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Simple Summary: Androgen targeted therapy has been foundational in the management of ad-
vanced prostate cancer. Nevertheless, responses to the therapy are found to be seldom sustained,
in which patients develop resistance and progress to a lethal and incurable castration-resistance
stage. Therefore, comprehensive understanding of the molecular basis of treatment induced cellular
responses is required to circumvent molecular mechanisms driving castration-resistance. Using an
advanced, robust quantitative proteomic analysis, we profiled the prostate cancer cell proteome
induced by the two AR antagonists/anti-androgens, Bicalutamide and Enzalutamide. We highlighted
key molecular signatures and cellular pathways that provide insights into the anti-androgen induced
adaptive cellular programming in prostate cancer cells. Targeting these molecules and associated
pathways might be useful in developing novel therapeutic approaches and/or as biomarkers of
predicting prostate cancer treatment response.

Abstract: Prostate cancer (PCa) is the second most common cancer affecting men worldwide. PCa
shows a broad-spectrum heterogeneity in its biological and clinical behavior. Although androgen
targeted therapy (ATT) has been the mainstay therapy for advanced PCa, it inevitably leads to
treatment resistance and progression to castration resistant PCa (CRPC). Thus, greater understanding
of the molecular basis of treatment resistance and CRPC progression is needed to improve treatments
for this lethal phenotype. The current study interrogated both proteomics and transcriptomic
alterations stimulated in AR antagonist/anti-androgen (Bicalutamide and Enzalutamide) treated
androgen-dependent cell model (LNCaP) in comparison with androgen-independent/ castration-
resistant cell model (C4-2B). The analysis highlighted the activation of MYC and PSF/SFPQ oncogenic
upstream regulators in response to the anti-androgen treatment. Moreover, the study revealed anti-
androgen induced genes/proteins related to transcription/translation regulation, energy metabolism,
cell communication and signaling cascades promoting tumor growth and proliferation. In addition,
these molecules were found dysregulated in PCa clinical proteomic and transcriptomic datasets,
suggesting their potential involvement in PCa progression. In conclusion, our study provides key
molecular signatures and associated pathways that might contribute to CRPC progression despite
treatment with anti-androgens. Such molecular signatures could be potential therapeutic targets to
improve the efficacy of existing therapies and/or predictive/prognostic value in CRPC for treatment
response.

Keywords: prostate cancer; proteomics; transcriptomics; anti-androgen therapy; bicalutamide; enza-
lutamide
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1. Introduction

Despite the advances in prostate cancer (PCa) diagnosis and treatment, temporal
trends of PCa incidence and mortality varied significantly globally during the past few
years [1]. Although, localized disease is easily managed with curative surgery or radio-
therapy, some patients recur systemically with advanced metastatic PCa. Due to the
androgen-dependency and the crucial role of the androgen receptor (AR) in PCa progres-
sion, androgen deprivation therapy (ADT) has been denoted as the mainstay therapy
for relapsed or metastatic patients [2]. ADT has been progressively supplemented with
inhibitors of androgen synthesis and AR antagonists/anti-androgens, therefore termed
as androgen targeted therapy (ATT) [3]. Although ADT/ATT is initially effective, many
patients invariably fail to respond after ~13 months and eventually progress to a lethal
stage: androgen-independent/castration-resistant PCa (CRPC) [4].

PCa is an extremely heterogeneous disease, hence understanding the cellular basis
of cell heterogeneity is important to comprehend the ADT/ATT resistance during CRPC
progression. Complex AR-dependent adaptive mechanisms have been identified that cause
reactivation of AR signaling enabling the continued growth and progression of CRPC. This
includes AR variants with increased sensitivity to residual androgens after castration and
overexpression of AR or downstream effectors via ligand-independent modifications [5].
Despite the current findings of AR signaling in CRPC, AR-independent molecular mech-
anisms involved in treatment resistance and the paradigm shift of hormone-naive PCa
leading to CRPC remain largely unknown. Therefore, a broader understanding of the
cellular functioning during ADT/ATT is essential as it might lead to novel or co-treatment
strategies to improve efficacy of ATT. Although previous studies have investigated the
changes in androgen-responsive genes (ARGs) towards PCa progression, only a few at-
tempts have been taken to explain off-target effects of AR antagonists/anti-androgens that
bypass AR signaling and other AR-independent mechanisms [6,7].

In the current study, we aimed to delineate AR antagonists/anti-androgens induced
molecular alternations in PCa cells. We used androgen-dependent (AD) cell model (LNCaP)
treated with 1st generation non-steroidal anti-androgen: Bicalutamide (BIC) and 2nd gen-
eration non-steroidal anti-androgen: Enzalutamide (ENZ). In order to profile the PCa
proteomic changes, we have used the sequential window acquisition of all theoretical mass
spectra (SWATH-MS) label-free quantification method, and RNA sequencing (RNAseq)
analysis was used to observe the changes in PCa transcriptome. Comparative analysis
between LNCaP cells and the metastatic, androgen-independent (Al) cell model (C4-2B)
represented molecular changes acquired during the paradigm shift of androgen-dependent
PCa to androgen-independence. Ultimately, the study highlighted key molecular alter-
nations and pathways that emerged during anti-androgen therapy, supporting treatment
escape and PCa progression to CRPC.

2. Results
2.1. Summary of the Proteomic and Transcriptomic Profiling of PCa Cell Lines

To mimic the anti-androgen therapy given for patients in the androgen-dependent
stage and find alternations in the PCa cell proteome, LNCaP cell line was obtained
and supplemented with androgen/dihydrotestosterone (DHT), BIC and ENZ treatments
(Figure S1, see Section 4). Via SWATH-MS proteomic profiling of treated LNCaP cells, a
total of 2628 proteins were identified at 1% False discover rate (FDR). According to the
differential expression analysis we identified 318, 215 and 182 significantly differentially
expressed proteins (DEPs) for DHT, DHT + BIC and DHT + ENZ treatments, respectively
(Figure 1A). A total of 74 DEPs were found to be shared between all three treatments, while
75 and 51 DEPs were found specific to DHT + BIC and DHT + ENZ treatment, respectively.
In addition, 319 and 258 DEPs were detected with BIC and ENZ only treatments, provid-
ing treatment specific protein profiles stimulated under direct inhibition of AR signaling
(Figure 1B). To mimic the PCa progression from androgen-dependent to castration-resistant
stage, we obtained the C4-2B cell line: a metastatic derivative of the LNCaP cell model.
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SWATH-MS proteomic profiling of the C4-2B cells has identified 2703 proteins at 1% FDR.
Differential expression analysis has reported 159 DEPs compared to LNCaP cells cultured
in growth factor supplement conditions (LNCaP-FBS) and 208 DEPs compared to LNCaP
cells cultured under hormone/androgen depleted conditions (LNCaP-CSS) (Figure 1C).
Finally, the common feature of DEPs was the predominance of up-regulated protein ex-
pression in response to the treatments, particularly in BIC (69.4%) and ENZ (75.0%) only
treatments (Figure 1D). Moreover, a majority of the proteins were found up-regulated in
C4-2B cells compared to LNCaP-FBS or LNCaP-CSS cells. (Figure 1D).
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Figure 1. Summary of the SWATH-MS proteomic analysis. (A) The number of DEPs overlapped
between DHT, DHT + BIC and DHT + ENZ treatments compared to control treatment. (B) The
number of DEPs identified in DHT, BIC and ENZ treatments compared to control treatment. (C) The
number of DEPs overlapped between C4-2B vs. LNCaP-FBS and C4-2B vs. LNCaP-CSS. (D) The bar
chart represents the number of upregulated and downregulated DEPs in all treatment comparisons.

Both principal component analysis (PCA) and hierarchical clustering analysis demon-
strated the distinct clustering between DHT and DHT + BIC/ENZ treatment proteomic
profiles (Figure 2A,B). DHT + BIC/ENZ treatments were clustered separately from the
BIC/ENZ only treatments, suggesting the differential effect of anti-androgens on PCa cell
behaviour, depending on androgen availability (Figure 2A,B). Moreover, a clear separation
between LNCaP and C4-2B proteomic profiles was observed, signifying distinct molecular
programs characterized between AD and Al PCa phenotypes (Figure 2C,D).

RNAseq analysis has identified a total of 19,549 genes in LNCaP cells. A total of
2556 common proteomic and transcriptomic elements were reported allowing a better
integration (~97%) between the two datasets (Figure 3A). Although, linear regression
analysis showed a positive correlation between the two datasets, the high variability (low
R?) indicated the limited concordance between transcriptomic and proteomic expressions
in PCa cells (Figure 3B). Differential expression analysis has identified a total of 2377, 433
and 503 significantly differentially expressed genes (DEGs) in DHT, DHT + BIC and DHT +
ENZ treatments, respectively (Figure S2A). A total of 81 DEGs were found to be shared
between all three treatments, whereas 137 and 201 DEGs were specific to DHT + BIC and
DHT + ENZ treatments, respectively. In contrast to the proteomic data, transcriptomic data
showed that majority of the genes found downregulated (70.7%) with the DHT treatment
(Figure S2B). In line with the observations of proteomic profiling, hierarchical clustering
has given a clear separation between DHT and DHT + BIC/ENZ transcriptomic profiles
(Figure S2C).
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Figure 2. Proteomic profiles in LNCaP cells with response to androgen/anti-androgen treatment. The graph demonstrates
the 3D principal component scores plot for the proteomic profiles of (A) androgen and anti-androgen treated LNCaP cells
and (B) C4-2B and LNCaP cells. Hierarchical clustering analysis of (C) androgen and anti-androgen treated LNCaP cells
and (D) C4-2B and LNCaP cells. For the Heatmap visualization, normalized SWATH areas were clustered based on Ward
algorithm, and row /column orders were set by applying a hierarchical clustering based on Euclidean distance.
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Figure 3. Correlation between mRNA and protein expression in LNCaP cells. (A) Venn diagrams
demonstrate the number of genes identified by RNAseq and SWATH-MS analysis of LNCaP cells. A
total of 2556 common elements were identified by both experiments. (B) Scatter plot represent the
correlation between protein expression measured as log Intensity and respective mRNA expression
measured as log counts per million (CPM) in LNCaP cells. R? value indicates the variability between
the mRNA and protein expressions. Slope indicates the linear regression coefficient. Red: Genes
showing high mRNA and high protein expressions; Blue: Genes showing low mRNA and low protein
expressions; Yellow: Genes showing high mRNA and low protein expression; Green: Genes showing
low mRNA and high protein expression.
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2.2. Effects on AR Signaling during Anti-Androgen Treatment

Since growth and proliferation of PCa cells largely depends on AR signaling, we
characterized the AR signaling activities of LNCaP cells in response to anti-androgen
treatments. In line with previous studies, our study reported AR expression was unal-
tered in response to both anti-androgens, at mRNA and protein levels (Figure 4A,B) [8,9].
However, AR mediated transcriptional activation of ARGs (MSigDB Hallmark “Androgen
Response” gene set) were found to be suppressed in DHT + BIC/ENZ treatments compared
to the DHT treatment (Figure 4C). A similar observation was made at the protein level in
which protein expression of four ARGs: KLK3, FKBP5, NDRG1, and UAP1 were found
to be supressed with DHT + BIC/ENZ and BIC/ENZ only treatments compared to DHT
treatment (Figure 4D). The greater reduction of the ARG expression with ENZ treatment
(with or without DHT stimulation) may indicate stronger AR-antagonist activity of ENZ
compared to BIC treatment. Although not statistically significant, we observed downregu-
lation of proteins related homologous recombination (HR): ATM, RAD51, FANCA, CHEK2
and upregulated PARP1 protein expression in response to BIC and ENZ, demonstrating
suppressed HR activity and activated PARP DNA repair system during anti-androgen
treatment (Figure S3).
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Figure 4. AR expression and AR transcriptional activity in androgen and anti-androgen treated
LNCaP cells. Relative fold AR expression measured in (A) transcript level by qRT-PCR assay
and (B) protein level by SWATH-MS analysis. (C) Standardized gene expression (z-score) of the
MSigDB Hallmark “Androgen Response” gene set in response to DHT, DHT + BIC, DHT + ENZ
and EtOH/control treatments. (D) Relative fold protein expression of four ARGs; KLK3, FKBPS5,
NDRG1, UAP1 in response to DHT, DHT + BIC, DHT + ENZ, BIC, ENZ and control treatments. All
measurements are normalized to control treatment. Error bars represent the means & SD, * p < 0.05.

2.3. Androgen and Anti-Androgen Mediated Molecular Networks and Biological Processes in
PCa Cells

Androgen and anti-androgen mediated disrupted gene/protein networks were iden-
tified by the IPA analysis, hinting at adaptive molecular pathways supporting PCa cell
survival and proliferation. We focused on the top scoring cancer related protein/gene
networks induced by androgen/anti-androgen treatments showing a functional relation-
ship between DEPs/DEGs (Table S1). Under DHT treatment, the analysis showed a
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significant enrichment in the protein network of RNA post-transcriptional modification
(Score = 67, DEPs = 30) and the gene network of cellular movement (Score = 34, DEGs = 32)
(Figure S4A,B). In addition, DHT + BIC treatment showed an overrepresentation in the
protein network of RNA-post transcriptional modifications (Score = 60, DEPs = 30) and
the gene network of molecular transport (Score = 27, DEGs = 18) (Figure S4C,D). More-
over, DHT + ENZ treatment demonstrated a significant enrichment in the protein network
of protein synthesis and RNA damage and repair (Score = 63, DEPs = 30) and the gene
network of post-translational modification (Score = 34, DEGs = 22) (Figure S4E,F).

To identify biological processes significantly dysregulated (FDR/q < 0.05) during
androgen-anti-androgen treatment, we overlapped DEGs/DEPs into Gene Ontology Bi-
ological Processes (GO-BP), using Gene Set Enrichment Analysis (GSEA) in Molecular
Signatures Database (MSigDB) (Table S2) [10]. A total of GSEA analysis revealed that, up-
regulated molecules in DHT treatment were mainly associated with regulation of mRNA
metabolism (DEPs, FDR = 5.06 x 10772, Figure 5A) and small molecule metabolism (DEGs,
FDR = 1.72 x 10~% Figure S5A), whereas down-regulated molecules in DHT treatment
showed enrichment in intracellular transport (DEPs, FDR = 2.35 x 10753, Figure 5B) and
biological adhesion (DEGs, FDR = 1.24 x 1074, Figure S5B). Up-regulated molecules in
DHT + BIC treatment were found to affect RNA processing (DEPs, FDR = 1.39 x 10774,
Figure 5C) and protein coupled receptor signaling (DEGs, FDR = 3.79 x 10~, Figure S5C)
whereas intracellular transport (DEPs, FDR = 9.28 x 10~ !, Figure 5D) and ion transport
(DEGs, FDR = 5.75 x 10~°, Figure S5D) were affected by down-regulated molecules in
DHT + BIC treatment. Moreover, the majority of up-regulated molecules in DHT + ENZ
treatment were related to RNA processing (DEPs, FDR = 9.8 x 10~%, Figure 5E) and ion
homeostasis (DEGs, FDR = 4.66 x 10712, Figure S5E), while down-regulated molecules in
DHT + ENZ treatment were involved in intracellular transport (DEPs, FDR = 1.43 X 1028,
Figure 5F) and biological adhesion (DEGs, FDR = 5.01 x 1079, Figure S5F). Overall, the
analysis highlighted the key effect of anti-androgen on RNA metabolism, indicating the dis-
tinct transcriptional programming in PCa cells activated under the anti-androgen induced

stress conditions.
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2.4. Upstream Regulators Dysregulated in Response to the Anti-Androgen Treatment

Next, we performed upstream regulatory analysis to identify likely affected transcrip-
tion regulators during androgen and anti-androgen treatments (Table S3). Intriguingly, the
MYC upstream regulator was found activated in both DHT + BIC (activation Z-score: 3.188,
p=1.14 x 107%°) and DHT + ENZ (activation Z-score: 2.849, p = 8.11 x 10~%) treatments,
while it was found inhibited in response to DHT treatment (activation Z-score: —2.678,
p =135 x 1071°) (Table S3, Figure 6A,B). Both DHT + BIC/ENZ treatments have induced
the upregulation of several MYC targets, mainly ribonucleoproteins (HNRNPs, SNRNP),
pre-mRNA splicing factors (PRPs) and DEAD-BOX (DDX) RNA helicases that regulate
RNA metabolism. Moreover, MYC oncogenic targets such as DEK and YBX1 proteins
were found upregulated in response to both DHT + BIC/ENZ treatments. In addition
to MY C, activation of proline and glutamine-rich (PSF/SFPQ) RNA binding/splicing
factor upstream regulator was observed in both DHT + BIC (activation Z-score: 2.429,
p=3.65 x 107%) and DHT + ENZ (activation Z-score: 2.216, p = 9.5 x 10~%) while no
change in PSF/SFPQ activation/inhibition was observed in DHT treatment (Table S3,
Figure 6C,D). Expression of several PSF/SFPQ target splicing factors, such as HNRNPU,
SF3B2 and U2AF1/2 were found upregulated in response to both BIC and ENZ treatments.
Opverall, this analysis shed light on the differential expression of numerous mRNA-splicing
factors regulated by MYC and PSF/SFPQ upstream regulators during anti-androgen treatment.
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Figure 6. Upstream regulatory analysis for the differentially expressed genes/proteins identified by anti-androgen treat-
ments. Regulatory effect of MYC upstream regulator on target genes in response to (A) DHT + BIC treatment, (B) DHT +
ENZ treatment compared to control treatment. Regulatory effect of SFPQ upstream regulator on target genes in response to
(C) DHT + BIC treatment, (D) DHT + ENZ treatment compared to control treatment. Colour in the target genes represent
their upregulation or downregulation while colour in the upstream regulator represent their predicted activation or inac-

tivation. Colour intensity represents the relative magnitude of change in expression. Edges are coloured to indicate the

expected direction of regulation.
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2.5. Anti-Androgen Induced Molecular Pathways That Denote the Metastatic Androgen
Independent PCa Phenotype

Next, we sought to determine enrichment of treatment induced DEPs in molecular
pathways that might provide PCa cells with a growth advantage. DEPs induced by DHT +
BIC/ENZ treatments and DEPs identified in C4-2B vs. LNCaP comparison were mapped
in to KEGG pathways. Interestingly, the analysis revealed that pathways dysregulated in
the androgen-independent C4-2B cell model were comparable with those dysregulated in
DHT + BIC/ENZ treatments (Table S4).

We observed a significant enrichment of DEPs in genetic information processing path-
ways, such as (i) spliceosome pathway: HNRNPU/K; YBX1; SRSF2/3/7; DDX5, SNRNP70
(Figure S6A), (ii) ribosome biogenesis: DKC1 (Figure S6B), (iii) ribosome: RPL17/19/29;
RPS10/17/19 (Figure S6C), (iv) RNA transport pathway: SRRM1; translation initiation fac-
tors (elFs) (Figure S6D) and (v) Protein processing factors in ER: SSR3; DAD1 (Figure S6E).
Moreover, proteins related to energy metabolism: oxidative phosphorylation (OXPHOS)
were found dysregulated, mainly the proteins involved in NADH dehydrogenase activity:
NDUFA2/10; NDUEFS2 (Figure S6F). In addition, proteins involved in cell growth, death
and cell communication pathways were found dysregulated, such as (i) MCM proteins
related to cell cycle maintenance and (ii) PAK4 associated with cellular focal adhesion
(Figure S6G). Furthermore, proteins that belong to the PI3K-AKT and MAPK signal-
ing pathway, such as MAPK1 were found dysregulated (Figure S6H,I). A predominant
involvement of cancer related molecular alterations was observed, for instance, (i) over-
representation of AR transcriptional activity reported by the upregulation of AR targets:
KLK3 and heat shock protein (HSPs): HSP90ABI1 (Figure S6]) and (ii) enrichment of cancer
associated proteoglycans, such as Cortactin (CTTN) (Figure S6K). Overall, the current
analysis highlighted a set of proteins related to 11 cancer related signaling pathways that
might aggravate treatment resistance and lead to the insurgence of androgen-independence
(Table S4, Figure 7).
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Figure 7. Anti-androgen induced molecular pathways that denote the insurgence of metastatic,
androgen independent PCa phenotype. The chart represents the key dysregulated proteins common
to anti-androgen administered androgen-sensitive LNCaP cells and C4-2B androgen-independent
cells identified by the comparative bioinformatics analysis of proteomic and transcriptomic data.
Molecules were distributed in to 11 KEGG pathways possibly affected in cancer.
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2.6. Validation of Gene/Protein Expression Using PCa Clinical Data

We have utilized publicly available PCa transcriptomic and immunohistochemical
(IHC) datasets to verify the expression of the two upstream regulators and key oncogenic
genes/proteins in clinical samples. Based on PCa patient transcriptomic data retrieved
from Oncomine™ database, we observed the marked upregulation of the SFPQ upstream
regulator in CRPC tissues compared to localized PCa and normal prostate tissues. Although,
the MYC upstream regulator was upregulated in localized PCa compared to normal
prostate tissues, no significant change was observed in CRPC tissues. In addition, HNRNPU;
DKC1; CTTN; MCM2; MAPK1; PAK4 genes were found to be significantly upregulated
in CRPC tissues compared to normal prostate tissues (Figure 8). Based on the IHC data
retrieved from the HPA database, both MYC and SFPQ upstream regulators showed a
moderately higher protein expression in high-grade PCa tissues compared to the low-
grade PCa tissues. Likewise, HNRNPU, MCM2, MAPK1, CTTN protein targets also
demonstrated relatively higher expression in high-grade PCa tissues compared to the
low-grade PCa tissues (Figure 9). Intriguingly, DKC1 showed a high expression in both
high-/low-grade tissues, whereas PAK4 was expressed at moderate levels in both high-
/low-grade PCa tissues. In summary, the above analysis highlighted on the possible
involvement of anti-androgen mediated upstream regulators and oncogenic proteins in
PCa pathogenesis and their effect on fueling PCa progression to CRPC.
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Figure 8. Validation of gene expression using PCa clinical transcriptomic datasets. Comparison of the expression of (A) MYC,
(B) SFPQ, (C) HNRNPU, (D) MCM2, (E) DKC1, (F) MAPK1, (G) CTTN and (H) PAK4 genes between non-prostate carcinoma
(n = 28), localized prostate carcinoma (1 = 59), and castration-resistant prostate carcinoma (1 = 35) tissue microarray data

using Grasso PCa clinical dataset available in Oncomine™ database. Log2 median cantered ratio; * p < 0.05.
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Figure 9. Validation of protein expression using PCa clinical tissue immunohistochemical datasets.
Immunohistochemical images of PCa clinical tissues specimens retrieved from the HPA database
representing the protein expression of (A) MYC, (B) SFPQ, (C) HNRNPU, (D) MCM2, (E) DKC1,
(F) MAPK]1, (G) CTTN and (H) PAK4 protein targets. Each protein is demonstrated with two staining
images representing high-grade and low-grade tissue specimens. Parameters that used to annotate
each staining include level of antibody staining (High/Moderate/Low), level of staining intensity
(Strong/Moderate/Weak) and fraction of immunoactive cells (>75%/75-25%/>25%).

3. Discussion

Identifying molecular alterations dysregulated during ATT which likely leads to
treatment resistance could offer new opportunities for patient selection and management,
preventing disease progression to CRPC. The current study investigated both transcrip-
tomic and proteomic changes induced by BIC and ENZ anti-androgen treatments that
might be responsible in developing PCa treatment resistance and androgen-independence.

We increased the depth of proteomic profiling in our cell models via SWATH-MS
strategy: an accurate, highly reproducible label-free approach in whole proteome quantifi-
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cation [11,12]. Two recent studies that used SWATH-MS strategy on LNCaP cells validated
the total number of proteins identified in our study [13-15]. In addition, we observed
a limited correlation between PCa transcriptomic and proteomic datasets, in agreement
with previous PCa omics-based research [16,17]. Varied post-transcriptional modifications
(PTMs) associated with translation regulation and kinetic differences between protein
synthesis and turnover may explain the poor correlation between mRNA and protein
abundances in complex biological samples [18].

Although, CRPC is frequently associated with the loss of AR expression, recent studies
describe that anti-androgen resistance and PCa progression can be acquired via an AR
indifferent state, where cancer cells do not depend on AR signaling regardless of persistent
AR expression [8,9]. We observed that anti-androgen treatment blocks AR mediated
transcriptional activities without affecting AR expression, which provides evidence for
the potential of LNCaP cells to acquire AR-independent adaptive mechanisms via an
AR-indifferent state. The strong AR-antagonistic activity shown by ENZ can be explained
by its higher affinity for AR in comparison to BIC [19]. The clinical benefit of ENZ over BIC
in patients with metastatic CRPC and its superior activity in suppressing AR signaling has
been demonstrated in clinical trials [20,21]. Nevertheless, AR signaling can be continued in
a fraction of cells due to the potential agonistic functioning of BIC and ENZ, which allow
LNCaP cells to maintain their dependency on AR signaling [8,22,23]. This observation is
clinically manifested by the anti-androgen withdrawal syndrome and clinical improvement
observed upon anti-androgen discontinuation [22]. Moreover, our data demonstrated
moderate downregulation of HR gene expression and moderate upregulation of PARP
activity in response to both BIC and ENZ treatments. Although expression levels are not
statistically significant direction of HR and PARP protein regulation is in line with previous
observations that show PARP backup DNA repair system is activated in absence of HR
which support the survival of PCa cells during ADT [23,24].

Cancer cell survival depends on the coordinated activation of translation initiation fac-
tors and major signaling cascades regulating translation that are implicated in a broad range
of cellular processes [25,26]. Our analysis highlighted the overrepresentation of molecular
networks associated with transcriptional and translational regulation, which might allow
them to adapt to anti-androgen induced cellular stress. This finding was further confirmed
by the MYC and PSF/SFPQ mediated transcriptional activation of splicing factors that
regulate the expression of genes promoting PCa survival. A previous study confirmed that
androgen-treatment in hormone-depleted PCa cells reduced MYC levels [27]. MYC plays
an important role in regulating AR and its variant expression through transcriptional regu-
lation coupled with modulation of protein stability [28]. Furthermore, it has been demon-
strated that BIC has the potential to reverse androgen-mediated reduction of MYC [29].
Therefore, the transcriptional regulation conferred by MYC activation is considered to be a
mechanistic insight into the ability of PCa tumors to overcome stressful conditions induced
by anti-androgen therapy [30-32]. On the other hand, PSF/SFPQ mRNA splicing factor
has been previously reported to be involved with the worse prognosis of PCa as shown by
the upregulation of PSF/SFPQ downstream targets in metastatic PCa patients [33]. These
splicing factors are responsible for AR overexpression and alternative-splicing (AR-v7)
which are key drivers towards androgen-independence [33]. Hence, upstream MYC and
PSF/SFPQ regulators and downstream transcription factors have an obvious pharmacolog-
ical importance as their inhibition could be a viable approach to alleviate anti-androgen
resistance [28].

We observed the coordinated activation of pathways in LNCaP cells treated with
anti-androgens and their overlap with those dysregulated in C4-2B cell populations. Key
oncogenic proteins dysregulated in these pathways represent the molecular repertoire that
support treatment escape and progression to CRPC. The highly perturbed environment
shaped by the androgen-depleted medium supplemented with anti-androgens has trig-
gered molecular pathways related to gene transcription and translation regulation. This
includes the dysregulation of spliceosome components, such as HNRNPs, YBXs, SRSFs,
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DDXs and SNRNPs, that act as proto-oncogenic splicing regulators involved in the adaptive
transcriptional programming of hormone-related cancers, such as breast and PCa [34-38].
HNRNPU and HNRNPK are two splicing factors involved in regulating AR and AR-v7
expression by post-transcriptional mechanisms and it has been previously found that BIC
treatment alters AR/HNRNPK interaction and AR activation [35,39,40]. Proteins involved
in ribosome biogenesis: DKC1 and ribosomal components: RPL19/29, RPS19/20 have
been previously reported for their dysregulation and malignant potential in advanced PCa
phenotypes [41,42]. Splicing factor: SRRM1 that is involved in the RNA transport pathway
has been recently described for its association with PCa proliferation/migration-rate via
modulating AR-v7 levels [39]. ER signal sequence receptor subunit: SSR3 that regulates
protein entry into ER plays a major role in protein processing in ER and its dysregulation
has been found associated with tumor growth in PCa [40,43,44]. DAD] protein is involved
in protein glycosylation and translocation across the ER that exhibit anti-apoptotic func-
tions [45]. Previous data shows the upregulated expression of DAD1 in AI-PCa cell lines
and grade-associated expression in PCa clinical tissues, thus, providing functional insights
of DADL1 in therapy resistance and PCa progression [46,47].

Our data showed the dysregulation of OXPHOS, particularly characterized by up-
regulated NADH dehydrogenase activity which is the rate-limiting step in overall res-
piration. Overrepresentation of OXPHOS provides PCa cells with a growth advantage
by overproduction of ROS to cause more DNA damage and mutations [48,49]. This ob-
servation is in line with previous data that propose OXPHOS involvement in androgen-
independence [50,51]. Overexpression of minichromosome maintenance proteins (MCM)
involved in cell cycle regulation are currently used as proliferation markers to determine tu-
mor growth propensities [52-54]. Dysregulation of MCM proteins observed in our findings
suggest their role in facilitating tumor cell proliferation during anti-androgen treatment.
Upregulation of proteins involved in focal adhesion, such as PAK1 indicate the coordi-
nated activation of cancer cell invasion in response to anti-androgen treatment [55-57].
Reiterating previous literature, our data showed the dysregulation of proteins belonging
to the PI3K-AKT and MAPK pathway, such as MAPK1. Activation of PI3K-AKT/MAPK
signaling promotes PCa cell proliferation and survival, hence combining PI3K-AKT/MAPK
inhibitors with anti-androgen therapy were found to be promising in clinical trials [58,59].
Upregulation of KLK3/PSA in C4-2B cells confirms the activation of AR-signaling dur-
ing PCa progression to CRPC via various AR bypassing mechanisms [60—-62]. Moreover,
overexpression of PSA can induce a feedback regulatory loop by which AR expression is
maintained during CRPC progression [63]. On the other hand, HSPs, which play a pivotal
role in AR stabilization during AR signaling, were found upregulated in response to anti-
androgen treatment and in CRPC cells. Previous literature suggests that BIC agonistic AR
activation and its downstream interaction with coactivators and transcriptional factors may
rely on the stabilization provided by HSP90s [64]. Hence, using HSP inhibitors (e.g., gel-
danamycin) in combination with anti-androgens would increase the efficiency of PCa
therapy. Proteoglycans are key constituents of extracellular matrix capable of modulating
cancer cell invasion [65]. Therefore, it signifies the contribution of upregulated proteogly-
cans, such as CTTN towards PCa cell survival and invasion during anti-androgen therapy.

The limited correlation between the proteomic and transcriptomic data might limit the
identification of extensive functional changes in PCa cells in response to stress conditions.
Thus, understanding the limitations between different measurement techniques is critical
before interpreting the results integrating datasets from multiple sources [66]. SWATH-MS
DIA data acquisition is the easiest compared to DDA acquisition methods, yet difficult in
terms of data analysis as it requires large informatic resources and sophisticated software
tools [67]. Moreover, protein identification in SWATH-MS strategy is largely limited by
the spectral library composition; therefore, generating a larger-scale spectral library is
essential using both cell line and tissue DDA data. Protein targets identified in the current
study are highly likely to be biomarkers for CRPC as well as targets for novel therapies.
Nevertheless, our findings require further validation by applying different AD/ Al cell lines
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and molecule/pathway inhibitors, before testing them using in vivo mouse models. Based
on the resistance observed for BIC and ENZ, novel anti-androgens (e.g., Apalutamide,
Darolutamide) have already made their way through preclinical and clinical studies to treat
both metastatic and non-metastatic CRPC [68]. Therefore, the next wave of scientific focus
should be identifying possible adaptive mechanisms induced by these novel anti-androgens
to alter the course of PCa treatment resistance.

4. Materials and Methods
4.1. Cell Culture and Androgen/Anti-Androgen Treatment

LNCaP and C4-2B cell lines were obtained from the American Type Culture Collection
(ATCC). Both cell lines were authenticated by Short tandem repeat (STR) profiling and
tested negative for Mycoplasma. LNCaP cells were seeded in 6-well plates using RPMI-1640
media (Life Technologies, Mulgrave, Australia) supplemented with 5% fetal bovine serum
(FBS, Sigma-Aldrich, Sydney, Australia) and were incubated at 37 °C for 48 h. The medium
was replaced with androgen-depleted culture medium (RPMI1640) containing 5% charcoal-
striped serum (CSS) for 48 h. Next, cells were supplemented with androgens: DHT (10 nM
DHT, Sigma-Aldrich), or anti-androgens: BIC and ENZ (10 uM, Selleckchem.com, Waterloo,
Australia) and Ethanol (EtOH)/vehicle control (20%, HPLC grade, Sigma-Aldrich), and
incubated at 37 °C for additional 48 has described previously [69]. C4-2B cells were cultured
in RPMI-1640 media supplemented with 5% FBS.

4.2. Liquid Chromatography Tandem Mass Spectrometry (LC-MS/MS)
4.2.1. Sample Preparation

Cell pellets were first washed with 1X phosphate-buffered saline (PBS) 3 times and
lysed using Sodium deoxycholate (SDC) buffer (1% SDC in 1 M Tris pH 8.0). Cell lysates
were centrifuged at 16,000 rpm for 20 min to remove the cell debris and other contaminants.
The samples were then sonicated in an ultrasonic bath (Thermo Scientific™, Waltham, MA,
USA) for 15 min (at 4 °C, 100% Power) to denature proteins and shear DNA. The soluble
fraction was collected after a centrifugation step at 1000x ¢ for 15 min. The concentration of
proteins was calculated using Bicinchoninic acid assay (BCA) with Pierce™ Bovine Serum
Albumin (BSA) Standards (Thermo Scientific™). Of the protein extract, 10 pg was dena-
tured at 95 °C for 5 min using a thermomixer (Eppendorf ThermoMixer® F1.5, Hamburg,
Germany). Denatured protein samples were reduced with 10 mM Tris (2-carboxyethyl)
phosphine (TCEP) (Sigma-Aldrich), for 30 min at room temperature, and alkylated in the
dark with 40 mM 2-chloroacetamide (2CAA) (Sigma-Aldrich) for 30 min at room tempera-
ture. Samples were then digested overnight at 37 °C after adding trypsin (Sigma-Aldrich)
at a 1:50 enzyme-protein ratio. The reaction was quenched by 10% Trifluoroacetic acid
(TFA) (Sigma-Aldrich), and spun down at 14,000 RPM to precipitate and remove excess
SDC. Next, peptides were desalted using Pierce™ C18 Spin Tips (Thermofisher, Waltham,
MA, USA), washed in 0.1% TFA, and eluted in to 80% acetonitrile (ACN) (HPLC grade,
Sigma-Aldrich). Solvents were evaporated in a SpeedVac centrifuge (Savant Speed Vac,
SPD121P-230, Thermo Electron Corporation, Milford, MA, USA) at 35 °C and re-suspended
using Buffer A, which includes 2% ACN, 0.1% TFA spiked with iRT calibration mix (Biog-
nosys AG, Schlieren, Switzerland). Peptide mixtures were transferred in to HPLC vials
(Thermofisher). Sample preparations were performed in 3 biological replicates.

4.2.2. Data Dependent Acquisition (DDA)

LC-MS/MS analysis was performed by the Central Analytical Research Facility
(CAREF). Peptide solutions were analysed on an Agilent 1260 HPLC system (Agilent Tech-
nologies, Santa Clara, CA, USA) coupled to a TripleTOF 5600+ mass spectrometer with
NanoSource III (ABSciex, Toronto, Ontario, Canada). For each sample, 1 ug of peptides
was loaded onto a ZORBAX C18 trap column (Agilent Technologies, Santa Clara, CA,
USA). Loaded materials were then eluted from an analytical column (75 um x 15 cm) with
an integrated manually pulled tip packed with Reprosil Pur C18 AQ beads (3 um, 120 A
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particles) at a flow rate of 250 nL/min with a 90-min linear gradient of 2-40% of Buffer B
(98% ACN, 0.1% FA). The mass spectrometer was operated with a top 20 DDA data using
positive ion mode to acquire the full profile of MS scans. The acquisition mode consisted of
a 250 ms survey MS scan of 400-1500 m1/z, followed by an MS/MS scan of 100-1500 m/z
for a 100 ms acquisition time. The fragmented precursors were then added to a dynamic
exclusion list for 20 s, excluding any singly charged ions from the MS/MS analysis.

4.2.3. Data Independent Acquisition (DIA)—SWATH-MS/MS

The same MS instrument using the identical LC-MS/MS setup, as above, was operated
for the targeted data extraction of SWATH-MS/MS acquisitions from iRT spiked peptide
solutions. In SWATH-MS/MS mode, the instrument was tuned for the selection of 32
overlapping windows with 25 m/z effective isolation width, covering the mass range of
350-1250 m/z, with a dwell time of 250 ms in high-sensitivity mode. SWATH-MS/MS scans
were performed with a dwell time of 100 ms to cover the mass range of 100-1500 m/z with
a cycle time of 3.3 s.

4.3. LC-MS/MS Data Analysis
4.3.1. Spectral Library Generation

DDA MS data generated from LNCaP treatment/control and C4-2B protein samples
were searched by ProteinPilot™ software (Version 5.0.1, AB SCIEX) using the Paragon™
Algorithm against the full non-redundant, canonical human genome as annotated by
UniProtKB/Swiss-Prot. Search parameters were as follows: Sample type: Identification;
Cys Alkylation: Iodoacetamide; Digestion: Trypsin; Instrument: TripleTOF 5600+; Species:
None; Search effort: Thorough ID; Results Quality: Detected protein threshold [Unused
ProtScore (Conf)] > 0.05 with FDR.

4.3.2. SWATH-MS/MS Data Analysis

SWATH-MS/MS raw data was processed against the above created spectral library.
Extracting peak areas and scoring was performed using the PeakView® SWATH micro
app (Version 2.1, AB SCIEX). Shared peptides were excluded while importing the spectral
library. Minimum number of 3 transitions (fragment ions) and 3 precursor ions with >90%
confidence were used for SWATH-MS/MS data processing. Peak areas were extracted for
peptides with <1% FDR. Peak area of fragment ions was used for peptide quantification,
whereas the mean value of the peptide quantities was used to quantify proteins.

4.4. RNA Isolation

Total RNA was extracted from PCa cells using RN Aeasy Mini Kit according to the stan-
dard protocol (Qiagen, Hilden, Germany). RNA concentration and purity were measured
using NanoDrop™1000 (Thermo Scientific).

4.5. Real-Time Quantitative PCR (qRT-PCR) Analysis

RNA (1 pg) was reverse transcribed to cDNA using SuperScript III Reverse Transcrip-
tase (Invitrogen, Carlsbad, CA, USA). Quantitative RT-PCR was performed in MicroAmp®
Optical 384-Well Reaction Plate with barcode (Applied Biosystems, Foster City, CA, USA)
using the ViiA7 Real-Time PCR system (Applied Biosystems). Each reaction contained 1X
final concentration of SYBR Green PCR Master Mix 2X (Life Technologies), 50 nM forward
and reverse primer, 2.0 pL of diluted cDNA (1:5) and nuclease-free water to a final volume
of 8 pL. The cycling parameters were 95 °C for 10 min, 40 cycles of 95 °C for 15 s and 60 °C
for 1 min followed by a dissociation step. Relative fold expression was performed by the
comparative CT (AACT) method.

4.6. RNAseq Analysis

Total RNA extracted from the androgen and anti-androgen treated LNCaP cell lines
used for the RN Aseq analysis performed through the Australian Genome Research Facil-
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ity (AGREF). Three independent RNAs for each treatment were pooled and used for the
ribosomal depletion. Paired-end sequencing (100 bp resolution) has performed on the
[lumina HiSeq platform using the Illumina TruSeq strand-specific protocol (Life Technolo-
gies). RNAseq was carried out at 100 bp resolution, paired end, and strand specific. Raw
data was analysed by mapping RNAseq reads using Tophat2 (hg19 assembly) [70], and
logFC and p values for the gene expression analysis were determined using the edgeR
program [71].

4.7. Statistical Analysis

Exported SWATH-MS/MS peak area values were statistically analysed using the
MetaboAnalyst 4.0 online tool [72]. First, peak area values of each protein, obtained from
the three replicates were averaged, normalized (based on the sum) and log, transformed.
PCA analysis was performed for the first three principal components using log, trans-
formed normalized areas. For the Heatmap visualization, normalized SWATH areas were
clustered based on Ward algorithm and row /column orders were set by applying a hierar-
chical clustering based on Euclidean distance. Fold change (FC) expression between each
treatment group and the log, transformation of FC (Log,FC) was calculated. A threshold
of llog,FC| > 1 was used to identify DEPs, whereas |1ogFC| > 1.5 threshold was used
identify DEGs. p < 0.05 was considered significant.

4.8. Network Analysis

SWATH-MS/MS Proteomic datasets and RNAseq datasets were analysed using Inge-
nuity Pathway Analysis (IPA) (Qiagen, http:/ /www.ingenuity.com) and list of molecular
networks were generated based on comparing imported datasets and Ingenuity® Knowl-
edge Base. A score (p-score = —log10 (p-value)) according to the fit of the set of supplied
protein/genes and molecular networks stored in the Ingenuity Knowledge Base were
generated. Both direct and indirect relationships were considered and only DEPs/DEGs
with a p < 0.05 were considered for the analysis.

4.9. Upstream Regulatory Analysis

IPA upstream regulator analysis was used to predict the activation/inhibition of
upstream transcriptional regulators from the datasets based on the literature and compiled
in the Ingenuity® Knowledge Base. A p-value was computed based on significant overlap
between known targets regulated by the transcriptional regulator and the molecules in the
dataset. The activation Z-score algorithm was used, to make predictions on the upstream
regulator. The expression of the upstream regulator itself and only DEPs/DEGs with a
p < 0.05 were considered for the analysis.

4.10. Gene Set Enrichment Analysis

GSEA was used to determine over-represented GO-BPs enriched by DEPs/DEGs
identified in androgen/anti-androgen treated LNCaP cell models [10]. GSEA converted
the submitted proteins/genes into Entrez genes on the MSigDB v7.1 [73-75]. The analysis
evaluated the overlap of provided DEPs/DEGs with human MSigDB GO-BP gene sets and
estimated the statistical significance at FDR/g < 0.05.

4.11. KEGG Mapper Analysis

KEGG mapper tool was used to map DEPs/DEGs in to KEGG pathways that are
dysregulated in AD LNCaP cell model in response to anti-androgen treatment and Al
C4-2B cell model. The tool converted the submitted proteins/genes into KEGG GENES
ID and matched with the human specific KEGG pathway maps enabling interpretation of
cellular functions and other high-level features [76,77]. Pathway lists and categories were
downloaded from the KEGG database and different colour codes were used to demonstrate
treatment specific and common DEPs/DEGs identified [78].
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4.12. Validating the Expression of Differentially Regulated Genes/Protein

Differentially expressed protein/genes identified in PCa cell models were revalu-
ated by measuring their expression in Grasso PCa clinical datasets [79] using the online
Oncomine™ database (https://www.oncomine.org) [80]. Protein expression in PCa clin-
ical/tissue specimens were analyzed by the PCa immunohistochemistry (IHC) datasets
using the Human Protein Atlas (HPA) database (http://www.proteinatlas.org) [81,82].

5. Conclusions

The current study tested the hypothesis that molecules dysregulated in response
to ATT enable the overrepresentation of adaptive molecular pathways supporting PCa
treatment escape. Using SWATH-MS strategy, we highlighted anti-androgen induced
key proteomic signatures that are involved in transcription/translation regulation, energy
metabolism, cell growth and death, cell communication and signaling cascades that might
potentially evolve to treatment resistance and androgen-independence in PCa cells. Fol-
lowing further validation, these proteomic signatures and associated pathways can be
co-targeted to improve the efficacy of existing treatments and develop novel treatment
strategies to attenuate disease progression to CRPC.

Supplementary Materials: The following are available online at https:/ /www.mdpi.com/2072-669
4/13/4/715/s1. Figure S1: Workflow of the proteomic and transcriptomic analysis of androgen and
anti-androgen treated of LNCaP cells and C4-2B cells, Figure S2: Summary of the RN Aseq analysis
of androgen and anti-androgen treatment of LNCaP cells, Figure S3: Homologous recombination
(HR) related protein and PARP protein expression in androgen and anti-androgen treated LNCaP
cells, Figure S4: Top scoring gene networks characterized by androgen and anti-androgen treatments,
Figure S5: GO-biological processes overrepresented by the genes up-/down-regulated in response to
androgen and anti-androgen treatment, Figure S6: KEGG pathways differentially regulated during
anti-androgen treatment, Table S1: Dysregulated molecular networks in response to androgen and
anti-androgen treatment, Table S2: GO-biological processes affected by androgen and anti-androgen
treatment, Table S3: Dysregulated upstream regulators in response to androgen and anti-androgen
treatment, Table S4: Top differentially regulated KEGG pathways and associated proteins/genes in
LNCaP cells treated with anti-androgens and C4-2B cells.

Author Contributions: Conceptualization, C.L., A.M. and ].B.; investigation, C.L., AM. and PA;
formal analysis C.L.; validation, J.C. and J.B.; writing—original draft preparation, C.L.; writing—
review and editing, J.C. and ]J.B.; supervision, J.C. and ].B.; project administration, J.B.; funding
acquisition, J.B. All authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by Cancer Council Queensland Australia and Cure Cancer and
Cancer Australia Young Investigator award to J Batra. J. Batra was supported by a National Health
and Medical Research Council (NHMRC) Career Development Fellowship.

Institutional Review Board Statement: The cell line-based studies are approved by QUT ethics
committee (QUT Ethics approval number: 1500001082).

Informed Consent Statement: Not applicable.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author.

Acknowledgments: Chamikara Liyanage and Adil Malik acknowledge QUT Postgraduate Research
Award (QUTPRA) and QUT HDR Tuition Fee Sponsorship. Jyotsna Batra is supported by Advance
QId Industry Senior Research Fellowship and DoD Idea Development grant. Authors acknowledge
Pawel Sadowski and Raj Gupta for carrying out the LC-MS/MS analysis at the Central Analytical
Research Facility (CARF), operated by the Institute for Future Environments at QUT. The authors
would also like to thank Australian Genome Research Facility (AGRF) for carrying out the RNAseq
analysis.

Conflicts of Interest: The authors declare no conflict of interest.


https://www.oncomine.org
http://www.proteinatlas.org
https://www.mdpi.com/2072-6694/13/4/715/s1
https://www.mdpi.com/2072-6694/13/4/715/s1

Cancers 2021, 13, 715 17 of 20

References

1.  Rawla, P. Epidemiology of Prostate Cancer. World J. Oncol. 2019, 10, 63-89. [CrossRef] [PubMed]

2. Schultheiss, D.; Machtens, S. Re: Prostate cancer: A brief history and the discovery of hormonal ablation treatment. J. Urol. 2002,
167,1801. [CrossRef]

3.  Crawford, E.D.; Heidenreich, A.; Lawrentschuk, N.; Tombal, B.; Pompeo, A.C.L.; Mendoza-Valdes, A.; Miller, K.; Debruyne,
FM.J.; Klotz, L. Androgen-targeted therapy in men with prostate cancer: Evolving practice and future considerations. Prostate
Cancer Prostatic Dis. 2019, 22, 24-38. [CrossRef] [PubMed]

4. Egan, A.; Dong, Y.; Zhang, H.; Qi, Y.; Balk, S.P,; Sartor, O. Castration-resistant prostate cancer: Adaptive responses in the androgen
axis. Cancer Treat. Rev. 2014, 40, 426-433. [CrossRef]

5. Huo, C; Kuo, Y.Y.; Chuu, C.P. Different Role of Androgen Receptor in Regulation of Prostate Cancer Metastasis with or without
Androgen. Cancer Sci. 2018, 109, 996.

6. Liao,R.S;;Ma, S.; Miao, L.; Li, R; Yin, Y,; Raj, G.V. Androgen receptor-mediated non-genomic regulation of prostate cancer cell
proliferation. Transl. Androl. Urol. 2013, 2, 187-196. [CrossRef]

7. Heinlein, C.A.; Chang, C. Androgen receptor in prostate cancer. Endocr. Rev. 2004, 25, 276-308. [CrossRef]

8.  Handle, E; Prekovic, S.; Helsen, C.; Van den Broeck, T.; Smeets, E.; Moris, L.; Eerlings, R.; Kharraz, S.E.; Urbanucci, A.; Mills, 1.G,;
et al. Drivers of AR indifferent anti-androgen resistance in prostate cancer cells. Sci. Rep. 2019, 9, 13786. [CrossRef]

9.  Hoefer, J.; Akbor, M.; Handle, F,; Ofer, P.; Puhr, M.; Parson, W.; Culig, Z.; Klocker, H.; Heidegger, I. Critical role of androgen
receptor level in prostate cancer cell resistance to new generation antiandrogen enzalutamide. Oncotarget 2016, 7, 59781-59794.
[CrossRef]

10. Subramanian, A.; Tamayo, P; Mootha, V.K.; Mukherjee, S.; Ebert, B.L.; Gillette, M.A.; Paulovich, A.; Pomeroy, S.L.; Golub, T.R.;
Lander, E.S.; et al. Gene set enrichment analysis: A knowledge-based approach for interpreting genome-wide expression profiles.
Proc. Natl. Acad. Sci. USA 2005, 102, 15545-15550. [CrossRef] [PubMed]

11. Gillet, L.C; Navarro, P; Tate, S.; Rost, H.; Selevsek, N.; Reiter, L.; Bonner, R.; Aebersold, R. Targeted data extraction of the MS/MS
spectra generated by data-independent acquisition: A new concept for consistent and accurate proteome analysis. Mol. Cell
Proteom. 2012, 11. [CrossRef]

12.  Huang, Q.; Yang, L.; Luo, J.; Guo, L.; Wang, Z; Yang, X.; Jin, W.; Fang, Y.; Ye, ].; Shan, B.; et al. SWATH enables precise label-free
quantification on proteome scale. Proteomics 2015, 15, 1215-1223. [CrossRef] [PubMed]

13. Cha, S,; Shin, D.H; Seok, ].R.; Myung, ] K. Differential proteome expression analysis of androgen-dependent and -independent
pathways in LNCaP prostate cancer cells. Exp. Cell Res. 2017, 359, 215-225. [CrossRef]

14. Garrido-Rodriguez, M.; Ortea, I.; Calzado, M.A.; Munoz, E.; Garcia, V. SWATH proteomic profiling of prostate cancer cells
identifies NUSAP1 as a potential molecular target for Galiellalactone. J. Proteom. 2019, 193, 217-229. [CrossRef] [PubMed]

15. Singh, A.N.; Sharma, N. Quantitative SWATH-Based Proteomic Profiling for Identification of Mechanism-Driven Diagnostic
Biomarkers Conferring in the Progression of Metastatic Prostate Cancer. Front. Oncol. 2020, 10, 493. [CrossRef] [PubMed]

16. Ferrari, N.; Granata, I.; Capaia, M.; Piccirillo, M.; Guarracino, M.R.; Vene, R.; Brizzolara, A.; Petretto, A.; Inglese, E.; Morini, M.;
et al. Adaptive phenotype drives resistance to androgen deprivation therapy in prostate cancer. Cell Commun. Signal. 2017, 15, 51.
[CrossRef]

17. Iglesias-Gato, D.; Wikstrom, P; Tyanova, S.; Lavallee, C.; Thysell, E.; Carlsson, J.; Hagglof, C.; Cox, J.; Andren, O.; Stattin, P; et al.
The Proteome of Primary Prostate Cancer. Eur. Urol. 2016, 69, 942-952. [CrossRef]

18. Liu, Y.; Beyer, A.; Aebersold, R. On the Dependency of Cellular Protein Levels on mRNA Abundance. Cell 2016, 165, 535-550.
[CrossRef]

19. Tran, C; Ouk, S.; Clegg, N.J.; Chen, Y.; Watson, P.A.; Arora, V.; Wongvipat, J.; Smith-Jones, PM.; Yoo, D.; Kwon, A; et al.
Development of a second-generation antiandrogen for treatment of advanced prostate cancer. Science 2009, 324, 787-790.
[CrossRef]

20. Penson, D.E; Armstrong, A.].; Concepcion, R.; Agarwal, N.; Olsson, C.; Karsh, L.; Dunshee, C.; Wang, F.; Wu, K.; Krivoshik,
A.; et al. Enzalutamide Versus Bicalutamide in Castration-Resistant Prostate Cancer: The STRIVE Trial. J. Clin. Oncol. 2016, 34,
2098-2106. [CrossRef]

21. Shore, N.D.; Chowdhury, S.; Villers, A.; Klotz, L.; Siemens, D.R.; Phung, D.; van Os, S.; Hasabou, N.; Wang, F.; Bhattacharya, S.
Efficacy and safety of enzalutamide versus bicalutamide for patients with metastatic prostate cancer (TERRAIN): A randomised,
double-blind, phase 2 study. Lancet Oncol. 2016, 17, 153-163. [CrossRef]

22.  Paul, R; Breul, J. Antiandrogen withdrawal syndrome associated with prostate cancer therapies: Incidence and clinical signifi-
cance. Drug Saf. 2000, 23, 381-390. [CrossRef]

23.  Asim, M,; Tarish, F.; Zecchini, H.I,; Sanjiv, K.; Gelali, E.; Massie, C.E.; Baridi, A.; Warren, A.Y.; Zhao, W.; Ogris, C.; et al. Synthetic
lethality between androgen receptor signalling and the PARP pathway in prostate cancer. Nat. Commun. 2017, 8, 374. [CrossRef]

24. De Bono, J.; Mateo, |.; Fizazi, K; Saad, F.; Shore, N.; Sandhu, S.; Chi, K.N.; Sartor, O.; Agarwal, N.; Olmos, D.; et al. Olaparib for
Metastatic Castration-Resistant Prostate Cancer. N. Engl. ]. Med. 2020, 382, 2091-2102. [CrossRef] [PubMed]

25. Baumgart, S.J.; Nevedomskaya, E.; Haendler, B. Dysregulated Transcriptional Control in Prostate Cancer. Int. . Mol. Sci. 2019, 20,
2883. [CrossRef] [PubMed]

26. Hernandez, G.; Ramirez, J.L.; Pedroza-Torres, A.; Herrera, L.A.; Jimenez-Rios, M.A. The Secret Life of Translation Initiation in

Prostate Cancer. Front. Genet. 2019, 10, 14. [CrossRef] [PubMed]


http://doi.org/10.14740/wjon1191
http://www.ncbi.nlm.nih.gov/pubmed/31068988
http://doi.org/10.1016/S0022-5347(05)65220-2
http://doi.org/10.1038/s41391-018-0079-0
http://www.ncbi.nlm.nih.gov/pubmed/30131604
http://doi.org/10.1016/j.ctrv.2013.09.011
http://doi.org/10.3978/j.issn.2223-4683.2013.09.07
http://doi.org/10.1210/er.2002-0032
http://doi.org/10.1038/s41598-019-50220-1
http://doi.org/10.18632/oncotarget.10926
http://doi.org/10.1073/pnas.0506580102
http://www.ncbi.nlm.nih.gov/pubmed/16199517
http://doi.org/10.1074/mcp.O111.016717
http://doi.org/10.1002/pmic.201400270
http://www.ncbi.nlm.nih.gov/pubmed/25560523
http://doi.org/10.1016/j.yexcr.2017.07.026
http://doi.org/10.1016/j.jprot.2018.10.012
http://www.ncbi.nlm.nih.gov/pubmed/30626528
http://doi.org/10.3389/fonc.2020.00493
http://www.ncbi.nlm.nih.gov/pubmed/32322560
http://doi.org/10.1186/s12964-017-0206-x
http://doi.org/10.1016/j.eururo.2015.10.053
http://doi.org/10.1016/j.cell.2016.03.014
http://doi.org/10.1126/science.1168175
http://doi.org/10.1200/JCO.2015.64.9285
http://doi.org/10.1016/S1470-2045(15)00518-5
http://doi.org/10.2165/00002018-200023050-00003
http://doi.org/10.1038/s41467-017-00393-y
http://doi.org/10.1056/NEJMoa1911440
http://www.ncbi.nlm.nih.gov/pubmed/32343890
http://doi.org/10.3390/ijms20122883
http://www.ncbi.nlm.nih.gov/pubmed/31200487
http://doi.org/10.3389/fgene.2019.00014
http://www.ncbi.nlm.nih.gov/pubmed/30761182

Cancers 2021, 13, 715 18 of 20

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44.
45.

46.

47.

48.

49.

Barfeld, S.J.; Urbanucci, A.; Itkonen, H.M.; Fazli, L.; Hicks, ].L.; Thiede, B.; Rennie, P.S.; Yegnasubramanian, S.; DeMarzo, A.M.;
Mills, I.G. c-Myc Antagonises the Transcriptional Activity of the Androgen Receptor in Prostate Cancer Affecting Key Gene
Networks. EBioMedicine 2017, 18, 83-93. [CrossRef]

Bai, S.; Cao, S.; Jin, L.; Kobelski, M.; Schouest, B.; Wang, X.; Ungerleider, N.; Baddoo, M.; Zhang, W.; Corey, E.; et al. A positive
role of c-Myc in regulating androgen receptor and its splice variants in prostate cancer. Oncogene 2019, 38, 4977-4989. [CrossRef]
[PubMed]

Yang, S.; Jiang, M.; Grabowska, M.M.; L, J.; Connelly, ZM.; Zhang, J.; Hayward, S.W,; Cates, ].M.; Han, G.; Yu, X. Androgen
receptor differentially regulates the proliferation of prostatic epithelial cells in vitro and in vivo. Oncotarget 2016, 7, 70404-70419.
[CrossRef] [PubMed]

Asangani, I.A.; Wilder-Romans, K.; Dommeti, V.L.; Krishnamurthy, PM.; Apel, L].; Escara-Wilke, J.; Plymate, S.R.; Navone, N.M.;
Wang, S.; Feng, FY.; et al. BET Bromodomain Inhibitors Enhance Efficacy and Disrupt Resistance to AR Antagonists in the
Treatment of Prostate Cancer. Mol. Cancer Res. 2016, 14, 324-331. [CrossRef]

Nadiminty, N.; Tummala, R.; Liu, C.; Lou, W.; Evans, C.P.,; Gao, A.C. NF-kappaB2/p52:c-Myc:hnRNPA1 Pathway Regulates
Expression of Androgen Receptor Splice Variants and Enzalutamide Sensitivity in Prostate Cancer. Mol. Cancer Ther. 2015, 14,
1884-1895. [CrossRef]

Wyatt, AW.; Azad, A.A,; Volik, S.V.; Annala, M.; Beja, K.; McConeghy, B.; Haegert, A.; Warner, EW.; Mo, F,; Brahmbhatt, S; et al.
Genomic Alterations in Cell-Free DNA and Enzalutamide Resistance in Castration-Resistant Prostate Cancer. JAMA Oncol. 2016,
2,1598-1606. [CrossRef] [PubMed]

Takayama, K.I.; Suzuki, T.; Fujimura, T.; Yamada, Y.; Takahashi, S.; Homma, Y.; Suzuki, Y.; Inoue, S. Dysregulation of spliceosome
gene expression in advanced prostate cancer by RNA-binding protein PSF. Proc. Natl. Acad. Sci. USA 2017, 114, 10461-10466.
[CrossRef]

Xiao, R.; Tang, P.; Yang, B.; Huang, J.; Zhou, Y.; Shao, C.; Li, H.; Sun, H.; Zhang, Y.; Fu, X.D. Nuclear matrix factor hnRNP U/SAF-A
exerts a global control of alternative splicing by regulating U2 snRNP maturation. Mol. Cell 2012, 45, 656—-668. [CrossRef]
Shiota, M.; Fujimoto, N.; Imada, K.; Yokomizo, A.; Itsumi, M.; Takeuchi, A.; Kuruma, H.; Inokuchi, J.; Tatsugami, K.; Uchiumi, T.;
et al. Potential Role for YB-1 in Castration-Resistant Prostate Cancer and Resistance to Enzalutamide Through the Androgen
Receptor V7. J. Natl. Cancer Inst. 2016, 108. [CrossRef]

Corbo, C.; Orru, S.; Salvatore, F. SRp20: An overview of its role in human diseases. Biochem. Biophys. Res. Commun. 2013, 436, 1-5.
[CrossRef]

Clark, E.L.; Hadjimichael, C.; Temperley, R.; Barnard, A.; Fuller-Pace, F.V.; Robson, C.N. p68/DdX5 supports beta-catenin &
RNAP II during androgen receptor mediated transcription in prostate cancer. PLoS ONE 2013, 8, e54150. [CrossRef]

Rebello, R.J.; Pearson, R.B.; Hannan, R.D.; Furic, L. Therapeutic Approaches Targeting MYC-Driven Prostate Cancer. Genes 2017,
8, 71. [CrossRef]

Jimenez-Vacas, ]. M.; Herrero-Aguayo, V.; Montero-Hidalgo, A.J.; Gomez-Gomez, E.; Fuentes-Fayos, A.C.; Leon-Gonzalez, A.J.;
Saez-Martinez, P.; Alors-Perez, E.; Pedraza-Arevalo, S.; Gonzalez-Serrano, T.; et al. Dysregulation of the splicing machinery is
directly associated to aggressiveness of prostate cancer. EBioMedicine 2020, 51, 102547. [CrossRef] [PubMed]

Zhi, J.; Sun, J.; Wang, Z.; Ding, W. Support vector machine classifier for prediction of the metastasis of colorectal cancer. Int. J.
Mol. Med. 2018, 41, 1419-1426. [CrossRef] [PubMed]

Sieron, P; Hader, C.; Hatina, J.; Engers, R.; Wlazlinski, A.; Muller, M.; Schulz, W.A. DKC1 overexpression associated with prostate
cancer progression. Br. ]. Cancer 2009, 101, 1410-1416. [CrossRef] [PubMed]

Arthurs, C.; Murtaza, B.N.; Thomson, C.; Dickens, K.; Henrique, R.; Patel, H.R.H.; Beltran, M.; Millar, M.; Thrasivoulou, C.;
Ahmed, A. Expression of ribosomal proteins in normal and cancerous human prostate tissue. PLoS ONE 2017, 12, e0186047.
[CrossRef] [PubMed]

Vasanthaiah, H.K.; Ravishankar, K.V.; Shivashankara, K.S.; Anand, L.; Narayanaswamy, P.; Mukunda, G.; Prasad, T.G. Cloning
and characterization of differentially expressed genes of internal breakdown in mango fruit (Mangifera indica). J. Plant. Physiol.
2006, 163, 671-679. [CrossRef] [PubMed]

Dehm, S.M.; Tindall, D.]. Molecular regulation of androgen action in prostate cancer. J. Cell Biochem. 2006, 99, 333-344. [CrossRef]
Patel, N.M.; Nozaki, S.; Shortle, N.H.; Bhat-Nakshatri, P.; Newton, T.R.; Rice, S.; Gelfanov, V.; Boswell, S.H.; Goulet, R ]., Jr.; Sledge,
G.W,, Jr,; et al. Paclitaxel sensitivity of breast cancer cells with constitutively active NF-kappaB is enhanced by IkappaBalpha
super-repressor and parthenolide. Oncogene 2000, 19, 4159-4169. [CrossRef] [PubMed]

Landers, K.A.; Samaratunga, H.; Teng, L.; Buck, M.; Burger, M.].; Scells, B.; Lavin, M.E,; Gardiner, R.A. Identification of claudin-4
as a marker highly overexpressed in both primary and metastatic prostate cancer. Brit. ]. Cancer 2008, 99, 491-501. [CrossRef]
True, L.; Coleman, I.; Hawley, S.; Huang, C.Y,; Gifford, D.; Coleman, R.; Beer, T.M.; Gelmann, E.; Datta, M.; Mostaghel, E.; et al. A
molecular correlate to the Gleason grading system for prostate adenocarcinoma. Proc. Natl. Acad. Sci. USA 2006, 103, 10991-10996.
[CrossRef]

Shiota, M.; Yokomizo, A.; Naito, S. Oxidative stress and androgen receptor signaling in the development and progression of
castration-resistant prostate cancer. Free Radic. Biol. Med. 2011, 51, 1320-1328. [CrossRef]

Shiota, M.; Yokomizo, A.; Naito, S. Pro-survival and anti-apoptotic properties of androgen receptor signaling by oxidative stress
promote treatment resistance in prostate cancer. Endocr. Relat. Cancer 2012, 19, R243-R253. [CrossRef]


http://doi.org/10.1016/j.ebiom.2017.04.006
http://doi.org/10.1038/s41388-019-0768-8
http://www.ncbi.nlm.nih.gov/pubmed/30820039
http://doi.org/10.18632/oncotarget.11879
http://www.ncbi.nlm.nih.gov/pubmed/27611945
http://doi.org/10.1158/1541-7786.MCR-15-0472
http://doi.org/10.1158/1535-7163.MCT-14-1057
http://doi.org/10.1001/jamaoncol.2016.0494
http://www.ncbi.nlm.nih.gov/pubmed/27148695
http://doi.org/10.1073/pnas.1706076114
http://doi.org/10.1016/j.molcel.2012.01.009
http://doi.org/10.1093/jnci/djw005
http://doi.org/10.1016/j.bbrc.2013.05.027
http://doi.org/10.1371/journal.pone.0054150
http://doi.org/10.3390/genes8020071
http://doi.org/10.1016/j.ebiom.2019.11.008
http://www.ncbi.nlm.nih.gov/pubmed/31902674
http://doi.org/10.3892/ijmm.2018.3359
http://www.ncbi.nlm.nih.gov/pubmed/29328363
http://doi.org/10.1038/sj.bjc.6605299
http://www.ncbi.nlm.nih.gov/pubmed/19755982
http://doi.org/10.1371/journal.pone.0186047
http://www.ncbi.nlm.nih.gov/pubmed/29016636
http://doi.org/10.1016/j.jplph.2005.06.017
http://www.ncbi.nlm.nih.gov/pubmed/16307821
http://doi.org/10.1002/jcb.20794
http://doi.org/10.1038/sj.onc.1203768
http://www.ncbi.nlm.nih.gov/pubmed/10962577
http://doi.org/10.1038/sj.bjc.6604486
http://doi.org/10.1073/pnas.0603678103
http://doi.org/10.1016/j.freeradbiomed.2011.07.011
http://doi.org/10.1530/ERC-12-0232

Cancers 2021, 13, 715 19 of 20

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.
67.

68.

69.

70.

71.

72.

73.

74.

75.

Hoti, N.; Shah, P; Hu, Y.; Yang, S.; Zhang, H. Proteomics analyses of prostate cancer cells reveal cellular pathways associated
with androgen resistance. Proteomics 2017, 17. [CrossRef]

Schopf, B.; Weissensteiner, H.; Schafer, G.; Fazzini, F.; Charoentong, P.; Naschberger, A.; Rupp, B.; Fendt, L.; Bukur, V.; Giese, I.;
et al. OXPHOS remodeling in high-grade prostate cancer involves mtDNA mutations and increased succinate oxidation. Nat.
Commun. 2020, 11, 1487. [CrossRef]

Stewart, P.A.; Khamis, Z.I.; Zhau, H.E.; Duan, P; Li, Q.; Chung, L.W.K,; Sang, Q.A. Upregulation of minichromosome maintenance
complex component 3 during epithelial-to-mesenchymal transition in human prostate cancer. Oncotarget 2017, 8, 39209-39217.
[CrossRef]

Kobierzycki, C.; Pula, B.; Skiba, M.; Jablonska, K.; Latkowski, K.; Zabel, M.; Nowak-Markwitz, E.; Spaczynski, M.; Kedzia, W.;
Podhorska-Okolow, M.; et al. Comparison of minichromosome maintenance proteins (MCM-3, MCM-7) and metallothioneins
(MT-1/11, MT-III) expression in relation to clinicopathological data in ovarian cancer. Anticancer Res. 2013, 33, 5375-5383.
Rezvani, G.; Andisheh-Tadbir, A.; Ashraf, M.].; Amanpour, S.; Kamali, F,; Fardisi, S. Evaluation of Minichromosome Maintenance-
3 (MCMB3) in Oral Squamous Cell Carcinoma. J. Dent. 2015, 16, 87-92.

Wells, C.M.; Whale, A.D.; Parsons, M.; Masters, ] R.W.; Jones, G.E. PAK4: A pluripotent kinase that regulates prostate cancer cell
adhesion. J. Cell Sci. 2010, 123, 1663-1673. [CrossRef]

Das, D.K.; Naidoo, M.; Ilboudo, A ; Park, ].Y.; Ali, T.; Krampis, K.; Robinson, B.D.; Osborne, ].R.; Ogunwobi, O.O. miR-1207-3p
regulates the androgen receptor in prostate cancer via FNDC1/fibronectin. Exp. Cell Res. 2016, 348, 190-200. [CrossRef]

van der Horst, G.; Bos, L.; van der Mark, M.; Cheung, H.; Heckmann, B.; Clement-Lacroix, P.; Lorenzon, G.; Pelger, R.C.; Bevers,
R.F; van der Pluijm, G. Targeting of alpha-v integrins reduces malignancy of bladder carcinoma. PLoS ONE 2014, 9, e108464.
[CrossRef]

Bitting, R.L.; Armstrong, A.]J. Targeting the PI3K/Akt/mTOR pathway in castration-resistant prostate cancer. Endocr. Relat.
Cancer 2013, 20, R83-R99. [CrossRef] [PubMed]

Chow, H.; Ghosh, PM.; deVere White, R.; Evans, C.P,; Dall'Era, M.A,; Yap, S.A,; Li, Y.; Beckett, L.A.; Lara, P.N., Jr.; Pan, C.X.
A phase 2 clinical trial of everolimus plus bicalutamide for castration-resistant prostate cancer. Cancer 2016, 122, 1897-1904.
[CrossRef]

Marques, R.B.; Dits, N.E,; Erkens-Schulze, S.; van Weerden, W.M.; Jenster, G. Bypass mechanisms of the androgen receptor
pathway in therapy-resistant prostate cancer cell models. PLoS ONE 2010, 5, e13500. [CrossRef]

Jia, L.; Coetzee, G.A. Androgen receptor-dependent PSA expression in androgen-independent prostate cancer cells does not
involve androgen receptor occupancy of the PSA locus. Cancer Res. 2005, 65, 8003-8008. [CrossRef] [PubMed]

Mikhailova, M.; Wang, Y.; Bedolla, R.; Lu, X.H.; Kreisberg, J.I.; Ghosh, PM. AKT regulates androgen receptor-dependent growth
and PSA expression in prostate cancer. Adv. Exp. Med. Biol. 2008, 617, 397-405. [CrossRef]

Saxena, P.; Trerotola, M.; Wang, T; Li, J.; Sayeed, A.; Vanoudenhove, J.; Adams, D.S.; Fitzgerald, T.J.; Altieri, D.C.; Languino, L.R.
PSA regulates androgen receptor expression in prostate cancer cells. Prostate 2012, 72, 769-776. [CrossRef]

Georget, V.; Terouanne, B.; Nicolas, J.C.; Sultan, C. Mechanism of antiandrogen action: Key role of hsp90 in conformational
change and transcriptional activity of the androgen receptor. Biochemistry 2002, 41, 11824-11831. [CrossRef] [PubMed]
Nikitovic, D.; Berdiaki, A.; Spyridaki, I.; Krasanakis, T.; Tsatsakis, A.; Tzanakakis, G.N. Proteoglycans-Biomarkers and Targets in
Cancer Therapy. Front. Endocrinol. 2018, 9, 69. [CrossRef] [PubMed]

Haider, S.; Pal, R. Integrated analysis of transcriptomic and proteomic data. Curr. Genom. 2013, 14, 91-110. [CrossRef]

Ludwig, C.; Gillet, L.; Rosenberger, G.; Amon, S.; Collins, B.C.; Aebersold, R. Data-independent acquisition-based SWATH-MS
for quantitative proteomics: A tutorial. Mol. Syst. Biol. 2018, 14, e8126. [CrossRef]

Rice, M.A.; Malhotra, S.V.; Stoyanova, T. Second-Generation Antiandrogens: From Discovery to Standard of Care in Castration
Resistant Prostate Cancer. Front. Oncol. 2019, 9, 801. [CrossRef]

Lai, J.; An, J.; Nelson, C.C.; Lehman, M.L.; Batra, J.; Clements, J.A. Analysis of androgen and anti-androgen regulation of
KLK-related peptidase 2, 3, and 4 alternative transcripts in prostate cancer. Biol. Chem. 2014, 395, 1127-1132. [CrossRef] [PubMed]
Kim, D.; Pertea, G.; Trapnell, C.; Pimentel, H.; Kelley, R.; Salzberg, S.L. TopHat2: Accurate alignment of transcriptomes in the
presence of insertions, deletions and gene fusions. Genome Biol. 2013, 14, R36. [CrossRef]

Robinson, M.D.; McCarthy, D.J.; Smyth, G.K. edgeR: A Bioconductor package for differential expression analysis of digital gene
expression data. Bioinformatics 2010, 26, 139-140. [CrossRef]

Chong, J.; Wishart, D.S.; Xia, ]. Using MetaboAnalyst 4.0 for Comprehensive and Integrative Metabolomics Data Analysis. Curr.
Protoc. Bioinf. 2019, 68, e86. [CrossRef]

Abazid, A.; Martin, B.; Choinowski, A.; McNeill, R.V.; Brandenburg, L.O.; Ziegler, P.; Zimmermann, U.; Burchardt, M.; Erb, H.;
Stope, M.B. The androgen receptor antagonist enzalutamide induces apoptosis, dysregulates the heat shock protein system,
and diminishes the androgen receptor and estrogen receptor betal expression in prostate cancer cells. J. Cell Biochem. 2019, 120,
16711-16722. [CrossRef]

Liberzon, A. A description of the Molecular Signatures Database (MSigDB) Web site. Methods Mol. Biol. 2014, 1150, 153-160.
[CrossRef] [PubMed]

Liberzon, A.; Birger, C.; Thorvaldsdottir, H.; Ghandi, M.; Mesirov, J.P.; Tamayo, P. The Molecular Signatures Database (MSigDB)
hallmark gene set collection. Cell Syst. 2015, 1, 417-425. [CrossRef] [PubMed]


http://doi.org/10.1002/pmic.201600228
http://doi.org/10.1038/s41467-020-15237-5
http://doi.org/10.18632/oncotarget.16835
http://doi.org/10.1242/jcs.055707
http://doi.org/10.1016/j.yexcr.2016.09.021
http://doi.org/10.1371/journal.pone.0108464
http://doi.org/10.1530/ERC-12-0394
http://www.ncbi.nlm.nih.gov/pubmed/23456430
http://doi.org/10.1002/cncr.29927
http://doi.org/10.1371/journal.pone.0013500
http://doi.org/10.1158/0008-5472.CAN-04-3679
http://www.ncbi.nlm.nih.gov/pubmed/16140973
http://doi.org/10.1007/978-0-387-69080-3_38
http://doi.org/10.1002/pros.21482
http://doi.org/10.1021/bi0259150
http://www.ncbi.nlm.nih.gov/pubmed/12269826
http://doi.org/10.3389/fendo.2018.00069
http://www.ncbi.nlm.nih.gov/pubmed/29559954
http://doi.org/10.2174/1389202911314020003
http://doi.org/10.15252/msb.20178126
http://doi.org/10.3389/fonc.2019.00801
http://doi.org/10.1515/hsz-2014-0149
http://www.ncbi.nlm.nih.gov/pubmed/25153393
http://doi.org/10.1186/gb-2013-14-4-r36
http://doi.org/10.1093/bioinformatics/btp616
http://doi.org/10.1002/cpbi.86
http://doi.org/10.1002/jcb.28929
http://doi.org/10.1007/978-1-4939-0512-6_9
http://www.ncbi.nlm.nih.gov/pubmed/24743996
http://doi.org/10.1016/j.cels.2015.12.004
http://www.ncbi.nlm.nih.gov/pubmed/26771021

Cancers 2021, 13, 715 20 of 20

76.

77.

78.

79.

80.

81.

82.

Kanehisa, M.; Furumichi, M.; Tanabe, M.; Sato, Y.; Morishima, K. KEGG: New perspectives on genomes, pathways, diseases and
drugs. Nucleic Acids Res. 2017, 45, D353-D361. [CrossRef] [PubMed]

Kanehisa, M.; Sato, Y. KEGG Mapper for inferring cellular functions from protein sequences. Protein Sci. 2020, 29, 28-35.
[CrossRef]

Kanehisa, M.; Goto, S.; Furumichi, M.; Tanabe, M.; Hirakawa, M. KEGG for representation and analysis of molecular networks
involving diseases and drugs. Nucleic Acids Res. 2010, 38, D355-D360. [CrossRef] [PubMed]

Grasso, C.S.; Wu, Y.M.; Robinson, D.R.; Cao, X.; Dhanasekaran, S.M.; Khan, A.P,; Quist, M.].; Jing, X.; Lonigro, R.J.; Brenner, ].C.;
et al. The mutational landscape of lethal castration-resistant prostate cancer. Nature 2012, 487, 239-243. [CrossRef]

Rhodes, D.R.; Yu, J.; Shanker, K.; Deshpande, N.; Varambally, R.; Ghosh, D.; Barrette, T.; Pandey, A.; Chinnaiyan, A.M.
ONCOMINE: A cancer microarray database and integrated data-mining platform. Neoplasia 2004, 6, 1-6. [CrossRef]

Uhlen, M.; Fagerberg, L.; Hallstrom, B.M.; Lindskog, C.; Oksvold, P.; Mardinoglu, A.; Sivertsson, A.; Kampf, C.; Sjostedt, E.;
Asplund, A.; et al. Proteomics. Tissue-based map of the human proteome. Science 2015, 347, 1260419. [CrossRef]

Uhlen, M,; Bjorling, E.; Agaton, C.; Szigyarto, C.A.; Amini, B.; Andersen, E.; Andersson, A.C.; Angelidou, P.; Asplund, A;
Asplund, C.; et al. A human protein atlas for normal and cancer tissues based on antibody proteomics. Mol. Cell Proteom. 2005, 4,
1920-1932. [CrossRef]


http://doi.org/10.1093/nar/gkw1092
http://www.ncbi.nlm.nih.gov/pubmed/27899662
http://doi.org/10.1002/pro.3711
http://doi.org/10.1093/nar/gkp896
http://www.ncbi.nlm.nih.gov/pubmed/19880382
http://doi.org/10.1038/nature11125
http://doi.org/10.1016/S1476-5586(04)80047-2
http://doi.org/10.1126/science.1260419
http://doi.org/10.1074/mcp.M500279-MCP200

	Introduction 
	Results 
	Summary of the Proteomic and Transcriptomic Profiling of PCa Cell Lines 
	Effects on AR Signaling during Anti-Androgen Treatment 
	Androgen and Anti-Androgen Mediated Molecular Networks and Biological Processes in PCa Cells 
	Upstream Regulators Dysregulated in Response to the Anti-Androgen Treatment 
	Anti-Androgen Induced Molecular Pathways That Denote the Metastatic Androgen Independent PCa Phenotype 
	Validation of Gene/Protein Expression Using PCa Clinical Data 

	Discussion 
	Materials and Methods 
	Cell Culture and Androgen/Anti-Androgen Treatment 
	Liquid Chromatography Tandem Mass Spectrometry (LC-MS/MS) 
	Sample Preparation 
	Data Dependent Acquisition (DDA) 
	Data Independent Acquisition (DIA)—SWATH-MS/MS 

	LC-MS/MS Data Analysis 
	Spectral Library Generation 
	SWATH-MS/MS Data Analysis 

	RNA Isolation 
	Real-Time Quantitative PCR (qRT-PCR) Analysis 
	RNAseq Analysis 
	Statistical Analysis 
	Network Analysis 
	Upstream Regulatory Analysis 
	Gene Set Enrichment Analysis 
	KEGG Mapper Analysis 
	Validating the Expression of Differentially Regulated Genes/Protein 

	Conclusions 
	References

