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Abstract

:

While the food environment has been implicated in diet-related health disparities, individuals’ ability to shape the food environment by limiting attention to a subset of products has not been studied. We examine the relationship between BMI category and consideration set—the products the individual considers before making a final choice—in an online hypothetical shopping experiment. Specifically, we focus on the healthiness of the consideration set the individual selected. Secondly, we examined the interaction of a health prompt (versus a no-prompt control) with BMI category on the healthiness of the consideration set. We used linear probability models to document the relationship between weight status and consideration set, between prompt and consideration set, and the effect of the interaction between prompt and weight status on consideration set. We found that (1) obese individuals are 10% less likely to shop from a consideration set that includes the healthy options, (2) viewing the prompt increased the probability of choosing a healthy consideration set by 9%, and (3) exposure to the prompt affected individuals in different BMI categories equally. While obese individuals are more likely to ignore healthier product options, a health-focused prompt increases consideration of healthy options across all BMI categories.
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1. Introduction


The prevalence of overweight and obesity in the adult US population is currently over 70%, which has led to a crippling disease burden related to high body mass index (BMI) [1]. High BMI has been identified as a causative factor for the decrease in life expectancy in the US over the past few years [2,3]. Being overweight or obese is linked to poorer health outcomes, including a higher probability of developing non-communicable diseases, such as type 2 diabetes, cancer, and heart disease [4]. Overweight and obesity has become a leading cause of death in the US [5], and has contributed to millions of deaths globally [1]. Additionally, it is estimated to cost the US USD 150 billion per year in direct costs (in 2008 dollars), and USD 3–6 billion annually in indirect costs [6,7,8]. While genetics, physical activity, and other factors contribute to high BMI, diet is consistently recognized as a key behavioral element contributing to the high rates of overweight and obesity in the US [9]. According to recent research on energy expenditure, diet, and weight across hunter-gatherer and sedentary populations of the same ethnic groups, diet, rather than physical activity, appears to be the decisive factor in promoting higher BMI [10,11,12]. A diet composed of highly processed, calorically dense foods and low in fruits and vegetables leads to weight gain [13].



One area of research on diet and obesity has focused on the impact of food environment on the nutritional quality of individuals’ diets. A significant amount of this research has examined food deserts—areas that are typically in highly urban or rural settings in which residents lack ready access to healthy foods [14]. Links identified between food deserts and higher rates of overweight and obesity [15] have inspired public and private investment to eliminate food deserts [16]. However, while eliminating food deserts causes people to feel they have greater access to healthy foods, the quality of their diets does not improve [17,18,19]. This suggests that food deserts may actually reflect average local consumer demand for healthier versus less healthy foods, and that higher average BMIs in those areas are not caused by the environment but, like the food environment, reflect individuals’ food preferences [20].



The food environment as experienced by shoppers can vary, even within a single retail outlet, because people direct their attention to products differently. Shoppers face a vast array of products and product categories in food retail outlets; a typical well-stocked supermarket has tens of thousands of products, with many individual product categories containing hundreds of unique products [21,22]. With such a large number of products to select from, consumers cannot consider all available products. Instead, consumers form a “consideration set”—a small set of alternatives that the individual considers and ultimately chooses from [23,24,25]. In a recent eye-tracking study of supermarket shoppers, 67% of purchased products were chosen without the shopper considering any other products in that category [26]. The formation of consideration sets reflects people’s preferences [27], but is also influenced by what people expect the benefit of expanding their consideration set will be [28]. For example, in the context of food and health, there is significant evidence that people associate healthier foods with higher prices [29,30,31]. This assumption may deter them from considering healthier options when, in fact, the relationship between health and price is not definitive [32].



Research suggests that attention to nutrition information and health messaging is important in promoting healthy choices [33,34,35,36,37]. Intuitively, consideration of healthy products when making a purchase decision is also important, and is a necessary precondition to the purchase of healthy foods. However, there is little evidence that documents how individuals attend to a large array of product options when they have the ability to purposefully direct their attention. They may choose to consider all available products, or may restrict themselves to a small subset of options.



While individuals’ decisions about which products to consider are overlooked in most studies examining the healthiness of food choices, they shape the products and product information that people encounter when making choices. In this study, we examine the sets of products that individuals in an online supermarket pay attention to when making a food choice as a function of BMI. We focus, in particular, on how the weight status of individuals predicts their consideration of products. We then examine the effects of exposure to a fiber-based point-of-decision prompt (PDP) on consideration set, in order to evaluate whether prompts affect behavior differently for individuals of differing weight status.




2. Materials and Methods


2.1. Survey Design


2.1.1. Limited Product Consideration and Attention to Product Information


The design of our experiment aimed to (1) document choice process variables—such as participants’ considerations sets and the information that they used—that contributed to their ultimate product choice, and to (2) examine the effects of a fiber-based prompt message on the choice process and product variables. We were interested in examining how these relationships differed between groups of individuals with different body weight status in order to establish whether differences in attention to products and information may reinforce body weight status. We developed an online food choice experiment that was structured to replicate features common to online supermarket shopping interfaces.



There were two primary stages to the data collection process: (1) a shopping task, and (2) a survey. In the first stage, research participants faced three product categories: cereals, breads, and crackers. Participants first made a decision about the set of products to view in each category. Participants could examine all product options (N = 33 for each food category), or they could select to view a subset of products (N = 11 per subset). This breakdown reflects design features in many physical stores and online shopping environments, which permit consumers to quickly narrow the total set of products to a preferred subset. While ultimately structured to reflect real-world retail design, the subsets additionally separated products into less healthy, moderately healthy, and healthy options based on the Guiding Stars nutritional rating system rubric (https://www.guidingstars.com, (accessed on 12 March 2020).



In the Guiding Stars system, products are graded based on nutrient content on a 0–11-point scale. Products receive points if they meet or exceed criteria for vitamins, minerals, fiber, whole grains, and omega-3 fatty acids, while they lose points if they exceed benchmark levels of saturated fat, trans fat, added sodium, added sugar, and artificial colors (per standardized 100-calorie portion). Points are converted into stars—which constitute the consumer-facing information—in the following way: products with 0 points from the rubric receive zero stars; 1–2 points receive one star; 3–4 points receive two stars; and 5–11 points receive three stars. We created balanced product subsets, in which products received zero (11 products), one (11 products), and two or three stars (11 products) in each product category. We combined two- and three-star-rated products into one category because it was difficult to find enough products receiving three stars to create a separate category.



The subsets were described to participants according to examples of the products they contained, in order to avoid priming participants to explicitly think about the products in terms of health (again, following the design of real-world retail sites). In our experiment, the cereal sets were labeled as “Cereals such as Frosted Flakes, Froot Loops, Reese’s Puffs”, “Cereals such as Corn Flakes, Crispix, Special K”, “Cereals such as Cheerios, Wheat Chex, Grape Nuts”, and “All options”. Bread and cracker subsets were presented in the same manner.



The participants’ choices of product set determined the products viewed by the participants. After viewing the available products in a category, the participant then selected a product to “purchase”. The participant could also indicate that they would not purchase any of the available items (3% of participants indicated that they would not purchase a product in at least one of the three product categories). This option—indicating that they would not purchase any of the items—was always listed as the last option, while the presentation of the other available products was randomized. The product options were presented in a three-column format, with a photograph and the name of each product presented prominently. Underneath each product, the nutrient contents per serving for calories, fiber, fat, sodium, and sugar, as well as the price, were listed. After making choices in all three product categories, participants answered survey questions about their choices, typical shopping practices, and demographics.



The products included in the experiment were real brands that are widely available at regional and national supermarket chains in the US. These products were selected to represent a range of taste and nutrient profiles. Store brands were excluded to avoid differences in regional familiarity with products. The specific products included in the three categories are presented in Table A1, Table A2 and Table A3 in Appendix A. Each product also had a price associated with it, which was based on retail prices at the time at which the survey was conducted. We included a message in the introductory materials for the shopping task experiment encouraging participants to imagine they were making real choices with real money, which has been found to reduce hypothetical biases in economic choices [38].



For this paper, the important questions included in the post-experiment survey included questions about self-reported height and weight, and demographic variables, such as gender, age, income, and education. We used participants’ self-reported height and weight data to calculate each individual’s BMI, and then created a category variable based on BMI. Individuals with a BMI < 25 were categorized as normal weight; individuals were categorized as overweight if 25 ≤ BMI < 30; individuals with a BMI > 30 were categorized as obese. The dependent variable in the analyses was created by indicating whether the participant chose a consideration set that included the healthiest items (those that received a rating of 2 or 3 Guiding Stars). The healthy subset and the set that included all available options for each product type both qualified based on this definition. The “healthy consideration set” was coded as 1 for respondents that chose to view the healthy subset or the “all options” product set for a particular product type, and a 0 otherwise. We averaged the number of healthy consideration sets each participant chose to view across the three product categories to create the dependent variable used in the analyses.



The experiment and survey vehicle was programmed in Qualtrics XM (2021, SAP, Provo, UT, USA). The survey was distributed to adults 19 years of age or older in the United States through Amazon Mechanical Turk from 15 April to 20 April 2020. No additional inclusion or exclusion criteria were used. The University of Nebraska-Lincoln IRB approved the research (IRB protocol #20201020721EX). All participants provided informed consent before participating in the research.




2.1.2. Effects of Exposure to a Fiber Information Prompt on Individuals of Differing Weight Status


To examine how individuals of differing weight status reacted to a fiber information prompt, we randomized participants into control and one of two prompt conditions. The prompt messages varied only in their inclusion/exclusion of second-person pronouns, and did not result in differences in choice behavior [36], so we aggregated them into one condition. The prompt presented information about the health benefits of fiber, comprising weight management, reduction of disease risk, lowering of cholesterol, regulation of the digestive system, blood sugar control, and effects on the gut microbiome. Participants in the PDP condition viewed the PDP just before beginning the shopping task, while control group participants immediately began the shopping task.





2.2. Survey Analysis


We analyzed data using the open-source statistical analysis software, R [39]. We report summary statistics and use multivariate linear regression to analyze the data (and report ordinal regression results in Appendix B, Table A4). The dependent variable in the analysis was the proportion of times a participant chose a consideration set that included the healthiest options (either the healthiest subset itself, or the set that contained all available products). This variable ranged from 0 to 1, calculated by taking the total number of times the individual chose a healthy consideration set divided by the three product categories for which individuals made consideration set decisions. We report the results of a multivariate linear probability model because this model provides estimated coefficients that are directly interpretable as probabilities [40]. In the linear probability model, interaction terms capture differential responses to the prompt by individuals of differing weight status. We report the results of multivariate ordinal logistic regression models in Appendix B, which mirror the linear results in significance and direction.



We report results from six regression models. We first examined the relationship between BMI category and consideration set in order to evaluate whether there were significant relationships between participants’ BMI status and the sets of products they choose to pay attention to. Next, we added an indicator variable capturing whether a participant was exposed to the prompt (Prompt) to examine the impact of the prompt on the probability of examining a consideration set with the healthiest products. Finally, we examined the interaction of BMI category variables with the prompt, to study whether the people in different BMI categories responded differently to the prompt. We report each of these models with and without common demographic variables (gender, age, income, and education) to check the robustness of results to the inclusion of these variables. The inclusion of demographic variables did not affect the estimates of the target independent variables but did require more participants to be dropped from the dataset because of “prefer not to answer” responses, so the number of observations varied slightly between regressions that did and did not include demographic variables. We considered p < 0.05 to be statistically significant.





3. Results


Summary statistics for demographic and weight status variables are presented in Table 1. There were no significant differences between demographic and weight variables in the control and prompt conditions (using a chi-squared test to test for differences in the distribution of females across conditions, and t-tests to examine differences in age, household income, education, and BMI). Approximately 36% of participants were female. The average age of participants was 37 years, and their mean household income was approximately USD 60,000. Participants had received around 16 years of education (approximately equivalent to a bachelor’s degree). The average BMI of participants was 25.5, which is in the “overweight” category.



As we were interested in the relationship between individuals’ weight status and the sets of food items they chose to consider, we examined the distribution of respondents across BMI categories (i.e., normal weight, overweight, and obese) for the control and prompt conditions (Table 2). The distribution of participants among BMI categories was not significantly different between the control and prompt conditions (Chi-squared = 0.387; df = 2; p = 0.82). In both conditions, slightly over 40% of participants were in the normal weight category, slightly over 20% were overweight, and around 35% were obese.



The results of the six regressions examining the relationship between BMI category and consideration set are presented in Table 3. In Regression 1, we found that individuals with BMIs in the obese category were 10% less likely (p < 0.001) to select a consideration set that contained the healthier product options than normal-weight individuals (the omitted weight category in the regression). This result did not change when we included demographic control variables (Regression 2). Individuals who fell into the overweight category did not behave significantly differently from normal-weight individuals.



In Regressions 3 and 4, we included a variable that captured the effects of participants being exposed to the prompt message (along with controlling for demographic variables in Regression 4). Again, we found that obese individuals were 10% less likely to choose a consideration set that contained the healthiest items (p < 0.001) in both regressions. We also found a statistically significant, positive effect of the prompt on the probability of selecting a healthy consideration set. In both regressions, we found that exposure to the prompt increased the probability that an individual would select a consideration set that contained the healthier items by 9% (p < 0.001).



In Regressions 5 and 6, we introduced interaction terms between exposure to the prompt and weight status, in order to examine whether individuals of varying weight status responded differently to the prompt message. We continued to find that obese individuals were around 10% less likely to select a healthy consideration set (p < 0.05), corroborating the results of Regressions 1–4. We found an effect of the prompt that was consistent with the findings in Regressions 3 and 4: exposure to the prompt increased the probability that participants selected healthier consideration sets by 9% (p < 0.05). Furthermore, we did not find statistically significant interactions between weight status and exposure to the prompt. The point estimates of the interaction terms between overweight weight status and the prompt and obese weight status and the prompt were both small—between 1 and 3% in absolute value—and not statistically significant.




4. Discussion


Recent work attempting to untangle the relationship between the food environment and higher average BMIs has demonstrated that eliminating a food desert does not consistently lead to healthier food purchases [17,18,41,42]. While moving from a high-obesity area to a low-obesity area does improve the nutritional quality of a household’s food purchases over time, the effect is relatively small [43], suggesting that demand-side factors play an important role in explaining the lack of healthy food options [20]. In a more controlled setting, laboratory research has documented attentional biases of individuals with high BMI to more indulgent foods and has shown that overweight/obese individuals are willing to pay more for these foods [44,45,46,47,48]. However, to the best of our knowledge, this is the first work that documents systematic differences in choices of which elements of the product environment people want to consider, differentiated by BMI category.



Our research may also have implications for creating study designs that ensure external validity of research findings. Many studies examining nutritional labeling start out in laboratory settings, with simple product choice environments. Frequently, participants will make choices between—or value—two products at a time. However, attention to product attributes may decrease as the number of alternatives to be considered increases [49], meaning that choices made in a simple choice set may yield attention to product attributes that would not be evaluated in a complex choice setting. Disparities found between field and laboratory experiments in the impact of front-of-package labels may be a result of varying the number of items that individuals consider [50,51,52]. Our results have implications for this observation in two ways: First, initial research on interventions meant to promote healthier diets may need to occur in richer choice environments, such as the environment we examine in this research, and in two other recent articles [36,53]. These experiments allow participants to interact with the array of products in a more realistic manner, which may mean choosing not to view some products that are available, including labels/information that may be available on those products. Second, we find that prompts may help redirect the attention of individuals who are more likely to choose to view less healthy products to a healthier set of products—a finding that could not be examined in a simple experimental choice setting.



The results related to the prompt show promise in terms of promoting the consideration of healthier alternatives. Health prompts have been shown to encourage healthier choices in laboratory and field settings [35,36,54,55], and may work in part by recruiting parts of the brain that are important in self-control and accelerating the consideration of health attributes in food choices [54,55]. While we studied a prompt delivered in an online environment, other prompts have been shown to be effective in physical supermarket settings [34,35]. Technological advances—either adopted personally by individuals, or by retailers—may also provide a means to deliver prompts in physical or online retail settings. Some of these capabilities are being developed in the context of mobile health (mHealth) applications [56].



Interestingly, participants across BMI categories responded similarly to the prompt in our study—a finding that differs from the conclusions of a study on health primes by Papies et al. [34]. There are a few differences in the studies that may explain the variation in results. In their study, the authors examined a subtle health prime on a recipe card provided to shoppers (i.e., the recipe was surrounded by words such as “healthy” and “good for your figure”, p. 599. [34]. The findings that overweight and obese individuals reduced unhealthy snack purchases (more than normal-weight individuals) applied only to those individuals who initially paid attention to the prime, whereas our study purposefully drew attention to the prompt message. Differences in the subtlety of the message may have led to different responses. For instance, the individuals in their study who paid attention to the health prime may have been more health-motivated, which other studies have shown to predict both attention to nutrition information and the healthiness of food choices and exercise behaviors [57,58,59,60].



This study does have some potential limitations. While hypothetical choices do not provide the same strength of evidence that real choices do, food choice is so frequent and deeply ingrained that it may be less subject to hypothetical biases than other product types [61]. In fact, recent research shows that food choices made in identical hypothetical and non-hypothetical settings exhibit similar patterns of choice, including the influence of hunger on choices [62]. The BMI characteristics of our sample indicate that we have fewer overweight/obese participants than the average in the US population. This may reflect two things: First, our sample is younger on average than the US adult population, which reduces the prevalence of high BMI [63]. Second, the use of self-reported measures of height and weight has been found in previous studies to lead to underestimates of BMI [64]. In addition, there is evidence that incorporating individuals’ perceived weight status—whether they believe that they are normal weight, overweight, or obese—in addition to BMI-based weight categorizations can shed additional light on food choice behavior [65,66,67,68,69]. Finally, samples drawn from Amazon’s Mechanical Turk (MTurk) are less representative of the US population than consumer panels maintained by survey companies (though more representative than in-person convenience samples) [70]. MTurk samples tend to be younger on average and have a different composition of race/ethnicity than consumer panels [71]. However, both consumer panels and MTurk samples over-represent urban populations [71].



The data for this study were collected during the early stages of the COVID-19 pandemic, which may have influenced multiple elements of the study: First, the sample in the study featured a higher percentage of males than females (only 36% of respondents were female). This may reflect the childcare burden faced by many women during the pandemic [72]. The pandemic also led many people to try shopping online for groceries for the first time. In our sample, 31% of participants reported shopping online for groceries for the first time during the previous month (only 25% had never shopped for groceries online). Finally, there is also evidence that the pandemic changed people’s eating behavior, with average nutritional quality decreasing with the onset of the pandemic [73].



Our findings suggest that even though BMI status predicts attention to product subsets that differ in nutritional quality, prompts hold promise in improving the quality of the sets that people consider, regardless of weight status. A study design that is specifically powered to examine relationships between BMI, attention to products and information and, ultimately, product choice, would shed important light on links between body weight status and directed attention towards health-ranked consideration sets, as well as the potential for prompt messages to shift attention and behavior towards healthier alternatives.
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Table A1. Bread products, nutritional and price information, and subsets in the experiment.






Table A1. Bread products, nutritional and price information, and subsets in the experiment.





	Bread Products
	Cal.
	Fat
	Sodium
	Fiber
	Sugar
	Price
	Subset
	Guiding Stars





	Dave’s Killer Bread Good Seed
	120
	3
	160
	3
	5
	5.99
	High
	2



	Dave’s Killer Bread Powerseed
	100
	2.5
	135
	4
	1
	5.99
	High
	3



	Dave’s Killer Bread Thin Sliced Good Seed
	70
	1.5
	115
	3
	2
	5.99
	High
	2



	Fiber Up 100% Whole Wheat
	110
	1.5
	220
	8
	5
	4.49
	High
	2



	Fiber Up Multigrain
	110
	1.5
	190
	8
	4
	4.49
	High
	2



	Oroweat Sandwich Thins 100% Whole Wheat
	70
	2
	150
	2
	1.5
	3.99
	High
	2



	Pepperidge Farm 100% Whole Wheat
	120
	1
	120
	3
	4
	4.29
	High
	2



	Pepperidge Farm Whole Grain 15 Grain
	130
	2.5
	130
	3
	3
	4.29
	High
	2



	Thomas’ Light Multi-Grain English Muffin
	50
	1
	85
	4
	0.5
	3.49
	High
	2



	Thomas’ 100% Whole Wheat English Muffin
	60
	1
	115
	1.5
	0.5
	3.49
	High
	3



	Udi’s Omega Flax & Fiber
	75
	3
	150
	3
	0.5
	4.79
	High
	2



	Pepperidge Farm Butter Bread
	120
	1
	210
	1
	3
	3.99
	Low
	0



	Pepperidge Farm Hearty White
	130
	1
	230
	1
	3
	3.99
	Low
	0



	Sara Lee Artesano Brioche
	110
	1.5
	190
	0.5
	3
	3.69
	Low
	0



	Sara Lee Artesano Golden Wheat
	100
	1.5
	180
	1
	3
	3.69
	Low
	0



	Thomas’ Bagels Blueberry
	140
	1
	195
	1
	4.5
	4.69
	Low
	0



	Thomas’ Bagels Cinnamon Swirl
	140
	1
	195
	1.5
	5.5
	4.69
	Low
	0



	Thomas’ Bagels Plain
	135
	1
	225
	1
	3
	4.69
	Low
	0



	Thomas’ English Muffin Cinnamon Raisin
	150
	0.5
	180
	2
	4
	4.49
	Low
	0



	Thomas’ English Muffin Original
	75
	0.5
	120
	0.5
	2
	4.49
	Low
	0



	Udi’s Gluten-Free Plain Bagel
	160
	5
	295
	1.5
	0
	4.98
	Low
	0



	Udi’s Gluten-Free White
	70
	2
	135
	0.5
	1.5
	4.98
	Low
	0



	Dave’s Killer Bread White
	110
	2
	180
	2
	2
	5.99
	Medium
	1



	Oroweat Whole Grains 12 Grain
	100
	2
	160
	3
	2
	3.99
	Medium
	1



	Oroweat Whole Grains Oatnut
	110
	2
	135
	2
	3
	3.99
	Medium
	1



	Sara Lee 100% Whole Wheat
	60
	1
	120
	2
	1
	3.99
	Medium
	1



	Sara Lee Butter Bread
	70
	0.5
	110
	0
	1
	3.99
	Medium
	1



	Sara Lee Delightful 45 Calories 100% Whole Wheat
	45
	0.5
	100
	1.5
	1
	3.99
	Medium
	1



	Sara Lee Delightful 45 Calories Multi-Grain
	45
	0.5
	85
	1.5
	1
	3.99
	Medium
	1



	Sara Lee Honey Wheat
	70
	1
	120
	0.5
	1
	3.99
	Medium
	1



	Thomas’ Bagel 100% Whole Wheat
	125
	0.5
	125
	3.5
	3.5
	4.69
	Medium
	1



	Thomas’ Bagel Thins Plain
	55
	0.5
	105
	2
	1
	3.99
	Medium
	1



	Udi’s Gluten-Free Millet-Chia
	75
	2
	150
	2.5
	0.5
	4.79
	Medium
	1







Note: Nutritional information was provided on a standardized per-serving basis. Note that while the table presents the subset in which each product was included for participants who chose to see a subset, participants could also choose to view all available products in a particular category. We have also categorized product subsets by relative nutritional quality in this table rather than presenting the text used in the experiment, given the length of the descriptors. The text used in the experiment was (1) “Breads such as Dave’s Killer Powerseed, Fiber Up 100% Whole Wheat, Pepperidge Farm 15 Grain” (=High in this table); (2) “Breads such as Sara Lee 100% Whole Wheat, Thomas’ Bagel Thins Plain, Oroweat Oatnut” (=Medium in this table); and (3) “Breads such as Sara Lee Artesano Golden Wheat, Pepperidge Farm Hearty White, Thomas’ Plain Bagels” (=Low in this table).
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Table A2. Cereal products, nutritional and price information, and subsets in the experiment.
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	Cereals
	Cal.
	Fat
	Sodium
	Fiber
	Sugar
	Price
	Subset
	Guiding Stars





	All-Bran Buds
	120
	2
	95
	12
	9
	4.49
	High
	2



	Cheerios
	140
	2.5
	190
	4
	2
	3.49
	High
	2



	Fiber One Original
	90
	1.5
	140
	14
	0
	4.29
	High
	3



	Frosted Mini-Wheats Original
	140
	1
	10
	4
	6
	2.88
	High
	2



	Grape-Nuts
	138
	1
	193
	5
	3
	3.12
	High
	3



	Great Grains Raisins Dates Pecans
	200
	1
	150
	5
	13
	3.18
	High
	2



	Kashi Berry Fruitful
	125
	1
	0
	4
	6
	3.97
	High
	2



	Multi-Grain Cheerios
	150
	2
	150
	4
	8
	3.49
	High
	2



	Shredded Wheat
	140
	1
	0
	5
	0
	2.88
	High
	3



	Wheat Chex
	142
	1
	231
	5
	4
	3.79
	High
	2



	Wheaties
	144
	0.5
	267
	4
	6
	4.29
	High
	2



	Apple Jacks
	150
	1.5
	210
	2
	13
	3.68
	Low
	0



	Cap’n Crunch’s Crunch Berries
	150
	2
	270
	0.5
	16
	2.79
	Low
	0



	Cookie Crisp
	155
	3
	170
	2
	13
	3.49
	Low
	0



	Corn Pops
	150
	0.5
	140
	0
	12
	3.68
	Low
	0



	Froot Loops
	152
	1.5
	210
	4
	14
	3.29
	Low
	0



	Frosted Flakes
	140
	0
	200
	0.5
	14
	3.29
	Low
	0



	Fruity Pebbles
	155
	2
	210
	0
	13
	2.99
	Low
	0



	Honey Comb
	160
	1
	190
	1
	13
	3.19
	Low
	0



	Lucky Charms
	155
	2
	255
	2
	13
	3.4
	Low
	0



	Reese’s Puffs
	170
	4.5
	210
	2
	12
	2.99
	Low
	0



	Trix
	160
	2
	180
	1
	12
	3.46
	Low
	0



	Crispix
	150
	0
	260
	0
	5
	3.68
	Medium
	1



	Corn Flakes
	150
	0
	300
	1
	4
	3.78
	Medium
	1



	Golden Grahams
	160
	1
	300
	2
	12
	3.49
	Medium
	1



	Oatmeal Squares
	150
	2
	136
	4
	6
	4.48
	Medium
	1



	Special K Banana
	160
	2.5
	230
	3
	9
	3.19
	Medium
	1



	Special K Blueberry with Lemon Clusters
	150
	1
	260
	3
	12
	3.19
	Medium
	1



	Special K Cinnamon Brown Sugar Crunch Protein
	160
	1
	230
	4
	12
	3.19
	Medium
	1



	Special K Cinnamon Pecan
	160
	2.5
	280
	3
	10
	3.19
	Medium
	1



	Special K Original Protein
	142
	1
	176
	3
	5
	3.19
	Medium
	1



	Special K Raspberry
	150
	0.5
	230
	3
	12
	3.19
	Medium
	1



	Special K Red Berries
	140
	0.5
	250
	3
	11
	3.19
	Medium
	1







Note: Nutritional information was provided on a standardized per-serving basis. Note that while the table presents the subset in which each product was included for participants who chose to see a subset, participants could also choose to view all available products in a particular category. We have also categorized product subsets by relative nutritional quality in this table rather than presenting the text used in the experiment, given the length of the descriptors. The text used in the experiment was (1) “Cereals such as Cheerios, Wheat Chex, Grape Nuts” (=High in this table); (2) “Cereals such as Corn Flakes, Crispix, Special K” (=Medium in this table); and (3) “Cereals such as Frosted Flakes, Froot Loops, Reese’s Puffs” (=Low in this table).
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Table A3. Cracker products, nutritional and price information, and subsets in the experiment.
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	Crackers
	Cal.
	Fat
	Sodium
	Fiber
	Sugar
	Price
	Subset
	Guiding Stars





	Blue Diamond Artisan Nut Thins Flax Seeds
	130
	3.5
	135
	2
	0
	3.99
	High
	2



	Farmhouse Cheddar Almond Flour
	150
	8
	270
	1
	0.5
	5.69
	High
	2



	Farmhouse Sprouted Seed Original
	140
	8
	210
	3
	0
	5.69
	High
	2



	Pepperidge Farm Goldfish Baked with Whole Grain
	140
	5
	240
	2
	0
	2.49
	High
	2



	Triscuit Balsamic Vinegar & Basil
	130
	4
	130
	3
	0.5
	3.38
	High
	2



	Triscuit Cracked Pepper and Olive Oil
	130
	4.5
	150
	3
	0
	3.38
	High
	2



	Triscuit Original
	130
	4.5
	170
	4
	0
	3.38
	High
	2



	Triscuit Reduced Fat Crackers
	120
	2.5
	160
	4
	0
	3.38
	High
	2



	Wasa Light Rye
	67
	0
	117
	7
	0
	3.49
	High
	3



	Wasa Multi-Grain
	75
	0
	139
	6
	0
	3.49
	High
	2



	Wasa Whole Grain
	69
	0
	115
	7
	0
	3.49
	High
	2



	Cheez-It Hot & Spicy
	150
	8
	220
	1
	0
	3.69
	Low
	0



	Cheez-It Original
	150
	8
	230
	1
	0
	3.69
	Low
	0



	Cheez-It Pepper Jack
	150
	7
	270
	1
	0.5
	3.69
	Low
	0



	Cheez-It White Cheddar
	150
	7
	210
	1
	0
	3.69
	Low
	0



	Keebler Cheese & Peanut Butter
	145
	7
	240
	0.5
	3
	3.59
	Low
	0



	Keebler Club & Cheddar
	145
	7
	240
	0.5
	4
	3.59
	Low
	0



	Keebler Original Club
	150
	6.5
	268
	0
	2
	2.99
	Low
	0



	Keebler Town House Flipside Pretzel Original
	140
	7
	380
	0
	2
	4.49
	Low
	0



	Keebler Town House Original
	150
	9.5
	280
	0
	2
	4.49
	Low
	0



	Keebler Town House Sea Salt Pita Crackers
	140
	5
	270
	0
	0.5
	4.49
	Low
	0



	Nabisco Ritz Original Classic
	150
	8.5
	244
	0
	2
	3.38
	Low
	0



	Crunchmaster Multi-Grain Sea Salt
	120
	3
	140
	3
	1
	3.99
	Medium
	1



	Crunchmaster Multi-Seed Original
	140
	5
	110
	2
	0
	3.99
	Medium
	1



	Crunchmaster Multi-Seed Roasted Garlic
	140
	5.5
	135
	2
	0
	3.99
	Medium
	1



	Crunchmaster Multi-Seed Rosemary & Olive Oil
	140
	5
	90
	2
	0
	3.99
	Medium
	1



	Good Thins: The Beet One—Balsamic Vinegar & Sea Salt
	130
	4
	160
	2
	3
	4.38
	Medium
	1



	Good Thins: The Cheese One—White Cheddar
	130
	4
	180
	2
	2
	4.38
	Medium
	1



	Good Thins: The Potato One—Spinach & Garlic
	130
	4
	190
	3
	1
	3.38
	Medium
	1



	Good Thins: The Rice One—Simply Salt
	130
	1.5
	85
	0
	0
	3.38
	Medium
	1



	Good Thins: The Rice One—Veggie Blend
	120
	1.5
	90
	1
	2
	3.38
	Medium
	1



	Nabisco Wheat Thins Multigrain
	130
	4
	190
	2
	3
	3.38
	Medium
	1



	Pepperidge Farm Goldfish Cheddar
	140
	5
	250
	0.5
	0
	2.49
	Medium
	1







Note: Nutritional information was provided on a standardized per-serving basis. Note that while the table presents the subset in which each product was included for participants who chose to see a subset, participants could also choose to view all available products in a particular category. We have also categorized product subsets by relative nutritional quality in this table rather than presenting the text used in the experiment, given the length of the descriptors. The text used in the experiment was (1) “Crackers such as Wasa, Triscuit, Simple Mill Crackers” (=High in this table); (2) “Crackers such as Wheat Thins, Good Thins, Crunchmaster” (=Medium in this table); and (3) “Crackers such as Cheez-It, Ritz, Club Original” (=Low in this table).
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Table A4. Ordinal logistic regression model of choosing a consideration set that contains healthier options. Results represent odds ratios and 95% confidence intervals.
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	(1)
	(2)
	(3)
	(4)
	(5)
	(6)





	Overweight
	1.13

(0.80, 1.59)
	1.05

(0.74, 1.59)
	1.11

(0.79, 1.56)
	1.03

(0.73, 1.47)
	1.24

(0.68, 2.28)
	1.11

(0.60, 2.05)



	Obese
	0.59

(0.44, 0.79)
	0.59

(0.43, 0.79)
	0.59

(0.44, 0.79)
	0.59

(0.44, 0.80)
	0.58

(0.35, 0.95)
	0.55

(0.33, 0.91)



	Prompt
	
	
	1.60

(1.22, 2.11)
	1.65

(1.25, 2.18)
	1.64

(1.08, 2.50)
	1.62

(1.06, 2.48)



	Overweight × Prompt
	
	
	
	
	0.85

(0.41, 1.77)
	0.91

(0.43, 1.89)



	Obese × Prompt
	
	
	
	
	1.03

(0.56, 1.91)
	1.11

(0.60, 2.08)



	Demographic Controls?
	No
	Yes
	No
	Yes
	No
	Yes



	N
	749
	739
	749
	739
	749
	739



	AIC
	2039.1
	2004.2
	2029.7
	1993.5
	2033.4
	1997.2
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Table 1. Demographic characteristics of the sample population a.






Table 1. Demographic characteristics of the sample population a.










	
	Control
	Prompt





	Female (%)
	36%
	35%



	Age (Years)
	37.2 (10.5)
	36.6 (10.4)



	Household Income (USD 10,000 s)
	61.9 (28.9)
	59.6 (28.5)



	Education (Years)
	15.9 (2.1)
	15.8 (2.0)



	BMI
	25.5 (5.9)
	25.5 (6.9)



	N
	253
	500







a Mean (standard error).
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Table 2. Percentage of participants in each BMI category by condition.
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	Category
	Normal Weight
	Overweight
	Obese





	Control
	42.8%
	20.4%
	36.8%



	Prompt
	43.0%
	22.1%
	34.9%







Notes: We omit individuals who did not submit height and/or weight data, preventing us from calculating BMI (n = 4: three in Control; one in Prompt).
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Table 3. Linear probability model of choosing a consideration set that contains healthier options.
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	(1)
	(2)
	(3)
	(4)
	(5)
	(6)





	Intercept
	0.53 ***

(0.02)
	0.69 ***

(0.03)
	0.47 ***

(0.03)
	0.62 ***

(0.11)
	0.47 ***

(0.03)
	0.62 ***

(0.11)



	Overweight
	0.02

(0.03)
	0.01

(0.03)
	0.02

(0.03)
	0.01

(0.03)
	0.04

(0.06)
	0.02

(0.06)



	Obese
	−0.10 ***

(0.03)
	−0.10 ***

(0.03)
	−0.10 ***

(0.03)
	−0.10 ***

(0.03)
	−0.10 *

(0.05)
	−0.11 *

(0.05)



	Prompt
	
	
	0.09 ***

(0.03)
	0.09 ***

(0.03)
	0.09 *

(0.04)
	0.09 *

(0.04)



	Overweight × Prompt
	
	
	
	
	−0.03

(0.07)
	−0.02

(0.07)



	Obese × Prompt
	
	
	
	
	0.01

(0.06)
	0.02

(0.06)



	Demographic Controls
	No
	Yes
	No
	Yes
	No
	Yes



	N
	749
	739
	749
	739
	749
	739



	Adj. R2
	0.021
	0.036
	0.034
	0.050
	0.032
	0.048







Notes: Estimate (standard error); * p < 0.05, *** p < 0.001. The models are linear probability models regressing the choice of a consideration set containing the healthier options (1 if yes, 0 if no) on the independent variables listed. Demographic control variables are female (1 if yes), age (numeric, in years), income (numeric in USD 1000s), and education (numeric, in years).
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