations considered in this study. The domains for each region are: Balearic Islands (lon:
0° E, 5.2° E, lat: 38° N, 41.12° N); Crete (lon: 22° E, 28.24° E, lat: 34° N, 37.12° N); Cyprus (lon: 31° E,
36.2° E, lat: 34° N, 36.08° N); Corsica and Sardinia (lon: 7° E, 11.16° E, lat: 38° N, 44.24° N); Sicily and
Malta: (lon: 11° E, 17.24° E, lat: 35° N, 39.16° N).

CMIP5 Euro-CORDEX
Institution/GCM Institution/RCM

MPI/M-MPI-ESM-LR
IPSL/IPSL-CM5A-MR
CNRM-CERFACS/CNRM-CM5
MOHC/HadGEM2-ES

SMHI/RCA4

Table 2. Definition and units of the indicators presented in the manuscript.

Indicator Definition Units
. .. Wind energy production divided by a
Wind productivity unit of installed capacity kWh/kw
.. Photovoltaic energy production
Solar productivity divided by a unit of installed capacity kWh/kW
Days in which daily wind
productivity is lower than 0.5 times
Wind productivity droughts the average wind productivity % of days

computed over the 20-year control
period (1986-2005)

Days in which daily solar
productivity is lower than 0.5 times
Photovoltaic productivity droughts  the average solar productivity % of days
calculated over the 20-year control
period (1986-2005)

2.1. Selected Models

Euro-CORDEX comprises a large set of simulations, which makes it necessary to select a reduced set
of simulations that are able to cover the uncertainty of climate change projections. When downscaling
simulations with RCMs (i.e., regional climate models), the uncertainty associated with the selection of
the driving GCM (global climate model) is generally larger than the uncertainty associated with other
sources, like the RCMs [33]. Therefore, the selected simulations consist of one RCM (RCA4) nested
in four different GCMs (HadGEM2-ES, CNRM-CMS5, IPSL-CM5A-MR, MPI-ESM-LR). The GCMs
selection is based on the results from [34]. The criteria used to select the reduced set of simulations are
the following:

e The GCMs should have a good performance in present-climate conditions.

e  The GCMs should have output data available for lateral boundary conditions of RCMs.

e  The GCMs should have been specifically used for driving EURO-CORDEX RCMs.

e  The spread of future temperature change and precipitation change (aggregated over Europe,
by the end of the century) should be adequately covered. In practice, these four models encompass
annual mean changes of +3.5 to +6 °C and from 0 to +0.2 mm/d.

2.2. Calculation of Energy Indicators

2.2.1. Wind Energy Productivity

The methodology followed to compute wind energy productivity is based on [7]. To that end,
we first compute the wind speed near the surface (i.e., 10 m) making use of 6-hourly U10 and V10
wind components derived from the regional climate simulations. Then, we calculate the wind speed
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at the turbine hub height (WH). This height is set to 100 m for wind energy over land and to 150 m
over the sea. WH, is considered as the average of the wind speed at 6 h intervals. Once we calculate
WH at the turbine hub height, we later calculate wind potential (Wpot). Wpot is computed as in [10],
with a standard power curve for the wind turbine with cut-in wind velocity, V; = 3 m/s; rated velocity,
Vg =12 m/s and cut-out velocity, Vo = 25 m/s. The Wy, is then computed as follows:

0if V<V, (1)
VoV itV <V <V 2)
—= 1 V<

Wpot = V%—V? f ! R
1if VR<V <V (3)
0if V=V (4)

Finally, wind productivity (Wprod) is calculated from the wind potential produced by the 6 h
averaged wind, multiplied by the number of hours (6 h). Then, Wprod is the energy produced divided
by a unit of power installed.

2.2.2. Photovoltaic Energy Productivity

In order to obtain photovoltaic (PV) productivity, daily surface solar radiation (SSR) and ambient
temperature from the climate simulations are used as input variables for a parametric PV model.
The PV modeling process is described in [35-37] and can be summarized as follows. First, incident
solar radiation that reaches solar cells inside the panels is obtained through the decomposition of global
solar irradiation and the transposition to the plane-of-array (POA). Second, the electrical performance
of the photovoltaic system is modeled considering a typical PV installation in order to obtain daily
PV productivity (PVprod), which is defined as the energy produced divided by the unit of power
installed. Characteristics of the general PV system are the same ones described in [36,37], where a
detailed description of the methodology followed in this work is presented.

2.2.3. Energy Productivity Droughts

Photovoltaic and wind energy productivity droughts are calculated as an indicator of productivity
steadiness in the islands of study. Renewable energy droughts can be regarded as low-productivity
periods during which the daily productivity, previously computed as explained above, takes values
below a low-productivity threshold. To systematically identify energy droughts, a Deficiency Index
(DI) is computed following [32]. This is defined as follows:

DI(i,j) = 1if P(i) < Po(i,) 5)

DI(i,) = 0 if P(i) > Po(i,) 6)

where P(i,j) is the daily productivity for each model cell (kWh/kW) and Po(i,j) the corresponding
low-productivity threshold. Although the definition of the DI is based on [32], in that work the authors
do not calculate DI cell by cell, but consider spatial averages instead. Our approach, therefore, allows
for a more realistic description of the spatial variability of energy productivity droughts. This low-
productivity threshold permits us to characterize energy droughts [32] and is calculated as a percentage
of the mean daily productivity estimated for the control time period. In particular, this threshold,
following [32], is defined as 0.5 times the mean daily productivity estimated over the entire control
period of study. According to the above expression, energy productivity droughts occur when the DI
is equal to 1. A potential advantage of the energy productivity drought definition from [32] is that,
as indicated by the authors, the DI does not depend on time or the electricity demand. Thresholds
to determine productivity energy droughts in the scenarios are computed taking the mean daily
productivity of the studied region for the control time period.



Atmosphere 2020, 11, 1036 6 of 24

2.3. Normalization of Ensemble-Mean Changes and Uncertainties

A normalization of projected ensemble mean changes (i.e., mean obtained considering all
simulations) and the corresponding uncertainties are implemented in order to provide scores that allow
us to perform a straightforward intercomparison between the results obtained for the Mediterranean
islands. Normalized values for projected ensemble mean changes for the selected energy indicators in
the different regions, time periods and scenarios are given by the Nc index, which ranges between 0
and 1. A value of Nc of 0.5 indicates that changes are subtle. When Nc > 0.5, projected changes are
not favorable, being Nc = 1 the worst scenario. This entails that productivity (droughts) decreases
(increase). On the contrary, values of Nc < 0.5 indicate the opposite, being Nc = 0 the best scenario
possible. The Nc index is defined as:

Nc =0.25-A + 0.75-B @)

where the term A serves to quantify the projected ensemble mean change in a region in a relative way
comparing it to the ensemble mean change projected for the rest of the islands and the term B allows
us to evaluate the ensemble mean change projected for each island, time period and scenario in a
relative way compared to the control period value, using a threshold of £10% change. This threshold
has been selected based on available studies on the impact of climate change on wind and PV energies,
which show that the future projected changes frequently do not exceed a level of 10% relative to present
values over the studied area [38—-40].

Normalized uncertainties associated with ensemble mean projected changes for each island,
scenario and time period are provided by Nu. In this case, values close to 0 indicate that the ensemble
models predict similar changes, while values close to 1 correspond to the opposite case. We define the
Nu index as follows:

Nu=C-05+D-05 8)

where C represents the spread of projected changes predicted by the individual models that conform
to the ensemble and D takes into account whether all models predict changes of the same sign, or not.
A complete explanation regarding the calculation of Nc and Nu is provided in the Appendix A.

3. Results

In this section, we first present maps in which the regional ensemble mean spatial distribution
of the different indicators is shown for each island and for the control time period. Then, ensemble
mean absolute changes in the different islands and indicators are commented on. Later, results of
the normalization of projected changes and the associated uncertainties for the different islands are
presented. Additional insight into projected changes is given by the study of seasonal time series of
selected islands.

3.1. Regional Distribution of Indicators in the Control Time Period

Figures 1 and 2 show the ensemble mean regional distribution of wind productivity, wind productivity
droughts, solar productivity and solar productivity droughts in the control time period (i.e., 1986-2005).
Overall, we observe that wind productivity is greater over the sea than over land. This may be related
to reduced friction in marine areas due to the absence of obstacles and the higher altitude of the wind
turbine considered for the offshore calculations. In line with this, wind productivity droughts are
more frequent in areas where wind productivity is low and vice-versa. As to PV productivity we
observe, on average, little contrast between land and sea. Notwithstanding, we note that it is clearly
influenced by the existing orography. Specifically, it takes smaller values in highly elevated regions.
This may be related to an increase of cloudiness over the most prominent mountain chains. Coherent
with this, PV productivity droughts develop more frequently on top of the mountains. We also observe
that, in general, PV droughts are much less frequent than wind droughts. This result found in the
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Mediterranean islands studied is in line with findings from [32] for southern Europe. A more detailed
description of the results obtained for the islands located in the Western and Central Mediterranean
Sea, as well as for the islands placed in the Eastern Mediterranean, is given below.
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PV productivity PV productivity droughts
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Figure 1. Ensemble mean wind productivity and frequency of wind productivity droughts (first and
second columns), as well as ensemble mean photovoltaic (PV) productivity and PV productivity
droughts (third and fourth columns) in the Balearic Islands (A-D), Corsica (E-H) and Sardinia (I-L) in
the control time period (1986-2005). Wind productivity is given in kWh/kW times 103, PV productivity
in kWh/kW and the frequency of droughts in % of days within the 20-year period.
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Figure 2. This is equivalent to Figure 1, but this has been created for Crete (A-D), Cyprus (E-H) and
Sicily (I-L).
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3.1.1. Islands from the Western and Central Mediterranean Sea

Balearic Islands

In the Balearic Islands region, wind productivity is greater to the E-SE of the model domain,
over the sea, with values between 4000 and 5000 kWh/kW (Figure 1A). Wind productivity is lowest
over land, with 1000-2000 kWh/kW. Wind productivity droughts develop with a frequency that varies
between 30% and 60% of the days in this region (Figure 1B). Specifically, wind productivity droughts are
less frequent to the E-SE of the model domain, coinciding with the region in which wind productivity
is greater. Wind droughts are more frequent to the NW of Mallorca.

Different from wind productivity, PV productivity is generally greater over the land than over
the sea, with values that range between 1500 and 1600 kWh/kW over Mallorca and Ibiza (Figure 1C).
These values are in line with those provided by the Joint Research Center (JRC, https://re jrc.ec.europa.
eu/pvg_download/map_index.html) [41,42]. PV productivity features a visible minimum to the N of
Mallorca, where the topography is abrupt. PV droughts are much less frequent than wind droughts.
In this region, PV droughts only develop about 10% of the days (or less).

Corsica

In this region, wind productivity over land is modest, ranging between 1000 and 3000 kWh/kW.
Minimum values of wind productivity are found to the NE and W of the island (Figure 1E). Wind energy
potential is much higher over the sea, particularly north of the island and east of the Bonifacio Strait
(marine passage between Corsica and Sardinia). Wind droughts are greatest over those areas in which
wind productivity is smaller, where these develop from about 50 to 60% of the days (Figure 1F).
From the islands located in the Western and Central Mediterranean Sea, Corsica is the one in which
wind droughts are more prone to occur over land.

As to PV productivity, this attains a maximum close to 1700-1800 kWh/kW over those areas of the
island in which topography is relatively low (Figure 1G). PV productivity decreases to values even
smaller than 1400 kWh/kW along highly elevated mountain chains which extend to the central-western
sector of the island from north to south. Regarding PV droughts we observe that, again, these occur
less than 10% of the days, with the exception of highly elevated regions, where these are more frequent
(Figure 1H).

Sardinia

In this area, wind productivity takes values between 3000 and 5000 kWh/kW over the sea and
smaller values that range between 1000 and 3000 kWh/kW over land (Figure 1I). It is remarkable
that the highest wind productivity values are found to the NE of the island, over the sea. This may
be favored by topographic wind funneling. Regarding wind productivity droughts, these develop
between 30 and 60% of the days over Sardinia (Figure 1J). The maximum frequency of wind droughts
occurs over the island, with values that exceed 40-50%. These are less frequent between the southern
coast of Sardinia and Africa, as well as to the east of the Bonifacio Strait, where topographic wind
channeling occurs due to almost persistent westward winds [43].

PV productivity is greatest near the eastern coast of the island, reaching values close to 1700 kWh/kW
(Figure 1K). In the rest of the island, PV productivity is lower. Minimum values between 1350 and
1450 kWh/kW are strongly influenced by topography as they develop in highly elevated areas.
PV productivity droughts are, over land, clearly influenced by the existing topography (Figure 1L).
On top of mountain chains, PV droughts increase their frequency to values close to 20%. Elsewhere in
the studied domain, PV droughts develop with a smaller frequency, way below the frequency of wind
energy droughts.
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3.1.2. Islands from the Eastern and Central Mediterranean Sea

Crete

In Crete, wind productivity ranges between 2000 and 3000 kWh/kW approximately over land
(Figure 2A). These are, by far, the highest values among all islands from the Eastern and Central
Mediterranean Sea. Wind productivity is maximum in the marine areas immediately adjacent to the
east and west of the island, reaching up to 5000-6000 kWh/kW, also larger than in marine areas around
other islands. Wind productivity droughts develop around 40% of the days over the island of Crete
(Figure 2B). In the marine areas around the island, regional changes in the frequency of wind droughts
are lower and in line with the regional distribution of wind productivity.

As to PV productivity, the greatest values (greater than 1600 kWh/kW) arise over the island
(Figure 2C). Notwithstanding, the topography causes minimum values from 1200 to 1400 kWh/kW
localized on the top of the mountain ranges. As in other islands, PV droughts develop less than 10% of
the days with the exception of elevated mountain chains, where these can be as frequent as 20% of the
days (Figure 2D).

Cyprus

Wind productivity ranges between 1000 and 2000 kWh/kW over land, with lower values to the SE
of the island (Figure 2E). In the marine areas adjacent to the north and south of Cyprus, respectively,
wind productivity is greater than over the island. However, marine wind productivity is generally
lower than in the sea areas around other islands. Regarding wind productivity droughts, these are
relatively high all over most of the domain (Figure 2F). Wind productivity droughts increase to the
SW of the island, near the mountainous region, with a frequency of droughts close to 60% of the days.
Over the sea, wind droughts attain a magnitude of about 30% in the areas immediately to the north
and the south of Cyprus.

PV productivity takes greater values over land than over the sea (values greater than 1600 kWh/kW),
with the exception of the southern part of the island, where minimum values close to 1400 kWh/kW are
found (Figure 2G). The decreased PV productivity is related, once more, to the presence of an abrupt
topographic high. PV productivity droughts are generally less frequent than 10% of the days with the
exception of the mountainous region to the north of the island, where PV droughts attain values close
to 20% (Figure 2H).

Sicily and Malta

In the studied domain, wind productivity ranges between 3000 and 5000 kWh/kW over the sea, with
the greater values towards the west (Figure 2I). In Sicily, productivity does not exceed about 3000 kWh/kW
over land and the highest values are found to the north of the island. In Malta, productivity is slightly
larger than in Sicily. Wind productivity droughts are more frequent over land and to the east of
the studied domain, coinciding with the regions where wind productivity is smaller (Figure 2J).
Wind droughts develop from 40 to 60% of the days in Sicily and Malta. The maximum frequency of
wind droughts is found to the east of Sicily.

In Sicily, minimum values of PV productivity close to 1200 kWh/kW are found over the mountain
chain located to the north of the island (Figure 2K). Coherently, PV productivity droughts occur around
10% of the days in the whole studied domain with the exception of the north of Sicily, where values
greater than 10% are found (Figure 2L). Malta is an island with large restrictions on land-based
renewable energy sources, due to its small size and large population density. Offshore wind energy
has to overcome some problems, like deep bathymetry. Due to these limitations for Malta, offshore PV
might be a relevant option to consider.
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3.2. Ensemble-Mean Changes of Indicators in Different Islands, Time Periods and Scenarios

In general, changes of a greater magnitude are found for wind energy productivity in comparison
to PV productivity (Figure 3A). Changes in wind productivity are not uniform within the Mediterranean
islands. In the RCP2.6 scenario, positive changes for wind productivity (i.e., productivity increase)
are found in Corsica, Sardinia and Crete over land and over the sea regardless of the time period
considered, with the greatest increase in the Crete. In this scenario, absolute changes are, in general,
of a smaller magnitude over land and for the end of the 21st century. A remarkable case is Cyprus,
where positive changes occur for the RCP2.6 in the first half of the century and negative changes are
projected for the end of the century over the islands and the marine areas adjacent to it. In the RCP8.5
scenario, Crete is the only region where wind productivity changes are positive. This is in agreement
with previous studies in which positive changes over the Aegean Sea are projected [7,8,29,38-40].
Negative changes attain a greater magnitude in the RCP8.5 scenario, over the sea and by the end of
the century.
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Figure 3. (A) Ensemble mean changes of annual wind (solar) productivity in absolute terms (kWh/kW)
for the RCP2.6 and RCP8.5 scenarios and different periods over the sea and over the land. (B) Ensemble
mean changes of annual wind (solar) productivity droughts in absolute terms (i.e., future minus control,
in %) for RCP2.6 and RCP8.5 and the different periods. Each color represents an island/region (BALEIL:
Balearic Islands; CO: Corsica, CRE: Crete; CYP: Cyprus; MAL: Malta, SA: Sardinia, SI: Sicily).
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In general, changes in the % wind productivity drought days are of a smaller magnitude in the
RCP2.6 scenario than in the RCP8.5 case (Figure 3B). These notwithstanding, projected changes are,
in absolute value, still small in the RCP8.5 scenario. Only wind droughts feature absolute changes
above 4% in the Balearic Islands, Cyprus and Malta. These values are found in the RCP8.5 scenario
by the end of the century. Observed changes in drought frequency are in agreement with variations
observed in wind productivity. Thus, islands with a decrease in productivity show an increase in wind
productivity droughts and vice-versa.

Productivity changes for PV potential show a homogeneous pattern regardless of the scenario.
In particular, absolute values for the marine areas are greater than for land and greater values for the
RCP8.5 scenario than for the RCP2.6. Negative changes are projected for PV productivity in all islands
and the adjacent marine regions, time periods and scenarios. However, these changes represent a
small percentage of the PV productivity of each region and are in line with the small changes projected
for southern Europe in other studies [9,15]. Some authors have reported an increase in surface solar
radiation and, as a consequence, an increase in PV productivity in the near future when RCMs include
evolving aerosols [15,17]. The fact that models including aerosol evolution project a positive change in
PV productivity means that, despite the uncertainty related to the direct effect of aerosols, this would
reduce the risk of the worst-case scenario: a significant decrease in the solar resource.

In the RCP2.6 scenario, the Balearic Islands, Crete, Cyprus and Sicily experience a decrease in
the frequency of PV productivity droughts and a slight increase for the rest of the islands for the first
time period (2046-2065). For the second time period (2081-2100), only Sardinia and Corsica show a
very small increase in the occurrence of PV droughts. In the RCP8.5 scenario, exclusively the Balearic
Islands, Corsica and Malta present an increase in the frequency of PV droughts in the first period,
while only Malta shows an increase in the second time period. Interestingly, despite the fact that a
slight PV decrease is projected in all islands in terms of PV productivity, some regions also feature a
decrease in the associated energy drought indicator. The fact that PV productivity and PV droughts do
not present an inverse relation (i.e., a productivity increase associated with a decrease in the frequency
of PV droughts and vice-versa) relates to the seasonality of the PV energy production. There is a clear
annual cycle in PV energy production and most of the annual energy is produced in the summer
months. Due to that, as energy droughts are calculated with respect to the annual mean, PV droughts
occur mostly in winter months, showing an opposite annual cycle with respect to energy production.
As a consequence, the seasonality of PV production changes affects productivity droughts that occur
mostly in winter months.

3.3. Normalization of Projected Changes and Uncertainties

The aim of the normalization of projected changes (Nc) and the associated uncertainties (Nu)
for the indicators is to provide a concise overview of the relative impacts of climate change on the
different islands, offering a contrasting view to the absolute changes analyzed before. To obtain N,
we do not only consider local changes in the islands, but also the magnitude of changes in comparison
to the other islands. Thus, the values of Nc obtained for the different time periods and scenarios
for the islands are easily comparable. Values of Nc and Nu for the different islands, time periods
and scenarios are presented in Tables 3-8. Nc takes values that range from 0 to 1. Values close to 0
represent a positive change (i.e., relative increase of productivity or relative decrease of the frequency
of productivity droughts), while values close to 1 indicate the opposite). When Nc is 0.5 future changes
are subtle. Nu varies between 0 and 1, where 0 indicates that the ensemble members converge towards
similar changes in the future (uncertainty is low) and 1 corresponds to the opposite case. In Tables 3-8,
high uncertainty scores (Nu greater than 0.5) are indicated with an and the specific values are
presented in Appendix A.

e



Atmosphere 2020, 11, 1036 12 of 24

Table 3. Normalized changes (Nc) for wind productivity for each island, scenario and time period.
Deep green cells: Nc = 0-0.2; Light green: Nc = 0.3-0.4; White: Nc = 0.5; Light yellow: Nc = 0.6-0.7;
Deep yellow: Nc = 0.8-1. Nc and Nu are computed over land. The * indicates the cases in which
Nu > 0.5.

Wind Productivity = Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Land) Islands
RCP2.6 2046-2065 0.8 0.3 0.1 04 * 0.7 0.4 0.5*
2081-2100 0.8 0.4 * 0.3 0.7 0.6 * 0.5 0.6 *
RCPS.5 2046-2065 0.9 0.5* 0.2 * 0.7 0.7 * 0.5* 0.7 *
. 2081-2100 0.9 0.6 * 0.2* 0.9 * 1.0 0.6 * 0.9

Table 4. As for Table 3, but for wind productivity over the sea. Domains considered for the calculations
are shown in Table 1. The * indicates the cases in which Nu > 0.5.

B e Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Sea) Islands
RCP2.6 2046-2065 0.7 04 * 0.3 0.5* 0.6 04 * 0.6
2081-2100 0.7 0.3 0.3 0.5*% 0.5*% 0.3 0.6 *
RCPS.5 2046-2065 0.8 0.6 * 0.3* 0.7 0.7 0.6 * 0.7
. 2081-2100 0.9 0.8 04 * 0.9 * 0.9 0.8 0.9

Table 5. Normalized changes (Nc) for wind productivity droughts for each island, scenario and
time period. Deep green cells: Nc = 0-0.2; Light green: Nc = 0.3-0.4; White: Nc = 0.5; Light yellow:
Nc = 0.6-0.7; Deep yellow: Nc = 0.8-1. Nc and Nu are computed over land. The * indicates the cases in

which Nu > 0.5.
Wind Droughts fs?la?;: Corsica Crete Cyprus Malta Sardinia Sicily
RCP2.6 2046-2065 0.7 0.4 * 0.2 0.5* 0.7 0.5 0.6 *
. 2081-2100 0.7 0.4 * 0.3 0.6 0.7 * 0.5* 0.7
RCPS.5 2046-2065 0.8 0.6 0.3 * 0.7 0.8 0.6 0.7
. 2081-2100 1.0 0.7 0.3 * 0.9 1.0 0.7 0.9

Table 6. Normalized changes (Nc) for PV productivity for each island, scenario and time period.
Deep green cells: Nc = 0-0.2; Light green: Nc = 0.3-0.4; White: Nc = 0.5; Light yellow: Nc = 0.6-0.7;
Deep yellow: Nc = 0.8-1. Nc and Nu are computed over land. The * indicates the cases in which
Nu > 0.5.

PV Productivity Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Land) Islands
RCP2.6 2046-2065 0.5*% 0.7 0.4* 0.5* 0.6 0.6 0.5
. 2081-2100 0.5* 0.7 * 0.5* 0.5 0.6 * 0.6 * 0.5*
RCPS.5 2046-2065 0.6 0.6 0.6 0.6 0.7 0.6 * 0.6
: 2081-2100 0.7 0.6 0.6 * 0.6 0.7 0.6 0.6

Table 7. As for Table 6, but this is constructed for PV productivity over the sea. Domains considered
for the calculations are shown in Table 1.

PV Productivity Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Sea) Islands
RCP2.6 2046-2065 0.6 0.7 0.6 0.6 0.7 0.7 0.7
: 2081-2100 0.6 0.6 0.6 0.6 0.6 0.7 0.6
2046-2065 0.7 0.7 0.7 0.7 0.7 0.7 0.7
RCP8.5

2081-2100 0.8 0.8 0.8 0.7 0.8 0.8 0.8
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Table 8. Normalized changes (Nc) for PV productivity droughts for each island, scenario and time
period. Deep green cells: Nc = 0-0.2; Light green: Nc = 0.3-0.4; White: Nc = 0.5; Light yellow: Nc =
0.6-0.7; Deep yellow: Nc = 0.8-1. Nc and Nu are computed over land. The * indicates the cases in

which Nu > 0.5.
PV Droughts Balearic Corsica Crete Cyprus Malta Sardinia Sicily
Islands
RCP2.6 20462065 0.1 0.8 * 0.1 0.1* 0.6 * 0.7 0.4
’ 2081-2100 0.2 * 0.8 * 0.3 0.1 0.4 * 0.5* 0.3 *
RCPS.5 20462065 0.6 * 0.6 * 0.4 * 0.0 0.8 * 0.4 * 0.4 *
) 2081-2100 0.4 * 0.3 0.0 * 0.0 0.6 * 0.1 0.0

3.3.1. Wind Productivity and Wind Productivity Droughts

Regarding wind productivity over land, we observe that a general decrease is projected (with some
exceptions) in the RCP8.5 scenario (Table 3). A more variable response, however, is found in the RCP2.6.
In Corsica and Crete, Nc is very small. In Crete, Nc takes values smaller or equal 0.3 regardless of
the scenario and time period considered. On this island, Nu is small in the RCP2.6 and is large in the
RCP8.5. Nc is largest in the Balearic Islands, with values from 0.7 to 1 in each period and scenario and
Nu smaller than 0.5. This points to an important (and solid) decrease in wind productivity—as seen in
the previous section. Focusing on changes of wind productivity over the marine areas adjacent to the
corresponding island(s), it is worth noting that similar insights to those extracted for land productivity
are found (Table 4), but Nu generally takes now smaller values and thus results are less uncertain.

Values of Nc for wind productivity droughts (Table 5) show a good correspondence with those
from wind productivity (Table 3). In particular, Nc takes values generally greater than 0.5 (with some
exceptions). In the RCP8.5 scenario, all islands (except for Crete) present high values of Nc along with
values of Nu lower than 0.5. Thus, a robust response from the models predicts a trustworthy increase
in the frequency of wind productivity droughts in the majority of the Mediterranean islands. In the
RCP2.6 scenario, values of Nc are more diverse and the uncertainty associated is larger. The sharpest
increase in the occurrence of wind productivity droughts occurs, regardless of the scenario and time
period considered, in the Balearic Islands. Furthermore, in this case, the associated uncertainty is low.
Another interesting case is Crete, where normalized wind productivity droughts show a decrease
(Nc values below 0.5) in occurrence, which is more robust for the RCP2.6 scenario.

3.3.2. PV Productivity and PV Productivity Droughts

Focusing on PV productivity over land we observe that, in the RCP2.6 scenario, in most regions
(except for Corsica) changes are very small and Nc is close to 0.5 (Table 6). On the contrary, a clear
increase of Nc is projected in all regions for the RCP8.5 scenario. In this case, the productivity decrease
corresponds to Nc values that vary between 0.6 and 0.7 with low values of Nu. Interestingly, marine
PV productivity shows in all time periods and scenarios, values of Nc between 0.6 and 0.8 (Table 7).
In all cases, models converge towards a productivity decrease and Nu does not exceed 0.5 in any case,
indicating a low overall uncertainty. Nc is higher in the RCP8.5 scenario, especially by the end of the
21st century.

Different from what has been found for PV productivity, normalized changes of PV productivity
droughts are not similar for all regions, periods and scenarios (Table 8). Specifically, in the RCP2.6
scenario, the frequency of PV productivity droughts goes down and Nc is below 0.5 in both time
periods for most of the islands, with some exceptions like Corsica. The values of Nc are strongly
dependent on the island and chosen time period. In the RCP2.6 scenario, normalized values above 0.5
in both time periods are found in Corsica, with values of Nc greater than 0.7 but with high uncertainty.
In the RCP8.5 scenario, Nc values below 0.5 of PV productivity droughts occur in both periods in Crete,
Cyprus, Sardinia and Sicily. In the rest of the regions values of Nc are above or below 0.5 depending
on the period.
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3.4. Seasonal and Interannual Variability of Indicators: Study Cases

At this point, it is relevant to gain insight into the interannual and seasonal variability of the
different indicators in the control, as well as in the future time periods. To that end, we examine the
time series of the different indicators. This allows us to assess the impact of interannual and seasonal
variability on the ensemble mean values and ensemble mean changes. We focus on two selected islands:
Crete and Cyprus. Crete is chosen because of its anomalous behavior, which is not observed in the rest
of the Mediterranean islands, i.e., wind productivity increases in all time periods and future climate
scenarios and the frequency of wind productivity droughts goes down consistently. We consider
also Cyprus, given that this is close to Crete (both are located in the Eastern Mediterranean), but this
presents a behavior which is more representative of what observed in the rest of the Mediterranean
islands, i.e., a wind productivity decrease and an increased frequency of wind productivity droughts
in the future. In addition to this, interestingly, both PV productivity and PV productivity droughts
show a decrease in the future. This, which is the case in most of the studied islands, is an interesting
result to gain insight into. For brevity (and because results exhibit qualitatively the same patterns in
the RCP2.6 and RCP8.5 scenarios), we construct the time series with results obtained for the RCP8.5
scenario. Furthermore, given that we aim to understand the climate signal and the surface area of these
islands is not very large, averages to construct the time series are performed over the entire domain
(see caption of Table 1).

3.4.1. Crete

Wind productivity presents a seasonal cycle which depicts only a subtle variability in the control
time period (Figure 4A). Seasonal changes in wind productivity in Crete go in line with those reported
in previous regional model studies [29,38,40]. This presents higher values in winter and summer,
with a winter maximum close to 400450 kWh/kW. In summer, wind productivity is higher than in
spring and fall due to the reinforcement of the Etesian winds. The average increase of normalized wind
productivity projected in RCP8.5 (Tables 3 and 4) relates to a wind productivity rise in summer and
fall. It can also be noted that the amplitude of interannual variations is largest in winter and autumn,
with variations of a similar amplitude in the control and the different future time periods considered.

Consistent with what stated in the previous paragraph, the seasonal pattern of wind productivity
droughts (Figure 4B) features the minimum frequency of wind droughts in winter and summer
(when wind productivity is greater) and the maximum frequency in spring and fall (with lower
values of wind productivity). Accordingly, projected wind productivity droughts decrease in summer
and autumn, this being responsible for the observed mean decrease shown in Table 5. The seasonal
cycle of wind productivity and wind productivity droughts varies in opposite ways. This means that,
overall, when wind productivity increases, the frequency of wind droughts goes down. Interannual
variations in the frequency of wind droughts are, again, largest in winter and autumn. No clear
difference in the amplitude of the interannual variations is found between the control and the future
time periods studied.

PV productivity in the control period shows a distinct seasonal cycle, with maximum values
above 140 (kWh/kW) in spring and summer, as well as minimum values below 100 (kWh/kW) in winter
(Figure 4C). Regardless of the future time period chosen PV productivity remains roughly unchanged
in winter, while this slightly decreases in spring, summer and fall. This entails that the average PV
productivity decrease projected in this region (see Tables 6 and 7) is controlled by a reduction in
spring, summer and fall. These seasonal changes have been observed by other authors [9,11-13] and
are associated with an increase in temperature in southern Europe, which causes a reduction in cell
efficiency. In all time periods, interannual variability is greater in winter than in the rest of the seasons,
while summer months are more stable due to the anticyclonic situation.
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Figure 4. Seasonal time series for the different time periods, indicators computed for Crete (A-D) and
Cyprus (E-H) for the RCP8.5 scenario. Depicted indicators are: wind productivity (A,E), wind productivity
droughts (B,F), PV productivity (C,G) and PV productivity droughts (D,H). Productivity values are
given in kWh/kW, in monthly average for each season, while productivity droughts are given in
the number of drought days per season. In this figure, the control (1986-2005) appears in blue,
the near-future period (2046-2065) in red and the distant-future period (2081-2100) in yellow.

In the control period, PV productivity droughts feature a marked seasonal cycle with a maximum
in winter, a smaller frequency in fall and these are almost nonexistent in spring and summer (Figure 4D).
The fact that PV droughts are almost absent in spring and summer indicates, once more, that insolation
changes in winter and autumn largely determine the annual mean frequency of PV droughts. Therefore,
the reduction of PV productivity observed in summer and spring (Tables 6 and 7), does not have
an impact on the annual frequency of PV droughts (Table 8). Interannual variations of PV droughts
are again, in all time periods, largest in fall and winter. Winter and fall productivity changes in the
scenarios, relative to the control time period, are small, and so are changes in the frequency droughts.

3.4.2. Cyprus

The seasonal cycle of wind productivity in the control time period is different from that observed
in Crete (Figure 4E). This is characterized by maximum values in winter, with a minimum in summer
and fall. Results show that in the future—especially by the end of the 21st century—productivity drops
in all seasons with respect to the control. Interannual variations of wind productivity are, regardless of
the time period chosen, largest in winter.

Wind energy productivity droughts are more frequent than in Crete’s domain in the control time
period (Figure 4F). Coherent with the wind productivity pattern, wind droughts are less likely to occur
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in winter and more likely to develop in fall. In the future, wind productivity droughts increase in
frequency in all seasons, particularly in the 2081-2100 period. Interannual variability displays a large
variability in all seasons and time periods.

As to PV productivity, for the control time period, this displays qualitatively the same seasonal
cycle as in Crete’s domain (Figure 4G). This highlights the steadier nature of the seasonal cycle of solar
productivity relative to that from the wind seasonal cycle, which is more influenced by local factors
such as the surrounding topography. In the future, a slight decrease in PV productivity is observed in
spring, summer and fall, especially by the end of the century. Winter months do not present important
changes in future PV productivity. In all time periods, interannual variations are greatest in winter
and fall.

PV productivity droughts present a similar seasonal pattern to that found for the Crete’s domain
in the control time period (Figure 4H). The fact that, qualitatively, the seasonal cycle of both islands
studied in this section presents a similar shape indicates that PV productivity is on average less
influenced by regional factors. Again, changes in the annual mean number of days with PV droughts
are namely controlled by winter and fall insolation. The interannual variability is largest in fall and
winter, especially in the latter. In winter, the number of drought days experiences a decrease which is
particularly pronounced in the 2081-2100 time period.

4. Discussion and Conclusions

4.1. General Discussion

The strong need for increasing the contribution of renewable energy in the Mediterranean islands
is being met presently to a very high degree through onshore wind and solar PV energy installations.
This selection is supported by several reasons: the competitive and steadily decreasing price of energy
from these mature technologies, the high potential in particular of PV energy over these islands, and the
relatively low share of variable renewable energy sources in power production for most of them,
which facilitates their integration in the power system. However, the need for very high renewable
energy shares in the future and the possible impact of climate change on renewable energy resources
are challenges that have to be tackled.

Regarding the latter issue, the future change of wind energy and PV productivity should be rather
small in general: around 5% or less with respect to the reference period in many cases, with maximum
changes of about 10% for some islands at the end of the century under RCP8.5 scenario (particularly
for wind energy productivity over land). A 10% productivity change could have a significant impact
on a planned or existing plant if it occurs over the lifetime of the power plant, but in this case, such a
change would extend over many decades, which will facilitate adaptation and efficiency measures.

Wind and solar PV energy are not dispatchable, and its variability represents a challenge for
its integration in the power system. This is a challenge that can be addressed through storage or
backup plants (which can be itself renewable energy plants), through demand management, but also
taking advantage of the complementarity of PV and wind energy and their very different variability
characteristics. In this study, we have measured this variability through the frequency of renewable
energy droughts. Solar PV, with drought frequencies of 10% or less of the days, is clearly more stable
and reliable than wind energy, which shows drought frequencies of about 50% of the days for most
islands. Additionally, solar PV and wind energy show usually a clear seasonal complementarity, as seen
in the example of Cyprus analyzed here, which is characteristic for most islands. The implications
of the higher stability of solar PV and its complementarity with wind energy are being recognized
by stakeholders in the islands, as demonstrated by the report by Monitor Deloitte and Endesa [44],
in which one of the key recommendations for achieving an accelerated zero carbon target in the Balearic
Islands by 2040 is the combination of solar PV and wind energy, with clearly higher shares of PV
than of wind energy. Our results show that projected changes in the frequency of droughts are small.
This indicates that the time-variability characteristics of wind and PV energy are a robust feature.
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Our analysis also includes offshore wind and solar PV technologies. The results confirm that
offshore wind energy has a much higher potential in comparison to onshore wind energy. Even if
future projections of offshore wind energy point also towards a limited decrease, the exploitation of this
marine resource will imply in any case a large productivity improvement in comparison to land-based
plants. Whereas offshore PV productivity does not show important differences in magnitude compared
to land-based PV, offshore PV plants would be beneficial in small and/or densely-populated islands in
which space is a limiting factor, such as Malta. In this respect, there is growing interest in offshore
PV generation plants, as shown by the test plants being installed and the references made to this
technology in the Roadmap for the Offshore Renewable Energy Strategy of the European Commission
or in the report of [44] about the accelerated decarbonization of the Balearic Islands. This suggests that
offshore technologies could play a relevant role in the pathway towards very high or 100% RES shares
required to (i) achieve the long-term EU decarbonization strategy, (i) decrease the external energy
dependency of insular regions (i.e., reduce their vulnerability) and (iii) mitigate the effect of climate
change on renewable energy generation.

The combination of different types of offshore renewable energy sources on the same platform is
also attracting interest, as the different sources can exhibit complementarity in time and the combined
output can be thus more stable and reliable. The different renewable energy technologies can also
share part of the installations, like the connection to land, reducing their cost [45,46]. The European
Union is trying to promote such combinations, through projects like MUSICA (Multiple Use of Space
for Island Clean Autonomy), which will design and test a floating offshore platform integrating wind,
PV and wave energy for use on islands and plans to develop roadmaps for its deployment in three
case study islands, among them Malta [47].

Increasing RES shares together with a higher diversification of renewable technologies can limit
the amount of power that needs to be imported to the islands through interconnections to the mainland.
Interconnections are in principle very beneficial for supply safety, but excessive dependency on
them should be nevertheless avoided, due to the risk of blackouts. The failure of a single element
(one transmission line) can knock out instantaneously a large proportion of the power of an island and
even cause an island-wide blackout, as has occurred several times in Malta in the last years.

4.2. Conclusions

In this work, we use high-resolution climate variables in order to compute a series of renewable
energy indicators that allow us to assess the impact of climate change on renewable energy production,
not only over the Mediterranean islands, but also over the marine areas adjacent to them, thereby
encompassing a key aspect of the blue economy. In addition to wind and photovoltaic (PV) productivity,
we also consider wind and PV productivity droughts, which are a measure of the variability of
the resource.

Results for the control time period show a large spatial heterogeneity of wind energy productivity,
with much larger values over the sea than over the islands. The maximum wind energy potential is
found over Crete, which shows an atypical seasonal distribution with high summer values due to
regional wind flow, and the Etesians. Solar PV productivity is spatially much more homogeneous, and is
generally high in all the studied islands. Minimum values of PV potential are found in mountainous
areas likely due to orographic-related cloud formation. The seasonal cycle of PV is always driven
by an increase of solar irradiation in the central months of the year and presents little differences
among regions.

Wind energy droughts are much more frequent (around 50% of the days for most islands) than PV
droughts (10% or less of the days). This agrees with results from the study of [32], and highlights the
much more stable nature of PV productivity in comparison to wind productivity.

The future projections of the impact of climate change show that adaptation needs in the area
of renewable energies will be rather limited. The future change of wind energy and PV productivity
should be rather small in general, with maximum changes at the end of the century under the
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high-emissions RCP8.5 scenario. In general, projections show a decreasing trend of wind energy
productivity, with a more important decrease in the RCP8.5 scenario. The main exception is Crete,
which shows a consistent increasing tendency. Projected PV productivity changes are generally smaller
than wind energy changes and, in most cases, PV productivity remains constant or slightly decreases.

Wind energy and PV productivity droughts will undergo generally rather small future changes.
The sign of the changes in the frequency of wind energy droughts is linked to the sign of the productivity
change, such that a productivity decrease (as obtained for most islands) is associated with an increase
in the frequency of droughts. This is not found for PV productivity and droughts, which decrease
simultaneously in several cases. This is due to the fact that the sharpest decrease in PV productivity
occurs in summer and autumn when PV droughts do not develop. Therefore, even an annual mean
decrease in PV productivity could drive a decrease in the frequency of PV droughts, as long as PV
productivity increases in winter months.

The normalization of the changes and the associated uncertainties of the corresponding energy
indicators provide condensed information that facilitates the intercomparison of the results obtained
in the different islands. Combined with the use of an appropriate color code, tables of normalized
scores provide a useful and direct way to communicate the impact of climate change on RES in the
islands to policymakers and stakeholders.

There is a specific uncertainty source in PV projections over Europe. Most regional climate model
simulations, including the ones used here, do not include a projected evolution of aerosols in future
climate runs. The missed effect of the likely evolution of aerosols may increase to some degree the
future surface solar radiation and PV productivity over most of the islands [15]. This could cancel out
the limited reduction of PV productivity obtained in the present study. Thus, a similar analysis to the
one we perform, but done with RCMs simulations including evolving aerosols, could constitute an
interesting follow-up when a large set of RCMs including aerosol evolution is available.
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Appendix A.1. Calculation of Nc

Normalized values for projected ensemble mean changes for the selected energy indicators in the
different regions, time periods and scenarios are given by the Nc index. The Nc index is defined in
Equation (Al):

Nc=025-A+0.75-B (A1)

The terms A and B are individually normalized as follows:

A: To calculate it we first compute (for each indicator, time period and scenario), the absolute
maximum ensemble mean increase (Amax) and the absolute maximum ensemble mean decrease
(Amin) of all the islands. In the case of productivity, Amax and Amin are provided in kWh/kW. In the
case of energy productivity droughts, Amax and Amin are given in absolute change (%).

Then, the ensemble mean change for a given region, time period and scenario (Amean) is compared
to the maximum change encountered for the corresponding case taking into account all islands. For the
productivity case, Amean is given in kWh/kW and for energy productivity droughts this is provided in
absolute change (%). Specifically, if Amean > 0, Amean is compared to Amax. Alternatively, if Amean < 0,
Amean is compared to Amin. In each case, the value of A is estimated with a linear regression as follows:

Wind and photovoltaic productivity:

Positive ensemble mean changes (Amean > (), correspond to values of A from 0 to 0.5, whereas
negative ensemble mean changes (Amean < 0) correspond to values of A from 0.5 to 1. To obtain the
value of A within each interval, the following linear regression is applied:

Positive ensemble mean changes: A = ((—=0.5-Amean)/(Amax)) + 0.5 (A2)
Negative ensemble mean changes: A = ((0.5-:Amean)/(Amin)) + 0.5 (A3)
Wind and photovoltaic productivity droughts:

Positive ensemble mean changes in the frequency of productivity droughts (Amean > 0) correspond
to values of A from 0.5 to 1, while negative ensemble mean changes (Amean < 0) correspond to values
of A between 0 and 0.5. A is obtained as indicated in Equations (A4) and (A5):

Positive ensemble mean changes: A = ((0.5-Amean)/(Amax)) + 0.5 (A4)

Negative ensemble mean changes: A = ((—0.5-Amean)/(Amin)) + 0.5 (A5)

B: to compute it we express the relative ensemble mean change of the indicators with respect to
the control time period in percentage (Ameanper) and compare it to a threshold of £10%. In the case of
energy productivity droughts, Ameanpe, gives the relative change (%). B is calculated with a linear
regression as specified below:

Wind and photovoltaic productivity:

For productivity changes greater than 10% (Ameanye; > 10) B is set to 0, whereas for productivity
changes smaller than —10% (Ameanper < —10), the normalized value of B is 1. The normalized value of

B, when changes range between —10% and 10%, is obtained with the following linear regression:
B =1/20-(10 — Ameanyper) (A6)
Energy productivity droughts:

Relative changes in the frequency of energy productivity greater than 10% (Ameanper > 10)
correspond to a normalized B of 1. For relative changes in the occurrence of energy productivity
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droughts smaller than —10% (Ameanper < —10), the normalized value of B is 0. The normalized value
of B is obtained with the linear regression shown in Equation (A7):

B =1/20-(10 + Ameanyer) (A7)

Appendix A.2. Calculation of Nu

Normalized uncertainties associated with ensemble mean projected changes for each island,
scenario and time period are provided by Nu. This index is defined as follows:

Nu = (C-0.5) + (D-0.5) (A8)

In this case,
C = abs((ENSmin — ENSmax)/Amean) (A9)

where ENSmin and ENSmax correspond to the ensemble minimum and maximum changes with
respect to the control, and Amean is the ensemble mean change with respect to the control in each
case. For productivity indicators, changes are in absolute terms (kWh/kW). In energy productivity
droughts, ENSmin, ENSmax and Amean are given in absolute change (%). Values of C greater than
one are automatically set to 1. Values of C close to 0 indicate that ENSmin and ENSmax are close to
Amean and therefore that the spread of projected changes is small. Values of C close to one indicate a
great spread in projected changes between the ensemble members.

The value of D depends on the sign of the ENSmin and ENSmax.

If ENSmin and ENSmax have the same sign: D = 0.

If ENSmin and ENSmax have a different sign: D = 1.

Appendix A.3. Tables with the Corresponding Values of Nu

Table Al. Normalized uncertainty (Nu) for wind productivity for each island, scenario and time period.
Deep green cells: Nu = 0-0.2; Light green: Nu = 0.3-0.4; White: Nu = 0.5; Light yellow: Nu = 0.6-0.7;
Deep yellow: Nu = 0.8-1. Nu is computed over land.

e Dalearic Corsica Crete Cyprus Malta Sardinia Sicily

(Land) Islands
20462065 0.5 05 02 1.0 05 05 1.0
RCP26 50812100 0.5 1.0 0.0 0.5 1.0 0.5 1.0
20462065 02 1.0 1.0 1.0 1.0 1.0 1.0
RCP8.5 50812100 0.3 1.0 1.0 0.5 0.5 1.0 0.2

Table A2. This is equivalent to Table A1, but this is computed over the sea. Domains used to do the
calculations are presented in Table 1.

Wind Productivity  Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Sea) Islands
RCP2.6 20462065 0.2 1.0 0.4 1.0 0.3 1.0 0.3
: 2081-2100 0.1 0.2 0.5 1.0 1.0 0.2 1.0
20462065 0.3 1.0 1.0 0.5 0.5 1.0 0.5
RCP8.5

2081-2100 0.3 0.3 1.0 1.0 0.2 0.3 0.2
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Table A3. Normalized uncertainty (Nu) for wind productivity droughts for each island, scenario and
time period. Deep green cells: Nu = 0-0.2; Light green: Nu = 0.3-0.4; White: Nu = 0.5; Light yellow:
Nu = 0.6-0.7; Deep yellow: Nu = 0.8-1. Nu is computed over land.

Wind Droughts }ie;ie;;lsc Corsica Crete Cyprus Malta Sardinia Sicily
20462065 0.3 1.0 05 1.0 04 0.5 1.0
RCP26 50512100 0.3 1.0 0.2 0.1 1.0 1.0 0.1
20462065 03 0.5 1.0 0.5 0.5 0.5 0.5
RCP8.5 50812100 0.3 0.5 1.0 0.5 0.4 0.5 0.2

Table A4. Normalized uncertainty (Nu) for PV productivity for each island, scenario and time period.
Deep green cells: Nu = 0-0.2; Light green: Nu = 0.3-0.4; White: Nu = 0.5; light yellow: Nu = 0.6-0.7;
Deep yellow: Nu = 0.8-1. Nu is computed over land.

PV Productivity Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Land) Islands
2046-2065 1.0 05 1.0 1.0 05 05 05
RCP26 50812100 1.0 1.0 1.0 0.0 1.0 1.0 1.0
2046-2065 0.5 0.4 05 0.5 0.5 1.0 05
RCP8.5 50812100 0.5 0.5 1.0 0.5 0.4 0.5 0.5

Table A5. This is equivalent to Table A4, but this is computed over the sea. Domains used to do the
calculations are presented in Table 1.

PV Productivity Balearic Corsica Crete Cyprus Malta Sardinia Sicily

(Sea) Islands
20462065 0.1 04 0.5 0.2 0.2 04 0.2
RCP26 50812100 0.5 0.5 0.4 0.0 0.5 0.5 0.5
20462065 04 04 03 0.4 04 04 04
RCP8.5 50812100 0.3 0.3 0.2 0.3 0.2 0.3 0.2

Table A6. Normalized uncertainty (Nu) for PV productivity droughts for each island, scenario and
time period. Deep green cells: Nu = 0-0.2; Light green: Nu = 0.3-0.4; White: Nu = 0.5; Light yellow:
Nu = 0.6-0.7; Deep yellow: Nu = 0.8-1. Nu is computed over land.

PV Droughts }3saliena(;: Corsica Crete Cyprus Malta Sardinia Sicily

2046-2065 0.5 1.0 0.4 1.0 1.0 0.5 01

RCP26 50512100 1.0 1.0 0.1 0.4 1.0 1.0 1.0

2046-2065 1.0 1.0 1.0 0.5 1.0 1.0 1.0

RCP85  5081-2100 1.0 0.5 1.0 0.5 1.0 0.5 0.5
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