Y

S nutrients

Article

Lactobacillus acidophilus DDS-1 Modulates the Gut Microbial
Co-Occurrence Networks in Aging Mice

Ravichandra Vemuri 1-2-*

check for
updates

Citation: Vemuri, R.; Martoni, C.J.;
Kavanagh, K.; Eri, R. Lactobacillus
acidophilus DDS-1 Modulates the Gut
Microbial Co-Occurrence Networks
in Aging Mice. Nutrients 2022, 14, 977.
https:/ /doi.org/10.3390/nu14050977

Academic Editor: Franck Gael

Carbonero

Received: 9 February 2022
Accepted: 23 February 2022
Published: 25 February 2022

Publisher’s Note: MDPI stays neutral
with regard to jurisdictional claims in
published maps and institutional affil-

iations.

Copyright: © 2022 by the authors.
Licensee MDPI, Basel, Switzerland.
This article is an open access article
distributed under the terms and
conditions of the Creative Commons
Attribution (CC BY) license (https://
creativecommons.org/licenses /by /
4.0/).

, Christopher J. Martoni 3, Kylie Kavanagh 40 and Rajaraman Eri 2

Department of Pathology, Section on Comparative Medicine, Wake Forest School of Medicine,
Medical Center Boulevard, Winston-Salem, NC 27157, USA; kkavanag@wakehealth.edu
College of Health and Medicine, School of Health Sciences, University of Tasmania,
Launceston, TAS 7248, Australia; rajaraman.eri@utas.edu.au

3 Chr. Hansen, Windsor, WI 53598, USA; cachma@chr-hansen.com

Department of Biomedicine, University of Tasmania, Hobart, TAS 7000, Australia
Correspondence: rvemuri@wakehealth.edu

Abstract: Age-related alterations in the gut microbiome composition and its impacts on the host’s
health have been well-described; however, detailed analyses of the gut microbial structure defining
ecological microbe-microbe interactions are limited. One of the ways to determine these interactions
is by understanding microbial co-occurrence patterns. We previously showed promising abilities
of Lactobacillus acidophilus DDS-1 on the aging gut microbiome and immune system. However, the
potential of the DDS-1 strain to modulate microbial co-occurrence patterns is unknown. Hence,
we aimed to investigate the ability of L. acidophilus DDS-1 to modulate the fecal-, mucosal-, and
cecal-related microbial co-occurrence networks in young and aging C57BL/6] mice. Our Kendall’s
tau correlation measures of co-occurrence revealed age-related changes in the gut microbiome,
which were characterized by a reduced number of nodes and associations across sample types when
compared to younger mice. After four-week supplementation, L. acidophilus DDS-1 differentially
modulated the overall microbial community structure in fecal and mucosal samples as compared
to cecal samples. Beneficial bacteria such as Lactobacillus, Oscillospira, and Akkermansia acted as
connectors in aging networks in response to L. acidophilus DDS-1 supplementation. Our findings
provided the first evidence of the DDS-1-induced gut microbial ecological interactions, revealing the
complex structure of microbial ecosystems with age.
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1. Introduction

The gut microbiome is a complex but relatively stable community comprising a
diverse range of microbes [1]. The interactions between these microbes and the host are an
important factor in defining host health [2]. These interactions enable our microbiome to
prime our immune system, influence host metabolism, and improve health by providing
important metabolites such as short-chain fatty acids (SCFAs) [3]. Alterations in microbiome
or dysbiosis have been identified in various diseases and physiologies, including changes
with advancing age [4-7].

Multiple studies have demonstrated differences in microbial populations associated
with specific regions of the gastrointestinal tract (GIT) [8-10]. Additionally, studies have
shown intestinal location-specific dysbiosis when compared to the fecal microbiome with
age and immunologic diseases in animals and human studies [6,11,12]. While the sam-
pling of GIT is quite challenging, most of the host-microbe interactions occur at intestinal
mucosal sites [11,12]. These interactions are relevant as the mucosal microbiome plays
an important role in innate immunity [6,13]. Linking the microbial patterns which drive
microbial compositions remains a central goal in understanding gut microbial ecology [14].
Identifying the determinant of niche-specific microbial networks requires looking beyond
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taxonomic, sample-level comparisons [15]. For example, in the colon, there are up to
10'2 microbes per gram of luminal content, and due to the higher bacterial load, there may
be competition between colonic resident microbes for nutrients and survival [16-18]. These
microbe—-microbe interactions may impact the stability and define the overall microbial
community. Microbial co-occurrence patterns provide insights into complex microbial
communities by disentangling the interactions between the microbes (i.e., co-occurrence
or co-exclusion), thereby delineating the underlying ecological processes [19,20]. This
emerging microbial co-occurrence network analysis was found to provide insightful in-
formation in soil microbial environment studies [21,22] as well as animal [16] and human
studies [21,23,24]. These approaches yield a holistic view of microbial interactions occur-
ring in a given environment. For example, by finding specific co-occurrence in a complex
aged gut microbiome, we can identify the microorganisms that have the largest influence
on the community regardless of their abundance. Similarly, we recently demonstrated
novel microbial co-occurrence patterns, which revealed the presence of high-level networks
between microbes, and these networks declined in older nonhuman primates (NHPs) [16].
The analysis showed that the overall community structure depends on the presence or
absence of microbial taxa.

Probiotics are defined as, “Live microorganisms that, when administered in adequate
amounts, confer a health benefit on the host” [4]. We previously demonstrated the potential
of a clinically documented probiotic strain, Lactobacillus acidophilus DDS-1, in modulat-
ing the fecal microbiome [25], and cecal- and mucosal-associated microbiome along with
metabolic profiles in aging mice as compared to their younger counterparts [23,24,26].
However, the group-wise comparisons of fecal, mucosal, and cecal microbiomes between
young and aging mice, and their co-occurrence analysis to understand the overall micro-
biome structure, were not investigated. Therefore, we aimed to investigate the microbial
co-occurrences network analysis with and without L. acidophilus DDS-1 probiotic supple-
mentation in young and aging mice.

In order to explore the age-related overall community structure of the gut microbiome,
we applied microbial co-occurrence analysis to fecal, mucosal, and cecal samples, whose
individual compositions with and without L. acidophilus DDS-1 supplementation were
reported in previous studies [25,26]. In the present work, by determining the age-related
co-occurrence patterns, we have provided additional evidence of L. acidophilus DDS-1
probiotic-induced modulations in the gut microbial community assembly.

2. Methods
2.1. Probiotics

The bacterial strain utilized in the study, L. acidophilus DDS-1, was obtained in free-flowing
lyophilized format from UAS Labs (now Chr. Hansen), Windsor, W1, USA. L. acidophilus
DDS-1 was incorporated and administered as probiotic chow, as described [26,27].

2.2. Animals

A total of 32 C57BL/6] mice of both sexes, which included young mice (n = 16,
3—4 weeks, average weight = 19 g) and aging mice (n = 16, 4041 weeks old, average
weight = 25 g), were obtained from the University of Tasmania animal breeding facility and
housed at 21-22 °C, with a 12 h light/dark cycle. All the mice had access to water available
ad libitum and to radiation-sterilized rodent feed (Barastoc Rat and Mouse product num-
ber: 102108, Ridley Agriproducts, Melbourne, Australia). The nutritional composition is
listed in Table S1. The details related to demographic and health characteristics such as body
weights, age, and colonic histopathology were previously published [25,26]. All animal
procedures were approved by the Animal Ethics Committee of the University of Tasmania,
Australia (ethics approval number: A0015840 and approval date: 1 September 2018).
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Young Control (YC)

N=8
3-4 weeks old

Aging Control (AC)
N=8
40-41 weeks old
C57BL/6]

Young Probiotic (YP)
N=8
3-4 weeks old
C57BL/6]

Aging Probiotic (AP)
N=8
40-41 weeks old
C57BL/6]

2.3. Design and Treatment

After two weeks of acclimatization, mice were randomly allocated into the following
groups based on their age and treatments (n = 8 per group): (1) young control (YC),
(2) young probiotic (YP), (3) aging control (AC), and (4) aging probiotic (AP). Figure 1
describes the study design and sample collection, also reported previously [25,26]. Briefly,
mice in YC and AC groups received 4 g of standard mice chow mash (i.e., chow pellet
blended in distilled water). The YP and AP groups received 4 g of chow mash supplemented
with L. acidophilus DDS-1 (3 x 10 ® CFU/g/mouse), freshly prepared daily for 28 days. All
mice were single-caged and daily food intake was recorded. There were no differences in
the daily intake of the treatment-supplemented chow among groups. All animals were
euthanized on day 28.

Standard chow (control):
28 days

Acclimatization

Two weeks E __________ _l
/@ TDay 28 |
-~ L

Sample collection (red) days

: Samples: h
L. acidophilus DDS-1 Fecal (F), mucosal (M) and |
probiotic supplemented | cecal (C) samples at Day |
[ chow: | 28 J'
\ﬁ 3x10°CFU/g/mouse | — T T T T T T T T T
d - — 28 days
Acclimatization

*  Two weeks Tv' —————————— —I

Figure 1. Experimental design to analyze the efficacy of L. acidophilus DDS-1 in young and aging
C57BL/6] mice. The controls groups (YC and AC; n = 8 per group) were fed standard chow, and the
treatment groups (YP and AP; n = 8 per group) were fed with chow supplemented with L. acidophilus
DDS-1 daily for 28 days. (YC) Young control group, (YP) young probiotic group, (AC) aging control
group, and (AP) aging probiotic group.

2.4. Sample Collections

Fecal samples were collected on day 28. Colons were excised in a longitudinal axis from
cecum to anus and their content was collected using the scraping method [26,27]. Briefly,
the cecum was removed from the colon and the cecum was dissected in the longitudinal axis.
Cecal content was collected by sterilized pipette tips using the scraping method, and for the
mucosal content, the colon was dissected in a longitudinal axis and the content was collected
utilizing a sterilized pipette tip. The colonic-mucosa were carefully collected in at least two
sets from each mouse and immediately transferred into a sterile microcentrifuge tube. These
samples were immediately stored at —80 °C for subsequent 16S rRNA gene sequencing
and metabolomic analysis. All samples were stored at —8 °C for further analysis.

2.5.16S rRNA Sequencing and Microbiome Data Analysis

The total DNA was isolated from fecal (n = 8/group), mucosal (n = 8/group), and cecal
(n = 6/group) contents using the QIAamp DNA Stool Mini Kit (Qiagen, Melbourne, VIC,
Australia). A high-throughput, 16S rRNA gene sequencing (V3-V4 region) was performed at
the Australian Genome Research Facility (University of Queensland, Brisbane, QLD, Australia)
using the Illumina MiSeq platform. The resultant data were obtained and analyzed as
described previously and the sequence data have been deposited publicly in the Figshare
database (DOL: https://10.6084 /m9.figshare.17019947 accessed on 8 February 2022) [25,26].
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2.6. Gram Phenotype and Microbial Co-Occurrence Analyses

To obtain functional phenotype characteristics such as the Gram-staining profile, we
used METAGENassist. A bar chart was generated with percentages for each phenotypic
trait associated with the individual taxon, as described previously [16]. Microbial inter-
actions form biological networks such as microbial co-occurrence networks, which shape
the structure and function of microbial communities. Microbial co-occurrence networks
in specific environments have been widely developed to explore the complex gut micro-
bial systems. To identify the overall community networks and the ecological interactions
between each microbe, we performed co-occurrence analysis, and the resultant data were
mapped into the microbial co-occurrence network plots using Kendall’s tau coefficient
correlation, as described previously [16]. We illustrated networks of co-occurring microor-
ganisms within communities, where microbial taxa represent nodes and the presence of
a co-occurrence relationship based on correlation is represented by an edge. Each node
is a microbial taxon, and the interconnecting lines are the edges. The size of the node
denotes (1-9) the strength of association, while the color of the edge represents the nature
of the association, such as co-occurrence (green, positive) or co-exclusion (red, negative).
Kendall’s tau coefficient correlation method (more robust to outliers) uses the following
formula to calculate the associations: (C—D)/(C+D), where C is the number of concordant
pairs, and D is the number of discordant pairs [28]. The tau correlation coefficient returns a
value ranging from —1 to 1, where all positive values represent co-occurrences and negative
values represent co-exclusion. The overall network threshold with significance > 0.05 and
the edge threshold of 70% were selected to control the false positive rate.

2.7. Multivariate and Statistical Analyses

Alpha diversity was analyzed using Shannon and Simpson’s index. Beta diversity
profiles were generated using principal coordinate analysis (PCoA) using the permutational
multivariate analysis of variance (PERMANOVA) test and unweighted UniFrac 3 diversity
metrics using MEGAN 6. All data comparisons were corrected for false discovery rates. The
statistical analysis was performed using GraphPad Prism software version 10 (GraphPad
Software Inc., San Diego, CA, USA) for Windows with one-way analysis of variance
(ANOVA), followed by Tukey’s post-hoc test for multiple comparisons and corrected for
false discovery rates (g-values < 0.05), with a statistical significance of p < 0.05. To identify
differential abundant microbials, linear discriminant analysis effect size (LEfSe) analyses
were performed (o = 0.05), and the LDA score threshold was set 2.0 and corrected for false
discovery rate.

3. Results
3.1. Animal Health Characteristics

All health characteristics for the C57BL/6] mice evaluated in this study have been
previously reported [25,26]. There were no significant differences in body weight when
comparing the L. acidophilus DDS-1-supplemented mice with controls across ages.

3.2. L. acidophilus DDS-1-Induced Alpha, Beta Diversity, and Taxonomic Profile Changes in Fecal,
Mucosal, and Cecal Microbiomes

In order to understand the site-specific microbiome changes, we have performed alpha,
beta, and taxonomic profiling. The beta diversity profile obtained by PCoA of unweighted
UniFrac distance showed significant separation between the 12 groups (p < 0.001) (Figure 2A).
Alpha diversities obtained by Shannon’s index showed no significant differences between
the control and treatment groups (Figure 2B). Individual group differences in alpha and beta
diversity profiles in the fecal (F), mucosal (M), and cecal (C) microbiomes were reported
previously [25,26].
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Figure 2. Fecal, mucosal, and cecal microbial diversity profiles in young and aging mice. (A) Principal
coordinate analysis (PCoA) (unweighted UniFrac) showed divergence in fecal, mucosal, and cecal
samples across ages (R = 0.265; p < 0.001). (B) Boxplots of pairwise comparison showing no probiotic
treatment-related differences in alpha diversity profiles between the samples by Shannon’s index.
* Significant differences with p < 0.05. The values are shown as means + SEM. (YC) Young control
group, (YP) young probiotic group, (AC) aging control group, and (AP) aging probiotic group.

The dominant phyla among all the groups were Firmicutes, Bacteroidetes, Verrucomi-
crobia, and Proteobacteria (Figure 3A). The phylum-level LEfSe analysis with significant
(p < 0.05) phyla between groups is shown in Figure S1A. Significant increases in Proteobac-
teria phylum in the AC group was a noteworthy finding. At the genus level, we found that
5-24-7, Clostridiales, Rikenella, and Akkermansia were the most dominant, as revealed by
LEfSe analysis (Figure S1B). Lactobacillus was mostly absent in all the control groups, except
in M-AC (Figure 3B) (p < 0.05). L. acidophilus DDS-1 was shown to increase Lactobacillus
levels (p < 0.05) in the C-AP groups, primarily in the F-AP and C-AP groups. Akkermansia
(Verrucomicrobia phylum) levels were upregulated in M-YP group (Figure S1B) (p < 0.05).
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Figure 3. Fecal, mucosal, and cecal microbiota composition profiles in young and aging mice at the
phylum (A) and genus levels (B) in control and probiotic-treated groups, revealed by 165 rRNA

gene sequencing (each color represents bacterial phylum and/or genus). (YC) Young control group,
(YP) young probiotic group, (AC) aging control group, and (AP) aging probiotic group.

3.3. L. acidophilus DDS-1 Effect on Gram-Negative Bacteria in Aging Mice

To understand the Gram phenotype in all 12 groups, we utilized taxonomic-to-
phenotype functional analysis. Overall, the predominant groups in the microbiome were
Gram-negative (Proteobacteria), compared to Gram-positive bacteria in the control groups
(Figure 4). L. acidophilus DDS-1 supplementation had a marginal effect on the Gram-
negative bacterial levels in the treatment groups, but noticeable changes were observed in
cecal samples.
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Figure 4. Gram-negative taxa differences between fecal, mucosal, and cecal samples in young and
aging mice revealed by functional metagenomics analysis. (YC) Young control group, (YP) young
probiotic group, (AC) aging control group, and (AP) aging probiotic group.

3.4. Age-Related Fecal Microbial Co-Occurrence Network Changes with L. acidophilus DDS-1

To understand the complex microbial structure among the study groups, we performed
microbial co-occurrence analysis on fecal, mucosal, and cecal samples in young and aging
mice with and without probiotic supplementation.

3.4.1. Phylum-Level Fecal Co-Occurrences

Our network analysis on fecal samples revealed 5 nodes and 10 associations (6 co-
occurrences and 4 co-exclusions) in F-YC (Figure 5A), while F-YP had 6 nodes and 11 asso-
ciations (3 co-occurrences and 8 co-exclusions) (Figure 5B). Firmicutes, Verrucomicrobia,
Proteobacteria, and Cyanobacteria shared the phyla with the most co-occurrences in F-
YC, while Bacteroidetes had the most co-exclusions (Table S2). The phyla with the most
co-occurrences in F-YP were Actinobacteria and Cyanobacteria, and Bacteroidetes has the
most co-exclusion. In comparison, there were 4 nodes and 5 associations (2 co-occurrences
and 3 co-exclusions) in F-AC (Figure 5C), and 5 nodes and 9 associations (3 co-occurrences
and 6 co-exclusions) in F-AP (Figure 5D), while F-AC was less connected and phylum
Bacteroidetes had the most co-occurrences, and Firmicutes had the most co-exclusions.
Remarkably, F-AP was more connected than F-AC and phylum Bacteroidetes had the most
co-occurrences, and Proteobacteria and Firmicutes had the most co-exclusions (Figure S2).

3.4.2. Genus-Level Fecal Co-Occurrences

At the genus level, both F-YC (Figure 6A) and F-YP (Figure 6B) had 7 nodes, F-YC had
9 associations (6 co-occurrences and 3 co-exclusions), while F-YP had 13 associations (8 co-
occurrences and 5 co-exclusions) (Table S2). In comparison, F-AC (Figure 6C) had 6 nodes
and 8 associations only (3 co-occurrences and 5 co-exclusions), while F-AP (Figure 6D)
had 9 nodes and 20 associations (10 co-occurrences and 10 co-exclusions). Lactobacillus
taxon were absent in both of the control groups (Table 1). However, after 4 weeks of
DDS-1 supplementation, the Lactobacillus node had 3 co-occurrences and 1 co-exclusion in
F-YP, while F-AP had 3 co-occurrences and 2 co-exclusions associated with the Lactobacillus
node (Figure S2).
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Figure 5. Microbial co-occurrence in the fecal microbiome in young and aging mice at the phylum
level. Co-occurrence networks were constructed based on relative abundance profiles using Kendall’s
Tau correlation analysis in young control (A), young probiotic (B), aging control (C), and aging
probiotic (D) groups. Each node represents a phylum. Each edge indicates the sign of the association
(green = positive (co-occurrences), red = negative (co-exclusions)). The thickness of the nodes
represents the level of association between taxa.

Table 1. Summary of number of associations based on the Lactobacillus genus in all four groups across

the sample types.
Group Co-Occurrences Associations Co-Exclusions Associations
F-YC 0 0
Lactobacillus-Lachnospira
F-YP 3 Lactobacillus-Oscillospira 1 Lactobacillus-Sutterella
Lactobacillus-Ruminococcus
F-AC 0 0
Lactobacz'llus—Lacﬁnosp ra Lactobacillus-Prevotella
F-AP 3 Lactobacillus-Oscillospira 2 . .
. Lactobacillus-Akkermansia
Lactobacillus-Sutterella
M-YC 0 0
M-YP 0 0
Lactobacillus-Ruminoccocus Lactobacillus-Sutterella
M-AC 2 . . 3 Lactobacillus-Lachnospira
Lactobacillus-Bacteroides .
Lactobacillus-Prevotella
Lactobacillus-Lachnospira
M-AP 4 Lactobacillus-Oscillospira 5 Lactobacillus-Prevotella

Lactobacillus-Ruminococcus
Lactobacillus-Rikenella

Lactobacillus-Akkermansia
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. . . Lactobacillus-Dorea
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C-AP 2 ACLODACITILS=LSCILOSPLTa 5 Lactobacillus-Bacteroides
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Figure 6. Microbial co-occurrence in the fecal microbiome in young and aging mice at the genus
level. Co-occurrence networks were constructed based on relative abundance profiles using Kendall’s
Tau correlation analysis in young control (A), young probiotic (B), aging control (C), and aging
probiotic (D) groups. Each node represents a phylum. Each edge indicates the sign of the association
(green = positive (co-occurrences), red = negative (co-exclusions)). The thickness of the nodes
represents the level of association between taxa.
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3.5. Age-Related Mucosal Microbial Co-Occurrence Network Changes with L. acidophilus DDS-1
3.5.1. Phylum-Level Mucosal Co-Occurrences

Our network analysis of the mucosal samples showed 6 nodes and 10 associations
(1 co-occurrence and 9 co-exclusions) in M-YC (Figure 7A), while M-YP (Figure 7B) had
6 nodes and 10 associations (1 co-occurrence and 9 co-exclusions). The phyla with the
most co-occurrences in M-YC was Bacteroidetes, while Firmicutes, Verrucomicrobia, Pro-
teobacteria, and Cyanobacteria shared the most co-exclusions, a pattern similar to M-YP.
We observed only 5 nodes and 6 associations (1 co-occurrence and 5 co-exclusions) in M-AC
(Figure 7C), while M-AP (Figure 7D) had 6 nodes and 10 associations (5 co-occurrences and
5 co-exclusions). However, in M-AC, the Bacteroidetes phylum had a higher level of associ-
ation as well as the most co-occurrences, and Cyanobacteria had the most co-exclusions.
However, the M-AP structure improved, with the Verrucomicrobia phylum having the
most co-occurrences, and the phylum Firmicutes had the most co-exclusions (Table S3).

Phylum_level Co-occurrences
A. Mucosal-YC B. Mucosal-YP Co
Verrucomicrobia Verrucomicrobia
2 2
Cyanob?cteria Proteobazcteria Cyanobacteria
Firmiclétes Actinobfcteria Firmicutes
6
Bacteroidetes Bacteroidetes
7 7
C. Mucosal-AC D. Mucosal-AP
A Verrucomicrobia
Cyanoba1cteria Cyanobajctena 4

Actinob?cte ria

R _ Proteobacteria
Firmicutes 2
6

Firmicutes
-

6

Figure 7. Microbial co-occurrence in the mucosal microbiome in young and aging mice at the
phylum level. Co-occurrence networks were constructed based on relative abundance profiles using
Kendall’s Tau correlation analysis in young control (A), young probiotic (B), aging control (C), and
aging probiotic (D) groups. Each node represents a phylum. Each edge indicates the sign of the
association (green = positive (co-occurrences), red = negative (co-exclusions)). The thickness of the
nodes represents the level of association between taxa.

3.5.2. Genus-Level Mucosal Co-Occurrences

Mucosal genus-level co-occurrence has shown 8 nodes and 17 associations (7 co-
occurrences and 10 co-exclusions) in M-YC (Figure 8A), and 6 nodes and 13 associations
(5 co-occurrences and 9 co-exclusions) in M-YP (Figure 8B). In the M-AC (Figure 8C), we
observed 8 nodes and 17 associations (6 co-occurrences and 11 co-exclusions), while the
M-AP (Figure 8D) had 7 nodes and 18 associations (9 co-occurrences and 9 co-exclusions).
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Unlike fecal samples, we also found Lactobacillus taxon in M-AC (2 co-occurrences and
3 co-exclusions) but not in M-YC. Post-DDS-1 supplementation, the Lactobacillus taxon was
only found in M-AP (4 co-occurrences and 2 co-exclusions) (Tables 1 and S3).

Genus-level Co-occurrences
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Figure 8. Microbial co-occurrence in the mucosal microbiome in young and aging mice at the genus
level. Co-occurrence networks were constructed on the basis of the relative abundance profiles of fecal
microbes using Kendall’s Tau correlation analysis in young control (A), young probiotic (B), aging
control (C), and aging probiotic (D) groups. Each node represents a phylum. Each edge indicates
the sign of the association (green = positive (co-occurrences), red = negative (co-exclusions)). The
thickness of the nodes represents the level of association between taxa.

3.6. Age-Related Cecal Microbial Co-Occurrence Network Changes with DDS-1
3.6.1. Phylum-Level Cecal Co-Occurrences

Cecal microbial network analysis has shown 5 nodes and 9 associations (4 co-occurrences
and 5 co-exclusions) in the C-YC group (Figure 9A), and the C-YP group (Figure 9B) had
6 nodes and 12 associations (3 co-occurrences and 9 co-exclusions). The phylum with
the most co-occurrences was Cyanobacteria, and the Firmicutes phylum had the most
co-exclusions in the C-YC group, while Actinobacteria and Cyanobacteria had the most
co-occurrences in C-YP. We observed 5 nodes and 8 associations (3 co-occurrences and 5 co-
exclusions) in the C-AC group (Figure 9C); in comparison, C-AP (Figure 9D) had 6 nodes
and 15 associations (5 co-occurrences and 10 co-exclusions). In C-AC, the Verrucomicrobia
phylum had the most co-occurrences, and the Actinobacteria phylum had the most co-
exclusions. Firmicutes and Bacteroidetes had the most co-occurrences in the C-AP group.
Surprisingly, the Actinobacteria phylum, together with the Cyanobacteria phylum, had the
most co-exclusions in both the C-YP and C-AP groups (Table 54).
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Figure 9. Microbial co-occurrence in the cecal microbiome in young and aging mice at the phylum
level. Co-occurrence networks were constructed based on relative abundance profiles of fecal
microbes using Kendall’s Tau correlation analysis in young control (A), young probiotic (B), aging
control (C), and aging probiotic (D) groups. Each node represents a phylum. Each edge indicates
the sign of the association (green = positive (co-occurrences), red = negative (co-exclusions)). The
thickness of the nodes represents the level of association between taxa.

3.6.2. Genus-Level Cecal Co-Occurrences

In cecal samples, we found 8 nodes and 21 associations (6 co-occurrences and 11 co-
exclusions) in the C-YC group (Figure 10A), while the C-YP group (Figure 10B) had
10 nodes and 33 associations (18 co-occurrences and 15 co-exclusions). In aging groups,
C-AC (Figure 10C) had only 7 nodes and 14 associations (5 co-occurrences and 9 co-
exclusions), while C-AP (Figure 10D) had 9 nodes and 29 associations (14 co-occurrences
and 15 co-exclusions), suggesting DDS-1-induced modulations. Similar to fecal samples, the
Lactobacillus taxon was absent in the control groups (Table 1). With DDS-1 supplementation,
the Lactobacillus taxon was found in both of the probiotic groups, C-YP (5 co-occurrences
and 4 co-exclusions) and C-AP (2 co-occurrences and 5 co-exclusions) (Table 54).
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Figure 10. Microbial co-occurrence in the cecal microbiome in young and aging mice at the genus level.
Co-occurrence networks were constructed based on relative abundance profiles of fecal microbes using
Kendall’s Tau correlation analysis in young control (A), young probiotic (B), aging control (C), and
aging probiotic (D) groups. Each node represents a genus. Each edge indicates the sign of the
association (green = positive (co-occurrences), red = negative (co-exclusions)). The thickness of the
nodes represents the level of association between taxa.

4. Discussions

Here, we focused on the microbial co-occurrence analysis of the gut microbiota, to in-
vestigate aging-related changes of the microbiome structure with and without L. acidophilus
DDS-1 supplementation. To the best of our knowledge, this is the first study to show
differences in microbial co-occurrences in fecal, mucosal, and cecal samples in young and
aging mice with or without probiotic supplementation. Our work provides novel insights
on probiotic-induced modulations of gut microbial co-occurrence networks and the overall
microbiome community structure. We found distinct microbial networks with age and
across the sample types. Moreover, aging controls had generally higher abundances of
Proteobacteria (Figure S1A). L. acidophilus DDS-1 supplementation helped modulate the
biological networks at phylum and genus levels. Particularly, DDS-1 significantly increased
the abundance of both the genera Lactobacillus and Akkermansia, and reduced Proteobacteria
networks, thereby increasing the co-occurrence networks and maintaining well-connected
networks (compared to controls) with age (Figure S1B). This work demonstrates the im-
portance of location-specific (fecal, mucosal, and cecal) microbiome comparisons in under-
standing age-related dysbiosis as well as potential probiotic modulation. Additionally, our
work supports the role of next-generation analysis, such as ‘microbial co-occurrences’, in
framing the ecological role and dynamics of the microbial community.

In line with previous studies on the aging microbiome, we have found differences
between control and probiotic groups [25,26]. The microbiome composition was found to be
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different throughout the sample types with age. Bacteroidetes, Firmicutes, Verrucomicrobia,
and Proteobacteria were the most dominant phyla. We observed more Gram-negative
bacteria compared to Gram-positive in young control mice. Further, noticeable reductions in
Gram-negative bacteria were observed only in the cecal probiotic groups (C-YP and C-AP).
Gram-negative bacteria, such as Proteobacteria, were characterized by lipopolysaccharide
(endotoxin) on the outer cell membrane. Increased Proteobacteria in older people, mice,
as well as NHPs has led to higher microbial translocation and upregulation of plasma
pro-inflammatory immune markers [14,18,27-29]. Further, Verrucomicrobia phylum levels
were differentially abundant across the control groups. Most of the groups, except C-AC,
had noticeable levels of the Verrucomicrobia phylum, which includes major beneficial
genera such as Akkermansia. At the genus level, 524-7, Akkermansia, and order Clostridiales
(Ruminococcus) were dominant genera. L. acidophilus DDS-1 supplementation helped to
moderately reduce Proteobacteria and further improved Akkermansia (YP vs. AP) and
Lactobacillus levels. Here, the small differences with DDS-1 treatment on Gram-negative
bacteria were smaller than the effect of age itself, as observed in the Gram phenotype
analysis. We have previously reported on modulation of the microbiome, the metabolome
by increasing SCFA production, and reducing inflammation in mice [24]. The current study
demonstrated that the beta diversity was significantly distinct, and dissimilarities existed
between the 12 groups. Beta diversity clustering by richness and abundance corresponding
to probiotic supplementation is indicative of a strong taxonomic effect, which influenced
the gut microbial structure. These differences may be of interest as it relates to controlling
dysbiosis in aging populations [4]. Though we did not find any differences in microbiome
in male and female mice in this study, previous research has noted that there are sex
differences [30,31]. Hence, further research in larger samples is recommended.

Beyond taxonomic and diversity profiles, there are gaps in knowledge about the
composition and ecological structure of microbial communities [32]. Our recent study
of NHPs provided evidence regarding the age-related mucosal microbiome structure
via novel microbial co-occurrence analysis [16]. Microbiome structure was shown to be
defined by their co-occurrence (positive) and co-exclusion (negative) networks, and these
networks were less connected in older NHPs. Further, we found that overall, microbiome
community dynamics were driven by the presence or absence of taxa, suggesting a niche
process of dysbiosis with age. Similarly, we have previously reported dysbiosis in the
fecal, mucosal, and cecal microbiomes in aging mice compared to young mice [25,26].
After four weeks of dietary supplementation with L. acidophilus DDS-1, we observed
microbiome modulation in young and aging mice. We found distinct interactive biological
networks in all 12 groups. Particularly at the phylum level, we observed evidence of
age-related dysbiosis impacts on aging controls. The networks from each sample type had
a differing number of associations, with YC having numerically more associations and
being well-connected compared to AC. Moreover, some of the associations appeared to be
paired (YC vs. AC) with similar nodes, suggesting that aging significantly modulated the
network structure and composition. Firmicutes and Bacteroidetes, being the most dominant
and widely studied phyla, had fewer associations in AC compared to YC. Conversely,
less dominant phyla such as Cyanobacteria and Verrucomicrobia had numerically higher
associations across both age groups. As mentioned above, most of the AC groups had more
association networks of Proteobacteria, which appeared to be important taxa altering the co-
occurrences. In contrast, all the probiotic groups were more connected regardless of age, and
had a reduction in Proteobacteria abundance, notably more in cecal samples. Taken together,
DDS-1 supplementation demonstrated a potential to reduce the relative abundance and
alter microbial interactions of opportunistic pathogens such as Proteobacteria.

To enhance our understanding, we performed a similar analysis at the genus level to
further investigate probiotic modulation of co-occurrences networks. In most of the control
groups regardless of age or sample type, the Lactobacillus genus was absent, except for M-
AC. The M-AC group had two Lactobacillus-related co-occurrences and three co-exclusions;
these could be location-specific findings, and further research is needed in colonic mucosal
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samples in aging mice to confirm these findings. Post-DDS-1 supplementation, we found in-
creases in Lactobacillus abundance along with increases in Akkermansia (more in YP groups),
though only in F-AP. We observed the associations of Lactobacillus taxa increase in the
DDS-1-treated groups, except M-YP. Of all the Lactobacillus associations, the Lactobacillus—
Oscillospira co-occurrence association was found to be the most common between the
groups. Interestingly, Oscillospira spp. was shown to be beneficial in metabolic conditions
and may have anti-inflammatory properties [33,34]. Further, potential pathobionts such
as Ruminococcus had more co-exclusions, and influence the co-occurrence network of the
aging controls. Ruminococcus members such as R. gnavus species were found to stimulate
pro-inflammatory responses in Crohn’s disease [35]. However, L. acidophilus DDS-1 supple-
mentation was shown to balance the Ruminococcus associations with more co-occurrences.
Although the 524-7 genus was the most dominant in taxonomical profiles, its role in defin-
ing networks was absent. Conversely, less dominant genera such as Bacteroides, Lachnospira,
and Oscillospira, as well as Verrucomicrobia, had higher associations across the groups,
suggesting the importance of the absence or presence of particular genera in modulating
microbial community, but not based on the taxonomic structure [15,16,19,27,32,34].

One of the strengths of this study is the use of the novel co-occurrence analysis. These
co-occurrence networks are independent of taxonomic classifications and do not depend
on the major microbial phyla or genera. All the of association networks were produced
after FDR correction (g < 0.005) was performed to eliminate spurious findings. This sup-
ports the notion that microbiome community structure is determined by niche-specific
factors (nutrients, oxygen levels, and pH) and driven by functional characteristics, but not
phylogeny [15]. Overall, the approach enabled us to conclude that the gut microbes are
inclined to co-occur or co-exclude more than is expected by chance. Next, by utilizing the
fecal, cecal, and mucosal samples, we were able to investigate the site-specific microbiome
differences between young and aging mice. Further, the use of the L. acidophilus DDS-1
intervention enabled us to understand the ability of probiotics to modulate the intestinal
microbiome structure, particularly in aging mice as compared to younger mice. This study,
along with our previous works, provided information on microbial dysbiotic changes with
aging, as well as the development of dysbiotic signatures or drift that may begin at middle
age [2,4,36-40]. Additionally, our work suggests that the use of L. acidophilus DDS-1 at this
mid-life stage may be beneficial to maintain healthy microbiomes in later life. The aging
animals in our study correspond to middle age, but not necessarily centenarian, such as
oldest old or aged mice, which may explain the microbiome changes observed in this study.
Our co-occurrence network analysis has provided important information on the complexity
of microbial structures and their interactions; however, the work is limited to the genus
level. Future studies should be performed using high-resolution metagenomics to identify
species/strain-level changes. Incorporating probiotics such as L. acidophilus DDS-1 in the
diet can modulate the microbiome in mice. The use of a more translationally relevant NHP
model to assess the networks with probiotic supplementation will provide more insights.

5. Conclusions

The present study evaluated the probiotic L. acidophilus DDS-1 on its ability to mod-
ulate microbial co-occurrences in fecal, mucosal, and cecal samples of young and aging
mice. DDS-1 helped modulate age-related microbial co-occurrence networks in specific
ways relative to intestinal location. In addition to taxonomical changes, L. acidophilus DDS-1
supplementation influenced fecal and mucosal microbial co-occurrences with edges that are
more positive and increased networks. The microbial co-occurrence network approach has
provided us with novel insights into the potential functional role of DDS-1 on key microbial
taxa in microbial communities. Future studies should utilize microbial co-occurrence analy-
sis as a next-generation tool to enhance our understandings of probiotic-induced structural
changes in the overall microbiome community during various age-related health conditions.
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Supplementary Materials: The following are available online at https://www.mdpi.com/article/
10.3390/nu14050977 /s1, Figure S1: Bacterial taxa identified to be differentially abundant by linear
discrimination analysis (LDA) effect size (LEfSe, log LDA > 2.0) analysis in all 4 samples at the
phylum level (A) and genus level (B). The values are shown as the mean + SEM. * Significant
differences with p < 0.05. Figure S2: Summary of co-occurrence and co-exclusion analysis between
young and aging mice at the phylum and genus levels in fecal (A,B), mucosal (C,D), and cecal
(E,F) samples. (YC) Young control group, (YP) young probiotic group, (AC) aging control group, and
(AP) aging probiotic group. Table S1: Nutritional composition details of Barastoc mice standard chow.
Table S2: Summary of fecal microbiome co-occurrences between young and aging mice at phylum
and genus levels based on Kendall’s Tau correlation analysis, after which FDR (g < 0.05) correction
was performed. Table S3: Summary of mucosal microbiome co-occurrences between young and
aging mice at phylum and genus levels based on Kendall’s Tau correlation analysis, after which FDR
(g < 0.05) correction was performed. Table S4: Summary of cecal microbiome co-occurrences between
young and aging mice at phylum and genus levels based on Kendall’s Tau correlation analysis, after
which FDR (g < 0.05) correction was performed.

Author Contributions: Conceptualization, R.V.; Methodology, R.V., R.E. and K.K.; Software, R.V,;
Validation, C.J.M., K.K. and R.E.; Formal Analysis, R.V.; Investigation, R.V.; Resources, R.V., C.J.M.
and K.K.; Data Curation, R.V.; Writing—Original Draft Preparation, R.V.; Writing—Review and
Editing, C.J.M., KK. and R.E; Visualization, R.V.; Supervision, R.V. and R.E.; Project administra-
tion, R.V,; Funding Acquisition, R.E. All authors have read and agreed to the published version of
the manuscript.

Funding: Takeda Science Foundation (E0025316) allocated to R.E funded this work, and the Univer-
sity of Tasmania and Chr. Hansen funded the APC.

Institutional Review Board Statement: The Animal Ethics Committee of the University of Tasmania,
Australia, approved all animal procedures (ethics approval number: A0015840 and approval date:
01-09-2018).

Informed Consent Statement: Not applicable.

Data Availability Statement: Sequence data have been deposited publicly in the Figshare database
(DOI: https://10.6084/m9.figshare.17019947 accessed on 8 February 2022).

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Vemuri, R.; Shankar, E.M.; Chieppa, M.; Eri, R.; Kavanagh, K. Beyond just bacteria: Functional biomes in the gut ecosystem
including virome, mycobiome, archaeome and helminths. Microorganisms 2020, 8, 483. [CrossRef] [PubMed]

2. Vemuri, R.; Gundamaraju, R.; Shastri, M.D.; Shukla, S.D.; Kalpurath, K.; Ball, M.; Tristram, S.; Shankar, E.M.; Ahuja, K.; Eri, R.
Gut microbial changes, interactions, and their implications on human lifecycle: An ageing perspective. Biomed. Res. Int. 2018,
2018, 4178607. [CrossRef] [PubMed]

3.  Martin-Gallausiaux, C.; Marinelli, L.; Blottiere, H.M.; Larraufie, P.; Lapaque, N. SCFA: Mechanisms and functional importance in
the gut. Proc. Nutr. Soc. 2021, 80, 37-49. [CrossRef] [PubMed]

4. Vemuri, R.C,; Gundamaraju, R.; Shinde, T.; Eri, R. Therapeutic interventions for gut dysbiosis and related disorders in the elderly:
Antibiotics, probiotics or faecal microbiota transplantation? Benef. Microbes 2017, 8, 179-192. [CrossRef]

5. Cani, P.D. Human gut microbiome: Hopes, threats and promises. Gut 2018, 67, 1716-1725. [CrossRef]

6. Hirano, A.; Umeno, J.; Okamoto, Y.; Shibata, H.; Ogura, Y.; Moriyama, T.; Torisu, T.; Fujioka, S.; Fuyuno, Y.; Kawarabayasi, Y.
Comparison of the microbial community structure between inflamed and non-inflamed sites in patients with ulcerative colitis. J.
Gastroenterol. Hepatol. 2018, 33, 1590-1597. [CrossRef]

7. Biagi, E.; Nylund, L.; Candela, M.; Ostan, R.; Bucci, L.; Pini, E.; Nikkila, J.; Monti, D.; Satokari, R.; Franceschi, C. Through ageing,
and beyond: Gut microbiota and inflammatory status in seniors and centenarians. PLoS ONE 2010, 5, e10667. [CrossRef]

8. Nardelli, C.; Granata, I.; D’Argenio, V.; Tramontano, S.; Compare, D.; Guarracino, M.R;; Nardone, G.; Pilone, V.; Sacchetti, L.
Characterization of the duodenal mucosal microbiome in obese adult subjects by 16S rRNA sequencing. Microorganisms 2020, 8, 485.
[CrossRef]

9. Iljazovic, A.; Roy, U.; Gélvez, E.J.C.; Lesker, TR.; Zhao, B.; Gronow, A.; Amend, L.; Will, S.E.; Hofmann, J.D.; Pils, M.C.

Perturbation of the gut microbiome by Prevotella spp. enhances host susceptibility to mucosal inflammation. Mucosal. Immunol.
2021, 14, 113-124. [CrossRef]


https://www.mdpi.com/article/10.3390/nu14050977/s1
https://www.mdpi.com/article/10.3390/nu14050977/s1
https://10.6084/m9.figshare.17019947
http://doi.org/10.3390/microorganisms8040483
http://www.ncbi.nlm.nih.gov/pubmed/32231141
http://doi.org/10.1155/2018/4178607
http://www.ncbi.nlm.nih.gov/pubmed/29682542
http://doi.org/10.1017/S0029665120006916
http://www.ncbi.nlm.nih.gov/pubmed/32238208
http://doi.org/10.3920/BM2016.0115
http://doi.org/10.1136/gutjnl-2018-316723
http://doi.org/10.1111/jgh.14129
http://doi.org/10.1371/annotation/df45912f-d15c-44ab-8312-e7ec0607604d
http://doi.org/10.3390/microorganisms8040485
http://doi.org/10.1038/s41385-020-0296-4

Nutrients 2022, 14, 977 17 of 18

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

Durén, C.; Ciucdi, S.; Palladini, A.; ljaz, U.Z.; Zippo, A.G.; Sterbini, EP.; Masucci, L.; Cammarota, G.; Ianiro, G.; Spuul, P. Nonlinear
machine learning pattern recognition and bacteria-metabolite multilayer network analysis of perturbed gastric microbiome. Nat.
Commun. 2021, 12, 1926. [CrossRef]

Parthasarathy, G.; Chen, J.; Chen, X.; Chia, N.; O’Connor, H.M.; Wolf, P.G.; Gaskins, H.R.; Bharucha, A.E. Relationship between
microbiota of the colonic mucosa vs feces and symptoms, colonic transit, and methane production in female patients with chronic
constipation. Gastroenterology 2016, 150, 367-379. [CrossRef] [PubMed]

Ilhan, Z.E.; DiBaise, ].K.; Dautel, S.E.; Isern, N.G.; Kim, Y.-M.; Hoyt, D.W.; Schepmoes, A.A.; Brewer, H.M.; Weitz, K.K.; Metz,
T.O. Temporospatial shifts in the human gut microbiome and metabolome after gastric bypass surgery. NPJ Biofilms Microbiomes
2020, 6, 12. [CrossRef] [PubMed]

Sartor, R.B. Optimal sampling of the intestinal microbiota for research. Nat. Rev. Gastroenterol. Hepatol. 2015, 12, 253-254. [CrossRef]
[PubMed]

Wilson, Q.N.; Wells, M.; Davis, A.T.; Sherrill, C.; Tsilimigras, M.C.B.; Jones, R.B.; Fodor, A.A.; Kavanagh, K. Greater microbial
translocation and vulnerability to metabolic disease in healthy aged female monkeys. Sci. Rep. 2018, 8, 11373. [CrossRef] [PubMed]
Mitchell, E.L.; Davis, A.T.; Brass, K.; Dendinger, M.; Barner, R.; Gharaibeh, R.; Fodor, A.A.; Kavanagh, K. Reduced intestinal
motility, mucosal barrier function, and inflammation in aged monkeys. J. Nutr. Health Aging 2017, 21, 354-361. [CrossRef]
Clarke, L.J.; Jones, P.J.; Ammitzboll, H.; Barmuta, L.A.; Breed, M.F,; Chariton, A.; Charleston, M.; Dakwa, V.; Dewi, E; Eri, R.
Mainstreaming microbes across biomes. BioScience 2020, 70, 589-596. [CrossRef]

Banerjee, S.; Baah-Acheamfour, M.; Carlyle, C.N.; Bissett, A.; Richardson, A.E.; Siddique, T.; Bork, E.W.; Chang, S.X. Determinants
of bacterial communities in C anadian agroforestry systems. Environ. Microbiol. 2016, 18, 1805-1816. [CrossRef]

Vemuri, R; Sherrill, C.; Davis, M.A.; Kavanagh, K. Age-Related Colonic Mucosal Microbiome Community Shifts in Monkeys. J.
Gerontol. A Biol. Sci. Med. Sci. 2020, 76, 1906-1914. [CrossRef]

Li, H.; Limenitakis, J.P.; Fuhrer, T.; Geuking, M.B.; Lawson, M.A.; Wyss, M.; Brugiroux, S.; Keller, I.; Macpherson, J.A.; Rupp,
S.; et al. The outer mucus layer hosts a distinct intestinal microbial niche. Nat. Commun. 2015, 6, 8292. [CrossRef]

Sender, R.; Fuchs, S.; Milo, R. Revised estimates for the number of human and bacteria cells in the body. PLoS Biol. 2016, 14, €1002533.
[CrossRef]

Faust, K.; Sathirapongsasuti, J.E; Izard, J.; Segata, N.; Gevers, D.; Raes, J.; Huttenhower, C. Microbial co-occurrence relationships
in the human microbiome. PLoS Comput. Biol. 2012, 8, e1002606. [CrossRef] [PubMed]

Grilli, J. Macroecological laws describe variation and diversity in microbial communities. Nat. Commun. 2020, 11, 4743. [CrossRef]
[PubMed]

Chen, L.; Collij, V.; Jaeger, M.; van den Munckhof, I.C.L.; Vila, A.V,; Kurilshikov, A.; Gacesa, R.; Sinha, T.; Oosting, M.; Joosten, L.A.B.
Gut microbial co-abundance networks show specificity in inflammatory bowel disease and obesity. Nat. Commun. 2020, 11, 4018.
[CrossRef]

Ghosh, T.S.; Rampelli, S.; Jeffery, I.B.; Santoro, A.; Neto, M.; Capri, M.; Giampieri, E.; Jennings, A.; Candela, M.; Turroni, S.
Mediterranean diet intervention alters the gut microbiome in older people reducing frailty and improving health status: The
NU-AGE 1-year dietary intervention across five European countries. Gut 2020, 69, 1218-1228. [CrossRef] [PubMed]

Kong, Z.; Wu, Z; Glick, BR.; He, S.; Huang, C.; Wu, L. Co-occurrence patterns of microbial communities affected by inoculants of plant
growth-promoting bacteria during phytoremediation of heavy metal-contaminated soils. Ecotoxicol. Environ. Saf. 2019, 183, 109504.
[CrossRef] [PubMed]

Geng, S.; Cao, W.; Yuan, J.; Wang, Y.; Guo, Y,; Ding, A.; Zhu, Y.; Dou, J. Microbial diversity and co-occurrence patterns in deep
soils contaminated by polycyclic aromatic hydrocarbons (PAHs). Ecotoxicol. Environ. Saf. 2020, 203, 110931. [CrossRef]

Vemuri, R.; Shinde, T.; Gundamaraju, R.; Gondalia, S.V.; Karpe, A.V.; Beale, D.J.; Martoni, C.J.; Eri, R. Lactobacillus acidophilus
DDS-1 modulates the gut microbiota and improves metabolic profiles in aging mice. Nutrients 2018, 10, 1255. [CrossRef]
Vemuri, R.; Gundamaraju, R.; Shinde, T.; Perera, A.P,; Basheer, W.; Southam, B.; Gondalia, S.V.; Karpe, A.V.; Beale, D.].; Tristram,
S. Lactobacillus acidophilus DDS-1 modulates intestinal-specific microbiota, short-chain fatty acid and immunological profiles in
aging mice. Nutrients 2019, 11, 1297. [CrossRef]

Kavanagh, K.; Hsu, F.-C.; Davis, A.T.; Kritchevsky, S.B.; Rejeski, W.].; Kim, S. Biomarkers of leaky gut are related to inflammation
and reduced physical function in older adults with cardiometabolic disease and mobility limitations. Geroscience 2019, 41, 923-933.
[CrossRef]

Elderman, M.; Hugenholtz, F.; Belzer, C.; Boekschoten, M.; van Beek, A.; de Haan, B.; Faas, M. Sex and strain dependent
differences in mucosal immunology and microbiota composition in mice. Biol. Sex Differ. 2018, 9, 26. [CrossRef]

Weger, B.D.; Gobet, C.; Yeung, ].; Martin, E.; Jimenez, S.; Betrisey, B.; Gachon, F. The mouse microbiome is required for sex-specific
diurnal rhythms of gene expression and metabolism. Cell Metab. 2019, 29, 362-382. [CrossRef] [PubMed]

Martoni, C.J.; Srivastava, S.; Leyer, G.J. Lactobacillus acidophilus DDS-1 and Bifidobacterium lactis UABla-12 improve abdominal
pain severity and symptomology in irritable bowel syndrome: Randomized controlled trial. Nutrients 2020, 12, 363. [CrossRef]
[PubMed]

West, N.P; Hughes, L.; Ramsey, R.; Zhang, P.; Martoni, C.J.; Leyer, G.J.; Cripps, A.W.; Cox, A.]. Probiotics, Anticipation Stress, and
the Acute Immune Response to Night Shift. Front. Immunol. 2021, 11, 3580. [CrossRef] [PubMed]


http://doi.org/10.1038/s41467-021-22135-x
http://doi.org/10.1053/j.gastro.2015.10.005
http://www.ncbi.nlm.nih.gov/pubmed/26460205
http://doi.org/10.1038/s41522-020-0122-5
http://www.ncbi.nlm.nih.gov/pubmed/32170068
http://doi.org/10.1038/nrgastro.2015.46
http://www.ncbi.nlm.nih.gov/pubmed/25802025
http://doi.org/10.1038/s41598-018-29473-9
http://www.ncbi.nlm.nih.gov/pubmed/30054517
http://doi.org/10.1007/s12603-016-0725-y
http://doi.org/10.1093/biosci/biaa057
http://doi.org/10.1111/1462-2920.12986
http://doi.org/10.1093/gerona/glaa256
http://doi.org/10.1038/ncomms9292
http://doi.org/10.1371/journal.pbio.1002533
http://doi.org/10.1371/journal.pcbi.1002606
http://www.ncbi.nlm.nih.gov/pubmed/22807668
http://doi.org/10.1038/s41467-020-18529-y
http://www.ncbi.nlm.nih.gov/pubmed/32958773
http://doi.org/10.1038/s41467-020-17840-y
http://doi.org/10.1136/gutjnl-2019-319654
http://www.ncbi.nlm.nih.gov/pubmed/32066625
http://doi.org/10.1016/j.ecoenv.2019.109504
http://www.ncbi.nlm.nih.gov/pubmed/31421537
http://doi.org/10.1016/j.ecoenv.2020.110931
http://doi.org/10.3390/nu10091255
http://doi.org/10.3390/nu11061297
http://doi.org/10.1007/s11357-019-00112-z
http://doi.org/10.1186/s13293-018-0186-6
http://doi.org/10.1016/j.cmet.2018.09.023
http://www.ncbi.nlm.nih.gov/pubmed/30344015
http://doi.org/10.3390/nu12020363
http://www.ncbi.nlm.nih.gov/pubmed/32019158
http://doi.org/10.3389/fimmu.2020.599547
http://www.ncbi.nlm.nih.gov/pubmed/33584665

Nutrients 2022, 14, 977 18 of 18

34.

35.

36.

37.

38.

39.

40.

Vemuri, R.; Shinde, T.; Shastri, M.D.; Perera, A.P,; Tristram, S.; Martoni, C.J.; Gundamaraju, R.; Ahuja, K.D.K,; Ball, M.; Eri, R. A
human origin strain Lactobacillus acidophilus DDS-1 exhibits superior in vitro probiotic efficacy in comparison to plant or dairy
origin probiotics. Int. . Med. Sci. 2018, 15, 840. [CrossRef]

Layeghifard, M.; Hwang, D.M.; Guttman, D.S. Disentangling interactions in the microbiome: A network perspective. Trends
Microbiol. 2017, 25, 217-228. [CrossRef]

Williams, R.J.; Howe, A.; Hofmockel, K.S. Demonstrating microbial co-occurrence pattern analyses within and between ecosys-
tems. Front. Microbiol. 2014, 5, 358. [CrossRef]

Feng, L.; Zhou, J.; Zhang, L.; Liu, P,; Zheng, P.; Gao, S.; Song, C.; Yu, Y.; Gong, Z.; Wan, X. Gut microbiota-mediated improvement
of metabolic disorders by Qingzhuan tea in high fat diet-fed mice. J. Funct. Foods 2021, 78, 104366. [CrossRef]

Arora, T.; Backhed, F. The gut microbiota and metabolic disease: Current understanding and future perspectives. . Intern. Med.
2016, 280, 339-349. [CrossRef]

Hall, A.B.; Yassour, M; Sauk, J.; Garner, A,; Jiang, X.; Arthur, T.; Lagoudas, G.K.; Vatanen, T.; Fornelos, N.; Wilson, R. A novel
Ruminococcus gnavus clade enriched in inflammatory bowel disease patients. Genome Med. 2017, 9, 103. [CrossRef]

Langille, M.G.I;; Meehan, C.J.; Koenig, ].E.; Dhanani, A.S.; Rose, R.A.; Howlett, S.E.; Beiko, R.G. Microbial shifts in the aging
mouse gut. Microbiome 2014, 2, 50. [CrossRef]


http://doi.org/10.7150/ijms.25004
http://doi.org/10.1016/j.tim.2016.11.008
http://doi.org/10.3389/fmicb.2014.00358
http://doi.org/10.1016/j.jff.2021.104366
http://doi.org/10.1111/joim.12508
http://doi.org/10.1186/s13073-017-0490-5
http://doi.org/10.1186/s40168-014-0050-9

	Introduction 
	Methods 
	Probiotics 
	Animals 
	Design and Treatment 
	Sample Collections 
	16S rRNA Sequencing and Microbiome Data Analysis 
	Gram Phenotype and Microbial Co-Occurrence Analyses 
	Multivariate and Statistical Analyses 

	Results 
	Animal Health Characteristics 
	L. acidophilus DDS-1-Induced Alpha, Beta Diversity, and Taxonomic Profile Changes in Fecal, Mucosal, and Cecal Microbiomes 
	L. acidophilus DDS-1 Effect on Gram-Negative Bacteria in Aging Mice 
	Age-Related Fecal Microbial Co-Occurrence Network Changes with L. acidophilus DDS-1 
	Phylum-Level Fecal Co-Occurrences 
	Genus-Level Fecal Co-Occurrences 

	Age-Related Mucosal Microbial Co-Occurrence Network Changes with L. acidophilus DDS-1 
	Phylum-Level Mucosal Co-Occurrences 
	Genus-Level Mucosal Co-Occurrences 

	Age-Related Cecal Microbial Co-Occurrence Network Changes with DDS-1 
	Phylum-Level Cecal Co-Occurrences 
	Genus-Level Cecal Co-Occurrences 


	Discussions 
	Conclusions 
	References

