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Abstract: The China–Nepal Transportation Corridor is vital to the country’s efforts to build a land trade
route in South Asia and promote the Ring-Himalayan Economic Cooperation Belt. Due to the complex
geological structure and topographical environment of the Qinghai–Tibet Plateau, coupled with the
impact of climate change, the frequent occurrence of geological disasters has increased the operational
difficulty of the China–Nepal Highway and the construction difficulty of the China–Nepal Railway.
However, to date, there has been no systematic study of the spatial distribution of landslides along
the entire route within the area, the factors influencing landslides at different scales, or the causes of
landslides under different topographic backgrounds. There is an even greater lack of research on areas
threatened by potential landslides. This study comprehensively applies remote sensing, mathematical
statistics, and machine learning methods to map landslides along the China–Nepal transportation
corridor, explore the influencing factors and causes of different types of landslides, and investigate the
distribution characteristics of potential landslides. A total of 609 historic landslides have been interpreted
in the study area and were found to be distributed along faults and locally concentrated. The strata
from which landslides develop are relatively weak and are mainly distributed within 2 km of a fault
with a slope between 20◦ and 30◦. The direction of slope for the majority of landslides is south to
south-west, and their elevation is between 4000 and 5000 m. In addition, we discovered a power law
relationship between landslide area and volume (VL = 2.722 × AL

1.134) and determined that there were
47 super-large landslides, 213 large landslides, and 349 small and medium-sized landslides in the area,
respectively. Slope is the most significant influencing factor for the development of landslides in the area.
Apart from slope, faults and strata significantly influence the development of large and medium-small
landslides, respectively. We have identified 223 potential landslides in the region, 15 of which directly
threaten major transport routes, mainly in the Renbu Gorge section of the China–Nepal Highway and
the proposed China–Nepal Railway section from Peikucuo to Gyirong County. In addition, we also
discussed the causes of landslides within three geomorphic units in the region. First, the combined
effects of faulting, elevation, and relatively weak strata contribute to the development of super-large and
large landslides in the Gyirong basin and gorge. Second, the relatively weak strata and the cumulative
damaging effects of earthquakes promote the development of small and medium-sized landslides in
the Xainza-Dinggye rift basin. Third, under the combined effect of the hanging wall effect of thrust
faults and the relatively weak material composition, landslides of various types have developed in the
Nagarzê mountain. It is worth noting that potential landslides have developed in all three geomorphic
units mentioned above. This study provides data and theory to assist in the accurate mitigation and
control of landslide hazards in the corridor.

Keywords: the China–Nepal transportation corridor; remote sensing; landslides; the influencing
factors of landslides; machine learning; ITPA technology
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1. Introduction

China has one of the worst landslide records in the world [1]; 126,000 landslides
occurred in China from 2009 to 2018, resulting in 6280 casualties and direct economic losses
of approximately 43.7 billion yuan (Ministry of Natural Resources, People’s Republic of
China). Rainfall, freeze-thaw cycles, river erosion, and human engineering activities are
external dynamic factors that can trigger landslides [2–5]. Active faults, regional tectonic
deformation, changes in the crustal stress field, and earthquakes are internal dynamic
factors [6,7]. Compared with landslides induced by single factors such as earthquakes
and rainfall, the coupling effect of internal and external dynamics is more likely to breed
catastrophic super-large and large landslides [8,9]. The Qinghai–Tibet Plateau is currently
one of the regions with the most intense neotectonic activity and climate change sensitivity
worldwide. There are three causes of landslides, taking the southern Qinghai–Tibet Plateau
as an example. (1) Tectonic effect: Faults can destroy the structure and integrity of the slope
rock mass, reduce its mechanical strength, and control the slope failure mode [10]. Thrust
faults can have a hanging wall effect and are frequently associated with the development
of numerous landslides [11]. (2) The impact of earthquakes: On the one hand, densely
distributed suture zones and active faults may trigger seismic events, triggering large-scale
landslides [12]. On the other hand, strong earthquakes lead to the formation of joints and
fissures within slopes, and the infiltration of water (precipitation, ice, and snow melt) leads
to the reduction of rock and soil strength and the expansion of cracks, significantly reducing
slope stability [8,13]. (3) Non-triggering factors: Some large landslides are caused by the
cumulative effects of multiple adverse geological environmental factors rather than a single
factor. Strong crustal uplift and river incision lead to valley deepening. Under the influence
of unloading and rebounding of the rock mass, the violent stress release of the slope rock
mass in the high-stress zone provides the energy for the formation of deep deformation
and fractures [9,14,15]. In addition, over a long geological history, the slope rock mass
has collapsed and buckled under the weight of its own mass and glaciers. Long-term
freeze-thaw cycles progressively weaken the shear strength of the rock mass and structural
surfaces. As a result of precipitation and the melting of glacial snow, the structural surfaces
of the rock and soil became softer, and the pore water pressure increased, leading to slope
instability [16–18].

The China–Nepal Transport Corridor is a road for economic development and is
vital to the country’s efforts to build a land trade route in South Asia and promote the
Ring-Himalayan Economic Cooperation Belt. It consists of the China–Nepal Highway
(an existing road) and the China–Nepal Railway (a planned railway). The China–Nepal
Highway starts in Lhasa and ends in Kathmandu, the capital of Nepal. The 829 km Chinese
section passes through Qushui County, Shigatse City, Lazi County, Tingri County, and
Zhangmu town, ending at the Friendship Bridge. The 540 km Chinese section of the
China–Nepal Railway starts from Shigatse City in the east, passes through Saga County,
Tingri County, and Gyirong County, and ends at Gyirong Port (Figure 1b). The study
area is located in the southern portion of the Qinghai–Tibet Plateau, passing from north
to south through three secondary tectonic units: the Lhasa Block, the Himalayan Blocks,
and the YarlungZangbo River suture zone [19]. Strong compression of nearly north-south
tectonic stress causes the boundary faults of tectonic units at all levels to predominantly
strike east-west [20]. These faults are generally characterized by a long extension distance,
large cutting depth, fault fracture bandwidth, and multistage activity [21]. Moreover, river
downcutting and freeze-thaw erosion are intense [22]. Therefore, disastrous landslides
are possible in the region due to the coupling of internal and external dynamics [23],
which threatens the safe operation of the China–Nepal highway and the construction of
the China–Nepal railway. Due to the fragile geological environment of the China–Nepal
transport corridor, climate warming may contribute to an increase in the frequency and
probability of landslide disasters in the study area, manifested in the resurgence of old
landslides and the induction of potential landslides. At present, scholars are concentrated
on the structural characteristics, deformation monitoring, and stability assessment of
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specific landslides along the China–Nepal transportation corridor [24–26]. In addition,
research on the interpretation, development characteristics, and driver factors for historical
landslides in the local areas has been conducted using a single remote sensing interpretation
or field survey method [27–29]. However, there is a lack of systematic research on the
distribution and causes of landslides (old landslides and potential landslides) in the study
area. Therefore, it is a challenge to provide scientific prevention before and rapid emergency
response after landslides along the China–Nepal transportation corridor.
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Considering the above context, we are conducting research on landslide cataloging,
spatial distribution patterns, controlling factors, causes of landslides, and potential land-
slide hazard threat areas along the China–Nepal transport corridor using remote sensing,
field survey, and mathematical statistical analysis methods. This will fill a gap in the current
research on landslides along the whole line of the China–Nepal transport corridor. This
work will also benefit the precise prevention and control of landslide disasters along the
China–Nepal Highway and the construction of the China–Nepal Railway.

2. Overview of the Study Area
2.1. Tectonic Activity

The collision of the Indian and Eurasian plates resulted in the uplift of the Qinghai–
Tibet Plateau [31]. The Bangong Co-Nujiang Suture Zone (BNSZ), Indus-Yarlung Zangbo
Suture Zone (IYZSZ), and Main Boundary Thrust (MBT) divide the southern Qinghai–Tibet
Plateau into two blocks, the Lhasa and Himalaya blocks [30,32]. The China–Nepal trans-
port corridor includes four blocks from north to south: the South Lhasa Block, the Tethys
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Himalaya, the High Himalaya, and the Lower Himalaya (LT) [19,30,32,33] (Figure 1a).
Late in the Miocene, the Qinghai–Tibet Plateau began to extend towards the east-west,
and the north-south rift (normal fault) formed. This was the most significant tectonic
event in southern Tibet and the northern Himalayas [19,34,35]. The better-known are the
Yadong-Gulu, Nyima-Tingri, Xainza-Dinggye, and Tsolqen-Peiku Co rifts [34,36], with
the first three rifts extending at rates of 4–5 mm/yr, 4–5 mm/yr, and 1–2 mm/yr, respec-
tively [37]. Since the Quaternary, these rifts have been the most notable active structures in
the study area [38], as well as the center area of late Cenozoic magmatic activity and the
development area of shallow earthquakes today [39,40]. In addition, the approximately
east-west trending Dajiwong-Pengcuolin-Langxian fault, Dajiling-Angren-Renbu fault,
Zangda-Lazi-Qiongduojiang fault, and Gyirong-Tingri-Kangba faults intersect with the
north-south fault, forming a grid of faults throughout the region (Figure 1b). In conclusion,
tectonic activity has created a complex and fragile geological environment in the region,
and intense neotectonic activity is likely to create geological structural conditions that are
conducive to landslides.

2.2. Lithology

The strata in the study area are complex and diverse (Figure 1b). Langgele Village
to Gyirong Town and Rujia Village to Zhangmu Town are part of the High Himalayan
Block, which consists of high-grade metamorphic rocks from the Paleoproterozoic to
the Ordovician, including hornblende-phase gneisses, calcic siliceous rock and marble,
and some areas containing light-colored granites [32,41]. The Lhasa to Qushui Section
is located to the north of the Yarlung Zangbo River and is a part of the South Lhasa
Block, with exposed granite, Jurassic to Cretaceous sedimentary rocks, and Quaternary
alluvial deposits [42,43]. The region south of the Yarlung Zangbo River up to Rujia and
Langgele Village is a part of the Tethys Himalayan Block, a marine sedimentary stratum
with relatively soft lithology. The main strata consist of Paleozoic to Cenozoic shallow
metamorphic clastic rocks and carbonate rocks, with lithology including quartz sandstone,
miscellaneous sandstones, mud shale, and greywacke [44] and rocks formed through
intermediate-low grade metamorphism, such as slate, phyllite, and marble [36,45]. In
summary, there may be lithological conditions in the region that are conducive to the
formation of landslides.

2.3. Topographic and Climatic Characteristics

Previous studies have shown that more precipitation will increase the frequency of
landslid activities in areas of high elevation and undulating topography, thereby increasing
the risk of slope geological hazards [22]. Strong crustal uplift, tectonic rifting, weathering
denudation, and water erosion have produced an alternate geomorphic pattern of alpine
canyons and intermountain basins in the region, with the topography being high in the
west and low in the east, with an elevation difference of 5174 m. The climatic conditions in
the region exhibit substantial spatial variation. A subtropical monsoon climate prevails in
the regions of Langgele Village in Gyirong County and Rujia Village in Nyalam County,
which are influenced by the Himalayas. The average annual rainfall ranges from 1000 to
2820.6 mm, and over 80% of the annual precipitation falls from June to September [46]. The
other regions have a temperate semi-arid plateau monsoon climate with annual average
precipitation between 265.3 and 451.5 mm, with 70% of the annual precipitation falling be-
tween June and September. Therefore, there may be topographical and climatic conditions
in the region that are conducive to landslide development.

3. Data and Methodology
3.1. Data Sources

This research makes use of optical remote sensing imagery, radar imagery, stratigraphic
data, and fault data. For historical landslid interpretation, optical remote sensing imagery
with a resolution of 0.50 m from the Google Earth platform was used. C-band imagery of
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Sentinel-1A (5 m range resolution and 20 m azimuth resolution) was used to determine the
ground deformation. All data were collected from ascending orbits along tracks 41, 114, 12,
and 85 and covered a total of 111 images between January and December 2021. The data
coverage is depicted in Figure 2.
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The China Earthquake Administration provided the seismic data used to analyze land-
slide control factors, whereas the China Geological Survey provided the 1:500,000 geological
map and tectonic maps. The United States Geological Survey provided the ASTER GDEM
with a 30 m resolution, which was used for topographic phase removal and geocoding
during InSAR processing.

3.2. Historical Landslide Mapping

The cumulative effects of numerous landslip events over decades, centuries, or mil-
lennia are revealed by geomorphic historical landslide inventories [47]. The automatic
recognition of landslides is based on high-quality landslide data represented by polygon
features. It is necessary to divide the landslide data into a training set and a test set [48].
Then, machine learning methods such as logistic regression, support vector machines,
random forests, deep learning, and convolutional neural networks are used to test whether
the landslides in the inventory can be correctly classified, and finally, the effectiveness of
different models is evaluated. However, the study area lacks a landslide database, making
it difficult to directly conduct automatic landslide recognition. The literature research is
a reliable method for landslide mapping. The literature review is a reliable method for
landslide mapping. However, within a specific region, the landslide data recorded in the
literature may be limited or missing [49]. The field survey method has a high degree of
reliability. The optical remote sensing imagery from the Google Earth platform has a three-
dimensional effect that helps in the recognition and interpretation of landslides [50,51], but
the method is subjective. All of the aforementioned methods can be used to map historical
landslides, but the use of a particular interpretation method alone will increase the likeli-
hood of landslide misses and misclassifications. It is challenging to conduct a large-scale
field survey along the China–Nepal transport corridor due to the terrain’s high altitude,
complexity, and diversity. Therefore, we combine the three for landslide mapping. First,
we saved the landslides whose latitude and longitude were documented in the literature
for a preliminary inventory of landslides in the study area. For the landslide data recorded
as images in the literature, they were registered and digitized in ArcGIS by place name,
longitude, and latitude, and then stored. Second, the historical landslides were interpreted
based on optical image textures, feature markers (Google Earth platform), and topographic
data. Next, a four-person field survey was conducted to verify the preliminary landslide
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inventory, which consisted of a literature review and visual interpretation (accessible areas
along the road). Finally, misinterpreted landslides were removed and missing landslides
were added, resulting in the final landslide database.

The following are the interpreted characteristics of landslides in the region: (1) There is
a substantial tonal distinction between the landslide mass and the surrounding environment
and a distinct boundary (Figure 3a). (2) The tone of the landslide mass matches the
surrounding environment, but the backwalls, the sidewalls, and the tongue of the landslide
are obvious. The sliding source area is recessed, with steep backwalls and bright colors.
In addition, the material of a landslide is fragmented and coarse (Figure 3b). (3) After a
lengthy period of internal and external force modification, the landslip body has the same
color as the surrounding terrain, and a slope gully has formed (Figure 3c).
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3.3. Landslide Volume Calculation

Due to the complexity of the environmental conditions for a landslide and the un-
certainty of the depth of the sliding surface, estimating the volume of landslides on a
regional scale is a difficult task [52]. Nevertheless, the mathematical relationship between
landslide area and volume is essentially independent of the natural environment [53], i.e.,
ignoring the properties of the landslip itself, such as its depth and shape. Consequently,
mathematical statistical analysis based on landslide area (AL) and volume (VL) is currently
regarded as a mature empirical method for estimating landslide volume at present [53–55].
The following is the formula:

VL = ε × Aα
L (1)

VL is the volume of the landslide, AL is the area of the landslide, and ε and α are fitting parameters.

3.4. Interferometric Synthetic Aperture Radar (InSAR) Technology

InSAR technology has been used for landslide detection and deformation monitor-
ing [56,57]. The basic idea of Interferometric Point Target Analysis (IPTA) is to use multiple
SAR images covering the study area to perform time series analysis. The differential
phase of each point target is then separated to obtain surface deformation information
for the corresponding time period in the study area. The specific processing steps are as
follows: Firstly, import the acquired SAR data into the GAMMA software (v20210701).
An image with small temporal and spatial baselines is selected as the master image, and
the other images are registered to this master image. The registered images are then
clipped. Secondly, interferometric pairs are generated with a time baseline of 25 days, and
differential interferograms are produced using the two-pass differential method. Each
differential interferogram contains a deformation phase, a DEM error phase, an atmo-
spheric phase, and a noise phase [58]. Thirdly, Permanent Scatterers (PS) points are selected
using spectral diversity analysis and the amplitude dispersion index [58,59]. Vector data
format single-pixel (PSI) differential interferometric phases are generated for the selected
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PS points. Subsequently, reference points are selected in a relatively stable area at the center
of the study region. The minimum cost flow method is applied for phase unwrapping. A
two-dimensional regression analysis method is used for iterative calculations of the interfer-
ometric phase in the time dimension. The phase differences between the remaining target
points and the reference points are analyzed to obtain the linear deformation velocity of the
study area, DEM error correction values, and residual phase (which includes atmospheric
and noise phases) [58]. Finally, spatiotemporal filtering is used to separate the atmospheric
phase, noise phase, and nonlinear deformation phase from the residual phase. The linear
and nonlinear deformation phases are combined, and the Singular Value Decomposition
(SVD) method is used to extract the time-series deformation information.

3.5. Correlation between Landslides and Influencing Factors

Feature selection is a critical step in data analysis and machine learning, as it helps
us select the most representative and relevant features from a large set of attributes. The
Pearson correlation coefficient is a statistical index used to measure the linear relationship
between two continuous variables, with values ranging from −1 to 1. A value of −1
indicates a negative correlation, +1 indicates a positive correlation, and 0 indicates no linear
correlation. The chi-square test can be used to examine whether there is an association
between two categorical variables. A higher chi-squared value indicates a stronger asso-
ciation between the feature and the target variable, indicating greater importance, with
values ranging from 0 to positive infinity. Before calculating the correlation coefficients and
performing the chi-square test, the obtained data for faults, strata, slope, aspect, elevation,
precipitation, and temperature were resampled to a resolution of 30 m × 30 m to ensure
that all factors had the same pixel size. Each factor was then normalized. Landslides that
have already occurred are marked as 1, while an equal number of randomly selected non-
landslide points within the study area are marked as 0. Next, the normalized factors are
assigned to both landslide and non-landslide points. The relationship between landslides
and influencing factors is assessed quantitatively using the Pearsonr function from the
Scipy library and the Chi2 function from the Sklearn library in Python.

4. Results
4.1. Landslide Area–Volume

Due to the age of the landslides within the area, there is no Digital Elevation Model
(DEM) available from before the landslides occurred, making it impossible for us to accu-
rately calculate the volume of landslides along the China–Nepal transportation corridor. On
the other hand, among the existing studies in the region, only 14 landslides have both area
and volume information, making the empirical formula for the area-volume relationship of
landslides based on this data one-sided. Here, through a literature survey, we collected
89 landslides (the landslide areas are between 6 × 102 m2 and 2.25 × 107 m2, and the
landslide volumes were between 6 × 103 m3 and 3.5 × 109 m3) of known area and volume
in southern Tibet (the China–Nepal Transportation Corridor is part of it) (Figure 4a) in order
to establish a power-law relationship between landslide area and volumes (Equation (2)).
There is a distinct linear relationship between the logarithms of landslide area and volume,
as shown in Figure 4b. The line of best fit (solid red line) on the binary kernel density
map passes through the maximum density region (the landslide area is 1 × 105 m2 < AL <
1 × 105 m2, and the landslide volume is 1 × 105 m3 < VL < 1 × 105 m3). Only two of the
landslides were outside the 95% predicted interval (red dotted line), while 98% were in
close proximity to the fitted line.

VL = 2.722 × A1.134
L (2)
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4.2. Interpretation of Historical Landslides

Due to the lack of available optical remote sensing images and documentation in the
area, it was impossible to determine when the landslide took place. Therefore, only spatial
information on landslides was cataloged. A total of 609 historical landslides with areas
ranging from 6.13 × 102 m2 to 2.46 × 106 m2 were mapped using the interpretation of
remote sensing data and field surveys, of which 293 landslides have been verified in the
field (Figure 5). Their volume ranged between 1.6 × 103 m3 and 4.8 × 107 m3 (Equation (2)),
with 47 super-large (volume larger than 10 million cubic meters), 213 large (volume between
1 million and 10 million cubic meters), and 349 small and medium-sized landslides (volume
less than 1 million cubic meters). The super-large and large landslides account for 42.7% of
the total number of historical landslides.

The spatial distribution of landslides in the region exhibits the following characteristics:
First, the majority of super-large and large landslides are primarily distributed along faults
and ridges (Figure 5b,c) and are mainly spatially distributed in the Gyirong basin and Gorge,
the Yalai-Menbu Mountain in Nyalam County, the Nagarzê Mountains in Shannan City,
and the Lazi-Tingri Mountain. The small and medium-sized landslides mainly develop
along gullies and are distributed in the Xainza-Dinggye Rift Basin and Zhangmu Valley.
Second, historical landslides exhibited a dispersed and locally localized distribution and
mainly occurred in the Gyirong basin and gorge (Figure 5e), the Xainza-Dinggye Rift Basin,
the Nagarzê mountains in Shannan City, and the Lazi-Tingri Mountain (Figure 5d).
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tional Highway G219; (d) landslides in the Lazi-Tingri Mountain and on National Highway G318;
(e) landslides in the Gyirong and on National Highway G219.

4.3. Factors That Influence Landslides

The formation of landslides is a complex process influenced by various factors, such
as topography, lithology, structure, erosion, and climate. In this work, we chose factors for
classification statistics that may have large differential effects on individual landslides at the
regional scale, including altitude, slope, aspect, stratum, distance from faults, precipitation,
and temperature. It should be noted that the average value of each landslide’s surface data
are used in the extraction of factors.

Faults. Faults influence the structural integrity of slope rock masses, the variability of
the regional tectonic stress field, and the distribution of landslides [60,61]. Mathematical
statistical analysis shows that the number of landslides is negatively connected with the
distance from a fault (Figure 6a), which is related to the gradual decrease in fault-driven
damage to the rock mass with increasing distance from the fault [62]. We calculated the
number of landslides at various distances from faults, and the results suggest that the
majority of landslides (57.80%) occur within 2 km of a fault, and the number of landslides
decreases significantly beyond 2 km (Figure 6a). Previous research has revealed that tectonic
activity has an essential role in the formation and development of large landslides [63],
which frequently occur along fault zones [61,64]. As can be seen from Figure 7a, the
distribution of super-large landslides within 1 km of a fault accounts for 48.94% of all super-
large landslides. The proportion of super-large, large, small, and medium-sized landslides
occurring within 2 km of a fault was 61.70%, 59.15%, and 56.45%, respectively. The number
of super-large and large landslides falls fast at distances greater than 2 km; however, the



Remote Sens. 2024, 16, 356 10 of 26

tendency is less obvious for small and medium-sized landslides. Therefore, while other
plausible causes of small and medium-sized landslides cannot be ruled out in this study, it
is sufficient to demonstrate the control effect of tectonic activity on regional landslides.
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Lithology. Lithological sequences reflect the physical and mechanical properties of
geological structures that cover an area’s surface [65], influencing the weathering degree
of the slope material and the strength and permeability of the rock mass [66]. Relatively
weak strata are more vulnerable to external erosion [67], which is conducive to landslide
development. The region’s relatively soft rocks are mainly shale, limestone, marlstone,
metamorphic sandstone, siltstone, sandy mudstone, mudstone, slate, and phyllite from the
Late Triassic Xiukang, the Early to Middle Jurassic Ridang, and the Early to Late Cretaceous
Shigatse groups, with some rocks having an interbedded structure [68,69]. Our statistical
findings demonstrate that the majority of landslides are distributed in weak and relatively
weak strata, accounting for 74.22% of all landslides (Figure 6b). Furthermore, in weak
and relatively weak strata, roughly 65.96% of landslides were super-large, 78.87% were
large-scale, and 72.78% were small and medium-sized (Figure 7b). Furthermore, 22.17%
of landslides are distributed in hard and relatively hard strata (mostly the Pre-Sinian
Quxiang Group gneiss, schist, and granulated sandstone), with super-large, large, small,
and medium-sized landslides accounting for 25.53%, 18.31, and 24.07%, respectively. It
is worth noting that earthquakes in Nepal may contribute to landslides in relatively hard
strata, which are primarily concentrated in the towns of Zhangmu and Gyirong. According
to the statistical results of landslide distribution in strata, the properties of the strata in
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the area have a positive impact on landslide distribution. Specifically, weak and relatively
weak strata may be the most important stratigraphic conditions for the development
of landslides.
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Slope. The slope gradient controls a slope’s shear stress [66]. The faster the slope
gradient exceeds the slope stability limit, the greater the possibility of a landslide [70]. Our
statistical results indicate that as the slope gradient increases, the number of landslides in
the area increases and then decreases in a normal distribution. In addition, the terrain slopes
where landslides occur in this region are generally concentrated between 10◦ and 30◦, with a
total of 541 landslides, accounting for 88.83% of the total number of landslides in the region.
The slope of 20–30◦ is the interval with the highest frequency of landslide development,
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accounting for 53.69% of all landslides (Figure 6c). The intervals with slopes less than 10◦

and greater than 30◦ have fewer landslides, accounting for 4.93% and 6.24%, respectively.
Notably, our statistical results also indicate that super-large and large landslides are all
concentrated on slopes between 10◦ and 30◦ (Figure 7c), which is evidently distinct from
small and medium-sized landslides.

Slope aspect. The slope aspect influences the duration of sunshine. When the slope is
exposed to protracted sunlight, the rock and soil mass may contract and expand to a greater
degree, resulting in a high degree of damage to the rock mass and a reduction in slope
stability [71]. The slope aspect influences soil moisture and vegetation distribution, which
in turn impacts landslide evolution processes [72]. Approximately 34.32 percent of the
region’s landslides are concentrated on the sunny slope (157.5◦–247.5◦, or east-to-southwest
direction) (Figure 6d). As the landslide scale increases, the slope aspect distribution of
landslides becomes more concentrated. For example, in the direction of the sunny slope,
the number of super-large landslides (46.81%) > large landslides (37.09%) > small and
medium-sized landslides (26.93%) (Figure 7d).

Altitude. The intensity of erosion is related to altitude. Our statistical analysis indicates
that as altitude increases, the frequency of landslides increases rapidly and then decreases.
They are mainly concentrated in the extremely high mountains, with large fluctuations
caused by denudation, erosion, and periglacial processes in the altitude range of 4000 m to
5000 m (Figure 6e), accounting for 80.13% of the total number of landslides, among which
the proportions of super-large, large, small, and medium-size landslides were 91.49%,
95.31%, and 87.97%, respectively (Figure 7e). Due to the higher altitude of the Qinghai–
Tibet Plateau and the distribution of most faults along the ridges, the geological structure
is more fragmented here [60]. In addition, strong physical weathering occurs in regions
at high altitudes. Numerous landslides have occurred in the region as a result of the
aforementioned causes. Compared to super-large and large landslides at altitudes below
4000 m, small and medium-sized slides are the most common and are concentrated along
highways and secondary valleys.

Temperature and precipitation are the two most important factors contributing to
landslide occurrence in high-altitude regions [3]. Annual precipitation generally affects
landslide development in two ways. On the one hand, rainfall infiltration increases the
moisture content of the slope, which gradually reduces its shear strength, thus providing
essential conditions for landslide occurrence. On the other hand, precipitation directly
leads to the deterioration of slope structure, which subsequently leads to landslides [73].
Therefore, on a regional scale, precipitation is generally considered an indispensable exter-
nal factor for landslide development [74]. In high-altitude mountainous areas, temperature
plays a critical role in the occurrence of landslides. Research has shown that rising tem-
peratures lead to the melting of snow or ground ice, which in turn causes permafrost
degradation and increases dynamic water pressure at the base of the active layer, thereby
triggering or exacerbating mountain landslides [3,75]. Due to the presence of a subtropical
monsoon climate and a temperate semi-arid plateau climate in the area, there are significant
spatial differences in precipitation and temperature. The maximum difference in annual
precipitation can reach 1694 mm (Figure 6f), and the maximum difference in tempera-
ture can reach 32 ◦C (Figure 6g). However, the influence of rainfall and temperature on
landslides in this region needs to be clarified. Therefore, we only calculate the correlation
between landslides, precipitation, and temperature quantitatively at the regional scale.

In short, landslides in the region are distributed along faults and mainly develop in
weak and relatively weak strata within 2 km of faults, on slope angles between 20◦ and 30◦,
with south to southwest slope aspects, and at elevations between 4000 and 5000 m.

In addition, we have quantitatively calculated the correlation coefficient between land-
slides and influencing factors using the Pearson chi-square test and the Pearson correlation
coefficient. The calculation results show that the slope has the highest score and correlation
(Figure 8a,b), making it the most significant factor in the development of landslides along
the China–Nepal transportation corridor. This is followed by stratigraphy and faults, which



Remote Sens. 2024, 16, 356 13 of 26

are consistent with the results of our previous statistical analyses. In addition, we found
that there are differences in the controlling factors for landslides of different scales within
the study area. In addition to slope, faulting, temperature, and elevation have higher scores
for large and super-large landslides (Figure 8c,d). Moreover, the scores for these factors are
similar. This also suggests that the coupled effects of multiple factors are conducive to the
development of very large and super-large landslides. In addition to slope, the stratum
significantly influences the development of medium and small landslides, followed by
altitude and precipitation (Figure 8e,f).

4.4. Landslide Potential Threat Area

Based on 111 scenes of Sentinel-1A data, we used ITPA technology to calculate
that the annual ground deformation velocity in the China–Nepal transportation corri-
dor is about −320 mm–364 mm (Figure 9a), and the annual surface deformation velocity
for the segments from Gyirong and Zhangmu to Dingri (Figure 9b), Tingri to Shigatse
(Figure 9c), and Shigatse to Lhasa (Figure 9d) are −320 mm–364 mm, −272 mm–145 mm,
and −295 mm–364 mm, respectively. We set a relative stability threshold based on the
standard deviation and average value of the deformation points. Areas with an annual
deformation rate between −15 mm and 15 mm are categorized as relatively stable zones,
while areas exceeding this range are identified as deformation zones. Using this threshold,
a total of 705 deformation zones were initially identified. We superimposed the boundaries
of these deformation areas on the Google Earth optical remote sensing image and used
this, combined with field survey and verification, to further classify surface deformation
into three types based on the distribution of deformation zones and their corresponding
characteristics: potential landslides, glacier movements, and slope weathering layers.

Potential landslides in the area include the local revival of old landslides and new
potential landslides. The main characteristics of the local revival of an old landslide are a
large number of cracks and scarps on the original fractured landslide mass, the occurrence
of slides and collapses, and a bright back wall of the landslide (Figure 10b,d). The main
characteristics of a new potential landslide are the fractured rock and soil mass of the
slope surface, the steep scarp at the back edge of the slope, the tension crack at the front
edge, and the subsidence in the middle of the slope. In addition, gullies have developed
on the slope surface, and loose material has gathered in the valley (Figure 10c). Glacier
movements are mainly distributed south of Gyirong Town and Nielamu County (in the
subtropical monsoon climate zone) within U-shaped troughs at altitudes above 5000 m. The
maximum annual surface deformation rate can reach 300 mm. The primary morphology
is characterized by striations and tongues with clear boundaries (Figure 10e,f), making
them easily distinguishable. Slope weathering layers are distributed across the mountain-
tops throughout the region. Mainly distributed in periglacial landforms and eroded and
denuded extremely undulating alpine landforms. The tops of these slopes are subject to
intense solar radiation and significant diurnal temperature variations. After weathering,
the rock and soil layers on the slope’s surface experience surface slip, resulting in distinct
color differences and rough textures in the images compared to the surrounding features.

According to the above interpretation signs, 233 potential landslides were identified
in the study area, 36 of which were local revivals of old landslides and 187 of which were
new potential landslides. The spatial distributions of potential and historical landslides
are consistent (Figure 5), and they are geomorphologically concentrated in the Gyirong
basin and gorge, the Lazi-Tingri Mountain, Nagarzê Mountain in Shannan City, and the
Xainza-Dinggye Rift Basin. There are fifteen potential landslides that pose a direct threat to
traffic arteries, primarily in the Renbu Canyon section of the China–Nepal Highway and
on both sides of the proposed China–Nepal Railway (Pekucuo to Gyirong County section)
(Figure 11).
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4.4. Landslide Potential Threat Area 

Figure 8. Correlation between landslides and influencing factors. (a) Chi-square test between all
landslides and influencing factors; (b) correlation coefficients between all landslides and influencing
factors; (c) chi-square test between large and super large landslides and influencing factors; (d) corre-
lation coefficients between large and super large landslides and influencing factors; (e) chi-square test
between medium and small landslides and influencing factors; (f) correlation coefficients between
medium and small landslides and influencing factors.



Remote Sens. 2024, 16, 356 15 of 26Remote Sens. 2024, 16, x FOR PEER REVIEW 16 of 29 
 

 

 
Figure 9. Ground surface deformation of the China–Nepal transportation corridor. (a) Shows the 
entire study area’s ground surface deformation; (b) the sections from Gyirong and Zhangmu Town 
to Dingri; (c) the section from Dingri to Shigatse; (d) the section from Shigatse to L. 

Figure 9. Ground surface deformation of the China–Nepal transportation corridor. (a) Shows the
entire study area’s ground surface deformation; (b) the sections from Gyirong and Zhangmu Town to
Dingri; (c) the section from Dingri to Shigatse; (d) the section from Shigatse to L.
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5. Discussion
Causes of Landslides

The study area may still be in a relatively active tectonic environment, with the
direction of tectonic stress being north-northeast and the distributions of directions and
rates of tectonic stress being generally consistent between different regions in the area
(Figure 12) [20,76]. Tectonic stress affects faults and seismicity [77]. Statistics indicate
that earthquake landslide disasters can be triggered when the earthquake magnitude
(ML) is greater than 4.0 [78]. Since 1980, there have been a total of 3090 earthquakes and
103 earthquakes with magnitudes greater than 4.0.
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The results of the landslide influencing factors in Section 4.3 indicate that all landslides
in the area are closely related to slope and are all concentrated in the same slope range.
Meanwhile, temperature, elevation, precipitation, aspect, strata, and faults all have signifi-
cantly different effects on landslides of different sizes. Therefore, in this study, we further
discuss the causes of landslides in the region based on the spatial distribution of landslides
within the area. By combining the differences in influencing factors for landslides within
typical geomorphic units, we further discuss the causes of landslides in the region. The
three typical regions are as follows: (1) Gyirong basin and gorge, which is dominated
by normal faults and folds (Figure 13); (2) Nagarzê Mountain in Shannan City, which is
dominated by thrust faults (Figure 14); and (3) Xainza-Dinggye Rift Basin, where both
normal faults and thrust faults are developed (Figure 15).
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Gyirong basin and gorge: In this region, both historical and potential landslides show
a pattern of decreasing numbers with increasing distance from the fault. In addition,
super-large and large landslides are distributed along the fault, and the size of the landslide
gradually decreases as the distance from the fault increases (Figure 13). On the west side
of the Gyirong Zangbu River, south of the Woma to Langgele region, is a 30 km-wide
Gongdang-Gunda compound anticline fold structure (Zone A) [79]. Landslides in this
area occurred along the fault in the relatively weak sandstone, shale, and marl strata. On
the east side of the Gyirong Zangbu River, Zabraqu to Wooma, and Gyirong County to
Wooma are the Wooma and Gyirong basins (Zones B and C, respectively). The high-angle
Wooma Eastern normal fault developed on the east side of this region [80], and historical
landslides mainly developed in the relatively weak Jurassic shale and mudstone inter-
bedded strata (Figure 13d). In addition to being distributed in the aforementioned strata,
potential landslides also occur in relatively hard quartz sandstone interbedded with shale,
sandstone, and siltstone. On the various landforms, brittle normal faults that formed
under gravity slump have developed [80]. Near the fault zone, the rock mass structural
plane is densely developed, with a high degree of fragmentation and poor geotechnical
physical properties [60,81], and there is reduced slope stability. From the mountaintop to
the valley, the number of historical and potential landslides in the region does not always
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increase with rising temperatures (Figure 13a). This indicates that high temperatures do
not necessarily have an absolute promoting effect on landslide development, and they
may also be influenced by other factors. Furthermore, the number of landslides in this
region did not increase with increasing precipitation (Figure 13b). Instead, the distribution
of super-large, large, and potential landslides is in areas with less precipitation at high
altitudes (above 5000 m) (Figure 13c). This may be due to the fact that in high-altitude
areas, the air is thinner and there is intense solar radiation, leading to more intense external
erosion on slopes. In particular, the anticlinal fold structure in Zone A is susceptible to
weathering and produces joints and fissures. Meltwater from ice and snow infiltrates along
the fractured structural plane, decreasing the cohesion of the rock and soil mass, thereby
affecting the integrity of the rock mass structure [82]. In conclusion, besides the influence
of slope gradient, the combined effects of faulting, altitude, and relatively weak strata
result in the distribution of historical and potential landslides along faults and ridges in
this region. This phenomenon is more pronounced in the distribution of super-large and
large landslides.

Nagarzê Mountain is in Shannan City. Both landslides of various sizes and potential
landslides in the area are distributed along the fault (Figure 14d). The development of
landslides in this area depends on the tectonic environment (Figure 10). First, the region
has developed a series of thrust faults arranged in a layered tile pattern [83]. The Tethys
Himalayan Strata have overlain the Yarlung Zangbo River Ophiolite Belt in a northward
direction under thrust [84], resulting in a significant hanging-wall effect. The thrust of
the fault causes stress concentration in the hanging wall, resulting in more joint fractures
and weak structural planes near the fault [85,86]. Moreover, this region is located near the
Yarlung Zangbo Suture Zone, with the Lhasa block to the north, the Himalaya block to
the south, and the Yangbajing-Qiongdui fault to the west. The regional tectonic stress is
concentrated at about 2 kpa/yr (compared with a general tectonic stress of about 1 kpa/yr
in other regions), and the material structure is fractured [77,87]. Furthermore, this region
is characterized by relatively weak Triassic Langxuejie Group sedimentary strata, which
mainly consist of slate, phyllite, siltstone, and quartz sandstone with marl [88]. In addition,
landslides are almost exclusively distributed above 0 ◦C, indicating that regions with higher
temperatures are more conducive to the development of landslides (including potential
landslides) compared to colder areas (Figure 14a). It is worth noting that super-large and
large landslides are predominantly developed within the range of 4000–5000 m (Figure 14b),
which is consistent with the relationship between landslides and elevation described in
Section 4.3. The above analysis indicates that in high-altitude areas, the combined effect of
intense solar radiation and higher temperatures influences the weathering of the relatively
weak rock layers in this region, thereby weakening the strength of the slope’s soil and rock.
In addition, the number of historic and potential landslides in this region did not decrease
with a decrease in precipitation (Figure 14c). This suggests that an increase in rainfall does
not necessarily lead to landslides or deformation, especially in the development of large
and very large landslides. In conclusion, landslides in this region are the result of the
combined effects of faulting, temperature, elevation, and strata. However, faults and strata
have a greater influence on landslides in this area. Therefore, the hanging-wall effect of the
thrust fault and the soft material composition of the strata promote the development of
landslides in this region.

This region is dominated by small and medium-sized landslides, and their spatial
distribution is highly random, while a limited number of large landslides occur predomi-
nantly near faults (Figure 11). Favorable strata provide a critical foundation for landslides.
This region consists of a series of sedimentary layers of relatively weak lithology that
are easily eroded or disturbed by external forces. Historical and potential landslides are
mainly distributed on variegated shale, slate, metamorphic sandstone, fine-grained quartz
sandstone, marl-stone, grayish-black shale, limestone, fine sandstone, siltstone, sandstone,
phyllite, and sandy mudstone. In addition, this area is a complex tectonic environment
at the intersection of the north-south normal fault (which has been relatively active since
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the Quaternary) [89] and the east-west thrust fault. Although earthquakes of magnitudes
less than four are difficult to induce landslides directly, frequent earthquakes can cause
cumulative damage and affect the integrity of the rock mass structure [90], and this effect
is more pronounced in strata with relatively weak rock properties [91]. The number of
historical and potential landslides does not show a clear pattern of increase or decrease
with increasing temperature and precipitation. Instead, they are concentrated in regions
where strata are relatively weak and both precipitation and temperatures are moderate
(Figure 15a,b). Therefore, under favorable strata conditions, temperature and precipitation
may contribute to the development of landslides but are not the dominant factors. Fur-
thermore, we found that the landslides (including potential landslides) in this region are
all developed within the elevation range of 4000–5000 m (Figure 15c). This is due to the
high-altitude base of the Qinghai–Tibet Plateau and the topography of the Xainza-Dinggye
Rift Basin. Therefore, the contribution of elevation to landslides in this region may be
consistent. In summary, the combined effects of relatively weak material composition and
the cumulative damage from earthquakes contribute to the development of small and
medium-sized landslides in the area.

6. Conclusions

This paper takes the China–Nepal traffic corridor as its research area, presents a
landslide distribution map, and determines the controlling factors and causes of landslide
development. Based on the distribution of potential landslides, potential landslip hazard
areas are determined. The results of this study lead to the following new understandings:

The following are the regional spatial distribution characteristics of 609 historical land-
slides. First, they are mainly distributed along faults. Second, they have the characteristics
of overall dispersion and local accumulation and are mainly concentrated in the Gyirong
basin and gorge, the Lazi-Tingri Mountain, and the Nagarzê Mountain in Shannan City
(these three regions develop super-large and large landslides) and the Xainza-Dinggye
Rift Basin (this region is conducive to small and medium-sized landslides). In general,
landslides in the region are distributed along faults and mainly develop in weak and
relatively weak strata within 2 km of faults, on slope angles between 20◦ and 30◦, with
south to southwest slope aspects, and at elevations between 4000 and 5000 m.

We determined the relationship between landslide area and volume for the region and
found that the area of historical landslides ranged from 2.78 × 102 m2 to 2.46 × 106 m2,
and their volume ranged from 1.6 × 103 m3 to 4.8 × 107 m3. A total of 47 super-large
and 213 large landslides were mainly distributed along faults and ridges. Approximately
349 small and medium-sized landslides mainly developed along gullies. In addition, the
correlation between landslides and influencing factors was calculated, and it was found
that slope is the most significant influencing factor for landslide development in the area.
In addition to the slope, faults significantly influence the development of very large and
large landslides (mainly affected by fault activity within 2 km); strata significantly influence
the development of small landslides.

Based on 111 scenes of Sentinel-1A data, we used the ITPA method and field in-
vestigation to categorize three types of ground movement: moraine movement, ground
deformation, and potential landslides. The spatial distribution of the 223 potential land-
slides that we identified is similar to that of historical landslides. There are fifteen potential
landslides that pose a direct threat to traffic arteries, mainly in the Renbu Canyon section of
the China–Nepal Highway and the proposed China–Nepal Railway (Pekucuo to Gyirong
County section).

Based on the size of landslides within the area and considering the differences in
factors other than slope within typical geomorphic units, we further discussed the causes
of landslides in different regions. First, the combined effects of faulting, elevation, and
relatively weak rock layers have resulted in the distribution of super-large, large, and
potential landslides along the ridges and faults in the Gyirong basin and canyon. Second,
under the combined influence of the hanging-wall effect of thrust faults and a relatively
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weak material composition, landslides of various sizes are densely developing in the
Nagarzê Mountain of Shannan City. Third, in the Xainza-Dinggye Rift Basin, the relatively
weak strata and cumulative damage effects of earthquakes led to the development of small
and medium-sized landslides.
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