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Abstract

:

The use of digital technology as the only communication and relationship channel in work, school and social contexts is bringing out dynamics that are sometimes in contrast with each other. The purpose of this article is to investigate the impact of digital technology on teachers’ school practices in the context of COVID-19. This impact was studied in relation to the constructs of motivation, perceived stress, sense of self-efficacy and resistance to/acceptance of technologies. This study examined the role played by the massive and coercive use of digital technologies (and the relationship with innovation and change) in predicting motivation and perceived stress among teachers. To this end, the impact of digital technologies on motivation and perceived stress were explored in the sample. A questionnaire consisting of three scales was administered to 688 Italian school teachers of all educational levels (from childhood to upper-secondary school), who completed a socio-demographic section, a section on the scale of the impact of technology and distance learning, a perceived stress scale and items on motivation and professional development. Descriptive and inferential analyses were applied to the data. Key findings indicated that the impact of digital technologies during the pandemic negatively correlates with both perceived stress and motivation. Practical implications were suggested to help teachers develop functional coping styles to cope with technological changes in work and life contexts.
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1. Introduction


Themes of the perception and professional vision of teachers have been consolidated as a specific realm of study in the last 30 years [1]. In the European context, the demand for digital skills within school contexts is determined by the development of the eight key skills (including digital literacy) and the DigCompEdu model for educators, which encourages the acquisition of meta-skills (learning to feel professional or learning to act with the media) that mediate their relationship with pupils [2,3]. This theoretical model involves the development of three fundamental components—awareness, reflexivity and cooperation—in the digital and pedagogical vision. The initial training of teachers is increasingly oriented and consolidated towards the use of information and communication technology (ICT) in contemporary teaching and teaching practice [4]. In fact, media education provides three possible applications of digital technology at school: (1) full online teaching, (2) hybrid teaching and (3) digitally mediated teaching. The first model is linked to distance training and e-learning, which were strongly implemented during the COVID-19 pandemic [5]. The second is still experimental in an Italian context (expected to be adopted in the post-COVID phase) and involves the use of moments and models of in-person teaching suitably alternated with those of online teaching [6]. The third is the more traditional model of digital technologies at school, which involves the instrumental use of technology that supports and enriches the frontal lesson [7] (essentially designed face-to-face). The scientific evidence reported in the meta-analysis by Bernard [8] shows that blended learning produces greater effects on students in terms of interactions with teachers, peers and with the content of the lesson taught in the classroom. Subsequent and application studies [9] have shown that the use of a mixed teaching model (online and face-to-face) is significantly associated with higher learning performance of students in the Science, Technology, Engineering and Mathematics (STEM) disciplines than traditional classroom practice. The contemporary debate stimulated by the COVID-19 pandemic has expanded research into unique full-online teaching practices during the pandemic (with a huge development of trials) and the future of this practice post-COVID that could result in a teaching hybrid. In the European context, the most unexpected scenarios are emerging. For example, English universities are experimenting with alternative solutions for students who do not have access to the Internet at home and the Charles III University of Madrid will carry out practical lessons in person and theoretical lessons online. Distance teaching for many universities, including those in Italy, has marked the loss of many economic gains [10]. The change of perspective described here manifests the need to move towards a social analysis of the impact of technology on the working life of the subjects and to describe the change taking place that determines the effects on professional well-being/malaise. Although paradigmatically discordant, the succession of different models is a testament to the construction of a professional paradigm oriented towards professional competence and well-being [11]. The five constituent components of well-being, in fact, turn out to be self-esteem, self-determination, positive emotions, optimism and resilience, which will characterise and direct subsequent research developments. The theme of teacher motivation is deeply felt by school governance boards and leadership because the motivation of teachers is reflected in the motivation of students [12,13]. These approaches are intended to encourage greater interaction with students and enhance self-determination, promote structured collaborative learning processes and reduce the number of traditional lessons. One of teachers’ main concerns is to keep students’ motivation high. However, education has one of the highest levels of stress compared to other professional groups and educators [14] often declare that they want to leave their profession. The context of the pandemic has made educational relationships with students even more intangible and has complicated this dynamic. A thriving field of study concerns the stress related to the use of digital technologies caused by a lack of training in the use of the technologies or by teachers’ resistance to adopting them [15].



Influenced by Bandura’s [16] social cognitive theory, and dissatisfied with previous models, Compeau and Higgins [17] developed a theory of human behaviour applied to the use of new technologies. Although in the first place the theory was devised to test acceptance of the use of the PC, subsequent studies [18] have shown that it is also easily usable in the field of communication technologies in general (Figure 1). The dimensions investigated concern the expectations of results in terms of both performance and interiority. The former refers to the consequences of one’s behaviour in terms of professional results (outcome expectations); the latter, on the other hand, affects self-esteem and the sense of personal fulfilment. The dimension of computer self-efficacy, which crosses all socio-cognitivist interpretative models, represents the subject’s own assessment of the use of technology to skilfully accomplish a specific task. Affect is the individual’s preference to experience a certain behaviour, and finally, anxiety, i.e., the induction of strong anxious or emotional reactions, is a reaction to the use of a specific technology [19]. The antecedents of outcome expectations and self-esteem are found in the encouragement of others, other uses and support. The process described in the model is aimed at the use of digital technology.



Bandura (and socio-cognitivist theorists in general) argues that, even in work contexts, subjects build their beliefs of self-efficacy by interpreting multiple inputs; experience of well-developed skills are one of the main sources of information for subjects to feel self-effective (and competent). In fact, teachers engage in training and didactic activities, interpret the results obtained and develop beliefs that will guide their choices and future actions. Usually, they persevere in activities in which they perceive themselves to be most effective and abandon those at which they consider themselves to be unsuccessful [20].




2. The Study and Its Contexts


The purpose of this research work was to analyse the motivation, stress perceived and impact and performance expectation of teachers in distance learning. The research hypothesis concerns the relationship and mutual influence between these three variables, especially in relation to the effects on the professional vision and the professionalism of teachers. The continuation of the COVID-19 pandemic in 2021 has made digital education the privileged channel for providing teaching in schools of all levels worldwide. An educational and social phenomenon of this magnitude has stimulated the interest of psychologists and pedagogues on learning problems related to distance learning and the motivation and professional competence of teachers working in this area. Experiments in online, hybrid and mixed training have been carried out for years, with the focus aimed at measuring their positive and negative effects on students in terms of learning effectiveness [21]. The COVID-19 pandemic has caused a profound change in the professional modality of teachers, as well as perceptions of self-efficacy and motivation in the use of online teaching. In this context, the University of Foggia has experimented with a work model that facilitates the first-person experimentation (by teachers) of innovative teaching methodologies linked to media education, gamification and knowledge transfer in the context of their daily professional practice. The monitoring of these three dimensions represents a fundamental step for the future of online and hybrid teaching within schools. The research is developed in the Italian context, where the specialisation course of teachers is online and groups teachers on a national scale; students therefore belong to all areas of Italy (67% from southern Italy). The 10-year-old University of Foggia is a leader in distance learning and has provided all teacher training completely online (including workshops and internships) since March 2020, proposing for the third time a specialisation course for teachers (n = 688).



The interviewed teachers actually received a dual treatment: (1) trainers who delivered lessons, each in their own grade of school, and (2) students of a specialisation course carried out completely online (lessons, workshops and internships). This study was developed in relation to a questionnaire built on three scales: a scale on the impact of online teaching, a scale of stress perceived by students in the virtual room (validated in the context of COVID-19) and the expectation of performance and professional development of teachers. The interviewees were an adult population, coming from different areas of Italy, with an extensive training course behind them, and intrinsically motivated by the specificity of the care profession they were about to undertake and extrinsically by their attendance of a course that ‘rewards’ them with direct access to the profession and employability.



The data were broken down by demographic profile, response processing and educational level (childhood, primary school, lower-secondary school or upper-secondary school). The data was provided via Google Forms in March 2021 during the third wave of the COVID-19 state of emergency. Using the online form made it possible to receive results in real time and quickly view a summary.



The final version of the questionnaire, in addition to demographic questions about gender, school level, years of teaching, experience, work situation and others, also presented 26 Likert-type questions regarding the previous three scales with which the user could express various levels of agreement or disagreement (a copy of the questionnaire in Italian is available in Supplementary Materials).



An initial demographic analysis confirms research on gender differences that demonstrates that in the lower levels of education (childhood, primary), males represent only 1.1% of respondents for primary education and 4.4% for childhood. The percentage reaches 28–30% in lower and upper secondary schools. The average age was over 42 for kindergarten, over 40 for primary, 36.1 for middle school, and 37.9 in high school.



Participants were administered a self-report survey, including a sociodemographic scale and the following questionnaires:




	(i)

	
The online teaching–learning questionnaire measures the challenges faced in online teaching–learning, teacher-trainees’ proposals for effective online teaching–learning and students’ preferred way of conducting the course [22]. Background information provided by respondents measured variables including gender and the curriculum. The learning impact of online teaching and the challenges of online teaching–learning was measured through items that contained Likert scales of 1 = strongly agree (SA), 2 = agree (A), 3 = undecided (U), 4 = disagree (D), and 5 = strongly disagree (SD). The alpha values of 0.82 and 0.78 were found for the two constructs with Likert scales. There was internal consistency reliability test of items on the two constructs with the Likert scales using the Cronbach’s Alpha (α) reliability analysis measures. However, Ghazali [23] indicated that the alpha value of 0.60 is also considered acceptable. This study attained the alpha values of 0.82 and 0.78 on the two constructs with the Likert Scales.




	(ii)

	
The Perceived Stress Scale (PSS) of Sheldon Cohen [24]. The scale consists of ten questions that are used to measure the perception of stress experienced by the participants over the past month. It includes a 5-point Likert scale that capture responses ranging from never to very often [25]. Total mean scores of 0–13 are considered to be low stress, 14–26 indicate moderate stress and 27–40 indicate high stress. The PSS is an easily and widely used tool with acceptable psychometric properties [26]. Across diverse conditions, researchers report relatively satisfactory reliability estimates for scores on the 14- and 10-item forms. For example, Roberti et al. [27] reported reliability estimates of 0.85 and 0.82 in a university sample for scores on the perceived helplessness and perceived self-efficacy scales, respectively.




	(iii)

	
The teacher motivation scale section, career development, consists of twelve items scored on a five-point Likert scale (from 1 = not at all true of me to 5 = very true of me) [28]. Sample items are: “When reading for a course, I make up questions to help focus my reading”; “I try to change the way I study in order to fit the course requirements and the lecturer’s teaching style”. In the current study, the scales showed adequate levels of reliability (Cronbach’s alpha = 0.66). From the Teacher Motivation Framework of Analysis described in Section 3, a 98-question questionnaire was created and sent to 19 SC COs. The19 SC COs were not selected randomly, but rather on the basis of the type of SC Basic Education programming they were involved in. The survey was opened 15 April and closed on 29 April. Cos were given the option of completing the survey online via SurveyMonkey or via Microsoft Word attachment. Of the 19 COs contacted, 16 responded: from Afghanistan, Bangladesh, Bolivia, Egypt, El Salvador, Ethiopia, Haiti, Kyrgyzstan, Malawi, Mali, Mozambique, Nepal, Nicaragua, the Philippines, Tajikistan and Uganda.









In this study, forward translation of all questionnaires, from English into Italian, was performed by an English native speaker. The discrepancies existing in the Italian and in the back-translations were then discussed with the authors until consensus was reached.




3. The Triadic Model


All data were processed in IBM’s statistical software SPSS, version 25. Before the main analysis, data were screened for univariate and multivariate outliers. Z-scores were used as the criterion for detection of univariate outliers. More precisely, all participants that had z-score higher than +3 or lower than −3 on one or more target variables were removed from further analyses. Seven univariate outliers were detected and removed from the data set. The criterion for detection of multivariate outliers was the Mahalanobis distance. No multivariate outliers were detected in the data set. The final sample had 688 participants.



In the next step, skewness and kurtosis of all target variables was inspected in order to determine whether the data were normally distributed. The results have shown that both skewness and kurtosis of all target variables (impact on online teaching, stress and motivation) were in the −1 to +1 range; hence, we may conclude that all variables were normally distributed (Table 1).



3.1. Reliability Analysis of the Questionnaires


The initial questionnaire that measured the impact on online teaching consisted of seven items, and the Cronbach’s alpha coefficient for complete scale was α = 0.78. However, the results of reliability analysis showed that the removal of one item from the questionnaire would improve the internal consistency of the scale. Item number one was removed because it was the only item in the scale that had a significantly lower item-total correlation in comparison to the item-total correlations of other items. When item number one was removed, the alpha coefficient increased to α = 0.83.



The initial questionnaire that measured stress consisted of 10 items, and the Cronbach’s alpha coefficient for complete scale was α = 0.88. None of the items were removed from the scale because they all had approximately equal and optimal item-total correlation, and because the removal of any item would have lowered the alpha coefficient.



The initial questionnaire that measured motivation consisted of seven items, and the Cronbach’s alpha coefficient for complete scale was α = 0.66. However, the results of reliability analysis showed that the removal of one item from the questionnaire would improve the internal consistency of the scale. The item that was named “item 22” was removed because it was the only item in the scale that had a significantly lower item-total correlation in comparison to the item-total correlations of other items. When the item named as “item 22” was removed, alpha coefficient increased to α = 0.67.




3.2. Correlation


Pearson’s correlations were computed in order to test the significance of the relationships between impact on online teaching, stress and motivation (Table 2). The results of correlation analyses showed that the impact on online teaching was significantly correlated to motivation r = −0.17, r2 = 0.03, p < 0.001 and to stress r = 0.24, r2 = 0.06, p < 0.001. The correlation between the impact on online teaching and motivation was negative, which means that when motivation was lower, the impact on online teaching tended to be higher. On the other hand, the correlation between the impact on online teaching and stress was positive, which means that higher stress was associated with the higher impact on online teaching. However, it must be emphasized that both correlation coefficients were very low. More precisely, impact on online teaching and motivation shared only 3% of variance, while impact on online teaching and stress shared only 6% of variance. Hence, it is highly probable that both correlations were significant only because the sample was large. Therefore, it is highly probable that both correlations were actually spurious.



From the results reported in the two proposed tables, this study explores an important aspect of the use of technology in teaching, specifically the effects of distance learning on Italian teachers in terms of motivation and perceived stress. Compeau and Higgins’s socio-cognitive model of professional use and acceptance of technology within work contexts identifies anxiety, affect, self-efficacy and performance expectation as competing factors for digital technology use in teaching. The tool used in this study instead demonstrates (in the specific context of the COVID-19 pandemic) how motivation, stress and the impact of technology on learning and teaching have a significant value in the perceptions of Italian teachers. The construct of motivation is investigated in relation to professional development both in terms of skills acquisition and career progression. Perceived stress is measured in relation to teacher/student activities within the classroom, and the third scale investigates the advantages/disadvantages of web-enhanced (online) courses.



SEM (structural equation modelling) allows us to examine the relationships between the three independent variables with the dependent variable. In the case of the indirectly measured considerations observed in this study, the latent (i.e., indirectly measured) variables can be seen in the scheme proposed in Figure 2. The structural equation model (SEM) combines two tools within a single framework: confirmatory factor analysis and multivariate regression analysis. The CFA (confirmatory factor analysis) aims to build a model suitable for studying the relationships between the observed variables and the latent variables; that is, those constructs that are not observed but are derived from a combination of the observed variables. Regression analysis, on the other hand, aims to explain the random relationships between constructs. From the data, a triadic model of the professional vision of teachers in COVID-19 emerges, where motivation, stress and digital teaching are mediators, respectively, between career progression, perceptions and advantages/stress and the same professional vision. Compeau and Hiddigs’ socio-cognitive theory model has also recently been associated with a line of studies on the acceptance of digital technology in teachers’ school practice (UTAUT) [29]. Specifically, the intrinsic and extrinsic motivation factors of support from others (encouragement, use and support), stress (anxiety and emotion in general) and digital performance in general have strengthened the idea of using online teaching in school lessons. Individually analysed data collected by the three scales indicates that the interviewed sample showed high scores in all three dimensions: career desire, stress and the benefits of digital technologies (Figure 2). At the same time, the negative correlation between motivation and stress was confirmed (−0.216 **). As the impact of digital technologies increased, perceived stress also increased (0.235 **), and the original data of this research concerned the increase in the impact of technology, which decreased the motivation of the interviewees (−0.173 **).



Although online teaching was the only possible communication channel during the pandemic, the teachers on the course continued to practice it one year after its exclusive use; they experienced it as a demotivator and a source of stress and therefore, there is evidence of a possible refusal in the future use of online teaching. In higher education, learning environments are transforming to respond to new demands in the field of teaching methodologies. Everything is happening through the integrated use of technologies in educational paths, redesigning the space–time boundaries of learning thanks to the application of flexible teaching methodologies [30].



In the current historical period, it has been highlighted how the rapid transition from face-to-face teaching to DDA has strongly influenced teaching methods. Research on learning design has always emphasized the importance of developing teachers’ skills related to devising pedagogically sound interventions on the basis of designed and sustainable teaching methodologies [31,32]. Therefore, there is a clear need for training interventions aimed at teachers to strengthen a design capacity that will guarantee quality teaching through the application of the most recent digital technologies [33,34]. In fact, in this initial phase of exploring technological tools, many educators have neglected the principles of collaborative teaching that require planning and organisation skills at work. Above all, these components are strategic for promoting social interactions and strengthening cooperative learning. Given that the world of digital didactic technologies is equipped with dialogic tools, teacher training should be aimed at better consolidation of the network affordances for quality technological didactic planning [35].





4. Discussion and Conclusions


The socio-cognitive model applied to digital technology in the professional practice of teachers is described as influencing three fundamental factors: personal, behavioural and socio-environmental. In this study, the three factors of motivation, stress and impact of the technology were operationalized. These factors influence each other, but contemporary research must understand their influences on teaching and learning. The factor of motivation investigated in this study is linked to the dimension of self-determination and the career prospects of teachers [36]. Perceived stress becomes a fundamental element in the analysis because it is linked both to the specificity of the COVID-19 period, which forced social isolation, and to the exclusive use of digital technology as a training and work channel [37].



The arduous process of integrating technologies into formal learning environments has rapidly accelerated during the COVID-19 pandemic. Virtual and immersive learning environments were the solution to the emergency phase for all levels of training. The slow integration process, however, requires a degree of digital competence on the part of teachers to guide policies and procedures in their own school. The process must be supported by planning and designing the training and education of teachers for the use of technology in their classrooms [38]. In the present study, the category of “students” captures participants in their double role as students in the training course and as teachers in their everyday professional practice. In the school and academic context, the emergency situation has had significant repercussions; prolonged closures and the sudden transmission and construction of content in online mode has had an impact on various levels. Onyema et al. [39] listed as major repercussions the renewed learning methods with the relative activation difficulties, the danger of social isolation and the increase in socio-economic inequalities deriving from the existing digital divide [40]. The consequences have been twofold for education professionals: on the one hand, the need for a quick transformation of teaching practices and personal styles of instruction has caused stress, and on the other, learning new teaching methods that will be useful in the future has provided motivation.



Teachers are among the key actors involved in academic rehabilitation. A study conducted by the Italian Society of Didactic Research (SIRD) found that their main problems were a perceived lack of preparation in dealing with this new modality, as well as the required total reorganisation of the didactics, which is associated with an excessive workload, both in terms of construction and timing. However, a study by Ardizzoni [41] highlighted that the use of educational technologies played a supportive role in the management of relational dynamics with students. Nevertheless, difficulties with devices and reaching all students, especially those in a fragile condition, remain unchanged.



On the other hand, it is hypothesised that the implementation of digital technologies has allowed educators to understand the potential associated with their use. It emerges that instruction through digital platforms motivates students to learn and optimises the classroom environment [42]. Teachers, therefore, have gradually reinvented the already consolidated teaching methods, and the most highly motivated teachers have taken part in training courses with a view to lifelong learning.



The process of including technology within the classroom context is never exhausted but goes hand in hand with technological evolution. In this picture, two competing dynamics emerge: the first, motivation, oscillates, according to socio-cognitive theory, between the expectation of performance and the attribution of value and self-efficacy. In fact, the self-determined teacher pursues the need for competence (since he/she is an expert and master of carrying out his/her task), the need for autonomy (his/her actions emerge from intrinsic motivation) and the need for a relationship (establish close emotional ties and attachment to significant subjects, i.e., colleagues and students) [43].



If it is true that motivation, stress and digital learning have direct effects on the professional vision of teachers, it is also true that the desire (and perspectives) of career development, the perceptions (and personal beliefs) of teachers and the knowledge of the risks and benefits of technologies within the teaching process have a secondary (and latent) effect on the profession of teaching. The importance of this second implication of the study allows us to reflect on what dimensions are necessary to act for a general improvement of professional vision. Although career prospects are linked to leadership and school governance, personal beliefs and knowledge of the risks/benefits of technologies require in-service training interventions that enhance performance in these areas [44].



When this process does not follow a linear development like that shown due to limiting beliefs, low self-esteem, limited sense of self-efficacy and lack of social support, it can become a source of stress for teachers, students and the whole social context. A maladaptive response to the change triggered by technologies in work (and school) contexts produces perceived stress on the part of teachers. The perceived stress more specifically concerns the lack of control and unpredictability rather than a relationship with real stressful events. The subjects are focused on what might happen and decide that a change to horrible conditions is inevitable. Among the negative effects of perceived stress in relation to technology (in addition to those related to psycho–physical well-being), is the structuring of dysfunctional coping mechanisms. The most evident phenomenon is represented by the resistance and non-acceptance of digital technology in teaching practice [45]. The COVID-19 pandemic has prompted the reinvention of university teaching. Academic institutions have had to reset their teaching practices so as to incorporate digital technologies, some of them for the first time. This sudden change has led to a number of problems in the use of an emergency type of distance learning, including technological infrastructure weakness, teacher inexperience and a perceived invasion of privacy in the home environment [46]. Furthermore, research by Bao [47] revealed that students were more concerned about the quality of internet connectivity, which is essential for both participation in synchronous lessons and exams. The teachers involved in this research declared that they preferred online lessons in asynchronous mode. The main problem is not related to the use of technological tools but to the lack of both structural and didactic preparation of the teachers themselves. Therefore, in many cases, remote teaching has resulted in the transfer of traditional frontal lessons to an online mode with little awareness of the design required to ensure effective learning in virtual teaching environments.



Future research perspectives could investigate precisely this dynamic linked to the construction of increasingly valid and effective tools for investigating motivation and perceived stress in relation to digital technologies and all the main changes affecting the world of education. In addition, it would be necessary to build intervention and prevention models in relation to the stress perceived by teachers that would lead to the educational success of their students and greater well-being within the classroom.
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Figure 1. Social Cognitive Theory. Adapted with permission from ref. [17]. Copyright 2021 M I S Quarterly. 
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Figure 2. Model of professional vision in COVID-19. 
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Table 1. Descriptive statistics.






Table 1. Descriptive statistics.





	
Descriptives

	
Statistic

	
Std. Error






	
Impact on Online Teaching Total

	
Mean

	
12.7674

	
0.15742




	
95% Confidence Interval for Mean

	
Lower Bound

	
12.4584

	




	
Upper Bound

	
13.0765

	




	
5% Trimmed Mean

	
12.6059

	




	
Median

	
12.0000

	




	
Variance

	
17.049

	




	
Std. Deviation

	
4.12907

	




	
Minimum

	
6.00

	




	
Maximum

	
26.00

	




	
Range

	
20.00

	




	
Interquartile Range

	
5.00

	




	
Skewness

	
0.555

	
0.093




	
Kurtosis

	
0.027

	
0.186




	
Stress Total

	
Mean

	
27.2049

	
0.30936




	
95% Confidence Interval for Mean

	
Lower Bound

	
26.5975

	




	
Upper Bound

	
27.8124

	




	
5% Trimmed Mean

	
27.0287

	




	
Median

	
26.0000

	




	
Variance

	
65.846

	




	
Std. Deviation

	
8.11455

	




	
Minimum

	
10.00

	




	
Maximum

	
48.00

	




	
Range

	
38.00

	




	
Interquartile Range

	
12.00

	




	
Skewness

	
0.323

	
0.093




	
Kurtosis

	
−0.652

	
0.186




	
Motivation Total

	
Mean

	
28.9331

	
0.15983




	
95% Confidence Interval for Mean

	
Lower Bound

	
28.6193

	




	
Upper Bound

	
29.2470

	




	
5% Trimmed Mean

	
29.0061

	




	
Median

	
29.0000

	




	
Variance

	
17.576

	




	
Std. Deviation

	
4.19241

	




	
Minimum

	
17.00

	




	
Maximum

	
39.00

	




	
Range

	
22.00

	




	
Interquartile Range

	
6.00

	




	
Skewness

	
−0.262

	
0.093




	
Kurtosis

	
−0.053

	
0.186
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Table 2. Correlation among dimensions.






Table 2. Correlation among dimensions.





	
Correlations




	

	
Motivation Total

	
Impact_on_Online_Teaching_Total

	
Stress Total






	
Motivation Total

	
Pearson Correlation

	
1

	
−0.173 **

	
−0.216 **




	
Sig. (2-tailed)

	

	
0.000

	
0.000




	
N

	
688

	
688

	
688




	
Impact on Online Teaching Total

	
Pearson Correlation

	
−0.173 **

	
1

	
0.235 **




	
Sig. (2-tailed)

	
0.000

	

	
0.000




	
N

	
688

	
688

	
688




	
Stress Total

	
Pearson Correlation

	
−0.216 **

	
0.235 **

	
1




	
Sig. (2-tailed)

	
0.000

	
0.000

	




	
N

	
688

	
688

	
688








** Correlation is significant at the 0.01 level (2-tailed).
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