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Abstract: Although nitrogen (N) deficiency greatly affects N absorption and metabolism in barley, the
global transcriptomic changes in morphological and physiological adaptation to altered N availability
remains largely unclear. We conducted a comparative transcriptome analysis of roots in A9-29 (low N
tolerant line of barley) and Hua 30 (low N-sensitive variety of barley) under low N conditions to
elucidate the responses and the underlying molecular mechanism. The results demonstrated that the
root architecture was strongly influenced and that the root morphological indexes (total root length,
total root area surface, and root volume) were remarkably promoted in A9-29 compared to Hua30
under low N stress. The transcriptome analysis of roots identified 1779 upregulated differentially
expressed genes (DEGs) and 1487 downregulated DEGs specifically expressed in A9-29 under low N
stress. Specific DEGs in A9-29 were largely enriched in energy metabolism, lipid metabolism, and
the metabolism of other amino acids. In addition, transcription factor genes ERFs and IAA-related
genes were specifically expressed in A9-29. To conclude, this study could provide a foundation for
improving low N tolerance in barley.

Keywords: barley (Hordeum vulgare L.); low-N stress; root architecture; transcriptome; differentially
expressed genes

1. Introduction

Nitrogen (N) is one of the major elements and constitutes the driving force for increas-
ing crop yield. The two-fold increase witnessed in agricultural food production worldwide
in the past four decades is largely attributed to the seven-fold increase in the application of
N fertilizers [1]. With the global food demand estimated to double over the next 50 years, a
three-fold increase in global N fertilizer input is anticipated [2]. The indiscriminate use of
N fertilizers in agriculture is already exerting and will continue to exert negative effects
on the ecological environment [1]. The largest impact would be observed in terms of the
eutrophication of freshwater and marine ecosystems due to the leaching of excess nitrogen
fertilizers into these water bodies [3]. Therefore, it is necessary to prevent the overuse
of nitrogen fertilizers to balance food production and protect environmental health [4].
Moreover, breeding varieties with low-N tolerance, which can decrease N requirements
and achieve high yields, will promote green agriculture and sustainable development [5].
Understanding the underlying molecular modulation mechanism of crops under low-N
stress is beneficial to improving the tolerance of crops under low-N stress [6].

The proper growth and development of the root system are essential for plants to
obtain nutrients and water from different layers of soil [7]. The efficiency of this process

Agronomy 2023, 13, 806. https://doi.org/10.3390/agronomy13030806 https://www.mdpi.com/journal/agronomy

https://doi.org/10.3390/agronomy13030806
https://doi.org/10.3390/agronomy13030806
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.mdpi.com/journal/agronomy
https://www.mdpi.com
https://orcid.org/0000-0002-7204-6994
https://orcid.org/0000-0002-0478-4880
https://doi.org/10.3390/agronomy13030806
https://www.mdpi.com/journal/agronomy
https://www.mdpi.com/article/10.3390/agronomy13030806?type=check_update&version=3


Agronomy 2023, 13, 806 2 of 17

depends on the uptake activity and root architecture, which consequently affects the
efficiency of the absorption of N and other elements [8]. Plant roots utilize an “active
foraging strategy” to cope with N deficiency through lateral root growth and transcriptome
reprogramming [9]. The root architecture is strongly influenced by the availability of N
in the soil. Under low-N stress, more photosynthates get transported to roots, resulting
in longer root lengths, more fine roots, and deeper root distribution, leading to improved
root growth and enhanced nitrogen uptake [10]. Moreover, the development of plant
roots is governed by internal regulatory mechanisms [11,12]. Phytohormones are an
important component of the internal regulatory mechanism in plant root architecture. It
has been demonstrated that nitrogen-induced root architecture remodeling is involved in
the cross-regulation of the nitrogen signaling and auxin signaling pathway [13]. Low-N
conditions induce the expression of auxin biosynthesis genes, resulting in elevated auxin
levels, thereby stimulating lateral root initiation and extension [14]. Abscisic acid (ABA)
is a stress hormone and has been implicated in lateral root formation [15,16]. In contrast,
cytokinins inhibit lateral root development in an auxin-dependent manner [17]. Ethylene
and jasmonate (JA) are integrated into auxin signaling to modulate root development,
primarily through transcription factors (TFs) as key crosstalk nodes [18].

Transcription factors (TFs) are central regulators of intrinsic cellular processes, such
as differentiation and development, and responses to hormones and environmental fac-
tors [19]. In addition, TFs are required for the proper formation of the primary root, root
hairs, and lateral roots [20]. TFs involved in modulating root architecture and plasticity
primarily include ARF (auxin response factor), WRKY, MYB, bHLH (basic helix–loop–
helix), NAC, AP2/ERF (APetala 2/ethylene responsive element-binding factor), MADS,
and GRAS, which play different roles in adapting to the changing environment [21].

A previous study has demonstrated that the A9-29 line, a mutant line derived from
Hua 30 by microspore EMS (ethyl methane sulfonate) mutagenesis, absorbs nitrogen more
efficiently than Hua30 due to the increased nitrogen absorption area, higher nitrogen influx
in roots, and enhanced expression of nitrate transport and nitrogen assimilation genes,
thereby resulting in more biomass and nitrogen accumulation under low-N conditions [22].
The response and regulatory mechanism underlying the ability of barley roots to cope with
low-N stress has remained unclear. Therefore, we conducted a comparative transcriptome
analysis of roots in A9-29 (low-N tolerant line) and Hua 30 (low-N- sensitive variety) under
low-N conditions, which will provide a theoretical foundation for elucidating the regulatory
mechanisms of low-N tolerance and breeding low-N-resistant varieties in barley.

2. Materials and Methods
2.1. Plant Materials and Growth Conditions

Barley Hua30 is a low-N sensitive variety, whereas A9-29 is a mutant obtained from
Hua30 by microspore EMS mutagenesis and is a low-N tolerance line with a higher NUE
under low-N stress [23]. Seeds were disinfected, rinsed, soaked, and placed on a damp
piece of filter paper for germination in culture dishes. After 5 days, the seedlings without
seeds were cultivated in water for 2 days and afterward cultured in 10 L of the International
Rice Research Institute (IRRI) nutrient solution. NH4NO3 (0.1 mM) was used as a low-N
treatment. The nutrient solution was renewed every 7 days and aerated with an electric
pump. The pH was maintained at 6.2 ± 0.3. There were 27 plants per 10 L of nutrient
solution. All the plants were cultivated in a glasshouse (day/night temperature, 20/18 ◦C;
light/dark, 16/8 h; 60% relative humidity) under approximately 300 µmol photon m−2s−1

light intensity. The treatment was performed at 10:00 am. At 0, 7, 14, and 21 days of
low-N treatment, the fresh roots were sampled, immediately frozen in liquid nitrogen, and
subsequently stored at −80 ◦C for further analysis. The samples of six plants from each
timepoint were mixed as one replicate, and three replicates of each sample were used for
the transcriptome analysis.
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2.2. Root Morphology

Fresh roots were harvested separately at 0, 7, 14, and 21 days after low-N treatment
and separated carefully. Scanned images with a 300 dpi resolution were acquired using
a flatbed scanner. The root systems were analyzed by LA-S Plant Root Analysis System
(Hangzhou Wseen Detection Technology Co., Ltd., Hangzhou, China) to evaluate the total
root length, root surface area, root volume, and root average diameter.

2.3. RNA Extraction and Sequencing

The total RNA was extracted from each root sample using mirVana miRNA Isolation
Kit according to the manufacturer’s instructions. RNA integrity was assessed by Agilent
2100 Bioanalyzer (Agilent Technologies, Santa Clara, CA, USA). The samples with RNA
integrity number ≥ 7 were used for further analysis. The libraries were constructed using
TruSeq Stranded mRNA LT Sample Prep Kit (Illumina, San Diego, CA, USA) following the
manufacturer’s instructions. The transcriptome sequencing and analysis were conducted
by OE Biotech Co., Ltd. (Shanghai, China). Three biological replicates were used for
each sample.

2.4. RNA-Seq Data Processing and Analysis

The libraries were sequenced on the Illumina HiSeq X Ten platform and generated
150 bp paired-end reads. First, the raw data were processed using the Trimmomatic tool [24]
to obtain clean reads. Next, the clean reads were aligned to a barley reference genome
using the Hiast2 tool [25]. The fragments per kilo base per million reads (FPKM) value of
each gene was calculated using the Cufflinks tool [26], and the read counts of each gene
were acquired using HTSeq-count [27]. The differentially expressed genes (DEGs) with
p < 0.05 and a foldchange of >2 or <0.5 were identified using the DESeq tool [28]. Short
time-series expression miner (STEM) clustering was based on the method described by
Ernst and Bar-Joseph [29]. The Gene Ontology (GO) and Kyoto Encyclopedia of Genes
and Genomes (KEGG) pathway enrichment analyses of DEGs were performed using the
R package.

2.5. RT-qPCR Validation

Twelve DEGs were randomly selected and subjected to a quantitative real-time-
polymerase chain reaction (qRT-PCR) analysis to verify the data from RNA-seq. The
cDNA synthesis and qRT-PCR reaction system were performed according to the method
described by Gao et al. [22]. The reference genes were HvGAPDH and HvActin. Three
biological replicates were performed for each treatment. The sequences of primers are
shown in Supplementary Table S1.

3. Results
3.1. Root Morphology Analysis of A9-29 and Hua30 under Low-N Stress

As the low-N culture time increased, the root phenotypes of A9-29 and Hua30 showed
a clearly visible difference (Figure S1). The A9-29 and Hua30 samples were then compared
for the total root length, total root surface, total root volume, and root average diameter
(Figure 1). Compared with Hua30, the total root length and root surface of A9-29 were
significantly larger from 7 d to 21 d. The root volume of A9-29 was remarkably greater than
that of Hua30 from 14 d to 21 d. The root average diameter decreased with an increase in
the treatment time. A9-29 had thinner roots than Hua30; however, a significant difference
was observed only at day 7 of low-N stress. These results prove that A9-29 is more tolerant
to low-N stress than Hua30.
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Figure 1. Effects of low-N stress on the total root length, total root surface, total root volume, and
root average diameter. Values represent the mean ± standard deviation (SD) of four replicates.
* or ** indicate significant differences in the pair-wise comparisons at p < 0.05 or p < 0.01.

3.2. RNA-Seq Analysis of Roots in A9-29 and Hua30 Subjected to Low-N Stress

An overview of DEGs derived from A9-29 and Hua30 is presented in Figure 2. Com-
pared with the control (0 d), 8251 and 9138 DEGs were found in Hua30 and A9-29 at
three-time points under low-N stress, of which 4819 and 5270 DEGs were upregulated and
3702 and 3868 DEGs were downregulated in Hua30 and A9-29 separately (Figure 2A,C,D).
The number of DEGs increased with the extension of the low-N treatment time. The number
of DEGs in the 21 d sample was nearly two-fold that in the 7 d sample both in Hua30 and
A9-29. The number of DEGs in A9-29 was slightly more than that in Hua30, indicating that
A9-29 expresses more genes under low-N stress.

Subsequently, the paired comparison was performed in A9-29 and Hua30 at each
time point (Figure 2B,E). In total, 1779 upregulated DEGs and 1487 downregulated DEGs
were identified in A9-29. Among these, 297 and 318 DEGs were differentially up- or
down-regulated at all time points, suggesting that these genes constantly responded to
low-N stress in A9-29 during the time course. In addition, different numbers of DEGs
displayed time-specific expression, indicating that A9-29 uses a complex process to adapt
to low-N stress.

Because the A9-29 was obtained from Hua30 by microspore EMS mutagenesis, the dif-
ference between them was a focal point, which should be thoroughly studied in the future.

3.3. Functional Annotation of DEGs in A9-29 versus Hua30 under Low-N Stress

To ascertain the biological functions of DEGs in A9-29 and Hua30, we performed a
GO enrichment analysis. The DEGs at different time points were divided into three major
categories, including 38 functional groups (Figure S2). In the biological process category,
numerous DEGs were found to be associated with a metabolic process, cellular process, and
single-organism process. The dominant terms in the cellular components were cell, cell part,
and membrane. In the molecular function category, the majority of the DEGs were related
to binding and catalytic activity (Figure 3). Moreover, signaling and response to stimu-
lus in the biological process category and antioxidant activity in the molecular function
category were functionally annotated, proving their vital functions in the stress tolerance
of plants. The biological processes were further divided into upregulated and downreg-
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ulated groups (Figure 4). The figure depicts the degree to which the selected biological
processes were overrepresented among the DEGs in A9-29 and Hua30 at each time point.
In the upregulated groups, protein phosphorylation was enriched from 14 d to 21 d. The ma-
jority of the metabolic process, response to stress, response to water, chitin catabolic process,
and cell wall macromolecule catabolic process were enriched at 7 d and 21 d. The phos-
phatidylinositol phosphorylation was enriched at 21 d. In the downregulated groups, pro-
tein phosphorylation was found to be enriched from 0 d to 14 d. The oxidation–reduction
process, malate transportation, and heme oxidation were enriched at 0 d. The cellular
amino acid metabolic process and the carboxylic acid metabolic process were enriched
at 14 d. Interestingly, the up-regulated biological processes displayed a higher degree
of enrichment than the down-regulated ones, indicating that the upregulated biological
processes were involved in positive functions in A9-29 under low-N stress.
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Figure 2. Venn diagrams of DEGs between A9-29 and Hua30 under low-N conditions. (A) Summary
of DEGs in Hua30 and A9-29 at each time point compared to those at 0d. (B) Summary of DEGs
in A9-29 compared to Hua30. (C) The numbers of up- and down-regulated DEGs in Hua30 under
low-N stress. (D) The numbers of up- and downregulated DEGs in A9-29 under low-N stress.
(E) The numbers of up- and downregulated DEGs in A9-29 compared to Hua30. The numbers above
the horizontal line indicate the number of upregulated DEGs and those below the horizontal line
represent the number of downregulated DEGs.
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the molecular function category.

3.4. Functional Analysis of KEGG Pathway of DEGs in A9-29 versus Hua30 under Low-N Stress

To explore the biological pathway triggered by low-N stress in A9-29 versus Hua30, all
DEGs were functionally annotated in the KEGG database. DEGs with significant matches
were assigned to 53, 42, 49, and 47 KEGG pathways at 0, 7, 14, and 21 d, respectively, under
low-N stress. Among these pathways, 19 KEGG pathways were identified at all time points,
20 KEGG pathways were found at three of the four time points, and 12 KEGG pathways
were recognized at two of the four time points. Finally, 11, 4, 10, and 6 KEGG pathways
were identified as unique to one of the four time points. These pathways were divided
into four categories, namely, metabolism, cellular processes, environmental information
processing, and genetic information processing, which were further divided into 17 subcat-
egories (Figure 5). Numerous DEGs were functionally enriched in the category metabolism.
The top four subcategories in the metabolism category were biosynthesis of other sec-
ondary metabolites, energy metabolism, metabolism of other amino acids, and amino acid
metabolism. Moreover, DEGs were functionally enriched in xenobiotic biodegradation
and metabolism, carbohydrate metabolism, and lipid metabolism, which were intricately
related to the plant response to environmental stress, as well as growth and development
regulation. In addition, 17 DEGs were functionally enriched in the subcategory cell growth
and death, which belonged to cellular processes. Similarly, 25 DEGs were classified into
four subcategories, belonging to genetic information processing, and all DEGs were down-
regulated. In total, 42 DEGs were classified into two subcategories including membrane
transport and signal transduction, belonging to environmental information processing.
Among these subcategories, energy metabolism, lipid metabolism, and metabolism of other
amino acid were of concern due to the fact that the number of upregulated DEGs was more
than twice that of the downregulated ones. Subsequently, five major KEGG pathways were
significantly enriched in A9-29 compared to Hua30 (Table 1), suggesting that the genes
involved in these pathways may be associated with different responses to low-N stress of
the two barley lines.



Agronomy 2023, 13, 806 7 of 17

Agronomy 2023, 13, x FOR PEER REVIEW  7  of  18 
 

 

 

Figure 4. The biological process of GO categories in time course comparisons between A9‐29 and 

Hua30. The categories are remarkably enriched (p < 0.05) in either upregulated or downregulated 

genes. Negative log10 (p‐value) was performed for each category enrichment test and subsequently 

plotted for each time point. 

3.4. Functional Analysis of KEGG Pathway of DEGs in A9‐29 versus Hua30 under Low N 

Stress 

To explore the biological pathway triggered by low‐N stress in A9‐29 versus Hua30, 

all DEGs were  functionally  annotated  in  the  KEGG  database. DEGs with  significant 

matches were assigned to 53, 42, 49, and 47 KEGG pathways at 0, 7, 14, and 21 d, respec‐

tively, under low‐N stress. Among these pathways, 19 KEGG pathways were identified 

at all time points, 20 KEGG pathways were found at three of the four time points, and 12 

KEGG pathways were recognized at two of the four time points. Finally, 11, 4, 10, and 6 

KEGG pathways were identified as unique to one of the four time points. These pathways 

Figure 4. The biological process of GO categories in time course comparisons between A9-29 and
Hua30. The categories are remarkably enriched (p < 0.05) in either upregulated or downregulated
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1 
 

 Figure 5. KEGG pathway enrichment analysis of DEGs at all time points in A9-29 versus Hua30
under low-N stress.

Table 1. The major KEGG pathway enrichment for upregulated DEGs in A9-29 versus Hua30 under
low-N stress.

KEGG Pathway Description
−Log10 (p Value)

0 d 7 d 14 d 21 d

Energy metabolism
ko00910 Nitrogen metabolism 1.43 1.64
ko00920 Sulfur metabolism 6.04 6.69 3.93 2.35

Lipid metabolism
ko00073 Cutin, suberine, and wax biosynthesis 1.99 1.51 1.91 2.83
ko01040 Biosynthesis of unsaturated fatty acids 1.66 1.77 2.27 1.69

Metabolism of other amino acids
ko00480 Glutathione metabolism 4.34 13.26

3.5. DEGs Involved in Nitrogen/Sulfur Metabolism and Other Types of Nutrient Uptake under
Low-N Stress in A9-29

Nitrogen metabolism is an essential plant biological process which greatly affects the
growth and development of plants. Compared to Hua30, five DEGs were up-regulated
and involved in the nitrogen metabolism pathway in A9-29. HORVU6Hr1G005590, a high-
affinity nitrate transporter 2.6 gene (NRT2.6) was upregulated in A9-29 from
0 d to 14 d under low-N stress. Two carbonic anhydrases (HORVU7Hr1G020190 and
HORVU7Hr1G020370), a formamidase (HORVU3Hr1G074250), and a cyanate lyase
(HORVU4Hr1G076970), which could catalyze different substrates to ammonia, as a source
of nitrogen, were upregulated in A9-29.

Eleven DEGs were up-regulated and involved in sulfur metabolism. A ferredoxin-
sulfite reductase (HORVU0Hr1G026700) catalyzes the reduction of sulfite to sulfide and
subsequently participates in the biosynthesis of sulfur-containing amino acids and cofactors.
A sulfur dioxygenase (HORVU3Hr1G060920) is known to regulate sulfide levels in living
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organisms. A 3′(2′),5′-bisphosphate nucleotidase (HORVU7Hr1G021700) has been reported
to convert the adenosine 3′-phosphate 5′-phosphosulfate to adenosine 5′-phosphosulfate,
thereby controlling the sulfur flux in the sulfur activation pathway. Three cysteine syn-
thases (HORVU2Hr1G000260, HORVU7Hr1G023500, and HORVU3Hr1G047030) catalyze
O-acetylserine and sulfide to form cysteine. Similarly, five cystathionine gamma-synthases
(HORVU2Hr1G011930, HORVU2Hr1G011970, HORVU4Hr1G028560, HORVU4Hr1G028570,
and HORVU4Hr1G028580) catalyze sulfide to L-cysteine. These genes participate in sul-
fate assimilation and sulfur-containing amino acid metabolism. In addition, a sulfate
transporter 3.1 (HORVU3Hr1G068140) was up-regulated in A9-29.

In addition to nitrate and sulfate transporters, several DEGs encoding other nutrient
transporters were identified in A9-29, such as potassium transporter (8), zinc transporter (4),
iron transporter (5), magnesium transporter (2), boron transporter (1), and sugar trans-
porter (9) (Table S2). The majority of these DEGs were up-regulated in A9-29, indicating
that the A9-29 sample had a higher nutrient uptake capacity under the low-N condition.
Moreover, these nutrients were affected by N metabolism under cross-talking regulation.

3.6. DEGs Involved in Lipid Metabolism under Low-N Stress in A9-29

Two major KEGG pathways were involved in lipid metabolism. Four very-
long-chain 3-oxoacyl-CoA reductases (HORVU7Hr1G001550, HORVU7Hr1G044900,
HORVU7Hr1G063290, and HORVU1Hr1G045230), a very-long-chain enoyl-CoA reductase
(HORVU1Hr1G013970), a peroxisomal acyl-coenzyme A oxidase 1(HORVU1Hr1G028500),
a 3-oxoacyl-[acyl-carrier protein] reductase (HORVU3Hr1G006910), and a acyl-[acyl-carrier-
protein] desaturase (HORVU5Hr1G039730) participated in the biosynthesis of unsatu-
rated fatty acids. Two peroxygenases (HORVU2Hr1G088760 and HORVU6Hr1G073690)
and four fatty acyl-CoA reductases (HORVU3Hr1G002120, HORVU7Hr1G020270,
HORVU7Hr1G059000, and HORVU7Hr1G092230) participated in cutin, suberine, and wax
biosynthesis.

3.7. DEGs Involved in Glutathione Metabolism under Low-N Stress in A9-29

Thirty DEGs encoding glutathione-S transferase (GST) identified in A9-29 under low-N
stress were involved in glutathione metabolism. A heat map of these genes was constructed
by Log2

(FPKM+1) for Hua30 and A9-29 at four time points (Figure 6). These DEGs displayed
more transcript accumulation in A9-29 than in Hua30 especially at 21 d.
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3.8. Transcription Factors

It is well known that N deficiency response is regulated at the transcriptional level.
Several transcriptional factor genes were identified from the DEGs. In total, 97 DEGs
encoding TFs were identified in A9-29 compared with Hua30 under low-N stress (Table S3).
Among the 97 DEGs, 39 DEGs were significantly regulated at two or more time points and
these were selected for the average linkage hierarchical cluster analysis (Figure 7A). These
TFs belonged to different families, such as AP2 (4), ARF (5), ERF (9), MYB-like (1), HSF (2),
bHLH (5), bZIP (1), NAC (1), MADS-box (5), GRAS (2), and others (4). The results showed
that 28 DEGs were upregulated in A9-29, especially from 14 d to 21 d, and only 11 DEGs
were upregulated in Hua30. All the ERFs and GRAS displayed more upregulation in A9-29
compared with Hua30, implying these TFs have positive functions in A9-29 against N
deficiency. In addition, ERFs and ARFs were involved in plant hormone signal pathways.
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3.9. DEGs Involved in Phytohormones

Phytohormones regulate plant morphogenesis in response to external stimuli, in-
cluding nutrient stress. Thirty-nine hormone-signaling-related DEGs were identified in
A9-29 compared with Hua30 under low-N stress, including auxin (IAA, 23), gibberellin
(GA, 7), cytokinin (CTK, 3), ethylene (ETH, 4), and abscisic acid (ABA, 2) (Table S4). In
addition, 12 of 39 hormone-signaling-related DEGs were significantly regulated at two or
more time points which were selected for the average linkage hierarchical cluster analysis
(Figure 7B). Among these 12 DEGs, 9 DEGs were involved in auxin signal transduction,
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strongly suggesting that auxin signaling plays an important function in A9-29 to promote
root development in response to N deficiency.

3.10. Expression Pattern of DEGs between A9-29 and Hua30 throughout Low-N Process

The DEGs identified in A9-29 and Hua30 under low-N stress were assigned to different
temporal expression profiles based on the pattern of expression by STEM. The cluster anal-
ysis revealed 12 significant expression profiles in Hua30 and A9-29, respectively (Figure 8).
The expression patterns of DEGs in profiles 42, 49, 48, 29, and 18 presented an increasing
trend under low-N stress, whereas those in profiles 9, 1, 12, and 23, showed a decreasing
trend in both A9-29 and Hua30. Compared with Hua 30, profiles 40 and 46 showed increas-
ing trends and profile 11 showed a decreasing trend, which was significantly identified only
in A9-29. The GO functional enrichment analysis indicated that DEGs in profile 40 were
remarkably enriched in the protein modification process, transportation, the regulation of
gene expression, the metabolic process, catalytic activity, and binding. The DEGs in profile
46 were significantly enriched in the oxidation–reduction process, the response to stress,
protein phosphorylation, the metabolic process, transportation, and binding. The DEGs in
profile 11 were highly enriched in microtubule-based movement, cell wall, the response
to oxidative stress, the metabolic process, and binding. In contrast, profiles 45, 47, and
0 were significantly identified only in Hua30. The DEGs in profiles 45 and 47 were first
upregulated, and then downregulated. These genes were predicted to be largely in charge
of protein phosphorylation, the response to oxidative stress, the membrane, protein kinase
activity, and binding. GO enrichments for profile 0 showing decreasing trends included
those in transmembrane transportation, the regulation of transcription, mitochondrion,
and binding.
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The cluster analysis manifested that more DEGs in the Hua30 sample showed a reduc-
tion in transcript abundance from 14 d to 21 d. In contrast, more DEGs were upregulated in
the A9-29 sample from 14 d to 21 d. These upregulated genes at the later stages of treatment
may likely function in A9-29 under low-N stress.
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3.11. Validation of RNA-Seq Gene Expression

Twelve representative DEGs were randomly selected for qRT-PCR to confirm the
data obtained from the RNA-seq. These DEGs include one nitrate transporter 1:2
(HORVU1Hr1G050540), one high affinity nitrate transporter 2.6 (HORVU6Hr1G005590),
one potassium transporter family protein (HORVU1Hr1G009100), one NAC domain
containing protein 2 (HORVU3Hr1G062150), two transcription factors including
bHLH62 (HORVU3Hr1G066050), and zinc finger CCCH domain-containing pro-
tein 14 (HORVU6Hr1G033840), one GST family protein (HORVU1Hr1G021170), one
caffeic acid 3-O-methyltransferase 1 (HORVU3Hr1G006050), one 23 kDa jasmonate-
induced protein (HORVU3Hr1G117640), one ATP-dependent 6-phosphofructokinase 3
(HORVU7Hr1G047000), one E3 ubiquitin-protein ligase SINA-like 7 (HORVU0Hr1G006120),
and one germin-like protein 4 (HORVU4Hr1G005440). As shown by the result, an excellent
agreement was achieved between the RNA-seq data and qRT-PCR data of the selected
genes (R2 = 0.90) (Figure 9), indicating the reliability of the RNA-seq data.
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4. Discussion

Plants respond to N deficiency through numerous morphological and physiological
responses. The morphological features of roots, the primary organ of N absorption, de-
termine the ability of plants to obtain N from soil [30]. Root morphology significantly
varies in response to different levels of N availability among the genotypes of crops, such as
Arabidopsis [31], cotton [32], and wheat [33]. Under N-deficient conditions, high N efficiency
genotypes can create more root dry biomass than genotypes with low-N efficiency can. The
morphological traits of roots in N-efficient genotypes were significantly higher in number
than in inefficient genotypes under N-deficient conditions, thus facilitating more N cap-
ture [32]. As mentioned in Section 3, the A9-29 sample showed a greater induction of root
morphological traits under a low-N concentration, indicating that the A9-29 sample was
more tolerant to the low-N concentration than the Hua30 sample was. Ultimately, longer
root length, increased root surface, and higher root volume were observed in the A9-29
sample compared to the Hua30 sample, implying that A9-29 roots have a greater absorption
area than Hua30 roots do and therefore can obtain more N nutrients and efficiently adapt
to low-N conditions.

Plant nitrogen metabolism is a highly complex process. Plants have evolved multiple
mechanisms to regulate N metabolism to counter various levels of N availability and
environmental stress [34]. Although high-affinity nitrate transport genes (NRT2s) have
been reported to be remarkably expressed in N-deficient seedlings [35], this was not
detected in this experiment. In our previous work, the high-affinity nitrate transport genes
were expressed more in A9-29 than in Hua30 [22]. In this experiment, only HvNRT2.6 was
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dramatically expressed in A9-29 compared to Hua30. A likely explanation is that day 0
was used as a control in this experiment instead of day 1, which was the control in the
previous work, causing variations in nitrogen availability throughout the treatment process.
The N availability to the seedlings in this experiment was changed from zero at 0 d to
the peak at 7 d, followed by decreasing it to almost zero. Some research shows that the
expression of NRT2.1 was different between nitrogen starvation and low-N concentration
treatments of wheat roots [36,37]. Furthermore, it was reported that the AtNRT2.6 gene
was involved in the response to biotic and abiotic stresses [38,39]. Moreover, the NRT2.6
gene expression is induced by high nitrogen levels [38]. It has been demonstrated that the
NRT2.5/NRT2.6-dependent plant signaling pathway and the nitrate-dependent regulation
of root development are independent [40]. Hence, the functions of NRT2.6 in response to
N deficiency in A9-29 warrant further investigation. Most genes related to N metabolism
were undetectable, suggesting that A9-29 and Hua30 tried to keep a normal N metabolism
while adapting to low-N stress.

Nitrogen and sulfur are assimilated by plants primarily into proteins. The amount of
sulfur required by a plant is strongly dependent on its N nutrition [41]. Sulfur metabolism
is a crucial part of essential amino acid components of cysteine and methionine. In ad-
dition, it is associated with the production of several secondary metabolites, including
H2S, glutathione, polysulfides, and polysulfanes, which are known to increase tolerance to
biotic and abiotic stresses [42]. During the N deficiency treatment, sulfur metabolism was
enriched in A9-29 compared to Hua30, implying that sulfur metabolism exerts a positive
function in A9-29 against N deficiency.

Plant lipids’ functions as a hydrophobic barrier to membranes and also as signaling
molecules that regulate cell metabolism are critical for maintaining the integrity of cells and
organelles [43]. Unsaturated fatty acids (UFAs), primarily C18 species, are deeply linked to
both abiotic and biotic stresses. Moreover, C18 UFAs have multiple functions, including
their role as precursors for multiple bioactive molecules, stocks of extracellular barrier
components, and intrinsic antioxidants [44]. Cutin and suberinare play important roles
in adjusting plant morphology and protecting plants from adversity stresses [45]. In this
experiment, two lipid metabolism pathways, including the biosynthesis of unsaturated fatty
acids and the biosynthesis of cutin, suberine, and wax, were enriched in A9-29 compared
to Hua30 under N deficiency, indicating the presence of a concerted effort in A9-29 to adapt
to high levels of N stress to promote root growth.

Low or excessive amounts of essential nutrients could cause oxidative damage to
plants, resulting in reduced production [46]. As a macronutrient, appropriate N levels
are conducive to normal plant growth, whereas N starvation or excess can make plants
suffer from N stress. Under N-deficient conditions, stress response pathways have been em-
ployed to regulate root growth in response to N starvation [47]. Glutathione is an essential
ingredient of the defense system in plants and animals [48], which not only plays a redox
role in plant adaptation to stress conditions but is also implicated in plant development and
stress tolerance [49]. In addition, glutathione metabolism plays an essential role in deciding
the level of expression of defense-related genes under environmental stresses [50]. High
levels of glutathione can cause stress tolerance and translational changes [51]. GSTs are
multifunctional enzymes that use glutathione as a co-substrate or co-enzyme to perform
a range of functional roles [52]. In plants, several GSTs are involved in important physi-
ological activities, such as environmental stress management, phytohormone signaling,
cell death, and several others [53]. GSTs can eliminate reactive oxygen species and lipid
hydroperoxides via antioxidant reactions [54]. We found that the glutathione metabolism
pathway and the GST genes significantly contributed to low N condition in A9-29 compared
with Hua30, indicating they play vital roles in A9-29 to reduce the stress caused by low-N
concentration.

Phytohormones are critical factors in modulating the responses of root morphogenesis
to different environmental conditions, including N availability [55]. Several studies have
demonstrated that N and phytohormone signals are integrated to promote plant morpho-
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logical and physiological adaptation to tolerate both N deficiency or excess [9,56,57]. Auxin
is a major regulator of root growth and the N-mediated root architecture [58]. There exists
a strong relationship between the stimulation of root growth by low nitrate and increased
IAA contents in roots [59]. IAA could integrate with N signaling to regulate root growth in
response to variations in N availability [47]. As shown in Figure 7, IAA related genes are
specifically expressed in A9-29, indicating that this phytohormone can sense the variations
in N availability and modulate root growth.

TFs are the master regulators of stress response genes, and are promising targets
for genetic improvement in abiotic stress tolerance in crops [19,60]. ERFs serve as a key
regulatory hub, integrating hormone and redox signaling in response to different abiotic
stresses [61]. Moreover, ERF1 plays an active function in abiotic stresses by integrating ET,
ABA, and JA signaling through specific stress gene regulation [62]. Overexpression of the
TaERF1 gene has been reported to improve the tolerance to multiple stresses in transgenic
wheat [63]. The TdERF1 gene may provide a discriminating marker between salt-tolerant
and sensitive durum wheat varieties [64]. Here, seven ERF1s of nine ERFs were identified
in A9-29, indicating that ERF1s may have functions under low-N stress in A9-29. It is yet to
be studied whether ERF1 can be used as a marker to identify A9-29 and Hua30 roots.

In summary, we deduced the mechanism underlying the low-N tolerance of A9-29.
More energy production and stronger stress resistance could promote growth performance
in the root morphological traits of A9-29, enhancing the absorption of increased amounts
of N nutrients under low-N conditions. The DEGs involved in energy metabolism, lipid
metabolism, and the metabolism of other amino acids could play vital roles in tolerating
low-N stress in A9-29. Furthermore, certain phytohormone- and TF-related DEGs were
altered to activate the corresponding signaling pathways and regulate root growth in
response to low-N stress.

5. Conclusions

Low-N stress could significantly affect the architecture of the root system. Compared
to Hua30, A9-29 has a longer root length, extended root area surface and root volume, and
more fine roots under low-N stress. The transcriptome analysis of the roots identified 1779
upregulated DEGs and 1487 downregulated DEGs that were differentially expressed in
A9-29 response to low-N stress. Specific DEGs in A9-29 are primarily enriched in energy
metabolism, lipid metabolism, and the metabolism of other amino acids. ERF transcription
factor gene families and IAA-related genes were specifically expressed in A9-29. These
related genes may modulate root growth and morphology to tolerate low-N stress. These
findings will enhance our understanding of barley response mechanisms under low-N
conditions.

Supplementary Materials: The following supporting information can be downloaded at:
https://www.mdpi.com/article/10.3390/agronomy13030806/s1. Table S1: List of genes and primers
selected for q-PCR validation. Table S2: DEGs encoding the others nutrient transporters identified in
A9-29 compared with Hua30 under long-term LN stress. Table S3: DEGs encoding transcription
factors (TFs)were identified in A9-29 compared with Hua30 under long-term LN stress. Table S4: The
hormone signaling-related DEGs were identified in A9-29 compared with Hua30 under long-term
LN stress. Figure S1: The root phenotypes of Hua 30 and A9-29 at different time points under low-N
conditions. Figure S2: GO analysis of DEGs in each category. (A) Biological process. (B) Cellular
component. (C) Molecular function. The number on the X-axis indicates different GO terms as fol-
lows: 1—metabolic process; 2—cellular process; 3—single-organism process; 4—biological regulation;
5—regulation of biological process; 6—localization; 7—establishment of localization; 8—response to
stimulus; 9—multicellular organismal process; 10: cellular component organization or biogenesis;
11—developmental process; 12—signaling; 13—multi-organism process; 14—negative regulation
of biological process; 15—reproduction; 16—reproductive process; 17—immune system process;
18—cell; 19—cell part; 20—membrane; 21—membrane part; 22—organelle; 23—organelle part;
24—macromolecular complex; 25—extracellular region; 26—membrane-enclosed lumen;
27—extracellular region part; 28—binding; 29—catalytic activity; 30—transporter activity;
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31—antioxidant activity; 32—nucleic acid binding transcription factor activity; 33—nutrient
reservoir activity; 34—electron carrier activity; 35—enzyme regulator activity; 36—structural
molecule activity; 37—molecular transducer activity; 38—receptor activity. The Y-axis indicates the
percentage of DEGs.
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