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Figure S1. NSCLC transcriptional subtypes signatures overlap. This plot represents the degree of overlap between each 
pair of transcriptional subtypes signatures as the number of genes in common divided by the total number of genes in 
both signatures. Thus, gene overlap values range between 0 (blue) and 1 (red), being 1 the highest grade of overlap (all 
genes in common between the two signatures). Therefore, to compute the overlap we performed two previous steps de-
tailed hereafter to construct a comparable set of signatures. 1) Gene signature extraction: subtype specific signatures 
were extracted directly as gene lists when available. For the studies that provide a centroid-classifier (i.e., unique list of 
genes with different weights depending on the subtype), we assigned to each subtype the genes that with positive 
weights for that specific subtype. In the case of those studies that after the gene expression-based classification through 
clustering analysis performed a differential gene expression approach between the identified groups, we assigned to 
each subtype the genes that were overexpressed in that subtype according to the fold change provided. Finally, we ex-
cluded those studies that did not provide any further gene lists after performing the gene expression-based classifica-
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tion. 2) Gene name homogenization: the next step set out to adapt all signatures to a common identifier as they were de-
fined by gene symbols, probe identifiers or unigene identifiers. Some signatures became shorter as some of the identifi-
ers were deprecated and/or no associated gene symbol was found for them. The reason for this is that some of these 
studies are very old and used very old microarray platforms to do the transcriptional profiling. The results show that in 
general there is little overlap between gene expression signatures from different studies.

Table S1. Intrinsic lung adenocarcinoma transcriptional subtypes and their association with genomic alterations, molec-
ular features and clinical covariates. 

Signature Subtype DNA Alterations Molecular Features Clinical Covariates 

Bhattacharjee et al. 
2001 [1] 

100 genes 

C1 - 
- Proliferation 
- Cell division 

- Poor differentiation 

C2 - 

- Proliferation 
- Neuroendocrine markers 
- Ornithine decarboxylase 1 
- Surfactant proteins 

- Worse survival outcome 

C3 - 
- Ornithine decarboxylase 1 
Surfactant proteins 
- Type II pneumocyte expression 

- Well differentiated 

C4 - 
- Type II pneumocyte expression 
Surfactant proteins 

- Well differentiated 
- BAC* histology 
- Stage I tumors 
- Lower smoking history 
- Better survival outcome 

Garber et al. 
2001 [2] 

146 genes 

AC1 - - Surfactant proteins 

- Well differentiated 
- Good prognosis 
- Glandular     differentia-
tion 

AC2 - 
- Surfactant proteins 
- p16 expression 

- Heterogeneous differenti-
ation 
- Better survival outcome 

AC3 - 

- p16 expression 
- Tissue remodeling 
- Angiogenesis 
- WNT signaling inhibitor 
- Metabolic enzymes 

- Metastatic tumors 
- Worse survival outcome 
- Poor differentiation 

Beer et al. 
2002 [3] 

4966 genes 

Cluster 1 - 
 

- Well differentiated 
- BAC histology 

Cluster 2 - 

Cluster 3 - 
 

- Poor differentiation 
- Stage III tumors 
- Worse survival outcome 

Tomida et al.  
2004 [4] 

829 genes 

AD1 - 
- Low peripheral lung markers expres-
sion 

  

AD2 - - High EST*** expression 

AD3 - - Peripheral lung markers expression 
- Females 
- Non-smokers 
- Well differentiated 

AD4 - - Low EST expression   

Hayes et al.  
2006 [5] 

2555 genes 

Bronchioid  EGFR 

- Growth, development differentiation 
and survival 
- Extracellular matrix and matrix met-
alloproteinases 
- Type II pneumocyte 
- Cisplatin resistance, radiation and 
DNA repair 

- Well differentiated 
- Females 
- Non-smokers 
- BAC histology 
- Better survival outcome 

Squamoid KRAS 
- WNT-HDAC2, APC (decreased) 
- Angiogenesis 

- Poor differentiation 
- Worse survival outcome 
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- Complement 
- Zellweger's syndrome 
- Translation 
- Chemotherapy response 

Magnoid   

- Inflammatory genes 
- Cytoskeleton 
- Hematopoietic markers 
- Lung/epithelial markers 
- Proliferation 
- Chemotherapy response 
- Neuroendocrine markers 

- Poor differentiation 
- Worse survival outcome 

Takeuchi et al.  
2006 [6] 

293 genes 

TRU EGFR 
- Surfactant proteins 
- Type II pneumocyte 
- Normal lung functions 

- Well differentiated 
- Females 
- Non-smokers 
- Better survival outcome 

non-TRU KRAS, TP53 

- Proliferation 
- Cell division 
- Necrosis 
- Invasive growth 

- Worse survival outcome 

Shibata et al. 
2007 [7] 
78 genes 

Bronchial KRAS 

- Cell cycle 
- Proliferation 
- Extracellular matrix 
- Bronchial epithelium 

- Males 
- Poor differentiation 
- Solid growth 
- Worse survival outcome 

Alveolar EGFR 
- Growth factor inhibitors 
- Lipid metabolism 
- Alveolar pneumocyte markers 

- Lepidic growth 
- Better survival outcome 

Park et al. 
2012 [8] 

191 genes 

F_C1   
- Cell cycle 
- Proliferation 
- Loss of p53 activity 

- Worse survival outcome 
- Late stages 
- Benefit adjuvant therapy 

S_C2     
- Better survival outcome 
- Early stages 

Staaf et al. 
2012 [9] 

176 genes 

AC1   - Increased EGFR activity - Non-smokers 

AC2   
- KIT overexpression 
- Proliferation 

- Smokers 

Wilkerson et al. 
2012 [10] 
506 genes 

Bronchioid  EGFR 
- Excretion genes 
- Asthma genes  
- Surfactant proteins 

- Females 
- Non-smokers 
- Early stage 
- Low grade tumors 
- Acinar content 
- Less necrosis 
- Less invasion 
- Adenosquamous features 
- Better survival outcome 
- Potential EGFR-TKI re-
sponse 

Squamoid 
 

- Immune response genes 

- High grade tumors 
- Solid content 
- Lowest papillary content 
- Adenosquamous features 
- Worse survival outcome 

Magnoid 
TP53 
KRAS 
STK11 

- DNA repair genes 
- Highest mutation rate 
- Hypermethylation 

- Smokers 
- Worse survival outcome 

Cheung et al.  
2013 [11] 
249 genes 

Alveolar   
- Surfactant proteins 
- GATA family binding sites 

- Well differentiated 
- Better survival outcome 

Distal airway 
stem cell-like 

  
- WNT expression 
- E2F and MYC expression 

- Poor differentiation 
- Epithelial features 
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(DASC) - Metastasis and   progres-

sion 
- Worse survival outcome 

Fukui et al.  
2013 [12] 

1829 genes 

BC-Low   
- Type II pneumocyte expression 
- Surfactant proteins 

- Better survival outcome 

BC-High   

- Cell cycle 
- Extracellular matrix 
- TP53 pathway 
- Epithelial mesenchymal transition 
- TGF-B 

- Worse survival outcome 

Collison et al.  
2014 [13] 
506 genes 

TRU EGFR 
- Excretion genes 
- Asthma genes  
- Surfactant proteins 

- Better survival outcome 
- Acinar content 

PI 
TP53 
NF1 

- Immune response genes 
- Lepidic content 
- Worse survival outcome 

PP 
KRAS  
STK11 

- DNA repair genes 
- Proliferation 

- Worse survival outcome 

Ringnér et al.  
2016 [14] 

Consensus classification 
 

CONSENSUS_1 EGFR 
- Surfactant proteins 
- More dependent on oncogenic altera-
tions 

- Better survival 
- Early stage 
- Non-smokers 
- Females 

CONSENSUS_2 KRAS 

- Proliferation 
- Decreased immune response 
- Decreased extracellular matrix genes 
- Smoking-related mutational signa-
ture 

- Worse survival 
- Younger patients 
- Smokers 

CONSENSUS_3   

- Proliferation 
- Extracellular matrix genes 
- Immune response 
- Immune infiltration 
- Basal/squamous related genes 
- Smoking-related mutational signa-
ture 

- Worse survival 
- Lower tumor purity 
- Smokers 

Chen et al.  
2017 [15] 
700 genes 

AD.1 
STK11 
TP53 

- Cancer testis antigens expression 

- LCNEC features 
- Potential platinum-based 
therapy sensitivity 
- Potential immunotherapy 
sensitivity 

AD.2 
KRAS 
TP53 

- CpG island methylator phenotype 
- Immune infiltration 
- Immune checkpoints expression 

- Potential immune check-
point inhibitors therapy 
sensitivity 

AD.3 TP53 
- Immune infiltration 
- Cancer testis antigens expression 
- Immune checkpoints expression 

- Potential immunotherapy 
sensitivity 
- Potential immune check-
point inhibitors therapy 
sensitivity 

AD.4 
 

- Immune infiltration 
- Immune checkpoints expression 
- Low neoepitope count 
- Low mutation rate 

- Better survival outcome 
- Potential p38-related ther-
apy sensitivity 
- Potential mTOR-related 
therapy sensitivity 
- Potential immune check-
point inhibitors therapy 
sensitivity 

AD.5a 
 

p38 pathway activationmTOR path-
way activationLow mutation rate 

- Non-smokers 
- Better survival outcome 
- Potential p38-related ther-
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apy sensitivity 
- Potential mTOR-related 
therapy sensitivity 

AD5.b 
KRAS 
STK11 

- CpG island methylator phenotype 
- Low mutation rate 
- p38 pathway activation 
- mTOR pathway activation 
- Low smoking-related mutational 
signature 

- Non-smokers 
- Better survival outcome 

Hu et al.  
2019 [16] 
30 genes 

Subtype 1 TP53 - Immune-related biological processes - Worse survival outcome 
Subtype 2 TP53 - Immune-related biological processes - Worse survival outcome 

Subtype 3 
 

- Chromatid cohesion 
- Mitotic nuclear division 
- Cell division 

 

Subtype 4 EGFR 

- Collagen fibril organization 
- Collagen catabolic process 
- Extracellular matrix organization 
- PI3K-Akt signaling 
- Focal adhesion 

- Better survival outcome 

Table S2. Intrinsic lung squamous cell carcinoma transcriptional subtypes and their association with genomic altera-
tions, molecular features and clinical covariates. 

Signature Subtype DNA Alterations Molecular Features Clinical Covariates 

Tomida et al. 
2004 [4] 

829 genes 

SQ1 - 

- Extracellular matrix 
- Proliferation 

- Infiltrative growth pattern 
- High keratinization 

- Worse survival outcome 

SQ2 - 
- Well circumscribed expansive 

growth pattern 
- Low keratinization  

- Better survival outcome 

Inamura et al. 
2005 [17] 

3344 genes 

SCC-A - - Proliferation - Worse survival outcome 

SCC-B - 

- AKT2 overexpression 
- MAPKK cascade 

- Ceramide metabolism 
- Apoptosis 

- Better survival outcome 

Raponi et al. 
2006 [18] 

11101 genes 

Cluster 1 -   - Worse survival outcome 

Cluster 2 -   - Better survival outcome 

Larsen et al. 
2007 [19] 

6748 genes 

Cluster 1 -   
- Worse survival outcome 

- Poor differentiation 
Cluster 2 -   - Better survival outcome 

Wilkerson et al. 
2010 [20] 
208 genes 

Primitive - 
- Proliferation 
- DNA repair 

- Poor differentiation 
- Females 

- Worse survival outcome 

Basal - 
- S100A8 expression 

- Cell adhesion 
- Epidermal development 

- Well differentiated 

Secretory - 

- KRT7 expression 
- Immune response 
- T cell activation 

- Positive regulation NFKb pathway 
- Surfactant proteins 

- Stage III tumors 

Classical 
3q27-28 amplifica-

tion 

- TP63 expression 
- Oxidative metabolism 
- Xenobiotic metabolism 

- Smokers 
- Stage III tumors 

- Males 
Hammerman et al. 

2012 [21] 
Primitive 

RB1 
PTEN 

- Proliferation 
- DNA repair 
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208 genes 

Basal NF1 
- S100A8 expression 

- Cell adhesion 
- Epidermal development 

 

Secretory 
 

- KRT7 expression 
- Immune response 
- T cell activation 

- Positive regulation NFKb pathway 
- Surfactant proteins 

 

Classical 

KEAP1 
NFE2L2 
PTEN 

3q26 amplification 

- Hypermethylation 
- Chromosomal instability 

- Oxidative metabolism 
- SOX2 expression 
- TP63 expression 

- PI3KCA expression 

  

Brambilla et al. 
2014 [22] 
139 genes 

Classical_1 TP53 

- Glycolysis 
- TP53 targets 
- Senescence 

- Cell adhesion 
- Apoptosis 
- Keratins 

- Drug metabolism 

- Well differentiated 
- Better survival outcome 

Classical_2 
 

- Glycolysis 
- Oxidative phosphorylation 

- Keratins 
- Drug metabolism 

- Metastasis 
- Proliferation 

- Well differentiated 

PEA 
 

- NRAS signaling 
- Immune response 
- Surfactant proteins 

- Senescence 
- TP53 targets 

- Cell adhesion 
- Apoptosis 

- Cell motility 

- Stage I tumors 
- Alveolar features 

- Poor differentiation 

BL   

- Basal cells signatures expression 
- Oxidative phosphorylation 

- Proliferation 
- Testis antigens expression 

- Metastasis 

- Basaloid histology 
- Late-stage tumors 

- Worse survival outcome 

Chen et al. 
2017 [15] 
700 genes 

SQ.1   

- Epithelial mesenchymal transition 
- SOX2 expression 
- TP63 expression 

- Immune infiltration 

Worse survival outcome 

SQ.2a 
SOX2 copy gain 

TP53 
- SOX2 expression 

- Immune infiltration 
Better survival outcome 

SQ.2b 
SOX2 copy gain 

TP53 
- SOX2 expression Better survival outcome 
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Table S3. Identified NSCLC prognostic signatures published in the last 5 years (2016-2021). 

Scheme . Year Journal Reference Tissue of origin Number of 
genes  Technology Public datasets accession num-

bers 
Chen et al.  2016 Oncotarget [23]  AD 72 Microarray GSE31210, GSE19188, GSE19804 

Shahid et al.  2016 Oncotarget [24] NSCLC 8 Microarray 
GSE50081, GSE31210, GSE30219, 

GSE29013, E-MTAB-923, 
GSE68465, GSE42127 

Xu et al. 2016 J. Thorac. 
Oncol.  [25] NSCLC 10 Microar-

ray/RNA-Seq 

GSE3141,  GSE83227, GSE68465, 
TCGA-LUAD,  

GSE31210, GSE13213, GSE42127, 
E-MTAB-923, 

GSE14814, GSE11969, GSE41271, 
GSE50081  

Krzystanek et 
al.  2016 Biomarker 

Research  [26] AD 7 Microar-
ray/RNA-Seq 

GSE8894, GSE14814, GSE30219, 
GSE31210, 

GSE37745, GSE50081, GSE68465, 
TCGA-LUAD 

Zhang et al.  2016 Nat. Com-
mun.  [27] Lung and Others 14 Microarray GSE37745, GSE42127, GSE31210 

Shukla et al.  2016 J. Natl. 
Cancer Inst. [28] AD 4 RNA-Seq TCGA-LUAD 

Li et al. 2017 JAMA On-
cology [29] 

Non-SCC 
NSCLC 40 

Micro-
array/RNA-

Seq 

TCGA-LUAD, GSE68465, 
GSE30219, GSE31210, 

GSE41271, GSE50081, GSE13213, 
GSE26939,  

 GSE83227, GSE11969,  
GSE42127, GSE68571, 

 GSE19188, GSE3141, GSE37745, 
GSE10245,  

GSE14814, GSE31547, GSE31546 

Namani et al. 2017 Oncotarget [30] NSCLC 12 Microar-
ray/RNA-Seq 

TCGA-LUAD, GSE3141, 
GSE8894, GSE13213, 

GSE31210, GSE42127, GSE37745, 
Roepman 

Chen et al.  2017 Oncotarget [31] AD 27 Microarray GSE31210, GSE19188, GSE19804 

Li et al.  2017 J. Cell Phys-
iol.  [32] SCC 4 RNA-Seq TCGA-LUSC 

Higgs et al.  2018 Clin. Cancer 
Res. [33]  NSCLC 4 RNA-Seq 1108/NCT01693562, TCGA-

LUAD, TCGA-LUSC 

Zheng et al. 2018 Int. J. Cancer [34] AD 8 Microar-
ray/RNA-Seq 

TCGA-LUAD, GSE31210, 
GSE50081, GSE81089, 

FUSCC cohort 

Zhang et al. 2018 Int. J. Med. 
Sci. [35] AD 3 Microar-

ray/RNA-Seq 

GSE31210, GSE32863, GSE40791, 
GSE43458, 

GSE75037, TCGA-LUAD 

Li et al. 2018 Cancer Sci. [36] AD, SCC 17 Microarray 

GSE13213, GSE68465, GSE83227, 
GSE8894, 

GSE19188, GSE8894, GSE4573, 
GSE14814, 
GSE43767 

Zuo et al.  2019 J. Transl. 
Med. [37] NSCLC 6 Microar-

ray/RNA-Seq 

GSE31210, GSE50081, GSE37745, 
TCGA-LUSC,  
TCGA-LUAD 

Xie et al.  2019 Biomed. 
Res. Int. [38] NSCLC 6 Microar-

ray/RNA-Seq 

GSE19188, GSE30219, GSE10072, 
GSE7670, 

 GSE2514, GSE32863, GSE21933, 
GSE40275,  

GSE12472, GSE80796, GSE8500, 
GSE85841,  

GSE19027, GSE11969, TCGA-
LUAD 

 
 

Wu et al.  2019 Cancer Med. [39] AD 5 Microar-
ray/RNA-Seq 

GSE68465, GSE13213, TCGA-
LUAD 

Jan et al.  2019 Sci. Rep. [40] AD 118 RNA-Seq TCGA-LUAD 
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Wang et al.  2019 Onco. Tar-

gets Ther. [41] SCC 7 RNA-Seq TCGA-LUSC 

Zhang et al.  2019 J. Gene Med. [42] SCC 17 
Micro-

array/RNA-
Seq 

TCGA-LUSC, GSE14814, 
GSE50081, GSE30219, 

GSE37745, GSE29013, GSE3141, 
GSE19188 

Liu et al. 2019 Cell Cycle [43] AD 4 RNA-Seq TCGA-LUAD 

Li et al.  2020 Biomed. 
Res. Int. [44] NSCLC 5 Microar-

ray/RNA-Seq 
GSE103584, GSE31210,  

GSE41271, TCGA-LUAD 

Liu et al.  2020 J. Cell Phys-
iol. [45] NSCLC 8 RNA-Seq TCGA-LUAD, TCGA-LUSC 

Liu et al.  2020 Aging [46] NSCLC 7 Microar-
ray/RNA-Seq 

TCGA-LUAD, TCGA-LUSC, 
GSE30219, GSE41271, GSE42127, 

GSE50081  

Li et al.  2020 Int. J. Mol. 
Sci. [47] AD 8 Microar-

ray/RNA-Seq 

GSE18842, GSE75037, 
GSE101929,  GSE19188, 

TCGA-LUAD 

Liu et al. 2020 Aging [48] NSCLC 22 Microar-
ray/RNA-Seq 

TCGA-LUSC, TCGA-LUAD, 
GSE31210, GSE30219, GSE3141, 

GSE8894 

Li et al.  2020 Lipids 
Health Dis. [49] AD 6 Microar-

ray/RNA-Seq TCGA-LUAD, GSE13213 

Li et al.  2020 Oncol. Rep. [50] NSCLC 10 Microar-
ray/RNA-Seq 

GSE103584, GSE31210, TCGA-
LUAD,  

TCGA-LUSC 
Fan et al.  2020 Aging [51] AD 4 RNA-Seq TCGA-LUAD 

Ma et al.  2020 Front. Mol. 
Biosci. [52] AD 8 Microar-

ray/RNA-Seq TCGA-LUAD, GSE72094  

Han et al.  2020 Cancer Med. [53] AD 6 Microar-
ray/RNA-Seq 

GSE37745, GSE30219, TCGA-
LUAD 

Ma et al.  2020 Biomed. 
Res. Int. [54] SCC 5 Microar-

ray/RNA-Seq TCGA-LUSC, GSE42127 

Bao et al. 2020 J. Mol. Med, 
(Berl.) [55] AD 12 Microar-

ray/RNA-Seq 

GSE42127, GSE37745, GSE50081, 
GSE29013, 

GSE72094, TCGA-LUAD 

Yu et al.  2020 J. Oncol. [56] AD 5 Microar-
ray/RNA-Seq GSE72094, TCGA-LUAD 

Tang et al. 2020 Aging [57] AD 9 Microar-
ray/RNA-Seq 

GSE31210, GSE41271, TCGA-
LUAD 

Jiang et al. 2020 BMC Cancer [58] AD 10 Microar-
ray/RNA-Seq GSE75037, TCGA-LUAD 

He et al.  2020 Mol. Ther. 
Oncolytics [59] AD 13 Microar-

ray/RNA-Seq 
GSE31210, GSE30219, TCGA-

LUAD 

Song et al.  2020 Front. On-
col. [60] AD 4 Microar-

ray/RNA-Seq GSE68465, TCGA-LUAD 

Ma et al.  2020 PeerJ. [61] SCC 7 Microar-
ray/RNA-Seq 

GSE19188, GSE33532, GSE33479, 
TCGA-LUSC 

Zhao et al.  2020 PeerJ. [62] AD 23 Microar-
ray/RNA-Seq 

 GSE30219, GSE72094, TCGA-
LUAD 

Sun et al. 2020 Ther. Adv. 
Med. Oncol. [63] AD 16 Microar-

ray/RNA-Seq 

GSE72094,GSE31210, GSE30219, 
GSE37745, 

GSE50081, GSE42127, GSE42127, 
TCGA-LUAD 

Wu et al.  2020 J. Int. Med. 
Res.  [64] NSCLC 5 Microar-

ray/RNA-Seq 

GSE30219, GSE37745, GSE50081, 
TCGA-LUAD, 
TCGA-LUSC 

 

Li et al. 2020 Front. Genet. [65] SCC 9 Microar-
ray/RNA-Seq GSE73403, TCGA-LUSC 

Guo et al.  2020 J. Transl. 
Med. [66] AD 10 Microar-

ray/RNA-Seq 
TCGA-LUAD, GSE31210, 

GSE72094 

Zhang et al.  2020 Biomed. 
Res. Int. [67] AD 7 Microar-

ray/RNA-Seq GSE26939, TCGA-LUAD 

Nema et al. 2020 Comput. 
Biol.Med. [68] AD 3 Microar-

ray/RNA-Seq 

GSE14814, GE19188, GSE29013, 
GSE30219, GSE31210, GSE3141, 
GSE31908, GSE37745, GSE37745, 
GSE43580, GSE4573, GSE50081, 

GSE8894, TCGA-LUAD 
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Yang et al.  2020 PeerJ. [69] AD 6 Microar-

ray/RNA-Seq 
GSE31210,  GSE37745, TCGA-

LUAD 

Wu et al. 2020 J. Transl. 
Med. [70] AD 21 Microar-

ray/RNA-Seq 

GSE30219, GSE31210, GSE50081, 
GSE72094, 

TCGA-LUAD 

Wu et al.  2020 
Int. Im-

munophar-
macol. 

[71] AD 7 Microar-
ray/RNA-Seq 

GSE10072, GSE31210, GSE40791, 
TCGA-LUAD 

Zou et al.  2020 Med. Sci. 
Monit. [72] AD 7 Microar-

ray/RNA-Seq 
 GSE30219, GSE41271, 

GSE42127, TCGA-LUAD 

Li et al. 2020 BMC Cancer [73] AD 4 Microar-
ray/RNA-Seq GSE42127, TCGA-LUAD  

Zengin et al.  2020 BMC Bioin-
formatics [74] AD 12 RNA-Seq TCGA-LUAD 

Zhao et al. 2020 Immunoge-
netics [75] AD 8 Microar-

ray/RNA-Seq 

GSE30219, GSE31210, GSE3141, 
GSE37745, GSE50081, TCGA-

LUAD 

Cao et al. 2020 PeerJ. [76] AD 6 Microar-
ray/RNA-Seq TCGA-LUAD,  GSE68465 

Zhao et al.  2020 Lung Cancer  [77] AD 19 Microar-
ray/RNA-Seq 

GSE30219, GSE31210, GSE50081, 
TCGA-LUAD 

Zheng et al.  2020 Biomed. 
Res. Int.  [78] AD 5 Microar-

ray/RNA-Seq 
GSE30219, GSE31210, GSE50081, 

TCGA-LUAD 
Ma et al.  2021 Sci. Rep. [79] NSCLC 15 Microarray GSE30219, GSE31210, GSE50081 

Yan et al.  2021 Sci. Rep. [80] SCC 3 
Micro-

array/RNA-
Seq 

GSE73403, TCGA-LUSC 

Ma et al.  2021 Aging [81] AD 8 Microar-
ray/RNA-Seq 

 GSE31210, GSE30219, 
GSE13213, GSE50081, 

TCGA-LUAD 

Zhang et al. 2021 Biomed. 
Res. Int. [82] NSCLC 6 

Micro-
array/RNA-

Seq 

GSE41271, GSE81089, TCGA-
LUSC, 

TCGA-LUAD 
Yao et al.  2021 J. Cancer [83] NSCLC 5 RNA-Seq TCGA-LUAD, TCGA-LUSC 

Yang et al.  2021 PeerJ. [84] AD 11 Microar-
ray/RNA-Seq  GSE68465, TCGA-LUAD 

Ma et al. 2021 Transl. Lung 
Cancer Res. [85] AD 3 Microar-

ray/RNA-Seq 
GSE68571, GSE72094, TCGA-

LUAD 

Wang et al. 2021 PeerJ. [86] AD 5 Microar-
ray/RNA-Seq 

GSE68465,  GSE41271, TCGA-
LUAD 

Xu et al.  2021 Cancer Med. [87] SCC 5 RNA-Seq TCGA-LUSC 

Tu et al.  2021 PeerJ. [88] AD 8 Microar-
ray/RNA-Seq 

 GSE31210, GSE32665, 
GSE32863, GSE43458, GSE72094, 

TCGA-LUAD 
 

Zhu et al.  2021 Thorac. 
Cancer [89] AD 10 Microar-

ray/RNA-Seq TCGA-LUAD, GSE31210 

Xu et al.  2021 Aging [90] AD 5 RNA-Seq TCGA-LUAD 

Chen et al.  2021 PeerJ. [91] AD 106 Microar-
ray/RNA-Seq 

TCGA-LUAD,  GSE68465, 
GSE14814 

Yang et al.  2021 Ann. Transl. 
Med. [92] AD 9 Microar-

ray/RNA-Seq TCGA-LUAD, GSE13213 

Miao et al. 2021 Front. On-
col. [93] 

Lung cancer 
coexisting with 

COPD 
5 RNA-Seq TCGA-LUAD, TCGA-LUSC 

Wang et al. 2021 Cancer Cell 
Int. [94] AD 6 Microar-

ray/RNA-Seq TCGA-LUAD,  GSE31210 
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